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Rapid mapping of polarization switching through
complete information acquisition
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Polarization switching in ferroelectric and multiferroic materials underpins a broad range of

current and emergent applications, ranging from random access memories to field-effect

transistors, and tunnelling devices. Switching in these materials is exquisitely sensitive to

local defects and microstructure on the nanometre scale, necessitating spatially resolved

high-resolution studies of these phenomena. Classical piezoresponse force microscopy and

spectroscopy, although providing necessary spatial resolution, are fundamentally limited in

data acquisition rates and energy resolution. This limitation stems from their two-tiered

measurement protocol that combines slow (B1 s) switching and fast (B10 kHz–1 MHz)

detection waveforms. Here we develop an approach for rapid probing of ferroelectric

switching using direct strain detection of material response to probe bias. This approach,

facilitated by high-sensitivity electronics and adaptive filtering, enables spectroscopic imaging

at a rate 3,504 times faster the current state of the art, achieving high-veracity imaging of

polarization dynamics in complex microstructures.
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P
olarization switching in ferroelectric and multiferroic
materials underpins a number of applications ranging from
non-volatile memories1, tunnelling barriers2, field-effect

transistors3, race-track memory4, domain wall5 and magneto-
electric devices6. Switching mechanisms are sensitively affected by
local and extended defects that serve as nucleation centres for
ferroelectric domains, and pinning sites for moving domain
walls7,8. Consequently, the understanding of local switching
mechanisms is paramount for these applications. Furthermore,
predictive atomistic models of ferroelectric switching are
possible only once information on local switching and defect
types is available.

These considerations stimulated the development of scanning
probe microscopy (SPM) techniques such as piezoresponse force
microscopy (PFM) to probe local switching mechanisms9–11.
In PFM, a biased nanoscale tip localizes the electric field within a
nanometre-scale volume12,13. The electromechanical response
to high-frequency electrical excitation (probing bias) detected via
cantilever deflection provides information on the polarization
state of the sample under the tip, constituting the imaging
mode of PFM. Concurrent application of a bipolar triangular
waveform (switching bias) can change polarization below the tip.
Measured bias-dependent response constitutes the spectroscopic
mode of PFM14,15, in which measured local hysteresis loop
yields information on local polarization dynamics16,17. Finally, in
the spectroscopic imaging mode of PFM, hysteresis loops are
measured over a spatial grid yielding three-dimensional data sets.
The hysteresis loops can be analysed to yield the parameter maps
such as work of switching, nucleation, coercive bias and so on,
describing the variability of polarization dynamics in materials18.
This approach has been used to visualize phenomena
including effects of dislocations19, grain boundaries20, charge
screening21, ferroelectric22 and ferroelastic walls7,23, electrodes24

on polarization switching, polarization dynamics in ferroelec-
tric nanostructures25,26, disordered ferroelectrics27 and novel
ferroelectric materials28. Recent discoveries of static and
hysteretic electromechanical responses in a broad variety
of materials from non-ferroelectric oxides29 to energy storage30

and conversion31 materials to biomolecular and biological
systems32,33 further fuel the interest in these techniques.

Despite the rapidly growing number of applications of PFM
spectroscopy and imaging, the data acquisition rates and hence
quality and veracity of data are severely limited by the nature of
measurement process. The spatial and voltage resolution of a
two-stage measurements are controlled by the interplay of several
factors. First, the duration necessary for detecting differential
signals (B4 ms per voltage step for band excitation34 and B1 ms
for lock-in detection, for example) limits the theoretical duration
to B43 min for acquiring a 100� 100 pixel image with 64 voltage
steps. Although faster pixel times have been achieved in certain
measurements35, we note that such techniques are typically
limited to imaging35,36 or are single location spectroscopy
techniques37. However, instrument communication, file output
and controlling the tip movement practically sets the duration
to B8 h for the same scan. Increasing the spatial or voltage
resolutions dramatically increases the measurement time, which
increases sample drift and introduces imaging instabilities.
Consequently, this limits high-resolution, spatially dense PFM
spectroscopic imaging to highly stable instruments. Second, good
signal-to-noise ratios necessitates higher probing voltages,
which in turn can affect the switching process18. Finally, the
inertial stiffening of the cantilever at high frequencies38–40 and
the photodiode bandwidth limit the probing frequency and in
turn switching bias frequency.

Here we develop an approach for rapid probing of ferroelectric
switching using direct strain detection of the material response to

probe bias. This approach enables spectroscopic imaging 3,504
times faster than the current state-of-art techniques by combining
full data acquisition41,42 and adaptive filtering. As such, this
technique enables fast, pixel dense, high-resolution spectroscopic
imaging of polarization dynamics in complex microstructures.
We compare this technique with the current state-of-art and
illustrate new methods to analyse data from this technique.
By rapid acquisition of a large number of hysteretic loops on
very dense grids, this technique will enable significant insight
into nanoscale polarization dynamics and phenomena such as
polarization fatigue or local wall displacements that remain
difficult to study at the desired spatial and temporal scales, and
are crucial for integration of ferroelectric nanostructures in future
electronic devices.

Results
Measurement technique. Figure 1 outlines the methodology for
polarization switching using general-mode voltage spectroscopy
(G-VS), as compared with band-excitation polarization
switching (BEPS), which is the current state-of-art. In G-VS, the
atomic force microscope (AFM) cantilever is excited with a
high-frequency sinusoidal waveform, with amplitude that exceeds
the coercive bias of the sample. The cantilever displacement is
measured directly, yielding local strain hysteresis loops. BEPS
excites the tip with a small amplitude chirp signal centred at the
cantilever resonance frequency, whereas the DC offset is modu-
lated by a bipolar triangular waveform with the amplitude slowly
traversing the coercive bias. G-VS effectively measures
bias-induced strain, whereas BEPS measures the bias-dependent
piezoelectric coefficient. Although BEPS operates at about one
switching cycle per second, limited by the bipolar triangular
waveform, G-VS waveforms result in several tens to thousands of
polarization switching cycles, limited only by the frequency
(1 kHz–1 MHz) and duration (1–10 ms) of the driving waveform.
In BEPS, the switching rate is determined by the number and the
size of the voltage steps per cycle. Hence, BEPS has a trade-off
between the switching rate and the voltage resolution, whereas
G-VS does not. These factors allow G-VS to achieve very fast
polarization switching rates without sacrificing voltage resolution.

The fundamental differences in signal generation between G-VS
and BEPS translate to different approaches in processing data.
Traditional AFM optics record the electromechanical response of
the sample via the vertical cantilever deflection. Although BEPS
only retains the response from the frequency bands that were
excited, G-VS stores the complete cantilever response for
postprocessing. The availability of the complete response signal
provides true, impartial information on the cantilever response
that includes multiple vibrational modes and the harmonics of the
drive frequency41. In contrast, the traditional heterodyne
methodology of PFM with a single excitation frequency (S-PFM)
restricts information to monitoring a single frequency by using a
lock-in amplifier and averaging the signal to a single value41,43.
Finally, in BEPS the data are fitted to a simple harmonic oscillator
model to the piezoresponse34,44, as dictated by the nature of
capturing a single resonance band of the cantilever, whereas G-VS
allows a wider model selection with multiple interacting
resonances and harmonics45.

Following data acquisition, G-VS uses data-driven post-
processing to reveal multiple strain loops that are indicative of
polarization switching, as illustrated in Fig. 2. As the duration
of the G-VS excitation signal is comparable to the time per pixel
(1–10 ms), G-VS can be integrated into a continuous scan as
opposed to the grid approach used in BEPS. The continuous,
smooth motion of the tip minimizes drift and implements
spectroscopy at imaging speeds. Although the simplest case of
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single-frequency G-VS excitation is discussed here, the same
principles can be extended to dual frequency46, bimodal47, band
excitation34 or any other excitation waveform.

As is the raw cantilever response, shown in Fig. 2a, seems
unintelligible and is therefore processed to extract material strain
information. The signal is transferred into the frequency domain
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Figure 1 | Technique comparison between G-VS and the current state-of-art BEPS. (a,b,e) In both techniques, the cantilever tip is excited with a

waveform and the sample response is recorded through the cantilever deflection. (a,c) In BEPS, a slow bipolar triangular wave induces ferroelectric

switching, while the piezoresponse is measured by exciting the cantilever with a narrow band around its contact resonance. (e) In G-VS, the tip is excited

with a high-frequency, high-amplitude sinusoidal signal. (f) The cantilever response is intelligently filtered to reveal multiple strain loops. (c,d) Although

BEPS is limited to B0.1–1 switching cycle per second and acquired over a sparse spatial grid, (f,g) G-VS results in 104� 107 switching cycles per second

over a dense spatial grid.
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Figure 2 | Methodology for filtering the G-VS data. (a) 2D histogram of the raw cantilever deflection signal as a function of the tip excitation bias. (b) The

raw signal is filtered in the frequency domain by discarding the signal below a calculated noise floor and by applying a band-pass filter to reject low and high

frequency noise. (c) The filtered deflection signal showing strain loops. (d) The filtered signal is used to populate a 2D histogram and a mean strain loop

(inner, black line) is constructed from the mean response at each voltage step.
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using a fast Fourier transform (Fig. 2b). The quality of the data is
used to calculate an appropriate noise-floor dynamically, as
opposed to using an arbitrary, a priori value, as shown by the red
line in Fig. 2b. Subsequently, a band-pass filter, shown as
the dotted black line in Fig. 2b, is applied to reject low- and
high-frequency noise. The band-pass filter retains the response
from the first 11 harmonics of the excitation frequency.
Contributions from known noise bands of the microscope are
also rejected from the signal and the signal below the calculated
noise floor is rejected. Finally, the data are returned into
real-space via an inverse fast Fourier transform. Figure 2c
illustrates the filtered signal containing multiple strain loops,
corresponding to the multiple switching cycles. The drive and
response signals are rearranged based on the slope of the drive
signal and a two-dimensional (2D) histogram is constructed
using the rearranged signals. Average strain loops are constructed
from the centre of mass at each voltage step in the histogram,
with the results shown in Fig. 2d. The postprocessing steps are
necessary for processing G-VS data, as the tip-sample response is
typically distributed over several frequency bands and the
frequency bands of the tip-sample response can shift, precluding
digital lock-in based processing48. Additional measurement
channels such as the lateral deflection can be acquired and
processed similarly in parallel.

Here we realize G-VS for single-frequency sinusoidal excitation
on a sample with nanocapacitors. The sample consists of a [001]
Pb(Zr0.2Ti0.8)O3 (PZT) film sandwiched between a SrRuO3

electrode on a SrTiO3 substrate, with top electrodes that are
Au/Cu discs 300 nm in diameter and 20 nm tall49. The 1� 1 mm2

areas were investigated by S-PFM, BEPS and G-VS. Additional
details of the experimental setup can be found in the
Methods section. Figure 3 compares the information provided
by the different PFM modalities. The S-PFM amplitude and
phase images in Fig. 3a,b contain 256� 256 pixels and were
acquired in B18 min. Although S-PFM is fast, it does not
provide quantitative information on polarization switching,
cantilever-sample interactions or frequency crosstalk50. The
BEPS measurement in Fig. 3c was acquired on a 40� 40 pixel
grid in 77 min. Each pixel contain two polarization-switching
cycles at 64 voltage steps per cycle. The G-VS map in Fig. 3d is a
256� 256 pixel map acquired in 18 min. Each pixel contains
40 strain loops in a 16,384 point array.

All SPM imaging and spectroscopy measurements suffer from
a tradeoff between the spatial resolution and the imaging area.
However, the poor speed of BEPS results in a very significant
tradeoff compared with G-VS or S-PFM. The fast speed of G-VS
allows a dense grid of measurements over areas spanning
several micrometres, while retaining sub-50 nm spatial resolution.
Furthermore, the availability of the continuous data stream allows
multi-resolution imaging in the fast scanning direction41,51. In
other words, the G-VS data can be converted from a 256� 256
image with 40 loops per pixel to a 256� 2,560 image with 4 loops
per pixel, thereby allowing the adjustment of the spatial
resolution after the data were acquired.

Figure 3e,f shows the spatially averaged BEPS and G-VS
response from the nanocapacitors and the bare PZT film. The
BEPS and G-VS data show distinctly different responses for the
PZT and nanocapacitors and the coercive biases calculated from
both techniques are in good agreement. BEPS would take 3,504�
longer than G-VS to provide a comparable spectroscopic image
with 256� 256 pixels, where each pixel contains 40 loops.
Overall, G-VS can be as fast as S-PFM imaging and 3,504 times
faster than BEPS, providing information that is complementary
to both techniques. Furthermore, the amplitude of the G-VS
excitation waveform could be modulated such that the material
response can be rapidly studied for a variety of excitation biases

without having to re-do the experiment for different excitation
bias amplitudes. Supplementary Fig. 1 shows the sample
response to such time-varying excitation bias. This approach is
substantially faster than the BEPS equivalent and could
potentially be used to construct Preisach density maps rapidly52.

Data mining. Material specific properties can be extracted from
the shapes of the G-VS strain loops. Here, the slope and the offset
in the mean strain loops are removed before analysis. Figure 4a
shows how metrics such as the forward and reverse coercive bias,
areas within the left and right wings of the strain loops, are
measured in the averaged strain loops. Figure 4b–f shows the
spatial distribution of some loop metrics. Spatial maps of all G-VS
and BEPS loop metrics are shown in Supplementary Figs 2 and 3,
respectively. Table 1 lists the metrics extracted from the
G-VS loop shapes. Certain parameters such as AR, VX show
clear contrasts between the PZT and nanocapacitors, while other
metrics such as the V� show poorer contrast between the PZT
film and the capacitor.

S-PFM amplitude S-PFM phase(a.u.)a b

c d

e f

BEPS loop area (a.u.) G-VS loop area (a.u.)

(degree)
120 300

200

100

0

100

80

60

40

20
250 nm

0

8
2.5

2.0

1.5

1.0

6

4

2

0

4
0.4

0.3

0.2

0.1

0

2

0

–2

–4
–4 0 4 8–8 –4 0 4 8–8

DC bias (V) Excitation bias (V)

PZT Nanocapacitor

P
ie

zo
re

sp
on

se
 (

a.
u.

)

C
an

til
ev

er
 d

ef
le

ct
io

n 
(a

.u
.)

Figure 3 | Information content in different PFM imaging and

spectroscopic techniques. Images of a PZT-nanocapacitor sample obtained

from S-PFM, BEPS and G-VS. S-PFM (a) amplitude and (b) phase maps.

(c) Total piezoresponse loop area from BEPS. (d) Total strain loop area from

G-VS. (e,f) Average response on the nanocapacitors and PZT areas.

(e) Piezoresponse from BEPS data. Piezoresponse (PR) is defined as

PR(V)¼A(V)*cos(j(V)) where A and j are the amplitude and phase as a

function of the applied DC bias, V. (f) Mean strain loops from G-VS data.
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The similarity in the spatially distributions of loop metrics
can be quantified through the cross-correlation coefficient
r defined in equation 1 as:

r ¼
Pm

i¼0

Pn
i¼0 Amn�Xð Þ Bmn�Yð ÞffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiPm

i¼0

Pn
i¼0 Amn�Xð Þ2

� � Pm
i¼0

Pn
i¼0 Bmn�Yð Þ2

� �q ð1Þ

Here A and B are 2D input images and X and Y are the 2D mean
values of A and B, respectively. r-values range from � 1 (perfectly
anti-correlated) to 1 (perfectly correlated) and a value of
0 suggests that the images are independent. Figure 5 shows the
cross-correlation between spatial maps of 16 loop metrics.
These correlation coefficients show how certain geometric loop
parameters match with other conventional metrics such as
the coercive biases, either due to material-specific correlations
or interdependence between defined variables. For example,

the correlation coefficients between AR and LO, ALþAR, Vþ
and VX are strong, whereas that between AL and SR, VL, VR and
LO are weak.

Further mining of the G-VS data is performed through
multivariate statistical methods, such as principal component
analysis (PCA), k-means clustering and Bayesian linear unmixing
(BLU)53–55. PCA separates data into orthogonal components that
are arranged in descending order by variance56. Results of PCA
applied to the filtered G-VS data are shown in Supplementary
Figs 4–6. The filtered G-VS data can also be de-correlated
and compressed using PCA. Supplementary Fig. 5 shows that the
first 18 of the 16,384 components contain the majority
of the physically relevant information and the first 64
components are sufficient to accurately reconstruct the
filtered G-VS data. Thus, the typical G-VS raw data file, of size
2 GB, can be stored permanently as an 8 MB file without much
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Figure 4 | Analysis and spatial variation of the strain loop shape. (a) Derivation of metrics from the mean strain loop. Table 1 lists the abbreviations and

description of all metrics. Spatial maps of (b) forward coercive bias, Vþ, (c) reverse coercive bias, V�, (d) area within right wing, AR, (e) area within left

wing, AL, and (f) cross-over bias, VX. The black outline in the spatial maps indicates the edges of the nanocapacitors.

Table 1 | List of G�VS loop metrics.

Acronym Loop metric Acronym Loop metric

LS Slope of the mean strain loop LO Offset of the mean strain loop
Vþ Forward coercive bias V� Reverse coercive bias
SL Maximum strain on left wing SR Maximum strain on right wing
VL Excitation bias at point of maximum strain on left wing VR Excitation bias at point of maximum strain on right wing
AL Area within the left wing AR Area within the right wing
ALþAR Area within the left and right wings AER Area within the ear of the right wing
AEL Area within the ear of the left wing VER Excitation bias at the starting point for the ear within the right

wing
VEL Excitation bias at the starting point for the ear within the left

wing
VX Excitation bias at which the left and right wings meet

Each loop metric corresponds to a geometric measurement of the mean strain loop shape, such as length or area of a component.
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loss in information41,42. Supplementary Fig. 7 shows the
cross-correlation between the sample topography, spatial maps
of G-VS and BEPS loop metrics, and the G-VS PCA
loadings maps.

BLU separates observations into a linear combination of
position-independent endmembers with relative abundances that
are corrupted by additive Gaussian noise57. The k-means
algorithm attempts to classify the data into k clusters wherein
each pixel belongs to the cluster with the most similar response58.
As the majority of the statistically relevant information in the
filtered G-VS data is contained within the first four principal
components, k-means and BLU were configured to identify four
clusters or endmembers. Figure 6 shows the results of BLU on the
mean G-VS strain loops, identifying regions with defined
switching dynamics. Supplementary Fig. 8 shows the results of
k-means clustering on the mean G-VS strain loops. k-means
also separates the response from the bare PZT film, centre of
the nanocapacitors, edges of the nanocapacitors and other
sections having very weak response.

Discussion
An important step in processing the strain loops is the
compensation of the phase offset between the excitation bias
and the measured deflection, as the phase can significantly
affect the shape of the hysteresis loop. For a purely linear,
non-hysteretic response, this phase offset can change loops from
closed to ellipsoid in shape. As the SPM system has finite
frequency dispersion of the response, direct calibration of the
phase is non-trivial. The phase offset should be chosen such that
the resultant loop shape is closest to the classical shape of
strain loops under switching conditions for ferroelectrics.
Before performing the polarization switching G-VS experiment
described in this study, the same area was imaged with the G-VS
amplitude well below the coercive bias � 1 V in this case.
Applying the filtering routines described in Figure 2 revealed
oval-shaped loops at every pixel. The phase offset was
calculated as the relative rotation between the input and output
waveforms necessary to minimize the area within the loop.
The difference between the shapes of the phase-compensated
and uncompensated loops was negligible. In our experiments, the
phase offset and the effects of the phase correction on the data set
were negligible.

High-speed switching and complete data capture in G-VS
enables a number of material science investigations that have
traditionally been impractical or challenging. G-VS can be used
for rapid studies on the fatigue behaviour in novel materials. In
this study, G-VS is implemented by exciting the cantilever well
below the first resonance frequency where the transfer
function between the measured cantilever deflection and
material strain is linear. Operating the cantilever near a resonance
mode significantly improves the signal-to-noise ratio due to
the inherent amplification nature of the cantilever. However, at
resonance conditions, complex cantilever dynamics models are
necessary to relate the deflection with the material strain, which is
beyond the scope of the current work. The integration of
cantilever dynamics models into the G-VS data analysis will
enable investigations of material response at arbitrary frequencies.
G-VS can also provide valuable insights about the relative
contributions of ionic and ferroelectric phenomena in the
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Figure 6 | Bayesian Linear Unmixing of G-VS strain loops into four components. (a–d) Spatial maps and (e–h) corresponding strain loops for each of the

four endmembers. The edges of the nanocapacitors (black lines) are overlaid on the spatial maps.
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material response of certain samples, for example, Ca-doped
BiFeO3 (ref. 59) and LaAlO3-SrTiO3 (ref. 60) structures.
The dynamics of domain wall motion and frequency
dependence of nucleation bias can also be investigated. The
enhanced spatial and temporal resolution of the technique should
also allow significant progress to be made regarding mechanisms
of polarization fatigue (and perhaps tie them to the presence of
mobile or static defects19), as well as interactions between domain
walls and local nonlinearities. Furthermore, these experiments
can provide a window to the links between local (nanoscale)
hysteresis and macroscopic dielectric hysteresis loops, which
remain poorly understood61 despite decades of research and often
lack physical meaning for the statistical descriptors used62.
Besides polarization switching in ferroelectrics, G-VS can be
applied to other SPM methods such as Kelvin probe force
microscopy63, force spectroscopy34, electrochemical strain
microscopy64 and so on. Techniques shown in this study can
potentially allow complete force-volume mapping during
conventional intermittent contact mode imaging, while the
cantilever is operated at resonance. Here, the response would
have to be normalized by the cantilever transfer function. In
comparison, commercially available rapid spectroscopy
techniques, such as PeakForce Tapping mode65 from Bruker
and Fast Force Mapping modes from Asylum Research are quasi-
static modes that are limited to 10–2,000 Hz.

Here we have demonstrated a voltage spectroscopy
technique that is 43,500 times faster than the current
state-of-art. The improvement in the measurement speed has
reduced spatial drift and improved spatial resolution,
allowing large-area imaging at high resolution. We believe
that this technique is preferable to traditional lock-in or band
excitation techniques, as it captures the complete tip-sample
interactions at the bandwidth of the detector. The capabilities
and potential applications of this technique can be further
expanded through software modifications and by robust
modelling. Furthermore, the general principles that underpin
this voltage spectroscopy approach can extended to other
techniques within and beyond SPM. This technique enables
reliable and thorough understanding of ferroelectric switching,
which is crucial for building accurate atomistic models that will
further the development of the next generation of electronic
devices.

Methods
Cantilever and AFM configuration. Pt-Cr-coated Nanosensors Multi-75EG AFM
cantilevers were used to acquire the single frequency and G-VS scan data in an
Asylum Research Cypher AFM system. Single-frequency PFM images were
acquired using the built-in AFM software package. Sinusoidal voltage of 1 V
amplitude and frequency close to the first contact-resonance mode of the canti-
lever-sample system (B350 kHz) was applied to the cantilever tip as the cantilever
scanned the sample in contact mode.

Data acquisition. National Instruments Arbitrary Waveform Generator
(PXIe 5412) and Digitizer (PXIe 5122) cards were used for concurrently supplying
the G-VS excitation signal and measuring the cantilever response at a sampling rate
of 4 MHz. During G-VS measurements, a 10 kHz sinusoidal waveform with 8 V
amplitude was applied to the tip for 4 ms at each pixel. G-VS imaging was
performed in a four-pass mode (NAP mode) where the initial trace and retrace are
conventional S-PFM scans performed using the traditional force-feedback method.
The second trace and retrace are performed without the force feedback and G-VS is
performed only during the retrace. In principle, G-VS could be implemented in the
traditional two-pass scan mode with force feedback, which would halve the scan
time. We implemented G-VS in the four-pass mode for easier comparison between
S-PFM and G-VS data. Data are continuously recorded during the G-VS retrace;
thus, the number and duration of pixels can be varied inversely during
postprocessing to adjust the spatial resolution of the image.

Data availability. All data and analysis computer code described in this study are
available from the authors.

References
1. Scott, J. F. Applications of modern ferroelectrics. Science 315, 954–959 (2007).
2. Garcia, V. et al. Giant tunnel electroresistance for non-destructive readout of

ferroelectric states. Nature 460, 81–84 (2009).
3. Mathews, S., Ramesh, R., Venkatesan, T. & Benedetto, J. Ferroelectric field

effect transistor based on epitaxial perovskite heterostructures. Science 276,
238–240 (1997).

4. McGilly, L. J., Yudin, P., Feigl, L., Tagantsev, A. K. & Setter, N. Controlling
domain wall motion in ferroelectric thin films. Nat. Nano 10, 145–150 (2015).

5. Seidel, J. et al. Conduction at domain walls in oxide multiferroics. Nat. Mater.
8, 229–234 (2009).

6. Molegraaf, H. J. A. et al. Magnetoelectric effects in complex oxides with
competing ground states. Adv. Mater. 21, 3470–3474 (2009).

7. Jesse, S. et al. Direct imaging of the spatial and energy distribution of nucleation
centres in ferroelectric materials. Nat. Mater. 7, 209–215 (2008).

8. Balke, N. et al. Deterministic control of ferroelastic switching in multiferroic
materials. Nat. Nano 4, 868–875 (2009).

9. Gruverman, A. & Kalinin, S. V. Piezoresponse force microscopy and recent
advances in nanoscale studies of ferroelectrics. J. Mater. Sci. 41, 107–116
(2006).

10. Balke, N., Bdikin, I., Kalinin, S. V. & Kholkin, A. L. Electromechanical imaging
and spectroscopy of ferroelectric and piezoelectric materials: state of the art and
prospects for the future. J. Am. Ceramic Soc. 92, 1629–1647 (2009).

11. Kalinin, S. V., Rar, A. & Jesse, S. A decade of piezoresponse force microscopy:
progress, challenges, and opportunities. IEEE Transact. Ultrason. Ferr. 53,
2226–2252 (2006).

12. Hong, S. et al. High resolution study of domain nucleation and growth
during polarization switching in Pb(Zr,Ti)O-3 ferroelectric thin film capacitors.
J. Appl. Phys. 86, 607–613 (1999).

13. Gruverman, A. et al. Direct studies of domain switching dynamics in thin film
ferroelectric capacitors. Appl. Phys. Lett. 87, 082902 (2005).

14. Bdikin, I. K., Shvartsman, V. V. & Kholkin, A. L. Nanoscale domains and local
piezoelectric hysteresis in Pb(Zn1/3Nb2/3)O-3-4.5%PbTIO3 single crystals.
Appl. Phys. Lett. 83, 4232–4234 (2003).

15. Roelofs, A. et al. Differentiating 180 degrees and 90 degrees switching of
ferroelectric domains with three-dimensional piezoresponse force microscopy.
Appl. Phys. Lett. 77, 3444–3446 (2000).

16. Morozovska, A. N., Eliseev, E. A. & Kalinin, S. V. Domain nucleation and
hysteresis loop shape in piezoresponse force spectroscopy. Appl. Phys. Lett. 89,
192901 (2006).

17. Yang, S. M., Yoon, J. G. & Noh, T. W. Nanoscale studies of defect-mediated
polarization switching dynamics in ferroelectric thin film capacitors. Curr.
Appl. Phys. 11, 1111–1125 (2011).

18. Jesse, S., Lee, H. N. & Kalinin, S. V. Quantitative mapping of switching behavior
in piezoresponse force microscopy. Rev. Sci. Instrum. 77, 073702 (2006).

19. Kalinin, S. V. et al. Probing the role of single defects on the thermodynamics of
electric-field induced phase transitions. Phys. Rev. Lett. 100, 155703 (2008).

20. Rodriguez, B. J., Chu, Y. H., Ramesh, R. & Kalinin, S. V. Ferroelectric domain
wall pinning at a bicrystal grain boundary in bismuth ferrite. Appl. Phys. Lett.
93, 142901 (2008).

21. Hong, S. et al. Charge gradient microscopy. Proc. Natl Acad. Sci. USA 111,
6566–6569 (2014).

22. Aravind, V. R. et al. Correlated polarization switching in the proximity of a 180
degrees domain wall. Phys. Rev. B 82, 024111 (2010).

23. Kalinin, S. V. et al. Intrinsic single-domain switching in ferroelectric materials
on a nearly ideal surface. Proc. Natl Acad. Sci. USA 104, 20204–20209 (2007).

24. Balke, N. et al. Direct observation of capacitor switching using planar
electrodes. Adv. Funct. Mater. 20, 3466–3475 (2010).

25. Rodriguez, B. J., Jesse, S., Alexe, M. & Kalinin, S. V. Spatially resolved mapping
of polarization switching behavior in nanoscale ferroelectrics. Adv. Mater. 20,
109–114 (2008).

26. Trivedi, H. et al. Local manifestations of a static magnetoelectric effect in
nanostructured BaTiO3-BaFe12O9 composite multiferroics. Nanoscale 7,
4489–4496 (2015).

27. Rodriguez, B. J. et al. Real space mapping of polarization dynamics and
hysteresis loop formation in relaxor-ferroelectric PbMg(1/3)Nb(2/3)O(3)-
PbTiO(3) solid solutions. J. Appl. Phys. 108, 042006 (2010).

28. Sharma, P., Reece, T. J., Ducharme, S. & Gruverman, A. High-resolution
studies of domain switching behavior in nanostructured ferroelectric polymers.
Nano Lett. 11, 1970–1975 (2011).

29. Sekhon, J. S., Aggarwal, L. & Sheet, G. Voltage induced local hysteretic phase
switching in silicon. Appl. Phys. Lett. 104, 162908 (2014).

30. Zhu, J., Lu, L. & Zeng, K. Y. Nanoscale mapping of lithium-ion diffusion in a
cathode within an all-solid-state lithium-ion battery by advanced scanning
probe microscopy techniques. ACS Nano 7, 1666–1675 (2013).

31. Chen, Q. N., Adler, S. B. & Li, J. Y. Imaging space charge regions in Sm-doped
ceria using electrochemical strain microscopy. Appl. Phys. Lett. 105, 201602
(2014).

NATURE COMMUNICATIONS | DOI: 10.1038/ncomms13290 ARTICLE

NATURE COMMUNICATIONS | 7:13290 | DOI: 10.1038/ncomms13290 | www.nature.com/naturecommunications 7

http://www.nature.com/naturecommunications


32. Kholkin, A., Amdursky, N., Bdikin, I., Gazit, E. & Rosenman, G.
Strong piezoelectricity in bioinspired peptide nanotubes. ACS Nano 4, 610–614
(2010).

33. Li, J. Y., Liu, Y. M., Zhang, Y. H., Cai, H. L. & Xiong, R. G. Molecular
ferroelectrics: where electronics meet biology. Phys. Chem. Chem. Phys. 15,
20786–20796 (2013).

34. Jesse, S., Kalinin, S. V., Proksch, R., Baddorf, A. P. & Rodriguez, B. J. The band
excitation method in scanning probe microscopy for rapid mapping of energy
dissipation on the nanoscale. Nanotechnology 18, 435503 (2007).

35. Nath, R., Chu, Y.-H., Polomoff, N. A., Ramesh, R. & Huey, B. D. High speed
piezoresponse force microscopy:o 1 frame per second nanoscale imaging.
Appl. Phys. Lett. 93, 072905 (2008).

36. Humphris, A., Miles, M. & Hobbs, J. A mechanical microscope: high-speed
atomic force microscopy. Appl. Phys. Lett. 86, 34106–34106 (2005).

37. Rico, F., Gonzalez, L., Casuso, I., Puig-Vidal, M. & Scheuring, S. High-speed
force spectroscopy unfolds titin at the velocity of molecular dynamics
simulations. Science 342, 741–743 (2013).

38. Turner, J. A., Hirsekorn, S., Rabe, U. & Arnold, W. High-frequency response of
atomic-force microscope cantilevers. J. Appl. Phys. 82, 966–979 (1997).

39. Hirsekorn, S., Rabe, U. & Arnold, W. Theoretical description of the transfer of
vibrations from a sample to the cantilever of an atomic force microscope.
Nanotechnology 8, 57–66 (1997).

40. Rabe, U., Janser, K. & Arnold, W. Vibrations of free and surface-coupled
atomic force microscope cantilevers: theory and experiment. Rev. Sci. Instrum.
67, 3281–3293 (1996).

41. Belianinov, A., Kalinin, S. V. & Jesse, S. Complete information acquisition in
dynamic force microscopy. Nat. Commun. 6, 6550 (2015).

42. Somnath, S., Belianinov, A., Kalinin, S. V. & Jesse, S. Full information acquisition
in piezoresponse force microscopy. Appl. Phys. Lett. 107, 263102 (2015).

43. Platz, D., Tholén, E. A., Pesen, D. & Haviland, D. B. Intermodulation atomic
force microscopy. Appl. Phys. Lett. 92, 153106 (2008).

44. Jesse, S., Maksymovych, P. & Kalinin, S. V. Rapid multidimensional data
acquisition in scanning probe microscopy applied to local polarization
dynamics and voltage dependent contact mechanics. Appl. Phys. Lett. 93,
112903 (2008).

45. Forchheimer, D., Platz, D., Tholén, E. A. & Haviland, D. B. Model-based
extraction of material properties in multifrequency atomic force microscopy.
Phys. Rev. B 85, 195449 (2012).

46. Rodriguez, B. J., Callahan, C., Kalinin, S. V. & Proksch, R. Dual-frequency
resonance-tracking atomic force microscopy. Nanotechnology 18, 475504
(2007).

47. Proksch, R. Multifrequency, repulsive-mode amplitude-modulated atomic force
microscopy. Appl. Phys. Lett. 89, 113121 (2006).
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