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Presurgical temporal lobe epilepsy
connectome fingerprint for seizure outcome
prediction
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See Keller (https://doi.org/10.1093/braincomms/fcac158) for a scientific commentary on this article.

Temporal lobe epilepsy presents a unique situation where confident clinical localization of the seizure focus does not always result in a
seizure-free or favourable outcome after mesial temporal surgery.

In this work, magnetic resonance imaging derived functional and structural whole-brain connectivity was used to compute a net-
work fingerprint that captures the connectivity profile characteristics that are common across a group of nine of these patients with
seizure-free outcome. The connectivity profile was then computed for 38 left-out patients with the hypothesis that similarity to the
fingerprint indicates seizure-free surgical outcome. Patient profile distance to the fingerprint was compared with 1-year seizure out-
come and standard clinical parameters. Distance to the fingerprint was higher for patients with Engel IlI-IV 1-year outcome compared
with those with Engel Ia, Ib-d, and II outcome (Kruskal-Wallis, P <0.01; Wilcoxon rank-sum p.,,, <0.05 Bonferroni-corrected).
Receiver operator characteristic analysis revealed 100% sensitivity and 90% specificity in identifying patients with Engel III-IV out-
come based on distance to the fingerprint in the left-out patients. Furthermore, distance to the fingerprint was not related to any in-
dividual clinical parameter including age at scan, duration of disease, total seizure frequency, presence of mesial temporal sclerosis,
lateralizing ictal, interictal scalp electroencephalography, invasive stereo-encephalography, or positron emission tomography. And
two published algorithms utilizing multiple clinical measures for predicting seizure outcome were not related to distance to the fin-
gerprint, nor predictive of seizure outcome in this cohort. The functional and structural connectome fingerprint provides quantitative,
clinically interpretable and significant information not captured by standard clinical assessments alone or in combinations. This auto-
mated and simple method may improve patient-specific prediction of seizure outcome in patients with a clinically identified focus in
the mesial temporal lobe.
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Similarity to connectome fingerprint predicts
surgical outcome in temporal lobe epilepsy

Introduction

Mesial temporal lobe epilepsy (TLE) is the most common
form of focal epilepsy. Its diagnosis is based on the identifi-
cation of a seizure focus in the mesial temporal lobe using
standard clinical measures' and is associated with one of
the highest seizure-free rates after resection at around
two-thirds of patients.”? However, even as technology has im-
proved our ability to localize the seizure focus in these pa-
tients, the rates of seizure freedom after surgical resection
of the focus have not improved proportionally over the last
several decades.>* This suggests that clinical assessments
aimed at identifying the focus are not enough to fully charac-
terize these patients and distinguish the fraction of patients
that will not benefit from surgical intervention of the mesial
temporal lobe.

But focal epilepsy is now considered a network dis-
order,”® with detectable effects across much of the brain
well beyond the focus.” MRI connectomics is a method to
quantify networks using functional and structural MRI.
Functional MRI uses synchronization of low frequency
spontaneous blood oxygenation levels as indicators of func-
tionally connected regions.® Diffusion MRI exploits the an-
isotropic diffusion of water along white matter to track
structural connections between regions.” In fact, there is
much evidence for widespread network alterations in pa-
tients with TLE measured using both functional'®'" and
structural'®'? MRI connectomics.

Taken further, these network alterations have been suc-
cessfully associated with patient-specific seizure outcome.
As this literature grows, some general approaches to this
challenge are emerging. Many studies have taken the ap-
proach comparing connectomes directly between seizure-
free patients and those in whom seizures recur.'*~!” While
promising, these do not account for the belief that seizure re-
currence can have diverse mechanisms'®'? that may lead to
heterogeneous reasons for surgical failure. This may reduce
power and lead to findings dependent on the particular
pathophysiology represented in this seizure recur group,
and less generalizable to a different cohort. Others compute
a quantification of disease burden by identifying abnormal-
ities throughout the connectome based on the assumption
that number,*® and/or location and magnitude®'*® of net-
work abnormalities is most associated with seizure recur-
rence. This approach allows for heterogeneity within the
seizure recur group, as well as the seizure-free group, which
may improve generalization to other patients with TLE, or
possibly any focal epilepsy patient. However, it is not clear
that every abnormality is related to seizure recurrence.

These approaches do not leverage the unique characteris-
tics of the TLE patient group. In this work, we assume that
the seizure-free group is homogeneous in such a way that
all the patients respond favourably to similar surgical inter-
ventions targeting the mesial temporal lobe. We also assume
that the seizure recur group is heterogeneous and does not
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possess the characteristics that make the seizure-free group
homogeneous. To address this situation, we can utilize the
idea of MRI connectome fingerprinting.”*** Fingerprinting
is used to describe a method where a single individual’s con-
nectome will be more similar to their own connectome, even
under different conditions (rest or tasks), than those from
other individuals. We hypothesize that there exists a whole
brain functional and structural connectome (SC) fingerprint
of true unilateral, mesial TLE, such that similarity to the fin-
gerprint will identify patients who will benefit from mesial
temporal surgical intervention. We first proposed the idea
of a ‘model’ network in an attempt to predict seizure out-
come in a previous work.?® The results provided proof of
concept in a small cohort of patients with TLE (n=22)
that functional and structural connectivity across a network
of eight regions were more similar in those patients with fa-
vourable seizure outcome (Engel I-1I),%” than unfavourable
outcome (Engel III-1V).

In the present study, we built on the previous work with a
larger, more diverse cohort of patients with TLE. Here we
computed a whole-brain MRI connectome fingerprint of uni-
lateral TLE using both functional and structural MRI. The ac-
curacy of the fingerprint was assessed based on its ability to
distinguish patients with different outcomes in a cohort of
clinically similar patients. In addition, the comparisons of in-
dividual effects of connectivity type (functional versus struc-
tural) and measures of similarity (magnitude versus pattern)
were investigated. To understand whether the fingerprint de-
tected unique characteristics, similarity was compared with
other clinical parameters and two existing outcome predic-
tors. The objectives of these investigations were to further
characterize the TLE connectome fingerprint, and to support
its ability to provide information complementary to standard
clinical assessments. If successful, this may provide an effect-
ive, interpretable addition to the presurgical assessment to im-
prove patient-specific prediction of post-surgical seizure
freedom by incorporating network information.

Materials and methods

There were 52 patients with clinically diagnosed TLE [26 fe-
male, age (years): mean + stdev=39.88 4+ 12.11, range 18-
68] included in this study. They will be referred to as patients
with TLE in this work. All were clinically diagnosed as unilat-
eral mesial TLE based on presurgical evaluation including
MR, long-term video scalp EEG and interictal PET. Some pa-
tients also had invasive stereo-encephalography (SEEG).
Exclusion criteria included structural abnormalities outside
the mesial temporal lobe. All patients had either selective
amygdalo-hippocampectomy, temporal lobectomy or mesial
temporal laser ablation with at least 1-year seizure outcome as-
sessment based on Engel outcome score. In addition, 85
healthy control subjects with no history of head injury or
neuropsychiatric disease were included [41 female, age (years):
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mean =+ stdev=37.77 + 13.58, range 18-71]. The protocol
was approved by the Vanderbilt University Institutional
Review Board. All participants gave informed consent.

To construct the TLE connectome fingerprint, we divided
the 52 patients with TLE into three groups. The model group
was made up of nine patients with Engel Ia seizure outcome
up to and including last follow-up after surgery for at least 3
years. The purpose of this group was to identify the connec-
tome characteristics that are consistent among patients with
seizure-free outcome. The group purposely included hetero-
geneity of side of epilepsy and surgery type. The testing
group consisted of five patients. Four of these had Engel Ia
1-year outcome, with three of these having Engel Ia seizure
outcome up to and including last follow-up after surgery at
least 2 years. The fourth had only 1 year since surgery. The
fifth test patient had an Engel III 1-year outcome. The testing
group also included a mix of side and type of surgery. These
two groups were not intended to interrogate the entire par-
ameter space. Instead, the purpose was to create a fingerprint
based on a priori hypotheses using the model group and al-
low for initial tests of connectome parameters such as nodes
of interest and weighting factors using the test group, to be
described below. The remaining 38 patients made up the lefz-
out group to evaluate the fingerprint in a completely inde-
pendent data set. See Table 1 for clinical characteristics of
each group.

All subjects underwent the same imaging procedure on a 3
Telsa MRI scanner with a 32-channel head coil (Philips
Healthcare, Best, Netherlands). As in our previous work,”®
the image acquisition included the following: (i) T{-weighted
MRI for inter-subject normalization and regional and tissue
segmentation (1 x 1 x 1 mm), (ii) T{-weighted MRI acquired
in the same slice orientation as the functional images (1 x
1 x 3.5 mm with 0.5 mm gap), (iii) functional T,*-weighted
MRI at rest with eyes closed (34 axial slices, echo time=
35 ms, repetition time=2sec, 3x3x3.5mm with a
0.5 mm gap, 10 min), (iv) diffusion MRI for structural con-
nectivity (50 slices, 2.5 x 2.5 x 2.5 mm, 92 directions, b=0,
1600 s/mm?). Cardiac and respiratory fluctuations were re-
corded at 500 Hz using the scanner integrated pulse oximeter
and respiratory belt. Scan session was within 6 months of the
surgery except in four patients whose surgeries were between 6
and 16 months of scan.

The T¢-weighted images were used to segment the brain into
117 regions of interest (nodes) using two atlases. First, 56 cor-
tical and subcortical nodes in each hemisphere and the brain-
stem were identified using an in-house developed Multi-Atlas
algorithm.***° Then, the subfields of the left and right hippo-
campus were identified using FreeSurfer 6 suite.”' These sub-
fields were used to form composite anterior and posterior
hippocampal nodes according to McHugo et al.>*33
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Table | Unilateral TLE patient information by group and |-year seizure outcome

Left-out
Group Model Test
|-year outcome Engel la mixed Engel la Engel Ib-d Engel 1l Engel llI-IV P
# Patients 9 5 15 11 5 7
Age (years: mean + std) 423 4+ 13.1 342 + 188 454+ 13.0 34.1 +98 380+ 54 392 +50 o.10'
Sex (#F, %) 7,777% 3, 60% 4,26.6% 7, 63.6% 3, 60% 2,28.5% 0.19?
Handedness (# Right, %) 8, 88.8% 3, 60% I1,733% 11, 100% 4, 80% 6,85.7% 0.352
Side (# Right, %) 6, 66.6% 3, 60% 10, 66.6% 9, 81.8% 5, 100% 3,42.8% 0.122
Age of onset (years: mean + std) 16.0 + 14.9 16.5 + 26.7 243 + 16.8 134 + 9.1 232+ 123 22.7 + 12.6 021"
Duration (years: mean + std) 263 + 142 178 + 15.4 210+ 17.2 20.7 + 13.6 20.4 + 6.1 16.4 + 14.3 0.93'
FBTCS (# yes, %) 4, 44.4% 3, 60% 7, 46.6% 7, 63.6% 3, 60% 4,57.1% 0.872
Seizure frequency (per month + std) 63+77 179 +29.2 10.9 + 9.3 425+ 70.8 172 +26.7 8.0+ 10.2 021"
MRI MTS (# yes, %) 6, 66.6% 3, 60% 10, 66.6% 5, 45.4% 3, 60% 4,57.1% 0.852
PET lateralizing (# yes, %) 7,77.7% 5, 100% 13, 86.6% 7, 63.6% 3, 60% 5, 71.4% 0.562
Ictal EEG lateralizing (# yes, %) 9, 100% 5, 100% 13, 86.6% 9, 81.8% 4, 80% 5, 71.4% 0.932
Interictal EEG lateralizing (# yes, %) 6, 66.6% 4, 80% I1,733% 9, 81.8% 4, 80% 4,57.1% 0.682
Invasive recording (SEEG) (# yes, %) 0, 0% 0,0% 3,20% 4,36.3% 0, 0% 1, 14.2% 0.412
Type of surgery (selAH, TL, laser) 54,0 41,0 13, 1, 1 10, 1,0 3,2,0 3,31 0.152

std = standard deviation, Side = side of epileptogenic zone, F = females, # = number, % = percent of patients in the group (model, test, left-out), R = right, FBTCS = focal to bilateral
tonic—clonic seizures, MTS = mesial temporal sclerosis on MRI, SEEG = stereo-electroencephalography, selAH = selective amygdalo-hippocampectomy, TL = temporal lobectomy,
laser = laser ablation, ' = Kruskal-Wallis test between outcomes of the left-out group, = Chi-square test between outcomes of the left-out group, P is P-value of statistical test

between four outcome groups of the left-out data set.

Preprocessing and connectome development followed
procedures published previously®® and reiterated here. The
functional MRIimages were preprocessed using SPM12 soft-
ware  (http:/www.fil.ion.ucl.ac.uk/spm/software/spm12/)
and MATLAB 2019a (The MathWorks, Inc, Natick, MA).
First, physiological noise correction using the pulse oximeter
and respiratory belt data was performed using the
Retrospective Correction of Physiological Motion Effects
in functional MRI (RETROICOR) protocol.>* Next, slice
timing correction, motion correction, spatial normalization
to the Montreal Neurological Institute template via the
T,-weighted data sets, and spatial smoothing (6 x 6 x
6 mm FWHM Gaussian kernel) was implemented in
SPM12. Finally, the functional MRI time series were tempor-
ally band-pass filtered at 0.0067 to 0.1 Hz.>

The preprocessed functional MRI time series were aver-
aged across all voxels in each node to create nodal time ser-
ies. Then the partial Pearson correlation was computed
between each pair of nodes using six motion and one mean
white matter time series as confounds, and then normalized
using the Fisher Z transform.>® This resulted ina 117 x 117
matrix of functional connectivity values for each subject.
These connections between nodes are referred to as edges.
Then, to correct for the effects of age, the linear fit and the
root mean squared error of the fit to age across all the control
subjects were computed for each edge. Then the functional
connectivity for each patient was corrected for age through
linear regression and divided by root mean squared error
of the linear fit of each edge. This resulted in a 117 x 117
functional connectome (FC) for each patient in units of
standard deviations from age-matched control. This connec-
tome was originally computed in native left and right hemi-
spheres, but patients were then transformed into ipsilateral
and contralateral with respect to seizure focus.

The diffusion MRI images were preprocessed using
PreQual,®” an automated pipeline, including denoising,®®
eddy current and motion correction,® and bias correction
of B1 field inhomogeneity.*” Then the response function
was estimated for spherical deconvolution for estimation
of fibre orientation distribution.*' After preprocessing,
SPM12 and MATLAB 2019a were used to generate the
grey matter—white matter interface using the T;-weighted
image and the mean BO image. Using MRtrix3,*" 2 x 107
anatomically constrained probabilistic streamlines were gen-
erated through the white matter from this interface.** The
streamlines were then reduced to 1 x 107 using spherical
convolution informed filtering to match the fibre orientation
density integrals (SIFT2).** The 117 nodes were then used to
create a matrix of the streamline count between each pair of
nodes scaled by the inverse of the two node volumes as a
measure of structural connectivity between nodes. In add-
ition, similar to functional connectivity, the structural con-
nectivity measures were corrected for age using linear fits
of the healthy control data. However, to convert these data
to a Gaussian distribution a log transform was used to prior
to the fitting. This resulted in 117 x 117 SCs in units of
standard deviation from age-matched control for each pa-
tient. These were computed in left and right hemispheres
and were then converted to ipsilateral and contralateral to
seizure focus.

The connectomes of the nine model patients were used to
compute a larger sample that represented their distribution.
This was computed via 10 bootstrap samples of six patients
each. From each sample, four subsample connectomes were
created using the mean +/— up to four times the standard


http://www.fil.ion.ucl.ac.uk/spm/software/spm12/

Focal epilepsy connectome fingerprint

deviation of each edge of the six patients in the sample. This
process resulted in 40 FCs and SCs to be used as the model
connectomes to create the fingerprint.

We first reduced the FC and SC information to summary
parameters by computing the weighted degree of each node
as its sum to all nodes designated as nodes of interest (to
be explained later) multiplied by a weight. Then the weighted
degree was averaged over major subregions (‘lobes’) of the
brain: prefrontal, parietal, occipital, temporal, sensory/mo-
tor, and subcortical. To further avoid overfitting and reduce
the number of parameters, only the six ipsilateral lobes were
included. Thus, for training 40 functional and 40 structural
vectors of length six were computed. These functional and
structural connectivity vectors are a representation of a con-
nectivity profile of an individual and can be visualized on a
polar plot.

The TLE fingerprint, a specific connectivity profile that re-
presents seizure-free outcome, was developed to which other
individual patients could be compared using quantification
of similarity measures. The goal was to use the model and
test groups find a set of fingerprint parameters in which
(i) the four Engel Ia subjects of the test data were more simi-
lar (less total distance) to the fingerprint than the maximum
distance of all the model subjects (no false outliers), and
(ii) the test subject with Engel III outcome had greater dis-
tance than all model and other test subjects (one true outlier).
With these, we evaluated two parameter choices. First, we
evaluated the nodes of interest used in the weighted degree
computation. For this we evaluated using all 117 nodes ver-
sus using only 14 g priori nodes representing the regions used
in our previous work.?® The 14 nodes include ipsilateral and
contralateral middle cingulate gyrus, precuneus, thalamus,
anterior insula, posterior insula, anterior hippocampus and
posterior hippocampus. Second, we evaluated equal versus
unequal weighting for ipsilateral and contralateral nodes in
the weighted degree computation.

To quantify similarity from the fingerprint, and assess our
model and test subjects, we used two distance measures.
First, Euclidean distance to the mean of the computed 40
model profiles represented the magnitude of the difference
between the individual patient and the fingerprint. Second,
the Mahalanobis distance** from the set of 40 model profiles
quantified a measure of pattern similarity by also taking into
account the covariance between the values of the six lobes of
the training data. Functional distance was then computed as
Euclidean + Mahalanobis distance from the FC fingerprint
profile. The same was done for structural distance. These
can be plotted on the x and y axes to visualize similarity
due to each type of connectivity. Total distance was com-
puted from the origin of this plot as the square root of the
sum of the squares of functional and structural distance.

The similarity to the final TLE fingerprint was then com-
pared with seizure outcome in the left-out group of patients.
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The patients were divided into four groups based on Engel
outcome at 1 year post-surgery—Engel Ia, Engel Ib-d,
Engel II, Engel III-IV. A Kruskal-Wallis test was used to de-
termine differences in total distance between the groups.
Individual groups were then compared using the Wilcoxon
rank-sum test corrected for the six tests between all pairs
using Bonferroni correction. The same tests were also used
to compare Mahalanobis distance alone, Euclidean distance
alone, functional distance alone and structural distance
alone to determine the contributions of these different mea-
sures. Finally, the receiver operating characteristic curve®
was computed using total distance to predict Engel M-IV
outcome. From this curve we report sensitivity, specificity
and area under the curve.

Since the 14 nodes of interest were chosen a priori as ex-
plained in our previous work,”® we performed a post hoc
analysis to examine whether other combinations of 14 nodes
might better distinguish patients with Engel III-IV seizure
outcome in the left-out group. To do this, we performed
5000 iterations each sampling 14 random nodes from the to-
tal 117. In each iteration, a random fingerprint was com-
puted and the distance for each of the left-out subjects was
determined. The subjects were then ranked based on total
distance with Rank 1 having the lowest total distance to
the given randomly created fingerprint. Then the rankings
for the subjects with an unfavourable (Engel III-IV) outcome
were summed. This gives a single value per iteration where
higher values indicate the rankings of the patient with
Engel III-IV outcome are higher for that set of 14 random
nodes, which is desirable. This provided a null distribution
to which the ranking of the real TLE fingerprint could be
compared, and, therefore, a quantification of the validity
of our hypothesized set of 14 nodes.

It is important to understand whether there are specific clin-
ical parameters that influence the distance of the patient from
the TLE fingerprint. In the left-out patients, the relationship
between total distance to fingerprint and each of the follow-
ing were compared using the Spearman correlation: age at
time of scan (years), age of onset (years), duration of disease
(years), frequency of focal aware seizures, (per month), fre-
quency of focal impaired awareness seizures (per month),
frequency of focal to bilateral tonic—clonic seizures (per
month), and total seizure frequency (per month). The rela-
tionship of the distance to the fingerprint between patients
with and without the following were compared using the
Wilcoxon rank-sum test: lateralizing ictal EEG, lateralizing
interictal EEG, invasive recording (SEEG), presence of mesial
temporal sclerosis on MRI, and lateralizing PET. Statistics
were corrected for multiple comparisons using Bonferroni
correction.

However, seizure outcome prediction after epilepsy sur-
gery may be best predicted using a multi-variate approach;
and, indeed, there are a few published tools available to
make these predictions. To assess the unique outcome pre-
diction ability of the TLE fingerprint the distance to the
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fingerprint was compared to two published outcome predic-
tion scores. It should be noted that of these tools were de-
signed for use on all patients with focal epilepsy, not only
TLE. The first, the modified seizure freedom score*® provides
a score from 1 to 6 with higher score having higher predic-
tion of seizure freedom. The second, the epilepsy surgery
nomogram®’ predicts the probability of seizure freedom at
2 years post-surgery from 0 (lowest) to 1 (highest). The
Spearman correlation across the left-out group between the
prediction score and the total distance to the fingerprint
was computed. In addition, the scores were compared be-
tween the four outcome groups—Engel Ia, Engel Ib-d,
Engel II, and Engel III-IV—using the Kruskal-Wallis test.

The data that support this study are available from the cor-
responding author, upon reasonable request. The algorithms
developed here can be found at https:/github.com/vmorgan-
lab/TLE_fingerprint.

Results

Table 1 provides the clinical information of the patients in
each of the three groups. The patients of the left-out group
are listed by 1-year seizure outcome. Statistics were per-
formed between these four outcome groups with none hav-
ing significant difference based on Kruskal-Wallis or y* test.

The model and test groups were used to evaluate two para-
meters: (i) all 117 nodes as nodes of interest versus using
14 predetermined nodes based on previous work and
(ii) weighting ipsilateral and contralateral nodes with 1 ver-
sus ipsilateral edges weight =2 and contralateral nodes =1.
Each of these four scenarios were evaluated. Only the 14
nodes of interest and the 2 to 1 ipsilateral to contralateral
weighting resulted in four test subjects with Engel Ia seizure
outcome having lower distance than the maximum model
distance, and the test subject with Engel III outcome having
larger distance than all other training and test subjects. From
these findings, the resulting steps of the creation of a connect-
ivity profile for use as a fingerprint are illustrated in Fig. 1.
Step 1 begins with a full connectome (FC or SC). Step 2 in-
volves taking the subset of the connectome of all ipsilateral
nodes to the 14 nodes of interest. In Step 3, a weighted degree
is computed where the ipsilateral nodes (ipsilateral to ipsilat-
eral edges) have weight=2 and the contralateral nodes
(contralateral to ipsilateral edges) have weight=1. The
weighted degree values are averaged over six ipsilateral lobes
resulting in a vector of length six in Step 4. In Step 5, this vec-
tor can be visualized in half of a polar plot representing a
connectivity profile. The process is repeated with the other
connectome for the other six values in the other half of the
profile. The same process is used to create the connectivity
profile of each patient to be compared to the fingerprint.

V. L. Morgan et al.

The units of the measures are standard deviations from age-
matched control. This allows for more intuitive interpret-
ation of each value.

Figure 2A shows the functional and structural distances of
the model and test data with respect to the chosen TLE fin-
gerprint. While the actual fingerprint from which the
Mabhalanobis distances are computed are a set of 40 per-
muted datasets taken from the model set, the average of
those is shown in Fig. 2B. Each of the nine model subjects
whose distances are shown in Fig. 2A are shown in
Fig. 2C, with the test subjects shown in Fig. 2D. The test sub-
ject with the Engel III outcome is shown in red.

The functional and structural distance to the TLE fingerprint
was computed for each of the patients in the left-out group
(m =38) (Fig. 3A). Note that there was one patient that
was given an Engel III outcome (and is included as such in
Table 1), who only experienced focal aware seizures (auras)
before surgery and continued with no improvement after
surgery. This patient is indicated with an orange diamond
in this figure.

The total distance of each patient to the TLE fingerprint are
compared in Fig. 3B, with the patient indicated by the orange
diamond excluded (7= 37). These results show patients with
Engel III-IV have greater distances than each of the other out-
come groups (Kruskal-Wallis, P < 0.01; Wilcoxon rank-sum
between individual groups, Engel III-1V greater than Engel Ia,
Engel Ib-d and Engel II, p.orr <0.05 Bonferroni-corrected for
six tests). When only functional or structural connectivity
were utilized, there was no differences between the four out-
come groups (Kruskal-Wallis, P>0.05). When only
Mahalanobis distance was used, the patients with Engel III-
IV had greater distance than those with Engel Ia and with
Engel II but not Engel Ib-d outcome (Kruskal-Wallis, P <
0.05; Wilcoxon rank-sum between individual groups, Engel
M-IV greater than Engel la and Engel II, p.o <0.05
Bonferroni-corrected for six tests). When using only
Euclidean distance no individual pairs were significantly dif-
ferent with correction for multiple comparisons (Kruskal-
Wallis, P<0.05; Wilcoxon rank-sum between individual
groups, pPeorr >0.05 Bonferroni-corrected for six tests).
Finally, the receiver operating characteristic curve analysis re-
vealed that the TLE fingerprint had 100% sensitivity and 90%
specificity (area under the curve =0.9194) when using total
distance to predict Engel III-IV outcome.

To compare the chosen 14 nodes of interest to a random
sample of 14 nodes, we performed 5000 permutations using
1-year outcome. For each permutation, the subjects were
ranked lowest distance to highest, and the rank of the pa-
tients with Engel III-IV outcome were summed. This assess-
ment excluded the patient with presurgical auras only (7=
37). Fig. 3C shows the rankings for each trial in each row
with white for patients with Engel [II-IV outcome and black
for the others. The rankings using the TLE fingerprint is
shown above it. The histogram in Fig. 3D shows the ranking
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Figure | Connectome to connectivity profile algorithm. (1) Start with functional or structural connectome. (2) Consider only edges
between ipsilateral nodes and the 14 nodes of interest. (3) Compute a weighted degree by weighting the seven ipsilateral nodes by two and seven
contralateral nodes as one and summing across all ipsilateral nodes. (4) Average the ipsilateral weighted degree values across each of the six lobes
of the brain. (5) Plot those on half of the polar plot to represent the connectivity profile. Repeat with the other connectome. The fingerprint is the
profile that represents patients with seizure-free outcome. The same process is used to create the connectivity profile of each patient to be
compared with the fingerprint. ipsi and i = ipsilateral to seizure focus; contra = contralateral to seizure focus; pref = prefrontal lobe; par = parietal
lobe; occ = occipital lobe; temp = temporal lobe; mot/som = motor and sensory/motor lobe; sub = subcortical structures (all ipsilateral to
seizure focus); FC =functional connectome distance; SC = structural connectome distance. Units are standard deviations from age-matched

control.

results of the 5000 trials. There were 5 random permutations
with higher ranking than the TLE fingerprint (192), indicat-
ing that our a priori nodes outperformed 99.9% of the 5000
trials.

When the correlation between total distance to the TLE fin-
gerprint and individual clinical parameters was assessed in
the left-out group, there were no significant correlations be-
tween age at scan (years), age of onset (years), duration of
disease (years), frequency of focal aware seizures (per
month), frequency of focal impaired awareness seizures
(per month), frequency of focal to bilateral tonic—clonic sei-
zures (per month), and total seizure frequency (per month)
(Spearman correlation, peor >0.05). There was no difference
in total distance to the fingerprint between patients with and
without lateralizing ictal EEG, lateralizing interictal EEG,
invasive recording (SEEG), presence of mesial temporal

sclerosis on MRI and lateralizing PET (Wilcoxon rank-sum,
Dcorr >005)

Since no relationships were detected between the total dis-
tance to the TLE fingerprint and clinical parameters, we also
computed correlation between the same clinical parameters
and each of the 12 measures in the TLE fingerprint separate-
ly—functional and structural ipsilateral prefrontal, parietal,
occipital, temporal, sensory/motor, and subcortical region
groups. In the 38 left-out patients, functional prefrontal, par-
ietal and occipital connectivity to the nodes of interest de-
creases as number of total seizures increases (Spearman
correlation, py,. <0.05). The functional connectivity to the
prefrontal lobe was decreased in patients where ictal EEG
was lateralizing (Wilcoxon rank-sum, p,,. <0.05). The
structural connectivity to the prefrontal and parietal lobes
was decreased in patients with mesial temporal sclerosis
on MRI (Wilcoxon rank-sum, p,,. <0.05). The structural
connectivity to the temporal and sensory/motor regions
was decreased in patients with lateralizing PET (Wilcoxon
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Figure 2 TLE fingerprint development. (A) Functional and structural distance plot of model and test data. (B) Polar plot of functional and
structural connectivity profile of TLE fingerprint. (C) Connectivity profiles of nine model patients (green) and TLE fingerprint (black).

(D) Connectivity profiles of five test patients (blue = Engel la, red = Engel Il |-year outcome) and TLE fingerprint (black). FC = functional
connectome distance; SC = structural connectome distance; pref = prefrontal lobe; par = parietal lobe; occ = occipital lobe; temp = temporal
lobe; mot/som = motor and sensory/motor lobe; sub = subcortical structures (all ipsilateral to seizure focus); dashed line = zero denoting
age-matched control. Units are standard deviations from age-matched control. Values in A are distant from fingerprint. Values in B-D are

connectivity measures from weighted degree.

rank-sum, p . <0.05) and increased as age of onset increased
(Spearman correlation, . <0.05). The structural connectiv-
ity to the temporal region decreased as duration of disease in-
creases (Spearman correlation, py,. <0.05). The structural
connectivity to the subcortical regions increased as the num-
ber of focal to bilateral tonic—clonic seizures increased
(Spearman correlation, p,. <0.05). (Figs. 4A and B)

Two seizure outcome prediction scores, the modified seiz-
ure freedom score*® and the probability of seizure freedom
from the epilepsy nomogram,*” were not correlated with to-
tal distance to the fingerprint (Spearman correlation, P>
0.05). (Figs. 4C and D) Neither score was different between
the four outcome groups at either 1 or 3 years after surgery
(Kruskal-Wallis, P> 0.05).

Discussion

In this work, we present an automated, quantitative, and
visually interpretable functional and structural connectivity

fingerprint of TLE in which similarity to the fingerprint pre-
dicts Engel I-II seizure outcome 1 year after mesial temporal
resection with 100% sensitivity and 90% specificity. The fin-
gerprint was developed using nine patients with TLE with
Engel Ia 1-year outcome and then tested on 38 patients in
a totally independent data set. It is theorized that in practice
the connectivity profile (examples in Figs. 2 and 5) of an in-
dividual patient being considered for mesial temporal sur-
gery can be computed and compared to the TLE
connectivity fingerprint. They can be visually evaluated for
similarity and distances can be quantified and compared
with other patients. If distances are higher than the other pa-
tients with Engel I-IT outcome, more localization testing or
other treatments may be considered.

While patients with Engel [II-IV 1-year outcomes had statis-
tically increased distance to the fingerprint, it is noted that
some had high functional connectivity distances, whereas
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Figure 3 TLE fingerprint related to |-year seizure outcome in left-out group (n = 38). (A) Functional and structural distance plot of
left-out patients. Colour denotes |-year Engel outcome. (B) Total distance across each outcome group. Patients with Engel llI-IV |-year outcome
have greater distance than each of the other three outcome groups (Kruskal-Wallis P < 0.05, Wilcoxon rank-sum on individual pairs p,, < 0.05
Bonferroni correction for six tests). In A and B, units are standard deviations from age-matched control. (C) Rankings of patients with Engel IlI-IV
outcome (white) and other patients (black) for each of the 5000 trials of randomized 14 nodes. Rankings using the TLE fingerprint shown above for
comparison. (D) Histogram of sum of ranks of patients with Engel [lI-IV for each trial. The value of the TLE fingerprint sum (192) indicated by

arrow with only five trials (0.1%) with greater values.

others had high structural connectivity distances. In fact,
when functional and structural connectivity distances were
used individually, the pattern of increased distance in pa-
tients with Engel III-IV outcome was not detected. This is
notable since in the test set, the patient with Engel III out-
come had increased functional connectivity only. Similarly,
when using only magnitude (Euclidean distance) or pattern
(Mahalanobis distance) of similarity individually, the
outcomes were not differentiated. This may reflect the
heterogeneity in seizure recurrence in the first year after
surgery.'1?

There are two outliers with Engel I-II 1-year outcome with
high total distance (Figs. 3A and 5). First, there is a patient
with Engel Id outcome after right selective amygdalo-
hippocampectomy (Fig. 5, 1°). This patient had focal to bi-
lateral tonic—clonic seizures only in the context of missed
medication. The second patient (Fig. 5, 2°) that was

classified as Engel Ia outcome underwent a 5-day long-term
video EEG in the epilepsy monitoring unit 1 year after left se-
lective amygdalo-hippocampectomy surgery. The results in-
dicated 13 typical spells without EEG change, which were
deemed non-epileptic. Further, there was evidence of non-
specific left temporal cerebral dysfunction but no interictal
epileptiform activity. It is unknown how these findings con-
tributed to the change in that patient’s connectivity profile.
In addition, we included a patient with only focal aware sei-
zures (auras) before surgery (Fig. 2, orange diamond). While
the designated outcome was considered only some improve-
ment (Engel III), it is interesting to note that their distance to
the fingerprint was similar to other patients whose seizures
with loss of consciousness improved to only focal aware
seizures.

With 6786 unique edges in each FC and SC, searching the
entire parameter space for a best fit connectome would be



10 | BRAIN COMMUNICATIONS 2022: Page 10 of I3

3

FC pref r
FC par
FC occ
FC temp
FC mot/som
FC sub
SC sub
SC mot/som
SC temp

SC occ

SC par
SC pref

abe
jasuo
anp

10
so184
SLN
13d
2331
933w

O

] ]
o o
T V

L]
®

2
® g%
P

Total Distance
>
@

:

0 . . . . . )
1 2 3 4 5 6

modified Seizure Freedom Score

® &
o e

V. L. Morgan et al.

B
FC par SC par
FC occ SC occ
: ur
FC temp 8f SCtemp
49
)
FC mot/som [e) SC mot/som
wn
FC sub SC sub
D
251 ®
20 r
§ @
m 15} ()
0 » ® o @
a %o ®
= e . %
10} ®* o g
o L] ® ') e ]
= o 0%
5| @

0 . . . . . .
02 03 04 05 06 07 08
Probability of seizure free (2yr)

[ e la e Ibd o I

II-IV ¢ auras only - preJ

Figure 4 TLE fingerprint related to clinical parameters and outcome predictors. (A) Individual measures of the TLE fingerprint
related to clinical parameters. Black and white asterisks indicate Spearman correlation, p . <0.05 and Wilcoxon rank-sum, p,n. < 0.05,
respectively. (B) TLE fingerprint with relationships from A indicated along each connectivity parameter. Red font indicate positive clinical
parameter change with increase in connectivity, and blue font indicates negative parameter change with increase in connectivity. For binary
measures (i.e. EEG, PET, and MTS) blue font indicates decrease in connectivity with presence of parameter (i.e. lateralizing PET). FC = functional
connectome distance; SC = structural connectome distance; pref = prefrontal lobe; par = parietal lobe; occ = occipital lobe; temp = temporal
lobe; mot/som = motor and sensory/motor lobe; sub = subcortical structures (all ipsilateral to seizure focus); tot = total seizure frequency per
month; onset = age of onset (years); dur = duration of disease (years); FBTCS = frequency of focal to bilateral tonic—clonic seizures per month;
MTS = mesial temporal sclerosis on MRI; PET = lateralizing PET; iEEG = lateralizing ictal EEG; int EEG = lateralizing interictal EEG; dashed line =
zero denoting age-matched control. Units are standard deviations from age-matched control. (C) Total distance to the TLE fingerprint is not
linearly related to modified Seizure Freedom Score*® (Spearman correlation, p = 0.08, P> 0.05). (D) Total distance to the TLE fingerprint is not
linearly related to the probability of 2-year seizure freedom nomogram score*” (Spearman correlation, p=0.20, P> 0.05). Total distance is in

standard deviations from age-matched control.

subject to severe overfitting of the data and lack of general-
ization to other data sets. Therefore, we tested a hypothesis
of 14 nodes of interest (seven in each hemisphere), known
to be implicated in TLE and used in a previous proof of con-
cept study”®: anterior and posterior hippocampus, anterior
and posterior insula, thalamus, precuneus, and mid cingu-
late gyrus. The fingerprint represents the connection of
each of these regions connected to all other ipsilateral re-
gions of the brain. In addition to evaluating on the left-out
patients, we also compared with a null distribution of ran-
dom sets of 14 nodes. That showed that the a priori nodes
performed better than 99.9% of the random trials in the
left-out data.

Next, we evaluated if a particular clinical assessment was driv-
ing the distance measurement. There was no significant linear
relationship between any of the parameters tested (listed in
Table 1). This suggests that the fingerprint is not sensitive to
any one clinical parameter and that there is no single clinical
parameter that is related to seizure outcome in this patient
cohort. But do TLE clinical parameters affect parts of the con-
nectivity profile? We did detect weak relationships (signifi-
cance uncorrected) between several measures within the
connectivity profile and clinical parameters across the left-out
group. Interestingly, functional connectivity from the nodes of
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Figure 5 Examples of patient connectivity profiles. Profiles computed as described in Fig. |. Centre plot is same as Fig. 3A. All outcomes
are at | year after surgery. (1) Outlier patient with Engel Id outcome after right selAH, (2) outlier patient with Engel la outcome after left selAH,
(3) patient with Engel IV outcome after left laser ablation, (4) patient with Engel Id outcome after right selAH, (5) patient with Engel la outcome
after right temporal lobectomy, and (6) patient with Engel Illa outcome after left temporal mesial and temporal pole resection. selAH = selective
amygdalo-hippocampectomy. Units are standard deviations from age-matched control. Note other profiles of patients are shown in Figs. 2C and D
for comparison. FC = functional connectome distance; SC = structural connectome distance; pref = prefrontal lobe; par = parietal lobe; occ =
occipital lobe; temp = temporal lobe; mot/som = motor and sensory/motor lobe; sub = subcortical structures (all ipsilateral to seizure focus);

dashed line = zero denoting age-matched control.

interest to the ipsilateral frontal, parietal, and occipital lobes
decreased as total seizure frequency increased. Evidence of
mesial temporal sclerosis was associated with decreased struc-
tural connectivity to the prefrontal and parietal lobes, while
lateralizing PET was associated with decreased structural con-
nectivity to temporal and sensory/motor regions. Structural
connectivity to the subcortical regions increased as number
of focal to bilateral tonic—clonic seizures increased. These
weak relationships imply that parts of the fingerprint are sen-
sitive to characteristics of TLE, but the fingerprint as a whole
is related to seizure outcome.

Additionally, the total distance to the model was not re-
lated to either the modified seizure freedom score*® nor the
probability of seizure freedom nomogram score.*’
Furthermore, the two prediction algorithms were applied
to the left-out patients and resulted in inability to distinguish
different outcome groups at 1 year after surgery. We inter-
pret this as evidence that the two prediction algorithms
may perform better in general population of patients with fo-
cal epilepsy, but in those patients where standard clinical

assessments confidently identify the seizure focus in unilat-
eral mesial temporal structures, connectivity may provide
the next level of outcome prediction.

Based on these results, we propose an avenue of potential
clinical utilization of this methodology, specifically in pa-
tients in which standard clinical presurgical assessments
have diagnosed unilateral mesial TLE. We suggest that the
network profile described here should be computed in the pa-
tient and compared to the fingerprint, both quantitatively,
using the distance measures and qualitatively, by plotting
the profile with the fingerprint (examples in Fig. 5). A simi-
larity to the fingerprint suggests a favourable outcome and
reduce the need for invasive testing. A large quantitative dis-
tance to the fingerprint may indicate a potential for less op-
timum outcome and prompt invasive testing and
appropriate patient counselling. The regions of large dis-
tances in the qualitative profiles may indicate regions for fur-
ther invasive or non-invasive testing, but this has not been
studied. More validation will be needed, however, to bring
this to the clinic.
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It should be noted that (i) the fingerprint was developed using
patients with Engel Ia 1-year outcome, and (ii) the similarity
to the fingerprint was computed for patients grouped by four
different outcomes—Engel Ia, Engel Ib-d, Engel I, and Engel
MI-1V. The original hypothesis was that distance to the fin-
gerprint would differ between multiple groups with less fa-
vourable outcomes having larger distance. However,
similar to our previous work,”® we were only able to detect
increased distance in the patients with Engel III-IV outcome.
While this is clinically significant, we acknowledge that the
ability to distinguish between patients with Engel Ia and
the other groups would have provided important additional
clinical information.

There are several other important points to consider in this
work. First, the sample size is small and the data come from a
single centre. Specifically, the fingerprint was created using
only nine seizure-free patients, which may not be enough
to capture the full scope of potential network variability
that could result in seizure-free outcome. However, the sur-
gical techniques and side of surgery were varied to purposely
generalize to more patients, and the evaluation was per-
formed on a completely independent, left-out data set.
Second, the analyses ultimately were constrained to 14 a
priori nodes and no formal parameter fitting was performed.
Instead, these analyses proved the hypothesis that the simi-
larities across a small set of patients with seizure-free out-
come can inform other new patients. Future work could
involve a large multicentre trial with enough patients to op-
timize specific parameters of the fingerprint using a formal
one-class classifier method.*® Third, as typical for this pa-
tient population, the fraction of patients with Engel TII-IV
outcomes is relatively small compared to those with Engel
I outcome. Fourth, this work only reports seizure outcomes
1-year post-surgery. It is well known that outcomes are dy-
namic, and seizure-free outcomes decrease as time increases
after surgery.*” Further work is need to understand how
these networks relate to later seizure recurrence. Fifth, the
method can be applied to data acquired by most 3Tesla
MRI scanners with ~30 min of scan time but it requires
automated image post-processing. It may also require
healthy controls scanned at the institution. Finally, multi-
site validation and optimization is necessary to move this
to clinical use.

Conclusions

TLE presents a unique situation where confident clinical lo-
calization of the seizure focus does not always result in a
seizure-free or favourable outcome after surgery. In this
work, we demonstrate a connectome fingerprint that repre-
sents a network pattern across the brain that is associated
with favourable (Engel I-1I) outcome with 100% sensitivity
and 90% specificity in a population of completely inde-
pendent patients. Further, we show that patients with

V. L. Morgan et al.

unfavourable outcomes can differ from the fingerprint in
functional, structural, magnitude, and pattern of connectiv-
ity in these networks. In addition, our results support the
ability of the fingerprint to provide quantitative and clinic-
ally interpretable and significant information not captured
by standard clinical assessments alone or in combinations.
Overall, we conclude that this automated and simple meth-
od may improve patient specific prediction of seizure out-
come in patients with TLE.

Funding

This work was supported by the National Institute for
Neurological Disorders and Stroke at the National
Institutes of Health R01 NS075270, R01 NS108445, and
RO1 NS110130 to V.L.M., and R00 NS097618 to D.]J.E.
and RO1 NS112252 to D.J.E. and C.C. In addition, there
was funding from the National Institute of Biomedical
Imaging and Bioengineering at the National Institutes of
Health T32 EB001628 and T32 EB021937.

Competing interests

The authors report no competing interests.

References

1. Englot DJ. A modern epilepsy surgery treatment algorithm:
Incorporating traditional and emerging technologies. Epilepsy
Behav. 2018;80:68-74.

2. Englot D], Chang EF. Rates and predictors of seizure freedom in re-
sective epilepsy surgery: An update. Neurosurg Rev. 2014;37:
389-404.

3. Asadi-Pooya AA, Rostami C. History of surgery for temporal lobe
epilepsy. Epilepsy Behav. 2017;70:57-60.

4. Jehi L. Algorithms in clinical epilepsy practice: Can they really help
us predict epilepsy outcomes? Epilepsia. 2021;62(S2):5S71-S77.

5. DavisKA, Jirsa VK, Schevon CA. Wheels within wheels: Theory and
practice of epileptic networks. Epilepsy Curr. 2021;21:
15357597211015663.

6. Scott RC, de la Prida L M, Mahoney JM, Kobow K, Sankar R, de
Curtis M. WONOEP APPRAISAL: The many facets of epilepsy net-
works. Epilepsia. 2018;59:1475-1483.

7. Whelan CD, Altmann A, Botia JA, et al. Structural brain abnormal-
ities in the common epilepsies assessed in a worldwide ENIGMA
study. Brain. 2018;141:391-408.

8. Rogers BP, Morgan VL, Newton AT, Gore JC. Assessing functional
connectivity in the human brain by fMRI. Magn Reson Imaging.
2007;25:1347-1357.

9. Sotiropoulos SN, Zalesky A. Building connectomes using diffusion
MRI: Why, how and but. NMR Biomed. 2017;32:e3752.

10. Haneef Z, Lenartowicz A, Yeh HJ, Levin HS, Engel J, Stern JM.
Functional connectivity of hippocampal networks in temporal
lobe epilepsy. Article. Epilepsia. 2014;55:137-145.

11. Englot DJ, Konrad PE, Morgan VL. Regional and global connectiv-
ity disturbances in focal epilepsy, related neurocognitive sequelae,
and potential mechanistic underpinnings. Epilepsia. 2016;57:
1546-1557.



Focal epilepsy connectome fingerprint

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

Besson P, Dinkelacker V, Valabregue R, et al. Structural connectiv-
ity differences in left and right temporal lobe epilepsy. Article.
Neuroimage. 2014;100:135-144.

Bernhardt BC, Fadaie F, Liu M, et al. Temporal lobe epilepsy:
Hippocampal pathology modulates connectome topology and con-
trollability. Neurology. 2019;92:€2209-e2220.

Gleichgerrcht E, Keller SS, Drane DL, et al. Temporal lobe epilepsy
surgical outcomes can be inferred based on structural connectome
hubs: A machine learning study. Ann Neurol. 2020;88:970-983.
He X, Doucet GE, Pustina D, Sperling MR, Sharan AD, Tracy ]JI.
Presurgical thalamic “hubness” predicts surgical outcome in tem-
poral lobe epilepsy. Neurology. 2017;88:2285-2293.
Gleichgerrcht E, Munsell B, Bhatia S, et al. Deep learning applied to
whole-brain connectome to determine seizure control after epilepsy
surgery. Epilepsia. 2018;59:1643-1654.

Lariviére S, Weng Y, de Wael R V, ef al. Functional connectome
contractions in temporal lobe epilepsy: Microstructural underpin-
nings and predictors of surgical outcome. Epilepsia. 2020;61:
1221-1233.

Ramos E, Benbadis S, Vale FL. Failure of temporal lobe resection for
epilepsy in patients with mesial temporal sclerosis: Results and
treatment options Clinical article. Article. ] Neurosurg. 2009;110:
1127-1134.

Najm I, Jehi L, Palmini A, Gonzalez-Martinez J, Paglioli E,
Bingaman W. Temporal patterns and mechanisms of epilepsy sur-
gery failure. Epilepsia. 2013;54:772-82.

Bonilha L, Jensen JH, Baker N, et al. The brain connectome as a per-
sonalized biomarker of seizure outcomes after temporal lobectomy.
Neurology. 2015;84:1846-53.

Sinha N, Wang Y, Silva N, et al. Node abnormality predicts seizure
outcome and relates to long-term relapse after epilepsy surgery.
bioRxiv. 2019:747725.

Neal EG, Maciver S, Schoenberg MR, Vale FL. Surgical disconnec-
tion of epilepsy network correlates with improved outcomes.
Seizure. 2020;76:56—63.

Keller SS, Glenn GR, Weber B, et al. Preoperative automated fibre
quantification predicts postoperative seizure outcome in temporal
lobe epilepsy. Brain. 2017;140:68-82.

Finn ES, Shen X, Scheinost D, et al. Functional connectome finger-
printing: Identifying individuals using patterns of brain connectiv-
ity. Article. Nat Neurosci. 2015;18:1664-1671.

Yeh F-C, Vettel JM, Singh A, et al. Quantifying differences and simi-
larities in whole-brain white matter architecture using local connec-
tome fingerprints. PLoS Comput Biol. 2016;12:¢1005203.
Morgan VL, Englot DJ, Rogers BP, e al. Magnetic resonance im-
aging connectivity for the prediction of seizure outcome in temporal
lobe epilepsy. Epilepsia. 2017;58:1251-1260.

Engel J. Surgical Treatment of the Epilepsies. In: Engel J and
Shewmon D, eds. Who should be a surgical candidate? Raven
Press; 1993.

Morgan VL, Johnson GW, Cai LY, et al. MRI network progression
in mesial temporal lobe epilepsy related to healthy brain architec-
ture. Netw Neurosci 2021;5:434-450.

Asman AJ, Landman BA. Non-local statistical label fusion for
multi-atlas segmentation. Med Image Anal. 2013;17:194-208.
Huo Y, Plassard AJ, Carass A, et al. Consistent cortical reconstruc-
tion and multi-atlas brain segmentation. Neuroimage. 2016;138:
197-210.

Fischl B. FreeSurfer. Neuroimage 2012;62:774-781.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

44,

4S.

46.

47.

48.

49.

BRAIN COMMUNICATIONS 2022: Page 13 of I3 | 13

McHugo M, Talati P, Woodward ND, Armstrong K, Blackford JU,
Heckers S. Regionally specific volume deficits along the hippocam-
pal long axis in early and chronic psychosis. Neuroimage Clin 2018;
20:1106-1114.

Plassard AJ, McHugo M, Heckers S, Landman BA. Multi-Scale
Hippocampal Parcellation Improves Atlas-Based Segmentation
Accuracy. Proc SPIE Int Soc Opt Eng. 2017;10133:101332D.
Glover GH, Li TQ, Ress D. Image-based method for retrospective
correction of physiological motion effects in fMRI: RETROICOR.
Magn Reson Med. 2000;44:162-167.

Cordes D, Haughton VM, Arfanakis K, et al. Frequencies contribut-
ing to functional connectivity in the cerebral cortex in “resting-
state” data. Ajnr. 2001;22:1326-1333.

Fisher RA. Frequency Distribution of the Values of the Correlation
Coefficient in Samples from an Indefinitely Large Population.
Biometrika. 1915;10:507-521.

Cai LY, Yang Q, Hansen CB, et al. PreQual: An automated pipe-
line for integrated preprocessing and quality assurance of diffu-
sion weighted MRI images. Magnet Reson Med. 2021;86:
456-470.

Cordero-Grande L, Christiaens D, Hutter J, Price AN, Hajnal JV.
Complex diffusion-weighted image estimation via matrix recovery
under general noise models. Neuroimage. 2019;200:391-404.
Andersson JLR, Sotiropoulos SN. An integrated approach to correc-
tion for off-resonance effects and subject movement in diffusion MR
imaging. Neuroimage. 2016;125:1063-1078.

Tournier JD, Smith R, Raffelt D, ef al. MRtrix3: A fast, flexible and
open software framework for medical image processing and visual-
isation. Neuroimage. 2019;202:116137.

Tournier JD, Calamante F, Connelly A. Robust determination of the
fibre orientation distribution in diffusion MRI: Non-negativity con-
strained super-resolved spherical deconvolution. Neuroimage.
2007;35:1459-1472.

Smith RE, Tournier J-D, Calamante F, Connelly A.
Anatomically-constrained tractography: Improved diffusion MRI
streamlines tractography through effective use of anatomical infor-
mation. Neuroimage. 2012;62:1924-1938.

Smith RE, Tournier JD, Calamante F, Connelly A. SIFT2: Enabling
dense quantitative assessment of brain white matter connectivity
using streamlines tractography. Neuroimage. 2015;119:338-51.
De Maesschalck R, Jouan-Rimbaud D, Massart DL. The
Mahalanobis distance. Chemom Intell Lab Syst. 2000;50:1-18.
Hajian-Tilaki K. Receiver Operating Characteristic (ROC) Curve
Analysis for Medical Diagnostic Test Evaluation. Caspian | Intern
Med. 2013;4:627-635

Gracia CG, Yardi R, Kattan MW, et al. Seizure freedom score: A
new simple method to predict success of epilepsy surgery. Article.
Epilepsia. 2015;56:359-365.

Jehi L, Yardi R, Chagin K, et al. Development and validation of no-
mograms to provide individualised predictions of seizure outcomes
after epilepsy surgery: A retrospective analysis. Article. Lancet
Neurol. 2015;14:283-290.

Mourio-Miranda J, Hardoon DR, Hahn T, et al. Patient classifica-
tion as an outlier detection problem: An application of the
One-Class Support Vector Machine. Neuroimage. 2011;58:
793-804.

Goellner E, Bianchin MM, Burneo JG, Parrent AG, Steven DA.
Timing of early and late seizure recurrence after temporal lobe epi-
lepsy surgery. Epilepsia. 2013;54:1933-1941.



	Presurgical temporal lobe epilepsy connectome fingerprint for seizure outcome prediction
	Introduction
	Materials and methods
	Subjects
	Imaging
	Connectome development
	Fingerprint development
	Statistical analysis
	Seizure outcome
	Clinical parameters and predictors

	Data availability

	Results
	Fingerprint development
	Seizure outcome
	Clinical parameters and predictors

	Discussion
	Seizure outcome
	Clinical parameters and predictors
	Considerations

	Conclusions
	Funding
	Competing interests
	References


