
Editorial
Thanks to the work of Division 38 of the American

Psychological Association, Health Psychology has been defined in
its methods and objectives. The biomedical vision of
pathophysiological processes, indeed, could not take into account
the complex relationship between medical conditions,
psychological variables and contextual factors. Being healthy was
not a matter of “silence of the organs” (Leriche, as cited by
Canguilhem, 1991, p. 91) anymore, but encompassed
representations, values, motivations and participation in social life.
World Health Organization (WHO) still adopts this vision, referred
to as biopsychosocial perspective. According to it, health
disciplines should focus not only on treatment, but also on
prevention, education, monitoring and social policy.

With this aim, Health Psychology has developed a variety of
assessment approaches for detecting and measuring healthy and
risky behaviors. According to Trimpop (1994, p. 9), risky behaviors
are “any consciously, or non-consciously controlled behavior with
a perceived uncertainty about its outcome, and/or about its possible
benefits, or costs for the physical, economic or psycho-social well-
being of oneself or others”. From this point of view, the Theory of
Reasoned Action represents an interesting perspective (Fishbein &
Ajzen, 1975). It explains that in order to trigger an action, what
plays a fundamental role is the intention, that is the motivation that
drives the individual to choose to adopt one behavior rather than
another. The intention, in turn, is closely linked to the attitudes, the
subjective rules and the perception of control that the subject has
with respect to behavior. Thus, the interaction of these three
variables allows understanding the cause that leads individuals to

act in a certain way.
In this regard we present some of the main tools that can help

health experts and, more specifically, psychologists to define risky
behaviors and the motivations connected to them.

Many data are usually collected with self-reports tools. It is the
case, for instance, of questionnaires, diaries and surveys filled in
by the person whose behavior is the target of the assessment. Other
strategies consist in the professional observation of the target
behaviors, supported by specific grids and a precise time sampling.
Two or more observers can be implied to assure reliability of
results. Psychometric tests are useful to compare a subject’s scores
to the norm, thanks to the validation previously conducted on a
representative sample. Finally, new technology and medical
analyses can be implied in the assessment to strengthen data
collection (Luszczynska & Hagger, 2016; Caponnetto & Milazzo,
2019).

Examples of self-reports tools include Timeline follow-back
(TLFB) self-reports (Menon, 1994), useful to obtain information
about the consumption of drugs, marijuana and cigarettes from 7
days to 12 months, in one or more subjects. A calendar is used to
structure the report, whereas birthday dates, holidays and news
events are used to improve the techniques for recalling the
autobiographical memory. TLFB can be used in clinical contexts
where changes in drug, marijuana and cigarette levels are to be
estimated, as well as to monitor and/or evaluate the results of a
specific treatment (Sobell et al., 1996).

Direct observation is a representative example of observation
tool (Simmons & Reuben, 2000). Direct observation is carried out
by a specially trained expert, who must be present at the moment
when an individual, whose behavior is to be observed, acts in a
specific way (for example, when s/he eats food, or when s/he drinks
alcoholic beverages). The goal is to record, for a limited period of
time, such behavior deemed harmful or at risk. Most of the times,
direct observation is used to study the behavior of an elderly person
hospitalized in an assisted living facility, a child or a disabled
person (Simmons & Reuben, 2000).

As regards psychometric tools, a fundamental test in this area
is the Symptom Checklist (SCL-90-R) (Derogatis, 2011). It is a
self-report questionnaire characterized by 90 items, which
investigates any disturbances presented by the subject over the past
week. Answers are given on a 4-interval Likert scale (0=not at all;
4=very much). The results allow to know the progress of the subject
in reference to the following 9 different symptoms: somatization;
obsession-compulsion; interpersonal hypersensitivity; depression;
anxiety; hostility; phobic anxiety; paranoid ideation; psychoticism.
In addition, there are other 7 items (“other”) that measure appetite
and sleep disturbances. Tree global indices complete the
assessment: Global Severity Index (GSI), which measures the
intensity of any discomfort; the Positive Symptom Total (PST),
which summarizes the number of symptoms of a subject, and the
Positive Symptom Distress Index (PSDI), which assesses the
response style (Derogatis, 2011).

Among sensor-based techniques of assessment, pedometers can
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be used to measure physical activity. Number of steps, covered
distance and amount of energy are registered for a variety of
objectives, such as for tracking sedentary behavior and enhancing
physical activity in patients with type 2 diabetes (De Greef,
Deforche, Tudor-Locke, & De Bourdeaudhuij, 2010). Cameras can
be used to record target behaviors and assess their frequency, for
instance food intake in the treatment of obesity (Kong & Tan, 2012).
Biochemicals and sensor-based tools, instead, have been implied to
detect carbon monoxide in the breath to manage smoking behavior
(Morabia, Bernstein, Curtin, & Berode, 2001), or residues of drugs
in body fluids (Brener, Billy, & Grady, 2003), or nutrients in the
blood to check dietary balance (Natarajan et al., 2006).

In conclusion, it is possible to affirm that Health Psychology is
fundamental in the detection of risky behaviors, in the primary
and/or secondary prevention, as well as to monitor the treatment
and verify its effectiveness. In this regard, the assessment tools are
an important resource to health experts.
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