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Abstract
Introduction: Pasifika (Native Hawaiian and Pacific Islander) people living in the United States experience health,
economic, and social inequities, and a disproportionate burden of COVID-19 cases and deaths. This study exam-
ines employment among Pasifika living in the 10 US states with the largest Pasifika populations during the
COVID-19 pandemic.
Methods: We use the Current Population Survey to examine racial differences in employment status, paid work
from home (PWFH), and industry telework friendliness. We use data from the Washington Office of Fiscal Man-
agement and the Washington State (WA) Employment Security Department to examine county-level unemploy-
ment claims.
Results: Nationally, Pasifika did not self-report unemployment significantly more than Black, Latino, Asian, and
American Indian/Alaska Native respondents, but in WA counties with high Pasifika concentrations, unemploy-
ment insurance claim rates were higher compared with all other racial groups, particularly Whites and Asians.
Surprisingly, Pasifika had more PWFH opportunities, but worked in less telework-friendly industries nationally.
Discussion: This study demonstrates the complexity of employment among Pasifika during the COVID-19 pan-
demic. The findings correspond with national reports of racialized communities impacted by unemployment,
including Pasifika. Marginally significant differences in unemployment nationally may be due to Pasifika working
largely in essential industries requiring workplace attendance.
Health Equity Implications: Although overlooked or overshadowed by size, our findings highlight the need for
continued advocacy to support data disaggregation and Pasifika data sovereignty. This can be achieved through
collaborations between researchers as well as local and community organizations to address data needs of Pasi-
fika communities.
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Introduction
In the United States (US), structural racism and settler
colonialism drive the health disparities experienced
by Pasifika (Native Hawaiian and Pacific Islander
[NH/PI]) communities and frame the concern for
and a focus on Pasifika populations in this article.
Militourism—the exploitation of Indigenous land,
people, and resources through the synergistic rela-
tionship between US military expansion and the tour-
ism industry—and other settler colonial systems1–7

have historically produced negative outcomes for the
peoples and lands of the Pacific, including inequities
in health outcomes, displacement of Pasifika from
their homelands, and persistent poverty and home-
lessness.2,4,6,8–15 However, while there is a shared his-
tory among Pasifika, the racialization of Pasifika in the
US is complex in that the definition of indigeneity
varies between Pasifika communities depending on
their political relationship with the US government.

Diversity in citizenship, migration status, language, and
cultures among Pasifika poses additional challenges to re-
search with Pasifika populations. In this article, we use
Pasifika and Native Hawaiian/Pacific Islander inter-
changeably. Pasifika was an agreed-upon term that the re-
search team and community partners felt was culturally
appropriate, honored Pasifika data sovereignty, and was
inclusive of Native Hawaiians and Pacific Islanders
from Micronesia, Melanesia, and Polynesia. NH/PI is
used when data are defined as this category.

Socioeconomic status (SES) is a well-established so-
cial determinant of health and is inextricably rooted in
structural racism and settler colonialism in the US.16–26

Employment and occupational status are common and
well-documented indicators for SES as a social determi-
nant of health.27,28 As an indicator of socioeconomic
wellness, employment can be a proxy for understanding
financial security as well as access to health insurance
and in turn health care.28,29 The operationalization
and utilization of SES depend on the political and social
contexts in which they are used.29–32 Within the context
of the COVID-19 pandemic, the impact of lost wages
due to illness/death, one’s inability to work from
home, immunovulnerability due to chronic health prob-
lems, and work in essential industries require us to look
beyond income or employment alone.

In 2019, the US Census Bureau reported that 14.8%
of NH/PI were living at the poverty level compared
with 9.0% of non-Latino Whites, and the unemploy-
ment rate for NH/PI was 5.9% compared with 3.7%
for non-Latino Whites.33 Thus, inequities related to

SES in addition to pandemic-related factors make
Pasifika potentially more vulnerable to negative health
outcomes. Data for Washington state (WA) are rele-
vant because WA has the third largest population of
NH/PI living in the US, outside of Hawaii and Califor-
nia.33 According to the University of California, Los
Angeles (UCLA) Center for Health Policy Research, as
of March 10, 2022, NH/PI living in WA state have the
highest per capita case (29,456 cases per 100,000) and
death (297.2 cases per 100,000) rates of COVID-19
among all racial/ethnic groups.4 Furthermore, in King
county from 2015 to 2019, 23.2% of NH/PI lived at or
below the 200% poverty line, which is *14% higher
than that of Asians and 19% than that of Whites.34

Since the start of the pandemic, Pasifika living across
the US have experienced COVID-19 cases, hospitaliza-
tions, and deaths at disproportionate rates compared
with Whites and other racial/ethnic minority communi-
ties.33,35–37 Across all ages, mortality from COVID-19
for NH/PI (12.7%) was significantly higher compared
with Whites (6.5%).38 Pasifika COVID-19 mortality re-
mains high in states with large populations of Pasifika.
For example, as of March 10, 2022, the UCLA Center
for Health Policy Research noted that NH/PI have
the highest rates of COVID-19 death rates in Hawaii
(128.2 cases per 100,000), California (365.2 cases per
100,00), and Utah (235.1 cases per 100,000).37 These
disparities are reflective of historical and existing sys-
temic inequities that were exacerbated by the
COVID-19 pandemic.39–42

This study seeks to identify potential socioeconomic
inequities experienced by Pasifika in 10 US states. Only
a few studies have focused on the relationship between
Pasifika and COVID-19,38,39,42–44 and this is the first to
examine the socioeconomic impact of COVID-19 on
Pasifika communities.

Methods
Our work was guided by participatory research princi-
ples and our community partner was the Pacific Islander
Community Association of Washington (PICA WA).
Through this partnership, we support PICA WA’s ef-
forts to provide timely and culturally relevant health,
economic, and social services within the state of WA
and national efforts to promote NH/PI health equity re-
search through organizations, such as the National
Association of Pasifika Organizations (NAOPO).

WA socioeconomic and demographic data were col-
lected from the WA Office of Fiscal Management
(OFM) and the WA Employment Security Department
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(ESD). National socioeconomic and demographic
data were accessed from the Current Population Sur-
vey (CPS)—a demographics and labor survey con-
ducted by the Bureau of Labor Statistics and the
US Census Bureau. CPS data were accessed through
the Integrated Public Use Microdata Series’ (IPUMS)
CPS database managed by the Minnesota Population
Center located at the University of Minnesota.45

IPUMS CPS contains integrated microdata from
the CPS that are publicly available. No IRB approval
was required because data were gathered from public
data sources. We conducted two sets of analyses, one

descriptive for the WA state data, and one set of
three logistic regressions for our national data
(Fig. 1).

WA unemployment data
To examine the impact of COVID-19 on Pasifika em-
ployment in WA, we calculated per capita incidence
rates to examine the differences in unemployment in-
surance claims made between Pasifika and other racial
groups for Snohomish, Spokane, Clark, Pierce, and
King County and for the state of WA. Incidence rates
were calculated using the total number of

FIG. 1. Analysis guide for all statistical analyses.
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unemployment insurance claims data by race between
March 2020 and January 2022 collected by the ESD.46

We divided the initial claims by the 2020 race census
data available through the OFM.47 We then calculated
per 100,000 incidence rates for select counties by di-
viding initial claims by census for NH/PI, non-Latino
White, Black, Asian, Latino, American Indian, and
Alaska Native (AI/AN), and Multiracial groups for se-
lect counties. Counties were selected for analyses
based on areas highly serviced by PICA WA and pop-
ulation density of PI’s living within each respective
county.

National employment and COVID-19-related SES
Using the CPS, we conducted a series of three separate
logistic regressions to examine the employment condi-
tions of COVID-19 for racial groups compared with
Pasifika on the following outcomes: (1) self-reported
unemployment (nNH/PI = 2930, ntotal = 223,372), (2)
paid work from home (PWFH) (nNH/PI = 2615, nto-

tal = 205,272), and (3) whether they worked in a
telework-friendly industry (nNH/PI = 3343, ntotal =
254,515) (Fig. 1). A handful of samples of CPS data
were taken from the IPUMS CPS data repository
predicated on the restrictions of the outcome variable
parameters (see details in Fig. 1). All samples in-
cluded legal adults from the 10 states with the highest
population counts of NH/PI among US states
(Hawaii, Utah, Washington, Florida, Texas, Califor-
nia, Nevada, Oregon, New York, and Arizona).33

This was done to adjust for a small sample proportion
of Pasifika living in the US compared with overall
sample sizes.

All models were controlled for age (in years), time
(months data were collected), education level (level of
education from no education to graduate or profes-
sional degree), and disproportionate sample size
based on geographic location (Hawaii vs. not in
Hawaii). The time frames from which data were se-
lected for each model reflect the implementation of
public health safety regulations on social distancing,
business closures at the beginning of the COVID-19
pandemic, and data restrictions of COVID-19-related
questions that were included in the CPS. The right
side of Figure 1 defines each logistic regression model
produced for this study and defines specific sampling
parameters for each model.

Race/Ethnicity. Race/Ethnicity was developed utiliz-
ing microdata on racial and ethnic demographics that

include up to four selections of race and Latino origin.
To account for small sample size issues, we constructed
a NH/PI category to include people who self-identified
as NH/PI in the CPS alone or with any combination
other races or ethnicities. All other racial groups were
categorized into non-Latino monoracial groups with
an additional non-Latino multiracial category created
for individual comparisons in our regression. All indi-
viduals who identified as non-Latino Whites and all in-
dividuals who identified as Latino were categorized into
distinct groups. Associations with race and the out-
come variables were tested in separate logistic regres-
sion analyses. Following antiracist and decolonizing
data science practices in studying health and social dis-
parities, NH/PI served as the control group for all re-
gression analyses.

Self-reported employment. Self-reported employ-
ment was our first outcome of interest. Individuals
noted whether they were employed (at work, had a
job but were not at work last week), unemployed (un-
employed workers who have had a job, unemployed
workers who have not yet had a job), and Not in the
Labor Force (NILF—unable to work, not in labor
force for another reason, or retired) at the time of sur-
vey. Different variations of these categorizations of self-
reported employment were utilized based on practical-
ity and sampling restrictions of employment categori-
zations in relation to outcome variables. We analyzed
self-reported employment status’ association with in-
dustry telework friendliness. In these model individuals
who were NILF were not included. We also tested the
relationship between ability to work due to COVID-
19 (able to work vs. unable to work due to COVID-
19 business closure or loss in the last 4 weeks) and
self-reported employment status and its interaction
with race.

We included ability to work due to COVID-19 in
our model as a sensitivity analysis to address its impact
on the relationship between race and employment to
account for COVID-19’s direct impact on employment
stability. Specifically, we sought to account for how the
pandemic altered people’s ability to work and how this
impacted overall employment during the pandemic.
Data from May 2020 until June 2021 were available
and included in this model.

Paid work from home. Paid work from home
(PWFH) was our second outcome of interest. To assess
whether someone was employed in a job that offered
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pay while working from home, we utilized a variable
from the CPS that indicated whether someone worked
from home due to COVID-19 in the last 4 weeks. This
variable was only asked in the CPS to individuals who
indicated that they were employed for pay. Due to this
sampling frame, our sample only included employed
participants. Data from May 2020 until June 2021
were available and included in this model. Data collec-
tion on COVID-19-related measurements within the
CPS began in May 2020.

Industry telework friendliness. Industry telework
friendliness was a categorical variable we created that
divided US industries by telework friendliness—ability
for jobs within an industry to accommodate telework—
based on findings from Dalton48 and Dingel and Nei-
man,49 as well as employment amidst COVID-19. Indi-
viduals who worked in leisure and hospitality, retail
trade, construction, transportation and warehousing,
and manufacturing were categorized as working in in-
dustries that were telework unfriendly and all other in-
dustries were categorized as being telework friendly.
More specifically, industries that were found nationally
to have lower telework friendliness in Dalton48 and
Dingel and Neiman49 were classified as telework un-
friendly and those that were found to have higher tele-
work friendliness were classified as telework friendly.

In this model, individuals who were NILF were not
included in the sample. Additionally, we tested indus-
try telework friendliness’s association with self-
reported employment. Data from March 2020 until
June 2021 were available and included in this model.

All data cleaning, visualization, descriptive summa-
ries, and regression modeling were conducted in R sta-
tistical computing software and Microsoft excel. All
analyses, cleaning, summarization, and visualization
were completed by a team led by Pasifika scholars.
Asian scholar allies also supported the interpretation
of the study findings.

Results
WA state unemployment insurance claims
WA data on NH/PI unemployment and census data
allowed us to calculate incidence rates for unemploy-
ment insurance claims filed since March 2020. NH/PI
have had the highest unemployment insurance claims
incidence rates among all other racial groups since
March 2020. Most interestingly, NH/PI had a 1.85
times higher incidence and 2.23 times higher incidence
of unemployment insurance claims compared with
Whites and Asians, respectively. NH/PI also had higher
initial unemployment insurance claim rates compared
with Whites and Asians in select counties where
there were large populations of NH/PI (Table 1).
NH/PI had approximately double the amount of un-
employment insurance claims compared with Whites
and Asians.

National employment statistics
Figure 2 displays the proportion of NH/PI living in
Hawaii and in the Continental US across our three lo-
gistic regressions and presents the respective sample
sizes for each regression. This was included to demon-
strate sample bias by geolocation and highlight our de-
cision to include a control variable for respondent’s
location (Hawaii vs. Continental U.S.). Our first logistic
regression model analyzed the associations between
race and self-reported employment status.

Employment. Table 2 summarizes the associations in
odds ratios from our logistic regression between race
and self-reported employment status.

When comparing employment status between
NH/PI and other racial ethnic groups, we found that
AI/AN respondents had a significantly higher odds of
reporting that they were unemployed compared with
NH/PI respondents who were able to work during
COVID-19. AI/AN had a 67% higher odds (odds
ratio [OR] = 1.67, p < 0.001, 95% confidence interval

Table 1. Washington State Initial Unemployment Insurance Claims Incidence Rates Pasifika Versus Whites and Pasifika
Versus Asians from March 8, 2020 to January 1, 2022

County
Pasifika initial

claims per 100,000
Whites initial

claims per 100,000
Rate ratio

Pasifika:Whites
Asian initial

claims per 100,000
Rate ratio

Pasifika:Asians

Spokane 32,548.06 17,213.40 1.892 14,772.81 2.205
Snohomish 40,046.59 20,599.04 1.944 17,832.50 2.246
Clark 22,784.19 14,002.37 1.627 11,295.68 2.017
Pierce 32,059.65 19,616.75 1.634 18,037.05 1.777
King 32,218.13 17,976.66 1.792 14,080.70 2.288

Statewide 34,471.88 18,625.18 1.851 15,458.70 2.230
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[CI] [1.26–2.21]) of self-reporting unemployment
compared with NH/PI respondents. Black respondents
had a 46% higher odds (OR = 1.46, p < 0.001, 95% CI
[1.22–1.78]) of self-reporting unemployment com-
pared with NH/PI respondents. Whites had a margin-
ally significant, 16% lower odds (OR = 0.84, p = 0.062,
95% CI [0.79–1.15]) of self-reporting unemployment
compared with NH/PI respondents. No significant
difference was found among NH/PI, Asians, and
Latinos. The association between AI/AN and self-
reported unemployment was smaller among those
that were unable to work (OR = 0.61, p < 0.05, 95%
CI [0.38–0.97]).

Paid work from home. Table 3 summarizes the asso-
ciations in odds ratios from our logistic regression be-
tween race and whether CPS respondents reported
having PWFH.

Compared with NH/PI respondents White, Black,
and Latino respondents had higher odds of reporting
no PWFH. Surprisingly, White respondents had a
15% higher odds (OR = 1.15, p < 0.05, 95% CI [1.03–
1.29]) of having no PWFH compared with NH/PI re-
spondents. Black respondents had a 48% higher odds
(OR = 1.48, p < 0.001, 95% CI [1.31–1.67]) of having
no PWFH than NH/PI respondents. Latino respon-
dents had a 61% higher odds (OR = 1.61, p < 0.001,
95% CI [1.44–1.81]) of having no PWFH compared
with NH/PI. In contrast, Asians had a 12% lower
odds (OR = 0.88, p < 0.05, 95% CI [0.78–0.98]) of hav-
ing no PWFH compared with NH/PI.

FIG. 2. Pasifika sample size proportions by location for each logistic regression model samples.

Table 2. Logistic Regression of Self-Reported
Employment Status

Variable

IV: (0)—Employed (1)—Unemployed

OR CI 95% p

Intercept 0.19 0.16–0.24 < 0.001***
Race: White 0.84 0.71–1.01 0.065
Race: Asian 0.95 0.79–1.15 0.617
Race: Black 1.46 1.22–1.78 < 0.001***
Race: AI/AN 1.67 1.26–2.21 < 0.001***
Race: Hispanic any race 1.03 0.86–1.24 0.776
Race: multiracial 1.09 0.85–1.39 0.500
Industry: telework friendly 0.80 0.77–0.83 < 0.001***
Age 0.99 0.99–0.99 < 0.001***
Location: Hawaii 1.07 0.99–1.16 0.106
Month 0.99 0.99–1.00 0.001**
Education level 0.87 0.86–0.88 < 0.001***
Unable to work due

to COVID-19
10.58 8.18–13.71 < 0.001***

Race: White · unable
to work due to COVID-19

0.94 0.72–1.22 0.641

Race: Asian · unable
to work due to COVID-19

1.28 0.97–1.68 0.083

Race: Black · unable
to work due to COVID-19

0.80 0.61–1.06 0.128

Race: AI/AN · unable
to work due to COVID-19

0.61 0.38–0.97 0.038*

Race: Hispanic · unable
to work due to COVID-19

0.83 0.64–1.08 0.166

Race: multiracial · unable
to work due to COVID-19

0.78 0.53–1.14 0.195

Observations 223,372
R2 Tjur 0.129

***p < 0.001, **p < 0.01, *p < 0.05.
AI/AN, American Indian and Alaska Native; CI, confidence interval; OR,

odds ratio.
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Industry telework friendliness. Table 4 summarizes
the logistic regression examining the association in
odds ratios between race and employment in a telework-
friendly industry.

When comparing NH/PI to other racial groups, we
found that White, Black, and AI/AN respondents had
higher odds than NH/PI of working in industries that
were classified as telework friendly when controlling
for employment status, age, location, month of re-
sponse, and education level. White respondents had
an 8% higher odds (OR = 1.08, p < 0.05, 95% CI
[1.00–1.17]) of working in a telework-friendly industry
compared with NH/PI. Black respondents had an 11%

higher odds (OR = 1.11, p < 0.05, 95% CI [1.03–1.21])
of working in a telework-friendly industry compared
with NH/PI. AI/AN respondents had a 46% higher
odds (OR = 1.46, p < 0.001, 95%CI [1.28–1.67]) of
working in a telework-friendly industry compared
with NH/PI respondents. Notably, Asian respondents
had a 13% lower odds (OR = 0.87, p < 0.001, CI [0.80–
0.94]) of being employed in a telework-friendly indus-
try compared with NH/PI respondents.

Discussion
This study aimed to understand racial differences in
employment-related outcomes during the COVID-19
pandemic with specific attention to Pasifika due to
their disproportionate rates of COVID-19 infection, hos-
pitalizations, deaths, and histories of settler colonialism
that make them more vulnerable to negative outcomes
related to the pandemic. Although several studies have
focused on the impacts of COVID-19 on employment
for other Communities of Color, none of them have fo-
cused on the employment outcomes of Pasifika nor have
centered Pasifika as the comparison group.50–52

Our findings indicate that Pasifika were at lower
odds for unemployment nationally compared with
Black and AI/AN respondents in the labor force during
COVID-19. However, Pasifika had a marginally higher
odds of being unemployed compared with Whites na-
tionally. Pasifika in WA had a higher incidence rate of
unemployment insurance claims compared with other
racial groups statewide and in counties where Pasifika
are most concentrated. Larger margins of difference
in WA unemployment insurance claims were noted
for Pasifika compared with Asians and Whites.

Surprisingly, on a national level among employed
survey respondents, Pasifika had more opportunities
for PWFH compared with other racial groups, except
for Asians. However, Pasifika did have lower odds of
working in telework-friendly industries compared
with White, Black, and AI/AN respondents. Interest-
ingly, Asians were less likely than Pasifika to work in
telework-friendly industries, which might also counter
some stereotypes of Asian Americans dominating tech
and other telework-friendly industries.

These findings have several implications. First, it is
important to return to a structural racism and settler co-
lonial lens. Educational attainment is generally lower
among Pasifika and Pasifika employment has largely
been dominated by low-paying jobs and work in indus-
tries that require minimal education (e.g., grocery, farm-
ing, shipping, construction, service industries, military,

Table 3. Logistic Regression of Paid Work from Home

Variable

IV: (0) PWFH (1) No PWFH

ORs CI 95% p

Intercept 13.47 11.74–15.47 < 0.001***
Race: White 1.15 1.03–1.29 0.014*
Race: Asian 0.88 0.78–0.98 0.024*
Race: Black 1.48 1.31–1.67 < 0.001***
Race: AI/AN 1.04 0.86–1.26 0.668
Race: Latino 1.61 1.44–1.81 < 0.001***
Race: multiracial 0.91 0.79–1.04 0.174
Employed: employed not at work 2.43 2.28–2.60 < 0.001***
Industry: telework friendly 0.54 0.53–0.55 < 0.001***
Age 1.01 1.00–1.01 < 0.001***
Location: Hawaii 1.58 1.48–1.68 < 0.001***
Education level 0.57 0.57–0.58 < 0.001***
Month 1.08 1.07–1.08 < 0.001***
UNAW: unable to work due to COVID 0.70 0.67–0.73 < 0.001***

Observations 205,272
R2 Tjur 0.168

***p < 0.001, **p < 0.01, *p < 0.05.
PWFH, paid work from home; UNAW, ability to work due to COVID.

Table 4. Logistic Regression of Telework Friendliness

Variable

IV: (0) telework-
unfriendly industry, (1) telework-

friendly industry

ORs CI 95% p

Intercept 0.54 0.49–0.59 < 0.001***
Race: White 1.08 1.00–1.17 0.041*
Race: Asian 0.87 0.80–0.94 < 0.001***
Race: Black 1.11 1.03–1.21 0.010**
Race: AI/AN 1.46 1.28–1.67 < 0.001*
Race: Latino 1.00 0.92–1.08 0.926
Race: multiracial 1.06 0.96–1.17 0.279
Employment: unemployed 0.67 0.65–0.68 < 0.001***
Age 1.00 1.00–1.00 < 0.001***
Location: Hawaii 1.12 1.07–1.17 < 0.001***
Month 1.00 1.00–1.00 0.004**
Education level 1.29 1.28–1.29 < 0.001***

Observations 254,515
R2 Tjur 0.045

***p < 0.001, **p < 0.01, *p < 0.05.
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tourism, etc.).33,39,42 Pasifika are also more likely to live
in multigenerational households, which can factor into
increased COVID-19 transmission and mortality.39,42

During the pandemic, many of these jobs were deemed
essential, meaning less risk for unemployment. In fact,
early in the pandemic, Pasifika scholars noted that
24% of NH/PI worked in essential jobs.39,42

While national data demonstrate that Pasifika were
able to work for pay from home, these data were only
asked of those employed. The observed relationships
may also be impacted by the quality of the data. Unem-
ployment insurance claims, which state and federal de-
partments utilize to measure employment in the US,
may be stronger indicators of employment status
than self-reported unemployment used in the CPS.

A major limitation of this article and its data is its
inability to examine subgroups within the Pasifika popu-
lation. Disaggregation of Pasifika from the Asian/Pacific
Islander (API) category highlights important differences
between Pasifika and Asian Americans and is an impor-
tant first step in this study.53 In fact, our results high-
lighted the differences between NH/PI and Asian
Americans, which further necessitates the need for data
disaggregation of the API category. Data disaggregation
has been identified as a critical health policy issue in
addressing health equity within Pasifika, Black, Indige-
nous, and other communities of color.53–58 Although
we acknowledge the importance of disaggregating Pasi-
fika from the API umbrella,36,40,41,43,53 having a singular
monolithic category for Pasifika is equally problematic.40

Aggregated data can be harmful to the construction of
social welfare and health policies and the development
of welfare and health interventions.40,41,43,59,60

Tuck and Yang61 define data aggregation as a settler
move to innocence in which the settler state simultaneously
acknowledges health and social disparities experienced by
Indigenous communities, but ‘‘asterisk’’ these groups into
larger aggregates for the sake of data security or methodo-
logical accuracy. Nation states utilize the definition of Indi-
geneity as a colonial assault to erase Indigenous people,
further contributing to their colonial dispossession—
allowing settlers to continue to exploit Indigenous lands,
resources, and culture.62 Thus, aggregation into asterisk
groups, or into a singular monolithic category, limits the
quality and adequacy of the data and restricts a communi-
ty’s ability to advance data sovereignty efforts for self-
determination, decolonization, and to express sovereignty
over their bodies, social wellness, and health.61,63–66

COVID-19 has brought erasure through data aggre-
gation to the forefront of Pasifika social welfare and pub-

lic health issues.39–43 Parallel historical cases of data
erasure during the 1918 influenza pandemic demon-
strate how structural racism widened pre-existing health
disparities for Black communities—where postpan-
demic disparities and inaction were attributed to the
scarcity of indicator data for social determinants of
health.67 Furthermore, data aggregation of Pasifika can
prevent the tracking of displacement, disease and health
disparities, intragroup social inequities (i.e., by ethnici-
ty),40,41 and the availability of data on intersectional
identities (e.g., gender identities, sexualities, etc.).68

Health equity implications
The diaspora of Pasifika from their native lands to
escape poverty driven by displacement and the destruc-
tion of Indigenous peoples, lands, and cultures should
be of concern to health equity researchers. It is equally
important to remember that the assaults on Pasifika
continue today and will likely impact future genera-
tions of Pasifika in the US.5,69 Through settler colonial-
ism, Pasifika are forcibly denied Indigenous futurisms,
sovereignty, and self-determination.5,11,69,70

Health equity research must take seriously the im-
pact that national and global health emergencies, like
the COVID-19 pandemic, has on small populations
like Pasifika, especially when COVID-19 incidence
and mortality rates are so disproportionate. COVID-
19 has impacted Pasifika employment and widened
existing health disparities, since employment condition
impacts access to food, housing, education, health in-
surance, and health care resources. Many challenges
exist for collecting disaggregated data such as data se-
curity related to sample size, the fiscal costs of targeted
data collection, and nonstandardized data collection
and management practices across state and federal
data systems.40 However, data should be collected
and made available by national data service organiza-
tions like the US Census Bureau and state agencies in
a way that disaggregates health and social data on Pasi-
fika from data on Asian Americans and better align
with data disaggregation policies set out by the Office
of Management and Budget.40,59

Data should also reflect the sovereignty of Pasifika
populations living in the US, such that it disaggre-
gates based on ethnic groups (i.e., S�amoan, CHamoru,
K�anaka Maoli, Marshallese, etc.) and is collected
in collaboration with Pasifika community organiza-
tions (e.g., Papa Ola L�okahi, Independent Guåhan,
PICA WA). Researchers can support these efforts
through community–university partnerships guided
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by participatory research principles that collect, analyze,
and disseminate data for and by the community.22,71

Research on smaller Pasifika ethnic communities could
also be qualitative in nature to further uncover rich,
contextual, and intersectional differences and processes.
Engaged community–university partnerships can sup-
port the work of community-based organizations to
provide health and social services both in national
emergencies, such as the COVID-19 pandemic and in
the everyday lives of Pasifika communities.

Acknowledgments
The authors express gratitude to their research team at
the Ola Pasifika Laboratory, the Pacific Islander com-
munities who took part in this research project through
the Pacific Islander Community Association of WA,
and their ancestors who have supported them in this
process. They acknowledge their responsibilities to
support their communities through data action, ser-
vice, and providing training and support for future
generations of Pasifika scholars. They honor their
shared waters, lands, and histories as Pasifika people.

Authors’ Contributions
S.G.C.: conceptualization, software, investigation, writing
(review and editing), validation, formal analysis, data
curation, visualization, and project administration. K.H.:
writing (original draft, review and editing) and validation.
K.Y.: software, formal analysis, data curation, and visual-
ization. J.S.: conceptualization, validation, investigation,
writing (review and editing), and funding acquisition.
D.H.: formal analysis, data curation, and writing (review
and editing). M.S.S.: conceptualization, writing (original
draft, review and editing), resources, supervision, and
funding acquisition. D.T.: conceptualization, writing (re-
view and editing), supervision, and funding acquisition.

Author Disclosure Statement
No competing financial interests exist.

Funding Information
This project was supported in part by the University of
Washington Population Health Initiative COVID-19
Economic Relief Fund.

References
1. Diaz VM. Repositioning the Missionary: Rewriting the Histories of Colonial-

ism, Native Catholicism, and Indigeneity in Guam. Honolulu, HI: University
of Hawaii Press, 2010.

2. Trask H-K. From a Native Daughter: Colonialism and Sovereignty in Hawaii
(Revised Edition). Honolulu, HI: University of Hawaii Press, 1999.

3. Trask H-K. Lovely Hula lands: corporate tourism and the prostitution of
Hawaiian culture. Border/Lines. 1991;(23):22–29.

4. Hau’ofa E. Our sea of islands. The Contemporary Pacific. 1994;6(1):148–161.
5. Bevacqua ML, Cruz ML. The banality of American empire: the curious case

of Guam, USA. J Transn Am Stud. 2020;11; DOI: 10.5070/T8111046995.
6. Barker HM. Bravo for the Marshallese: Regaining Control in a Post-Nuclear,

Post-Colonial World. 2nd ed. Belmont, CA: Wadsworth, 2013.
7. Camacho KL. Cultures of Commemoration: The Politics of War, Memory, and

History in the Mariana Islands. Honolulu, HI: University of Hawaii Press,
2011.

8. Bevacqua ML. Guam: protests at the tip of America’s spear. South Atl Q.
2017;116:174–183.

9. McElfish PA, Purvis RS, Maskarinec GG, et al. Interpretive policy analysis:
Marshallese COFA migrants and the Affordable Care Act. Int J Equity
Health. 2016;15:1–12.

10. Hattori AP. Colonial Disease: US Navy Health Policies and the Chamorros of
Guam, 1898–1941, Vol. 19. Honolulu, HI: University of Hawaii Press, 2004.

11. Trask HK. Native social capital: the case of Hawaiian sovereignty and Ka
Lahui Hawaii. Policy Sci. 2000;33(3/4):375–385. doi: https://doi.org/10
.1023/A:1004870517612.

12. Siskin A. Noncitizen eligibility for federal public assistance: policy over-
view. Congressional Research Service Report no RL33809. 2016. Available
at https://sgp.fas.org/crs/misc/RL33809.pdf Accessed December 2, 2021.

13. Braun KL, Kim BJ, Ka’opua LS, et al. Native Hawaiian and Pacific Islander
elders: what gerontologists should know. Gerontologist. 2015;55:912–
919.

14. Stannard DE. The Hawaiians: health, justice, and sovereignty. Cult Surv Q.
2000;24:15–20.

15. McGregor D. Na kua’aina: Living Hawaiian culture. Honolulu, HI: University
of Hawaii Press, 2007.

16. Braveman P, Egerter S, Williams DR. The social determinants of health:
coming of age. Annu Rev Public Health. 2011;32:381–398.

17. Gkiouleka A, Huijts T, Beckfield J, et al. Understanding the micro and
macro politics of health: inequalities, intersectionality & institutions—a
research agenda. Soc Sci Med. 2018;200:92–98.

18. Glenn EN. Unequal freedom. Cambridge, Mass: Harvard University Press,
2002.

19. Phelan JC, Link BG. Is racism a fundamental cause of inequalities in
health? Ann Rev Sociol. 2015;41:311–330.

20. Myers HF. Ethnicity-and socio-economic status-related stresses in context:
an integrative review and conceptual model. J Behav Med. 2009:9–19.

21. Quadagno JS. The color of welfare: how racism undermined the war on
poverty. New York: Oxford University Press, 1994.

22. Spencer MS, Camacho SG, Woo B, et al. Addressing racism in health. In:
The Grand Challenge to Eliminate Racism. Edited by Teasley M, Spencer
MS, Bartholomew M. New York: Oxford Press, In Press.

23. Spencer MS, Walters KL, Allen HL, et al. Close the health gap. In: Grand
Challenges for Social Work and Society, Edited by Fong R, Lubben J, Barth
R. New York, NY: Oxford University Press, 2018, pp. 36–55.

24. Walters KL, Spencer MS, Smukler M, et al. Eradicating health inequalities
for future generations. 2016. Available at https://grandchallenges
forsocialwork.org/wp-content/uploads/2016/01/WP19-with-cover2.pdf
Accessed February 15, 2022.

25. Williams DR, Mohammed SA, Leavell J, et al. Race, socioeconomic status
and health: complexities, ongoing challenges and research opportunities.
Ann N Y Acad Sci. 2010;1186:69.

26. Williams DR, Lawrence JA, Davis BA. Racism and health: evidence and
needed research. Ann Rev Public Health. 2019;40:105–125.

27. Ahonen EQ, Fujishiro K, Cunningham T, et al. Work as an inclusive part of
population health inequities research and prevention. Am J Public Health.
2018;108:306–311.

28. Bivens J, Zipperer B. Health Insurance and the COVID-19 Shock. Washing-
ton, D.C.: Economic Policy Institute, 2020, p. 15.

29. Shavers VL. Measurement of socioeconomic status in health disparities
research. J Natl Med Assoc. 2007;99:1013.

30. Galobardes B, Shaw M, Lawlor DA, et al. Indicators of socioeconomic
position (part 1). J Epidemiol Comm Health. 2006;60:7–12.

31. Galobardes B, Shaw M, Lawlor DA, et al. Indicators of socioeconomic
position (part 2). J Epidemiol Comm Health. 2006;60:95.

32. Krieger N, Williams DR, Moss NE. Measuring social class in US public
health research: concepts, methodologies, and guidelines. Ann Rev
Public Health. 1997;18:341–378.

Camacho, et al.; Health Equity 2022, 6.1
http://online.liebertpub.com/doi/10.1089/heq.2022.0027

572

https://doi.org/10.1023/A:1004870517612
https://doi.org/10.1023/A:1004870517612
https://sgp.fas.org/crs/misc/RL33809.pdf
https://grandchallengesforsocialwork.org/wp-content/uploads/2016/01/WP19-with-cover2.pdf
https://grandchallengesforsocialwork.org/wp-content/uploads/2016/01/WP19-with-cover2.pdf


33. Office of Minority Health. Profile: Native Hawaiians/Pacific Islanders. U.S.
Department of Health and Human Services. 2022. Available at https://
minorityhealth.hhs.gov/omh/browse.aspx?lvl=3&lvlid=65 Accessed Feb-
ruary 15, 2022.

34. Communities Count. COVID-19 Vulnerable Communities Data Tool. 2019.
Available at https://www.communitiescount.org/covid19vulnerable
Accessed February 19, 2022.

35. McElfish PA, Purvis R, Willis DE, et al. Peer reviewed: COVID-19 disparities
among Marshallese Pacific Islanders. Prev Chron Dis. 2021;18.

36. Penaia CS, Morey BN, Thomas KB, et al. Disparities in Native Hawaiian and
Pacific Islander COVID-19 mortality: a community-driven data response.
Am J Public Health. 2021;111(S2):S49–S52.

37. UCLA Center for Health Policy Research. NHPI COVID-19 Data Policy Lab
Dashboard, 2021. Available at https://healthpolicy.ucla.edu/health-
profiles/Pages/NHPI-COVID-19-Dashboard.aspx Accessed May 10, 2022.

38. Chu JN, Tsoh JY, Ong E, et al. The hidden colors of coronavirus: The burden
of attributable COVID-19 deaths. J Gen Intern Med. 2021;36:1463–1465.

39. Kaholokula JKa, Samoa RA, Miyamoto RE, et al. COVID-19 special column:
COVID-19 hits native Hawaiian and Pacific Islander communities the
hardest. Hawai’i J Health Soc Welfare. 2020;79:144.

40. Morey B, Chang RC, Thomas KB, et al. No equity without data equity: data
reporting gaps for Native Hawaiians and Pacific Islanders as structural
racism. J Health Polit Policy Law. 2021;47:159–200.

41. Morey BN, Tulua A, Tanjasiri SP, et al. Structural racism and its effects on
Native Hawaiians and Pacific Islanders in the United States: issues of
health equity, census undercounting, and voter disenfranchisement.
AAPI Nexus. 2020;17.

42. Samoa R, Kaholokula JKa, Penaia C, et al. COVID-19 and the state of health
of Pacific Islanders in the United States. AAPI Nexus. 2020;17:1–17.

43. Soon NA, Akee R, Kagawa M, et al. Counting race and ethnicity for small
populations during the COVID-19 pandemic. AAPI Nexus. 2020;17.

44. Palakiko D-M, Daniels S-A, Haitsuka K, et al. A report on the impact of the
COVID-19 pandemic on the health and social welfare of the Native Ha-
waiian population in Hawai ‘i. Hawai’i J Health Soc Welfare. 2021;
80(9 Suppl. 1):62.

45. Flood S, King M, Rodgers R, et al. Integrated Public Use Microdata Series,
Current Population Survey: Version 9.0 [dataset]. Minneapolis, MN: IPUMS,
2021.

46. Employment Security Department WS. Unemployment insurance claims
and benefits data, 2022. Available at https://media.esd.wa.gov/esdwa/-
Default/ESDWAGOV/labor-market-info/Libraries/Regional-reports/
UI-Claims-Karen/COVID19%20Docs/Initial%20Claims%20Demogra-
phics%20Weeks%2010,%202020%20to%20Week%2052,%202021%20-
Published.xlsx Accessed February 13, 2022.

47. Washington State Office of Fiscal Management. Estimates of April 1
Population by Race and Hispanic Origin, 2000 and 2010, 2021. Available
at https://ofm.wa.gov/washington-data-research/population-
demographics/population-estimates/estimates-april-1-population-age-
sex-race-and-hispanic-origin Accessed July 8, 2021.

48. Dalton M. Geographic impact of COVID-19 in BLS surveys by industry.
2020. Available at https://www.bls.gov/opub/mlr/2020/article/
geographic-impact-of-covid-19-in-bls-surveys-by-industry.htm Accessed
June 21,, 2021.

49. Dingel JI, Neiman B. How many jobs can be done at home? J Public
Econom. 2020;189:104235.

50. Gezici A, Ozay O. An intersectional analysis of COVID-19 unemployment.
J Econom Race Policy. 2020;3:270–281.

51. Couch KA, Fairlie RW, Xu H. Early evidence of the impacts of COVID-19 on
minority unemployment. J Public Econom. 2020;192:104287.

52. Bianchi F, Bianchi G, Song D. The long-term impact of the COVID-19 un-
employment shock on life expectancy and mortality rates. National
Bureau of Economic Research, 2021. Available at https://www.nber.org/-
papers/w28304 Accessed February 15, 2022.

53. Shimkhada R, Scheitler A, Ponce NA. Capturing racial/ethnic diversity in
population-based surveys: Data disaggregation of health data for Asian
American, Native Hawaiian, and Pacific Islanders (AANHPIs). Popul Res
Policy Rev. 2021;40:81–102.

54. Kauh TJ, Read JnG, Scheitler AJ. The critical role of racial/ethnic data
disaggregation for health equity. Popul Res Policy Rev. 2021;40:1–7.

55. Read JnG, Lynch SM, West JS. Disaggregating heterogeneity among non-
hispanic whites: evidence and implications for U.S. Racial/Ethnic health
disparities. Popul Res Policy Rev. 2021;40:9–31.

56. Larimore S, Ifatunji M, Lee H, et al. Geographic variation in reproductive
health among the black population in the US: an analysis of nativity, region
of origin, and division of residence. Popul Res Policy Rev. 2021;40:33–59.
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