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ABSTRACT
Objectives  Previous studies were unable to estimate 
the dynamics of smoking status in the US elderly general 
population, and no study has assessed the benefit of 
quitting in terms of resultant gains in life expectancy. 
We proposed a novel method to estimate the per cent 
of quitting in remaining lifetime, successful quitting and 
relapse, as well as life expectancy by participants’ baseline 
smoking status.
Design  Longitudinal cohort.
Setting  US community-dwelling population.
Participants  Respondents from the Medicare Health 
Outcome Survey Cohort 15 (baseline 2012, follow-up 
2014). We included respondents who were aged ≥65 years 
and alive at the baseline and participated in the baseline 
survey (n=164 597).
Primary and secondary outcome measures
Attempt quitting, successful quitting, relapse rates and life 
expectancy by smoking status at age 65–95 years.
Results  Among daily smokers aged 65 years, 61% 
would attempt to quit during their remaining lifetime, 
and 31% would quit successfully. Among some days 
smokers aged 65 years, 69% would attempt to quit 
during their remaining lifetime, and 37% would quit 
successfully. Among recent ex-smokers aged 65 years, 
53% would relapse. Life expectancy at age 65 years was 
20.0 (SE=0.27), 17.2 (SE=0.30), 16.2 (SE=0.29) and 
15.9 (SE=0.29) years for long time non-smokers, recent 
ex-smokers, some days smokers and daily smokers, 
respectively. Although recent ex-smokers had a higher 2-
year mortality than current smokers, those who quit up to 
77 years (77 years for men and 87 years for women) had 
a significantly longer (p<0.05) life expectancy. Sensitivity 
analysis demonstrated that the model assumptions had 
a relatively small impact on estimates with a maximum 
relative bias within ±7%.
Conclusions  This study provides detailed information 
regarding the dynamics of smoking status in an 
understudied and growing population and demonstrates 
the benefit of smoking cessation on life expectancy. Future 
research should focus on understanding specific predictors 
of smoking cessation.

INTRODUCTION
In the USA, smoking is the leading cause of 
preventable death.1 Yet, despite substantial 

evidence that older persons benefit from 
quitting smoking in terms of both morbidity 
and mortality, research on smoking cessation 
tends to focus on younger adults.2 3 Older 
adults differ from younger adults with regard 
to smoking prevalence, quit attempts and 
relapse.3 4 Findings from nationwide surveys 
of the US general population indicate that 
the smoking prevalence is lower among 
older adults than among younger adults.3 5–7 
As an example, based on the 2016 National 
Health Interview Survey (NHIS), 8.8% of 
persons aged 65 years and older were current 
smokers compared with 17.1% of persons 
aged 18–64 years.7 However, compared with 
younger smokers, older smokers are less 
likely to attempt quitting in the preceding 12 
months.6 Regarding the impact of smoking 
on life expectancy, using data from the 2009 
Behavioural Risk Factor Surveillance System 
(BRFSS) and the NHIS, life expectancy at 
age 18 years was estimated to be 62.5 years 
for non-smokers (never or former smokers) 
and 53.6 years for current smokers, resulting 
in an average loss of 9.0 years to smoking for 
smokers aged 18 years.8

Previous investigations used data from 
nationwide, population-based, cross-sectional 

STRENGTHS AND LIMITATIONS OF THIS STUDY
	⇒ The large sample size of this study enables us to 
obtain estimates, with good reliability, at each of the 
2-year age intervals from age 65 years to 95 years.

	⇒ Our method relied on the assumption that all relaps-
es occurred within 2 years of abstinence and older 
longtime non-smokers do not initiate smoking or 
experience relapse.

	⇒ We conducted extensive sensitivity analyses that 
demonstrated that the impact of the main model 
assumption on all estimates was small.

	⇒ This analysis did not examine factors (other than 
age and gender) that affected quitting and relapse 
or the reasons for quitting and relapse.
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surveys that relied on retrospective assessments to ascer-
tain dynamics of smoking, such as attempts to quit, 
successful quitting and smoking relapse.5–7 9 10 These 
assessments were based on the following four questions 
from the NHIS, the National Health and Nutrition Exam-
ination Survey (NHANES) and the BRFSS: (1) “Have you 
smoked at least 100 cigarettes in your entire life?” (2) “Do 
you now smoke cigarettes every day, some days, or not at 
all?” (3) “During the past 12 months, have you stopped 
smoking for longer than a day because you were trying to 
quit smoking?” and (4) “How long has it been since you 
quit smoking cigarettes?” For example, respondents who 
answered ‘yes’ to question (3) were classified as having 
a recent quit attempt.6 7 Respondents who answered ‘every 
day’ or ‘some days’ to question (2) and ‘yes’ to question 
(3) were classified as having a smoking relapse.5 Successful 
quitting was measured by calculating the quit ratio which 
is the ratio of former smokers, those who answer ‘yes’ 
to question (1) and ‘not at all’ to question (2), to ever 
smokers, those who answer ‘yes’ to question (1).6 7 9 
However, this approach cannot provide estimates of the 
per cent of quitting and successful quitting for current 
smokers and per cent of relapse for ex-smokers because 
the appropriate denominators for the calculation of 
percentages cannot be determined. In addition, estimates 
based on these questions are subject to recall bias as well 
as selective survival bias.

It is also difficult to quantify the impact of smoking on 
mortality and the benefits of quitting in terms of years of 
life lost due to smoking and gains in life years after quit-
ting.11 To our knowledge, no study has estimated gains 
in life expectancy after quitting in the older US general 
population. A number of different reasons exist as to why 
this is not a straightforward analysis. For example, health 
risks, in the form of chronic diseases and premature death, 
may become clinically manifest only after many years of 
smoking. Similarly, the impact of quitting, in the form of 
a decrease in mortality, may not be apparent until many 
years after having quit. Conversely, being in poor health 
or having chronic conditions usually is the main reason 
to quit smoking,12 13 and, therefore, recent ex-smokers 
might have a higher mortality several years after quit-
ting as compared with current smokers.11 Additionally, 
smoking status is not a permanent state and may change 
throughout the lifespan. A person may attempt to quit 
and relapse many times.14 15 Because of these potential 
scenarios, estimating life expectancy for individuals based 
on their baseline smoking status should account for tran-
sitions between different smoking statuses during their 
remaining lifetime.16 However, previous analyses of losses 
in life expectancy due to smoking assumed that smoking 
status would be unchanged throughout the remainder 
of expected lifetime for both smokers and non-smokers, 
and, therefore, this assumption would likely overestimate 
years of life losses to smoking.8 17 18

Ideally, these estimates should be from a large prospec-
tive cohort that is representative of the general popula-
tion and records participants’ smoking status on a regular 

basis over many decades until death. Due to the high 
data requirements, we developed a novel method that 
used a single current smoking status question, question 
(2) above, from a large, cohort sample of the US elderly 
population with a relatively short follow-up interval. The 
present study describes and applies this method to esti-
mate dynamics of smoking status of US older adults aged 
65 years or older using a large, national representative 
legacy dataset. There are two specific aims: (1) to esti-
mate the percentages of quitting during the remaining 
lifetime and successful quitting among current smokers 
and the percentages of relapse among recent ex-smokers 
(defined as <2 years of abstinence) and (2) to estimate 
life expectancy at age 65–95 years by respondents’ base-
line smoking status. We examined whether life expec-
tancy increased after quitting. Finally, to assess the validity 
of our estimates, we conducted a sensitivity analysis by 
examining the impact of the model assumptions on our 
estimates.

METHODS
In this study, the term ‘quitting’ refers to a participant 
who reported smoking previously and does not currently 
smoke. ‘Successful quitting’ refers to an ex-smoker who 
has been abstinent from smoking for at least 2 years and 
remains a non-smoker until death. ‘Relapse’ refers to 
a person who reported not smoking previously and is 
smoking now.

Data and measures
The data were obtained from the Medicare Health 
Outcome Survey (HOS), a nationwide survey of Medicare 
beneficiaries.19 Each year, the HOS randomly selects a 
cohort of Medicare beneficiaries who voluntarily enrolled 
in Medicare Advantage private health plans. The selected 
individuals who completed a baseline survey are resur-
veyed 2 years later. We used the Medicare HOS cohort 15 
whose baseline data were collected in 2012 and follow-up 
data were collected in 2014. This dataset contains date of 
death if death occurred by 31 January 2015. We included 
respondents who were aged 65 years or older and alive at 
the baseline and participated in the baseline survey. The 
total sample was 164 597 (online supplemental table S1). 
Among them, 100 290 (61%) were alive at follow-up and 
completed the follow-up survey, and 64 597 (39%) did 
not participate in the follow-up survey, including 26 111 
(16%) who died and 38 196 (23%) who were alive, but 
did not complete the survey. An additional 88 participants 
died after completing the follow-up survey. The average 
time from the baseline to follow-up survey was 730.3 days 
(IQR 700–730 days). The average follow-up time (from 
baseline to death or to 31 January 2015) was 901.1 days 
(IRQ 932–1099 days).

The Medicare HOS includes only one question on 
current smoking status. The survey did not ask respon-
dents about their lifetime smoking status nor recent quit 
attempt. At both baseline and follow-up surveys, the HOS 
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askes respondents “Do you now smoke every day, some 
days, or not at all?”20 We used this question to classify 
respondents as daily smokers, occasional smokers and 
non-smokers. Of the 164 597 individuals who participated 
in the baseline survey, 158 964 (96.6%) answered the 
smoking question; of the 100 290 individuals who partic-
ipated in the follow-up survey, 93 905 (93.6%) answered 
the smoking question (online supplemental table S1).

Statistical analysis
We proposed a smoking transition model that classified 
non-smokers into recent ex-smokers and longtime non-
smokers based on their answers to the current smoking 
question at the baseline and 2 years later. The microsim-
ulation method was used to project individuals’ future 
smoking status until death through a sequence of inde-
pendent trials in a first-order Markov process based on 
multistate models and to estimate their expected number 
of remaining life years (ie, life expectancy).21 22

Multistate models were used to estimate probabilities of 
transferring between different smoking states.16 22 Because 
the baseline and follow-up surveys were 2 years apart, we 
constructed a multistate model in 2-year age intervals, at 

ages 65, 67, … years. To illustrate the method, we describe 
a Markov process with ﻿‍k‍ transient states (‍s1, s2, . . . , sk‍) for 
‍k‍ levels of smoking status and one absorbing state (‍sk+1‍) 
for dead. Let ‍p

i,j
t = Pr{(s(t + 2) = j|s(t) = i}‍ be the transition 

probability from state ‍si‍ at age ‍t‍ to state ‍sj‍ at age ‍t+ 2‍. 
These transition probabilities satisfy linear dependence: 

‍
∑k+1

j=1 pi,j
t = 1‍ for all ‍i‍. Because ‍sk+1‍ is the absorbing state, 

‍p
k+1,i
t = 0‍ for ‍i ≤ k‍ and ‍p

k+1,k+1
t = 1‍.

Using the current smoking status question, we applied 
a multistate model with three transient states, ‍s1, s2, s3‍ for 
‘smoking daily’, ‘smoking occasionally’ and ‘non-smoking’, 
and one absorbing state (‍s4‍) for dead (figure 1, model A). 
This model has a transition matrix

	﻿‍

Px =
[
pi,j

x

]
=




p1,1 p1,2

p2,1 p2,2

p1,3 p1,4

p2,3 p2,4

p3,1 p3,2

0 0

p3,3 p3,4

0 1




.

‍�

For example, ‍p1,3‍ and ‍p2,3‍ are probabilities of quitting 
for daily smokers, and some days smokers, respectively; 
‍p3,1‍ and ‍p3,2‍ are probabilities of relapse for daily smokers 

Figure 1  Transition models of smoking status.
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and some days smokers, respectively and ‍p
1,4, p2,4

‍ and 
‍p3,4‍ are probabilities of dying in 2 years for daily smokers, 
some days smokers and non-smokers, respectively.

In model A, the ‘non-smoking’ state includes recent 
ex-smokers, longtime ex-smokers and never smokers. This 
model assumes the same relapse and mortality rates for 
them. Although recent ex-smokers compose a very small 
proportion of the ‘non-smoking’ group, nearly all relapses 
are from those with <2 years of abstinence.17 23 24 Also, recent 
ex-smokers might have a higher mortality rate than longtime 
ex-smokers and never smokers. Therefore, model A may be 
invalid. The main problem is that the Medicare HOS did not 
ask respondents about their lifetime smoking status. There-
fore, we were unable to separate non-smokers into never 
smokers and former smokers.

To solve this problem, we partitioned the ‘non-smoking’ 
state, ‍s3‍, into two mutually exclusive states: ‍s3A‍ for ‘recent 
non-smoking’ and ‍s3B‍ for ‘longtime non-smoking’ (figure 1, 
model B). Because never smokers and longtime ex-smokers 
would be unlikely to start smoking at an advanced age of 
65 years or older and nearly all relapses (about 99%) were 
within 2 years of abstinence,23–26 we assumed all relapses 
occurred within 2 years of abstinence and older longtime 
non-smokers do not initiate smoking or experience relapse, 
that is, ‍p

3B,1
t = p3B,2t = 0‍. Based on this assumption, model B 

has a transition probability matrix

	﻿‍

Px =
[
pi,j

x

]
=




p1,1

p2,1

p3A,1

0

0

p1,2

p2,2

p3A,2

0

0

p1,3A

p2,3A

0

0

0

0

0

p3A,3B

p3B,3B

0

p1,4

p2,4

p3A,4

p3B,4

1




.

‍�

For model B, the recent non-smoking measure was oper-
ationalised as smoking at baseline and not smoking at 
follow-up. The longtime non-smoking measure was opera-
tionalised as not smoking at both baseline and follow-up.

All transition probabilities (‍p
i,j
t , i = 1, 2, 3‍ and ‍j = 1, 2, 3, 4

‍) in model A at a given age between states ‍s1, s2, s3‍ and ‍s4‍ 
can be estimated from the HOS data (details are in online 
supplemental appendix A1).16 For model B, six transition 
probabilities (‍p1,1,‍ ‍p1,2,‍ ‍p1,4,‍ ‍p2,1,‍ ‍p

2,2
‍ and ‍p2,4‍) are available 

from model A directly. The remaining eight transition prob-
abilities, ‍p1,3A,‍‍p2,3A,‍‍p3A,1,‍‍p3A,2,‍‍p3A,3B,‍‍p3B,3B,‍‍p

3A,4
‍ and ‍p

3B,4
‍, 

can be estimated based on assumptions of model B (details 
are in online supplemental appendix A2).

Microsimulations
We projected the future smoking status of each individual 
in a synthetic cohort of persons using the microsimulation 
method.21 22 For an age cohort of 1 000 000 individuals of a 
given initial state ‍si

(
i = 1, 2, 3A, 3B

)
‍ at starting age ‍x‍, using 

the estimated transition probabilities of model B, we simu-
lated each individual’s smoking state at age ‍x + 2,‍ ‍x + 4, . . .‍ 
iteratively until all individuals died. Per cent of quitting in 
the remaining lifetime was estimated as the proportion ever 
entering the recent non-smoking state (‍s3A‍) for a cohort of 

current smokers (‍s1‍ or ‍s2‍) at the starting age ‍x‍. Per cent of 
successful quitting was estimated as the proportion entering 
the longtime non-smoking state (‍s3B‍) for a cohort of current 
smokers. Per cent of relapse was estimated as the proportion 
entering the current smoking states (‍s1‍ or ‍s2‍) for a cohort of 
recent ex-smokers (‍s3A‍).

Life expectancy is estimated as the average number of 
years from the starting age to age of death for a cohort 
of individuals in a given initial state ‍si

(
i = 1, 2, 3A, 3B

)
‍ at 

starting age ‍x‍. If death occurred during the age interval 
from ‍x+ 2k‍ to ‍x + 2

(
k + 1

)
‍, average years to death is 

‍ex = 2k+ 2a‍, where ‍a‍ is the proportion of time lived in 
the 2-year age interval for persons who died during the 
interval. Assuming a constant mortality rate during an age 
interval, it can be shown that 

‍
a = 1− 1

ln
(
1−P

) − 1
P‍
, where 

‍P = Pi,4 (i = 1, 2, 3A, 3B
)
‍ is probability of death during 

the age interval. When ﻿‍P‍ is small and close to 0, ‍a ≈ 0.5‍, 
otherwise, ‍a < 0.5‍.

The SEs of all estimates were derived from microsim-
ulation and includes the random variation of individ-
uals’ outcomes conditional to transition probabilities 
and imprecision of the estimated transition probabilities 
(ie, first-order and second-order Monte Carlo uncer-
tainty).22 27

Sensitivity analysis
Our estimates relied on the assumption that all relapses 
occurred within 2 years of abstinence and no relapse 
for longtime non-smokers. This assumption may lead 
to underestimation of successful quitting. To assess the 
impact of this assumption, we conducted a sensitivity 
analysis by examining a model that allows relapse for 
non-smokers who had not smoked in the past 2+ years 
(figure 1, model C). Because relapse rates decreased with 
years of abstinence,5 25 26 28 we assumed that all relapses 
for those who had not smoked in the past 2+ years 
occurred between years 2 and 4 of abstinence and there 
was no relapse after 4+ years of abstinence. Extending 
from model B, and let states ‍s3A‍, ‍s3B1‍ and ‍s3B2‍ be non-
smoking for <2 years, 2–4 years and ≥4 years, respectively, 
the model C has a transition matrix

	﻿‍

Px =
[
pi,j

t

]
=




p1,1

p2,1

p3A,1

p3B1,1

0

0

p1,2

p2,2

p3A,2

p3B1,2

0

0

p1,3A

p2,3A

0

0

0

0

0

0

p3A,3B1

0

0

0

0

0

0

p3B1,3B2

p3B2,3B2

0

p1,4

p2,4

p3A,4

p3B1,4

p3B2,4

1




.

‍�

To estimate transition probabilities of model C, we 
made following two assumptions:

(1) We assumed the probabilities of transferring 
from state ‍s3B1‍ to states ‍s1‍ and ‍s2‍ are in the form of 
‍p

3B1,1 = RR × p3A,1
‍ and ‍p

3B1,2 = RR × p3A,2
‍, respectively, 

where RR is the risk ratio of relapse for state ‍s3B1‍ rela-
tive to state ‍s3A‍. Data from previous studies showed that 
the relapse rate for those with 2+ years of abstinence was 

https://dx.doi.org/10.1136/bmjopen-2022-062189
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between 5% and 13% of that for those with ≤2 years of 
abstinence.23–26 28 We used RR=0.05 (scenario A) and 
0.15 (scenario B) as lower bound and upper bound, 
respectively.

(2) We expected that the mortality rates for those who 
had quit for between 2 and 4 years should be between 
the mortality rates for those who had quit for >4 years 
and those who quit ≤2 years of the same age,11 that is, 
‍p3A,4 ≥ p3B1,4 ≥ p3B2,4‍ We used ‍p3B1,4 = p3B1,4‍ (scenario 1) 
and ‍p3B1,4 = p3A,4‍ (scenario 2) as lower bound and upper 
bound, respectively.

We estimated models with model parameters under 
four different scenarios with the combination of these 
scenarios: A-1, A-2, B-1 and B-2.

Nine transition probabilities 
(‍p

1,1, p1,2, p1,3A, p1,4, p2,1, p2,2, p2,3A, p2,4
‍ and ‍p3A,4‍) are 

from model B. The remaining nine transition proba-
bilities (‍p3A,1‍, ‍p3A,2‍, ‍p3A,3B1‍, ‍p3B1,1‍, ‍p3B1,2‍, ‍p3B1,3B2‍, ‍p3B1,4

‍, ‍p3B2,3B2‍ and ‍p3B2,4‍) can be estimated based on model 
C assumptions. Details of transition probability estima-
tion for model C are available in online supplemental 
appendix A3. We compared estimates from model B with 
that from model C.

Patient and public involvement
Patients and/or the public were not involved in the 
design, or conduct, or reporting, or dissemination plans 
of this research.

RESULTS
At baseline, the average participant age was 75.1 years, 
with 53% of participants between 65 and 74 years, 34% 
of participants between 75 and 84 years and 13% of 
participants 85 years or older (online supplemental table 
S1). Women comprised 58% of the sample, and white, 
non-Hispanics 76% of the sample. About 10% partici-
pants reported currently smoking, including 6.6% daily 
smokers and 3.1% occasional smokers. At the follow-up 
survey, about 8% participants reported currently 
smoking, including 5.2% daily smokers and 2.7% some 
days smokers. Men were more likely (about 25% more) to 
be current smokers than women.

Table 1 presents the estimated transition probabilities 
for each the four smoking statuses: daily smoking, some 
days smoking, recent non-smoking and longtime non-
smoking. These results provide 2-year quit rates for current 
smokers and 2-year relapse rates for recent quitters. As an 
example, for daily smokers aged 65 years, 83.1% (73.0% 
daily and 10.1% some days) would still smoke at age 67 
years and 12.2% would quit; as a comparison, for a cohort 
of some days smokers aged 65 years, at age 67 years, 75.7% 
(16.5% daily and 59.2% some days) would still smoke and 
19.4% would quit. For recent ex-smokers aged 65 years, 
at age 67 years, 53.2% (18.4% daily and 34.8% some 
days) would smoke again (relapse), and 40.5% would still 
abstain from smoking. These results also provide 2-year 
mortality by smoking status. Recent ex-smokers had the 

highest 2-year mortality rates, followed by daily smokers 
and some days smokers, and longtime non-smokers had 
the lowest 2-year mortality rates. For example, the 2-year 
mortality rates among persons aged 65 years were 6.3%, 
4.8%, 5.0% and 2.0% for the four groups, respectively.

Figure  2 presents percentages of quitting in the 
remaining lifetime and successful quitting for current 
smokers, respectively, and percentages of relapse for 
recent ex-smokers. SEs of estimates are available in 
online supplemental table S2. For example, among daily 
smokers aged 65 years, 61.3% (SE=1.5%) would quit in 
their remaining lifetime, and 31.5% (SE=1.5%) would 
quit successfully. Among recent ex-smokers aged 65 years, 
53.2% (SE=1.6%) would relapse. The probabilities of 
relapse are the same regardless of how many years ago 
someone quit because of the model assumption, that is, 
all relapses were within 2 years of quitting. Although the 
percentages of quitting in the remaining lifetime were 
similar between men and women (online supplemental 
table S3), women were more likely to quit smoking 
successfully and less likely to relapse than men.

Life expectancy at a given age by participants’ baseline 
smoking status is shown in table  2, with SEs in online 
supplemental table S4. For example, life expectancy at 
age 65 years was 20.0 (SE=0.27), 17.2 (SE=0.30), 16.2 
(SE=0.29) and 15.9 (SE=0.29) years for longtime non-
smokers, recent ex-smokers, some days smokers and daily 
smokers, respectively. Quitting between 65 and 77 years 
of age had a significantly (p<0.05) longer life expectancy 
as compared with current smokers. All non-smokers had 
a significantly longer life expectancy than did all current 
smokers between the ages of 65 and 87 years. When 
examined by gender (online supplemental table S5), the 
difference in life expectancy between non-smokers and 
smokers was similar between men and women. However, 
quitting smoking contributed to slightly greater gains in 
life expectancy among women than men. Men benefit 
from quitting up to age 77 years, while women benefit 
from quitting up to age 87 years.

Sensitivity analysis results
Finally, we examined the impact of the model assump-
tion (no relapse among longtime non-smokers) on our 
estimates by comparing estimates from model B with 
estimates from model C, which allows relapse for non-
smokers with 2+ years’ abstinence (table 3). The model 
assumption had no or a very small impact on estimation 
of per cent of quitting in the remaining lifetime, per cent 
of relapse and life expectancy for longtime non-smokers, 
as demonstrated by the similar estimates from model B 
and model C. In most scenarios, the model assumption 
underestimated per cent of successful quitting slightly, 
as estimates from model B were about 0.8%–2.7% lower 
than that from model C, with relative bias from −2.2% 
to −6.6%; and overestimated life expectancy slightly for 
current smokers and recent ex-smokers, as estimates from 

https://dx.doi.org/10.1136/bmjopen-2022-062189
https://dx.doi.org/10.1136/bmjopen-2022-062189
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model B were about 0.1–1.0 years higher than that from 
model C, with relative bias from 0.4% to 5.9%.

DISCUSSION
Summary of findings
This study provides detailed information regarding 
the dynamics of smoking status as well as the benefit of 
smoking cessation on life expectancy among US older 
adults. Not surprisingly, we found that smoking was associ-
ated with a significantly reduced life expectancy and that 
gains in life expectancy could be achieved with quitting 
up to age 77 years (up to 77 years for men, and up to 87 
years for women). These results on the impact of smoking 
and smoking cessation on life expectancy among older 
adults are the first reported in the literature and fill crit-
ical gaps in smoking cessation research. Yet, in terms of 
quitting, although approximately two-thirds of smokers 
aged 65 years will attempt to quit smoking during their 
remaining lifetime, only about one-third will be able to 
quit successfully, while about one in every two recent 
ex-smokers aged 65 years will relapse. Our estimates are 
consistent with previous analyses of the probability of 
relapse or successful quitting and the probability of quit 
attempts.5–7 9 10

As the age pyramid for the US shifts, due to a greater 
proportion of persons aged 65 years and older, investi-
gators have sought to characterise the range of health 
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Figure 2  Per cent of quitting in remaining lifetime, 
successful quitting and relapse by age. Panel 1: per cent 
of quitting, daily smokers, some days smokers. Panel 2: 
per cent of successful quitting, daily smokers, some days 
smokers. Panel 3: per cent of relapse.
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trajectories among the elderly.29 Because of the trend of 
an increasing percentage of persons aged 65 years and 
over in the US population, the total number of elderly 
persons who smoke may increase even if the prevalence 
of smokers is unchanged.3 Understanding the age differ-
ences in cessation and relapse rates as well as benefit of 
quitting is critical, given that smoking patterns and predic-
tors may differ between younger and older populations. 
According to 2017 NHIS data, recent successful cessation 
tends to decrease with age and is lowest among adults 
aged 65 years and older.3 30 The elderly population repre-
sent a heterogeneous group, often being categorised into 
different strata based on chronological and functional 
age, and the dynamics of smoking may differ between 
young-old (65–74 years), middle-old (75–84 years) and 
old-old (85 years and over).31 32 The large sample size of 
the Medicare HOS data enables us to obtain estimates, 
with good reliability, at each of the 2-year age intervals 
from age 65 years to 95 years, and this is one of the 
strengths of our study.

Methodological considerations
Many previous investigations of smoking cessation and 
relapse in the US general population relied on questions 
of previous quitting attempts and years since quitting 
from large, nationwide, cross-sectional surveys such as the 
NHIS, NHANES and BRFSS.5–7 9 10 The main weakness 
of this approach is the inability to calculate per cent of 

successful quitting and relapse as well as potential recall 
bias and selective survival bias. Although some studies 
used cohort data to analyse the dynamics of smoking, 
the sample sizes of these studies were usually too small to 
provide reliable estimates.25 33 Furthermore, these cohort 
studies used either clinical samples or non-representative 
samples of the general population.

Because lifetime smoking history is not assessed in the 
data, we could not examine never smokers and former 
smokers. Instead, we examined recent non-smokers and 
longtime non-smokers. We proposed a method based on 
the microsimulation method that constructs a synthetic 
cohort of participants with the same baseline smoking 
status by simulating each individual’s future smoking 
status until death. This method is novel through using 
a single current smoking question contained in a large, 
cohort survey of the US general elderly population with 
a relatively short follow-up. In this study, the smoking 
status is assessed and the probabilities of changing 
smoking status were assessed at two time points. The 
respondents’ previous smoking status was obtained by 
modelling transition probabilities between different 
smoking status from baseline and follow-up surveys. We 
simulated respondents’ future smoking status through a 
sequence of independent trials based on transition prob-
abilities between different smoking states from multistate 
models.

Table 2  Life expectancy by baseline smoking status at ages 65 and 95 years

Age (‍x‍)

Smoking Not smoking at all Quitting 
versus not 
quitting§

Non-smokers 
versus 
smokers¶Daily Some days All smokers Recent† Long time‡ All non-smokers

65 15.9 16.2 16.0 17.2 20.0 19.9 1.2* 3.9*

67 14.4 14.9 14.6 16.0 18.4 18.3 1.4* 3.8*

69 13.0 13.6 13.2 14.6 16.8 16.8 1.5* 3.6*

71 11.7 12.3 11.9 13.2 15.3 15.3 1.4* 3.4*

73 10.5 11.1 10.7 11.8 13.8 13.8 1.2* 3.1*

75 9.4 10.0 9.6 10.5 12.5 12.4 0.9* 2.8*

77 8.4 8.9 8.6 9.2 11.1 11.1 0.6* 2.5*

79 7.6 8.0 7.7 8.1 9.9 9.8 0.4 2.1*

81 6.8 7.2 6.9 7.1 8.7 8.7 0.1 1.7*

83 6.2 6.4 6.2 6.2 7.6 7.6 0.0 1.4*

85 5.6 5.7 5.6 5.5 6.6 6.6 −0.1 1.0*

87 5.0 5.1 5.1 5.0 5.7 5.7 −0.1 0.7

89 4.6 4.6 4.6 4.5 5.0 5.0 −0.1 0.4

91 4.1 4.1 4.1 4.2 4.3 4.3 0.1 0.2

93 3.7 3.7 3.7 3.7 3.7 3.7 0.1 0.0

95 3.3 3.3 3.3 3.3 3.2 3.2 0.0 −0.1

*P<0.05 for testing for difference between two groups.
†Quit <2 years.
‡Never smoke or quit >2 years.
§Difference between recent non-smokers and all smokers.
¶Difference between all non-smokers and all smokers.



9Jia H, Lubetkin E. BMJ Open 2022;12:e062189. doi:10.1136/bmjopen-2022-062189

Open access

Ta
b

le
 3

 
S

en
si

tiv
ity

 a
na

ly
si

s—
as

se
ss

 t
he

 v
al

id
ity

 o
f m

od
el

 a
ss

um
p

tio
n

O
ut

co
m

es
*

M
o

d
el

 B

M
o

d
el

 C
B

ia
s

R
el

at
iv

e 
b

ia
s

S
ce

na
ri

o
 

A
-1

S
ce

na
ri

o
 

A
-2

S
ce

na
ri

o
 

B
-1

S
ce

na
ri

o
 

B
-2

S
ce

na
ri

o
 

A
-1

S
ce

na
ri

o
 

A
-2

S
ce

na
ri

o
 

B
-1

S
ce

na
ri

o
 

B
-2

S
ce

na
ri

o
 

A
-1

S
ce

na
ri

o
 

A
-2

S
ce

na
ri

o
 

B
-1

S
ce

na
ri

o
 

B
-2

2

Q
ui

tt
in

g
 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �



 �
D

ai
ly

 s
m

ok
er

s
61

.3
%

61
.2

%
61

.2
%

61
.2

%
61

.2
%

0.
0%

0.
0%

0.
1%

0.
0%

0.
1%

0.
1%

0.
1%

0.
1%

 �
S

om
e 

d
ay

s 
sm

ok
er

s
68

.6
%

68
.6

%
68

.5
%

68
.6

%
68

.5
%

0.
0%

0.
0%

0.
0%

0.
1%

0.
0%

0.
0%

0.
0%

0.
1%

S
uc

ce
ss

fu
l q

ui
tt

in
g

 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �
D

ai
ly

 s
m

ok
er

s
31

.5
%

32
.2

%
32

.2
%

33
.7

%
33

.7
%

−
0.

8%
−

0.
7%

−
2.

2%
−

2.
2%

−
2.

3%
−

2.
3%

−
6.

6%
−

6.
6%

 �
S

om
e 

d
ay

s 
sm

ok
er

s
36

.8
%

37
.6

%
37

.6
%

39
.2

%
39

.2
%

−
0.

8%
−

0.
8%

−
2.

4%
−

2.
4%

−
2.

2%
−

2.
2%

−
6.

2%
−

6.
2%

R
el

ap
se

53
.2

%
53

.1
%

53
.1

%
52

.9
%

52
.9

%
0.

1%
0.

1%
0.

3%
0.

3%
0.

2%
0.

2%
0.

6%
0.

6%

Li
fe

 e
xp

ec
ta

nc
y

 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �


 �
D

ai
ly

 s
m

ok
er

s
15

.9
15

.8
15

.7
15

.7
15

.4
0.

1
0.

2
0.

2
0.

5
0.

4%
1.

3%
1.

2%
3.

1%

 �
S

om
e 

d
ay

s 
sm

ok
er

s
16

.2
16

.2
16

.0
16

.0
15

.7
0.

1
0.

2
0.

2
0.

6
0.

5%
1.

5%
1.

5%
3.

6%

 �
R

ec
en

t 
ex

-s
m

ok
er

s†
17

.2
17

.1
16

.8
16

.8
16

.3
0.

2
0.

4
0.

5
1.

0
0.

9%
2.

4%
2.

8%
5.

9%

 �
Lo

ng
tim

e 
no

n-
sm

ok
er

s‡
20

.0
20

.0
20

.0
20

.0
20

.0
0.

0
0.

0
0.

0
0.

0
0.

1%
0.

1%
0.

1%
0.

2%

S
ce

na
rio

 A
-1

: w
he

n 
re

la
p

se
 r

at
e 

fo
r 

th
os

e 
w

ith
 2

+
 y

ea
rs

 o
f a

b
st

in
en

ce
 w

as
 5

%
 o

f t
ha

t 
fo

r 
th

os
e 

w
ith

 ≤
2 

ye
ar

s 
of

 a
b

st
in

en
ce

; a
nd

 m
or

ta
lit

y 
ra

te
 fo

r 
th

os
e 

w
ho

 h
ad

 q
ui

t 
fo

r 
b

et
w

ee
n 

2 
an

d
 4

 y
ea

rs
 e

q
ua

ls
 

m
or

ta
lit

y 
ra

te
 fo

r 
th

os
e 

w
ho

 h
ad

 q
ui

t 
fo

r 
>

4 
ye

ar
s 

of
 t

he
 s

am
e 

ag
e.

S
ce

na
rio

 A
-2

: w
he

n 
re

la
p

se
 r

at
e 

fo
r 

th
os

e 
w

ith
 2

+
 y

ea
rs

 o
f a

b
st

in
en

ce
 w

as
 5

%
 o

f t
ha

t 
fo

r 
th

os
e 

w
ith

 ≤
2 

ye
ar

s 
of

 a
b

st
in

en
ce

; a
nd

 m
or

ta
lit

y 
ra

te
 fo

r 
th

os
e 

w
ho

 h
ad

 q
ui

t 
fo

r 
b

et
w

ee
n 

2 
an

d
 4

 y
ea

rs
 e

q
ua

l 
m

or
ta

lit
y 

ra
te

 fo
r 

th
os

e 
w

ho
 h

ad
 q

ui
t 

≤2
 y

ea
rs

 o
f t

he
 s

am
e 

ag
e.

S
ce

na
rio

 B
-1

: w
he

n 
re

la
p

se
 r

at
e 

fo
r 

th
os

e 
w

ith
 2

+
 y

ea
rs

 o
f a

b
st

in
en

ce
 w

as
 1

5%
 o

f t
ha

t 
fo

r 
th

os
e 

w
ith

 ≤
2 

ye
ar

s 
of

 a
b

st
in

en
ce

; a
nd

 m
or

ta
lit

y 
ra

te
 fo

r 
th

os
e 

w
ho

 h
ad

 q
ui

t 
fo

r 
b

et
w

ee
n 

2 
an

d
 4

 y
ea

rs
 e

q
ua

ls
 

m
or

ta
lit

y 
ra

te
 fo

r 
th

os
e 

w
ho

 h
ad

 q
ui

t 
fo

r 
>

4 
ye

ar
s 

of
 t

he
 s

am
e 

ag
e.

S
ce

na
rio

 B
-1

: w
he

n 
re

la
p

se
 r

at
e 

fo
r 

th
os

e 
w

ith
 2

+
 y

ea
rs

 o
f a

b
st

in
en

ce
 w

as
 1

5%
 o

f t
ha

t 
fo

r 
th

os
e 

w
ith

 ≤
2 

ye
ar

s 
of

 a
b

st
in

en
ce

; a
nd

 m
or

ta
lit

y 
ra

te
 fo

r 
th

os
e 

w
ho

 h
ad

 q
ui

t 
fo

r 
b

et
w

ee
n 

2 
an

d
 4

 y
ea

rs
 e

q
ua

l 
m

or
ta

lit
y 

ra
te

 fo
r 

th
os

e 
w

ho
 h

ad
 q

ui
t 

≤2
 y

ea
rs

 o
f t

he
 s

am
e 

ag
e.

*A
ll 

es
tim

at
es

 a
re

 a
t 

ag
e 

65
 y

ea
rs

.
†Q

ui
t 

<
2 

ye
ar

s.
‡N

ev
er

 s
m

ok
e 

or
 q

ui
t 

≥2
 y

ea
rs

.



10 Jia H, Lubetkin E. BMJ Open 2022;12:e062189. doi:10.1136/bmjopen-2022-062189

Open access�

All transition probabilities can be estimated by 
assuming no smoking relapse or initiation for longtime 
non-smokers, which includes never smokers and former 
smokers who quit smoking for >2 years. We made this 
assumption based on: (1) nearly half of older adults 
had never smoked before and they were very unlikely 
to start smoking for the first time. The smoking initi-
ation rate decreased with age after 18 years of age.4 34 
Data from 2003 to 2010 NHANES indicate that among 
ever smokers aged 65 years or older, only 0.1% started 
smoking at age 65 years or later35; (2) relapse rates would 
be much lower after 2+ years of abstinence. Previous 
studies uniformly showed that relapse rates decreased 
with years of abstinence.5 23–26 28 For example, data from 
1449 former smokers in California showed that the like-
lihood of relapse for those with 2+ years of abstinence 
was about 93% lower than that for those with <2 years of 
abstinence.26 Additionally, our sensitivity analysis demon-
strated that, for most scenarios, the impact on our esti-
mates was small, with the maximum relative bias within 
±7%.

Previous estimates of the impact of smoking on life 
expectancy in general population relied on the assump-
tion that smoking status would be unchanged throughout 
the remaining lifetime.8 17 18 As a result, these studies 
would likely overestimate years of life losses to smoking. 
The present study was able to account for the possible 
change in smoking statuses during the remaining life-
time when estimating losses in years of life expectancy to 
smoking and years of life gained after quitting. By doing 
so, our estimates were less biased. Moreover, with the 
application of the microsimulation method, this study 
was able to estimate probability of successful quitting 
while previous studies were unable to make such calcu-
lations.6 7 9

Limitations
First, because this analysis is based on a survey of Medi-
care beneficiaries who voluntarily enrolled in private 
Medicare Advantage health plans, the current sample 
may be younger and healthier than the overall Medicare 
population.36 Second, the smoking status was based on 
self-reported data. However, using self-reported smoking 
status would be unlikely to have a large impact on our 
conclusions. Even if some participants under-reported 
their smoking history, it would not overestimate quitting 
attempts or underestimate relapse because under-reports 
were at both baseline and follow-up. Furthermore, under-
reporting would not overestimate gains in life expectancy 
after quitting. Third, respondents reported their current 
smoking status, and the difference between ‘smoke 
some days’ and ‘not smoke at all’ in question “Do you 
now smoke?” is not very clear. Fourth, we assumed only 
a single transition from baseline to follow-up, and tran-
sitions were made at the end of the time interval. This 
assumption can lead to underestimating percentages of 
quitting and relapse.16 Fifth, our analysis did not examine 
factors (other than age and gender) that affected quitting 

and relapse or the reasons for quitting and relapse. This is 
because many of these factors are time-varying variables. 
In order to include these variables in the analysis, values 
of these variables would need to be treated as additional 
transitional states which would make our model too 
complicated to estimate.

CONCLUSIONS
This study estimated smoking patterns (quitting and 
relapse) and the benefit of quitting in a traditionally over-
looked demographic subgroup.3 31 These estimates are 
currently unavailable for the US general population of 
older adults and would enable an understanding of the 
trajectory and impact of tobacco use. Such information 
also would help guide the investment of smoking cessa-
tion services as the population ages. Future data collec-
tion should include a respondent’s number of prior 
quit attempts and times advised to quit smoking, given 
that both will influence quit rates and, ultimately, guide 
resource allocation and risk messaging.15 37 Additionally, 
further investigations should aim to develop a broader 
understanding of smoking cessation predictors to iden-
tify specific strategies that might work best for the elderly 
based on specific sociodemographic features or chronic 
conditions.

Contributors  HJ was in charge of the conceptualisation, methodology, software, 
validation and data curation. Both authors (HJ and EL) were involved in the writing, 
editing and visualisation; both authors read and approved the final manuscript. 
HJ had full access to all of the data (including statistical reports and tables) in the 
study and accepts full responsibility for the integrity of the data and the accuracy of 
the data analysis.

Funding  The authors have not declared a specific grant for this research from any 
funding agency in the public, commercial or not-for-profit sectors.

Competing interests  None declared.

Patient and public involvement  Patients and/or the public were not involved in 
the design, or conduct, or reporting, or dissemination plans of this research.

Patient consent for publication  Not applicable.

Ethics approval  This study was reviewed and approved by the Columbia 
University Medical Center institutional review board (IRB-AAAR4154). Participants 
gave informed consent to participate in the study before taking part.

Provenance and peer review  Not commissioned; externally peer reviewed.

Data availability statement  Data may be obtained from a third party and are 
not publicly available. This study is a secondary data analysis using the Limited 
Data Set (LDS) of the HOS from the US Centers for Medicare & Medicaid Services 
(CMS). The dataset contains potentially identifying or sensitive patient information 
(eg, participants’ zip code, date of birth, date of death, etc). A signed Data Use 
Agreement (DUA) with CMS is required to obtain LDS data files (https://www.cms.​
gov/Research-Statistics-Data-and-Systems/Files-for-Order/LimitedDataSets/HOS). 
In order to request a LDS file, investigators must follow the instructions on this link: 
https://www.cms.gov/Research-Statistics-Data-and-Systems/Files-for-Order/Data-​
Disclosures-Data-Agreements/EPPEpilot-LDSS.

Supplemental material  This content has been supplied by the author(s). It has 
not been vetted by BMJ Publishing Group Limited (BMJ) and may not have been 
peer-reviewed. Any opinions or recommendations discussed are solely those 
of the author(s) and are not endorsed by BMJ. BMJ disclaims all liability and 
responsibility arising from any reliance placed on the content. Where the content 
includes any translated material, BMJ does not warrant the accuracy and reliability 
of the translations (including but not limited to local regulations, clinical guidelines, 
terminology, drug names and drug dosages), and is not responsible for any error 
and/or omissions arising from translation and adaptation or otherwise.

https://www.cms.gov/Research-Statistics-Data-and-Systems/Files-for-Order/LimitedDataSets/HOS
https://www.cms.gov/Research-Statistics-Data-and-Systems/Files-for-Order/LimitedDataSets/HOS
https://www.cms.gov/Research-Statistics-Data-and-Systems/Files-for-Order/Data-Disclosures-Data-Agreements/EPPEpilot-LDSS
https://www.cms.gov/Research-Statistics-Data-and-Systems/Files-for-Order/Data-Disclosures-Data-Agreements/EPPEpilot-LDSS


11Jia H, Lubetkin E. BMJ Open 2022;12:e062189. doi:10.1136/bmjopen-2022-062189

Open access

Open access  This is an open access article distributed in accordance with the 
Creative Commons Attribution Non Commercial (CC BY-NC 4.0) license, which 
permits others to distribute, remix, adapt, build upon this work non-commercially, 
and license their derivative works on different terms, provided the original work is 
properly cited, appropriate credit is given, any changes made indicated, and the use 
is non-commercial. See: http://creativecommons.org/licenses/by-nc/4.0/.

ORCID iD
Haomiao Jia http://orcid.org/0000-0002-1391-8190

REFERENCES
	 1	 U.S. Department of Health and Human Services (USDHHS). The 

health consequences of smoking—50 years of progress: a report of 
the surgeon General. Atlanta: U.S. Department of Health and Human 
Services, Centers for Disease Control and Prevention, National 
Center for Chronic Disease Prevention and Health Promotion, Office 
on Smoking and Health, 2014.

	 2	 Fiore MC, Jaén CR, Baker TB. Treating tobacco use and 
dependence: 2008 update. clinical practice guideline. Rockville, 
MD U.S. Department of Health and Human Services. Public Health 
Service; 2008.

	 3	 Kleykamp BA, Heishman SJ. The older smoker. JAMA 
2011;306:876–7.

	 4	 U.S. Department of Health and Human Services (USDHHS). Smoking 
Cessation. In: A Report of the Surgeon General. Atlanta, GA: U.S. 
Department of Health and Human Services, Centers for Disease 
Control and Prevention, National Center for Chronic Disease 
Prevention and Health Promotion, Office on Smoking and Health, 
2020.

	 5	 Lee CW, Kahende J. Factors associated with successful smoking 
cessation in the United States, 2000. Am J Public Health 
2007;97:1503–9.

	 6	 Centers for Disease Control and Prevention (CDC). Cigarette 
smoking among adults—United states, 2007. MMWR Morb Mortal 
Wkly Rep 2009;57:1221–6.

	 7	 Jamal A, Phillips E, Gentzke AS, et al. Current cigarette smoking 
among adults - United States, 2016. MMWR Morb Mortal Wkly Rep 
2018;67:53–9.

	 8	 Jia H, Zack MM, Thompson WW, et al. Quality-adjusted life 
expectancy (QALE) loss due to smoking in the United States. Qual 
Life Res 2013;22:27–35.

	 9	 Henley SJ, Asman K, Momin B, et al. Smoking cessation behaviors 
among older U.S. adults. Prev Med Rep 2019;16:100978.

	10	 Fan AZ, Rock V, Zhang X, et al. Trends in cigarette smoking rates and 
quit attempts among adults with and without diagnosed diabetes, 
United States, 2001-2010. Prev Chronic Dis 2013;10:E160.

	11	 Jacobs DR, Adachi H, Mulder I, et al. Cigarette smoking and 
mortality risk: twenty-five-year follow-up of the seven countries 
study. Arch Intern Med 1999;159:733–40.

	12	 Nash SH, Liao LM, Harris TB, et al. Cigarette smoking and mortality 
in adults aged 70 years and older: results from the NIH-AARP cohort. 
Am J Prev Med 2017;52:276–83.

	13	 Salive ME, Cornoni-Huntley J, LaCroix AZ, et al. Predictors of 
smoking cessation and relapse in older adults. Am J Public Health 
1992;82:1268–71.

	14	 Caponnetto P, Keller E, Bruno CM, et al. Handling relapse in smoking 
cessation: strategies and recommendations. Intern Emerg Med 
2013;8:7–12.

	15	 Chaiton M, Diemert L, Cohen JE, et al. Estimating the number of quit 
attempts it takes to quit smoking successfully in a longitudinal cohort 
of smokers. BMJ Open 2016;6:e011045.

	16	 Jia H, Lubetkin EI. Life expectancy and active life expectancy by 
disability status in older U.S. adults. PLoS One 2020;15:e0238890.

	17	 Jia H, Lubetkin EI. Dose-response effect of smoking status on 
quality-adjusted life years among U.S. adults aged 65 years and 
older. J Public Health 2017;39:e194–201.

	18	 Brønnum-Hansen H, Juel K, Davidsen M, et al. Impact of selected 
risk factors on quality-adjusted life expectancy in Denmark. Scand J 
Public Health 2007;35:510–5.

	19	 Centers for Medicare & Medicaid Services (CMS). About the 
Medicare health Outcomes Survey, 2018. Available: http://www.​
hosonline.org/en/program-overview/ [Accessed 12 Jul 2022].

	20	 Centers for Medicare & Medicaid Services (CMS). Medicare Health 
Outcomes Survey, 2012 HOS-M instrument, 2012. Available: https://
www.hosonline.org/globalassets/hos-online/survey-instruments/​
hosm_2012_survey.pdf [Accessed 12 Jul 2022].

	21	 Krijkamp EM, Alarid-Escudero F, Enns EA, et al. Microsimulation 
modeling for health decision sciences using R: a tutorial. Med Decis 
Making 2018;38:400–22.

	22	 van den Hout A, Matthews FE. Estimating dementia-free life 
expectancy for Parkinson's patients using Bayesian inference and 
microsimulation. Biostatistics 2009;10:729–43.

	23	 Yong H-H, Borland R, Cummings KM, et al. Do predictors of smoking 
relapse change as a function of duration of abstinence? Findings 
from the United States, Canada, United Kingdom and Australia. 
Addiction 2018;113:1295–304.

	24	 Herd N, Borland R, Hyland A. Predictors of smoking relapse by 
duration of abstinence: findings from the International Tobacco 
Control (ITC) four country survey. Addiction 2009;104:2088–99.

	25	 Krall EA, Garvey AJ, Garcia RI. Smoking relapse after 2 years of 
abstinence: findings from the VA normative aging study. Nicotine Tob 
Res 2002;4:95–100.

	26	 Gilpin EA, Pierce JP, Farkas AJ. Duration of smoking abstinence and 
success in quitting. J Natl Cancer Inst 1997;89:572–6.

	27	 Halpern EF, Weinstein MC, Hunink MG, et al. Representing both first- 
and second-order uncertainties by Monte Carlo simulation for groups 
of patients. Med Decis Making 2000;20:314–22.

	28	 Alboksmaty A, Agaku IT, Odani S, et al. Prevalence and determinants 
of cigarette smoking relapse among US adult smokers: a longitudinal 
study. BMJ Open 2019;9:e031676.

	29	 Christensen K, Doblhammer G, Rau R, et al. Ageing populations: the 
challenges ahead. Lancet 2009;374:1196–208.

	30	 Whitson HE, Heflin MT, Burchett BM. Patterns and predictors 
of smoking cessation in an elderly cohort. J Am Geriatr Soc 
2006;54:466–71.

	31	 Jaul E, Barron J. Characterizing the heterogeneity of aging: a vision 
for a staging system for aging. Front Public Health 2021;9:513557.

	32	 Little W, McGivern R. Introduction to Sociology - 1st Canadian 
Edition. BC open textbook project. Available: https://opentextbc.ca/​
introductiontosociology/ [Accessed 12 Jul 2022].

	33	 Cohen-Mansfield J. Predictors of smoking cessation in old-old age. 
Nicotine Tob Res 2016;18:1675–9.

	34	 Barrington-Trimis JL, Braymiller JL, Unger JB, et al. Trends in the age 
of cigarette smoking initiation among young adults in the US from 
2002 to 2018. JAMA Netw Open 2020;3:e2019022.

	35	 Centers for Disease Control and Prevention (CDC), National 
Center for Health Statistics (NCHS). National health and nutrition 
examination survey data. Hyattsville, MD U.S. Department of Health 
and Human Services, Centers for Disease Control and Prevention; 
2021. https://wwwn.cdc.gov/nchs/nhanes/Default.aspx [Accessed 
12 Jun 2022].

	36	 Byhoff E, Harris JA, Ayanian JZ. Characteristics of decedents in 
Medicare advantage and traditional Medicare. JAMA Intern Med 
2016;176:1020–3.

	37	 US Preventive Services Task Force, Krist AH, Davidson KW, 
et al. Interventions for tobacco smoking cessation in adults, 
including pregnant persons: US preventive services task force 
recommendation statement. JAMA 2021;325:265–79.

http://creativecommons.org/licenses/by-nc/4.0/
http://orcid.org/0000-0002-1391-8190
http://dx.doi.org/10.1001/jama.2011.1221
http://dx.doi.org/10.2105/AJPH.2005.083527
http://www.ncbi.nlm.nih.gov/pubmed/19008790
http://www.ncbi.nlm.nih.gov/pubmed/19008790
http://dx.doi.org/10.15585/mmwr.mm6702a1
http://dx.doi.org/10.1007/s11136-012-0118-6
http://dx.doi.org/10.1007/s11136-012-0118-6
http://dx.doi.org/10.1016/j.pmedr.2019.100978
http://dx.doi.org/10.5888/pcd10.120259
http://dx.doi.org/10.1001/archinte.159.7.733
http://dx.doi.org/10.1016/j.amepre.2016.09.036
http://dx.doi.org/10.2105/AJPH.82.9.1268
http://dx.doi.org/10.1007/s11739-012-0864-z
http://dx.doi.org/10.1136/bmjopen-2016-011045
http://dx.doi.org/10.1371/journal.pone.0238890
http://dx.doi.org/10.1093/pubmed/fdw096
http://dx.doi.org/10.1080/14034940701271908
http://dx.doi.org/10.1080/14034940701271908
http://www.hosonline.org/en/program-overview/
http://www.hosonline.org/en/program-overview/
https://www.hosonline.org/globalassets/hos-online/survey-instruments/hosm_2012_survey.pdf
https://www.hosonline.org/globalassets/hos-online/survey-instruments/hosm_2012_survey.pdf
https://www.hosonline.org/globalassets/hos-online/survey-instruments/hosm_2012_survey.pdf
http://dx.doi.org/10.1177/0272989X18754513
http://dx.doi.org/10.1177/0272989X18754513
http://dx.doi.org/10.1093/biostatistics/kxp027
http://dx.doi.org/10.1111/add.14182
http://dx.doi.org/10.1111/j.1360-0443.2009.02732.x
http://dx.doi.org/10.1080/14622200110098428
http://dx.doi.org/10.1080/14622200110098428
http://dx.doi.org/10.1093/jnci/89.8.572
http://dx.doi.org/10.1177/0272989X0002000308
http://dx.doi.org/10.1136/bmjopen-2019-031676
http://dx.doi.org/10.1016/S0140-6736(09)61460-4
http://dx.doi.org/10.1111/j.1532-5415.2005.00641.x
http://dx.doi.org/10.3389/fpubh.2021.513557
https://opentextbc.ca/introductiontosociology/
https://opentextbc.ca/introductiontosociology/
http://dx.doi.org/10.1093/ntr/ntw011
http://dx.doi.org/10.1001/jamanetworkopen.2020.19022
https://wwwn.cdc.gov/nchs/nhanes/Default.aspx
http://dx.doi.org/10.1001/jamainternmed.2016.2266
http://dx.doi.org/10.1001/jama.2020.25019

	Use of a microsimulation method for assessing dynamics of smoking status and gains in life expectancy after quitting in a longitudinal cohort of US older adults
	Abstract
	Introduction﻿﻿
	Methods
	Data and measures
	Statistical analysis
	Microsimulations
	Sensitivity analysis
	Patient and public involvement

	Results
	Sensitivity analysis results

	Discussion
	Summary of findings
	Methodological considerations
	Limitations

	Conclusions
	References


