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phosphoprotein, and surface glycoprotein 
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Abstract 

The global COVID-19 pandemic caused by SARS-CoV2 infected millions of people and resulted in more than 4 million 
deaths worldwide. Apart from vaccines and drugs, RNA silencing is a novel approach for treating COVID-19. In the 
present study, siRNAs were designed for the conserved regions targeting three structural genes, M, N, and S, from 
forty whole-genome sequences of SARS-CoV2 using four different software, RNAxs, siDirect, i-Score Designer, and Oli-
goWalk. Only siRNAs which were predicted in common by all the four servers were considered for further shortlisting. 
A multistep filtering approach has been adopted in the present study for the final selection of siRNAs by the usage 
of different online tools, viz., siRNA scales, MaxExpect, DuplexFold, and SMEpred. All these web-based tools consider 
several important parameters for designing functional siRNAs, e.g., target-site accessibility, duplex stability, position-
specific nucleotide preference, inhibitory score, thermodynamic parameters, GC content, and efficacy in cleaving the 
target. In addition, a few parameters like GC content and dG value of the entire siRNA were also considered for short-
listing of the siRNAs. Antisense strands were subjected to check for any off-target similarities using BLAST. Molecular 
docking was carried out to study the interactions of guide strands with AGO2 protein. A total of six functional siRNAs 
(two for each gene) have been finally selected for targeting M, N, and S genes of SARS-CoV2. The siRNAs have not 
shown any off-target effects, interacted with the domain(s) of AGO2 protein, and were efficacious in cleaving the 
target mRNA. However, the siRNAs designed in the present study need to be tested in vitro and in vivo in the future.
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Background
The ongoing global coronavirus disease 2019 (COVID-
19) pandemic caused by severe acute respiratory syn-
drome coronavirus-2 (SARS-CoV2) resulted in over 
195 million confirmed cases with 4,180,161 deaths 
reported globally (https:// covid 19. who. int/ accessed on 
29th July 2021, 16:31 IST) [1]. Coronavirus consists of a 

single-strand, positive-sense RNA, whose genome size 
ranges from 27 to 30 kilobases [1, 2]. Two-thirds of the 
genome of the coronavirus codes for nonstructural poly-
proteins 1ab. The remaining one-third of the genome of 
the coronavirus codes for structural proteins consisting 
of Envelope (E) protein, Membrane (M)  glycoprotein, 
Surface (S) glycoprotein (S), and Nucleocapsid (N) phos-
phoprotein [1–3].

With the onset of the global COVID-19 pandemic, 
several research laboratories and biopharmaceutical 
companies have been actively engaged in the develop-
ment of vaccines for COVID-19. A few vaccines have 
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been approved and rolled out for public usage in this line. 
However, the emergence of new variants of SARS-CoV2 
across the globe has resulted in the vaccines’ reduced effi-
cacy [4]. Besides this, shortfalls in the supply of vaccines 
against the demand are another constraint [5]. In these 
cases, there is a need for the development of alternate 
strategies for treating the patients infected with SARS-
CoV2 to ensure that a greater number of successful can-
didate molecules are available for combating COVID-19. 
One such measure is the development of short interfer-
ing RNA (siRNA) as an antiviral agent.

A messenger RNA (mRNA) is cleaved by a single-
stranded RNA known as short interfering RNA (siRNA). 
The process is known as RNA interference (RNAi). In 
this process, a double-stranded RNA is cleaved by a ribo-
nuclease III-like enzyme known as Dicer, resulting in the 
formation of a duplex consisting of 21–23 nucleotides. 
One strand is known as a sense (passenger) strand, and 
another is known as an antisense (guide) strand. Before 
the inhibition of target mRNA, the duplex is loaded 
into an RNA-induced silencing complex (RISC). Subse-
quently, the passenger strand is lost, and the guide strand 
pairs with the mRNA by complementary base pairing 
and results in cleavage of the target mRNA [6, 7].

To induce the silencing of the target mRNA, a rational 
design of siRNA is necessary. This is achieved by the 
usage of several online tools, viz. siDirect v2.0 [8], i-Score 
Designer [9], RNAxs [10], siRNA scales [11], siDRM [12], 
and siDESIGN Center [https://horizondiscovery.com/
en/ordering-and-calculation-tools/sidesign-center]. For 
further reading, a comparative account of the first-gen-
eration and second-generation siRNA design rules was 
given in Liu et al. [13].

In the recent past, there are reports available on the in 
silico design of siRNAs against different human viruses, 
e.g., Zika virus [14–16], MERS-CoV [17–19], Influenza 
virus [20–22], human adenovirus type-3 [23], hepatitis 
C virus [24], rabies virus [25], and respiratory syncyt-
ial virus [26]. siRNAs designed in silico from a majority 
of the studies mentioned above were tested in vitro and 
were found to be effective [14, 17–22, 24]. A comprehen-
sive review on the usage of siRNA for gene silencing of 
coronaviruses is given in Sajid et al. [4] and Uludag et al. 
[27]. Bioinformatics tools have also been utilized for the 
design of siRNAs targeting various regions in the genome 
of SARS-CoV2. e.g., leader sequence [28, 29], nucleocap-
sid phosphoprotein and surface glycoprotein [30], RdRp 
gene [31], and surface glycoprotein [32].

In the present study, functional siRNAs were designed 
in silico for targeting the structural genes, viz. M, N, 
and S in the genome of SARS-CoV2. This paves the way 
forward for further studies in  vitro and in  vivo for the 

shortlisting of the effective siRNA candidates designed 
in the present study for usage by humans for combating 
COVID-19.

Methods
Retrieval of nucleotide sequences from NCBI — nucleotide 
database
In the present study, forty whole-genome sequences of 
SARS-CoV2 were retrieved from the nucleotide data-
base of the National Centre for Biotechnology Informa-
tion (NCBI) (https:// www. ncbi. nlm. nih. gov/ nucle otide/) 
(Table 1). Nucleotide sequences corresponding to M, N, 
and S genes were used in the present study as targets for 
the design of potential siRNA.

Multiple sequence alignment
Multiple sequence alignment of the respective gene 
sequences was carried out using Clustal Omega 
(https:// www. ebi. ac. uk/ Tools/ msa/ clust alo/) for the 
identification of the conserved gene sequences.

Nucleotide sequences of the forty accessions cor-
responding to a particular gene were aligned using 
Clustal Omega. After alignment, stretches of nucleotide 
sequences without mismatches were identified and con-
sidered as conserved regions. The conserved regions 
were represented by an asterisk in the output obtained 
from the Clustal Omega. These regions were used for 
the design of siRNAs (Supplementary Tables 1, 2 and 3). 
Those conserved regions which were less than 73 nucleo-
tides long were not considered for further analyses.

Tools used for the design and validation of siRNAs
In the present study, four different online tools, RNAxs 
(http:// rna. tbi. univie. ac. at/ cgi- bin/ RNAxs/ RNAxs. cgi), 
siDirect v2.0 (http:// sidir ect2. rnai. jp/), i-Score Designer 
(https:// www. med. nagoya- u. ac. jp/ neuro genet ics/i_ 
Score/i_ score. html), and OligoWalk (http:// rna. urmc. 
roche ster. edu/ cgi- bin/ server_ exe/ oligo walk/ oligo walk_ 
form. cgi) [7, 33], were used for the design of functional 
siRNAs.

Design of siRNAs by RNAxs
RNAxs was utilized in the present study for the design 
of functional siRNAs at default parameters (8nt (seed) 
accessibility threshold, 0.01157; 16nt accessibility thresh-
old, 0.001002; self-folding energy, 0.9022; sequence asym-
metry, 0.5; energy asymmetry, 0.4655; free end, 0.625; 
custom sequence rules, NN).

Design of siRNAs by siDirect
The algorithm of siDirect v2.0 selects functional siR-
NAs which follow the first three out of four rules 

https://horizondiscovery.com/en/ordering-and-calculation-tools/sidesign-center
https://horizondiscovery.com/en/ordering-and-calculation-tools/sidesign-center
https://www.ncbi.nlm.nih.gov/nucleotide/
https://www.ebi.ac.uk/Tools/msa/clustalo/
http://rna.tbi.univie.ac.at/cgi-bin/RNAxs/RNAxs.cgi
http://sidirect2.rnai.jp/
https://www.med.nagoya-u.ac.jp/neurogenetics/i_Score/i_score.html
https://www.med.nagoya-u.ac.jp/neurogenetics/i_Score/i_score.html
http://rna.urmc.rochester.edu/cgi-bin/server_exe/oligowalk/oligowalk_form.cgi
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specified by Ui-Tei et al. [34]. Apart from this, there is 
an option to select siRNAs by choosing the two other 
algorithms, viz. Reynolds et  al. [35] and Amarzguioui 
and Prydz [6]. In the present study, the combined rule 
“Ui-Tei (U) + Reynolds (R) + Amarzguioui (A)” was 

chosen for the selection of siRNAs. Furthermore, the 
seed-duplex stability  (Tm) value was set to 21.5 °C.

Design of siRNAs by i‑score designer
i-Score Designer was used in the present study for the 
prediction of active siRNAs. It works on an algorithm 
“i-Score” (inhibitory score) based on a linear regression 
model [9]. The conserved region sequences correspond-
ing to the target genes of SARS-CoV2 were given as an 
input to i-Score Designer. In the i-Score designer, siRNAs 
were ranked according to i-Score which ranges from 100 
to 0. Apart from calculating the i-Score and rank, the 
i-Score designer also calculates (i) ΔG value of the sec-
ondary structure of a siRNA strand, (ii) dinucleotide ΔG 
value at 5′ and 3′ ends, (iii) ΔG value for the entire siRNA 
(iv) number of GC stretches (v) % GC content (vi) scores 
of Ui-Tei, Amarzguioui, Hsieh, Takasaki, Reynolds, and 
Katoh, and (vii) scores and ranks of s-Biopredsi and DSIR.

Design of siRNAs by OligoWalk
OligoWalk online server [33] was utilized in the pre-
sent study for predicting the efficient siRNAs at default 
parameters. The output of the program displays the 
predicted siRNAs along with the values for “probabil-
ity of being an efficient siRNA” for each of the siRNAs. 
Besides probability values, the program also gives 
energy values (kcal/mol) for various parameters, viz. 
overall, duplex, break target, intraoligo, interoligo, and 
end_diff, besides  Tm — dup (in °C) and prefilter score. 
siRNAs predicted by OligoWalk have an efficiency of 
78.6 % in silencing the target [33].

siRNA scales
siRNA scales web server available at http:// geste land. 
genet ics. utah. edu/ siRNA_ scales/ was utilized for the 
screening of the siRNAs predicted by the four tools, 
viz. RNAxs, siDirect, i-Score Designer, and OligoWalk. 
The antisense strand sequences were given as an input 
to the siRNA scales. Those siRNAs whose predicted 
value of efficacy ranged from 1 to ≤ 30 were considered 
for further analyses.

Calculation of the free energy of folding of the guide strand
MaxExpect web server (https:// rna. urmc. roche ster. 
edu/ RNAst ructu reWeb/ Serve rs/ MaxEx pect/ MaxEx 
pect. html) [36] was used for the prediction of the struc-
ture of the guide strand at default parameters (maxi-
mum % energy difference, 50; maximum number of 
structures, 1000; Windows size, 5; gamma, 1). The out-
put of the program displays the structure of the RNA 

Table 1 List of accession numbers of the sequences and their 
country of origin retrieved from nucleotide database of NCBI for 
the design of siRNAs

Sr. no. Accession Country of origin

1 MW425837 India

2 MW425563 India

3 MT758436 India

4 MT954922 India

5 MZ336032 India

6 OK356470 India

7 OK356467 India

8 OK189653 India

9 OL456172 India

10 MZ318159 India

11 MZ292150 India

12 MT339041 United States of America (USA)

13 OK375092 USA

14 MN985325 USA

15 MW738481 USA

16 MZ211240 USA

17 OK375091 USA

18 OL669603 USA

19 OL673374 USA

20 OL688470 USA

21 OL688471 USA

22 OK375082 USA

23 MT259226 China: Wuhan

24 OL664038 China: Guangzhou

25 OL663925 China: Guangzhou

26 MT066156 Italy

27 MT292577 Spain

28 MW156805 Australia

29 MW531680 Bangladesh

30 LC650048 Tokyo

31 LC650055 Tokyo

32 LC650057 Tokyo

33 LC650052 Tokyo

34 OK091660 South Africa

35 MZ345001 South Africa

36 MZ344999 South Africa

37 MZ362445 Italy

38 MZ362440 Italy

39 MZ362451 Italy

40 MZ362449 Italy

http://gesteland.genetics.utah.edu/siRNA_scales/
http://gesteland.genetics.utah.edu/siRNA_scales/
https://rna.urmc.rochester.edu/RNAstructureWeb/Servers/MaxExpect/MaxExpect.html
https://rna.urmc.rochester.edu/RNAstructureWeb/Servers/MaxExpect/MaxExpect.html
https://rna.urmc.rochester.edu/RNAstructureWeb/Servers/MaxExpect/MaxExpect.html
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along with its score (also termed as energy). The cut-
off value of the free energy of folding was set to 1.5 for 
shortlisting of the siRNAs in the present study [32].

Calculation of the free energy of binding between the guide 
strand and the target
DuplexFold web server (https:// rna. urmc. roche ster. edu/ 
RNAst ructu reWeb/ Serve rs/ Duple xFold/ Duple xFold. 
html) [37] was used for calculating the free energy of 
binding of the guide strand with the target at default 
parameters (maximum % energy difference, 5; maximum 
number of structures, 20; Window size, 0; maximum loop 
size, 30; temperature, 310.15 K). Guide-target duplexes 
with energy values ≤ −30 were shortlisted for further 
analyses [31, 32].

Validation of the efficacy of siRNAs
Validation of the efficacy of the predicted siRNA mol-
ecules against their consequence targets was carried out 
using SMEpred (https:// bioin fo. imtech. res. in/ manojk/ 
smepr ed/) [38]. siRNAs (i.e., without any chemical 
modifications) with efficacy ≥ 85 were considered for 
shortlisting.

Off‑target effects of siRNAs
BLAST® (Basic Local Alignment Search Tool) 
(https:// blast. ncbi. nlm. nih. gov/ Blast. cgi) was uti-
lized to find out the off-target matches of the siRNAs 
designed in the present study. Reverse complement of 
the guide strand sequences was subjected for similar-
ity check. BLAST® search was carried out with the 
following parameters: (i) choose search set — human 
genomic plus transcript (human G + T), models 
(XM/XP) excluded [28], and (ii) program selection — 
somewhat similar sequences (blastn). The remaining 
parameters were set to their default. Search param-
eters were automatically adjusted to search for a short 
input sequence by the program.

Molecular docking of the guide strand and argonaute protein
Molecular docking was carried out between the guide 
strands of siRNAs and human argonaute-2 protein using 
the HDOCK server (http:// hdock. phys. hust. edu. cn/). 
In HDOCK, molecular docking is carried out between 
the ligand and receptor by using a fast Fourier trans-
form (FFT)-based hierarchical approach [39]. The server 
builds the three-dimensional (3D) structure of the pro-
tein from a given amino acid sequence by searching for 
a homologous template in the Protein Data Bank (PDB). 
In the present study, the amino acid sequence of the 
human Argonaute-2 protein (AGO2) (PDB ID 4F3T) 
was retrieved from PDB and given as an input for build-
ing the 3D model of the protein for docking. Nucleotide 

sequences of the guide strand of siRNA molecules were 
given as an input (as “ligand”). The server generates the 
three-dimensional model of RNA from the given input 
nucleotide sequence.

The server returns with top 100 predictions along 
with docking scores, ligand root-mean square devia-
tion (RMSD) values, ranks of the models, etc. The 
user can download the structures of the docked com-
plexes besides the PDB files of receptor and ligand 
that were generated by homology modeling. The 
server also provides the homology quality scores of 
the receptor and ligand.

In the present study, the docked complexes that were 
ranked as one were considered for further analyses. The 
interacting residues of AGO protein with nucleotides of 
the guide strand of siRNA within 5 Å were reported.

siRNA design workflow strategy
The combinatorial strategy for the design of functional 
siRNAs in the present study is summarized below:

 (i) Identification of conserved regions across all the 
target genes by carrying out multiple sequence 
alignment

 (ii) Design of siRNAs for the conserved regions of the 
three target genes by RNAxs at default parameters

 (iii) Design of functional siRNAs by siDirect by consid-
ering the following parameters:

 i. Combined rule of the algorithm used for the 
functional siRNA selection: U + R + A

 ii. Tm = 21.5 °C (maximum)

 (iv) Design of functional siRNAs by i-Score Designer 
and selection of siRNAs whose i-Score ≥ 65

 (v) Design of functional siRNAs by OligoWalk online 
server

 (vi) Pooling of siRNAs that were predicted in common 
by all the four online servers

 (vii) Filtering of siRNAs obtained from step (vi) using 
siRNA scales at a cutoff value of ≤ 30

 (viii) Shortlisting of siRNAs obtained from the above 
step whose dG ≥ −34.6 kcal/mol and GC content 
in the range from ≥ 31.6 to 53 %

 (ix) Secondary structure prediction of siRNAs obtained 
from step (viii) by MaxExpect web server and fur-
ther shortlisting of siRNAs whose free energy of 
folding ≥ 1.5

 (x) Calculation of the free energy of binding between 
the antisense strand and the target region by 
DuplexFold server and further shortlisting of siR-
NAs whose energy is ≤ −30

https://rna.urmc.rochester.edu/RNAstructureWeb/Servers/DuplexFold/DuplexFold.html
https://rna.urmc.rochester.edu/RNAstructureWeb/Servers/DuplexFold/DuplexFold.html
https://rna.urmc.rochester.edu/RNAstructureWeb/Servers/DuplexFold/DuplexFold.html
https://bioinfo.imtech.res.in/manojk/smepred/
https://bioinfo.imtech.res.in/manojk/smepred/
https://blast.ncbi.nlm.nih.gov/Blast.cgi
http://hdock.phys.hust.edu.cn/
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 (xi) Prediction of the efficacy of siRNAs in inhibiting 
the target mRNA obtained from the above step by 
SMEpred. A cutoff value of ≥ 85 was set for further 
shortlisting

 (xii) Study of the off-target matches of siRNAs obtained 
from the preceding step using BLAST®

 (xiii) Molecular docking of the shortlisted guide strands 
with AGO protein

Results and discussion
In the present study, three structural genes M, N, and S 
that code for a membrane glycoprotein, nucleocapsid 
phosphoprotein, and surface glycoprotein, respectively, 
were used for the design of function siRNAs. This is the 
first study to screen most of the structural genes in the 
genome of SARS-CoV2 for the design of functional siR-
NAs. Apart from vaccines and drug candidates, target 
gene silencing by siRNA is an important approach for 
combating COVID-19. In the present study, four dif-
ferent online tools, viz. RNAxs, siDirect v2.0, i-Score 
Designer, and OligoWalk, were used for the design of 
functional siRNAs.

Accessibility of siRNA to the target site in mRNA is 
an essential prerequisite for RNAi. RNAxs, a web server, 
was designed by considering the target site accessibility 
as a criterion along with other known siRNA design rules 
for the prediction of highly functional siRNAs [10]. The 
number of siRNAs predicted by RNAxs and the range 
of worst rank (WR) for the three genes were as follows: 
(i) M — 60 (WR — 9 to 41), (ii) N — 145 (WR — 3 to 
52), and (iii) S — 596 (WR — 0 to 74) (Supplementary 
Tables 4, 5 and 6).

The number of functional siRNAs predicted by siDirect 
(those satisfied the laid criteria) for the three genes was 
as follows: (i) M — 2, (ii) N — 28, and (iii) S — 240 (Sup-
plementary Tables 7, 8 and 9). Only those siRNAs which 
have satisfied the rules that affect the siRNA activity as 
prescribed by the three functional siRNA selection algo-
rithms [6, 34, 35] in any one of the following ways, viz. U, 
R, A, URA, UR, RA, and UA, were selected.

For the activity of siRNA, a near-perfect [8, 40, 41] 
complementary base pairing is required between the 
guide strand of the siRNA and the target mRNA. How-
ever, if the siRNA has complementarity with the non-
target region, it may result in silencing of the nontarget 
genes; especially, off-target silencing happens if the unin-
tended regions base pair with the seed region of siRNA 
due to complementarity [8]. To overcome this effect, 
siDirect selects the guide and passenger strands of siR-
NAs whose  Tm value is below 21.5 °C for reducing the 
seed-dependent off-target effects [8, 42]. This is another 

unique feature of siDirect. In the present study, siRNAs 
whose  Tm value was below 21.5 °C, satisfying the rules 
prescribed by Ui-Tei et al. [34], Reynolds et al. [35], and 
Amarzguioui and Prydz [6], was selected.

The next online tool used in the present study for the 
design of siRNAs was “i-Score Designer,” a second-gener-
ation algorithm that adopts a linear regression model for 
computing the nucleotide preferences at each position on 
the antisense strand. The tool calculates i-Score for each 
of the siRNA which is completely based on the nucleotide 
preferences at each site on a scale of 0–100. The number 
of functional siRNAs predicted by i-Score Designer for 
the conserved regions of the three genes was as follows: 
(i) M — 193, (ii) N — 712, and (iii) S — 2296 (Supple-
mentary Tables 10, 11 and 12). siRNAs whose i-Score ≥ 
65 alone were considered for further analyses.

OligoWalk web server was utilized in the present study 
for the prediction of siRNAs that have an efficiency of 
more than 70% in silencing the target mRNA. The pro-
gram was designed by taking into consideration the ther-
modynamic aspects (the free energy changes of different 
equilibrium states, viz. unimolecular (ΔGo

intra-siRNA) and 
bimolecular (ΔGo

inter-siRNA) siRNA folding, unimolecu-
lar folding state of mRNA at the siRNA binding region 
(ΔGo

target structure) in addition to the hybridized state of 
siRNA, and target mRNA (ΔGo

duplex)) and sequence fea-
tures of siRNA for predicting the efficacy of the siRNA 
molecule by the help of support vector machine (SVM) 
[7, 33]. The number of siRNAs predicted by the OligoW-
alk web server for the three genes was as follows: (i) M 
— 50, (ii) N — 140, and (iii) S — 682 (Supplementary 
Tables 13, 14 and 15).

siRNAs that were predicted in common by all the four 
siRNA prediction tools were further screened using the 
siRNA scales web server for their efficiency to cleave the 
target mRNA at a cutoff value of ≤ 30 (except for the “M” 
gene, where none of the siRNAs designed by siDirect 
had in common with those predicted by RNAxs, i-Score 
Designer, and OligoWalk. Hence siRNAs predicted in 
common by RNAxs, i-Score Designer, and OligoWalk 
were considered for further analyses). A few antisense 
strands were eliminated in the present study as their pre-
dicted value of efficiency was > 30. siRNA scales were 
built on a linear regression model by considering the 
following three parameters: (i) thermodynamic stability 
(ΔG values) of the first two base pairs and the last two 
base pairs in the antisense strand of siRNA, (ii) nucleo-
tide preferences at specific positions, and (iii) G + C con-
tent [11].

The total number of siRNAs predicted in common by 
all the four siRNA design tools and further shortlisted by 
siRNA scales was as follows: (i) M — 14, (ii) N — 6, and 
(iii) S — 66 (Supplementary Table 16) — (step 1).
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One of the important parameters about the functional-
ity of a siRNA is the Gibbs free energy (dG) [43]. i-Score 
Designer calculates the whole dG values of all the pre-
dicted siRNAs. Ichihara et al. [9] observed a high correla-
tion coefficient between observed and predicted siRNAs 
with i-Score when dG values were elevated from −52.0 
to −34.6 kcal/mol. A cutoff dG value of ≥ −34.6 kcal/
mol was imposed in the present study for the shortlisting 
of siRNAs [44]. In addition to this, in the same study, it 
was found that a median number of 65 active siRNAs per 
mRNA from the human RefSeq database was predicted 
when i-Score and dG values were > 65 and ≥ −34.6, 
respectively [9]. As a result, siRNAs designed by the 
i-Score designer, whose i-Score and dG values ≥ 65 and ≥ 
−34.6, respectively, were shortlisted for further analyses.

Another important feature concerning the func-
tionality of siRNA is the percentage content of GC. 
Higher GC content hinders the unwinding of the duplex 
siRNA. Lower GC content may lead to weak interac-
tions between the antisense (guide) strand of siRNA and 
target mRNA [6]. Amarzguioui and Prydz [6] suggested 
the GC range of 31.6–57.9% to be optimal for func-
tionality. However, optimal % GC content was varying 
from one study to another. For example, Chalk et al. [45] 
suggested % GC content from 36 to 53 to be effective, 
whereas Elbashir et  al. [46] suggested % GC content 
from 32 to 79 to be effective [13]. In the present study, 
the optimal GC content was set in the range of 31.6–
53%. In particular, those siRNAs whose % GC < 31.6 
were eliminated.

Fig. 1 a–f Secondary structure of the guide strands of siRNAs and their energy values
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Fig. 2 a–f Lowest free energy structures of guide strands of siRNAs with their corresponding target regions and their energy values
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The number of siRNAs obtained from step 1 whose dG 
≥ −34.6 kcal/mol and GC content in the range from 31.6 
to 53% was 30 (M gene — 7, N gene — 4, and S gene — 
19) (Supplementary Table 17) (step 2).

MaxExpect web server was utilized in the present study 
for the prediction of the secondary structure of the anti-
sense strands of the shortlisted siRNAs. The server gen-
erates the structure(s), in which the base pairs have the 
highest possibility of being accurate [36]. siRNAs whose 
free energy of folding ≥ 1.5 were shortlisted for further 
analyses [32]. The number of siRNAs obtained from step 
2 that has passed the set criterion (energy ≥ 1.5) for M, 
N, and S genes was 7, 4, and 19, respectively (Supplemen-
tary Table 18), (Supplementary Figs. S1 a–c), (Fig. 1 a–f), 
(step 3).

DuplexFold web server was used in the present study 
for calculating the free energy of folding between the 
guide strand and the target region. The server gener-
ates the structure between two RNA strands that has the 
lowest free energy state without allowing the intramo-
lecular base pairs formation [37]. Those siRNAs whose 
free energy of folding values ≤ −30 were considered 
for further analyses [30, 32]. The number of siRNAs 
obtained from step 3, which have passed the set criterion 
(energy ≤ −30) for M, N, and S genes was 5, 4, and 16, 

respectively (Supplementary Table  19), (Supplementary 
Fig. S2 a–c and Fig. 2 a–f — Step 4).

SMEpred is a  SVM-based method for predicting the 
efficacy of normal siRNAs as well as chemically modi-
fied siRNAs that are designed from a given mRNA or a 
gene sequence [38]. SMEpred web server was utilized in 
the present study to further screen the siRNAs obtained 
from the preceding steps for their efficacy. siRNAs with 
efficacy scores ≥ 85 were shortlisted for further analyses. 
The number of siRNAs at this stage for M, N, and S genes 
was 5, 3, and 13, respectively (step 5).

BLAST® was used to assess the extent of off-target 
matches of siRNAs designed in the present study. None 
of the 21 nucleotides of the guide strand of siRNAs target-
ing M, N, and S regions matched/aligned with the subject 
sequences in the human G + T database. The minimum 
to maximum identity ranged from 12/12 to 19/21, respec-
tively. The identity of 19/21 had a very high expect value 
of 184, which is not significant at the default expect (E) 
threshold value of 0.05. Only S31.1 siRNA had the identity 

Fig. 3 A docked complex of AGO2 and M8.5. RNA, PAZ, PIWI, and the 
remaining regions are represented in orange, red, yellow, and green 
colors, respectively

Fig. 4 A docked complex of AGO2 and M8.3. RNA, PAZ, PIWI, and the 
remaining regions are represented in orange, red, yellow, and green 
colors, respectively
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Fig. 5 A docked complex of AGO2 and N11.2. RNA, PAZ, PIWI, and 
the remaining regions are represented in orange, red, yellow, and 
green colors, respectively

Fig. 6 A docked complex of AGO2 and S10.3. RNA, PAZ, PIWI, and the 
remaining regions are represented in orange, red, yellow, and green 
colors, respectively

Fig. 7 A docked complex of AGO2 and S28.5. RNA, PAZ, PIWI, and the 
remaining regions are represented in orange, red, yellow, and green 
colors, respectively

Fig. 8 A docked complex of AGO2 and N10.1. RNA, PAZ, PIWI, and 
the remaining regions are represented in orange, red, yellow, and 
green colors, respectively
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of 20/21 at an E-value of 184 (data not shown). Thus, none 
of the siRNAs designed in the present study had off-target 
effects at the default E-value [28]. The number of siRNAs 
at this stage for M, N, and S genes was 5, 3, and 13, respec-
tively (Supplementary Tables 20, 21 and 22) (step 6).

The top 2 siRNAs obtained from step 6 for each of 
the three regions in terms of the SMEpred score were 
finalized and were used for molecular docking studies 
(Tables 2, 3 and 4).

The sense strand sequences of the six shortlisted siRNAs 
(Tables 2, 3 and 4) were screened for on/off-target similari-
ties against the forty whole-genome sequences of SARS-
CoV2. It was found that all the six shortlisted siRNAs 
showed an on-target effect (i.e., matched with the intended 
regions), and none of them showed off-target matches.

The human AGO proteins consist of four func-
tional domains, namely N-terminal domain (N), PIWI/
Argonaute/Zwille (PAZ) domain, MID domain, and 
P-element-induced wimpy tested (PIWI) domain. The 
cap-binding-like domain (MC) is found within the MID 
domain [47, 48]. The PIWI domain in AGO2 and 3 con-
tains four amino acids: aspartic acid (D), glutamic acid 
(E), aspartic acid (D), and histidine (H) known as “cata-
lytic tetrad,” which is essential for the cleavage of the 
mRNA. The PAZ and MID domains bind with the 3′ and 
5′ end of the guide strand, respectively [47]. In the pre-
sent study, the docked complex with the lowest binding 
energy, i.e., model 1 among the output complexes, was 
considered to be the best one. Besides considering the 
binding score, the domains with which RNA interacted 
were also studied. This was known by looking at the 
interacting residues of the AGO protein with the guide 
strand of siRNA (Supplementary Table  23). The amino 
acid sequence positions of the PAZ and PIWI domains 
were known from the UniProt database by giving the 
PDB ID of the protein that was used as a template by 
HDOCK.

A few bases of the guide strands of siRNAs were pro-
truded from the docked complexes of AGO with siR-
NAs M8.5 (Fig. 3), M8.3 (Fig. 4), N11.2 (Fig. 5), S10.3 
(Fig.  6), and S28.5 (Fig.  7). This was also observed in 
the studies of Chowdhury et al. [30] and Shawan et al. 
[31]. siRNA N10.1 has spread across the domains in 
the docked complex when compared with the remain-
ing siRNAs (Fig. 8). All the siRNAs in the docked com-
plexes were found to interact with the  PIWI domain. 
Concerning the PAZ domain, only N10.1 and S28.5 
siRNAs were found to show interaction. Among the 
siRNAs designed for S, M, and N genes, S28.5, M8.3, 
and N11.2 have the lowest (more negative value) dock-
ing scores of −356.13, −350.68, and −347.70, respec-
tively (Supplementary Table 23). Although only N10.1 
and S28.5 siRNAs have interacted with both PAZ and 

PIWI domains, the remaining siRNAs are efficacious 
in terms of the SMEpred score. More or less a simi-
lar situation was also observed in the study of Chowd-
hury et al. [30], where siRNAs from cluster 2 had fewer 
interactions with AGO2 protein in the docked complex 
compared to cluster 1. However, siRNAs from cluster 2 
outperformed in terms of siRNAPred scores by show-
ing better efficacy than the g15 siRNA from cluster 1, 
which is the best candidate (g15) in terms of molecular 
interactions with the AGO2 protein.

Apart from designing functional siRNAs in silico, effi-
cient delivery of siRNAs is essential for achieving the tar-
get gene silencing. Different methods for in vivo delivery 
of siRNAs are available from Chen et  al. [49], Van den 
Berg et  al. [50], and Lundstrom [51]. Also, strategies to 
reduce off-target gene silencing are outlined in Liu et al. 
[13], Dar et al. [38], and Chen et al. [49].

In the present study, six siRNAs were shortlisted tar-
geting M, N, and S genes of SARS-CoV2 that were found 
to be effective based on the outcomes of various tools 
that were used. However, in the future, siRNAs designed 
in the present study need to be further tested in  vitro 
and in vivo to confirm their efficacy for the treatment of 
COVID-19.

Conclusion
siRNA-mediated gene silencing is one of the promising 
approaches for treating COVID-19. In this study, a total 
of six different functional siRNAs targeting three struc-
tural genes M, N, and S (two siRNAs for each of the 
three genes) were designed and tested for their efficacy 
using different online tools, along with molecular dock-
ing studies. The efficiency in the design of siRNAs against 
SARS-CoV2 was maximized in the present study by using 
diverse online tools and subsequent shortlisting of the 
designed siRNAs based on a few important parameters. 
All the six siRNAs designed in the present study were 
found to be effective in inhibiting the target. Experimen-
tal validations of siRNAs designed in the present study 
need to be carried out in the future.

Abbreviations
SARS-CoV2: Severe acute respiratory syndrome coronavirus-2; COVID-19: Coro-
navirus disease 2019; siRNA: Short interfering RNA; RNAi: RNA interference; 
mRNA: Messenger RNA; RISC: RNA-induced silencing complex; E: Envelope; M: 
Membrane; S: Spike; N: Nucleocapsid; NCBI: National Centre for Biotechnology 
Information; U: Ui-Tei; R: Reynolds; A: Amarzguioui; Tm: Seed-duplex stability; 
i-Score: Inhibitory score; BLAST: Basic Local Alignment Search Tool; WR: Worst 
rank; FFT: Fast Fourier transform; 3D: Three dimensional; PDB: Protein Data 
Bank; AGO2: Argonaute-2 protein;; AGO: Argonaute; RMSD: Root-mean-square 
deviation; SVM: Support vector machine; dG: Gibbs free energy; E: Expect; N: 
N-terminal domain; PAZ: PIWI/Argonaute/Zwille; PIWI: P-element-induced 
wimpy; D: Aspartic acid; E: Glutamic acid; D: Aspartic acid; H: Histidine.



Page 14 of 16Ayyagari  Journal of Genetic Engineering and Biotechnology           (2022) 20:65 

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s43141- 022- 00346-z.

Additional file 1: Supplementary Table 1. Conserved regions of gene ‘M’ 
used for the design of siRNAs.

Additional file 2: Supplementary Table 2. Conserved regions of gene ‘N’ 
used for the design of siRNAs.

Additional file 3: Supplementary Table 3. Conserved regions of gene ‘S’ 
used for the design of siRNAs.

Additional file 4: Supplementary Table 4. List of siRNAs predicted by 
RNAxs for various conserved regions of ‘M’ gene.

Additional file 5: Supplementary Table 5. List of siRNAs predicted by 
RNAxs for various conserved regions of ‘N’ gene.

Additional file 6: Supplementary Table 6. List of siRNAs predicted by 
RNAxs for various conserved regions of ‘S’ gene.

Additional file 7: Supplementary Table 7. List of siRNAs predicted by 
siDirect for various conserved regions of the M gene.

Additional file 8: Supplementary Table 8. List of siRNAs predicted by 
siDirect for various conserved regions of the ‘N’ gene.

Additional file 9: Supplementary Table 9. List of siRNAs predicted by 
siDirect for various conserved regions of the ‘S’ gene.

Additional file 10: Supplementary Table 10. List of siRNAs predicted by 
i-Score Designer for various conserved regions of the ’M’ gene

Additional file 11: Supplementary Table 11. List of siRNAs predicted by 
i-Score Designer for various conserved regions of the ’N’ gene

Additional file 12: Supplementary Table 12. List of siRNAs predicted by 
i-Score Designer for various conserved regions of the ’S’ gene

Additional file 13: Supplementary Table 13. List of siRNAs predicted by 
OligoWalk for various conserved regions of the ‘M’ gene.

Additional file 14: Supplementary Table 14. List of siRNAs predicted by 
OligoWalk for various conserved regions of the ‘N’ gene.

Additional file 15: Supplementary Table 15. List of siRNAs predicted by 
OligoWalk for various conserved regions of the ‘S’ gene.

Additional file 16: Supplementary Table 16. List of siRNAs obtained at 
step 1 for M, N & S genes

Additional file 17: Supplementary Table 17. List of siRNAs obtained at 
step 2 for M, N & S genes

Additional file 18: Supplementary Table 18. List of siRNAs obtained at 
step 3 for M, N & S genes

Additional file 19: Supplementary Table 19. List of siRNAs obtained at 
step 4 for M, N & S genes

Additional file 20: Supplementary Table 20. siRNAs predicted for M 
gene at Step 5/ 6 and their parameters.

Additional file 21: Supplementary Table 21. siRNAs predicted for N 
gene at Step 5/ 6 and their parameters.

Additional file 22: Supplementary Table 22. siRNAs predicted for S 
gene at Step 5/ 6 and their parameters.

Additional file 23: Supplementary Table 23. List of interacting residues 
of human AGO2 protein with the nucleotides of the guide strands of 
siRNAs of M, N & S genes within 5.0 Å.

Additional file 24: Supplementary Fig. S1 a–c. Structures of guide 
strands of siRNAs of M, N & S genes and their energy values.

Additional file 25: Supplementary Fig. S2 a–c. Lowest free energy 
structures of guide strands of siRNAs of M, N & S genes and their cor-
responding target regions and their energy values.

Acknowledgements
Not applicable

Author’s contributions
VSA conceived the study, designed the workflow, generated the data, 
analyzed the data, and wrote the manuscript (including revisions). The author 
read and approved the final manuscript.

Funding
Not applicable

Availability of data and materials
The datasets generated during the current study are included within the main 
text of the article and in the supplementary materials. Data (if any) shall be 
provided upon suitable request to the corresponding author.

Declarations

Ethics approval and consent to participate
Not applicable

Consent for publication
Not applicable

Competing interests
The author declares that he has no competing interests.

Received: 13 August 2021   Accepted: 18 April 2022

References
 1. Prasad A, Prasad M (2020) SARS-CoV-2: the emergence of a viral patho-

gen causing havoc on human existence. J Genet 99:37. https:// doi. org/ 
10. 1007/ s12041- 020- 01205-x

 2. Sexton NR, Smith EC, Blanc H, Vignuzzi M, Peersen OB, Denison MR 
(2016) Homology-based identification of a mutation in the coronavirus 
RNA-dependent RNA polymerase that confers resistance to multiple 
mutagens. J Virol 90(16):7415–7428. https:// doi. org/ 10. 1128/ JVI. 00080- 16

 3. Song Z, Xu Y, Bao L, Zhang L, Yu P, Qu Y, Zhu H, Zhao W, Han Y, Qin C 
(2019) From SARS to MERS, thrusting coronaviruses into the spotlight. 
Viruses. 11(1):59. https:// doi. org/ 10. 3390/ v1101 0059

 4. Sajid MI, Moazzam M, Cho Y, Kato S, Xu A, Way JJ, Lohan S, Tiwari RK 
(2021) siRNA therapeutics for the therapy of COVID-19 and other coro-
naviruses. Mol Pharm 18:2105–2121. https:// doi. org/ 10. 1021/ acs. molph 
armac eut. 0c012 39

 5. Richman DD (2021) COVID-19 vaccines: implementation, limitations and 
opportunities. Glob Health Med 3(4):184–186. https:// doi. org/ 10. 35772/ 
ghm. 2021. 01010

 6. Amarzguioui M, Prydz H (2004) An algorithm for selection of functional 
siRNA sequences. Biochem Biophys Res Commun 316(4):1050–1058. 
https:// doi. org/ 10. 1016/j. bbrc. 2004. 02. 157

 7. Lu ZJ, Mathews DH (2008) Efficient siRNA selection using hybridization 
thermodynamics. Nucleic Acids Res 36(2):640–647. https:// doi. org/ 10. 
1093/ nar/ gkm920

 8. Naito Y, Yoshimura J, Morishita S, Ui-Tei K (2009) siDirect 2.0: updated 
software for designing functional siRNA with reduced seed-dependent 
off-target effect. BMC Bioinformatics 10:392. https:// doi. org/ 10. 1186/ 
1471- 2105- 10- 392

 9. Ichihara M, Murakumo Y, Masuda A, Matsuura T, Asai N, Jijiwa M, Ishida M, 
Shinmi J, Yatsuya H, Qiao S, Takahashi M, Ohno K (2007) Thermodynamic 
instability of siRNA duplex is a prerequisite for dependable prediction of 
siRNA activities. Nucleic Acids Res 35(18):e123. https:// doi. org/ 10. 1093/ 
nar/ gkm699

 10. Tafer H, Ameres SL, Obernosterer G, Gebeshuber CA, Schroeder R, Mar-
tinez J, Hofacker IL (2008) The impact of target site accessibility on the 
design of effective siRNAs. Nat Biotechnol 26:578–583. https:// doi. org/ 10. 
1038/ nbt14 04

https://doi.org/10.1186/s43141-022-00346-z
https://doi.org/10.1186/s43141-022-00346-z
https://doi.org/10.1007/s12041-020-01205-x
https://doi.org/10.1007/s12041-020-01205-x
https://doi.org/10.1128/JVI.00080-16
https://doi.org/10.3390/v11010059
https://doi.org/10.1021/acs.molpharmaceut.0c01239
https://doi.org/10.1021/acs.molpharmaceut.0c01239
https://doi.org/10.35772/ghm.2021.01010
https://doi.org/10.35772/ghm.2021.01010
https://doi.org/10.1016/j.bbrc.2004.02.157
https://doi.org/10.1093/nar/gkm920
https://doi.org/10.1093/nar/gkm920
https://doi.org/10.1186/1471-2105-10-392
https://doi.org/10.1186/1471-2105-10-392
https://doi.org/10.1093/nar/gkm699
https://doi.org/10.1093/nar/gkm699
https://doi.org/10.1038/nbt1404
https://doi.org/10.1038/nbt1404


Page 15 of 16Ayyagari  Journal of Genetic Engineering and Biotechnology           (2022) 20:65  

 11. Matveeva O, Nechipurenko Y, Rossi L, Moore B, Sætrom P, Ogurtsov AY, 
Atkins JF, Shabalina SA (2007) Comparison of approaches for rational 
siRNA design leading to a new efficient and transparent method. Nucleic 
Acids Res 35(8):e63. https:// doi. org/ 10. 1093/ nar/ gkm088

 12. Gong W, Ren Y, Zhou H, Wang Y, Kang S, Li T (2008) siDRM: an effec-
tive and generally applicable online siRNA design tool. Bioinformatics. 
24(20):2405–2406. https:// doi. org/ 10. 1093/ bioin forma tics/ btn442

 13. Liu Q, Zhou H, Zhu R, Xu Y, Cao Z (2014) Reconsideration of in silico siRNA 
design from a perspective of heterogeneous data integration: problems 
and solutions. Brief Bioinform 15(2):292–305. https:// doi. org/ 10. 1093/ bib/ 
bbs073

 14. Perez-Mendez M, Zárate-Segura P, Salas-Benito J, Bastida-González F 
(2020) siRNA design to silence the 3’ UTR region of Zika virus. Biomed Res 
Int 67567546. https:// doi. org/ 10. 1155/ 2020/ 67593 46

 15. Giulietti M, Righetti A, Cianfruglia L, Šabanović B, Armeni T, Principato 
G, Piva F (2018) To accelerate the Zika beat: candidate design for RNA 
interference-based therapy. Virus Res 255:33–140. https:// doi. org/ 10. 
1016/j. virus res. 2018. 07. 010

 16. Hashem MA, Shuvo MA, Arifuzzaman (2017) A computational approach 
to design potential antiviral RNA for 3’UTR post transcriptionalalgorithms 
gene silencing of different strains of Zika virus. J Young Pharm 9(1):23–30

 17. Sohrab SS, El-Kafrawy SA, Mirza Z, Hassan AM, Alsaqaf F, Azhar EI (2021a) 
In silico prediction and experimental validation of siRNAs targeting 
ORF1ab of MERS-CoV in Vero cell line. Saudi J Biol Sci 28:1348–1355. 
https:// doi. org/ 10. 1016/j. sjbs. 2020. 11. 066

 18. El-Kafrawy SA, Sohrab SS, Mirza Z, Hassan AM, Alsaqaf F, Azhar EI (2021) In 
vitro inhibitory analysis of rationally designed siRNAs against MERS-CoV 
replication in Huh7 cells. Molecules 26(9):2610. https:// doi. org/ 10. 3390/ 
molec ules2 60926 10

 19. Sohrab SS, El-Kafrawy SA, Mirza Z, Hassan AM, Alsaqaf F, Azhar EI (2021b) 
Designing and evaluation of MERS-CoV siRNAs in HEK-293 cell line. J 
Infect Public Health 14(2):238–243. https:// doi. org/ 10. 1016/j. jiph. 2020. 12. 
018

 20. McMillen CM, Beezhold DH, Blachere FM, Othumpangat S, Kashon ML, 
Noti JD (2016) Inhibition of influenza a virus matrix and nonstructural 
gene expression using RNA interference. Virology 497:171–184. https:// 
doi. org/ 10. 1016/j. virol. 2016. 07. 019

 21. Jain B, Jain A, Prakash O, Singh AK, Dangi T, Singh M, Singh KP (2014) In 
silico designing of siRNA targeting PB1 gene of influenza a virus and in 
vitro validation. J App Pharm Sci 4(8):42–47. https:// doi. org/ 10. 7324/ JAPS. 
2014. 40808

 22. Jain B, Jain A, Prakash O, Singh AK, Dangi T, Singh M, Singh KP (2015) In 
vitro validation of self designed “universal influenza a siRNA”. Indian J Exp 
Biol 53:514–521

 23. Panda S, Banik U, Adhikary AK (2020) Bioinformatics analysis reveals 
four major hexon variants of human adenovirus type-3 (HAdV-3) as the 
potential strains for development of vaccine and siRNA-based therapeu-
tics against HAdV-3 respiratory infections. Infect Genet Evol 85:104439. 
https:// doi. org/ 10. 1016/j. meegid. 2020. 104439

 24. ElHefnawi M, Kim T, Kamar MA, Min S, Hasscolorsan NM, El-Ahwany E, Kim 
H, Zada S, Amer M, Windisch MP (2016) In silico design and experimental 
validation of siRNAs targeting conserved regions of multiple hepatitis C 
virus genotypes. PLoS One 11(7):e0159211. https:// doi. org/ 10. 1371/ journ 
al. pone. 01592 11

 25. Shohan MUS, Paul A, Hossain M (2018) Computational design of potential 
siRNA molecules for silencing nucleoprotein gene of rabies virus. Futur 
Virol 13(3):159–170. https:// doi. org/ 10. 2217/ fvl- 2017- 0117

 26. Malekshahi SS, Arefian E, Salimi V, Azad TM, Yavarian J (2016) Potential 
siRNA molecules for nucleoprotein and M2/L region of respiratory syncy-
tial virus: in silico design. Jundishapur J Microbiol 9(4):e34304. https:// doi. 
org/ 10. 5812/ jjm. 34304

 27. Uludag H, Parent K, Aliabadi HM, Haddadi A (2020) Prospects for RNAi 
therapy of COVID-19. Front Bioeng Biotechnol 8:916. https:// doi. org/ 10. 
3389/ fbioe. 2020. 00916

 28. Pandey AK, Verma S (2021) An in silico analysis of effective siRNAs against 
COVID-19 by targeting the leader sequence of SARS-CoV-2. Adv Cell 
Gene Ther 4:e107. https:// doi. org/ 10. 1002/ acg2. 107

 29. Tolksdorf B, Nie C, Niemeyer D, Röhrs V, Berg J, Lauster D, Adler JM, Haag 
R, Trimpet J, Kaufer B, Drosten C, Kurreck J (2021) Inhibition of SARS-CoV-2 
replication by a small interfering RNA targeting the leader sequence. 
Viruses 13(10):2030. https:// doi. org/ 10. 3390/ v1310 2030

 30. Chowdhury UF, Shohan MUS, Hoque KI, Beg MA, Siam MKS, Moni MA 
(2021) A computational approach to design potential siRNA molecules 
as a prospective tool for silencing nucleocapsid phosphoprotein and 
surface glycoprotein gene of SARS-CoV-2. Genomics 113(1):331–343. 
https:// doi. org/ 10. 1016/j. ygeno. 2020. 12. 021

 31. Shawan MMAK, Sharma AR, Bhattacharya M, Mallik B, Akhter F, Shakil MS, 
Hossain MM, Banik S, Lee S-S, Hasan MA, Chakraborty C (2021) Designing 
an effective therapeutic siRNA to silence RdRp gene of SARS-CoV-2. Infect 
Genet Evol 93:104951. https:// doi. org/ 10. 1016/j. meegid. 2021. 104951

 32. Panda K, Alagarasu K, Cherian SS, Parashar D (2021) Prediction of poten-
tial small interfering RNA molecules for silencing of the spike gene of 
SARS-CoV-2. Indian J Med Res 153(1-2):182–189. https:// doi. org/ 10. 4103/ 
ijmr. IJMR_ 2855_ 20

 33. Lu ZJ, Mathews DH (2008) OligoWalk: an online siRNA design tool utiliz-
ing hybridization thermodynamics. Nucleic Acids Res 36(suppl_2):W104–
W108. https:// doi. org/ 10. 1093/ nar/ gkn250

 34. Ui-Tei K, Naito Y, Takahashi F, Haraguchi T, Ohki-Hamazaki H, Juni A, Ueda 
R, Saigo K (2004) Guidelines for the selection of highly effective siRNA 
sequences for mammalian and chick RNA interference. Nucleic Acids Res 
32(3):936–948. https:// doi. org/ 10. 1093/ nar/ gkh247

 35. Reynolds A, Leake D, Boese Q, Scaringe S, Marshall WS, Khvorova A (2004) 
Rational siRNA design for RNA interference. Nat Biotechnol 22:326–330. 
https:// doi. org/ 10. 1038/ nbt936

 36. Lu ZJ, Gloor JW, Mathews DH (2009) Improved RNA secondary structure 
prediction by maximizing expected pair accuracy. RNA 15(10):1805–1813. 
https:// doi. org/ 10. 1261/ 2Frna. 16436 09

 37. Piekna-Przybylska D, DiChiacchio L, Mathews DH, Bambara RA (2010) 
A sequence similar to tRNA 3 Lys gene is embedded in HIV-1 U3-R and 
promotes minus-strand transfer. Nat Struct Mol Biol 17:83–89. https:// doi. 
org/ 10. 1038/ nsmb. 1687

 38. Dar SA, Gupta AK, Thakur A, Kumar M (2016) SMEpred workbench: a web 
server for predicting efficacy of chemically modified siRNAs. RNA Biol 
13(11):1144–1151. https:// doi. org/ 10. 1080/ 15476 286. 2016. 12297 33

 39. Yan Y, Tao H, He J, Huang S-Y (2020) The HDOCK server for integrated 
protein-protein docking. Nat Protoc 15:1829–1852. https:// doi. org/ 10. 
1038/ s41596- 020- 0312-x

 40. Du Q, Thonberg H, Wang J, Wahlestedt C, Liang Z (2005) A systematic 
analysis of the silencing effects of an active siRNA at all single-nucleotide 
mismatched target sites. Nucleic Acids Res 33(5):1671–1677. https:// doi. 
org/ 10. 1093/ nar/ gki312

 41. Birmingham A, Anderson EM, Reynolds A, Ilsley-Tyree D, Leake D, Fedorov 
Y, Baskerville S, Maksimova E, Robinson K, Karpilow J, Marshall WS, Khvo-
rova A (2006) 3′ UTR seed matches, but not overall identity, are associated 
with RNAi off-targets. Nat Methods 3:199–204. https:// doi. org/ 10. 1038/ 
nmeth 854

 42. Ui-Tei K, Naito Y, Nishi K, Juni A, Saigo K (2008) Thermodynamic stability 
and Watson-crick base pairing in the seed duplex are major determinants 
of the efficiency of the siRNA-based off-target effect. Nucleic Acids Res 
36(22):7100–7109. https:// doi. org/ 10. 1093/ nar/ gkn902

 43. Nur SM, Hasan MA, Amin MA, Hossain M, Sharmin T (2015) Design of 
potential RNAi (miRNA and siRNA) molecules for Middle East respiratory 
syndrome coronavirus (MERS-CoV) gene silencing by computational 
method. Interdiscip Sci Comput Life Sci 7:257–265. https:// doi. org/ 10. 
1007/ s12539- 015- 0266-9

 44. Kwon OS, Kwon SJ, Kim JS, Lee G, Maeng HJ, Lee J, Hwang GS, Cha HJ, 
Chun KH (2018) Designing tyrosinase siRNAs by multiple prediction 
algorithms and evaluation of their anti-melanogenic effects. Biomol 
Ther (Seoul) 26(3):282–289. https:// doi. org/ 10. 4062/ 2Fbio molth er. 
2017. 115

 45. Chalk AM, Wahlestedt C, Sonnhammer ELL (2004) Improved and auto-
mated prediction of effective siRNA. Biochem Biophys Res Commun 
319(1):264–274. https:// doi. org/ 10. 1016/j. bbrc. 2004. 04. 181

 46. Elbashir SM, Lendeckel W, Tuschl T (2001) RNA interference is mediated 
by 21- and 22-nucleotide RNAs. Genes Dev 15(2):188–200. https:// doi. 
org/ 10. 1101/ gad. 862301

 47. Müller M, Fazi F, Ciaudo C (2020) Argonaute proteins: from structure to 
function in development and pathological cell fate determination. Front 
Cell Dev Biol 7:360. https:// doi. org/ 10. 3389/ fcell. 2019. 00360

 48. Hutvagner G, Simard MJ (2008) Argonaute proteins: key players in 
RNA silencing. Nat Rev Mol Cell Biol 9(1):22–32. https:// doi. org/ 10. 
1038/ nrm23 21

https://doi.org/10.1093/nar/gkm088
https://doi.org/10.1093/bioinformatics/btn442
https://doi.org/10.1093/bib/bbs073
https://doi.org/10.1093/bib/bbs073
https://doi.org/10.1155/2020/6759346
https://doi.org/10.1016/j.virusres.2018.07.010
https://doi.org/10.1016/j.virusres.2018.07.010
https://doi.org/10.1016/j.sjbs.2020.11.066
https://doi.org/10.3390/molecules26092610
https://doi.org/10.3390/molecules26092610
https://doi.org/10.1016/j.jiph.2020.12.018
https://doi.org/10.1016/j.jiph.2020.12.018
https://doi.org/10.1016/j.virol.2016.07.019
https://doi.org/10.1016/j.virol.2016.07.019
https://doi.org/10.7324/JAPS.2014.40808
https://doi.org/10.7324/JAPS.2014.40808
https://doi.org/10.1016/j.meegid.2020.104439
https://doi.org/10.1371/journal.pone.0159211
https://doi.org/10.1371/journal.pone.0159211
https://doi.org/10.2217/fvl-2017-0117
https://doi.org/10.5812/jjm.34304
https://doi.org/10.5812/jjm.34304
https://doi.org/10.3389/fbioe.2020.00916
https://doi.org/10.3389/fbioe.2020.00916
https://doi.org/10.1002/acg2.107
https://doi.org/10.3390/v13102030
https://doi.org/10.1016/j.ygeno.2020.12.021
https://doi.org/10.1016/j.meegid.2021.104951
https://doi.org/10.4103/ijmr.IJMR_2855_20
https://doi.org/10.4103/ijmr.IJMR_2855_20
https://doi.org/10.1093/nar/gkn250
https://doi.org/10.1093/nar/gkh247
https://doi.org/10.1038/nbt936
https://doi.org/10.1261/2Frna.1643609
https://doi.org/10.1038/nsmb.1687
https://doi.org/10.1038/nsmb.1687
https://doi.org/10.1080/15476286.2016.1229733
https://doi.org/10.1038/s41596-020-0312-x
https://doi.org/10.1038/s41596-020-0312-x
https://doi.org/10.1093/nar/gki312
https://doi.org/10.1093/nar/gki312
https://doi.org/10.1038/nmeth854
https://doi.org/10.1038/nmeth854
https://doi.org/10.1093/nar/gkn902
https://doi.org/10.1007/s12539-015-0266-9
https://doi.org/10.1007/s12539-015-0266-9
https://doi.org/10.4062/2Fbiomolther.2017.115
https://doi.org/10.4062/2Fbiomolther.2017.115
https://doi.org/10.1016/j.bbrc.2004.04.181
https://doi.org/10.1101/gad.862301
https://doi.org/10.1101/gad.862301
https://doi.org/10.3389/fcell.2019.00360
https://doi.org/10.1038/nrm2321
https://doi.org/10.1038/nrm2321


Page 16 of 16Ayyagari  Journal of Genetic Engineering and Biotechnology           (2022) 20:65 

 49. Chen W, Feng P, Liu K, Wu M, Lin H (2020) Computational identification 
of small interfering RNA targets in SARS-CoV2. Virol Sin 35:359–361. 
https:// doi. org/ 10. 1007/ s12250- 020- 00221-6

 50. Van den Berg F, Limani SW, Mnyandu N, Maepa MB, Ely A, Arbuthnot P 
(2020) Advances with RNAi-based therapy for hepatitis B virus infection. 
Viruses 12(8):851. https:// doi. org/ 10. 3390/ v1208 0851

 51. Lundstrom K (2020) Viral vectors applied for RNAi-based antiviral therapy. 
Viruses 12(9):924. https:// doi. org/ 10. 3390/ v1209 0924

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://doi.org/10.1007/s12250-020-00221-6
https://doi.org/10.3390/v12080851
https://doi.org/10.3390/v12090924

	Design of siRNA molecules for silencing of membrane glycoprotein, nucleocapsid phosphoprotein, and surface glycoprotein genes of SARS-CoV2
	Abstract 
	Background
	Methods
	Retrieval of nucleotide sequences from NCBI — nucleotide database
	Multiple sequence alignment
	Tools used for the design and validation of siRNAs
	Design of siRNAs by RNAxs
	Design of siRNAs by siDirect
	Design of siRNAs by i-score designer
	Design of siRNAs by OligoWalk
	siRNA scales
	Calculation of the free energy of folding of the guide strand
	Calculation of the free energy of binding between the guide strand and the target
	Validation of the efficacy of siRNAs
	Off-target effects of siRNAs
	Molecular docking of the guide strand and argonaute protein

	siRNA design workflow strategy

	Results and discussion
	Conclusion
	Acknowledgements
	References


