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The conversion of prion protein from normal to scrapie followed by the aggregation and deposition of this

scrapie form leads to various neurodegenerative diseases. A few studies carried out by researchers suggest

that E219K prion mutant (glutamate to lysine mutation at residue position 219) is more stable than wild type

protein. However a similar point mutation E200K (glutamate to lysine mutation at residue position 200) is

pathogenic. In this study we have carried out detailed atomistic simulation of the wild type, pathogenic

mutant E200K and E219K mutant which provides more stability. The aim of the study was to detect the

early structural changes present in all the three variants which might be responsible for the stability or

for their conversion from PrPC to PrPSc. MSM based analyses have been carried out to find out the

differences between WT, E200K and E219K systems. Markov state model (MSM) analysis was able to

predict the intermediate states which helped to understand the effect of same mutation at two different

locations. The MSM analysis was able to show that the extra stability of E219K mutant may be a result of

the increase in number of native contacts, strong salt bridges and less random motions. While

pathogenicity of E200K mutant can be attributed to loss of some crucial salt-bridge interactions,

increased random motions between helix 2 and helix 3.
1. Introduction

The prion protein (PrP) is a membrane bound glycoprotein
present in the neuronal cells of mammals. It is linked to the
cell membrane via a glycophosphatidylinositol anchor
present at its C-terminus.1,2 Structural changes in the prion
protein are responsible for a group of neurodegenerative
diseases known as prion diseases or transmissible spongi-
form encephalopathies (TSE). These diseases include scrapie
in sheep, bovine spongiform encephalopathy (BSE) in cattle,
and Creutzfeldt–Jakob disease (CJD), Gerstmann–Straussler–
Scheinker disease, fatal familial insomnia, and kuru in
humans.3–8 These structural changes in the prion protein
may be attributed to the mutations occurring in the prion
protein gene. These mutations may occur owing to an
infection or inheritance.9,10

PrP is a glycoprotein of around 209 residues. Residues 23–
124 form the N-terminal region which is a highly disordered
and unstructured region. Residues 126–231 form the C-
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terminal region, which is an ordered and folded domain. It
comprises of three a-helices namely helix H1, 144–154; helix
H2, 173–195; helix H3, 200–226 and two short anti-parallel b-
strands strand1(St1), 127–130; and strand2(St2), 162–165.
The H2 and H3 are known to form a covalent bridge through
by a disulde bond between Cys179 and Cys214 (ref. 11–14).
The normal prion protein or PrPC is monomeric, soluble, and
protease-sensitive. Scrapie prion protein or PrPSc is highly
insoluble and protease-resistant.10,15 Both these forms differ
in their structural content. The structure for the PrPSc is ill
dened due to its insolubility and conformational heteroge-
neity.16 However it is known that the PrPSc is rich in b-
content as compared to that of PrPC, which is rich in helical
content. These structural differences are responsible for the
difference in their physiochemical properties. The newly
formed scrapie prion protein can induce nearby normal
prion proteins to acquire a misfolded form.17 The scrapie
prion proteins also have a tendency to aggregate and form
dense amyloid brillary structure. It gets deposited within
the neuronal cells and results in neurodegenerative disor-
ders. It is also known that these structural changes comprise
of a to b refolding events and studying such events poses
challenges in understanding their function. The structural
changes in the prion protein are attributed to mutations
hence studying dynamics of mutated protein can provide
better understanding of these transition events.
RSC Adv., 2019, 9, 14567–14579 | 14567
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The structural changes that cause the conversion of PrPC to
PrPSc and the mechanistic details of PrPSc self-propagation
have not yet been understood completely. There are several
studies which provide some understanding on brillation and
oligomerization processes.18–21 However, an important
concern is to identify a region or a group of residue sequences
vulnerable to undergo conformational changes and act as
a site for initial seeding and lead towards brillary growth.
Earlier studies have suggested that the residues 125–165
comprising of St1–H1–St2 region are involved in the confor-
mational transition of PrPC to PrPSc.22–27 The studies by
Chen W. et al.9 and Chen J. et al.28 have stated that the residues
173–226 comprising of mainly the helices H2–H3, play
a crucial role in the conformational transitions. The studies by
Adrover et al.,29 Chakroun et al.,30 Tycko et al.31 and Dima
et al.32 have suggested the role of H1 and H3 in the conversion
of PrPC to PrPSc. Role of tertiary/long range interactions
between St2–H2 loop and H3 have been found to be crucial to
understand the early events in the misfolding process.33,34 The
stability of PrPC is mostly attributed to its hydrophobic core
and hydrogen bonds.35–38 Hence pathogenic mutations
residing in the hydrophobic core of PrPC display different
effects on the mature protein.35 Besides amino acid point
mutations, the pH, and temperature also affects the thermo-
dynamic stability of the protein and lead to pathological
conformational transformations.39–42 The understanding of
how various mutations affect the conformational changes in
prion protein would unveil the mechanism by which familial
mutations facilitate the pathogenic process.

Hence, in this work molecular dynamics of wild type,
a pathogenic mutant E200K responsible for the most
common familial form of Creutzfeldt–Jakob disease16,43,44

and a non-pathogenic mutant E219K known to provide extra
stability to PrP have been studied.45,46 Although the point
mutations (glutamate to lysine) are identical but occur at
different positions (one at position 200 and another at posi-
tion 219) and show contrasting effects i.e. one being patho-
genic (E200K) and another providing extra stability (E219K).
In order to understand the structural changes responsible for
difference in their functional behaviour due to these muta-
tions at different location, molecular dynamics simulations
have been performed. For each of these variants four sets of
simulations of 200 ns have been carried out. We have tried to
address the structural changes which may be responsible for
pathogenicity. Also we have tried to determine which of
structural changes may be responsible to provide extra
stability to protein. The main aim of the study is to under-
stand early events in the wild type, E200K and E219K prion
variants which may triggers PrPC to PrPSc conversion.
Various structural parameters have been calculated for these
simulations data and using these parameters, feature based
correlation analysis has been done. One of the feature from
the correlation analysis has been used for Markov State
Model (MSM) calculation, which has helped to study the
intermediate states and the kinetics of transitions involved
between them. MSM have been previously used to under-
stand folding/unfolding and f behaviour of protein.47–50
14568 | RSC Adv., 2019, 9, 14567–14579
2. Method molecular simulations
2.1. Simulation protocol

The NMR structure PDB id 1QM0 with the residue range 125–
228 was selected as the starting structure for the simulations as
the residues 23–124 are known to be highly disordered and
unstructured. The two variants of the prion protein were ob-
tained by replacing glutamate with lysine at position 200 and
another at position 219 respectively using Chimera.51 Molecular
dynamics simulations were carried out using GROMACS v5 (ref.
52) with AMBER ff99sb force eld53 for 200 ns (four sets) for all
the three systems. All the systems were solvated in a cubic box
with TIP3P54 water. The distance between closest protein frag-
ment and edges of the box was kept to be 9 Å. All the systems
were neutralized by adding Na+ ions. For wild type three Na+

ions were added for E200K and E219K one Na+ were added. The
energy minimization was carried out for 2500 steps. This was
followed by two step equilibration, the rst one was position
restrained NVT equilibration for 500 ps using V-rescale ther-
mostat.55 This was followed by NPT equilibration for 1 ns using
the Berendsen barostat.56 Long-range electrostatic interactions
were calculated using the particle-mesh Ewald (PME) method.57

A 12 Å cut-off was set for coulombic and van der Waals's
interactions. Newton's equation of motions was solved using
the Leap frog integrator with the integration time step of 2 fs.
The LINCS algorithm58 was used to constrain the bond lengths
involving in hydrogen atoms. The production runs for 200 ns
were carried out using Parrinello–Rahman barostat.59

2.2. Analysis

GROMACS analysis utilities, were used for the analysis. The
hydrogen bonds were calculated using g_hbond utility of
GROMACS where interactions with distance <0.35 nm between
cooperated donor and acceptor heavy atoms were considered.
GROMACS trajectory was converted to PDB trajectory and native
contacts analysis was done using cpptraj utility of AMBER Tools
using contact criteria of 0.35 nm.60 VMD was used for visuali-
zation and image rendering.61

2.3. Markov state models analysis (MSM)

Markov state models (MSM) is an important tool for predicting
interesting intermediate states and kinetics between them from
molecular dynamics data of a biological system. Creation of
states and the transition matrix depends on the choice of
collective variable (CVs) and the lag time.62–65 MSM calculations
were done using Pyemma soware package.66 Following steps
were carried out to build the MSM; (a) VAMP score calculation
was done for different features, which is based on variational
principle.67 The variational principle helps to check the
robustness of MSM. VAMP score were calculated for following
features viz. dihedral angle, positions (coordinates) and residue
min_dist (mindist). (b) Feature selection (CV), wherein the
residue minimum distance (mindist) was used as the featurizer.
(c) Computing of time independent component analysis (TICA)
using this featurizer as the second step. TICA helps to reduce
dimensionality of the trajectory data. (d) Clustering of MD data
This journal is © The Royal Society of Chemistry 2019
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using K means clustering and (e) creation of macrostate (states)
using PCCA. (f) Transition matrix was built using chosen lag
time in such a way that the transition matrix follows Markovian
behaviour. Eigen decomposition of transition matrix results in
eigenvectors which represents slow motions in the systems. The
uxes and mean passage time calculations are done from
computing transition pathways between states by discrete
transition path theory.68 The choice of lag time is related to
eigenvalue which, gives us physically measurable timescale
know as implied timescale (ti) using eqn (1).

ti ¼ � s
ln li

(1)

where ti is implied timescale, s is the lag time and li is an
eigenvalue. The validation of the MSM was done using
Chapman–Kolmogorov equation62 given by the eqn (2)

T(ns) ¼ T(s)n (2)

where n is an integer number of steps, T(s) is transition matrix
at lag time s.

The validated MSM model is very useful to understand
intermediate states and kinetics between them. All these steps
of MSM were carried out for all the three variants.
2.4. Electrostatic potential calculation

The electrostatic interactions within the protein plays impor-
tant role in maintaining the stable structure of protein. Any
change in the surface charge may alter the protein interaction
with solvent and other biomolecules in the near environment.
This can affect stability of protein. In the current study, ESP for
all the three variants were calculated using Poisson–Boltzmann
equation. The electrostatic potential j(r) for a simple system of
charged particles in solvent was calculated with space-
dependent dielectric constant 3(r) and the charge density r(r)
of the solute. Here for ESP calculation, solvent was considered
as continuous medium with an exterior dielectric constant (3ext
¼ 80) and the prion protein was treated as charged particles in
the solvent with an interior dielectric constant (3int ¼ 4). The
electrostatic potentials were calculated using programs
PDB2PQR,69 APBS70 and PROPKA.71 APBS calculations were
done form the MSM states. Visualization of APBS calculations
were done using VMD.
3. Results and discussions

Four sets of simulations have been carried out for 200 ns each
for wild type prion, pathogenic mutant (glutamate to lysine) at
position 200 and non-pathogenic mutant (glutamate to lysine)
at position 219. Henceforth, wild type system has been repre-
sented as WT and mutant at position 200 and 219 have been
represented as E200K and E219K respectively. Feature based
correlation analysis is done for rst trajectory to identify reac-
tion coordinate for the MSM. MSM analysis is carried out using
all the four sets of simulation for WT, E200K and E219K the
prion variants. Starting structure for all the three variants has
been shown in the Fig. 1 with the mutated residue represented
This journal is © The Royal Society of Chemistry 2019
as ball and stick. Most of the knowledge about prion protein is
available in the form of NMR structures. Hence, the backbone
chemical shis were calculated for simulated systems using
‘Shi2x’ soware.72 The chemical shis were calculated for all
the WT and mutants. The results of the simulations were
compared with that of experimental values of chemical shis
and are presented in the Fig. 2. It is clear that the experimental
shi values are in well agreement with that of all the three
simulated prion variants. These suggests that the systems have
been well equilibrated.

3.1. Correlated factors in prion dynamics

To identify which of the structural parameters are correlated
and important in discrimination of prion variants, an R based
utility has been used.73 It uses spectral based decompositions to
examine the covariances/correlations between parameters/
features. The features used to carry out this analysis were
RMSD, RGY, SASA, native contacts, residue distances, main-
chain–mainchain (MM) hydrogen bonds, mainchain–sidechain
(MS) hydrogen bonds and sidechain–sidechain (SS) hydrogen
bonds. The details of structural parameters have been given in
the ESI (Fig. S1–S7†). Before doing spectral decomposition,
clustering correlation was done using the above mentioned
parameters (Fig. 3A). The clustering correlation gives an idea
about how the different parameter are correlated with each
other. A positive value indicates positive correlation and
a negative value indicates negative correlation. The maximum
value for positive and negative correlation can be 1 and �1
respectively. From the Fig. 3A, maximum positive correlation is
seen between RGY and SASA.

The next step aer clustering correlation is the feature based
PCA to identify the dominant features contributing in the
protein dynamics. The Fig. 3B shows the results for feature
based PCA for all the three variants. In feature based PCA, clear
separation within the population of conformers was seen
between different prion variants (Fig. 3B). Wild type (blue
colour) and E219K (green colour) were clustered together
whereas E200K (orange colour) formed a separate cluster. The
arrows shown in the Fig. 3B suggests that native contacts and
hydrogen bonds (MM) were positively correlated while native
contacts and distance features were negatively correlated. From
the above clustering, it was clear that E219K had correlated
structural properties as observed for WT. However, E200K
behaved differently as compared to WT. The features like
distance, native contacts and mainchain–mainchain hydrogen
bonds played dominant role to discriminate E200K and WT,
E219K systems. This analysis has helped to nd the collective
variable for building the MSM. The distance (minimum
distance) feature has been used as a collective variable to nd
states in the MSM analysis.

3.2. Prion dynamics: interesting intermediate states and
kinetics

MSM analysis helps to understand kinetics followed by a system
from several discrete simulations data.74 The selection of lag
time plays an important role in construction of aMarkov model.
RSC Adv., 2019, 9, 14567–14579 | 14569



Fig. 1 Starting structure used for simulation with mutant residue represented as ball and stick. (A) Wild type. (B) E200K. (C) E219K.
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The lag time for building the macro state was calculated by
plotting implied timescale (ESI Fig. S8a†). The lag time of 20 ns
was chosen for all the three variants since, it attains saturation
Fig. 2 Comparison of chemical shift values between experimental and

14570 | RSC Adv., 2019, 9, 14567–14579
aer 20 ns. VAMP score was calculated for different features. It
helps to check the robustness of the MSM. VAMP score were
calculated for following features viz. dihedral angle, positions
simulated ensemble structure for all the three variants.

This journal is © The Royal Society of Chemistry 2019



Fig. 3 (A) Correlation plot between various parameters. Upper triangle represents the correlation value between different parameters. Lower
triangle shows clusters where blue colour is wild type, red colour E200K variant and yellow colour is for E219K variant. (B) PCA cluster using
defined list of parameters (RMSD, RGY, SASA, native contacts, hydrogen bonds, and important contacts). Blue colour is for wild type, orange
colour is for E200K variant and green colour is for E219K variant.
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(coordinates) and residue min_dist ESI Fig. S8b.† VAMP score
was maximum for residue min_dist CV. Validation of
Markovian behaviour of MSM model is tested through the
Chapman–Kolmogorov62 equation. This gives an idea about the
probability of decay observed for the major metastable states
predicted by MSM. The ESI Fig. S9† has been given to show the
This journal is © The Royal Society of Chemistry 2019
validation of MSM model using the Chapman–Kolmogorov
equation. In order to get the kinetics of the system, the trajec-
tories from all the four runs were used to build MSM. In case of
the WT, the spread of conformation along rst time indepen-
dent component (tIC) was from �0.5 to 2 and �2 to 1 along
second tIC component has been seen in the Fig. 4. TICA
RSC Adv., 2019, 9, 14567–14579 | 14571



Fig. 4 Markov state model analysis for wild type. (A) Free energy landscape along first two time independent component. (B) Projection of
independent component. (C) Free energy landscape along first two time independent component showing three major states (red, blue and
green) along with their representative structure. (D) Free energy landscape along first two time independent component showing pathway
followed to reach unstable state (green colour) from stable state (red colour).
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clustering followed by Perron-cluster cluster analysis (PCCA)
macrostate clustering resulted into three metastable states
which have been shown in the Fig. 4C. The state 1 (red colour)
encompasses of the structure that belongs to the low energy
basins. The state 2 represented in blue colour encompasses the
structure within an energy range of 2.4 to 4.8 kT. The state 2 was
separated from state 1 by an energy barrier of 5.6 to 6.4 kT. The
third state (green colour) consists of conformation with slightly
higher energy (4.8 to 6.4 kT). The structures in state 1 had well-
formed secondary structure components (ESI Fig. S10†). Similar
to state 1, state 2 also had conformers with well-formed
secondary structures. However in the state 3 the conformers
showed deformed secondary structures. There was loss in hel-
icity of H1 along C-terminal region; H3 also showed deforma-
tion along C-terminal region. Markov state model analysis also
provides an insight on transitions between states. It gives the
probability of the protein conformations traversing from one
state to another. It was observed that the structure tends to go
from state 1 to state 2 and nally reaching state 3. The mean
14572 | RSC Adv., 2019, 9, 14567–14579
passage time predicted for reaching state 3 from state 1 was
predicted to be 340 ms whereas, the switch back time from state
3 to state 1 was predicted to be 1500 ns.

In case of E200K system, the spread of conformational space
along the rst tIC and second tIC has been shown in the Fig. 5.
Three major states were observed, state 1 (red) consists of two
sub-states. The sub-state 1 laid at tIC1 tIC2 (1, �1.7) with an
energy value of �0.72 kT while the sub-state 2 laid at tIC1 tIC2
(0.5, 1) with an energy value in the range of 0.72 kT. The two sub
states were separated by �3.6 kT energy barrier.

The state 2 (blue) consists of population with energy varying
in the range of 0.72 to 2.8 kT. Majority of population in state 2
laid at tIC1 tIC2 (�2, 0). The state 1 and state 2 were separated
by an energy barrier of �5.76 kT. The structures in the state 3
(green colour) had energy within the range of 0.72 to 6 kT.

The structures in state 1 had well-formed secondary struc-
tures while the state 2 had slightly opened and deformed H2
(ESI Fig. S11†). The state 3 had structures with deformed helices
H2 and H3. Thus state 1 had native like conformation, state 2
This journal is © The Royal Society of Chemistry 2019



Fig. 5 Markov state model analysis for E200K variant. (A) Free energy landscape along first two time independent component. (B) Projection of
independent component. (C) Free energy landscape along first two time independent component showing three major states (red, blue and
green) along with their representative structure. (D) Free energy landscape along first two time independent component showing pathway
followed to reach unstable state (green colour) from stable state (red colour).
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had intermediate structures and state 3 had more deformed
conformations.

The pathway suggest that native like structures in state 1
tends to undergo slight deformation and reach the state 2. This
deformation starts with loss of H2 followed by deformation of
H3 at both C and N terminal end as observed in state 3. The
mean passage time for the system from stable structure to
deformed structure was 1.5 ms whereas for the reversible
process it was 380 ms. For the E219K, the spread of conforma-
tion along rst and second tIC has been shown in the Fig. 6.
Three major states were seen, state 1 (red colour) which laid at
tIC1 tIC2 (�0.5, 0.7) and had energy value of�0.72 kT. The state
2 (blue colour) consisted of population with energy varying in
range of 0.72 to 2.8 kT. The state 1 and state 2 were separated by
energy barrier of �3 kT. The structures in the state 3 (green
colour) had energy in the range of 1.6 to 6 kT. The structures in
state 1 had well-formed secondary structures (ESI Fig. S12†).
The structures in state 2 were opened up. The state 3 had
deformed H1 and H3 and the structures were more compact.
This journal is © The Royal Society of Chemistry 2019
Thus, the state 1 had native like conformation, state 2 had
intermediate conformations and state 3 had deformed
conformations.

The mean passage time for going from stable structure to
deformed structure was predicted to be 750 ms, whereas the
same for reversible time is 650 ns. From MSM study it was clear
that the E200K mutant was easily destabilized and had a very
lowmean passage time. Themean passage time was observed to
be the longest for E219K mutant among the three variants.
Hence, it is clear from MSM mean passage time that the E200K
variant can be deformed at a faster rate as compared to be wild
type and E219K variant. Few geometrical parameters like native
contacts and secondary structure elements were analysed for
MSM states of all three systems and shown in the ESI Fig. S10–
S13.† The native contacts for WT and E219K systems were found
to be in the range of 640 to 660 (ESI Fig. S13A and S13C†)
respectively. But the number of native contacts for E200K
system were found to be in the range of 620 to 660 (ESI
Fig. S13B†). The number of native contacts were the highest for
RSC Adv., 2019, 9, 14567–14579 | 14573



Fig. 6 Markov state model analysis for E219K variant (A) free energy landscape along first two time independent component. (B) Projection of
independent component. (C) Free energy landscape along first two time independent component showing three major states (red, blue and
green) along with their representative structure. (D) Free energy landscape along first two time independent component showing pathway
followed to reach unstable state (green colour) from stable state (red colour).
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state 1 and lowest for state 3 in all the three systems. MSM was
able to predict that the intermediate states and the conforma-
tions obtained in state 3 may be prone towards protein aggre-
gation. The secondary structure analysis for the structures of
MSM states of all the systems have been shown in the ESI
Fig. S10–S12.† The state wise secondary structure analysis has
suggested that state 3 structure showed highest loss in
secondary structures as compared to the states 1 & 3 in all the
three systems. Thus in cluster 3 WT and E219K variant showed
loss in secondary structure of H1 and H3 while for E200K loss in
secondary structure was observed in H2 and H3. Thus it may be
inferred that the early deformation of H2 may be crucial for
faster conversion of PrPc to PrPSc.
3.3. Important contacts and uctuations

In-order to nd out which of residues were affected during
unfolding process of prion protein, residue-wise native contacts
were plotted for each of the clusters/states of MSM. Fig. 7 shows
14574 | RSC Adv., 2019, 9, 14567–14579
the residue-wise native contacts for all the three clusters/states
in the all three variants. For cluster 1, the residue-wise native
contacts did not vary much for all the three variants (Fig. 7A).
The native contacts for the residue numbers 146, 163, 193, 194,
200 and 204 of E200K prion variant have been affected as
compared to that of WT and E219K. For the cluster 2, major
changes have been seen in the loop region connecting H2 and
H3. H3 region also showed decrease in number of residue-wise
native contacts in E200K as compared to WT and E219K as seen
in the Fig. 7B. In the cluster 3, the difference in number of
residue-wise native contacts was more prominent between all
three systems. The E200K variant showed further decrease in
the number of native contacts for H2, the loop connecting H2
and H3, and H3 (Fig. 7C).

Further, important salt bridges/contacts in the H2 & H3
regions were measured in all the three clusters/states of WT,
E200K and E219K systems. The distances of important salt
bridges have been plotted in the ESI Fig. S14 to S17.† The ESI
Fig. S14–S17† shows distance plot between residues 146–208,
This journal is © The Royal Society of Chemistry 2019



Fig. 7 Figure showing residue-wise native contacts for MSM states (A) residue-wise native contacts for state 1 for all the three variants (B)
residue-wise native contacts for state 2 for all the three variants (C) residue-wise native contacts for state 3 for all the three protein variants.

Paper RSC Advances
149–202, 156–196 and 200–204 residues respectively. For
contact between residues 146 and 208, the distance was main-
tained around 9–10 Å in all the three MSM states of E200K,
while in case of WT and E219K the distance between these
residues gradually increased while traversing from MSM state 1
to 3. In WT and E219K systems, the distance was observed
around 4–6 Å for cluster 1, around 7–8 Å for cluster 2, while it
was around 10 Å in the cluster 3. Similar trend was observed for
distance between residue 149 and 202. For E200K, the distance
was maintained around 9–10 Å in all three MSM clusters. For
WT, it showed gradual increase from �4 Å (cluster 1) to �10 Å
(cluster 3). Similar trend was observed for E219K system. The
contact between residues 156 and 196 and 200 and 204 have
similar behaviour like the earlier contacts for all the E200K, WT
and E219K systems. In E200K the disruption of contacts was
observed in all the three states/clusters while in WT and E219K
it showed gradual disruption while traversing from state 1 to
state 3. Thus, the E200K mutation may lead to early disruption
of some of the salt bridges which may be one of the reasons for
the pathogenicity of E200K. Also these salt bridges were
stronger in E219K (smaller distance between the residues)
which may be the reason for extra stability.
This journal is © The Royal Society of Chemistry 2019
3.4. Structural response to mutations

Borgohain et al.75 discussed the conformational changes
occurring due to the two pathogenic mutants T193I and R148H
using classical molecular simulations. They did not observe any
major structural transition, except for few local variations. For
T193I mutant they observed depletion of b-sheet content and
conversion of a 310 region into a coil, whereas for R148H
observed b-sheet depletion and appearance of new 310 region in
H2. They also observed conversion of two a helical regions into
two new turn regions in H2 and H3 helices. Chebaro et al.76

studied effect of T183A mutation both on monomer and dimer
through coarse grained molecular simulations. They observed
that H1 was robust and the H2/H3 subdomain showed higher
propensity for intra- and inter-b-sheets. Zhou et al.77 carried out
molecular dynamics simulation studies to study effect of G127V
substitution on dimer formation. They observed that the V127
variant reduces main-chain H-bond interaction in St1 region,
making it unfeasible for making b strand structure and thereby
prevent dimer formation. DeMarco et al.78 studied the effect of
low pH on prion protein through molecular dynamics simula-
tions. They observed that at normal pH the structure remains
stable but at low pH critical long-range salt bridges were broken
RSC Adv., 2019, 9, 14567–14579 | 14575



Fig. 8 Figure showing electrostatic potential for all the three protein variant. Red is negatively charged surface and blue being positively charged
surface. (A) Wild type. (B) E200K. (C) E219K.
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resulting in destabilized structures. They also concluded that
the breakage of salt bridges led to disconnection of H1 from
H2–H3 domain. The results presented here also suggest the
weakening of salt bridges and local variation in the H2–H3
domain, may act as early events in the prion aggregation.

Studies carried out by Biljan et al.45 on E219K and Zhang
et al.16 on E200K mainly suggested the role of surface charge as
important factor for extra stability of E219K and pathogenicity
of E200K mutants. In the current study, electrostatic potential
(ESP) for all the three variants are calculated using Poisson–
Boltzmann equation. The Fig. 8 shows ESP snapshot of MSM
state 3 structures of WT, E200K and E219K. The charge on the
surface of protein has been represented by positively charged
(blue colour) and negatively charged (red colour). For E200K,
the surface tends to become positively charged at the site of
mutation. For E219K, the surface showed subtle alteration in
the charge at the site of mutation. These differences in the
charges of the mutant systems may be playing a role in the
disruption of the native contacts. The two mutations tend to
perturb the surface charge distribution and this change may
affect the aggregation propensity of protein as discussed in the
literature.44,45 In the simulation reported here we observed
perturbation in the surface charge as reported for E219K and
E200K. As charge plays an important role in maintaining elec-
trostatic interactions, the change in surface charge may also
affects the salt-bridges interactions, which may lead to desta-
bilization in E200K and stabilization in E219K. As reported by
previous simulation of DeMarco et al.,78 Menon et al.79 the
breakage of salt bridges leads to a cascade of events which
further causes the destabilization of other intra helical contacts.
Rossetti et al.80,81 carried out simulation study for WT, E200K,
14576 | RSC Adv., 2019, 9, 14567–14579
E219K and Q212P and reported difference in salt bridge inter-
actions among various prion variants in there study. In our
simulation we observed the difference among the following salt
bridges viz. ARG156–GLU196, GLU146–ASP202, ARG156–
ASP202, GLU/LYS200–LYS204. We also observed similar
behaviour wherein breakage of important contacts may have
decreased in the native contacts in E200K and thereby increased
random motion between the helices. All these structural varia-
tions and destabilization effects have been dominant in E200K
as compared to E219K and WT.
4. Conclusion

The aim of the study was to detect the early structural changes
in all the three variants which were responsible for the stability
and conversion from PrPC to PrPSc. The MSM based analyses
were carried out to nd out the differences between E200K,
E219K and WT systems. The MSM analysis were able to predict
the intermediate states which helped to understand the effect of
same amino acid mutation at two different locations. The
structural and kinetics information from MSM states were able
to predicted faster destabilization of E200K variant as compared
to WT and E219K. Native contacts and secondary structures
were found to be affected in E200K as compared to E219K and
WT systems. The perturbation in surface charge distribution
may have inuence the tertiary interactions between secondary
structures in the prion. In E200K, the residues lying in H2 and
H3 regions tend to show reduction in the number of native
contacts. The breakage of these important contacts in E200K
may be the reason for increased uctuation of H2 and H3
helices. These proposed MSM intermediate states in all the
This journal is © The Royal Society of Chemistry 2019



Paper RSC Advances
three prion systems may prove to be useful in structural
differentiation of as early events occurring in the conversion of
PrPC to PrPSc form.
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