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Abstract: Excellent response inhibition is the basis for outstanding competitive athletic performance,
and sleep may be an important factor affecting athletes’ response inhibition. This study investigates
the effect of sleep deprivation on athletes’ response inhibition, and its differentiating effect on non-
athlete controls’ performance, with the aim of helping athletes effectively improve their response
inhibition ability through sleep pattern manipulation. Behavioral and event-related potential (ERP)
data were collected from 36 participants (16 table tennis athletes and 20 general college students)
after 36 h of sleep deprivation using ERP techniques and a stop-signal task. Sleep deprivation’s
different effects on response inhibition in the two groups were explored through repeated-measures
ANOVA. Behavioral data showed that in a baseline state, stop-signal response time was significantly
faster in table tennis athletes than in non-athlete controls, and appeared significantly longer after
sleep deprivation in both groups. ERP results showed that at baseline state, N2, ERN, and P3
amplitudes were lower in table tennis athletes than in non-athlete controls, and corresponding
significant decreases were observed in non-athlete controls after 36 h of sleep deprivation. Table
tennis athletes showed a decrease in P3 amplitude and no significant difference in N2 and ERN
amplitudes, after 36 h of sleep deprivation compared to the baseline state. Compared to non-
athlete controls, table tennis athletes had better response inhibition, and the adverse effects of sleep
deprivation on response inhibition occurred mainly in the later top-down motor inhibition process
rather than in earlier automated conflict detection and monitoring.

Keywords: response inhibition; sleep deprivation; table tennis athletes; ERP; stop-signal task

1. Introduction

For a long time, the important role of sleep for athletes was overlooked [1]. In many
cultures, less sleep represents greater self-discipline, and for athletes, limited sleep time is
often repeatedly compressed by heavy training loads. At the same time, cross-time-zone
competition, overly intense competition schedules, increased nighttime competitions, and
mood swings such as excitement, tension, and anxiety prior to competition can all interfere
with athletes’ circadian and homeostatic rhythms [2,3]. An increasing number of athletes
report facing sleep deprivation and sleep disorders before and during competitions [4–8].
With technological advancement and the growth of medical research, it is gradually recog-
nized that the prevalence of “sleep debt” can exhibit different degrees of adverse effects on
athletes’ physiology, psychology, sports performance, and post-competition recovery [9–17].
More research is required to help us gain in-depth insight into the effects of lack of sleep on
various aspects of athletes’ lives.
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A key component of executive function is the ability to inhibit one’s responses in
situations where the external environment or internal demands change and is important
for dealing with complex external environments in a purposeful manner, in order to
respond appropriately [18,19]. In table tennis, due to the confrontation across the net, the
long holding time, the technical playing style, and other sports characteristics, the player
must make fast and accurate observations and judgments of the incoming ball movement,
direction, rotation, position, landing point, and other information in a limited time, and
make the correct decision of whether to inhibit or change the customary action to return,
which all rely on good reaction inhibition ability. Therefore, how to help athletes effectively
improve response inhibition is an important issue that should be focused on in the field of
competitive psychology.

The stop-signal task (SST) is the classical paradigm for research on inhibitory control.
In SST, a stop signal usually occurs after several go signals. The time interval between the
appearance of a go signal and the appearance of a stop signal is controlled by a predeter-
mined probability. A complete SST consists of two relatively independent processes: the
go process and stop process. In 1984, Logan et al. proposed a horse race model, which
assumes that the success of an inhibition depends on the relative completion times of two
independent processes: If the stop process is completed before the go process, then the
participant can successfully inhibit the response after the stop signal appears; conversely, if
the go process is completed before the stop process, then the participant cannot successfully
inhibit the response after the stop signal appears [20]. In the SST, one of the most important
dependent variables is stop-signal response time (SSRT), a criterion for assessing inhibitory
control that represents the time it takes for an individual to “withdraw” a dominant re-
sponse. It is often considered a relatively stable and automatic component of cognitive
control, with shorter SSRT representing better inhibitory control [19,21].

Sleep is closely related to inhibitory control, and it is generally believed that sleep
deprivation has adverse effects on response inhibition and flexibility [22–24]. For example,
a functional magnetic resonance imaging (fMRI) study using the go/no-go paradigm found
that 24 h of sleep deprivation caused a significant decrease in activation of the ventral
and anterior prefrontal regions associated with inhibitory control [25]. Jin et al. measured
the electroencephalogram (EEG) performance of 14 healthy men on response inhibition at
baseline, after 12, 24, and 36 h of sleep deprivation, and after eight hours of recovery sleep,
and found that sleep deprivation induced a dose-dependent functional decrease in response
inhibition of prefrontal cortex activation by NoGo-N2 and NoGo-P3 [26]. According to
the theory of brain plasticity, athletes who receive high-intensity special training for an
extended period of time may have plastic changes in their cortical structure and functioning,
compared to ordinary people [27,28]. Previous studies have documented the effects of
sleep deprivation on response inhibition in the general population, but few studies have
addressed the effects of sleep deprivation on response inhibition in this specific group of
athletes. Our study addressed this gap by exploring the effect of sleep deprivation on
response inhibition in athletes and how its differentiating effect on the performance of
ordinary people is of great significance for improving athletes’ response inhibition ability
through “sleep prescription”.

Through an extensive review of previous literature, we found that in the relevant
research on the effects of sleep on athletes’ athletic performance and cognitive functioning,
the above questions are mainly discussed by interview method, questionnaire method,
and behavioral experiments, and event-related potential (ERP) technology has advantages
which traditional behavioral experiments cannot match [7,10,17]. ERPs are part of the EEG
signal which records the brain’s neural activity during wakefulness, sleep, and various
task stimuli [29]. Due to its high temporal resolution, low price, and simple operation,
ERP technology has become a powerful tool for measuring and evaluating neural activity
in the brain. In studies on response control, ERP techniques have been shown to help
elucidate the effects of stimulus variables on inhibitory control, with the most common EEG
indicators being N2, P3, and error-related negativity (ERN) [30–32]. The N2 component
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of the frontal-central region is a negative component that usually peaks 200–350 ms after
stimulus presentation and is the early stage of response inhibition, which can reflect the
process and intensity of conflict monitoring and inhibition [33–35]. The P3 component of
the central-top region, a positive component that appears at approximately 300–600 ms,
is widely recognized as an important indicator of inhibitory control in stop-signal tasks
(SST) and is closely related to the motion inhibition process [36]. Additionally, it can be
localized to the pre-auxiliary motion region, which is a key part of the inhibitory control
network [37–39]. The ERN is an anterior central negative component that peaks around
50–60 ms after the response, with the generating source located in the anterior cingulate
cortex and the point of maximum wave amplitude at FCz [40,41]. ERN is associated with
error detection, reflects the adjustment of short- and long-term response strategies after
an error occurs, and is critical for adaptive and goal-directed action [35,42]. By analyzing
these ERP indicators, we can better isolate the internal cognitive processes that respond to
inhibiting external behavioral performance.

In laboratory experiments, many studies on sleep functionality in athletes have sim-
ulated chronic lack of sleep through total sleep deprivation [10]. This study uses ERP
technology, combined with behavioral indicators, to explore more deeply the effects of
sleep deprivation on response inhibition in table tennis athletes during an SST, by cre-
ating a 36-h complete sleep deprivation model. Three hypotheses are proposed in this
study: (i) table tennis athletes have better inhibition abilities (shorter SSRT and higher
stop accuracy) and use fewer mental resources (lower N2, ERN, and P3 amplitudes) than
non-athlete controls in an SST; (ii) sleep deprivation can impair the response inhibition
ability of table tennis players and non-athlete controls, as evidenced by slower response
inhibition times, decreased correctness in behavioral indicators, and lower amplitudes of
the relevant ERP components (N2, ERN, and P3) in the electrophysiological indices; (iii) due
to table tennis athletes having received prolonged high-intensity specialized training, their
response inhibition ability is less affected by sleep deprivation than non-athlete controls.

2. Materials and Methods
2.1. Participants

Thirty-six healthy male participants (age: 21.78 ± 2.19 years, including 16 table tennis
athletes) from Beijing Sport University volunteered to participate in this experiment (See:
Table 1). Participants were right-handed; had normal vision or corrected vision; were
free of alcohol, caffeine, and drug addiction; and had good sleep quality as assessed by
the Pittsburgh Sleep Quality Index. Conditions for inclusion in the control group were
the following: (1) non-physical education college students; (2) no table tennis experience
and no systematic professional table tennis training; (3) no regular exercise habits and
less than 200 min of physical activity per week. Table tennis athletes were included
considering the following conditions: (1) have received professional table tennis training;
(2) were level II table tennis athletes in China; (3) maintained more than 10 h of table tennis
training time per week. When the data analysis was performed, eight participants were
excluded due to excessive head movement with too many EEG artifacts, the instrument
malfunctioned during the experiment before completing the experimental procedure, or
behavioral and ERP data were not collected simultaneously. The final sample consisted of
15 participants in the control group and 13 table tennis athletes, for a total of 28 participants
(age: 21.79 ± 2.17 years) who were included in the data analysis. Each participant signed
an informed consent form before participating in the experiment, the experiment was
approved by the ethics committee of Beihang University, and participants were paid for
the cost experiment at the end of the study period.
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Table 1. Demographic information of each group (M ± SD).

Group Controls Athletes p-Value

Number 20 16
Gender Male Male

Age 21.25 ± 2.15 22.44 ± 2.13 0.107
Education 14.90 ± 1.77 15.88 ± 1.89 0.121

Habitual sleep time 7.27 ± 0.74 7.03 ± 1.02 0.421

Physical activity <200 min of physical
activity per week

>10 h training time
per week

2.2. Experimental Design

This experiment was a 2 (group: Control vs. table tennis player) × 2 (sleep state:
baseline state (BS) vs. sleep deprivation (SD)) mixed experimental design. Group was a
between-subjects variable and sleep state was a within-subjects variable. An SST was used
to investigate the effects of sleep deprivation on inhibitory control in athletes. The SST is the
classical paradigm for studying response inhibition (schematic diagram of SST: Figure 1).
The SST was divided into “go” trials and “stop” trials. In “go” trials, the go signal is a
white left or right arrow, and the participant has to respond quickly and accurately with
the corresponding keystroke according to the direction of the white arrow in the “go” trial.
In the “stop” trial, the go signal appears first, and after the stop-signal delay (SSD, the time
interval between the appearance of the go signal, and the appearance of the stop signal) a
blue arrow (stop signal) appears which is identical to the white arrow except for its color.
When the blue arrow to the left or right is seen, the participant needs to stop responding
with the keystroke.
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ble (“S” key for the left arrow, “K” key for the right arrow). The go signal disappeared 

Figure 1. A schematic diagram of a stop-signal task (SST). The SST consisted of a go trial and stop
trial. In the go trial, participants had to judge the direction of the white arrow (to the left or to the
right) and press the corresponding button as accurately and quickly as possible (RT is the response
time from the presentation of the go signal to making a keystroke response). In the stop trial, a stop
signal (blue arrow) appeared after the go signal (the interval is indicated as stop-signal delay-SSD)
and required the participant to stop responding.

In the “go” trial, a 500 ms fixation point was first presented to remind the participants
to focus their attention. The go signal (i.e., white arrow) was then presented in the left or
right direction, and the participant needed to respond by pressing a key as soon as possible
(“S” key for the left arrow, “K” key for the right arrow). The go signal disappeared after
the key was pressed (followed by a 1000 ms-RT black screen) or disappeared automatically
after 1000 ms. The randomly presented stimulus interval was 1000–2000 ms.
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In the “stop” trial, a 500 ms fixation point was first presented to remind the participant
to concentrate their attention. The stop signal (i.e., the blue arrow) appeared after the
go signal, according to the SSD. According to the tracking procedure proposed by Logan
et al., SSD changed dynamically with participants’ performance in the stop trial [43]. When
a participant succeeded in inhibiting in the previous trial, the next trial SSD increased
by 50 ms compared to the previous trial SSD, making response inhibition more difficult.
Alternatively, when a participant failed to inhibit in the previous trial, the next trial SSD
decreases by 50 ms compared to the previous trial SSD, making response inhibition easier.
If the participant inhibited successfully, the stop signal was presented for 1000 ms-SSD;
if the participant did not inhibit successfully, the stop signal was presented for RT-SSD,
followed by a 1000-RT ms black screen. The randomly presented stimulus interval was
1000–2000 ms.

There were three blocks in the experiment, and each block had 42 go trials and 14 stop
trials. The ratio of go trials to stop trials was 3:1, and there were 168 trials in total. The
probability of the arrow going left or right was equal in the go trial and the stop trial.

2.3. Experimental Procedures

Participants who passed the screening were required to maintain adequate and regular
sleep habits (go to bed before 11 pm, wake up before 8 am, and get at least eight hours
of sleep each night) and keep a personal sleep diary for one week prior to the start of the
experiment. The intake of alcohol, caffeine, and drugs was prohibited for one week prior to
the experiment to prevent their interference with the sleep deprivation process. Participants
arrived at the laboratory at 6 p.m. on the first day of the experiment, and experimenters
informed participants about the procedure and the risks of sleep deprivation and explained
the experimental tasks in detail. Participants practiced the experimental task after signing
the consent form. Participants slept in the laboratory on the first night of the experiment. At
8 a.m. on the second day of the experiment, participants took baseline state measurements,
and sleep deprivation officially began. During the experiment, participants sat in a shielded
room with sound insulation and suitable lighting, and SST behavior and EEG data were
recorded. During sleep deprivation, participants could engage in some non-strenuous
recreational activities, such as reading, watching movies with calm plots, etc., and were
prohibited from engaging in vigorous physical activities, as well as consuming alcohol
and caffeinated beverages. Two participants entered the laboratory together for sleep
deprivation in each experiment. The team supervised the participants in shifts throughout
the sleep deprivation process to ensure that the participants remained awake, with two
supervisors per shift. When the researchers found that the participants were sleepy and
dozing off, they would keep the participants awake by talking to them, asking them to
change their sitting position or allowing them to watch a movie for a while. At 8:00 p.m. on
the third day of the experiment, the SST behavior and EEG data were recorded after 36 h of
sleep deprivation, and the sleep deprivation ended. Participants underwent recovery sleep
in the laboratory at night on the third day and left the laboratory on the morning of the
fourth day (experimental flowchart is shown in Figure 2).
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(SD: 0 h). On the third day at 20:00, the stop-signal task and sleep deprivation ended (SD: 36 h)
with the acquisition of the second behavioral and EEG data. Participants remained in the laboratory
for a recovery sleep on the evening of the third day and left the laboratory on the morning of the
fourth day.

2.4. Data Acquisition and Analysis
2.4.1. Behavioral Data Acquisition

We converted the E-Prime data file to Excel format to extract the behavioral indicators
we were concerned about.

(1) Go RT: Time to correct response to the go trials.
(2) Go Accuracy: % correct responses in go trials.
(3) Mean SSD: The average SSD of all stop trials.
(4) Quantile RT (QRT): The response times of all the correct responses of the go trials

were sorted in ascending order, and the go RT at the percentage of inhibition failure
was taken as the QRT.

(5) SSRT: QRT-mean SSD.
(6) Stop Accuracy: % correct inhibited responses in stop trials.

In the behavioral data analysis, we focused on four behavioral indicators: Go RT, Go
Accuracy, SSRT, and Stop Accuracy.

2.4.2. ERP Data Acquisition

ERP data were acquired using a 32-channel amplifier and recorded online by Neu-
roscan software with a sampling rate of 1000 Hz. Electrodes were arranged in accordance
with the extended international 10–20 system. FCz lies at the midpoint of the line connect-
ing Fz and Cz. The data were analyzed offline using the EEGLAB and ERPLAB plug-ins,
using average re-reference and band-pass filtering from 0.1 to 30 Hz after manually clipping
the bad segments. The 50 Hz mains electricity was removed, and the eye-electricity artifacts
were corrected using independent component analysis (ICA), and the artifact trials with
amplitudes exceeding ±100 µV were removed from the artifact correction.

Analysis of N2 and P3 Amplitudes

The trials successfully inhibited in the stop trial were selected for inclusion in the ERP
analysis and considering that the stop signal was preceded by the go signal, the mean
values of 1100–900 ms before the presentation of the stop signal were selected for baseline
correction. The average values of Fz, FCz, and Cz electrodes were selected to calculate the
average amplitude of the N2 component (190–250 ms); the average values of F3, F4, Fz, FCz,
and Cz electrodes were selected to calculate the average amplitude of the P3 component
(250–400 ms).

Analysis of ERN Amplitude

Trials that failed to inhibit in the stop trial, and those that responded correctly in the
go trial, were selected for inclusion in the ERP analysis. ERN was calculated by subtracting
the response of the successful go signal from the response in the stop signal that failed to
inhibit [44]. Using the moment of the response key press as the zero point, the average
value of 250–50 ms before the key press was selected for baseline correction, and the peak
amplitude of the FCz point was selected to calculate the ERN (0–150 ms) amplitude.

2.4.3. Data Analysis

We compared the inhibitory control performance of table tennis athletes and non-
athlete controls by analyzing SSRT, Stop Accuracy, go-RT, Go Accuracy, and ERP com-
ponents (N2, ERN, and P3) amplitudes. The results of the Shapiro-Wilk (S-W) method
showed that the data were approximately normally distributed. Because group was a
between-subjects variable and sleep state was a within-subjects variable, a 2 (group: control
vs. table tennis athletes) × 2 (sleep state: BS vs. SD) two-factor mixed-design ANOVA was
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performed on the behavioral indicators and average amplitudes of N2, P3, and ERN in
the SST using IBM SPSS Statistics V22.0 (Armonk, NY, USA). Effect sizes for each ANOVA
were estimated using partial eta squared (η2 p). Post hoc comparisons were conducted
using the Fisher’s least significant difference (LSD) correction for multiple testing.

3. Results
3.1. Behavioral Performance
3.1.1. SSRT

Two-way ANOVA showed that the interaction between group and sleep state was
not significant [F (1, 26) = 0.099, p = 0.756, η2 p = 0.004]. The main effect of sleep state
was significant [F (1, 26) = 13.665, p = 0.001, η2 p = 0.345], and SSRT was longer after
sleep deprivation compared to the baseline state. The main effect of group was significant
[F (1, 26) = 5.687, p = 0.025, η2 p = 0.179], and table tennis athletes have shorter SSRT. The
results of post hoc tests showed that the SSRT of table tennis athletes were shorter than that
of the control group in the BS condition (p = 0.038). After SD, significant prolongation of
SSRT was observed in both table tennis athletes (p = 0.029) and controls (p = 0.007) (Figure 3,
Table 2).
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Figure 3. Response time and accuracy of behavioral indicators (mean ± SD). The blue bars represent
the baseline state (BS), and the red bars represent the sleep deprivation (SD). (A) SSRT: Stop signal
response time. (B) Stop Accuracy: % correct inhibited responses in stop trials. (C) Go RT: Time till
correct response in the go trials. (D) Go Accuracy: % correct responses in go trials. * = p < 0.05,
** = p < 0.01.

Table 2. Means and standard deviations of the behavioral data listed for all conditions (BS_Controls,
BS_Table tennis athletes, SD_Controls, SD_Table tennis athletes).

BS SD
Controls Athletes Controls Athletes

SSRT (ms) 231.806 ± 56.433 187.717 ± 49.138 275.732 ± 61.761 224.755 ± 70.910
Stop-ACC (%) 57.672 ± 16.027 65.452 ± 7.073 52.349 ± 18.465 63.531 ± 11.468

Go-RT (ms) 628.795 ± 160.636 694.308 ± 92.807 619.496 ± 173.676 711.154 ± 91.855
Go-ACC (%) 89.387 ± 14.360 91.639 ± 6.329 85.797 ± 14.247 90.543 ± 8.399

3.1.2. Stop Accuracy

The interaction between group and sleep state was not significant [F (1, 26) = 0.844,
p = 0.367, η2 p = 0.031]. The main effect of sleep state was marginally significant
[F (1, 26) = 3.828, p = 0.061, η2 p = 0.128], and stop-accuracy decreased after sleep de-
privation. Additionally, the main effect of the group was not significant [F (1, 26) = 3.498,
p = 0.073, η2 p = 0.119]. Post hoc tests revealed that in the BS condition, the differences
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between the table tennis athletes and the control group were not significant (p = 0.118).
After SD, stop-accuracy showed a significant decrease in the control group (p = 0.045), and
table tennis athletes did not differ significantly (p = 0.485) (Figure 3, Table 2).

3.1.3. Go-RT

For the go-RT, the interaction between group and sleep state was not significant
[F (1, 26) = 0.771, p = 0.388, η2 p = 0.029]. The main effects of sleep state [F (1, 26) = 0.064,
p = 0.802, η2 p = 0.002] and group [F (1, 26) = 2.463, p = 0.129, η2 p = 0.087] were not
significant. The post hoc tests showed no significant differences between the table tennis
athletes and the control group in the BS condition (p = 0.207). There were no significant
differences in go-RT before and after sleep deprivation between the table tennis athletes
(p = 0.447) and the control group (p = 0.651) (Figure 3, Table 2).

3.1.4. Go Accuracy

Two-way ANOVA showed that the interaction between group and sleep state was
not significant [F (1, 26) = 0.502, p = 0.485, η2 p = 0.019]. The main effects of sleep state
[F (1, 26) = 1.773, p = 0.195, η2 p = 0.064] and group [F (1, 26) = 0.747, p = 0.395, η2 p = 0.028]
were not significant. The results of the post hoc tests showed no significant differences
between the table tennis athletes and the control group in the BS state (p = 0.606). After
sleep deprivation, there was no significant difference in go-accuracy between the table
tennis athletes (p = 0.674) and the control group (p = 0.146) (Figure 3, Table 2).

3.2. ERP Component Amplitude
3.2.1. N2 Component

Two-way ANOVA showed that the interaction of sleep state and group was not
significant [F (1, 26) = 3.455, p = 0.074, η2 p = 0.117]. The main effect of the group was
significant [F (1, 26) = 4.833, p = 0.037, η2 p = 0.157], and the control group had a larger N2
negativity peak than the table tennis athletes. The main effect of sleep state [F (1, 26) = 3.306,
p = 0.081, η2 p = 0.113] was not significant. In the BS condition, the control group had a
larger peak of negativity than the table tennis athletes (p = 0.003). The control group in the
BS condition also had a larger negativity peak compared to the SD condition (p = 0.012).
However, N2 amplitude had no significant (p = 0.978) difference before and after sleep
deprivation in table tennis athletes (Figures 4 and 5, Table 3).
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Figure 5. Grand mean ERP amplitude of table tennis athletes and controls on N2 in baseline state
(BS) and 36 h sleep deprivation (SD) conditions. The data were averaged from Fz, FCz, and Cz. The
topographies correspond to average activity in the time windows (190–250 ms, indicated by the gray
bar) around the local peaks.

Table 3. Means and standard deviations of ERP amplitudes’ means listed for all conditions
(BS_Controls, BS_Table tennis athletes, SD_Controls, SD_Table tennis athletes).

BS SD
Controls Athletes Controls Athletes

N2 (µV) −4.353 ± 2.119 −1.648 ± 2.235 −2.481 ± 3.729 −1.668 ± 0.834
ERN (µV) −4.447 ± 4.238 −1.332 ± 2.184 −1.634 ± 3.262 −1.698 ± 2.328

P3 (µV) 6.745 ± 2.868 4.448 ± 2.164 4.231 ± 2.859 2.822 ± 1.758

In the framework of traditional Null Hypothesis Statistical Testing (NHST), the hy-
pothesis test is performed only under the assumption that H0 is true and cannot provide
evidence for why H0 is true. The Bayes factor represents the ratio between the strength of
support for the null hypothesis and the alternative hypothesis in the current data, which
can more adequately support the null hypothesis compared to NHST [45]. Since NHST
did not detect significant changes in N2 amplitude in the table tennis athletes before and
after sleep deprivation, to detect whether there was really no difference in N2 amplitude in
table tennis athletes before and after sleep deprivation, we supplemented the NHST with a
Bayes factor for the test of difference in N2 amplitude in table tennis athletes.

Using JASP [46] to calculate Bayesian factors with default prior width, the data were
more likely under the alternative model compared to the null model. We interpreted Bayes
factors (BF01) of <3 as anecdotal, 3–10 as substantial, 10–30 as strong, 30–100 as very strong,
and >100 as decisive evidence [47]. Bayesian statistics showed that BF01 = 3.592 for the
difference in N2 amplitude in table tennis athletes before and after sleep deprivation, indi-
cating that the current data were 3.592 times more likely to occur under the null hypothesis
than under the alternative hypothesis. According to the classification criteria proposed by
Jeffreys [47], there is moderately strong evidence to support the null hypothesis, which
states that there is no difference in N2 amplitude in table tennis athletes before and after
sleep deprivation.

3.2.2. ERN Component

The interaction between sleep state and group was significant [F (1, 26) = 11.887,
p = 0.002, η2 p = 0.314]. The main effect of sleep state was significant [F (1, 26) = 7.054,
p = 0.013, η2 p = 0.213], and the BS condition had a larger negative ERN peak than the
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SD condition. The main effect of group was not significant [F (1, 26) = 1.888, p = 0.181,
η2 p = 0.068]. The results of post hoc tests showed that in the BS condition, the control group
had larger ERN amplitudes than the table tennis athletes (p = 0.025). The control group had
a larger negative ERN peak in the BS condition compared to the SD condition (p < 0.001)
(Figures 4 and 6, Table 3). However, for table tennis athletes, there was no significant
difference in ERN amplitude between the BS and SD conditions (p = 0.593, BF01 = 3.236); the
current data were 3.236 times more likely to occur under the null hypothesis than under the
alternative hypothesis; and there was moderately strong evidence to support there being
no difference in ERN amplitude in table tennis athletes before and after sleep deprivation.

Figure 6. Grand mean ERP amplitude of table tennis athletes and controls on ERN in baseline state
(BS) and 36 h sleep deprivation (SD) conditions. The data from FCz. The topographies correspond to
average activity in the time windows (0–150 ms, indicated by the gray bar) around the local peaks.

3.2.3. P3 Component

The interaction between group and sleep state was not significant [F (1, 26) = 0.689,
p = 0.414, η2 p = 0.026]. The main effect of sleep state was significant [F (1, 26) = 14.970,
p = 0.001, η2 p = 0.365], and the BS condition had a larger P3 peak than the SD condition.
The main effect of group was also significant [F (1, 26) = 5.688, p = 0.025, η2 p = 0.179],
the control group had a larger P3 amplitude than the table tennis athletes. Post hoc tests
showed that the control group in the BS condition had a significantly larger P3 peak than
the table tennis athletes (p = 0.026). Table tennis athletes (p = 0.048) and controls (p = 0.002)
both showed a significant decrease in P3 amplitude after sleep deprivation (Figures 4 and 7,
Table 3).

3.3. Correlation between EEG and Behavioral Data
3.3.1. N2 Amplitude and SSRT

Data from both groups of participants were combined and a correlation analysis was
performed on ∆SSRT (SD-BS) and ∆N2 amplitude (SD-BS) after removing four extreme
values to check for consistency between behavioral changes and ERP changes after sleep
deprivation. The correlation analysis showed a significant positive correlation between
∆SSRT and ∆N2 (r = 0.421, p = 0.040, Figure 8).

3.3.2. ERN Amplitude and SSRT

Data from both groups of participants were combined and a correlation analysis was
performed on ∆SSRT (SD-BS) and ∆ERN amplitude (SD-BS) after removing four extreme
values. The correlation analysis showed a significant positive correlation between ∆SSRT
and ∆ERN (r = 0.459, p = 0.024, Figure 8).
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Figure 7. Grand mean ERP waveforms of table tennis athletes and controls on P3 in baseline state
(BS) and 36 h sleep deprivation (SD) conditions. The data were averaged from F3, F4, Fz, FCz, and
Cz. The topographies correspond to average activity in the time windows (250–400 ms, indicated by
the gray bar) around the local peaks.
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3.3.3. P3 Amplitude and SSRT

Data from both groups of participants were combined and a correlation analysis was
performed on ∆SSRT (SD-BS) and ∆P3 amplitude (SD-BS) after removing three extreme
values. The correlation analysis showed that the correlation between ∆SSRT and ∆P3 was
not significant. (r = −0.030, p = 0.887).

4. Discussion

In this study, we used ERP technology and combined behavioral indicators to in-
vestigate the effects of sleep deprivation on response inhibition in table tennis athletes
and non-athlete controls. The findings revealed that table tennis athletes showed better
response inhibition than non-athlete controls in the SST, and in the baseline state, table
tennis athletes had shorter SSRT and lower N2, P3, and ERN amplitudes than the control
group. After sleep deprivation, SSRT was significantly prolonged in both table tennis
athletes and non-athlete controls, demonstrating the impairing effect of sleep deprivation
on response inhibition. Results consistent with behavioral indicators were also reflected in
ERP indicators, with significant decreases in P3 amplitude after 36 h of sleep deprivation
in both table tennis athletes and non-athlete controls. However, the two groups of partic-
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ipants showed dissociated results in N2 and ERN amplitudes; N2 and ERN amplitudes
showed significant decreases after sleep deprivation in non-athlete controls but did not
differ significantly before and after sleep deprivation in table tennis athletes, suggesting
that the adverse effects of sleep deprivation on response inhibition in table tennis athletes
may mainly impair top-down control of motor inhibition.

According to the assumptions of the horse-race model [20,48,49], poor inhibitory
control may be due to too fast a response to the go signal or too slow a response to the stop
signal. Too fast a response to the go signal can cause the fast response to the go signal to be
executed before the response to the stop signal is made, resulting in a failure of inhibition.
Although go-RT did not reach statistically significant differences by group, table tennis
athletes exhibited longer go-RT both before and after sleep deprivation compared to the
general athletes. This may indicate that the table tennis athletes did not tend to react quickly
in the execution of control, and consequently traded off speed for accuracy. This may be
related to the sport characteristics of table tennis with its small ball, racket, and tabletop. If
you pursue speed, you may not be able to ensure that the ball is hit on the table, and once it
is out of bounds, it will result in losing points or even the whole game. This requires table
tennis athletes to not only have speed, but also to ensure the drop of the receiving serve, a
sport characteristic that has affected table tennis athletes in the execution control process
during long-term training and competition. After sleep deprivation, neither non-athlete
controls nor table tennis athletes found significant changes from baseline status on go-
accuracy and go-RT, which may be due to the fact that the go process task is less difficult
and not sensitive to the effects caused by sleep deprivation.

During the stop process, the impairment of 36 h of sleep deprivation on the response
inhibition ability of table tennis athletes and non-athlete controls by SSRT, a representative
indicator of response inhibition, could clearly be observed. After sleep deprivation, SSRT
was significantly prolonged and inhibitory processing was slowed in both groups of
participants, and when the go and stop processes competed, there was no guarantee that
the stop process could be completed before the go process, resulting in a failure of inhibition.
The performance of the stop accuracy was also consistent with the SSRT, with a significant
decrease in stop-trial accuracy occurring in the general college participants after sleep
deprivation. Although table tennis athletes did not reach a statistically significant level,
they also exhibited a trend of decreased accuracy after sleep deprivation. These results
demonstrate that sleep deprivation leads to slower inhibition processing and reduced
inhibition accuracy. In the baseline state, the SSRT of table tennis athletes was significantly
shorter than that of the average college student, which might prove that table tennis athletes
have a faster inhibitory processing speed than non-athlete controls in the SST. This is also
consistent with previous results, where Wang et al. found shorter SSRTs in tennis athletes
compared to a sedentary control group in an SST, and which also found better response
inhibition in open skill sports (e.g., table tennis, badminton, tennis, etc.) than in closed
skill sports (e.g., running, swimming, etc.) [50]. Similar results have been observed in other
sports such as soccer, baseball, and basketball [51–53], all of which support the idea that
long-term athletic training improves athletes’ inhibitory control.

This study’s most important finding was that sleep deprivation has different effects
on the response inhibition abilities of table tennis athletes and non-athlete controls. Sleep
deprivation reduced the amplitudes of N2 and ERN in the SST in non-athlete controls,
whereas no differences in N2 and ERN were observed in table tennis athletes before and
after sleep deprivation. Combining the performances of table tennis athletes and non-
athlete controls at baseline, the results suggest that this difference may be related to table
tennis athletes’ advanced “neural efficiency” due to prolonged training [54,55]. The neural
efficiency hypothesis states that individuals with excellent performance display lower (more
efficient) brain activation while performing cognitive tasks [56]. A recent meta-analysis
pointed to neural efficiency as one of the prominent neural processing characteristics found
in athletes, with athletes having better behavioral performance compared to novices or non-
athletes while recruiting fewer neural resources to perform motor and cognitive tasks [57].
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The advantage of athletes over non-athletes suggests that motor experience has a positive
effect on neurological functioning and behavioral performance.

In tasks related to response inhibition, N2 and ERN are often considered as ERP
components associated with automatic processing [21]. Research has suggested that the N2
component in the inhibitory control task reflects the monitoring of conflicting information
and the allocation of attentional resources to better cope with the ensuing response inhi-
bition [33,58,59]. The ERN, like the N2 component, is a negative ERP component which
appears early in inhibitory control and reflects the automated perceptual processes of
early response errors [60,61]. The amplitude of the N2 component of the prefrontal-central
region and the ERN component from the anterior cingulate cortex were lower in table
tennis athletes than in controls at the baseline state, indicating a tendency to conserve
neural resources devoted to conflict monitoring and error processing during pre-response
inhibition in table tennis athletes [30]. This may be related to the fact that athletes have been
engaged in special training for a prolonged period of time, and in sports situations such as
table tennis and other fast-response sports, there is a high demand for conflict monitoring,
and only timely and accurate detection of conflict can enable them to adjust their reactions
in time according to the characteristics of the opponent’s stroke. While non-athlete controls
need to invest a lot of attention resources in order to be able to accurately identify and
respond to conflicts in a timely manner, the monitoring of conflicts by table tennis athletes
has shifted from the initial need to invest a lot of attention resources to a more bottom-up
processing with a higher degree of automatic processing and a gradually decreasing need
for central attention resources.

An fMRI study that recruited 14 table tennis athletes and 14 general students also
confirmed that table tennis athletes showed lower activation of cortical areas in early
sensory information processing, information matching recognition, and response selection
compared to the general population [62]. A recent review study also noted that athletes
performed more successfully than novices when faced with unexpected situations that
required reactions to impending events, recruiting fewer attention resources, and devoting
more attention to subsequent goal analysis [63].

In a study by Kusztor et al. [21], it was noted that cognitive processing in early
bottom-up automation appears to be less affected by sleep deprivation compared to more
advanced top-down cognitive control. The process of sleep deprivation is accompanied
by significant changes in fatigue status [64–66]. Furthermore, 36 h of sleep deprivation
caused participants to experience mental fatigue and reduced central nervous system
arousal, leading to impaired sustained attention [67]. For the general college student
population, impaired attention cannot be sustained by automated, bottom-up control
alone to detect and monitor conflict, requiring constant investment of additional cognitive
resources to sustain response inhibition. The higher level of automated processing that
table tennis athletes have can help them devote more cognitive resources to more advanced
cognitive processing.

P3 is considered a more reliable marker of response inhibition than N2 and is strongly
associated with motor inhibition [30,31,36,68,69]. It also reflects, to some extent, the func-
tions of information integration, attentional regulation, resource allocation, and post-
response adaptation, representing more advanced top-down cognitive control processes [21].
Consistent with the results of N2 and ERN, the lower P3 amplitude evoked by table tennis
athletes in the baseline state compared to general college participants reflects the fact that
long-term table tennis training significantly improves the neural efficiency of inhibitory
processing, thereby compressing the associated cognitive resources and minimizing the
control resources that athletes spend on the inhibitory task. After sleep deprivation, both
table tennis athletes and non-athlete controls showed a significant decrease in the ampli-
tude of the P3 component, indicating that 36 h of sleep deprivation produced a top-down
disintegration of the late process of response inhibition. It is possible that sleep deprivation
adversely affects the response control of table tennis athletes by impairing the motor in-
hibition process represented by the P3 component. This is also consistent with previous
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findings, as Qi et al. found that the early N1 component amplitude and latency did not
change after 43 h of sustained wakefulness, while the P3 component showed a decrease
in amplitude and prolonged latency in the no-go condition [70]. Liu et al. performed
72 h of sleep deprivation on 12 healthy male participants and found that no significant
changes in N2 amplitude were observed during the execution of the go/no-go task, while
P3 amplitude exhibited a significant decrease [71]. These results are evidence that later,
more advanced top-down cognitive control is more sensitive to sleep deprivation compared
to early automated control.

Regular sleep is a prerequisite for human survival and plays a vital role in ensur-
ing physical and mental health [72]. For athletes, sleep is an important part of training
and pre-competition preparation, and good sleep is not only fundamental for athletes
to maintain optimal competitive performance, but also important for reducing the risk
of injury and illness [8,17,73]. Our findings show that when athletes train and compete
with a “sleep debt,” even though they can notice incoming stimuli and detect unexpected
situations or changes in the opponent’s movements on the field, they still have difficulty
suppressing inappropriate dominant responses and cannot necessarily respond correctly to
such unexpected situations in a timely manner.

Good sleep shapes better athletes, and it is generally recommended that athletes
should get between seven and nine hours of sleep to ensure adequate physical and mental
recovery after training [74]. Meanwhile, during training and competitions, athletes can get
better quality sleep by maintaining a dark sleep environment [75], avoiding caffeine intake
before bedtime [76], going to sleep, and waking up at regular times [77], and avoiding
electronic screens before bedtime [78], among others.

Although our study provides ERP evidence that sleep deprivation impairs response
inhibition, we must acknowledge that the present study still has some limitations. (1) In
terms of the study population, the study’s participants were limited to young male table
tennis level II athletes in China. Consequently, the following questions arise: Does sleep
deprivation have different effects on elite athletes? Are our findings generalizable across
sex and age? These questions still need to be followed up with more in-depth exploration.
(2) In terms of methodological tools, the high temporal resolution of EEG signals can
directly reveal the temporal characteristics of cognitive processing in the neural cortex
of the brain; however, the limitations of spatial resolution cannot precisely provide the
characteristics of neuronal or cluster activities with high spatial resolution. In future
studies, a combination of techniques such as EEG and ERPs with imaging techniques such
as positron emission tomography and fMRI with high spatial resolution can be considered
to further reveal the effects of sleep deprivation on response inhibition in athletes. (3) In
terms of circadian rhythms, due to various practical conditions, we performed baseline
tests on EEG and behavior at 8:00 before sleep deprivation and post-tests at 20:00 at the
end of sleep deprivation period. Circadian rhythms may influence cognitive performance
after sleep deprivation. The decline in cognitive performance due to sleep deprivation is
usually most severe at the nadir of the circadian rhythm (approximately 6:00 to 8:00) and
tends to recover partially around 16:00 to 20:00 as the circadian rhythm rises [79]. In future
studies, tighter control to match circadian rhythms at different test times is required.

5. Conclusions

The present study used an SST to provide ERP evidence that 36 h of sleep deprivation
impairs response inhibition in table tennis athletes. Sleep deprivation had different effects
on response inhibition in table tennis athletes and non-athlete controls, with sleep depri-
vation decreasing the amplitude of the P3 component in both groups of participants but
segregating the N2 and ERN components. The amplitudes of N2 and ERN in non-athlete
controls showed significant decreases after sleep deprivation, whereas table tennis athletes
did not show significant differences in N2 and ERN components after sleep deprivation.
This may be due to the tendency of table tennis athletes to conserve neural resources
devoted to conflict monitoring and error processing during the pre-response inhibition
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process, with a higher level of automated processing compared to the average college
student. Sleep deprivation impaired higher top-down cognitive processing in both groups
of participants, suggesting that later higher top-down cognitive control is more sensitive to
sleep deprivation than early automatic control.

Author Contributions: Conceptualization, L.X.; methodology, L.X., T.S. and Z.P.; formal analysis,
L.X., T.S. and Z.P.; investigation, L.X., T.S., Z.P., C.D. and L.W. (Letong Wang); data curation, L.X., T.S.,
Z.P., C.D. and L.W.; writing—original draft preparation, L.X.; writing—review and editing, Y.S., L.W.
(Lanxiang Wang), X.W. and M.H.; visualization, L.X.; supervision, Y.S., L.W. (Lanxiang Wang), X.W.
and M.H. All authors have read and agreed to the published version of the manuscript.

Funding: This research received no external funding.

Institutional Review Board Statement: The studies involving human participants were reviewed and
approved by Beihang University (Approval Code: BM20180040; Approval Date: 7 November 2018).
All procedures followed were in accordance with the ethical standards of the responsible committee
on human experimentation (institutional and national) and with the Helsinki Declaration of 1975, as
revised in 2000 (5).

Informed Consent Statement: Informed consent was obtained from all patients for being included
in the study.

Data Availability Statement: The datasets generated for this study are available on request to
corresponding authors.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Barnes, S. “The Best Recovery You Could Possibly Get”: Sleep, Rest, and the National Basketball Association. Sociol. Sport J. 2021,

38, 16–25. [CrossRef]
2. Andrews, J.L.; Zhang, X.; McCarthy, J.J.; McDearmon, E.L.; Hornberger, T.A.; Russell, B.; Campbell, K.S.; Arbogast, S.; Reid, M.B.;

Walker, J.R.; et al. CLOCK and BMAL1 regulate MyoD and are necessary for maintenance of skeletal muscle phenotype and
function. Proc. Natl. Acad. Sci. USA 2010, 107, 19090–19095. [CrossRef] [PubMed]

3. Rosa, J.P.P.; Rodrigues, D.F.; Silva, A.; Simim, M.A.D.M.; Costa, V.T.; Noce, F.; de Mello, M.T. 2016 Rio Olympic Games: Can the
schedule of events compromise athletes’ performance? Chronobiol. Int. 2016, 33, 435–440. [CrossRef] [PubMed]

4. Erlacher, D.; Ehrlenspiel, F.; Adegbesan, O.A.; El-Din, H.G. Sleep habits in German athletes before important competitions or
games. J. Sports Sci. 2011, 29, 859–866. [CrossRef] [PubMed]

5. Juliff, L.E.; Halson, S.L.; Peiffer, J.J. Understanding sleep disturbance in athletes prior to important competitions. J. Sci. Med. Sport
2015, 18, 13–18. [CrossRef]

6. Leeder, J.; Glaister, M.; Pizzoferro, K.; Dawson, J.; Pedlar, C. Sleep duration and quality in elite athletes measured using wristwatch
actigraphy. J. Sports Sci. 2012, 30, 541–545. [CrossRef]

7. Nédélec, M.; Halson, S.; Abaidia, A.-E.; Ahmaidi, S.; Dupont, G. Stress, Sleep and Recovery in Elite Soccer: A Critical Review of
the Literature. Sports Med. 2015, 45, 1387–1400. [CrossRef]

8. Venter, R. Perceptions of team athletes on the importance of recovery modalities. Eur. J. Sport Sci. 2011, 14, S69–S76. [CrossRef]
9. Charest, J.; Grandner, M.A. Sleep and Athletic Performance: Impacts on Physical Performance, Mental Performance, Injury Risk

and Recovery, and Mental Health. Sleep Med. Clin. 2020, 15, 41–57. [CrossRef]
10. Fullagar, H.H.K.; Skorski, S.; Duffield, R.; Hammes, D.; Coutts, A.J.; Meyer, T. Sleep and Athletic Performance: The Effects of Sleep

Loss on Exercise Performance, and Physiological and Cognitive Responses to Exercise. Sports Med. 2014, 45, 161–186. [CrossRef]
11. Jarraya, S.; Jarraya, M.; Chtourou, H.; Souissi, N. Effect of time of day and partial sleep deprivation on the reaction time and the

attentional capacities of the handball goalkeeper. Biol. Rhythm Res. 2013, 45, 183–191. [CrossRef]
12. Minkel, J.D.; Banks, S.; Htaik, O.; Moreta, M.C.; Jones, C.W.; McGlinchey, E.L.; Simpson, N.S.; Dinges, D.F. Sleep deprivation and

stressors: Evidence for elevated negative affect in response to mild stressors when sleep deprived. Emotion 2012, 12, 1015–1020.
[CrossRef]

13. Reyner, L.; Horne, J. Sleep restriction and serving accuracy in performance tennis players, and effects of caffeine. Physiol. Behav.
2013, 120, 93–96. [CrossRef] [PubMed]

14. Riederer, M.F. How Sleep Impacts Performance in Youth Athletes. Curr. Sports Med. Rep. 2020, 19, 463–467. [CrossRef]
15. Skein, M.; Duffield, R.; Edge, J.; Short, M.J.; Mündel, T. Intermittent-Sprint Performance and Muscle Glycogen after 30 h of Sleep

Deprivation. Med. Sci. Sports Exerc. 2011, 43, 1301–1311. [CrossRef] [PubMed]
16. Taheri, M.; Arabameri, E. The Effect of Sleep Deprivation on Choice Reaction Time and Anaerobic Power of College Student

Athletes. Asian J. Sports Med. 2012, 3, 15–20. [CrossRef] [PubMed]
17. Watson, A.M. Sleep and Athletic Performance. Curr. Sports Med. Rep. 2017, 16, 413–418. [CrossRef]

http://doi.org/10.1123/ssj.2019-0111
http://doi.org/10.1073/pnas.1014523107
http://www.ncbi.nlm.nih.gov/pubmed/20956306
http://doi.org/10.3109/07420528.2016.1150290
http://www.ncbi.nlm.nih.gov/pubmed/27003630
http://doi.org/10.1080/02640414.2011.565782
http://www.ncbi.nlm.nih.gov/pubmed/21506041
http://doi.org/10.1016/j.jsams.2014.02.007
http://doi.org/10.1080/02640414.2012.660188
http://doi.org/10.1007/s40279-015-0358-z
http://doi.org/10.1080/17461391.2011.643924
http://doi.org/10.1016/j.jsmc.2019.11.005
http://doi.org/10.1007/s40279-014-0260-0
http://doi.org/10.1080/09291016.2013.787685
http://doi.org/10.1037/a0026871
http://doi.org/10.1016/j.physbeh.2013.07.002
http://www.ncbi.nlm.nih.gov/pubmed/23916998
http://doi.org/10.1249/JSR.0000000000000771
http://doi.org/10.1249/MSS.0b013e31820abc5a
http://www.ncbi.nlm.nih.gov/pubmed/21200339
http://doi.org/10.5812/asjsm.34719
http://www.ncbi.nlm.nih.gov/pubmed/22461961
http://doi.org/10.1249/JSR.0000000000000418


Brain Sci. 2022, 12, 746 16 of 17

18. Diamond, A. Executive Functions. Annu. Rev. Psychol. 2013, 64, 135–168. [CrossRef]
19. Verbruggen, F.; Logan, G.D. Models of response inhibition in the stop-signal and stop-change paradigms. Neurosci. Biobehav. Rev.

2009, 33, 647–661. [CrossRef]
20. Logan, G.D.; Cowan, W.B.; Davis, K.A. On the ability to inhibit simple and choice reaction time responses: A model and a method.

J. Exp. Psychol. Hum. Percept. Perform. 1984, 10, 276–291. [CrossRef]
21. Kusztor, A.; Raud, L.; Juel, B.E.; Nilsen, A.S.; Storm, J.F.; Huster, R.J. Sleep deprivation differentially affects subcomponents of

cognitive control. Sleep 2019, 42, zsz016. [CrossRef]
22. Anderson, C.; Platten, C.R. Sleep deprivation lowers inhibition and enhances impulsivity to negative stimuli. Behav. Brain Res.

2011, 217, 463–466. [CrossRef] [PubMed]
23. Drummond, S.P.A.; Paulus, M.P.; Tapert, S.F. Effects of two nights sleep deprivation and two nights recovery sleep on response

inhibition. J. Sleep Res. 2006, 15, 261–265. [CrossRef] [PubMed]
24. Killgore, W.D. Effects of sleep deprivation on cognition. Prog. Brain Res. 2010, 185, 105–129. [CrossRef] [PubMed]
25. Chuah, Y.M.L.; Venkatraman, V.; Dinges, D.F.; Chee, M.W.L. The Neural Basis of Interindividual Variability in Inhibitory Efficiency

after Sleep Deprivation. J. Neurosci. 2006, 26, 7156–7162. [CrossRef]
26. Jin, X.; Ye, E.; Qi, J.; Wang, L.; Lei, Y.; Chen, P.; Mi, G.; Zou, F.; Shao, Y.; Yang, Z. Recovery Sleep Reverses Impaired Response

Inhibition due to Sleep Restriction: Evidence from a Visual Event Related Potentials Study. PLoS ONE 2015, 10, e0142361.
[CrossRef]

27. Kelly, C.; Garavan, H. Human Functional Neuroimaging of Brain Changes Associated with Practice. Cereb. Cortex 2004, 15,
1089–1102. [CrossRef]

28. Poldrack, R. Imaging Brain Plasticity: Conceptual and Methodological Issues—A Theoretical Review. NeuroImage 2000, 12, 1–13.
[CrossRef]

29. Picton, T.W.; Lins, O.G.; Scherg, M. The recording and analysis of event related potentials. In Handbook of Neuropsychology; Boller,
F., Grafman, J., Eds.; Elsevier: Amsterdam, The Netherlands, 1995.

30. Groom, M.J.; Cragg, L. Differential modulation of the N2 and P3 event-related potentials by response conflict and inhibition.
Brain Cogn. 2015, 97, 1–9. [CrossRef]

31. Ramautar, J.R.; Kok, A.; Ridderinkhof, K.R. Effects of stop-signal modality on the N2/P3 complex elicited in the stop-signal
paradigm. Biol. Psychol. 2006, 72, 96–109. [CrossRef]

32. Wessel, J.R.; Aron, A.R. It’s not too late: The onset of the frontocentral P3 indexes successful response inhibition in the stop-signal
paradigm. Psychophysiology 2015, 52, 472–480. [CrossRef] [PubMed]

33. Donkers, F.C.; van Boxtel, G. The N2 in go/no-go tasks reflects conflict monitoring not response inhibition. Brain Cogn. 2004, 56,
165–176. [CrossRef]

34. Dong, G.; Yang, L.; Hu, Y.; Jiang, Y. Is N2 associated with successful suppression of behavior responses in impulse control
processes? NeuroReport 2009, 20, 537–542. [CrossRef] [PubMed]

35. Folstein, J.R.; Van Petten, C. Influence of cognitive control and mismatch on the N2 component of the ERP: A review. Psychophysi-
ology 2007, 45, 152–170. [CrossRef] [PubMed]

36. Enriquez-Geppert, S.; Konrad, C.; Pantev, C.; Huster, R.J. Conflict and inhibition differentially affect the N200/P300 complex in a
combined go/nogo and stop-signal task. NeuroImage 2010, 51, 877–887. [CrossRef]

37. Albert, J.; Lopez-Martin, S.; Hinojosa, J.; Carretié, L. Spatiotemporal characterization of response inhibition. NeuroImage 2013, 76,
272–281. [CrossRef] [PubMed]

38. Wessel, J.R. Prepotent motor activity and inhibitory control demands in different variants of the go/no-go paradigm. Psychophysi-
ology 2017, 55, e12871. [CrossRef] [PubMed]

39. Li, C.-S.R.; Huang, C.; Constable, R.T.; Sinha, R. Imaging Response Inhibition in a Stop-Signal Task: Neural Correlates Independent
of Signal Monitoring and Post-Response Processing. J. Neurosci. 2006, 26, 186–192. [CrossRef]

40. Gehring, W.J.; Goss, B.; Coles, M.G.H.; Meyer, D.E.; Donchin, E. The Error-Related Negativity. Perspect. Psychol. Sci. 2018, 13,
200–204. [CrossRef]

41. Riesel, A. The erring brain: Error-related negativity as an endophenotype for OCD-A review and meta-analysis. Psychophysiology
2019, 56, e13348. [CrossRef]

42. Chang, W.-P.; Davies, P.L.; Gavin, W.J. Individual differences in error monitoring in healthy adults: Psychological symptoms and
antisocial personality characteristics. Eur. J. Neurosci. 2010, 32, 1388–1396. [CrossRef] [PubMed]

43. Logan, G.D.; Schachar, R.J.; Tannock, R. Impulsivity and Inhibitory Control. Psychol. Sci. 1997, 8, 60–64. [CrossRef]
44. Hsieh, M.-T.; Lu, H.; Lin, C.-I.; Sun, T.-H.; Chen, Y.-R.; Cheng, C.-H. Effects of Trait Anxiety on Error Processing and Post-error

Adjustments: An Event-Related Potential Study with Stop-Signal Task. Front. Hum. Neurosci. 2021, 15, 650838. [CrossRef]
45. Dienes, Z. Using Bayes to get the most out of non-significant results. Front. Psychol. 2014, 5, 781. [CrossRef]
46. Wagenmakers, E.-J.; Love, J.; Marsman, M.; Jamil, T.; Ly, A.; Verhagen, J.; Selker, R.; Gronau, Q.F.; Dropmann, D.; Boutin, B.;

et al. Bayesian inference for psychology. Part II: Example applications with JASP. Psychon. Bull. Rev. 2018, 25, 58–76. [CrossRef]
[PubMed]

47. Jeffreys, H. Theory of Probability, 3rd ed.; Oxford University Press: Oxford, UK, 1961.
48. Boucher, L.; Palmeri, T.J.; Logan, G.D.; Schall, J.D. Inhibitory control in mind and brain: An interactive race model of counter-

manding saccades. Psychol. Rev. 2007, 114, 376–397. [CrossRef] [PubMed]

http://doi.org/10.1146/annurev-psych-113011-143750
http://doi.org/10.1016/j.neubiorev.2008.08.014
http://doi.org/10.1037/0096-1523.10.2.276
http://doi.org/10.1093/sleep/zsz016
http://doi.org/10.1016/j.bbr.2010.09.020
http://www.ncbi.nlm.nih.gov/pubmed/20888369
http://doi.org/10.1111/j.1365-2869.2006.00535.x
http://www.ncbi.nlm.nih.gov/pubmed/16911028
http://doi.org/10.1016/b978-0-444-53702-7.00007-5
http://www.ncbi.nlm.nih.gov/pubmed/21075236
http://doi.org/10.1523/JNEUROSCI.0906-06.2006
http://doi.org/10.1371/journal.pone.0142361
http://doi.org/10.1093/cercor/bhi005
http://doi.org/10.1006/nimg.2000.0596
http://doi.org/10.1016/j.bandc.2015.04.004
http://doi.org/10.1016/j.biopsycho.2005.08.001
http://doi.org/10.1111/psyp.12374
http://www.ncbi.nlm.nih.gov/pubmed/25348645
http://doi.org/10.1016/j.bandc.2004.04.005
http://doi.org/10.1097/WNR.0b013e3283271e9b
http://www.ncbi.nlm.nih.gov/pubmed/19276864
http://doi.org/10.1111/j.1469-8986.2007.00602.x
http://www.ncbi.nlm.nih.gov/pubmed/17850238
http://doi.org/10.1016/j.neuroimage.2010.02.043
http://doi.org/10.1016/j.neuroimage.2013.03.011
http://www.ncbi.nlm.nih.gov/pubmed/23523776
http://doi.org/10.1111/psyp.12871
http://www.ncbi.nlm.nih.gov/pubmed/28390090
http://doi.org/10.1523/jneurosci.3741-05.2006
http://doi.org/10.1177/1745691617715310
http://doi.org/10.1111/psyp.13348
http://doi.org/10.1111/j.1460-9568.2010.07384.x
http://www.ncbi.nlm.nih.gov/pubmed/20846327
http://doi.org/10.1111/j.1467-9280.1997.tb00545.x
http://doi.org/10.3389/fnhum.2021.650838
http://doi.org/10.3389/fpsyg.2014.00781
http://doi.org/10.3758/s13423-017-1323-7
http://www.ncbi.nlm.nih.gov/pubmed/28685272
http://doi.org/10.1037/0033-295X.114.2.376
http://www.ncbi.nlm.nih.gov/pubmed/17500631


Brain Sci. 2022, 12, 746 17 of 17

49. Logan, G.D.; Van Zandt, T.; Verbruggen, F.; Wagenmakers, E.-J. On the ability to inhibit thought and action: General and special
theories of an act of control. Psychol. Rev. 2014, 121, 66–95. [CrossRef]

50. Wang, C.-H.; Chang, C.-C.; Liang, Y.-M.; Shih, C.-M.; Chiu, W.-S.; Tseng, P.; Hung, D.L.; Tzeng, O.J.L.; Muggleton, N.G.; Juan,
C.-H. Open vs. Closed Skill Sports and the Modulation of Inhibitory Control. PLoS ONE 2013, 8, e55773. [CrossRef]

51. Nakamoto, H.; Mori, S. Sport-Specific Decision-Making in a Go/Nogo Reaction Task: Difference among Nonathletes and Baseball
and Basketball Players. Percept. Mot. Skills 2008, 106, 163–170. [CrossRef]

52. Nakamoto, H.; Mori, S. Effects of stimulus–response compatibility in mediating expert performance in baseball players. Brain Res.
2008, 1189, 179–188. [CrossRef]

53. Vestberg, T.; Gustafson, R.; Maurex, L.; Ingvar, M.; Petrovic, P. Executive Functions Predict the Success of Top-Soccer Players.
PLoS ONE 2012, 7, e34731. [CrossRef] [PubMed]

54. Costanzo, M.E.; VanMeter, J.; Janelle, C.M.; Braun, A.; Miller, M.W.; Oldham, J.; Russell, B.A.H.; Hatfield, B.D. Neural Efficiency
in Expert Cognitive-Motor Performers during Affective Challenge. J. Mot. Behav. 2016, 48, 573–588. [CrossRef] [PubMed]

55. Zimmer, H.D.; Popp, C.; Reith, W.; Krick, C. Gains of item-specific training in visual working memory and their neural correlates.
Brain Res. 2012, 1466, 44–55. [CrossRef]

56. Neubauer, A.C.; Fink, A. Intelligence and neural efficiency. Neurosci. Biobehav. Rev. 2009, 33, 1004–1023. [CrossRef] [PubMed]
57. Fang, Q.; Fang, C.; Li, L.; Song, Y. Impact of sport training on adaptations in neural functioning and behavioral performance: A

scoping review with meta-analysis on EEG research. J. Exerc. Sci. Fit. 2022, 20, 206–215. [CrossRef]
58. Smith, J.; Smith, E.A.; Provost, A.; Heathcote, A. Sequence effects support the conflict theory of N2 and P3 in the Go/NoGo task.

Int. J. Psychophysiol. 2010, 75, 217–226. [CrossRef]
59. Yuan, J.; Meng, X.; Yang, J.; Yao, G.; Hu, L.; Yuan, H. The valence strength of unpleasant emotion modulates brain processing of

behavioral inhibitory control: Neural correlates. Biol. Psychol. 2012, 89, 240–251. [CrossRef]
60. Di Gregorio, F.; Steinhauser, M.; Maier, M.E. Error-related brain activity and error awareness in an error classification paradigm.

NeuroImage 2016, 139, 202–210. [CrossRef]
61. Schulreich, S. Altered Performance Monitoring in Psychopathy: A Review of Studies on Action Selection, Error, and Feedback

Processing. Curr. Behav. Neurosci. Rep. 2016, 3, 19–27. [CrossRef]
62. Guo, Z.; Li, A.; Yu, L. “Neural Efficiency” of Athletes’ Brain during Visuo-Spatial Task: An fMRI Study on Table Tennis Players.

Front. Behav. Neurosci. 2017, 11, 72. [CrossRef]
63. Li, L.; Smith, D.M. Neural Efficiency in Athletes: A Systematic Review. Front. Behav. Neurosci. 2021, 15, 698555. [CrossRef]

[PubMed]
64. Ikegami, K.; Ogyu, S.; Arakomo, Y.; Suzuki, K.; Mafune, K.; Hiro, H.; Nagata, S. Recovery of Cognitive Performance and Fatigue

after One Night of Sleep Deprivation. J. Occup. Health 2009, 51, 412–422. [CrossRef] [PubMed]
65. Skurvydas, A.; Kazlauskaite, D.; Zlibinaite, L.; Cekanauskaite, A.; Valanciene, D.; Karanauskiene, D.; Zuoziene, I.J.; Majauskiene,

D.; Mickeviciene, D.; Satas, A. Effects of two nights of sleep deprivation on executive function and central and peripheral fatigue
during maximal voluntary contraction lasting 60s. Physiol. Behav. 2020, 229, 113226. [CrossRef] [PubMed]

66. Wesensten, N.J.; Belenky, G.; Thorne, D.R.; Kautz, A.M.; Balkin, T.J. Modafinil vs. caffeine: Effects on fatigue during sleep
deprivation. Aviat. Space Environ. Med. 2004, 75, 520–525.

67. Cote, K.A.; Milner, C.E.; Smith, B.A.; Aubin, A.J.; Greason, T.A.; Cuthbert, B.P.; Wiebe, S.; Duffus, S.E.G. CNS arousal and
neurobehavioral performance in a short-term sleep restriction paradigm. J. Sleep Res. 2009, 18, 291–303. [CrossRef] [PubMed]

68. Kropotov, J.D.; Ponomarev, V.A.; Hollup, S.; Mueller, A. Dissociating action inhibition, conflict monitoring and sensory mismatch
into independent components of event related potentials in GO/NOGO task. NeuroImage 2011, 57, 565–575. [CrossRef] [PubMed]

69. Smith, J.L.; Johnstone, S.; Barry, R. Movement-related potentials in the Go/NoGo task: The P3 reflects both cognitive and motor
inhibition. Clin. Neurophysiol. 2008, 119, 704–714. [CrossRef]

70. Qi, J.-L.; Shao, Y.-C.; Miao, D.; Fan, M.; Bi, G.-H.; Yang, Z. The Effects of 43 Hours of Sleep Deprivation on Executive Control
Functions: Event-Related Potentials in a Visual Go/No Go Task. Soc. Behav. Personal. Int. J. 2010, 38, 29–42. [CrossRef]

71. Liu, Q.; Zhou, R.; Liu, L.; Zhao, X. Effects of 72 hours total sleep deprivation on male astronauts’ executive functions and emotion.
Compr. Psychiatry 2015, 61, 28–35. [CrossRef]

72. Miyazaki, S.; Liu, C.-Y.; Hayashi, Y. Sleep in vertebrate and invertebrate animals, and insights into the function and evolution of
sleep. Neurosci. Res. 2017, 118, 3–12. [CrossRef]

73. Simpson, N.S.; Gibbs, E.L.; Matheson, G.O. Optimizing sleep to maximize performance: Implications and recommendations for
elite athletes. Scand. J. Med. Sci. Sports 2016, 27, 266–274. [CrossRef] [PubMed]

74. Malhotra, R.K. Sleep, Recovery, and Performance in Sports. Neurol. Clin. 2017, 35, 547–557. [CrossRef] [PubMed]
75. Reddy, S.; Reddy, V.; Sharma, S. Physiology, Circadian Rhythm; StatPearls Publishing: Tampa, FL, USA, 2021.
76. Clark, I.; Landolt, H.-P. Coffee, caffeine, and sleep: A systematic review of epidemiological studies and randomized controlled

trials. Sleep Med. Rev. 2017, 31, 70–78. [CrossRef] [PubMed]
77. Murillo-Rodriguez, E.; Arias-Carrion, O.; Zavala-Garcia, A.; Sarro-Ramirez, A.; Huitron-Resendiz, S.; Arankowsky-Sandoval, G.

Basic sleep mechanisms: An integrative review. Cent. Nerv. Syst. Agents Med. Chem. 2012, 12, 38–54. [CrossRef]
78. Tosini, G.; Ferguson, I.; Tsubota, K. Effects of blue light on the circadian system and eye physiology. Mol. Vis. 2016, 22, 61–72.
79. Wesensten, N.J.; Belenky, G.; Kautz, M.A.; Thorne, D.R.; Reichardt, R.M.; Balkin, T.J. Maintaining alertness and performance

during sleep deprivation: Modafinil versus caffeine. Psychopharmacology 2001, 159, 238–247. [CrossRef]

http://doi.org/10.1037/a0035230
http://doi.org/10.1371/journal.pone.0055773
http://doi.org/10.2466/pms.106.1.163-170
http://doi.org/10.1016/j.brainres.2007.10.096
http://doi.org/10.1371/journal.pone.0034731
http://www.ncbi.nlm.nih.gov/pubmed/22496850
http://doi.org/10.1080/00222895.2016.1161591
http://www.ncbi.nlm.nih.gov/pubmed/27715496
http://doi.org/10.1016/j.brainres.2012.05.019
http://doi.org/10.1016/j.neubiorev.2009.04.001
http://www.ncbi.nlm.nih.gov/pubmed/19580915
http://doi.org/10.1016/j.jesf.2022.04.001
http://doi.org/10.1016/j.ijpsycho.2009.11.002
http://doi.org/10.1016/j.biopsycho.2011.10.015
http://doi.org/10.1016/j.neuroimage.2016.05.074
http://doi.org/10.1007/s40473-016-0061-x
http://doi.org/10.3389/fnbeh.2017.00072
http://doi.org/10.3389/fnbeh.2021.698555
http://www.ncbi.nlm.nih.gov/pubmed/34421553
http://doi.org/10.1539/joh.L8127
http://www.ncbi.nlm.nih.gov/pubmed/19602843
http://doi.org/10.1016/j.physbeh.2020.113226
http://www.ncbi.nlm.nih.gov/pubmed/33122092
http://doi.org/10.1111/j.1365-2869.2008.00733.x
http://www.ncbi.nlm.nih.gov/pubmed/19552702
http://doi.org/10.1016/j.neuroimage.2011.04.060
http://www.ncbi.nlm.nih.gov/pubmed/21571079
http://doi.org/10.1016/j.clinph.2007.11.042
http://doi.org/10.2224/sbp.2010.38.1.29
http://doi.org/10.1016/j.comppsych.2015.05.015
http://doi.org/10.1016/j.neures.2017.04.017
http://doi.org/10.1111/sms.12703
http://www.ncbi.nlm.nih.gov/pubmed/27367265
http://doi.org/10.1016/j.ncl.2017.03.002
http://www.ncbi.nlm.nih.gov/pubmed/28673415
http://doi.org/10.1016/j.smrv.2016.01.006
http://www.ncbi.nlm.nih.gov/pubmed/26899133
http://doi.org/10.2174/187152412800229107
http://doi.org/10.1007/s002130100916

	Introduction 
	Materials and Methods 
	Participants 
	Experimental Design 
	Experimental Procedures 
	Data Acquisition and Analysis 
	Behavioral Data Acquisition 
	ERP Data Acquisition 
	Data Analysis 


	Results 
	Behavioral Performance 
	SSRT 
	Stop Accuracy 
	Go-RT 
	Go Accuracy 

	ERP Component Amplitude 
	N2 Component 
	ERN Component 
	P3 Component 

	Correlation between EEG and Behavioral Data 
	N2 Amplitude and SSRT 
	ERN Amplitude and SSRT 
	P3 Amplitude and SSRT 


	Discussion 
	Conclusions 
	References

