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AbstrACt
Objectives Cardiovascular magnetic resonance (CMR) 
imaging is the gold-standard test for the assessment of 
heart function. Despite its importance, many jurisdictions 
lack specific billing codes that can be used to identify 
patient receipt of CMR in administrative databases, limiting 
the ability to perform ‘big data’ CMR studies. Our objective 
was to identify the optimal billing code combination to 
identify patients who underwent CMR using administrative 
data in Ontario.
Design Retrospective cohort study.
setting Quaternary care academic referral centre in 
Ontario, Canada.
Participants We tested all billing code combinations 
in order to identify the optimal one to determine receipt 
of CMR. The reference gold standard was a list of all 
cardiothoracic magnetic resonance scans performed at 
Sunnybrook Health Sciences Centre between 1 January 
2014 and 31 December 2016, verified by chart audit. We 
assessed the diagnostic performance (accuracy, sensitivity, 
specificity, positive predictive value and negative predictive 
value) for all code combinations.
results Our gold-standard cohort consisted of 2339 
thoracic MRIs that were performed at Sunnybrook Health 
Sciences Centre from 1 January 2014 to 31 December 
2016. Of these, 2139 (91.5%) were CMRs and 200 (8.5%) 
were chest MRIs. We identified the most accurate billing 
combination for the determination of patient receipt of 
CMR. This combination resulted in an accuracy of 95.3% 
(95% CI 94.4% to 96.2%), sensitivity of 97.4% (95% CI 
96.6% to 98.1%), specificity of 86.4% (95% CI 83.1% to 
89.6%), positive predictive value of 96.9% (95% CI 96.1% 
to 97.6%) and negative predictive value of 88.4% (95% CI 
85.4% to 91.5%).
Conclusions Our study is the first to verify the ability 
to accurately identify patient receipt of CMR using 
administrative data, facilitating more robust population-
based CMR studies in the future.

IntrODuCtIOn
Cardiovascular magnetic resonance 
(CMR) imaging is an increasingly used 
and important clinical imaging modality 
and is considered the gold standard in the 

assessment of the structure and function 
of the human heart.1–5 Despite the growth 
of CMR-related technology, there are no 
published population-based studies using 
CMR. Such studies are important in order 
to assess real-world outcomes related to this 
emerging technology as well as to under-
stand health services issues such as access 
and cost. The main barrier to conducting 
such studies is the lack of a reliable mech-
anism to track those who undergo CMR on 
a population basis. In Canada, for example, 
most jurisdictions lack a unique billing 
code for CMR, thus limiting the accuracy 
of tracking. One of those jurisdictions is 
Ontario, the largest Canadian province and 
home to approximately 14 million people. 
In Ontario, CMRs are billed with a generic 
code for ‘thoracic MRI’ which includes 
both CMRs and chest magnetic resonance 
scans.6 7 Further, there are two additional 
billing codes that are commonly used for 

strengths and limitations of this study

 ► Cardiovascular magnetic resonance (CMR) imaging 
is the gold-standard test to assess heart structure 
and function.

 ► Our study validated a combination of billing codes 
that can identify patient receipt of CMR in admin-
istrative databases in Ontario with an accuracy of 
approximately 95.3%.

 ► This validated combination of codes can be used by 
researchers in the future in order to identify those 
who underwent CMR and conduct CMR-related pop-
ulation-based ‘big data’ studies.

 ► Only data from a single centre in Ontario were used, 
thus potentially limiting generalisability. Further, the 
reported positive predictive values are very high due 
to 91.5% of the scans being true CMRs. If there was 
a setting in which there would be a higher preva-
lence of non-cardiac chest MRIs, the positive predic-
tive value would be expected to be lower.
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CMR scans; one for ‘cardiac gating’ (monitoring the 
patient’s ECG during the CMR scan) and the other for 
repeated MRI sequences that are sometimes performed 
as part of a comprehensive CMR scan.7 Administrative 
medical coding data are known to have inaccuracies. 
Therefore, it is important to validate these data using 
medical chart review as the gold-standard comparator. 
It is currently unknown if different combinations of the 
three billing codes can identify those who undergo CMR 
accurately. The objective of this paper was to identify the 
optimal billing code combination to identify patients 
who undergo CMR using administrative data in Ontario 
while using a gold-standard reference cohort composed 
of CMR scans that were confirmed based on a chart 
audit.

MethODs
Administrative databases
Given Ontario’s universal healthcare, administrative data-
bases in Ontario contain data on all patients in the popu-
lation who undergo assessment and billing by a physician. 
In fact, the Ontario Health Insurance Plan database 
captures approximately 98% of physician billings in the 
province.8

Candidate billing codes in for CMr imaging
As previously mentioned, there is no specific billing code 
for CMR imaging in Ontario. Candidate codes were 
selected based on examination of local billing patterns 
and after extensive consultation with CMR specialists in 
six large referral centres across Ontario. Since CMR is a 
niche cardiac diagnostic test in Canada, these six centres 
perform that vast majority of all CMR scans in the prov-
ince. All patients scanned are billed code X441 (‘MRI 
thorax-multislice sequence’). This is the generic code 
for thoracic MRI which includes both cardiovascular 
and chest MRIs. In addition, there are two other related 
billing codes that may also be billed. One of these is 
X445: (‘MRI thorax-repeat another plane, different pulse 
sequence’). This code is billed when scanning requires 
the performance of additional MRI sequences in different 
anatomical planes. This is often the case when the scan is 
performed to address clinical questions regarding cardiac 
anatomy. Finally, X486 (‘addition of cardiac gating’) may 
also be billed. This code is used when ECG recordings and 
gating are necessary while the patient is being scanned. 
In practice, this is required to improve image quality of 
movie images (cine images) of the beating heart and to 
monitor patients who may be at risk of arrhythmia. We 
sought to identify the diagnostic properties (accuracy, 
sensitivity, specificity, negative predictive value and posi-
tive predictive value) for the following combination of 
codes:
A. X441+X445.
B. X441+X486.

C. X441+X445+X486.

the gold-standard reference
All thoracic MRI (CMR and chest MRIs) scans performed 
during a 3-year period, between 1 January 2014 and 
31 December 2016, at Sunnybrook Health Sciences 
Centre were included in this study and were deemed the 
gold-standard reference. Scans were identified using a list 
obtained from the records of the department of medical 
imaging. Next, via chart review, each scan on this list was 
checked by the principal author (IR), a trained CMR 
specialist, to ensure that the characterisation of cardio-
vascular versus chest MRI was indeed correct. There were 
no discrepancies between the list obtained by medical 
imaging and the chart review. Note that individual 
patients may have been represented twice within this 
cohort if they had multiple thoracic MRI scans. The unit 
of analysis was individual MRI scans, not patients.

The approach we employed to ascertain the validity of 
administrative data definitions using data obtained from 
chart review as the gold standard is similar to that used 
to validate administrative data definitions and algorithms 
for a number of medical conditions including myocardial 
infarction, rheumatoid arthritis, Alzheimer’s disease and 
multiple sclerosis.9–13

statistical analysis
Sensitivity, specificity, accuracy, positive and negative predic-
tive values were then calculated for each of the three combi-
nation of codes listed above, using the validated list obtained 
from the Department of Medical Imaging as the gold-stan-
dard reference. Sensitivity was calculated as true positives/
true positives plus true negatives, specificity was calculated 
as false negatives/false negatives plus false positives, positive 

Table 1 Characteristics of the gold-standard patient 
cohort of patients undergoing cardiothoracic MRIs at 
Sunnybrook Health Sciences Centre from 1 January 2014 to 
31 December 2016

n 2339

Age in years (mean±SD) 59±17

Sex (% female) 36

Active smokers (%) 14

Diabetes mellitus (%) 23

Dyslipidaemia (%) 41

Hypertension (%) 53

Outpatient (%) 87

Indication for cardiovascular MRI (%)

Non-ischaemic cardiomyopathy 30

Viability 12

Arrhythmogenic right ventricular cardiomyopathy 11

Pulmonary veins 21

Aortic/vascular 16

Research (not included in the analyses) 9
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predictive value was calculated as true positives/true posi-
tives plus false positives and negative predictive value was 
calculated as false negatives/false negatives plus true nega-
tives. Accuracy was calculated as true positives+true nega-
tives/true positives+true negatives+false positives+false 
negatives. A 7-day window was allowed for lag time between 
the date of the scan on the gold-standard list and submis-
sion of billing codes to the ministry of health and long-term 
care, for payment. A sensitivity analysis using a window 
of <24 hours was also performed. Finally, subgroup analyses 
were performed according to inpatient/outpatient status. 
Binomial exact 95% CIs (by the Clopper-Pearson method) 
were calculated for all measures of diagnostic performance. 
All analyses were conducted using SAS V.9.4 (SAS Institute).

Patient and public Involvement
Patients were not involved in this study.

results
Our gold-standard cohort consisted of 2339 cardiotho-
racic MRIs that were performed at Sunnybrook Health 
Sciences Centre from 1 January 2014 to 31 December 
2016. Of these, 2139 (91.5%) were cardiovascular MRIs 
and 200 (8.5%) were chest MRIs. Patient characteristics 
of those undergoing cardiothoracic MRIs are summarised 
in table 1. All clinical patients undergoing cardiothoracic 
MRI (ie, excluding those with research scans) received 
code X441.

The results of our analyses are found in table 2. 
The optimal combination of codes was found to be 
X441+X486. This combination resulted in an accuracy of 
95.3%. The combination of all three codes (X441, X486 
and X445) had comparable results, with an accuracy of 

95.1%. In contrast the combination of X441 and X445 
produced inferior results with an accuracy of only approx-
imately 80.5% and unacceptably low specificity and nega-
tive predictive value numbers.

There was no substantive change when using a window 
of <24 hours between the billing of the individual codes 
with the best combination remaining X441+X486 and the 
worst performing combination remaining X441+X445 
(see table 3). There were also no clinically important 
differences when examining subgroups of patients by inpa-
tient/outpatient status with the best performing combi-
nation continuing to be X441+X486 (see table 4A,B).

DIsCussIOn
In the first study to examine the optimal mechanism to 
identify patients who underwent CMR using adminis-
trative data, we were able to identify the best and worst 
performing combinations of billing codes. The combi-
nation of the billing codes X441+X486 was optimal for 
identifying patients who underwent CMR, doing so with 
an accuracy of approximately 95.3%. This combination 
was marginally more accurate than the combination of 
X441+X445+X486, which provided an accuracy of 95.1%. 
In contrast, the combination of X441+X445 produced the 
worst results, with an accuracy of approximately 80.5%.

There has been a plethora of work validating diagnostic 
algorithms for a variety of cardiovascular indications 
including stroke, atrial fibrillation, cardiovascular proce-
dures and major adverse cardiovascular events using 
administrative data.4 8 11 12 14–19 In contrast, there has been 
relatively little work attempting to validate patient receipt 
of cardiovascular imaging using administrative data. A 

Table 2 Diagnostic performance of the different thoracic magnetic resonance code combinations for the identification of 
cardiovascular magnetic resonance scans

Sensitivity
(95% CI)

Specificity
(95% CI)

Positive predictive 
value (95% CI)

Negative 
predictive value 
(95% CI)

Accuracy
(95% CI)

X441+X445 99.1 (98.7 to 99.6) 0.1 (0.0 to 0.1) 81.1 (79.4 to 82.7) 11.1 (0.0 to 25.6) 80.5 (78.9 to 82.1)

X441+X486 97.4 (96.6 to 98.1) 86.4 (83.1 to 89.6) 96.9 (96.1 to 97.6) 88.4 (85.4 to 91.5) 95.3 (94.4 to 96.2)

X441+X445+X486 97.2 (96.4 to 97.9) 86.4 (83.1 to 89.6) 96.8 (96.1 to 97.6) 87.6 (84.5 to 90.7) 95.1 (94.2 to 96.0)

All numbers are expressed as percentages.

Table 3 Diagnostic performance of the different thoracic magnetic resonance code combinations for the identification of 
cardiovascular magnetic resonance (CMR) scans: sensitivity analysis using a window of <24 hours between performance of the 
CMR and submission of billing code for payment

Sensitivity
(95% CI)

Specificity
(95% CI)

Positive predictive 
value (95% CI)

Negative 
predictive value 
(95% CI)

Accuracy
(95% CI)

X441+X445 99.1 (98.7 to 99.6) 0.5 (0 to 1.1) 81.7 (80.0 to 83.2) 11.1 (0.0 to 25.6) 81.1 (79.5 to 82.7)

X441+X486 97.3 (96.6 to 98.1) 89.0 (86.0 to 92.0) 97.5 (96.8 to 98.2) 88.1 (85.0 to 91.2) 95.8 (95.0 to 96.6)

X441+X445+X486 97.1 (96.3 to 97.9) 89.0 (86.0 to 92.0) 97.5 (96.8 to 98.2) 87.3 (84.1 to 90.5) 95.6 (94.8 to 96.4)

All numbers are expressed as percentages
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recent study from Ontario demonstrated that in inpatients 
who suffered a stroke, administrative data alone were able 
to identify those who had MRIs or CTs of the brain in over 
90% of cases.17 In contrast, in that study, administrative 
data were only able to identify transthoracic echocardio-
grams in approximately 40% of inpatients.17

We are not aware of any studies that examined the 
validity of identifying CMR using administrative data. 
CMR is an increasingly used technology and is now 
considered to be the gold standard for the assessment 
of right and left ventricular function, viability and flow. 
However, despite this status, CMR does not have a unique 
billing code in Ontario or most other Canadian juris-
dictions.7 20 21 This has been perceived to be a barrier to 
identifying those who underwent CMR using administra-
tive data, thus limiting the extent of ‘big data’ popula-
tion-based CMR studies.

IMPOrtAnCe
Our study is the first to demonstrate that CMRs can be 
accurately tracked using a simple combination of billing 
codes with high accuracy. Given the similarity of billing 
codes for CMR across Canada, our approach will be trans-
latable to other jurisdictions. By using our validated coding 
combinations, one can identify patients who underwent 
this important diagnostic test in order to perform robust 
population-based outcomes studies related to CMR.

lIMItAtIOns
This study must be interpreted in the context of its limita-
tions. First, specificity and the related negative predictive 
value were modest even for the best performing of our 
algorithms. This is due to the fact that we have very few 
true and false negatives in our cohort. With that said, 
the accuracy for the best of our coding combinations 

exceeded 95% using the cohort of patients who under-
went thoracic MRIs. Second, the Institute for Clinical 
Evaluative Sciences has strict policies on data confidenti-
ality and minimising the risk of identification of subjects. 
In this context, patients who were analysed in a de-identi-
fied manner cannot be reidentified at a later time. Iden-
tification would allow us to access medical charts and 
determine the patients’ demographic characteristics. 
Due to these restrictions, we were unable to discern the 
patient characteristics of the approximately 5% of CMR 
scans in which the billing code combinations were inac-
curate. Third, the gold-standard cohort was obtained 
from a single centre in Ontario. However, this is unlikely 
to affect the validity of our results given the similarities 
in billing practices across the province and the fact that 
the billing codes themselves are identical across the 
province. Fourth, while these results are generalisable to 
Canada, they may not be generalisable to other countries 
who use different, more specific CMR codes. Fifth, the 
reported positive predictive values are very high due to 
91.5% of the scans being true CMRs. If there was a setting 
in which there would be a higher prevalence of non-car-
diac chest MRIs, the positive predictive value would be 
expected to be lower. Finally, miscoding of administrative 
data, transcription errors by physicians or clerical staff 
submitting billing claims and in the case of those physi-
cians who work under a salary model and ‘shadow bill’, 
improper documentation of diagnostic billing codes may 
all have affected the accuracy of the administrative data. 
Physicians in Ontario who are reimbursed under a salary 
structure often are required to send patient billings to 
the Ministry of Health. These billings are not used for 
directly reimbursing the physician but rather to ensure 
that the salary provided is relatively commensurate with 
the services provided. These ‘shadow’ billings are not 
counted by the Ontario Ministry of Health and thus are 

Table 4A Diagnostic performance of the different thoracic magnetic resonance code combinations for the identification of 
cardiovascular magnetic resonance scans among inpatients

Sensitivity Specificity
Positive predictive 
value

Negative 
predictive value Accuracy

X441+X445 98.7 (97.2–100.0) 62.5 (0.0–14.6) 88.2 (84.2–92.2) 40.0 (0.0–82.94) 87.3 (83.2–91.4)

X441+X486 97.4 (95.3–99.4) 81.3 (67.9–94.8) 97.4 (95.3–99.4) 81.3 (67.7–94.8) 95.4 (92.8–98.0)

X441+X445+X486 97.4 (95.3–99.4) 81.3 (67.8–94.8) 97.4 (95.3–99.4) 81.3 (67.8–94.8) 95.4 (92.8–98.0)

All numbers are expressed as percentages.

Table 4B Diagnostic performance of the different thoracic magnetic resonance code combinations for the identification of 
cardiovascular magnetic resonance scans among outpatients

Sensitivity Specificity
Positive predictive 
value

Negative 
predictive value Accuracy

X441+X445 99.2 (98.8–99.6) 0.0 (0.0–0.0) 90.7 (89.4–92.1) 0.0 (0.0–1.1) 90.1 (88.7–91.5)

X441+X486 97.3 (96.5–98.1) 77.8 (71.4–84.0) 97.8 (97.0–98.5) 74.6 (68.1–81.2) 95.5 (94.5–96.5)

X441+X445+X486 97.1 (96.3–97.9) 77.7 (71.4–84.4) 97.7 (97.0–98.5) 72.9 (66.3–79.4) 95.3 (94.3–96.3)

All numbers are expressed as percentages.
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not traceable in administrative databases. However, the 
percentage of physicians who shadow bill in Ontario 
is <2% and our study found high accuracy for adminis-
trative data definitions using a gold-standard reference 
model based on chart review.

COnClusIOns
Our study is the first to report the ability to identify patient 
receipt of CMR using administrative data with high 
accuracy. These findings are important as they provide 
a validated method to identify those who undergo this 
diagnostic test in order to perform population-based ‘big 
data’ studies in the future.

Contributors  IR and HCW carriedout the studies, participated in collecting data 
and drafted themanuscript. FQ performed the statistical analysis and participated 
inits design. IR, FQ, KAC ,GAW, MF, LJ-J and HCW helped draft the manuscript and/
or made critical edits to themanuscript. All authors read and approved the final 
version of themanuscript.

Funding This study was funded by an Impact Challenge Grant in Cardiovascular 
Research provided by the Heart and Stroke/Richard Lewar Center of Excellence in 
Cardiovascular Research and the Banting and Best Diabetes Centre. This study was 
supported by the Institute for Clinical Evaluative Sciences (ICES), which is funded by 
an annual grant from the Ontario Ministry of Health and Long-Term Care (MOHLTC). 
The opinions, results and conclusions reported in this paper are those of the 
authors and are independent from the funding sources. No endorsement by ICES 
or the Ontario MOHLTC is intended or should be inferred. Data sets were linked 
using unique encoded identifiers and analysed at the Institute for Clinical Evaluative 
Sciences (ICES). 

Competing interests None declared.

Patient consent Not required.

ethics approval Ethics approval was obtained from the Sunnybrook Health 
Sciences Centre Research Ethics Board. 

Provenance and peer review Not commissioned; externally peer reviewed.

Data sharing statement The data set from this study is held securely in coded 
form at the Institute for Clinical Evaluative Sciences (ICES). While data sharing 
agreements prohibit ICES from making the data set publicly available, access may 
be granted to those who meet prespecified criteria for confidential access, available 
at www. ices. on. ca/ DAS.

Open access This is an open access article distributed in accordance with the 
Creative Commons Attribution Non Commercial (CC BY-NC 4.0) license, which 
permits others to distribute, remix, adapt, build upon this work non-commercially, 
and license their derivative works on different terms, provided the original work is 
properly cited, appropriate credit is given, any changes made indicated, and the use 
is non-commercial. See: http:// creativecommons. org/ licenses/ by- nc/ 4. 0/.

reFerenCes
 1. Society for Cardiovascular Magnetic Resonance, 2017. CMS 

appropriate use criteria program for advanced diagnostic imaging 
services https://scmrsite-ymcom/news/349512/ CMS- Appropriate- 
Use- Criteria- Program- for- Advanced- Diagnostic- Imaging- Services. 
htm.

 2. Ronan G, Wolk MJ, Bailey SR, et al. ACCF/AHA/ASE/ASNC/HFSA/
HRS/SCAI/SCCT/SCMR/STS 2013 multimodality appropriate use 

criteria for the detection and risk assessment of stable ischemic 
heart disease: a report of the American College of Cardiology 
Foundation Appropriate Use Criteria Task Force, American Heart 
Association, American Society of Echocardiography, American 
Society of Nuclear Cardiology, Heart Failure Society of America, 
Heart Rhythm Society, Society for Cardiovascular Angiography and 
Interventions, Society of Cardiovascular Computed Tomography, 
Society for Cardiovascular Magnetic Resonance, and Society of 
Thoracic Surgeons. J Nucl Cardiol 2014;21:192–220.

 3. Roifman I, Zia MI, Zavodni A, et al. Evolution of right ventricular 
function post-acute ST elevation myocardial infarction. J Magn 
Reson Imaging 2014;40:709–14.

 4. Roifman I, Wijeysundera HC, Austin PC, et al. Temporal trends in the 
utilization of noninvasive diagnostic tests for coronary artery disease 
in ontario between 2008 and 2014: a population-based study. Can J 
Cardiol 2017;33:279–82.

 5. Patel MR, White RD, Abbara S, et al. 2013 ACCF/ACR/ASE/ASNC/
SCCT/SCMR appropriate utilization of cardiovascular imaging in 
heart failure: a joint report of the American College of Radiology 
Appropriateness Criteria Committee and the American College of 
Cardiology Foundation Appropriate Use Criteria Task Force. J Am 
Coll Cardiol 2013;61:2207–31.

 6. Chan BTB SS. Supply and Utilization of General Practitioner and 
Family Physician Services in Ontario: ICES Investigative Report 
Institute for Clinical Evaluative Sciences, 2005.

 7. Ontario Ministry of Health and Long-Term Care. Schedule of Benefits 
for Physician Services under the Health Insurance Act, 2014.

 8. Singh SM, Webster L, Calzavara A, et al. Validation of algorithms to 
identify invasive electrophysiology procedures using administrative 
data in Ontario, Canada. Med Care 2017;55:e44–e50.

 9. Widdifield J, Ivers NM, Young J, et al. Development and validation 
of an administrative data algorithm to estimate the disease burden 
and epidemiology of multiple sclerosis in Ontario, Canada. Mult Scler 
2015;21:1045–54.

 10. Jaakkimainen RL, Bronskill SE, Tierney MC, et al. Identification of 
physician-diagnosed Alzheimer's disease and related dementias 
in population-based administrative data: a validation study using 
family physicians' electronic medical records. J Alzheimers Dis 
2016;54:337–49.

 11. Tu K, Mitiku T, Guo H, et al. Myocardial infarction and the validation 
of physician billing and hospitalization data using electronic medical 
records. Chronic Dis Can 2010;30:141–6.

 12. Tu K, Mitiku T, Lee DS, et al. Validation of physician billing and 
hospitalization data to identify patients with ischemic heart disease 
using data from the Electronic Medical Record Administrative data 
Linked Database (EMRALD). Can J Cardiol 2010;26:e225–e228.

 13. Widdifield J, Bernatsky S, Paterson JM, et al. Accuracy of Canadian 
health administrative databases in identifying patients with 
rheumatoid arthritis: a validation study using the medical records of 
rheumatologists. Arthritis Care Res 2013;65:1582–91.

 14. Hall R, Mondor L, Porter J, et al. Accuracy of administrative 
data for the coding of acute stroke and TIAs. Can J Neurol Sci 
2016;43:765–73.

 15. Hughes C. Diagnosis coding for hypertension and heart failure. Fam 
Pract Manag 2017;24:34.

 16. Mazzali C, Paganoni AM, Ieva F, et al. Methodological issues on the 
use of administrative data in healthcare research: the case of heart 
failure hospitalizations in Lombardy region, 2000 to 2012. BMC 
Health Serv Res 2016;16:234.

 17. Porter J, Mondor L, Kapral MK, et al. How reliable are administrative 
data for capturing stroke patients and their care. Cerebrovasc Dis 
Extra 2016;6:96–106.

 18. Quan H, Khan N, Hemmelgarn BR, et al. Validation of a case 
definition to define hypertension using administrative data. 
Hypertension 2009;54:1423–8.

 19. Tu K, Nieuwlaat R, Cheng SY, et al. Identifying patients with atrial 
fibrillation in administrative data. Can J Cardiol 2016;32:1561–5.

 20. Ontario Ministry of Health. Ontario Ministry of Health and Long-Term 
Care: IntelliHEALTH ONTARIO, 2015.

 21. Ontario Ministry of Health and Long Term Care. Bulletin 4540 - 2008 
Physician Services Agreement – Changes Effective:2011.

www.ices.on.ca/DAS
http://creativecommons.org/licenses/by-nc/4.0/
https://scmrsite-ymcom/news/349512/CMS-Appropriate-Use-Criteria-Program-for-Advanced-Diagnostic-Imaging-Services.htm
https://scmrsite-ymcom/news/349512/CMS-Appropriate-Use-Criteria-Program-for-Advanced-Diagnostic-Imaging-Services.htm
https://scmrsite-ymcom/news/349512/CMS-Appropriate-Use-Criteria-Program-for-Advanced-Diagnostic-Imaging-Services.htm
http://dx.doi.org/10.1007/s12350-013-9841-9
http://dx.doi.org/10.1002/jmri.24402
http://dx.doi.org/10.1002/jmri.24402
http://dx.doi.org/10.1016/j.cjca.2016.07.590
http://dx.doi.org/10.1016/j.cjca.2016.07.590
http://dx.doi.org/10.1016/j.jacc.2013.02.005
http://dx.doi.org/10.1016/j.jacc.2013.02.005
http://dx.doi.org/10.1097/MLR.0000000000000274
http://dx.doi.org/10.1177/1352458514556303
http://dx.doi.org/10.3233/JAD-160105
http://www.ncbi.nlm.nih.gov/pubmed/20946715
http://dx.doi.org/10.1016/S0828-282X(10)70412-8
http://dx.doi.org/10.1002/acr.22031
http://dx.doi.org/10.1017/cjn.2016.278
http://dx.doi.org/10.1186/s12913-016-1489-0
http://dx.doi.org/10.1186/s12913-016-1489-0
http://dx.doi.org/10.1159/000449288
http://dx.doi.org/10.1159/000449288
http://dx.doi.org/10.1161/HYPERTENSIONAHA.109.139279
http://dx.doi.org/10.1016/j.cjca.2016.06.006

	Validation of billing code combinations to identify cardiovascular magnetic resonance imaging scans in Ontario, Canada: a retrospective cohort study
	Abstract
	Introduction
	Methods
	Administrative databases
	Candidate billing codes in for CMR imaging
	The gold-standard reference
	Statistical analysis
	Patient and public Involvement

	Results
	Discussion
	Importance
	Limitations
	Conclusions
	References


