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Fig. 2 Identification of two immune infiltration subtypes in ovarian cancer (OV) cohort from The Cancer Genome Atlas (TCGA). a The consensus
score matrix of all samples when k= 2. b Comparison immune profile of high and low immune infiltration groups for TCGA-OV cohort. c-f The

distribution of tumor purity, stromal score, immune score and ESTIMATE score in high and low immune infiltration groups. a was generated by
Consensusclusterplus (version 1.54.0); b was generated by ComplexHeatmap (version 2.6.2); c-f were generated by ggplot2 (version 3.2.1)
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Fig. 3 Differentially expressed genes and feature selection of genes between high and low immune infiltration groups. a Volcano plot of
differentially expressed genes: the red dots represent significantly up-regulated genes and green dots represent significantly down-regulated
genes between high and low immune infiltration groups. b-c The point highlighted indicates the lowest error rate and the highest accuracy rate;
the 72 corresponding genes at both points are the best signature selected by support vector machine-recursive feature elimination (SYM-RFE)
algorithm. a was generated by ggplot2 (version 3.2.1); b-c were generated by E1071 package (version 1.7-4)

OS in the training set. b-d Kaplan-Meier survival curves for OS in the validation set.
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Fig. 4 The distribution of Kaplan-Meier survival curves for overall survival (OS) in the training and validation set. a Kaplan-Meier survival curves for

a-d were generated by survival package (version 2.41-3)
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Fig. 5 The distribution of time-dependent receiver operator characteristic (ROC) curves for overall survival in the training and validation set. a
ROC curve of training set with area under the curve (AUC) at 5 year. b-c ROC curve of validation set with AUC at 5 year. a-c were generated by
survivalROC (version 1.0.3)

-

N
a 165 Altered in 254 (95.85%) of 265 samples.
0 0 242
TP53 F 91% .|
TN W 24% m—
CSMD3 ] I oM
mucte i i I | 6%H
RYR2 1] | M 6% |
ZUT B | | I 6%
TOP2A ] I 0] 6%l
UsH2A | ] | | 1] 6% M
NF1 | ] [l I 5%H
cok12' | | | | | || | 5%
FLG ] | | | [} 1 5%1
LRP1B 10T | | 1]} 1l 5%0
LRP2 h T | | il 5% M
MDN1 | | | I 1l | 5% N
muct7| | r | T | 5% il
AHNAK (A | Il I 4%
HMCNt | | | | | A [l 4% 1l
MACF1 | WAL Il Il 1 11l 4%
sYNE1 | 1] | [T | | L 4% 1
syne2l 0T I . | Ml 4% 1
M Missense_Mutation M Frame_Shift_Del M Nonsense_Mutation M In_Frame_Del
B Frame_Shift_Ins M In_Frame_Ins I Splice_Site W Multi_Hit
b SNV Class C d
0.5+
T>G I 2119 6
c
]
T>A | 2949 e o
: 1
02 4 S
T>C I4166 S U,|0.0-
I ®
c>T - 13009 = [
S
|
C>G . 5794 o -0.51
£
S 04
C>A . 6285 =
o
% o iy o iy HighI Risk LowK Risk chemorespbnse_CR chemorésponse_PR
S &« w N S = -
(=} o (=) o ~
Fig. 6 a Landscape of mutation profile in TCGA-OV samples. Mutation information of each gene in each sample was shown in the waterfall plot,
in which various colors with annotations at the bottom represented the different mutation types. The barplot above the legend exhibited the
mutation burden. b Summary of single nucleotide variants (SNV) with statistical calculations. ¢ Tumor mutation burden (TMB) level in high-risk
and low-risk groups. d The difference of risk score of TCGA-OV patient with complete and partial response for chemotherapy. a-b were generated
by Maptools (version 1.0-2); c-d were generated by ggplot2 (version 3.2.1)




Yan et al. BMC Cancer (2021) 21:55

Page 5 of 7

PHOX2B

; SLc.
.5 }\A 4542
o7 ek

‘\
o v M

e ZC,
©

X
Fig. 7 Circus plots shows the difference of copy number variations (CNV) level of genome among risk and control groups of TCGA-OV. The graph

reflects location of variant genes on chromosome, red genes represent exerting amplification of copy number (> 0.1) while blue genes mean deletion
(< —0.1), and black genes reflect — 0.1 ~ 0.1 CNV level between high- and low-risk group. Figure was generated by OmicCircos (version 1.280)
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Fig. 8 The landscape of immune infiltration in the TCGA cohort. a The Violin plot shows the significant difference (P < 0.001) of immune cell
fractions between high-risk and low-risk subgroup. b The interaction between 22 immune cells in TCGA-OV samples. The size of circle indicated
the effect of each immune cell on the prognosis, and P value was operated by Log-rank test. a was generated by ggplot2 (version 3.2.1); b was
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Fig. 9 a-e Correlation between expression of 5 genes bring into classifier (CXCL11, STPR4, TNFRSF 17, FPR1 and DHRS95) and immune cells in
samples from TCGA-OV cohort (P < 0.05). f-h Dot plot of Pearson correlation analysis reflecting the relevance between the expression of CXCL11
and Macrophages M1, STPR4 and T cells CD8, TNFRSF17 and Plasma cells. a-e were generated by Ggstatsplot (version 0.6.5); f-h were generated
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