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Abstract

Objectives: Disqualifying conviction lists (DCLs) bar applicants with certain
convictions within specified timeframes from employment. Using proposed
federal legislative changes in the aviation sector as a case study, we examine
whether convictions under the existing policy are associated with subse-
quent arrest. Then we consider the implications of proposed expansions—
arrests instead of convictions and a longer look-back window—on employ-
ment restrictions. Methods: Since DCLs exclude ineligible applicants with
conviction records, we use a large, single-state sample of diverse criminal
histories. We compare subsequent arrest rates across offense types,
consider variations in hazard patterns, and project exclusion estimates
based on current and anticipated policy reforms. Results: Only half of the
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disqualifying offenses have consistently higher recidivism rates than
non-disqualifying offense types. Over 20 percent of the sample would be
barred from employment, policy extensions double this estimate, and
exclusions are age-graded, shifting a peak conviction age of 20 years old
to a peak “consequence age” of 28. Conclusions: Including a narrower set of
offenses would reduce those automatically disqualified in our study context
by nearly 20 percent, or 39,000 individuals. Instead of expanding the DCL
scope, successful criteria should be both effective in prediction and narrow
in application.

Keywords
criminal background checks, transportation security, disqualifying
conviction lists, recidivism, collateral consequences

Criminal background checks for non-criminal justice purposes, including
employment and occupational licensing vetting, are widespread in the
United States (Goggins and DeBacco 2018; Society for Human Resource
Management 2018). Decision makers express concern about criminal
records, and particularly felony convictions, when assessing a job appli-
cant’s skillset, moral character, trustworthiness, and risk of recidivism
(Holzer 1996; Pager 2007). Moreover, employers may be concerned about
negligent hiring lawsuits if they employ a person with a criminal record
(Holzer, Raphael, and Stoll 2006) since past actions are a traditional pre-
dictor of future behavior (Farrington 1987; Kurlychek, Brame, and Bush-
way 2006). Listing disqualifying conviction offenses is a popular strategy
for using criminal histories to imply potential risks.

Disqualifying conviction lists (DCLs) have the unique feature of combin-
ing security and desistance considerations into a structured decision policy.
On the security side, restricted access to select jobs is designed to prevent
certain behaviors from occurring in contexts with vulnerable populations.
Although offense type is traditionally a weak predictor of recidivism
(Bushway and Kalra 2021), policymakers and employers focus on the pre-
vious type of conviction in risk calculations, particularly for offenses involv-
ing violence. From the desistance perspective, many policies also limit
historical “look-back” windows through which decision makers can view a
person’s criminal record, which aligns with research that finds most people
eventually desist (Blumstein and Nakamura 2009; Kurlychek et al. 2006,
2007). DCLs can dramatically shape employment opportunities for people
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with conviction records, especially in high-security positions where addi-
tional scrutiny may be justified to preserve security, but that exchange is void
if the elevated scrutiny is not justifiably tied to reductions in potential risk.

In the current study we consider this tradeoff in a high-security sector
(aviation), focusing on the implications of a recent federal-level policy debate
that could alter the criminal background screening process for hundreds of
thousands of applicants. While DCLs vary by occupational and geographic
context and are rarely formally studied, the potential implications of this type
of policy are vast. According to statutes maintained by the National Inventory
of Collateral Consequences of Conviction (2021), there are over 11,000 man-
datory disqualifications across the country that require licensing agencies to
deny applicants (Rodriguez and Avery 2016). In the healthcare field, more
than 3,100 businesses and 71,000 individuals were actively on the List of
Excluded Individuals/Entities for federally funded healthcare programs as of
July 2021". The selected offense types vary by field, but DCLs are similar in
design. Unlike the individualized assessment policies promoted by the Equal
Employment Opportunity Commission (EEOC 2012), which recommend a
comprehensive and holistic decision process, such mandatory bans are
intended to block access to a set of jobs based on limited criteria, often
without waivers or further information. While the use of look-back windows
removes lifetime bans, barring job applicants for a decade or more has the
unique implication of imposing age-graded collateral consequences—what
we refer to in the current paper as the “age-consequence curve.” As such,
DCLs deserve particular empirical attention.

We have two main research questions. First, we evaluate whether indi-
viduals with offenses on the DCL (which prohibits access to certain posi-
tions in the aviation sector) have higher recidivism rates than individuals
with non-disqualifying offense types. DCL policies are anticipated to have a
“chilling” effect (Harris and Keller 2005) on potential applicants because
individuals with listed offenses are automatically barred from consider-
ation. Not only are the disqualifying offenses publicly available in federal
statute (49 USC part 1542.209(d)), but airports also require applicants to
sign statements certifying they have not been convicted of any disqualifying
offenses as part of the application process.” Therefore, the SIDA applicant
pool would only consist of people without criminal records or with eligible
low-level convictions. Instead of applicant or employee data, we use
detailed computerized criminal history data for over 700,000 individuals
in New York State to address this question. We also investigate which
offenses, if any, are driving subsequent arrest patterns. Our second research
question investigates the potential employment exclusion implications of
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this DCL. We examine two policies proposed by the aviation sector:
1) extending the look-back period by five years, and 2) moving the dis-
qualification standard from conviction to arrest.

While much of the employment discrimination literature involving crim-
inal records focuses on local-level employer decisions, DCLs serve as quiet
gatekeepers across an array of industries and job positions. Such policies
restrict decision maker discretion and regulate economic opportunities
post-release by instituting a baseline layer of automatic disqualifications.
Barriers to accessing “high quality” job opportunities can raise additional
policy concerns. Passing a criminal background check and securing
employment can have important labor market and recidivism benefits for
individuals with conviction records (Denver et al. 2017), and jobs con-
nected to higher earnings or longer tenure can have heightened desistance
maintenance benefits (Apel and Horney 2017; Jaynes 2020; Schnepel 2017,
2018). In the current study context, entry-level positions requiring a high
school degree in the SIDA-badge sector have higher average wages than
comparable positions in other sectors.’

In addition, researchers have begun exploring desistance signals in the
employment context and examining the potential role of positive credentials
as markers of success and hireability rather than solely the passage of time
(e.g., Bushway and Apel 2012; Denver and Ewald 2018; DeWitt and Den-
ver 2020; Pager 2007). DCL barriers not only reinforce the importance of
observing long conviction-free periods, but also remove the opportunity to
present additional information and signal desistance. DCLs at the federal
level, where seemingly minor policy changes could have widespread impli-
cations, might also influence state-level policy choices, which in turn can
have implications for policy-relevant desistance research in the employ-
ment context. Evidence exploring the utility of DCLs has implications for
both employment policy and the theoretical development of desistance for
prospective job applicants with serious conviction records.

Disqualifying Conviction List Policies
in High-Security Settings

Formalized risk assessment instruments for criminal justice purposes, such
as making correctional placements or supervision decisions, have been
prolific over the past forty years (Andrews, Bonta, and Wormith 2006;
Taxman and Dezember 2017). However, vetting processes for regulatory
purposes, such as employment-based criminal background checks, are con-
ceptually and practically different than assessment strategies for those
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under formal criminal justice supervision (Siwach and Bushway 2017).
Hiring managers have less empirical guidance than criminal justice decision
makers (King and Fliegel 2010) and many still use discretionary vetting
processes (Lageson, Vuolo, and Uggen 2015). Rather than utilizing multi-
faceted and formalized risk assessment instruments, legislators sometimes
create—and decision makers must then use—DCLs. DCLs exist across
major industries, including healthcare (Office of Inspector General 2016),
banking (Federal Deposit Insurance Corporation 2018), and trucking
(Electronic Code of Federal Regulations 2020). However, the use of DCLs
is most prevalent in professions within elevated security environments, such
as ports (which require a Transportation Worker Identification Credential,
or TWIC), airports (Security Identification Display Area, or SIDA), trans-
porting HAZMAT (TWIC), and the intelligence community.

The type of offense underlying a conviction is—and has historically
been—the major factor driving disqualification statutes. Concerns sur-
rounding the “specialization” of certain offense types, or the idea that a
person is likely to repeat similar criminal behavior over time, is particularly
salient for prior violent or serious (i.e., felonious) offenses. The mark of
violence is widespread; both the general public and employers report a
stronger aversion to hiring people with violent convictions relative to other
offense types (Albright and Denq 1996; Cerda et al. 2015; Denver, Pickett,
and Bushway 2017; Holzer et al. 2004; Husley 1990; Pager 2007).

Yet researchers typically find that people with criminal records are gen-
eralists, rather than specialists (MacDonald et al. 2014; Piquero 2000; but
see Baker et al. 2013), particularly over the longer-term (Sullivan et al.
2006). Therefore, while excluding specific offenses is intended to remove
those most likely to commit those crimes, in practice such strategies may
not have that intended effect. In fact, other offenses may even be better
predictors of future arrest, although this depends on the criteria’s categor-
ization. There is no standard approach to measuring offense categories in
the specialization research (Mazerolle et al. 2000); some use broad clusters
(e.g., Armstrong and Britt 2004) and others disaggregate into a dozen or
more categories (e.g., Sullivan et al. 2009; Yan 2019). Broader categoriza-
tion likely biases towards finding specialization exists, since repetition is
more likely across broad offense classes than specific ones; this has some-
times been justification for—and in other cases not—aggregating offense
types (Armstrong and Britt 2004; Blumstein et al. 1988; Sullivan et al.
2006). Since some laws and policies explicitly exclude individuals con-
victed of specific violent or serious offense types, it may be helpful to
investigate more nuanced offense type information.
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Beyond specialization, time is also a key component of many DCLs. Using
look-back windows reduces the permanence of statutory bans and aligns with
research that indicates if people maintain clean records over time, old criminal
convictions are no longer strong correlates of future recidivism (Kurlychek
et al. 2006). The challenge is defining what constitutes an “old” criminal
record. Setting policy thresholds, such as a “10 year since last conviction”
guideline in criminal background checks, can lead to overly conservative
decisions that could delay or compromise the desistance process (Denver
2017). In practice, definitions for look-back windows vary not only across
agencies but also across job types within agencies, and windows can have
different starting points (e.g., conviction date or date of release from prison).

Early federal disqualification lists—which predated empirical
research®—combined the notion of stale criminal records with disqualifying
conviction types by using time limits. Legislative exclusion policies,
including the SIDA disqualifying conviction list examined in the current
study, also combine conviction type restrictions with look-back windows.
While there is a large focus on both conviction severity and recency in
practice and research (Kuhn 2019), we are only aware of one study that
examines an automatic disqualifying conviction list similar to the Trans-
portation Security Administration’s (TSA) SIDA list. Siwach and col-
leagues (2017) estimated risk predictions for a sample of provisionally
hired job applicants in the New York State healthcare sector using entire
criminal records, and then added the agency’s mandated disqualification
laws to the analysis. The disqualification laws in their context identified
specific felony convictions, some without look-back windows (e.g., a fel-
ony sex offense) and others with windows (e.g., a violent felony within the
past ten years). The authors found the mandatory laws—which forced an
emphasis on limited factors—weakened risk predictions and had an added
adverse effect for certain applicants (Siwach et al. 2017). The current study
applies this insight to a national DCL in the aviation sector to assess how
well the policy identifies higher recidivism levels and estimate employment
exclusions under varying criteria.

Study Motivation

Since TSA’s founding in 2001, employee vetting has served as a central
pillar of aviation security. Airport employees who need unescorted access
to locations beyond security screening are required to obtain SIDA badges.
An estimated 1.4 million adults currently hold a SIDA badge in the United
States, including baggage handlers, concession vendors, gate agents, and
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other support services within airports (TSA 2018). A key feature of the
SIDA vetting process involves a list of specific disqualifying convictions
and look-back windows, first established through federal law in 2002
(67 FR 8355).

In 2016, Congress passed the FAA Extension, Safety, and Security Act
(PL 114-190), which required TSA to improve a number of vetting proto-
cols for SIDA badging in light of potential insider threats. A key modifica-
tion asks TSA to extend the look-back period for disqualifying convictions
from 10 to 15 years post-conviction. However, if the selected offense types
on the SIDA exclusion list do not have higher rates of recidivism than other
offense types and the look-back window is extended, additional people may
be blocked from an industry without simultaneous public safety gains. It is
estimated that over 70 million individuals in the United States have a
criminal record on file with the FBI (Fields and Emshwiller 2014), and
roughly 19 million are estimated to have a felony conviction (Shannon
et al. 2017). Depending on the type of felony considered, extending the
look-back period could notably exacerbate the employment disparity
between applicants with and without criminal record convictions.

As Congress debated the look-back provisions, some in the aviation com-
munity noted that the use of conviction data ignores the criminal justice
process in the construction of a criminal record. Specifically, individuals
plead to lower charges, masking the potential risk indicators that an arrest
for a SIDA-disqualifying offense might provide. A federal advisory com-
mittee to TSA, the Aviation Security Advisory Committee (ASAC), recom-
mended that TSA broaden the set of criminal activities beyond convictions
that could be correlated with an elevated risk to transportation security,
including arrest records (ASAC 2015). The use of arrest rather than convic-
tion presents a number of ethical issues, as in many cases the originating
arrest was spurious to the embedded criminal act, translating variations in
police processing into hard-coded risk factors (D’Alessio and Stolzenberg
2003; Kochel, Wilson, and Mastrofski 2011; Richards and Tittle 1981).
Police wield tremendous discretionary powers (Alpert, MacDonald, and
Dunham 2005; Goldstein 1960; Schulenberg 2015) and including arrest
records introduces a number of potential sources of bias. Family scuffles can
become aggravated assaults, depending on the interaction between respond-
ing officers and citizens. Using arrest records could also dramatically sway
the availability of employment for those whose records show formal contact
with the police rather than formal conviction in a court of law.

Both policy propositions stand to dramatically impact the aviation vet-
ting process, and with it, potential access to jobs for individuals with
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criminal records. As an industry which employs over half a million people
across every state and territory in the United States (Bureau of Labor
Statistics 2020a), airport workers represent an important venue for examin-
ing the potential consequences of expansive exclusionary policies for those
with a criminal record. Although incorporating the age of the criminal
record acknowledges the potential for desistance, such policies can also
serve as barriers to employment by extending too far, leading to
age-graded collateral consequences during prime wage-earning years. In
this study, we generate a set of estimates for how changing this policy
might increase employment restrictions for individuals with criminal
records in the SIDA decision context.

Study Context and Data

Employment vetting for SIDA badges in the United States is simultaneously
local and federal. Initiated by individual airport operators as part of an
employment application, a fingerprint-based scan is submitted to the FBI
Interstate Identification Index (IIT) program for an interstate criminal his-
tory record check (CHRC), along with a Security Threat Assessment via
assorted terrorist watchlists. Individuals who have been convicted of a
felony on the DCL® within the past 10 years are disqualified from the SIDA
process. Although criminal disqualification criteria are standardized across
airports, individual airport operators compare the CHRC against the dis-
qualifying crimes list to make eligibility determinations. While individual
operators cannot remove the minimum disqualification criteria set in the
SIDA statute, they can include additional disqualifying offenses. In addition
to the potential applicant chilling effects described earlier, TSA does not
keep records of previous applications, limiting the ability to use decision
data to evaluate rejected applicants’ recidivism. Mandatory disqualification
criteria create an additional methodological complication by removing a
subset of the criminal record population—Tlikely a highly selected group—
from TSA’s consideration.

For these reasons, we used computerized criminal history (CCH) data
from the New York State Division of Criminal Justice Services (DCJS) as a
referent sample for a general criminal record population.® This provides
several advantages for examining the relationship between criminal records
and disqualifying offenses. New York State (NYS) has one of the largest
and most comprehensive criminal history files in the country, with over
90 percent of all arrests in their system containing a final disposition code
(Goggins and DeBacco 2018). It is the fourth-most populous state in the
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country and its airports handle roughly 52 million passengers every year. It
is one of the most diverse states, with a broad ethnic and racial heteroge-
neity that closely aligns with national demographics (30 percent non-White
in NYS; 24 percent non-White in the United States [U.S. Census Bureau
2019]7). There are also major international, regional, and rural airports
employing nearly 35,000 workers (NYS Department of Labor 2020), all
of which are required to abide by the federally mandated background check
process for SIDA badging.

We were granted access to the CCH top-charge file, which contains the
most serious incident occurring during the processing of a single case (from
arrest through disposition). In other words, if a person was charged with
multiple offenses within the same arrest event in New York State, the
dataset includes only the most serious of those charges. Sample inclusion
is defined by three key criteria. First, we began with the population of
individuals whose first in-state adult arrest (over the age of 15)® occurred
between 1990 and 2005. Second, an individual must have at least one
in-state misdemeanor or felony conviction at some point in their criminal
history. Given specific limitations of the New York data, only arrests that
result in a person’s first conviction—or occur after that conviction—are
included; individuals do not establish a permanent unique identifier (or
NYSID) within the CCH file until their first conviction.’ Third, alongside
New York State Penal Law offenses, we also include misdemeanors and
felonies for operating a vehicle under the influence (captured in NY'S Vehi-
cle and Traffic Law). In extending past penal code offenses, our estimates
should be interpreted as conservative. Finally, arrests and dispositions
through September 30, 2019 are included, providing at least a 15-year
follow-up period for our sample. Our final initial sample consists of
756,063 unique people and over 2.4 million in-state cycles (i.e., criminal
events for which a person was fingerprinted).

Since the SIDA statute refers to time since last conviction, conviction
dates were used throughout the analysis. Approximately 37 percent of
conviction dates are missing in the top-charge file; for these cases, we
imputed values based on available disposition date information. To estimate
the imputation values, we used cases with complete information to calculate
the median time between the sentencing date (included in the disposition
date variable) and conviction dates depending on offense severity—felony
(49 days) or misdemeanor (0 days).'® We then subtracted that number from
the existing disposition dates for all cases missing conviction date informa-
tion. After imputation, we are missing conviction dates for less than 4 per-
cent of all observations (n = 97,020 cycles for 74,447 unique individuals).
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Of'these cases, the vast majority are missing both disposition and conviction
dates, indicating that the case may not yet be resolved.'' In addition,
another 266 cycles had an arrest date occurring after the conviction date
for the same event, most likely due to input error. In those cases, we
replaced the conviction year with the arrest year.'?

While New York State provides potentially the best state-level dataset to
examine the current research questions, we are unable to consider certain
SIDA offenses for which there are not equivalent state statutes. These are
specific federal offenses primarily focused on aviation-related activity or
federal-only offenses, including aircraft piracy, interference with flight
crew members, sedition, and treason. However, we include approximately
19 SIDA offenses that have comparable state statutes and are more common
conviction types that airport operators encounter when conducting SIDA
reviews (see Appendix Table Al). Conducting state-level analyses provides
a starting point for understanding vetting implications for SIDA-related
offenses in the transportation industry and may be relevant for other
employment and licensure contexts.

Methods

We conduct two main analyses in the current study: comparing SIDA and
non-SIDA recidivism rates by offense type, and examining how adjusting
disqualification parameters could exacerbate existing employment restric-
tions for those with a criminal record. We discuss the methodological
approaches for each in the following subsections.

Disqualifying SIDA Convictions

To be eligible for a SIDA badge, applicants must not have been convicted of
one of 36 specific offenses'? within the previous 10 years prior to applica-
tion. The presupposition is that individuals who are convicted of one of
these disqualifying offenses exhibit a qualitatively different risk to their
potential profession than those who do not. To address this question, the
first analysis considers whether individuals who would be disqualified
based on the current SIDA classification system have higher recidivism
rates (measured as a subsequent arrest within 10 years) than people with
criminal records who would not have been disqualified. We examine both
general and SIDA subarrests, with a focus on the latter.

Although multiple events can be used to start a recidivism clock, our
analysis observes what happens after an individual’s first conviction. This is
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advantageous for maximizing follow-up time for individuals in the sample
and is a common occurrence in the study context—approximately half of
the individuals in our New York State sample have only one conviction.
Prior research examining criminal records in state-mandated criminal back-
ground checks suggests job applicants with criminal records who have
initial success in the early stages of the hiring process may have lower
numbers (e.g., 1-2) of prior convictions on average (Denver, Siwach, and
Bushway 2017).'* In some jobs with strict screening requirements, appli-
cants with a single conviction can qualify for exceptions to blanket bans,
making this an interesting group to consider.'> While using first conviction
as the starting point means there is not extensive criminal record informa-
tion available to assess, it is useful from a policy perspective.

Our aim is to compare subarrest rates between individuals who would (or
would not) be automatically disqualified from SIDA badge consideration
both in the aggregate (any SIDA) and by specific SIDA offense types. Since
we have the full population of adult arrest records within a state in a given
time period, we report the actual (descriptive) rates rather than probabilistic
estimates in our main analysis. We compare recidivism rates across SIDA
and non-SIDA'® categories for any subarrest and any SIDA subarrest within
10 years using two starting points for the recidivism clock. We start with the
date of conviction (the current SIDA policy), followed by an estimated time
of release from prison/jail (to balance time periods across the varying
offense types and only account for time people were “eligible” for subse-
quent arrest). We also consider different ways of measuring recidivism
(events occurring within 5, 7, and 15 years) and a sub-analysis of only those
individuals with full 15-year follow-up windows of data.'’

The Relative Consequences of Adjusting Disqualifying Criteria

To consider the potential consequences of adjusting disqualification criteria
proposed during recent policy negotiations, we also examine the implica-
tions of extending look-back periods (i.e., looking further back in a person’s
criminal record) on employment opportunities. To simulate this estimate,
we explore 10 and 15-year conviction look-back periods for our sample,
constructed at four different age groups (26, 31, 36, and 41 years old). These
age groups were selected to represent potential applicant ages for the SIDA
badging process. We then calculated the total percentage of each subsample
that would have a SIDA-related disqualifying conviction on their criminal
history for both look-back periods. To address recommendations made by
the ASAC (2015), we replicate this analysis using arrests rather than
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convictions as the disqualifying standard. In sum, we compare the indepen-
dent and interactive implications of both policy options on the disqualifica-
tion potential of our sample of adults with conviction records.

Results
Descriptive Statistics

Table 1 displays the descriptive characteristics for our full sample and
SIDA and non-SIDA subgroups. Consistent with other studies of criminal
justice involved individuals, the majority (around 80 percent) of the sample
is comprised of men. Approximately 57 percent is White and close to a
third is Black.'® The average age at first conviction in New York State is 30
(median = 27). As displayed in Table 1, around 28 percent of individuals in
our sample had a felony as their first conviction, with a slightly lower
proportion (26 percent) having a SIDA conviction. Although there may
be a notable distinction between all felonies and SIDA felonies in concept,
there is a sizable overlap in practice. In fact, close to 94 percent of all
individuals with felony first convictions in our sample would be excluded.
Finally, we broadly classified first conviction offense type.'? Outside of the
“other” category, property offenses were the most common (27 percent),
followed by drug (20 percent) and violent (16 percent). Although not
included in Table 1, the top five SIDA offenses were distribution of a
controlled substance (33 percent of SIDA first convictions), robbery (13 per-
cent), possession of a controlled substance (11 percent), weapon offenses
(9 percent), and burglary (7 percent).

When comparing the full sample to the SIDA first conviction subgroup,
several key differences emerge. Those classified as having SIDA convictions
are more likely to be male (86 percent), non-White (e.g., 46 percent of
individuals with SIDAs are Black), and younger (median age = 24). They
are also more likely to have violent (25 percent vs. 16 percent) or drug
(44 percent vs. 20 percent) convictions than the overall sample (and similarly,
the non-SIDA subgroup). The SIDA subgroup has a higher general subarrest
(46 percent compared to 43 percent) and SIDA subarrest (32 percent vs.
23 percent) rate within 10 years. Overall, the top five SIDA subarrest offenses
across the total sample were distribution (32 percent), burglary (9 percent),
robbery (9 percent), theft (9 percent), and fraud (8 percent).

While the aggregate SIDA subarrest rate suggests the policy might be
working as intended (i.e., identifying a group of people with a higher
likelihood of being arrested for the identified convictions of interest),
collapsing over a dozen conviction types into one category can mask
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Table 1. Sample Descriptive Statistics.

Full SIDA Non-SIDA SIDA/Non-SIDA
sample First First Comparison
Variables (percent) Convictions Convictions (t-test)®
Male 79.3 85.6 77.0 8841
Race — — — —
White 57.2 37.9 64.0 206.54
Black 31.0 45.6 25.9 -155.60
Other/Multiple 6.9 9.3 6.1 -44.09
Missing/Unknown 4.9 73 4.0 -51.05
Age of First — — — —
Conviction
(Years)
16-19 15.0 21.0 12.8 -80.51
20-24 28.5 327 27.1 -46.74
25-29 17.5 16.7 17.8 10.95
30-34 13.0 11.2 13.6 28.68
35-39 9.8 7.6 10.5 40.66
40-44 6.7 47 7.5 46.39
45+ 9.5 6.1 10.8 69.21
First Conviction — — — —
Type
Felony 27.8 100 23 -4,826.56
SIDA-disqualifying 26.1 100 0.0 —
First Conviction — — —
Crime Category
Violent 16.0 25.0 12.8 -114.04
Property 27.0 204 293 81.31
Drug 19.5 44.4 10.7 -281.88
Other 375 10.2 47.2 387.77
Subsequent Arrest — — — —
within 10 Years
At Least One 43.6 46.1 42.7 -26.01
Subarrest
At Least One 10.5 12.0 10.0 -23.65
Violent
Subarrest
At Least One 232 32.1 20.1 -101.07
SIDA Subarrest
Subsequent Arrest — — — —
Within 15 Years
47.1 50.1 46.0 -31.52

(continued)
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Table I. (continued)

Full SIDA Non-SIDA SIDA/Non-SIDA
sample First First Comparison
Variables (percent) Convictions Convictions (t-test)®
At Least One
Subarrest
At Least One 12.2 14.3 1.4 -31.66
Violent
Subarrest
At least one SIDA 25.7 355 223 -108.58
subarrest
Sample size 756,063 196,983 559,080

Note. n = 756,063. The most serious offense is recorded above. We rank severity in the order
listed above, where violent is most serious and other is least.
All of the t-test results reported above are statistically significant at the .001 alpha level.

important variation. Next, we compare general and SIDA subarrest rates for
each offense type following current SIDA policy (within a 10-year window
from first conviction) and under full 10-year window specifications (i.e.,
estimated 10-year windows from institutional release).

Disqualifying SIDA Convictions

Post-conviction rate comparisons. Figures 1 and 2 display the same set of
recidivism values by SIDA first conviction type, but the former orders the
SIDA offenses from highest to lowest by overall subarrest rates while the latter
orders by SIDA subarrest rate to show the two key comparisons of interest.?’

The DCL specifies a set of offense types as automatically disqualifying, and
from an instrumental/risk reduction perspective, individuals convicted of these
offenses should have higher recidivism rates than those convicted of offenses
outside of the list. The “non-SIDA” category, which comprises over 238,000
individuals with subsequent arrests and non-SIDA first convictions, is ranked
eighth in Figure 1. In other words, the group with a non-SIDA first conviction
offense has higher overall recidivism rates than 10 of the offenses listed on the
DCL. The SIDA offenses with a higher subarrest rate include burglary, distri-
bution of a controlled substance, robbery, stolen property, destruction, and
weapon offense (along with the overarching “any SIDA” category).

Turning to the SIDA subarrest graph (Figure 2), two additional SIDA first
conviction types have a higher rate of recidivism than non-SIDA first con-
victions: drug possession and aggravated assault. While the DCL captures
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Figure |. Offense type comparisons: sorted by any subarrest rate. Note. The
numbers listed in the x-axis represent the number of unique individuals with that
offense type as their first conviction. Threat, extortion, and controlled substance
importation/manufacturing have too few cases to report here.

additional offenses under the SIDA subarrest measure compared to general
subarrests, non-disqualifying offenses still have a higher SIDA subarrest rate
than half (eight out of 16) of the individual SIDA conviction types for that
outcome measure. If the SIDA criteria was limited to just include the top
eight conviction types, 21 percent of the sample (n = 158,413) would be
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Figure 2. Offense type comparisons: sorted by SIDA subarrest rate. Note. The
numbers listed in the x-axis represent the number of unique individuals with that
offense type as their first conviction. Threat, extortion, and controlled substance
importation/manufacturing have too few cases to report here.

automatically ineligible for a SIDA badge instead of slightly over a quarter of
individuals with a conviction record. However, the SIDA offenses with the
lowest recidivism rates are also those whose exclusion might be morally
concerning—convictions such as murder, rape and sexual assault, and
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kidnapping. In this sense, an offense-based disqualification system can lead
to a clash between instrumental and expressive concerns. The formal goal
may be risk reduction, but policymakers may find it politically controversial
to exclude certain violent offense types (Pfaff 2017).

Post-release rate comparisons. An important consideration is that people with
SIDA convictions are potentially serving long periods in prison, and may
not be counted as recidivating within the selected look-back windows due to
incarceration stays. In other words, some people may appear to have a lower
risk of recidivism because they are not back in the community yet, and
therefore not “eligible” for rearrest. Creating more comparable eligibility
windows across offense types could also be useful. To adjust for time
served, we shifted the start of everyone’s recidivism clock based on the
median total time served (state+ jail totals in days) for first felony convic-
tion offense type (Hayes 2007: Section 3).>' Approximately 4,758 and
3,852 people were added to our any subarrest and SIDA subarrest variables
(respectively) when using the post-release measurement.

When reproducing recidivism rates accounting for time served, one
offense was added for any subarrest: aggravated assault (results not
displayed). For the SIDA subarrest outcome, eleven SIDA offenses
have higher recidivism rates than the non-SIDA comparison (see
Appendix Table A2). This includes the full original list in the main results
plus felony theft, arson, and intent to murder. Without more accurate data at
the individual-level we may be misestimating time served, and the current
SIDA policy only considers time since conviction (without taking incarcera-
tion time into account). However, our current findings suggest that SIDA
offense types alone—at least as currently specified—are not adequate indi-
cators of recidivism as a whole, and several of the potentially most contro-
versial SIDA offense types have consistently lower ranked recidivism rates
than non-SIDAs regardless of the event that starts the recidivism clock.

Alternative specifications. In addition to examining the SIDA policy in place,
we also consider how different measures of recidivism and shorter or longer
look-back windows can influence SIDA subarrest rate comparisons.
Regardless of how subarrest is measured (within 5, 7, 10 or 15 years), the
same eight SIDA offenses have a higher SIDA subarrest rate than the group
of offenses designated as non-SIDAs. The same set of results holds when
reproducing the rates for just those individuals with a full 15-year follow-up
window of data.? (Results available upon request.)
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Time to SIDA subsequent arrest. While the SIDA policy does appear to accu-
rately identify several offenses with higher recidivism rates than other convic-
tion types, narrowing in on the consistently strong SIDAs can strengthen the
DCL. Figure 3 displays four hazard patterns for SIDA subarrest outcomes. The
SIDA offenses with higher recidivism rates than non-SIDAs in the main results
(burglary, distribution of a controlled substance, robbery, stolen property,
destruction, weapon offense, drug possession, and aggravated assault) are
consistently and notably higher over time, and only become close to conver-
ging after a decade. Non-SIDAs and the SIDAs with inconsistent results across
specifications (fraud, theft, arson, and intent to murder) have similar and over-
lapping hazard patterns. The consistently lower-rate SIDA offense group
(which includes murder, bribe, rape and kidnapping) is about a fifth of the
starting recidivism level of the high SIDA group and around 2.5 times lower
than the starting point for the other two hazard patterns, and this low rate
remains stable over time. By five to seven years since conviction, the hazard
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Figure 3. Security Identification Display Area (SIDA) subarrest hazard patterns.
Note. Four groups are included above, all of which are first conviction types:
non-SIDAs, four offenses with lower recidivism rates than the non-SIDA group
(low), eight with higher rates than the non-SIDA group (high), and four with
inconsistent results across specifications (inconsistent).
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rates are all at similar levels and stabilized, with the exception of the eight
SIDA offenses in the “high rate” group.

Taken together, our analysis provides several key findings. First, from
our sample of individuals who experienced their first adult arrest in New
York State between 1990 and 2005 and had a subsequent conviction, the
group with SIDA first convictions has a higher general and SIDA subarrest
rate than non-disqualifying first convictions. When disaggregated into indi-
vidual SIDA offense types, four SIDA offenses always have lower SIDA
recidivism rates than the non-SIDA group, which increases to eight when
including SIDA offenses that typically have lower (but inconsistent) rates.
The time served analysis is largely consistent with the main results, but
the extended period leads to the inclusion of three additional SIDAs.
Finally, with the exception of theft in the 15-year follow-up analysis, the
main findings are consistent across SIDA subarrest measures and when
considering only individuals with extensive available follow-up data.

The Relative Consequences of Adjusting Conviction
Look-Back Periods

In the second main analysis, we examine two policy proposals relevant to
disqualifying offenses in the aviation context. First, we examine increasing
the look-back window from 10 to 15 years to consider its potential influence
on employment opportunities. Table 2 contains the current (10 year) and
proposed (15 year) conviction look-back windows for four age groups. We
only include the age 26 group for the 10-year window, since they do not have
a full 15-year look-back available. The last set of rows displays the percent-
age of people with at least one SIDA felony for each age group and look-back
period, along with the disqualification type (high, inconsistent, and low).
Under current guidelines, approximately 21 percent of the adults with
conviction records in our sample would be disqualified for a SIDA-related
conviction at age 26. This is primarily driven by distribution of controlled
substances (7.7 percent) and robbery (4.1 percent). Other notable convic-
tions include possession of controlled substances (2.8 percent), possession
of an explosive/weapon (2.7 percent) and burglary (2.3 percent). As the
sample ages, the relative implications of a criminal record, often received
during late teens and early 20s, is mitigated. Had the individuals in this
sample applied for a SIDA badge, approximately 21 percent of 31-year-old
applicants, 15 percent of 36-year-old applicants, and 12 percent of 41-year-
old applicants would be automatically disqualified for a SIDA-related
conviction under a 10-year look-back period. As displayed in the last set
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of rows, the eight SIDA offenses in the “high rate” group capture the
majority of the disqualifications across groups and periods.

Across age groups, the primary drivers of disqualification are felony
distribution and felony possession of controlled substances. Only a handful
of felonies (rape/aggravated sexual assault, fraud, larceny, and possession
or distribution of controlled substances) were in a larger portion of the
31-year-old sample than the 26-year-old sample, and the increases were
minor. The offense-specific changes reiterate the finding that criminal
records are often established early in adulthood, and the proportion of
individuals with conviction records who would be disqualified for a
SIDA-related conviction diminishes over time.

Extending the conviction look-back window from 10 to 15 years shifts
the consequences of earlier offending patterns into later adult life. While
this results in a six-percentage point increase in the proportion of disqua-
lified 31-year olds, the difference is 10 percentage points for 36-year olds.
These shifts appear minor, but given the size of our justice-involved sample
in just one state, they translate to an increase of over 47,000 individuals
disqualified at age 31, and over 65,000 individuals disqualified at age 36.
Moreover, specific offense types become particularly influential in disqua-
lifying older individuals. Roughly the same proportion of individuals in our
sample would be disqualified for felony controlled substance distribution at
age 26 (for 10-year look-back) and age 41 (for 15-year look-back). Results
from this first analysis suggest that extending the look-back window to
15 years disproportionately excludes those whose convictions were for
crimes against society (drugs and weapons possession).

Second, although not in the final language, the discussion of using arrest
records as a disqualifying mechanism is still prevalent within the aviation
security community. To address the potential implications of this for appli-
cants with arrest records, Table 3 replicates the above results for SIDA
disqualifying arrests. Moving standards from conviction to arrest greatly
increases the proportion of those with a criminal record disqualified under
SIDA. Regardless of age group, moving the standard to a disqualifying
arrest rather than disqualifying conviction translates into roughly a
60-80 percent increase in individuals excluded from employment who
would have qualified under current SIDA requirements. Depending on the
age category, this would equate to an additional 53,800 to 97,500 potential
automatic disqualifications using the sample in this analysis. Shifting to a
15-year window on top of the arrest standard only increases the proportion
who are disqualified. Overall, a restriction of 15 years since last arrest (as
opposed to 10 years since last conviction) would automatically disqualify
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between 2 and 2.7 times the number of people in our sample rejected out-
right based on current guidelines. This discrepancy could be slightly
reduced if policymakers focused on just the “high” SIDAs, but even then,
around 2 to 2.5 times the amount of people would be rejected by imposing
both of these more stringent guidelines.

Shifting Peaks and Cumulative Consequences

Extending look-back windows has net-widening implications across all age
groups, but the magnitude is not equivalent at each age. The age-crime curve,
which represents the proportion of people engaging in crime and the criminal
justice system, is curvilinear and skews young, peaking in the teenage years
(Farrington 1986; Hirschi and Gottfredson 1983; Quetelet 1831; Sampson
and Laub 2005). Age-crime curves based on conviction data push the peak
slightly later (Blokland, Nagin, and Nieuwbeerta 2005), which may reflect
criminal justice system processing delays and/or imposing different sanc-
tions for younger people. In practice, disqualification lists prohibit
industry-wide employment for a set timeframe post-conviction (e.g., 10 years
for SIDA badges), shifting such prohibitions to the next phase of one’s life
course. Our initial analysis projects the age-graded consequences a standar-
dized employment restriction may have by considering the distribution of
SIDA convictions across age groups for our sample.

To better demonstrate the relative disconnect between conviction pat-
terns and the cumulative consequences that disqualifying criteria can have,
we compare both for a subsample of 118,506 individuals.”*> For this sub-
sample, we tabulated 385,093 convictions through the age of 41 (or 25 years
after the age of majority in New York State). First, building on earlier work
on the age-crime curve, we calculated the proportion of total sample con-
victions by age (or incidence). Second, using the current SIDA disqualifi-
cation criteria (specific felony offense types for 10-years post conviction),
we calculated the sample proportion who would have been
SIDA-disqualified during a specific age (prevalence). For example, if
someone was convicted of a SIDA-disqualifying offense at age 22, they
would be disqualified for the next 10 years (to age 31). If the same indi-
vidual also was convicted of a SIDA-disqualifying offense at age 28, that
period would last until they are 37 years old. Therefore, that person would
be disqualified from the age of 22 to 37 years old. We term this the age-
consequence curve, which is a representation of the age-graded collateral
consequence from conviction disqualification criteria.
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Figure 4. Age-conviction (incidence) and age-consequence (prevalence), different
axes.

In Figures 4 and 5, we compare the age-conviction curve and the
age-consequence curve in different ways to demonstrate two important
findings. First, in Figure 4, we show the two curves along the same
X-axis, but with different Y-axes proportional to the peak of their indepen-
dent distributions (6.89 percent for age-conviction; 34.75 percent for age-
consequence). When scaled proportionally, we can see an important shift in
the peaks of the two curves. Specifically, while the age curve for all con-
victions skews younger, the age-consequence curve peaks later in life. This
could be due to the later age of people with SIDA-disqualifying felonies in
comparison to the broader category of offenses. In addition, specializa-
tion—or the type of repeat behavior that disqualification lists target—tends
to increase over the life course (Nieuwbeerta et al. 2011).

Second, in Figure 5, when the two curves are plotted along the same
Y-axis, we see the cumulative magnitude of these disqualifying criteria. For
those younger than 18 years old, the proportion of convictions are roughly
similar to the proportion of people disqualified. But as conviction rates drop
over the subsequent 23 years, disqualification dramatically increases, and
ultimately peaks at 27 years old. Moreover, by the age of 41, nearly
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Figure 5. Age-conviction (incidence) and age-consequence (prevalence), same axis.

44 percent of our subsample would have been disqualified for 1 or more
years, and nearly 8 percent would be disqualified for more than 15 years
(due to overlapping disqualification periods). Combined with the limita-
tions in using a broad set of disqualifying offenses, these shifting peaks and
cumulative consequences can dramatically limit employment opportunities
for individuals with conviction records.

Discussion and Conclusion

In a recent annual review piece, Bersani and Doherty (2018:312) describe
two “distinct directions in the conceptualization of desistance”: learning
more about the underlying process of desistance, including set-backs (the-
ory-based) and identifying when, on average, people with criminal records
have comparable probabilities of future criminal justice system events as
those without records (policy-based). While both approaches include theo-
retical and policy implications, the latter emphasizes providing guidance to
decision makers external to the criminal justice system, such as evidence
about look-back windows to employers (e.g., Blumstein and Nakamura
2009; Kurlychek et al. 2006). Rather than promoting desistance, the goal
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appears to be identifying “desisters,” or prospective employees who do not
pose a significant risk of subsequent illegal behavior (particularly in the
workplace). For decision makers interested in identifying offense types
perceived to be relevant for the job in question (EEOC 2012), combining
a look-back window with a list of offenses can create a simple and trans-
parent assessment criterion. We refer to such lists as disqualifying convic-
tion lists, or DCLs.

DCLsare policy choices that incorporate information about the absence of
criminal justice system involvement, but having disqualification lists in
place can also potentially influence desistance trajectories. As Maruna
(2009: 56) succinctly states, “Desistance is both a cause and a consequence
of reintegration.” Employment exclusions, along with other social and eco-
nomic barriers to reintegration, can stall or challenge desistance. This notion
led Maruna (2009) to question whether time since last policies—which often
are installed prior to or without empirical guidance (as in the current case,
with the SIDA policy taking effect in 2002)—might serve as self-fulfilling
prophecies. In other words, it is not clear whether the imposed time frame
accurately identifies when people naturally desist, or inadvertently stalls
desistance until these labor market opportunities become available. At a
more fundamental level, while DCL policies exist across industries and often
prohibit job applicants from consideration, there is a lack of research on
whether the offense types specified in DCLs are meaningfully connected
to recidivism, and the scope of employment exclusion for such policies.

In the current study, we consider the implications of a federal and wide-
spread DCL for both identifying higher recidivism rates and inducing
age-graded collateral consequences among a diverse population of adults
with conviction records in a populous state. When collapsed into a single
policy, offenses classified as automatically SIDA disqualifying within
10 years post-conviction have higher general and SIDA recidivism rates
than non-SIDAs. However, there is wide heterogeneity across SIDAs.
When focusing on SIDA subarrests as the outcome of interest, eight SIDA
first convictions (burglary, distribution of a controlled substance, robbery,
stolen property, destruction, weapon offense, drug possession, and aggra-
vated assault) had consistently higher recidivism rates over time relative to
non-disqualifying offenses (i.e., non-SIDAs). This group makes up 80 per-
cent of convictions in the original SIDA DCL, and using this narrower set of
offenses would exclude 20.9 percent of the sample instead of 26.0 per-
cent—nearly 39,000 fewer people.

This result raises two immediate questions. First, could the SIDA policy
be refined to better capture key offenses of interest? The hazard analysis
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depicted four groups with varying substantive contributions to the SIDA
policy (non-SIDAs, top SIDAs, inconsistent SIDAs, and unreliable SIDA
offenses). The top eight SIDA offenses had almost double the subsequent
arrest rate of the non-SIDA or inconsistent offenses (and around 3.7 times
higher than the unreliable SIDA group). The top SIDA group also excluded
the highest number of people (see Tables 2 and 3). Still, if the implied goal
is instrumental (risk reduction and enhanced workplace safety), removing
the unreliable or inconsistent SIDA offenses could sharpen the focus on
high-risk offenses while also reducing the number of individuals automat-
ically excluded without further criminal record contextualization. Yet deci-
sion makers are sensitive to the expressive sentiments (or moral outrage) of
certain offenses within public perception,* and the four SIDA offenses
with consistently lower SIDA recidivism rates (murder, bribe, rape and
kidnapping) may be viewed as too morally egregious to remove. Similarly,
the SIDA offenses with inconsistent results across specifications (fraud,
theft, arson, intent to murder, and aggravated assault) do not perform nota-
bly better than the non-SIDA group, yet but may also be considered morally
objectionable.? In short, DCLs are promoted for instrumental purposes, but
once constructed are imbued with moral statements about rehabilitative
potential that limit their estimation of risk.

While the recidivism analysis replicates key findings in other studies—
mainly, that certain serious offense types, such as murder or kidnapping,
have low recidivism rates—the SIDA recidivism measure used here is
unique. Specialization research typically focuses on specific (e.g., burglar-
y-to-burglary) or general (property-to-property) offense comparisons. The
SIDA policy differs in that it blends offense types to identify a subset of
felonies that are perceived to be the most serious threats to public safety
across violent, property and drug categories. In other words, SIDA prior-
itizes the charging statute, rather than a qualitative difference between
offense types. A felony assault is included in the DCL, but a misdemeanor
assault is not. Examining recidivism rates for specific offenses using a
felony blend outcome aligns well with the interests of federal policymakers
and is an important consideration for criminal background check research.

For employers, making decisions based solely on the risk of recidivism can
be challenging both politically and internally. While there are social implica-
tions of the decision to deny individuals with conviction records a job, employ-
ers evaluate potential risks to their enterprise rather than conducting broader
societal cost-benefit analyses (Bushway and Kalra 2021). Ultimately for deci-
sion makers, it comes down to their risk tolerance levels and perceived losses in
the exclusion/inclusion employment trade-off. Employers can still justify
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exclusions for low base rate offenses (such as violent crimes) if they perceive
the cost of hiring an employee who commits a future violent crime as vastly
greater than missing out on a good hire (Bushway 2011). This low risk/high
cost imbalance—where the crimes that are the least likely to reoccur are the
most concerning—is a persistent and vexing policy issue.

While employment contexts with high security or vulnerable populations
may not always be the best starting position for people convicted of the
most serious violent felonies, relaxing automatic disqualification policies
provides agency to decision makers and enables flexibility for certain cases.
In a recent book on second chance hiring, a banking executive reviews
Bureau of Justice Statistics data and similarly points to low recidivism rates
among individuals with violent convictions. As he describes, “The point is
not that employers should be looking to hire ex-murderers, but rather to
recognize that the crime of the past does not provide deep insight into the
person today” (Korzenik 2021: 49). In his interactions with employers, the
number of automatic disqualifiers often decreased as employer exposure to
individuals with criminal records expanded (Korzenik 2021). Similarly,
DCLs (or components of DCLs) that do not serve instrumental risk purposes
could be converted into flexible decision rules that enable disqualification
after an individualized review. In other words, if there is uncertainty about
potential workplace risk, rather than automatically banning the individual
for a predetermined period, decision makers could collect additional infor-
mation to assess the “person today.”

The second imminent question is whether policymakers need the full
10-year window. We consider what proportion of people would have experi-
enced a SIDA subsequent arrest within 10 years and also within seven years
post-conviction (the timeframe for the larger TWIC program also administered
by TSA). In other words, how much overlap exists between the two windows,
and does the 10-year window notably expand information available to decision
makers? For those with a SIDA subarrest 10 years post-conviction or less,
around 89 percent (~ 156,000) experienced a SIDA subarrest within 7 years.
This comparison is similar whether including all SIDA offenses or just the
cases with a “top SIDA” at first conviction. As look-back windows are pri-
marily products of the authorizing legislation rather than evidence-based stan-
dards, efforts to harmonize these windows across other access control
programs administered by the federal government that use 7-year windows
(United States Government Accountability Office 2017) could improve pro-
grammatic consistency without a substantial expansion of risk.

Rather than refining the SIDA policy within its predetermined bound-
aries, policymakers should also consider whether this type of DCL should
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be replaced with more comprehensive assessment strategies. Relative to a
full blanket ban, time-restricted DCLs can meaningfully increase employ-
ment and earnings for individuals with conviction records, but identifying
an ideal look-back window threshold across offenses is challenging (Denver
2017). While there are not readily available public risk assessments for
employment purposes (Siwach and Bushway 2017), a working paper exam-
ining the predictive accuracy of using a DCL compared to comprehensive
and interactive criminal conviction information indicates the latter can
better distinguish between those who go on to recidivate or not and reduce
racial disparities (Siwach et al. 2017). Time since last offense research
offers similar conclusions. While 7—10 years is a common average empiri-
cal estimate for a look-back window, the type of offense (Blumstein and
Nakamura 2009), number of prior convictions and age at last conviction
(Bushway, Nieuwbeerta, and Blokland 2011) can help to refine the esti-
mated number of years. Taking more detailed information into account,
including evidence of rehabilitation and the circumstances surrounding the
offense(s), also follows the spirit of the EEOC (2012) individualized assess-
ment guidance. Conversely, evidence of rehabilitation can also be difficult
to effectively identify and standardize in practice, which has the potential to
weaken decision accuracy (Denver 2020).

In addition, policies that rely on only two pieces of information are more
susceptible to the politicization of offense types than “whole person”
(Lundquist et al. 2018) reviews. For example, federal charging strategies
in recent years have oscillated considerably around mandatory approaches
for low-level drug felonies. In 2013, the Department of Justice revised
federal prosecutorial policy to reduce charges for individuals arrested for
low-level non-violent drug crimes if they did not have a significant criminal
history (Holder 2013)—a policy reversed by Attorney General Jeff Sessions
in 2017 (Sessions 2017). Compounded with the high rate of plea bargaining,
initial charging decisions can dramatically influence who would meet the
SIDA disqualification threshold and be deemed a “risk” to aviation security.
In the current context, distribution of a controlled substance is the most
common offense type for both SIDA first convictions and SIDA subarrests.
Within this category, criminal possession with intent to sell (NYPL
§220.16) and criminal sale (NYPL §220.39) of a controlled substance in
the third-degree—the offenses referenced in the Holder memo and over-
turned by the Sessions memo—account for 85 percent of distribution-
related subarrests. If one removes these two sections from the SIDA
classification, the 10-year SIDA subarrest rate drops considerably for SIDA
first conviction (32 percent rearrest vs. 23 percent without the controversial
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drug felonies) vs. non-SIDA first conviction (20 percent vs. 18 percent
SIDA re-arrest rate without these drug felonies). If SIDA criteria excluded
these offenses, most of the original first conviction SIDA offenses still have
higher recidivism rates than non-SIDAs,? but the number of people
excluded from employment due to first conviction would drop consider-
ably. While prior research demonstrates that the absence of criminal justice
system events over time can be informative to employers, the current anal-
ysis emphasizes how seemingly minor adjustments to DCL policies that
incorporate these look-back windows can alter the consequences of such
decision criteria.

Aligning DCLs with relevant correlates of recidivism and reducing poten-
tial biases from politicization of offense types addresses only the potential
harm of misidentification. Our second main analysis more comprehensively
examines the harmful costs of exclusion. We consider the potential implica-
tions of policies that expand the definition of a criminal record in two ways: by
extending the SIDA disqualification look-back window (which pulls in older
criminal records for consideration) and the use of arrest records. Under the
current guidelines (10 years post-conviction), around one in five adults in our
justice-involved sample would be disqualified for a SIDA-related conviction
at age 31. This shifts to almost 27 percent with a 15-year conviction look-back
window for this age group, 33 percent for a 10-year arrest look-back window,
and almost 43 percent under the 15-year arrest look-back window. In other
words, the most expansive criminal background check policy guideline change
would more than double the number of people in New York in their early 30s
who would automatically be excluded from an industry that hires thousands of
SIDA-badged employees in that state. However, if disqualifying criteria were
limited to the eight SIDA conviction types®’ with the highest rate of SIDA
re-arrest (what we term “High SIDA” in Tables 2 and 3), between 9 percent (at
age 41) and 19 percent (at age 26) of the sample would be disqualified, a
substantial reduction. Even if we were to extend the look-back window to
15 years for High SIDAs, the highest proportion disqualified would be 23 per-
cent at age 31, in contrast to the 27 percent disqualified with all SIDA offense
types. Therefore, certain disqualification criteria for criminal records back-
ground checks may have merit, although replication using other data sources
would verify these results.

Our final analysis highlights the enduring barriers disqualification pol-
icies can pose. Introducing the age-consequence curve, we demonstrate that
while criminal activity peaks at younger ages, the cumulative consequence
in employment restrictions lasts well into middle adulthood. At peak, 35 per-
cent of the sample was disqualified, with eight percent disqualified for
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15 years or more. These results indicate that seemingly small policy shifts in
disqualifying criteria have the potential for substantial labor impacts within
the aviation sector—just one of many who use disqualifying criteria for
employment vetting. Age-graded collateral consequences limit employ-
ment opportunities, especially during re-entry periods, for entry-level occu-
pations that employ hundreds of thousands around the country.
Furthermore, as many occupational licensing prohibitions identified by the
National Inventory of Collateral Consequences (2021) focus on felony
convictions, the same group (or an overlapping set of individuals) is likely
continuously blocked across a host of occupations within a variety of indus-
tries. Without a comprehensive dataset linking employment exclusions, it is
difficult to estimate the full exclusionary impact for individuals with a
felony conviction, but future research could build from the strategies
employed here to generate national exclusion estimates.

The nature of DCLs also has important implications from a theoretical
perspective. Criminologists, legal scholars, and economists are pursuing
the utility of collateral consequence relief mechanisms and positive creden-
tials in the hiring context, including certificates of rehabilitation, evidence
of program completion, and reference letters from prior employers (e.g., -
DeWitt and Denver 2020; Doleac 2016; Leasure and Anderson 2016). Such
strategies create the potential for reducing criminal record stigma without
waiting for 7-10 years to pass, enabling job applicants to sort themselves
and signal desistance (Bushway and Apel 2012). These efforts also rely on
the opportunity to apply and be considered, which is unavailable under the
DCL policy. While time-restricted DCLs are not lifetime bans, they can
cover a large portion of a person’s prime working years and derail the
potential for establishing a strong career path, accumulating wealth, and
maintaining desistance. Future studies with large employers that are open to
novel approaches and relaxing binary decision rules will be critical next
steps in desistance research, and examining alternatives to DCLs could
alleviate some of the policy challenges detected here.

The current study has several limitations. Due to both anticipated
“chilling effects” and the inability to use individual-level SIDA-badge
applicant data based on current application screening processes, we used
the New York State data to access detailed information on a large sample of
individuals with in-state criminal records. As such, the results here are
restricted to one state and employment context. While examining first
convictions has several advantages, this approach does not capture the
escalating nature of many criminal justice trajectories, and is an important
area for future research. SIDA applicants may also differ in important ways
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from a general population of adults with criminal records, and comparing
the groups could be useful. In future research, it would be beneficial to
study a group of people applying for SIDA badges who are eligible under
the current DCL—both those who are ultimately successful and unsuccess-
ful—and track their employment and recidivism outcomes over time to
learn more about the internal assessment process. That type of study could
also explore the potential risk suppression (or inflation) that employment
(or denial) has on recidivism, a critical but often overlooked relationship
(e.g., Bushway and Smith 2007).

A comparison with known insider threats and known/suspected terrorists
would also advance research in this policy area. Two major challenges in
preventing extreme events (such as terrorism) are rare events are difficult to
predict a priori (Monahan 2012; Pressman and Flockton 2012) and many
identified extremists and terrorists in the United States do not have prior
criminal records (LaFree et al. 2018). Evidence on the use of criminal
history records to identify risk for transportation security is still nascent,
and while examining correlates of subsequent arrests through disqualifying
conviction list policies is useful, assessments focusing only on criminal
records may not fully capture the concept of transportation security risk.
As Williams and colleagues (2020:64) describe, “reliance on criminal his-
tory as an isolated risk factor of terrorism to indiscriminately disqualify all
applicants with criminal backgrounds will invariably lead to overwhelming
numbers of false positives—that is, someone assessed to be a security risk
who presents no actual terrorism threat.” In that sense, further broadening
the scope of criminal record exclusion policies is even more problematic.
Our results indicate that caution, rather than rapid expansion, should accom-
pany the use of disqualification criteria for employment purposes.

Our results also indicate DCLs can become an architecture of collateral
consequences lasting far beyond the majority age of conviction. While crim-
inal history records can be used outside of the criminal justice system to
identify desisters, the codification of instrumental and expressive sentiments
into DCLs can also actively inhibit desistance and reintegration. The appli-
cation of extensive look-back windows and broad offense categorizations
exacerbates unequal access to widely-available employment for those with a
criminal record. Unnecessary expansion of disqualified populations through
unevaluated DCLs may also shift incentives fowards re-offending. Pressure
in recent years to not only use—but to expand—DCL criteria has come from
both Congress (10- to 15-year windows) and the aviation community (shift-
ing from conviction to an arrest standard). In the absence of other compelling
reasons, our results support a narrow use of DCLs—conviction rather than
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arrest data and only those disqualifying convictions that are meaningfully
correlated with outcomes of interest. Ultimately, broad DCLs can penalize
individuals with a criminal record by homogenizing riskiness among a het-
erogeneous population with long-lasting consequences.

Appendix
Table Al. Comparison of SIDA/Non-SIDA Felony Offense Lists.

Non-SIDA SIDA

Crimes Against Persons
Aggravated Assault
Assault with a Deadly Weapon X
Assault with Intent to Murder
Explosive Threat X
Kidnapping/Hostage Taking
Murder
Rape or Aggravated Sexual Abuse
Threat
Crimes Against Property
Arson
Bribery
Burglary
Destruction/Damage of Property
Dishonesty, fraud or misrepresentation
Embezzlement X
Extortion
Larceny/Theft
Perjury X
Robbery
Stolen Property Possession/Distribution
Crimes Against Society
Controlled Substance Distribution
Controlled Substance Importation/Manufacture
Controlled Substance Possession
Explosive Possession, Use, Distribution or Manufacture
Firearm Possession/Distribution/Use X

XXXX XX XX XXXXX XXXX X X

Note: The “other crimes” list contains several dozen conviction types, including misdemeanor
larceny, other controlled substance possession, simple (misdemeanor) assault, misdemeanor
fraud, and other fingerprintable offenses. Explosive threat is defined as “making any threat, or
maliciously conveying false information knowing the same to be false, concerning the deliver-
ance, placement, or detonation of an explosive or other lethal device in or against a place of
public use, a state or government facility, a public transportations system, or an infrastructure
facility.”
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Table A2. SIDA Subarrest Rate Comparison: Post-conviction and Post-release by
SIDA First Conviction Offense Type.

Post-conviction Post-release Time Served

(Percent) (Percent) (Years)
Non-SIDA Offenses 20 20 —
Any SIDA Offense 32 34 —
Crimes Against Persons
Aggravated Assault 24 27 4.2
Assault with Intent to Murder 19 26 79
Kidnapping/Hostage Taking I 13 6.2
Murder 7 13 24.6
Rape or Aggravated Sexual Abuse I 13 28
Crimes Against Property
Arson 17 21 5.0
Bribery 10 10 2.0
Burglary 38 41 32
Destruction/Damage of Property 29 31 2.0
Dishonesty, fraud or 18 19 1.1
misrepresentation
Larceny/Theft 20 21 1.2
Robbery 40 43 29
Stolen Property Possession/ 39 40 1.1
Distribution
Crimes Against Society
Controlled Substance 41 42 1.1
Distribution
Controlled Substance Possession 26 27 1.3
Explosive Possession, Use, 33 35 2.1

Distribution or Manufacture

Note: Threat, extortion, and controlled substance importation/manufacturing have too few
cases to report here. Time served is measured in days for the analysis but converted to years
for the table. As noted in the results section, we estimated median time served by offense type
from Hayes (2007) and Kohler-Hausmann (2018).
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Notes

1. This list is updated monthly and available online: https://oig.hhs.gov/exclu-
sions/exclusions_list.asp

2. For example, the Gainesville-Alachua County Regional Airport Authority lists
each disqualifying conviction type and instructs the applicant to sign and date to
certify the absence of any of these convictions within 10 years. Above the
signature line, the application states: “I understand that a knowing and willful
false statement on this application can be punished by fine or imprisonment or
both (see Section 1001 of Title 18 United States Code.” Available online:
https://gra-gnv.com/flygainesville.com/wp-content/uploads/2019/01/SIDA _
Appl_12-2018.pdf. From our review of SIDA applications from the ten largest
airports in the United States (based on enplanements at commercial service
airports; FAA/ACAIS 2021), the full list of disqualifying convictions is dis-
played prominently on all main applications, with one potential exception
(which had a one-page form listing the disqualifying offenses that appeared
to accompany the main application). The way this information was displayed
ranged from “please explain” to explicit denial (e.g., “A conviction for any
offense (even a misdemeanor offense) listed in 49 CFR 1542.209 will disqualify
an individual from receiving a MLB security identification badge.”)

3. As an example, laborers and freight handlers have a median wage of $19.37 in
the Air Transportation Sector (mean = $22.89), which is notably higher than the
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same positions in the Warehousing and Storage sector, with a median of $15.71
and mean of $16.69 (Bureau of Labor Statistics 2020b).

4. For example, Blumstein and Nakamura (2009: footnote 7) mention a federal
website that discusses exclusion rules for obtaining a TWIC card where certain
convictions are disqualifying if they occurred within the past seven years.

5. Disqualifying convictions include: murder, intent to commit murder, rape, fel-
ony weapons offenses, aggravated assault, kidnapping, arson, distribution of a
controlled substance, drug possession, importing drugs, robbery, burglary,
extortion, fraud, felony threat, bribery, stolen property, destruction, and theft.

6. DCIS considers data access requests from researchers through an application
process (dcjs.researchrequests@dcjs.ny.gov). The authors will provide Stata .do

files for replication upon request.

7. Note that ethnicity is captured in a different Census item, and these figures do
not take ethnicity into account.

8. In New York State, the age of majority was 16 years old during the timeframe of
our study. It was raised to 17 years in October 2018, and 18 years old in October
2019, but neither change impacts the results of this study (as our inclusion
period is first arrest between 1990 and 2005, when the age of majority was
constant).

9. For example, if a person has their first in-state arrest in 2000 and the case is
dismissed, the NYSID is destroyed. If that same person has an arrest that leads
to a conviction in 2002, the new NYSID becomes permanent and contains the
arrest and disposition information. The person’s permanent NYSID cannot be
linked to the 2000 arrest event, but will be connected to all future in-state arrests
and convictions for that person. As a result, our second set of results will
be conservative estimates. We define recidivism as arrests that occur after a
conviction, so these data complications do not influence measurement error for
our outcome of interest.

10. We also explored imputation based on offense type (violent, property, drug,
other), and the results were substantively the same.

11. 43,970 cycles have either an interim or no disposition information; 2,105 cases
resulted in a disposition for an infraction; 89,490 cycles have no disposition
information. Individuals with cycles containing missing dates for their first
conviction are removed from the sample (since they do not have a conviction
date to start a look-back window).

12. Ifthe arrest month was after the month of the disposition, we used the following
year. The results are the same when the 266 cycles are excluded from the
analysis.

13. 49 CFR § 1542.209(d). The 36 offenses are nested within 28 conviction types.
Out of those, 13 offenses are airport or aircraft-related, and an additional three
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16.

17.

offenses are federal only (treason, sedition, and espionage) and are not captured
in state criminal record databases. Finally, an additional listed offense was
conspiracy to commit any of the other disqualifying offenses. In New York
State, conspiracy charges are nested within the original criminal offense, and
therefore captured within other disqualifying crime categories. In total, 17 of
the specific offenses were not included in the analysis due to their context-
specificity, inclusion within other offense types, or being outside the jurisdic-
tion of state criminal history repositories.

. The use of conviction data and the process of defendants pleading to lower

charges can mask potential risk indicators that arrest information might provide.
However, in addition to the ethical issues described earlier, federal guidance
also recommends using conviction rather than arrest information in most cases
(EEOC 2012). We use conviction events as the starting point and subsequent
arrests as a recidivism measure.

. For example, while there is a prohibition for serving in any branch of military

with a felony record (10 U.S.C. 504), applicants with a single felony conviction
can apply for a waiver (Lundquist, Pager and Strader 2018).

Most non-SIDA offenses are misdemeanors. Common non-SIDA felonies
include driving while intoxicated, distribution of obscene material, prostitution,
and intimidation. While there may be other relative comparisons of interest,
researchers have found it difficult to establish baseline recidivism estimates,
and caution that employers and industries have varying risk tolerance thresholds
(DeWitt et al. 2017). Rather than developing our own threshold for acceptable
risk levels, we use the offense types intentionally excluded from SIDA legis-
lation—which undergo discretionary review rather than automatic disqualifica-
tion—as a comparison.

In a set of supplemental models we also control for demographic variables
that are common correlates of recidivism and notably vary by SIDA clas-
sification in our descriptive statistics—sex, age, and race—in logit regres-
sion models to explore whether the comparisons change under those
conditions. In those models the reference group is any non-SIDA felony
or misdemeanor. Six of the eight offenses identified in the main results
were the same (exceptions: aggravated assault and destruction), and two
new offenses appeared as positively correlated with recidivism (fraud and
theft). Individuals with these first convictions were more likely to be female
(37 percent for theft and 40 percent for fraud, compared with 14 percent for
any SIDA first conviction) and older (33 years old at first conviction for
both offense types, compared with an average first conviction age of
27 years old across SIDAs) than others with a SIDA first conviction. Full
results are available upon request.
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18. DCIJS data prior to 2002 did not record a separate ethnicity indicator for His-
panic/Non-Hispanic. As such, it is difficult to estimate the proportion of the
overall sample that was Hispanic.

19. In cases with multiple cycles for a person with the same conviction date listed as
the earliest, we rank ordered severity as the following: violent (most serious),
property, drug, and other (least serious). We used the National Incident-Based
Reporting System (NIBRS) classification structure, which is more inclusive than
the FBI’s Uniform Crime Reporting system (Akiyama, Yoshio, and Nolan 1999).

20. The felony subarrest rates are similar to the SIDA rates, with the exception of
the non-SIDA category. These rates are displayed but not separately discussed
here because all SIDAs are felony-level offenses.

21. Although time served for non-SIDA offenses was not as readily available, we
used estimates from Hayes (2007) for the felony non-SIDAs. The most common
non-SIDA felonies were all around 24 months. For misdemeanors, we used
estimates from Kohler-Hausmann’s (2018) book Misdemeanorland, which uses
DCIJS data in New York City. She writes: “In recent years, just under half of the
jail sentences imposed were ten days or shorter; between 70-84% were 30 days
or shorter. The actual time spent in custody is less than the imposed
sentences . ..” (p. 70, fig. 2.3). We selected 15 days as a conservative estimate.

22. The one exception is theft, which appears for three of the SIDA subarrest
variables in the follow-up window analysis.

23. Our original sample focused on individuals whose first adult arrest (age 16 and
older) occurred between 1990 and 2005. This group reflects individuals who
could apply for employment within the aviation sector and who also had a long-
enough follow-up period for calculating disqualification windows of 10 years
post-conviction. While suited for those original analyses, the selection criteria
remove individuals who were old enough to be included (i.e., at least age 16 by
2005), but whose first arrest occurred outside the timeframe. To conduct an
analysis where we know everyone had the same timeframe of coverage, we
needed to subsample on individuals not old enough to be excluded (no older
than 16 years old in 1990) and whose first arrest occurred before December 31,
2005. Thus, we subsample on individuals born between 1974 and 1977, which
provides the universe of known individuals with criminal records in New York
State who were 16 years old between 1990 and 1993, assuming two criteria are
fulfilled: 1) they were convicted of their first offense (inclusion criteria for our
original sample); and 2) they started their adult criminal justice system involve-
ment before the age of 28 (those born in 1977 would have been 28 in 2005, the
end of our inclusion period).

24. This group also consists of several offenses with longer potential incarceration
stays than the average SIDA. However, the analysis accounting for time served
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did not alter these results, and with the exception of murder, the offenses in
this group had a median stay of under eight years (i.e., not the full decade
timeframe).

25. Theft may be an exception, depending on the employment context, because
nonviolent crimes are often easier to compensate relative to violent crimes in
the workplace. For example, the federal bonding program provides business
insurance to employers for monetary or property losses as a result of employee
dishonesty, and covers certain nonviolent offenses (theft, forgery, larceny or
embezzlement).

26. The exception is the drug possession rate dropping below the non-SIDA reci-
divism rate.

27. The eight offenses include: burglary, distribution of a controlled substance,
robbery, stolen property, destruction, weapon offense, drug possession, and
aggravated assault.
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