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Simple Summary: Enhanced glycolysis is a major feature of cancer glycometabolism, and SLC2A1 is
one of the pivotal genes in cancer glycometabolism. Although SLC2A1 plays an important role in the
growth of many cancers, pan-cancer analysis allows us to more comprehensively and systematically
understand the function and role of SLC2A1 in cancers. In this study, we found that SLC2A1 was
highly expressed in most cancers, and resulted in poor prognosis. M6A methylation might be one of
the important factors for the high expression level of SLC2A1. SLC2A1 not only enhanced cancer
glycolysis, but also affected the tumor microenvironment. Notably, SLC2A1 was significantly and
positively correlated with the T-cell-exhaustion biomarkers PD-L1 and CTLA4. Collectively, SLC2A1
may provide new strategies for pan-cancer treatment, especially cancer immunotherapy.

Abstract: SLC2A1 plays a pivotal role in cancer glycometabolism. SLC2A1 has been proposed as a
putative driver gene in various cancers. However, a pan-cancer analysis of SLC2A1 has not yet been
performed. In this study, we explored the expression and prognosis of SLC2A1 in pan-cancer across
multiple databases. We conducted genetic alteration, epigenetic, and functional enrichment analyses
of SLC2A. We calculated the correlation between SLC2A1 and tumor microenvironment using the
TCGA pan-cancer dataset. We observed high expression levels of SLC2A1 with poor prognosis in most
cancers. The overall genetic alteration frequency of SLC2A1 was 1.8% in pan-cancer, and the SLC2A1
promoter was hypomethylation in several cancers. Most m6A-methylation-related genes positively
correlated with the expression of SLC2A1 in 33 TCGA cancers. Moreover, SLC2A1 was mainly
related to the functions including epithelial–mesenchymal transition, glycolysis, hypoxia, cell-cycle
regulation, and DNA repair. Finally, SLC2A1 positively associated with neutrophils and cancer-
associated fibroblasts in the tumor microenvironment of most cancers and significantly correlated
with TMB and MSI in various cancers. Notably, SLC2A1 was remarkably positively correlated with
PD-L1 and CTLA4 in most cancers. SLC2A1 might serve as an attractive pan-cancer biomarker for
providing new insights into cancer therapeutics.

Keywords: SLC2A1; pan-cancer; glycometabolism; immune infiltration; biomarker; prognosis

1. Introduction

Cancer is one of the leading causes of death in humans. Although much progress
has been made in the treatment of cancer, the overall therapeutic effect is unsatisfactory.
Newly diagnosed cases are also increasing, placing a huge burden on society [1]. In recent
years, cancer immunotherapy has considerably progressed, providing a powerful tool for
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cancer treatment and improving the prognosis of cancer patients [2]. In 2017, the U.S. FDA
approved pembrolizumab for solid tumors with high microsatellite instability or mismatch
repair gene defects (MSI-H/dMMR). Pembrolizumab has also become the first antitumor
immune drug based on pan-cancer biomarkers without paying attention to the cancer
type [3]. Pan-cancer analysis can help us understand the commonalities among different
cancer types and provide new ideas for the treatment of pan-cancer [4].

Glucose is one of the basic metabolites needed by animal and plant cells. Cancer cells
require a large amount of energy from the body for malignant proliferation [5]. Aberrant
energy metabolism is an important feature of cancer cells. Even with ample oxygen
supply, most tumor cells prefer enhanced glycolysis instead of oxidative phosphorylation
to produce ATP [6]. Metabolite reprogramming provides energy and biological materials,
providing a growth advantage to tumor cells under hypoxia [7]. Therefore, cancer metabolic
reprogramming is an important direction in the search for novel pan-cancer biomarkers

Solute carrier family 2 member 1 (SLC2A1) is known as glucose transporter 1 (GLUT1) [8].
SLC2A1 plays a crucial role in the process of cell glycometabolism, whether in cancer or nor-
mal cells [9]. SLC2A1 is highly expressed in many kinds of cancer, and the overexpression
of SLC2A1 can promote the growth and metastasis of cancers, such as liver, lung, endome-
trial, oral, breast, and gastric cancers [10–15]. Although the overexpression of SLC2A1
can further enhance glycolysis and cell proliferation in various cancers, a comprehensive
pan-cancer analysis on SLC2A1 is lacking.

In this study, data from public databases and our own data convincingly showed that
the expression of SLC2A1 was significantly increased in pan-cancer and conferred a poor
prognosis. We explored the potential mechanism of SLC2A1 in pan-cancer through bioin-
formatics analysis. We further examined the association between SLC2A1 and the immune
cell infiltration score, immune checkpoints, TMB, and MSI. Our results comprehensively
revealed the potential mechanism of SLC2A1 in pan-cancer, and they highlight the impact
of SLC2A1 on the tumor microenvironment (TME) and cancer immunotherapy.

2. Materials and Methods
2.1. Data Collection

We downloaded transcriptome data and clinical information from the University
of California Santa Cruz (UCSC) Xena browser (https://xena.ucsc.edu/, accessed on
14 July 2022) and the Genotype-Tissue Expression (GTEx) database (https://www.gtexpo
rtal.org/home/-index.html, accessed on 14 July 2022), which included 15,776 samples of
33 cancer types and normal tissues. The abbreviations of all cancer types are shown in
Table S1. Using the R package of “rma”, we transformed the whole data by log2 (TPM +1),
which we then filtered to remove missing and duplicated results. In addition, we searched
20 relative datasets from the Gene Expression Omnibus (GEO) database (https://www.
ncbi.nlm.nih.gov/geo/, accessed on 14 July 2022) for validation. These datasets were
GSE2088, GSE13507, GSE10927, GSE39001, GSE26566, GSE18520, GSE53757, GSE62452,
GSE87211, GSE15605, GSE33630, GSE3218, GSE17025, GSE47861, GSE68468, GSE53625,
GSE13601, GSE57927, GSE75037, and GSE26899. Detailed information on the GEO datasets
is shown in Table S2.

We collected 90 pairs of samples (30 LUAD, 30 ESCA, and 30 COAD) from the
Sixth Affiliated Hospital of Sun Yat-Sen University. Each sample contained paired tumors
and adjacent normal tissues. The study was approved by the Ethics Committees of the
Sixth Affiliated Hospital of Sun Yat-Sen University.

Finally, we used RT-qPCR method to validate the differential expression of SLC2A1
in LUAD and ESCA between cancer tissues and paired normal tissues. Using TRIzol
reagent (Invitrogen, USA), we extracted the total RNA from the frozen tissues, which we
then reverse-transcribed into cDNA with a PrimeScript RT reagent Kit with gDNA Eraser
(TaKaRa). Next, we confirmed the expression of SLC2A1 with TB Green® Premix Ex Taq
(TaKaRa), following the manufacturer’s protocol, which we calculated using the 2−∆∆CT
method. We used GAPDH as the endogenous control. The primers used in this study
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were as follows: SLC2A1 forward 5′-CTGCAACGGCTTAGACTTCGAC-3′ and reverse
5′-TCTCTGGGTAACAGGGATCAAACA-3′; GAPDH forward 5′- GCTCTCTGCTCCTCC-
TGTTC-3′ and reverse 5′- ACGACCAAATCCGTTGACTC-3′.

2.2. Expression of SLC2A1 in Pan-Cancer

We extracted the expression data of SLC2A1 for each sample. We excluded cancer
types with less than 3 samples. We used R software to calculate the expression differences
between normal and tumor samples for each tumor by using Wilcoxon rank-sum and
signed-rank tests. Moreover, we used the downloaded data to analyze the relationship
between SLC2A1 level and clinicopathological parameters. We explored the protein level
of SLC2A1 between human cancer and normal tissues by using the Human Protein Atlas
(HPA: https://www.proteinatlas.org/) database. A previous study [16] from the Clinical
Proteomic Tumor Analysis Consortium (CPTAC) identified 11 pan-cancer proteome-based
subtypes (s1 to s11) using mass-spectrometry-based proteomic data from a compendium
dataset of 2002 primary tumors compiled from 17 studies and 14 cancer types. The functions
of proteome-based subtypes (s1 to s11) are described in detail in Table S3. The UALCAN
database (http://ualcan.path.uab.edu, accessed on 14 July 2022) provides a pan-cancer
protein expression analysis option based on the data from CPTAC. Therefore, we used the
UALCAN database to perform pan-cancer protein expression analysis of SLC2A1.

2.3. Diagnostic Value of SLC2A1 in Pan-Cancer

To explore whether the mRNA levels of SLC2A1 exhibit diagnostic efficiency for distin-
guishing cancer from normal lung tissues, we performed receiver operating characteristic
(ROC) curve analysis for the TCGA-GTEx pan-cancer dataset. The pROC package was
used to plot ROC curves and calculate the areas under the curves (AUCs) values in R.

2.4. Prognostic Analysis of SLC2A1

We used the Kaplan–Meier (log-rank) method and univariate Cox regression to eval-
uate the overall survival (OS) of the patients from the TCGA pan-cancer cohort. We also
assessed the progression-free interval (PFI), disease-specific survival (DSS), and the disease-
free interval (DFI) of the patients from the TCGA pan-cancer cohort with univariate Cox
regression analysis. We determined the optimal cut-off value using the R package ‘survival’.

2.5. Genetic Alteration Analysis of SLC2A1

cBioPortal (http://cbioportal.org, accessed on 14 July 2022) is an open-access resource
for exploring, visualizing, and analyzing multidimensional cancer genome data. It currently
contained 225 cancer studies. We used cBioPortal to analyze the SLC2A1 gene genetic
alterations in TCGA pan-cancer samples.

2.6. Epigenetic Analysis of SLC2A1

UALCAN database is a comprehensive, user-friendly, and interactive web resource
for analyzing cancer OMICS data. We used UALCAN to evaluate promoter methylation of
SLC2A1 in pan-cancer.

We collected 21 genes related to RNA m6A methylation from previous studies [17].
We extracted the SLC2A1 gene expression and 21 RNA m6A-methylation-related genes’
expression data from each sample in the TCGA pan-cancer dataset. Then, we analyzed the
correlation between SLC2A1 and RNA m6A-methylation-related genes in pan-cancer, and
the results are presented in a heatmap.

2.7. Functional Enrichment Analysis of SLC2A1

We selected the TCGA LUAD cohort as an example to explore the underlying mech-
anisms of SLC2A1. Based on the median expression of SLC2A1, we divided the pa-
tients into high and low groups. After that, we conducted Gene Ontology (GO), Ky-
oto Encyclopedia of Genes and Genomes (KEGG), and Gene Set Enrichment Analysis
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(GSEA) (www.gsea-msigdb.org/gsea/index.jsp, accessed on 14 July 2022). First, we used
the “limma” package in R to screen differential expression genes (DEGs) between these
two groups. We set FDR<0.05 and |log2FC|≥ 1 as the threshold values for DEG identifica-
tion. After that, the enrichGO and enrichKEGG functions of the ClusterProfiler package in
Bioconductor were used to perform GO/KEGG analysis on SLC2A1-related DEGs, choos-
ing p.adj < 0.05, q-value < 0.05, and count ≥2 as cut-off values. Second, we performed
GSEA based on the HALLMARK and REACTOME gene sets. Under the condition of FDR
(q-value) < 0.25 and p < 0.05, the results were considered statistically significant. In addition,
we used the single-cell database CancerSEA (http://biocc.hrbmu.edu.cn/CancerSEA/,
accessed on 14 July 2022) to study the potential functions of SLC2A1. The aim of the
CancerSEA database is to help researchers better understand various functional states of
cancer cells at the single-cell level. This database contained 41,900 cancer single cells from
25 cancers, a total of 280 cell groups, and summarized 14 functional statuses of cancer cells.

2.8. Pan-Cancer Analysis of Correlation of SLC2A1 Expression with Tumor Cell Infiltration

TME plays an important role in the occurrence and development of cancers. First,
we used three algorithms, ESTIMATEScore, MCP-counter score, and EPIC [18–20], to
evaluate the tumor immune infiltration in pan-cancer from the TCGA dataset via the
SangerBox website (http://vip.sangerbox.com/home.html, accessed on 14 July 2022),
which is a useful online platform for TCGA data analysis. Second, we compared the
differences in ImmuneScore, StromalScore, and ESTIMATEScore between patients from
the low-SLC2A1 and high- SLC2A1 groups with Wilcoxon signed-rank test. In addition,
Spearman’s correlation analysis was used to evaluate the relationship between SLC2A1 and
the tumor immune infiltration evaluated by the MCP counter score and EPIC algorithms.

2.9. Correlation between SLC2A1 and Immune Checkpoint Genes, Tumor Mutation Burden (TMB),
and Microsatellite Instability (MSI) in Pan-Cancer

According to a previous study [21], we collected 60 immune checkpoint (ICP) genes,
which included 36 immune stimulators and 24 immune inhibitors among. Using the Sanger-
Box tools, we analyzed the correlation between SLC2A1 expression and ICP genes. TMB [22]
and MSI [23] are effective biomarkers for cancer immunotherapy. The correlations between
SLC2A1 expression and TMB and MSI were also explored via the SangerBox website.

2.10. Statistical Analysis

We used R version 4.1.0 to perform the statistical analysis. Survival analysis was
carried out according to Kaplan–Meier analysis, the log-rank test, and Cox regression
analysis. We compared the continuous variables using Student’s t-test or the Wilcoxon rank-
sum test, as appropriate. Categorical clinicopathological variables were compared using
the chi-square test or Fisher’s exact test. Correlation analysis was performed by Pearson
correlation analysis. A p-value of less than 0.05 was considered statistically significant (ns,
p ≥ 0.05; *, p < 0.05; **, p < 0.01; ***, p < 0.001; ****, p < 0.0001).

3. Results
3.1. Pan-Cancer Expression Landscape of SLC2A1

To preliminarily understand the expression of SLC2A1 in cancers, we first evaluated
SLC2A1 mRNA expression in the TCGA-GTEx pan-cancer dataset. The results revealed
that SLC2A1 expression was significantly upregulated in 22 cancer types: ACC, BLCA,
BRCA, CESC, CHOL, COAD, ESCA, GBM, HNSC, KIRC, LGG, LIHC, LUAD, LUSC,
OV, PAAD, READ, STAD, TGCT, THCA, UCEC, and UCS. In comparison, low SLC2A1
expression was observed in five kinds of tumors: DLBC, KICH, LAML, SKCM, and THYM
(Figure 1). For paired tumor and normal tissues in TCGA pan-cancer, SLC2A1 levels was
were significantly higher in BRCA, CHOL, COAD, ESCA, KIRC, LIHC, LUAD, LUSC,
READ, STAD, THCA, and UCEC, but lower in KICH and PRAD (Figure S1).

www.gsea-msigdb.org/gsea/index.jsp
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Figure 1. SLC2A1 expression in pan-cancer. ACC, adrenocortical carcinoma; BLCA, bladder urothe-
lial carcinoma; BRCA, breast invasive carcinoma; CESC, cervical squamous cell carcinoma and
endocervical adenocarcinoma; CHOL, cholangiocarcinoma; COAD, colon adenocarcinoma; DLBC,
lymphoid neoplasm diffuse large B-cell lymphoma; ESCA, esophageal carcinoma; GBM, glioblas-
toma multiforme; HNSC, head and neck squamous cell carcinoma; KICH, kidney chromophobe;
KIRC, kidney renal clear cell carcinoma; KIRP, kidney renal papillary cell carcinoma; LAML, acute
myeloid leukemia; LGG, brain lower grade glioma; LIHC, liver hepatocellular carcinoma; LUAD,
lung adenocarcinoma; LUSC, lung squamous cell carcinoma; MESO, mesothelioma; OV, ovarian
serous cystadenocarcinoma; PAAD, pancreatic adenocarcinoma; PCPG, pheochromocytoma and
paraganglioma; PRAD, prostate adenocarcinoma; READ rectum adenocarcinoma; SARC, sarcoma;
SKCM, skin cutaneous melanoma; STAD, stomach adenocarcinoma; TGCT, testicular germ cell tumor;
THCA, thyroid carcinoma; THYM, Thymoma; UCEC, uterine corpus endometrial carcinoma; UCS,
uterine carcinosarcoma; UVM uveal melanoma(ns, p ≥ 0.05; *, p < 0.05; **, p < 0.01; ***, p < 0.001).

To further validate the differential mRNA expression of SLC2A1, we comprehensively
searched the GEO database and found a total of 20 relative datasets for the validation of
the SLC2A1 pan-cancer analysis. As shown in Figure 2A–T, we confirmed that SLC2A1
was significantly highly expressed in 19 cancer types: ACC, BLCA, BRCA, CESC, CHOL,
COAD, ESCA, HNSC, KIRC, LIHC, LUAD, LUSC, OV, PAAD, READ, STAD, TGCT, THCA,
and UCEC; SLC2A1 expression was significantly lower in SKCM. Furthermore, we col-
lected 30 pairs of samples with LUAD, 30 pairs of samples with COAD, and 30 pairs of
samples with ESCA in the Sixth Affiliated Hospital of Sun Yat-Sen University. We detected
the expression of SLC2A1 in the paired samples by qPCR. The results showed that the
expression of SLC2A1 in LUAD (p < 0.0001), COAD (p < 0.0001), and ESCA (p < 0.0001)
tissues was much higher than that in paired normal tissues (Figure 2U–W). The above
results strongly suggested that SLC2A1 is overexpressed in most cancer tissues.

3.2. Association between SLC2A1 Expression and Clinicopathologic Parameters in Pan-Cancer

To explore the association between SLC2A1 expression and the clinicopathologic
parameter of cancers, we performed differential analysis of SLC2A1 expression among dif-
ferent pathological stages of patients in pan-cancer. The results revealed that the expression
of SLC2A1 was significantly higher in higher stages in most tumors, including ACC, CESC,
COAD, COADREAD, PAAD, KIRP, LIHC, LUAD, TGCT, UCEC, and UVM (Figure 3A–K).
The above results indicated that the expression of SLC2A1 is higher as pathological stage
advances in most cancers
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3.3. Protein Level Analysis of SLC2A1

The previous results confirmed that SLC2A1 is highly expressed in most cancers
at the mRNA level, but whether SLC2A1 is also highly expressed at the protein level
needed further exploration. We used the HPA database to verify the protein expression
level of SLC2A1. The subcellular localization of SLC2A1 in cancer cells indicated that it is
predominantly expressed in the plasma membrane (Figure 4A). The HPA database included
20 types of immunohistochemistry data on cancers. We found that SLC2A1 was strongly or
medium stained in most cancers, but was negative or weakly stained in most normal tissues.
The detailed information was as follows: lung (weak) vs. LUAD (strong), liver (negative)
vs. LIHC (strong), testis (weak) vs. TGCT (strong), cervix (negative) vs. CESC (strong),
thyroid (weak) vs. THCA (medium), colon (negative) vs. COAD (strong), ovary (weak) vs.
OV (strong), brain (negative) vs. GBMLGG (strong), bladder (negative) vs. BLCA (strong),
skin (weak) vs. SKCM (strong), pancreas (weak) vs. PAAD (strong), breast (negative) vs.
BRCA (strong), kidney (weak) vs. KIRC (strong), tongue (negative) vs. HNSC (strong), and
stomach (weak) vs. STAD (strong) (Figure 4B–P). The above results indicated that SLC2A1
is highly expressed in most cancers at the protein level. In addition, we analyzed the protein
expression of SLC2A1 of 2002 patients across 14 cancer subtypes in the CPTAC samples
based on UALCAN data. In the CPTAC samples, we found 11 proteome-based subtypes
(s1–s11), and the statistical results between 2 of the 11 subtypes are shown in Table S4. High
SLC2A1 expression strongly correlated with proteome-based subtype s8 (Figure 5). These
findings suggested that SLC2A1 may have an important regulatory role in the progression
of various cancers and may be related to the immune system process, extracellular region,
and glycolysis.
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3.4. Diagnostic Value of SLC2A1 in Pan-Cancer

Although we found that SLC2A1 is highly expressed in cancers compared with in nor-
mal tissues, whether SLC2A1 has diagnostic value for cancers still need further analysis. We
evaluated the diagnostic value of SLC2A1 in pan-cancer by using ROC curves. AUC > 0.7
is considered high accuracy [24]. The results identified 24 cancer types (AUC > 0.7): ACC
(AUC = 0.751), BRCA (AUC = 0.820), CESC (AUC = 0.814), COAD (AUC = 0.968), COAD-
READ (AUC = 0.962), ESCA (AUC = 0.841), GBM (AUC = 0.821), GBMLGG (AUC = 0.775),
KIRC (AUC = 0.893), LAML (AUC = 0.929), LGG (AUC = 0.762), LUAD (AUC = 0.917),
LUSC (AUC = 0.996), HNSC (AUC = 0.903), OV(AUC = 0.973), PAAD (AUC = 0.986),
READ (AUC = 0.975), SKCM (AUC = 0.850), STAD (AUC = 0.903), TGCT (AUC = 0.960),
THCA (AUC = 0.745, THYM (AUC = 0.732), UCEC (AUC = 0.865), and UCS (AUC = 0.889)
(Figure 6A–X). Notably, SLC2A1 had very high accuracy in predicting COAD, COADREAD,
LAML, LUAD, LUSC, HNSC, OV, PAAD, READ, STAD, and TGCT (AUC > 0.9). These
results suggested that SLC2A1 may have valid pan-cancer diagnostic value.
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3.5. Prognostic Value of SLC2A1 in Pan-Cancer

Whether the high expression of SLC2A1 in cancers affects the prognosis of patients is
an issue of concern to researchers. We used two methods, Kaplan–Meier and univariate
Cox regression analyses, to evaluate the prognostic value of SLC2A1 in pan-cancer. First,
the results of Kaplan–Meier analysis showed that SLC2A1 was a hazard factor for the OS
of patients with ACC, BLCA, CESC, GBMLGG, HNSC, KICH, KIPAN, KIRP, LGG, LIHC,
LUAD, MESO, OV, PAAD, SARC, SKCM, SKCM-M, and THYM (Figure 7A–R). Second,
we used univariate Cox regression analysis to evaluate the OS, PFI, DSS, and DFI of the
patients. The results of OS analysis revealed that SLC2A1 acted as a hazard factor for
patients with LIHC, LUAD, KIRP, MESO, ACC, PAAD, KICH, SARC, CESC, BLCA, and
SKCM (Figure 8A). The results of PFI analysis showed that SLC2A1 acted as a hazard factor
for patients with ACC, KICH, KIRP, PAAD, LUAD, MESO, SARC, and BLCA (Figure 8B).
The results of DSS analysis indicated that SLC2A1 acted as a hazard factor for patients
with KIRP, LUAD, PAAD, MESO, ACC, KICH, LIHC, SARC, and BLCA (Figure S2A). The
results of DFI analysis showed that SLC2A1 acted as a hazard factor for patients with PAAD,
LUAD, COAD, ACC, MESO, KIRC, and TGCT (Figure S2B). The above results suggested
that patients with high expression of SLC2A1 have a poor prognosis in most cancers.
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3.6. Genetic Alteration Analysis of SLC2A1

The above results indicated that SLC2A1 is highly expressed in most cancers, and
carries a poor prognosis. Genetic alteration is one of the key factors that affects gene
expression [25]. Thus, we analyzed he genetic alteration status of SLC2A1 in the TCGA
pan-cancer cohorts. We included a total of 10,967 pan-cancer patients in the cBioPortal in
the study. OncoPrint showed that the overall genetic alteration rate of SLC2A1 in cancers
was relatively low (only 1.8%) (Figure S3A). As shown in Figure S3B, 24 of 32 types of cancer
had SLC2A1 gene alteration data. The highest alteration frequency of SLC2A1 appeared
in the ovarian carcinoma patients with “amplification” as the primary type. Additionally,
amplification was the main genetic alteration type in some other cancers, such as BLCA,
ESCA, SARC, LUSC, BRCA, LUAD, MESO, ACC, and LIHC, whose frequency ranged from
1% to 4%. The types and sites of the SLC2A1 mutations are further presented in Figure S3C.
The results showed 80 mutation sites in the SLC2A1 gene, and the missense mutation of
SLC2A1 was the main type of genetic mutation. These findings suggested that the genetic
alteration status of SLC2A1 may not be the cause of the high expression of SLC2A1 in
cancer tissues.

3.7. Epigenetic Analysis of SLC2A1

Epigenetic modifications, such as DNA promoter methylation and RNA m6A methy-
lation, regulate the gene expression, thus affecting the growth and development of can-
cers [26]. Therefore, to explore the cause of the high expression level of SLC2A1 in cancers,
we analyzed DNA promoter methylation and RNA methylation. First, we investigated
DNA promoter methylation of SLC2A1 in pan-cancer by using the UALCAN database. We
used 24 types of cancers in the UALCAN database to analyze the methylation of SLC2A1.
The results showed that DNA methylation significantly differed in nine types of cancers
compared with normal tissues. We observed a significant decrease in the methylation level
of SLC2A1 in BLCA, KIRC, LIHC, LUAD, LUSC, UCEC, TGCT, and THCA (Figure 9A,C–I),
and a significant increase in the level in COAD (Figure 9B). The above results suggested
that SLC2A1 gene promoter methylation may be one of the reasons for the high expression
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level of SLC2A1 in some cancers. Moreover, we explored the correlation between SLC2A1
and m6A-methylation-related genes in pan-cancer, and the results demonstrated that most
of the m6A-methylation-related genes positively correlated with the expression of SLC2A1
in 33 TCGA cancers, which suggested that m6A methylation plays an important role in the
epigenetic modification of SLC2A1 (Figure 10).
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3.8. Functional Enrichment Analysis of SLC2A1

To comprehensively explore the mechanism underlying SLC2A1 leading to the poor
prognosis of cancer patients, we used LUAD as an example to perform GO, KEGG, and
GSEA analyses. We regarded the median value of SLC2A1 as the cut-off point. First,
during GO and KEGG analyses, we detected 346 DEGs (FDR < 0.05 and |log2FC| ≥ 1),
of which 154 genes were downregulated and 192 genes were upregulated (Figure S4A).
The heat map showed the top 50 upregulated and downregulated DEGs related to SLC2A1
(Figure S4B). Under the condition of p.adj < 0.05, q-value < 0.05, and count ≥ 2, we
found that SLC2A1-related DEGs are involved in 269 biological process (GO-BP), 56 in
cell component (GO-CC), 10 in molecular function (GO-MF), and 14 in KEGG (Table
S5). The bubble graph demonstrated the top 10 messages for GO-BP, GO-CC, GO-MF,
and KEGG (Figure 11A–D). The GO functional annotations showed that SLC2A1-related
DEGs are mainly involved in the cell-cycle regulation, neutrophil mediated immunity,
neutrophil activation, etc. The results of KEGG pathway analysis demonstrated that
SLC2A1-related DEGs are primarily associated with cell cycle, glycolysis/gluconeogenesis,
carbon metabolism, etc. Second, using the REACTOME and HALLMARK gene sets, we
performed GSEA to identify the functional enrichment of high and low SLC2A1 expression.
The results of GSEA with |NES| >1, p.adj < 0.05 and q-value (FDR) < 0.25 are shown
in Tables S6 and S7. The HALLMARK enrichment term showed that SLC2A1 is mainly
associated with epithelial–mesenchymal transition (NES = 2.235, P = 0.003, FDR < 0.001),
glycolysis (NES = 2.167, P = 0.003, FDR < 0.001), and hypoxia (NES = 2.059, P = 0.003,
FDR < 0.001), (Figure 12A–C). The REACTOME enrichment term showed that SLC2A1
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is mainly associated with cell-cycle checkpoints (NES = 2.455, P = 0.010, FDR = 0.006),
mitotic metaphase and anaphase (NES = 2.410, P = 0.011, FDR = 0.006), and DNA repair
(NES = 2.244, P = 0.011, FDR = 0.006) (Figure 12D–F). In addition, single-cell analysis can
provide a profound understanding of the biological characteristics of cancer. We analyzed
the correlation between SLC2A1 and 14 functional states in pan-caner by using the single-
cell CancerSEA database. The results showed that SLC2A1 is mainly positively related
to hypoxia, angiogenesis, epithelial–mesenchymal transition (EMT), and metastasis, and
negatively related to DNA repair (Figure 12G). Collectively, the above results suggested
that SLC2A1 affects the growth and development of cancers through multiple mechanisms,
including immune regulation.
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3.9. Immune Cell Infiltration Analysis of SLC2A1

The above results of function enrichment analysis and the protein expression of
SLC2A1 across pan-cancer subtypes in the CPTAC samples suggested that SLC2A1 may be
related to immune regulation, so we conducted an immune cell infiltration analysis, We
used three algorithms (ESTIMATEscore, EPIC, and MCPcounter) to explore the relationship
between SLC2A1 expression and immune cell infiltration of TME. First, using the ESTI-
MATEscore, we found high expression levels of SLC2A1 are related to low ImmuneScore,
low StromalScore, and low ESTIMATEScore in most cancers, such as ACC, BLCA, BRCA,
ESCA, HNSC, LUAD, OSCC, PAAD, PRAD, SARC, SKCM, STAD, TGCT, UCEC, and UCS
(Figure S5A–O). Second, using the EPIC algorithm, we found that SLC2A1 expression is
positively correlated with cancer-associated fibroblasts (CAFs) in most cancers. SLC2A1
expression is negatively correlated with CD8+ T cells in 12 types of cancers (STES, TGCT,
ESCA, LUSC, SKCM, LUAD, BLCA, HNSC, CESC, LAMLC, THYM, and GBM), but pos-
itively with CD8+ T cells in 5 types of cancers (PRAD, KIPAN, KIRP, CHOL, and LIHC)
(Figure 13A). Third, using the MCPcounter algorithm, we found that SLC2A1 expression
is positively correlated with neutrophils and CAFs in most cancers. SLC2A1 expression
is negatively correlated with CD8+ T cells in 12 types of cancers (LUSC, TGCT, THYM,
HNSC, BRCA, SKCM, STES, GBMLGG, GBM, PAAD, ALL, and ESCA), but positively
correlated with CD8+ T cells in 5 types of cancers (KIPAN, LIHC, LAML, PCPG, and CHOL)
(Figure 13B). The above results indicated that SLC2A1 has an impact on the infiltration
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of immune cells in the TME of most cancers and is especially positively correlated with
neutrophils and CAFs in the TME.
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3.10. SLC2A1 Related to Immune Checkpoint (ICP) Genes, TMB, and MSI in Human Cancers

Immune surveillance affects the growth and development of cancer cells, and cancer
cells evade immune responses by taking advantage of ICP [27]. ICP genes are divided into
two major categories: immunoinhibitors and immunostimulators. As such, we investigated
the associations between SLC2A1 expression and the two main types of immune modulators
in human cancers to explore the potential function of SLC2A1 in immunotherapy. The
results showed a certain correlation between SLC2A1 and immune modulators in all 33
tumor types. We found that the expression of SLC2A1 is positively correlated with most
immunoinhibitors and immunostimulators in LAML, LIHC, UVM, THCA, PCPG, PRAD,
OV, READ, KIRC, KIPAN, DLBC, and THYM. In contrast, the expression of SLC2A1 is
negatively correlated with most immunoinhibitors and immunostimulators in TGCT, ESCA,
STES, HNSC, and LUSC. Notably, SLC2A1 is remarkably positively correlated with CD274
(PD-L1) and CTLA4 in most cancers (Figure 14). These findings suggested that SLC2A1
may affect the immune checkpoint blockade treatment response in human cancers.

TMB and MSI are two new biomarkers that reflect the response of immunotherapy.
So, we explored the correlation between SLC2A1 expression and TMB, and MSI. The
expression of SLC2A11 is significantly positively correlated with TMB in most cancers,
including PAAD, ACC, LUAD, THYM, GBM, SARC, STAD, CESC, BRCA, GBMLGG,
STES, and HNSC, but negatively correlated with TMB in SKCM (Figure 15A). We also
investigated the correlation of the SLC2A1 expression with MSI in pan-cancer: ACC, UVM,
TGCT, SARC, STAD, and STES exhibited positive correlations; DLBC, KIPAN, GBMLGG,
and PRAD exhibited negative correlations (Figure 15B). The above results indicated that
SLC2A1 may be used to predict the response to immunotherapy.
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4. Discussion

The increase in glycolysis is one of the main characteristics of glycometabolism in
cancer cells [28]. The SLC2A1 gene is one of the key genes in cancer glycometabolism, which
promotes the glycolysis of cancer cells, thus affecting their growth and metastasis [29,30].
Studies on SLC2A1 in pan-cancer analysis were previously lacking. This is the first study
in which the role of SLC2A1 at the pan-cancer level was explored.

In our study, based on the TCGA-GTEx pan-cancer dataset, we found that SLC2A1
is highly expressed in most cancers compared with normal tissues, which we further
confirmed via the GEO datasets, protein expression data from the HPA database, and
our own data. Additionally, the expression of SLC2A1 is significantly upregulated in
higher pathologic stages in various cancers. Previous studies have reported that SLC2A1
is highly expressed in a variety of cancers, such as BLCA, LUAD, LIHC, CESC, COAD,
OV, UCEC, BRCA, STAD, ESCA, and PAAD [11–15,31–37]. These results are consistent
with our research results. In addition, the results of the ROC analysis of pan-cancers
revealed that the AUC values of most cancers were greater than 0.7. Therefore, our results
suggested that SLC2A1 may play an important role in the growth and metabolism of
cancers, and they support the possibility of SLC2A1 being used as a biomarker for the
diagnosis of pan-cancer.

The evaluation of the prognostic value of SLC2A1 is an indispensable part of our study.
We assessed the prognostic value of SLC2A1 in pan-cancer by using Kaplan–Meier and
Cox regression analyses. The results showed that SLC2A1 is a hazard factor for the OS
of patients in most cancers. Mortality from noncancerous causes may not reflect tumor
biology, aggressiveness, or response to therapy. Additionally, a longer follow-up time
is required for using OS. Therefore, to more accurately reflect the impact of SLC2A1 on
the prognosis of patients, we further conducted a univariate COX analysis for PFI, DFI,
and DSS of patients. The results also showed that SLC2A1 is a hazard factor for the PFI,
DFI and DSS of patients in various cancers. These results indicated that high SLC2A1
expression mainly plays a hazardous role in patient prognosis for most cancer types. The
high expression of SLC2A1 in cancers is often associated with poor prognosis [38,39].

To study why SLC2A1 is highly expressed in pan-cancer, we performed genetic
alteration, DNA promoter methylation, and RNA m6A methylation analyses. We found
that the overall mutation rate of SLC2A1 in pan-cancer is only 1.8%, which could not explain
the high transcriptome expression of SLC2A1 in most cancers. Klepper et al. reported that
Glut1 deficiency syndromes are due to SLC2A1 genetic variation [40]. Therefore, we think
that genetic alteration is not the main cause of the high expression of SLC2A1. In addition,
DNA promoter methylation can regulate gene expression without changing the DNA
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sequence, which is one of the main forms of DNA epigenetic modification [41]. A higher
level of DNA promoter methylation means lower expression of the corresponding gene [42].
We found hypomethylation in the SLC2A1 promoter region in various cancer tissues, which
might, to some extent, explain the SLC2A1 mRNA overexpression in the corresponding
cancers. Furthermore, RNA m6A methylation is an important mechanism affecting the
regulation of RNA expression. We collected 21 RNA m6A-methylation-related genes and
performed pan-cancer correlation analysis between SLC2A1 and m6A-methylation-related
genes, finding that they are significantly correlated in pan-cancer. This indicated that
the mechanism of m6A methylation may play a vital role in the regulation of SLC2A1
expression in cancer tissues. Shen et al. demonstrated that the m6A-IGF2BP2/3-dependent
mechanism inhibits the mRNA degradation of SLC2A1 in colorectal cancer [43]. Some other
mechanisms may lead to the overexpression of SLC2A1, for example, histone modification
on chromosomes [44] or RNA m1A/m5C modification [45]. We did not consider these
potential mechanisms in this study.

The mechanism of SLC2A1 in pan-cancer has rarely been explored. LUAD is one of
the most common cancer types. In our study, we found that SLC2A1 is highly expressed in
LUAD, and was related to a poor prognosis in terms of OS, PFI, DSS, and DFI, so we took
LUAD as the representative tumor in the GO, KEGG, and GSEA analyses of SLC2A1. The
results showed that SLC2A1 is mainly associated with hypoxia, EMT, glycolysis, cell-cycle
regulation, DNA repair, and neutrophil-mediated immunity. Single-cell sequencing can
help us better understand the biological features of cancers, to achieve the goal of more
precise cancer treatment [46,47]. In our study, we used the single-cell database CancerSEA
to explore the function of SLC2A1 in pan-cancer. We discovered that SLC2A1 is remarkably
positively related to hypoxia, EMT, and metastasis, and negatively related to DNA repair,
which was roughly consistent with the bulk analysis. Most of these functions of SLC2A1
have been studied in various types of cancers. For example, hypoxia induces GLUT1 over-
expression in various cancers [48]; Azadeh Nilchian et al. revealed that overexpression of
GLUT1 can make breast cancer cells produce stable EMT and promote proliferation during
chronic TGF-β1 exposure [49]; Zhang et al. revealed that GLUT1 S-palmitoylation mediated
by DHHC9 promotes glycolysis and tumorigenesis in glioblastoma [50]. Takahashi et al.
reported that Glut-1 knockdown also induces cell-cycle arrest in pancreas cancer cells [51];
Kim et al. found that increased GLUT1 expression can repair damaged DDR in SALL4-
deficient human cancer cells [52]. In summary, SLC2A1 may be overexpressed in cancers
tissues by hypoxia and promote cancer-cell proliferation and metastasis by regulating
cancer glycometabolism, the cell-cycle checkpoint, DNA repair process, and EMT.

The TME plays a key role in the support of tumor progression, invasiveness, and
metastasis [53]. In our study, we found that high SLC2A1 expression strongly correlates
with proteome-based subtypes s8. A previous study [16] demonstrated that s8 is related to
the immune system process, extracellular region, and glycolysis. Therefore, we explored the
relationship of SLC2A1 expression with immune cell infiltration by using three algorithms
(ESTIMATEScore, EPIC, and MCPcounter). We found that high expression of SLC2A1
corresponds to low immune, stromal and ESTIMATE scores in the TME in most cancer
types, which indicated that SLC2A1 might be mainly expressed by cancer cells. In addition,
SLC2A1 is positively correlated with the neutrophils and CAFs in the TME in most cancers.
Neutrophils and CAFs in the TME promote tumor proliferation and metastasis [54–56].
Thus, SLC2A1 may promote tumor proliferation and metastasis by affecting neutrophils
and CAFs in the TME. Ancey et al. revealed that the radiotherapy resistance of lung cancer
depends on GLUT1-mediated glucose uptake in tumor-associated neutrophils [54]. Sun et al.
discovered that phosphorylating GLUT1 enhances glycolytic activity of the CAFs in breast
cancer to promote cancer-cell invasion by activating the TGFβ1/p38 MAPK/MMP2/9
signaling axis [57]. CD8+ T cells are an important component of cancer immunity. Our
findings showed that SLC2A1 is positively correlated with CD8+ T cells in some cancer
types, but negatively correlated in other cancer types, suggesting that the effect of SLC2A1
on CD8+ T cells in the TME is complex.
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ICP genes affect the immune cell infiltration of the TME and cancer immunother-
apy [58]. As such, we analyzed the relationship between the SLC2A1 expression and ICP
genes. The results showed a certain correlation between SLC2A1 and ICP genes in all
33 tumors. This indicated that SLC2A1 has an impact on immune function in the TME. No-
tably, SLC2A1 is remarkably positively correlated with CD274 (PD-L1) and CTLA4 in most
cancers. Young Wha Koh et al. demonstrated that PD-L1 protein and mRNA expressions
are correlated with GLUT1 expression in lung adenocarcinoma [59]. PD-L1 and CTLA4
are the essential biomarkers of T cell exhaustion [60]. The definition of T-cell exhaustion is
that the T-cell functions of patients with common chronic infection or cancer is impaired or
even lost. Therefore, the expression of SLC2A1 results in the T-cell exhaustion of the TME.
MSI and TMB are the biomarkers for predicting cancer immunotherapy response [22,23].
We performed a correlation analysis between SLC2A1 and TMB and MSI, and we found
that SLC2A1 expression is significantly correlated with TMB in 13 cancer types and with
MSI in 10 cancer types. Additionally, PD-L1 and CTLA4 are the main targets of clinical
immunotherapy. This indicated that SLC2A1 may be considered as a biomarker to predict
the response to immunotherapy.

The limitations in our study should be considered when generalizing the findings.
First, our results were mainly generated from bioinformatics analysis. In vivo and in vitro
experiments are needed to prove our results regarding the potential function of SLC2A1.
Second, the microarray and sequencing data from different databases might have caused
systematic bias. Third, the data used in this study were retrospective. Our results should
thus be further confirmed by prospective studies in the future. Finally, no anti-SLC2A1
therapeutic monoclonal antibodies have yet been evaluated in clinical trials. Therefore,
we have no specific and complete cases with data to identify the benefit of anti-SLC2A1-
targeting drugs in the survival of cancer.

5. Conclusions

SLC2A1 may play a crucial role in cancer cell proliferation and metastasis through
multiple mechanisms, such as regulating the cell-cycle checkpoint, DNA repair process,
EMT, CAFs and neutrophils in the TME, and T-cell exhaustion. SLC2A1 might serve as
a novel pan-cancer diagnostic and prognostic biomarker and provide an opportunity to
develop new immunotherapy strategies.

Supplementary Materials: The following supporting information can be downloaded at: https://ww
w.mdpi.com/article/10.3390/cancers14215344/s1, Figure S1: SLC2A1 expression in TCGA cancers
and adjacent normal tissues(ns, p ≥ 0.05; *, p < 0.05; **, p < 0.01; ***, p < 0.001); Figure S2: Univariate
Cox regression analysis of SLC2A1. Forest map shows the univariate Cox regression results of
SLC2A1 for DSS (A) and DFI (B) in pan-cancer; Figure S3. SLC2A1 genetic alterations in pan-cancer
analyzed using cBioPortal database. OncoPrint of SLC2A1 genetic alterations in pan-cancer (different
colors mean different types of genetic alterations) (A); SLC2A1 alteration types and frequency of
pan-cancer (B); mutation types and sites of SLC2A1 gene (C); Figure S4: Identification of DEGs related
to SLC2A1. Volcano plot depicts the 346 DEGs (|log2FC| > 1; FDR < 0.05) in TCGA LUAD group
of high vs. low expression of SLC2A1 (A); heatmap shows top 50 upregulated and downregulated
DEGs (B); Figure S5: Differences in TME between high-SLC2A1 and low-SLC2A1 were evaluated by
ESTIMATEScore algorithm(ns, p≥ 0.05; *, p < 0.05; **, p < 0.01; ***, p < 0.001); Table S1: Abbreviations
of all cancer types; Table S2: Basic information of GEO datasets in the study; Table S3: Pan-cancer
proteome-based subtypes (s1 to s11) in UALCAN database; Table S4: Pan-cancer proteinomic analysis
of SLC2A1; Table S5: GO/KEGG analysis of SLC2A1-related DEGs; Table S6: GSEA of SLC2A1 based
on HALLMARK gene sets; Table S7: GSEA of SLC2A1 based on REACTOME gene sets.

Author Contributions: H.Z. and X.Q. conceived and designed the study. H.Z., G.L., Y.Z., X.Y. and
W.C. performed the data analysis. H.Z., X.Q., G.L. and S.H. analyzed and interpreted the results. H.Z.
wrote the original manuscript. H.Z. and H.L. reviewed and revised the manuscript. All authors have
read and agreed to the published version of the manuscript.

https://www.mdpi.com/article/10.3390/cancers14215344/s1
https://www.mdpi.com/article/10.3390/cancers14215344/s1


Cancers 2022, 14, 5344 21 of 23

Funding: This study was funded by Supporting funds for scientific research of the Sixth Affiliated
Hospital, Sun Yat-sen University, grant number P20200217202404781.

Institutional Review Board Statement: The study was conducted in accordance with the Declaration
of Helsinki, and approved by the clinical research ethics committee of the Sixth Affiliated Hospital of
Sun Yat-sen University (2022ZSLYEC-351, 12 August 2022).

Informed Consent Statement: Informed consent was obtained from all subjects involved in the
study. Written informed consent was obtained from the patients to publish this paper.

Data Availability Statement: Publicly available datasets were analyzed in this study. TCGA and
GTEx data can be found here: (UCSC) Xena browser (https://xena.ucsc.edu/, accessed on 14 July
2022) and the Genotype-Tissue Expression (GTEx) database (https://www.gtexportal.org/hom
e/-index.html, accessed on 14 July 2022); GSE2088, GSE13507, GSE10927, GSE39001, GSE26566,
GSE18520, GSE53757, GSE62452, GSE87211, GSE15605, GSE33630, GSE3218, GSE17025, GSE47861,
GSE68468, GSE53625, GSE13601, GSE57927, GSE75037, and GSE26899 datasets from GEO database(
https://www.ncbi.nlm.nih.gov/geo, accessed on 14 July 2022). The original contributions presented
in the study are included in the article. Further inquiries can be directed to the corresponding authors.

Acknowledgments: We thank Sangerbox tools and Xiantao Academic Tools for providing technical
advice on our bioinformatics analysis.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Luo, Q.; Zhang, L.; Luo, C.; Jiang, M. Emerging Strategies in Cancer Therapy Combining Chemotherapy with Immunotherapy.

Cancer Lett. 2019, 454, 191–203. [CrossRef] [PubMed]
2. Yang, Y. Cancer Immunotherapy: Harnessing the Immune System to Battle Cancer. J. Clin. Investig. 2015, 125, 3335–3337.

[CrossRef] [PubMed]
3. Marcus, L.; Lemery, S.J.; Keegan, P.; Pazdur, R. FDA Approval Summary: Pembrolizumab for the Treatment of Microsatellite

Instability-High Solid Tumors. Clin. Cancer Res. 2019, 25, 3753–3758. [CrossRef] [PubMed]
4. Li, F.; Wu, T.; Xu, Y.; Dong, Q.; Xiao, J.; Xu, Y.; Li, Q.; Zhang, C.; Gao, J.; Liu, L.; et al. A Comprehensive Overview of Oncogenic

Pathways in Human Cancer. Brief. Bioinform. 2020, 21, 957–969. [CrossRef]
5. Boroughs, L.K.; DeBerardinis, R.J. Metabolic Pathways Promoting Cancer Cell Survival and Growth. Nat. Cell Biol. 2015,

17, 351–359. [CrossRef]
6. Pavlova, N.N.; Thompson, C.B. The Emerging Hallmarks of Cancer Metabolism. Cell Metab. 2016, 23, 27–47. [CrossRef]
7. Biswas, S.K. Metabolic Reprogramming of Immune Cells in Cancer Progression. Immunity 2015, 43, 435–449. [CrossRef]
8. Cao, S.; Chen, Y.; Ren, Y.; Feng, Y.; Long, S. GLUT1 Biological Function and Inhibition: Research Advances. Future Med. Chem.

2021, 13, 1227–1243. [CrossRef]
9. Masoud, G.N.; Li, W. HIF-1α Pathway: Role, Regulation and Intervention for Cancer Therapy. Acta Pharm. Sin. B 2015, 5, 378–389.

[CrossRef]
10. Pereira, K.M.A.; Chaves, F.N.; Viana, T.S.A.; Carvalho, F.S.R.; Costa, F.W.G.; Alves, A.P.N.N.; Sousa, F.B. Oxygen Metabolism in

Oral Cancer: HIF and GLUTs (Review). Oncol. Lett. 2013, 6, 311–316. [CrossRef]
11. Avanzato, D.; Pupo, E.; Ducano, N.; Isella, C.; Bertalot, G.; Luise, C.; Pece, S.; Bruna, A.; Rueda, O.M.; Caldas, C.; et al. High

USP6NL Levels in Breast Cancer Sustain Chronic AKT Phosphorylation and GLUT1 Stability Fueling Aerobic Glycolysis. Cancer
Res. 2018, 78, 3432–3444. [CrossRef] [PubMed]

12. Sun, H.-W.; Yu, X.-J.; Wu, W.-C.; Chen, J.; Shi, M.; Zheng, L.; Xu, J. GLUT1 and ASCT2 as Predictors for Prognosis of Hepatocellular
Carcinoma. PLoS ONE 2016, 11, e0168907. [CrossRef] [PubMed]

13. Berlth, F.; Mönig, S.; Pinther, B.; Grimminger, P.; Maus, M.; Schlösser, H.; Plum, P.; Warnecke-Eberz, U.; Harismendy, O.;
Drebber, U.; et al. Both GLUT-1 and GLUT-14 Are Independent Prognostic Factors in Gastric Adenocarcinoma. Ann. Surg. Oncol.
2015, 22 (Suppl. S3), 822–831. [CrossRef] [PubMed]

14. Goldman, N.A.; Katz, E.B.; Glenn, A.S.; Weldon, R.H.; Jones, J.G.; Lynch, U.; Fezzari, M.J.; Runowicz, C.D.; Goldberg, G.L.;
Charron, M.J. GLUT1 and GLUT8 in Endometrium and Endometrial Adenocarcinoma. Mod. Pathol. 2006, 19, 1429–1436.
[CrossRef]

15. Smolle, E.; Leko, P.; Stacher-Priehse, E.; Brcic, L.; El-Heliebi, A.; Hofmann, L.; Quehenberger, F.; Hrzenjak, A.; Popper, H.H.;
Olschewski, H.; et al. Distribution and Prognostic Significance of Gluconeogenesis and Glycolysis in Lung Cancer. Mol. Oncol.
2020, 14, 2853–2867. [CrossRef]

16. Zhang, Y.; Chen, F.; Chandrashekar, D.S.; Varambally, S.; Creighton, C.J. Proteogenomic Characterization of 2002 Human Cancers
Reveals Pan-Cancer Molecular Subtypes and Associated Pathways. Nat. Commun. 2022, 13, 2669. [CrossRef]

17. Jiang, X.; Liu, B.; Nie, Z.; Duan, L.; Xiong, Q.; Jin, Z.; Yang, C.; Chen, Y. The Role of M6A Modification in the Biological Functions
and Diseases. Signal Transduct. Target. Ther. 2021, 6, 74. [CrossRef]

https://xena.ucsc.edu/
https://www.gtexportal.org/home/-index.html
https://www.gtexportal.org/home/-index.html
https://www.ncbi.nlm.nih.gov/geo
http://doi.org/10.1016/j.canlet.2019.04.017
http://www.ncbi.nlm.nih.gov/pubmed/30998963
http://doi.org/10.1172/JCI83871
http://www.ncbi.nlm.nih.gov/pubmed/26325031
http://doi.org/10.1158/1078-0432.CCR-18-4070
http://www.ncbi.nlm.nih.gov/pubmed/30787022
http://doi.org/10.1093/bib/bbz046
http://doi.org/10.1038/ncb3124
http://doi.org/10.1016/j.cmet.2015.12.006
http://doi.org/10.1016/j.immuni.2015.09.001
http://doi.org/10.4155/fmc-2021-0071
http://doi.org/10.1016/j.apsb.2015.05.007
http://doi.org/10.3892/ol.2013.1371
http://doi.org/10.1158/0008-5472.CAN-17-3018
http://www.ncbi.nlm.nih.gov/pubmed/29691252
http://doi.org/10.1371/journal.pone.0168907
http://www.ncbi.nlm.nih.gov/pubmed/28036362
http://doi.org/10.1245/s10434-015-4730-x
http://www.ncbi.nlm.nih.gov/pubmed/26183839
http://doi.org/10.1038/modpathol.3800656
http://doi.org/10.1002/1878-0261.12780
http://doi.org/10.1038/s41467-022-30342-3
http://doi.org/10.1038/s41392-020-00450-x


Cancers 2022, 14, 5344 22 of 23

18. Yoshihara, K.; Shahmoradgoli, M.; Martínez, E.; Vegesna, R.; Kim, H.; Torres-Garcia, W.; Treviño, V.; Shen, H.; Laird, P.W.;
Levine, D.A.; et al. Inferring Tumour Purity and Stromal and Immune Cell Admixture from Expression Data. Nat. Commun. 2013,
4, 2612. [CrossRef]

19. Becht, E.; Giraldo, N.A.; Lacroix, L.; Buttard, B.; Elarouci, N.; Petitprez, F.; Selves, J.; Laurent-Puig, P.; Sautès-Fridman, C.;
Fridman, W.H.; et al. Estimating the Population Abundance of Tissue-Infiltrating Immune and Stromal Cell Populations Using
Gene Expression. Genome Biol. 2016, 17, 218. [CrossRef]

20. Racle, J.; de Jonge, K.; Baumgaertner, P.; Speiser, D.E.; Gfeller, D. Simultaneous Enumeration of Cancer and Immune Cell Types
from Bulk Tumor Gene Expression Data. Elife 2017, 6, e26476. [CrossRef]

21. Thorsson, V.; Gibbs, D.L.; Brown, S.D.; Wolf, D.; Bortone, D.S.; Ou Yang, T.-H.; Porta-Pardo, E.; Gao, G.F.; Plaisier, C.L.;
Eddy, J.A.; et al. The Immune Landscape of Cancer. Immunity 2018, 48, 812–830.e14. [CrossRef] [PubMed]

22. Sha, D.; Jin, Z.; Budczies, J.; Kluck, K.; Stenzinger, A.; Sinicrope, F.A. Tumor Mutational Burden as a Predictive Biomarker in Solid
Tumors. Cancer Discov. 2020, 10, 1808–1825. [CrossRef] [PubMed]

23. Bonneville, R.; Krook, M.A.; Kautto, E.A.; Miya, J.; Wing, M.R.; Chen, H.Z.; Reeser, J.W.; Yu, L.; Roychowdhury, S. Landscape of
Microsatellite Instability Across 39 Cancer Types. JCO Precis. Oncol. 2017, 1, 1–15. [CrossRef]

24. Nahm, F.S. Receiver Operating Characteristic Curve: Overview and Practical Use for Clinicians. Korean J. Anesthesiol. 2022,
75, 25–36. [CrossRef] [PubMed]

25. Matharu, N.; Ahituv, N. Modulating Gene Regulation to Treat Genetic Disorders. Nat. Rev. Drug Discov. 2020, 19, 757–775.
[CrossRef]

26. Chen, Y.; Hong, T.; Wang, S.; Mo, J.; Tian, T.; Zhou, X. Epigenetic Modification of Nucleic Acids: From Basic Studies to Medical
Applications. Chem Soc. Rev. 2017, 46, 2844–2872. [CrossRef]

27. Muenst, S.; Läubli, H.; Soysal, S.D.; Zippelius, A.; Tzankov, A.; Hoeller, S. The Immune System and Cancer Evasion Strategies:
Therapeutic Concepts. J. Intern. Med. 2016, 279, 541–562. [CrossRef]

28. Li, Z.; Zhang, H. Reprogramming of Glucose, Fatty Acid and Amino Acid Metabolism for Cancer Progression. Cell. Mol. Life Sci.
2016, 73, 377–392. [CrossRef]

29. Ooi, A.T.; Gomperts, B.N. Molecular Pathways: Targeting Cellular Energy Metabolism in Cancer via Inhibition of SLC2A1 and
LDHA. Clin. Cancer Res. 2015, 21, 2440–2444. [CrossRef]

30. Ancey, P.-B.; Contat, C.; Meylan, E. Glucose Transporters in Cancer—from Tumor Cells to the Tumor Microenvironment. FEBS J.
2018, 285, 2926–2943. [CrossRef]

31. Massari, F.; Ciccarese, C.; Santoni, M.; Iacovelli, R.; Mazzucchelli, R.; Piva, F.; Scarpelli, M.; Berardi, R.; Tortora, G.;
Lopez-Beltran, A.; et al. Metabolic Phenotype of Bladder Cancer. Cancer Treat. Rev. 2016, 45, 46–57. [CrossRef] [PubMed]

32. Wang, X.; He, H.; Rui, W.; Zhang, N.; Zhu, Y.; Xie, X. TRIM38 Triggers the Uniquitination and Degradation of Glucose Transporter
Type 1 (GLUT1) to Restrict Tumor Progression in Bladder Cancer. J. Transl. Med. 2021, 19, 508. [CrossRef] [PubMed]

33. Kim, B.W.; Cho, H.; Chung, J.-Y.; Conway, C.; Ylaya, K.; Kim, J.-H.; Hewitt, S.M. Prognostic Assessment of Hypoxia and Metabolic
Markers in Cervical Cancer Using Automated Digital Image Analysis of Immunohistochemistry. J. Transl. Med. 2013, 11, 185.
[CrossRef] [PubMed]

34. Zhao, J.; Chen, Y.; Liu, F.; Yin, M. Overexpression of MiRNA-143 Inhibits Colon Cancer Cell Proliferation by Inhibiting Glucose
Uptake. Arch. Med. Res. 2018, 49, 497–503. [CrossRef]

35. Cho, H.; Lee, Y.S.; Kim, J.; Chung, J.-Y.; Kim, J.-H. Overexpression of Glucose Transporter-1 (GLUT-1) Predicts Poor Prognosis in
Epithelial Ovarian Cancer. Cancer Investig. 2013, 31, 607–615. [CrossRef]

36. Zhao, X.; Huang, Q.; Koller, M.; Linssen, M.D.; Hooghiemstra, W.T.R.; de Jongh, S.J.; van Vugt, M.A.T.M.; Fehrmann, R.S.N.;
Li, E.; Nagengast, W.B. Identification and Validation of Esophageal Squamous Cell Carcinoma Targets for Fluorescence Molecular
Endoscopy. Int. J. Mol. Sci. 2021, 22, 9270. [CrossRef]

37. Sung, J.-Y.; Kim, G.Y.; Lim, S.-J.; Park, Y.-K.; Kim, Y.W. Expression of the GLUT1 Glucose Transporter and P53 in Carcinomas of
the Pancreatobiliary Tract. Pathol. Res. Pract. 2010, 206, 24–29. [CrossRef]

38. Osugi, J.; Yamaura, T.; Muto, S.; Okabe, N.; Matsumura, Y.; Hoshino, M.; Higuchi, M.; Suzuki, H.; Gotoh, M. Prognostic Impact of
the Combination of Glucose Transporter 1 and ATP Citrate Lyase in Node-Negative Patients with Non-Small Lung Cancer. Lung
Cancer 2015, 88, 310–318. [CrossRef]

39. Yu, M.; Zhou, Q.; Zhou, Y.; Fu, Z.; Tan, L.; Ye, X.; Zeng, B.; Gao, W.; Zhou, J.; Liu, Y.; et al. Metabolic Phenotypes in Pancreatic
Cancer. PLoS ONE 2015, 10, e0115153. [CrossRef]

40. Klepper, J.; Akman, C.; Armeno, M.; Auvin, S.; Cervenka, M.; Cross, H.J.; de Giorgis, V.; Della Marina, A.; Engelstad, K.;
Heussinger, N.; et al. Glut1 Deficiency Syndrome (Glut1DS): State of the Art in 2020 and Recommendations of the International
Glut1DS Study Group. Epilepsia Open 2020, 5, 354–365. [CrossRef]

41. Mehdi, A.; Rabbani, S.A. Role of Methylation in Pro- and Anti-Cancer Immunity. Cancers 2021, 13, 545. [CrossRef] [PubMed]
42. Wang, M.; Ngo, V.; Wang, W. Deciphering the Genetic Code of DNA Methylation. Brief. Bioinform. 2021, 22, bbaa424. [CrossRef]

[PubMed]
43. Shen, C.; Xuan, B.; Yan, T.; Ma, Y.; Xu, P.; Tian, X.; Zhang, X.; Cao, Y.; Ma, D.; Zhu, X.; et al. M6A-Dependent Glycolysis Enhances

Colorectal Cancer Progression. Mol. Cancer 2020, 19, 72. [CrossRef]
44. Lawrence, M.; Daujat, S.; Schneider, R. Lateral Thinking: How Histone Modifications Regulate Gene Expression. Trends Genet.

2016, 32, 42–56. [CrossRef]

http://doi.org/10.1038/ncomms3612
http://doi.org/10.1186/s13059-016-1070-5
http://doi.org/10.7554/eLife.26476
http://doi.org/10.1016/j.immuni.2018.03.023
http://www.ncbi.nlm.nih.gov/pubmed/29628290
http://doi.org/10.1158/2159-8290.CD-20-0522
http://www.ncbi.nlm.nih.gov/pubmed/33139244
http://doi.org/10.1200/PO.17.00073
http://doi.org/10.4097/kja.21209
http://www.ncbi.nlm.nih.gov/pubmed/35124947
http://doi.org/10.1038/s41573-020-0083-7
http://doi.org/10.1039/C6CS00599C
http://doi.org/10.1111/joim.12470
http://doi.org/10.1007/s00018-015-2070-4
http://doi.org/10.1158/1078-0432.CCR-14-1209
http://doi.org/10.1111/febs.14577
http://doi.org/10.1016/j.ctrv.2016.03.005
http://www.ncbi.nlm.nih.gov/pubmed/26975021
http://doi.org/10.1186/s12967-021-03173-x
http://www.ncbi.nlm.nih.gov/pubmed/34906161
http://doi.org/10.1186/1479-5876-11-185
http://www.ncbi.nlm.nih.gov/pubmed/23927384
http://doi.org/10.1016/j.arcmed.2018.12.009
http://doi.org/10.3109/07357907.2013.849722
http://doi.org/10.3390/ijms22179270
http://doi.org/10.1016/j.prp.2009.07.018
http://doi.org/10.1016/j.lungcan.2015.03.004
http://doi.org/10.1371/journal.pone.0115153
http://doi.org/10.1002/epi4.12414
http://doi.org/10.3390/cancers13030545
http://www.ncbi.nlm.nih.gov/pubmed/33535484
http://doi.org/10.1093/bib/bbaa424
http://www.ncbi.nlm.nih.gov/pubmed/33432324
http://doi.org/10.1186/s12943-020-01190-w
http://doi.org/10.1016/j.tig.2015.10.007


Cancers 2022, 14, 5344 23 of 23

45. Zhao, B.S.; Roundtree, I.A.; He, C. Post-Transcriptional Gene Regulation by MRNA Modifications. Nat. Rev. Mol. Cell Biol. 2017,
18, 31–42. [CrossRef] [PubMed]

46. Lei, Y.; Tang, R.; Xu, J.; Wang, W.; Zhang, B.; Liu, J.; Yu, X.; Shi, S. Applications of Single-Cell Sequencing in Cancer Research:
Progress and Perspectives. J. Hematol. Oncol. 2021, 14, 91. [CrossRef]

47. Dusny, C.; Grünberger, A. Microfluidic Single-Cell Analysis in Biotechnology: From Monitoring towards Understanding. Curr.
Opin. Biotechnol. 2020, 63, 26–33. [CrossRef]

48. Tirpe, A.A.; Gulei, D.; Ciortea, S.M.; Crivii, C.; Berindan-Neagoe, I. Hypoxia: Overview on Hypoxia-Mediated Mechanisms with
a Focus on the Role of HIF Genes. Int. J. Mol. Sci. 2019, 20, E6140. [CrossRef]

49. Nilchian, A.; Giotopoulou, N.; Sun, W.; Fuxe, J. Different Regulation of Glut1 Expression and Glucose Uptake during the Induction
and Chronic Stages of TGFβ1-Induced EMT in Breast Cancer Cells. Biomolecules 2020, 10, E1621. [CrossRef]

50. Zhang, Z.; Li, X.; Yang, F.; Chen, C.; Liu, P.; Ren, Y.; Sun, P.; Wang, Z.; You, Y.; Zeng, Y.-X.; et al. DHHC9-Mediated GLUT1
S-Palmitoylation Promotes Glioblastoma Glycolysis and Tumorigenesis. Nat. Commun. 2021, 12, 5872. [CrossRef]

51. Takahashi, M.; Nojima, H.; Kuboki, S.; Horikoshi, T.; Yokota, T.; Yoshitomi, H.; Furukawa, K.; Takayashiki, T.; Takano, S.;
Ohtsuka, M. Comparing Prognostic Factors of Glut-1 Expression and Maximum Standardized Uptake Value by FDG-PET in
Patients with Resectable Pancreatic Cancer. Pancreatology 2020, 20, 1205–1212. [CrossRef] [PubMed]

52. Kim, J.; Xu, S.; Xiong, L.; Yu, L.; Fu, X.; Xu, Y. SALL4 Promotes Glycolysis and Chromatin Remodeling via Modulating HP1α-Glut1
Pathway. Oncogene 2017, 36, 6472–6479. [CrossRef] [PubMed]

53. Hinshaw, D.C.; Shevde, L.A. The Tumor Microenvironment Innately Modulates Cancer Progression. Cancer Res. 2019,
79, 4557–4566. [CrossRef] [PubMed]

54. Ancey, P.-B.; Contat, C.; Boivin, G.; Sabatino, S.; Pascual, J.; Zangger, N.; Perentes, J.Y.; Peters, S.; Abel, E.D.; Kirsch, D.G.; et al.
GLUT1 Expression in Tumor-Associated Neutrophils Promotes Lung Cancer Growth and Resistance to Radiotherapy. Cancer Res.
2021, 81, 2345–2357. [CrossRef]

55. Biffi, G.; Tuveson, D.A. Diversity and Biology of Cancer-Associated Fibroblasts. Physiol. Rev. 2021, 101, 147–176. [CrossRef]
56. Kaltenmeier, C.; Yazdani, H.O.; Morder, K.; Geller, D.A.; Simmons, R.L.; Tohme, S. Neutrophil Extracellular Traps Promote T Cell

Exhaustion in the Tumor Microenvironment. Front. Immunol. 2021, 12, 785222. [CrossRef]
57. Sun, K.; Tang, S.; Hou, Y.; Xi, L.; Chen, Y.; Yin, J.; Peng, M.; Zhao, M.; Cui, X.; Liu, M. Oxidized ATM-Mediated Glycolysis

Enhancement in Breast Cancer-Associated Fibroblasts Contributes to Tumor Invasion through Lactate as Metabolic Coupling.
EBioMedicine 2019, 41, 370–383. [CrossRef]

58. Topalian, S.L.; Drake, C.G.; Pardoll, D.M. Immune Checkpoint Blockade: A Common Denominator Approach to Cancer Therapy.
Cancer Cell 2015, 27, 450–461. [CrossRef]

59. Koh, Y.W.; Lee, S.J.; Han, J.-H.; Haam, S.; Jung, J.; Lee, H.W. PD-L1 Protein Expression in Non-Small-Cell Lung Cancer and Its
Relationship with the Hypoxia-Related Signaling Pathways: A Study Based on Immunohistochemistry and RNA Sequencing
Data. Lung Cancer 2019, 129, 41–47. [CrossRef]

60. Wherry, E.J. T Cell Exhaustion. Nat. Immunol. 2011, 12, 492–499. [CrossRef]

http://doi.org/10.1038/nrm.2016.132
http://www.ncbi.nlm.nih.gov/pubmed/27808276
http://doi.org/10.1186/s13045-021-01105-2
http://doi.org/10.1016/j.copbio.2019.11.001
http://doi.org/10.3390/ijms20246140
http://doi.org/10.3390/biom10121621
http://doi.org/10.1038/s41467-021-26180-4
http://doi.org/10.1016/j.pan.2020.07.407
http://www.ncbi.nlm.nih.gov/pubmed/32819845
http://doi.org/10.1038/onc.2017.265
http://www.ncbi.nlm.nih.gov/pubmed/28759035
http://doi.org/10.1158/0008-5472.CAN-18-3962
http://www.ncbi.nlm.nih.gov/pubmed/31350295
http://doi.org/10.1158/0008-5472.CAN-20-2870
http://doi.org/10.1152/physrev.00048.2019
http://doi.org/10.3389/fimmu.2021.785222
http://doi.org/10.1016/j.ebiom.2019.02.025
http://doi.org/10.1016/j.ccell.2015.03.001
http://doi.org/10.1016/j.lungcan.2019.01.004
http://doi.org/10.1038/ni.2035

	Introduction 
	Materials and Methods 
	Data Collection 
	Expression of SLC2A1 in Pan-Cancer 
	Diagnostic Value of SLC2A1 in Pan-Cancer 
	Prognostic Analysis of SLC2A1 
	Genetic Alteration Analysis of SLC2A1 
	Epigenetic Analysis of SLC2A1 
	Functional Enrichment Analysis of SLC2A1 
	Pan-Cancer Analysis of Correlation of SLC2A1 Expression with Tumor Cell Infiltration 
	Correlation between SLC2A1 and Immune Checkpoint Genes, Tumor Mutation Burden (TMB), and Microsatellite Instability (MSI) in Pan-Cancer 
	Statistical Analysis 

	Results 
	Pan-Cancer Expression Landscape of SLC2A1 
	Association between SLC2A1 Expression and Clinicopathologic Parameters in Pan-Cancer 
	Protein Level Analysis of SLC2A1 
	Diagnostic Value of SLC2A1 in Pan-Cancer 
	Prognostic Value of SLC2A1 in Pan-Cancer 
	Genetic Alteration Analysis of SLC2A1 
	Epigenetic Analysis of SLC2A1 
	Functional Enrichment Analysis of SLC2A1 
	Immune Cell Infiltration Analysis of SLC2A1 
	SLC2A1 Related to Immune Checkpoint (ICP) Genes, TMB, and MSI in Human Cancers 

	Discussion 
	Conclusions 
	References

