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Abstract
Early life exposure to environmental chemicals can cause developmental neurotoxicity (DNT). The impairment of key neu-
rodevelopmental processes such as neurite outgrowth inhibition can be used as endpoints for screening of DNT effects. We 
quantified neurite-specific effects using the ratio of effect concentrations for cytotoxicity and neurite outgrowth inhibition 
(SRcytotoxicity). Baseline cytotoxicity, the minimal toxicity of any chemical, was used to quantify enhanced cytotoxicity (toxic 
ratio, TR) and neuronal-specific toxicity (SRbaseline) by comparing baseline cytotoxicity with the effects on cell viability and 
neurite outgrowth, respectively. The effects on cell viability and neurite length were measured based on image analysis in 
human neuroblastoma SH-SY5Y cells. Baseline cytotoxicity was predicted from hydrophobicity descriptors using a previ-
ously published model for SH-SY5Y cells. Enhanced cytotoxicity and neuronal-specific toxicity were more often observed 
for hydrophilic chemicals, which indicates that they are more likely to act through specific modes of action (MOA) on cell 
viability and neurite outgrowth. Hydrophobic chemicals showed a tendency to act through baseline toxicity without showing 
specific or enhanced toxicity, but were highly potent considering their low effect concentrations for both cytotoxicity and 
neurite outgrowth inhibition. The endpoint-specific controls (narciclasine, colchicine, cycloheximide, and rotenone), two 
carbamates (3-hydroxycarbofuran and carbaryl), and two redox cyclers (diquat and paraquat) showed distinct neurite-specific 
effects (SRcytotoxicity > 4). By comparing neurite-specific effects with enhanced cytotoxicity, one can explain whether the 
observed effects involve specific inhibition of neurite outgrowth, other specific MOAs, or merely baseline toxicity arising 
from hydrophobicity.
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Introduction

The developing nervous system is vulnerable to exposure 
to environmental chemicals (Giordano and Costa 2012). 
Despite the high relevance for human health, developmen-
tal neurotoxicity (DNT) is only conditionally considered in 
chemical safety assessment by current OECD test guideline 
(OECD TG 426). These test guidelines represent in vivo test 
with developing rats and are very demanding in terms of 

animal numbers and labor. Therefore, in vitro bioassays may 
serve as animal-protective and time- and resource-efficient 
alternatives to animal testing and enable high-throughput 
screening of environmental chemicals for routine assessment 
of DNT. Due to the diversity in molecular initiating events 
(MIE) leading to DNT and limited mechanistic information 
of the cellular toxicity pathways leading to DNT, the key 
neurodevelopmental processes are considered as endpoints 
for testing DNT in vitro rather than the assessment of MIEs 
(Bal-Price et al. 2015; Lein et al. 2005; Smirnova et al. 
2014). Neurite outgrowth, in particular, is an important step 
in the differentiation of the nervous system as the basis for 
connectivity and function of neural network in the nervous 
system, and diverse in vitro models are available to assess 
effects on neurite outgrowth (Masjosthusmann et al. 2020; 
Radio and Mundy 2008).

DNT has been reported for many environmental chemi-
cals, in particular, pesticides (Bjorling-Poulsen et al. 2008; 
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Grandjean and Landrigan 2006). Pesticides control pests 
through diverse mechanisms and many insecticides target 
specific sites in nervous system such as acetylcholinester-
ase (AChE), acetylcholine receptor (AChR), voltage-gated 
sodium channel, and γ-aminobutyric acid (GABA) receptor 
(Casida 2009; Lushchak et al. 2018). DNT of pesticides in 
non-target organisms is supported by experimental and epi-
demiological evidence (Bjorling-Poulsen et al. 2008), and 
commonly used pesticides were confirmed to inhibit neurite 
outgrowth in PC-12 cells (Christen et al. 2017). Especially, 
many pesticides of concern for DNT in humans or animals 
provoked effects in multiple DNT-related endpoints in DNT 
in vitro testing battery (Masjosthusmann et al. 2020).

In vitro tools have been applied to screen toxicants caus-
ing DNT and capture the specific effects on neurite outgrowth. 
The U.S. National Toxicology Program (NTP) provided a 
proof-of-concept chemical library (Behl et al. 2019) for test-
ing neurotoxicity and DNT, and high-throughput screening for 
neurite outgrowth inhibition has been performed on these NTP 
library compounds (Delp et al. 2018; Ryan et al. 2016). These 
screening studies quantified specificity of the DNT effects by 
comparing the ratio between effect concentrations or bench-
mark concentrations derived for neurite outgrowth inhibition 
and cytotoxicity, and demonstrated that specific effects on 
neurite outgrowth inhibition can be distinguished from gen-
eral cytotoxic effects. Masjosthusmann et al. (2020) applied 
multiple DNT assays to chemicals presumed to be develop-
mental neurotoxicants and negative controls, and the endpoints 
related to neurite morphology were the most sensitive in 11% 
of 119 chemicals if the neuronal network formation assay was 
excluded and 7% of 60 chemicals if it was included (Masjos-
thusmann et al. 2020). While specificity of DNT was evaluated 
by comparing the effect concentrations to levels of cytotoxicity 
in these studies, the distance to levels of baseline toxicity, which 
is the minimal toxicity of any chemical, can provide further 
understanding of the observed DNT effects.

Baseline toxicity represents a nonspecific mode of action 
(MOA) and results from membrane interference of chemi-
cals. Baseline toxicity is driven by hydrophobicity of chemi-
cals, and can be assessed and predicted easily in experimen-
tal systems with a partition-based exposure, but is applicable 
to any organism and cell type. The interference of chemi-
cals with membranes leads to a critical membrane burden 
causing 10% cytotoxicity that was reported to stay constant 
(69 mmol.Llip

−1) over diverse mammalian cells (Escher et al. 
2019). Accordingly, a quantitative structure–activity rela-
tionship (QSAR) was developed to predict nominal concen-
tration of baseline cytotoxicity for multiple in vitro assays 
including also human neuroblastoma SH-SY5Y cells (Lee 
et al. 2021). Hydrophobicity—described by partition con-
stants between liposomes (membrane bilayer vesicles) and 
water (Klip/w)—serves as a single descriptor of the baseline 
cytotoxicity QSAR (Lee et al. 2021).

The predicted baseline cytotoxicity has been applied to 
estimate how potent the observed toxicity is for the target 
endpoint compared to the minimal toxicity, and the enhanced 
toxicity over baseline cytotoxicity indicates the involvement 
of specific MOA (Escher et al. 2020). The current approach 
using cytotoxicity as a reference for DNT is useful to quan-
tify how important neurite outgrowth is compared to general 
cytotoxic effects on neuronal cells that integrate all modes of 
action leading to cytotoxicity. In contrast, baseline toxicity 
is independent of cell type (or organism), and, therefore, can 
provide additional metrics to quantify any elevated toxicity 
that occurs in neuronal cells compared to nonspecific effects 
from baseline toxicity. Many pesticides are highly hydropho-
bic, and hence, they already provoke strong toxic effects via 
baseline toxicity. However, it has not been explored yet if 
pesticides exert specific MOA leading to enhanced cytotox-
icity or toxicity to the target endpoint compared to baseline 
cytotoxicity in the neuronal cells. Therefore, these addi-
tional measures considering baseline toxicity can provide 
further details to the current approach considering the ratio 
of effects on neurite outgrowth to cytotoxicity.

We aim to identify the degree of specificity and elevated 
cytotoxicity of effects for pesticides and environmental chemi-
cals on neurite outgrowth. Differentiated SH-SY5Y cells were 
used to test the effects of chemicals on cell viability and neu-
rite outgrowth. Effect concentrations were then compared to 
predicted baseline cytotoxicity using QSAR developed for 
differentiated SH-SY5Y cells (Lee et al. 2021). SH-SY5Y 
cells can be differentiated into more mature neuron-like cells, 
and retinoic acid is commonly applied for differentiation 
(Agholme et al. 2010; Biedler et al. 1973; Kovalevich and 
Langford 2013; Påhlman et al. 1984). The cell viability and 
neurite length were measured by image analysis. The focus 
was set on pesticides that target nervous system or energy 
metabolism. For comparison, we included the assessment of 
endpoint-specific controls, i.e., highly specific positive con-
trols for neurite outgrowth (Aschner et al. 2017; Krug et al. 
2013), including narciclasine, colchicine, cycloheximide, and 
rotenone, all of which are natural plant-derived chemicals. 
Confirmed baseline toxicants (Vaes et al. 1998) were applied 
as negative controls. Additional chemicals from the NTP (US 
National Toxicology Program) library such as endocrine dis-
rupting chemicals were also tested for comparison. The test 
chemicals were then classified based on their specific effects 
on neurite outgrowth.

Materials and methods

Chemicals

Endpoint-specific positive controls for neurite outgrowth 
(Aschner et al. 2017), known baseline toxicants (Vaes et al. 
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1998), and pesticides with diverse MOAs (Casida 2009) and 
some endocrine disrupting chemicals (EDCs) were tested 
in this study (Table S1). Additionally, polycyclic aromatic 
hydrocarbons (PAHs), polybrominated diphenyl ethers 
(PBDEs), and polychlorinated biphenyls (PCBs) from the 
NTP library were tested for comparison (Table S2). The 
chemical stocks were prepared in methanol. For chemicals 
with higher water solubility, methanol was evaporated under 
a stream of nitrogen gas prior to adding the appropriate 
amount of assay medium. For chemicals with low solubil-
ity, the stock solution was directly added to dosing medium 
and the final concentration of methanol in assay plates was 
limited to a maximum of 1% which was found to not cause 
any effects on cell viability and neurite outgrowth inhibition.

Selection of cell model and cell culture

SH-SY5Y cells and Lund human mesencephalic (LUHMES) 
cells were considered as candidates for developing high-
throughput screening assay detecting effects on neurite out-
growth. LUHMES cells are currently used to test effects 
of chemicals on neurite outgrowth in DNT in vitro battery 
mainly and they have the advantage of a non-oncogenic ori-
gin (Masjosthusmann et al. 2020). In the present study, we 
selected SH-SY5Y cells for screening effects on neurite out-
growth because of their easier maintenance and availability 
of commercial 384-well plates with appropriate coating for 
adherence of cell monolayers.

SH-SY5Y cells (Sigma-Aldrich, 94,030,304) were cul-
tured at 37 °C in 5% CO2 in incubator. Growth medium con-
sisted of 90% of DMEM/F12 (Gibco, 11,320,074) and 10% 
of heat-inactivated fetal bovine serum (Gibco, 10,500,064) 
with 100 U/mL penicillin and 100 µg/mL streptomycin 
(Gibco, 15,140,122). Cells were used from passage 5 only 
up to passage 15 to avoid senescence.

Plating cells and dosing

Before the assay, SH-SY5Y cells were differentiated in flasks 
for 72 h using 10 µM all-trans retinoic acid (Sigma-Aldrich, 
R2625). The differentiation medium was composed of Neu-
robasal™ medium with phenol-red (Gibco, 21,103,049) 
supplemented with 2% B-27™ Supplement (Gibco, 
17,504,044), 2 mM GlutaMAX™ (Gibco, 35,050,061), 
and 100 U/mL penicillin and 100 µg/mL streptomycin. For 
seeding and dosing, phenol-red free Neurobasal™ medium 
(Gibco, 12,348,017) was used as differentiation medium.

The differentiated cells were plated at density of 3,000 
cells/well in Collagen I-coated 384-well plates (Corning, 
354,667). 30 µL medium containing differentiated cells 
and 10 µM all-trans retinoic acid were added into each well 
using a MultiFlo™ Dispenser (Biotek, Vermont, USA). The 
last two columns of each plate were used as control with or 

without cells. The seeded cells were incubated for further 
24 h in the incubator.

Dosing medium was prepared either by directly adding 
chemical stocks or blowing down stock solution with nitro-
gen gas. The dosing medium was then diluted in serial or 
linear dilution, and 10 µL of diluted dosing medium was 
transferred to the plates using a pipetting robot (Hamilton 
Star, Bonaduz, Switzerland). Eleven concentrations were 
tested with two technical replicates for each chemical, and 
exposure concentrations were selected based on predicted 
baseline toxicity and adjusted in case limited solubility was 
observed. We allowed turbidity only up to the level it started 
to be observed by eyes and these chemicals with turbid-
ity issue are flagged. In each assay plate, narciclasine and 
MeOH were included as positive control (Aschner et al. 
2017; Delp et al. 2019) and solvent control, respectively. 
The tests were repeated at least in three independent experi-
mental runs for the chemicals which showed effects on the 
first test set. The inactive chemicals were not tested further, 
but the predicted baseline cytotoxicity values are noted in 
Table S2. After dosing, the cells were kept in the incubator 
for 24 h.

Neurite outgrowth measurement

Neurite length was measured and analyzed in phase-con-
trast image by an IncuCyte® S3 live cell imaging system 
(Essen BioScience, Ann Arbor, Michigan, USA). After 
24 h exposure, phase-contrast images were recorded in each 
well with a 10X objective lens, which imaged 36% of the 
well area. The total neurite length per image was quantified 
by IncuCyte® NeuroTrack software module (Fig. S1), and 
the neurite length relative to control was used to express 
the effects on neurite outgrowth. The cells got clustered or 
partially detached in the wells where most cells were dead; 
therefore, the neurite length was not normalized by the cell 
numbers to avoid possible artifacts. In case significant stimu-
lating effects were observed in neurite outgrowth, total neur-
ite length divided by total cell counts was also evaluated for 
comparison to exclude artifacts from different cell numbers 
and verify the stimulating effects observed in original data 
analysis.

For quality assurance, phase-contrast images were taken 
from each well at 30 min after seeding to quantify artifacts 
caused by scratches on the plate bottom or fine dust fluff. 
When this background signal was higher than three times the 
standard deviation of the mean background signal, the image 
was flagged and checked if any artifacts were observed.

Viability test

After capturing phase-contrast images, Nuclear Green™ 
LCS1 (Abcam, ab138904) and propidium iodide 
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(Sigma-Aldrich, 81,845) were used to stain total and dead 
cells, respectively. The stains were diluted in phosphate-
buffered saline (PBS) to make the final concentration of 
10 µM Nuclear Green™ LCS1 and 1 µM propidium iodide. 
10 µL of the mixture was added into each well with a multi-
channel pipette and the plates were incubated for 1 h in the 
incubator. Fluorescence images were derived with a 10× 
objective lens in green (excitation wavelength: 460 nm; 
emission wavelength: 524 nm; acquisition time: 300 ms) and 
red (585 nm; 635 nm; 400 ms) fluorescence channel. The 
stained cell objects were counted with Basic analyzer mode 
in IncuCyte® S3 software (Fig. S1), and cell viability was 
calculated by dividing the number of live cells (total-dead 
cells) by those of total cells. The decrease in cell viability 
compared to unexposed cells was defined as cytotoxicity.

Data evaluation

The analysis model for the concentration–response curves 
(CRC) was selected among three models: a linear regression 
model, a log-logistic model, and the Brain–Cousens model 
(Brain and Cousens 1989; Ritz et al. 2015).

CRC typically shows linearity up to 30% effect level and 
the effect concentration can be derived from the slope of 
interpolation line as described previously by Escher et al. 
(2018) using Eq. (1).

Data up to 30% effect level were included in linear CRC 
analysis when no plateau was observed. The concentration 
leading to 10% cytotoxicity (IC10) and 10% neurite out-
growth inhibition (EC10) was determined using Eqs. 1 and 2

For the log-logistic model (Eq. 4), data of all effect levels 
were included for analysis and the IC10 or EC10 were derived 
with the following equations:

Equations 1 and 4 were fitted with GraphPad prism (ver-
sion 9, San Diego, California, USA). Standard errors were 

(1)

% cell viability or neurite length

= 100% − slope × concentration (M),

(2)IC10 =
10%

slope
,

(3)EC10=
10%

slope
.

(4)% cell viability or neurite length = 100% −
100

1 + 10

(

log
(

EC50

concentration(M)

)

× slope
) ,

(5)log EC50 = log EC10 −

(

1

slope

)

× log
(

90

10

)

.

calculated with error propagation according to Escher et al. 
(2018).

The Brain–Cousens model is for hormetic U-shaped 
curves and was also applied to whole data using the drc 
package in R studio version 4.0.4 (Brain and Cousens 1989; 
Ritz et al. 2015). The equation that used for Brain–Cousens 
model is

where the concentration is given in micromolar units (μM), 
and b, c, d, f, and e are adjustable parameters. The param-
eter f quantifies the degree of hormesis, that is, stimulating 
effects and a higher f implies stronger hormetic effect. The 
derived best-fit values of model parameters were used as 
input parameters to calculate EC10 for stimulating effects 
(i.e., 110% of controls) and inhibiting effects (90% of con-
trols). EC10 for inhibiting effects were calculated using the 
ED command in R

The CRC models used to estimate effect concentrations 
for cell viability and neurite length were selected based on a 
decision tree as indicated in Fig. S2. Among the three mod-
els mentioned above, the linear regression model (Eq. 1) was 
applied preferentially to fit CRCs of both endpoints. When the 
IC10 and EC10 could not be derived with 95% confidence inter-
val from the interpolation line of linear regression or when the 
data did not follow linearity (e.g., reached a plateau), a log-
logistic model (Eq. 4) was applied instead. In case of neurite 
length, the Brain–Cousens model was applied for chemicals 
that stimulated neurite outgrowth. When neurite length over 
110% was observed in more than two independent experimental 
sets, the significance of the hormesis parameter f was checked 
in Brain–Cousens model and the model was applied only when 
the parameter was significant (p value < 0.05).

Prediction of IC10,baseline from a baseline cytotoxicity 
QSAR for SH‑SY5Y cells

Nominal concentrations for baseline cytotoxicity lead-
ing to 10% cytotoxicity (IC10,baseline) were predicted with 
a baseline toxicity prediction model based on a quantita-
tive structure–activity relationship (QSAR) derived spe-

cifically for differentiated SH-SY5Y cells (Lee et al. 2021). 
IC10 values reported here were already published and used 
for application of this baseline cytotoxicity QSAR by Lee 
et al. (2021). The baseline toxicity prediction model can 
predict IC10,baseline solely from the liposome–water partition 

(6)

% neurite length = c +
d − c + f × concentration(�M)

1 + exp(b(log(concentration(�M)∕e))
,
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constants (Klip/w) and more details of the baseline toxicity 
prediction model are given in Text S1. The pH-corrected 
liposome–water distribution ratios (Dlip/w) were used for 
charged chemicals according to Lee et al. (2021).

Calculation of toxic ratio and specificity ratios

The toxic ratio (TR) is a measure to estimate if the cyto-
toxic effects of tested chemicals are caused by a specific 
MOA (Maeder et al. 2004). TRs are obtained by comparing 
the observed cytotoxic effects (experimental IC10) and pre-
dicted cytotoxicity caused by baseline toxicity (IC10,baseline), 
as shown in Table 1, using the equation 

Chemicals with 0.1 < TR < 10 are typically classified as 
baseline toxicants, and a specific MOA is suggested for cyto-
toxic effects when TR > 10 (Maeder et al. 2004) 

A similar approach has been taken to calculate specific 
effects on target endpoints compared to either baseline toxic-
ity or cytotoxicity for many different in vitro reporter gene 
assays (Escher et al. 2020). The specificity ratio, SRcytotoxicity, 
is the ratio between EC10 for a specific endpoint in a reporter 
gene assay and the experimental IC10 for cytotoxicity 
with Eq. 8

In case of neurotoxicity addressed in the present study, we 
applied this equation using the EC10 of inhibition of neurite 
outgrowth and the IC10 for cytotoxicity toward differenti-
ated neuronal cell lines. An analogous equation (Table 1) 
has been applied previously for the neurite outgrowth inhi-
bition assay to identify “DNT-specific” effects (Delp et al. 
2018; Masjosthusmann et al. 2020) or for identification of 

(7)TR =
IC10,baseline

IC10

.

(8)SRcytotoxicity =
IC10

EC10

.

“neurite-specific” effects (Delp et al. 2021). Krug et al. 
(2013) defined a threshold of 4 to discriminate chemicals 
specifically acting on neurite outgrowth. We applied the 
same threshold of 4 for identification of “neurite-specific” 
effects using SRcytotoxicity

The specificity ratio, SRbaseline, is the ratio of the effect 
concentration (EC10) and the associated predicted IC10,baseline 
by Eq. 9

 
SRbaseline can quantify how specifically chemicals can act 

on certain endpoints compared to minimal toxicity caused 
by baseline toxicity and this helps identify if specific MOAs 
contribute to the effects on the certain endpoints. Accord-
ing to Escher et al. (2020), SRbaseline ≤ 1 was considered as 
nonspecific, 1 ≤ SRbaseline < 10 as moderately specific (with 
high uncertainty), 10 ≤ SRbaseline < 100 as specific, and 
100 ≤ SRbaseline as highly specific. For the purpose of the 
present study, we only used the threshold of SRbaseline of 
10 to differentiate between nonspecific and specific effects. 
SRbaseline has not previously been applied for DNT. Delp 
et al. (2021) had used cytotoxicity in the U2OS osteosar-
coma cell line as an indicator of nonspecific toxicity to 
identify “neuronal-specific” effects. We suggest that the 
predicted baseline toxicity in the same cell line measured 
under identical conditions (Lee et al. 2021) is an even bet-
ter descriptor of nonspecific effects. The specific effects 
compared to baseline toxicity derived from SRbaseline will 
be referred as “neuronal-specific” toxicity henceforth to 
distinguish it from “neurite-specific” effects compared to 
cytotoxicity (SRcytotoxicity)

The terms “neurite-specific” SRcytotoxicity and “neuronal-
specific” SRbaseline allow one to differentiate between an 
enhanced effect caused by direct interference with neurite 

(9)SRbaseline =
IC10,baseline

EC10

.

Table 1   Terminology for evaluation of effects in in vitro assays in general and for developmental neurotoxicity (DNT)

Description General definition Reference Definition for DNT Reference

Toxic ratio TR: specific 
mode of action if TR > 10

TR = IC10,baseline/IC10 Maeder et al. (2004) Enhanced cytotoxicity of 
neuronal cells relative to 
baseline toxicity

This study

Specific effects relative to 
cytotoxicity

SRcytotoxicity = IC10/EC10 Escher et al. (2020) Neurite-specific: effects of 
neurite outgrowth inhibi-
tion relative to cytotoxicity

This study; Delp et al. (2021)

DNT-specific-
ity = EC50(viability)/
EC50(neurite area)

Krug et al. (2013); Delp et al. 
(2018)

Specific effects relative to 
baseline toxicity

SRbaseline = IC10,baseline/EC10 Escher et al. (2020) Neuronal-specific: effects of 
neurite outgrowth inhibi-
tion relative to baseline 
toxicity

This study; Delp et al. (2021)
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growth and those enhanced effects that are specific (such 
as mitochondrial toxicity) but not specific to neurites but 
affects the entire neuronal cell. Even chemicals that do not 
show neurite-specific effects can still show enhanced neurite 
degeneration compared to baseline toxicity due to neuronal-
specific effects if SRcytotoxicity < 4 and SRbaseline > 10. The 
highest tested concentration was used to calculate the upper 
limit of TR, TRmax, and lower limits of SRcytotoxicity,min for 
chemicals that only showed effects on neurite outgrowth and 
no cytotoxicity. The connection between effect concentra-
tions and ratios is visualized in Fig. 1A, demonstrating that 
log SRbaseline = log SRcytotoxicity + logTR.

Results and discussion

Assay performance

Endpoint-specific controls, that is, positive control chemi-
cals for neurite outgrowth, showed high activity in the 
micromolar-to-nanomolar concentration range and were 
neurite-specific inhibitors of neurite outgrowth (Table 2). 
Narciclasine, the assay’s positive control, inhibited neurite 
outgrowth at the lowest EC10 showing the strongest effect 
potency among all tested chemicals. The selection of the 
endpoint-specific controls was originally based on specific 
effects on neurite outgrowth observed in LUHMES cells 
considering the ratio between EC50 and IC50 (Krug et al. 
2013). The effect for all endpoint-specific controls (narci-
clasine, cycloheximide, colchicine, and rotenone) detected 
with the present experimental setup in SH-SY5Y cells 

corresponded well with cytotoxicity and neurite outgrowth 
inhibition observed in LUHMES cells by Krug et al. (2013), 
which confirmed the performance of our assay. Although 
EC50 values were derived for LUHMES cells and, therefore, 
slightly higher effect concentrations were reported than the 
corresponding IC10 or EC10 in SH-SY5Y cells, the effect 
concentrations for neurite outgrowth endpoint align within 
a factor of 10 (Fig. S3).

It is remarkable that neurite-specific inhibitors were also 
highly neuronal-specific, that is, their TR and SRbaseline were 
also very high. Only for cycloheximide neurite-specific 
effects dominated over neuronal-specific effects. Narcicla-
sine, in contrast, had a TR of 6 million, which means that 
it is highly toxic to neuronal cells, but the specific effect 
on neurite outgrowth is moderate compared to this with a 
SRcytotoxicity of 42.

Effects in relation to hydrophobicity 
of the chemicals

IC10 for cytotoxicity and EC10 for neurite outgrowth inhi-
bition or stimulation were determined with best-fit model 
parameters (Table S3) from the CRCs (Fig. S4). The effect 
concentrations are given with the applied CRC model, cal-
culated ratios, classification, and experimental issues due 
to turbidity/precipitation for all individual chemicals in 
Table 2. The IC10 (Fig. 1B) and EC10 (Fig. 1C) were plot-
ted against the hydrophobicity expressed as logKlip/w and 
compared with predictions for IC10,baseline calculated with the 
baseline cytotoxicity QSAR (Eq. S1; Table 2).

Fig. 1   Inhibitory and effect concentrations against hydrophobicity 
of test chemicals. A Visualization of the toxic ratio TR (Eq. 7), the 
specificity ratios SRcytotoxicity for neurite-specific effects (Eq.  8), and 
SRbaseline for neuronal-specific effects (Eq.  9). B Cytotoxicity as a 
function of the hydrophobicity expressed as liposome–water partition 
constants (Klip/w). The turquoise circles are the experimental inhibi-
tory concentration for cytotoxicity (IC10; Table 2) with known base-
line toxicants encircled in black. (C) Neurite outgrowth inhibition as 

a function of Klip/w. Magenta triangles indicate concentration leading 
to 10% reduction in neurite length (EC10; Table 2) which were experi-
mentally determined in differentiated SH-SY5Y cells with known 
baseline toxicants encircled in black. Thick gray lines in both plots 
B and C correspond to predicted baseline toxicity causing 10% cyto-
toxicity (IC10,baseline; Eq. S1) as a function of Klip/w. The gray areas 
indicate when TR or SRbaseline is between 0.1 and 10
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Many chemicals had TRs, a measure for enhanced cyto-
toxicity, between 0.1 and 10 and were classified as baseline 
toxicants in SH-SY5Y cells (Fig. 1B). Among 37 chemi-
cals, 70% were baseline toxicants (26 chemicals including 
the 6 known baseline toxicants). The remaining 11 chemi-
cals included the 4 endpoint-specific controls and their TR 
exceeding 10 indicated that specific MOAs rather than base-
line toxicity could be involved in cytotoxicity. The analysis 
for diquat and paraquat is highly uncertain, because they 
have double cationic charges, are very hydrophilic, and are 
therefore outside the applicability domain of the baseline 
cytotoxicity QSAR (Lee et al. 2021). Their logKlip/w was 
assumed to be -1 as for other very hydrophilic chemicals 
(Gobas et al. 1988). This estimate still gave highly elevated 
cytotoxicity with TR > 103, which is reasonable given 
that they act as redox cyclers forming radicals and reac-
tive oxygen species (Bonneh-Barkay et al. 2005; Conning 
et al. 1969). When we had a closer look at pesticides (24 
pesticides except endpoint-specific controls), 71% of them 
had TRs of baseline toxicants. The chemicals with TR > 10 
were mostly observed for chemicals with logKlip/w < 4, and 
therefore, TR was more likely to be higher for hydrophilic 
chemicals.

Similar trends with respect to hydrophobicity were 
observed for neuronal-specific effects, i.e., the ratio of 
IC10,baseline to the EC10 for neurite outgrowth inhibition 
(Fig.  1C). Neuronal-specific effects were again mostly 
observed for hydrophilic chemicals with logKlip/w < 4. 
SRbaseline ranged from 0.02 to 2.5  ×108, and 41% of the 
tested chemicals exceeded SRbaseline of 10, which is only 11% 
more than those that exceeded TR of 10. When it comes to 
neurite-specific effects, SRcytotoxicity ranged from 0.6 to 1370, 
and high specificity was observed especially for endpoint-
specific controls, carbamates, and redox cyclers (Table 2).

Hydrophobic chemicals were mostly classified as base-
line cytotoxicants and, hence, appear more likely to trigger 
both cytotoxicity and neurite outgrowth inhibition through 
baseline toxicity (Fig. 1). However, they are still very potent 
due to their high hydrophobicity and were with the lowest 
EC10 and IC10 among the pesticides. Apart from the known 
baseline toxicants, 63% of chemicals that did not act neu-
ronal-specific (SRbaseline < 10) exceeded a logKlip/w of 4, and 
IC10 and EC10 for these chemicals were close to IC10,baseline.

Enhanced effects over baseline cytotoxicity (TR 
and SRbaseline)

The tested chemicals were categorized into nine MOA 
classes, and their IC10,baseline, IC10, and EC10 were grouped 
in Fig. 2 by their MOA classes with an increasing Klip/w 
within each class.

The four endpoint-specific controls were extremely 
neuronal-specific and showed highly enhanced cytotoxicity 

(Fig. 2). Their effect potency considering nominal con-
centration was the highest among the MOA groups. TR 
ranged from 81 to 6.0 × 106 and SRbaseline ranged from 948 
to 2.5 × 108 for this group of chemicals. Narciclasine, a 
toxic alkaloid found in Amaryllidaceae plants, showed the 
most neuronal-specific effects (SRbaseline = 2.5 × 108) and 
its cytotoxicity also enhanced the most over baseline toxic-
ity (TR = 6.0 × 106) among all tested chemicals. Cyclohex-
imide was also extremely neuronal-specific, which are more 
contributed by specific effects on neurite outgrowth than by 
cytotoxicity considering SRcytotoxicity > TR. In contrast, the 
neuronal-specific effects were more contributed by enhanced 
cytotoxicity than specific effects on neurite outgrowth for 
plant-derived alkaloid colchicine and isoflavone rotenone. 
The endpoint-specific controls are all naturally occur-
ring toxic substances but also have been synthesized, and 
cycloheximide and rotenone were used as pesticides (Rich-
ardson et al. 2019).

All well-known baseline toxicants (2-butoxyethanol, 
3-nitroaniline, 2-allylphenol, 4-chloro-3-methylphenol, 2-phe-
nylphenol, and 4-pentylphenol), which are industrial chemi-
cals, were confirmed as baseline toxicants with respect to 
cytotoxicity as well as neurite outgrowth inhibition (Fig. 2). 
They all showed no enhanced cytotoxicity compared to base-
line toxicity with TR from 0.2 to 1.5 and no neuronal-specific 
effects SRbaseline from 0.3 to 2.6, which proved our assay qual-
ity as negative controls. Despite all of them lacking specific 
MOAs, they differed in the effect potency by a factor of 50 
for cytotoxicity (IC10) and 70 for neurite outgrowth inhibition 
(EC10) due to the variation in hydrophobicity.

Neuronal-specific toxicity was mostly accompanied by 
enhanced cytotoxicity, which led to highly elevated effect 
potency for inhibition of neurite outgrowth compared to 
baseline toxicity (Fig. 2). Among the pesticides, carbamates 
(3-hydroxycarbofuran and carbaryl) and redox cyclers (para-
quat and diquat) showed high neuronal specificity, and high 
TRs were also observed for these two groups except car-
baryl. This means that these pesticides are neurotoxic, but 
that inhibition of neurite outgrowth is not the cause but a 
consequence of their neurotoxic effect triggered by another 
initiating event, such as potentially mitochondrial toxicity.

The hydrophobicity-dependent trends were maintained 
within the same MOA group for the pesticides as TR and 
SRbaseline tended to increase with decreasing hydropho-
bicity within the group. However, except carbamates and 
redox cyclers, the pesticides with determined IC10 were 
mostly classified as baseline toxicants for the SH-SY5Y 
cells. The two hydrophobic chemical groups (all with 
logKlip/w > 4), GABA receptor blockers (fipronil, fipronil 
sulfone, α-endosulfan, and dieldrin), and sodium channel 
agonists (bifenthrin, 4,4′-DDT) did not exceed TR nor SR 
thresholds, and thus classified as baseline toxicants for the 
tested endpoints. Highly hydrophobic chemicals such as 
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pyrethroids other than bifenthrin, PAHs, PCBs, and PBDEs 
were inactive up to IC10, baseline (Table S2). It has often been 
observed that very hydrophobic chemicals are highly toxic, 
but do not show any excess toxicity over baseline (Escher 
and Hermens 2002). This implies that they do not bind to 
specific receptors and/or that accumulation in membranes is 
the dominant process.

EDCs were tested to evaluate DNT effects of typical envi-
ronmental chemicals that do not have any primary neurotoxic 
MOAs. All three EDCs from the NTP library were classified 
as baseline toxicants and did not show enhanced cytotoxic-
ity or neuronal-specific toxicity in SH-SY5Y cells (Fig. 2). 
The experimental effect concentrations for 3,3′,5,5′-tetra-
bromobisphenol A were higher than the expected baseline 
toxicity possibly due to uncertainty in predicted IC10,baseline 
for anionic chemicals (Lee et al. 2021).

Neuronal-specific effects can be caused not only by spe-
cific MOA affecting neurite outgrowth directly but also by 
enhanced cytotoxicity. The latter case is not neurite-specific, 
since their effects on neurite outgrowth just resulted from 

adverse effects on overall cell health, which necessitates quan-
tification of neurite-specific effects in the following section.

Neurite‑specific effects (SRcytotoxicity)

For neurite-specific effects, a threshold of 4 was used to 
define the specific effects on neurite outgrowth compared to 
cytotoxicity (SRcytotoxicity > 4), which was proposed by Krug 
et al. (2013) and confirmed independently by our calcula-
tion (Text S2; Table S4). All chemicals with SRcytotoxicity > 4 
had EC10 which clearly distinguished from IC10 considering 
the overlap of their average + 3 standard deviation or their 
confidence interval given in Table 2.

All four endpoint-specific controls had neurite-specific 
effects (Fig. 2). SRcytotoxicity ranged from 7.7 to 1370 for 
these chemicals, which are all above the defined threshold. 
Our assay control, narciclasine, inhibited neurite outgrowth 
specifically (SRcytotoxicity = 42) possibly by activation of Rho 
signaling pathway which regulates actomyosin contractility. 
Cycloheximide inhibits protein synthesis by interfering with 
translocation step, and showed the most specific effects on 

Fig. 2   Effect concentrations for baseline toxicity, cytotoxicity, and 
neurite outgrowth inhibition or stimulation sorted by MOA class. 
IC10,baseline for baseline toxicity (extrapolated for very hydrophilic 
chemicals), IC10,exp for cytotoxicity, and EC10 for inhibiting or stimu-
lating effects on neurite outgrowth in different groups of chemicals 
were shown in the order of increasing Klip/w within each MOA class. 
The test chemicals include endpoint-specific controls for neurite out-
growth inhibition (Aschner et  al. 2017), known baseline toxicants 

(Vaes et  al. 1998), pesticides with diverse mode of action grouped 
into the MOA classes of acetylcholinesterase (AChE) inhibitors, nico-
tinic acetylcholine receptor (nAChR) agonists, γ-aminobutyric acid 
(GABA)-gated chloride channel blockers, voltage-gated sodium chan-
nel agonists, mitochondrial toxicants, redox cyclers, and endocrine 
disruptors. The error bars represent the 95% confidence intervals; in 
case of very small confidence intervals, error bars are hidden by the 
symbol
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neurite outgrowth inhibition among all the tested chemicals 
with SRcytotoxicity of 1370. Colchicine, a microtubule polym-
erization inhibitor, and rotenone, a mitochondrial toxicant, 
showed relatively moderate specificity with SRcytotoxicity of 
7.7 and 11.7, respectively.

As expected, the six known baseline toxicants all showed 
nonspecific effects on neurite outgrowth with SRcytotoxicity 
from 1.2 to 3.1, except for 4-chloro-3-methylphenol having 
SRcytotoxicity slightly over the threshold (4.3).

AChE inhibitors, which are used as insecticides, showed 
different patterns depending on their interaction at the tar-
get site (Fig. 2). Carbamates bind reversibly to AChE to 
disturb the enzymatic function, while organophosphates 
(OP) bind irreversibly (Colovic et al. 2013), and both undif-
ferentiated and differentiated SH-SY5Y cells are known to 
express AChE (de Medeiros et al. 2019). The two revers-
ible AChE inhibitors, 3-hydroxycarbofuran and carbaryl, 
showed SRcytotoxicity > 10 and their specificity and effect 
potency for neurite outgrowth inhibition were the highest 
among the tested pesticides. For the three irreversible AChE 
inhibitors, SRcytotoxicity stayed fairly constant at around 4.5, 
close to the SRcytotoxicity threshold of 4. The role of AChE in 
neurite outgrowth has been reviewed, and can be explained 
by both enzymatic and non-enzymatic way (Paraoanu and 
Layer 2008). It was described that secreted acetylcholine 
could signal to AChE of adjacent cells to direct neurite 
outgrowth, while AChE also could directly support neurite 
outgrowth by structural interaction with extracellular matrix 
protein such as laminin. However, it should be still eluci-
dated whether reversible and irreversible AChE inhibitors 
could behave differently in these processes.

Other specific MOAs may exist for carbamates which 
caused specific effects on neurite outgrowth with minor 
effects on cell viability. While mechanistic understanding 
remains limited for DNT, it has been reported that impair-
ment of signaling pathways can disturb neurodevelopmen-
tal processes including neurite outgrowth (Bal-Price et al. 
2018; Masjosthusmann et al. 2020). The interaction with 
signaling pathways may also be responsible for effects on 
differentiation of cells and it has been reported that carbo-
furan impaired neuronal differentiation through transform-
ing growth factor beta (TGF-β) signaling, which mediates 
neurogenesis, in rat hippocampus (Seth et al. 2017). This 
observation can explain our results as we tested cells in early 
differentiation stage with short-term differentiation com-
pared to the previous studies (Constantinescu et al. 2007; 
Shipley et al. 2016).

The mitochondrial toxicants are all applied as fungicides 
in agriculture and showed broad specificity of their effects 
on neurite outgrowth, although these pesticides commonly 
target mitochondrial respiration representing a basal func-
tion of all cells (Fig. 2). Rotenone, one of the endpoint-
specific controls, showed specific effects despite of its high 

hydrophobicity, which suggests that specific toxicity can still 
manifest if the MOA is highly specific. Other mitochondrial 
toxicants, strobilurins and hexachlorophene, showed rela-
tively low specific effects. All strobilurins with exception 
of trifloxystrobin had moderate SRcytotoxicity above 4, and 
hexachlorophene was nonspecific. This variety in neurite-
specific effects could be explained by difference in their 
MIEs (Delp et al. 2019). Delp et al. (2019) investigated the 
specific effects of mitochondrial toxicants on neurite out-
growth inhibition and their link to MIEs in LUHMES cells. 
They observed that rotenone showed highly neurite-specific 
effects and targeted complex I in mitochondrial respiratory 
chain, and the other complex I inhibitors commonly showed 
relatively high neurite-specific effects. In contrast, they 
found that the strobilurins acted as complex III inhibitors 
and hexachlorophene was a phenolic uncoupler of oxida-
tive phosphorylation. Both strobilurins and hexachlorophene 
showed less neurite-specific effects in the study of Delp et al. 
(2019), which agrees well with our observation.

The redox cyclers diquat and paraquat showed moderate 
neurite-specific effects, which were accompanied by highly 
enhanced cytotoxicity (Fig. 2). This indicates that their 
specific MOAs can contribute not only to neurite-specific 
effects but also strongly to neuronal-specific and cytotoxic 
effects. Diquat and paraquat are photosynthesis inhibitors, 
and were historically applied as herbicides, but have been 
phased out as plant protection products (Conning et al. 
1969). Both were considered as endpoint-specific controls 
by Aschner et al. (2017), and we not only confirmed their 
neurite-specific effects in our assay but also brought more 
details in that their effect is highly enhanced over baseline 
toxicity. Redox cycling and the subsequent production of 
reactive oxygen species can generally impair cell health, but 
this can also possibly explain the specific effects on neurite 
outgrowth as it has been reported that cytoskeleton dynamics 
can be regulated by oxidative species in neuronal cells and 
the redox imbalance can affect neurite outgrowth (Wilson 
and Gonzalez-Billault 2015).

Stimulating effects

Two endpoint-specific controls for stimulating neurite out-
growth (Aschner et al. 2017) confirmed the capacity of our 
assay to also capture stimulating effects (Text S3, Table S5, 
Fig. S5). Stimulating effects over 150% were observed for 
both HA-1077 and Y-27632 and their hormetic parameter f 
was significant (p < 0.05).

All GABA receptor blockers, all sodium channel agonists, 
hexachlorophene, and 3,3′,5,5′-tetrabromobisphenol A stim-
ulated neurite outgrowth and gave significant parameter f 
with p < 0.05 (Fig. 2, Table S6). Especially, hexachlorophene 
showed the most distinct stimulating effects considering 
its highest hormesis effect parameter f. However, EC10 for 
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stimulating effects could only be derived for five chemicals 
(fipronil sulfone, α-endosulfan, bifenthrin, 4,4′-DDT, and 
hexachlorophene) and the EC10 values for stimulating effects 
are given in Table S6. The best-fit curves in Brain–Cousens 
model did not reach 110% level in neurite length for the 
rest of chemicals (Fig. S4), and therefore, the stimulating 
effects could not be quantified. To confirm that the stimu-
lating effects were not due to increased cell number, total 
neurite length divided by total cell count was compared, 
and the parameter f stayed significant and gave comparable 
values to the original analysis (Table S6).

The stimulating effects were observed mostly for the 
chemicals interacting with ion channels. The GABA receptor 
and sodium channels can be involved in stimulating neurite 
outgrowth as reported previously (Davis et al. 2004; Michler 
1990), but the relevant literature to explain the stimulating 
effects is still limited and the effects have been rarely quanti-
fied. Furthermore, it should be noted that the observed stim-
ulating effects could reflect general stress responses given 
that they occurred close to concentrations causing cyto-
toxicity and the hormesis parameter f was not high, except 
for hexachlorophene. Also, considering that the stimulat-
ing effects were followed by the inhibiting effects close to 
cytotoxic level, the stimulating effects can be masked by 
the cytotoxic effects and might be captured more sensitively 
from long-term exposure at low concentration. For exam-
ple, clothianidin showed stimulating effects in differentiated 
SH-SY5Y cells after co-exposure to brain-derived neuro-
trophic factor for 3 days (Hirano et al. 2019), while we did 
not observe any stimulating effects for this chemical in our 
experimental set up.

Classification based on SRbaseline and SRcytotoxicity

The test chemicals were categorized into three groups 
based on neurite- and neuronal-specific toxicity regarding 
to neurite outgrowth inhibition in Fig. 3: neurite-specific 
and neuronal-specific chemicals in group 1 (SRcytotoxicity > 4, 
SRbaseline > 10), exclusively neurite-specific chemicals 
without enhanced cytotoxicity in group 2 (SRcytotoxicity > 4, 
SRbaseline < 10), and baseline toxicants in group 3 
(SRcytotoxicity < 4, SRbaseline < 10). Chemicals in group 1 are 
likely to affect cell viability and neurite outgrowth through 
specific MOAs other than baseline toxicity, while specific 
MOAs can mainly contribute to neurite outgrowth inhibition 
with lower effects on cell viability for group 2 chemicals. 
No chemicals were found in a fourth group that would be 
neuronal-specific but not neurite-specific.

The majority of chemicals fell into group 1 or 3 (Fig. 3) 
and the highly neurite-specific effects of group 1 chemicals 
are prone to accompany elevated cytotoxicity as described 

above. Both neurite- and neuronal-specific effects were 
mainly observed for endpoint-specific controls and AChE 
inhibitors. Endpoint-specific controls were confirmed to 
show specific effects on neurite outgrowth and our novel 
analysis also showed that they have even more pronounced 
enhanced cytotoxicity with SRbaseline > SRcytotoxicity (Fig. 3). 
The same applied for AChE inhibitors with rather distinct 
SR values for the carbamates, while the OPs had much lower 
SR values close to the threshold.

Only a few chemicals were classified into group 2, and 
the group 2 chemicals can have high uncertainty in their 
classification as their SRs laid closely to the threshold. 
One of baseline toxicants, 4-chloro-3-methylphenol, was 
included in group 2, but its SRcytotoxicity (4.3) is just above 
the threshold and can be classified differently considering 
its standard error. Therefore, the chemicals close to the 
threshold must be regarded with caution as there can be 
some uncertainty in the definition of the thresholds and 
their classification can be improved by refining the thresh-
old based on a larger training set of chemicals without spe-
cific effects.

Fig. 3   Classification of test chemicals based on their specificity 
ratios SR. Neuronal-specific effects were explained by SRbaseline, 
and neurite-specific effects were explained by SRcytotoxicity. Based on 
SRbaseline and SRcytotoxicity, the test chemicals were classified into three 
groups: neurite-specific and neuronal-specific chemicals (group 1; 
SRcytotoxicity > 4 and SRbaseline > 10), chemicals with only neurite-spe-
cific effects (group 2; SRcytotoxicity > 4 and SRbaseline < 10), and baseline 
toxicants (SRcytotoxicity < 4 and SRbaseline < 10)
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Conclusions and outlook

The proposed approach considering both neurite-specific 
and neuronal-specific effects in the neurite outgrowth assay 
provides new information that complements the current 
DNT in vitro testing strategies. On one hand, the specific-
ity ratio SRcytotoxicity can identify chemicals with neurite-
specific DNT effects and, therefore, can be used to prioritize 
test chemicals for further testing. Hereby, we identified two 
carbamates, 3-hydroxycarbofuran and carbaryl, as highly 
neurite-specific chemicals in SH-SY5Y cells. On the other 
hand, SRbaseline can be used to identify neurotoxic chemicals 
whose neurotoxicity is not driven by specific inhibition of 
neurite outgrowth. Furthermore, SRbaseline may serve as a 
useful measure when comparing effect potency of a given 
chemical between different cell models as the current DNT 
in vitro testing strategies utilize multiple cell models with 
diverse endpoints. It can also support estimation of specific-
ity in case that no cytotoxicity was observed by replacing 
the use of the highest test concentration or a factor thereof 
as reference level (Delp et al. 2018). These two specificity 
ratios can clarify if the effects are triggered by their specific 
MOAs or merely by baseline toxicity arising from their high 
hydrophobicity and strong toxic effects can be observed at 
low concentration for hydrophobic chemicals due to their 
membrane affinity. Therefore, while cytotoxicity is consid-
ered as a reference to identify neurite-specific effects, base-
line toxicity provides an anchor to compare the observed 
toxic effects for individual endpoints.

Mechanistic research underlying specific effects can help 
build a clear connection between MIEs and adverse out-
comes in DNT and expand knowledge of MOAs (Carlson 
et al. 2020). Other key neurodevelopmental processes such 
as cell migration could potentially be more sensitive DNT 
endpoints than neurite outgrowth, and therefore, a battery of 
endpoints can capture DNT effects more comprehensively 
(Behl et al. 2019; Harrill et al. 2018; Masjosthusmann et al. 
2020). As for our observation on neurite outgrowth, primary 
MOAs of the pesticides are not necessarily the only specific 
MOA involved in cytotoxicity and inhibition of neurite out-
growth. The insecticides are usually less potent in mammals 
due to species specificity and they have secondary targets 
which can possibly induce toxic effects in non-target organ-
isms (Lushchak et al. 2018). Therefore, multiple MOAs, 
which can be primary MOA or other secondary MOAs, 
might contribute to the observed inhibition of neurite out-
growth and cytotoxicity. In case of hydrophobic chemicals, 
these specific MOAs even can compete with baseline toxic-
ity and baseline toxicity can prevail over the specific MOA 
for more hydrophobic chemicals due to their high affinity to 
membranes (Escher and Hermens 2002).

In terms of in vitro models for DNT, although SH-SY5Y 
cells have been widely used as a model to study neurite out-
growth, their abnormal physiology (Do et al. 2007) origi-
nated from tumor origin could limit the interpretation of the 
observed toxic effects in this model. Therefore, comparison 
of the effects with those from different models can improve 
the reliability of this model. LUHMES cells can be applied 
for this purpose and also can serve as a proper tool to test 
the effects on neurite outgrowth considering their non-onco-
genic human origin. Furthermore, more biologically relevant 
exposure scenario can be achieved by testing potential DNT 
chemicals in co-culture with astrocytes.

Supplementary Information  The online version contains supplemen-
tary material available at https://​doi.​org/​10.​1007/​s00204-​022-​03237-x.

Acknowledgements  We thank Maria König for technical advice and 
Sophia Mälzer for experimental support. The experiments were per-
formed using the platform CITEPro (Chemicals in the Environment 
Profiler) funded by the Helmholtz Association with co-funding by the 
States of Saxony and Saxony-Anhalt.

Funding  Open Access funding enabled and organized by Projekt 
DEAL.

Declarations 

Conflict of interest  The authors declare no competing financial interest.

Open Access  This article is licensed under a Creative Commons Attri-
bution 4.0 International License, which permits use, sharing, adapta-
tion, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, 
provide a link to the Creative Commons licence, and indicate if changes 
were made. The images or other third party material in this article are 
included in the article's Creative Commons licence, unless indicated 
otherwise in a credit line to the material. If material is not included in 
the article's Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will 
need to obtain permission directly from the copyright holder. To view a 
copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

References

Agholme L, Lindstrom T, Kagedal K, Marcusson J, Hallbeck M (2010) 
An in vitro model for neuroscience: differentiation of SH-SY5Y 
cells into cells with morphological and biochemical characteristics 
of mature neurons. J Alzheimers Dis 20(4):1069–1082. https://​doi.​
org/​10.​3233/​JAD-​2010-​091363

Aschner M, Ceccatelli S, Daneshian M et al (2017) Reference com-
pounds for alternative test methods to indicate developmental 
neurotoxicity (DNT) potential of chemicals: example lists and 
criteria for their selection and use. Altex 34(1):49–74. https://​doi.​
org/​10.​14573/​altex.​16042​01

Bal-Price A, Crofton KM, Leist M et al (2015) International STake-
holder NETwork (ISTNET): creating a developmental neurotoxic-
ity (DNT) testing road map for regulatory purposes. Arch Toxicol 
89(2):269–287. https://​doi.​org/​10.​1007/​s00204-​015-​1464-2

https://doi.org/10.1007/s00204-022-03237-x
http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.3233/JAD-2010-091363
https://doi.org/10.3233/JAD-2010-091363
https://doi.org/10.14573/altex.1604201
https://doi.org/10.14573/altex.1604201
https://doi.org/10.1007/s00204-015-1464-2


1052	 Archives of Toxicology (2022) 96:1039–1053

1 3

Bal-Price A, Hogberg HT, Crofton KM et al (2018) Recommendation 
on test readiness criteria for new approach methods in toxicology: 
exemplified for developmental neurotoxicity. Altex 35(3):306–
352. https://​doi.​org/​10.​14573/​altex.​17120​81

Behl M, Ryan K, Hsieh JH et al (2019) Screening for developmental 
neurotoxicity at the national toxicology program: the future is 
here. Toxicol Sci 167(1):6–14. https://​doi.​org/​10.​1093/​toxsci/​
kfy278

Biedler JL, Helson L, Spengler BA (1973) Morphology and growth, 
tumorigenicity, and cytogenetics of human neuroblastoma cells in 
continuous culture. Cancer Res 33(11):2643–2652

Bjorling-Poulsen M, Andersen HR, Grandjean P (2008) Potential 
developmental neurotoxicity of pesticides used in Europe. Environ 
Health. https://​doi.​org/​10.​1186/​1476-​069x-7-​50

Bonneh-Barkay D, Reaney SH, Langston WJ, Di Monte DA (2005) 
Redox cycling of the herbicide paraquat in microglial cultures. 
Brain Res Mol Brain Res 134(1):52–56. https://​doi.​org/​10.​1016/j.​
molbr​ainres.​2004.​11.​005

Brain P, Cousens R (1989) An equation to describe dose responses 
where there is stimulation of growth at low-doses. Weed Res 
29(2):93–96. https://​doi.​org/​10.​1111/j.​1365-​3180.​1989.​tb008​45.x

Carlson LM, Champagne FA, Cory-Slechta DA et al (2020) Potential 
frameworks to support evaluation of mechanistic data for develop-
mental neurotoxicity outcomes: a symposium report. Neurotoxicol 
Teratol. https://​doi.​org/​10.​1016/j.​ntt.​2020.​106865

Casida JE (2009) Pest toxicology: the primary mechanisms of pesticide 
action. Chem Res Toxicol 22(4):609–619. https://​doi.​org/​10.​1021/​
tx800​4949

Christen V, Rusconi M, Crettaz P, Fent K (2017) Developmental neu-
rotoxicity of different pesticides in PC-12 cells in vitro. Toxicol 
Appl Pharmacol 325:25–36. https://​doi.​org/​10.​1016/j.​taap.​2017.​
03.​027

Colovic MB, Krstic DZ, Lazarevic-Pasti TD, Bondzic AM, Vasic VM 
(2013) Acetylcholinesterase inhibitors: pharmacology and toxi-
cology. Curr Neuropharmacol 11(3):315–335. https://​doi.​org/​10.​
2174/​15701​59x11​31103​0006

Conning DM, Fletcher K, Swan AAB (1969) Paraquat and related bipy-
ridyls. Br Med Bull 25(3):245. https://​doi.​org/​10.​1093/​oxfor​djour​
nals.​bmb.​a0707​12

Constantinescu R, Constantinescu AT, Reichmann H, Janetzky B 
(2007) Neuronal differentiation and long-term culture of the 
human neuroblastoma line SH-SY5Y. J Neural Transm Suppl 
72:17–28. https://​doi.​org/​10.​1007/​978-3-​211-​73574-9_3

Davis TH, Chen CL, Isom LL (2004) Sodium channel beta 1 subunits 
promote neurite outgrowth in cerebellar granule neurons. J Biol 
Chem 279(49):51424–51432. https://​doi.​org/​10.​1074/​jbc.​M4108​
30200

de Medeiros LM, De Bastiani MA, Rico EP et al (2019) Cholinergic 
differentiation of human neuroblastoma SH-SY5Y cell line and 
its potential use as an in vitro model for Alzheimer’s disease stud-
ies. Mol Neurobiol 56(11):7355–7367. https://​doi.​org/​10.​1007/​
s12035-​019-​1605-3

Delp J, Gutbier S, Klima S et al (2018) A high-throughput approach 
to identify specific neurotoxicants/ developmental toxicants 
in human neuronal cell function assays. Altex 35(2):235–253. 
https://​doi.​org/​10.​14573/​altex.​17121​82

Delp J, Funke M, Rudolf F et al (2019) Development of a neurotoxicity 
assay that is tuned to detect mitochondrial toxicants. Arch Toxicol 
93(6):1585–1608. https://​doi.​org/​10.​1007/​s00204-​019-​02473-y

Delp J, Cediel-Ulloa A, Suciu I et al (2021) Neurotoxicity and under-
lying cellular changes of 21 mitochondrial respiratory chain 
inhibitors. Arch Toxicol 95(2):591–615. https://​doi.​org/​10.​1007/​
s00204-​020-​02970-5

Do JH, Kim IS, Park TK, Choi DK (2007) Genome-wide examination 
of chromosomal aberrations in neuroblastoma SH-SY5Y cells 

by array-based comparative genomic hybridization. Mol Cells 
24(1):105–112

Escher BI, Hermens JLM (2002) Modes of action in ecotoxicology: 
their role in body burdens, species sensitivity, QSARs, and mix-
ture effects. Environ Sci Technol 36(20):4201–4217. https://​doi.​
org/​10.​1021/​es015​848h

Escher BI, Neale PA, Villeneuve DL (2018) The advantages of linear 
concentration-response curves for in vitro bioassays with environ-
mental samples. Environ Toxicol Chem 37(9):2273–2280. https://​
doi.​org/​10.​1002/​etc.​4178

Escher BI, Glauch L, Konig M, Mayer P, Schlichting R (2019) Base-
line toxicity and volatility cutoff in reporter gene assays used for 
high-throughput screening. Chem Res Toxicol 32(8):1646–1655. 
https://​doi.​org/​10.​1021/​acs.​chemr​estox.​9b001​82

Escher BI, Henneberger L, Konig M, Schlichting R, Fischer FC (2020) 
Cytotoxicity burst? Differentiating specific from nonspecific 
effects in Tox21 in vitro reporter gene assays. Environ Health 
Perspect. https://​doi.​org/​10.​1289/​ehp66​64

Giordano G, Costa LG (2012) Developmental neurotoxicity: some old 
and new issues. ISRN Toxicol 2012:814795. https://​doi.​org/​10.​
5402/​2012/​814795

Gobas FAPC, Lahittete JM, Garofalo G, Wan YS, Mackay D (1988) 
A novel method for measuring membrane-water partition coef-
ficients of hydrophobic organic chemicals: comparison with 
1-octanol-water partitioning. J Pharm Sci 77(3):265–272. https://​
doi.​org/​10.​1002/​jps.​26007​70317

Grandjean P, Landrigan PJ (2006) Developmental neurotoxicity of 
industrial chemicals. Lancet 368(9553):2167–2178. https://​doi.​
org/​10.​1016/​s0140-​6736(06)​69665-7

Harrill JA, Freudenrich T, Wallace K, Ball K, Shafer TJ, Mundy WR 
(2018) Testing for developmental neurotoxicity using a battery 
of in vitro assays for key cellular events in neurodevelopment. 
Toxicol Appl Pharmacol 354:24–39. https://​doi.​org/​10.​1016/j.​
taap.​2018.​04.​001

Hirano T, Minagawa S, Furusawa Y et al (2019) Growth and neurite 
stimulating effects of the neonicotinoid pesticide clothianidin on 
human neuroblastoma SH-SY5Y cells. Toxicol Appl Pharmacol. 
https://​doi.​org/​10.​1016/j.​taap.​2019.​114777

Kovalevich J, Langford D (2013) Considerations for the use of SH-
SY5Y neuroblastoma cells in neurobiology. Methods Mol Biol 
1078:9–21. https://​doi.​org/​10.​1007/​978-1-​62703-​640-5_2

Krug AK, Balmer NV, Matt F, Schonenberger F, Merhof D, Leist 
M (2013) Evaluation of a human neurite growth assay as spe-
cific screen for developmental neurotoxicants. Arch Toxicol 
87(12):2215–2231. https://​doi.​org/​10.​1007/​s00204-​013-​1072-y

Lee J, Braun G, Henneberger L et al (2021) Critical membrane concen-
tration and mass-balance model to identify baseline cytotoxicity 
of hydrophobic and ionizable organic chemicals in mammalian 
cell lines. Chem Res Toxicol 34(9):2100–2109. https://​doi.​org/​
10.​1021/​acs.​chemr​estox.​1c001​82

Lein P, Silbergeld E, Locke P, Goldberg AM (2005) In vitro and other 
alternative approaches to developmental neurotoxicity testing 
(DNT). Environ Toxicol Phar 19(3):735–744. https://​doi.​org/​10.​
1016/j.​etap.​2004.​12.​035

Lushchak VI, Matviishyn TM, Husak VV, Storey JM, Storey KB 
(2018) Pesticide toxicity: a mechanistic approach. EXCLI J 
17:1101–1136. https://​doi.​org/​10.​17179/​excli​2018-​1710

Maeder V, Escher BI, Scheringer M, Hungerbuhler K (2004) Toxic 
ratio as an indicator of the intrinsic toxicity in the assessment 
of persistent, bioaccumulative, and toxic chemicals. Environ Sci 
Technol 38(13):3659–3666. https://​doi.​org/​10.​1021/​es035​1591

Masjosthusmann S, Blum J, Bartmann K et al (2020) Establishment 
of an a priori protocol for the implementation and interpretation 
of an in-vitro testing battery for the assessment of developmental 
neurotoxicity. EFSA Support Publ. https://​doi.​org/​10.​2903/​sp.​efsa.​
2020.​EN-​1938

https://doi.org/10.14573/altex.1712081
https://doi.org/10.1093/toxsci/kfy278
https://doi.org/10.1093/toxsci/kfy278
https://doi.org/10.1186/1476-069x-7-50
https://doi.org/10.1016/j.molbrainres.2004.11.005
https://doi.org/10.1016/j.molbrainres.2004.11.005
https://doi.org/10.1111/j.1365-3180.1989.tb00845.x
https://doi.org/10.1016/j.ntt.2020.106865
https://doi.org/10.1021/tx8004949
https://doi.org/10.1021/tx8004949
https://doi.org/10.1016/j.taap.2017.03.027
https://doi.org/10.1016/j.taap.2017.03.027
https://doi.org/10.2174/1570159x11311030006
https://doi.org/10.2174/1570159x11311030006
https://doi.org/10.1093/oxfordjournals.bmb.a070712
https://doi.org/10.1093/oxfordjournals.bmb.a070712
https://doi.org/10.1007/978-3-211-73574-9_3
https://doi.org/10.1074/jbc.M410830200
https://doi.org/10.1074/jbc.M410830200
https://doi.org/10.1007/s12035-019-1605-3
https://doi.org/10.1007/s12035-019-1605-3
https://doi.org/10.14573/altex.1712182
https://doi.org/10.1007/s00204-019-02473-y
https://doi.org/10.1007/s00204-020-02970-5
https://doi.org/10.1007/s00204-020-02970-5
https://doi.org/10.1021/es015848h
https://doi.org/10.1021/es015848h
https://doi.org/10.1002/etc.4178
https://doi.org/10.1002/etc.4178
https://doi.org/10.1021/acs.chemrestox.9b00182
https://doi.org/10.1289/ehp6664
https://doi.org/10.5402/2012/814795
https://doi.org/10.5402/2012/814795
https://doi.org/10.1002/jps.2600770317
https://doi.org/10.1002/jps.2600770317
https://doi.org/10.1016/s0140-6736(06)69665-7
https://doi.org/10.1016/s0140-6736(06)69665-7
https://doi.org/10.1016/j.taap.2018.04.001
https://doi.org/10.1016/j.taap.2018.04.001
https://doi.org/10.1016/j.taap.2019.114777
https://doi.org/10.1007/978-1-62703-640-5_2
https://doi.org/10.1007/s00204-013-1072-y
https://doi.org/10.1021/acs.chemrestox.1c00182
https://doi.org/10.1021/acs.chemrestox.1c00182
https://doi.org/10.1016/j.etap.2004.12.035
https://doi.org/10.1016/j.etap.2004.12.035
https://doi.org/10.17179/excli2018-1710
https://doi.org/10.1021/es0351591
https://doi.org/10.2903/sp.efsa.2020.EN-1938
https://doi.org/10.2903/sp.efsa.2020.EN-1938


1053Archives of Toxicology (2022) 96:1039–1053	

1 3

Michler A (1990) Involvement of gaba receptors in the regulation of 
neurite growth in cultured embryonic chick tectum. Int J Dev 
Neurosci 8(4):463–472. https://​doi.​org/​10.​1016/​0736-​5748(90)​
90078-G

Påhlman S, Ruusala AI, Abrahamsson L, Mattsson ME, Esscher T 
(1984) Retinoic acid-induced differentiation of cultured human 
neuroblastoma cells: a comparison with phorbolester-induced dif-
ferentiation. Cell Differ 14:135–144

Paraoanu LE, Layer PG (2008) Acetylcholinesterase in cell adhesion, 
neurite growth and network formation. FEBS J 275(4):618–624. 
https://​doi.​org/​10.​1111/j.​1742-​4658.​2007.​06237.x

Radio NM, Mundy WR (2008) Developmental neurotoxicity testing 
in vitro: models for assessing chemical effects on neurite out-
growth. Neurotoxicology 29(3):361–376. https://​doi.​org/​10.​
1016/j.​neuro.​2008.​02.​011

Richardson JR, Fitsanakis V, Westerink RHS, Kanthasamy AG (2019) 
Neurotoxicity of pesticides. Acta Neuropathol 138(3):343–362. 
https://​doi.​org/​10.​1007/​s00401-​019-​02033-9

Ritz C, Baty F, Streibig JC, Gerhard D (2015) Dose-response analysis 
using R. PLoS ONE. https://​doi.​org/​10.​1371/​journ​al.​pone.​01460​
21

Ryan KR, Sirenko O, Parham F et al (2016) Neurite outgrowth in 
human induced pluripotent stem cell-derived neurons as a high-
throughput screen for developmental neurotoxicity or neurotoxic-
ity. Neurotoxicology 53:271–281. https://​doi.​org/​10.​1016/j.​neuro.​
2016.​02.​003

Seth B, Yadav A, Agarwal S, Tiwari SK, Chaturvedi RK (2017) Inhibi-
tion of the transforming growth factor-/SMAD cascade mitigates 
the anti-neurogenic effects of the carbamate pesticide carbofuran. 
J Biol Chem 292(47):19423–19440. https://​doi.​org/​10.​1074/​jbc.​
M117.​798074

Shipley MM, Mangold CA, Szpara ML (2016) Differentiation of the 
SH-SY5Y human neuroblastoma cell line. J vis Exp 108:53193. 
https://​doi.​org/​10.​3791/​53193

Smirnova L, Hogberg HT, Leist M, Hartung T (2014) Developmental 
neurotoxicity—challenges in the 21st century and in vitro oppor-
tunities. Altex 31(2):129–156. https://​doi.​org/​10.​14573/​altex.​
14032​71

Vaes WHJ, Ramos EU, Verhaar HJM, Hermens JLM (1998) Acute 
toxicity of nonpolar versus polar narcosis: Is there a difference? 
Environ Toxicol Chem 17(7):1380–1384. https://​doi.​org/​10.​1002/​
etc.​56201​70723

Wilson C, Gonzalez-Billault C (2015) Regulation of cytoskeletal 
dynamics by redox signaling and oxidative stress: implications for 
neuronal development and trafficking. Front Cell Neurosci 9:381. 
https://​doi.​org/​10.​3389/​fncel.​2015.​00381

Publisher's Note  Springer Nature remains neutral with regard to 
jurisdictional claims in published maps and institutional affiliations.

https://doi.org/10.1016/0736-5748(90)90078-G
https://doi.org/10.1016/0736-5748(90)90078-G
https://doi.org/10.1111/j.1742-4658.2007.06237.x
https://doi.org/10.1016/j.neuro.2008.02.011
https://doi.org/10.1016/j.neuro.2008.02.011
https://doi.org/10.1007/s00401-019-02033-9
https://doi.org/10.1371/journal.pone.0146021
https://doi.org/10.1371/journal.pone.0146021
https://doi.org/10.1016/j.neuro.2016.02.003
https://doi.org/10.1016/j.neuro.2016.02.003
https://doi.org/10.1074/jbc.M117.798074
https://doi.org/10.1074/jbc.M117.798074
https://doi.org/10.3791/53193
https://doi.org/10.14573/altex.1403271
https://doi.org/10.14573/altex.1403271
https://doi.org/10.1002/etc.5620170723
https://doi.org/10.1002/etc.5620170723
https://doi.org/10.3389/fncel.2015.00381

	Inhibition of neurite outgrowth and enhanced effects compared to baseline toxicity in SH-SY5Y cells
	Abstract
	Introduction
	Materials and methods
	Chemicals
	Selection of cell model and cell culture
	Plating cells and dosing
	Neurite outgrowth measurement
	Viability test
	Data evaluation
	Prediction of IC10,baseline from a baseline cytotoxicity QSAR for SH-SY5Y cells
	Calculation of toxic ratio and specificity ratios

	Results and discussion
	Assay performance
	Effects in relation to hydrophobicity of the chemicals
	Enhanced effects over baseline cytotoxicity (TR and SRbaseline)
	Neurite-specific effects (SRcytotoxicity)
	Stimulating effects
	Classification based on SRbaseline and SRcytotoxicity

	Conclusions and outlook
	Acknowledgements 
	References




