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Abstract: The main functions of this research are to guide the proportion of urban land that is used
and the layout of the facilities on it, help understand the changes to surface runoff that are caused
by land being used in urban development, and thus solve surface runoff pollution. Hangzhou City,
China has been selected for the experiment, and the way in which its land is utilized as well as the
grading of urban construction projects in the demonstration area are specifically analyzed. This study
systematically distinguishes the definitions of impervious area based on the Sutherland equation
and analyzes the impact of different impervious area subtypes on surface runoff water quality. Then,
we compare the impact of impervious area subtypes with the impact of other land-use patterns on
surface runoff water quality. This study shows the relationship between different land-use types and
runoff water bodies: Land-use index can affect runoff water quality; Greening activities, impervious
surface, and the water quality index are negatively correlated; the effective impervious area rate is
positively correlated with the water quality index. The paper suggests that increasing the proportion
of green spaces and permeable roads in build-up land reduces the effective impervious area (EIA)
and thus controls land runoff pollution and improves runoff water quality.

Keywords: land-use change; surface runoff; water pollution; urban facilities

1. Introduction

Water is mankind’s most important natural resource [1–4]; it is thus necessary to
protect it and avoid any harmful effects endangering our water bodies [5–9]. In line with
accelerated global urbanization, the aggravation of water resource destruction needs an
urgent solution. Indeed, due to increases in human activities and the expansion of urban
land, the quality and quantity of available water resources in populated areas are rapidly
declining; thus, the sustainability of water resource management has become more ur-
gent [10–12]. Many cities are located on water bodies (lakes, rivers, reservoirs, estuaries,
and coastal oceans) and provide important ecosystem services such as drinking water
and food provision, water circulation and regional climate regulation and recreational
opportunities [13,14]. Various studies have shown that the urban population and popula-
tion density is rising, and urban buildings are expanding, meaning land reuse and space
recombination are eventually leading to changes in the surface structure of cities, breaking
the balance of surface radiation, and altering the original urban water cycle and water
resource utilization system [15–18].

Land-use change has a very complex impact on urban water resources. Specifically,
rainfall-runoff changes in accordance with rainfall amount and intensity as well as land-
use characteristics [19]. The original urban surface has gradually changed from land
and sand to hard soil, weakening the heat and water exchange between the ground and
the atmosphere [20]. Thus, the amount of rainwater flowing into the subsurface has been

Int. J. Environ. Res. Public Health 2021, 18, 10748. https://doi.org/10.3390/ijerph182010748 https://www.mdpi.com/journal/ijerph

https://www.mdpi.com/journal/ijerph
https://www.mdpi.com
https://orcid.org/0000-0002-6011-2843
https://doi.org/10.3390/ijerph182010748
https://doi.org/10.3390/ijerph182010748
https://creativecommons.org/
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.3390/ijerph182010748
https://www.mdpi.com/journal/ijerph
https://www.mdpi.com/article/10.3390/ijerph182010748?type=check_update&version=3


Int. J. Environ. Res. Public Health 2021, 18, 10748 2 of 12

reduced, and its water absorption capacity has declined [21]. Moreover, studies have shown
that only one-fifth of rainwater is used as runoff in the environmental system as a whole [22].
In highly urbanized areas, urban roads are almost non-permeable to rainwater, and such
roads are also increasing, with almost four-fifths impermeable to precipitation [23–25]. This
spreading of runoff subsequently enters the urban drainage system, and floods generally
occur if the amount of rainwater accumulated exceeds the capacity of the urban drainage
infrastructure. Meanwhile, rainwater runoff may be polluted by hardened urban road
surfaces in built-up areas; The initial rainstorm water that is lost will wash away debris,
automobile exhaust emissions, dust, and silt on impermeable roads, such as motorways
and open areas. Pollutant sediments are eventually discharged into the water body, and
when harmful substances to the human body exceed the range within which tap water
can purify itself, the properties of water will be adversely altered [26]. In addition, some
researchers point out that other factors relating to urban land can affect water quality, such
as erosive rainfall events, heavy metals in surface sediments, natural biological filtration
devices, and the landscape pattern of the surrounding zones in the urban area. These
water quality studies have identified key variables that affect the physical, chemical, and
biological processes of surface water bodies [27–32].

We study the impact of land-use on the surface runoff after urban infrastructure
construction. The purpose of this research is to understand the urban land-use ratio and
facility layout and identify the changes to surface runoff that is caused by land-use in urban
development, and hence to solve surface runoff pollution. First, we discuss the land-use in
terms of the practice of urban planning and design and the influence of land-use change
on surface runoff and summarize the key land-use indexes for controlling surface runoff.
Second, we explore the best way to solve the quantitative structural relationship within
these indexes to control runoff and runoff water quality. The results provide a point of
reference for similar places in the future that intend to restrict the number and location
of urban facilities in urban development and, therefore, effectively manage the water
ecological cycle and water resource utilization.

2. Materials and Methods
2.1. Study Area

Hangzhou City is located south of the Yangtze River Delta in China and west of
the East China Sea. The latitude and longitude boundary of the city area is 29◦11′ to
30◦34′ north; 118◦20′ to 120◦44′ east. The eastern part of the city situated in the North
Zhejiang Plain (which forms the Hangjiahu Plain and the Ningshao Plain). The terrain is
low and flat, with an elevation of only 3–6 m; There are also dense river networks and lakes.
In terms of the city’s land mass, mountains and hills account for 65.6%, plains account for
26.4%, and various water bodies account for 8%. The study area, which is characterized
by built-up land, cultivated, and small-scale forest land with densely distributed stream
networks, is to the south of the Qiantang River (Figure 1). During the past decade, it has
experienced intense urbanization as a large-scale land-use transformation has taken place,
meaning croplands and wetlands have been changed into built-up areas.

2.2. Runoff Data Acquisition

The measurement method has been applied to the collection of runoff data and
runoff water sample data. Sample data were collected in the study area of Hangzhou City
at rainwater outlets because rainwater runoff is representative of the total runoff from
different catchment areas, and mirrors land-use. In relation to the runoff into the river,
a flowmeter was installed at the outlet of each sampling point to continuously obtain
the hourly rainwater runoff. Meanwhile, 2–3 connected tanks were selected as runoff
sampling points in each sampling point [33,34]. After the formation of surface runoff, the
rainwater collector gathers surface runoff samples every 10 min, 5 times per hour. Then,
40 flow monitoring points and 45 water quality sampling points were set up for this study,
5800 pieces of runoff data and 1400 pieces of water quality sampling data were obtained



Int. J. Environ. Res. Public Health 2021, 18, 10748 3 of 12

(Figure 2). All of the data needed to be dimensionless to avoid related deviations being
caused in statistical results.

Figure 1. (a) Map of China, (b) location and land-use types of the study area. Note: The study area is a National High-Tech
Industrial Development Zone, and the degree of urbanization has been already very high. In Figure 1b, more than 90% of
the cultivated land in the study area is regarded as park land for unplanned built-up land by the government and has been
covered by landscape plants such as lawns and trees. It is thus regarded as park land in this study too. The information of
Figure 1b comes from City University of Hong Kong.

Figure 2. Spatial distribution of surface water quality monitoring points.

We assume that there are significant differences in the impact of different types of
land-use indicators on runoff water quality. Therefore, according to the river network and
the spatial distribution of land-use, this study selected sampling points to evenly cover
the spatial distribution of different land-uses, including public building land (i.e., artificial
structures such as roads, sidewalks and industrial areas), park land, and unmodified land
(e.g., small-scale forest). Samples that were obtained include public construction land sam-
ples (R01-R06), park samples (R07-R10), and unmodified samples (U01-U10). Furthermore,
to avoid the influence of different basins and divergent rainfall levels, the runoff modulus
coefficient was selected to reflect the size of the runoff, which can be transformed into
a dimensionless runoff coefficient; this means the runoff and rainfall can be considered
in relation to one another [35–37]. Due to the correlation, diverse types of rainfall were
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selected to be examined. Here, different indexes, including Suspended Solids (SS), Bio-
chemical Oxygen Demand (BOD5), Chemical Oxygen Demand (COD), Ammonia Nitrogen
(NH3-N), and Total Phosphorus (TP) were selected to reflect the degree of runoff pollu-
tion. The Grubbs test can screen and eliminate the small anomalies below the water level,
and the average content of each index in terms of rainfall-runoff is finally obtained. The
water quality parameters of the runoff water samples within the study area are shown
in Table 1 [38,39].

Table 1. Descriptive statistics of the runoff water quality parameters.

Indicator Maximum Minimum Mean (Std.)

TP (mg/L) 2.5 0.16 0.56 (0.82)

SS (mg/L) 62.75 11.63 28.52 (11.86)

BOD5 (mg/L) 3.1 1.1 1.6 (0.39)

COD (mg/L) 24.3 5.05 9.17 (2.73)

NH3-N (mg/L) 0.62 0.04 0.19 (0.11)

Note: TP: Total Phosphorus; SS: Suspended Solids; BOD5: Biochemical Oxygen Demand; COD: Chemical Oxygen
Demand; NH3-N: Ammonia Nitrogen.

2.3. Acquisition of Land-Use Data

The urban land-use situation in 2020 was drawn using computer-aided design (CAD)
ground buildings and ArcMap, and the urban base coverage information was obtained
through statistical data and manual interpretation powered by ENVI. According to foreign
concepts of building permeability and effective impervious area, land-use structure can
be divided into effective impervious area (EIA) and ineffective impervious area (IIA). IIA
includes green space and artificial permeable surface. The artificial permeable surface
includes the roof green design, permeable road, and artificial water bodies. EIA refers to
the impervious area that is directly connected to the drainage collection system through
rainwater pipelines [40,41]. When compared with impervious surfaces, EIA contributes
more to urban area runoff. IIA is a city facility in the study area that cuts off drainage col-
lection systems in impervious areas. Effective impervious area and ineffective impervious
area jointly constitute the total impervious area (TLA).

2.4. Land-Use Classification

To determine the influence of land-use on surface runoff and runoff water quality,
the scope of the research should first be determined. In accordance with the development
trend of watershed systems, the water-quality grade of an area’s runoff and the first-level
runoff are selected for watershed division [42,43]. Hangzhou City is a plain river-network
city, and the drainage network of different land types are directly connected with the
river, so each plot includes a separate watershed. Here, the value of land-use zoning
in different regions are obtained with the Sutherland classical equation; the Sutherland
classical equation can calculate the site effective impervious area rate, which is connected
to the issue of small watersheds (8–28 hectares) according to the Chinese Geological Survey
(the specific method is shown in Figure 3). The sample points for transformation are
determined based on the construction drawings of water absorption facilities at each point,
and then they are combined with what needs to change in line with the classification
criteria in Figure 3 [44,45]. The anti-seepage area of residential and multi-person buildings
was partially disconnected from the drainage collection system, the anti-seepage area of the
park was largely disconnected from the drainage collection system. Lastly, the anti-seepage
area in each block was connected to the drainage collection system.
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Figure 3. Effective impervious area (EIA) obtained by Sutherland equation.

3. Results and Discussion
3.1. Redundancy Analysis Results

The sample data redundancy was analyzed with CANOCO5.0 software (WUR, Wa-
geningen, The Nederland). First, the trends found when investigating the result can
determine the linear relationship between the dependent variable (water quality index)
and the independent variable (land-use index). If the gradient value of the first axis in the
four axes is greater than 4, the corresponding analysis model is selected; if the gradient
value is less than 3, redundancy analysis is selected; if the gradient value falls between 3
and 4, then both methods then became applicable. After calculation, the slope of the first
axis is 0.498, which is far less than 3, indicating that the water quality index is linear with
the land-use index [46,47]. Consequently, a redundancy analysis method is selected, and
the relationship between land-use and water quality are shown as the arrow in relation
to the land-use index and its water quality index (Figure 3), the length and angle of an
arrow in Figure 4 indicate that water quality indexes have different responses to land-use
indexes [48]. The longer the length of the arrow is, the greater the angle is (a sharp angle
means that land-use is positively correlated with water quality indexes, while a blunt angle
means there is a negative correlation). The higher the value, the greater the correlation
between the two, vice versa.
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Figure 4. Redundancy analysis of land-use index and water quality indexes.

Figure 4 shows the fact that the types of land-use indexes that are affecting the runoff
water quality of each sample are significantly different. The reconstructed public building
samples (R01–R06) are mainly affected by the IIA ratio. Park samples (R08 and R09) and
park samples (R07 and R10) are significantly affected by the green space ratio and IIA
ratio. Unmodified samples (U01–U10) are generally affected by the green space rate and
EIA of impervious surfaces. The EIA of construction land is the main index of increased
runoff pollution load. Meanwhile, the green space rate, the artificial permeable surface rate,
and the IIA are negatively correlated with the water quality index [49]. The correlation
between the green space rate and water quality index is the greatest, indicating that the
degree of interception of green space on runoff pollution load is higher than the other two
indexes. Land use had significant effects on SS, BOD, COD, and NH3-N, while TP had
no significant effect on land use. The correlation between the EIA ratio and water quality,
and between the IIA ratio and water quality indexes, are compared. The results show that
the EIA ratio and IIA ratio have oppositional impacts on water quality indexes, and the
correlation between EIA and water quality indexes is higher than that found with regard
to the IIA.

3.2. PLS (Partial Least Squares) Regression Analysis Results

The PLS regression model is established with SIMCA-P software (Sartorius, Paris,
France), and the model is adapted through automatic adaptive analysis. Two local least
squares components are extracted with the cross-validation principle within the software.
The information utilization rate of the X model is R2X (cum) = 0.942, and the interpretability
of R is R2Y (cum) = 0.828. The cross-validity value Q2 (cum) = 0.7819, Q2 (cum) is cross
validity, indicating that the PLS regression model has a high level of prediction accuracy
for new data. Q2 (cum) > 0.5 also suggests that the model has high level of prediction
accuracy. When Q2 (cum) < 0.05, the model is not significant.

Figure 5 illustrates that the updated plots are mainly affected by the ratio of green
space, IIA, and artificial permeable surface. R01–R04 is mainly affected by the proportion
of IIA in impervious surfaces, R07–R09 is mainly affected by the proportion of green space.
The representative water quality indexes are SS, BOD5, COD, and NH3-N, which are
influenced by the effective impervious area.
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Some of the empirical equations for the ratio of water quality indexes to land-use
indexes are calculated through PLS regression. These equations are greatly affected by soil
types. The specific calculation is expressed as in Equation (1).

f (x) = αp + ∑n
p=0

(
µp × βp

)
(1)

In Equation (1), f (x) stands for water quality index concentration (mg/L), αp repre-
sents a constant of p, which is the land-use index on water quality indexes, µp denotes the
level p land-use impact index, and βp is the p land-use index (%).

The degree of influence of different land-use indexes on water quality indexes is
shown in Figure 6, and the influence order of their respective impacts is as follows: green
space rate > EIA ratio > IIA ratio > water seepage control rate. Specifically, SS is significantly
affected by four different land-use indexes, and BOD5 and COD are mainly affected by
the green space ratio and EIA ratio; the changes to the amount of NH3-N that are caused
by the land-use index are less significant than the alterations that are caused by other
water quality indexes, indicating that land-use index is not the most significant index
affecting the average concentration of NH3-N [50]. Generally speaking, the higher the EIA
ratio, the higher the average concentration of pollutants and the worse the water quality.
Additionally, the greater the percentage of green space, the worse the permeability of the
IIA water surface. The lower the average content of pollutants that are harmful to the
human body, the better the water quality. When rainfall occurs, it is difficult to form surface
runoff when the rainwater in the inflow areas, such as green spaces and permeable roads
infiltrates into the ground. If the average concentration of pollutants is excessive, it will
not rush into the river through the drainage network. Although IIA is an impermeable
area, it is not connected to drainage pipes or its surface. The runoff mainly flows to nearby
water absorption facilities, rather than directly into the drainage ditch; therefore, the EIA
rate can be reduced with an increase in the proportion of green space and in the number
of permeable roads in construction land and with the introduction of impervious road
runoff into sponge facilities, such as green spaces, which control land runoff pollution and
improve river-water quality.
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The influence of the land-use importance index on the water quality index can be
expressed as a variable importance in projection (VIP) (Figure 7). According to the Figure 7,
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and the ratio of green space to the impervious surface is less than 0.8, indicating that green
space EIA does affect water quality index, which has important explanatory significance.
The green space EIA and the characteristic ratio are the key indexes affecting water quality.
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3.3. Origin Fitting Prediction Results

To control the relationship between land-use types and surface runoff water quality,
the fitting relationship between the two is established using the original point fitting
equation, and the surface runoff water quality is envisaged in advance (Figure 8).
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In line with the analysis of the results of the PLS regression method, the EIA ratio on
the X-axis and the average concentrations of SS, BOD5, and COD on the Y-axis is obtained.
According to the disconnection or connectivity between the impervious area of the sample
and the drainage network, nine fitting equations are established with Origin2017 software
(OriginLab, Northampton, MA, US). The green land is set as the X-axis, combined with
the other three water quality indexes, and three fitting equations are created. In relation
to the obtained sample data, it is predicted that, under the middle gradient of rainfall,
the conversion level of different runoff water quality can reach surface water IV, and the
scope of secondary standards of sewage discharge should be controlled, along with the
land-use indexes.

Land-use patterns can explain the water quality of all of the samples (Figure 4). This
confirms that the land-use pattern has a great impact on the water quality of the study
area. Although previous studies have focused on seepage prevention and total impervious
area (TIA) factors for built-up land, they rarely distinguish between EIA and IIA and
discuss the impact of EIA and IIA on water quality respectively [51–54]. We also discuss
the impact of runoff water quality index on different land types, based on the results from
the redundancy analysis. For land-use indexes, the EIA rate is significantly and positively
correlated with water quality indexes, such as green space, water permeability, and IIA.
Meanwhile, the proportion of green space is negatively correlated with each water quality
index, and the correlation between green space proportion and each water quality index is
the strongest.

Previous studies failed to analyze the intensity of the impact of impervious area
subtypes on the surface runoff water quality and also failed to compare it with other land-
use patterns on the surface runoff water quality indicators [55,56]. This research, therefore,
conducted a systematic analysis for the subtypes and comparisons of impervious areas. It
is worth noting that the definitions of EIA, TIA, and IIA were distinguished according to
the Sutherland equation (Figure 3). The PLS analysis shows that the impact of land-use
indexes on the surface runoff water quality indexes from large to small is as follows: green
space rate > EIA rate > IIA rate of underlying surface > seepage prevention rate. Finally,
the origin fitting equation can predict the response threshold of surface water in class
IV and the EIA rate of green space, the surface water quality grade, and the secondary
sewage discharge standard. Moreover, the comparison between the IIA and EIA has a
greater impact on researching the runoff water quality; also, however, a higher the EIA
ratio suggests a higher the average concentration of pollutants of runoff water quality.
Reducing the EIA ratio in urban land-use is thus beneficial to the runoff water quality.
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In other words, this study t sheds light on the beneficial impacts of the construction of
impervious areas in the process of urbanization.

4. Conclusions

We have examined the impact of construction land types on the urban surface runoff
water quality and discussed the specific influential mechanisms. The redundancy analysis
shows the relationship between land-use types and runoff water bodies. This study found
that the land-use index can affect runoff water quality. There is a negative correlation
between greening activities, impervious surface, and water quality index; the EIA rate
and water quality index are positively correlated. Soil SS, BOD5, COD, and NH3-N are
also correlated with the land-use index. The PLS regression analysis shows the impact
of areas’ different land-use on the water quality index: the key indexes affecting water
quality are the green space rate and EIA rate; the indexes affecting urban water quality are
SS and BOD5.

Therefore, the choice of land-use appears to reveal that the index of built-up land is
an important factor that affects the water quality of the study area, including residential
and industrial areas as well as roads. The increased built-up areas in the urban area could
result in a considerable increase of non-point source pollutants via precipitation runoff [57].
However, a surge in the number of green areas can have a positive effect on water quality.
The EIA ratio is one of other important factors for the urban surface runoff water quality.
The higher the EIA ratio, the higher the average concentration of pollutants and the worse
the water quality. The paper proposes that there is a need to reduce the EIA ratio by
increasing the proportion of green space and the number of permeable roads within build-
up land; it is also necessary to introduce impervious road flow in sponge facilities, such as
green spaces, to control land runoff pollution and improve runoff water quality.

Through various analytical methods, including redundancy analysis, PLS regression
analysis and origin fitting prediction, we have qualitatively and quantitatively studied
the impact of land-use change on the surface runoff of urban small watersheds. Although
some advancements have been made here with regard to the topic of interest, there are still
some shortcomings that require further research and improvement. During future research,
attempts to increase the amount of experimental data should be made, the scope of research
should be expanded, and ways to make the results of the calculation model more accurate
should be adopted. The impact of underground runoff is complex. Here, the land-use
change has been only studied from the perspective of underlying surface permeability.
Nonetheless, we are aware of other land-use change indexes that do not consider the use of
permeable pavements, which may lead to the impermeable facilities being classified into
the same underlying surface. Therefore, the analysis index of the underlying surface could
be further improved, which would lead to more accurate statistical results.

Author Contributions: Conceptualization, L.L. and L.G.; Formal analysis, Q.Y.; Funding acquisition,
L.G. and Z.L.; Methodology, Q.Y. and L.G.; Project administration, L.L.; Resources, B.Y.; Software,
Z.L.; Supervision, L.L.; Visualization, B.Y. and L.L.; Writing—original draft, L.L.; Writing—review &
editing, Z.L. All authors have read and agreed to the published version of the manuscript.

Funding: This research was funded by Ministry of Education China, grant number 21YJC790033.

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.

Data Availability Statement: The dataset used in this research are available upon request from the
corresponding author.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Han, Q.; Tong, R.; Sun, W.; Zhao, Y.; Yu, J.; Wang, G.; Jin, Y. Anthropogenic influences on the water quality of the Baiyangdian

lake in north China over the last decade. Sci. Total Environ. 2020, 701, 134929. [CrossRef]

http://doi.org/10.1016/j.scitotenv.2019.134929


Int. J. Environ. Res. Public Health 2021, 18, 10748 11 of 12

2. Sener, S.; Sener, E.; Davraz, A. Evaluation of water quality using water quality index (WQI) method and GIS in Aksu River
(SW-Turkey). Sci. Total Environ. 2017, 584, 131–144. [CrossRef]

3. Yan, J.X.; Liu, J.L.; Ma, M.Y. In situ variations and relationships of water quality index with periphyton function and diversity
metrics in Baiyangdian Lake of China. Ecotoxicology 2014, 23, 495–505. [CrossRef] [PubMed]

4. Zhang, Y.; Guo, F.; Meng, W.; Wang, X. Water quality assessment and source identification of Daliao river basin using multivariate
statistical methods. Environ. Monit. Assess. 2009, 152, 105–121. [CrossRef]

5. Geng, M.; Wang, K.; Yang, N.; Li, F.; Zou, Y.; Chen, X.; Xie, Y. Evaluation and variation trends analysis of water quality in response
to water regime changes in a typical river-connected lake (Dongting lake), China. Environ. Pollut. 2020, 268, 115761. [CrossRef]

6. Pereira, M.; Cavalheri, P.; de Oliveira, M.; Magalhaes, F. A multivariate statistical approach to the integration of different
land-uses, seasons, and water quality as water resources management tool. Environ. Monit. Assess. 2019, 191, 539. [CrossRef]

7. Ren, J.; Zheng, Z.; Li, Y.M.; Lv, G.; Wang, H.; Lyu, C.; Huang, G.; Liu, C.; Du, M.; Mu, S.; et al. Remote observation of water clarity
patterns in three Gorges reservoir and Dongting Lake of China and their probable linkage to the three Gorges dam based on
Landsat 8 imagery. Sci. Total Environ. 2018, 625, 1554–1566. [CrossRef] [PubMed]

8. Rangel-Peraza, J.G.; de Anda, J.; González-Farias, F.; Erickson, D. Statistical assessment of water quality seasonality in large
tropical reservoirs. Lakes Reserv. Res. Manag. 2009, 14, 315–323. [CrossRef]

9. Yaghoubi, B.; Hosseini, S.A.; Nazif, S.; Daghighi, A. Development of dam’s optimum operation rules considering water quality
issues and climatic change data analysis. Sustain. Cities Soc. 2020, 63, 102467. [CrossRef]

10. Giri, S.; Qiu, Z. Understanding the relationship of land uses and water quality in twenty first century: A review. J. Environ. Manag.
2016, 173, 41–48. [CrossRef]

11. Korkanç, Y.; Kayıkç, S.; Korkanç, M. Evaluation of spatial and temporal water quality in the Akkaya dam watershed (niğde,
turkey) and management implications. J. Afr. Earth Sci. 2017, 129, 481–491. [CrossRef]

12. Keeler, B.; Polasky, S.; Brauman, K.; Johnson, K.; Finlay, J.; O’Neill, A.; Kovacs, K.; Dalzell, B. Linking water quality
and well-being for improved assessment and valuation of ecosystem services. Proc. Natl. Acad. Sci. USA 2012, 109,
18619–18624. [CrossRef] [PubMed]

13. Duan, S.; Kaushal, S.; Groffman, P.; Band, L.; Belt, K. Phosphorus export across an urban to rural gradient in the Chesapeake Bay
watershed. J. Geophys. Res. 2012, 117, G01025. [CrossRef]

14. Phaneuf, D.; Smith, K.; Palmquist, R.; Pope, J. Integrating property values and local recreation models to value ecosystem services
in urban watersheds. Land Econ. 2008, 84, 361–381. [CrossRef]

15. Camara, M.; Jamil, N.R.; Abdullah, A. Impact of land uses on water quality in Malaysia: A review. Ecol. Process. 2019, 8,
1–10. [CrossRef]

16. Groffman, P.; Law, N.; Belt, K.; Band, L.; Fisher, G. Nitrogen fluxes and retention in urban watershed ecosystems. Ecosystems 2004,
7, 393–403. [CrossRef]

17. Luo, Z.; Shao, Q.; Zuo, Q.; Cui, Y. Impact of land use and urbanization on river water quality and ecology in a dam dominated
basin. J. Hydrol. 2020, 584, 124655. [CrossRef]

18. Duarte, L.; Espinha Marques, J.; Teodoro, A.C. An Open Source GIS-Based Application for the Assessment of Groundwater
Vulnerability to Pollution. Environments 2019, 6, 86. [CrossRef]

19. Brainwood, M.A.; Burgin, S.; Maheshwari, B. Temporal variations in water quality of farm dams: Impacts of land-use and water
sources. Agric. Water Manag. 2004, 70, 151–175. [CrossRef]

20. Wie, J.; Hong, S.O.; Byon, J.Y.; Ha, J.C.; Moon, B.K. Sensitivity Analysis of Surface Energy Budget to Albedo Parameters in Seoul
Metropolitan Area Using the Unified Model. Atmosphere 2020, 11, 120. [CrossRef]

21. Afed, K.; Jiang, J.; Wang, P. Land use impacts on surface water quality by statistical approaches. Glob. J. Environ. Sci. Manag. 2018,
4, 231–250.

22. Chen, L.; Liu, C.; Li, Y.; Wang, G. Impacts of climatic factors on runoff coefficients in source regions of the Huanghe River. Chin.
Geograph. Sci. 2007, 17, 47–55. [CrossRef]

23. Delkash, M.; Al-Faraj, F.A.; Scholz, M. Impacts of anthropogenic land-use changes on nutrient concentrations in surface water
bodies: A review. CLEAN-Soil Air Water 2018, 46, 1800051. [CrossRef]

24. Lee, J.M.; Park, M.; Park, B.K.; Choi, J.; Kim, J.; Kim, K.; Kim, Y. Evaluation of Water Circulation by Modeling: An Example of
Nonpoint Source Management in the Yeongsan River Watershed. Sustainability 2021, 13, 8871.

25. Du, S.; Shi, P.; Van Rompaey, A.; Wen, J. Quantifying the impact of impervious surface location on flood peak discharge in urban
areas. Nat. Hazards 2015, 76, 1457–1471. [CrossRef]

26. Fashae, O.A.; Ayorinde, H.A.; Olusola, A.O. Landuse and surface water quality in an emerging urban city. Appl. Water Sci. 2019,
9, 25. [CrossRef]

27. Saber, A.; James, D.E.; Hannoun, I.A. Effects of lake water level fluctuation due to drought and extreme winter precipita-
tion on mixing and water quality of an alpine lake, case study: Lake Arrowhead, California. Sci. Total Environ. 2020, 714,
136762. [CrossRef] [PubMed]

28. Hermides, D.; Makri, P.; Kontakiotis, G.; Antonarakou, A. Advances in the Coastal and Submarine Groundwater Processes:
Controls and Environmental Impact on the Thriassion Plain and Eleusis Gulf (Attica, Greece). J. Mar. Sci. Eng. 2020, 8,
944. [CrossRef]

http://doi.org/10.1016/j.scitotenv.2017.01.102
http://doi.org/10.1007/s10646-014-1199-5
http://www.ncbi.nlm.nih.gov/pubmed/24557602
http://doi.org/10.1007/s10661-008-0300-z
http://doi.org/10.1016/j.envpol.2020.115761
http://doi.org/10.1007/s10661-019-7647-1
http://doi.org/10.1016/j.scitotenv.2018.01.036
http://www.ncbi.nlm.nih.gov/pubmed/29996452
http://doi.org/10.1111/j.1440-1770.2009.00412.x
http://doi.org/10.1016/j.scs.2020.102467
http://doi.org/10.1016/j.jenvman.2016.02.029
http://doi.org/10.1016/j.jafrearsci.2017.01.034
http://doi.org/10.1073/pnas.1215991109
http://www.ncbi.nlm.nih.gov/pubmed/23091018
http://doi.org/10.1029/2011JG001782
http://doi.org/10.3368/le.84.3.361
http://doi.org/10.1186/s13717-019-0164-x
http://doi.org/10.1007/s10021-003-0039-x
http://doi.org/10.1016/j.jhydrol.2020.124655
http://doi.org/10.3390/environments6070086
http://doi.org/10.1016/j.agwat.2004.03.006
http://doi.org/10.3390/atmos11010120
http://doi.org/10.1007/s11769-007-0047-4
http://doi.org/10.1002/clen.201800051
http://doi.org/10.1007/s11069-014-1463-2
http://doi.org/10.1007/s13201-019-0903-2
http://doi.org/10.1016/j.scitotenv.2020.136762
http://www.ncbi.nlm.nih.gov/pubmed/32023782
http://doi.org/10.3390/jmse8110944


Int. J. Environ. Res. Public Health 2021, 18, 10748 12 of 12

29. Lopes, M.C.; Mello, A.L.; Lopes, M.B.; Martins, M.V.; Araújo, R.C.; Farias, R.; Torres, N.E.; Sanches, L.F.; Leal, F.A.; Tarlé, T.C. A
case study of factors controlling water quality in two warm monomictic tropical reservoirs located in contrasting agricultural
watersheds. Sci. Total Environ. 2021, 762, 144511. [CrossRef] [PubMed]

30. El Sayed, M.A. Factors Controlling the Distribution and Behaviour of Organic Carbon and Trace Elements in a Heavily Sewage
Polluted Coastal Envoironment. Mar. Sci. 2002, 13, 21–46. [CrossRef]

31. Tam, N.; Wong, Y. Spatial variation of heavy metals in surface sediments of Hong Kong mangrove swamps. Environ. Pollut. 2000,
110, 195–205. [CrossRef]

32. Liu, J.; Zhang, X.; Wu, B.; Pan, G.; Xu, J.; Wu, S. Spatial scale and seasonal dependence of land use impacts on riverine water
quality in the Huai River basin, China. Environ. Sci Pollut Res. Int. 2017, 24, 20995–21010. [CrossRef]

33. Yadav, S.; Babel, M.S.; Shrestha, S. Land use impact on the water quality of large tropical river: Mun River Basin, Thailand.
Environ. Monit. Assess. 2019, 191, 1–22. [CrossRef]

34. Liu, W.; Zhang, Q.; Liu, G. Influences of watershed landscape composition and configuration on lake-water quality in the Yangtze
River basin of China. Hydrol. Process. 2012, 26, 570–578. [CrossRef]

35. Gorgoglione, A.; Gregorio, J.; Ríos, A. Influence of land use/land cover on surface-water quality of Santa Lucìa river, Uruguay.
Sustainability 2020, 12, 4692. [CrossRef]

36. Carlson, R.R.; Foo, S.A.; Asner, G.P. Land use impacts on coral reef health: A ridge-to-reef perspective. Front. Mar. Sci. 2019, 6,
562. [CrossRef]

37. Ding, H.; Shi, W. Land-use/land-cover change and its influence on surface temperature: A case study in Beijing City. Inter. J. Rem.
Sens. 2013, 34, 5503–5517. [CrossRef]

38. Choudhury, D.; Das, K.; Das, A. Assessment of land use land cover changes and its impact on variations of land surface
temperature in Asansol-Durgapur Development Region. Egypt. J. Remote Sens. Space Sci. 2019, 22, 203–218. [CrossRef]

39. Haidary, A.; Amiri, B.J.; Adamowski, J.; Fohrer, N.; Nakane, K. Assessing the Impacts of Four Land Use Types on the Water
Quality of Wetlands in Japan. Water Resour. Manag. 2013, 27, 2217–2229. [CrossRef]

40. Carstens, D.; Amer, R. Spatio-temporal analysis of urban changes and surface water quality. J. Hydrol. 2019, 569, 720–734. [CrossRef]
41. Stefanidis, K.; Panagopoulos, Y.; Mimikou, M. Response of a multi-stressed Mediterranean river to future climate and socio-

economic scenarios. Sci Total Environ. 2018, 627, 756–769. [CrossRef]
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