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ABSTRACT A low initial contamination level of the meat surface is the sine qua non
to extend the subsequent shelf life of ground beef for as long as possible. Therefore,
the short- and long-term effects of a pregrinding treatment with electrolyzed water
(EW) on the microbiological and physicochemical features of Piedmontese steak tar-
tare were here assessed on site, by following two production runs through storage
under vacuum packaging conditions at 4°C. The immersion of muscle meat in EW
solution at 100 ppm of free active chlorine for 90 s produced an initial surface
decontamination with no side effects or compositional modifications, except for an
external color change that was subsequently masked by the grinding step. However,
the initially measured decontamination was no longer detectable in ground beef,
perhaps due to a quick recovery by bacteria during the grinding step from the tran-
sient oxidative stress induced by the EW. We observed different RNA-based meta-
taxonomic profiles and metabolomic biomarkers (volatile organic compounds [VOCs],
free amino acids [FAA], and biogenic amines [BA]) between production runs.
Interestingly, the potentially active microbiota of the meat from each production
run, investigated through operational taxonomic unit (OTU)-, oligotyping-, and
amplicon sequence variant (ASV)-based bioinformatic pipelines, differed as soon as
the early stages of storage, whereas microbial counts and biomarker dynamics were
significantly distinguishable only after the expiration date. Higher diversity, richness,
and abundance of Streptococcus organisms were identified as the main indicators of
the faster spoilage observed in one of the two production runs, while Lactococcus
piscium development was the main marker of shelf life end in both production runs.

IMPORTANCE Treatment with EW prior to grinding did not result in an effective inter-
vention to prolong the shelf life of Piedmontese steak tartare. Our RNA-based approach
clearly highlighted a microbiota that changed markedly between production runs but
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phosphorus, zinc, and iron (1, 2), but it also raises strong concerns related to the intrinsic
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microbiological risks of this food, which are mainly represented by the potential presence
of Listeria monocytogenes and enterohemorrhagic strains of Escherichia coli, such as Shiga
toxin-producing E. coli (STEC) 0157 (3-5). Besides being a favorable substrate for these
and other pathogens, steak tartare is a very perishable product with a short shelf life that
may span from 1 to a maximum of 2 weeks. Such perishability is mainly due to the ab-
sence of preservatives and thermal treatments, where the only hurdles available to mini-
mize microbial proliferation are refrigeration, the gaseous composition of the packages,
and the potential use of active packaging (6). However, it is noteworthy that nisin-coated
packaging films that were successfully tested on beef cuts (7, 8) showed a limited effec-
tiveness on ground beef (9). After all, the inner-contaminant microbiota of ground beef is
not directly in contact with the antimicrobial bound to the external envelope of the active
packaging.

The reduction of meat contamination before grinding seems therefore an alterna-
tive strategy to obtain shelf life prolongation (10-12). Undoubtedly, such a nonthermal
decontamination strategy must be integrated in a context of maximum environmental
hygiene to fully exert its effectiveness. Having in mind that all surfaces in contact with
meat may represent sources of recontamination and cross-contamination between dif-
ferent batches (13, 14), attention to the applicability of electrolyzed water (EW) in meat
decontamination has risen considerably in the last decade, in response to the indus-
try’s demand for new effective and ecosustainable approaches. The efficacy of EW as a
direct antimicrobial treatment has been intensively investigated and often proven dur-
ing the last decade in vitro and, to a lesser extent, in situ on pork (15, 16), chicken car-
casses (17, 18), cattle carcasses (19, 20), and beef cuts (21-25). In the majority of these
experiments, neutral electrolyzed water and slightly acidic electrolyzed water pro-
duced from single-chamber generators have been used because of their neutral or
nearly neutral pH values (26), while the chosen modes of use have substantially been
the spraying or immersion of the meat. Notably, these two approaches can lead to dif-
ferent results in term of decontamination effectiveness, and usually, higher concentra-
tions of free chlorine are used in the spraying methods to achieve satisfactory results
(20, 22, 27).

Regardless of the mode of use and type of meat treated, the main concern in using
a chlorine-based sanitizer like EW directly on a foodstuff is the potential increase in the
chlorate content in the final product (24), which has led to two diametrically opposite
positions in the European Union and U.S. food market regulations. In Europe, the only
nonthermal treatment allowed so far on fresh meat is lactic acid (28), while in the
United States, chlorinated water is approved and widely used in the poultry slaughter-
ing chain (29). The discoloring and the oxidation of lipidic fractions might also repre-
sent other potential hurdles for the application of EW in meat industries, although until
now, pilot-scale trials have highlighted negligible effects on such features (16, 30).
Always taking into account effectiveness and side effects, applied research has mostly
pointed out the instant antimicrobial effect of EW upon treatment of meat, while
minor attention has been paid to its long-term impact on microbiota evolution during
the shelf life (25, 31).

Here, we aim to define the feasibility of a pregrinding decontamination performed
by immerging meat trimmings in EW at 100 ppm of free chlorine for 90 s in the real
context of a steak tartare processing line. The effectiveness of EW and its impact on
the shelf life were monitored in two distinct production runs. The microbiological,
metataxonomic, and chemical profiles were comprehensively analyzed in order to
highlight in parallel the impact of the antimicrobial treatment and the autochthonous/
allochthonous microbiota of each production run on the microbiological fate of
Piedmontese steak tartare.

RESULTS
Short- and long-term impacts of the initial EW treatment. In a preliminary experi-
ment, we observed a maximum reduction of total viable counts (TVC) on meat
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FIG 1 Microbiological impact of EW and spoilage dynamics. Bar plots and graphs of dynamics showing the viable counts (mean * SD) of total bacteria
(TVC, total viable count) and four spoilage bacterium populations (LAB, lactic acid bacteria). (A) Superficial viable counts (Log CFU/cm?) of meat trimmings
before treatment (sampled before splitting the batch into treated and control lots; 10 cm? n = 3 in each sampling) are compared to part of the same
trimmings that underwent EW immersion treatment (10 cm?, n = 3 in each sampling). (B) Viable counts (Log CFU/g) of treated ground beef are compared
to those of the control lot. (C) Spoilage dynamics of ground beef during the 21 days of vacuum storage; data from each sampling point are grouped by
production run. Asterisks highlight significant differences (Student’s t test; *, P < 0.05; **, P < 0.01; ***, P < 0.001).

trimming surfaces after 90 s of dipping in EW at 100 ppm of free chlorine content
(FCCQ), while treatment with lower FCC levels (25 and 50 ppm) was ineffective for the
same time frame (Fig. S1 in the supplemental material). This EW treatment was applied
in two industrial production runs of Piedmontese steak tartare, each constituted by
two replicates, by immerging the meat trimmings before grinding. Treated and control
lots of ground beef were then followed during vacuum package storage at 4°C for 21
days (Fig. S2).

The treatment confirmed in situ its ability to significantly (P < 0.05) reduce the TVC
on meat surfaces, with an average decrease of 1 Log CFU/cm?, as well as to reduce the
Brochothrix, Pseudomonas, lactic acid bacterium (LAB), and Enterobacteriaceae popula-
tions (Fig. 1A). The dipping procedure of the trimmed meat resulted in a decrease of
the initial FCC of EW (from 100 = 2 ppm [mean * standard deviation] to 3 = 1 ppm);
meanwhile, at the end of the treatment, the chlorate content of the meat was under
the detection limit (0.01 mg/kg) while its color changed visibly from red to gray (Fig.
S3). However, after the grinding process, the treated and untreated meat samples
showed the same count levels and external color (Fig. 1B and Fig. S3). It is noteworthy
that the TVC of the meat grinder and stainless-steel basket used for the EW treatment
showed significantly (P < 0.05) lower microbial loads than were detected on meat
surfaces, with average counts of 2.97 = 1.12 and 2.04 = 1.52 Log CFU/cm? on the
meat grinder and basket, respectively.

The microbial counts during the shelf life differed in relation to the two production
runs (A and B) rather than the two lots (EW and untreated control); therefore, at each
sampling point of production runs A and B, the treated and control ground beef were
grouped together. The microbiological dynamics showed a time course increase of
TVC and LAB in both production runs, with significantly higher counts for these two
populations in production run A starting from the 14th day (Fig. 1C).

Aside from the metabolites potentially related to the impact of EW and the micro-
biological metabolism, the peroxide contents were also quantified, with significant dif-
ferences not observed between the EW treatment and control lots but only between
the two production runs (Table S3). As far as degradation of the myofibrillar protein
fractions, except for a slight proteolysis observed for troponin T after the 14th day, we
could not detect differences associated with the EW treatment or the two production
runs (data not shown). Finally, the data related to proximate composition and the fatty
acid methyl esters (FAMEs) in the lipidic fraction confirmed the differences between
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the meat from the two production runs (A and B), as evidenced by the principal-com-
ponent analysis (PCA) applied to these data (Fig. S4).

Dynamics of spoilage metabolomic biomarkers. A total of 11 volatile organic com-
pounds (VOCs), selected taking into account a previous work on meat treated with EW
(25), were quantified in the headspace of vacuum-packaged steak tartare and showed
increasing concentrations during the storage period. Ethyl-hexanoate, hexanal, and 1-
hexanol represented the most abundant compounds (Table S1). No significant differ-
ences in VOC concentrations were observed between the two treatments or between
the two production runs.

Except for histidine, all free amino acid (FAA) concentrations decreased significantly
during the shelf life and differed at each sampling point between production runs A
and B but not in relation to the EW treatment with 100 ppm of FCC (Table S2). As for
biogenic amines (BAs), we observed after the 7th day of storage an increasing accumu-
lation of tyramine and, to a lesser extent, of tryptamine. In contrast, tyrosine and tryp-
tophan decreased progressively after the 7th day, and their concentrations were there-
fore negatively (false discovery rate-adjusted P value {P [FDR]} of <0.001; Rho < 0.5)
correlated with the derived biogenic amines. Interestingly, this expectable inverse cor-
relation between an amino acid and its derived biogenic amine was not observed for
histidine and histamine, with no changes of histidine concentration during the storage
time. Finally, 2-phenylethylamine was not detected in the samples. Extending the cor-
relation analysis to microbiological dynamics and chemical compounds (VOCs, FAAs,
and BAs), we observed an overall positive correlation (P [FDR] < 0.001; Rho > 0.5)
between LAB/Enterobacteriaceae counts and the presence of tryptamine and tyramine.
Notably, only the LAB counts were positively correlated (P [FDR] < 0.001; Rho > 0.5)
with diacetyl, regardless of the production run or treatment lot (Fig. 2A).

A multivariate PCA of the VOC, FAA, and BA data was performed, and the results
are presented in Fig. 2B. Even with these parameters, a separation of the two series
along the principal-component 2 (PC2) axis is evident, while the storage time affects
the position of the samples along PC1.

Microbiota composition of steak tartare. Following the microbiological and chemi-
cal analyses, we explored the bacterial biodiversity of 46 samples collected during the
product shelf life by the parallel use of operational taxonomic units (OTUs) obtained
through de novo clustering at 97% and amplicon sequence variants (ASVs) (Fig. 3).
Totals of 2,377,251 and 2,516,054 sequences were obtained from the ASV- and OTU-
based pipelines, respectively. The sequences were aligned at 97 and 99% similarity to
reference databases for OTUs and ASVs, respectively; 60% of the ASVs reached the spe-
cies level, while only 40% of the OTUs were assigned to a defined species. In relation to
this difference in the taxonomic resolution, we initially explored the microbiota com-
position at the genus level, or the next level up if genus was not reached. In this
frame, the genera Shigella, Staphylococcus, and Burkholderia were ubiquitous and rep-
resented more than 10% of total average abundance in both the ASV- and OTU-based
taxonomies (Fig. 3A). The microbiota of steak tartare also encompassed Streptococcus,
Stenotrophomonas, Achromobacter, Lactococcus, Pseudomonas, Photobacterium, Luteibacter,
Lactobacillus, Abiotrophia, and Neisseria, which were all found in more than 10 samples. In
relation to the approach used, we observed a higher presence of Staphylococcus in the
ecology based on ASVs (Wilcoxon’s test, P [FDR] < 0.001) and a peculiar presence of
Propionibacterium and Bacilli/Bacillales in the OTU-clustering approach. This different taxo-
nomic assignment was minimally dependent on the database used and mostly related to
the pipeline, as demonstrated by aligning ASVs on the 97% database used for OTU taxon-
omy (Table S4).

Permutational analysis of variance (PERMANOVA) confirmed that the greatest por-
tion of compositional variability was determined by the two different production runs
considered, in both ASV-based (R2 = 0.106; P < 0.001) and OTU-based (R? = 0.130;
P < 0.001) microbiota, while the EW treatment and storage time did not determine
marked changes of bacterial communities (Table 1). In particular, LAB of the genera
Lactococcus-Streptococcus and Gram-negative genera Luteibacter-Neisseria were
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significantly more abundant in production run A, which also showed higher richness
and diversity (Fig. 3B). On the other hand, we observed significantly greater abundan-
ces of Shigella and Burkholderia in production run B.

No significant variations of alpha-diversity parameters or relative abundances were
observed before and after the EW treatment or between meat trimmings and ground
beef in either the control or the treated lot.

As for the inferred metagenome functions, pathway enrichment analysis showed
that 23 metabolic pathways were differentially represented in the two production runs
(GAGE [generally applicable gene set enrichment] statistics, P < 0.001). In particular,
three predicted KEGG pathways for carbohydrate metabolism (map00562, map00040,
and map00500) and three for amino acid metabolism (map00270, map00260, and
map00280) were significantly overrepresented in production run A. Moreover, lipo-
polysaccharide biosynthesis was more highly represented in production run B, while
pathways responsible for peptidoglycan and glycan biosynthesis were more abundant
in production run A (data not shown).

Microdiversity within bacterial communities and links with spoilage biomarkers.
To overcome the resolution limits of the OTU approach, the within-genus microdiversity
of the most abundant OTUs (>1% of average abundance) was investigated at single-
nucleotide-based resolution by oligotyping 1,791,996 paired-end reads from the genera
Staphylococcus, Burkholderia, Shigella, Streptococcus, Lactococcus, Stenotrophomonas,
Photobacterium, Pseudomonas, and Luteibacter, the class Bacilli, and the order Bacillales.
A total of 181 oligotypes belonging to 29 different species were detected, with nine
genera identified that encompassed a maximum of nine species (Pseudomonas) and a
minimum of one species (Paraburkholderia, Stenotrophomonas, and Luteibacter). All oli-
gotypes from Burkholderia OTUs were identified as Paraburkholderia fungorum, whereas
sequences included in the Bacillales and Bacilli OTUs were assigned to different
Staphylococcus species (Table 2). For the genus Shigella and several Staphylococcus oli-
gotypes, it was not possible to reach an unequivocal identification at the species level,
but by investigating their distribution in the set of samples through a SparCC (sparse
correlations for compositional data) cooccurrence analysis, we noticed in the resulting
network graph a homogeneous clustering of their oligotypes (Fig. S5). Overall, the cooc-
currence network highlighted species-specific cooccurrence patterns in most of the oli-
gotyped genera: i.e., oligotypes tended to group in modules as a function of the species
to which they belonged. This is particularly evident for oligotypes assigned to
Lactococcus piscium, Luteibacter rhizovicinus, Paraburkholderia fungorum, Staphylococcus
sciuri, Streptococcus mitis, and Streptococcus sanguinis and, indeed, for two undefined
taxa belonging to the Shigella and Staphylococcus genera. Since oligotypes of the same
taxa distributed in the same samples likely indicate the presence of a homogeneous
ecotype, the oligotype frequencies were cumulated in each species-specific module by
considering them as single biological entities in the following analysis. Overall, all spe-
cies were present in both production runs, except for Lactococcus lactis oligotypes,
which were found only in production run A.

Noteworthy at the species level was the similarity between the relative abundance
profiles produced by the oligotyped OTUs and ASVs. Despite the pipelines used to gen-
erate the sequences and the alignments performed on different databases, we observed
similar sets of predominant species, namely, Lactococcus piscium, Staphylococcus
sciuri, Photobacterium phosphoreum, and Luteibacter rhizovicinus. For other taxa,
such as Streptococcus and Stenotrophomonas, the species assignments were more
discordant (Fig. S6).

FIG 2 Legend (Continued)

organic compounds (VOCs). For colors of nodes, refer to the key. Colors of the edges indicate positive (green, Rho > 0.5) and
negative (red, Rho < —0.5) correlations, and thickness is proportional to the absolute Rho value. Node dimension and edge lengths
have no specific meaning. (B) PCA obtained by using VOC, FAA, and BA data. PCA score scatterplots of data for meat samples (C,
control; EW, treated). The PCA model was obtained with the first two principal components, which explained 69 and 66% of the
total response variance.
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FIG 3 Compositional microbiota of steak tartare. (A) Taxonomic rank levels achieved by ASV- and OTU-based approaches, expressed as percentages of
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TABLE 1 Variance in biological dissimilarity among bacterial communities explained by each
categorical variable (production run, time, and lot) or their interactions®

ASVs OTUs
Explanatory variable(s)® R? P value© R? P value
Single variable
Production run (A, B) 0.106 0.001* 0.130 0.001*
Time (BG, GB, T0O, T0O1, T06, T14, T21) 0.097 0.434 0.095 0.362
Treatment lot (control, EW) 0.045 0.009 0.053 0.005
Interaction
Treatment lot x production run 0.028 0.111 0.025 0.152
Treatment lot x time 0.092 0.594 0.099 0.284
Production run x time 0.087 0.255 0.103 0.054
Treatment lot x production run x time 0.081 0.375 0.062 0.696

aVariance explained (R?) and statistical significance (P value) quantified by permutational analysis of variance
(PERMANOVA) test of Bray-Curtis dissimilarity.

bBG, before grinding; GB, ground beef; TO, T01, T06, T14, T21, storage times (days); EW, electrolyzed water
treatment.

<Since P values result from a 999-permutation test, they are only reported as significant (*) down to 0.001.

Lactococcus and Photobacterium were significantly, if not exclusively present after
the end of the product shelf life, regardless of the approach used (Fig. 4). Noticeably,
the OTU-based approach could not discriminate at the species level within the genus
Lactococcus, while ASVs and oligotyping highlighted the specific presence of
Lactococcus piscium only from the 14th day of storage and regardless of the produc-
tion run of origin.

Regarding links among bacteria and the metabolites potentially produced by their
anabolic and catabolic activities, we investigated the existing correlations between
FAA, BA, and VOC concentrations and the compositional microbiota of steak tartare
at the highest taxonomic ranks achievable, respectively by OTUs, oligotypes, and ASVs
(Fig. 5). Regardless of the approach used, the relative abundances of Shigella species and
Luteibacter rhizovicinus were positively and negatively correlated (P [FDR] < 0.001),
respectively, with the presence of histamine. On the other hand, only comparing oligo-
type and ASV abundances with FAA and BA abundances, we could appreciate a signifi-
cant correlation (P [FDR] < 0.001) between Lactococcus piscium and the reduction of
tryptophan/tyrosine, as well as the subsequent accumulation of tryptamine/tyramine.
Tyramine accumulation was positively correlated with Photobacterium phosphoreum
ASVs also and, to a lesser extent, with all oligotypes identified in the Photobacterium ge-
nus (P [FDR] < 0.05). In accordance with the high concentrations of hexanal shown in
the late stages of storage, this aldehyde showed the highest number of positive correla-
tions with dominant taxa in the final storage period. Taking into account the aforemen-
tioned correlation between diacetyl and LAB viable counts, it is remarkable that
Lactococcus piscium oligotypes were positively correlated (P [FDR] < 0.01) with the accu-
mulation of this ketone in the steak tartare.

DISCUSSION

This study aimed to provide a comprehensive scenario of the impact exerted by a
pregrinding treatment with EW on two different production runs of Piedmontese steak
tartare. For this purpose, the microbiota evolution was monitored during the shelf life
in vacuum packaging by using RNA-based metataxonomic analysis at the highest reso-
lution achievable and was matched to the spoilage biomarkers detected.

The antimicrobial activity of this treatment on meat trimmings has been preliminar-
ily proven in vitro and then confirmed in situ by an overall decrease of spoilage bacteria

FIG 3 Legend (Continued)

abundances of ASVs and OTUs in percentages) at the genus level, as shown in the color key; samples are sequentially grouped according to the sampling
points (BG, before grinding; GB, ground beef; and T, storage time [days]), lots (control and EW), and production runs (A and B). (B) Box plots of Log-
transformed abundances (ASVs and OTUs) of the core genera in the two production runs; P value of Wilcoxon’s test [FDR adjusted] is displayed.
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TABLE 2 Numbers of oligotypes and the species they belong to present in the selected core OTUs?

OTU identity No. of No. of No. of Cooccurrence module or % of sequences
(no. of oligotypes) sequences taxa Oligotype identity (no.) sequences ungrouped oligotypes (no.)  represented
Lactococcus (14) 120,311 2 Lactococcus lactis (8) 18,415 M5 (1) 53.1
Ungrouped (7) 46.9
Lactococcus piscium (6) 101,896 M4 (6) 100.0
Luteibacter (10) 57,229 1 Luteibacter rhizovicinus (10) 57,229 M5 (8) 96.1
Ungrouped (2) 39
Burkholderia (26) 241,380 1 Paraburkholderia fungorum (26) 241,380 M1 (23) 99.9
Ungrouped (3) 0.1
Photobacterium (20) 132,246 3 Photobacterium carnosum (6) 57,529 M7 (2) 31.7
Ungrouped (4) 68.3
Photobacterium iliopiscarium (9) 32,702 M7 (5) 14.9
Ungrouped (4) 85.1
Photobacterium phosphoreum (5) 42,015 M7 (5) 100.0
Pseudomonas (16) 72,770 9 Pseudomonas asturiensis (1) 83 Ungrouped (1) 100.0
Pseudomonas caeni (1) 1,094 Ungrouped (1) 100.0
Pseudomonas chengduensis (1) 93 Ungrouped (1) 100.0
Pseudomonas fragi (1) 579 MO (1) 100.0
Pseudomonas migulae (1) 819 Ungrouped (1) 100.0
Pseudomonas paralactis (1) 1,666 Ungrouped (1) 100.0
Pseudomonas psychrophila (2) 7,808 Mo (1) 423
Ungrouped (1) 57.7
Pseudomonas turukhanskensis (5) 27,223 M10 (4) 994
Ungrouped (1) 0.6
Pseudomonas veronii (3) 33,405 M8 (3) 100.0
Shigella (18) 299,714 1 Shigella sonnei/flexneri (18) 299,714 M11 (18) 100.0
Bacillales (12) 57,933 3 Staphylococcus cohnii (1) 163 Ungrouped (1) 100.0
Staphylococcus saprophyticus (10) 56,667 M2 (1) 0.2
Ungrouped (9) 99.8
Staphylococcus xylosus (1) 1,103 Ungrouped (1) 100.0
Bacilli (8) 312,322 2 Staphylococcus aureus/simiae (7) 311,291 MO (1) 0.1
Ungrouped (6) 99.9
Staphylococcus capitis/caprae (1) 1,031 Ungrouped (1) 100.0
Staphylococcus (20) 277,571 5 Staphylococcus aureus/simiae (2) 12,380 MO (1) 97.7
Ungrouped (1) 23
Staphylococcus cohnii (1) 882 M2 (1) 100.0
Staphylococcus saprophyticus (1) 10,998 Ungrouped (1) 100.0
Staphylococcus sciuri (15) 252,708 M12 (14) 99.9
Ungrouped (1) 0.1
Staphylococcus warneri (1) 603 Ungrouped (1) 100.0
Stenotrophomonas (18) 88,541 1 Stenotrophomonas pavanii (18) 88,541 M13 (8) 489
M14 (4) 303
M15 (4) 20.6
Ungrouped (2) 0.2
Streptococcus (19) 131,979 4 Streptococcus cristatus (1) 528 M17 (1) 100.0
Streptococcus mitis (10) 93,558 M16 (8) 98.3
Ungrouped (2) 1.7
Streptococcus salivarius (1) 1,473 Ungrouped (1) 100.0
Streptococcus sanguinis (7) 36,420 M17 (7) 100.0

aCore OTUs were those with >1% average abundance; OTUs were determined to the genus level or the next higher level. Highly cooccurring oligotypes were detected by
analyzing the SparCC network topology (Fig. 4) through the algorithm described in reference 84 and grouped in modules (Fig. S3).

on meat surfaces. Unlike our previous survey, in which the same EW treatment applied
by spraying did not modify the beef color (25), here, the immersion of trimmings
caused a color modification that would discourage the use of such an approach when
the meat processing does not include a subsequent manipulation (grinding, cooking,
or mixing with ingredients) that could likely mask this side effect (32). With regard to
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FIG 4 Distribution of OTUs, oligotypes, and ASVs assigned to Lactococcus and Photobacterium species in the first week
of shelf life and in the expired product. Log-transformed abundances of ASVs, OTUs and oligotypes (grouped in each
species by cooccurring modules) are shown. The P values of Wilcoxon's test [FDR adjusted] are displayed and highlight
significant differences between days 0 and 6 and days 14 to 21, regardless of the production run of origin, which are
displayed with red (production run A) and cyan (production run B) box plots.

other potential side effects, the treatment did not increase peroxide formation or deg-
radation of the protein structure, confirming the positive outcomes previously
observed in chicken breasts and frozen beef treated with different types of EW (15, 24,
30, 33). The main safety risk in using chlorinated water on foods was excluded too,
since chlorate residues were not detectable and, thus, largely below the limit imposed
by the European Food Safety Authority (34).

In spite of this significant but slight decontamination prior to grinding, the even-
ness of the counts between treated and untreated ground beef highlighted the poor
suitability of this approach for overall improvement of the microbiological quality of
steak tartare and extension of its shelf life. Meat grinders are a well-recognized source
of contamination and biofilms (35-37); however, the low superficial counts on the
grinder used here before the production runs and the unaltered microbiota composi-
tion of the meat after grinding lead us to exclude the direct contribution of this proc-
essing step in the microbiological levelling between treatment lots. Moreover, these
results confirm the minimal or momentary impact of the grinding step in the final
ground beef microbiota composition and counts (38).

As far as the direct bactericidal effect of EW is concerned, chlorine-based disinfec-
tants have been proven to promote in several bacteria the viable but nonculturable
(VBNC) state, a stress condition that determines a reduced cultivability and may lead to
overestimation of the immediate impact of any disinfection treatment in terms of
microbiological counts (39-42). Moreover, a recent metadata analysis highlighted the
lower decontamination capability of EW treatments on muscle meat in comparison
with their effects on drier and more-smooth-surfaced foods (eggs and vegetables),
regardless of the FCC, time, and temperature of the treatments performed (43). A lower
effectiveness is likely due to the higher protein content of meat exudates, which can
act as a protective layer and limit the direct oxidation of surface microbiota (27). In this
frame, induction to VBNC status might have caused the transient effectiveness
observed on meat trimmings, since the resuscitation from this metabolic condition can
take place in the treated food when optimal conditions are quickly restored (44, 45).
Indeed, bacterial translocation from treated meat surfaces to ground beef can offer a
greater availability of space and nutrients, together with major protection from EW-
induced oxidation. It is important to underline that our results do not exclude a priori the
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potential efficacy of this and other similar oxidizing treatments toward specific pathogens
in highly contaminated or experimentally inoculated meats (10, 46). Nevertheless, tar-
geted pathogen inhibition and VBNC induction are aspects beyond the scope of this
untargeted observational study of the potentially active microbiota.

Likely due to the transitory, short-term effect, the spoilage dynamics of the steak
tartare were not significantly impacted by the initial EW immersion. The composition
of the potentially active microbiota differed significantly between the two production
runs from the first day, and minimal longitudinal changes were observed during the
time course. In parallel, viable counts and metabolite dynamics were distinct between
the production runs, but only after the first week of vacuum storage could we observe
an acceleration of spoilage dynamics in production run A, both in terms of LAB growth
and metabolite production. The high batch-to-batch microbiota diversity is not surpris-
ing for minimally processed food like ground beef (9, 25, 38), since it is strongly related
to different contaminations occurring on carcasses or primal cuts during the slaughter-
ing and dissection stages (47).

More intriguing is the limited temporal succession of taxa observed during the first
week of storage. Such temporal succession has largely been described in vacuum-
packaged meat and is characterized by the gradual shift from a highly diversified
microbiota with several aerobic and Gram-negative organisms toward a less miscella-
neous ecology dominated by a few Gram-positive organisms, mainly lactic acid bacte-
ria (47-49). Reduction of biodiversity and the establishment of an oligarchic microbiota
are clear starting signals of spoilage phenomena and form a prelude to the subsequent
increase of viable counts and perceptible organoleptic alterations (38, 50, 51). These
considerations, together with the microbiological counts and chemical data, high-
lighted that both production runs did not spoil within the shelf life and were substan-
tially acceptable beyond its end as well; for instance, among the VOCs, only ethyl-hexa-
noate was over the threshold of sensory perception on the 20th day (52).

However, the increase in Lactococcus piscium abundance at the end of the shelf life,
as well as its correlation with catabolism of two amino acids and diacetyl production,
pointed out an initiating spoilage phase led by this species. This psychrotrophic LAB is
the only member of the genus Lactococcus with recognized spoilage activity, exerted
in the late phases of cold storage by dominating the microbiota of vacuum-packaged
meats (53-55). In particular, it metabolizes acetoin and diacetyl from amino acids and
glycerol when glucose has already been consumed by other LAB species with faster-
growing phenotypes (51, 56). In relation to this slow-growing spoilage strategy, its lim-
ited detectability in plate counts with incubation over 30°C, and its presence in both
production runs, the development of Lactococcus piscium was not a determinant of
the different microbiological dynamics of spoilage populations observed in production
runs A and B. In particular, microbiological counts highlighted a faster spoilage
dynamic in production run A. Photobacterium phosphoreum was another endpoint indi-
cator of ground beef shelf life in both production runs. Its increasing presence was
observed in the late storage phases and was strongly correlated with biogenic amine
production, in agreement with the outcomes of targeted investigations of this biolumi-
nescent bacterium (57, 58). Therefore, the distinctive signals of faster spoilage in pro-
duction run A were present from the earliest shelf life stages, including the greater mi-
crobial complexity, the higher presence of Firmicutes, particularly Streptococcus, and
the overrepresentation of inferred pathways of carbohydrate metabolism (12, 38).

While taking into account its dimensional limitations, our applied investigation sug-
gests the relevance of production run-by-production run metataxonomic profiling as a
strategy to foresee the maximal storage period of each product batch, an untargeted
microbiota profiling that has to be performed at the highest taxonomic resolution to
be fully informative for microbial habitats like foodstuffs, in which a few phylogeneti-
cally close and recurring species are responsible for the spoilage dynamics (59). In this
frame, the parallel use of three bioinformatic pipelines has confirmed all taxonomic-
rank resolution limits of the traditional OTU clustering approach in comparison with
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paired-end assembling of ASVs (60, 61). Indeed, although the OTU and ASV approaches
showed a high degree of agreement in terms of the main taxon composition and alpha
diversity metrics (62, 63), going deeply into the microdiversity, a lack of resolution was
observed for the OTU approach, regardless of the final database used, and it was only
partially improved by the subsequent oligotyping.

Undoubtedly, our untargeted survey also showed limits of resolution as a whole,
mainly in terms of the detection of pathogens and their certain identification. For
instance, we could not depict the microdiversity within the Shigella genus, which can
potentially harbor pathogenic species, and this genus was highly abundant in all
ground beef samples. This is not surprising, since it is even difficult to discriminate
between Shigella and Escherichia at the genus level if only single genes are used as tax-
onomic keys (64, 65). However, the oligotype cooccurrence analysis has highlighted in
this product an Escherichia/Shigella population homogeneously distributed in all sam-
ples that likely encompasses a unique ecotype/species not identifiable on the basis of
the 16S gene (13, 66, 67). As far as the presence of other pathogens typically present in
ground beef, we did not detect Listeria spp., regardless of the bioinformatic pipeline
used, while we excluded the presence of the Burkholderia cepacia pathogen complex
through OTU-, oligotyping-, and ASV-based analysis (68).

In summary, with the main purpose being to investigate the microbiological impact
of this pregrinding decontamination treatment in the short and long term, we charac-
terized the potentially active microbiota of two Piedmontese steak tartare production
runs. Considering the different microbiota compositions of the two production runs
from the early storage stages and their distinct final conditions of spoilage as proof-of-
concept, we can reason that each production run might undergo faster or slower spoil-
age as a function of its initial metataxonomic profile. Therefore, more extensive investi-
gations on a wide set of production runs at the RNA and DNA levels are now needed,
in order to create a benchmark database of those profiles that can alternatively boost
or slow down the spoilage dynamic of each product batch. This kind of approach will
likely lead to the ability to predict and maximize the shelf life of highly perishable
foods like ground beef.

MATERIALS AND METHODS

Meat processing, EW preparation, and experimental treatments. The experiments were performed
in a local processing plant (Piedmont, Italy) in which Piedmontese steak tartare is produced from three
types of beef cuts (rump, thick flank, and sirloin) of adult females of the Piedmontese breed (Bos taurus;
>30 months of age and >15 days of beef carcass aging). Briefly, the beef cuts are dissected from the
carcass quarter, manually portioned into regular trimmings (~500-g pieces), mixed, roughly ground by a
single passage in a screw grinder (TCM grinder; Omet Foodtech srl, S, Italy), and directly vacuum packed
(120 = 10 g each) in transparent linear low-density polyethylene bags (LLDPE) (oxygen transmission of
0.83 cm3>m~2h~" at 23°C, 30 cm by 30 cm) without operator handling or the addition of ingredients or
preservatives. The expiration date after 14 days of vacuum storage at 4°C was fixed by the producer.

In this frame, experimental decontaminations of the meat trimmings with EW were performed in situ
before the grinding step. The EW was freshly produced the day before the experiments in a nonmem-
brane generator (Eva system 100; De Nora S.P.A., Milan, Italy) by electrolysis of a 4-g/liter solution of KCl
and diluted in distilled water to reach the desired final available free chlorine concentration (FCC), which
was set to 100 = 2.10 ppm (pH 8.55 = 0.10, 11.5°C = 1.0°C, oxidation reduction potential of 735 to 740)
after preliminary in vitro evaluation of decontamination efficiency on meat trimmings. The analyses of
FCCin EW and total chlorate residues in treated meat were performed by the Laemme Group (Tentamus
Company, Moncalieri, Italy) following ISO 7393-2:2017 and I1SO 10304-4:1997.

In practice, two production runs were followed, in July (production run A) and August (production
run B) 2019, each constituted by two replicates (~5 kg each; different carcass quarter of origin), equally
divided into two parts, (i) a treated lot, in which meat trimmings were immerged in EW solution (wt/vol
ratio of 1:10) for 90 s in a stainless-steel basket with continuous stirring, air dried for 1 min, and then
ground, and (ii) an untreated control lot (Fig. S1). Surfaces in contact with meat trimmings (the inside of
the meat grinder and the basket for the immersion) were cleaned and sanitized before the treatment
and grinding of each lot by following the routine company procedures of an initial washing with high-
pressure water, washing in foaming alkaline-free chlorine detergent (pH 13, >350 ppm free chlorine, 30
min), and a final rinse. To assess the cleaning-sanitizing efficacy and quantify the environmental contam-
ination of meat contact surfaces, swabs were collected from the stainless-steel basket (n = 3) and from
inside the meat grinder (n = 5) before the treatment of each lot. Knives, chopping boards, and the opera-
tor's gloves were not considered for swabs since the cutting of meat trimmings was prior to the start of
the experiment.
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Meat trimmings were sampled by swabbing the surface before grinding (BG) (n = 3; 10 cm?) and im-
mediately after grinding (ground beef [GB]) but before packaging. Around 40 vacuum packages were
produced and stored at 4.0 = 0.5°C without light exposure, and sampling was performed at 1, 7, 14, and
21 days. At each sampling point, two bags were sampled: one was immediately subjected to microbio-
logical analysis, and one stored at —80°C for further physicochemical analysis.

Microbiological analysis. The swabs were supplemented with 5 ml of buffered peptone water
(BPW), manually mixed for 2 min, and squeezed, extracting approximately 10 ml of suspension. Serial
dilutions were set up from swab extracts and minced meat samples (10 g of meat in 90 ml of BPW), and
microbial counts were performed as follows: total viable counts (TVC) of mesophilic bacteria on plate
count agar incubated for 72 h at 30°C, Brochothrix spp. on STAA (streptomycin sulphate, thallous acetate,
and actidione [cycloheximide]) medium incubated at 25°C for 48 h, Pseudomonas spp. on Pseudomonas
agar base with cetrimide-fucidin-cephaloridine (CFC) selective supplement incubated at 25°C for 48 h,
lactic acid bacteria (LAB) on De Man-Rogosa-Sharpe (MRS) agar incubated for 72 h at 30°C, and
Enterobacteriaceae on violet red bile glucose agar (VRBGA) incubated for 24 h at 37°C. All media and sup-
plements were provided by Biolife s.p.a. (Milan, Italy) unless otherwise stated.

An aliquot of 5 ml from each sample was centrifuged, and the pellet was collected and stored with
RNAlater (Ambion; Thermo Scientific, Milan, Italy) at —80°C until RNA extraction and amplicon-based
sequencing analysis were performed.

Proximate composition, FAME pattern, and peroxide value. The moisture content was determined
using a Sartorius MA30 thermo-balance (Sartorius AG, Géttingen, Germany). The total nitrogen content
and total protein content (conversion factor, 6.25) were obtained according to the Kjeldahl method,
using Kjeltec system | (Foss Tecator AB, Hoganas, Sweden). The lipid fraction was determined on previ-
ously freeze-dried samples, using a semiautomatic Soxhlet Biichi extraction system B-811 (Blchi
Labortechnik AG, Flawil, Switzerland) for 12 h, employing dichloromethane as the solvent.

Fatty acid methyl esters (FAMEs) were obtained by transesterification of triglycerides (200 ul) as pre-
viously described (69). FAMEs were analyzed on a Thermo Trace 1300 gas chromatograph (GC) equipped
with a flame ionization detector (FID) and a split-splitless injector, using a DB23 column (30 m, inner di-
ameter of 0.25 mm, and film thickness of 0.25 um; J&W Scientific). Hydrogen was used as the gas carrier,
with a flux of 1.5 ml/min. The injector and the detector were operated at 250°C and 350°C, respectively,
and the temperature ramp was 5°C/min. The identification was obtained by comparing the retention
times obtained from a mixture of 37 FAME standards (Supelco).

In order to determine the peroxide values of all the samples, a spectrophotometric method described
previously (70) was applied. An amount of lipid of between 0.01 g and 0.3 g was weighed in a 10-ml glass
tube, and 9.9 ml of chloroform-methanol mixture (7:3, vol/vol) and 50 wl of ammonium thiocyanate solu-
tion (30%, wt/vol) were added. The sample was vortexed for 5 s. Then, 50 ul of iron(ll) chloride solution
(2 mg/ml acidified with 2 ul of 10 M HCl) was added and the sample was vortexed for 5 s and incubated for
5 min at room temperature in the dark. Then, the absorbance was determined at 500 nm against a blank
containing all reagents except the sample using a spectrophotometer (Shimadzu UV-1900).

Analysis of VOCs. (i) SPME of VOCs. Fiber coated with divinylbenzene/carboxen/polydimethylsilox-
ane (Supelco solid-phase microextraction [SPME] fiber assembly 50/30 wm DVB/CAR/PDMS) was used
for the adsorption of volatile organic compounds. About 1.5 g of fresh sample was inserted into a 10-ml
vial, and 50 ul of a 1-mg/liter camphor solution was added as the internal standard. The vial was then
sealed with a cap fitted with a polytetrafluoroethylene (PTFE)/silicone pierceable septum. The prepared
sample was incubated in a water bath at a temperature of 40°C for 15 min, after which the fiber was
exposed in the headspace at a temperature of 40°C for 30 min.

(ii) Detection of volatile organic compounds using GC-FID. A Thermo TRACE 1300 gas chromato-
graph (GC) (Thermo Finningan, Rodano, Milan, Italy) equipped with a FID and a split-splitless injector
was used. A low-polarity DB-5 Agilent Technologies column (30 m by 0.25 mm by 0.25 um) (J&W
Scientific, Folsom, CA) with a 95% dimethyl, 5% phenyl, polymethylsiloxane stationary phase was used.
The injector and the detector were operated at 250°C and 350°C, respectively. Thermal desorption of the
compounds from the SPME fiber was carried out in the splitless mode (split flow, 12.0 ml/min; splitless
time, 2 min). Hydrogen was the carrier gas, with a constant flow rate of 1.2 ml/min. The oven was held
at 50°C for 2 min and then heated to 220°C at a speed of 5°C/min and kept constant for 5 min. The over-
all timing of the analysis was 41 min. The VOC identification was obtained by comparison with the elution
times and retention indexes of 11 standards (ethyl lactate, ethyl acetate, ethyl butyrate, ethyl hexanoate,
benzaldehyde, hexanal, 1-pentanol, 1-hexanol, 2,3-butanedione, 3-methyl-1-butanol, and acetoin), chosen
on the basis of the evidence of their significant changes in meat matrices subjected to various methods of
conservation (25). The quantities of the volatiles were estimated by comparison of their peak areas with
that of the camphor internal standard using area normalization.

Amino acid and biogenic amine determination. (i) Preparations of samples and standards. Eighty-
five milliliters of ultrapure water (18.2 MQ-cm at 25°C) was added to 10 g of lyophilized and defatted
meat sample and the mixture homogenized for 2 min with an Ultra-Turrax (Ultra-Turrax T25 basic; IKA).
Five milliliters of 100% trichloroacetic acid (TCA) (wt/vol) was added, and the mixture left to rest for 5
min. After filtration, an aliquot of 50 ml was extracted with ether (15 ml 3 times) in order to remove lipids
and excess TCA. The aqueous solution (after removing traces of ether in a Rotovapor) was adjusted to
50 ml with ultrapure water and filtered through a 0.45-um MS mixed cellulose ester (MCE) syringe filter
before high-performance liquid chromatography (HPLC) analysis. The standard solutions of amines and
precursor amino acids were prepared by dissolving each compound in HPLC-grade water.

(ii) Chromatographic conditions. For the chromatographic analyses, a validated ion-pair HPLC
method was applied (71), with slight modifications. A C,; reverse-phase Spherisorb S5 ODS 2 column
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(Phase Separation, Inc., Deeside, Clwyd, United Kingdom) (250-mm by 4.6-mm inner diameter, particle
size 5 wm) was used. The ion pair reagent, heptanesulfonate/ortho-phosphate, was prepared by dissolv-
ing heptanesulfonate and phosphate (KH,PO,) in ultrapure water and adjusting the pH to 3.5 with
ortho-phosphoric acid; octylamine (another ion-pairing reagent) was used at a low concentration (20 ul/
liter solution) as a second ion-pairing reagent (eluant 1). Methanol was employed as an organic modifier
(eluant 2). Mobile phases were filtered and degassed before use. Conditions were as follows. Pump A,
eluant 1 (heptanesulfonate, 10 mM; phosphate, 10 mM). Pump B, HPLC-grade methanol. Gradients:
100% pump A for 1 min; pump B from 0% to 26% in 5.25 min; pump B from 26% to 35% in 9 min; pump
B from 35% to 42% in 1.5 min; pump B at 42% for 24 min; pump A at 100% for 10.40 min. Rate of flow,
1 ml/min. Detection (UV and diode-array detection [DAD]) at 215 nm. The column was kept at 27°C dur-
ing the analyses (71).

RNA extraction, cDNA synthesis, and amplicon-based sequencing. Total RNA was extracted using
the MasterPure complete DNA and RNA purification kit (Epicentre, Madison, WI, USA) according to the
manufacturer’s instructions. Three microliters of Turbo DNase (Ambion) were added to digest the DNA
in the RNA samples, with an incubation of 3 h at 37°C. The complete denaturation of genomic DNA
(gDNA) was confirmed by PCR amplification of the partial 16S rRNA gene, using forward primer FD1 and
reverse primer RD1 (72). The quality of the extracted RNA was evaluated and quantified using a
NanoDrop spectrophotometer (Thermo Scientific, Milan, Italy). Two samples of production run B were
excluded due to the low RNA quality and amount (from ground beef at 0 and 14 days). The cDNA was
synthesized from 2 ug of RNA with the Moloney murine leukemia virus (M-MLV) reverse transcriptase
system (Promega, Milan, Italy), and a library of the V3-V4 region was constructed from the 16S rRNA
gene region using previously described primers and conditions (25).

The PCR products were purified by means of an Agencourt AMPure kit (Beckman Coulter, Milan,
Italy), and the resulting products were tagged with sequencing adapters using the Nextera XT library
preparation kit (Illumina, Inc., San Diego, CA) according to the manufacturer’s instructions. Sequencing
was performed using a MiSeq lllumina instrument (lllumina) with V3 chemistry, which generated
2 x 250-bp paired-end reads. MiSeq Control Software version 2.3.0.3, RTA version 1.18.42.0, and
CASAVA version 1.8.2 were used for the base-calling and Illlumina barcode demultiplexing processes.

Bioinformatic analysis. A total of 4,397,672 raw reads obtained from 46 samples were subsequently
processed through two bioinformatic pipelines to obtain, in parallel, amplicon sequence variants (ASVs)
with the divisive amplicon denoising algorithm (DADA2) and operational taxonomic units (OTUs)
through de novo clustering at 97%.

To obtain the ASVs, the reads in FASTQ format were analyzed through the DADA2 package in the R
environment (73). Briefly, 2,821,250 single-end reads passed the quality-filtering parameters applied
[truncLen=c(245,240); trimLeft = c(20); maxN = 0; maxEE=c(2); truncQ = 5; minLen = ¢(50)] with an aver-
age value of 61,332 reads/sample and thus were merged (minimum overlap of 20 bp) and subjected to
de novo chimera removal (per-sample method; 9.7% of merged sequences were detected as chimeras
and removed). OTU clustering was performed from paired-end reads assembled with FLASH software
(74) and further quality filtered (at Phred < Q20) with QIIME 1.9.0 software (75). Chimeras were removed
through VSEARCH software (https://github.com/torognes/vsearch), and OTUs were picked at a 97% simi-
larity threshold by UCLUST algorithms (76). A total of 3,529,815 reads passed the filters applied by QIIME
(68,526 reads/sample).

ASV taxonomy was assigned at 99% sequence similarity through the Bayesian classifier method (77)
by using the 2019 release Silva reference database of 16S rRNA for bacterial ASVs (https://www.arb-silva
.de/documentation/release-138). To assign the OTU taxonomy, the centroid sequences of each cluster
were matched at 97% similarity to the 2013 version of the Greengenes 16S rRNA gene database (GG97;
https://drive5.com/usearch/manual/download_gg97.html), as suggested for this approach. ASVs were
also aligned to the GG97 database as a cross-check, while the alignment of representative OTUs against
the 99% Silva database was not performed due to the lower percentage of OTU clustering used (97%).
Both ASV and representative OTU sequences were aligned with PyNAST (78), and unrooted phylogenetic
trees were constructed with FastTree (79) to allow further phylogenetic analysis.

Within-OTU diversity was resolved by using an oligotyping procedure described previously (80). Briefly,
all reads assigned to the most abundant OTUs were extracted and shortened to 445 bp by two trimming
steps, as follows: (i) the length was shortened to 457 bases and (ii) the first 13 bases were removed from
the 3’ end. Shannon’s entropy analysis was performed in order to identify positional variations at the sin-
gle-nucleotide level. The list of OTUs oligotyped (taxonomic assignment), initial number of reads, average
Shannon'’s entropy values, high entropy positions chosen (-C option; Shannon’s entropy >0.2), and mini-
mum substantive abundances (-M option) are summarized in Table S5. Moreover, each oligotype was
required to appear in at least one sample at 1.0% of abundance (-a option) to reduce the noise generated
by low-abundance oligotypes. BLASTn (https://blast.ncbi.nim.nih.gov/Blast.cgi) was used to query the repre-
sentative oligotype sequences against the NCBI database, and the top hits (higher percent identities) were
considered for taxonomic assignment at the species level; when multiple assignments at the species level
were obtained, the oligotype taxonomy was assigned at the genus level.

Metagenome inference was performed with PICRUSt (81): gene family abundances were predicted,
and KEGG orthologs were then collapsed at level 3 of the hierarchy.

Statistics. Statistical analyses and data plotting were performed using R program for Statistical
Computing 4.1.0 (http://www.r-project.org).

Normality and homogeneity of the data (Log-transformed abundances, viable counts, and BA, FAA,
and VOC concentrations) were checked by means of Shapiro-Wilk's W and Levene’s tests, respectively.
To assess the overall variation and differences between multiple groups, one-way analysis of variance
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(ANOVA) coupled with Tukey’s post hoc test was carried out for parametric data. For nonparametric
data, the Kruskal-Wallis test was used to assess the overall variation and differences between multiple
groups, whereas Wilcoxon’s test was used to compare individual groups. For the PCA, the data were
scaled to unit variance and the FactoMineR package was employed.

Alpha diversity metrics (observed species, abundance-based coverage estimator [ACE], Shannon,
Simpson, Fisher, and phylogenetic diversity [PD] whole tree) and weighted UniFrac beta-diversity dis-
tance were calculated with the phyloseq package (82) from rarefied OTU and ASV tables (the rarefaction
limit was determined by the sample containing the lowest number of sequences) and the respective
phylogenetic trees when needed. Permutational analysis of variance (PERMANOVA) was conducted on
the original ASV and OTU frequency tables to quantitatively evaluate the effects of time, production run,
and treatment (individually or interactively) on the variation of bacterial community composition (rela-
tive abundances) by using the ADONIS function based on 999 permutations and Bray-Curtis dissimilarity
distance.

To construct the oligotype cooccurrence network, the SparCC algorithm (83) was run with default pa-
rameters and 100 bootstraps using the R package SpiecEasi. Pseudo-P values were calculated as the propor-
tion of simulated bootstrapped datasets; only highly significant positive correlations were used to infer the
network (SparCC correlation of >0.6 and P values of <0.001). The oligotype network was visualized using
the program Gephi 0.9.2-beta (https://gephi.org), and the presence of recurrent subnetwork modules
(groups of oligotypes that are covarying) was detected through the algorithm described in reference 84.

Metataxonomic data (OTU, ASV, and oligotype abundances) and viable counts were correlated with
chemical data (AB, FAA, and VOCs) by means of Pearson’s product-moment correlation and Spearman’s
rank correlation, respectively. An abundance table of predicted metagenomes was imported in the GAGE
Bioconductor package (85) to identify biological pathways significantly (P < 0.001) overrepresented or
underrepresented in the two treatment lots (control and EW treated) and production runs (A and B).

Data availability. Sequencing data were deposited at the Sequence Read Archive of the National
Center for Biotechnology Information under BioProject accession number PRINA734136.

SUPPLEMENTAL MATERIAL

Supplemental material is available online only.
SUPPLEMENTAL FILE 1, PDF file, 2 MB.

ACKNOWLEDGMENTS

This study was funded by the Piedmont Region, Italy, through the P.O.R. FESR 2014-
2020 financing system, under European Commission decision no. C (2017) 6892. (Meat
Extend project).

We thank Daniele Sconfienza and Medina Meti (Polo AGRIFOOD M.L.A.C. Scpa), as
well as Gianluca Piana and Fabiano Travaglia (DSF-UniUPO), for their invaluable help
during the experiments and analysis. We are also grateful to Simone Pagliasso for the
collaboration and to Cristian Carboni (Industrie De Nora S.p.a) for the valuable and
practical suggestions during the preliminary experimental planning.

C.B., J.D.C, KR.M.A, and L.C. designed the experiments and conducted the research.
C.B. performed in vitro and in situ experimental treatments. A.C. and A.P. performed the
chemical and microbiological analyses, respectively. C.B. performed the RNA extraction
and cDNA synthesis, while LF. carried out the 16S rRNA gene sequencing. C.B., J.D.C,
and A.C. carried out the data analysis. C.B. generated the manuscript figures and wrote
the main manuscript text. All authors read and approved the final manuscript.

REFERENCES

&,  Microbiolos
% Spectrur Y

1. Egelandsdal B, Oostindjer M, Hovland EM, Okholm B, Saarem K, Bjerke F,

Ruud L, Grabez V, Haug A. 2020. Identifying labelling and marketing advan-
tages of nutrients in minced beef meat: a case study. Meat Sci 159:107920.
https://doi.org/10.1016/j.meatsci.2019.107920.

. Bohrer BM. 2017. Review: nutrient density and nutritional value of meat
products and non-meat foods high in protein. Trends Food Sci Technol
65:103-112. https://doi.org/10.1016/j.tifs.2017.04.016.

3. Tirloni E, Bernardi C, Stella S. 2020. Shelf life and growth potential of Liste-

ria monocytogenes in steak tartare. Food Sci Technol 118:108807. https://
doi.org/10.1016/j.Iwt.2019.108807.

. Greenland K, Jager C, De Heuvelink A, Van Der Zwaluw K, Heck M,
Notermans D, Van Pelt W, Friesema I. 2009. Nationwide outbreak of STEC-
0157 infection in the Netherlands, December 2008-January 2009: contin-
uous risk of consuming raw beef products. Euro Surveill 14:19129.

. WHO/FAO. 2011. Enterohaemorrhagic Escherichia coli in raw beef and
beef products: approaches for the provision of scientific advice: meeting

Volume 9 Issue3 e01751-21

report. Microbiological risk assessment series 18. World Health Organiza-
tion, Geneva, Switzerland.

. Delhalle L, Korsak N, Taminiau B, Nezer C, Burteau S, Delcenserie V, Poullet

JB, Daube G. 2016. Exploring the bacterial diversity of Belgian steak tartare
using metagenetics and quantitative real-time PCR analysis. J Food Prot 79:
220-229. https://doi.org/10.4315/0362-028X.JFP-15-185.

. Ercolini D, Ferrocino |, La Storia A, Mauriello G, Gigli S, Masi P, Villani F. 2010.

Development of spoilage microbiota in beef stored in nisin activated pack-
aging. Food Microbiol 27:137-143. https://doi.org/10.1016/j.fm.2009.09.006.

. Ferrocino |, La Storia A, Torrieri E, Musso SS, Mauriello G, Villani F, Ercolini

D. 2013. Antimicrobial packaging to retard the growth of spoilage bacte-
ria and to reduce the release of volatile metabolites in meat stored under
vacuum at 1°C. J Food Prot 76:52-58. https://doi.org/10.4315/0362-028X
JFP-12-257.

. Ferrocino |, Greppi A, La Storia A, Rantsiou K, Ercolini D, Cocolin L. 2016.

Impact of nisin-activated packaging on microbiota of beef burgers during

MicrobiolSpectrum.asm.org 16


https://gephi.org
https://www.ncbi.nlm.nih.gov/bioproject/?term=PRJNA734136
https://doi.org/10.1016/j.meatsci.2019.107920
https://doi.org/10.1016/j.tifs.2017.04.016
https://doi.org/10.1016/j.lwt.2019.108807
https://doi.org/10.1016/j.lwt.2019.108807
https://doi.org/10.4315/0362-028X.JFP-15-185
https://doi.org/10.1016/j.fm.2009.09.006
https://doi.org/10.4315/0362-028X.JFP-12-257
https://doi.org/10.4315/0362-028X.JFP-12-257
https://www.MicrobiolSpectrum.asm.org

Meat Spoilage Profiles Impacted by Electrolyzed Water

20.

21.

22.

23.

24,

25.

26.

Volume 9

storage. Appl Environ Microbiol 82:549-559. https://doi.org/10.1128/AEM
.03093-15.

. Pohlman FW, Stivarius MR, McElyea KS, Johnson ZB, Johnson MG. 2002. The

effects of ozone, chlorine dioxide, cetylpyridinium chloride and trisodium
phosphate as multiple antimicrobial interventions on microbiological,
instrumental color, and sensory color and odor characteristics of ground
beef. Meat Sci 61:307-313. https://doi.org/10.1016/5S0309-1740(01)00198-X.

. Yeh 'Y, de Moura FH, Van Den Broek K, de Mello AS. 2018. Effect of ultraviolet

light, organic acids, and bacteriophage on Salmonella populations in
ground beef. Meat Sci 139:44-48. https://doi.org/10.1016/j.meatsci.2018.01
.007.

. Weinroth MD, Britton BC, McCullough KR, Martin JN, Geornaras |, Knight

R, Belk KE, Metcalf JL. 2019. Ground beef microbiome changes with anti-
microbial decontamination interventions and product storage. PLoS One
14:20217947. https://doi.org/10.1371/journal.pone.0217947.

. Botta C, Ferrocino |, Pessione A, Cocolin L, Rantsiou K. 2020. Spatiotempo-

ral distribution of the environmental microbiota in food processing plants
as impacted by cleaning and sanitizing procedures: the case of slaughter-
houses and gaseous ozone. Appl Environ Microbiol 86:e01861-20. https://
doi.org/10.1128/AEM.01861-20.

. Zwirzitz B, Wetzels SU, Dixon ED, Stessl B, Zaiser A, Rabanser |, Thalguter

S, Pinior B, Roch FF, Strachan C, Zanghellini J, Dzieciol M, Wagner M,
Selberherr E. 2020. The sources and transmission routes of microbial pop-
ulations throughout a meat processing facility. NPJ Biofilms Microbiomes
6:26. https://doi.org/10.1038/541522-020-0136-z.

. Athayde DR, Flores DRM, da Silva JS, Genro ALG, Silva MS, Klein B, Mello R,

Campagnol PCB, Wagner R, de Menezes CR, Barin JS, Cichoski AJ. 2017.
Application of electrolyzed water for improving pork meat quality. Food
Res Int 100:757-763. https://doi.org/10.1016/j.foodres.2017.08.009.

. Han D, Hung YC, Wang L. 2018. Evaluation of the antimicrobial efficacy of

neutral electrolyzed water on pork products and the formation of viable
but nonculturable (VBNC) pathogens. Food Microbiol 73:227-236. https://
doi.org/10.1016/j.fm.2018.01.023.

. Wang H, Qi J, Duan D, Dong Y, Xu X, Zhou G. 2018. Combination of a

novel designed spray cabinet and electrolyzed water to reduce microor-
ganisms on chicken carcasses. Food Control 86:200-206. https://doi.org/
10.1016/j.foodcont.2017.11.027.

. Duan D, Wang H, Xue S, Li M, Xu X. 2017. Application of disinfectant

sprays after chilling to reduce the initial microbial load and extend the
shelf-life of chilled chicken carcasses. Food Control 75:70-77. https://doi
.org/10.1016/j.foodcont.2016.12.017.

. Kalchayanand N, Arthur TM, Bosilevac JM, Brichta-Harhay DM, Guerini

MN, Wheeler TL, Koohmaraie M. 2008. Evaluation of various antimicrobial
interventions for the reduction of Escherichia coli O157:H7 on bovine
heads during processing. J Food Prot 71:621-624. https://doi.org/10
4315/0362-028x-71.3.621.

Jadeja R, Hung YC. 2014. Efficacy of near neutral and alkaline pH electro-
lyzed oxidizing waters to control Escherichia coli 0157:H7 and Salmonella
Typhimurium DT 104 from beef hides. Food Control 41:17-20. https://doi
.org/10.1016/j.foodcont.2013.12.030.

Ding T, Rahman SME, Purev U, Oh DH. 2010. Modelling of Escherichia coli
0157:H7 growth at various storage temperatures on beef treated with
electrolyzed oxidizing water. J Food Eng 97:497-503. https://doi.org/10
.1016/j.ffoodeng.2009.11.007.

Tango CN, Mansur AR, Kim GH, Oh DH. 2014. Synergetic effect of com-
bined fumaric acid and slightly acidic electrolysed water on the inactiva-
tion of food-borne pathogens and extending the shelf life of fresh beef. J
Appl Microbiol 117:1709-1720. https://doi.org/10.1111/jam.12658.

Sheng X, Shu D, Tang X, Zang Y. 2018. Effects of slightly acidic electro-
lyzed water on the microbial quality and shelf life extension of beef dur-
ing refrigeration. Food Sci Nutr 6:1975-1981. https://doi.org/10.1002/fsn3
779.

Wang H, Duan D, Wu Z, Xue S, Xu X, Zhou G. 2019. Primary concerns
regarding the application of electrolyzed water in the meat industry.
Food Control 95:50-56. https://doi.org/10.1016/j.foodcont.2018.07.049.
Botta C, Ferrocino |, Cavallero MC, Riva S, Giordano M, Cocolin L. 2018. Poten-
tially active spoilage bacteria community during the storage of vacuum
packaged beefsteaks treated with aqueous ozone and electrolyzed water.
Int J Food Microbiol 266:337-345. https://doi.org/10.1016/j.ijffoodmicro.2017
.10.012.

Rahman SME, Khan |, Oh D. 2016. Electrolyzed water as a novel sanitizer
in the food industry: current trends and future perspectives. Compr Rev
Food Sci Food Saf 15:471-490. https://doi.org/10.1111/1541-4337.12200.

Issue3 e01751-21

27.

28.

29.

30.

31.

32

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

a4,

45.

&,  Microbiolos
% Spectrur Y

Veasey S, Muriana P. 2016. Evaluation of electrolytically-generated hypo-
chlorous acid (‘electrolyzed water’) for sanitation of meat and meat-con-
tact surfaces. Foods 5:42. https://doi.org/10.3390/foods5020042.

EFSA Panel on Biological Hazards (BIOHAZ). 2011. Scientific opinion on
the evaluation of the safety and efficacy of lactic acid for the removal of
microbial surface contamination of beef carcasses, cuts and trimmings.
EFSA J 9:2317. https://doi.org/10.2903/j.efsa.2011.2317.

Spence P. 24 July 2017. Chlorinated chicken—why you shouldn't give a
cluck. Adam Smith Institute, London, UK.

Liao X, Xiang Q, Cullen PJ, Su'Y, Chen S, Ye X, Liu D, Ding T. 2020. Plasma-
activated water (PAW) and slightly acidic electrolyzed water (SAEW) as
beef thawing media for enhancing microbiological safety. Food Sci Tech-
nol 117:108649. https://doi.org/10.1016/j.lwt.2019.108649.

Zhao L, Zhang Z, Wang M, Sun J, Li H, Malakar PK, Liu H, Pan Y, Zhao Y.
2018. New insights into the changes of the proteome and microbiome of
shrimp (Litopenaeus vannamei) stored in acidic electrolyzed water ice. J
Agric Food Chem 66:4966-4976. https://doi.org/10.1021/acs jafc.8000498.
Arya R, Bryant M, Degala HL, Mahapatra AK, Kannan G. 2018. Effectiveness
of a low-cost household electrolyzed water generator in reducing the
populations of Escherichia coli K12 on inoculated beef, chevon, and pork
surfaces. J Food Process Preserv 42:e13636. https://doi.org/10.1111/jfpp
.13636.

Cichoski AJ, Flores DRM, De Menezes CR, Jacob-Lopes E, Zepka LQ, Wagner
R, Barin JS, de Moraes Flores EM, da Cruz Fernandes M, Campagnol PCB.
2019. Ultrasound and slightly acid electrolyzed water application: an efficient
combination to reduce the bacterial counts of chicken breast during pre-
chilling. Int J Food Microbiol 301:27-33. https://doi.org/10.1016/j.iffoodmicro
.2019.05.004.

EFSA Panel on Contaminants in the Food Chain (CONTAM). 2015. Risks for
public health related to the presence of chlorate in food. EFSA J 13:4135.
https://doi.org/10.2903/j.efsa.2015.4135.

Farrell BL, Ronner AB, Wong AC. 1998. Attachment of Escherichia coli
0157:H7 in ground beef to meat grinders and survival after sanitation
with chlorine and peroxyacetic acid. J Food Prot 61:817-822. https://doi
.org/10.4315/0362-028x-61.7.817.

Roels TH, Frazak PA, Kazmierczak JJ, Mackenzie WR, Proctor ME, Kurzynski
TA, Davis JP. 1997. Incomplete sanitation of a meat grinder and ingestion
of raw ground beef: contributing factors to a large outbreak of Salmo-
nella typhimurium infection. Epidemiol Infect 119:127-134. https://doi
.org/10.1017/50950268897007851.

Michiels CW, Schellekens M, Soontjens CCF, Hauben KJA. 1997. Molecular
and metabolic typing of resident and transient fluorescent pseudomonad
flora from a meat mincer. J Food Prot 60:1515-1519. https://doi.org/10
4315/0362-028X-60.12.1515.

Hwang BK, Choi HL, Choi SH, Kim BS. 2020. Analysis of microbiota struc-
ture and potential functions influencing spoilage of fresh beef meat.
Front Microbiol 11:1657. https://doi.org/10.3389/fmicb.2020.01657.
Highmore CJ, Warner JC, Rothwell SD, Wilks SA, Keevil CW. 2018. Viable-
but-nonculturable Listeria monocytogenes and Salmonella enterica sero-
var Thompson induced by chlorine stress remain infectious. mBio 9:
€00540-18. https://doi.org/10.1128/mBio.00540-18.

Zhang C, Chen X, Xia X, Li B, Hung YC. 2018. Viability assay of E. coli 0157:
H7 treated with electrolyzed oxidizing water using flow cytometry. Food
Control 88:47-53. https://doi.org/10.1016/j.foodcont.2017.12.029.

Afari GK, Hung YC. 2018. Detection and verification of the viable but non-
culturable (VBNC) state of Escherichia coli O157:H7 and Listeria monocyto-
genes using flow cytometry and standard plating. J Food Sci 83:1913-1920.
https://doi.org/10.1111/1750-3841.14203.

Ogunniyi AD, Dandie CE, Ferro S, Hall B, Drigo B, Brunetti G, Venter H,
Myers B, Deo P, Donner E, Lombi E. 2019. Comparative antibacterial activ-
ities of neutral electrolyzed oxidizing water and other chlorine-based san-
itizers. Sci Rep 9:19955. https://doi.org/10.1038/541598-019-56248-7.
Afari GK, Hung YC. 2018. A meta-analysis on the effectiveness of electro-
lyzed water treatments in reducing foodborne pathogens on different
foods. Food Control 93:150-164. https://doi.org/10.1016/j.foodcont.2018
.06.009.

Koukkidis G, Haigh R, Allcock N, Jordan S, Freestone P. 2017. Salad leaf jui-
ces enhance Salmonella growth, colonization of fresh produce, and viru-
lence. Appl Environ Microbiol 83:€02416-16. https://doi.org/10.1128/AEM
.02416-16.

Ferro S, Amorico T, Deo P. 2018. Role of food sanitising treatments in
inducing the ‘viable but nonculturable’ state of microorganisms. Food
Control 91:321-329. https://doi.org/10.1016/j.foodcont.2018.04.016.

MicrobiolSpectrum.asm.org 17


https://doi.org/10.1128/AEM.03093-15
https://doi.org/10.1128/AEM.03093-15
https://doi.org/10.1016/S0309-1740(01)00198-X
https://doi.org/10.1016/j.meatsci.2018.01.007
https://doi.org/10.1016/j.meatsci.2018.01.007
https://doi.org/10.1371/journal.pone.0217947
https://doi.org/10.1128/AEM.01861-20
https://doi.org/10.1128/AEM.01861-20
https://doi.org/10.1038/s41522-020-0136-z
https://doi.org/10.1016/j.foodres.2017.08.009
https://doi.org/10.1016/j.fm.2018.01.023
https://doi.org/10.1016/j.fm.2018.01.023
https://doi.org/10.1016/j.foodcont.2017.11.027
https://doi.org/10.1016/j.foodcont.2017.11.027
https://doi.org/10.1016/j.foodcont.2016.12.017
https://doi.org/10.1016/j.foodcont.2016.12.017
https://doi.org/10.4315/0362-028x-71.3.621
https://doi.org/10.4315/0362-028x-71.3.621
https://doi.org/10.1016/j.foodcont.2013.12.030
https://doi.org/10.1016/j.foodcont.2013.12.030
https://doi.org/10.1016/j.jfoodeng.2009.11.007
https://doi.org/10.1016/j.jfoodeng.2009.11.007
https://doi.org/10.1111/jam.12658
https://doi.org/10.1002/fsn3.779
https://doi.org/10.1002/fsn3.779
https://doi.org/10.1016/j.foodcont.2018.07.049
https://doi.org/10.1016/j.ijfoodmicro.2017.10.012
https://doi.org/10.1016/j.ijfoodmicro.2017.10.012
https://doi.org/10.1111/1541-4337.12200
https://doi.org/10.3390/foods5020042
https://doi.org/10.2903/j.efsa.2011.2317
https://doi.org/10.1016/j.lwt.2019.108649
https://doi.org/10.1021/acs.jafc.8b00498
https://doi.org/10.1111/jfpp.13636
https://doi.org/10.1111/jfpp.13636
https://doi.org/10.1016/j.ijfoodmicro.2019.05.004
https://doi.org/10.1016/j.ijfoodmicro.2019.05.004
https://doi.org/10.2903/j.efsa.2015.4135
https://doi.org/10.4315/0362-028x-61.7.817
https://doi.org/10.4315/0362-028x-61.7.817
https://doi.org/10.1017/s0950268897007851
https://doi.org/10.1017/s0950268897007851
https://doi.org/10.4315/0362-028X-60.12.1515
https://doi.org/10.4315/0362-028X-60.12.1515
https://doi.org/10.3389/fmicb.2020.01657
https://doi.org/10.1128/mBio.00540-18
https://doi.org/10.1016/j.foodcont.2017.12.029
https://doi.org/10.1111/1750-3841.14203
https://doi.org/10.1038/s41598-019-56248-7
https://doi.org/10.1016/j.foodcont.2018.06.009
https://doi.org/10.1016/j.foodcont.2018.06.009
https://doi.org/10.1128/AEM.02416-16
https://doi.org/10.1128/AEM.02416-16
https://doi.org/10.1016/j.foodcont.2018.04.016
https://www.MicrobiolSpectrum.asm.org

Botta et al.

46.

47.

48.

49.

50.

51.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

Volume 9

Zhang Y, Wang B. 2018. Comparison of the efficacy of commercial antimi-
crobial interventions for reducing antibiotic resistant and susceptible
beef-associated Salmonella and Escherichia coli strains. J Consum Prot
Food Saf 13:3-23. https://doi.org/10.1007/s00003-017-1141-x.

de Filippis F, La Storia A, Villani F, Ercolini D. 2013. Exploring the sour-
ces of bacterial spoilers in beefsteaks by culture-independent high-
throughput sequencing. PLoS One 8:e70222. https://doi.org/10.1371/
journal.pone.0070222.

Ercolini D, Ferrocino |, Nasi A, Ndagijimana M, Vernocchi P, La Storia A,
Laghi L, Mauriello G, Guerzoni ME, Villani F. 2011. Monitoring of microbial
metabolites and bacterial diversity in beef stored under different packag-
ing conditions. Appl Environ Microbiol 77:7372-7381. https://doi.org/10
.1128/AEM.05521-11.

Stellato G, La Storia A, De Filippis F, Borriello G, Villani F, Ercolini D. 2016.
Overlap of spoilage microbiota between meat and meat processing envi-
ronment in small-scale and large-scale retail distribution. Appl Environ
Microbiol 82:4045-4054. https://doi.org/10.1128/AEM.00793-16.
Johansson P, Jaaskeldinen E, Nieminen T, Hultman J, Auvinen P, Bjorkroth
KJ. 2020. Microbiomes in the context of refrigerated raw meat spoilage.
Meat Muscle Biol 4:10369. https://doi.org/10.22175/mmb.10369.

Hultman J, Johansson P, Bjorkroth J. 2020. Longitudinal metatranscrip-
tomic analysis of a meat spoilage microbiome detects abundant contin-
ued fermentation and environmental stress responses during shelf life
and beyond. Appl Environ Microbiol 86:¢01575-20. https://doi.org/10
.1128/AEM.01575-20.

Casaburi A, Piombino P, Nychas GJ, Villani F, Ercolini D. 2015. Bacterial
populations and the volatilome associated to meat spoilage. Food Micro-
biol 45:83-102. https://doi.org/10.1016/j.fm.2014.02.002.

Rahkila R, Nieminen T, Johansson P, Sade E, Bjorkroth J. 2012. Characteri-
zation and evaluation of the spoilage potential of Lactococcus piscium
isolates from modified atmosphere packaged meat. Int J Food Microbiol
156:50-59. https://doi.org/10.1016/j.iffoodmicro.2012.02.022.
Andreevskaya M, Johansson P, Laine P, Smolander O-P, Sonck M, Rahkila R,
Jaaskeldinen E, Paulin L, Auvinen P, Bjorkroth J. 2015. Genome sequence
and transcriptome analysis of meat spoilage lactic acid bacterium Lactococ-
cus piscium MKFS47. Appl Environ Microbiol 81:3800-3811. https://doi.org/
10.1128/AEM.00320-15.

Pothakos V, Snauwaert C, De Vos P, Huys G, Devlieghere F. 2014. Psychro-
trophic members of Leuconostoc gasicomitatum, Leuconostoc gelidum
and Lactococcus piscium dominate at the end of shelf-life in packaged
and chilled-stored food products in Belgium. Food Microbiol 39:61-67.
https://doi.org/10.1016/j.fm.2013.11.005.

Andreevskaya M, Auvinena P, Jadskeldinen E, Johansson P, Ylinen A,
Paulin L, Bjorkroth J, Auvinena P. 2018. Food spoilage-associated Leuco-
nostoc, Lactococcus, and Lactobacillus species display different survival
strategies in response to competition. Appl Environ Microbiol 84:e00554-
18. https://doi.org/10.1128/AEM.00554-18.

Hilgarth M, Behr J, Vogel RF. 2018. Monitoring of spoilage-associated
microbiota on modified atmosphere packaged beef and differentiation of
psychrophilic and psychrotrophic strains. J Appl Microbiol 124:740-753.
https://doi.org/10.1111/jam.13669.

Holl L, Hilgarth M, Geissler AJ, Behr J, Vogel RF. 2019. Prediction of in situ
metabolism of photobacteria in modified atmosphere packaged poultry
meat using metatranscriptomic data. Microbiol Res 222:52-59. https://doi
.org/10.1016/j.micres.2019.03.002.

Parente E, Cocolin L, De Filippis F, Zotta T, Ferrocino |, O'Sullivan O,
Neviani E, De Angelis M, Cotter PD, Ercolini D. 2016. FoodMicrobionet: a
database for the visualisation and exploration of food bacterial commun-
ities based on network analysis. Int J Food Microbiol 219:28-37. https://
doi.org/10.1016/j.iffoodmicro.2015.12.001.

Xue Z, Kable ME, Marco ML. 2018. Impact of DNA sequencing and
analysis methods on 16S rRNA gene bacterial community analysis
of dairy products. mSphere 3:e00410-18. https://doi.org/10.1128/
mSphere.00410-18.

Caruso V, Song X, Asquith M, Karstens L. 2019. Performance of microbiome
sequence inference methods in environments with varying biomass. mSys-
tems 4:e00163-18. https://doi.org/10.1128/mSystems.00163-18.

Nearing JT, Douglas GM, Comeau AM, Langille MGI. 2018. Denoising
the denoisers: an independent evaluation of microbiome sequence
error-correction approaches. Peer) 6:e5364. https://doi.org/10.7717/
peerj.5364.

Moossavi S, Atakora F, Fehr K, Khafipour E. 2020. Biological observations
in microbiota analysis are robust to the choice of 16S rRNA gene

Issue3 e01751-21

64.

65.

66.

67.

68.

69.

70.

71.

72.

73.

74.

75.

76.

77.

78.

79.

80.

81.

&,  Microbiolos
% Spectrur Y

sequencing processing algorithm: case study on human milk microbiota.
BMC Microbiol 20:290. https://doi.org/10.1186/512866-020-01949-7.
Devanga Ragupathi NK, Muthuirulandi Sethuvel DP, Inbanathan FY,
Veeraraghavan B. 2018. Accurate differentiation of Escherichia coli and
Shigella serogroups: challenges and strategies. New Microbes New Infect
21:58-62. https://doi.org/10.1016/j.nmni.2017.09.003.

Chattaway MA, Schaefer U, Tewolde R, Dallman TJ, Jenkins C. 2017. Identifi-
cation of Escherichia coli and Shigella species from whole-genome sequen-
ces. J Clin Microbiol 55:616-623. https://doi.org/10.1128/JCM.01790-16.
Berry MA, White JD, Davis TW, Jain S, Johengen TH, Dick GJ, Sarnelle O,
Denef VJ. 2017. Are oligotypes meaningful ecological and phylogenetic
units? A case study of microcystis in freshwater lakes. Front Microbiol 08:
365. https://doi.org/10.3389/fmicb.2017.00365.

Freilich MA, Wieters E, Broitman BR, Marquet PA, Navarrete SA. 2018. Spe-
cies co-occurrence networks: can they reveal trophic and non-trophic
interactions in ecological communities? Ecology 99:690-699. https://doi
.org/10.1002/ecy.2142.

Eberl L, Vandamme P. 2016. Members of the genus Burkholderia: good
and bad guys. F1000Res 5:F1007 Faculty Rev-1007. https://doi.org/10
.12688/f1000research.8221.1.

Locatelli M, Coisson JD, Travaglia F, Cereti E, Garino C, D'Andrea M,
Martelli A, Arlorio M. 2011. Chemotype and genotype chemometrical
evaluation applied to authentication and traceability of “tonda Gentile
Trilobata” hazelnuts from Piedmont (ltaly). Food Chem 129:1865-1873.
https://doi.org/10.1016/j.foodchem.2011.05.134.

Shantha NC, Decker EA. 1994. Rapid, sensitive, iron-based spectrophoto-
metric methods for determination of peroxide values of food lipids. J
AOAC Int 77:421-424. https://doi.org/10.1093/jaocac/77.2.421.

Coisson JD, Cerutti C, Travaglia F, Arlorio M. 2004. Production of biogenic
amines in “Salamini italiani alla cacciatora PDO. Meat Sci 67:343-349.
https://doi.org/10.1016/j.meatsci.2003.11.007.

Weisburg WG, Barns SM, Pelletier DA, Lane DJ. 1991. 16S ribosomal DNA
amplification for phylogenetic study. J Bacteriol 173:697-703. https://doi
.org/10.1128/jb.173.2.697-703.1991.

Callahan BJ, McMurdie PJ, Rosen MJ, Han AW, Johnson AJA, Holmes
SP. 2016. DADA2: high-resolution sample inference from Illumina
amplicon data. Nat Methods 13:581-583. https://doi.org/10.1038/
nmeth.3869.

Magoc T, Salzberg SL. 2011. FLASH: fast length adjustment of short reads
to improve genome assemblies. Bioinformatics 27:2957-2963. https://doi
.0rg/10.1093/bioinformatics/btr507.

Caporaso JG, Kuczynski J, Stombaugh J, Bittinger K, Bushman FD, Costello
EK, Fierer N, Pela AG, Goodrich JK, Gordon JI, Huttley GA, Kelley ST, Knights
D, Koenig JE, Ley RE, Lozupone CA, Mcdonald D, Muegge BD, Pirrung M,
Reeder J, Sevinsky JR, Turnbaugh PJ, Walters WA, Widmann J, Yatsunenko T,
Zaneveld J, Knight R, Goodrich K, Gordon JI, Huttley GA, Kelley ST, Knights
D, Jeremy E, Ley RE, Lozupone CA, Mcdonald D, Muegge BD, Reeder J,
Sevinsky JR, Turnbaugh PJ, Walters WA, Widmann J, Yatsunenko T,
Zaneveld J, Knight R. 2010. QIIME allows analysis of high-throughput com-
munity sequencing data. Nat Methods 7:335-336. https://doi.org/10.1038/
nmeth.f.303.

Edgar RC, Haas BJ, Clemente JC, Quince C, Knight R. 201 1. UCHIME improves
sensitivity and speed of chimera detection. Bioinformatics 27:2194-2200.
https://doi.org/10.1093/bioinformatics/btr381.

Wang Q, Garrity GM, Tiedje JM, Cole JR. 2007. Naive Bayesian classifier for
rapid assignment of rRNA sequences into the new bacterial taxonomy. Appl
Environ Microbiol 73:5261-5267. https://doi.org/10.1128/AEM.00062-07.
Caporaso JG, Bittinger K, Bushman FD, Desantis TZ, Andersen GL, Knight R.
2010. PyNAST: a flexible tool for aligning sequences to a template align-
ment. Bioinformatics 26:266-267. https://doi.org/10.1093/bioinformatics/
btp636.

Price MN, Dehal PS, Arkin AP. 2009. Fasttree: computing large minimum
evolution trees with profiles instead of a distance matrix. Mol Biol Evol 26:
1641-1650. https://doi.org/10.1093/molbev/msp077.

Eren AM, Maignien L, Sul WJ, Murphy LG, Grim SL, Morrison HG, Sogin ML.
2013. Oligotyping: differentiating between closely related microbial taxa
using 16S rRNA gene data. Methods Ecol Evol 4:1111-1119. https://doi
.org/10.1111/2041-210X.12114.

Langille M, Zaneveld J, Caporaso JG, McDonald D, Knights D, Reyes J,
Clemente J, Burkepile D, Vega Thurber R, Knight R, Beiko R, Huttenhower
C. 2013. Predictive functional profiling of microbial communities using
16S rRNA marker gene sequences. Nat Biotechnol 31:814-821. https://doi
.org/10.1038/nbt.2676.

MicrobiolSpectrum.asm.org 18


https://doi.org/10.1007/s00003-017-1141-x
https://doi.org/10.1371/journal.pone.0070222
https://doi.org/10.1371/journal.pone.0070222
https://doi.org/10.1128/AEM.05521-11
https://doi.org/10.1128/AEM.05521-11
https://doi.org/10.1128/AEM.00793-16
https://doi.org/10.22175/mmb.10369
https://doi.org/10.1128/AEM.01575-20
https://doi.org/10.1128/AEM.01575-20
https://doi.org/10.1016/j.fm.2014.02.002
https://doi.org/10.1016/j.ijfoodmicro.2012.02.022
https://doi.org/10.1128/AEM.00320-15
https://doi.org/10.1128/AEM.00320-15
https://doi.org/10.1016/j.fm.2013.11.005
https://doi.org/10.1128/AEM.00554-18
https://doi.org/10.1111/jam.13669
https://doi.org/10.1016/j.micres.2019.03.002
https://doi.org/10.1016/j.micres.2019.03.002
https://doi.org/10.1016/j.ijfoodmicro.2015.12.001
https://doi.org/10.1016/j.ijfoodmicro.2015.12.001
https://doi.org/10.1128/mSphere.00410-18
https://doi.org/10.1128/mSphere.00410-18
https://doi.org/10.1128/mSystems.00163-18
https://doi.org/10.7717/peerj.5364
https://doi.org/10.7717/peerj.5364
https://doi.org/10.1186/s12866-020-01949-7
https://doi.org/10.1016/j.nmni.2017.09.003
https://doi.org/10.1128/JCM.01790-16
https://doi.org/10.3389/fmicb.2017.00365
https://doi.org/10.1002/ecy.2142
https://doi.org/10.1002/ecy.2142
https://doi.org/10.12688/f1000research.8221.1
https://doi.org/10.12688/f1000research.8221.1
https://doi.org/10.1016/j.foodchem.2011.05.134
https://doi.org/10.1093/jaoac/77.2.421
https://doi.org/10.1016/j.meatsci.2003.11.007
https://doi.org/10.1128/jb.173.2.697-703.1991
https://doi.org/10.1128/jb.173.2.697-703.1991
https://doi.org/10.1038/nmeth.3869
https://doi.org/10.1038/nmeth.3869
https://doi.org/10.1093/bioinformatics/btr507
https://doi.org/10.1093/bioinformatics/btr507
https://doi.org/10.1038/nmeth.f.303
https://doi.org/10.1038/nmeth.f.303
https://doi.org/10.1093/bioinformatics/btr381
https://doi.org/10.1128/AEM.00062-07
https://doi.org/10.1093/bioinformatics/btp636
https://doi.org/10.1093/bioinformatics/btp636
https://doi.org/10.1093/molbev/msp077
https://doi.org/10.1111/2041-210X.12114
https://doi.org/10.1111/2041-210X.12114
https://doi.org/10.1038/nbt.2676
https://doi.org/10.1038/nbt.2676
https://www.MicrobiolSpectrum.asm.org

Meat Spoilage Profiles Impacted by Electrolyzed Water @ spschim

82. McMurdie PJ, Holmes S. 2013. Phyloseq: an R package for reproducible 84. Blondel VD, Guillaume JL, Lambiotte R, Lefebvre E. 2008. Fast unfolding

interactive analysis and graphics of microbiome census data. PLoS One 8: of communities in large networks. J Stat Mech Theory Exp 10:P10008.
€61217. https://doi.org/10.1371/journal.pone.0061217. https://doi.org/10.1088/1742-5468/2008/10/P10008.

83. Friedman J, Alm EJ. 2012. Inferring correlation networks from genomic 85. Luo W, Friedman MS, Shedden K, Hankenson KD, Woolf PJ. 2009. GAGE:
survey data. PLoS Comput Biol 8:21002687. https://doi.org/10.1371/ generally applicable gene set enrichment for pathway analysis. BMC Bio-
journal.pcbi.1002687. informatics 10:161. https://doi.org/10.1186/1471-2105-10-161.

Volume 9 Issue3 e01751-21 MicrobiolSpectrum.asm.org 19


https://doi.org/10.1371/journal.pone.0061217
https://doi.org/10.1371/journal.pcbi.1002687
https://doi.org/10.1371/journal.pcbi.1002687
https://doi.org/10.1088/1742-5468/2008/10/P10008
https://doi.org/10.1186/1471-2105-10-161
https://www.MicrobiolSpectrum.asm.org

	RESULTS
	Short- and long-term impacts of the initial EW treatment.
	Dynamics of spoilage metabolomic biomarkers.
	Microbiota composition of steak tartare.
	Microdiversity within bacterial communities and links with spoilage biomarkers.

	DISCUSSION
	MATERIALS AND METHODS
	Meat processing, EW preparation, and experimental treatments.
	Microbiological analysis.
	Proximate composition, FAME pattern, and peroxide value.
	Analysis of VOCs. (i) SPME of VOCs.
	(ii) Detection of volatile organic compounds using GC-FID.
	Amino acid and biogenic amine determination. (i) Preparations of samples and standards.
	(ii) Chromatographic conditions.
	RNA extraction, cDNA synthesis, and amplicon-based sequencing.
	Bioinformatic analysis.
	Statistics.
	Data availability.

	SUPPLEMENTAL MATERIAL
	ACKNOWLEDGMENTS
	REFERENCES

