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Abstract
In this study, we analyze the efficiency of working capital management (WCME) for 
Gulf companies before and during the coronavirus crisis, then explore the influence 
of the coronavirus crisis on WCME. This study uses several techniques to achieve 
its goals, including the Malmquist index (MI), data envelopment analysis (DEA), 
and Tobit regression. The results demonstrate that most firms (approximately 84%) 
adopt a conservative strategy for their WCM. The WCME results revealed a statisti-
cal difference in the technological and pure efficiency scores for companies before 
and during the coronavirus crisis, while the results revealed no statistical difference 
in the technical, scale, and total factor productivity scores. Tobit’s results show that 
the coronavirus crisis had no significant influence on companies’ WCM perfor-
mance. Finally, our results indicate that firms that are efficient in terms of WCM 
have higher sales returns and net income. The findings of this study have impor-
tant implications for stakeholders to increase their awareness of companies’ WCM 
performance before and during a crisis. In addition, the results could have implica-
tions for trading strategies as investors and financiers seek to invest in companies 
with good WCM. The implications of WCM performance on social interests would 
cause decision-makers to use the best strategies and procedures to enhance WCM 
activities to improve their investments and image in the community in which it oper-
ates. We advance a novel contribution to the literature by analyzing and apprais-
ing the WCME for companies before and during the coronavirus crisis using a new 
approach based on DEA-Malmquist technology and then examining whether the 
coronavirus crisis has affected the WCME.
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1  Introduction

Businesses strive to make the best use of their limited resources. Resource allocation 
theory states that firms choose the most cost-effective distribution and allocation of 
resources for various productive activities [1, 2]. As a result, firms that strive for 
excellence manage their WC to achieve best practices. The WC term arose from cor-
porate finance and was initially mentioned at the inception of the twentieth century 
[3, 4]. The WC is one of the most confusing accounting concepts. The lack of clar-
ity concerning the employment of WC may be excused by the fact that there is no 
analogous classification of WC in firms’ balance sheets. WCM appears to have been 
primarily disregarded in businesses, even though bad WC decisions are responsible 
for a considerable portion of business failures, and WCM is essential for corporate 
financial management because it directly affects a firm’s profitability [5]. This is 
more striking as a large share of past firm bankruptcies was created by ineffective or 
inadequate WCM [6]. As WC significantly influences a firm’s operational and finan-
cial security, the literature confirms that it is necessary to develop an optimal WC 
strategy for a firm [7, 8]. The literature suggests three strategies for managing WC: 
conservative, moderate, and aggressive [8–10]. The conservative strategy is safe for 
a firm and provides a high level of liquidity as it keeps current assets at high lev-
els compared to current liabilities. In contrast, the aggressive strategy keeps current 
assets at low levels compared to current liabilities. Finally, the moderate strategy 
is considered a sensible method as it aims to minimize the drawbacks of the afore-
mentioned methods and maximize their benefits. Exploring the suitable linkages 
between the items of current assets and liabilities will help a firm to adopt a good 
WC strategy. Therefore, a firm should adopt and manage its WC strategy on a solid 
and secure basis to achieve best practices.

The literature on corporate finance recognizes the significance of short-term 
business decisions on firm profitability. WCM is a recurring topic on a global scale 
because it is critical to ensure a business’s optimal path. WC is essential during eco-
nomic downturns because it acts as a liquidity buffer [11, 12]. Additionally, WC 
practices benefit firm profitability by facilitating solid sales and income growth [13, 
11]. While inventory stockpiling protects businesses from price fluctuations, trade 
credit increases sales and strengthens customer relationships. In addition, short-term 
debt related to financing the WC has low interest rates and is unaffected by inflation 
[14]. In contrast, the PricewaterhouseCoopers (PwC) Global report notes that pro-
moting WC could free up €1.3 trillion in cash, allowing for a 55% increase in capi-
tal investment [15]. Furthermore, the report identifies new calls for global publicly 
traded firms’ business performance over the last 5  years as capital expenses have 
decreased, cash has shifted to be more costly and tough to convert, and the WC has 
slightly improved. Firms must cultivate and enhance their WC practices to improve 
business performance. On the other hand, excessive investment in WC necessitates 
financing and, as a result, additional payments, which may produce negative conse-
quences and sacrifices for stockholders [13, 16]. Kieschnick et al. [17] argue that an 
increase in WC financing increases the likelihood of bankruptcy because it requires 
additional financing requirements and financing expenses.
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Moreover, various components of WCM contribute significantly to its effective-
ness. Firms must make critical decisions about how much stock to keep on hand as 
having a large inventory protects them from costly stockouts and manufacturing pro-
cess interruptions. Customers who are given more credit are more likely to use and 
verify products before making a payment, which benefits the company [18]. Accord-
ing to de Almeida and Eid [19], WC is a critical component of operational cash flow 
and is used to calculate the free cash flow. Effective WCM reduces a firm’s reli-
ance on external funding, frees up cash for additional investments, and increases its 
financial flexibility. Business administration is constantly striving to maintain opti-
mal WC volume. Increased WC investment energizes the sales process and provides 
discounts to suppliers for prompt payments at low WC levels. Nonetheless, once 
a certain level of WC investment is reached, additional interest costs are incurred, 
eroding firm value [20].

Two approaches have been used to assess a firm’s efficiency in terms of WCM. The 
first approach for assessing the WCME is to use ratio analysis as a parametric method. 
For example, quick and current ratios have been used to assess a firm’s liquidity [21]. In 
addition, Zimon and Tarighi [8] explored the WCM strategies of small- and medium-
sized firms in Poland using liquidity and turnover ratios, cash conversion cycle (CCC), 
and other ratios. This approach has been criticized for its inherently static nature as a 
parametric method [22]. The CCC proposed by Richards and Laughlin [23] was also 
criticized for being mathematically incorrect, failing to focus on the total amount of 
funds committed, and lacking differentiation in the weights assigned to each component 
of WC [24]. According to Goel and Sharma [24], other measurement ratios, such as 
weighted CCC, have calculation issues owing to a lack of relevant data. Accordingly, 
researchers have developed alternative methods for measuring the WCME to overcome 
the weaknesses of the traditional approach. DEA is one such measure that has been 
used to calculate WCME as a non-parametric method in previous studies [25–30].

The DEA approach is distinguished by its ability to capture relationships between 
multiple outputs and inputs [31–33]. Additionally, DEA is a non-parametric tech-
nique that does not require prior assumptions about the distribution form of data or 
its residuals, and does not require any previous knowledge of the variable weights 
[34–36]. In addition, DEA is distinguished by its powerful benchmark in assessing 
the efficiency of firms, as it focuses on the best practices of firms rather than tradi-
tional methods, such as ratios and regression analyses, which rely on measures of 
average and central tendencies as criteria for evaluation, as it benchmarks a firm’s 
performance with maximum relative performance or best practices [37, 38]. There-
fore, DEA is considered a powerful approach for the continuous improvement pro-
cess as it provides critical benchmark information for inefficient firms in achieving 
the best practices [33, 38].

Empirical evidence shows that WCM has garnered substantial interest in account-
ing and finance research. Considering the Gulf firms, WCM is vital to firms’ eco-
nomic development. Gulf member states are monarchies with distinct legal struc-
tures, and their public corporations operate in distinct institutional, economic, and 
political environments [39]. To integrate with the global economy, they shifted 
their focus from an oil-based economy to a knowledge-based one [40]. Gulf firms 
outrank the Middle East and North Africa (MENA) regions but not other regions 
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with comparable per capita income levels. Thus, inefficient employment of assets 
and WC impedes progress toward sustainable and equitable growth. Gulf firms 
should invest in balancing their assets and WC to alleviate this trend. In addition, the 
existing literature on WCM has rarely focused on this crucial phenomenon in Gulf 
firms. Therefore, more research is needed to analyze the WCME for firms operat-
ing in the Gulf and investigate the influence of the coronavirus crisis on WCM per-
formance, which is considered a novel contribution to the literature. Therefore, this 
study analyzes the efficiency of WCM by integrating the data envelopment analysis 
approach and the Malmquist productivity index in the context of a unique Gulf set-
ting. The objective of this study was to investigate data from 2018 to 2020. The 
DEA-Malmquist analysis is extended to capture the efficiency of WCM in terms of 
technical efficiency (effch), technological efficiency (techch), pure efficiency (pech), 
scale efficiency (sech), and total factor productivity (tfpch) before and during the 
coronavirus crisis. The efficiency of the WCM results revealed a statistical differ-
ence in the technological and pure efficiency scores before and during the corona-
virus crisis. Tobit’s results show that the coronavirus crisis had no significant influ-
ence on Gulf firms’ WCM performance. The findings of this study have important 
implications for stakeholders to increase their awareness of companies’ WCM per-
formance before and during a crisis. In addition, the results could have implications 
for trading strategies as investors and financiers seek to invest in companies with 
good WCM. The implications of WCM performance on social interests would cause 
decision-makers to use the best strategies and procedures to enhance WCM activi-
ties to improve their investments and image in the community in which it operates.

The motivation for the study stems from market characteristics and the eco-
nomic prospects of the Gulf. Most Gulf countries experienced increased inflation 
during the study period, resulting in higher interest rates, influencing a firm cost 
of capital. The Gulf Statistics Centre recently released a report on the Gulf coun-
tries’ inflation rates, which were 3.5% in April 2021, up from 3.5% the previous 
year. In April 2021, Saudi Arabia had the highest inflation rate in the Gulf, at 5.3%, 
up from 3.1% in April 2020, followed by Kuwait (3.1%), Oman (1.6%), and Qatar 
(1.6%). In the United Arab Emirates and Bahrain, inflation decreased about 0.5% 
and 0.1%, respectively. Besides, the coronavirus epidemic, on the other hand, had 
a tremendous impact on the entire world, as every country, industry, and civiliza-
tion were affected in some way [41]. Many activities have been restricted because 
of the pandemic to slow the spread of the virus. We should turn everything off to 
limit the negative impact. When public authorities take decisive action to address 
the emerging health threat of coronavirus, business leaders are faced with the chal-
lenge of channeling their WCM through the issue. Recognizing the crisis impact on 
the people who drive the firm’s operations is critical. That highlights the importance 
of a resilient leader in a fast-changing environment and working differently. Also, 
the author has not found any research by reviewing previous studies on WCM in the 
context of the coronavirus pandemic. Using MI and DEA, this study is thought to 
be one of the earliest attempts to analyze and appraise the WCM performance of the 
firms. Moreover, Gulf firms were adversely impacted by the numerous issues that 
arose because of the outbreak. Based on these arguments and evidence, this study 
investigates the following: 
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RQ1. Are there, on average, significant differences in firms’ WCME over the 
study period?

RQ2. Has coronavirus crisis affected firms’ WCME over the study period?

The remainder of this paper is organized as follows. Section 2 presents a literature 
review and hypotheses formulation. Section 3 clarifies the data and the methodology 
used. Section 4 presents the empirical results. Finally, Sect. 5 presents a summary 
and conclusions of the study.

2 � Literature Review and Hypotheses Formulation

WCM is a critical component of a firm’s success [42, 43]. Furthermore, the WCM 
can help with risk management and increase the value of a business [44]. Fur-
thermore, a conservative approach to WCM necessitates increased inventory and 
accounts receivable investment, which has the advantage of lowering supply-chain 
costs and price fluctuations, posing less risk to businesses [21, 45]. Increased sales 
and market share generate profits [46]. Firms that take a proactive approach to 
WCM reduce risk exposure by reducing inventory investment and credit terms with 
customers [13]. Besides, a study of Indian industrial firms between 2004 and 2013 
revealed continuous growth in WCME. The DEA-based approach effectively over-
came the limitations associated with traditional WCME measures [26, 27]. Further-
more, an examination of Indian industrial firms revealed a high degree of efficiency 
volatility among manufacturing firms, with those operating at 50 to 60% efficiency 
lacking liquidity management expertise [28, 29]. According to Ukaegbu [47], there 
is a negative relationship between WCM and Egyptian manufacturing firm profita-
bility. According to a study conducted in 46 countries, lowering CCC could increase 
business profitability and value [16]. Furthermore, publicly traded European hospi-
tals with a low leverage ratio show that increasing WCM increases profitability [48].

Prior research in developed countries revealed various WCME and firm perfor-
mance outcomes [49]. While these studies have been extensive in developed coun-
tries, they have only recently been extended to developing countries. In developing 
countries, the relationship between WCME and profitability has been documented 
using a variety of proxies. Over 10  years, Akinlo [50] investigated the relation-
ship between WCME and non-financial sector firm profitability in Nigeria. Inven-
tory days, average payment period accounts receivable, and WCM efficiency were 
all calculated by WCME. The data were analyzed using fixed effects and a pooled 
ordinary least squares model. Nigerian businesses’ return on assets (ROA) decreases 
as accounts receivable, accounts payable, and inventory turnover days increase, but 
increases as CCC decreases. Altaf [51] investigated the effect of WCME on the per-
formance of the Indian hospitality sector using a two-step efficient GMM (general-
ized method of moments). WC financing is calculated using the short-term debt-to-
working-capital ratio. The results were a non-monotonic relationship with ROA and 
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Tobin Q. That means that a low level of short-term debt benefits the performance of 
the business.

Wasiuzzaman [49] calculated the WC using inventory, receivables, payables, 
and WC balance. According to this study, WC is negatively correlated with ROA 
in Malaysian manufacturing firms. The payables and hypothesized relationships 
were incompatible. Soukhakian and Khodakarami [52] investigated whether WCME 
could significantly improve the ROA and economic performance of publicly traded 
Iranian industrial firms. Even though CCC was negatively associated with ROA, 
there was no significant relationship between WCM and refined economic value 
added when endogeneity was considered. Wang et al. [46] investigated the corporate 
relationships of non-financial listed firms in Pakistan over their existence. According 
to the findings, an increase in WCME (as measured by the net trade cycle) decreased 
ROA regardless of the life cycle stage. Zimon [10] analyzed WCM in small firms in 
Poland using a sample of 96 commercial firms operating in the construction industry 
from 2015 to 2017. The results demonstrate that firms operating within purchas-
ing groups focus on financial safety and adopt a moderate-conservative strategy. 
Lyngstadaas [53] investigated the link between WCM packages and financial per-
formance using a sample of 589 firms in the USA from 2012 to 2019. The results 
indicate that out of the 11 effective packages in terms of WCM, six are significant. 
Additionally, the results confirm that the six packages systematically relate to opera-
tional and financial WC performance.

In addition, Chamberlain and Aucouturier [54] explore the influence of WCM on 
the performance of publicly traded companies in Europe from 2004 to 2016. The 
results indicate that the links between WCM, profitability, and firm value are posi-
tive and significant. This study suggests that directors should take a nuanced view 
of WCM’s influence on performance. Zimon [7] reviewed prior research on WCM. 
This study shows that higher WC levels enable firms to increase their sales volume. 
The study concludes that directors should base their WCM strategies on high sales 
volumes to enhance firms’ WCM efficiency, profitability, and financial security. 
Aldubhani et al. [55] explored the linkage between WCM policies and profitability 
of manufacturing firms in Qatar from 2015 to 2019. The results reveal that firms 
with a shorter duration of receivables and CCC, and a longer duration of accounts 
payable and inventory turnover are more profitable. Jaworski and Czerwonka [56] 
explored the linkage between WCM measures using a sample of 326 Polish firms 
from 1998 to 2016. The results revealed a significant nonlinear linkage between 
working capital, liquidity, and profitability. Mazanec [57] explored the influence of 
WCM on a firm’s performance using 3828 transport firms in the Visegrad Group 
in the European Union in 2019. The results indicate that cash ratio affects firm per-
formance in all models, excluding the Polish and Czech models. In addition, small 
firms are at a disadvantage in terms of WCM compared to medium-sized firms in 
Slovakia and the Czech Republic. Zimon and Tarighi [8] examined the influence 
of the COVID-19 crisis on WCM using a sample of 61 Polish firms from 2015 to 
2020. The results demonstrate that firms manage a moderately conservative strategy 
for their WCM. Additionally, the results indicated that the COVID-19 crisis did not 
significantly alter firms’ WCM strategies. Tarkom [58] investigates the influence of 
the COVID-19 crisis on firms’ WCM using a sample of 2542 US-publicly traded US 
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firms from 2019 to 2021. The results show that firms with more investment options 
and government incentives operate at lower levels during cash-conversion cycles. 
Additionally, the results demonstrated a significant negative influence of COVID-19 
on WCM. This finding suggests that the influence can be mitigated by increasing 
government incentives and investment opportunities. Struwig and Watson [59] criti-
cally examined the WCM research conducted during the COVID-19 crisis in South 
Africa. The study concludes that during a crisis, the WC examination focuses on 
workforce safety and demand volatility. This suggests that effective cash manage-
ment and digital transformation shifts are necessary to relieve undesirable changes 
in supply chains. Based on these arguments and evidence, this study hypothesizes 
the following:

H1. On average, there were significant differences in firms’ WCME over the 
study period.

H2. The coronavirus crisis has affected the firms’ WCME over the study 
period.

3 � Data and Methodology

The sample size included 459 publicly traded companies in the following industries: 
communication services, consumer discretionary, consumer staples, energy, health 
care, industrials, materials, real estate, and utilities. These companies are located 
in Oman, Qatar, Saudi Arabia, Kuwait, Bahrain, and the United Arab Emirates. 
According to Pastor and Ruiz [60] and Portela et al. [61], negative data values would 
limit the capacity of the DEA model to perform the analysis. As a result, 273 firms 
were excluded due to negative values in some cases and a lack of data in others. As 
a result, the final decision-making units (DMUs) are 186 firms. The primary data 
sources were based on the annual reports of the selected firms. These firms’ annual 
reports were obtained from the standard and poor’s DataStream, the platform of 
Mubasher-info, and firms’ websites.

Among the numerous approaches available for assessing DMU efficiency scores, 
the DEA approach was chosen to evaluate the efficiency of the firms under study 
because of its unique characteristics. First, as Mourad et al. [31], Shahwan and Habib 
[32], and Tone [33] argue, DEA is a versatile and powerful technique for capturing the 
relationship between specific outputs and inputs. Furthermore, DEA can provide criti-
cal information for continuous improvement, assisting inefficient DMUs in achieving 
best practices. Second, like Cooper et al. [37] and Habib and Shahwan [38] argued, 
DEA stands out as a benchmark technique that focuses on the best practices of DMUs 
rather than traditional methods that rely on measures of central tendencies. Finally, 
as demonstrated by Habib and Kayani [36], Mourad et al. [31] and Tuskan and Sto-
janovic [35], DEA distinguishes itself as a non-parametric technique that does not 
require prior assumptions about the distribution form of data (or its residuals). Fur-
thermore, DEA does not require any previous knowledge of the variable weights.
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To calculate efficiency using DEA, we require a set of inputs and outputs perti-
nent to the analysis’s primary objective [36, 37, 62]. DMUs are expected to provide 
outputs based on their possible inputs related to the primary objective under analysis.  
According to prior research, e.g., Gill and Biger [25], Goel and Sharma (24, 26, 27, 
and Seth et al. [30], the inputs for calculating the WCME should include those items 
that account for a significant portion of WC investments. Additionally, each firm 
invests in WC to maintain consistency and increase sales. Thus, firms that generate 
more sales while supporting the same WC can be considered more efficient. As a 
result, net sales should be chosen as an output variable. Almost all prior research has 
overlooked the significance of net income as a by-product of WCM. A business that 
generates a higher net income while investing the same WC is more efficient. Fol-
lowing a review of the prior literature, the current DEA-WCME model used inven-
tory, accounts receivable, accounts payable, and cost of goods sold as inputs and 
net sales and net income as outputs. Finally, the radial Malmquist DEA model is 
obtained by solving the next linear optimization problem:

where xs
in

 (resp. ys
rn

 ) is the value of the i-th input (resp. r-th output) of the n-th DMU 
observed in period s , the 
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Following the evaluation of the firms’ WCME using the DEA approach, the current 

study used the Tobit regression analysis to identify the potential statistical effect of the 
coronavirus on firms’ WCME. This model is a valuable tool for assessing the relation-
ships between variables when the dependent variable contains censored data or has a 
range constraint [38],Verbeek 2008). The equation represents the Tobit linear regres-
sion relationship:
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to improve the accuracy of the analyses, the study used various control variables 
such as size, age, and leverage. Thus, v2 represents the firm size as defined by the 
natural logarithm of total assets; v3 represents the firm age as defined by the natural 
logarithm of firm age from the start of the activity until the end of the current year; 
v4 represents firm leverage as defined by dividing a firm’s total liabilities by share-
holders’ equity; v5 refers to the communication services sector; v6 refers to the con-
sumer discretionary sector; v7 refers to the consumer staples sector; v8 refers to the 
energy sector; v9 refers to the health care sector; v10 refers to the industrials sector; 
v11 refers to the materials sector; v12 refers to the real estate sector. �0 is a constant; 
�i represents the Tobit regression coefficients; and �i are known by the Gaussian 
noises or errors.

4 � Results and Discussion

4.1 � Results of the Efficiency Model

Table 1, panel A, shows the Malmquist index summary for the top ten DMUs under 
analysis (tfpch > 1) over the study period (2018–2020) in terms of WCME changes. 
In terms of improvement, the KWSE:HUMANSOFT achieved the best results 
(2.331), followed by the SASE:9510 (2.100), the DSM:NLCS (1.960), and so on. 
Table 1, panel B, displays the Malmquist index summary for all DMUs under con-
sideration during the study period (2018–2020) regarding WCME changes. Accord-
ing to the Malmquist index summary, technological efficiency or frontier-shift 
(techch) was the primary source of the increasing efficiency of the total factor pro-
ductivity index of the DMUs under study, rather than technical efficiency or catch-
up changes (effch). In terms of improvement (tfpch > 1), 100 DMUs out of 186 
under investigation achieved the best results (tfpch > 1). Only 86 DMUs appeared to 
be inefficient, and they should reconsider operating processes and improve perfor-
mance through necessary corrective actions to achieve best practices and improve 
overall factor productivity.

The DEA-Malmquist index summary of annual means in terms of WCME 
changes over the study period is shown in Table 2, panel A. The Malmquist index 
increased by about 1.002 (0.2%) from the base year in the first period (2018–2019) 
before the coronavirus crisis. This increase is the result of an increase in techno-
logical efficiency or frontier-shift changes (techch) of about 1.083 (8.3%) multiplied 
by a decrease in technical efficiency or catch-up changes (effch) of about 0.926. 
(7.4%). Similarly, the situation has not changed significantly during the crisis; the 
Malmquist index for the second period (2019–2020) increased by about 1.034 
(3.4%), with this increase attributed to the rise in technological efficiency changes 
of about 1.135 (13.5%) multiplied by a decrease in technical efficiency changes 
of about 0.911. (8.9%). Over the study period, the Malmquist index increased by 
about 1.018 (1.8%), the technological efficiency increased by approximately 1.108 
(10.8%), and the technical efficiency decreased by about 0.918 (8.2%).

Table  2, panel B, shows a complementary statistical test for confirming signifi-
cant differences in firm efficiency scores regarding WCM over the study period using 
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Wilcoxon tests (via IBM-SPSS ver26). The results showed no statistical difference 
in technical efficiency scores at a 5% significance level before and during the coro-
navirus crisis. Similarly, at a 5% significance level, there was no statistical difference 
in scale efficiency scores and total factor productivity scores. As a result, we retain 
the null hypothesis that the median of differences between effch (before the crisis) 
and effch (during the crisis) equals 0; sech (before the crisis) and sech (during the 
crisis) equal 0; tfpch (before the crisis) and tfpch (during the crisis) equal 0. Further-
more, the results revealed a statistical difference in technological efficiency scores 
and pure efficiency scores at a 5% significance level before and during the crisis. As 
a result, we reject the null hypothesis that the median of differences between techch 
(before the crisis) and techch (during the crisis) equals 0; pech (before the crisis) and 
pech (during the crisis) equals 0. All previous results indicate that H1 is partially 
supported.

4.2 � Results of the Tobit Regression Model

Following the evaluation of the firms’ WCM performance using the DEA approach, 
it is helpful to identify some of the factors that affect WCM performance. In this 
section, the following factors are investigated for their impact on performance: the 
coronavirus crisis, size, age, leverage, and sector classification.

Tobit regression analysis was used to investigate factors influencing WCM per-
formance using Stata/MP ver16. Table  3 depicts the effect of the variables under 
investigation on the WCM performance of the firms over the study period. Table 3 
shows that firm size and sector (Sec1, the communication services sector; Sec2, the 
consumer discretionary sector) have a significant favorable influence at the 0.10 sig-
nificance level or less. Furthermore, at the 0.10 significance level or less, the lever-
age and the industry sector (whether Sec5, the health care sector; Sec7, the materials 
sector) negatively influence.

The current study’s findings revealed that the coronavirus crisis had no signifi-
cant influence on WCM performance. As a result, the H2 hypothesis is unsupported. 
This findings are consistent with Zimon and Tarighi [8] study as they reveal that 
the COVID-19 crisis did not significantly alter firms’ WCM strategies. In contrast, 
the findings are inconsistent with Tarkom [58] study, as they demonstrate a signifi-
cant negative influence of the COVID-19 crisis on WCM. In contrast, the findings 
revealed that firm size and leverage significantly impact WCM performance. More-
over, the results showed that the sector category (whether Sec1, the communica-
tion services sector, Sec2, the consumer discretionary sector; Sec5, the health care 
sector; Sec7, the materials sector) have a significant influence on the WCM perfor-
mance at the same time the sector category (whether Sec3, the consumer staples 
sector; Sec4, the energy sector; Sec6, the industrials sector; Sec8, the real estate sec-
tor) have no significant influence on the WCM performance.
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4.3 � Sensitivity Analysis and Model Validation

Internal and external validity can be used to analyze findings. Internal validity inves-
tigates whether the methods utilized to change the results are valid, whereas exter-
nal validity explores whether could generalize the results away from the present 
data [63, 38, 64]. Sensitivity examinations are helpful for both types of evaluations. 
Thus, the internal validity is appraised by utilizing various variables’ combinations. 
Table 4, panel A, presents the results of sequentially removing different variables 
used from the basic model. The current study adopted the Mann–Whitney U test to 
examine the efficiency scores of the modified DEA-WCME models to the original 
efficiency scores via the basic DEA-WCME model to verify if the removal of vari-
able occurred a significant difference in the relative efficiency scores. Besides, the 
correlations of Spearman rank were computed as well.

It is exposed in Table 4, panel A, that the accounts payable removal significantly 
decreased the model’s efficiency distinction by diminishing the average of firms’ 
efficiency scores of 0.61 to 0.51 and the rate of the efficient DMUs of 12.9 to 9.1%. 
Similarly, removing either input accounts receivable, cost of goods sold, or inventory 
significantly influenced the model results concerning the efficiency score distribu-
tion and the rate of the efficient DMUs. Moreover, the high correlations of Spearman 

Table 3   The results of Tobit regression

*p < 0.1; **p < 0.05; ***p < 0.01

Tobit regression Num. of obs = 558

F (12, 546) = 28.25

Prob > F = 0.0000

Log pseudolikelihood =  − 147.95353 Pseudo R2 = 0.3969

Independent variables Coef Robust
std. err

t P >|t| [95% conf. interval]

Cov 0.0042342 0.0240661 0.18 0.860  − 0.0430392 0.0515076
Size 0.054534 0.0077672 7.02 0.000*** 0.0392768 0.0697912
Age  − 0.0004944 0.0096836  − 0.05 0.959  − 0.0195162 0.0185273
Leverage  − 0.0302935 0.0139484  − 2.17 0.030**  − 0.0576926  − 0.0028944
Sec1 0.1817935 0.0851139 2.14 0.033** 0.0146028 0.3489843
Sec2 0.1368425 0.0825054 1.66 0.098*  − 0.0252244 0.2989095
Sec3  − 0.0712983 0.0817635  − 0.87 0.384  − 0.2319079 0.0893112
Sec4 0.1268625 0.0873644 1.45 0.147  − 0.044749 0.2984739
Sec5  − 0.2485024 0.0760406  − 3.27 0.001***  − 0.3978703  − 0.0991345
Sec6  − 0.1187937 0.079931  − 1.49 0.138  − 0.2758037 0.0382162
Sec7  − 0.1354647 0.0775438  − 1.75 0.081*  − 0.2877854 0.016856
Sec8 0.0774234 0.088747 0.87 0.383  − 0.096904 0.2517508
_cons  − 0.0359543 0.1206739  − 0.30 0.766  − 0.2729963 0.2010877

Page 13 of 20    32Operations Research Forum (2022) 3: 32



1 3

Ta
bl

e 
4  

S
en

si
tiv

ity
 a

na
ly

si
s a

nd
 m

od
el

 v
al

id
at

io
n

Pa
ne

l A
: s

en
si

tiv
ity

 a
na

ly
si

s o
f t

he
 D

EA
 m

od
el

Va
ria

bl
es

/re
m

ov
ed

A
ve

ra
ge

 sc
or

es
D

M
U

s e
ffi

ci
en

t (
%

)
p-

va
lu

e 
(M

an
n–

W
hi

tn
ey

)
Sp

ea
rm

an
 ra

nk
 

co
rr

el
at

io
n 

(s
ig

.)

N
on

e
0.

61
12

.9
%

–
–

A
cc

ou
nt

s p
ay

ab
le

0.
51

9.
1%

3 ×
  10

−
1
3

0.
83

2 
(0

.0
00

)
A

cc
ou

nt
s r

ec
ei

va
bl

e
0.

54
7.

5%
3  ×

 10
−
6

0.
88

6 
(0

.0
00

)

C
os

t o
f g

oo
ds

 so
ld

0.
51

8.
6%

2 ×
  10

−
1
0

0.
89

9 
(0

.0
00

)
In

ve
nt

or
y

0.
57

8.
1%

0.
02

26
0.

93
8 

(0
.0

00
)

Pa
ne

l B
: t

he
 d

ist
rib

ut
io

n 
va

ria
nc

e 
of

 e
ffi

ci
en

cy
 sc

or
es

Ye
ar

p-
va

lu
e 

(M
an

n–
W

hi
tn

ey
)

p-
va

lu
e 

(K
ru

sk
al

–W
al

lis
)

Sp
ea

rm
an

 ra
nk

 c
or

re
la

tio
n 

(s
ig

.)
(2

01
8–

20
19

)
0.

49
7

0.
81

4
0.

81
2 

(0
.0

00
)

(2
01

9–
20

20
)

0.
94

4
0.

87
6 

(0
.0

00
)

(2
01

8–
20

20
)

0.
68

4
0.

73
8 

(0
.0

00
)

32   Page 14 of 20 Operations Research Forum (2022) 3: 32



1 3

ranks suggest that the firms’ rankings were not significantly altered through the effi-
ciency models. It is not surprising that removing either input impacted the model 
results because they blend various resource kinds. Therefore, excluding each would 
occur significant information removal.

Finally, the current study used the consistency of the results over time to assess 
the external validity of the firms’ efficiency model. The firms’ efficiency model was 
re-applied utilizing 2018 data in this analysis and then matched the relative effi-
ciency scores to the 2019 and 2020 results (Table 4, panel B). The Mann–Whitney 
U test revealed no statistically significant variance in the efficiency score distribution 
for the study years 2018–2019 (p = 0.497), 2019–2020 (p = 0.944), and 2018–2020 
(p = 0.684). The Kruskal–Wallis H test revealed no statistically significant varia-
tion in the efficiency score distribution over the study (p = 0.814). The correlation of 
Spearman rank between each year was also highly significant. As a result, the gen-
eral distribution of efficiency scores and the rate of the efficient DMUs not appear to 
change significantly from period to period, and the firms ranked as efficient remain 
mostly harmonious from period to period.

5 � Summary and Conclusion

Empirical evidence shows that WCM has garnered substantial interest in accounting 
and finance research. Tewolde [5] shows that inadequate WC decisions are respon-
sible for a considerable portion of business failures, and that WCM affects a firm’s 
profitability. This is striking because an ineffective WCM strategy creates a large 
share of past firm insolvencies [6]. As WC significantly influences a firm’s opera-
tional and financial security, the literature confirms that it is necessary to develop 
a good strategy for a firm’s WCM [7, 8]. Drawing on this, there are increasing con-
cerns regarding the coronavirus crisis toward firms that adopt WCM strategies, 
which may harm their performance and value. Using a unique Gulf setting, this 
study analyzes the efficiency of WCM before and during the coronavirus crisis using 
an integration between the data envelopment analysis approach and the Malmquist 
productivity index, and then explores the influence of the crisis on WCME using 
Tobit regression. To the best of our knowledge, the current study is the first to 
develop and apply the data envelopment analysis methodology using the Malmquist 
productivity index to evaluate WCME. Besides, the authors advanced a novel con-
tribution to the literature by examining whether the coronavirus crisis has affected 
the WCM for firms under investigation. This study is essential for regulators, man-
agement, and investors to increase their awareness of firms’ WCM performance 
before and during a crisis. In addition, it provides insight into how the coronavirus 
crisis affects firms’ WCM, which is likely to strengthen firms’ financial policy and 
improve their strategies. These findings are consistent with Zimon and Tarighi [8] 
study as they reveal that the COVID-19 crisis did not significantly alter firms’ WCM 
strategies. In contrast, the findings are inconsistent with Tarkom [58] study, as they 
demonstrate a significant negative influence of the COVID-19 crisis on WCM.

The results show that 157 firms (approximately 84%) adopt a conservative strategy 
as a safe strategy for their WCM, while 29 firms have adopted an aggressive strategy, 
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suggesting that most firms strive to provide a high level of liquidity and maintain 
current assets at high levels compared to current liabilities. In addition, the results of 
the DEA-Malmquist analysis revealed that the annual means of WCME increased by 
approximately 0.2% before the coronavirus crisis due to technological efficiency or 
frontier-shift changes. The results did not change significantly during the coronavi-
rus crisis, with only a 3.4% increase due to technological efficiency or frontier-shift 
changes. Furthermore, at the 5% significance level, the Wilcoxon test revealed no sta-
tistical difference in the efficiency scores of technical and scale efficiency, and total 
factor productivity before and during the coronavirus crisis. In contrast to previous 
findings, the results revealed a statistical difference in technological efficiency and 
pure efficiency scores at a 5% significance level. In addition, the current study’s find-
ings showed that the coronavirus crisis and firm age have no significant influence 
on WCM performance. By contrast, the findings reveal that firm size and leverage 
substantially impact WCM performance. Furthermore, the results indicate that sec-
tor category (communication services, consumer discretionary, healthcare, and mate-
rials) significantly influences WCM performance. Finally, our results indicate that 
firms that are efficient in terms of WCM have higher sales returns and net income, as 
the sales and net income averages of firms with relative efficiency in terms of WCM 
are approximately 11 and 30 times higher, respectively, than inefficient firms in terms 
of WCM.

Given the study findings, decision-makers and WC managers of firms should 
develop the necessary means and schemes to ensure the best practices of WCME and 
address the inefficiency aspects in terms of technical efficiency and scale efficiency 
to ensure that a firm operates efficiently, which would likely positively reflect on 
the firm and the confidence of many stakeholders. These findings highlight the need 
to disclose WCM practices within traditional firm reports or integrated reporting, 
where conventional statements alone would be insufficient to appraise firm perfor-
mance, especially given the current ecosystem’s rapid and consecutive development. 
The findings would also pique the interest of decision-makers and WC managers, 
who could use the DEA methodology to investigate and identify weaknesses in firm 
performance, and then take significant actions to optimize performance and achieve 
best practices.

This study has some limitations. This study focuses on 186 firms (558 firm-year 
observations) in the Gulf Cooperation Council (GCC), and the findings are lim-
ited to the period 2018–2020. Based on the findings of the sensitivity analysis and 
model validation, the findings can be generalized to other firms in GCC and Middle 
Eastern countries, and future research may include all non-financial sector firms for 
broader applicability. Managerial ability, intellectual capital, real earnings manage-
ment, ESG criteria, and the likelihood of financial distress are also important ele-
ments of financial policy that are not considered in this study but can be investigated 
in future studies. Despite these limitations, our study contributes to the literature 
by providing empirical evidence that most firms adopt conservative WCM strate-
gies. Additionally, the WCME results revealed a statistical difference in firms’ tech-
nological and pure efficiency scores before and during the coronavirus crisis. The 
study also shows that the coronavirus crisis had no significant influence on firms’ 
WCM performance. Finally, this study may have implications for many stakeholders, 
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including decision-makers, WCM managers, financiers, investors, financial consult-
ants, researchers, and others, in increasing their awareness of firms’ WCM perfor-
mance before and during a crisis. In addition, the results could have implications for 
trading strategies as investors and financiers seek to invest in companies with good 
WCM. The implications of WCM performance on social interests would cause deci-
sion-makers to use the best strategies and procedures to enhance WCM activities to 
improve their investments and image in the community in which it operates.

Author Contribution  The first author conceived the project and planning; fundamental analysis; the 
framework and statistical models; collected data and analyzed it; wrote the abstract, introduction, litera-
ture review and hypotheses formulation, data and methodology, results and analyses, and conclusions 
and implications; reviewed and edited the manuscript; responding to coming reviewers’ comments. The 
second author conceived the project and planning; results and analyses; reviewed the manuscript.

Declarations 

Conflict of Interest  The authors declare no competing interests.

References

	 1.	 Ferrier GD (1994) Ownership type, property rights, and relative Efficiency. In A. Charnes, W. W. 
Cooper, A. Y. Lewin, & L. M. Seiford (Eds.). Data envelopment analysis: theory, methodology, and 
applications (1 ed., pp. 273–283). Springer. https://​doi.​org/​10.​1007/​978-​94-​011-​0637-5_​14

	 2.	 Li X, Cui J (2008) A comprehensive dea approach for the resource allocation problem based on scale econ-
omies classification. J Syst Sci Complexity 21(4):540–557. https://​doi.​org/​10.​1007/​s11424-​008-​9134-6

	 3.	 Firth M (1976) Management of working capital. London: Macmillan Press
	 4.	 Smith KV (1979) Guide to working capital management. New York: McGraw-Hill
	 5.	 Tewolde S (2002) Working capital management: the case of government-owned, transitional, and 

privatised manufacturing firms in Eritrea [Doctor of Philosophy, University of Groningen]
	 6.	 Alshubiri F (2011) The effect of working capital practices on risk management: evidence from Jor-

dan. Global Journal of Business Research 5(1):39–54
	 7.	 Zimon G (2021) Working Capital. Encyclopedia 1(3):764–772. https://​doi.​org/​10.​3390/​encyc​loped​ia 

103​0058
	 8.	 Zimon G, Tarighi H (2021) Effects of the COVID-19 global crisis on the working capital management 

policy: evidence from Poland. J Risk Financial Manage 14(4). https://​doi.​org/​10.​3390/​jrfm1​40401​69
	 9.	 Jędrzejczak-Gas J (2017) Net working capital management strategies in the construction enterprises 

listed on the NewConnect market. Procedia Eng 182:306–313. https://​doi.​org/​10.​1016/j.​proeng.​
2017.​03.​098

	10.	 Zimon G (2020) Management strategies of working capital in Polish services providing companies. 
WSEAS Transact Bus Econ 17:225–230. https://​doi.​org/​10.​37394/​23207.​2020.​17.​24

	11.	 Baños-Caballero S, García-Teruel PJ, Martínez-Solano P (2020) Net operating working capital and firm 
value: a cross-country analysis. BRQ Business Research Quarterly 23(3):234–251. https://​doi.​org/​10.​1177/​
23409​44420​941464

	12.	 Enqvist J, Graham M, Nikkinen J (2014) The impact of working capital management on firm profit-
ability in different business cycles: evidence from Finland. Res Int Bus Finance 32:36–49. https://​
doi.​org/​10.​1016/j.​ribaf.​2014.​03.​005

	13.	 Aktas N, Croci E, Petmezas D (2015) Is working capital management value-enhancing? Evidence 
from firm performance and investments. J Corp Finance 30:98–113. https://​doi.​org/​10.​1016/j.​jcorp​fin.​
2014.​12.​008

Page 17 of 20    32Operations Research Forum (2022) 3: 32

https://doi.org/10.1007/978-94-011-0637-5_14
https://doi.org/10.1007/s11424-008-9134-6
https://doi.org/10.3390/encyclopedia1030058
https://doi.org/10.3390/encyclopedia1030058
https://doi.org/10.3390/jrfm14040169
https://doi.org/10.1016/j.proeng.2017.03.098
https://doi.org/10.1016/j.proeng.2017.03.098
https://doi.org/10.37394/23207.2020.17.24
https://doi.org/10.1177/2340944420941464
https://doi.org/10.1177/2340944420941464
https://doi.org/10.1016/j.ribaf.2014.03.005
https://doi.org/10.1016/j.ribaf.2014.03.005
https://doi.org/10.1016/j.jcorpfin.2014.12.008
https://doi.org/10.1016/j.jcorpfin.2014.12.008


1 3

	14.	 Mahmood F, Han D, Ali N, Mubeen R, Shahzad U (2019) Moderating effects of firm size and lever-
age on the working capital finance–profitability relationship: evidence from China. Sustainability 
11(7):2029. https://​doi.​org/​10.​3390/​su110​72029

	15.	 PwC (2019) Working Capital Report 2019/20: creating value through working capital (unlocking cash in 
digital age). P. w. h. Coopers. http://​www.​pwc.​com/​gx/​en/​worki​ng-​capit​al-​manag​ement-​servi​ces/​assets/​
worki​ng-​capit​al-​report-​final.​pdf. Accessed 21 March 2022

	16.	 Chang C-C (2018) Cash conversion cycle and corporate performance: global evidence. Int Rev 
Econ Financ 56:568–581. https://​doi.​org/​10.​1016/j.​iref.​2017.​12.​014

	17.	 Kieschnick R, Laplante M, Moussawi R (2013) Working capital management and shareholders’ 
wealth*. Review of Finance 17(5):1827–1852. https://​doi.​org/​10.​1093/​rof/​rfs043

	18.	 Petersen MA, Rajan RG (1997) Trade credit: theories and evidence. Rev Financial Stud 10(3):661–
691. https://​doi.​org/​10.​1093/​rfs/​10.3.​661

	19.	 de Almeida JR, Eid W (2014) Access to finance, working capital management and company value: 
evidences from Brazilian companies listed on BM&FBOVESPA. J Bus Res 67(5):924–934. https://​
doi.​org/​10.​1016/j.​jbusr​es.​2013.​07.​012

	20.	 Baños-Caballero S, García-Teruel PJ, Martínez-Solano P (2014) Working capital management, cor-
porate performance, and financial constraints. J Bus Res 67(3):332–338. https://​doi.​org/​10.​1016/j.​
jbusr​es.​2013.​01.​016

	21.	 Shin HH, Soenen L (1998) Efficiency of working capital management and corporate profitability. 
Financ Pract Educ 8(2):37–45

	22.	 Emery GW, Cogger KO (1982) The measurement of liquidity. J Account Res 20(2):290–303. https://​
doi.​org/​10.​2307/​24907​41

	23.	 Richards VD, Laughlin EJ (1980) A cash conversion cycle approach to liquidity analysis. Financ 
Manage 9:32

	24.	 Goel U, Sharma AK (2015) Analysing Efficiency change in working capital management using 
Malmquist productivity index. J Inf Optim Sci 36(6):595–616. https://​doi.​org/​10.​1080/​02522​667.​2015.​
10475​86

	25.	 Gill AS, Biger N (2013) The impact of corporate governance on working capital management efficiency of 
American manufacturing firms. Manag Financ 39(2):116–132. https://​doi.​org/​10.​1108/​03074​35131​12939​81

	26.	 Goel U, Sharma AK (2014) A DEA based approach to working capital management efficiency. 
Indore Management Journal (IMJ) 6(1):1–23

	27.	 Goel U, Sharma AK (2016) Measuring efficiency of working capital management: a two-stage data 
envelopment analysis approach. Int J Bus Excell 10(4):523–544

	28.	 Seth H, Chadha S, Ruparel N, Arora PK, Sharma SK (2020) Assessing working capital management 
efficiency of Indian manufacturing exporters. Manag Financ 46(8):1061–1079. https://​doi.​org/​10.​
1108/​MF-​02-​2019-​0076

	29.	 Seth H, Chadha S, Sharma S (2020) Benchmarking the efficiency model for working capital manage-
ment: data envelopment analysis approach. Int J Product Perform Manage, ahead-of-print (ahead-of-
print). https://​doi.​org/​10.​1108/​IJPPM-​10-​2019-​0484

	30.	 Seth H, Chadha S, Sharma SK, Ruparel N (2021) Exploring predictors of working capital manage-
ment efficiency and their influence on firm performance: an integrated DEA-SEM approach. Bench-
marking: Int J 28(4):1120–1145. https://​doi.​org/​10.​1108/​BIJ-​05-​2020-​0251

	31.	 Mourad N, Habib AM, Tharwat A (2021) Appraising healthcare systems’ efficiency in facing 
COVID-19 through data envelopment analysis. Decis Sci Lett 10(3):301–310. https://​doi.​org/​10.​
5267/j.​dsl.​2021.2.​007

	32.	 Shahwan TM, Habib AM (2020) Does the efficiency of corporate governance and intellectual capital 
affect a firm’s financial distress? Evidence from Egypt. J Intellect Cap 21(3):403–430. https://​doi.​org/​
10.​1108/​jic-​06-​2019-​0143

	33.	 Tone K (2016) Data Envelopment Analysis as a Kaizen Tool: SBM variations revisited. Bullet Math 
Sci Appl 16:49–61. https://​doi.​org/​10.​18052/​www.​scipr​ess.​com/​BMSA.​16.​49

	34.	 Shahwan TM, Habib AM (2021) Do corporate social responsibility practices affect the relative effi-
ciency of Egyptian conventional and Islamic banks? Int J Emerg Markets, ahead-of-print (ahead-of-
print). https://​doi.​org/​10.​1108/​ijoem-​05-​2020-​0518

	35.	 Tuskan B, Stojanovic A (2016) Measurement of cost efficiency in the European banking industry. 
Croatian Operational Res Rev 7(1):47–66. https://​doi.​org/​10.​17535/​crorr.​2016.​0004

	36.	 Habib AM, Kayani UN (2022) Does the efficiency of working capital management affect a firm’s 
financial distress? Evidence from UAE. Corporate Governance, ahead-of-print (ahead-of-print). 
https://​doi.​org/​10.​1108/​CG-​12-​2021-​0440

32   Page 18 of 20 Operations Research Forum (2022) 3: 32

https://doi.org/10.3390/su11072029
http://www.pwc.com/gx/en/working-capital-management-services/assets/working-capital-report-final.pdf
http://www.pwc.com/gx/en/working-capital-management-services/assets/working-capital-report-final.pdf
https://doi.org/10.1016/j.iref.2017.12.014
https://doi.org/10.1093/rof/rfs043
https://doi.org/10.1093/rfs/10.3.661
https://doi.org/10.1016/j.jbusres.2013.07.012
https://doi.org/10.1016/j.jbusres.2013.07.012
https://doi.org/10.1016/j.jbusres.2013.01.016
https://doi.org/10.1016/j.jbusres.2013.01.016
https://doi.org/10.2307/2490741
https://doi.org/10.2307/2490741
https://doi.org/10.1080/02522667.2015.1047586
https://doi.org/10.1080/02522667.2015.1047586
https://doi.org/10.1108/03074351311293981
https://doi.org/10.1108/MF-02-2019-0076
https://doi.org/10.1108/MF-02-2019-0076
https://doi.org/10.1108/IJPPM-10-2019-0484
https://doi.org/10.1108/BIJ-05-2020-0251
https://doi.org/10.5267/j.dsl.2021.2.007
https://doi.org/10.5267/j.dsl.2021.2.007
https://doi.org/10.1108/jic-06-2019-0143
https://doi.org/10.1108/jic-06-2019-0143
https://doi.org/10.18052/www.scipress.com/BMSA.16.49
https://doi.org/10.1108/ijoem-05-2020-0518
https://doi.org/10.17535/crorr.2016.0004
https://doi.org/10.1108/CG-12-2021-0440


1 3

	37.	 Cooper WW, Seiford LM, Tone K (2007) Data envelopment analysis (2 ed.). Springer US. https://​doi.​
org/​10.​1007/​978-0-​387-​45283-8

	38.	 Habib AM, Shahwan TM (2020) Measuring the operational and financial efficiency using 
a Malmquist data envelopment analysis: a case of Egyptian hospitals. Benchmarking: Int J 
27(9):2521–2536. https://​doi.​org/​10.​1108/​bij-​01-​2020-​0041

	39.	 Mazaheri N (2013) The Saudi monarchy and economic familism in an era of business environ-
ment reforms. Bus Polit 15(3):295–321. https://​doi.​org/​10.​1515/​bap-​2012-​0039

	40.	 Buallay A, Abuhommous AAA, Kukreja G (2020) The relationship between intellectual capital and 
employees’ productivity: evidence from the Gulf Cooperation Council. J Manage Dev, ahead-of-
print (ahead-of-print). https://​doi.​org/​10.​1108/​jmd-​05-​2019-​0210

	41.	 Fauci AS, Lane HC, Redfield RR (2020) Covid-19 - navigating the uncharted. N Engl J Med 
382(13):1268–1269. https://​doi.​org/​10.​1056/​NEJMe​20023​87

	42.	 Deloof M (2003) Does working capital management affect profitability of Belgian firms? J Bus 
Finance Account 30(3–4):573–588. https://​doi.​org/​10.​1111/​1468-​5957.​00008

	43.	 Tran H, Abbott M, Jin Yap C (2017) How does working capital management affect the profitability 
of Vietnamese small- and medium-sized enterprises? J Small Bus Enterp Dev 24(1):2–11. https://​
doi.​org/​10.​1108/​JSBED-​05-​2016-​0070

	44.	 Boisjoly RP, Conine TE, McDonald MB (2020) Working capital management: financial and valua-
tion impacts. J Bus Res 108:1–8. https://​doi.​org/​10.​1016/j.​jbusr​es.​2019.​09.​025

	45.	 Fernández-López S, Rodeiro-Pazos D, Rey-Ares L (2020) Effects of working capital management 
on firms’ profitability: evidence from cheese-producing companies. Agribusiness 36(4):770–791. 
https://​doi.​org/​10.​1002/​agr.​21666

	46.	 Wang Z, Akbar M, Akbar A (2020) The Interplay between working capital management and a 
firm’s financial performance across the corporate life cycle. Sustainability 12(4):1661. https://​doi.​
org/​10.​3390/​su120​41661

	47.	 Ukaegbu B (2014) The significance of working capital management in determining firm profitabil-
ity: evidence from developing economies in Africa. Res Int Bus Finance 31:1–16. https://​doi.​org/​10.​
1016/j.​ribaf.​2013.​11.​005

	48.	 Dalci I, Ozyapici H (2018) Working capital management policy in health care: the effect of lever-
age. Health Policy 122(11):1266–1272. https://​doi.​org/​10.​1016/j.​healt​hpol.​2018.​09.​012

	49.	 Wasiuzzaman S (2015) Working capital and profitability in manufacturing firms in Malaysia: an 
empirical study. Glob Bus Rev 16(4):545–556. https://​doi.​org/​10.​1177/​09721​50915​581098

	50.	 Akinlo OO (2012) Effect of Working capital on profitability of selected quoted firms in Nigeria. 
Glob Bus Rev 13(3):367–381. https://​doi.​org/​10.​1177/​09721​50912​01300​301

	51.	 Altaf N (2020) Working capital financing, firm performance and financial flexibility: evidence from 
Indian hospitality firms. Glob Bus Rev 1–12. https://​doi.​org/​10.​1177/​09721​50920​961371

	52.	 Soukhakian I, Khodakarami M (2019) Working capital management, firm performance and mac-
roeconomic factors: evidence from Iran. Cogent Bus Manag 6(1):1–24. https://​doi.​org/​10.​1080/ 
​23311​975.​2019.​16842​27

	53.	 Lyngstadaas H (2020) Packages or systems? Working capital management and financial performance 
among listed U.S. manufacturing firms. J Manage Control 31(4):403–450. https://​doi.​org/​10.​1007/​
s00187-​020-​00306-z

	54.	 Chamberlain TW, Aucouturier J (2021) Working capital management and firm performance: 
some evidence from Europe. Int Adv Econ Res 27(4):321–323. https://​doi.​org/​10.​1007/​
s11294-​022-​09839-6

	55.	 Aldubhani MAQ, Wang J, Gong T, Maudhah RA (2022) Impact of working capital management on 
profitability: evidence from listed companies in Qatar. J Money Bus ahead-of-print (ahead-of-print). 
https://​doi.​org/​10.​1108/​jmb-​08-​2021-​0032

	56.	 Jaworski J, Czerwonka L (2022) Profitability and working capital management: evidence from the 
Warsaw stock exchange. J Bus Econ Manag 23(1):180–198. https://​doi.​org/​10.​3846/​jbem.​2022.​
15087

	57.	 Mazanec J (2022) The impact of working capital management on corporate performance in small–
medium enterprises in the Visegrad Group. Mathematics 10(6):951. https://​doi.​org/​10.​3390/ 
​math1​00609​51

	58.	 Tarkom A (2021) Impact of COVID-19 exposure on working capital management: the moderating 
effect of investment opportunities and government incentives. Finance Res Lett 102666. https://​doi.​
org/​10.​1016/j.​frl.​2021.​102666

Page 19 of 20    32Operations Research Forum (2022) 3: 32

https://doi.org/10.1007/978-0-387-45283-8
https://doi.org/10.1007/978-0-387-45283-8
https://doi.org/10.1108/bij-01-2020-0041
https://doi.org/10.1515/bap-2012-0039
https://doi.org/10.1108/jmd-05-2019-0210
https://doi.org/10.1056/NEJMe2002387
https://doi.org/10.1111/1468-5957.00008
https://doi.org/10.1108/JSBED-05-2016-0070
https://doi.org/10.1108/JSBED-05-2016-0070
https://doi.org/10.1016/j.jbusres.2019.09.025
https://doi.org/10.1002/agr.21666
https://doi.org/10.3390/su12041661
https://doi.org/10.3390/su12041661
https://doi.org/10.1016/j.ribaf.2013.11.005
https://doi.org/10.1016/j.ribaf.2013.11.005
https://doi.org/10.1016/j.healthpol.2018.09.012
https://doi.org/10.1177/0972150915581098
https://doi.org/10.1177/097215091201300301
https://doi.org/10.1177/0972150920961371
https://doi.org/10.1080/23311975.2019.1684227
https://doi.org/10.1080/23311975.2019.1684227
https://doi.org/10.1007/s00187-020-00306-z
https://doi.org/10.1007/s00187-020-00306-z
https://doi.org/10.1007/s11294-022-09839-6
https://doi.org/10.1007/s11294-022-09839-6
https://doi.org/10.1108/jmb-08-2021-0032
https://doi.org/10.3846/jbem.2022.15087
https://doi.org/10.3846/jbem.2022.15087
https://doi.org/10.3390/math10060951
https://doi.org/10.3390/math10060951
https://doi.org/10.1016/j.frl.2021.102666
https://doi.org/10.1016/j.frl.2021.102666


1 3

	59.	 Struwig M, Watson S (2021) Working capital management and systems disruption during 
the COVID-19 pandemic: evidence from South Africa. Athens J Bus Econom, ahead-of-print 
(ahead-of-print), 1–13. https://​doi.​org/​10.​30958/​ajbe.X-​Y-Z

	60.	 Pastor JT, Ruiz JL (2007) Variables With Negative Values In Dea. In J. Zhu & W. D. Cook (Eds.). 
Modeling data irregularities and structural complexities in data envelopment analysis (pp. 63–84). 
Springer, Boston, MA. https://​doi.​org/​10.​1007/​978-0-​387-​71607-7_4

	61.	 Portela MCAS, Thanassoulis E, Simpson G (2004) Negative data in DEA: a directional distance 
approach applied to bank branches. J Oper Res Soc 55(10):1111–1121. https://​doi.​org/​10.​1057/​ 
palgr​ave.​jors.​26017​68

	62.	 Ozcan YA (2014) Health care benchmarking and performance evaluation (2 ed., Vol. 210). Springer 
US. https://​doi.​org/​10.​1007/​978-1-​4899-​7472-3

	63.	 Fixler T, Paradi JC, Yang X (2014) A data envelopment analysis approach for measuring the effi-
ciency of Canadian acute care hospitals. Health Serv Manage Res 27(3–4):57–69. https://​doi.​org/​10.​
1177/​09514​84815​601876

	64.	 Parkin D, Hollingsworth B (1997) Measuring production efficiency of acute hospitals in Scotland, 
1991–94: validity issues in data envelopment analysis. Appl Econ 29(11):1425–1433. https://​doi.​
org/​10.​1080/​00036​84973​26255

Publisher’s Note  Springer Nature remains neutral with regard to jurisdictional claims in published 
maps and institutional affiliations.

Authors and Affiliations

Ahmed Mohamed Habib1   · Nahia Mourad2

	 Nahia Mourad 
	 nahia.mourad@aue.ae

1	 Independent Accounting and Finance Researcher, Zagazig, Egypt
2	 College of Computer Information Technology, American University in the Emirates, Dubai, 

UAE

32   Page 20 of 20 Operations Research Forum (2022) 3: 32

https://doi.org/10.30958/ajbe.X-Y-Z
https://doi.org/10.1007/978-0-387-71607-7_4
https://doi.org/10.1057/palgrave.jors.2601768
https://doi.org/10.1057/palgrave.jors.2601768
https://doi.org/10.1007/978-1-4899-7472-3
https://doi.org/10.1177/0951484815601876
https://doi.org/10.1177/0951484815601876
https://doi.org/10.1080/000368497326255
https://doi.org/10.1080/000368497326255
http://orcid.org/0000-0003-1728-6028

	Analyzing the Efficiency of Working Capital Management: a New Approach Based on DEA-Malmquist Technology
	Abstract
	1 Introduction
	2 Literature Review and Hypotheses Formulation
	3 Data and Methodology
	4 Results and Discussion
	4.1 Results of the Efficiency Model
	4.2 Results of the Tobit Regression Model
	4.3 Sensitivity Analysis and Model Validation

	5 Summary and Conclusion
	References


