
Citation: Shi, M.; Yang, X.; Ding, Y.;

Sun, L.; Zhang, P.; Liu, M.; Han, X.;

Huang, Z.; Li, R. Ferroptosis-Related

Proteins Are Potential Diagnostic

Molecular Markers for Patients with

Preeclampsia. Biology 2022, 11, 950.

https://doi.org/10.3390/

biology11070950

Academic Editor: Dongbao Chen

Received: 26 May 2022

Accepted: 21 June 2022

Published: 22 June 2022

Publisher’s Note: MDPI stays neutral

with regard to jurisdictional claims in

published maps and institutional affil-

iations.

Copyright: © 2022 by the authors.

Licensee MDPI, Basel, Switzerland.

This article is an open access article

distributed under the terms and

conditions of the Creative Commons

Attribution (CC BY) license (https://

creativecommons.org/licenses/by/

4.0/).

biology

Article

Ferroptosis-Related Proteins Are Potential Diagnostic
Molecular Markers for Patients with Preeclampsia
Meiting Shi †, Xiaofeng Yang †, Yuzhen Ding, Lu Sun, Ping Zhang, Mengyuan Liu, Xiaoxue Han, Zhengrui Huang
and Ruiman Li *

Department of Obstetrics and Gynecology, The First Affiliated Hospital of Jinan University,
Guangzhou 510000, China; meitingshi2018@163.com (M.S.); yxf565548660@163.com (X.Y.);
dingyuzhen8848@126.com (Y.D.); sunlu5562@163.com (L.S.); zhang44ping@gmail.com (P.Z.);
mengyuan_s@163.com (M.L.); 13249144308@163.com (X.H.); hzhengr@126.com (Z.H.)
* Correspondence: hqyyck@126.com; Tel.: +86-(20)-38668803
† These authors contributed equally to this work.

Simple Summary: In this work, a number of key genes involved in ferroptosis were identified, which
aimed to provide clues for further studying the role of ferroptosis in preeclampsia. Among these
hub genes, we selected p53 and c-Jun for further validation based on the relationship between their
expression levels and clinicopathologic features and diagnosis value using the ROC curve. Our
study may provide interesting insight into the pathological mechanism of preeclampsia from the
perspective of bioinformatics analysis.

Abstract: Preeclampsia (PE) is the leading cause of maternal and fetal mortality and morbidity. Early
and accurate diagnosis is critical to reduce mortality. Placental oxidative stress has been identified
as a major pathway to the development of PE. Ferroptosis, a new form of regulated cell death, is
associated with iron metabolism and oxidative stress, and has been suspected to play a role in the
pathophysiology of PE, although the mechanism is yet to be elucidated. The identification of potential
ferroptosis-related biomarkers is of great significance for the early diagnosis and treatment of PE. A
gene expression dataset of peripheral blood samples was downloaded from the Gene Expression
Omnibus (GEO) dataset. Differentially expressed genes (DEGs) were filtrated with the R package
“limma”. Gene Ontology (GO) and Kyoto Encyclopedia of Genes and Genomes (KEGG) enrichment
analyses of the DEGs were then conducted. Ferroptosis-related DEGs were screened by overlapping
the ferroptosis-related genes with DEGs. The protein–protein interaction (PPI) network was used to
identify the key ferroptosis-related DEGs. Enzyme-linked immunosorbent assay (ELISA) was used to
validate changes in the selected key ferroptosis-related DEGs. The correlations between the key genes
and clinical and pathological characteristics were analyzed. Finally, the diagnostic value of these key
genes for PE was confirmed by a receiver operating characteristic (ROC) curve. A total of 5913 DEGs
were identified and 45 ferroptosis-related DEGs were obtained. Besides, ferroptosis-related pathways
were enriched by KEGG using DEGs. The PPI network showed that p53 and c-Jun were the critical
hub genes. ELISA showed that p53 in the serum of PE patients was higher than that of the control
group, while c-Jun was lower than that of the control group. Analysis of the clinicopathological
features showed that p53 and c-Jun were correlated with the PE characteristics. Finally, based on the
area under curve (AUC) values, c-Jun had the superior diagnostic power (AUC = 0.87, p < 0.001),
followed by p53 (AUC = 0.75, p < 0.001). Our study identified that two key genes, p53 and c-Jun,
might be potential diagnostic biomarkers of PE.

Keywords: preeclampsia; ferroptosis; bioinformatics; diagnosis

1. Introduction

Preeclampsia (PE), characterized by hypertension and proteinuria after 20 weeks of
gestation, is a pregnancy-specific cardiovascular complication that affects 2 to 8% of all
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pregnancies and is the leading cause of maternal and fetal morbidity and mortality [1].
Although the etiology of PE has been extensively studied in the past few decades, its
pathogenesis is still not fully understood [2]. Currently, the treatment of PE is limited
to the control of hypertension and maternal–fetal monitoring, and timely termination of
pregnancy remains the only effective method [3]. Therefore, early recognition, accurate
diagnosis, and appropriate management of patients with PE are important to reduce the risk
of adverse maternal and fetal outcomes. PE is now diagnosed based on hypertension and
proteinuria, but this method lacks sensitivity and specificity, and it has a dismal prognosis
for unfavorable maternal and fetal outcomes [4]. Hence, it is very necessary to identify new
potential biomarkers for screening, diagnosis, and monitoring of PE.

The pathogenesis of PE is complex and involves many different mechanisms, including
immune imbalance, vascular endothelial cell damage, and inflammatory processes [5]. The
prevailing view is that abnormal invasion of trophoblasts may cause inadequate remodeling
of the maternal spiral arteries, which leads to utero-placental high-resistance circulation [6],
resulting in a state of ischemia and hypoxia in the placenta, which triggers an oxidative
stress stage. Recently, a large number of studies showed that programmed cell death
plays an important role in trophoblast injury and placental physiology [7,8]. Ferroptosis,
an iron-dependent form of programmed cell death, has been identified in preeclampsia,
but the mechanism of ferroptosis in the placenta remains unclear [7,9]. It is known that
ferroptosis is morphologically, biochemically, and genetically distinct from other already
established modes of cell death, including apoptosis, autophagy, and necrosis [10,11].
Moreover, oxidative stress and lipid peroxidation are two major causes for ferroptosis,
characterized by the intracellular accumulation of reactive oxygen species, which is closely
associated with the pathophysiology of PE [12]. It is a well-known fact that the placenta has
been identified as the central organ in the pathogenesis of PE. Indeed, studies found that
trophoblast cells may be more prone to ferroptosis than other cell types at the maternal–fetal
interface due to the high iron, the high level of long-chain polyunsaturated fatty acids, and
the high expression of Lpcat3 and Sat1 [13–15].

Multiple signaling pathways, including the mitogen-activated protein kinase (MAPK)
signaling pathway, p53 signaling pathway, and the Hippo pathway, have been found
to play important roles in ferroptosis [16–19]. In addition to the two classic ferroptosis-
regulating genes, SLC7A11 and GPX4, a growing number of ferroptosis-related genes
(FRGs) have been identified as contributors to some diseases [20–24]. As the research
advanced, accumulating evidence indicates that ferroptosis is associated with a variety
of human diseases, including carcinogenesis, degenerative diseases, cerebral hemorrhage,
renal degeneration, and ischemia–reperfusion injury [25–30]. Recent studies have suggested
that ferroptosis plays an important role in the development and progression of PE [31].
Therefore, identification of ferroptosis-related biomarkers for the early diagnosis of PE is
vital and may contribute to early intervention in PE patients.

In this study, we used a data-mining approach to identify the differentially expressed
genes (DEGs) in blood samples between pregnant women with preeclampsia and healthy
pregnant women. Then, functional enrichment analyses showed these DEGs to be enriched
in biological functions related to ferroptosis. Next, these DEGs were intersected with
the ferroptosis dataset to acquire the ferroptosis DEGs. Finally, based on these screening
results, many potential biomarkers were identified, and p53 and c-Jun were validated via
enzyme-linked immunosorbent assay (ELISA) in the validation study. In conclusion, this
study may provide potential biomarkers for the diagnosis of PE.

2. Materials and Methods
2.1. Acquisition and Processing of Gene Expression Data

The National Center for Biotechnology Information (NCBI) Gene Expression Omnibus
(GEO) database (https://www.ncbi.nlm.nih.gov/geo/ (accessed on 2 May 2022)) is an
international open-access data platform. The gene expression profiling dataset GSE149440,
which is based on the GPL28460 Affymetrix Human Transcriptome Array 2.0 platforms, was
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downloaded from GEO. The dataset contains 735 samples composing of whole blood from
the controls who delivered at term (n = 314) and patients with early-preeclampsia (n = 66),
preterm premature rupture of membranes (PPROM) (n = 189), and spontaneous preterm
delivery (sPTD) (n = 166). The data of the controls and patients with early-preeclampsia
were further analyzed. Three types of ferroptosis-related genes were download from
FerrDb (http://www.zhounan.org/ferrdb/legacy/index.html (accessed on 2 May 2022)),
including 150 drivers, 109 suppressors, and 123 markers. In total, 214 genes were screened
after removing non-human and duplicate genes.

2.2. Screening of the Differentially Expressed Genes (DEGs)

The differentially expressed genes between the controls and patients were screened
using the “limma” R package. To obtain the significantly DEGs, a p value < 0.05 and log2
(Fold Change) 6= 0 were set as the criteria of identification.

2.3. Analysis of Functional Enrichment and Pathway

In order to study the biologic functions and pathways of the DEGs, Gene Ontology
(GO) and Kyoto Encyclopedia of Genes and Genomes (KEGG) enrichment analyses were
performed. GO annotations of the genes in the R software package org.hs.eg.db (Version
3.1.0, Bioconductor) were used as the background to map genes into the background set,
and the R package clusterProfiler (Version 3.14.3, Bioconductor) was used to perform
the enrichment analysis. The KEGG rest API (https://www.kegg.jp/kegg/rest/keggapi.
html (accessed on 5 May 2022)) was used to get the newest gene notations of the KEGG
pathway and the R package clusterProfiler (Version 3.14.3, Bioconductor) was used to
obtain the enrichment results. The minimum gene was set as 5 and the maximum as 5000;
a p value < 0.05 and FDR < 0.25 were considered statistically significant.

2.4. Construction of the Protein–Protein Interaction Network

The STRING V11.0 database (https://cn.string-db.org/ (accessed on 5 May 2022))
was used to analyze the interactions between the genes and construct a PPI network; after
that, the disconnected nodes in the network were hided. The result was downloaded from
STRING, then imported into the Cytoscape V3.9.1 software (UC, San Diego, CA, USA) to
find the top 10 node genes by the CytoHubba plug-in in 9 ways, and then we took the
intersection to filtrate the hub genes. In the CytoHubba plug-in, the MCC is the most
accurate method, so we selected the top 2 genes in the MCC score, TP53 (p53) and JUN
(c-Jun), as the key genes.

2.5. Biochemical Measurement of Blood Samples

All the used blood samples were collected after the pregnant women were admitted
to hospital and before delivery. Blood samples were drawn from the antecubital vein in the
arm, then centrifuged at 3000 rpm for 20 min, and the serum was collected and stored at
−80 ◦C until processing. The serum concentration of p53 was determined with an ELISA
kit from abcam (Human p53 ELISA Kit; ab46067), and the serum concentration of c-Jun
was measured by an ELISA kit from Cell Signaling Technology (CST) (FastScan Total c-Jun
ELISA Kit; 23176C).

2.6. Statistic

The “limma” R package and Cytoscape V3.9.0 software were used to perform the
analysis of the public gene expression data. SPSS V22.0 software (SPSS, Chicago, IL, USA)
was used to analyze the data of the demographic characteristics of the participants and the
biochemical measurements. The normally distributed continuous variables were expressed
as the means ± standard deviations and the significance between the means was tested
using Student’s t-test. Mann–Whitney tests were used to compare non-normally distributed
data, with data expressed as the median and interquartile range. The data counting was
expressed as a rate (%) by using Chi-square tests. Pearson correlation analysis was used to

http://www.zhounan.org/ferrdb/legacy/index.html
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analyze the relationships between the clinical characteristics and gene expression. Receiver
operating characteristic (ROC) curve and area under the curve (AUC) values analyses
were performed to evaluate the diagnostic accuracy of the gene expression levels for
preeclampsia. A p value < 0.05 was considered statistically significant.

3. Results
3.1. Results
3.1.1. Clinical Features of the Participants

A total of 60 pregnant patients with PE and 60 controls with normal pregnancy were
included in this study. There were no significant differences in maternal age, parity, history
of PE, chronic hypertension, pre-gestational diabetes mellitus, antiphospholipid syndrome,
preexisting kidney disease, and familiar risk (p > 0.05). Additionally, the PE group had
a higher body mass index (BMI), maximum systolic blood pressure (SBP), maximum
diastolic blood pressure (DBP), mean artery pressure (MAP), and higher urinary protein
levels; babies born from the PE group had a lower fetal birth weight than those from the
control group (p < 0.05) (Table 1).

Table 1. Demographic characteristics of the participants in this study.

Variable Control Group (n = 60) PE Group (n = 60) p Value

Maternal age, y 29 (26–33) 29 (27–33) 0.819
Body mass index, kg/m2 21 (19–22) 22 (20–25) 0.006
Parity, n (%) 0.355
Primipara 32 (53) 38 (63)
Multipara 28 (47) 22 (37)
History of the PE, n (%) 3 (5) 4 (7) 1.000
Chronic hypertension, n (%) 0 (0) 2 (3) 0.496
PGDM, n (%) 2 (3) 2 (3) 1.000
Antiphospholipid syndrome, n (%) 1 (2) 2 (3) 1.000
Preexisting kidney disease, n (%) 0 (0) 2 (3) 0.496
Familiar risk, n (%) 1 (2) 3 (5) 0.619
Systolic pressure, mmHg 117 (112–126) 161 (146−170) <0.001
Diastolic pressure, mmHg 75 (71–79) 98 (92–114) <0.001
MAP, mmHg 89 (86–93) 119 (111–132) <0.001
24-h proteinuria, g/24 h 0.05 (0.04–0.12) 1.33 (0.64–3.43) <0.001
Gestational age at birth, d 266 (255–276) 259 (244–267) <0.001
Fetal birth weight, g 3194 (2949–3275) 2900 (2200–3200) 0.002
RDS, n (%) 1 (2) 16 (27) <0.001
NICU, n (%) 1 (2) 16 (27) <0.001

Data are presented as the median (interquartile range) and mean ± standard deviation unless indicated as n (%).
PE = preeclampsia; PGDM = pre-gestational diabetes mellitus; MAP = mean artery pressure; RDS = respiratory
distress syndrome; NICU = neonatal intensive care unit. A p value < 0.05 was considered significant.

3.1.2. Identification of DEGs in Blood Samples

The gene expression data in blood samples from normal pregnancy and patients with
PE were downloaded from dataset GSE149440 in the Gene Expression Omnibus (GEO). The
dataset contains a total of 735 expression data, including 189 preterm premature rupture of
membranes (PPROM), 166 spontaneous preterm delivery (sPTD), 314 control, and 66 early-
preeclampsia blood samples (Figure 1). The DEGseq R package was used to perform the
data normalization and differential gene expression analysis. The results showed that there
was a total of 5913 DEGs, including 1234 upregulated genes and 4679 downregulated genes.
The DEGs were visualized using a volcano plot (Figure 2A). The top 30 upregulated genes
are shown in Table 2 and the top 30 downregulated genes are shown in Table 3. MIR3939,
LOC105376568, TTN-AS1, STK24, INPP5A, HSPC102, SMPD4BP, LRRC37A4P, PDPR2P,
and ASB8 were the top 10 upregulated genes. FAM171B, FOSB, FLT1, FN1, RIMKLB,
MATN2, GPC4, LOC101928855, LOC644090, and CDCA7 were the top 10 downregulated
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genes. The expression of the top 20 DEGs listed by p values is shown by the heatmap
(Figure 2B).
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Table 2. Top 30 upregulated genes of the DEGs.

Gene Symbol Log2FC p Value

MIR3939 0.681836871 0.0000000065
LOC105376568 0.459679751 0.0000000968
TTN-AS1 0.168772851 0.0000003906
STK24 0.084107410 0.0000009831
INPP5A 0.119524431 0.0000014759
HSPC102 0.532569188 0.0000016817
SMPD4BP 0.090404584 0.0000053122
LRRC37A4P 0.206650798 0.0000090054
PDPR2P 0.154363661 0.0000144329
ASB8 0.103036862 0.0000148492
GLYR1 0.119425589 0.0000221570
SLC25A6P2 0.127278093 0.0000262861
ERV3-1 0.320543342 0.0000268127
TOR1A 0.132429450 0.0000346933
WHAMMP1 0.216623800 0.0000359022
LRRC37A17P 0.271869224 0.0000371765
DHDDS-AS1 0.132565620 0.0000379569
MAX 0.080250037 0.0000396618
SELP 0.188509826 0.0000471182
RPS2P7 0.148369736 0.0000508025
NQO2 0.178847959 0.0000565570
FAM153A 0.129231134 0.0000603660
TNFSF14 0.132533146 0.0000616615
PDPR 0.225867791 0.0000652686
SLC4A10 0.146662353 0.0000768642
TAB3 0.127250551 0.0000785952
COLQ 0.070045308 0.0000844558
PDLIM1 0.149533133 0.0000849043
OR6K3 0.172019882 0.0000919229
NFE4 0.219922283 0.0000964147

Table 3. Top 30 downregulated genes of the DEGs.

Gene Symbol Log2FC p Value

FAM171B −0.214300119 0.0000007277
FOSB −0.100125939 0.0000011258
FLT1 −0.095896809 0.0000016907
FN1 −0.074430719 0.0000025301
RIMKLB −0.057612207 0.0000136380
MATN2 −0.067397889 0.0000264791
GPC4 −0.079923918 0.0000285482
LOC101928855 −0.099017279 0.0000309617
LOC644090 −0.085740243 0.0000373470
CDCA7 −0.056959849 0.0000398187
LOC101059954 −0.078430951 0.0000413221
LINC02487 −0.078594043 0.0000481066
ELOC −0.037768067 0.0000496455
NHLH2 −0.066026726 0.0000582698
LOC100506489 −0.064018314 0.0000697048
LOC107986383 −0.077890143 0.0000722787
TUBB6 −0.080615791 0.0000987167
PRG1 −0.162206377 0.0001033506
LINC00309 −0.054808819 0.0001114693
TCN2 −0.099952456 0.0001141195
LOC112267901 −0.132601517 0.0001190145
SERINC2 −0.106660347 0.0001205236
IER5L-AS1 −0.084976169 0.0001325151
LOC284912 −0.091842494 0.0001444731
CHRNB3 −0.058923918 0.0001519665
NR4A2 −0.063301192 0.0001692061
YEATS4 −0.196128294 0.0001758740
LINC02953 −0.069851232 0.0001776020
LOC101928517 −0.077337704 0.0001810568
SNORD114-7 −0.075879892 0.0001837738
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3.1.3. GO and KEGG Pathway Enrichment Analysis of the DEGs

To investigate the biological functions of these DEGs, GO enrichment analysis was
performed. The GO enrichment analysis results for the biological process (BP) showed that
DEGs were mainly enriched in collagen fibril organization, extracellular matrix organiza-
tion, cell adhesion, cell migration, and ion transport (Figure 3A,D). Extracellular matrix
structural constituent conferring tensile strength, extracellular matrix structural constituent,
ligand-gated ion channel activity, calmodulin binding, and glutamate receptor activity were
enriched in Molecular Function (MF) (Figure 3B,E). For cellular component (CC), the DEGs
were mainly enriched in the extracellular matrix, plasma membrane, integral component
of plasma membrane, cell surface, and AMPA glutamate receptor complex (Figure 3C,F).
The KEGG pathway found that the DEGs were mainly enriched in the ECM–receptor
interaction, protein digestion and absorption, glutamatergic synapse, nicotine addiction,
focal adhesion, circadian entrainment, vascular smooth muscle contraction, axon guidance,
PI3K-Akt signaling pathway, and ferroptosis (Figure 3G,H).
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the cellular component of the GO analysis. (D) Circle plot and network visualizing the biologi-
cal process of the GO analysis. (E) Circle plot and network visualizing the molecular function of
the GO analysis. (F) Circle plot and network visualizing the cellular component of the GO analy-
sis. (G) Bubble plot of the KEGG pathway enrichment of the DEGs. (H) Circle plot and network
visualizing the KEGG pathway.

Next, to identify the ferroptosis DEGs, 214 ferroptosis-related genes were downloaded
from FerrDb and intersected with the DEGs from GSE149440. The Venn plot shows the
intersection of DEGs and ferroptosis-related genes (Figure 4A). In total, 45 ferroptosis-
related DEGs were found, including 15 upregulated and 30 downregulated genes (Table 4).
The expression levels of the top 20 ferroptosis-related DEGs listed by p values in two groups
are displayed by the heatmap hierarchical clustering (Figure 4B). Finally, the STRING
online database was used to analyze the ferroptosis-related DEGs, and a PPI network with
45 nodes and 73 edges was obtained (Figure 4C). Finally, ten hub genes were selected using
the CytoHubba plug-in in Cytoscape (Figure 4D, Supplement Table S1).
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Table 4. Intersection of the DEGs and ferroptosis-related genes.

Gene Symbol Log2FC p Value

CS 0.088024037 0.0013860456
GPX4 0.127606332 0.0033606329
DPP4 0.115610006 0.0041819650
ANO6 0.092445408 0.0056013748
NCF2 0.102692749 0.0106923591
OXSR1 0.073276793 0.0132039673
RPL8 0.070519563 0.0163624365
EIF2AK4 0.051333877 0.0219376884
TP53 0.061276552 0.0227802882
ALOX12 0.090642503 0.0238840276
G6PD 0.06437918 0.0245358858
ELAVL1 0.047106006 0.0257012638
BECN1 0.054079622 0.0360843333
SLC7A5 0.141674054 0.0444067288
KLHL24 0.05860919 0.0484929326
SLC1A4 −0.046713571 0.0025230647
CDO1 −0.042790266 0.0021886411
ALOXE3 −0.052995436 0.0044745713
ANGPTL7 −0.053769764 0.0069292813
JUN −0.049405558 0.0081302033
SOCS1 −0.087858572 0.0098413330
NOX4 −0.027259999 0.0153337346
NOS2 −0.039584599 0.0194259690
CDKN2A −0.033970203 0.0216855291
TSC22D3 −0.044797939 0.0219355680
MUC1 −0.045560811 0.0225179167
AURKA −0.051276727 0.0233380462
CHAC1 −0.050305866 0.0235809423
NQO1 −0.036099395 0.0257095124
TP63 −0.026632072 0.0308774916
GPT2 −0.043220744 0.0311273224
AIFM2 −0.036737201 0.0329521820
MT3 −0.04429197 0.0335564152
ACSF2 −0.028855554 0.0337071772
EGFR −0.032015545 0.0353011283
GDF15 −0.0688667 0.0360222189
ALOX12B −0.04162569 0.0379310322
MIOX −0.039351283 0.0409310117
NNMT −0.044199194 0.0411587687
TF −0.027938216 0.0417271472
CEBPG −0.039507462 0.0428706382
RRM2 −0.061984651 0.0429017623
AKR1C1 −0.044489901 0.0430243813
PROM2 −0.037538817 0.0459449958
DDIT4 −0.044721922 0.0483266707

3.1.4. Hub Gene Expression and Correlation with MAP

We next verified the serum p53 and c-Jun levels in patients with PE and the controls by
ELISA. The results suggested that the level of p53 was significantly higher (p < 0.001) in the
PE patients, whereas the serum c-Jun concentrations decreased (p < 0.001) (Figure 5A,B). To
further investigate the relationship between the hub genes and the clinical features of the
patients, Pearson correlation was used and revealed a statistically significant correlation
between the mean arterial blood pressure (MAP) and p53 (r = 0.37, p < 0.001) and c-Jun
(r = −0.62, p < 0.01) (Figure 5C,D). Regarding the potential of the markers for discriminating
PE patients from normal pregnant women, the ROC analyses revealed that the AUC values
of p53 and c-Jun were 0.75 and 0.87, respectively (Figure 5E,F). The results indicate that p53
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and c-Jun have a medium diagnostic value and have the potential to be used as diagnostic
markers in PE.
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4. Discussion

Ferroptosis, a newly described type of programmed cell death driven by iron-dependent
phospholipid peroxidation, has been shown to be involved in a range of diseases [32]. Sev-
eral lines of evidence have indicated the widespread existence of ferroptosis in some
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diseases, including degenerative diseases, carcinogenesis, stroke, and traumatic brain in-
jury [33]. Recently, there has been increasing evidence that ferroptosis plays a crucial role in
the initiation and development of PE [21,24,34,35]. Therefore, ferroptosis related biomark-
ers may provide potential diagnostic biomarkers and therapeutic targets for pregnant
women with PE. In the present study, the whole blood transcriptome in PE patients were
extracted from the GEO database. Gene expression analysis identified 5913 DEGs in PE
samples as compared to normal samples. Next, all DEGs were subjected to GO enrichment
analysis and KEGG pathway enrichment analysis. The KEGG pathway enrichment analysis
revealed that the ferroptosis were enriched. Biovenn was utilized to get the intersection of
the DEGs and the ferroptosis-related genes, and finally 45 ferroptosis-related DEGs were
identified. Finally, PPI analysis was performed and the key genes p53 and c-Jun were
identified and validated. In conclusion, our study found that p53 and c-Jun have diagnostic
value for PE.

One of the guardians of the genome, p53, is the most widely studied tumor suppressor
gene, and p53 mutations are frequently studied with regard to cancer risk [36]. Therefore,
maintaining the function and stability of p53 is important for cellular homeostasis. Since a
study linking p53 to ferroptosis regulation was first reported in 2015, more than 170 studies
on p53 and ferroptosis have been published [37]. Ferroptosis is characterized by increased
lipid peroxidation and ROS due to metabolic dysfunction. The primary function of p53
is to mediate cellular and systemic metabolism. Numerous studies have found that p53
is closely related to all key metabolic pathways involved in ferroptosis [38]. In addition,
p53-mediated ferroptosis appears to be a barrier to cancer development, as it can inhibit
tumor formation independently of p53-mediated cell apoptosis, senescence, and cycle arrest.
Studies have shown that, in addition to downregulating SLC7A11 and impairing GSH
biosynthesis, p53 promotes ferroptosis by regulating other metabolic pathways [39]. Recent
studies have indicated that p53 is involved in the development of preeclampsia [40–43].
In our profiling study, we confirmed the increased expression of p53 in PE patient serum.
These results suggest that p53 may be involved in the regulation of ferroptosis in PE, but
the specific molecular mechanism needs further experimental confirmation.

The c-Jun transcription factor was the first oncogenic transcription factor discovered,
and is the cellular homologue of v-Jun [44]. Studies have found that c-Jun with physiological
functions can promote embryonic liver development and liver and skin regeneration [45].
Moreover, c-Jun is implicated in carcinogenesis and development of many tumors. During
tumorigenesis, c-Jun is known as an important regulator of major biological events, such as
cell proliferation, by specifically regulating EGFR, KGF, CyclinD1, and other proliferation-
stimulating genes [46]. Some studies found that c-Jun also downregulates p53, thereby
inhibiting apoptosis. Recently, a growing number of research has indicated that c-Jun
participates in the regulation of ferroptosis processes in some tumors [47–49]. Studies have
shown that c-Jun can inhibit ferroptosis by stimulating GSH synthesis by increasing PSAT1
and CBS transcription [47]. In this study, we found decreased expression of c-Jun in the
whole blood of the PE patients. Our results suggest that the anti-ferroptosis effect of c-Jun
may be suppressed to some extent in patients with PE. However, the specific molecular
mechanism by which c-Jun regulates ferroptosis needs to be further explored in PE.

There are some limitations to our study, as well. First, the potential ferroptosis-related
biomarkers identified in this study still need further literature support and laboratory
evidence validation. Second, ferroptosis-related genes are derived from the constantly
updated FerrDb, and there are more genes to be discovered. Finally, the sample size was
relatively small and larger samples are required for the further validation of p53 and c-Jun
as a biomarker for PE.

5. Conclusions

In the present study, we explored the crucial genes of blood ferroptosis-related
biomarkers by bioinformatics methods. We identified two key genes, p53 and c-Jun,
associated with ferroptosis in PE, which may distinguish PE patients from normal pregnant
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women, and may be potential ferroptosis-related biomarkers for disease diagnosis and
treatment monitoring.

6. Patents

There are no patents involved in this study.

Supplementary Materials: The following supporting information can be downloaded at: https:
//www.mdpi.com/article/10.3390/biology11070950/s1, Supplement Table S1. Top 10 node genes by
9 topological analysis methods of CytoHubba.

Author Contributions: R.L., M.S. and X.Y. designed the study; M.S., X.Y., L.S., Y.D., P.Z., M.L.,
X.H. and Z.H. collected the samples and the clinical information of the patients; M.S., X.Y. and Y.D.
performed the experiments and analyzed the data; R.L. advised the implementation of the study;
M.S. and X.Y. wrote the manuscript; R.L. assisted in revising the manuscript. All authors have read
and agreed to the published version of the manuscript.

Funding: This research was funded by the Pilot Specialist Construction Project-Obstetrics and
Gynecology, grant number 711008.

Institutional Review Board Statement: The study was conducted in accordance with the Declaration
of Helsinki, and approved by the Ethics Committee of the First Affiliated Hospital of Jinan University
(protocol code KY-2021-054, 17 May 2021).

Informed Consent Statement: Informed consent was obtained from all subjects involved in the study.

Data Availability Statement: Publicly available data sets were analyzed in this study. Publicly
available data sets were analyzed in this study.

Acknowledgments: The authors sincerely thank all the participants involved in this study.

Conflicts of Interest: The authors declare no conflict of interest. The funders had no role in the design
of the study; in the collection, analyses, or interpretation of data; in the writing of the manuscript, or
in the decision to publish the results.

References
1. Cirkovic, A.; Garovic, V.; Milin Lazovic, J.; Milicevic, O.; Savic, M.; Rajovic, N.; Aleksic, N.; Weissgerber, T.; Stefanovic, A.;

Stanisavljevic, D.; et al. Systematic review supports the role of DNA methylation in the pathophysiology of preeclampsia: A call
for analytical and methodological standardization. Biol. Sex Differ. 2020, 11, 36. [CrossRef] [PubMed]

2. Iwahashi, N.; Ikezaki, M.; Nishitsuji, K.; Yamamoto, M.; Matsuzaki, I.; Kato, N.; Takaoka, N.; Taniguchi, M.; Murata, S.-I.;
Ino, K.; et al. Extracellularly Released Calreticulin Induced by Endoplasmic Reticulum Stress Impairs Syncytialization of Cytotro-
phoblast Model BeWo Cells. Cells 2021, 10, 1305. [CrossRef] [PubMed]

3. Kelemu, T.; Erlandsson, L.; Seifu, D.; Abebe, M.; Teklu, S.; Storry, J.R.; Hansson, S.R. Association of Maternal Regulatory Single
Nucleotide Polymorphic CD99 Genotype with Preeclampsia in Pregnancies Carrying Male Fetuses in Ethiopian Women. Int. J.
Mol. Sci. 2020, 21, 5837. [CrossRef]

4. Zhang, J.; Klebanoff, M.A.; Roberts, J.M. Prediction of adverse outcomes by common definitions of hypertension in pregnancy.
Obstet. Gynecol. 2001, 97, 261–267. [PubMed]

5. Lawlor, D.A.; Macdonald-Wallis, C.; Fraser, A.; Nelson, S.M.; Hingorani, A.; Davey Smith, G.; Sattar, N.; Deanfield, J. Cardiovas-
cular biomarkers and vascular function during childhood in the offspring of mothers with hypertensive disorders of pregnancy:
Findings from the Avon Longitudinal Study of Parents and Children. Eur. Heart J. 2012, 33, 335–345. [CrossRef] [PubMed]

6. Gu, C.; Park, S.; Seok, J.; Jang, H.Y.; Bang, Y.J.; Kim, G.I.J. Altered expression of ADM and ADM2 by hypoxia regulates migration
of trophoblast and HLA-G expression. Biol. Reprod. 2021, 104, 159–169. [CrossRef]

7. Ng, S.-W.; Norwitz, S.G.; Norwitz, E.R. The impact of iron overload and ferroptosis on reproductive disorders in humans:
Implications for preeclampsia. Int. J. Mol. Sci. 2019, 20, 3283. [CrossRef]

8. Bailey, L.J.; Alahari, S.; Tagliaferro, A.; Post, M.; Caniggia, I. Augmented trophoblast cell death in preeclampsia can proceed via
ceramide-mediated necroptosis. Cell Death Dis. 2017, 8, e2590. [CrossRef]

9. Zhang, H.; He, Y.; Wang, J.-X.; Chen, M.-H.; Xu, J.-J.; Jiang, M.-H.; Feng, Y.-L.; Gu, Y.-F. miR-30-5p-mediated ferroptosis of
trophoblasts is implicated in the pathogenesis of preeclampsia. Redox Biol. 2020, 29, 101402. [CrossRef]

10. Wang, P.; Cui, Y.; Ren, Q.; Yan, B.; Zhao, Y.; Yu, P.; Gao, G.; Shi, H.; Chang, S.; Chang, Y.-Z. Mitochondrial ferritin attenuates
cerebral ischaemia/reperfusion injury by inhibiting ferroptosis. Cell Death Dis. 2021, 12, 447. [CrossRef]

11. Zhou, N.; Bao, J. FerrDb: A manually curated resource for regulators and markers of ferroptosis and ferroptosis-disease
associations. Database 2020, 2020, baaa021. [CrossRef]

https://www.mdpi.com/article/10.3390/biology11070950/s1
https://www.mdpi.com/article/10.3390/biology11070950/s1
http://doi.org/10.1186/s13293-020-00313-8
http://www.ncbi.nlm.nih.gov/pubmed/32631423
http://doi.org/10.3390/cells10061305
http://www.ncbi.nlm.nih.gov/pubmed/34073978
http://doi.org/10.3390/ijms21165837
http://www.ncbi.nlm.nih.gov/pubmed/11165592
http://doi.org/10.1093/eurheartj/ehr300
http://www.ncbi.nlm.nih.gov/pubmed/21862461
http://doi.org/10.1093/biolre/ioaa178
http://doi.org/10.3390/ijms20133283
http://doi.org/10.1038/cddis.2016.483
http://doi.org/10.1016/j.redox.2019.101402
http://doi.org/10.1038/s41419-021-03725-5
http://doi.org/10.1093/database/baaa021


Biology 2022, 11, 950 13 of 14

12. Sui, S.; Zhang, J.; Xu, S.; Wang, Q.; Wang, P.; Pang, D. Ferritinophagy is required for the induction of ferroptosis by the
bromodomain protein BRD4 inhibitor (+)-JQ1 in cancer cells. Cell Death Dis. 2019, 10, 331. [CrossRef]

13. Jiang, X.; Stockwell, B.R.; Conrad, M. Ferroptosis: Mechanisms, biology and role in disease. Nat. Rev. Mol. Cell Biol. 2021, 22,
266–282. [CrossRef]

14. Lee, J.-Y.; Kim, W.K.; Bae, K.-H.; Lee, S.C.; Lee, E.-W.J.B. Lipid metabolism and ferroptosis. Biology 2021, 10, 184. [CrossRef]
15. Ou, Y.; Wang, S.-J.; Li, D.; Chu, B.; Gu, W. Activation of SAT1 engages polyamine metabolism with p53-mediated ferroptotic

responses. Proc. Natl. Acad. Sci. USA 2016, 113, E6806–E6812. [CrossRef]
16. Liu, Y.; Gu, W. p53 in ferroptosis regulation: The new weapon for the old guardian. Cell Death Differ. 2022, 29, 895–910. [CrossRef]
17. Fang, K.; Du, S.; Shen, D.; Xiong, Z.; Jiang, K.; Liang, D.; Wang, J.; Xu, H.; Hu, L.; Zhai, X. SUFU Suppresses Ferroptosis Sensitivity

in Breast Cancer Cells via Hippo/YAP Pathway. iScience 2022. [CrossRef]
18. Ma, X.; Yan, W.; He, N. Lidocaine attenuates hypoxia/reoxygenation-induced inflammation, apoptosis and ferroptosis in lung

epithelial cells by regulating the p38 MAPK pathway. Mol. Med. Rep. 2022, 25, 150. [CrossRef]
19. Wang, X.; Zhang, C.; Zou, N.; Chen, Q.; Wang, C.; Zhou, X.; Luo, L.; Qi, H.; Li, J.; Liu, Z.; et al. Lipocalin-2 silencing suppresses

inflammation and oxidative stress of acute respiratory distress syndrome by ferroptosis via inhibition of MAPK/ERK pathway in
neonatal mice. Bioengineered 2022, 13, 508–520. [CrossRef]

20. Yang, N.; Wang, Q.; Ding, B.; Gong, Y.; Wu, Y.; Sun, J.; Wang, X.; Liu, L.; Zhang, F.; Du, D.; et al. Expression profiles and functions
of ferroptosis-related genes in the placental tissue samples of early- and late-onset preeclampsia patients. BMC Pregnancy
Childbirth 2022, 22, 87.

21. El-Khalik, S.R.A.; Ibrahim, R.R.; Ghafar, M.T.A.; Shatat, D.; El-Deeb, O.S. Novel insights into the SLC7A11-mediated ferroptosis
signaling pathways in preeclampsia patients: Identifying pannexin 1 and toll-like receptor 4 as innovative prospective diagnostic
biomarkers. J. Assist. Reprod. Genet. 2022, 39, 1115–1124. [CrossRef]

22. Hu, M.; Zhang, Y.; Lu, L.; Zhou, Y.; Wu, D.; Brännström, M.; Shao, L.R.; Billig, H. Overactivation of the androgen receptor
exacerbates gravid uterine ferroptosis via interaction with and suppression of the NRF2 defense signaling pathway. FEBS Lett.
2022, 596, 806–825. [CrossRef]

23. Zheng, Y.; Hu, Q.; Wu, J. Adiponectin ameliorates placental injury in gestational diabetes mice by correcting fatty acid oxida-
tion/peroxide imbalance-induced ferroptosis via restoration of CPT-1 activity. Endocrine 2022, 75, 781–793. [CrossRef]

24. Guo, L.; Zhang, D.; Liu, S.; Dong, Z.; Zhou, J.; Yin, Y.; Wan, D. Maternal iron supplementation during pregnancy affects placental
function and iron status in offspring. J. Trace Elem. Med. Biol. 2022, 71, 126950. [CrossRef]

25. Zhao, L.; Zhou, X.; Xie, F.; Zhang, L.; Yan, H.; Huang, J.; Zhang, C.; Zhou, F.; Chen, J.; Zhang, L. Ferroptosis in cancer and cancer
immunotherapy. Cancer Commun. 2022, 42, 88–116. [CrossRef]

26. Cheng, Z.; Akatsuka, S.; Li, G.H.; Mori, K.; Takahashi, T.; Toyokuni, S. Ferroptosis resistance determines high susceptibility of
murine A/J strain to iron-induced renal carcinogenesis. Cancer Sci. 2022, 113, 65–78. [CrossRef]

27. Zhou, Q.; Ruan, D.J.M.H. SIRT1-autophagy axis may inhibit oxidative stress-induced ferroptosis in human nucleus pulposus
cells. Med. Hypotheses 2022, 159, 110757. [CrossRef]

28. Xu, Y.; Li, K.; Zhao, Y.; Zhou, L.; Liu, Y.; Zhao, J. Role of Ferroptosis in Stroke. Cell Mol. Neurobiol. 2022, 1–18. [CrossRef]
29. Qu, W.; Cheng, Y.; Peng, W.; Wu, Y.; Rui, T.; Luo, C.; Zhang, J. Targeting iNOS Alleviates Early Brain Injury after Experimental

Subarachnoid Hemorrhage via Promoting Ferroptosis of M1 Microglia and Reducing Neuroinflammation. Mol. Neurobiol. 2022,
59, 3124–3139. [CrossRef]

30. Tian, H.; Xiong, Y.; Zhang, Y.; Leng, Y.; Tao, J.; Li, L.; Qiu, Z.; Xia, Z. Activation of NRF2/FPN1 pathway attenuates myocardial
ischemia-reperfusion injury in diabetic rats by regulating iron homeostasis and ferroptosis. Cell Stress Chaperones 2021, 27, 149–164.
[CrossRef]

31. Beharier, O.; Kajiwara, K.; Sadovsky, Y. Ferroptosis, trophoblast lipotoxic damage, and adverse pregnancy outcome. Placenta 2021,
108, 32–38. [CrossRef]

32. Ruiz-de-Angulo, A.; Bilbao-Asensio, M.; Cronin, J.; Evans, S.J.; Clift, M.J.D.; Llop, J.; Feiner, I.V.J.; Beadman, R.; Bascarán, K.Z.;
Mareque-Rivas, J.C. Chemically Programmed Vaccines: Iron Catalysis in Nanoparticles Enhances Combination Immunotherapy
and Immunotherapy-Promoted Tumor Ferroptosis. iScience 2020, 23, 101499. [CrossRef] [PubMed]

33. Li, J.; Cao, F.; Yin, H.-L.; Huang, Z.-J.; Lin, Z.-T.; Mao, N.; Sun, B.; Wang, G. Ferroptosis: Past, present and future. Cell Death Dis.
2020, 11, 88. [CrossRef]

34. Liao, T.; Xu, X.; Ye, X.; Yan, J. DJ-1 upregulates the Nrf2/GPX4 signal pathway to inhibit trophoblast ferroptosis in the pathogenesis
of preeclampsia. Sci. Rep. 2022, 12, 2934. [CrossRef]

35. Tian, P.; Xu, Z.; Guo, J.; Zhao, J.; Wang, R.; Chen, W.; Yang, Y.; Huang, W.; Mi, C.; Zhang, H. BPDE induces human trophoblast
cell ferroptosis by up-regulating iron metabolism and promoting GPX4 proteasomal degradation. Ecotoxicol. Environ. Saf. 2021,
228, 113028. [CrossRef]

36. Eaves, L.A.; Nguyen, H.T.; Rager, J.E.; Sexton, K.G.; Howard, T.; Smeester, L.; Freedman, A.N.; Aagaard, K.M.; Shope, C.;
Lefer, B.; et al. Identifying the Transcriptional Response of Cancer and Inflammation-Related Genes in Lung Cells in Relation to
Ambient Air Chemical Mixtures in Houston, Texas. Environ. Sci. Technol. 2020, 54, 13807–13816. [CrossRef]

37. Jiang, L.; Kon, N.; Li, T.; Wang, S.-J.; Su, T.; Hibshoosh, H.; Baer, R.; Gu, W. Ferroptosis as a p53-mediated activity during tumour
suppression. Nature 2015, 520, 57–62. [CrossRef]

http://doi.org/10.1038/s41419-019-1564-7
http://doi.org/10.1038/s41580-020-00324-8
http://doi.org/10.3390/biology10030184
http://doi.org/10.1073/pnas.1607152113
http://doi.org/10.1038/s41418-022-00943-y
http://doi.org/10.1016/j.isci.2022.104618
http://doi.org/10.3892/mmr.2022.12666
http://doi.org/10.1080/21655979.2021.2009970
http://doi.org/10.1007/s10815-022-02443-x
http://doi.org/10.1002/1873-3468.14289
http://doi.org/10.1007/s12020-021-02933-5
http://doi.org/10.1016/j.jtemb.2022.126950
http://doi.org/10.1002/cac2.12250
http://doi.org/10.1111/cas.15175
http://doi.org/10.1016/j.mehy.2021.110757
http://doi.org/10.1007/s10571-022-01196-6
http://doi.org/10.1007/s12035-022-02788-5
http://doi.org/10.1007/s12192-022-01257-1
http://doi.org/10.1016/j.placenta.2021.03.007
http://doi.org/10.1016/j.isci.2020.101499
http://www.ncbi.nlm.nih.gov/pubmed/32919370
http://doi.org/10.1038/s41419-020-2298-2
http://doi.org/10.1038/s41598-022-07065-y
http://doi.org/10.1016/j.ecoenv.2021.113028
http://doi.org/10.1021/acs.est.0c02250
http://doi.org/10.1038/nature14344


Biology 2022, 11, 950 14 of 14

38. Gnanapradeepan, K.; Basu, S.; Barnoud, T.; Budina-Kolomets, A.; Kung, C.-P.; Murphy, M.E. The p53 Tumor Suppressor in the
Control of Metabolism and Ferroptosis. Front. Endocrinol. 2018, 9, 124. [CrossRef]

39. Kang, R.; Kroemer, G.; Tang, D. The tumor suppressor protein p53 and the ferroptosis network. Free Radic. Biol. Med. 2019, 133,
162–168. [CrossRef]

40. Sharp, A.N.; Heazell, A.E.P.; Baczyk, D.; Dunk, C.E.; Lacey, H.A.; Jones, C.J.P.; Perkins, J.E.; Kingdom, J.C.P.; Baker, P.N.;
Crocker, I.P. Preeclampsia is associated with alterations in the p53-pathway in villous trophoblast. PLoS ONE 2014, 9, e87621.
[CrossRef]

41. Zhao, J.; Peng, W.; Ran, Y.; Ge, H.; Zhang, C.; Zou, H.; Ding, Y.; Qi, H. Dysregulated expression of ACTN4 contributes to
endothelial cell injury via the activation of the p38-MAPK/p53 apoptosis pathway in preeclampsia. J. Physiol. Biochem. 2019, 75,
475–487. [CrossRef] [PubMed]

42. Bao, D.; Zhuang, C.; Jiao, Y.; Yang, L. The possible involvement of circRNA DMNT1/p53/JAK/STAT in gestational diabetes
mellitus and preeclampsia. Cell Death Discov. 2022, 8, 121. [CrossRef] [PubMed]

43. Jung, E.; Romero, R.; Yeo, L.; Gomez-Lopez, N.; Chaemsaithong, P.; Jaovisidha, A.; Gotsch, F.; Erez, O. Gynecology, The etiology
of preeclampsia. Am. J. Obstet. Gynecol. 2022, 226, S844–S866. [CrossRef] [PubMed]

44. Lukey, M.J.; Greene, K.S.; Erickson, J.W.; Wilson, K.F.; Cerione, R.A. The oncogenic transcription factor c-Jun regulates glutaminase
expression and sensitizes cells to glutaminase-targeted therapy. Nat. Commun. 2016, 7, 11321. [CrossRef]

45. Yang, Y.; Liang, Y.H.; Zheng, Y.; Tang, L.J.; Zhou, S.T.; Zhu, J.N. SHARPIN regulates cell proliferation of cutaneous basal cell
carcinoma via inactivation of the transcriptional factors GLI2 and c-JUN. Mol. Med. Rep. 2020, 21, 1799–1808. [CrossRef] [PubMed]

46. Kappelmann, M.; Bosserhoff, A.; Kuphal, S. AP-1/c-Jun transcription factors: Regulation and function in malignant melanoma.
Eur. J. Cell Biol. 2014, 93, 76–81. [CrossRef]

47. Chen, Y.; Zhu, G.; Liu, Y.; Wu, Q.; Zhang, X.; Bian, Z.; Zhang, Y.; Pan, Q.; Sun, F. O-GlcNAcylated c-Jun antagonizes ferroptosis
via inhibiting GSH synthesis in liver cancer. Cell Signal. 2019, 63, 109384. [CrossRef]

48. Gao, D.; Huang, Y.; Sun, X.; Yang, J.; Chen, J.; He, J.J.J.o.C.; Medicine, M. Overexpression of c-Jun inhibits erastin-induced
ferroptosis in Schwann cells and promotes repair of facial nerve function. J. Cell. Mol. Med. 2022, 26, 2191–2204. [CrossRef]

49. Yu, Y.; Xie, Y.; Cao, L.; Yang, L.; Yang, M.; Lotze, M.T.; Zeh, H.J.; Kang, R.; Tang, D. The ferroptosis inducer erastin enhances
sensitivity of acute myeloid leukemia cells to chemotherapeutic agents. Mol. Cell. Oncol. 2015, 2, e1054549. [CrossRef]

http://doi.org/10.3389/fendo.2018.00124
http://doi.org/10.1016/j.freeradbiomed.2018.05.074
http://doi.org/10.1371/journal.pone.0087621
http://doi.org/10.1007/s13105-019-00700-9
http://www.ncbi.nlm.nih.gov/pubmed/31399951
http://doi.org/10.1038/s41420-022-00913-w
http://www.ncbi.nlm.nih.gov/pubmed/35296654
http://doi.org/10.1016/j.ajog.2021.11.1356
http://www.ncbi.nlm.nih.gov/pubmed/35177222
http://doi.org/10.1038/ncomms11321
http://doi.org/10.3892/mmr.2020.10981
http://www.ncbi.nlm.nih.gov/pubmed/32319607
http://doi.org/10.1016/j.ejcb.2013.10.003
http://doi.org/10.1016/j.cellsig.2019.109384
http://doi.org/10.1111/jcmm.17241
http://doi.org/10.1080/23723556.2015.1054549

	Introduction 
	Materials and Methods 
	Acquisition and Processing of Gene Expression Data 
	Screening of the Differentially Expressed Genes (DEGs) 
	Analysis of Functional Enrichment and Pathway 
	Construction of the Protein–Protein Interaction Network 
	Biochemical Measurement of Blood Samples 
	Statistic 

	Results 
	Results 
	Clinical Features of the Participants 
	Identification of DEGs in Blood Samples 
	GO and KEGG Pathway Enrichment Analysis of the DEGs 
	Hub Gene Expression and Correlation with MAP 


	Discussion 
	Conclusions 
	Patents 
	References

