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Abstract: The use of mobile phones while driving is a very common phenomenon that has become
one of the main causes of traffic accidents. Many studies on the effects of mobile phone use on
accident risk have focused on conversation and texting; however, few studies have directly compared
the impacts of speech-based texting and handheld texting on accident risk, especially during
sudden braking events. This study aims to statistically model and quantify the effects of potential
factors on accident risk associated with a sudden braking event in terms of the driving behavior
characteristics of young drivers, the behavior of the lead vehicle (LV), and mobile phone distraction
tasks (i.e., both speech-based and handheld texting). For this purpose, a total of fifty-five licensed
young drivers completed a driving simulator experiment in a Chinese urban road environment under
five driving conditions: baseline (no phone use), simple speech-based texting, complex speech-based
texting, simple handheld texting, and complex handheld texting. Generalized linear mixed models
were developed for the brake reaction time and rear-end accident probability during the sudden
braking events. The results showed that handheld texting tasks led to a delayed response to the
sudden braking events as compared to the baseline. However, speech-based texting tasks did not
slow down the response. Moreover, drivers responded faster when the initial time headway was
shorter, when the initial speed was higher, or when the LV deceleration rate was greater. The rear-end
accident probability respectively increased by 2.41 and 2.77 times in the presence of simple and
complex handheld texting while driving. Surprisingly, the effects of speech-based texting tasks were
not significant, but the accident risk increased if drivers drove the vehicle with a shorter initial time
headway or a higher LV deceleration rate. In summary, these findings suggest that the effects of
mobile phone distraction tasks, driving behavior characteristics, and the behavior of the LV should be
taken into consideration when developing algorithms for forward collision warning systems.

Keywords: speech-based texting; handheld texting; brake reaction time; rear-end accident probability;
driving behavior characteristics; lead vehicle deceleration rate

1. Introduction

According to statistics from the World Health Organization, road traffic crashes cause
approximately 1.35 million deaths worldwide and 20 to 50 million non-fatal injuries each year [1].
Among all traffic accidents, rear-end collisions are one of the most common types, respectively
accounting for about 20% and 18% of all traffic crashes in Shanghai, China, [2] and the United States [3].
As smartphone devices are becoming used more frequently, the use of a mobile phone while driving
has been identified as one of the main contributing factors to rear-end accidents [4,5]. This has also
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led legislative bodies in many countries to ban the use of mobile phones while driving, but the
phenomenon remains very widespread [6–8]. Thus, to reduce the number of rear-end accidents, the
development of distraction countermeasures, such as forward collision warning systems, is considered
one of the most promising ways to reduce the potential impact of mobile phone distraction tasks [9,10].
To develop an effective forward collision warning system, it is crucial to accurately predict potential
risk, which depends on quantifying the factors that cause a rear-end accident during mobile phone
distracted driving. Therefore, in-depth study of the risk assessment parameters and related influencing
factors of rear-end accident risk when drivers use mobile phones is crucial for the development of
effective countermeasures to reduce rear-end accident risk and severity.

1.1. Accident Risk Evaluation during a Sudden Dangerous Event

A driver’s brake reaction time (BRT) is one of the frequently used surrogate measures for the
evaluation of the accident risk during a sudden braking event [10,11]. The BRT is defined as the time
from when the brake light of the lead vehicle (LV) turns on to when the subject vehicle starts to brake.
Many scholars’ research on the effects of mobile phone use on BRT has mainly focused on mobile
phone conversations and handheld texting [10,12–14]. Numerous studies have shown that using a
mobile phone while driving increases the driver’s reaction time [10,14]. Comparative studies of the
effects of handheld and hands-free phone use on driver reaction time have been conducted by many
scholars [10,12,15]. He et al. [16] and Yager [17] studied the effects of handheld and speech-based
texting on BRT and indicated that handheld texting had a greater impact than speech-based texting.

The probability of an accident is also an important evaluation indicator by which to estimate the
increased accident risk caused by mobile phone distraction tasks [9,14,18]. Many researchers have
examined the impacts of mobile phone conversations and handheld texting on accident risk and found
that handheld texting while driving is more dangerous than engaging in phone conversations [13,19].
Many research results have indicated that texting while driving considerably increases the risk of
accidents [1,14,18,20,21].

1.2. Potential Factors Influencing Accident Risk during a Sudden Dangerous Event

Car-following is a complex driving behavior in daily driving activities. Drivers must continuously
pay attention to the surrounding road traffic conditions, especially the driving state of the LV. To
ensure driving safety in the car-following scene, the driver should negotiate the car-following speed
(i.e., the speed of the subject vehicle during car-following) and car-following distance (i.e., the distance
between the subject vehicle and the LV) according to the driving status of the LV [22]. Choudhary and
Velaga [9] designed a sudden braking event so that the LV would suddenly stop when the distance
between the LV and the subject vehicle was reduced to a fixed value of 40 m and studied the effect of
driver’s reaction time and approach speed on accident probability during mobile phone distracted
driving conditions (both conversation and texting). However, in a real-world driving environment,
the driver’s car-following speed and car-following distance are constantly changing. Hence, the time
headway (i.e., the ratio of the car-following distance to the speed of the subject vehicle) could be
more influential than the speed with regard to rear-end accident risk, because the time headway takes
into account both the speed and the car-following distance. Winsum and Heino [23] indicated that
rear-end accidents are often due to insufficient time headway, delayed brake response, and insufficient
brake force. A number of studies have focused on assessing the probability of accidents associated
with mobile phone distracted driving conditions, but very few have considered the effects of driving
behavior characteristics (e.g., the initial time headway and BRT) and the behavior of the LV (e.g., the LV
deceleration rate).

Time headway is considered to be an important factor related to rear-end accident
probability [23–25]. However, it has been found that the initial time headway (ITHW; the time
headway at the LV brake onset) can better predict the rear-end accident risk than the mean time
headway in car-following situations. This is because the mean time headway may be different from the
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time headway when the LV suddenly brakes; thus, the ITHW can better reflect the level of situational
urgency and directly affect the rear-end accident risk [2,24]. Many previous studies have investigated
the impact of mobile phone distraction on driving performance in terms of the time headway [26–28],
whereas very little research has been conducted on the effect of the time headway on accident probability
during mobile phone distracted driving, and even fewer studies have examined the effect of the
ITHW. In addition, the BRT is also regarded as an important factor associated with rear-end accident
risk [10,23]; however, it is unclear from the existing studies how the BRT affects rear-end accident
probability. Previous studies have suggested that the behavior of the LV (e.g., the LV deceleration rate)
has a very important influence on the driving performance of the subject vehicle [2,29]. Nevertheless,
the effects of the behavior of the LV (e.g., the LV deceleration rate) on the rear-end accident probability
in car-following situations have not been well studied.

The influences of driver demographic factors like age and gender on accident risk during sudden
dangerous events under mobile phone distracted driving conditions have been studied by many
scholars [10,14,19–21]. Young and inexperienced drivers have a higher accident risk than older and
experienced drivers while engaged in mobile phone distraction tasks during driving [21]. Li et al. [10]
tested the effects of gender on risk and indicated that male drivers were more likely to be involved in
an accident during mobile phone distracted driving than female drivers. In recent years, the influences
of factors related to mobile phone usage habits on accident risk have also been studied by several
researchers [19,30]. In addition, the road environment also plays an important role in traffic accidents.
Some studies have found that there is a higher risk of using mobile phones while driving on urban
roads than on rural roads [14,31]. Moreover, the use of mobile phones during driving on urban roads
is more frequent than on rural roads [32].

1.3. Impact of Mobile Phone Distraction on Accident Risk during a Sudden Dangerous Event

The use of mobile phones while driving is regarded as a major factor that affects the risk of
accidents, especially during sudden dangerous events [10,19,33]. Mobile phone use while driving is
particularly prevalent among young drivers and significantly increases the risk of accidents [8,30,34].
The use of mobile phones during driving may be more dangerous for these young drivers due to them
having less driving experience. In addition to mobile phone conversations, texting while driving is
becoming more prevalent [8,35,36]. It has also been found that young drivers are more willing to text
during driving because it is their main means of social communication [8,37]. Additionally, drivers are
more likely to be involved in accidents, and the risk is increased by many times when they are engaged
in texting [14,19,20,38]. Young drivers can also cause more serious accident risks [8,20]. Hence, it is
very important to investigate the impact of texting while driving on the driving safety of young drivers.

To date, most studies on the impact of mobile phone use on accident risk have been primarily
focused on mobile phone conversations and handheld texting [10,12,15,19], and there is very little
existing research on the impact of speech-based texting on the risk of rear-end accidents during
car-following [16]. Existing research on the impact of speech-based texting has mainly been conducted
in developed countries, such as the UK, Canada, and the USA. Voice messages are sent mainly through
Siri or Vlingo programs; both Siri and Vlingo send voice messages by converting voice messages
into text messages and then sending them out [17]. In addition, Siri can read text messages but
Vlingo cannot [17]. However, in China, it is very common for drivers to use WeChat software to
send or receive speech-based texting during driving. The difference from foreign countries is that
WeChat software sends and receives voice messages as a recording, and you can listen to the voice
messages by clicking the recording icon [11]. Moreover, the WeChat software interface, length of
speech-based texting, language system, and mobile phone usage habits are also different from those in
developed English-speaking countries [11]. Therefore, it is necessary to examine the effects of the use
of speech-based texting via WeChat software on accident risk in China, particularly in the case of a
sudden braking event of the LV.
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1.4. Research Gap

From the literature review presented in the preceding subsection, it is evident that most of the
existing research on the effects of different types of mobile phone use on accident risk during a sudden
braking event has focused on phone conversations and handheld texting tasks [9,10,15]. However,
very few scholars have studied the impact of speech-based texting on rear-end accident risk in urban
road environments. Moreover, a comparison of accident risk associated with speech-based texting
and handheld texting (each with two difficulty levels), especially during sudden braking events of the
LV, has not been examined. Another research limitation is that the quantitative effects of the driving
behavior characteristics of young drivers (e.g., the initial time headway and BRT) and the behavior of
the LV (e.g., the LV deceleration rate) on rear-end accident risk during mobile phone distracted driving
have not been thoroughly studied.

To address the research gaps mentioned above, the main purpose of the present study is to
identify potential predictors of rear-end accidents during sudden braking events in terms of driving
behavior characteristics of young drivers, the behavior of the LV, and mobile phone distraction. For this
purpose, the generalized linear mixed model (GLMM) method is used to statistically model the BRT
and rear-end accident probability. Some specific contents of this study mainly focus on the following
aspects: (1) quantifying the effects of mobile phone distraction on accident risk during sudden braking
events in the Chinese urban road environment, (2) considering both speech-based and handheld
texting tasks with two levels of difficulty, (3) quantifying the impacts of the ITHW, BRT, and LV
deceleration rate on rear-end accident risk, (4) analyzing the accident risk associated with all factors
(i.e., driver demographics, driving history, and mobile phone use habits).

2. Methodology

2.1. Participants

In total, 56 young participants aged between 21 and 30 years with valid driving licenses were
recruited through online advertising. All recruited participants had normal vision or corrected to
normal vision and had a good health condition. One participant failed to complete the experiment
because of simulator sickness. The ethics protocol of the study was approved by the Ethics Committee of
Chang’an University. A questionnaire was prepared to collect basic information about each participant,
including the driver’s demographics, driving history, and mobile phone use habits. Table 1 presents
the descriptive statistics of all participants’ basic information. The average age of the participants was
25.13 years old (SD = 2.57), and the sample group was composed of 40 males and 15 females. In 2014,
Chinese female drivers accounted for 23.48% of all drivers, so our male to female ratio is consistent
with the current gender distribution of drivers in road traffic [2]. The average driving experience
was 3.05 (SD = 2.31) years. About 78% of the participants had a total mileage of less than 5000 km,
10.91% of the participants had driven between 5000 km and 10,000 km, and the remaining 10.91% had
driven more than 10,000 km. In the past three years, 94.54% of the participants had not experienced a
traffic accident, the percentage of those who had experienced only one traffic accident was 3.64%, and
only one participant had experienced more than one traffic accident. None of the participants had been
given traffic fines or experienced accidents due to the use of mobile phones. The statistical description
of the mobile phone use habits while driving of all the participants revealed that most of them were
more inclined to receive and send speech-based texting via WeChat software as compared to handheld
texting. About 41.82% of the participants sometimes used speech-based texting, and 21.82% of them
frequently used it. About 38.18% of the participants sometimes used handheld texting, and only 3.64%
often used it.

2.2. Apparatus

A fixed-base driving simulator was used for the study (see Figure 1) and included a steering
wheel, gear selector (with automatic transmission), accelerator, and brake pedals. The driving
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scene was displayed on three 55-inch HD screens that provided a horizontal view of 120◦ at a
1920 × 1080 resolution refreshed at 60 Hz. Additionally, engine and road noises were simulated by a
sound system. The computer system of the driving simulator recorded the following distance, subject
vehicle (SV) speed, and deceleration data at a sampling frequency of 60 Hz.
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Table 1. Statistical description of the participants obtained from the questionnaire.

Variable Percentage Mean SD

Driver demographics

Age 25.13 2.57

Gender
Male 72.73
Female * 27.27

Driving history

Years of driving 3.05 2.31

Kilometers driven

0–5000 km * 78.18
5000–10,000 km 10.91
>10,000 km 10.91

Traffic fines due to mobile phone use in the last three years

None * 100
Once 0
More than once 0

Crash involvement history in the last three years

None * 94.54
Once 3.64
More than once 1.82

Traffic accidents due to mobile phone use in the last three years

None * 100
Once 0
More than once 0

Mobile phone use habits

Frequency of speech-based texting use while driving

None or less * 36.36
Sometimes 41.82
Frequently 21.82

Frequency of handheld texting use while driving

None or less * 58.18
Sometimes 38.18
Frequently 3.64

Note: Cat = categorical variable; Con = continuous variable; SD = standard deviation; * reference category.
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2.3. Scenarios Design

A 3-km-long typical Chinese city road scene was created in the driving simulator. It was a two-way,
four-lane road (each lane was 3.5 m wide) with a speed limit of 60 km/h and two non-motorized lanes.
Before the formal experiment, the experimenter informed the participants that the speed limit of the
test road was 60 km/h. To simulate the real environment of urban roads, there was moderate traffic
flow in the opposite lane. There were only two vehicles (the SV and LV) in the driving direction.
The LV stopped at a distance of 50 m from SV at the beginning of the scene. When the SV gradually
approached the LV, it triggered the LV to travel to 50 km/h with an acceleration of 1 m/s2, and then
maintained this constant speed. Each participant had to perform five different driving tasks: baseline
(no phone use), simple speech-based texting, complex speech-based texting, simple handheld texting,
and complex handheld texting.

During each experimental run, the participant drove the SV from the starting point and followed
the LV with his or her real driving habits. During each mobile phone distracted driving event,
the participant used a mobile phone from the beginning of the driving simulation experiment to
the end. To simulate different environmental emergency levels, the LV was programmed to make
three unexpected full stops with its brake lights on under each driving condition (see Figure 2).
The three deceleration rates of the LV were 3, 5, and 8 m/s2 and the order was random [2]. To avoid
rear-end collisions, the participants adopted braking behavior according to their own driving habits.
When the rear-end collision avoidance behavior ended, The LV accelerated again from 0 to 50 km/h at
an acceleration rate of 1 m/s2. Participants then continued to drive the SV to follow the LV until the
three rear-end collision avoidance actions were completed. The experimenter recorded the accident
data during each experiment. A total of 84 rear-end accidents occurred during the experiment,
among which the numbers of the baseline (no phone use), simple speech-based texting, complex
speech-based texting, simple handheld texting, and complex handheld texting conditions were 11, 16,
16, 20, and 21, respectively.
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2.4. Secondary Task Design

Speech-based texting and handheld texting were considered as the secondary tasks in the study
and were designed to include both simple and complex levels of difficulty. The simple tasks were
single-digit addition and subtraction within 10, and the complex tasks were double-digit addition and
subtraction within 100 [11,22,24]. WeChat software was used to send and receive messages between
the experimenter and the participant during the secondary tasks. The participant’s mobile phone was
always on the WeChat interface to communicate with the experimenter during mobile phone distracted
driving. When participants listened and sent speech-based text messages, their attention could continue
to focus on the road ahead. Therefore, compared with hand-held texting tasks, speech-based texting
tasks involved less visual distraction. In addition, when the experimenter sent a speech-based text
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to the participant, the participant responded only by sending a speech-based text. The sending and
receiving of handheld texts between the experimenter and the participant were similar.

2.5. Experimental Procedure

Upon reaching the driving simulator, each participant was introduced to the experimental
requirements and asked to read and sign the informed consent form. They then completed a
questionnaire, the detailed information of which is shown in Table 1. Before performing the formal
experiment, each participant was asked to practice on the driving simulator for about 5–10 min to
become familiar with it. Participants practiced driving simulator operations, including acceleration,
deceleration, and steering, in a car-following scenario.

During the formal experiment, each participant was required to perform five driving tasks, namely
one non-distracted driving task and four distracted driving tasks with different mobile phone use
(simple and complex speech-based texting and simple and complex handheld texting). The participants
used their personal phones for the distraction tasks. The experimenter sat in the room away from
the driving simulator and sent WeChat messages to the participants, who were asked to reply to
the messages using WeChat software as soon as possible after receiving them. The experimenter
then sent the next message immediately, and the communication continued until the driving task
was over. To avoid the effects of driving fatigue caused by long-term driving on the experimental
results, the participants took at least 5 min of rest between two driving tasks. Moreover, to reduce the
impact of learning effects on the experimental results, the driving tasks across participants and the LV
deceleration rate were in random order. Furthermore, the participants were required to follow the
LV with their own real driving habits and to obey the traffic rules and speed limits. In addition, the
participants were told that if they felt any discomfort during the test, the experiment could be ended at
any time. The test time for each participant to complete five driving tasks was approximately 30 min.

2.6. Analysis

2.6.1. Dependent and Independent Variables

This study analyzed the effects of mobile phone distraction tasks on BRT and rear-end accident
risk under different LV deceleration rates in a car-following scenario. The dependent variables were the
BRT and rear-end accident probability. The driving conditions, driver demographics, driving history,
mobile phone use habits, and LV deceleration rate were considered to be the independent variables
of the BRT model and the rear-end accident probability model. The driving conditions included a
baseline (no phone use), simple speech-based texting, complex speech-based texting, simple handheld
texting, and complex handheld texting. Additionally, Table 1 presents the statistical details of the other
independent variables, including the driving demographics (i.e., age and gender), driving history
(i.e., years of driving, kilometers driven, traffic fines due to mobile phone use in the last three years,
crash involvement history in the last three years, and traffic accidents due to mobile phone use in the
last three years), and mobile phone use habits (i.e., frequency of speech-based texting while driving
and frequency of handheld texting while driving). Three LV deceleration rates (i.e., 3, 5, and 8 m/s2)
were considered for both models. The confidence level used in the models of the two dependent
variables was 90%, i.e., the significance level of 0.1 (i.e., the p-value) was considered the standard of all
variables in the models.

2.6.2. Statistical Approach

The experimental data in this study may have had unobserved heterogeneity due to repeated
observations from the same driver. To overcome this problem, GLMMs were developed to model
the BRT and rear-end accident probability during the LV sudden braking scenario, as the GLMM
approach can explain the possible heterogeneity via random effects [39,40]. The GLMM for the BRT
was developed by using an identity link function. Because the rear-end accident probability was a
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binary variable (1 if an accident occurred and 0 otherwise), a GLMM with a logit link function was
used for the rear-end accident probability. The odds ratio (OR) is estimated from the rear-end accident
probability model and can explain the relative changes in rear-end collisions. If the OR value of a
variable is greater than 1, the accident probability will increase when the variable value is increased by
one unit and the corresponding percentage increase is (OR−1)*100 [41].

3. Results

3.1. Brake Reaction Time

To quantitatively analyze the effects of mobile distraction tasks and other explanatory variables on
the driver’s BRT, a GLMM with an identity link function was used to model the BRT in the LV sudden
braking scenario. The driving conditions, all the variables in Table 1, the initial speed (the speed of
the SV at the LV brake onset), the ITHW, and the LV deceleration rate were treated as independent
variables. In the process of selecting the independent variables, the multicollinearity of the variables
was carefully examined to develop the model. The model results in terms of the estimated coefficients,
SE (standard error), Z-value, p > |z|, and OR for all significant variables are presented in Table 2.
The goodness of fit value (chi-squared) for the model was 574.09, and the value of Prob > chi2 was
0.0000 < 0.001. Therefore, the fitted results of the model were acceptable.

Table 2. Results of the generalized linear mixed model for the brake reaction time.

Parameter Estimate SE z p > |z| OR

Intercept 1.07 0.26 4.05 <0.001 2.92
Gender (Female *) −0.18 0.10 −1.85 0.065 0.84

Simple speech-based texting (No phone *) 0.07 0.05 1.28 0.201 1.07
Complex speech-based texting (No phone *) 0.04 0.05 0.72 0.469 1.04

Simple handheld texting (No phone *) 0.09 0.05 1.71 0.087 1.10
Complex handheld texting (No phone *) 0.15 0.05 2.89 0.004 1.17

Initial time headway 0.50 0.02 21.89 <0.001 1.64
Initial speed −0.03 0.02 −1.82 0.069 0.97

LV deceleration rate 3 m/s2 (LV deceleration rate 8 m/s2 *) 0.21 0.04 5.29 <0.001 1.24
LV deceleration rate 5 m/s2 (LV deceleration rate 8 m/s2 *) 0.10 0.04 2.56 0.011 1.11

Goodness of fit Wald chi2(9) = 574.09, Prob > chi2 = 0.0000 < 0.001

Note: SE: standard error; OR: odds ratio; * reference category.

BRT = 1.07− 0.18 ∗Gender + 0.09 ∗ Simple handheld texting + 0.15 ∗Complex handheld texting + 0.5 ∗ Initial time headway

−0.03 ∗ Initial speed + 0.21 ∗ LV deceleration rate 3 m/s2 + 0.1 ∗ LV deceleration rate 5 m/s2
(1)

According to Equation (1), many graphs of the relationship between the drivers’ BRT and the
significant variables can be plotted (see Figure 3). The model results exhibited in Table 2 indicate that
handheld texting (both simple and complex) had a significant effect on the BRT. However, the effects of
speech-based texting (both simple and complex) were not significant. Simple and complex handheld
texting respectively resulted in 10% and 17% increases in the BRT as compared to the baseline. Moreover,
each 1-s increase in the ITHW led to a 64% increase in the BRT; if the driver’s initial speed was higher,
the detection of the LV sudden braking event was 3% faster. In addition to the initial speed and ITHW,
the LV braking deceleration rate was also found to have a significant effect on the BRT. Compared to
the BRT with the LV deceleration rate of 8 m/s2, BRT with the LV deceleration rates of 3 and 5 m/s2

were increased by 24% and 11%, respectively. This suggests that the BRT decreased with the increase
of the LV deceleration rate. It was also found that male drivers had a shorter BRT than female drivers
(see Figure 3c). Interestingly, the effects of the drivers’ driving history and mobile phone use habits
proved to be insignificant.

As can be seen from Figure 3a, the drivers’ BRT was closely related to the initial speed and the LV
deceleration rate; it decreased with the increase of the initial speed or the LV deceleration rate. As
shown in Figure 3b, at the same initial speed, ITHW, and LV deceleration rate, drivers using a mobile
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phone while driving (both simple and complex handheld texting) had a greater BRT than those who
did not use a mobile phone while driving. Additionally, Figure 3b,c show that the BRT decreased with
the decrease of the ITHW.
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3.2. Rear-End Accident Probability

Because driving behavior characteristics, such as the BRT and ITHW, may play important roles in
rear-end collision situations [10,23,24], these variables were also taken as the independent variables
while modeling the rear-end accident probability during a sudden braking event. To quantify the
impacts of mobile phone distraction and other factors (i.e., BRT, ITHW, LV deceleration rate, driver
demographics, driving history, and mobile phone use habits) on rear-end accident probability, a model
was developed using the GLMM approach. The GLMM results for rear-end accident probability are
presented in Table 3, which includes the estimation coefficients, SE (standard error), Z-value, p > |z|,
and OR for all significant variables. A chi-squared test was used to check the goodness of fit of the
model. The results indicate that the value of Prob > chi2 was 0.0000 < 0.001. Hence, the model results
were reasonable.

Table 3. Model results for rear-end accident probability during a sudden braking event.

Parameter Estimate SE z p > |z| OR

Intercept 0.85 0.22 3.86 <0.001 2.34
Simple speech-based texting (No phone *) 0.61 0.45 1.36 0.174 1.84

Complex speech-based texting (No phone *) 0.45 0.46 0.98 0.327 1.57
Simple handheld texting (No phone *) 0.88 0.44 2 0.045 2.41

Complex handheld texting (No phone *) 1.02 0.45 2.28 0.023 2.77
Initial time headway −1.13 0.22 −5.25 <0.001 0.32

LV deceleration rate 3 m/s2 (LV deceleration rate 8 m/s2 *) −4.84 1.02 −4.74 <0.001 0.01
LV deceleration rate 5 m/s2 (LV deceleration rate 8 m/s2 *) −2.05 0.33 −6.25 <0.001 0.13

Goodness of fit Wald chi2(8) = 74.49, Prob > chi2 = 0.0000 < 0.001

Note: SE: standard error; OR: odds ratio; * reference category.

p =
1

1 + e−(0.85+1.02∗Simple speech−based texting+0.88∗Complex speech−based texting−1.13∗Initial time headway−4.84∗LV deceleration rate 3 m/s2−2.05∗LV deceleration rate 5 m/s2)
(2)
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The results demonstrate that the accident probability decreased with the increase of the ITHW in
the car-following situations (see Figure 4a,b). As shown in Table 3, the rear-end accident probability
decreased by 68% with a 1-s increment in the ITHW. Nevertheless, the BRT had no significant effect
on the accident probability. Moreover, the LV deceleration rate was found to be positively related to
the accident risk; the rear-end accident risk decreased with the decrease of the LV deceleration rate
(see Figure 4a). Additionally, as compared to an LV deceleration rate of 8 m/s2, the accident probability
with the LV deceleration rates of 3 and 5 m/s2 was reduced by 99% and 87%, respectively.

According to Equation (2), many probability curves of the relationship between rear-end accident
probability and the significant variables can be plotted (see Figure 4). With regard to the distracted
driving conditions, all the secondary tasks were expected to result in a high accident risk; surprisingly,
however, the results were different. Compared to the baseline (no phone use), it was found that the
simple and complex handheld texting tasks increased the rear-end accident probability by 2.41 and
2.77 times, respectively, whereas the speech-based texting tasks (both simple and complex) had no
significant effect on accident probability. Figure 4b also illustrates that the accident risk of handheld
texting (both simple and complex) was higher than that with no mobile phone use at the same ITHW.
Similar to the BRT model, the variables with respect to driving history and mobile phone use habits
were considered, but they were found to be insignificant. Interestingly, the driver’s gender was found
to have no effect on accident probability.
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3.3. Effects of LV Deceleration Rate and Actual Driving Behavior Characteristics on the Observed Rear-End
Accident Risk

The effects of mobile phone distraction tasks, the LV deceleration rate, and the actual driving
behavior characteristics (i.e., BRT and ITHW) on the observed rear-end accidents in an emergency
braking scenario are presented in Figure 5.

To investigate the impacts of the driving conditions and three levels of LV deceleration
(3, 5, and 8 m/s2) on the observed accident risk, the frequencies of the observed driving conditions of
each LV deceleration category are shown in Figure 5a (see left Y-axis), and the observed percentage
of accident frequency in each LV deceleration category is presented in Figure 5a (see right Y-axis).
The frequency percentage of observed accidents (represented as a red triangle symbol) was estimated
by the ratio of the frequency of accidents observed in each LV deceleration category to the frequency of
all driving conditions in this category.

Similarly, to explore the effects of mobile phone distracted driving conditions and ITHW on the
observed accidents, the frequency distribution of the ITHW of all participants was classified into five
categories: 0–1, 1–2, 2–3, 3–4, and >4 s. The frequency distribution of the ITHW for each category is
presented in Figure 5b (see left Y-axis). For each ITHW category, the frequencies of the five driving
conditions were observed to explore the contribution of each driving condition. Further, the percentage
of accident frequencies observed in each category is represented by the right Y-axis in Figure 5b
(represented as a red triangle symbol). The accident frequency percentage was estimated as the ratio
of the frequency of accidents observed in each ITHW category to the frequency of all participants in
this category. Similar to Figure 5b, the effects of the BRT and five driving conditions on the observed
accidents are presented in Figure 5c; the observed BRT was divided into four categories: 0–1, 1–2, 2–3,
and >3 s.
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For a sudden emergency braking event in an urban road car-following scene, Figure 5a reveals that
the increase of the LV deceleration rate led to more rear-end accidents; rear-end accidents were therefore
found to be closely related to the level of LV deceleration. In addition, it can also be observed that there
were very few rear-end accidents in the category with a LV deceleration of 3 m/s2, which means that the
driver could almost control the driving safety of the vehicle when the LV deceleration rate was small.

Figure 5b indicates that a shorter ITHW resulted in a higher risk of accident during the LV sudden
braking event. The highest observed frequency percentage of rear-end collisions was 28% in the
shortest ITHW category (i.e., 0–1 s). Compared with handheld texting (both simple and complex
tasks), it can also be found that the baseline and speech-based texting (both simple and complex
tasks) contributed the most to the frequency of the shortest ITHW category. Furthermore, the ITHW
frequency distribution indicates that most of the observations from the baseline and speech-based
texting fell within the short ITHW range. Hence, the occurrence of rear-end accidents in the baseline
and speech-based texting (i.e., simple and complex tasks) conditions was mainly caused by the short
ITHW. However, rear-end accidents that occurred during simple and complex handheld texting tasks
were due to the effects of a short ITHW and attention shifting from the primary driving task to the
secondary tasks. In the longest initial time headway category (i.e., ITHW > 4 s), handheld texting
(both simple and complex tasks) had the highest contribution to the frequency.

As can be seen from Figure 5c, the relationship between the observed accident frequency percentage
and BRT did not follow a specific pattern. Moreover, the highest percentage of observed rear-end
accidents was in the fastest BRT category (i.e., 0–1 s), suggesting that there may be other potential
factors that affected the accident probability. For example, the increase of the LV deceleration rate and
the decrease of the ITHW may have been the main reasons for the high accident probability. The lowest
percentage of rear-end accidents observed was 8% in the 1–2 s brake reaction time category. It can also
be observed that the frequency of all driving conditions was also mainly distributed in this category.

4. Discussion

The aim of this research was to analyze and compare the effects of mobile phone distraction
caused by speech-based and handheld texting on rear-end accident risk during a sudden braking event
in a Chinese urban road environment. The study was conducted using 55 young Chinese drivers
under urban road driving conditions on a driving simulator. Their driving performance metrics were
modeled in terms of the BRT and rear-end accident probability.

The results of the GLMM for BRT showed that handheld texting tasks (both simple and complex)
resulted in delayed responses to a sudden braking event as compared to non-distracted driving.
However, receiving and sending speech-based texts (both simple and complex) via WeChat software
resulted in no delay in the response to sudden braking events. This may be due to the fact that
speech-based texting tasks involved less visual distraction compared to hand-held texting tasks.
An interesting finding of this study was that the difficulty level of handheld texting tasks affected the
drivers’ BRT; complex handheld texting tasks increased the BRT in response to the sudden braking
event as compared to simple handheld texting. This may be attributed to the fact that the share of
increased attention was assigned to the secondary tasks rather than driving to handle the increased
level of complexity in the handheld texting tasks. Similar to previous research results [10], the results
of this study show that male drivers responded faster to sudden braking events than female drivers
in a car-following scenario (see Figure 3c). Another finding of this study was that the drivers’ BRT
decreased when the LV deceleration rate increased, when the initial speed increased, or when the
ITHW decreased. This result is consistent with the results of a previous study conducted by Wang
et al. [2], who found that drivers are more alert and respond faster when the LV deceleration rate
increases or the ITHW decreases. This is likely attributed to the fact that drivers pay more attention to
driving tasks when they are driving at high rear-end-collision urgency levels.

The results of the present study revealed that the driving behavior characteristics of young drivers
and the behavior of the LV have significant impacts on accident risk; a shorter ITHW and faster LV
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deceleration rate will lead to a higher accident risk. Although the drivers’ BRT decreased as the ITHW
decreased and the LV deceleration rate increased, the rear-end accident risk still increased. This result
suggests that the reduction in reaction time is not sufficient to compensate for the increased accident
risk. The ORs of the results indicated that a 1-s decrease in the ITHW led to an increment of the rear-end
accident probability by 3.13 times. However, the effect of the BRT was not found to be significant.
These results may imply that, even without any distraction task, the probability of accidents will
increase by many times for drivers with a shorter ITHW during a sudden braking event.

Compared with the baseline driving condition, the results showed that simple and complex
handheld texting while driving increased the rear-end accident probability by 2.41 and 2.77 times,
respectively. Surprisingly, the accident probability was not significantly increased for young drivers
when they were involved in speech-based texting tasks while driving. However, drivers engaging
in speech-based texting tasks while driving may also have a higher accident risk if they are driving
the vehicle at a short ITHW and if the LV deceleration rate is fast. The best advice for drivers is to
avoid all distractions, including speech-based and handheld texting tasks, and to focus only on driving
tasks. One false belief is that speech-based texting is safe for driving, which may increase exposure to
this secondary task and consequently overshadow the potential benefits of speech-based texting over
handheld texting, thus ultimately leading to an increased number of traffic accidents.

Accuracy is a key performance indicator for potential accident risk prediction [42,43]. Prediction
with low accuracy means that a forward collision warning system will sound an alarm too early or too
late. A late warning means that drivers will not have enough time to react to the approaching hazards,
which may lead to more collisions than if the system was not used. On the other hand, the earlier the
warning, the more likely it is to be considered a false alarm, which would reduce drivers’ trust in the
forward collision warning system and the long-term use of the system [44]. Therefore, to improve
the accuracy and acceptance of a forward collision warning system, the accuracy of potential risk
prediction is crucial. The traditional forward collision warning system predicts the potential risk based
on vehicle performance data (e.g., speed, time headway, time to collision, etc.) that is continuously
collected from radars or visual sensors [45,46]. However, the results of this study suggest that the
quantitative effects of mobile phone distracted driving conditions, the driving behavior characteristics
of drivers, and the LV deceleration rate should be considered for the prediction of potential risk.

5. Conclusions

Using mobile phones while driving has become one of the main causes of traffic accidents and
poses a serious threat to public health. To investigate the impacts of speech-based texting and handheld
texting on rear-end accident risk and to identify potential predictors of rear-end accidents, especially
during sudden braking events, a GLMM method was developed to statistically model and quantify
the effects of the driving behavior characteristics of young drivers, the behavior of the LV, and mobile
phone distraction tasks (i.e., both speech-based and handheld texting) on accident risk associated with
a sudden braking event. The results showed that handheld texting tasks (both simple and complex)
resulted in delayed response to sudden braking events and increased rear-end accident risk compared
to the baseline. In addition, the use of speech-based texting tasks while driving had less impact on
the rear-end accident risk than handheld texting tasks. The results also showed that the rear-end
accident risk increased if the driver drove the vehicle with a shorter initial time headway or a higher
LV deceleration rate.

Therefore, these results raise serious questions about the appropriateness of the current legislation
on the use of mobile phones during driving and can provide theoretical guidance for legislative bodies
to formulate traffic laws on mobile phone use while driving. Additionally, the current study results
can help the regulatory bodies to promote public awareness about the serious negative effects of using
a mobile phone while driving. More importantly, these results suggest that an algorithm designed
for a forward collision warning system should consider the effects of mobile phone distraction tasks,
the behavior of the LV, and the driving behavior characteristics.
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However, there were some limitations of this study that must be acknowledged. The results
of the present study were based on a driving simulator, which may produce different results from
real-world driving; thus, the reported results require further verification by a field study. Another
limitation is that the only participants in the study were young drivers with less driving experience.
Therefore, the sample in future research should be expanded to include middle-aged and older drivers
to generalize the results for all age categories. Moreover, future research should examine the difference
in exposure levels of texting (speech-based and handheld) while driving. The speed of the LV should
also be an important factor that may affect the driving behavior characteristics of drivers, although this
variable was kept constant in the present study. Therefore, different LV speeds should be investigated
as influential factors in rear-end accident risk models in future research. Finally, in this study, there was
no traffic flow in the adjacent lane of the SV. However, in a real driving environment, the driver must
interact with the surrounding traffic; hence, the impact of scene complexity on driving behavior should
be further explored.
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