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Abstract: Although many studies have shown the association between smoking and the increased
incidence and adverse prognosis of head and neck squamous cell carcinoma (HNSCC), the mechanisms
and pharmaceutical targets involved remain unclear. Here, we integrated gene expression signatures,
genetic alterations, and survival analyses to identify prognostic indicators and therapeutic targets
for smoking HNSCC patients, and we discovered that the FDA-approved drug varenicline inhibits
the target for cancer cell migration/invasion. We first identified 18 smoking-related and prognostic
genes for HNSCC by using RNA-Seq and clinical follow-up data. One of these genes, CHRNB4
(neuronal acetylcholine receptor subunit beta-4), increased the risk of death by approximately
threefold in CHRNB4-high expression smokers compared to CHRNB4-low expression smokers
(log rank, p = 0.00042; hazard ratio, 2.82; 95% CI, 1.55–5.14), former smokers, and non-smokers.
Furthermore, we examined the functional enrichment of co-regulated genes of CHRNB4 and its 246
frequently occurring copy number alterations (CNAs). We found that these genes were involved
in promoting angiogenesis, resisting cell death, and sustaining proliferation, and contributed to
much worse outcomes for CHRNB4-high patients. Finally, we performed CHRNB4 gene editing and
drug inhibition assays, and the results validate these observations. In summary, our study suggests
that CHRNB4 is a prognostic indicator for smoking HNSCC patients and provides a potential new
therapeutic drug to prevent recurrence or distant metastasis.
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1. Introduction

Smoking, alcohol consumption, and human papillomavirus (HPV) infection are considered to be
the major risk factors for increasing the incidence and mortality rates of head and neck squamous cell
carcinoma (HNSCC) [1,2]. Currently, there are more than 600,000 new cases of HNSCC yearly, and
the mortality rate is 40–50% worldwide [1]. HPV-positive (HPV+ve) HNSCCs are considered far more
favourable than HPV-negative (HPV-ve) HNSCCs in terms of prognosis, and HPV+ve cases account
for approximately 20% of all HNSCC cases [3–6]. The most common risk factor is tobacco smoking; at
least 70–80% of cases of HNSCCs are attributable to smoking alone or a combination smoking with
additional risk factors (e.g., alcohol or areca nut chewing) [5,7].

The role of smoking for HNSCC has been studied in biochemistry, genetic alteration, and
therapeutic response. For example, the carcinogens and their metabolites (e.g., nicotine-derived
nitrosamine ketone (NNK)) of tobacco smoking can generate formation of DNA adducts by binding
covalently to DNA, causing genetic mutation and resulting in HNSCC [8,9]. In addition, having
a history of tobacco smoking is an established risk factor for determining the incidence, survival, and
therapeutic response for HNSCC [10]. HNSCC incidence is approximately 10- to 20-fold higher in heavy
smokers (smoking alone) than in patients who have never smoked [11–13]. Furthermore, there is no safe
dose for tobacco use, and even a low smoking frequency (>0–3 cigarettes per day) increases the HNSCC
incidence by 50% [14]. Tobacco smoking is considered a strong prognostic indicator [7,15,16], which
significantly increases the risk of death ≈2-fold for smokers vs. non-smokers [7,17–20] and ≈1.5-fold
for HPV+ve smokers vs. HPV+ve non-smokers [21,22].

Nicotine is one of the major components of tobacco, and it primarily acts on nicotinic acetylcholine
receptors (nAChRs) and causes dependence in the brain [23,24]. Nicotine addiction induced by nAChRs
is a major difficulty in smoking cessation. Therefore, to decrease the pleasurable effect from the brain’s
reward system, current smoking cessation agents (e.g., varenicline, bupropion, and mecamylamine) try
to compete with nicotine to bind to the receptors [25–29]. Furthermore, some clinical studies found that
HNSCC patients who ceased smoking after diagnosis or before chemoradiation were associated with
better therapeutic response and prognosis [30–32]. One of the studies reported that patients with higher
nAChR subunits CHRNA5 transcript levels were associated with lower effectiveness of radiotherapy
and worse prognosis. Previous HNSCC studies also showed that nicotine and its metabolites promoted
tumour cell growth and migration. It has been found that nAChR subunits displayed different protein
expression in different tumour sites promoting tumour progression, such as CHRNA1, which increased
protein expression in the hypopharynx, larynx, and advanced tumours, but decreased in oropharynx
tumours [33]. Another study indicated that CHRNA7 could activate EGFR and NF-κB downstream
signalling, such as PI3K-AKT and Snail-RKIP pathways that promote HNSCC cell line growth and
migration [34,35]. However, some studies were against the conclusion that the activation of PI3K-AKT
is not dependent upon CHRNA7, which was probably due to the discrepancy of sample type (clinical
tissue vs. cell lines), different cell lines, or concentration of nicotine or agent [36,37]. Although the risk
of smoking in HNSCC had be established, the molecular mechanism of nicotine induced in tumour
progression of HNSCC remains obscure. In addition, nicotine-derived nitrosamine ketone (NNK) is
also a major compound of tobacco smoke, showing higher binding affinity than nicotine for nAChRs
in lung cancer [38–41]. Currently, NNK is considered a potent carcinogen for multiple cancers, such as
HNSCC, lung cancer, oesophageal cancer, breast cancer, and bladder cancers [34,42–47].

Because of the advantages of investigating genomic variation, heterogeneity, and clinical outcomes
from omics data [5,48–52], studies of many cancers including HNSCC have shifted the focus to discover
signatures for the prediction of disease incidence, diagnosis, subtype, prognosis, and treatment
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response with the goal of personalized treatment. However, HNSCC is an unexpectedly heterogeneous
cancer due to the multiple risk factors, complex anatomy of tumour sites, and large genetic alterations
that drive tumour progression. Therefore, HNSCC needs more promising biomarkers to accurately
identify characteristics of subtypes and clinical outcomes.

Due to large amount of time and high costs involved in finding new therapeutic drugs, drug
repurposing strategies are increasingly utilized to provide faster and safer clinical trials, as well as
to reduce failure and cost [53–55]. Many studies show that several drugs that are already approved
offer novel therapeutic options for cancers alone or in combination with other agents. Successfully
repurposed drugs include thalidomide for myeloma, aspirin for colorectal cancer, and metformin for
liver or breast cancer [56]. Currently, the major treatment approaches for HNSCC remains surgery,
radiotherapy, chemotherapy, and EGFR-specific antibodies (e.g., chemoradiotherapy or concomitant
with cetuximab) [57,58]. EGFR-specific antibody combines with radiotherapy or chemotherapy
that controls locoregional recurrences and reduces mortality [57,59]. However, about 60% studies
showed the associated between EGFR overexpression and adverse prognosis, whereas 40% did not [4].
Therefore, HNSCC needs new biomarkers and corresponding therapy agents to provide more choices
besides the current options.

In this study, we aimed to identify biomarkers for smoking HNSCC patients and potential
agents. Primarily, we systematically integrated the genomic and clinical data of HNSCC patients
(Figure 1) and found neuronal acetylcholine receptor subunit beta-4 (CHRNB4), a kind of nAChR,
whose gene expression was upregulated and associated with adverse prognosis in smoking patients.
Furthermore, on the basis of our previous work and drug repurposing approach, “Homopharma” [60],
we discovered that an FDA-approved smoking cessation agent, varenicline, inhibits CHRNB4 in
long-term NNK-treated HNSCC cells. Our results indicate that CHRNB4 is able to determine whether
patients who smoke have a favourable or adverse prognosis and that the invasion and migration of
NNK-treated cells were decreased when CHRNB4 was inhibited.

Figure 1. Main flowchart for identifying smoking-related biomarkers and repurposing drugs in head
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and neck squamous cell carcinoma (HNSCC). In total, 504 HNSCC patients, whose data included
mRNA expression (RNA-Seq) data and clinical data (e.g., smoking history, survival state, and follow-up
time), were selected from the The Cancer Genome Atlas (TCGA). Then, the differentially expressed
genes were identified and survival analysis was investigated to determine the clinical outcome of
smoking patients. Third, the enrichment analysis of cancer hallmarks was examined to understand
the causes of poor prognosis in smoking patients. Finally, two HNSCC cell lines were utilized to
validate gene candidates and drugs for their therapeutic potential.

2. Results

2.1. Identification of Smoking-Related and Prognostic Genes in Head and Neck Cancer

To identify smoking-related and prognostic biomarkers, patients were stratified into 175 smokers,
117 non-smokers, and 120 low-survival patients with smoking history and clinical follow-up from
The Cancer Genome Atlas (TCGA) database (Figure 2A). By comparing the patient groups and
corresponding normal samples, we identified 480 differentially expressed genes (DEGs), with fold
change ≥1.5 and p-value < 0.05, which were considered candidate genes related to smoking-induced
HNSCC and poor clinical outcomes.

Figure 2. The strategies for determining HNSCC smoking-related and prognostic biomarkers. (A) Venn
diagram of differentially expressed genes (DEGs) among normal samples, and HNSCC samples
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from smoking, non-smoking, and low-survival patients. (B) Identification of 18 adverse (red) and
36 favourable (blue) prognostic genes from 480 DEGs by survival analysis based on high- and
low-expression of each gene. (C) Fold change of 18 adverse genes comparing smoker (x-axis) and
non-smoker (y-axis) HNSCC tumours to normal tissues. Four genes are located in red region because
they are differentially expressed between smoker tumours and normal tissues, but are not between
non-smoker tumours and normal tissues. (D) Kaplan–Meier plots of overall survival (OS) of 504
HNSCC patients, including non-smokers (black), former smokers (blue), smokers with low neuronal
acetylcholine receptor subunit beta-4 (CHRNB4) expression (orange), and smokers with high CHRNB4
expression (red). (E) Immunohistochemistry stain of clinical HNSCC patients. The tumour region
tissue slides from smoking and non-smoking HNSCC patients were stained with CHRNB4 primary
antibody, whereas all adjacent sections and same slides were counterstained with haematoxylin and
eosin (HE stain) for general histological orientation. Intensive membrane CHRNB4 expression on
cancerous region is black arrowed, whereas the CHRNB4 expression in normal adjacent region is
indicated by a green arrow.

To analyse the association between these 480 selected genes and 5-year overall survival (OS), we
utilized the median value (50%) of each gene’s expression to classify patients into two distinct high-
and low-risk groups by Kaplan–Meier analysis (Figure 2B). The results showed that 54 genes were
able to detect significant survival differences in these two groups using the log-rank test (p < 0.05, red
and blue dots). Furthermore, Cox proportional hazards regression analysis was also used to obtain
hazard ratios (HRs) with 95% confidence intervals for determining favourable (HR < 1, blue dot)
and adverse prognostic genes (HR > 1, red dot). Here, we focused on 18 adverse prognostic genes,
such as DKK1, CHRNB4, TRIML2, IFIT1, and BASP1, as potential therapeutic targets and diagnostic
biomarkers (Figure S1 and Data S1). Among these 18 genes, only four genes (i.e., CHRNB4, GPC6,
ORAOV1, and PPFIA1) were differentially expressed between smokers vs. normal samples but were
not differentially expressed between non-smokers vs. normal samples (Figure 2C). On the basis of
our previous work and domain knowledge, we selected CHRNB4 for further analysis, and Western
blotting was performed to validate CHRNB4 expression in NNK-treated HNSCC cells.

CHRNB4 gene expression is not only specific for smoking patients but also predicts prognosis when
patients are classified into four groups (Figure 2D). CHRNB4 expression showed the most significant
difference in the overall survival (OS) for CHRNB4 high-expression smokers (red) compared with
the other three groups, which were CHRNB4 low-expression smokers (orange), former smokers (blue),
and non-smokers (black). Kaplan–Meier analysis and log-rank test showed that the OS probability of
the CHRNB4-high subgroup (red) was the lowest among these four subgroups, especially compared to
CHRNB4-low (p = 4.2× 10−4, HR = 2.82). However, no statistically significant differences were observed
in OS probability when comparing CHRNB4-low to other subgroups. For additional verification of
the association of CHRNB4 gene expression and prognosis and smoking behaviour, boxplots were
generated. The boxplots of 87 high-survival (favourable outcome) and 120 low-survival patients
(adverse outcome; see Materials and Methods section) showed that the CHRNB4 gene expression
of smokers was significantly higher than that of non-smokers in the low-survival group (Student’s
t-test, p = 0.001), but there were no differences in the high-survival group (Figure S2). Upon further
investigation, we used immunohistochemistry (IHC) stain to reveal the CHRNB4 expression on clinical
tissues from smoking or non-smoking HNSCC patients (Figure 2E). With duplicate patient IHC analysis,
it is easy to identify that CHRNB4 is intensively expressed in the membrane of cancerous region from
smoking HNSCC patients (black arrowed) compared to non-smoking HNSCC patients. In addition to
this, the normal region in adjacent tumour tissue also showed very low CHRNB4 expression (green
arrowed). These results support the idea that CHRNB4 is a potential biomarker associated with
smoking and prognosis in HNSCC.
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2.2. Association Cancer-Related Genes and CHRNB4

To understand the association of tumorigenesis and poor prognosis with high CHRNB4 expression,
we first collected 93 pathways with 2652 genes involved in cancer hallmarks from the Atlas of Cancer
Signalling Network (ACSN) database [61] and 3530 cancer-related genes from the DisGeNET database
(Data S2) [62]. Next, we calculated the Pearson correlation coefficient to identify potential co-regulated
genes of CHRNB4 on the basis of RNA-Seq data of the 87 CHRNB4-high and 88 CHRNB4-low smoking
patients. We then considered 68 (CHRNB4-high, red bars) and 23 (CHRNB4-low, blue bars) co-expressed
genes with |Pearson’s r|≥ 0.4 and investigated their enriched pathways (Figure 3A and Data S3). Among
these 91 genes, 12 (CHRNB4-high, red) and 1 (CHRNB4-low, blue) genes are related to cancer hallmarks
(from ACSN), and 18 (CHRNB4-high) and 4 (CHRNB4-low) are cancer-related genes (from DisGeNET).
The number of cancer-related genes co-expressed with CHRNB4 in the CHRNB4-high group was
found to be more than that of the CHRNB4-low group, with odds ratios of 4.71 for ACSN and 1.71 for
DisGeNET (Figure 3A). We then performed enrichment analysis by using a hypergeometric distribution
to investigate enriched pathways that are related to cancer hallmarks and recorded in the Kyoto
Encyclopedia of Genes and Genomes (KEGG) (Figure 3B,C and Equation (1)). In the cancer hallmark
dataset, the number of co-expressed genes in the CHRNB4-high subgroup was equal to or greater than
that in the CHRNB4-low subgroup (Figure 3B), and 11 enriched KEGG pathways (hypergeometric
test p < 0.05 and ≥3 genes involved in pathways/modules) were identified for the CHRNB4-high
subgroup but none were identified for the CHRNB4-low subgroup. For example, according to
the enrichment results and KEGG “pathway in cancer” (hsa05200), ADCY9 regulates cGMP-PKG and
cAMP signalling pathways to inhibit apoptosis and promote proliferation [63]; the genes NOCA1
and NOCA3 are involved in oestrogen signalling, breast cancer pathway, and cancer cell growth
stimulation [64,65]; the genes ARNT and NOTCH3 enhance migration and invasion via angiogenesis
by way of endocrine resistance, HIF-1, and notch signalling [66,67] (Figure 3C). The results indicate
that CHRNB4-high patients are often to promote proliferation and migration and inhibit apoptosis,
leading to poor prognosis.

Figure 3. Association between cancer-related functions and CHRNB4 co-expressed genes of
CHRNB4-high/low patients. (A) Number of co-expressed genes with CHRNB4 in the CHRNB4-high
and -low subgroups involved in cancer hallmark and cancer-related functions. (B) The histogram of
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co-expressed genes involved in seven cancer hallmarks in CHRNB4-high (red) and CHRNB4-low
(blue) smoking patients. (C) Kyoto Encyclopedia of Genes and Genomes (KEGG) pathway and cancer
hallmarks enrichment analysis of co-expressed genes in the CHRNB4-high subgroup.

2.3. Relationship between Genetic Alterations and CHRNB4 Signature

To investigate the relationship between genetic alterations and the CHRNB4 signature for smoking
HNSCC patients, we identified 246 genes with significantly different copy number alterations (CNAs)
between 87 CHRNB4-high and 88 CHRNB4-low smoking patients by using Fisher’s exact test (only 83
of 87 CHRNB4-high patients’ copy number data were obtained from the database, details are found in
the Materials and Methods section and Equation (2)). The results show that the alteration frequencies
of 246 genes were largely higher in CHRNB4-high patients than those in the other two subgroups,
CHRNB4-low (Student’s t-test, p = 1.71 × 10−105) and non-smoker (Student’s t-test, p = 5.92 × 10−95)
groups (Figure 4A). In addition, 242 of 246 genes displayed approximately 6–25% (median: 20%) more
frequent alterations in the CHRNB4-high expression subgroup than the frequency in the CHRNB4-low
expression subgroup (Figure 4B and Data S4). This result indicates that the genome was more instable
in the smokers with high CHRNB4 expression than that of the smokers with low CHRNB4 expression.
For example, in TPRG1 associated with HNSCC potential oncogene TP63, LPP played the role of
cancer cell migration, and CCDC50 was essential for cancer cell survival. Interestingly, the frequency
of amplification was always greater than or equal to the frequency of deletion for these 246 CNAs in
both CHRNB4-high and CHRNB4-low smokers, that is, the distributions of the copy number deletion
between two groups were not significantly different for 246 genes.

Figure 4. Copy number alterations (CNAs) between the CHRNB4-high and -low subgroups. (A) The
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boxplots of 246 differential CNAs in CHRNB4-high smoking (red), CHRNB4-low smoking (blue), and
non-smoking (white) patients. The two-sided p-value was calculated with Student’s t-test. (B) Scatter
plots of CNAs between the CHRNB4-high (x-axis) and CHRNB4-low (y-axis) smoking patients.
The genes below the diagonal line indicate that the genes had a higher frequency of genetic alterations in
the CHRNB4-high subgroup (red) than in the CHRNB4-low subgroup (blue). (C) The histogram of eight
cancer hallmarks of genes with differently frequent CNA between CHRNB4-high and CHRNB4-low
subgroups. (D) KEGG pathway enrichment analysis of 246 copy number-altered genes.

Of these 246 genes, 34 were recognized in the eight hallmarks of cancer (Figure 4C), displaying
similar results as the genes that were co-expressed with CHRNB4, which sustained cancer cell survival
and invasion/migration pathways (Figure 2B). In addition, we identified seven significantly enriched
KEGG pathways (hypergeometric test p < 0.05 and ≥3 genes involved in pathway/module; Figure 4D).
For example, the pathway of the disease of type II diabetes mellitus, is correlated to tobacco smoking,
and the genes involved are ADIPOQ, PIK3CA, and SLC2A2 [68,69]. The serotonergic synapse
pathway was observed in smoking-related cancer, and the serotonin was found to promote tumour
growth in liver cancer and stimulated cell cycle progression in HNSCC [70,71]. The pathways of
choline metabolism in cancer and leukocyte transendothelial migration are related to cell proliferation,
migration, angiogenesis, and inflammation in tumorigenesis. These results provide the hints of
the associations of adverse prognosis and smokers with high CHRNB4 expression due to activating
more multiple hallmark functions of cancer.

2.4. The Pathways and Downstream Targets of CHRNB4-High and -Low Subgroups

We reconstructed a simplified network as the reference template to illustrate signalling interactions
among the common and different pathways regulated by smoking patients with CHRNB4-high
expression and CHRNB4-low expression (Figure 5) according to “pathways in cancer” (KEGG:
hsa05200). The downstream targets, such as HES1 and IL12A (green border) inducing angiogenic
signalling (left side), displayed genetic alterations predominantly in the CHRNB4-high subgroup.
Additionally, the co-expressed genes (e.g., ARNT and NOTCH) of CHRNB4 in the CHRNB4-high
group (pink) and the gene FLT4 in the CHRNB4-low subgroup (orange) were involved in HIF-1 and
Notch signalling pathways, which promote angiogenesis and migration in smoking HNSCC patients.

Figure 5. Graphic illustration of the identified genes, functions, and pathways of tumorigenesis in
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CHRNB4-high and CHRNB4-low subgroups. The key genes, limited number of pathways, and inferred
functions for tumorigenesis are based on CHRNB4-high and CHRNB4-low smokers. Subpanels
indicate the frequency (%) of copy number alteration (CNA) in CHRNB4-high (left subpanel) and
CHRNB4-low subgroups (right subpanel). In each subgroup, the subpanels display the difference
(subtraction) of the frequencies between amplification and deletion, and are coloured red if the frequency
of amplification is greater than the frequency of deletion, otherwise they are coloured blue. The green
border indicates a gene whose CNA frequency between CHRNB4-high and -low subgroups was
significantly different (examined by Fisher’s exact test, p < 0.05). Five genes (e.g., NOTCH3, ARNT) are
coloured pink, and one gene (FLT4) is orange, representing the genes co-expressed with CHRNB4 in
CHRNB4-high and -low subgroups, respectively.

Moreover, KNG1 and GNB4 (green border), with their downstream targets PLD1 and PIK3CA
(middle diagram), enhanced cell proliferation and evading apoptosis in CHRNB4-high patients through
the Ras and PI3K-Akt signalling pathways. On the other hand, the telomere length-associated gene
TERC and oxidative stress response gene NFE2L2 were more frequently amplified in the CHRNB4-high
subgroup, which could immortalize cells and against oxidative stress for promoting cancer cell survival
and escaping apoptosis. The co-expressed gene ADCY9 in the CHRNB4-high group and the HNSCC
oncogene FADD, which had alterations in both subgroups, also contributed to the inhibition of
apoptosis. Additionally, to sustain proliferative signalling (right side), the tumour oncogene CCND1,
probably influenced by the co-expressed gene NCOA1/3 as well as the suppressors CDKN2A and
CDKN2B, which govern the cell cycle, were genetically altered to enhance cancer cell growth in both
smoking subgroups. Additionally, FGF12, DVL3, and MECOM (green border) were more often altered
in CHRNB4-high patients for sustaining cell proliferation.

On the basis of the analysis and results above, we summarized several key observations: (1) there
were 68 genes co-expressed with CHRNB4 in the CHRNB4-high subgroup and 23 in the CHRNB4-low
subgroup; (2) there were 246 significantly different CNAs between the CHRNB4-high and -low
subgroups; (3) common amplifications and deletions (e.g., FGFs, MYC, CCND1, CDKN2A, and
CDKN2B) occurred in both CHRNB4-high and -low patients. These results show that CHRNB4 plays
a key role in regulating cancer-related functions and affecting the clinical outcome of smoking HNSCC.

2.5. Validation of CHRNB4 Gene Editing in HNSCC Cells

To validate the impact of NNK treatment on CHRNB4, we generated long-term NNK-treated
FaDu, SCC25, and OECM1 HNSCC cell lines (Figure 6A). After 1 month of NNK treatment, both
FaDu and SCC25 cell lines had significantly higher CHRNB4 protein expressions than the parental
controls (without NNK treatment), whereas long-term NNK-treated OECM1 obtained a minor
CHRNB4 protein induction compared with the parental control. To understand the tumorigenic role
of CHRNB4 during HNSCC development, we performed CRISPR/Cas9 gene editing for CHRNB4
with two independent sgRNAs on both long-term NNK-treated FaDu and SCC25 cells (Figure 6B,C).
The CHRNB4 protein expressions of both cell lines were significantly reduced in CHRNB4 sgRNA-1
and sgRNA-2 virus-transfected cells, compared to controls and scramble-sgRNA controls (SC). Then,
the CHRNB4 gene loci were Sanger-sequenced, showing clear and single DNA signals on both
scramble-sgRNA transfected FaDu (Figure 6D) and SCC25 (Figure 6E) cells. On the other hand, with
CHRNB4 sgRNA-2 virus transfection, the CHRNB4 gene sequences were significantly edited, showing
the great gene editing efficiency on both FaDu (Figure 6F) and SCC25 (Figure 6G) cells (sgRNA-2 used
for further analysis, due to the high gene editing efficiency). Furthermore, to analyse CRISPR-based
edit efficiency, Tracking of Indels by Decomposition (TIDE) was used to reveal the insertions and
deletions (indels) that induced in FaDu and SCC25 cells with CHRNB4 sgRNA-2 introduction [72].
The result showed the average CHRNB4 gene editing efficiency on FaDu cells was 88.6% (Figure 6H,I),
containing 58.4% and 21.8% with single-base insertion and other editing patterns, respectively. On
the other hand, CHRNB4 gene editing efficiency on SCC25 cells was 94% (Figure 6J,K), containing
49.5% and 38.9% with single-base insertion and other editing patterns, respectively.
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Figure 6. Validation of CHRNB4 gene editing in FaDu and SCC25 HNSCC cells using the CRISPR/Cas9
system. (A) The induction of CHRNB4 protein expressions on long-term nicotine-derived nitrosamine
ketone (NNK)-treated HNSCC cells. The FaDu, SCC25, and OECM1 cell lines were treated NNK for 1
month, followed by performing Western blot to compare the CHRNB4 protein expression with their
parental controls. The protein validations of CHRNB4 gene editing were performed by CHRNB4
sgRNA-1, sgRNA-2, and scramble-sgRNA virus transfected into long-term NNK-treated (B) FaDu
and (C) SCC25 cells. Schematic representation of the human CHRNB4 protospacer sequence (blue
underline) for gene editing. The arrowhead indicates the expected Cas9 cleavage site. The protospacer
adjacent motif (PAM, red underline) is the motif required for Cas9 nuclease activity. CHRNB4 sgRNA-2
and scrambled (SC) sgRNA were delivered to FaDu (D,F) and SCC25 (E,G) cells by lentivirus. After



Cancers 2020, 12, 1324 11 of 23

transduction, DNA from virus-infected cells was purified and subjected to Sanger sequencing of
CHRNB4 gene locus. The Tracking of Indels by Decomposition (TIDE) analysis is shown for CHRNB4
sgRNA-2 virus transfected in FaDu (H) and SCC25 (J) cells, compared to SC control. The pie charts
show the percentages of indels in the CHRNB4 gene editing by CHRNB4 sgRNA-2 lentivirus on FaDu
(I) and SCC25 (K) cells. The gene editing efficiency of the two cell lines are presented in pink, while
the two most common +1 indels and other mutations are presented in orange and brown, respectively.

2.6. CHRNB4 Promoted Cell Migration and Invasion in NNK-Treated HNSCC Cells

Next, we used cell migration and invasion assays to investigate the tumorigenic role of CHRNB4 on
long-term NNK-treated FaDu and SCC25 cells (Figure 7 and Data S5), compared to cells without NNK
treatment. Both FaDu (Figure 7A,C) and SCC25 (Figure 7B,D) cell lines displayed significantly higher
migration ability of 1.45-fold and 1.58-fold when they were treated with 0.1 µM NNK, respectively. On
the other hand, both FaDu (Figure 7E,G) and SCC25 (Figure 7F,H) cell lines displayed significantly
higher invasion ability of 5.53-fold and 2.71-fold in NNK-treated cells, respectively. However, when
CHRNB4 was gene edited on FaDu and SCC25 cells, both migration and invasion abilities were
significantly reduced in both treatment groups with NNK and treatment groups without NNK.
These results indicate that CHRNB4 not only plays important roles in NNK-induced tumorigenesis in
HNSCC cells, but also implies CHRNB4 expression is essential during HNSCC development. Therefore,
CHRNB4 could be a potential druggable target to prevent metastasis in HNSCC, especially for smoking
HNSCC patients.

Figure 7. Migration and invasion effects in parental and NNK-treated HNSCC cell lines with CHRNB4
gene editing. The migration and invasion assays of long-term NNK-treated (A,E) FaDu and (B,F)
SCC25 cell lines with or without 0.1 µM NNK treatments were conducted and recorded. The migration
and invasion of (C,G) FaDu and (D,H) SCC25 cell lines were counted and presented in a histogram.
The experiments were repeated three times, and a two-sided p-value was calculated with Student’s
t-test. The error bars indicate the standard error. p-values less than 0.01, and 0.001 are denoted by **,
and ***, respectively.

2.7. Varenicline, as a Repurposing Drug of CHRNB4, Inhibited Migration and Invasion in HNSCC Cell Lines

On the basis of the results above, we considered the idea that CHRNB4 could be a potential
therapeutic target for the inhibition of migration and invasion in smoking HNSCC patients. By
using in-house methods and tools (Homopharma and iGEMDOCK) [60,73,74], we discovered
an FDA-approved drug, called varenicline, as a potential CHRNB4 inhibitor (purchased from
Sigma-Aldrich, #PZ0004). We utilized parental cell lines (FaDu and SCC25) and NNK-treated
cell lines to examine the efficacy of the inhibition of migration and invasion by treating cells with
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varenicline at concentrations of 0, 0.1, 1, and 5 µM (Figure 8 and Data S5). The results showed that
NNK significantly induced migration and invasion abilities on both parental FaDu (Figure 8A,E) and
SCC25 (Figure 8C,G) cells, whereas varenicline significantly inhibited FaDu and SCC25 cell migrations
and invasions at 1 and 5 µM during varenicline treatment. Consistently, varenicline significantly
decreased migration and invasion abilities in NNK-treated FaDu and SCC25 cell lines with 1 and
5 µM during varenicline treatment, especially in the SCC25 cell line. The NNK-treated cells with
varenicline treatment were significantly decreased for 38% migration and 61% invasion abilities in
FaDu (Figure 8B,F), whereas they reduced 42% migration and 84% invasion abilities in SCC25 cell lines
(Figure 8D,H) at 5 µM concentration. This result indicates that varenicline has great pharmacological
potential to inhibit metastasis ability in both FaDu and SCC25 cells, and that varenicline demonstrates
even greater inhibition efficacy in NNK-treated HNSCC cells. Therefore, the use of varenicline
may act as a novel anti-metastasis agent for smoking HNSCC patients in the clinic. In the present
study, integration of the analysis of gene expression, overall survival, cancer-related pathways, and
the experiments of CHRNB4 gene editing and drug treatment suggested that CHRNB4 is a promising
prognostic biomarker and drug target for smoking HNSCC patients.

Figure 8. An FDA-approved drug, varenicline, inhibits migration and invasion in NNK-treated cells.
Migration ability was measured after 24 h of varenicline treatment at 0.1, 1, and 5 µM in (A,B) FaDu
and (C,D) SCC25 cell lines with or without NNK treatments. Invasion ability was measured after 48 h
of varenicline treatment at 0.1, 1, and 5 µM in (E,F) FaDu and (G,H) SCC25 cell lines with or without
NNK treatments. The experiments were repeated three times, and a two-sided p-value was calculated
with Student’s t-test. The error bars indicate the standard error. p-values less than 0.05, 0.01, and 0.001
are denoted by *, **, and ***, respectively.
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3. Discussion

Here, we identified the CHRNB4 signature as a prognostic predictor in smoking HNSCC patients.
Patient smoking status was significantly associated with adverse prognosis in the CHRNB4-high
subgroup compared to the CHRNB4-low subgroup. In the CHRNB4-high subgroup, CHRNB4 was
co-expressed with numerous genes, such as ADCY9, NOTCH3, ARNT, NCOA1, and NCOA3, which
correlated with multiple cancer-related processes [63–67], but only one gene, FLT4, was co-expressed in
the CHRNB4-low subgroup [75]. These results suggest that CHRNB4-high patients who smoke have
poor clinical outcomes due to this gene association with more genes involved in cancer-related processes.

According to the KEGG “pathways in cancer” (hsa05231), we integrated co-expression and CNA
analysis to find dysregulated signalling pathways and downstream targets. In both CHRNB4-high and
-low subgroups, we observed deep copy number deletion of the tumour-suppressor genes CDKN2A and
CDKN2B in ≈40% of smoking patients [49] and high-level copy number amplification of the oncogenes
FADD and CCND1 in ≈35% of smoking patients [49], which contributed to cancer cell survival and
proliferation in smoking patients. Furthermore, there were 11 genes with alterations that were more
frequent in the CHRNB4-high subgroup than in the CHRNB4-low group. On the basis of the hallmarks
of cancer and KEGG pathways, these 11 genes are primarily involved in angiogenesis, resisting cell
death, and sustaining proliferation; for instance, HES1 and IL12A perturb the Notch and the Jak-STAT
signalling pathways, respectively, which are involved in angiogenesis in the CHRNB4-high subgroup.
Other alterations, such as KNG1, PLD1, GNB4, PIK3CA, TERC, NFE2L2, DVL3, FGF12, and MECOM,
which are also dysregulated in other cancers [76–85], showed co-amplification in CHRNB4-high
patients, promoting cell survival and growth. Interestingly, previous studies showed that the oncogene
PIK3CA was altered in both HPV-ve and HPV+ve patients (34% and 56%, respectively, predominantly
in HPV+ve) and contributed to evading apoptosis [4,49,50]. However, in our CNA results, PIK3CA
had more frequent genetic alterations in CHRNB4-high patients than in CHRNB4-low patients (30%
and 9%, respectively, Fisher’s exact test p < 0.05). Considering that the major aetiology of HPV-ve
HNSCC is smoking, we propose that CHRNB4 is able to identify new HPV-ve subtypes in smoking
patients. Due to the missing HPV status values in TCGA clinical data, the true HPV status of most
patients is not available, and this assumption remains to be fully confirmed. In summary, we suggest
that the CHRNB4 signature identified a new smoking subgroup with a much worse prognosis.

In our previous work [86], we identified nicotinic acetylcholine receptors (nAChRs) and their
corresponding inhibitors from FDA-approved drugs (e.g., CHRNB4 inhibitors, varenicline; CHRNA9
inhibitors, bupropion) by using our Homopharma approach and the iGEMDOCK tool (data not
shown) [60]. The drug inhibition assay showed that varenicline could significantly control cell
migration and invasion in long-term NNK-treated cells in a dose-dependent manner, but it had
limited effects on parental cell lines. On the basis of the results of the CHRNB4 gene editing and drug
inhibition assay, we considered varenicline to be a potential targeted drug that may reduce cancer
metastasis in smoking HNSCC patients who have high CHRNB4 expression. However, the detailed
mechanisms by which nicotine and varenicline compete with nAChRs (e.g., CHRNB4) to regulate
downstream signalling pathways and metastasis in smoking patients and in NNK-treated cells remain
to be elucidated. We believe that CHRNB4 and the repurposed drug varenicline will be useful for
the development of precision medicine.

Our study has several limitations. First, we did not acquire the HPV status of each sample
from the TCGA clinical data. There were 87 patients in the CHRNB4-high subgroup (88 patients in
the CHRNB4-low subgroup), but only 16 HPV-ve and 6 HPV+ve patients (15 HPV-ve and 5 HPV+ve in
the CHRNB4-low subgroup) were identified by using p16 testing; the HPV status of other patients was
not available in the database (Data S6). Although smoking is a major aetiology for HPV-ve HNSCC,
there were no significant differences in HPV status between the CHRNB4-high and -low subgroups.
Therefore, the role of CHRNB4 in HPV+ve or HPV-ve patients remains to be further explored. Second,
we relied on smoking history provided by the TCGA to identify current smokers, lifelong non-smokers,
and former smokers, and these data were acquired at diagnosis. However, other studies may stratify
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smokers by different rules that may produce slight differences in our results. In addition, on the basis
of the TCGA clinical data, it is difficult to judge whether former smokers actually avoid the harms of
tobacco smoke or second-hand smoke from people around them without biochemical confirmation.
Third, although varenicline is primarily used for smoking cessation, varenicline has low efficacy in
the inhibition of SCC25 and FaDu cell viability when cells are treated with or without NNK, as detected
by using the MTT assay (data not shown), and varenicline only inhibited cell migration and invasion
in NNK-treated cells.

4. Materials and Methods

4.1. Patient Stratification and RNA-Seq Data Collection

In total, we collected level 3 RNA-Seq datasets with 522 HNSCC tumour samples and 44
corresponding normal tissues from The Cancer Genome Atlas (TCGA). Next, 504 patients, whose data
included gene expression data of primary solid tumours (tumour type: 01) and sufficient clinical data
(e.g., follow-up time and tobacco smoking history), were considered in this study (Table S1 and clinical
data in Data S6). Tobacco smoking history was used to annotate patients who were smokers, former
smokers, and non-smokers by referencing the NIH Common Data Element (CDE) Resource Portal.
Ultimately, 175 current smokers, 117 lifelong non-smokers, and 212 former smokers were annotated
for identifying prognostic and smoking-related genes.

Furthermore, patients were divided into “low-survival” (adverse prognosis) and “high-survival”
(favourable prognosis) groups to study the relationship between smoking and clinical the outcome of
HNSCC. The “high-survival” group was defined by the TCGA HNSCC study and censored alive for at
least the 75th percentile of total follow-up time. The “low-survival” group was composed of patients
who died within the a time frame that was lower than the 75th percentile of total follow-up duration in
the HNSCC study [87]. For example, the total duration of follow-up of the 504 HNSCC patients was
17.58 years, and thus the 75th percentile observation time corresponded to 2.37 years. The patients who
died within 2.37 years were considered the “low-survival” group, whereas the “high-survival” group
was composed of the patients who were censored alive for at least 2.37 years of follow-up time. Finally,
120 low-survival and 87 high-survival patients were used to measure the gene expression differences
that were related to smoking status.

4.2. Methods Overview

To identify HNSCC smoking-related biomarkers and potential targeted agents, we first identified
480 differentially expressed genes (DEGs) by comparing smokers vs. normal, low-survival patients
vs. normal, and smokers vs. non-smokers. We then used the Cox proportional hazards regression
to identify 18 adverse genes and 36 favourable genes in smoking HNSCC patients. Among these
genes, we selected CHRNB4, a nAChR that is strongly associated with smoking, and we utilized its
gene expression to classify smoking patients to reveal the reasons for adverse prognosis in smokers
with high CHRNB4 expression. Therefore, we computed the co-expressed genes of CHRNB4 and
the differential copy number alterations (CNAs) between CHRNB4-high and CHRNB4-low subgroups.
Cancer hallmark analysis was also performed on these genes to explore the relationship between
dysregulated pathways and clinical outcome. Finally, migration, invasion, gene editing, and drug
inhibition assays were performed to verify whether CHRNB4 is a potential HNSCC smoking-related
prognostic biomarker (Figure 1).

4.3. Identification of DEGs

We used a log2-transformation to compute the TCGA level 3 RNA-Seq data and generate gene
expression profiles of 20,531 genes for 504 samples. In this analysis, the fold change and a modified
t-statistic (limma package v. 3.38.3) were utilized to identify DEGs between corresponding normal
tissues and tumours in patients with different smoking statuses and prognoses. Finally, the genes with
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|fold change| ≥ 1.5 and p-value < 0.05 were considered as DEGs and smoking-related and prognostic
biomarker candidates.

4.4. Survival Analysis

We used RNA-Seq data with complete survival and smoking status to acquire the association
between prognostic significance and CHRNB4 expression. Overall survival (OS) was defined as
the time from the date of diagnosis to death and was censored at the last follow-up for alive patients.
Here, we utilized the median value of the RNA-Seq expression to divide smoking patients into high-
and low-expression groups to perform Kaplan–Meier analysis of their association with 5 year survival.
Moreover, we used the log-rank test and Cox proportional hazards regression analysis of each gene to
determine adverse or favourable prognostic significance. For example, the median RNA-Seq value of
CHRNB4 in 175 smokers was 3.94, then smokers whose CHRNB4 expression was higher than 3.94
were grouped into CHRNB4-high subgroup, otherwise they were grouped into the CHRNB4-low
subgroup. Next, the univariate Cox proportional hazards regression was performed for two smoking
subgroups with high and low gene expression. (Figure 2B, and the results of multivariate Cox
proportional hazards regression are shown in Table S2). The Kaplan–Meier analysis, log-rank test, and
Cox proportional hazards regression analysis were performed by using the R survival (v. 2.37.2) and
survplot (v. 0.0.7) packages.

4.5. Cancer Hallmark and Pathway Enrichment Analysis

To study how CHRNB4 affects tumorigenesis and prognosis in smoking HNSCC patients, we
first collected 93 biological processes including 2652 genes involved in 10 hallmarks of cancer, as
well as 330 human pathways including 7469 genes with corresponding interactions from the Atlas of
Cancer Signalling Network database (ACSN, https://acsn.curie.fr/ACSN2/downloads.html) and Kyoto
Encyclopedia of Genes and Genomes (KEGG) [78,88], respectively. In addition, we also determined
3530 cancer-related genes by using keywords, including “cancer”, “carcinoma”, and “malignant
tumor/neoplasm/neoplasms” from the DisGeNET database for further analysis (Data S2) [62]. We
utilized gene ID numbers (National Center for Biotechnology Information) to integrate and map
genome annotations across different databases. Next, we used Pearson’s correlation coefficient to
compute the genes co-expressed with CHRNB4 in CHRNB4-high and CHRNB4-low expression patients
who smoke. Finally, 68 and 23 genes were selected by |Pearson’s r| ≥ 0.4 from two subgroups to further
estimate the relationships between CHRNB4 and tumorigenesis and prognosis by using enrichment
analysis. Furthermore, the genes whose copy numbers were altered between CHRNB4-high and
CHRNB4-low smoking patients underwent functional enrichment analysis to clarify the processes
and pathways associated with CHRNB4 in smoking-related HNSCC. The enrichment p-value was
measured by hypergeometric distribution on the basis of the probabilities of genes involved in certain
modules or pathways and considered more likely to provide reasons for enhancing tumour progression
and adverse prognosis. The enrichment p-value of the hypergeometric distribution is defined as

P =
n∑

i=x

(
M
i

)(
N −M
n− i

)
(

N
n

) (1)

where i is the number of the genes co-expressed with CHRNB4 involved in certain gene sets or
pathways, and n is the total number of the co-expressed genes of CHRNB4 with |Pearson’s r| ≥ 0.4 in
a specific subgroup; x represents the genes whose co-expression has |Pearson’s r| ≥ 0.4, for example,
x and n are separately 8 and 68 genes that were recorded in Sustaining Proliferative Signalling gene
sets and identified in CHRNB4-high patients who smoke (Figure 3C); M and N are the numbers of

https://acsn.curie.fr/ACSN2/downloads.html
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the total members in certain gene sets/pathways and total genes, respectively, used for the comparison
of tumorigenesis between CHRNB4-high and CHRNB4-low expression patients who smoke.

4.6. Copy Number Alteration (CNA) Analysis

To investigate the association between CHRNB4 and genetic alteration in smoking patients,
we obtained the 20,316 DNA copy number data of TCGA from the cBioPortal database (https:
//www.cbioportal.org/datasets) [89,90], which generates their calls by the GISTIC 2.0 algorithm [91,92].
Here, the 16,915 genes altered in more than one sample with deep deletion or high-level amplification
(gene annotation is “−2” and “2”, respectively) were considered CNA genes that are biologically
relevant for HNSCC. For each gene, we estimated the distribution of CNA between CHRNB4-high and
CHRNB4-low patients who smoke by using Fisher’s exact test, defined as

P =

(
a + b

a

)(
c + d

c

)
(

n
a + c

) (2)

where a and b are the numbers of the patients with a gene copy number alteration (i.e., gene annotation
is “−2” or “2”) in CHRNB4-high and CHRNB4-low patients, respectively; c and d are the numbers
of the patients with a wild-type gene in CHRNB4-high and CHRNB4-low patients, respectively; n is
the total number (i.e., a + b + c + d) of patients. For example, there were 25 and 8 patients with altered
PIK3CA in CHRNB4-high and CHRNB4-low smoking patients, thus the counts of a and b were 25
and 8, respectively; furthermore, the counts of c and d were 58 and 80 for the patients with wild-type
PIK3CA in two subgroups. Next, the Fisher’s exact p-value of each gene was measured for identifying
246 significantly different distributions of CNA (when p < 0.05) between CHRNB4-high/-low groups
(only 83 of 87 CHRNB4-high patient’s CNA were obtained from database, Data S4).

4.7. Cell Lines

In this study, three HNSCC cell lines from the previous work, FaDu, SCC25 and OECM1, with
and without NNK treatment [34], were used to explore the HNSCC mechanism underlying nicotine
mediation. The FaDu and SCC25 cell lines were obtained from the American Type Culture Collection
(ATCC numbers CRL-1628 and HTB-43, respectively), and OECM1 cell line was obtained by Dr. Lee
from the Department of Otolaryngology-Head and Neck Surgery, Tri-Service General Hospital, National
Defense Medical Center, Taipei, Taiwan. Three cell lines were cultured in Roswell Park Memorial
Institute (RPMI) medium supplemented with 10% foetal bovine serum at 37 ◦C in the presence of 5%
CO2. 4-Methylnitrosamino-1-3-pyridyl-1-butanone (NNK) was acquired from ChemSyn Laboratories
(Lenexa, KS) and used to treat FaDu, SCC25, and OECM1 parental cells at a concentration of 500 nM
for at least 1 month.

4.8. CRISPR/Cas9 Gene Editing on CHRNB4 and Lentivirus Production

To verify the role of CHRNB4 in smoking patients, we performed CRISPR/Cas9 gene editing
in NNK long-term treated FaDu and SCC25 cell lines. The sgRNA of CHRNB4 was designed by
using the MIT CRISPR Design website (http://crispr.mit.edu). According to the Zhang laboratory
protocol [93], guide oligonucleotides were phosphorylated, annealed, and cloned into the BsmBI site of
the lentiCRISPR v2 vector (Addgene #52961, kindly provided by F. Zhang lab). The CHRNB4 sgRNA-1,
CHRNB4 sgRNA-2, and scramble-sgRNA contained plasmids that were verified by Sanger sequencing.
The plasmids were cotransfected with pMD2.G (Addgene plasmid #12259) and psPAX2 (Addgene
plasmid #12260), which were both kindly provided by Didier Trono, EPFL, Lausanne, Switzerland.
Lentiviral particles were collected at 36 and 72 h and then concentrated with a Lenti-X Concentrator
(Clontech, Mountain View, CA, USA) [86,94–96]. The lentiviral particles were analysed by Q-PCR [30].

https://www.cbioportal.org/datasets
https://www.cbioportal.org/datasets
http://crispr.mit.edu
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A total of 1 × 106 HNSCC cells were plated in a 6 cm dish and treated with lentivirus at an MOI of 5.
Two days after transfection, the medium was replaced with medium containing 2.5 µg/mL puromycin
for 2 days. Lentivirus-transfected cells were recovered 2 days before the experiments.

4.9. Western Blot Analysis

We used 12% sodium dodecyl sulfate polyacrylamide gel electrophoresis to separate whole-cell
lysates by electrophoresis, which were then transferred to polyvinylidene fluoride membranes.
The membranes were blocked with 5% non-fat milk at room temperature for 1 h. The primary
antibody of CHRNB4 (Proteintech, 22192-1-AP) was used to probe the membranes. We prepared
Tris-buffered saline-Tween-20 buffer with 3% non-fat milk to incubate the membrane at 4 ◦C overnight,
and peroxidase-conjugated rabbit anti-goat secondary antibody was added (Santa Cruz Biotechnology,
Dallas, TX, USA) at room temperature for 1 h. The immunoblots and luminescence were visualized by
an enhanced chemiluminescence system and X-ray film.

4.10. Migration and Invasion Assays

Transwell migration and invasion assays were performed as follows. Parental and NNK-treated
HNSCC cells were suspend in culture medium containing 0.5% serum and then plated in the upper
chamber. For the invasion assay, the Matrigel–medium (1:2) mixture was supplied onto the membrane
of the upper chamber before the cells were seeded. After 24 h incubation for the migration assay
and 48 h incubation for the invasion assay, cells on the upper side of the filter were removed, and
migrated and invaded cells were fixed in methanol and stained with haematoxylin. The number of
migrated/invaded cells were counted using light microscope.

5. Conclusions

We suggest that CHRNB4 is a prognostic indicator for smoking HNSCC patients on the basis of
the finding that high CHRNB4 expression was associated with adverse outcomes. The genes involved
in angiogenesis, proliferation, and cell survival were more frequently dysregulated in smoking patients
with higher CHRNB4 expression than in other patient groups. In addition, we confirmed the association
between CHRNB4 and cell migration and invasion by using gene editing. Then, on the basis of
drug repurposing approaches, we discovered that the smoking-cessation drug varenicline was able
to reduce the migration and invasion of NNK-treated cells. Our methods and knowledge regarding
CHRNB4 and its targeting agent could be useful for the development of precision medicine for
smoking-related HNSCC.

Supplementary Materials: The following are available online at http://www.mdpi.com/2072-6694/12/5/1324/
s1,Figure S1: Kaplan–Meier plots of overall survival (OS) of 18 adverse genes. Figure S2: Boxplot of CHRNB4
gene expression of high- and low-survival subgroups with different smoking history. Table S1: Characteristics
of the study patients from TCGA. Table S2: Univariate and multivariate Cox proportional hazards regression
analysis of 5 year overall survival in smoking HNSCC patients (n = 175). Data S1: Adverse and favourable gene
list. Data S2: Cancer-related gene list. Data S3: Co-expressed gene list of CHRNB4. Data S4: cBioPortal copy
number data. Data S5: Cell number of migration and invasion assay. Data S6: Clinical data of HNSCC from
TCGA. Data S7: Western blot original data.

Author Contributions: Y.-H.C. analysed the omics data and wrote the manuscript; C.-H.L. cultured cell lines, and
performed migration/invasion assay, gene editing, drug treatment, Western blot, and immunohistochemistry;
C.-Y.L. provided the main ideas in this study, and managed and arranged staff/resources; C.-L.L. cultured cell
lines, and performed migration/invasion assay, gene editing, drug treatment, and Western blot; S.-H.H. provided
the copy number data; J.-Y.L. provided contribution and discussion on illustrating the signalling pathway; Y.-Y.C.
performed drug repurposing analysis; J.-C.L. provided the practical clinical comments and experimental resources
for the study; J.-M.Y. designed and supervised the study, provided the intellectual contribution and discussion,
and edited the manuscript. All authors have read and agreed to the published version of the manuscript.

Funding: This study was supported by grants from the Ministry of Science and Technology (MOST, grant no.
MOST 108-2634-F-009-012, grant no. MOST 108-2636-B-009-005, and grant no. MOST 107-2314-B-016-028) and
the Center for Intelligent Drug Systems and Smart Bio-devices (IDS2B) of the Higher Education Sprout Project by
the Ministry of Education (MOE) in Taiwan.

http://www.mdpi.com/2072-6694/12/5/1324/s1
http://www.mdpi.com/2072-6694/12/5/1324/s1


Cancers 2020, 12, 1324 18 of 23

Acknowledgments: We are thankful for the Center for Bioinformatics Research (CBR) and the Taiwan Protein
Project (TPP) for supporting computing resources. CBR is supported by Ministry of Education ATU program and
National Chiao Tung University, and TPP is supported by Academia Sinica in Taiwan (grant no. AS-KPQ-105-TPP).

Conflicts of Interest: The authors have declared no competing interests.

References

1. Bray, F.; Ferlay, J.; Soerjomataram, I.; Siegel, R.L.; Torre, L.A.; Jemal, A. Global Cancer Statistics 2018: Globocan
Estimates of Incidence and Mortality Worldwide for 36 Cancers in 185 Countries. CA Cancer J. Clin. 2018, 68,
394–424. [CrossRef] [PubMed]

2. Marur, S.; Forastiere, A.A. Head and Neck Squamous Cell Carcinoma: Update on Epidemiology, Diagnosis,
and Treatment. Mayo Clin. Proc. 2016, 91, 386–396. [CrossRef] [PubMed]

3. Lohavanichbutr, P.; Houck, J.; Fan, W.; Yueh, B.; Mendez, E.; Futran, N.; Doody, D.R.; Upton, M.P.;
Farwell, D.G.; Schwartz, S.M.; et al. Genomewide Gene Expression Profiles of Hpv-Positive and Hpv-Negative
Oropharyngeal Cancer: Potential Implications for Treatment Choices. Arch. Otolaryngol. Head Neck Surg.
2009, 135, 180–188. [CrossRef] [PubMed]

4. Leemans, C.R.; Braakhuis, B.J.; Brakenhoff, R.H. The Molecular Biology of Head and Neck Cancer. Nat. Rev.
Cancer 2011, 11, 9–22. [CrossRef]

5. Suh, Y.; Amelio, I.; Urbano, T.G.; Tavassoli, M. Clinical Update on Cancer: Molecular Oncology of Head and
Neck Cancer. Cell Death Dis. 2014, 5, e1018. [CrossRef]

6. Spence, T.; Bruce, J.; Yip, K.W.; Liu, F.F. Hpv Associated Head and Neck Cancer. Cancers 2016, 8, 75. [CrossRef]
7. Osazuwa-Peters, N.; Boakye, E.A.; Chen, B.Y.; Tobo, B.B.; Varvares, M.A. Association between Head and

Neck Squamous Cell Carcinoma Survival, Smoking at Diagnosis, and Marital Status. JAMA Otolaryngol.
Head Neck Surg. 2018, 144, 43–50. [CrossRef]

8. Hecht, S.S. Progress and Challenges in Selected Areas of Tobacco Carcinogenesis. Chem. Res. Toxicol. 2008,
21, 160–171. [CrossRef]

9. Khariwala, S.S.; Hatsukami, D.; Hecht, S.S. Tobacco Carcinogen Metabolites and DNA Adducts as Biomarkers
in Head and Neck Cancer: Potential Screening Tools and Prognostic Indicators. Head Neck 2012, 34, 441–447.
[CrossRef]

10. Kumar, B.; Cordell, K.G.; Lee, J.S.; Worden, F.P.; Prince, M.E.; Tran, H.H.; Wolf, G.T.; Urba, S.G.; Chepeha, D.B.;
Teknos, T.N.; et al. Egfr, P16, Hpv Titer, Bcl-Xl and P53, Sex, and Smoking as Indicators of Response to
Therapy and Survival in Oropharyngeal Cancer. J. Clin. Oncol. 2008, 26, 3128–3137. [CrossRef]

11. Du, E.; Mazul, A.L.; Farquhar, D.; Brennan, P.; Anantharaman, D.; Abedi-Ardekani, B.; Weissler, M.C.;
Hayes, D.N.; Olshan, A.F.; Zevallos, J.P. Long-Term Survival in Head and Neck Cancer: Impact of Site, Stage,
Smoking, and Human Papillomavirus Status. Laryngoscope 2019, 129, 2506–2513. [CrossRef] [PubMed]

12. Rodriguez, T.; Altieri, A.; Chatenoud, L.; Gallus, S.; Bosetti, C.; Negri, E.; Franceschi, S.; Levi, F.; Talamini, R.;
la Vecchia, C. Risk Factors for Oral and Pharyngeal Cancer in Young Adults. Oral. Oncol. 2004, 40, 207–213.
[CrossRef] [PubMed]

13. Hunter, K.D.; Parkinson, E.K.; Harrison, P.R. Profiling Early Head and Neck Cancer. Nat. Rev. Cancer 2005, 5,
127–135. [CrossRef] [PubMed]

14. Berthiller, J.; Straif, K.; Agudo, A.; Ahrens, W.; Santos, A.B.D.; Boccia, S.; Cadoni, G.; Canova, C.;
Castellsague, X.; Chen, C.; et al. Low Frequency of Cigarette Smoking and the Risk of Head and Neck Cancer
in the Inhance Consortium Pooled Analysis. Int. J. Epidemiol. 2016, 45, 835–845. [CrossRef]

15. Karam-Hage, M.; Cinciripini, P.M.; Gritz, E.R. Tobacco Use and Cessation for Cancer Survivors: An Overview
for Clinicians. Ca A Cancer J. Clin. 2014, 64, 273–290. [CrossRef]

16. Ang, K.K.; Harris, J.; Wheeler, R.; Weber, R.; Rosenthal, D.I.; Nguyen-Tan, P.F.; Westra, W.H.; Chung, C.H.;
Jordan, R.C.; Lu, C.; et al. Human Papillomavirus and Survival of Patients with Oropharyngeal Cancer.
N. Engl. J. Med. 2010, 363, 24–35. [CrossRef]

17. Chen, C.; Shen, L.J.; Li, B.F.; Gao, J.; Xia, Y.F. Smoking Is a Poor Prognostic Factor for Male Nasopharyngeal
Carcinoma Treated with Radiotherapy. Radiother. Oncol. 2014, 110, 409–415. [CrossRef]

18. Gillison, M.L.; Zhang, Q.; Jordan, R.; Xiao, W.H.; Westra, W.H.; Trotti, A.; Spencer, S.; Harris, J.; Chung, C.H.;
Ang, K.K. Tobacco Smoking and Increased Risk of Death and Progression for Patients with P16-Positive and
P16-Negative Oropharyngeal Cancer. J. Clin. Oncol. 2012, 30, 2102–2111. [CrossRef]

http://dx.doi.org/10.3322/caac.21492
http://www.ncbi.nlm.nih.gov/pubmed/30207593
http://dx.doi.org/10.1016/j.mayocp.2015.12.017
http://www.ncbi.nlm.nih.gov/pubmed/26944243
http://dx.doi.org/10.1001/archoto.2008.540
http://www.ncbi.nlm.nih.gov/pubmed/19221247
http://dx.doi.org/10.1038/nrc2982
http://dx.doi.org/10.1038/cddis.2013.548
http://dx.doi.org/10.3390/cancers8080075
http://dx.doi.org/10.1001/jamaoto.2017.1880
http://dx.doi.org/10.1021/tx7002068
http://dx.doi.org/10.1002/hed.21705
http://dx.doi.org/10.1200/JCO.2007.12.7662
http://dx.doi.org/10.1002/lary.27807
http://www.ncbi.nlm.nih.gov/pubmed/30637762
http://dx.doi.org/10.1016/j.oraloncology.2003.08.014
http://www.ncbi.nlm.nih.gov/pubmed/14693246
http://dx.doi.org/10.1038/nrc1549
http://www.ncbi.nlm.nih.gov/pubmed/15685196
http://dx.doi.org/10.1093/ije/dyv146
http://dx.doi.org/10.3322/caac.21231
http://dx.doi.org/10.1056/NEJMoa0912217
http://dx.doi.org/10.1016/j.radonc.2013.08.003
http://dx.doi.org/10.1200/JCO.2011.38.4099


Cancers 2020, 12, 1324 19 of 23

19. Fortin, A.; Wang, C.S.; Vigneault, E. Influence of Smoking and Alcohol Drinking Behaviors on Treatment
Outcomes of Patients with Squamous Cell Carcinomas of the Head and Neck. Int. J. Radiat. Oncol. Biol. Phys.
2009, 74, 1062–1069. [CrossRef]

20. Pytynia, K.B.; Grant, J.R.; Etzel, C.J.; Roberts, D.B.; Wei, Q.; Sturgis, E.M. Matched-Pair Analysis of Survival
of Never Smokers and Ever Smokers with Squamous Cell Carcinoma of the Head and Neck. J. Clin. Oncol.
2004, 22, 3981–3988. [CrossRef]

21. Lassen, P.; Lacas, B.; Pignon, J.P.; Trotti, A.; Zackrisson, B.; Zhang, Q.; Overgaard, J.; Blanchard, P.; March
Collaborative Group. Prognostic Impact of Hpv-Associated P16-Expression and Smoking Status on Outcomes
Following Radiotherapy for Oropharyngeal Cancer: The March-Hpv Project. Radiother. Oncol. 2018, 126,
107–115. [CrossRef] [PubMed]

22. Hafkamp, H.C.; Manni, J.J.; Haesvoets, A.; Voogd, A.C.; Schepers, M.; Bot, F.J.; Hopman, A.H.N.;
Ramaekers, F.C.S.; Speel, E.J.M. Marked Differences in Survival Rate between Smokers and Nonsmokers
with Hpv 16-Associated Tonsillar Carcinomas. Int. J. Cancer 2008, 122, 2656–2664. [CrossRef] [PubMed]

23. Picciotto, M.R.; Kenny, P.J. Molecular Mechanisms Underlying Behaviors Related to Nicotine Addiction.
Cold Spring Harb. Perspect. Med. 2013, 3, a012112. [CrossRef] [PubMed]

24. Pistillo, F.; Fasoli, F.; Moretti, M.; McClure-Begley, T.; Zoli, M.; Marks, M.J.; Gotti, C. Chronic Nicotine and
Withdrawal Affect Glutamatergic but Not Nicotinic Receptor Expression in the Mesocorticolimbic Pathway
in a Region-Specific Manner. Pharmacol. Res. 2016, 103, 167–176. [CrossRef]

25. Rollema, H.; Shrikhande, A.; Ward, K.M.; Tingley, F.D., 3rd; Coe, J.W.; O’Neill, B.T.; Tseng, E.; Wang, E.Q.;
Mather, R.J.; Hurst, R.S.; et al. Pre-Clinical Properties of the Alpha4beta2 Nicotinic Acetylcholine Receptor
Partial Agonists Varenicline, Cytisine and Dianicline Translate to Clinical Efficacy for Nicotine Dependence.
Br. J. Pharmacol. 2010, 160, 334–345. [CrossRef]

26. Rollema, H.; Hurst, R.S. The Contribution of Agonist and Antagonist Activities of Alpha4beta2* Nachr
Ligands to Smoking Cessation Efficacy: A Quantitative Analysis of Literature Data. Psychopharmacology
2018, 235, 2479–2505. [CrossRef]

27. Xi, Z.X. Preclinical Pharmacology, Efficacy and Safety of Varenicline in Smoking Cessation and Clinical
Utility in High Risk Patients. Drug Healthc. Patient Saf. 2010, 2010, 39–48. [CrossRef]

28. Smulders, C.J.; Zwart, R.; Bermudez, I.; van Kleef, R.G.; Groot-Kormelink, P.J.; Vijverberg, H.P. Cholinergic
Drugs Potentiate Human Nicotinic Alpha4beta2 Acetylcholine Receptors by a Competitive Mechanism. Eur.
J. Pharmacol. 2005, 509, 97–108. [CrossRef]

29. Lancaster, T.; Stead, L.F. Mecamylamine (a Nicotine Antagonist) for Smoking Cessation. Cochrane Database
Syst. Rev. 2000, 2, CD001009. [CrossRef]

30. Platek, A.J.; Jayaprakash, V.; Merzianu, M.; Platek, M.E.; Cohan, D.M.; Hicks, W.L.; Marimuthu, S.P.;
Winslow, T.B.; Gupta, V.; Arshad, H.; et al. Smoking Cessation Is Associated with Improved Survival in
Oropharynx Cancer Treated by Chemoradiation. Laryngoscope 2016, 126, 2733–2738. [CrossRef]

31. Van Imhoff, L.C.R.; Kranenburg, G.G.J.; Macco, S.; Nijman, N.L.; van Overbeeke, E.J.; Wegner, I.; Grolman, W.;
Pothen, A.J. Prognostic Value of Continued Smoking on Survival and Recurrence Rates in Patients with Head
and Neck Cancer: A Systematic Review. Head Neck J. Sci. Spec. Head Neck 2016, 38, E2214–E2220. [CrossRef]
[PubMed]

32. Lin, C.H.; Lee, H.H.; Kuei, C.H.; Lin, H.Y.; Lu, L.S.; Lee, F.P.; Chang, J.; Wang, J.Y.; Hsu, K.C.; Lin, Y.F.
Nicotinic Acetylcholine Receptor Subunit Alpha-5 Promotes Radioresistance Via Recruiting E2f Activity in
Oral Squamous Cell Carcinoma. J. Clin. Med. 2019, 8, 1454. [CrossRef] [PubMed]

33. Scherl, C.; Schafer, R.; Schlabrakowski, A.; Tziridis, K.; Iro, H.; Wendler, O. Nicotinic Acetylcholine Receptors
in Head and Neck Cancer and Their Correlation to Tumor Site and Progression. ORL J. Otorhinolaryngol.
Relat. Spec. 2016, 78, 151–158. [CrossRef] [PubMed]

34. Nieh, S.; Jao, S.W.; Yang, C.Y.; Lin, Y.S.; Tseng, Y.H.; Liu, C.L.; Lee, T.Y.; Liu, T.Y.; Chu, Y.H.; Chen, S.F.
Regulation of Tumor Progression Via the Snail-Rkip Signaling Pathway by Nicotine Exposure in Head and
Neck Squamous Cell Carcinoma. Head Neck 2015, 37, 1712–1721. [CrossRef] [PubMed]

35. Nishioka, T.; Tada, H.; Ibaragi, S.; Chen, C.; Sasano, T. Nicotine Exposure Induces the Proliferation of Oral
Cancer Cells through the Alpha7 Subunit of the Nicotinic Acetylcholine Receptor. Biochem. Biophys. Res.
Commun. 2019, 509, 514–520. [CrossRef] [PubMed]

36. Carracedo, D.G.; Rodrigo, J.P.; Nieto, C.S.; Gonzalez, M.V. Epithelial Cell Nicotinic Acetylcholine Receptor
Expression in Head and Neck Squamous Cell Carcinoma Pathogenesis. Anticancer Res. 2007, 27, 835–839.

http://dx.doi.org/10.1016/j.ijrobp.2008.09.021
http://dx.doi.org/10.1200/JCO.2004.02.133
http://dx.doi.org/10.1016/j.radonc.2017.10.018
http://www.ncbi.nlm.nih.gov/pubmed/29100700
http://dx.doi.org/10.1002/ijc.23458
http://www.ncbi.nlm.nih.gov/pubmed/18360824
http://dx.doi.org/10.1101/cshperspect.a012112
http://www.ncbi.nlm.nih.gov/pubmed/23143843
http://dx.doi.org/10.1016/j.phrs.2015.11.016
http://dx.doi.org/10.1111/j.1476-5381.2010.00682.x
http://dx.doi.org/10.1007/s00213-018-4921-9
http://dx.doi.org/10.2147/DHPS.S6299
http://dx.doi.org/10.1016/j.ejphar.2004.12.037
http://dx.doi.org/10.1002/14651858.CD001009
http://dx.doi.org/10.1002/lary.26083
http://dx.doi.org/10.1002/hed.24082
http://www.ncbi.nlm.nih.gov/pubmed/25900211
http://dx.doi.org/10.3390/jcm8091454
http://www.ncbi.nlm.nih.gov/pubmed/31547418
http://dx.doi.org/10.1159/000445781
http://www.ncbi.nlm.nih.gov/pubmed/27234470
http://dx.doi.org/10.1002/hed.23820
http://www.ncbi.nlm.nih.gov/pubmed/24986226
http://dx.doi.org/10.1016/j.bbrc.2018.12.154
http://www.ncbi.nlm.nih.gov/pubmed/30598264


Cancers 2020, 12, 1324 20 of 23

37. Nakayama, H.; Numakawa, T.; Ikeuchi, T. Nicotine-Induced Phosphorylation of Akt through Epidermal
Growth Factor Receptor and Src in Pc12h Cells. J. Neurochem. 2002, 83, 1372–1379. [CrossRef]

38. Minna, J.D. Nicotine Exposure and Bronchial Epithelial Cell Nicotinic Acetylcholine Receptor Expression in
the Pathogenesis of Lung Cancer. J. Clin. Investig. 2003, 111, 31–33. [CrossRef]

39. Schuller, H.M.; Plummer, H.K., 3rd; Jull, B.A. Receptor-Mediated Effects of Nicotine and Its Nitrosated
Derivative Nnk on Pulmonary Neuroendocrine Cells. Anat. Rec. A Discov. Mol. Cell Evol. Biol. 2003, 270,
51–58. [CrossRef]

40. Schuller, H.M.; Jull, B.A.; Sheppard, B.J.; Plummer, H.K. Interaction of Tobacco-Specific Toxicants with
the Neuronal Alpha(7) Nicotinic Acetylcholine Receptor and Its Associated Mitogenic Signal Transduction
Pathway: Potential Role in Lung Carcinogenesis and Pediatric Lung Disorders. Eur. J. Pharmacol. 2000, 393,
265–277. [CrossRef]

41. Schuller, H.M.; Castonguay, A.; Orloff, M.; Rossignol, G. Modulation of the Uptake and Metabolism
of 4-(Methylnitrosamino)-1-(3-Pyridyl)-1-Butanone by Nicotine in Hamster Lung. Cancer Res. 1991, 51,
2009–2014. [PubMed]

42. Hecht, S.S. Tobacco Carcinogens, Their Biomarkers and Tobacco-Induced Cancer. Nat. Rev. Cancer 2003, 3,
733–744. [CrossRef] [PubMed]

43. Akopyan, G.; Bonavida, B. Understanding Tobacco Smoke Carcinogen Nnk and Lung Tumorigenesis. Int. J.
Oncol. 2006, 29, 745–752. [CrossRef] [PubMed]

44. Weber, S.M.; Bornstein, S.; Li, Y.; Malkoski, S.P.; Wang, D.; Rustgi, A.K.; Kulesz-Martin, M.F.; Wang, X.J.;
Lu, S.L. Tobacco-Specific Carcinogen Nitrosamine 4-(Methylnitrosamino)-1-(3-Pyridyl)-1-Butanone Induces
Akt Activation in Head and Neck Epithelia. Int. J. Oncol. 2011, 39, 1193–1198.

45. Gankhuyag, N.; Lee, K.H.; Cho, J.Y. The Role of Nitrosamine (Nnk) in Breast Cancer Carcinogenesis. J.
Mammary Gland Biol. Neoplasia 2017, 22, 159–170. [CrossRef]

46. Jin, F.; Thaiparambil, J.; Donepudi, S.R.; Vantaku, V.; Piyarathna, D.W.B.; Maity, S.; Krishnapuram, R.;
Putluri, V.; Gu, F.; Purwaha, P.; et al. Tobacco-Specific Carcinogens Induce Hypermethylation, DNA Adducts,
DNA Damage in Bladder Cancer. Cancer Prev. Res. 2017, 10, 588–597. [CrossRef]

47. Yang, S.H.; Lee, T.Y.; Ho, C.A.; Yang, C.Y.; Huang, W.Y.; Lin, Y.C.; Nieh, S.; Lin, Y.S.; Chen, S.F.;
Lin, F.H. Exposure to Nicotine-Derived Nitrosamine Ketone and Arecoline Synergistically Facilitates
Tumor Aggressiveness Via Overexpression of Epidermal Growth Factor Receptor and Its Downstream
Signaling in Head and Neck Squamous Cell Carcinoma. PLoS ONE 2018, 13, e0201267. [CrossRef]

48. Chung, C.H.; Parker, J.S.; Karaca, G.; Wu, J.; Funkhouser, W.K.; Moore, D.; Butterfoss, D.; Xiang, D.;
Zanation, A.; Yin, X.; et al. Molecular Classification of Head and Neck Squamous Cell Carcinomas Using
Patterns of Gene Expression. Cancer Cell 2004, 5, 489–500. [CrossRef]

49. Cancer Genome Atlas, Network. Comprehensive Genomic Characterization of Head and Neck Squamous
Cell Carcinomas. Nature 2015, 517, 576–582. [CrossRef]

50. Leemans, C.R.; Snijders, P.J.F.; Brakenhoff, R.H. The Molecular Landscape of Head and Neck Cancer. Nat.
Rev. Cancer 2018, 18, 269–282. [CrossRef]

51. Keck, M.K.; Zuo, Z.; Khattri, A.; Stricker, T.P.; Brown, C.D.; Imanguli, M.; Rieke, D.; Endhardt, K.; Fang, P.;
Bragelmann, J.; et al. Integrative Analysis of Head and Neck Cancer Identifies Two Biologically Distinct Hpv
and Three Non-Hpv Subtypes. Clin. Cancer Res. 2015, 21, 870–881. [CrossRef] [PubMed]

52. Chung, J.H.; Jung, H.R.; Jung, A.R.; Lee, Y.C.; Kong, M.; Lee, J.S.; Eun, Y.G. Sox2 Activation Predicts Prognosis
in Patients with Head and Neck Squamous Cell Carcinoma. Sci. Rep. 2018, 8, 1677. [CrossRef] [PubMed]

53. Oprea, T.I.; Mestres, J. Drug Repurposing: Far Beyond New Targets for Old Drugs. AAPS J. 2012, 14, 759–763.
[CrossRef] [PubMed]

54. Pushpakom, S.; Iorio, F.; Eyers, P.A.; Escott, K.J.; Hopper, S.; Wells, A.; Doig, A.; Guilliams, T.; Latimer, J.;
McNamee, C.; et al. Drug Repurposing: Progress, Challenges and Recommendations. Nat. Rev. Drug Discov.
2019, 18, 41–58. [CrossRef] [PubMed]

55. Bertolini, F.; Sukhatme, V.P.; Bouche, G. Drug Repurposing in Oncology–Patient and Health Systems
Opportunities. Nat. Rev. Clin. Oncol. 2015, 12, 732–742. [CrossRef]

56. Gupta, S.C.; Sung, B.; Prasad, S.; Webb, L.J.; Aggarwal, B.B. Cancer Drug Discovery by Repurposing: Teaching
New Tricks to Old Dogs. Trends Pharmacol. Sci. 2013, 34, 508–517. [CrossRef]

http://dx.doi.org/10.1046/j.1471-4159.2002.01248.x
http://dx.doi.org/10.1172/JCI200317492
http://dx.doi.org/10.1002/ar.a.10019
http://dx.doi.org/10.1016/S0014-2999(00)00094-7
http://www.ncbi.nlm.nih.gov/pubmed/2009519
http://dx.doi.org/10.1038/nrc1190
http://www.ncbi.nlm.nih.gov/pubmed/14570033
http://dx.doi.org/10.3892/ijo.29.4.745
http://www.ncbi.nlm.nih.gov/pubmed/16964372
http://dx.doi.org/10.1007/s10911-017-9381-z
http://dx.doi.org/10.1158/1940-6207.CAPR-17-0198
http://dx.doi.org/10.1371/journal.pone.0201267
http://dx.doi.org/10.1016/S1535-6108(04)00112-6
http://dx.doi.org/10.1038/nature14129
http://dx.doi.org/10.1038/nrc.2018.11
http://dx.doi.org/10.1158/1078-0432.CCR-14-2481
http://www.ncbi.nlm.nih.gov/pubmed/25492084
http://dx.doi.org/10.1038/s41598-018-20086-w
http://www.ncbi.nlm.nih.gov/pubmed/29374236
http://dx.doi.org/10.1208/s12248-012-9390-1
http://www.ncbi.nlm.nih.gov/pubmed/22826034
http://dx.doi.org/10.1038/nrd.2018.168
http://www.ncbi.nlm.nih.gov/pubmed/30310233
http://dx.doi.org/10.1038/nrclinonc.2015.169
http://dx.doi.org/10.1016/j.tips.2013.06.005


Cancers 2020, 12, 1324 21 of 23

57. Bonner, J.A.; Harari, P.M.; Giralt, J.; Azarnia, N.; Shin, D.M.; Cohen, R.B.; Jones, C.U.; Sur, R.; Raben, D.;
Jassem, J.; et al. Radiotherapy Plus Cetuximab for Squamous-Cell Carcinoma of the Head and Neck. N. Engl.
J. Med. 2006, 354, 567–578. [CrossRef]

58. Cohen, E.E.; Lingen, M.W.; Vokes, E.E. The Expanding Role of Systemic Therapy in Head and Neck Cancer.
J. Clin. Oncol. 2004, 22, 1743–1752. [CrossRef]

59. Kies, M.S.; Holsinger, F.C.; Lee, J.J.; William, W.N., Jr.; Glisson, B.S.; Lin, H.Y.; Lewin, J.S.; Ginsberg, L.E.;
Gillaspy, K.A.; Massarelli, E.; et al. Induction Chemotherapy and Cetuximab for Locally Advanced Squamous
Cell Carcinoma of the Head and Neck: Results from a Phase Ii Prospective Trial. J. Clin. Oncol. 2010, 28,
8–14. [CrossRef]

60. Chiu, Y.Y.; Tseng, J.H.; Liu, K.H.; Lin, C.T.; Hsu, K.C.; Yang, J.M. Homopharma: A New Concept for Exploring
the Molecular Binding Mechanisms and Drug Repurposing. BMC Genom. 2014, 15 (Suppl. S9), S8. [CrossRef]

61. Kuperstein, I.; Bonnet, E.; Nguyen, H.A.; Cohen, D.; Viara, E.; Grieco, L.; Fourquet, S.; Calzone, L.; Russo, C.;
Kondratova, M.; et al. Atlas of Cancer Signalling Network: A Systems Biology Resource for Integrative
Analysis of Cancer Data with Google Maps. Oncogenesis 2015, 4, e160. [CrossRef]

62. Pinero, J.; Ramirez-Anguita, J.M.; Sauch-Pitarch, J.; Ronzano, F.; Centeno, E.; Sanz, F.; Furlong, L.I.
The Disgenet Knowledge Platform for Disease Genomics: 2019 Update. Nucleic Acids Res. 2019, 48,
D845–D855.

63. Yi, H.; Wang, K.; Jin, J.F.; Jin, H.; Yang, L.; Zou, Y.; Du, B.; Liu, X. Elevated Adenylyl Cyclase 9 Expression Is
a Potential Prognostic Biomarker for Patients with Colon Cancer. Med. Sci. Monit. 2018, 24, 19–25. [CrossRef]
[PubMed]

64. Pavon, M.A.; Parreno, M.; Tellez-Gabriel, M.; Leon, X.; Arroyo-Solera, I.; Lopez, M.; Cespedes, M.V.;
Casanova, I.; Gallardo, A.; Lopez-Pousa, A.; et al. Ckmt1 and Ncoa1 Expression as a Predictor of Clinical
Outcome in Patients with Advanced-Stage Head and Neck Squamous Cell Carcinoma. Head Neck 2016, 38
(Suppl. S1), E1392–E1403. [CrossRef] [PubMed]

65. Wagner, M.; Koslowski, M.; Paret, C.; Schmidt, M.; Tureci, O.; Sahin, U. Ncoa3 Is a Selective Co-Activator of
Estrogen Receptor Alpha-Mediated Transactivation of Plac1 in Mcf-7 Breast Cancer Cells. BMC Cancer 2013,
13, 570. [CrossRef] [PubMed]

66. Kayamori, K.; Katsube, K.; Sakamoto, K.; Ohyama, Y.; Hirai, H.; Yukimori, A.; Ohata, Y.; Akashi, T.; Saitoh, M.;
Harada, K.; et al. Notch3 Is Induced in Cancer-Associated Fibroblasts and Promotes Angiogenesis in Oral
Squamous Cell Carcinoma. PLoS ONE 2016, 11, e0154112. [CrossRef]

67. Knechtel, G.; Szkandera, J.; Stotz, M.; Hofmann, G.; Langsenlehner, U.; Krippl, P.; Samonigg, H.; Renner, W.;
Langner, C.; Dehchamani, D.; et al. Single Nucleotide Polymorphisms in the Hypoxia-Inducible Factor-1
Gene and Colorectal Cancer Risk. Mol. Carcinog. 2010, 49, 805–809. [CrossRef]

68. Borglykke, A.; Grarup, N.; Sparso, T.; Linneberg, A.; Fenger, M.; Jeppesen, J.; Hansen, T.; Pedersen, O.;
Jorgensen, T. Genetic Variant Scl2a2 Is Associated with Risk of Cardiovascular Disease—Assessing
the Individual and Cumulative Effect of 46 Type 2 Diabetes Related Genetic Variants. PLoS ONE 2012, 7,
e50418. [CrossRef]

69. Shi, H.; Lu, Y.; Du, J.; Du, W.C.; Ye, X.H.; Yu, X.F.; Ma, J.H.; Cheng, J.L.; Gao, Y.Q.; Cao, Y.Y.; et al. Application
of Back Propagation Artificial Neural Network on Genetic Variants in Adiponectin Adipoq, Peroxisome
Proliferator-Activated Receptor-Gamma, Retinoid X Receptor-Alpha Genes and Type 2 Diabetes Risk in
a Chinese Han Population. Diabetes Technol. Ther. 2012, 14, 293–300. [CrossRef]

70. Soll, C.; Jang, J.H.; Riener, M.O.; Moritz, W.; Wild, P.J.; Graf, R.; Clavien, P.A. Serotonin Promotes Tumor
Growth in Human Hepatocellular Cancer. Hepatology 2010, 51, 1244–1254. [CrossRef]

71. Hambek, M.; Werner, C.; Baghi, M.; Gstottner, W.; Knecht, R. Prestimulation of Head and Neck Cancer Cells
with Growth Factors Enhances Treatment Efficacy. Anticancer Res. 2006, 26, 1091–1095. [PubMed]

72. Brinkman, E.K.; Chen, T.; Amendola, M.; van Steensel, B. Easy Quantitative Assessment of Genome Editing
by Sequence Trace Decomposition. Nucleic Acids Res. 2014, 42, e168. [CrossRef] [PubMed]

73. Hsu, K.C.; Chen, Y.F.; Lin, S.R.; Yang, J.M. Igemdock: A Graphical Environment of Enhancing Gemdock
Using Pharmacological Interactions and Post-Screening Analysis. BMC Bioinform. 2011, 12 (Suppl. S1), S33.
[CrossRef] [PubMed]

74. Yang, J.M.; Chen, C.C. Gemdock: A Generic Evolutionary Method for Molecular Docking. Proteins 2004, 55,
288–304. [CrossRef]

http://dx.doi.org/10.1056/NEJMoa053422
http://dx.doi.org/10.1200/JCO.2004.06.147
http://dx.doi.org/10.1200/JCO.2009.23.0425
http://dx.doi.org/10.1186/1471-2164-15-S9-S8
http://dx.doi.org/10.1038/oncsis.2015.19
http://dx.doi.org/10.12659/MSM.906002
http://www.ncbi.nlm.nih.gov/pubmed/29292367
http://dx.doi.org/10.1002/hed.24232
http://www.ncbi.nlm.nih.gov/pubmed/26516695
http://dx.doi.org/10.1186/1471-2407-13-570
http://www.ncbi.nlm.nih.gov/pubmed/24304549
http://dx.doi.org/10.1371/journal.pone.0154112
http://dx.doi.org/10.1002/mc.20655
http://dx.doi.org/10.1371/journal.pone.0050418
http://dx.doi.org/10.1089/dia.2011.0071
http://dx.doi.org/10.1002/hep.23441
http://www.ncbi.nlm.nih.gov/pubmed/16619511
http://dx.doi.org/10.1093/nar/gku936
http://www.ncbi.nlm.nih.gov/pubmed/25300484
http://dx.doi.org/10.1186/1471-2105-12-S1-S33
http://www.ncbi.nlm.nih.gov/pubmed/21342564
http://dx.doi.org/10.1002/prot.20035


Cancers 2020, 12, 1324 22 of 23

75. Neuchrist, C.; Erovic, B.M.; Handisurya, A.; Fischer, M.B.; Steiner, G.E.; Hollemann, D.; Gedlicka, C.;
Saaristo, A.; Burian, M. Vascular Endothelial Growth Factor C and Vascular Endothelial Growth Factor
Receptor 3 Expression in Squamous Cell Carcinomas of the Head and Neck. Head Neck 2003, 25, 464–474.
[CrossRef]

76. Quesada-Calvo, F.; Massot, C.; Bertrand, V.; Longuespee, R.; Bletard, N.; Somja, J.; Mazzucchelli, G.;
Smargiasso, N.; Baiwir, D.; de Pauw-Gillet, M.C.; et al. Olfm4, Kng1 and Sec24c Identified by Proteomics and
Immunohistochemistry as Potential Markers of Early Colorectal Cancer Stages. Clin. Proteom. 2017, 14, 9.
[CrossRef]

77. Kang, D.W.; Choi, K.Y.; Do, S.M. Phospholipase D Meets Wnt Signaling: A New Target for Cancer Therapy.
Cancer Res. 2011, 71, 293–297. [CrossRef]

78. Kelley, L.C.; Shahab, S.; Weed, S.A. Actin Cytoskeletal Mediators of Motility and Invasion Amplified and
Overexpressed in Head and Neck Cancer. Clin. Exp. Metastasis 2008, 25, 289–304. [CrossRef]

79. Jehan, Z.; Bavi, P.; Sultana, M.; Abubaker, J.; Bu, R.; Hussain, A.; Alsbeih, G.; Al-Sanea, N.; Abduljabbar, A.;
Ashari, L.H.; et al. Frequent Pik3ca Gene Amplification and Its Clinical Significance in Colorectal Cancer. J.
Pathol. 2009, 219, 337–346. [CrossRef]

80. Cao, Y.; Bryan, T.M.; Reddel, R.R. Increased Copy Number of the Tert and Terc Telomerase Subunit Genes in
Cancer Cells. Cancer Sci. 2008, 99, 1092–1099. [CrossRef]

81. Leinonen, H.M.; Kansanen, E.; Polonen, P.; Heinaniemi, M.; Levonen, A.L. Dysregulation of the Keap1-Nrf2
Pathway in Cancer. Biochem. Soc. Trans. 2015, 43, 645–649. [CrossRef] [PubMed]

82. Kwan, H.T.; Chan, D.W.; Cai, P.C.; Mak, C.S.; Yung, M.M.; Leung, T.H.; Wong, O.G.; Cheung, A.N.;
Ngan, H.Y. Ampk Activators Suppress Cervical Cancer Cell Growth through Inhibition of Dvl3 Mediated
Wnt/Beta-Catenin Signaling Activity. PLoS ONE 2013, 8, e53597. [CrossRef] [PubMed]

83. Turner, N.; Grose, R. Fibroblast Growth Factor Signalling: From Development to Cancer. Nat. Rev. Cancer
2010, 10, 116–129. [CrossRef] [PubMed]

84. Chen, J.; Guo, L.; Peiffer, D.A.; Zhou, L.; Chan, O.T.; Bibikova, M.; Wickham-Garcia, E.; Lu, S.H.; Zhan, Q.;
Wang-Rodriguez, J.W.; et al. Genomic Profiling of 766 Cancer-Related Genes in Archived Esophageal Normal
and Carcinoma Tissues. Int. J. Cancer 2008, 122, 2249–2254. [CrossRef]

85. Tapper, W.; Jones, A.V.; Kralovics, R.; Harutyunyan, A.S.; Zoi, K.; Leung, W.; Godfrey, A.L.; Guglielmelli, P.;
Callaway, A.; Ward, D.; et al. Genetic Variation at Mecom, Tert, Jak2 and Hbs1l-Myb Predisposes to
Myeloproliferative Neoplasms. Nat. Commun. 2015, 6, 6691. [CrossRef]

86. Lin, C.Y.; Lee, C.H.; Chuang, Y.H.; Lee, J.Y.; Chiu, Y.Y.; Lee, Y.H.W.; Jong, Y.J.; Hwang, J.K.; Huang, S.H.;
Chen, L.C.; et al. Membrane Protein-Regulated Networks across Human Cancers. Nat. Commun. 2019, 10,
3131. [CrossRef]

87. Gaude, E.; Frezza, C. Tissue-Specific and Convergent Metabolic Transformation of Cancer Correlates with
Metastatic Potential and Patient Survival. Nat. Commun. 2016, 7, 13041. [CrossRef]

88. Kanehisa, M.; Goto, S. Kegg: Kyoto Encyclopedia of Genes and Genomes. Nucleic Acids Res. 2000, 28, 27–30.
[CrossRef]

89. Cerami, E.; Gao, J.; Dogrusoz, U.; Gross, B.E.; Sumer, S.O.; Aksoy, B.A.; Jacobsen, A.; Byrne, C.J.; Heuer, M.L.;
Larsson, E.; et al. The Cbio Cancer Genomics Portal: An Open Platform for Exploring Multidimensional
Cancer Genomics Data. Cancer Discov. 2012, 2, 401–404. [CrossRef]

90. Gao, J.; Aksoy, B.A.; Dogrusoz, U.; Dresdner, G.; Gross, B.; Sumer, S.O.; Sun, Y.; Jacobsen, A.; Sinha, R.;
Larsson, E.; et al. Integrative Analysis of Complex Cancer Genomics and Clinical Profiles Using the Cbioportal.
Sci. Signal. 2013, 6, pl1. [CrossRef] [PubMed]

91. Beroukhim, R.; Mermel, C.H.; Porter, D.; Wei, G.; Raychaudhuri, S.; Donovan, J.; Barretina, J.; Boehm, J.S.;
Dobson, J.; Urashima, M.; et al. The Landscape of Somatic Copy-Number Alteration across Human Cancers.
Nature 2010, 463, 899–905. [CrossRef]

92. Mermel, C.H.; Schumacher, S.E.; Hill, B.; Meyerson, M.L.; Beroukhim, R.; Getz, G. Gistic2.0 Facilitates
Sensitive and Confident Localization of the Targets of Focal Somatic Copy-Number Alteration in Human
Cancers. Genome Biol. 2011, 12, R41. [CrossRef]

93. Shalem, O.; Sanjana, N.E.; Hartenian, E.; Shi, X.; Scott, D.A.; Mikkelsen, T.S.; Heckl, D.; Ebert, B.L.; Root, D.E.;
Doench, J.G.; et al. Genome-Scale Crispr-Cas9 Knockout Screening in Human Cells. Science 2014, 343, 84–87.
[CrossRef]

http://dx.doi.org/10.1002/hed.10235
http://dx.doi.org/10.1186/s12014-017-9143-3
http://dx.doi.org/10.1158/0008-5472.CAN-10-2463
http://dx.doi.org/10.1007/s10585-008-9154-6
http://dx.doi.org/10.1002/path.2601
http://dx.doi.org/10.1111/j.1349-7006.2008.00815.x
http://dx.doi.org/10.1042/BST20150048
http://www.ncbi.nlm.nih.gov/pubmed/26551706
http://dx.doi.org/10.1371/journal.pone.0053597
http://www.ncbi.nlm.nih.gov/pubmed/23301094
http://dx.doi.org/10.1038/nrc2780
http://www.ncbi.nlm.nih.gov/pubmed/20094046
http://dx.doi.org/10.1002/ijc.23397
http://dx.doi.org/10.1038/ncomms7691
http://dx.doi.org/10.1038/s41467-019-10920-8
http://dx.doi.org/10.1038/ncomms13041
http://dx.doi.org/10.1093/nar/28.1.27
http://dx.doi.org/10.1158/2159-8290.CD-12-0095
http://dx.doi.org/10.1126/scisignal.2004088
http://www.ncbi.nlm.nih.gov/pubmed/23550210
http://dx.doi.org/10.1038/nature08822
http://dx.doi.org/10.1186/gb-2011-12-4-r41
http://dx.doi.org/10.1126/science.1247005


Cancers 2020, 12, 1324 23 of 23

94. Huang, L.C.; Tam, K.W.; Liu, W.N.; Lin, C.Y.; Hsu, K.W.; Hsieh, W.S.; Chi, W.M.; Lee, A.W.; Yang, J.M.;
Lin, C.L.; et al. Crispr/Cas9 Genome Editing of Epidermal Growth Factor Receptor Sufficiently Abolished
Oncogenicity in Anaplastic Thyroid Cancer. Dis. Markers 2018, 2018, 3835783. [CrossRef] [PubMed]

95. Chen, S.H.; Chow, J.M.; Hsieh, Y.Y.; Lin, C.Y.; Hsu, K.W.; Hsieh, W.S.; Chi, W.M.; Shabangu, B.M.; Lee, C.H.
Hdac1,2 Knock-out and Hdaci Induced Cell Apoptosis in Imatinib-Resistant K562 Cells. Int. J. Mol. Sci.
2019, 20, 2271. [CrossRef] [PubMed]

96. Lin, C.L.; Tsai, M.L.; Lin, C.Y.; Hsu, K.W.; Hsieh, W.S.; Chi, W.M.; Huang, L.C.; Lee, C.H. Hdac1 and Hdac2
Double Knockout Triggers Cell Apoptosis in Advanced Thyroid Cancer. Int. J. Mol. Sci. 2019, 20, 454.
[CrossRef] [PubMed]

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1155/2018/3835783
http://www.ncbi.nlm.nih.gov/pubmed/29849821
http://dx.doi.org/10.3390/ijms20092271
http://www.ncbi.nlm.nih.gov/pubmed/31071955
http://dx.doi.org/10.3390/ijms20020454
http://www.ncbi.nlm.nih.gov/pubmed/30669676
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Results 
	Identification of Smoking-Related and Prognostic Genes in Head and Neck Cancer 
	Association Cancer-Related Genes and CHRNB4 
	Relationship between Genetic Alterations and CHRNB4 Signature 
	The Pathways and Downstream Targets of CHRNB4-High and -Low Subgroups 
	Validation of CHRNB4 Gene Editing in HNSCC Cells 
	CHRNB4 Promoted Cell Migration and Invasion in NNK-Treated HNSCC Cells 
	Varenicline, as a Repurposing Drug of CHRNB4, Inhibited Migration and Invasion in HNSCC Cell Lines 

	Discussion 
	Materials and Methods 
	Patient Stratification and RNA-Seq Data Collection 
	Methods Overview 
	Identification of DEGs 
	Survival Analysis 
	Cancer Hallmark and Pathway Enrichment Analysis 
	Copy Number Alteration (CNA) Analysis 
	Cell Lines 
	CRISPR/Cas9 Gene Editing on CHRNB4 and Lentivirus Production 
	Western Blot Analysis 
	Migration and Invasion Assays 

	Conclusions 
	References

