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Abstract: Accumulating evidence suggests that later timing of energy intake (EI) is associated with
increased risk of obesity. In this study, 83 individuals with overweight and obesity underwent assess-
ment of a 7-day period of data collection, including measures of body weight and body composition
(DXA) and 24-h measures of EI (photographic food records), sleep (actigraphy), and physical activity
(PA, activity monitors) for 7 days. Relationships between body mass index (BMI) and percent body
fat (DXA) with meal timing, sleep, and PA were examined. For every 1 h later start of eating, there
was a 1.25 (95% CI: 0.60, 1.91) unit increase in percent body fat (False Discovery Rate (FDR) adjusted
p value = 0.010). For every 1 h later midpoint of the eating window, there was a 1.35 (95% CI: 0.51,
2.19) unit increase in percent body fat (FDR p value = 0.029). For every 1 h increase in the end of
the sleep period, there was a 1.64 (95% CI: 0.56, 2.72) unit increase in percent body fat (FDR p value
= 0.044). Later meal and sleep timing were also associated with lower PA levels. In summary, later
timing of EI and sleep are associated with higher body fat and lower levels of PA in people with
overweight and obesity.

Keywords: meal timing; sleep timing; time-restricted eating

1. Introduction

Circadian timing of daily behaviors such as energy intake (EI), sleep and physical
activity (PA), has emerged as a key factor in the regulation of body weight [1–3]. The inter-
nal circadian timing system in mammals is entrained to a 24-h cycle through light signals
reaching a master clock in the hypothalamus [4] and has evolved to align activities and
behaviors (wake, physical activity and eating, versus sleep, inactivity and fasting) with
the day/night cycle [5]. Because metabolic processes are entrained to circadian rhythms,
food intake at inappropriate circadian times may lead to adverse metabolic outcomes,
including the development of obesity, type 2 diabetes, and cardiovascular disease [6,7].

Dietary patterns have changed over recent decades, with a shift toward more frequent
eating events over a longer period of time throughout the day [8,9]. Findings from a number
of epidemiological and observational studies reported associations between breakfast
skipping and obesity, type 2 diabetes, and cardiovascular disease [10–15]. Night shift work
is associated with a later and more prolonged eating window [16,17] and food intake at
night is linked to obesity despite similar total daily EI [18–21]. Some reports suggest lower
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dietary quality in shift workers [17,18,22], while others do not show a difference [23–25].
In addition, a higher percent of total daily EI consumed during the evening and night
has been associated with greater risk of overweight and obesity [26,27]. Moreover, in two
studies examining timing of EI in individuals participating in weight loss interventions,
participants who consumed more calories in the morning as compared to the evening lost
more weight, despite similar self-reported EI and PA [28,29]. Thus, there is considerable
evidence to suggest that inappropriate timing of EI plays an important role in the risk
for obesity.

Concurrent with the shift toward a longer daily duration of eating, there is also evidence
of reduced sleep duration and quality over the last several decades [30–32]. Prospective studies
have found associations between short sleep duration and increased risk of obesity, diabetes,
hypertension, cardiovascular disease, and weight gain over time [33–36]. Sleep timing has
been less well studied, but reports from some studies have shown associations between
later chronotype (i.e., the propensity of an individual to sleep at a particular time of day)
and higher body mass index (BMI) and poor dietary quality [3,25,37]. While accumulating
evidence suggests associations between later meal and sleep timing and increased risk
of obesity, the majority of these studies are based on self-reported rather than objectively
measured exposures and outcomes.

Thus, the goal of this study was to evaluate associations between objectively measured
free-living meal and sleep timing and BMI, body fat, and variables implicated in body
weight regulation, including EI, dietary quality, PA, and sedentary behavior in adults with
overweight or obesity. We hypothesized that later timing of both food intake and sleep
would be associated with higher BMI and body fat, as well as with poor dietary quality
and reduced PA.

2. Materials and Methods

Participants: Healthy adults aged 18–50 years with a BMI of 27–45 kg/m2 and weight
stable (≤5% change over the previous 6 months) with a self-reported typical eating du-
ration >12 h per day were recruited for a behavioral weight loss trial. Participants were
excluded for history of cardiovascular disease, diabetes, uncontrolled hypertension, un-
treated thyroid, renal, hepatic diseases, dyslipidemia, any other medical condition affecting
weight or lipid metabolism, night shift work over the previous 6 months, night eating syn-
drome, or binge eating behaviors. Women who were pregnant, breastfeeding or planning
to become pregnant were also excluded. Data from a 7-day baseline assessment period
are presented here. For reasons related to feasibility, the 7-day measurements were not
performed in a consistent phase of the menstrual cycle for women. The Colorado Multiple
Institutional Review Board approved the study protocol and all participants provided
written informed consent prior to participation in study-associated procedures. This study
was conducted in accordance with the principles expressed in the Declaration of Helsinki.
Clinicaltrials.gov NCT03571048.

Study Design

Screening: Following written informed consent, each participant underwent a history
and physical exam with the study physician and completed screening laboratory eval-
uations including Hemoglobin A1C, lipid panel, comprehensive metabolic panel, TSH,
and pregnancy test.

Anthropometrics: Height (without shoes to the nearest cm using a stadiometer) was
measured once at baseline. Fasted morning weight (in light clothing) was measured to
the nearest 0.1 kg using a digital scale and assessment of body composition (total body
mass, fat mass, percent fat) was performed via dual energy x-ray absorptiometry (DEXA;
Hologic Discovery W, Bedford, MA, USA).

Meal timing: Photographic food records were used to determine meal timing. Par-
ticipants used personal smartphones to take pictures of all calorie-containing food and
beverages consumed during the 7-day period. A picture of the selected meal was taken
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before eating and a second picture was taken at the end of the eating period. Participants
were provided with detailed instructions regarding methods of taking food photographs
(the serving plate occupied the entire field of view, and photographs were taken at a 45◦

angle so that the depth of foods could be estimated) [38]. After taking the photographs, par-
ticipants texted photographs directly to a secure account that was monitored in real time by
study personnel. Participants were given instructions to prioritize accurate documentation
of the timing of the first and last eating occasions of each day. The timestamps on the
photographs were used to determine meal timing and eating window. For the purposes of
meal timing and EI quantification, days were considered to start at 4 a.m. and to include the
following 24 h through 4 a.m. on the next day, such that food eaten between 12–4 a.m. was
included within the prior day’s eating window [9]. Total duration of the eating window
was calculated based on the start time of the first eating episode through the start time
of the last eating episode, with eating episodes defined as food or drink containing any
amount of calories. The midpoint of the eating window was the clock time of the halfway
point between the start and end of the total the eating window.

Energy Intake: Photographic food records from a consecutive 3-day period (including
2 weekdays and 1 weekend day) were used to estimate EI. The 3 days that were chosen
to be used for EI quantification out of the 7-day data collection were pre-specified based
on the timing of the placement of sleep and activity monitors. For example, if devices
were placed on Friday, the data collection period started at 4 a.m. on Saturday, and the
3-day EI quantification period included Sunday, Monday and Tuesday, whereas if they
were placed on a Monday, the data collection period started at 4 a.m. on Tuesday and
the 3-day period included Friday, Saturday and Sunday. If the devices were placed in the
middle of the week, the 3-day EI quantification period was chosen randomly. A trained
registered dietician used these pictures to estimate portion sizes, using the Portion Photos
of Popular Foods guide [39]. Dietary intake data were collected and analyzed using
Nutrition Data System for Research (NDS-R) software (version 2019), developed by the
Nutrition Coordinating Center (NCC), University of Minnesota, Minneapolis, MN [40].
Plausibility of reported EI levels was evaluated by comparing the intake values from the
photographic food records with predicted energy expenditure as previously described by
Huang et al. [41]. Briefly, plausible data were determined by comparing the regression
slope of reported intake on body weight with that of estimated energy expenditure on body
weight across a range of cut-off values from ±1 SD to ±2 SD in 0.1 SD increments. Energy
expenditure was estimated from an accelerometer worn on the thigh (described below).
The optimal cut-off (±1.6 SD) was selected as the first SD value in which the slope of the
relationship between intake and body weight was not significantly different from the slope
of the relationship between estimated energy expenditure and body weight. The cut-off
applied to our data was similar to the value of ±1.4 SD reported by Huang et al. [41].
Participants with 3-day mean EI (kcal/day) lower or higher than the cut-off (±1.6 SD) were
excluded. A Healthy Eating Index score was determined based on the 2015 Healthy Eating
Index, as previously described [42].

Physical Activity: Free living PA was measured over 7 days using the ActivPAL
3 Micro accelerometer/inclinometer (PALTechnologies, Glasgow, Scotland). The ActivPAL
3 micro was placed on the anterior portion of the participant’s non-dominant thigh and
uses accelerometer-derived information about thigh position to estimate time spent in
different body positions. The time-stamped “event” data file from the ActivPAL software
was used to determine time spent sitting, standing, and stepping per day. Daily energy
expenditure was determined from the accelerometer data and was expressed in metabolic
equivalents per hour (MET-h).

Sleep Patterns: Each subject kept a written log of sleep/wake times and wore a wrist
actigraphy and light exposure recorder (Actiwatch Spectrum, Philips Respironics, Bend, OR,
USA) to document free-living sleep/wake patterns for 7 continuous days. Rest intervals
(i.e., time in bed) were determined using a standardized hierarchical approach described
by Patel et al. [43]. Briefly, rest intervals were selected based on the combination of an
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event marker on the watch, a written sleep diary, a light sensor on the data, and activity
data obtained by the watch. Sleep/wake status was then determined from a validated
algorithm (Actiware version 6.0.9, Philips Respironics, Bend, OR, USA).

Statistical Analysis: Meal timing, sleep, and PA variables were measured daily for
7 days and then averaged across the week for each subject. EI was measured over 3 days
and then averaged for the 3-day period for each subject, and subjects with 3-day mean
EI lower or higher than the cut-off (±1.6 SD) were excluded for EI quantification only.
“Regularity” was assessed for several variables (meal timing, sleep duration), by calculating
the standard deviation (“SD”) of a subject’s daily measures. Descriptive sample statistics
(mean, standard deviation) were calculated for all variables. For meal timing and sleep vari-
ables, descriptive statistics were calculated for the entire week and stratified by weekdays
and weekend days. A Pearson’s correlation heatmap was used to explore relationships
between all types of variables. Hierarchical clustering was used to sort the variable names,
such that the closer the variable names are listed together, the more positively correlated
they are, while variables that are further apart are more likely to have low or negative
correlation. Given the exploratory nature of the heatmap, no multiple testing correction
was applied. The further apart the variable names are, the more uncorrelated or negatively
correlated the variables are.

Univariate linear regressions were used to estimate the relationships between out-
comes of BMI and percent body fat with measures of EI, sleep, meal timing, and PA.
Age and sex were tested as potential confounders. Measures of EI were included in the
linear regression analyses and Pearson’s correlation heatmap; however, they were excluded
from the elastic net regression multivariable model due to the high amount of missingness
(45.8%) after excluding reported intakes that were deemed implausible. The significance
level α = 0.05 was used in all analyses. Both the original p-values and False Discovery Rate
(FDR) adjusted p-values [44] are reported.

Elastic net regression (ENR) [45] was used as an alternative approach to select im-
portant variables associated with BMI and percent fat. ENR is similar to traditional
multivariable regression models but performs variable selection: regression coefficients are
shrunk towards zero, with unimportant variables given coefficients exactly equal to zero,
effectively removing them from the model. Compared to other variable selection methods
(e.g., least absolute shrinkage and selection operator (LASSO) [46]), ENR can better identify
important variables that are correlated, which is preferable given that many variables in
our study are correlated. All variables from the univariate linear regressions (excluding
energy intake variables due to high missingness) were included as potential predictors
(as well as sex and age), thereby allowing the model to adjust for potential confounding
effects. Repeated ten-fold cross-validation (with 10 repeats) was used to tune and internally
validate the prediction accuracy of the ENR models. The missForest R package [47] was
used to impute any missing values in predictors, thus allowing the models to include all
subjects. The outcomes were excluded from the imputation procedure in order to prevent
risk of overfitting. Lastly, the variables selected by ENR were ranked from most to least
important based on their “variable importance scores” using the caret R package [48].

3. Results

A total of 95 individuals were screened for participation in the study. Twelve were
excluded (two did not meet inclusion/exclusion criteria, eight declined to participate,
and two failed to complete baseline measures). Eighty-three participants were included in
the final analyses, the majority of whom were females with obesity (See Table 1). Table 2
shows mean meal timing, sleep timing, physical activity and EI for all participants. Figure 1
shows the timing of EI by day of the week.
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Table 1. Demographics.

n (%)

Sex

Female 71 (86%)
Male 12 (14%)

Race

American Indian/Alaska Native 0 (0%)
Asian 5 (6%)

Native Hawaiian or Other Pacific Islander 0 (0%)
Black or African American 10 (12%)

White 67 (81%)
More than one race 0 (0%)

Unknown/not reported 1 (1%)

Ethnicity

Hispanic or Latino 13 (16%)
Not Hispanic or Latino 69 (83%)
Unknown/not reported 1 (1%)

Mean (Std Dev)

Age (years) 38.7 (7.8)
Weight (kg) 93.8 (17.8)

BMI (kg/m2) 33.7 (5.6)
Lean body mass (kg) 53.0 (9.4)

Fat mass (kg) 40.8 (11.5)
Percent fat (%) 43.1 (6)
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Figure 1. Timing of energy intake by day of the week. Ridgeline plot showing the distribution of energy intake over 24 h
for each day of the recording period. Each curve shows the probability density function for energy intake with the area
under each curve equal to one. The vertical lines indicate the mid-point of the eating window. The hash marks in each plot
correspond to the individual photographs.
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Table 2. Meal timing, sleep timing, physical activity and energy intake.

Meal Timing n Mean (SD)

Start of eating window (clock time) 77 08:48 (01:30)
Standard deviation of start of eating window (hours:mins) 77 01:18 (00:42)
Midpoint of eating window (clock time) 77 14:30 (01:12)
Standard deviation of midpoint of eating window (hours:mins) 77 1:06 (00:30)
End of eating window (clock time) 77 20:06 (01:18)
Standard deviation of end of eating window (hours:mins) 77 01:36 (00:48)
Duration of eating window (hours:mins) 77 11:18 (01:24)
Standard deviation of duration of eating window (hours:mins) 77 02:12 (02:00)
Midpoint of meal timing on weekends minus weekdays (hours:mins) 66 −00:36 (01:00)

Sleep

Social Jet Lag (sleep timing on weekends minus weekdays)
(hours:mins) 71 00:54 (01:24)

Time of sleep onset (clock time) 71 23:18 (01:12)
Time of sleep offset (clock time) 71 06:36 (01:00)
Time in bed (hours:mins) 71 07:18 (00:48)
Sleep duration (hours:mins) 71 06:48 (00:48)
Midpoint of sleep (clock time) 71 03:06 (01:06)

Sleep and Meal timing

Time elapsed between sleep offset and start of eating window
(hours:mins) 66 02:12 (01:06)

Time elapsed between end of eating window and sleep onset
(hours:mins) 66 03:12 (01:00)

Primary Physical Activity

Stepping time (min) 82 95.7 (27.9)
Steps (n) 82 7769.0 (2473.5)
Standing time (min) 82 222.3 (76.9)
Sitting time (min) 82 630.2 (90.4)
Metabolic Equivalents (METh) 82 33.6 (1.0)

Energy intake

Fat (%) 45 38.1 (6.3)
Carbohydrate (%) 45 45.2 (7.1)
Protein (%) 45 16.6 (3.1)
Intake (kcals) 45 2328.6 (481.8)
Healthy Eating Index Score 45 55.1 (12.5)

Age was not a significant predictor of BMI or percent fat. However, sex was a signifi-
cant predictor of percent body fat. On average, females had 10.6 percent (95% CI: 7.7, 13.6)
higher body fat than males. Therefore, statistical models testing significant predictors of
percent body fat were adjusted for sex. Measures of meal timing (average start, midpoint,
and duration), measures of physical activity (total number of steps, MET-h, and total step-
ping time), and measures of sleep (average sleep end and average midpoint of sleep) were
significant predictors of percent fat after adjusting for sex. However, total stepping time,
duration of the meal eating window, and average midpoint of sleep were not significant
after the FDR adjustment (see Figure 2 and Tables 3 and 4).
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Figure 2. Scatter plots showing correlations between percent body fat and the start of the eating window (A), the mid-point
of the eating window (B), sleep offset (C), and daily step counts per 1000 steps (D).

For every 1 unit increase in MET hours, there was, on average, a 1.56 (95% CI: −2.51,
−0.61) unit decrease in percent body fat (p-value = 0.002, FDR p-value = 0.029). For every
1000-step increase in the total number of steps, there was, on average, a 0.66 (95% CI: −1.06,
−0.26) unit decrease in percent body fat (p-value = 0.002, FDR p-value = 0.029).

For every 1 h increase in the average sleep end, there was, on average, a 1.64 (95% CI:
0.56, 2.72) unit increase in percent body fat (p-value = 0.003, FDR p-value = 0.044).

Energy intake, average start of the eating window, and the average midpoint of the
eating window were significant predictors of BMI. However, start of the eating window
and midpoint of the eating window were not significant after the FDR adjustment. For
every 100 kcal increase in energy intake per day, there was, on average, a 0.53 (95% CI: 0.26,
79) unit increase in BMI (p-value = 0.0002, FDR p value = 0.010).

For every 1 h increase in the average start of the eating window, there was, on aver-
age, a 1.25 (95%CI: 0.60, 1.91) unit increase in percent body fat (p-value = 0.003, FDR
p-value = 0.010). For every 1 h increase in the average midpoint of the eating win-
dow, there was, on average, a 1.35 (95% CI: 0.51, 2.19) unit increase in percent body fat
(p-value = 0.002, FDR p-value = 0.031).

Figure 3 displays a Pearson’s correlation heatmap between all quantitative variables.
As expected, variables measuring similar outcomes (i.e., stepping time, MET, number of
steps; start, midpoint, and end of eating and sleeping windows) are highly positively
correlated. Further, later start of the eating window and later end of the sleep period are
associated with shorter duration of the eating window. In addition, later meal (start and
midpoint of eating window) and sleep (sleep onset and sleep end) timing were negatively
associated with activity levels (number of steps, stepping time, and MET-h).
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Table 3. Linear regressions with percent body fat.

Estimate [95% CI] Raw p-Value FDR-Adjusted p-Value n

Start of eating window (hour) 1.25 [0.6, 1.91] 0.0003 0.010 77
MET-h −1.57 [−2.52, −0.62] 0.002 0.029 82
Total number of steps (per 1000 steps) −0.66 [−1.06, −0.26] 0.002 0.029 82
Midpoint of eating window (hour) 1.35 [0.51, 2.19] 0.002 0.031 77
Time of sleep offset (hour) 1.64 [0.56, 2.72] 0.003 0.044 71
Total stepping time (hour) −3.02 [−5.21, −0.83] 0.008 0.083 82
Duration of eating window (hour) −0.96 [−1.71, −0.21] 0.013 0.117 77
Midpoint of sleep (hour) 1.12 [0.13, 2.11] 0.028 0.193 71
Time of sleep onset (hour) 0.95 [−0.01, 1.91] 0.053 0.346 71
Standing time (hour) −0.68 [−1.49, 0.14] 0.102 0.413 82
End of eating window (hour) 0.67 [−0.18, 1.52] 0.123 0.413 77
Standard deviation of start of eating window (hour) 1.11 [−0.34, 2.56] 0.133 0.413 77
Standard deviation of end of eating window (hour) −0.85 [−2.16, 0.47] 0.205 0.440 77
Time elapsed between sleep offset and start of eating window (hour) 0.60 [−0.41, 1.6] 0.238 0.476 66
Standard deviation of duration of eating window (hour) −0.66 [−1.91, 0.58] 0.292 0.519 77
Protein intake (%) 0.19 [−0.22, 0.6] 0.361 0.577 45
Sitting time (hour) 0.30 [−0.41, 1.01] 0.399 0.620 82
Time in bed (hour) 0.60 [−0.88, 2.07] 0.423 0.647 71
Time elapsed between end of eating window and sleep onset (hour) −0.41 [−1.51, 0.69] 0.458 0.684 66
Standard deviation of average sleep duration (hour) 0.35 [−1.23, 1.94] 0.658 0.856 71
Carbohydrate intake (%) −0.04 [−0.21, 0.14] 0.676 0.858 45
Energy intake (100 kcals) 0.02 [−0.24, 0.29] 0.870 0.973 45
Metabolic jetlag (midpoint of meal timing weekends-weekdays) (hour) 0.05 [−1.08, 1.17] 0.934 0.985 66
Standard deviation of midpoint of eating window (hours) −0.060 [−2.28, 2.16] 0.958 0.985 77
2015 healthy index score −0.002 [−0.11, 0.1] 0.974 0.985 45
Fat intake (%) 0.003 [−0.2, 0.2] 0.976 0.985 45

Percent body fat models were adjusted for sex. MET-h: metabolic equivalents per hour. Variables for which FDR adjusted p-values are < 0.05 are bolded.
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Table 4. Linear regressions with body mass index (BMI).

Estimate [95% CI] Raw p-Value FDR-Adjusted p-Value n

Energy intake (100 kcals) 0.53 [0.26, 0.79] 0.0002 0.010 45
Start of eating window (hour) 0.98 [0.19, 1.77] 0.016 0.130 77
Midpoint of eating window (hour) 1.16 [0.16, 2.16] 0.023 0.172 77
Time of sleep offset (hour) 1.06 [−0.29, 2.4] 0.123 0.413 71
Midpoint of sleep (hour) 0.92 [−0.29, 2.12] 0.134 0.413 71
Carbohydrate intake (%) −0.15 [−0.36, 0.05] 0.140 0.413 45
Time elapsed between sleep offset and start of eating window (hour) 0.93 [−0.32, 2.18] 0.141 0.413 66
End of eating window (hour) 0.72 [−0.26, 1.69] 0.147 0.413 77
Standard deviation of start of eating window (hour) 1.17 [−0.51, 2.84] 0.169 0.440 77
Total number of steps (per 1000 steps) −0.32 [−0.82, 0.18] 0.207 0.440 82
Duration of eating window (hour) −0.56 [−1.45, 0.32] 0.207 0.440 77
Time of sleep onset (hour) 0.70 [−0.44, 1.84] 0.224 0.457 71
Fat intake (%) 0.14 [−0.1, 0.37] 0.249 0.480 45
MET-h −0.63 [−1.81, 0.54] 0.286 0.519 82
Metabolic jetlag (midpoint of meal timing weekends-weekdays) (hour) 0.69 [−0.62, 2.01] 0.294 0.519 66
Protein intake (%) 0.24 [−0.23, 0.72] 0.308 0.534 45
2015 healthy index score −0.06 [−0.18, 0.06] 0.324 0.553 45
Standard deviation of midpoint of eating window (hour) 1.24 [−1.3, 3.77] 0.334 0.560 77
Stepping time (hour) −1.15 [−3.82, 1.51] 0.393 0.609 82
Sitting time (hour) 0.24 [−0.58, 1.07] 0.557 0.772 82
Standing time (hour) 0.17 [−0.8, 1.14] 0.723 0.894 82
Sleep duration (hour) −0.31 [−2.08, 1.46] 0.730 0.894 71
Time elapsed between end of eating window and sleep onset (hour) −0.10 [−1.48, 1.27] 0.879 0.973 66
Time in bed (hour) 0.09 [−1.57, 1.75] 0.913 0.985 71
Standard deviation of duration of eating window (hour) 0.03 [−1.41, 1.47] 0.964 0.985 77
Standard deviation of end of eating window (hour) 0.003 [−1.53, 1.54] 0.997 0.997 77

Variables for which FDR adjusted p-values are < 0.05 are bolded.
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Figure 4 displays the elastic net regression (ENR) variable selection results for both
the percent body fat and BMI outcomes. Variables were sorted by their relative variable
importance scores (scaled from 0 to 100, with the most important predictor having a value
of 100). For percent body fat, ENR selected 11 out of 23 variables, with the top five most
important predictors being sex, average start of eating window, total number of steps,
standard deviation of the duration of eating window, and average time in bed. For BMI,
ENR only selected two variables: average start of eating window and average midpoint
of eating window. The non-zero ENR coefficients were always in the same direction as
the corresponding univariate linear regression coefficients from Tables 3 and 4, but were
generally shrunk closer to zero in order to perform variable selection. Repeated 10-fold
cross validation was used to assess the prediction accuracy of each model: the ENR percent
fat model had a mean absolute error (MAE) of 3.9% and R2 = 43%, while the BMI ENR
model had an MAE = 4.5 (kg/m2) and R2 = 15%.
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4. Discussion

The main findings of our study are that later timing of EI and sleep predicted a greater
percent body fat. While a few studies have shown that consuming a higher percentage of
EI in the evening is associated with greater risk of obesity [26,27], these studies utilized
dietary recall data, whereas we used time-stamped photographs, providing a more accurate
assessment of the timing of EI. In addition, we used objective measures of physical activity
and sleep. Potential mechanisms to explain the effects of meal timing on body weight
and composition include effects on EI (quantity or quality of EI), physical activity levels,
or metabolic effects, such as the thermic effect of food (TEF).

As expected, we found that greater total EI predicted higher BMI. However, later
meal timing did not correlate with greater total EI, fat or carbohydrate intake, suggesting
that the mechanism underlying the association between later meal timing and higher BMI
is not due to increased EI alone. In addition, contrary to our hypothesis and to findings
from other studies [14,20], we did not find that later meal or sleep timing was associated
with poor dietary quality (i.e., lower Healthy Eating Index). A few studies have not
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shown a difference in dietary quality in later chronotypes or night shift workers [23–25].
Further studies are needed to better assess the relationships between meal timing and EI
and diet quality.

We also found that later meal timing was associated with lower PA levels (number
of steps, stepping time, and MET-h), which may represent one mechanism by which
meal timing could affect weight and body fat. In the National Weight Control Registry,
breakfast consumption was associated with slightly higher self-reported levels of PA among
individuals who were maintaining weight loss [49], and several studies using objective
measures have shown lower PA among breakfast skippers [50–52]. This is in contrast to a
few other studies that have shown associations between later meal timing and higher BMI
independent of PA levels [19,28,29]. Overall, there are limited data regarding the effects of
meal timing on PA, and future studies should more carefully assess these relationships.

Our study shows that later sleep timing was associated with higher percent body
fat. Several previous studies using actigraphy to measure sleep timing and duration
have shown associations between later chronotype and higher BMI [3,25,37]. While two
of these studies showed associations between later sleep timing and poor diet quality
(higher consumption of fast food, unhealthy snacks and full-calorie soda, and fewer
servings of fruits and vegetables [3,37]), the other study showed no significant differences
in diet quality [25]. These studies either did not assess activity levels [25,37] or showed
no difference based on sleep timing [3]. In contrast, we did not find differences in diet
quality, but did show that later sleep timing was associated with lower levels of activity.
In addition, our results show that later sleep timing was associated with later meal timing,
so it is possible that meal timing mediates the effect of sleep timing on percent body fat.
Future studies should evaluate effects of sleep timing independent of meal timing or
physical activity on body weight.

We found that duration of the eating window was inversely correlated with the start
of the eating window and end of the sleep period, suggesting that those who slept later
started eating later and ate for a shorter period of time during the day. Shorter duration
of the eating window also predicted higher percent body fat (although this relationship
was not significant after FDR-adjustment), suggesting that both delaying the first meal
of the day and eating over a short duration during the day were associated with higher
percent body fat. These findings are consistent with prior evidence linking breakfast skip-
ping and later timing of EI with increased risk of obesity and metabolic disease [10–15]
and have important implications due to the current popularity of time-restricted eating
(TRE—limiting EI to a 6–10 h window during the day) as a weight loss strategy. Several hu-
man studies have evaluated the metabolic effects of short-term, eucaloric TRE (6–8 h eating
windows) aligned early in the biologic day, finding improvements in glucose homeostasis,
insulin sensitivity and β cell responsiveness [53–55], increased fat oxidation [56], and reduc-
tions in blood pressure [54] and appetite [56]. However, most studies evaluating the effects
of longer-duration TRE (8–16 weeks) on weight loss have used self-selected or mid-day
eating windows [9,57–61] and have shown modest (2–4%) weight loss. In addition, many
patients may prefer a later eating window (eating from 12–8 p.m., for example) to better
align with social eating occasions [62,63], but data to support this practice are lacking. Only
a few trials in humans have examined the metabolic effects of late TRE (eating windows
aligned later in the day, L-TRE). In a small, 8-week, isocaloric, crossover controlled feeding
trial, L-TRE (1 meal between 5–9 p.m.) as compared to three meals with no time restriction
showed modest reductions in body weight and fat mass, but higher blood pressure and
elevated fasting glucose levels with impaired glucose tolerance [14,64]. Resistance-trained
men following L-TRE for 8 weeks (self-selected 4-h eating window between 4 p.m.–12 a.m.)
significantly reduced their EI but did not exhibit changes in body composition as would
be expected, suggesting that L-TRE resulted in reductions in energy expenditure or other
metabolic effects that prevented them from losing weight [65]. On the other hand, Cien-
fuegos et al. [60] showed that both 4- and 6-h L-TRE for 8 weeks (3–7 p.m. and 1–7 p.m.)
reduced weight (~3%) and improved insulin resistance and oxidative stress as compared
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to controls. However, the authors acknowledge that the weight loss is less than expected
given the degree of caloric restriction reported (550 kcal/day) and that the improvement
in insulin resistance may have been driven by worsened insulin resistance in the control
arm. The largest study to date to specifically evaluate L-TRE included 116 adults with
overweight and obesity randomized to either L-TRE (eating window of 12–8 p.m.) or eating
three meals per day (no time restriction) for 12 weeks and showed only modest weight loss
in the L-TRE group (−0.94 kg) but no significant difference between groups [66]. The lack
of clear benefit from L-TRE combined with our data showing an association between higher
percent body fat and later and shorter duration of eating window suggests that perhaps
the observed benefits of early TRE are due more to the timing of EI as opposed to the time
restriction itself. Clearly there is a need for further studies of TRE, and specifically studies
evaluating the timing of TRE to determine whether later TRE results in similar metabolic
benefits to early TRE.

One potential mechanism by which later meal timing might influence body weight
and body composition is through effects on TEF. Several studies have shown that TEF
is lower in the evening and at night than in the morning, and that these differences
are explained primarily by circadian influences as opposed to behavioral effects [67,68].
Thus, eating closer to bedtime may result in a lower TEF, contributing to positive energy
balance which might lead to weight gain over time. In fact, McHill et al. [19] showed that
the percentage of total daily EI consumed from 4 h before dim light melatonin onset until
sleep onset was significantly associated with increased body fat.

Our study is limited by the fact that these data are observational and we are reporting
on correlations. Thus, we cannot definitively conclude on the causal role or directionality
of the relationship between meal or sleep timing and development of overweight or obesity.
In addition, our study is limited by the poor quality of EI quantification data, which were
significantly limited due to the high prevalence of implausible EI (45.8%). The challenges
of quantifying EI in free-living humans are well-known, and significant enough that it has
been suggested that measures of self-reported EI should be abandoned [69]. Although we
hypothesized that the use of photographic food records would increase the accuracy of self-
reported EI, we found that omission of photographs resulted in significant under-reporting
in terms of quantity of EI, while retaining important information on the timing of the eating
window. While it may be argued that the high rate of implausible reports could adversely
affect our measures of timing of EI, it is important to note that we counseled our participants
to prioritize taking photographs of the first and last meals of the day. Underreporting is
frequent when dietary recalls are used [70,71], and has also been observed in other studies
utilizing photographic food records [72,73]. In order to improve the quality of our EI data,
we utilized the Huang method [41] to establish cutoff values based on predicted total daily
energy expenditure. While this approach results in the exclusion of a large percentage of
the data and may not entirely eliminate bias [69], we believe this approach results in a more
accurate representation of EI in our study sample. Future studies should employ additional
measures to enhance completion of photographic dietary records such as automated text
reminders. Finally, we used clock times to assess meal and sleep timing, as we were unable
to obtain objective measures of chronotype (i.e., dim light melatonin onset).

5. Conclusions

In summary, our data demonstrate that later meal and sleep timing were associated
with higher percent body fat in this sample of individuals with overweight and obesity.
These findings are important, given the recent shift toward more frequent eating occasions
over a longer period of time throughout the day, as well as the recent popularity of TRE
using later eating windows. In addition, we found that later meal and sleep timing were
associated with lower activity levels, a finding that has not previously been reported.
Taken together with data from previous trials, our findings underscore the importance of
the timing of daily activities in weight regulation and the need to consider the timing of EI,
PA and sleep in the design and evaluation of weight loss interventions.



Nutrients 2021, 13, 73 14 of 17

Author Contributions: Conceptualization, E.A.T., M.-A.C., V.A.C., C.A.R.; methodology, E.A.T., A.Z.,
C.A.R., E.J.T.; formal analysis, L.G., J.A.; investigation, E.A.T., A.Z., C.A.R., E.J.T.; resources, E.A.T.,
M.-A.C., V.A.C., C.A.R.; data curation, C.A.R., E.J.T., L.G., J.A.; writing—original draft preparation,
E.A.T., C.A.R.; writing—review and editing, A.Z., V.A.C., L.G., J.A., E.J.T., J.L.B.; supervision, M.-A.C.,
V.A.C.; funding acquisition, E.A.T., M.-A.C., V.A.C., C.A.R. All authors have read and agreed to the
published version of the manuscript.

Funding: This research was supported NIH/National Center for Research Resources Colorado Clini-
cal and Translational Sciences Institute Grant (UL 1 RR025780), NIH/National Institute of Diabetes
and Digestive and Kidney Diseases R21DK117499 (E.A.T., M.-A.C., V.A.C., C.A.R.), KL2TR002534
(E.A.T.) and K01 DK113063 (C.A.R.).

Institutional Review Board Statement: Study protocol was approved by the Colorado Multiple
Institutional Review Board at the University of Colorado, Anschutz Medical Campus.

Informed Consent Statement: Informed consent was obtained from all participants involved in the
study before enrolment.

Data Availability Statement: Data is available for research purpose upon reasonable request to the
corresponding author.

Acknowledgments: The authors would like to thank the individuals who participated in this study.

Conflicts of Interest: The authors declare no conflict of interest. The funders had no role in the design
of the study; in the collection, analyses, or interpretation of data; in the writing of the manuscript, or
in the decision to publish the results.

References
1. Kahleova, H.; Lloren, J.I.; Mashchak, A.; Hill, M.; Fraser, G.E. Meal Frequency and Timing Are Associated with Changes in Body

Mass Index in Adventist Health Study 2. J. Nutr. 2017, 147, 1722–1728. [CrossRef] [PubMed]
2. Willis, E.A.; Creasy, S.A.; Honas, J.J.; Melanson, E.L.; Donnelly, J.E. The effects of exercise session timing on weight loss and

components of energy balance: Midwest exercise trial 2. Int. J. Obes. 2020, 44, 114–124. [CrossRef] [PubMed]
3. Baron, K.G.; Reid, K.J.; Kern, A.S.; Zee, P.C. Role of sleep timing in caloric intake and BMI. Obesity 2011, 19, 1374–1381. [CrossRef]

[PubMed]
4. Reppert, S.M.; Weaver, D.R. Coordination of circadian timing in mammals. Nature 2002, 418, 935–941. [CrossRef] [PubMed]
5. Bass, J.; Takahashi, J.S. Circadian integration of metabolism and energetics. Science 2010, 330, 1349–1354. [CrossRef] [PubMed]
6. Bass, J. Circadian topology of metabolism. Nature 2012, 491, 348–356. [CrossRef]
7. Oosterman, J.E.; Kalsbeek, A.; la Fleur, S.E.; Belsham, D.D. Impact of nutrients on circadian rhythmicity. Am. J. Physiol. Regul.

Integr. Comp. Physiol. 2015, 308. [CrossRef]
8. Kant, A.K.; Graubard, B.I. 40-year trends in meal and snack eating behaviors of American adults. J. Acad. Nutr. Diet. 2015, 115, 50–63.

[CrossRef]
9. Gill, S.; Panda, S. A Smartphone App Reveals Erratic Diurnal Eating Patterns in Humans that Can Be Modulated for Health

Benefits. Cell Metab. 2015, 22, 789–798. [CrossRef]
10. Cahill, L.E.; Chiuve, S.E.; Mekary, R.A.; Jensen, M.K.; Flint, A.J.; Hu, F.B.; Rimm, E.B. Prospective Study of Breakfast Eating and

Incident Coronary Heart Disease in a Cohort of Male US Health Professionals. Circulation 2013, 128, 337–343. [CrossRef]
11. Mekary, R.A.; Giovannucci, E.; Willett, W.C.; van Dam, R.M.; Hu, F.B. Eating patterns and type 2 diabetes risk in men: Breakfast

omission, eating frequency, and snacking. Am. J. Clin. Nutr. 2012, 95, 1182–1189. [CrossRef] [PubMed]
12. Odegaard, A.O.; Jacobs, D.R., Jr.; Steffen, L.M.; Van Horn, L.; Ludwig, D.S.; Pereira, M.A. Breakfast frequency and development

of metabolic risk. Diabetes Care 2013, 36, 3100–3106. [CrossRef] [PubMed]
13. Smith, K.J.; Gall, S.L.; McNaughton, S.A.; Blizzard, L.; Dwyer, T.; Venn, A.J. Skipping breakfast: Longitudinal associations with

cardiometabolic risk factors in the Childhood Determinants of Adult Health Study. Am. J. Clin. Nutr. 2010, 92, 1316–1325.
[CrossRef] [PubMed]

14. Stote, K.S.; Baer, D.J.; Spears, K.; Paul, D.R.; Harris, G.K.; Rumpler, W.V.; Strycula, P.; Najjar, S.S.; Ferrucci, L.; Ingram, D.K.; et al.
A controlled trial of reduced meal frequency without caloric restriction in healthy, normal-weight, middle-aged adults. Am. J.
Clin. Nutr. 2007, 85, 981–988. [CrossRef]

15. Berg, C.; Lappas, G.; Wolk, A.; Strandhagen, E.; Toren, K.; Rosengren, A.; Thelle, D.S.; Lissner, L. Eating patterns and portion size
associated with obesity in a Swedish population. Appetite 2009, 52, 21–26. [CrossRef]

16. Kosmadopoulos, A.; Kervezee, L.; Boudreau, P.; Gonzales-Aste, F.; Vujovic, N.; Scheer, F.A.J.L.; Boivin, D.B. Effects of Shift Work
on the Eating Behavior of Police Officers on Patrol. Nutrients 2020, 12, 999. [CrossRef]

17. Shaw, E.; Dorrian, J.; Coates, A.M.; Leung, G.K.W.; Davis, R.; Rosbotham, E.; Warnock, R.; Huggins, C.E.; Bonham, M.P. Temporal
pattern of eating in night shift workers. Chronobiol. Int. 2019, 36, 1613–1625. [CrossRef]

18. Lowden, A.; Moreno, C.; Holmback, U.; Lennernas, M.; Tucker, P. Eating and shift work-effects on habits, metabolism and
performance. Scand. J. Work Environ. Health 2010, 36, 150–162. [CrossRef]

http://dx.doi.org/10.3945/jn.116.244749
http://www.ncbi.nlm.nih.gov/pubmed/28701389
http://dx.doi.org/10.1038/s41366-019-0409-x
http://www.ncbi.nlm.nih.gov/pubmed/31289334
http://dx.doi.org/10.1038/oby.2011.100
http://www.ncbi.nlm.nih.gov/pubmed/21527892
http://dx.doi.org/10.1038/nature00965
http://www.ncbi.nlm.nih.gov/pubmed/12198538
http://dx.doi.org/10.1126/science.1195027
http://www.ncbi.nlm.nih.gov/pubmed/21127246
http://dx.doi.org/10.1038/nature11704
http://dx.doi.org/10.1152/ajpregu.00322.2014
http://dx.doi.org/10.1016/j.jand.2014.06.354
http://dx.doi.org/10.1016/j.cmet.2015.09.005
http://dx.doi.org/10.1161/CIRCULATIONAHA.113.001474
http://dx.doi.org/10.3945/ajcn.111.028209
http://www.ncbi.nlm.nih.gov/pubmed/22456660
http://dx.doi.org/10.2337/dc13-0316
http://www.ncbi.nlm.nih.gov/pubmed/23775814
http://dx.doi.org/10.3945/ajcn.2010.30101
http://www.ncbi.nlm.nih.gov/pubmed/20926520
http://dx.doi.org/10.1093/ajcn/85.4.981
http://dx.doi.org/10.1016/j.appet.2008.07.008
http://dx.doi.org/10.3390/nu12040999
http://dx.doi.org/10.1080/07420528.2019.1660358
http://dx.doi.org/10.5271/sjweh.2898


Nutrients 2021, 13, 73 15 of 17

19. McHill, A.W.; Phillips, A.J.; Czeisler, C.A.; Keating, L.; Yee, K.; Barger, L.K.; Garaulet, M.; Scheer, F.; Klerman, E.B. Later circadian
timing of food intake is associated with increased body fat. Am. J. Clin. Nutr. 2017. [CrossRef]

20. Sun, M.; Feng, W.; Wang, F.; Li, P.; Li, Z.; Li, M.; Tse, G.; Vlaanderen, J.; Vermeulen, R.; Tse, L.A. Meta-analysis on shift work and
risks of specific obesity types. Obes. Rev. 2017. [CrossRef]

21. Bonham, M.P.; Bonnell, E.K.; Huggins, C.E. Energy intake of shift workers compared to fixed day workers: A systematic review
and meta-analysis. Chronobiol. Int. 2016, 33, 1086–1100. [CrossRef] [PubMed]

22. De Assis, M.A.; Kupek, E.; Nahas, M.V.; Bellisle, F. Food intake and circadian rhythms in shift workers with a high workload.
Appetite 2003, 40, 175–183. [CrossRef]

23. Beebe, D.; Chang, J.J.; Kress, K.; Mattfeldt-Beman, M. Diet quality and sleep quality among day and night shift nurses. J. Nurs.
Manag. 2017, 25, 549–557. [CrossRef] [PubMed]

24. Hulsegge, G.; Boer, J.M.; van der Beek, A.J.; Verschuren, W.M.; Sluijs, I.; Vermeulen, R.; Proper, K. Shift workers have a similar
diet quality but higher energy intake than day workers. Scand. J. Work Environ. Health 2016, 42, 459–468. [CrossRef] [PubMed]

25. Lucassen, E.A.; Zhao, X.; Rother, K.I.; Mattingly, M.S.; Courville, A.B.; de Jonge, L.; Csako, G.; Cizza, G.; Sleep Extension Study
Group. Evening chronotype is associated with changes in eating behavior, more sleep apnea, and increased stress hormones in
short sleeping obese individuals. PLoS ONE 2013, 8, e56519. [CrossRef]

26. Xiao, Q.; Garaulet, M.; Scheer, F. Meal timing and obesity: Interactions with macronutrient intake and chronotype. Int. J. Obes.
2019, 43, 1701–1711. [CrossRef]

27. Wang, J.B.; Patterson, R.E.; Ang, A.; Emond, J.A.; Shetty, N.; Arab, L. Timing of energy intake during the day is associated with
the risk of obesity in adults. J. Hum. Nutr. Diet. 2014, 27, 255–262. [CrossRef]

28. Jakubowicz, D.; Barnea, M.; Wainstein, J.; Froy, O. High caloric intake at breakfast vs. dinner differentially influences weight loss
of overweight and obese women. Obesity 2013. [CrossRef]

29. Garaulet, M.; Gomez-Abellan, P.; Alburquerque-Bejar, J.J.; Lee, Y.C.; Ordovas, J.M.; Scheer, F.A. Timing of food intake predicts
weight loss effectiveness. Int. J. Obes. 2013, 37, 604–611. [CrossRef]

30. Bixler, E. Sleep and society: An epidemiological perspective. Sleep Med. 2009, 10. [CrossRef]
31. Van Cauter, E.; Spiegel, K.; Tasali, E.; Leproult, R. Metabolic consequences of sleep and sleep loss. Sleep Med. 2008, 9. [CrossRef]
32. Kronholm, E.; Partonen, T.; Laatikainen, T.; Peltonen, M.; Harma, M.; Hublin, C.; Kaprio, J.; Aro, A.R.; Partinen, M.; Fogelholm, M.; et al.

Trends in self-reported sleep duration and insomnia-related symptoms in Finland from 1972 to 2005: A comparative review and
re-analysis of Finnish population samples. J. Sleep Res. 2008, 17, 54–62. [CrossRef] [PubMed]

33. Itani, O.; Jike, M.; Watanabe, N.; Kaneita, Y. Short sleep duration and health outcomes: A systematic review, meta-analysis, and
meta-regression. Sleep Med. 2017, 32, 246–256. [CrossRef] [PubMed]

34. Hairston, K.G.; Bryer-Ash, M.; Norris, J.M.; Haffner, S.; Bowden, D.W.; Wagenknecht, L.E. Sleep duration and five-year abdominal
fat accumulation in a minority cohort: The IRAS family study. Sleep 2010, 33, 289–295. [CrossRef] [PubMed]

35. Nishiura, C.; Hashimoto, H. A 4-year study of the association between short sleep duration and change in body mass index in
Japanese male workers. J. Epidemiol. 2010, 20, 385–390. [CrossRef] [PubMed]

36. Nishiura, C.; Noguchi, J.; Hashimoto, H. Dietary patterns only partially explain the effect of short sleep duration on the incidence
of obesity. Sleep 2010, 33, 753–757. [CrossRef]

37. Arora, T.; Taheri, S. Associations among late chronotype, body mass index and dietary behaviors in young adolescents. Int. J.
Obes. 2015, 39, 39–44. [CrossRef] [PubMed]

38. Thompson, F.E.; Subar, A.F. Dietary Assessment Methodology; Elsevier: Amsterdam, The Netherlands, 2017.
39. Hess, M.A. Portions of Popular Foods; Culinary Nutrition: New York, NY, USA, 2014.
40. Schakel, S.F. Maintaining a Nutrient Database in a Changing Marketplace: Keeping Pace with Changing Food Products—A

Research Perspective. J. Food Compos. Anal. 2001, 14, 315–322. [CrossRef]
41. Huang, T.T.; Roberts, S.B.; Howarth, N.C.; McCrory, M.A. Effect of screening out implausible energy intake reports on relationships

between diet and BMI. Obes. Res. 2005, 13, 1205–1217. [CrossRef]
42. Krebs-Smith, S.M.; Pannucci, T.E.; Subar, A.F.; Kirkpatrick, S.I.; Lerman, J.L.; Tooze, J.A.; Wilson, M.M.; Reedy, J. Update of the

Healthy Eating Index: HEI-2015. J. Acad. Nutr. Diet. 2018, 118, 1591–1602. [CrossRef]
43. Patel, S.R.; Weng, J.; Rueschman, M.; Dudley, K.A.; Loredo, J.S.; Mossavar-Rahmani, Y.; Ramirez, M.; Ramos, A.R.; Reid, K.; Seiger, A.N.;

et al. Reproducibility of a Standardized Actigraphy Scoring Algorithm for Sleep in a US Hispanic/Latino Population. Sleep 2015,
38, 1497–1503. [CrossRef] [PubMed]

44. Benjamini, Y.; Hochberg, Y. Controlling the False Discovery Rate: A Practical and Powerful Approach to Multiple Testing. J. R.
Stat. Soc. Ser. B 1995, 57, 289–300. [CrossRef]

45. Zou, H.; Hastie, T. Regularization and Variable Selection via the Elastic Net. J. R. Stat. Soc. Ser. B 2005, 67, 301–320. [CrossRef]
46. Tibshirani, R. Regression Shrinkage and Selection via the Lasso. J. R. Stat. Soc. Ser. B 1996, 58, 267–288. [CrossRef]
47. Stekhoven, D.J.; Buhlmann, P. MissForest–non-parametric missing value imputation for mixed-type data. Bioinformatics 2012, 28, 112–118.

[CrossRef]
48. Kuhn, M. Building Predictive Models in R Using the caret Package. J. Stat. Softw. 2008, 28, 1–26. [CrossRef]

http://dx.doi.org/10.3945/ajcn.117.161588
http://dx.doi.org/10.1111/obr.12621
http://dx.doi.org/10.1080/07420528.2016.1192188
http://www.ncbi.nlm.nih.gov/pubmed/27303804
http://dx.doi.org/10.1016/S0195-6663(02)00133-2
http://dx.doi.org/10.1111/jonm.12492
http://www.ncbi.nlm.nih.gov/pubmed/28695685
http://dx.doi.org/10.5271/sjweh.3593
http://www.ncbi.nlm.nih.gov/pubmed/27631649
http://dx.doi.org/10.1371/journal.pone.0056519
http://dx.doi.org/10.1038/s41366-018-0284-x
http://dx.doi.org/10.1111/jhn.12141
http://dx.doi.org/10.1002/oby.20460
http://dx.doi.org/10.1038/ijo.2012.229
http://dx.doi.org/10.1016/j.sleep.2009.07.005
http://dx.doi.org/10.1016/S1389-9457(08)70013-3
http://dx.doi.org/10.1111/j.1365-2869.2008.00627.x
http://www.ncbi.nlm.nih.gov/pubmed/18275555
http://dx.doi.org/10.1016/j.sleep.2016.08.006
http://www.ncbi.nlm.nih.gov/pubmed/27743803
http://dx.doi.org/10.1093/sleep/33.3.289
http://www.ncbi.nlm.nih.gov/pubmed/20337186
http://dx.doi.org/10.2188/jea.JE20100019
http://www.ncbi.nlm.nih.gov/pubmed/20699599
http://dx.doi.org/10.1093/sleep/33.6.753
http://dx.doi.org/10.1038/ijo.2014.157
http://www.ncbi.nlm.nih.gov/pubmed/25135376
http://dx.doi.org/10.1006/jfca.2001.0992
http://dx.doi.org/10.1038/oby.2005.143
http://dx.doi.org/10.1016/j.jand.2018.05.021
http://dx.doi.org/10.5665/sleep.4998
http://www.ncbi.nlm.nih.gov/pubmed/25845697
http://dx.doi.org/10.1111/j.2517-6161.1995.tb02031.x
http://dx.doi.org/10.1111/j.1467-9868.2005.00503.x
http://dx.doi.org/10.1111/j.2517-6161.1996.tb02080.x
http://dx.doi.org/10.1093/bioinformatics/btr597
http://dx.doi.org/10.18637/jss.v028.i05


Nutrients 2021, 13, 73 16 of 17

49. Wyatt, H.R.; Grunwald, G.K.; Mosca, C.L.; Klem, M.L.; Wing, R.R.; Hill, J.O. Long-term weight loss and breakfast in subjects in
the National Weight Control Registry. Obes. Res. 2002, 10, 78–82. [CrossRef]

50. Betts, J.A.; Richardson, J.D.; Chowdhury, E.A.; Holman, G.D.; Tsintzas, K.; Thompson, D. The causal role of breakfast in energy
balance and health: A randomized controlled trial in lean adults. Am. J. Clin. Nutr. 2014. [CrossRef]

51. Chowdhury, E.A.; Richardson, J.D.; Holman, G.D.; Tsintzas, K.; Thompson, D.; Betts, J.A. The causal role of breakfast in energy
balance and health: A randomized controlled trial in obese adults. Am. J. Clin. Nutr. 2016, 103, 747–756. [CrossRef]

52. Schembre, S.M.; Wen, C.K.; Davis, J.N.; Shen, E.; Nguyen-Rodriguez, S.T.; Belcher, B.R.; Hsu, Y.W.; Weigensberg, M.J.; Goran, M.I.;
Spruijt-Metz, D. Eating breakfast more frequently is cross-sectionally associated with greater physical activity and lower levels of
adiposity in overweight Latina and African American girls. Am. J. Clin. Nutr. 2013, 98, 275–281. [CrossRef]

53. Jamshed, H.; Beyl, R.A.; Della Manna, D.L.; Yang, E.S.; Ravussin, E.; Peterson, C.M. Early Time-Restricted Feeding Improves
24-h Glucose Levels and Affects Markers of the Circadian Clock, Aging, and Autophagy in Humans. Nutrients 2019, 11, 1234.
[CrossRef] [PubMed]

54. Sutton, E.F.; Beyl, R.; Early, K.S.; Cefalu, W.T.; Ravussin, E.; Peterson, C.M. Early Time-Restricted Feeding Improves Insulin Sensitivity,
Blood Pressure, and Oxidative Stress Even without Weight Loss in Men with Prediabetes. Cell Meta. 2018, 27, 1212–1221. [CrossRef]
[PubMed]

55. Martens, C.R.; Rossman, M.J.; Mazzo, M.R.; Jankowski, L.R.; Nagy, E.E.; Denman, B.A.; Richey, J.J.; Johnson, S.A.; Ziemba, B.P.;
Wang, Y.; et al. Short-term time-restricted feeding is safe and feasible in non-obese healthy midlife and older adults. Geroscience
2020. [CrossRef] [PubMed]

56. Ravussin, E.; Beyl, R.A.; Poggiogalle, E.; Hsia, D.S.; Peterson, C.M. Early Time-Restricted Feeding Reduces Appetite and Increases
Fat Oxidation But Does Not Affect Energy Expenditure in Humans. Obesity 2019, 27, 1244–1254. [CrossRef] [PubMed]

57. Gabel, K.; Hoddy, K.K.; Haggerty, N.; Song, J.; Kroeger, C.M.; Trepanowski, J.F.; Panda, S.; Varady, K.A. Effects of 8-h time restricted
feeding on body weight and metabolic disease risk factors in obese adults: A pilot study. Nutr. Health Aging 2018, 4, 345–353.
[CrossRef] [PubMed]

58. Antoni, R.; Robertson, T.; Robertson, M.; Johnston, J. A pilot feasibility study exploring the effects of a moderate time-restricted
feeding intervention on energy intake, adiposity and metabolic physiology in free-living human subjects. J. Nutr. Sci. 2018, 7, 13.
[CrossRef]

59. Chow, L.S.; Manoogian, E.N.C.; Alvear, A.; Fleischer, J.G.; Thor, H.; Dietsche, K.; Wang, Q.; Hodges, J.S.; Esch, N.; Malaeb, S.; et al.
Time-Restricted Eating Effects on Body Composition and Metabolic Measures in Humans who are Overweight: A Feasibility Study.
Obesity 2020, 28, 860–869. [CrossRef]

60. Cienfuegos, S.; Gabel, K.; Kalam, F.; Ezpeleta, M.; Wiseman, E.; Pavlou, V.; Lin, S.; Oliveria, M.L.; Varady, K.A. Effects of 4- and
6-h Time-Restricted Feeding on Weight and Cardiometabolic Health: A Randomized Controlled Trial in Adults with Obesity.
Cell Metab. 2020. [CrossRef]

61. Wilkinson, M.J.; Manoogian, E.N.C.; Zadourian, A.; Lo, H.; Fakhouri, S.; Shoghi, A.; Wang, X.; Fleischer, J.G.; Navlakha, S.;
Panda, S.; et al. Ten-Hour Time-Restricted Eating Reduces Weight, Blood Pressure, and Atherogenic Lipids in Patients with
Metabolic Syndrome. Cell Metab. 2020, 31, 92–104. [CrossRef]

62. Zinczenko, D.; Moore, P. The 8 Hour Diet: Watch the Pounds Disappear Without Watching What You Eat! Rodale: Kutztown, PA, USA, 2013.
63. Hofmekler, O. The Warrior Diet: Switch on Your Biological Powerhouse for High Energy, Explosive Strenght, and a Leaner, Harder Body;

Blue Snake Books: Berkeley, CA, USA, 2007; p. 277.
64. Carlson, O.; Martin, B.; Stote, K.S.; Golden, E.; Maudsley, S.; Najjar, S.S.; Ferrucci, L.; Ingram, D.K.; Longo, D.L.; Rumpler, W.V.; et al.

Impact of reduced meal frequency without caloric restriction on glucose regulation in healthy, normal-weight middle-aged men
and women. Metabolism 2007, 56, 1729–1734. [CrossRef]

65. Tinsley, G.M.; Forsse, J.S.; Butler, N.K.; Paoli, A.; Bane, A.A.; La Bounty, P.M.; Morgan, G.B.; Grandjean, P.W. Time-restricted
feeding in young men performing resistance training: A randomized controlled trial. Eur. J. Sport Sci. 2017, 17, 200–207. [CrossRef]
[PubMed]

66. Lowe, D.A.; Wu, N.; Rohdin-Bibby, L.; Moore, A.H.; Kelly, N.; Liu, Y.E.; Philip, E.; Vittinghoff, E.; Heymsfield, S.B.; Olgin, J.E.
Effects of Time-Restricted Eating on Weight Loss and Other Metabolic Parameters in Women and Men With Overweight and
Obesity: The TREAT Randomized Clinical Trial. JAMA Intern. Med. 2020. [CrossRef] [PubMed]

67. Romon, M.; Edme, J.L.; Boulenguez, C.; Lescroart, J.L.; Frimat, P. Circadian variation of diet-induced thermogenesis. Am. J.
Clin. Nutr. 1993, 57, 476–480. [CrossRef] [PubMed]

68. Morris, C.J.; Garcia, J.I.; Myers, S.; Yang, J.N.; Trienekens, N.; Scheer, F.A. The Human Circadian System Has a Dominating Role
in Causing the Morning/Evening Difference in Diet-Induced Thermogenesis. Obesity 2015, 23, 2053–2058. [CrossRef]

69. Dhurandhar, N.V.; Schoeller, D.; Brown, A.W.; Heymsfield, S.B.; Thomas, D.; Sorensen, T.I.; Speakman, J.R.; Jeansonne, M.; Allison, D.B.
Energy balance measurement: When something is not better than nothing. Int. J. Obes. 2015, 39, 1109–1113. [CrossRef]

70. Freedman, L.S.; Commins, J.M.; Moler, J.E.; Arab, L.; Baer, D.J.; Kipnis, V.; Midthune, D.; Moshfegh, A.J.; Neuhouser, M.L.;
Prentice, R.L. Pooled results from 5 validation studies of dietary self-report instruments using recovery biomarkers for energy
and protein intake. Am. J. Epidemiol. 2014, 180, 172–188. [CrossRef]

71. Archer, E.; Hand, G.A.; Blair, S.N. Validity of U.S. nutritional surveillance:National Health and Nutrition Examination Survey
caloric energy intake data, 1971–2010. PLoS ONE 2013, 8, e76632. [CrossRef]

http://dx.doi.org/10.1038/oby.2002.13
http://dx.doi.org/10.3945/ajcn.114.083402
http://dx.doi.org/10.3945/ajcn.115.122044
http://dx.doi.org/10.3945/ajcn.112.045849
http://dx.doi.org/10.3390/nu11061234
http://www.ncbi.nlm.nih.gov/pubmed/31151228
http://dx.doi.org/10.1016/j.cmet.2018.04.010
http://www.ncbi.nlm.nih.gov/pubmed/29754952
http://dx.doi.org/10.1007/s11357-020-00156-6
http://www.ncbi.nlm.nih.gov/pubmed/31975053
http://dx.doi.org/10.1002/oby.22518
http://www.ncbi.nlm.nih.gov/pubmed/31339000
http://dx.doi.org/10.3233/NHA-170036
http://www.ncbi.nlm.nih.gov/pubmed/29951594
http://dx.doi.org/10.1017/jns.2018.13
http://dx.doi.org/10.1002/oby.22756
http://dx.doi.org/10.1016/j.cmet.2020.06.018
http://dx.doi.org/10.1016/j.cmet.2019.11.004
http://dx.doi.org/10.1016/j.metabol.2007.07.018
http://dx.doi.org/10.1080/17461391.2016.1223173
http://www.ncbi.nlm.nih.gov/pubmed/27550719
http://dx.doi.org/10.1001/jamainternmed.2020.4153
http://www.ncbi.nlm.nih.gov/pubmed/32986097
http://dx.doi.org/10.1093/ajcn/57.4.476
http://www.ncbi.nlm.nih.gov/pubmed/8460600
http://dx.doi.org/10.1002/oby.21189
http://dx.doi.org/10.1038/ijo.2014.199
http://dx.doi.org/10.1093/aje/kwu116
http://dx.doi.org/10.1371/annotation/c313df3a-52bd-4cbe-af14-6676480d1a43


Nutrients 2021, 13, 73 17 of 17

72. Pendergast, F.J.; Ridgers, N.D.; Worsley, A.; McNaughton, S.A. Evaluation of a smartphone food diary application using
objectively measured energy expenditure. Int. J. Behav. Nutr. Phys. Act. 2017, 14, 30. [CrossRef]

73. Rollo, M.E.; Ash, S.; Lyons-Wall, P.; Russell, A.W. Evaluation of a Mobile Phone Image-Based Dietary Assessment Method in
Adults with Type 2 Diabetes. Nutrients 2015, 7, 4897–4910. [CrossRef]

http://dx.doi.org/10.1186/s12966-017-0488-9
http://dx.doi.org/10.3390/nu7064897

	Introduction 
	Materials and Methods 
	Results 
	Discussion 
	Conclusions 
	References

