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Understanding the Rising Phase of 
the PM2.5 Concentration Evolution 
in Large China Cities
Baolei Lv1,2, Jun Cai1,2, Bing Xu1,2 & Yuqi Bai1,2

Long-term air quality observations are seldom analyzed from a dynamic view. This study analyzed 
fine particulate matter (PM2.5) pollution processes using long-term PM2.5 observations in three Chinese 
cities. Pollution processes were defined as linearly growing PM2.5 concentrations following the criteria 
of coefficient of determination R2 > 0.8 and duration time T ≥ 18 hrs. The linear slopes quantitatively 
measured pollution levels by PM2.5 concentrations rising rates (PMRR, μg/(m3·hr)). The 741, 210 and 
193 pollution processes were filtered out, respectively, in Beijing (BJ), Shanghai (SH), and Guangzhou 
(GZ). Then the relationships between PMRR and wind speed, wind direction, 24-hr backward points, 
gaseous pollutants (CO, NO2 and SO2) concentrations, and regional PM2.5 levels were studied. Inverse 
relationships existed between PMRR and wind speed. The wind directions and 24-hr backward points 
converged in specific directions indicating long-range transport. Gaseous pollutants concentrations 
increased at variable rates in the three cities with growing PMRR values. PM2.5 levels at the upwind 
regions of BJ and SH increased at high PMRRs. Regional transport dominated the PM2.5 pollution 
processes of SH. In BJ, both local contributions and regional transport increased during high-PMRR 
pollution processes. In GZ, PM2.5 pollution processes were mainly caused by local emissions.

Particulate matter with diameters less than 2.5 μ​m (PM2.5) are the primary pollutants in many Chinese cities1. 
These tiny particles can readily penetrate into human lungs and bronchi2. Frequent severe haze episodes endan-
ger human health and interfere with social functions. Epidemiological studies have documented adverse health 
effects even after short-term exposures to high PM2.5 concentrations3. Haze formation generally forms by increas-
ing PM2.5 concentrations4. In different haze episodes, increasing PM2.5 concentrations may differ significantly5. 
Understanding these differences is key to determining the underlying the causes of PM2.5 pollution episodes6. 
These causes can include, among others, regional transport, local emissions, and unfavorable meteorological 
conditions.

PM2.5 pollution processes causes, especially in large Chinese cities, are not clearly understood. Ground obser-
vations and modeling studies have been used to analyze specific PM2.5 pollution episodes. In these studies, PM2.5 
concentration, composition, and sources, along with associated meteorological conditions, are often checked 
to find the causes of heavy pollution episodes7–9. For example, the heavy haze pollution episodes occurring in 
January 2013 in North China were investigated in dozens of studies using diverse techniques. Ji et al. (2014) 
described two particulate pollution episodes in Beijing (BJ), with explosive PM2.5 concentration growth in one 
case and persistent growth in the other5. They concluded that the explosive episode was mainly caused by local 
emissions under stagnant weather conditions, while the persistent episode was largely due to normal regional 
transport. Other studies in BJ concluded that local emissions coupled with unfavorable meteorological factors 
were the main causes for prolonged PM2.5 pollution processes10. A multi-city study revealed increased secondary 
aerosol contributions in PM2.5 pollution episodes11. Some BJ studies concluded that PM2.5 pollution processes 
were mainly caused by regional transport from Hebei with the prevailing southern wind10,12. Meanwhile, the low 
boundary layer height also contributed to accumulation of local emissions13. Modeling studies10,14 also indicated 
large regional transport contributions from heavily polluted regions for PM2.5 pollution processes in BJ. Guo  
et al. (2014) studied the periodic cycle of PM2.5 pollution episodes in September 2013 in BJ to decouple multiple 

1Ministry of Education Key Laboratory for Earth System Modeling, Department of Earth System Science, Tsinghua 
University, Beijing 100084, China. 2Joint Center for Global Change Studies (JCGCS), Beijing 100875, China. 
Correspondence and requests for materials should be addressed to B.X. (email: bingxu@tsinghua.edu.cn) or Y.B. 
(email: yuqibai@tsinghua.edu.cn)

received: 24 August 2016

accepted: 17 March 2017

Published: 25 April 2017

OPEN

mailto:bingxu@tsinghua.edu.cn
mailto:yuqibai@tsinghua.edu.cn


www.nature.com/scientificreports/

2Scientific Reports | 7:46456 | DOI: 10.1038/srep46456

formation mechanisms6. They concluded that local secondary aerosol formation was the main cause for the pol-
lution episodes. In all these studies, no consensus about the causes for PM2.5 pollution episodes was reached.

To better understand pollution conditions, an air quality monitoring network was established in China. 
However, long-term air quality observations, such as hourly PM2.5 observations, are seldom applied to pollution 
process analysis. The data set is often used to evaluate trends of air quality15, pollution levels, and spatial patterns1.  
Thus, PM2.5 observations are typically used to evaluate the static conditions of PM2.5 pollution, rather than char-
acterizing dynamic processes. PM2.5 pollution is usually identified based on whether daily mean PM2.5 concen-
trations exceed the concentration limits. However, only the dynamic changes of PM2.5 concentrations can reveal 
the influences of meteorology, regional transport, or secondary reactions. The current study was performed in 
three large Chinese cities, BJ, Shanghai (SH) and Guangzhou (GZ). We linked a series of PM2.5 observations 
and then filter out pollution processes based on two criteria of coefficient of determinants R2 >​ 0.8 and duration 
time T >​ 18 hrs. PM2.5 concentration growth rates were used to indicate the strength of PM2.5 pollution pro-
cesses. Then, PM2.5 pollution formation mechanisms were explored by evaluating pollution strength as it relates 
to meteorological variables, backward trajectories, gaseous pollutants, and regional PM2.5 distributions in these 
processes. Our results are compared with those from previous studies.

Results
PMRR and PM2.5 concentrations in three Chinese cities.  Examples of static and dynamic measure-
ment of PM2.5 pollutions are presented in Fig. 1. Dynamic PM2.5 pollution processes occurred across days, while 
static pollution was determined by a constant standard (75 μ​g/m3 according to Chinese standard) based daily 
average PM2.5 concentration. Therefore, these measurements were independent of each other. The monthly dura-
tion hrs of PM2.5 pollution processes decided, respectively, by the static and dynamic measurements are presented 
in Fig. 2, along with the intersections of these two processes. The polluted hrs value is greatest in BJ. Generally, 
variability of monthly hr count in the static pollution processes is greater than that in the dynamic pollution 
processes. In BJ, when the monthly static pollution hrs sharply increased, the dynamic pollution hrs usually did 
not correspondingly increase. However, in the other two cities, the dynamic pollution hrs also increased when 
the static pollution hrs increased. The monthly intersected hrs exhibited similar temporal variations of monthly 
dynamic pollution hrs. The ratios of the intersected hrs to the dynamic polluted hrs were 0.59, 0.31 and 0.35 
respectively in BJ, SH and GZ. The higher ratio in BJ indicated that the PM2.5 concentrations usually reached 
much higher values for the dynamic pollution processes in BJ than in SH and GZ.

The distributions of the durations of the dynamic pollution processes are similar in the three cities (Fig. 3). 
Generally, as the duration hrs increased, their occurrence frequencies decreased. The frequency of the marginal 
18 duration hrs was significantly higher in GZ than those in BJ and SH, as shown in the Figure S1/Supplementary 
Information. For all the dynamic pollution processes, the average PM2.5 concentration distribution was different 
in BJ than in SH and GZ (Fig. 4). The average PM2.5 concentrations were more broadly distributed in BJ than 
in SH and GZ. The peak frequencies happened at the concentration of around the annual mean PM2.5 concen-
trations in each city, which were around 70 μ​g/m3 in BJ and 50 μ​g/m3 in SH and GZ. Meanwhile, average PM2.5 
concentrations were concentrated below 200 μ​g/m3 in BJ and below 100 in SH and GZ. These distributions reflect 
the severity of PM2.5 pollution in BJ.

The long-term trends of PMRR and PM2.5 concentrations are both largely determined by the emission strength 
trends15. Meteorological conditions in the selected and filtered PM2.5 pollution processes would be relatively stable, 
or less variable than those in the normal situations16. Therefore, temporal variations of PMRR were less significant 
than those of PM2.5 concentrations (Fig. 5). The monthly mean PMRR values in the three cities decreased with statis-
tical significance (p-value <​ 0.05, and from 2009 for BJ). The PM2.5 concentrations decreased significantly in SH and 
GZ, but insignificantly in BJ. The significant decrease of PM2.5 concentrations was also found in previous studies17,18. 
This indicated the consistency and wide utility of PMRR for characterizing PM2.5 pollution levels.

Figure 1.  Two PM2.5 pollution processes in BJ and the corresponding daily mean PM2.5 concentrations. 
Brown points denote the data points within the PM2.5 pollution processes filtered out in this study. Horizontal 
dashed lines denote the daily mean PM2.5 levels, with the red lines referring to polluted days and the green lines 
referring to the attainment days measured by the static standard of 75 μ​g/m3.
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The annual periodic variations of PMRR were more obvious in BJ than those in SH and GZ (Fig. 5). In GZ, the 
annual periodic variations were not noticeable. In SH, variations of PM2.5 concentrations were much more sig-
nificant than those of PMRR. By visually checking the time-series of hourly PM2.5 observations in SH, we found 
many short-time and abrupt increases of PM2.5 levels during winter, perhaps due to strong regional transport 
from North China19.

Correlations with wind speed and wind direction.  Wind speed and directions are key parameters 
determining regional transport20. In BJ and GZ, the PMRR exhibited linearly inverse relationships with wind 
speeds (Fig. 6), but in SH, the wind speeds were little changed as PMRR increased. In BJ, by calculating a 20-point 
moving average, the wind speed decreased in a near linear pattern from about 7 km/hr, when PMRR was around 
2 μ​g/(m3·hr), to 4 km/h when PMRR was about 8 μ​g/(m3·hr). In other words, the wind speeds would decrease by 
about 0.5 km/h as PMRR increased by 1 μ​g/(m3·hr). Then the wind speed remained low, being less than 4 km/h, 
when the PMRR was larger than 8 μ​g/(m3·hr). In GZ, the two variables exhibited an inverse relationship when 
PMRR was less than 5 μ​g/(m3·hr). The wind speed decreased from ~10 km/hr to ~3 km/hr, while PMRR increased 
from ~2 μ​g/(m3·hr) to ~4 μ​g/(m3·hr). The wind speed would decrease 3.5 km/h as PMRR increased by 1 μ​g/
(m3·hr). The much steeper slope indicated that the emissions or formations of PM2.5 pollutants were more sensi-
tive to wind speed in GZ than in BJ. However, in SH, the relatively stable wind speed indicated that wind speed 
has less impact on the accumulation of PM2.5 pollutants than in the other two cities. In addition, the wind speed 
remained in a higher level in SH than in the other two cities, especially when PMRR was larger than 5 μ​g/(m3·hr).

The prevailing wind directions under different levels of PMRR exhibited different features in the three cities 
(Fig. 7). In BJ, most of the pollution processes happened when wind directions were from southeastern, southern 
and southwestern directions. There are potentially two reasons for this distribution. First, the southern wind had 
a lower speed than winds from other directions, especially when pollution episodes occurred5. The low speed 
southern winds were favorable for the accumulation of local PM2.5 pollutants in BJ, which were enhanced by the 
mountains in the northwestern part of BJ. Second, due to the heavy pollutant emissions in the areas to the south 
of BJ21, southern winds would potentially bring large amounts of pollutants to BJ20,22. This regional transport 
could be an important cause for the fast-growing pollution processes. In SH, most of the pollution processes cor-
responded to the wind directions of western and south directions. The wind directions of high PMRR (i.e. >​5 μ​g/
(m3·hr)) were distributed within the scope of western directions. Regarding the low wind speeds shown in Fig. 6, 
we concluded that wind direction, rather than wind speed, largely determined the levels of PMRR in SH. This 
indicated significant contributions from regional transport to fast-growing pollution processes or large PMRR. In 
GZ, the pollution processes corresponded mainly to the wind directions from 60° to 270°. Considering the weak 

Figure 2.  The hour counts in the static, dynamic, and intersected pollution processes in the three Chinese 
cities. 
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emissions surrounding PRD21 and low wind speeds under high PMRR (Fig. 7), high PMRR could potentially 
be caused by local emissions accumulations under stagnant weather conditions, rather than regional transport.

Correlations with 24-hr backward points.  Compared to ground-level wind observations, the backward 
points could characterize the air mass movements on a large spatial scale. In BJ, most backward points were 
located to the south of BJ (Fig. 8). As PMRR increased, they became closer to the arriving points indicating lower 
wind speed as discussed in the previous section. When PMRR values exceeded 10 μ​g/(m3·hr), we found that the 
density of backward points was most intense on the boundary area between BJ and Hebei. This seems to indicate 
that the regional transport was weak in large PMRR scenarios, which was consistent with conclusions made by 
Ji et al.5 and Guo et al.6. However, severe PM2.5 pollutions episodes or processes in BJ usually happen as part of a 
regional pollution process23. If PM2.5 levels were very high in the heavily polluted area to the south of BJ, regional 
transport could still be significant even if weak southern winds prevailed. As PMRR increased in GZ, the back-
ward points became closer to the arrival location. This demonstrated that regional contributions were weak, espe-
cially regarding limited emissions surrounding PRD24. The situation in SH was different from BJ and GZ. When 
PMRR values were smaller than 3 μ​g/(m3·hr), the backward points were generally randomly distributed around 
SH. As PMRR increased to more than 6 μ​g/(m3·hr), improved fractions of backward points were located to the 
northwest of SH in inland China. Meanwhile, unlike the other two cities, the distances between these backward 
points and arriving locations barely decreased under high levels of PMRR. Hence, rapid increases of PM2.5 con-
centrations should be closely related to regional transport.

In urban areas, the pollution levels of PM2.5 are usually linearly correlated with levels of CO25. Relationships 
between CO and PMRR were different in the three cities considering their fitting slopes and R2 values (Fig. 9). In 
the three cities, they were all in linear relationships, indicating that as PMRR values increased, the CO concen-
trations also increased. Unfavorable meteorological conditions such as low wind speed, which enhances PMRR, 
also facilitated accumulations of CO. CO is relatively chemically inert and the majority of CO is emitted within 
the urban area26. The linear relationship indicates that that more local primary emissions or secondary prod-
ucts of PM2.5 should remain in the urban area as PMRR increases. In SH, CO concentrations increased at the 
lowest rate as PMRR increased, indicating that contributions from locally produced PM2.5 increased slowly in 
the fast-growing PM2.5 pollution processes. The emission sources for NO2 are mainly located in urban or indus-
trial areas21. The situation for NO2 is similar to that of CO. In the three cities, the NO2 concentrations increased 

Figure 3.  Distributions of duration time of dynamic pollution processes in three Chinese cities. 

Figure 4.  Mean PM2.5 levels of all the dynamic pollution processes in three Chinese cities. 
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significantly as PMRR values increased. These relationships also indicated that regional transport contributed to 
PM2.5 pollution formation in all three cities. SO2 was mainly emitted from areas with significant coal combustion 
to support heavy industry or for domestic heat27. The emission levels of SO2 were greater in North China than 

Figure 5.  Temporal trends of PMRR, monthly mean PMRR, and monthly mean PM2.5 concentrations in BJ, 
SH, and GZ. 

Figure 6.  Correlations between wind speed and accumulation rates of PM2.5 concentrations. MA denotes 
the moving averages.
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Figure 7.  Scatter-plots of wind directions (degree, °) and accumulation rates of PM2.5 concentrations. 

Figure 8.  Density distribution of 24-hr backward points under different levels of PMRR (μg/(m3·hr)). The 
arriving points of air masses are the red points in the maps. The maps were drawn by R programing language40.



www.nature.com/scientificreports/

7Scientific Reports | 7:46456 | DOI: 10.1038/srep46456

in YRD or PRD27. SO2 concentrations increased rapidly in BJ and SH with increased PM2.5 accumulation rates. 
Considering the strong emission levels in North China, it was clear that both BJ and SH were influenced the 
transport contributions from North China in the PM2.5 pollution processes. In GZ, SO2 concentrations increased 
slowly as PMRR enhanced, with small R2 values (~0.02). This indicated that there was no regional transport of 
SO2 associated with the PM2.5 increase in GZ.

Regional ground-level PM2.5 concentrations.  Heavy PM2.5 pollution usually occurs on a regional scale 
in North China28. This provides potential mechanisms for regional transport to BJ in pollution episodes. The 
fast-growing PM2.5 pollution processes in BJ are closely related to the increased severity of regional PM2.5 pol-
lution in the North China Plain (Fig. 10). The annual mean PM2.5 concentration in the Beijing-Tianjin-Hebei 
area in 2014 was 90 μ​g/m3. But the PM2.5 concentrations could reach as high as 250 μ​g/m3 when PMRR values 
exceeded 10 μ​g/(h·m3). When PMRR values were less than 5 μ​g/(h·m3), the maximum PM2.5 levels did not exceed 
100 μ​g/m3. Considering the role of the prevailing southern wind in the PM2.5 pollution processes, it is reasonable 
to conclude that regional transport strength would be enhanced as the PM2.5 pollution process become worse 
(larger PM2.5 accumulation rates). The situation was similar in SH. As PMRR increased, the PM2.5 pollution levels 
increased in the southern part of the North China Plain, (Fig. 10). Increased PM2.5 pollution, along with prevail-
ing northwestern air mass movements (Fig. 8), would facilitate the regional transport of PM2.5 to SH, especially 
when PM2.5 accumulation rates were high.

Figure 9.  Relationships between PMRR and mean concentrations of gaseous pollutants (CO, SO2, and 
NO2) in the corresponding time frames in 2014. The orange lines are the regression lines generated by the 
Theil-Sen estimator.
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Discussion
PM2.5 pollution processes in BJ, SH and GZ using a long-term series of hourly PM2.5 observations, combining with 
meteorological variables, 24-hr backward analysis result, and gaseous pollutant (CO, NO2, and SO2) concentra-
tions were analyzed from a unique pollution process point of view: when PM2.5 concentrations increase steadily 
(R2 >​ 0.8) and consistently (T >​ 18 hrs). The increasing rates of PM2.5 concentrations (PMRR, ug/(m3 * hr)) were 
computed for each pollution process, and its relationship with wind speed, wind directions, 24-hr backward tra-
jectory, concentration of CO, NO2 and SO2 were evaluated.

When local emissions play a major role in the PM2.5 pollution processes, it is reasonable to assume an inverse 
relationship between wind speed and PMRR, because strong winds would increase the dispersion of the particu-
late pollutants29. However with strong regional transport, higher wind speeds could enhance the PMRR16,30. The 
effects of regional transport on a specific city are usually linked to prevailing wind directions18 that result from 
fixed spatial emissions patterns. We determined the existence of regional transport in three Chinese cities. GZ was 
the city where PM2.5 pollutions was least affected by regional transport, since PMRR sharply decreased as wind 
speed increased. In SH, PM2.5 pollution was influenced by regional transport more than the other two cities, espe-
cially when PMRR was large. In BJ, regional effects were moderate compared to SH and GZ. Regional transport 
played a major role in SH pollution processes. In BJ, both local contributions and regional transport increased in 
the fast-growing pollution process. In GZ, the pollution processes were mainly caused by local emissions.

Findings and conclusions from the previous studies were compared with those derived from this study, as 
shown in Fig. 11. In BJ, the contributions from regional transport were consistently around 40%, approximately 
50% in SH, and less than 35% in GZ, using either statistical methods18,22 or chemical transport models31,32. The 
consistency between the results of previous studies and the conclusions in this study indicate the validity and reli-
ability of our dynamic analysis for long-term PM2.5 observations. Besides the source investigations, the dynamic 
analysis also provided a novel approach for evaluating the temporal trend of PM2.5 pollution.

Methods
Data.  Air pollutants observations.  Hourly PM2.5 observations in BJ, SH, and GZ are routinely monitored by 
the US embassy (or consulates, Fig. 12). In BJ, the data set is available from 2008 to 2014. In SH and GZ, data 
are available from 2011 to 2014. The Tapered Element Oscillating Microbalance (TEOM) method was used to 
monitor PM2.5 concentrations. Even though the data are not verified by embassy observers (consulates), they are 
in good agreement with observations by the China official monitoring network17.

Hourly concentrations of three gaseous pollutants, namely NO2, CO, and SO2, are monitored by the offi-
cial monitoring network. The 2014 observation data were downloaded from the China National Urban Air 
Quality Real-time Publishing Platform (http://113.108.142.147:20035/emcpublish/), which is supported by 

Figure 10.  Distributions of PM2.5 pollution in North China under different PMRR ranges (μg/(m3·hr)). The 
maps were drawn by R programing language40.

http://113.108.142.147:20035/emcpublish/
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the MEP (Ministry of Environment Protection). Their calibrations and quality controls are guaranteed by the 
China National Environmental Monitoring Center (CNEMC). The gaseous pollutants monitors, nearest to the 
PM2.5 monitors in the US embassy or consulates, were used, namely NongZhanGuan in BJ, JingAn in SH, and 
TiYuGuan in GZ (Fig. 12).

Meteorological Observations.  We used ground meteorological observations at the airports, ZBAA, HQAP and 
BYAP respectively in BJ, SH and GZ. The historical hourly meteorological observations were downloaded from 
the National Oceanic and Atmospheric Administration (NOAA) National Climatic Data Center (NCDC, http://
www.ncdc.noaa.gov/data-access). The two meteorological variables used were wind speed and wind direction. 
These two variables are closely related to occurrence of PM2.5 pollution processes5.

Ground-level PM2.5 concentrations.  To obtain PM2.5 concentrations with improved spatial coverage, aerosol opti-
cal depth (AOD) retrieved from Moderate Resolution Imaging Spectroradiometer (MODIS) was always used 
as a proxy dataset33,34. We used the ground-level PM2.5 estimations in North China developed by Lv et al.28. The 
dataset provided us daily estimations with a complete spatial coverage in a Lambert Conic Conformal projection 
at a resolution of 12 km. The data set time-span was from January 10th to December 31st, 2014.

24-hr backward trajectory points.  Air mass trajectories provide a convenient and effective approach to evaluate 
pollutant transportation pathways22. In this study, 24-hr air mass backward trajectory analysis was performed using 
the NOAA Hybrid Single Particle Lagrangian Integrated Trajectory (HYSPLIT-4) model (http://www.arl.noaa.
gov/ready/open/hysplit4.html). This model is widely used to calculate dispersion and air mass trajectories35,36.  
The input meteorological data archive was obtained from the NCEP’s Global Data Assimilation System (GDAS) 
with six-hr frequency. In the study, we modeled hourly 24-hr air mass backward points arriving at BJ (39.95°N, 
116.47°E), SH (31.21°N, 121.44°E), and GZ (23.12°N, 113.32°E) to investigate pollution transport pathways. The 
arrival height was 200 m above the ground level18,37. The 24-hr backward points in the hrs within the pollution hrs 
were extracted in each city.

PM2.5 pollution processes identification and analysis in a dynamic way.  We first defined a PM2.5 
pollution process in a dynamic way as steady and consistent accumulations of PM2.5 pollutants, with the examples 
shown in Fig. 1. In a pollution process, PM2.5 concentrations were assumed to increase in a linear manner. Under 
this assumption, increases of PM2.5 concentrations, in a pollution process lasting for T hrs, were expressed as Eq. 1.

α β= × + = ….c PM t t T( ) 1, 2, , , (1)2 5

where c (PM2.5) denotes the PM2.5 concentration at time t, with t referring to the hr index from the beginning of 
a pollution process. The coefficients α and β are, respectively, the slope and intercept in the linear relationship. 
The slope α indicates the strength of a pollution process, which is referred as rising rate of PM2.5 concentrations 

Figure 11.  Regional and local pollution contributions based on previous studies. 

http://www.ncdc.noaa.gov/data-access
http://www.ncdc.noaa.gov/data-access
http://www.arl.noaa.gov/ready/open/hysplit4.html
http://www.arl.noaa.gov/ready/open/hysplit4.html
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(PMRR). Here, a PM2.5 pollution process must meet two critical criteria. First, PM2.5 concentrations should keep 
increasing for at least 18 hr, that is T ≥​ 18. This standard is to ensure that the PM2.5 pollution processes are consist-
ent under relatively stagnant meteorological conditions, rather than caused by diurnal variations38. Second, the R2 
for the linear regression of a series PM2.5 concentrations during a specific pollution process should be ≥​0.8. Good 
correlations support use of PMRR as an indicator for the strength of PM2.5 pollution processes.

Using the above two standards, we identified 741, 210 and 193 dynamic PM2.5 pollution processes respec-
tively in BJ, SH and GZ from long-term observation series. The occurrence frequencies were compared between 
dynamic and static pollution processes. We calculated the trend of monthly mean PMRR and PM2.5 concentra-
tions using a robust non-parametric Theil-Sen estimator39. The duration hrs, and mean PM2.5 concentrations of 
these dynamic pollution processes. were also identified and discussed. We calculated the corresponding mean 
values of meteorological variables, e.g., wind speed and wind direction, and concentrations of gaseous pollutants 
(CO, NO2 and SO2,) for these processes in 2014. The correlations between gaseous pollutants and PMRR were 
also calculated using the non-parametric Theil-Sen estimator in order to lower the influence of deviation values. 
To investigate the regional transport in PM2.5 pollution processes, we plotted 24-hr backward points in different 
PMRR value ranges. The spatial distributions of PM2.5 under different PMRR ranges were also discussed. For this 
analysis, we only used the PM2.5 estimations in those days when the PM2.5 pollution process had intersections 
with the time interval from 11:00 a.m. to 2:00 p.m.

References
1.	 Zhang, Y.-L. & Cao, F. Fine particulate matter (PM2.5) in China at a city level. Sci. Rep. 5, 14884 (2015).
2.	 Nel, A. Air pollution-related illness: effects of particles. Science 308, 804–806 (2005).
3.	 Pope, C. A. III. et al. Vascular function and short-term exposure to fine particulate air pollution. J. Air Waste Manage. Assoc. 61, 

858–863 (2011).

Figure 12.  Locations of BJ, SH, and GZ, denoted as red points. The blue stars in the right panel denotes 
the locations of US embassy (consulates). The green triangles denote locations of the monitors for gaseous 
pollutants. The map in the left panel was drawn by ArcGIS (version 10.1, http://www.arcgis.com/) software and 
the maps in the right panel were obtained from Google maps (map.google.com).

http://www.arcgis.com/


www.nature.com/scientificreports/

1 1Scientific Reports | 7:46456 | DOI: 10.1038/srep46456

4.	 Zheng, G. et al. Exploring the severe winter haze in Beijing: the impact of synoptic weather, regional transport and heterogeneous 
reactions. Atmos. Chem. Phys. 15, 2969–2983 (2015).

5.	 Ji, D. et al. The heaviest particulate air-pollution episodes occurred in northern China in January, 2013: insights gained from 
observation. Atmos. Environ. 92, 546–556 (2014).

6.	 Guo, S. et al. Elucidating severe urban haze formation in China. Proc. Nat. Acad. Sci. USA 111, 17373–17378 (2014).
7.	 Zhang, Q. et al. Effects of meteorology and secondary particle formation on visibility during heavy haze events in Beijing, China. Sci. 

Total Environ. 502, 578–584 (2015).
8.	 Wang, M., Cao, C., Li, G. & Singh, R. P. Analysis of a severe prolonged regional haze episode in the Yangtze River Delta, China. 

Atmos. Environ. 102, 112–121 (2015).
9.	 Li, P. et al. Reinstate regional transport of PM2.5 as a major cause of severe haze in Beijing. Proc. Nat. Acad. Sci. USA 112, 2384–2399 

(2015).
10.	 Wang, H. et al. A study of the meteorological causes of a prolonged and severe haze episode in January 2013 over central-eastern 

China. Atmos. Environ. 98, 146–157 (2014).
11.	 Huang, R.-J. et al. High secondary aerosol contribution to particulate pollution during haze events in China. Nature 514, 218–222 

(2014).
12.	 Tao, M. et al. Formation process of the widespread extreme haze pollution over northern China in January 2013: Implications for 

regional air quality and climate. Atmos. Environ. 98, 417–425 (2014).
13.	 Uno, I. et al. Record heavy PM2.5 air pollution over China in January 2013: vertical and horizontal dimensions. Sola 10, 136–140 

(2014).
14.	 Wang, L. et al. The 2013 severe haze over southern Hebei, China: model evaluation, source apportionment, and policy implications. 

Atmos. Chem. Phys. 14, 3151–3173 (2013).
15.	 Henneman, L. R., Holmes, H. A., Mulholland, J. A. & Russell, A. G. Meteorological detrending of primary and secondary pollutant 

concentrations: Method application and evaluation using long-term (2000–2012) data in Atlanta. Atmos. Environ. 119, 201–210 
(2015).

16.	 Zhao, X. et al. Analysis of a winter regional haze event and its formation mechanism in the North China Plain. Atmos. Chem. Phys. 
13, 5685–5696 (2013).

17.	 Jiang, J. et al. Particulate matter distributions in China during a winter period with frequent pollution episodes (January 2013). 
Aerosol Air Qual. Res. 15, 494–U157 (2015).

18.	 Lv, B., Liu, Y., Yu, P., Zhang, B. & Bai, Y. Characterizations of PM2.5 Pollution Pathways and Sources Analysis in Four Large Cities in 
China. Aerosol Air Qual. Res. 15, 1836–1843 (2015).

19.	 Wang, Y. et al. Source apportionment of fine particulate matter during autumn haze episodes in Shanghai, China. J. Geophys. Res. 
119, 1903–1914 (2014).

20.	 Wang, F. et al. Identification of regional atmospheric PM10 transport pathways using HYSPLIT, MM5-CMAQ and synoptic pressure 
pattern analysis. Environ. Modell. Softw. 25, 927–934 (2010).

21.	 Zhang, Q. et al. Asian emissions in 2006 for the NASA INTEX-B mission. Atmos. Chem. Phys. 9, 5131–5153 (2009).
22.	 Wang, L., Liu, Z., Sun, Y., Ji, D. & Wang, Y. Long-range transport and regional sources of PM2.5 in Beijing based on long-term 

observations from 2005 to 2010. Atmos. Res. 157, 37–48 (2015).
23.	 Liu, X. et al. Formation and evolution mechanism of regional haze: a case study in the megacity Beijing, China. Atmos. Chem. Phys. 

13, 4501–4514 (2013).
24.	 Zheng, J., Zhang, L., Che, W., Zheng, Z. & Yin, S. A highly resolved temporal and spatial air pollutant emission inventory for the 

Pearl River Delta region, China and its uncertainty assessment. Atmos. Environ. 43, 5112–5122 (2009).
25.	 Northcross, A., Chowdhury, Z., McCracken, J., Canuz, E. & Smith, K. R. Estimating personal PM2.5 exposures using CO 

measurements in Guatemalan households cooking with wood fuel. J. Environ. Monitor 12, 873–878 (2010).
26.	 Worden, H. et al. Decadal record of satellite carbon monoxide observations. Atmos. Chem. Phys. 13, 837–850 (2013).
27.	 Lu, Z., Zhang, Q. & Streets, D. G. Sulfur dioxide and primary carbonaceous aerosol emissions in China and India, 1996–2010. 

Atmos. Chem. Phys. 11, 9839–9864 (2011).
28.	 Lv, B., Hu, Y., Chang, H. H., Russell, A. G. & Bai, Y. Improving the Accuracy of Daily PM2.5 Distributions Derived from the Fusion 

of Ground-Level Measurements with Aerosol Optical Depth Observations, a Case Study in North China. Environ. Sci. Technol. 50, 
4752–4759, doi: 10.1021/acs.est.5b05940 (2016).

29.	 Vecchi, R., Marcazzan, G., Valli, G., Ceriani, M. & Antoniazzi, C. The role of atmospheric dispersion in the seasonal variation of PM1 
and PM2.5 concentration and composition in the urban area of Milan (Italy). Atmos. Environ. 38, 4437–4446 (2004).

30.	 Zheng, G. et al. Exploring the severe winter haze in Beijing. Atmos. Chem. Phys. Discuss 14, 17907–17942 (2014).
31.	 Xue, W. B. et al. Numerical study on the characteristics of regional transport of PM2.5 in China. Zhongguo Huanjing Kexue/china 

Environmental Science 34, 1361–1368 (2014).
32.	 Lang, J. A Monitoring and Modeling Study to Investigate Regional Transport and Characteristics of PM2.5 Pollution. Aerosol Air 

Qual. Res. 13, 943–956 (2013).
33.	 Liu, Y., Sarnat, J. A., Kilaru, V., Jacob, D. J. & Koutrakis, P. Estimating ground-level PM2.5 in the eastern United States using satellite 

remote sensing. Environ. Sci. Technol. 39, 3269–3278 (2005).
34.	 Van Donkelaar, A. et al. Improving the accuracy of daily satellite-derived ground-level fine aerosol concentration estimates for 

North America. Environ. Sci. Technol. 46, 11971–11978 (2012).
35.	 Wang, Y., Zhang, X., Arimoto, R., Cao, J. & Shen, Z. The transport pathways and sources of PM10 pollution in Beijing during spring 

2001, 2002 and 2003. Geophys. Res. Lett. 31 (2004).
36.	 Zhang, R. et al. Chemical characterization and source apportionment of PM2.5 in Beijing: seasonal perspective. Atmos. Chem. Phys. 

13, 7053–7074 (2013).
37.	 Zhu, L., Huang, X., Shi, H., Cai, X. & Song, Y. Transport pathways and potential sources of PM10 in Beijing. Atmos. Environ. 45, 

594–604 (2011).
38.	 Zhao, X. et al. Seasonal and diurnal variations of ambient PM2.5 concentration in urban and rural environments in Beijing. Atmos. 

Environ. 43, 2893–2900 (2009).
39.	 Lv, B., Zhang, B. & Bai, Y. A systematic analysis of PM2.5 in Beijing and its sources from 2000 to 2012. Atmos. Environ. 124, Part B, 

98–108 (2016).
40.	 R Core Team, R: A Language and Environment for Statistical Computing, R Foundation for Statistical Computing, Vienna, Austria 

https://www.R-project.org (2016).

Acknowledgements
This study was supported by National Basic Research Program of China (973 Program) 2012CB955501-01, 
by the State Environmental Protection Key Laboratory of Sources and Control of Air Pollution Complex (No. 
SCAPC201406) and by Tsinghua University (20131089277, 553302001).

https://www.R-project.org


www.nature.com/scientificreports/

1 2Scientific Reports | 7:46456 | DOI: 10.1038/srep46456

Author Contributions
B.L., B.X. and Y.B. conceived the original idea. B.L. designed research. B.L. and J.C. performed research, analyzed 
the data and interpreted the results. All authors wrote, reviewed and approved the manuscript.

Additional Information
Supplementary information accompanies this paper at http://www.nature.com/srep
Competing Interests: The authors declare no competing financial interests.
How to cite this article: Lv, B. et al. Understanding the Rising Phase of the PM2.5 Concentration Evolution in 
Large China Cities. Sci. Rep. 7, 46456; doi: 10.1038/srep46456 (2017).
Publisher's note: Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

This work is licensed under a Creative Commons Attribution 4.0 International License. The images 
or other third party material in this article are included in the article’s Creative Commons license, 

unless indicated otherwise in the credit line; if the material is not included under the Creative Commons license, 
users will need to obtain permission from the license holder to reproduce the material. To view a copy of this 
license, visit http://creativecommons.org/licenses/by/4.0/
 
© The Author(s) 2017

http://www.nature.com/srep
http://creativecommons.org/licenses/by/4.0/

	Understanding the Rising Phase of the PM2.5 Concentration Evolution in Large China Cities

	Results

	PMRR and PM2.5 concentrations in three Chinese cities. 
	Correlations with wind speed and wind direction. 
	Correlations with 24-hr backward points. 
	Regional ground-level PM2.5 concentrations. 

	Discussion

	Methods

	Data. 
	Air pollutants observations. 
	Meteorological Observations. 
	Ground-level PM2.5 concentrations. 
	24-hr backward trajectory points. 

	PM2.5 pollution processes identification and analysis in a dynamic way. 

	Acknowledgements
	Author Contributions
	﻿Figure 1﻿﻿.﻿﻿ ﻿ Two PM2.
	﻿Figure 2﻿﻿.﻿﻿ ﻿ The hour counts in the static, dynamic, and intersected pollution processes in the three Chinese cities.
	﻿Figure 3﻿﻿.﻿﻿ ﻿ Distributions of duration time of dynamic pollution processes in three Chinese cities.
	﻿Figure 4﻿﻿.﻿﻿ ﻿ Mean PM2.
	﻿Figure 5﻿﻿.﻿﻿ ﻿ Temporal trends of PMRR, monthly mean PMRR, and monthly mean PM2.
	﻿Figure 6﻿﻿.﻿﻿ ﻿ Correlations between wind speed and accumulation rates of PM2.
	﻿Figure 7﻿﻿.﻿﻿ ﻿ Scatter-plots of wind directions (degree, °) and accumulation rates of PM2.
	﻿Figure 8﻿﻿.﻿﻿ ﻿ Density distribution of 24-hr backward points under different levels of PMRR (μg/(m3hr)).
	﻿Figure 9﻿﻿.﻿﻿ ﻿ Relationships between PMRR and mean concentrations of gaseous pollutants (CO, SO2, and NO2) in the corresponding time frames in 2014.
	﻿Figure 10﻿﻿.﻿﻿ ﻿ Distributions of PM2.
	﻿Figure 11﻿﻿.﻿﻿ ﻿ Regional and local pollution contributions based on previous studies.
	﻿Figure 12﻿﻿.﻿﻿ ﻿ Locations of BJ, SH, and GZ, denoted as red points.



 
    
       
          application/pdf
          
             
                Understanding the Rising Phase of the PM2.5 Concentration Evolution in Large China Cities
            
         
          
             
                srep ,  (2017). doi:10.1038/srep46456
            
         
          
             
                Baolei Lv
                Jun Cai
                Bing Xu
                Yuqi Bai
            
         
          doi:10.1038/srep46456
          
             
                Nature Publishing Group
            
         
          
             
                © 2017 Nature Publishing Group
            
         
      
       
          
      
       
          © 2017 The Author(s)
          10.1038/srep46456
          2045-2322
          
          Nature Publishing Group
          
             
                permissions@nature.com
            
         
          
             
                http://dx.doi.org/10.1038/srep46456
            
         
      
       
          
          
          
             
                doi:10.1038/srep46456
            
         
          
             
                srep ,  (2017). doi:10.1038/srep46456
            
         
          
          
      
       
       
          True
      
   




