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Abstract

Objective: This study examines the emotional state and interpersonal relationships of social media influencers, focusing on
the psychological effects of their popularity and engagement. Despite increased awareness of mental health issues, influ-
encers remain underrepresented in research. Barriers such as low mental health literacy, stigma, access issues, and the
pressure to maintain virtual personas highlight the need for this investigation. This research addresses these gaps by sys-
tematically examining the impact of social media on influencers’ mental health.

Methods: An online survey was conducted using the positive and negative affect schedule (PANAS) and the Relationship
Structures Questionnaire (ECR-RS). The target audience was social media influencers from various countries, with a specific
focus on the United Arab Emirates (UAE). Participants were recruited from 2 November 2022, to 1 March 2023, through
email, SMS, and direct messages on social media platforms. Statistical analyses included t-tests, ANOVA, and Pearson cor-
relation coefficients.

Results: A total of 161 social media influencers completed the survey. A significant association was found between extended
social media usage and heightened negative emotions among influencers spending more than 5 hours daily on these plat-
forms (p < .05). Influencers earning less than $10,000 from social media reported the lowest negative feeling scores.
However, higher income levels correlated with increased relationship avoidance and anxiety scores (e.g., p < .01 for avoid-
ance and anxiety from parents and best friends). Additionally, an increase in the number of followers was associated with
increased negative emotions (p= .001).

Conclusion: Our study provides compelling insights into the well-being, emotions, and relationship quality of social media
influencers. It underscores the urgency of prioritizing their mental well-being on a global scale, helping them navigate the
challenges of their digital careers while maintaining a positive impact on their audiences.
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Introduction
The global mental health burden has been a growing
concern, with many countries making extensive efforts to
raise public awareness and reduce or prevent mental
health problems.1,2 Despite these efforts, reported rates of
mental health issues, including depression and anxiety,
have increased over the past decade.3 Specifically, these
increases have been observed globally, with significant
rises in both anxiety and depression.3 Low mental health lit-
eracy, stigma, and lack of access to treatment remain
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significant barriers to seeking help.4 The COVID-19 pan-
demic further exacerbated this crisis and has led to unprece-
dented challenges across various employment sectors.5,6

Among the diverse groups facing mental health chal-
lenges, social media influencers are particularly underrepre-
sented in research. Social media influencers, defined as
individuals with significant and engaged followings on
social media platforms who can influence their audience’s
opinions and behaviors,7 face unique stressors. While
they often promote positivity and self-love, they also
express self-deprecation and modesty.8 Understanding the
mental health implications for social media influencers is
critical due to several reasons, including the increasing
prevalence of digital stressors and the constant pressure to
maintain an idealized online persona.9

The rise in global social media usage has heightened
social expectations and barriers for influencers as they
balance their virtual personas with real-life identities,
potentially exerting immense pressure on their mental well-
being.10 Social media influencers experience unique stres-
sors such as burnout, stress-related disorders, and reduced
creativity,11,12 which may impact their ability to provide
meaningful content and contribute positively to their com-
munities. Moreover, their mental health deterioration
could have ripple effects on their followers and the
broader social media community. Many influencers have
young followers who are still forming their identities, and
these young individuals may encounter psychological chal-
lenges if their role models experience poor mental health.13

Previous global research, conducted over the past decade,
has highlighted the mental health impacts of social media
usage. For instance, a study in China at the beginning of
the COVID-19 pandemic reported anxiety in 23% and a
combination of depression and anxiety in 19% of the
sample, with higher social media exposure associated with
increased odds of these conditions.14 Similarly, Scottish ado-
lescents who spent more time on social media experienced
poorer sleep quality and higher levels of anxiety and depres-
sion.15 In the United States, young adults using social media
for more than 2 hours daily showed higher levels of depres-
sive symptoms.16 A UK cohort study found that 31% of
14-year-olds using social media for more than 5 hours
daily experienced body weight dissatisfaction.17 A system-
atic review found moderately strong evidence for associa-
tions between screentime and both obesity and depressive
symptoms.18 However, an 8-year longitudinal study reported
no association between increased social media use and
anxiety or depression at the individual level.19

A qualitative study explored the views of adolescents,
educational professionals, and mental health practitioners
on social media for mental health promotion, identifying
potential benefits and challenges.20 Adolescents reported
frequently seeking information about mental health on
social media.20 Despite extensive research on social
media and mental health, no studies have systematically

examined the impact on social media influencers. This
gap highlights the urgent need to explore the psychological
implications of influencers’ popularity and engagement on
social media platforms.

The current study builds on a rich body of research on
social media usage and its impact on well-being. Vaid
and Harari (2020) explored the personality predictors of
multiplatform social media use among young adults, pro-
viding a framework for understanding the diverse ways
individuals engage with social media.21 Vaid et al.22 exam-
ined variations in social media sensitivity, offering insights
into how different people and contexts influence social
media’s impact on well-being. These works provide a foun-
dation for justifying the current study’s focus on the unique
stressors faced by social media influencers.

This cross-sectional study aims to explore the impact of
popularity on the mental health of social media influencers,
focusing on their social media use, well-being according to
the positive and negative affect schedule (PANAS),23 and the
quality of their interpersonal relationships according to the
Relationship Structures Questionnaire.24 This research will
potentially set the foundation for future digital health interven-
tions and guidelines to prioritize influencers’mental well-being
globally, helping them navigate the challenges of their digital
careers while maintaining a positive impact on their audiences.

Cultural variation in the relationship between social
media and well-being

There is significant cultural variation in the relationship
between social media usage and well-being outcomes.
Studies have shown diverse impacts of social media across dif-
ferent cultures, with varying levels of sensitivity and effects on
mental health. For example, research from China indicates a
strong association between social media exposure and
anxiety and depression,14 while studies from Western coun-
tries showmixed results.16,19 Understanding these cultural dif-
ferences is crucial for contextualizing the impact on social
media influencers, particularly in the United Arab Emirates
(UAE), where cultural norms and social expectations may
differ significantly from those in Western or Eastern contexts.

The UAE-centric research is essential as it provides
insights into how social media influences mental health
within this unique cultural context. Given the UAE’s rapid
digitalization and high social media penetration rates, exam-
ining the specific mental health challenges faced by influen-
cers in this region will offer valuable insights and potentially
differing results from the global literature.

Aim

To examine the emotional state, quality of interpersonal
relationships, and the impact of popularity and engagement
rates on the mental health of social media influencers.
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Objectives

1. Assess the emotional state of social media influencers.
2. Evaluate the quality of interpersonal relationships

among social media influencers.
3. Correlate the number of followers and engagement rate

with mental health parameters (emotional state and rela-
tionship quality).

4. Correlate income range with the emotional state and
relationship quality of social media influencers.

Hypothesis

Social media influencers are likely to face a heightened risk
of negative emotions and interpersonal relationship chal-
lenges due to the pressures and nature of their profession.

Materials and methods

Study design

This study employs a cross-sectional design using an online
survey, which was completed by social media influencers.
The survey was created using Google Forms in both
English and Arabic languages.

Participants and procedure

Participants. The survey targeted social media influencers
from various countries, with a primary focus on the UAE.
An influencer is defined as an individual with a substantial
and engaged following on social media platforms who can
sway their audience’s opinions and behaviors. All partici-
pants were over the age of 18 and had an active presence
on one or more of the following platforms: Instagram,
TikTok, Twitter, Facebook, LinkedIn, YouTube, Telegram,
Snapchat, and Pinterest. Influencers were categorized based
on their follower count as follows: nano-influencers: 1–10k
followers; micro-influencers: 10–50k followers; mid-tier
influencers: 50–500k followers; macro-influencers: 500k to
1 million followers; mega-influencers: more than 1 million
followers.25

Procedure. The study was conducted in line with the
STROBE guidelines26 from 2 November 2022, to 1 March
2023. To engage a diverse range of influencers, the survey
was distributed to those with at least 1000 followers using
a systematic approach.

In the first phase, an electronic version of the question-
naire (Supplementary Material) was sent to a database of
176 influencers provided by the Media Regulatory Office
in the UAE, the body responsible for issuing licenses to

social media influencers. Distribution occurred via Email
and SMS.

To further broaden the survey’s reach, direct messages
were sent to influencers on Instagram, Twitter, and
WhatsApp, inviting them to participate. Additionally, a
snowball technique was employed, where influencers
were asked to share the survey with up to three other influ-
encers (Figure 1).

Inclusion criteria. The survey included social media influen-
cers aged 18 and above, with a minimum of 1000 followers,
actively engaged on platforms such as Instagram, TikTok,
Twitter, Facebook, LinkedIn, YouTube, Telegram, Snapchat,
and Pinterest. Signing the consent was required to participate
in the study.

Exclusion criteria. Participants who did not sign the consent
form, were under 18, or had fewer than 1000 followers were
excluded from the study.

Measurements

The survey comprised three different sections. The first
section, designed by the researchers, consisted of 11 ques-
tions intended to gather demographic information and
assess social media activities. The demographic data col-
lected consists of several key variables, including age,
gender, country of residence, industry, level of education,
number of followers, social media channels utilized, type
of social media activity, generated revenue, and number
of hours spent engaged in social media activities.

The second section of the questionnaire consisted of the
PANAS23 and the Relationship Structures Questionnaire
(ECR-RS).24 These tools are available for use in academic
research without specific permission, and appropriate credit
has been given to their respective authors.

The PANAS: This instrument assesses the extent of
positive and negative emotions experienced over the past
month. It consists of two 10-item scales, one for positive
affect and one for negative affect. Participants rate each
item on a 5-point Likert scale ranging from 1 (“very slightly
or not at all”) to 5 (“extremely”).23

Relationship Structures Questionnaire (ECR-RS): This
questionnaire evaluates attachment-related anxiety and
avoidance across different relational contexts (mother,
father, romantic partner, and best friend). It comprises
nine items for each relationship type, rated on a 7-point
Likert scale from 1 (“strongly disagree”) to 7 (“strongly
agree”).24

This section aimed to evaluate the emotional state of the
social media influencers over the past month by using the
PANAS scale. The PANAS scale is a reliable and valid self-
report measure. Its effectiveness has been demonstrated
across various countries and cultures, including Italy,
Brazil, China, India, Chile, and Spain.27–32 It consists of
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20 items with participants rating each on a five-point scale:
“very little or not at all,” “a little,” “moderately,” “quite a
bit,” or “extremely.” The positive feelings and emotions
were interested, excited, enthusiastic, strong, proud,
inspired, determined, alert, attentive, and active. The nega-
tive feelings and emotions were distress, upset, guilty,
ashamed, scared, afraid, nervous, hostile, irritable, and
jittery. The positive affect score (PAS) can range from 10
to 50, with higher scores representing higher levels of posi-
tive feelings. Similarly, the negative affect score (NAS) can
range from 10 to 50, with higher scores representing higher
levels of negative feelings.23

The third section utilized the Relationship Structures
(ECR-RS) questionnaire to assess the impact of popularity
on interpersonal relationships. The ECR-RS has demon-
strated validity and reliability through its utilization in
studies across various cultures and countries, including
Turkey, Spain, India, and Sweden.33–36 It includes nine
items that are used to assess the attachment styles concern-
ing four targets (i.e., mother, father, romantic partner, and
best friend). The participants were expected to choose
from a scale of 1 to 7, with 1 being strongly disagree and
7 being strongly agree. The questions were: It helps to
turn to this person in times of need; I usually discuss my
problems and concerns with this person; I talk things over
with this person; I find it easy to depend on this person; I

don’t feel comfortable opening up to this person; I prefer
not to show this person how I feel deep down; I often
worry that this person doesn’t really care for me; I’m
afraid that this person may abandon me; I worry that this
person won’t care about me as much as I care about him
or her. Average scores of attachment-related avoidance
can range from 1 to 7, with higher scores representing
higher levels of avoidance. Similarly, average scores of
attachment-related anxiety can range from 1 to 7, with
higher scores representing higher levels of anxiety.24

The PANAS and ECR-RS were chosen due to their
robust psychometric properties and relevance to the
study’s aims. PANAS measures both positive and negative
affect, providing a comprehensive view of influencers’
emotional states. ECR-RS assesses the quality of interper-
sonal relationships, which is crucial for understanding the
social dynamics influencers navigate.

Sample size calculation

We aimed to study approximately 200 subjects, based on
the estimated prevalence of anxiety (23%) associated with
social media exposure, as reported by Gao et al.14

during the COVID-19 outbreak. This calculation was
based on an allowable error of 5% with a 95% confidence
interval.

Figure 1. Illustration of the distribution process of the survey questionnaire to social media influencers.
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Statistical analysis

Data were entered into Excel, incorporating range checks
for the variables. Frequency tables and histograms were
generated to examine the quality of the data and identify
outlying values. Descriptive statistics were computed for
all variables. Independent samples t-tests and ANOVAs
were conducted to examine differences in PAS and NAS
across demographic variables. For continuous variables
such as Marital Partner Avoidance score, Best Friend
Avoidance score, Mother Avoidance score, Father
Avoidance score, Marital Partner Anxiety score, Best
Friend Anxiety score, Mother Anxiety score, and Father
Anxiety score, range checks were performed. Pearson cor-
relation analyses were conducted to assess the relationships
between the number of followers, time spent on social
media, PANAS scores, and attachment-related anxiety
and avoidance scores from the ECR-RS. Multiple regres-
sion analyses were then conducted to determine the predict-
ive value of social media usage patterns and attachment
styles on mental health outcomes. Statistical significance
was set at p< .05. Data analysis was performed using
SPSS version 24.

Results
Our findings revealed a gender distribution of 58% female
(n= 93) and 42% male (n= 68) influencers. Additionally,
60% (n= 97) of influencers were above the age of 30,
with 67% (n= 112) living in the UAE. When considering
their educational backgrounds, our data indicated that
89% (n= 142) of influencers held at least a bachelor’s
degree (Table 1). The main industries that social media
influencers focus on are lifestyle, fashion and beauty, and
health and education. In the realm of social media plat-
forms, Instagram emerged as the most commonly used,
with 86% (n= 139) of influencers reporting it as their
primary platform, followed by TikTok at 57% (n= 92),
then Twitter at 38% (n= 61), while Telegram was the
least used with 6% (n= 10).

The sample size of 161 social media influencers, repre-
senting a diverse range of influence levels. The distribution;
nano-influencers with 1–10k followers at 28% (n= 46),
micro-influencers with 10–50k at 17.4% (n= 28), mid-tier
influencers with 50–500k followers at 21% (n= 35), macro-
influencers with 500k to 1 million followers at 8% (n= 13),
and finally mega-influencers with more than a million fol-
lowers, constituted 25% (n= 39) of our sample. The major-
ity of social media influencers, specifically 64.0% (n=
103), reported spending between 2 and 5 hours daily on
social media platforms (Table 2).

About 67% (n= 108) of social media influencers com-
monly use stories to connect with their followers.
Followed by 64% (n= 103) who preferred posting on
their feed. Additionally, live broadcasts were the least

popular, with only 52% (n= 83) of influencers using
them. On average, around 35% (n= 56) of influencers inter-
acted with their audience by replying to comments and
messages.

Among social media influencers, 64% (n= 103) have
indicated receiving complimentary products or services.
On average, approximately 38% (n= 61) of influencers
earn an annual income ranging from USD 50,000 to USD
200,000 through their social media activities.

The results of the PANAS (Figures 2 and 3) revealed that
among the study participants, the following percentages

Table 1. Distribution of sociodemographic variables of the study
subjects.

n %

Gender Female 93 57.8

Male 68 42.2

Age (years) ≤29 63 39.1

30–39 63 39.1

40+ 35 21.7

Education High school/secondary School 19 11.8

University/college 94 58.4

Higher education/post graduate 48 29.8

Country Middle East 5 3.1

The United Arab Emirates 112 69.6

The United Kingdom 8 5.0

The USA 9 5.6

Others 27 16.8

Table 2. Categories distribution of participating social media
influencers (n= 161).

Distribution of influencer categories %

Nano-influencers—1–10k 28

Micro-influencers—10–50k 17.4

Mid-tier influencers—50–500k 21

Macro-influencers—500k to 1 million 8

Mega-influencers more than 1 million 25
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reflect experiencing positive emotions to a moderate degree
or higher over the past month: interested 82.6%, excited
74%, strong 82.6%, enthusiastic 82%, proud 82.2%, alert
75.1%, inspired 75.8%, determined 79%, attentive 78.9%,
and active 78.2% (Figure 4). On the other hand, the follow-
ing percentages reflect experiencing negative emotions to a
moderate degree or higher over the past month: distressed
55.3%, upset 52.8%, guilty 36%, scared 41%, hostile
29.2%, irritable 55.9%, ashamed 23.1%, nervous 58.4%,
jittery 50.3%, and afraid 39.8% (Figure 5).

The results of the Relationship Structures (ECR-RS)
Questionnaire reveal how social media influencers feel in
their relationship with their mother, father, spouse, and
best friend. The average avoidance score was as follows,
for the mother the mean (SD) 3.79 (1.66), the father’s
mean 4.14 (1.72), the spouse’s mean was 2.9 (1.56), and
the best friend’s mean was 3.16 (1.30). The average
anxiety score for the mother the mean was 2.25 (1.64),
the father’s mean was 2.79 (2.09), the spouse’s mean was
2.8 (1.95), and the best friend’s mean was 2.49 (1.54).
The highest sense of security was associated in a descend-
ing order with the partner, best friend, mother, and last
father (Figure 6).

There was a slight change in the mean of the PAS in rela-
tion to daily hours of social media use. However, the

association between the PAS and daily hours spent on
social media was not statistically significant (p= .815).
On the other hand, a significant association was observed
between extended social media usage and heightened nega-
tive emotions among influencers who spent more than 5
hours daily on these platforms. The mean (SD) for less
than 2 hours 19.12 (7.87); 2–5 hours 24.86 (10.46); more
than 5 hours spent on social media 26.90 (10.54), p= .033
(Table 3).

In terms of the correlation between attachment-related
avoidance with parents and daily hours spent on social
media, there was an increase in the mean attachment-
related avoidance score (with mother or mother-like
figure) with increase in daily hours spent on social media.
However, the association between attachment-related
avoidance score (with mother or mother-like figure) and
daily hours spent on social media was not statistically sig-
nificant (p= .132). There was an increase in the mean
attachment-related avoidance score (with father or father-
like figure) with increase in daily hours spent on social
media from less than 2 hours to between 2 and 5 hours.
However, the association between Attachment-related
avoidance score (with father or father-like figure) and
daily hours spent on social media was not statistically sig-
nificant (p= .187).

Figure 2. Box plot of PAS by gender and age (years).
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Figure 4. Bar chart of positive affect score (moderate degree or higher).

Figure 3. Box plot of negative affect score (NAS) by gender and age (years).
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In terms of the correlation between attachment-related
anxiety with parents and daily hours spent on social
media, there was an increase in the mean attachment-related
anxiety score (with mother or mother-like figure) with
increase in daily hours spent on social media. However,
the association between attachment-related anxiety score
(with mother or mother-like figure) and daily hours spent
on social media was not statistically significant (p= .120).
There was an increase in the mean attachment-related

anxiety score (with father or father-like figure) with
increase in daily hours spent on social media. However,
the association between Attachment-related anxiety score
(with father or father-like figure) and daily hours spent on
social media was not statistically significant (p= .398).
(Table 4)

In terms of the correlation between attachment style with
partners and daily hours spent on social media, there was an
increase in the mean attachment-related avoidance score

Figure 5. Bar chart of negative affect score (moderate degree or higher).

Figure 6. The relationship structures (ECR-RS) dimensions for the participants towards: father, mother, partner, and best friend (n= 161).
Note. Adopted from Fraley et al.24
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(with dating or marital partner) with an increase in daily
hours spent on social media. However, the association
between Attachment-related avoidance score (with dating
or marital partner) and daily hours spent on social media
was not statistically significant (p= .369). There was an
increase in the mean attachment-related anxiety score
(with dating or marital partner) with an increase in daily
hours spent on social media. However, the association
between attachment-related anxiety score (with dating or
marital partner) and daily hours spent on social media
was not statistically significant (p= .267).

In terms of the correlation between attachment style with
best friends and daily hours spent on social media, there
was an increase in the mean attachment-related avoidance
score (with best friend) with increase in daily hours spent
on social media. However, the association between
Attachment-related avoidance score (with best friend) and
daily hours spent on social media was not statistically sig-
nificant (p= .158). There was an increase in the mean
attachment-related anxiety score (with best friend) with
increase in daily hours spent on social media. However,
the association between Attachment-related anxiety score
(with best friend) and daily hours spent on social media
was not statistically significant (p= .061). (Table 5)

The mean (SD) NAS increased gradually from 23.94
(11.36) for users of one social media channel to mean
(SD) NAS of 37.83 (11.92) for users of seven social
media channels, however, the NAS was lower in a minority

of three participants who used eight social media channels
13.33 (2.31), p= .006.

The mean (SD) PAS increased with the increase in the
number of followers. However, the association was not
statistically significant p = .328. The mean (SD) NAS
increased with the increase in the number of followers.
The association was statistically significant (p= .001;
Figure 7).

Social media influencers who earned between USD
10,000 and USD 49,999and who earned more than USD
200,000 reported the highest PAS, mean (SD) of 39.82
(6.88) and 38.94 (4.28), respectively. However, the associ-
ation was not statistically significant (p= .135).

Social media influencers who earned between USD
10,000 and USD 49,999, who earned between USD
100,000 and USD 199,999, and who earned more than
USD 200,000 reported the highest NAS, mean (SD) of
32.45 (9.38), 32.46 (8.88), and 30.94 (10.80) respectively.
While social media influencers who earned less than USD
10,000 reported the lowest NAS, mean (SD) of 18.89
(8.74). The association was statistically significant (p < .001).

The correlation between earning from social media and
relationships according to the Relationship Structures
(ECR-RS) Questionnaire revealed that increased income
was associated with an increase in avoidance as well as in
anxiety scores. Significant Pearson Correlation findings
were for Best Friend Avoidance score average 0.244 (p=
.002), Mother Avoidance score average 0.319 (p < .001),
Father Avoidance score average 0.376 (p< .001), Marital
Partner Anxiety score average 0.213 (p= .007), Best
Friend Anxiety score average 0.297 (p < .001), Mother
Anxiety score average 0.267 (p < .001), and Father
Anxiety score average 0.399 (p< .001; Table 6).

Discussion
This study is one of the first to explore the mental health of
social media influencers. It was conducted on social media
influencers primarily based in the UAE, and our findings
reflect this specific demographic.

Firstly, we observed a significant association between
extended social media usage and heightened negative emo-
tions among influencers who spent more than 5 hours daily
on these platforms. This finding aligns with research con-
ducted by Hunt et al.,37 which strongly recommends
restricting social media use to 30 minutes per day to
enhance overall well-being. The influencers who dedicate
long hours to social media are often exposed to an over-
whelming influx of content, potentially impacting their
mental health negatively on various levels.38 The constant
stream of diverse content can overwhelm an individual’s
cognitive capacity, and the need to stay relevant, keep up
with trends, and manage a constantly evolving digital pres-
ence leads to chronic stress and emotional exhaustion.39

Table 3. Correlation between negative affect score and time spent
on social media (n= 161).

NAS

Mean SD n
Test
Statistics p

Gender Male 23.06 10.24 68 t= 1.804 .073

Female 26.03 10.40 93

Age in years ≤29 26.52 9.69 63 F= 2.867 .060

30–39 24.94 10.41 63

40+ 21.34 11.08 35

On average,
how many
hours in a
day do you
spend on
social
media?

<2 19.12 7.87 17 F= 3.479 .033*

2–5 24.86 10.46 103

>5 26.90 10.54 41

*Statistically significant.
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Moreover, the curated nature of social media content
often leads to unrealistic standards, fostering a sense of dis-
satisfaction and social comparison. According to the social
comparison theory,40 influencers are continually exposed to
others’ seemingly perfect lives and successes, leading to
upward social comparisons, which can negatively impact
self-perception and emotions. This exposure puts pressure

on influencers to maintain a facade of happiness, contribut-
ing to emotional strain and fatigue.

Income and emotions

Our research revealed that social media influencers who
earn less than $10,000 from social media reported the

Table 4. Correlation between attachment style with parents and daily hours spent on social media (n= 161).

Attachment-Related Avoidance
Score (With Mother or Mother-Like
Figure)

Mean SD Valid N Statistic Value p

Average hours a day spent on social media <2 18.41 11.26 17 F= 2.047 .132

2–5 22.88 9.93 103

>5 24.12 9.10 41

Attachment-Related Avoidance
Score (With Father or Father-Like
Figure)

Mean SD Valid N Statistic Value p

Average hours a day spent on social media <2 20.53 10.79 17 F= 1.696 .187

2–5 25.44 10.36 103

>5 25.20 9.82 41

Attachment-Related Anxiety Score
(With Mother or Mother-Like
Figure)

Mean SD Valid N Statistic Value p

Average hours a day spent on social media <2 4.53 2.92 17 F= 2.151 .120

2–5 6.85 4.99 103

>5 7.41 5.27 41

Attachment-Related Anxiety Score
(With Father or Father-Like Figure)

Mean SD Valid N Statistic Value p

Average hours a day spent on social media <2 6.41 5.37 17 F= 0.927 .398

2–5 8.57 6.51 103

>5 8.66 5.98 41
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lowest negative feeling scores (p < .001). This could be
attributed to the fact that these influencers do not rely
solely on social media as their primary source of income.
Influencers earning lower incomes might be less affected
by social comparison, leading to lower cognitive disson-
ance, i.e., discomfort due to conflicting beliefs and atti-
tudes.41 With smaller audiences and potentially less
competitive niches, they might feel more connected and
relatable to their followers. This could lead to a more

realistic and positive self-perception, reducing feelings of
inadequacy or self-doubt. In contrast, high-earning influen-
cers commonly face social comparison. Previous research
by Preoţiuc-Pietro et al.42 found that users earning higher
incomes from social media experience elevated levels of
fear and anger, whereas users earning lower incomes are
more comfortable sharing their opinions.

Our study also found that influencers who earned more
than USD 200,000 had the highest NAS (p< .001). The

Table 5. Correlation between attachment style with partners/best friends and daily hours spent on social media (n= 161).

Attachment-Related Avoidance
Score (With Dating or Marital
Partner)

Mean SD Valid N Statistic Value p

Average hours a day spent on social media <2 2.42 1.40 17 F= 1.004 .369

2–5 2.97 1.50 103

>5 3.02 1.76 41

Attachment-Related Anxiety Score
(With Dating or Marital Partner)

Mean SD Valid N Statistic Value p

Average hours a day spent on social media <2 2.80 1.22 17 F= 1.333 .267

2–5 3.10 1.28 103

>5 3.46 1.34 41

Attachment-Related Avoidance
Score (With Best Friend)

Mean SD Valid N Statistic Value p

Average hours a day spent on social media <2 2.80 1.22 17 F= 1.867 .158

2–5 3.10 1.28 103

>5 3.46 1.34 41

Attachment-Related Anxiety Score
(With Best Friend)

Mean SD Valid N Statistic Value p

Average hours a day spent on social media <2 1.90 1.12 17 F= 2.843 .061

2–5 2.43 1.46 103

>5 2.90 1.79 41
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need to continually monetize their social media presence to
sustain their high income can be exhausting. This pressure
might lead to a shift in content focus from personal passion
to commercial viability, contributing to dissatisfaction and
a sense of disconnection from their original purpose.
Consequently, this shift may induce feelings of inadequacy
and self-doubt, contributing to negative emotions.

Number of platforms and emotions

Our study highlighted a gradual rise in negative feelings
among social media influencers as they engaged with an
increasing number of social media platforms (p= .006). A
study by Primack et al.43 found that participants who
used 7–11 social media platforms exhibited notably
higher odds of experiencing elevated levels of both depres-
sion and anxiety symptoms, even after controlling for the
overall time spent on social media. The fear of missing
out (FOMO) on the latest trends or news likely induces feel-
ings of anxiety and exclusion among social media influen-
cers.13 The demand for maintaining a presence across
multiple platforms imposes the added pressure of crafting
tailored content, increasing the burden and effort required.
Increased usage across multiple platforms may also
expose influencers to heightened risks of cyberbullying,
harassment, and negative comments, significantly impact-
ing mental health. Social media platforms are designed to
be engaging and often addictive, leading influencers to
spend extended periods online, affecting sleep patterns,

emotional regulation, and stress levels.44 Studies on
adults have also demonstrated that cyberbullying is asso-
ciated with anxiety and other mental health issues.45

Figure 7. Correlation between the mean negative affect score (NAS) and total number of followers (n= 161).

Table 6. Correlation between earning from social media and
relationships according to the relationship structures (ECR-RS)
questionnaire (n= 161).

Relationship
Pearson’s
Correlation

Significance
(2-tailed)

Marital partner avoidance
score average

0.114 .151

Best friend avoidance
score average

0.244* .002

Mother avoidance score average 0.319* <.001

Father avoidance score average 0.376* <.001

Marital partner anxiety
score average

0.213* .007

Best friend anxiety score average 0.297* <.001

Mother anxiety score average 0.267* <.001

Father anxiety score average 0.399* <.001

*Correlation is statistically significant at the 0.01 level (2-tailed).

12 DIGITAL HEALTH



Number of followers and emotions

A significant association between negative emotions and an
increased number of followers was found (p= .001). A sub-
stantial social media following likely translates into various
implications. Influencers may engage in social comparison
more frequently, leading to feelings of inadequacy, jeal-
ousy, or lower self-esteem.46 Unhealthy competition and
the pressure to maintain or increase follower count can
increase the risk of burnout, especially if influencers
create content or adopt behaviors that do not align with
their values to gain more followers, popularity, and engage-
ment on social media platforms.47

With a growing follower count, individuals likely
experience a loss of privacy and control over their personal
lives. Their lives become more public, and they feel the
need to maintain a certain image or lifestyle, constantly
monitoring their actions and behaviors. The fear of not
meeting these expectations leads to anxiety, stress, and
negative emotions.

Income and relationship quality

We found that 64% of social media influencers across
various age groups reported receiving complementary pro-
ducts or services. An average of approximately 38% of
influencers disclosed earning an annual income ranging
from USD 50,000 to USD 200,000 through their social
media activities. Building on a study by Young et al.
(2020), which identified a negative relationship between
social media use and psychological well-being,48 we
delved further into attachment style using the Relationship
Structures (ECR-RS) Questionnaire. Increased income
from social media demonstrated a noteworthy association
with elevated scores in both relationship avoidance and
anxiety (Table 4). As influencers experience a rise in finan-
cial gains, there might be a consequential impact on the
dynamics of their interpersonal relationships.

Relationship dynamics

Influencers exhibited a heightened avoidance score in rela-
tion to their parents, potentially reflecting a desire for finan-
cial independence and a reluctance to have parental control.
Furthermore, influencers reported high anxiety levels
within their relationships, highlighting concerns that those
around them may seek to exploit their connections for per-
sonal gain. Additionally, social media influencers derive a
high sense of security within their partner relationships,
possibly attributing this security to the perceived financial
impact they hold on these personal connections. These find-
ings encourage further studies to delve deeper into each
type of relationship examined in this study.

Interestingly, social media influencers displayed the
strongest sense of security in their relationships in a

descending order with their partners, best friend, mother,
and lastly, the father. This possibly indicates the signifi-
cance of romantic relationships for individuals in this influ-
ential role. Building on existing literature by Quiroz et al.,49

our finding aligns with the study highlighting that there is
no association between the extensive use of social media
and the quality of romantic relationship health for men
and women.

Impact of COVID-19 on mental health

It is important to consider the impact of COVID-19 on
mental health, especially since participants were recruited
between 2022 and 2023, when the pandemic’s influence
on mental health was significant.50,51 The pandemic led to
increased social media usage as a means of maintaining
social connections and accessing information.52 This
increased usage may have compounded the negative emo-
tions and mental health issues observed in social media
influencers during this period. Further research is needed
to explore the long-term effects of the pandemic on the
mental health of social media influencers.

Strengths and limitations

This study is one of the first to explore the mental health of
social media influencers, with a special focus on the impact
of popularity based on social media metrics. The research-
ers employed a diverse range of validated scales as part of
the study questionnaire, which helped understand multidi-
mensional correlations between the social media influen-
cer’s well-being and their environment. The study also
found strength in employing strategic data collection
methods by utilizing the snowball technique that allowed
for statistically significant outcomes despite the niche
target population.

Certain limitations were also acknowledged as a part of
this study. While the data collected provided valuable
insights, a larger and more diverse sample size could have
yielded a more standardized analysis, especially with
majority of the responses arising from the United Arab
Emirates. Future studies should look into a larger sample
size through collaborations with social media platforms
for mental health research. This study did not conduct a
thorough examination of fake followers. Future studies
may address this limitation by utilizing paid tools to iden-
tify fake followers, calculating engagement levels, and con-
sidering other predictive factors for a more comprehensive
analysis. Also, the responses could not be validated due to
the confidentiality of the study. Additionally, the survey did
not gather information on the influencers’ past or present
mental health conditions. Incorporating this data could
provide a more comprehensive understanding of the influen-
cers’ well-being, thus enriching the results with a more hol-
istic perspective. Moreover, the survey failed to reach some
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prominent social media influencers due to their reliance on
agencies or account managers to handle requests. Future
research may consider qualitative methods, including
face-to-face interviews, to offer a more precise understanding
of the subject matter. Lastly, this study relied on self-report
measures and quantitative data exclusively. Advances in
technology have introduced new possibilities for researchers
to collect smartphone data passively and objectively, which
might provide a more accurate picture of participants’
social media usage. Incorporating these methods in future
research could offer a more robust understanding of the rela-
tionship between mental health and social media.

Conclusion
In summary, our study has revealed compelling insights into
the well-being, emotions, and relationship quality of social
media influencers. Notably, a clear connection was identified
between extended social media usage and heightened negative
emotions. Moreover, an interesting correlation emerged: as the
number of followers increased, negative emotions also esca-
lated. Additionally, elevated income levels were associated
with increased relationship avoidance and anxiety scores.
Furthermore, our research shed light on a gradual increase
in negative feelings among social media influencers as they
expanded their engagement across multiple social media chan-
nels. Lastly, social media influencers exhibited the strongest
sense of security in their relationships with their partners.
While our study did not specifically include clinical mental
health measures such as anxiety and depression, the observed
trends in emotional well-being and relational dynamics
provide valuable preliminary insights that underscore the
need for future research to explore these areas more deeply.
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