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Abstract
Digital health data are seen as valuable resources for the development of better and more efficient treatments, for instance
through personalised medicine. However, health data are information about individuals who hold opinions and can chal-
lenge how data about them are used. Therefore it is important to understand public discussions around reuse of digital
health data. Social media have been heralded as enabling new forms of public engagement and as a place to study social
issues. In this paper, we study a public debate on Twitter about personalised medicine. We explore who participates in dis-
cussions about personalised medicine on Twitter and what they tweet about. Based on user-generated biographies we cat-
egorise users as having a ‘Professional interest in personalised medicine’ or as ‘Private’ users. We describe how users within
the field tweet about the promises of personalised medicine, while users unaffiliated with the field tweet about the concrete
realisation of these ambitions in the form of a new infrastructure and express concerns about the conditions for the imple-
mentation. Our study serves to remind people interested in public opinion that Twitter is a platform used for multiple pur-
poses by different actors and not simply a bottom-up democratic forum. This study contributes with insights relevant to
policymakers wishing to expand infrastructures for reuse of health data. First, by providing insights into what is discussed
about health data reuse. Second, by exploring how Twitter can be used as a platform to study public discussions about reuse
of health data.
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Introduction
Digital health data in the form of electronic medical records,
registry data, genetic information and patients’ self-collected
data are seen as valuable resources for the development of
better and more efficient treatments, for instance through per-
sonalised medicine.1 With the aim of individualising preven-
tion, diagnostics and treatment based on multiple forms of
digital data,2,3 personalised medicine is heralded as having
the potential for delivering better treatment at lower cost.1

The introduction of personalised medicine rests on the avail-
ability of digital health data from a large part of the popula-
tion, to be used for research and for comparison to the
treatment of other patients. However, the collection and
reuse of health data for secondary purposes raise questions
about data security, risk of misuse of health data by private

companies or employers, as well as risk of violations of indi-
viduals’ autonomy if health data are used without their
knowledge or for purposes they find inappropriate.4,5 In
recent years, there has also been an increased focus on
how the collection of health data can have adverse effects
through digital profiling4 or by increasing inequality in
healthcare.6,7 In some cases, publics, consisting of the
people the data concern, ‘bite back’ if data are used in
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ways they find inappropriate.8 Public issues around the use of
health data can ultimately jeopardise the opportunity to reuse
health data for secondary purposes.9 This shows the import-
ance of exploring issues about reuse of health data to better
enable the development of legitimate governance. In this
paper, we explore issues around personalised medicine in
Danish on Twitter. We explore who tweets what about per-
sonalised medicine. Accordingly, this study contributes
with empirical insights into what is discussed about persona-
lised medicine among Danish Twitter publics.

There has been an increasing interest in including
publics’ perspectives in decisions relating to development
of science and technologies,10 including in relation to per-
sonalised medicine.11,12 The aim has been to make
science more democratic13,14 and to produce more robust
science.15,16 In this article, we explore how personalised
medicine is discussed among people who themselves
choose to express their perspectives.17 We talk about
publics instead of ‘the public’ because we see neither
publics nor issues as constant entities in society. As we
see it, multiple publics exist and these change over time.
These publics consist of changing groups of people who
assemble in response to issues and through different
modes of participation.14,18,19 In this article, we explore
both what is discussed on Twitter in relation to personalised
medicine and which publics gather on Twitter as a reaction
to issues related to personalised medicine.

Previous research gives insight into how reuse of health
data is discussed in news media and point to a tendency
towards framing new developments positively. In Iceland,
studies have described how the privately owned database
deCode came under public scrutiny in public debates and
through news media.20,21 Hjörleifsen and colleagues
describe that despite the public debate, media portraits of
the deCode database mainly focused on the potential bene-
fits with regard to medical and technical advancements as
well potential economic benefits, while ethical and epis-
temological questions were less present.20 An excessive
focus on advancement in media coverage has also been
described in relation to personalised medicine. In a study
of how national daily news media in the UK covers news
about personalised medicine and pharmagogenics,
Almomani and colleagues argue that newspaper articles
overstate the benefits while writing less about potential
risks.22 In a Danish context, scholars have explored a
public debate about personalised medicine in written
Danish news media with a specific focus on the rationalities
of the actors in the debate.23

In the past two decades, the use of digital methods to
map issues as they appear on social media has been conso-
lidated.24–26 There has also been an increased interest in
using social media to predict and study health related
behaviour through ‘infoveillance’.27 Digital methods are
applauded for their ability to combine features of qualitative
and quantitative research,28,29 thereby allowing for a richer

analysis. Twitter is by now a commonly used platform to
study issues and the platform has been heralded as demo-
cratic and as a new way of facilitating public engage-
ment30,31 since it allows publics to gather ad hoc in
reaction to issues they find important.32 Twitter has been
used to study a broad range of issues spanning
COVID-19,33,34 breast cancer,35 diabetes,36 climate
change37 and sexual victimisation,38 to mention only a
few. Twitter has also been used to study a dispute around
the care data scheme in the UK, a database set up to
enable reuse of health data from primary care.39 We still
lack knowledge about how personalised medicine is dis-
cussed on Twitter. With this article, we add to the literature
about how reuse of health data is discussed publicly, by
exploring tweets in Danish about personalised medicine.
We do this by studying aggregated frequency of specific
hashtags and nouns. Based on user-generated biographies
we categorise Twitter users as having a ‘Professional inter-
est in personalised medicine’ or as ‘Private’ users. While
the users working within the field, tweet about the promises
of personalised medicine, users unaffiliated with persona-
lised medicine tweet their concerns about the actual condi-
tions for the implementation of personalised medicine.

Denmark serves as an interesting case for studying what
is discussed in relation to reuse of health data because of the
already high level of digitisation in the public sector40 and
Denmark’s long history of using health data for purposes
other than treatment, e.g., for research and planning.41 A
part of the introduction of personalised medicine in
Denmark was the establishment of a new infrastructure,
the National Genome Center, which was set up to centralise
storage of genetic information as well as facilitate reuse of
this information in research and for clinical purposes.42 The
National Genome Center accordingly was the pivotal point
in the strategy to realise personalised medicine. The estab-
lishment of this infrastructure required changes in the
Danish legal framework for the storage of genetic informa-
tion. The suggested legal changes were debated diligently
in the Danish news media,23 and the legislation which
was finally passed included an addition concerning patients’
ability to opt out of the storage of genetic information,43 in
contrast to the legislation which was originally proposed.44

Personalised medicine in Denmark is assuredly promoted as
being offered by the public sector45,46 yet the implementation
rests on funding from both public and private sectors. In
2018 a private foundation invested 1 billion Danish kroner
in the establishment and development of the National
Genome Center47 to be used in the period 2020–24.48 No
private funding for the further operations of the centre has
been announced. There will continue to be public funding
for future operations, however only to a limited degree.48

Consequently, the future of personalised medicine in
Denmark is currently characterised by uncertainties with
regard to the future costs of running the National Genome
Center, and how this should be divided between public and
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private funds. Accordingly, there have been two periods of
political indeterminacy, firstly in 2018, and secondly in
2022, since when the governance of personalised medicine
in Denmark is again open for negotiation.

Understanding what is discussed, and by whom in a
country where reuse of health data to a large part goes
uncontested, can be helpful for other countries wishing to
expand data infrastructures facilitating reuse of health
data in similar ways. With this article, we contribute to
the literature about how reuse of health data is discussed
publicly. We do this by exploring which topics are dis-
cussed in relation to personalised medicine on Twitter and
by exploring who becomes engaged through Twitter. We
start by describing our methodology. Afterwards, we
present our empirical material showing what is discussed
on Twitter by whom. We end by arguing that Twitter
should not be seen as a bottom-up democratic forum,
despite the fact that the platform facilitates debate from dif-
ferent publics.

Methodology

Data collection

To explore what is discussed on Twitter we collected tweets
about personalised medicine in Danish. Twitter is a plat-
form which allows users to make posts (tweets) with a
maximum of 240 characters. Users can follow other users
and share their posts (retweets).49 Twitter allows users to
apply hashtags to their posts as brief summaries of the
content of the tweet.50 We collected data with Twitter’s
Academic Access API which allows researchers to access
all tweets in Twitter’s database.51 The search query was
developed through an iterative process of adding and
removing potential search terms. The initial search query
was inspired by the search terms used by Skovgaard and
Hoeyer (2022)52 in their study of public debate in news
media about personalised medicine. We collected tweets
using their search terms and studied the most frequent
hashtag used in the dataset. Based hereon we added hash-
tags related to reuse of health data and personalised medi-
cine to the search query. We studied the amount of tweets
each search term would add to the dataset. Then we manu-
ally went through a random sample of the tweets collected
through the different search words to study whether the
tweets were interesting for discussions about personalised
medicine or whether the tweets were mainly discussing
other topics. This process lead us to the search query: ‘per-
sonlig medicin OR personligmedicin [personalised medi-
cine] OR genomcentre OR genom centre [genome centre]
OR præcisionsmedicin OR præcisions medicin [precision
medicine]’.

Tweets were collected from the period 3rd November
2009, where the first tweet using one of the words from
our search query was posted, until 30th March 2022. We

included all tweets using words from the search query to
be able to explore developments in discussions about perso-
nalised medicine over time including changes in the fre-
quency of tweets using the search terms.

The data collection had two steps:

1. First, we collected all tweets corresponding to our
search query (sub-dataset A). This includes tweets,
retweets, replies and the corresponding metadata, that
contained one of the search terms in the textual
content of the tweet. We used Twitter’s language iden-
tification algorithm to limit the dataset to tweets written
in Danish.

2. With the ‘Conversation ID’s’ from sub-dataset A we
collected all tweets posted as a response to each of the
tweets in sub-dataset A and each of the responses to
the replies and so on.

Sub-dataset A and sub-dataset B constitute what we refer to
as ‘the dataset’.

Categorisation of Twitter users

To explore who discusses personalised medicine on Twitter
we categorised user profiles as either having a professional
interest in personalised medicine or as private users. Twitter
users are prompted by Twitter to write a short description of
themselves. These descriptions provide insights into the
people behind the tweets. Inspired by the ongoing work
of Vandeweerdt, Hjort and Dinesen (2022)53 we used the
self-generated descriptions to categorise users. We used a
combination of manual and computational methods to do
this. First, we created categories manually, based on our
knowledge about actors in the field of personalised medi-
cine. Then we used computational assisted categorising
techniques to create categories based on user biographies.
We did this by using the Natural Language Processing func-
tion, part of Speech Tagging, from the library ‘Spacy’54 to
extract nouns and proper nouns from the user biographies.
Then we used the topic modelling algorithm Latent
Dirichlet Allocation from the library Gensim55 to put
these nouns and proper nouns into topics. The manual
and computational assisted categories were compared and
used to make three overall user categories: ‘Professional
interest in personalised medicine’, ‘Private’ and ‘Other’.
Accordingly, the decisions to make these three categories
were made manually by the authors with inspiration from
the computationally made categories.

The category ‘Professional interest in personalised medi-
cine’ contains both users identifying as individuals and as
institutions. It consists of the subcategories ‘Research and
clinic’, ‘Governance’ and ‘Interest groups’. ‘Research and
clinic’ includes users describing their affiliation with uni-
versities, or an affiliation with the healthcare system. The
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category of ‘Governance’ covers institutions or individuals
describing themselves as working at institutions, which are
administering or governing the Danish welfare state:
Politicians, Regions, Municipalities, and institutions facilitat-
ing use of health data such as the States Serum Institute and
the National Genome Center. ‘Interest groups’ are patient
organisations, industry working with biomedicine (including
pharmaceutical companies and companies developing health
technologies), and professional organisations related to the
biomedical field. The group ‘Private’ consists of users speci-
fying their professional status in areas not related to the ones
described in the above categories, or users using words about
leisure activities, and users who did not have any information
in their biography. Users without a description in their biog-
raphies can have a professional interest in personalised medi-
cine. However, if users do not themselves reveal their
professional background – thereby allowing others to learn
about their profession – we assume that they want their
posts to be read as coming from a private profile, and we
chose to categorise them accordingly. Finally, ‘Others’ con-
sists of users whose biographies describe them as journalists,
and news media, as well as bots, and profiles set up to
promote open positions.

After the users had been automatically categorised one
author manually browsed all the biographies, to correct mis-
categorisation. We are aware of one user, a doctor who has
been very active and critical in the debate in news media
about personalised medicine, who did not write anything in
their biography and therefore ended up being categorised as
‘Private’. We know this user through our previous interest
in the topic even though we could not verify that it is actually
their account. According to our criteria, placing this user in
the ‘Private’ category is a miscategorisation. Yet, not all
users on Twitter know them, and it is likely that their com-
ments in the debate are read without knowledge about their
profession. Therefore, we did not recategorise the user. We
used this knowledge to study how their tweets affected the
overall map and found that they were present in more critical
parts of the map. We know of this one user but it is likely that
other similar miscategorisations exist in the material of which
we are not aware and have therefore not been able to explore
in further depth.

Issue mapping

In order to analyse what people are tweeting about persona-
lised medicine we created two different network graph visua-
lisations: one of the co-occurrence of hashtags and one of the
co-occurrence of nouns in the tweets in the dataset. We
included tweets, retweets and replies in the maps. We used
the open-source tool Cortext Manager56 for both term extrac-
tion and network graph mapping.

First, we extracted hashtags by limiting the maximal
word length to one, allowing monograms, not applying lin-
guistic preprocessing and only including words that start

with a hash ‘#’. Then we generated a co-occurrence
network of the top 350 most used hashtags (including the
search terms). We found 350 to be the most optimal balance
between readability and complexity. In the network graphs,
each hashtag is a node (triangle) and there is an edge (line)
between the nodes if they co-occur (are used together) in a
tweet. The placement of each node is determined by the force-
directed spatialisation algorithm, Fruchterman Reingold,
which forces nodes to cluster into groups if they are frequently
used together in the tweets. This creates thematic clusters that
are defined by being more related to each other than to the rest
of the network. The size of the nodes represents how often
they occur in the dataset. The colour of the nodes represents
the grouping or cluster of the nodes detected by the Louvain
community detection algorithm.

We first created a network graph depicting co-occurrence
of hashtags in the tweets. Because only 48.7% of tweets use
hashtags, we chose also to study the commonly used nouns
from the tweets. We repeated the mapping exercise by
extracting the 350 most used Danish nouns from the tweets
(including the search terms). We call these maps of
co-occurrence of hashtags or nouns ‘Base maps’. From the
base maps, we identified clusters and analysed what we
viewed as the prevailing theme(s). This was done both by
looking at the wording of the hashtags and nouns and by
studying tweets manually. Accordingly, we used the qualita-
tive reading of the tweets to qualify our analysis of the
network graphs, thereby using both the quantitative and the
qualitative features of the data.29 Next, we studied whether
users from the different categories were more predominantly
using hashtags or nouns from specific clusters. We did this
by creating heat maps where we overlayed the base map
with a heat map algorithm that colours the map. The heat
map algorithm calculates a score for a third variable in the
dataset, and colours the map according to how the nodes
on the map correspond with the third variable. For the first
map (Figure 1) we used the user categories as the third vari-
able for colouring the heat map. The scale (right side of the
figures) shows the third variable score. On this map, the score
indicates how much more likely the hashtags or nouns are to
be produced by users with professional interest or private,
compared to the expected average.56 For example, if the
score is 2 in Figure 1(b) then there is twice the chance of
the hashtag being produced by a private user than the
expected average. This allows us to visually detect not just
what people are discussing but also who is discussing
what. The heat maps were also created by using the
build-in ‘Network Mapping’ function in CorText where the
process described above was repeated with an additional
chi2 heat map algorithm to the map.

Discussions on Twitter are multi-faceted and include
content from various user-types including social bots57 and
in our case, news media sites and job facilitating profiles.
Content from these profiles is inherently a part of how
issues are discussed on Twitter58 but it is important to
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explore how such profiles affect the debate. We looked
for bots both qualitatively and quantitatively. Qualitatively,
we read all user biographies and studied the network
graphs including the tweets they compose of manually.
Quantitatively, we checked for frequency and tweeting pat-
terns in the dataset. Neither in the qualitative nor in the quan-
titative reading of the data did we observed bot-behaviour.
We cannot dismiss that bot-generated content has been part
of discussions about personalised medicine in Danish on
Twitter but we consider it unlikely. In the following analysis,
our main focus is on the categories ‘Private’ and ‘Professional
interest in personalised medicine’ and we will only show heat
maps from these two categories. We choose also to include
tweets from users in the ‘Other’ category in the base maps
because we acknowledge that job facilitating profiles are
part of how personalised medicine is discussed on Twitter,
although we do not analyse this category closely.

Even though we are filtering for Danish tweets there are
still some Swedish tweets in the dataset. One tweet in
Swedish, which had many replies and many retweets, makes
up its own cluster in one map (see Figure 2). The tweet is
about the publishing of a book by Anna Ardin, a Swedish
woman who accused Julian Assange of sexual assault.59

The cluster is unrelated to the rest of the map and contains
one tweet in Swedish, and several retweets of this. This
shows that the language identification algorithm is imperfect
and the dangers of assuming that issues are delimited
through search words.

Who discusses what about personalised
medicine?

The dataset consists of 9841 tweets from 2003 distinct users
in the period 3rd November 2009 to 30th March 2022. Out
of the 2003 users discussing personalised medicine on
Twitter, 880 were categorised as having a professional
interest in personalised medicine, 961 as being private
users, and 162 as ‘Other’. The debate on Twitter facilitates
participation of a public where more than half of the parti-
cipants do not describe themselves with words indicating
that they have a professional interest in personalised medi-
cine. However, people with a professional interest in perso-
nalised medicine tweet more about the topic: users in the
‘Private’ group made 3589 tweets in the period and users
in the group ‘Professional interest in personalised medicine’
made 5568 tweets. There is a remarkable difference in when
users tweet about personalised medicine. In 2018, 3242
tweets were posted about the topic. Accordingly, a third
of all the tweets in the dataset is from 2018. That is more
than four times as many tweets than from 2021 where
748 tweets were posted. In the first three months of 2022,
from which we have data, 101 tweets were posted. This
could indicate that the establishment of the National
Genome Center and the legislative changes it required in

2018 mobilised tweets about personalised medicine while
the current uncertainties regarding funding have not led to
an increase in tweets about personalised medicine.

In the following, we will present the results from two
network graphs: One based on co-occurrence of hashtags
and one based on co-occurrence of nouns. We describe
the content of the graphs focusing on the grouping of hash-
tags or nouns in clusters. We also present heat maps
showing which hashtags or nouns are predominantly used
by users from the different categories.

Network graphs based on hashtags

Figure 1 shows a hashtag network of co-occurrence.
Figure 1(a) and (b) show heat maps on the base map for
hashtags. From the hashtag-clusters we learn how people
we categorised as having a professional interest in persona-
lised medicine tweet about the topic in relation to existing
infrastructures and organisations. We also learn that it is
predominantly users from the private category who apply
hashtags which indicate concerns regarding privacy, sur-
veillance, and consent in relation to personalised medicine.

From Figure 1 we have identified six clusters. Cluster
one is ‘The main cluster’ where there is the most activity.
In this cluster, we find our search word #personlig
medicin (personalised medicine) and #genom center
(genome centre) (in the various Danish spellings). In
the cluster we also find the hashtags #sundpol used for
topics relevant to health policy in Denmark and #dkpol
used for political topics in Denmark, indicating that
Twitter users see personalised medicine as a political
topic or wish to make it a political topic. Interestingly,
users we categorised as working with personalised medi-
cine are more likely to be using the hashtag #personlig
medicin (Figure 1(a)) whereas users categorised as
private users use the hashtags #genom center or #natio-
nalt genom center (Figure 1(b)). It seems that while
users working within the field tweet about a concept,
users from the private category tweet about the concrete
physical realisation of the concept in the form of a new
infrastructure. On the top right of the cluster, there are
hashtags referring to organisations or infrastructures rele-
vant to the implementation of personalised medicine.
Examples of organisations are #dsam (professional
organisation for general practitioners) and #danske
patienter (patient organisation). Users apply these hash-
tags to either be in conversations with these actors or to
clarify the stance of the organisation. Accordingly, in
the top right of the cluster, the hashtags can be used to
identify institutions and organisations which appear
central in tweets about personalised medicine. From
Figure 1(a) we see that it is predominantly users from
the category ‘Professional interest in personalised medi-
cine’ who use hashtags from this part of the cluster. On
the left side of the main cluster, the hashtags #samtykke
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(consent), #privatliv (privacy), #datasikkerhed (data
security), #overvågning (surveillance), #udemokratisk
(undemocratic) and #gdpr appear, which cover tweets
expressing different kinds of concerns related to persona-
lised medicine. Tweets from this side of the cluster tell us
that people are concerned that the National Genome
Center, and the collection of genetic information will
be used for surveillance and breach privacy. It also
shows us that there have been discussions around
whether there should be consent to storage of genetic
data in the National Genome Center, and how this
should be formed. From Figure 1(b) we learn that it is
mainly users we categorised as private who apply hash-
tags indicating these concerns.

Cluster two we call ‘Research centre’ because the hash-
tags circle around a specific research centre #persimune that
does research in personalised medicine. The hashtags show
that the centre is placed at #regionh (Capital Region of
Denmark) at #rigshospitalet (hospital in the capital city of
Denmark). Accordingly, this cluster focus on a specific
institution which is a part of the introduction of persona-
lised medicine in Denmark. Cluster three we call
‘Disease’ because it contains hashtags about how persona-
lised medicine can be beneficial for specific diseases or
disease areas such as #morbus and #crohn, #psorarais and
#kræft (cancer). Additionally, the ‘Disease’-cluster contains
hashtags about specific institutions such as the #regionerne
(the Danish Regions), which are responsible for hospital

Figure 1. Base map of co-occurrence of hashtags in tweets concerning personalised medicine in Danish. (a) Hashtag base map (Figure 1)
with heat map layer (coloured areas) indicating which hashtags-clusters are predominantly used by users in the category ‘Professional
interest in personalised medicine’. (b) Hashtag base map (Figure 1) with heat map layer (coloured areas) indicating which
hashtag-clusters are predominantly used by users in the category ‘Private’.
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management in Denmark and #aalborguh (University
Hospital of Aalborg) working with or doing research into
these diseases. As apparent from Figure 1(a), it is predom-
inantly users we categorised as having a professional inter-
est in personalised medicine who use the hashtag from the
‘Research centre’-cluster and the ‘Disease’-cluster.

In cluster four, ‘The People’s Meeting’ (Folkemødet) we
found hashtags relating to a recurring public event in
Denmark, which aims at facilitating ‘democratic conversa-
tions’ on a variety of political topics.60 The cluster has two
parts: the top right part with general hashtags indicating par-
ticipation in the event, sometimes with a specific year, e.g.,
#fm19. The bottom left part of the cluster is about specific
topics or cases discussed, together with personalised medi-
cine at specific events at ‘The People’s Meeting’. The
tweets from these clusters are advertisements for events at
‘The People’s Meeting’ or users indicating that they have
attended events about personalised medicine at the public
meeting. Even though the aim of the event is to ‘decrease
the distance between citizens and decision-makers’60 we
found that it was mainly people working with personalised
medicine, which include decision-makers, who applied
hashtags referring to the event.

The fifth cluster we call ‘Digidk’. This cluster circles
around generic business and technology hashtags like
#dkbiz, #dkdigi, #forskpol (research politics), #dktech,
#dkdata. These hashtags are used for tweets about research
politics, about research news, from users who have attended
events, or from institutions promoting themselves in differ-
ent ways. While the hashtags at the top of this cluster are
mainly used by users in the category ‘Professional interest
in personalised medicine’, the bottom of the cluster seems
to be dominated by users we categorised as private
(Figure 1(a) and (b)).

Cluster six we call ‘Ethics and moral’ and contains the
hashtags #etik (ethics), #moral, #folkegavn (benefit for
the people), #patientdatasikkerhed (patient information
security), #privacy and #jura (law). The main part of this
cluster comes from one user in the private category who
shared the same tweet with many hashtags three times. In
the tweet, the user accuses the National Genome Center
of social blackmailing. The user is referring to discussions
about whether patients have to consent to the storage of
genetic data in the National Genome Center, according to
the legislation about the centre passed in May 2018,44 a
point also discussed persistently in the debate in news
media.23 Like the left part of the main cluster related to con-
cerns around the National Genome Center, the hashtags
from the ‘Ethics and moral’- cluster are predominantly
used by users in the private category (Figure 1(b)).
Finally, there are some smaller clusters at the bottom of
the map relating to specific events or topics: there are
several about jobs within the field of personalised medicine,
there is one related to COVID-19, one with tweets referring
to a summer school at the University of Copenhagen

relating to personalised medicine and one with tweets
about a conference on diabetes.

Network graphs based on nouns

Figure 2 shows a network graph of co-occurrence of nouns.
Figure 2(a) and (b) show heat maps on the base map for
nouns. From the noun clusters, we learn about the striking
divergence in how people from the two categories frame
personalised medicine on Twitter. While people affiliated
with personalised medicine tweet about benefits and high-
light the positive potential, people we categorised as
private users tweet about concerns and the conditions of
implementing personalised medicine.

From Figure 2 we also identified six clusters. ‘The main
cluster’ is again the one with the most activity. A big part of
the words in this cluster frames personalised medicine posi-
tively using words like ‘fremtidens sundhedsvæsen’ (the
healthcare system of the future), ‘færre bivirkninger’
(fewer side effects), ‘bedre behandling’ (better treatment),
and ‘stort potentiale’ (big potential). In the middle of the
cluster there are two relatively big nodes with the words
‘regionerne’ (The Regions) and ‘universiteterne’ (The
Universities). These cover tweets describing the Regions
and the Universities as institutions playing a part in the
implementation of personalised medicine. The word ‘regio-
nerne’ also covers tweets answering @regionerne, which is
the Twitter page of the joint interest organisation of The
Danish Regions. Several tweets also write about the pub-
lishing of the ‘nationale strategi’ (the national strategy)
for personalised medicine. The second cluster we call
‘The National Genome Center’ and it contains tweets
about the establishment of the infrastructure with the
same name and the expected benefits, using words like
‘helt rigtige behandling’ (just the right treatment) and
‘gavn for patienterne’ (benefits for the patients). The top
of the cluster accordingly frames the National Genome
Center positively. As apparent from Figure 2(a), it is
mainly users from the category of professionally interested
in personalised medicine who use the nouns from the top
part of the map, that is, the nouns which frame personalised
medicine positively. ‘The National Genome Center’ cluster
is connected to a sub-cluster towards the bottom of the map
in which concerns about the potential of using the National
Genome Center as ‘dna-register for politiet’ (dna-register
for the police) in cases where there is ‘mistanke for
terror’ (suspicion of terror) are discussed. The third
cluster we call ‘Purpose of the National Genome Center’
and it covers tweets about how genetic information stored
in the centre can be used in the future. This cluster is
centred around the words ‘DNA’ and ‘Folketinget’ (the
Parliament) and contains mainly critical tweets from
people in the private category. Both the part of ‘The
National Genome Center’-cluster where users express con-
cerns and the ‘Purpose of the National Genome
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Center’-cluster accordingly discuss the scope and limita-
tions of use of information from the National Genome
Center. Nouns from these two clusters are mainly from
tweets by users in the private category (Figure 2(b)).

The fourth cluster we call ‘Active contributors’ because
it primarily contains tweets from two users, one very critical
from the private category and one very positive, which we
categorised as having a professional interest in personalised
medicine. The active user from the private category is the
doctor without description in their biography, mentioned
in the methods section, who has been very active in the
debate in news media. We call the fifth cluster ‘Consent’,
because it contains tweets discussing consent to storage

of genetic information in the National Genome Center,
using words like ‘god ordens skyld’ (to set the record
straight), ‘samtykke’ (consent), ‘genom center uden sam-
tykke’ (genome centre without consent). Nouns from this
cluster are predominantly used by users in the private cat-
egory (Figure 2(b)).

Summing up, there seems to have been most debate on
Twitter around the time of the establishment of the
National Genome Center. Besides this, Twitter facilitates
different discussions about personalised medicine depend-
ing on whether users were categorised as working within
the field or not. Users working within the field tweet
about the topic in relation to existing infrastructures and

Figure 2. Base map of co-occurrence of nouns in tweets concerning personalised medicine in Danish. (a) Noun base map (Figure 2) with
heat map layer (coloured areas) indicating which noun-clusters are predominantly used by users in the category ‘Professional interest in
personalised medicine’. (b) Noun base map (Figure 2) with heat map (coloured areas) indicating which noun-clusters are predominantly
used by users in the category ‘Private’.
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organisations. Additionally, they tweet about the promises
of personalised medicine. On the other hand, users from
the private category are discussing the concrete physical
realisation of these ambitions in the form of a new infra-
structure and express concerns about the actual conditions
for the implementation of personalised medicine.

Discussion
Social media are sometimes heralded as a new public sphere
enabling democratic participation and the construction of
counter-publics.30,31 We find that the publics who assemble
in reaction to personalised medicine mediated through
Twitter include both users with a professional interest in
personalised medicine and users we categorised as
private. This is notable, considering that previous research
argues that written Danish news media mainly facilitate par-
ticipation of people working with personalised medicine.23

Accordingly, our study indeed supports the claim that social
media do facilitate participation for a broader public than
news media. Twitter is easier to access than news media
where editors decide what is relevant enough to go to
print. This naturally facilitates a broader participation.
News media are likely to demand other kinds of identifica-
tion of contributors than Twitter does, where writing some-
thing in the biography is optional. Still, the proportion of
people categorised as ‘Private’ suggests that personalised
medicine is an issue which assembles more than only
people working within the field, although it is still a very
small proportion of the Danish population who become
engaged through Twitter. The debates mediated through
news media and Twitter are closely related however.
Many tweets contain links to articles or opinion pieces
from news media. Therefore, debate mediated through the
two media should not be seen as separate.

Bresling and colleagues have argued that Twitter users
in Denmark are an ‘elite community of politicians, journal-
ists, interest groups and citizens who are more interested in
politics than the average person in Denmark’.33 Other
researchers have also pointed out that Twitter users across
countries are not demographically representative and that
Twitter users pay more attention to politics.61,62 Although
the users we have categorised as ‘Private’ might be
people ‘who are more interested in politics’, Twitter does
facilitate debate about personalised medicine among a
people who are at least not easy to identify as either politi-
cians, lobbyists or interest groups. Nevertheless, our study
points to how Twitter is also a place for strategic communi-
cation from people already in powerful positions.

While personalised medicine did spark a somewhat large
debate on Twitter in 2018, the issue today seems somewhat
stabilised despite the uncertainties around the future
funding. Most tweets from this dataset were posted in
2018 around the time the legislation enabling the establish-
ment of the National Genome Center was passed.

Apparently, a potential for influencing the development of
the future policies of personalised medicine does not in
itself spark a debate online. Our data indicate that if perso-
nalised medicine is again being discussed, it is being dis-
cussed using different words than in 2018, by using other
forums or offline where people not affiliated with persona-
lised medicine are likely to have a poorer chance of expres-
sing their concerns.

Personalised medicine is framed differently on Twitter
depending on whether users work within the field or not.
Firstly, users working with personalised medicine tweet
considerably more about the topic than the private users.
Users working within the field tweet about personalised
medicine in relation to existing infrastructures, institutions
and organisations. Additionally, many users working
within the field use Twitter to promote personalised medi-
cine, both by sharing news about developments and policies
in the field and by highlighting the potential benefits for the
patients and for the healthcare sector. It has previously been
argued that personalised medicine is a buzzword containing
promises of a better future, sometimes without substantial
scientific evidence, and that the notion is used to mobilise
investments and political good will towards specific devel-
opments in the healthcare sector.63,64 It seems as if Twitter
is a platform where such futures are promoted by people
working in the field of personalised medicine. However,
personalised medicine is not mainly discussed positively
on Twitter, as Almomani et al. have argued is the case in
the UK news media.22 Concerns about the infrastructure
set up to facilitate personalised medicine, potential use of
genetic information for purposes other than research or
treatment, concerns related to data security and the risk of
privacy breaches, and not least tweets about design of a
consent or opt-out, are also prevalent on Twitter. These
are topics known to be discussed in relation to sharing of
health data5,52,65 and more specifically in relation to the
implementation of personalised medicine.23 Our study sug-
gests that Twitter can be used as a platform for policy-
makers to gain insights into how these topics are
perceived by people not directly affiliated with the imple-
mentation of personalised medicine.

The different ways the user groups tweet about perso-
nalised medicine are also made apparent by different use
of our search terms: Users with a professional interest in
personalised medicine use the hashtag #personalised
medicine while private users use the hashtag #genome
center. Our assumption was that the two words were
describing the same issue. However, it seems the words
are highlighting different issues: one where professionals
are promoting personalised medicine as a promissory
concept and as an ambition for the future healthcare
sector, and one where concerns about the actual conditions
for the implementation of personalised medicine, includ-
ing the formation of a new infrastructure, are shared by
private users. That the different user groups use different
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words to tweet about the matter also introduces the risk of
filter bubbles,66 where users are not exposed to views
opposing their own.

The results of this study are limited by the subjective
choices made by the authors both in terms of how we
define discussions related to personalised medicine26 and
how we categorise the Twitter publics. Our search terms
delimit discussions about personalised medicine to users
who tweet about it using these terms. Since we found that
our search words were used (predominantly) by different
user groups the inclusion of other search terms would
likely have facilitated participation of other users. How
people discuss issues also change over time. We cannot
dismiss that the words used to discuss personalised medi-
cine on Twitter have changed over the course time. The
categorising of users into three categories is also a way of
constructing specific publics and enable specific kinds of
analysis. In the study, we focus on the aggregated frequency
of specific hashtags and nouns. We encourage future studies
to explore other aspects of discussions about personalised
medicine on Twitter, for instance, the reachability of
tweets or interactions with tweets in the form of likes.

Concluding remarks
In this paper, we have used Twitter to explore discussions
about personalised medicine in Denmark. The paper pro-
vides insights into what is discussed in relation to reuse
of health data and into how Twitter can be used to study
public opinion. We have found that different publics use
the platform to tweet about different aspects of personalised
medicine and that users working with personalised medi-
cine are notably more active on this issue than private
users. From our study we learn, that discussions about the
physical realisation of ambitions for personalised medicine
in the form of a new infrastructure and concerns related to
privacy, data security and the scope of the use of health data
are mainly led by private users. We also learn that Twitter is
a platform used to advance certain political initiatives by
people already in powerful positions, when users working
in the field of personalised medicine use Twitter to
promote it, and to highlight the potential future benefits.
These findings support that Twitter can be used by policy-
makers to get insights into discussions about reuse of health
data from people unaffiliated with the field. Yet, it is
important to note that the 961 users we categorised as
‘Private’ are likely to represent people with very specific
characteristics,30 and that they are by no means representa-
tive of the Danish population or the ‘general public’.
Additionally, it seems that only certain topics are discussed
on Twitter. The establishment of the National Genome
Center and the following legal change in 2018 was one
such thing. However, political uncertainty alone does not
spark an issue into being. Today’s uncertainty about the
future funding of personalised medicine, including

uncertainty about the role of private actors, does not seem
to have resulted in a rise in tweets about the topic. If
these discussions exist then they are outside of this plat-
form. Therefore, our study serves to remind people inter-
ested in public opinion that Twitter is a platform used for
multiple purposes by different actors and not simply a
bottom-up democratic forum.
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5. Piasecki J, Walkiewicz-Żarek E, Figas-Skrzypulec J, et al.
Ethical issues in biomedical research using electronic health

10 DIGITAL HEALTH

https://orcid.org/0000-0001-5491-6928
https://orcid.org/0000-0001-5491-6928
https://orcid.org/0000-0001-5491-6928


records: a systematic review. Med Health Care Philos 2021;
24: 633–658.

6. Lee SS-J. Obligations of the “gift”: reciprocity and responsi-
bility in precision medicine. Am J Bioeth 2021; 21: 57–66.

7. Petersen AR. Digital health and technological promise: a
sociological inquiry. Milton Park, Abingdon, Oxon; New York,
NY: Routledge, 2019.

8. Tupasela A. Populations as brands: marketing national
resources for global data markets. London: Palgrave
Macmillan Cham, 2021.

9. Langhoff TO, Amstrup MH,Mørck P, et al. Infrastructures for
healthcare: from synergy to reverse synergy. Health Informatics
J 2018; 24: 43–53.

10. Jasanoff S. Technologies of humility: citizen participation in
governing science. Minerva 2003; 41: 223–244.

11. Budin-Ljøsne I and Harris JR. Ask not what personalized
medicine can do for you – ask what you can do for persona-
lized medicine. Public Health Genom 2015; 18: 131–138.

12. Lehoux P. Beyond our mutual ignorance. Or, how would
engaging the public benefit the personalized medicine com-
munity. Curr Pharmacogenom Pers Med Moving 2011; 9:
76–79.

13. Irwin A. Constructing the scientific citizen: science and dem-
ocracy in the biosciences. Public Underst Sci 2001; 10: 1–18.

14. Marres N. The issues deserve more credit: pragmatist contri-
butions to the study of public involvement in controversy. Soc
Stud Sci 2007; 37: 759–780.

15. Felt U and Fochler M. The bottom-up meanings of the
concept of public participation in science and technology.
Sci Public Policy 2008; 35: 489–499.

16. Schicktanz S, Schweda M andWynne B. The ethics of ‘public
understanding of ethics’—why and how bioethics expertise
should include public and patients’ voices. Med Health
Care Philos 2012; 15: 129–139.

17. Wynne B. Public participation in science and technology: per-
forming and obscuring a political–conceptual category
mistake. East Asian Sci Technol Soc: Int J 2007; 1: 99.

18. Marres N. Issues spark a public into being: A key but often
forgotten point of the Lippmann-Dewey debate. In: Latour
B and Weibel P (eds) Making things public: atmospheres of
democracy. Cambridge, Mass.:[Karlsruhe, Germany]: MIT
Press; ZKM/Center for Art and Media in Karlsruhe, 2005:
pp. 208–217

19. Birkbak A, Petersen MK and Elgaard Jensen T. Critical prox-
imity as a methodological move in techno-anthropology.
Techné: Res Philos Technol 2015; 19: 266–290.

20. Hjörleifsson S, Árnason V and Schei E. Decoding the genetics
debate: hype and hope in Icelandic news media in 2000 and
2004. New Genet Soc 2008; 27: 377–394.

21. Pálsson G and Rabinow P. The Icelandic genome debate.
Trends Biotechnol 2001; 19: 166–171.

22. Almomani B, HawwaAF, GoodfellowNA, et al. Pharmacogenetics
and the print media: what is the public told? BMC Med Genet
2015; 16: 32.

23. Author deleted for anonymity.
24. Marres N. Digital sociology: the reinvention of social research.

Oxford, UK: Polity Press, 2017. http://ebookcentral.proquest.
com/lib/kbdk/detail.action?docID=4860618 (2017, accessed 22
March 2018).

25. Rogers R. Digital methods. Cambridge, Massachusetts: The
MIT Press, 2015.

26. Venturini T and Munk AK. Controversy mapping: a field
guide. Cambridge, UK; Medford, MA, USA: Polity, 2022.

27. Barros JM, Duggan J and Rebholz-Schuhmann D. The applica-
tion of internet-based sources for public health surveillance
(infoveillance): systematic review. J Med Internet Res 2020;
22: e13680.

28. Venturini T, Jacomy M, Meunier A, et al. An unexpected
journey: a few lessons from sciences Po médialab’s experi-
ence. Big Data Soc 2017; 4: 2053951717720949.

29. Venturini T and Latour B. The social fabric: digital traces and
quali-quantitative methods. In: Arai K, Kapoor S and Bhatia
R (eds) Proceedings of the future En Seine. Editions Future
en Sein. Raleigh, NC, USA: Lulu.com 2009: pp.87–101.

30. Bakardjieva M. Subactivism: lifeworld and politics in the age
of the internet. Inf Soc 2009; 25: 91–104.

31. Shirky C. The political power of social Media: technology,
the public sphere, and political change. Foreign Aff 2011;
90: 28–41.

32. Bruns A and Burgess J. The use of Twitter hashtags in the for-
mation of ad hoc publics | QUT ePrints. In: Proceedings of the
6th European Consortium for Political Research (ECPR)
General Conference. Reykjavik: University of Iceland, https://
eprints.qut.edu.au/46515/ (2011, accessed 6 April 2018).

33. Bresling SD, Enggard TR, Blok A, et al. HowWe Tweet About
Coronavirus, and Why: A Computational Anthropological
Mapping of Political Attention on Danish Twitter during the
COVID-19 Pandemic. In: Somatosphere. http://somatosphere.
net/forumpost/covid19-danish-twitter-computational-map/
(2020, accessed 19 November 2021).

34. Schweinberger M, Haugh M and Hames S. Analysing dis-
course around COVID-19 in the Australian twittersphere: a
real-time corpus-based analysis. Big Data Soc 2021; 8:
20539517211021436.

35. Modave F, Zhao Y, Krieger J, et al. Understanding percep-
tions and attitudes in breast cancer discussions on twitter.
Stud Health Technol Inform 2019; 264: 1293–1297.

36. Beguerisse-Díaz M, McLennan AK, Garduño-Hernández G,
et al. The ‘who’ and ‘what’ of #diabetes on Twitter. Digital
Health 2017; 3: 2055207616688841.

37. Walter S, Lörcher I and Brüggemann M. Scientific networks
on Twitter: analyzing scientists’ interactions in the climate
change debate. Public Underst Sci 2019; 28: 696–712.

38. Bogen KW, Bleiweiss KK and Leach NR. #Metoo: disclosure
and response to sexual victimization on twitter. J Interpers
Violence 2021; 36: 8257–8288.

39. Hays R and Daker-White G. The care.data consensus? A
qualitative analysis of opinions expressed on Twitter. BMC
Public Health 2015; 15: 38.

40. United Nations. E-government survey 2020. Digital govern-
ment in the decade of action for sustainable development.
New York: United Nations, 2020.

41. Bauer S. From administrative infrastructure to biomedical
resource: danish population registries, the “scandinavian
laboratory,” and the “epidemiologist’s dream”. Sci Context
2014; 27: 187–213.

42. Sundheds- og Ældreministeriet. National strategi for
Personlig Medicin 2017-2020. 2016.

Skovgaard and Grundtvig 11

http://ebookcentral.proquest.com/lib/kbdk/detail.action?docID=4860618
http://ebookcentral.proquest.com/lib/kbdk/detail.action?docID=4860618
http://ebookcentral.proquest.com/lib/kbdk/detail.action?docID=4860618
https://eprints.qut.edu.au/46515/
https://eprints.qut.edu.au/46515/
https://eprints.qut.edu.au/46515/
http://somatosphere.net/forumpost/covid19-danish-twitter-computational-map/
http://somatosphere.net/forumpost/covid19-danish-twitter-computational-map/
http://somatosphere.net/forumpost/covid19-danish-twitter-computational-map/


43. Sundheds- ogÆldreministeriet. L 146 Lov om ændring af sund-
hedsloven (Organiseringen i Sundheds- og Ældreministeriet,
oprettelse af Nationalt Genomcenter m.v.). 2018.

44. Sundheds- og Ældreministeriet. L 146 Forslag til lov om
ændring af sundhedsloven. 2017.

45. Jensen LG and Svendsen MN. Personalised medicine in the
Danish welfare state: political visions for the public good.
Crit Public Health 2021: 1–12. DOI: 10.1080/09581596.
2021.1937524.

46. Terkildsen MD, Burau V, Væggemose U, et al. The welfare
state driving “me” and “we” medicine – a critical discourse
analysis. New Genet Soc 2020; 39: 404–423. 1–20.

47. Nationalt Genom Center. 1 mia. kr. på vej til skræddersyet
behandling til danske patienter, https://ngc.dk/nyheder/2018/
december/1-mia-kr-paa-vej-til-skraeddersyet-behandling-
til-danske-patienter (2018, accessed 5 April 2022).

48. Sundheds- og Ældreministeriet. National Strategi for
Personlig Medicin 2021-2022. Personlig medicin til gavn
for patienterne: Klar diagnose, målrettet behandling, styrket
forskning (2021, accessed 3 April 2022).

49. Twitter. Using Twitter, https://help.twitter.com/en/using-
twitter (2022, accessed 19 May 2022).

50. Twitter. How to use hashtags, https://help.twitter.com/en/using-
twitter/how-to-use-hashtags (2022, accessed 19 May 2022).

51. Twitter. Twitter API for Academic Research | Products,
https://developer.twitter.com/en/products/twitter-api/
academic-research (2022, accessed 29 March 2022).

52. Skovgaard LL and Hoeyer K. Data authority: public debate
about personalized medicine in Denmark. Public Underst
Sci 2022; 31: 590–607.

53. Vandeweerdt CJ. Using Twitter bios tomapAmericans’ identities
over time. SODAS Data Discussion 11 Feb 2022, https://sodas.
ku.dk/events/sodas-data-discussion-11-february-2022/. 2022.

54. Honnibal M and Montani I. Spacy 2: natural language under-
standing with Bloom embeddings, convolutional neural net-
works and incremental parsing. To Appear 2017; 7: 411–420.

55. Rehurek R and Sojka P. Gensim–python framework for
vector space modelling. NLP Centre, Faculty of Informatics.
Masaryk University Brno, Czech Republic 2011; 3: 2.

56. CorText Network Analysis & Layout. In: Cortext Manager
Documentation, https://docs.cortext.net/analysis-mapping-
heterogeneous-networks/mapping/ (2022, accessed 19 May
2022).

57. Alothali E, Zaki N, Mohamed EA, et al. Detecting social bots
on twitter: a literature review. In: 2018 International Conference
on Innovations in Information Technology (IIT), 2018, pp.175–
180. DOI: 10.1109/INNOVATIONS.2018.8605995.

58. Marres N and Moats D. Mapping controversies with social
media: the case for symmetry. Soc Media + Soc 2015; 1:
205630511560417.

59. Kington T. Julian Assange humiliated and abused me, claims
Swedish accuser Anna Ardin in new book. The Times, 2 August,
https://www.thetimes.co.uk/article/julian-assange-humiliated-
and-abused-me-claims-swedish-accuser-anna-ardin-in-new-
book-6dw9qsl8z (2021, accessed 7 June 2022).

60. Folkemødet. Om Folkemødet | Folkemødet, https://folkemoedet.
dk/om-folkemodet/om-folkemodet/ (2022, accessed 10 May
2022).

61. Fazekas Z, Popa SA, Schmitt H, et al. Elite-public interaction
on twitter: eU issue expansion in the campaign. Eur J Polit
Res 2021; 60: 376–396.

62. Mellon J and Prosser C. Twitter and Facebook are not repre-
sentative of the general population: political attitudes and
demographics of British social media users. Res Politics
2017; 4: 2053168017720008.

63. Abettan C. Between hype and hope: what is really at stake
with personalized medicine? Med Health Care Philos 2016;
19: 423–430.

64. Hoeyer K. Data as promise: reconfiguring Danish public
health through personalized medicine. Soc Stud Sci 2019;
49: 531–555.

65. Stockdale J, Cassell J and Ford E. Giving something back’: a
systematic review and ethical enquiry into public views on the
use of patient data for research in the United Kingdom and the
Republic of Ireland. Wellcome Open Res 2019; 3: 6.

66. Bruns A. Filter bubble. Internet Policy Rev 2019; 8: 1–14.
https://policyreview.info/concepts/filter-bubble (2019, accessed
7 September 2022.

12 DIGITAL HEALTH

http://dx.doi.org/10.1080/09581596.2021.1937524
http://dx.doi.org/10.1080/09581596.2021.1937524
https://ngc.dk/nyheder/2018/december/1-mia-kr-paa-vej-til-skraeddersyet-behandling-til-danske-patienter
https://ngc.dk/nyheder/2018/december/1-mia-kr-paa-vej-til-skraeddersyet-behandling-til-danske-patienter
https://ngc.dk/nyheder/2018/december/1-mia-kr-paa-vej-til-skraeddersyet-behandling-til-danske-patienter
https://ngc.dk/nyheder/2018/december/1-mia-kr-paa-vej-til-skraeddersyet-behandling-til-danske-patienter
https://help.twitter.com/en/using-twitter
https://help.twitter.com/en/using-twitter
https://help.twitter.com/en/using-twitter
https://help.twitter.com/en/using-twitter/how-to-use-hashtags
https://help.twitter.com/en/using-twitter/how-to-use-hashtags
https://help.twitter.com/en/using-twitter/how-to-use-hashtags
https://developer.twitter.com/en/products/twitter-api/academic-research
https://developer.twitter.com/en/products/twitter-api/academic-research
https://developer.twitter.com/en/products/twitter-api/academic-research
https://sodas.ku.dk/events/sodas-data-discussion-11-february-2022/
https://sodas.ku.dk/events/sodas-data-discussion-11-february-2022/
https://sodas.ku.dk/events/sodas-data-discussion-11-february-2022/
https://docs.cortext.net/analysis-mapping-heterogeneous-networks/mapping/
https://docs.cortext.net/analysis-mapping-heterogeneous-networks/mapping/
https://docs.cortext.net/analysis-mapping-heterogeneous-networks/mapping/
http://dx.doi.org/10.1109/INNOVATIONS.2018.8605995
https://www.thetimes.co.uk/article/julian-assange-humiliated-and-abused-me-claims-swedish-accuser-anna-ardin-in-new-book-6dw9qsl8z
https://www.thetimes.co.uk/article/julian-assange-humiliated-and-abused-me-claims-swedish-accuser-anna-ardin-in-new-book-6dw9qsl8z
https://www.thetimes.co.uk/article/julian-assange-humiliated-and-abused-me-claims-swedish-accuser-anna-ardin-in-new-book-6dw9qsl8z
https://www.thetimes.co.uk/article/julian-assange-humiliated-and-abused-me-claims-swedish-accuser-anna-ardin-in-new-book-6dw9qsl8z
https://folkemoedet.dk/om-folkemodet/om-folkemodet/
https://folkemoedet.dk/om-folkemodet/om-folkemodet/
https://folkemoedet.dk/om-folkemodet/om-folkemodet/
https://policyreview.info/concepts/filter-bubble
https://policyreview.info/concepts/filter-bubble

	 Introduction
	 Methodology
	 Data collection
	 Categorisation of Twitter users
	 Issue mapping

	 Who discusses what about personalised medicine?
	 Network graphs based on hashtags
	 Network graphs based on nouns

	 Discussion
	 Concluding remarks
	 Acknowledgements
	 References


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile ()
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 5
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /PDFX1a:2003
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    33.84000
    33.84000
    33.84000
    33.84000
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    9.00000
    9.00000
    9.00000
    9.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames false
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks true
      /AddColorBars false
      /AddCropMarks true
      /AddPageInfo true
      /AddRegMarks false
      /BleedOffset [
        9
        9
        9
        9
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


