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Aberrant Intra- and Internetwork 
Functional Connectivity in 
Depressed Parkinson’s Disease
Luqing Wei1, Xiao Hu2, Yajing Zhu2, Yonggui Yuan3, Weiguo Liu2 & Hong Chen1

Much is known concerning the underlying mechanisms of Parkinson’s disease (PD) with depression, 
but our understanding of this disease at the neural-system level remains incomplete. This study used 
resting-state functional MRI (rs-fMRI) and independent component analysis (ICA) to investigate intrinsic 
functional connectivity (FC) within and between large-scale neural networks in 20 depressed PD (dPD) 
patients, 35 non-depressed PD (ndPD) patients, and 34 healthy controls (HC). To alleviate the influence 
caused by ICA model order selection, this work reported results from analyses at 2 levels (low and high 
model order). Within these two analyses, similar results were obtained: 1) dPD and ndPD patients 
relative to HC had reduced FC in basal ganglia network (BGN); 2) dPD compared with ndPD patients 
exhibited increased FC in left frontoparietal network (LFPN) and salience network (SN), and decreased 
FC in default-mode network (DMN); 3) dPD patients compared to HC showed increased FC between 
DMN and LFPN. Additionally, connectivity anomalies in the DMN, LFPN and SN correlated with the 
depression severity in patients with PD. Our findings confirm the involvement of BGN, DMN, LFPN and 
SN in depression in PD, facilitating the development of more detailed and integrative neural models of 
PD with depression.

Depression is one of the most common non-motor symptoms of Parkinson disease (PD), with a prevalence of 
around 35%1 and an increasing incidence with progression of the disease2. Converging evidence indicates that 
depression in PD may be a consequence of the neurodegenerative process of the disease rather than a reac-
tive process to the chronic, disabling symptoms3. Depression associated with reduced functioning and cognitive 
impairment is a key determinant of poor health-related quality of life in patients with PD1, 4. Understanding 
depression in patients with PD is, therefore, crucial to achieve the optimal diagnosis and treatment that is needed 
for patients with this disease.

Functional neuroimaging investigations of depression in PD can advance both the diagnosis biomarkers and 
treatment evaluation of this debilitating illness. With positron emission tomography (PET), single-photon emis-
sion computed tomography (SPECT), and task-based functional magnetic resonance imaging (fMRI), functional 
anomalies in several brain regions are related to depressed PD patients (dPD), including the dorsolateral pre-
frontal cortex (DLPFC), medial prefrontal cortex (MPFC), orbitofrontal cortex (OFC), anterior cingulate cortex 
(ACC), insula, thalamus, amygdala, ventral striatum, and caudate5–9. Those findings lend support to the viewpoint 
that prefrontal cortex, basal ganglia (BG), and limbic system are involved in dPD. More recently, resting-state 
fMRI (rs-fMRI), as a novel non-invasive approach to measuring baseline brain activity and connectivity, has 
been increasingly utilized to uncover the neural underpinnings of dPD10–14. Those rs-fMRI studies using the 
amplitude of low-frequency fluctuation (ALFF) and regional homogeneity (ReHo) methods highlighted that dPD 
patients had abnormal resting brain activity in the prefrontal and limbic regions, such as amygdala, OFC, DLPFC, 
MPFC, ACC, compared with non-depressed PD (ndPD) patients10, 12–14. Also reported were aberrant resting 
brain connectivity between regions of OFC-insula, OFC-amygdala, middle temporal gyrus (MTG)-putamen, 
amygdala-putamen, median cingulate cortex (MCC)-MPFC, and MCC-PCC/precuneus (PCC/PCu)10–14, sug-
gesting disrupted functional integrity in prefrontal, cingulated, BG, and limbic areas in dPD patients. Overall, the 
above neuroimaging findings allow us to propose that depression in PD could depend on the damage to specific 
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neural networks rather than on the dysfunction of single, discrete brain region. Attempting to understand dPD 
from a network-level perspective, hence, may yield an incremental advancement to existing neural models of 
dPD. Although former researchers using region-of-interest (ROI) approach have noted the potential benefits of 
exploring dPD at the neural-system level10–14, neural network disruption in dPD remains largely obscure.

Independent component analysis (ICA), as a powerful data-driven approach with no a priori definition of 
seed regions, offers an effective means for identification of functional systems within the brain during rest, typi-
cally referred to as “resting state networks” (RSNs) or “intrinsic connectivity networks” (ICNs)15, 16. The study of 
RSNs or ICNs has already been shown to be of great potential clinical value, providing rich and sensitive markers 
of PD17–19. To our knowledge, no study so far has investigated it in dPD. Given that several prefrontal, cingulated, 
BG, and limbic regions are well documented to be implicated in dPD6, 9, 12, 13, this study sought to determine (1) 
whether the corresponding neural networks composed of these regions displayed aberrant interactions within 
each network and between them (intra- and internetwork connectivity) in dPD patients by comparing with ndPD 
and healthy subjects and (2) if so, whether the detected aberrant interactions between dPD and ndPD patients 
were related to the severity of depression in PD. To address the aforementioned issues, ICA method was per-
formed to isolate the ICNs comprising of BG network (BGN), default-mode network (DMN), salience network 
(SN) and frontoparietal network (FPN), which cover large parts of the prefrontal, cingulated, BG, and limbic 
areas relevant to dPD6, 9, 12, 13. In consideration of ICA model order selection having a significant effect on ICN’s 
characteristics20, this study acquired ICNs at 2 decomposition levels. The first is a relative lower ICA decompo-
sition estimated using minimum description length criterion21, and the second is a higher ICA decomposition 
that has been applied in previous studies20, 22. At each decomposition level, functional connectivity within each 
individual network was evaluated using the corresponding ICN’s spatial z-maps. Interactions among networks 
were measured by Pearson’s correlation between ICN’s time courses23. Relationship between abnormalities of 
intra- and internetwork connectivity and clinical severity in patients with PD was assessed by Spearman corre-
lation analysis. The results of this study will contribute to our knowledge of the neural network disruption in PD 
with depression.

Results
Demographic and clinical characteristics.  Demographic and clinical features of the sample were listed 
in Table 1. Age, gender, education level, and MMSE score were not significantly different among the three groups. 
No significant difference in disease duration, Hoehn and Yahr (H&Y) stage24, the motor component of the Unified 
Parkinson’s Disease Rating Scale (UPDRS-III)25 score, and levodopa equivalent dose (LED) were found between 
dPD and ndPD patients. By definition, the Hamilton Depression Rating Scale (HDRS) scores of dPD patients 
were significantly higher than that of ndPD patients (p < 0.001).

Intranetwork connectivity analysis.  At the 28-component level, the spatial maps of the 5 selected ICNs 
for each group are shown in Fig. 1 (one-sample t-test, p < 0.001, FDR corrected). Our procedure for independent 
component classification produced consistent ICNs17, 22, 26.

BGN: putamen, caudate, pallidum, and thalamus.
DMN: MPFC, PCC/PCu, medial and lateral temporal cortex, lateral parietal cortex (LPC).
Right/Left FPN (RFPN/LFPN): right/left posterior parietal cortex (PPC), and right/left DLPFC.
SN: anterior insula, ACC, and several subcortical and limbic structures.
BGN, DMN, LFPN, and SN were found to display altered functional connectivity among the dPD, HC 

and ndPD groups (ANOVA, p < 0.05, topological false discovery rate (topoFDR)27 corrected, Fig. 2, Table 2). 
Two-sample post hoc t-tests were then applied to determine connectivity changes between each pair of the three 
groups (p < 0.05, topoFDR corrected, Fig. 2, Table 3). Compared with HC, dPD and ndPD patients showed 
decreased connectivity in the BGN (e.g. putamen, caudate, and thalamus). Comparison of dPD and ndPD 

Groups HC(N = 34) ndPD(N = 35) dPD(N = 20) P Value

Age (years) 57.26 ± 5.95 57.80 ± 7.11 58.30 ± 7.66 0.86*

Education (years) 11.62 ± 4.91 10.69 ± 3.29 11.15 ± 3.12 0.62*

Gender (male:/female) 16/18 19/16 8/12 0.58***

HDRS 1.91 ± 2.48 7.06 ± 3.11 19.80 ± 4.37  < 0.001*

MMSE 29.12 ± 1.77 28.66 ± 1.66 28.60 ± 1.10 0.39*

UPDRS-III — 27.24 ± 13.39 28.95 ± 13.14 0.65**

H&Y — 1.77 ± 0.68 1.45 ± 0.58 0.07****

Disease duration — 6.06 ± 3.53 5.45 ± 2.84 0.51**

LED (day/mg) — 474.0 ± 375.67 512.8 ± 361.07 0.71**

Table 1.  Demographic and clinical characteristics of the total sample. *Comparisons of Age, Education, HDRS 
and MMSE among three groups used one-way ANOVA; **Differences of HARS, UPDRS-III, Disease duration 
and LED between ndPD and dPD calculated using two-sample t test; ***Gender distribution in three groups 
assessed by chi-squared test; ****Comparison of H&Y between ndPD and dPD utilized Wilcoxon rank sum 
test. Abbreviations: HC, healthy control; ndPD, non-depressed Parkinson’s disease; dPD, depressed Parkinson’s 
disease; HDRS, Hamilton Depression Rating Scale; MMSE, Mini-Mental State Exam; UPDRS, Unified 
Parkinson’s Disease Rating Scale; H&Y, Hoehn&Yahr staging; LED, L-dopa equivalent daily dose.
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subgroups, dPD patients had increased connectivity in the LFPN (e.g. DLPFC) and SN (e.g. ACC), and decreased 
connectivity in the DMN (e.g. LPC).

At the 70-component level, 7 components were identified as the most representative ICNs for BGN, DMN, 
LFPN, RFPN, and SN. The DMN was represented in 3 components28, 29, including anterior DMN (aDMN; 
MPFC), inferior-posterior (ipDMN; PCC), and superior-posterior DMN (spDMN; bilateral precuneus and angu-
lar gyrus). The BGN, SN, LFPN, and RFPN were represented in one component, respectively. The selected ICNs 
were shown as Supplementary Fig. S1. With respect to 28-component level, the similar changes were discovered 
within these networks among dPD, ndPD, and HC groups for 70-component level (p < 0.05, uncorrected, see 
Supplementary Table S1, Fig. S2). Nonetheless, these results did not survive after cluster-level FDR (topoFDR) 
correction. This may attribute to the fact that component’s spatial features, volume, and mean z-score will change 
significantly as a function of model order20. The different spatial features and z-score distribution for the chosen 
components can affect the subsequent cluster-level FDR correction.

Internetwork connectivity analysis.  At the 28-component level, connectivity between BGN and DMN, 
and between bilateral FPN and DMN were altered among the three groups (Fig. 3, Table 4). The post-hoc analysis 
showed that (1) dPD patients compared to HC had increased connectivity between DMN and LFPN; (2) ndPD 
patients in contrast to HC had increased connectivity between DMN and bilateral FPN, and between BGN and 
DMN; (3) no significant differences were found among dPD and ndPD patients (Table 4). At the 70-component 
level, we found that (1) dPD patients compared with HC exhibited increased connectivity between aDMN and 
LFPN, as well as decreased connectivity between ipDMN and RFPN; (2) ndPD patients relative to HC exhibited 
increased connectivity between aDMN and bilateral FPN, and between BGN and aDMN; (3) dPD and ndPD 
patients did not show any significant differences. The similar results were obtained using the two ICA decom-
position methods. More details about the results of ICA dimensionality = 70 were presented in Supplementary 
Table S2 (see Supplementary Fig. S3).

At the 70-component level, we also used the identified 26 components (see Supplementary Fig. S4) to fur-
ther verify the internetwork connectivity. The results were acquired by using the network-based statistic (NBS) 
method30 and post-hoc analysis. No significant differences were found between dPD and ndPD patients, and 
dPD patients relative to healthy subjects had altered connectivity between DMN and LFPN, in line with the above 

Figure 1.  Spatial maps of BGN, DMN, LFPN, RFPN, and SN in dPD, HC, and ndPD group (one-sample 
t-test, p < 0.001, FDR corrected). The first two columns represented brain maps for dPD, middle two columns 
represented brain maps for HC, and last two column represented brain maps for ndPD.
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Figure 2.  Inranetwork connectivity changes in dPD, ndPD and HC. (A) The ANOVA results for abnormal 
inranetwork connectivity among dPD, ndPD and HC groups (one-way ANOVA, p < 0.05, topoFDR corrected). 
(B), (C), (D) and (E) were the results for post-hoc comparison of inranetwork connectivity in dPD, ndPD and 
HC. (B) BGN showed decreased connectivity in dPD and ndPD by comparing with HC. (C) DMN displayed 
decreased connectivity in dPD compared with ndPD. (D) LFPN exhibited increased connectivity in dPD 
relative to ndPD. (E) SN showed increased connectivity in dPD compared to ndPD. Brian regions with cool 
(warm) color indicated significant decreased (increased) connectivity (two-sample post hoc t-tests, p < 0.05, 
topoFDR corrected).

Anatomic region Side BA
Cluster 
Size

MNI coordinates

Z valuex y z

BGN

Thalamus R — 17 9, −3, 6 5.01

Thalamus L — 45 −12, 6, 12 6.32

Caudate R — 10 12, −6, 15 5.46

Caudate L — 9 −12, 12, 0 4.25

Putamen R — 20 21, 6, 9 5.81

Putamen L — 13 −24, 9, 3 4.95

DMN

PreCU R 7 82 9, −63, 48 11.65

LPC R 40 56 42, −48, 54 6.68

FPN

DLPFC L 9 170 −12, 39, 39 9.52

SN

ACC R 24 143 3, 21, 27 9.81

Table 2.  Comparisons of intranetwork connectivity among dPD, ndPD and HC groups (one-way ANOVA, 
p < 0.05, topoFDR corrected). L, left; R, right; BA, Brodman area; MNI, Montreal Neuroscience Institute 
template; BGN, basal ganglia network; DMN, default-mode network; FPN, frontoparietal network; SN, salience 
network; LPC, Lateral parietal cortex; DLPFC, dorsolateral prefrontal cortex; ACC, anterior cingulate cortex.
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mentioned results obtained using the interested 5 or 7 components. Besides, compared to healthy controls, both 
dPD and ndPD patients had abnormal connectivity between BGN, sensorimotor, auditory, visual, and frontal 
networks. These results may explain the motor, visual, and auditory disturbance exhibited by all PD patients. 
More details were presented in Supplementary Table S3 (see Supplementary Figs S5 and S6).

Correlation analysis.  Significant intranetwork connectivity differences among three groups were detected 
on the 28-component level (survived after topoFDR correction), and then these results were applied to correlated 
with clinical severity in patients with PD. Connectivity in the detected regions of BGN, DMN, LFPN, and SN 
were used for correlation analysis with the UPDRS-III and HDRS scores in all PD patients. The results showed 
that (1) connectivity in the BGN was uncorrelated with the UPDRS-III and HDRS scores; (2) connectivity in 
the DMN was correlated negatively with the HDRS scores, and connectivity in the LFPN and SN was corre-
lated positively with the HDRS scores; (3) connectivity in the DMN, LFPN and SN was uncorrelated with the 
UPDRS-III scores (Fig. 4). For patients with dPD, connectivity in the confirmed significant regions did not show 
any correlation with the UPDRS-III and HDRS scores. This may be owing to the small sample size in dPD group, 
and further studies would be needed to test the relationship between connectivity anomalies and the severity of 
depression in dPD.

Since dPD and ndPD patients did not show any significant differences in internetwork connectivity, the corre-
lation analysis between internetwork connectivity and the UPDRS-III and HDRS scores were not performed on 
the whole PD group. Besides, we exam the correlation between DMN and LFPN connectivity and the UPDRS-III 
and HDRS scores in dPD subgroup, as dPD compared to HC exhibited enhanced connectivity between DMN 
and LFPN. Connectivity between DMN and LFPN was uncorrelated with the UPDRS-III (p = 0.15, r = −0.33) 
and HDRS scores (p = 0.41, r = 0.20) in dPD. Moreover, connectivity between aDMN and LFPN, and between 
ipDMN and RFPN, obtained using high model order ICA, were uncorrelated with the UPDRS-III (p = 0.73, 
r = 0.08; p = 0.75, r = −0.08) and HDRS scores (p = 0.45, r = −0.18; p = 0.98, r = 0.005) in dPD.

Discussion
In the current study, we applied rs-fMRI combined with two ICA decomposition methods to explore intrinsic 
connectivity changes within and between large-scale neural networks in PD with depression. Similar results can 
be obtained using these two decomposition algorithms: 1) dPD and ndPD patients relative to healthy subjects had 
decreased BGN connectivity; 2) dPD patients compared with ndPD patients exhibited increased LFPN and SN 
connectivity, and decreased DMN connectivity; 3) dPD patients in contrast to healthy controls showed hypercon-
nectivity between DMN and LFPN. Furthermore, connectivity abnormities in the DMN, LFPN and SN correlated 

Anatomic region Side BA Cluster Size

MNI coordinates

T valuex y z

dPD vs HC

BGN

Thalamus R — 13 12, −6, 12 −3.28

Thalamus L — 31 −12, −6, 12 −3.54

Caudate R — 9 9, 9, 3 −2.03

Caudate L — 7 −12, 12, 0 −2.89

Putamen R — 21 21, 3, 9 −3.24

Putamen L — 13 −12, 9, −3 −2.73

ndPD vs HC

BGN

Thalamus R — 45 18, −15, 15 −2.92

Thalamus L — 27 −6, 15, 9 −3.13

Caudate R — 9 9, 9, 3 −2.28

Putamen R — 19 21, 6, 9 −2.66

Putamen L — 17 −24, 9, 3 −3.11

dPD vs ndPD

FPN

DLPFC L 9 139 −12, 42, 39 4.36

DMN

LPC L 40 48 36, −51, 51 −3.38

SN

ACC R 24 108 3, 15, 27 3.00

Table 3.  Post-hoc comparison of intranetwork connectivity between dPD, ndPD and HC groups (two-sample 
post hoc t-tests, p < 0.05, topoFDR corrected). L, left; R, right; BA, Brodman area; MNI, Montreal Neuroscience 
Institute template; BGN, basal ganglia network; DMN, default-mode network; FPN, frontoparietal network; SN, 
salience network; LPC, lateral parietal cortex; DLPFC, dorsolateral prefrontal cortex; ACC, anterior cingulate 
cortex.

http://S3
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with the severity of depression in PD. Our results confirmed the BGN, LFPN, DMN, and SN dysfunction associ-
ated with depression in PD.

The BG subserves a wide range of functions, including motor, cognitive, motivational, and emotional pro-
cesses, and disruption of this circuit has been implicated in numerous neurological and psychiatric disorders31. 
In patients with PD, the degeneration of dopaminergic neurons in the substantia nigra pars compacta triggers 
a cascade of functional changes affecting the whole BG network32. Dopaminergic changes in BG network are 
responsible for the development of the cardinal motor features in PD, such as tremor, rigidity, and akinesia33. 
However, the dopaminergic degeneration in BG circuit was not thought to be associated purely with motor con-
trol in PD. Previous studies with PET or SPECT have found that depressed PD patients are related to dopamine 
loss in the striatum5, 9, 34, indicating the role of BG dopaminergic circuit in the occurrence of depression in PD. 
Indeed, the BG is intimately connected with the cortex through several segregated but parallel loops, which have 
been subdivided into motor, associative (cognitive), and limbic (emotional) domains35. They deal with the control 
of movement, behavior and cognition, and reward and emotions35, respectively. Dysfunction of nonmotor BG 
circuit has been proposed to explain the mood disturbances exhibited by PD patients36. In the present study, we 
found dPD and ndPD patients had reduced BGN connectivity, demonstrating that functional disruption in BGN 
was a common pathological change in depressed and non-depressed PD patients, and reinforcing the view that 
the BG dopaminergic circuit plays an essential part in the pathogenesis of depression in PD.

The DMN is a constellation of brain regions characterized by functions of self-referential processes37, and 
impairment in this network contributes to the characteristic symptom of self-focused rumination in primary 
depression38, 39. Although the involvement of DMN in primary depression is well documented, its role in PD with 
depression remains uncertain. To our knowledge, only three rs-fMRI studies have delineated the role of DMN in 

Figure 3.  Internetwork connectivity matrix for dPD, HC and ndPD. Pairwise Pearson’s correlations between 
time courses of selected ICNs (BGN, DMN, LFPN, RFPN, and SN) were Fisher-z-transformed, averaged across 
subjects for each group, and presented in a correlation matrix. Colors represent intensity of averaged z-scores.

Internetwork FC dPD HC ndPD p value

Anova

 BGN-SN 0.70 ± 0.42 0.72 ± 0.39 0.73 ± 0.31 0.96

 BGN-DMN 0.27 ± 0.36 0.096 ± 0.27 0.32 ± 0.34 0.015

 BGN-LFPN 0.55 ± 0.29 0.50 ± 0.42 0.60 ± 00.37 0.55

 BGN-RFPN 0.69 ± 0.34 0.55 ± 0.27 0.65 ± 0.32 0.21

 SN-DMN −0.09 ± 0.48 −0.14 ± 0.34 −0.03 ± 0.38 0.48

 SN-LFPN 0.42 ± 0.43 0.36 ± 0.46 0.43 ± 0.36 0.75

 SN-RFPN 0.35 ± 0.33 0.44 ± 0.36 0.38 ± 0.39 0.66

 DMN-LFPN 0.19 ± 0.43 −0.09 ± 0.31 0.21 ± 0.44 0.004

 DMN-RFPN −0.35 ± 0.33 −0.20 ± 0.30 −0.43 ± 0.46 0.047

 RFPN-LFPN 0.56 ± 0.33 0.59 ± 0.40 0.70 ± 0.35 0.30

Post-hoc comparison

 BGN-DMN dPD vs HC (p = 0.17) ndPD vs HC 
(p = 0.015*) dPD vs ndPD (p = 1.0)

 DMN-LFPN dPD vs HC (p = 0.04*) ndPD vs HC 
(p = 0.006*) dPD vs ndPD (p = 1.0)

 DMN-RFPN dPD vs HC (p = 0.52) ndPD vs HC 
(p = 0.043*) dPD vs ndPD (p = 1.0)

Table 4.  Internetwork connectivity in dPD, ndPD, and HC groups. The values for each group are denoted 
by the mean and standard deviation of connectivity value. Italics indicate p < 0.05; *Significant for p < 0.05, 
Bonferroni corrected for multiple comparisons. Abbreviations: BGN, basal ganglia network; DMN, default-
mode network; LFPN, left frontoparietal network; RFPN, right frontoparietal network; SN, salience network.
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depression in PD. Two rs-fMRI studies reported that dPD exhibited abnormalities in the nodes of DMN, such as 
decreased ALFF value in the ventral MPFC14, and increased eigenvector centrality (EC) value in the PCC40, sup-
porting the DMN impairment related to depression in PD. While another rs-fMRI study found that both dPD and 
ndPD patients had connectivity alterations in the DMN (e.g. PCu)12, demonstrating the DMN dysfunction is a 
common pathological condition in PD. A former literature provided further evidence for the above viewpoint by 
showing that there was an early functional disruption of the DMN in cognitively unimpaired PD patients19. Taken 
together, previous findings on the DMN dysfunction in depression in PD are contradictory. Here we found dPD 
patients had reduced DMN connectivity (e.g. LPC) relative to ndPD patients, in accordance with previous two 
rs-fMRI studies14, 40, lending support to the DMN dysfunction relevant to depression in PD. The current result 
may indicate that depressed PD patients, like patients with primary depression, had a failure to normally regulate 
self-referential activity due to the DMN’s impairment41. As mentioned above, conflict findings are reported with 
respect to the role of DMN in PD with depression, and thus the present result of abnormal DMN connectivity 
involved in depressed PD should be further validated.

The FPN consisting of DLPFC and PPC takes the charge of top-down regulation of attention and emotion42. 
Abnormal communication within the FPN may underlie deficits in cognitive control and emotional regulation 
in primary depression42. The DLPFC including portions of the middle and superior frontal gyrus on the lateral 
surface of the frontal lobes is a key component in FPN, and dysfunction of this area has been recognized as a 
hallmark for the pathophysiology of depression in PD8, 14, 40, 43–46. SPECT and PET studies found that dPD patients 
exhibited increased blood flow45 and serotonin transporter density44 in the DLPFC. Two rs-fMRI studies reported 
that dPD patients had reduced ALFF14 and EC40 value in the DLPFC. Moreover, the DLPFC was identified as a 
potential therapeutic target for dPD patients43. Those findings demonstrate the association of DLPFC dysfunction 
with depression in PD. This study found dPD patients exhibited increased connectivity in the DLPFC, adding to 
the growing evidence for the DLPFC disruption devoted to the presence of depression in PD. According to former 
literature, dysfunction of the DLPFC involved in dPD patients may be secondary to pathology in the dopamin-
ergic projections from the ventral tegmental area (VTA) to the prefrontal cortex46, 47. Consequently, dopamine 
depletion in the mesocortical pathway could be used to explain the altered DLPFC connectivity with dPD in our 
study. Since the DLPFC anomalies are secondary to prefrontal dopaminergic deficiency, patient’s dopaminergic 
state (“ON” or “OFF”) would influence connectivity patterns in this region. Two fMRI studies have demonstrated 
administration of levodopa relatively normalized the DLPFC connectivity in PD48, 49. This is one possible cause 
for the DLPFC changes in opposite direction in our study (“ON” state) compared with previous two rs-fMRI 

Figure 4.  The correlations between intranetwork connectivity abnormities and the severity of depression and 
motor symptoms in PD. (A) DMN connectivity correlated negatively with HDRS scores (p < 0.001, r = −0.48), 
and uncorrelated with UPDRS-III (p = 0.98, r = −0.004) scores in PD. (B) LFPN connectivity correlated 
positively with HDRS scores (p < 0.001, r = 0.58), and uncorrelated with UPDRS-III (p = 0.96, r = 0.008) scores 
in PD. (C) SN connectivity correlated positively with HDRS scores (p = 0.004, r = 0.38), and uncorrelated with 
UPDRS-III (p = 0.89, r = −0.02) scores in PD.
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studies (“OFF” state)14, 40. Another possible cause is that ICA-derived functional connectivity is distinct from 
the ALFF and EC index. ALFF approach measures regional cerebral activity changes12. EC technique is similar 
to node degree, aimed to identify a prominent or diminished role of a specific region in whole brain network50, 
which is differ from the ICA method aimed to divide the whole brain into several subnetworks.

The SN with its robust connections to several limbic and subcortical structures has been conceptualized as 
a bottom-up processor of salient experiences26. Abnormalities of SN lead to an impaired salience processing, 
contributing to the onset and maintenance of depressive symptom in general population51, 52. Investigators have 
found greater activation in depressed than in non-depressed subjects in the nodes of SN (e.g. insula and ACC) 
across a wide range of negative conditions53–55. The SN involved in PD with depression has also been demon-
strated in several studies. For instance, previous PET studies revealed ACC hypometabolism associated with 
depression in PD46, 56. Depressed PD patients exhibited a specific loss of dopamine and noradrenaline innervation 
in the ACC6, 57. In addition, microstructural changes in the ACC bundles were related to dPD patients58, 59. In this 
study, depressed PD patients had increased connectivity in the ACC, adding to evidence that ACC could play a 
major role in the pathogenesis of depression in PD. The involvement of ACC dysfunction in depressed PD, as 
described in former research, can attribute to the degeneration of the mesolimbic dopaminergic system in dPD 
patients6, 57. The current result of increased ACC connectivity in dPD patients, thus, may ascribe to their mesolim-
bic dopaminergic dysfunction. Within the SN, an anomalous function of the ACC is among the most consistent 
findings in depressed PD patients. The question of whether other primary nodes of the SN (e.g. anterior insula) 
affected in dPD needs to be further investigated.

In addition to the above mentioned intranetwork connectivity abnormities associated with dPD, dPD patients 
had enhanced connectivity between LFPN and DMN compared to healthy subjects. Specially, we found that the 
correlation between DMN and LFPN was negative in healthy controls but positive in dPD patients, indicating 
that normal reciprocity (anticorrlation) between DMN and FPN was weakened in dPD patients. This weakened 
reciprocity would lead to a poor switching between DMN-based self-referential and FPN-based goal-directed 
processes in primary depression, accounting for depressive symptoms of patients with this disease42, 60. Here 
we discovered reduced anticorrelation between DMN and LFPN in dPD, in keeping with previous findings on 
patients with primary depression, suggesting inappropriate engagement of anticorrelated networks is a generic 
marker for the development of depressive symptoms. Abnormal communication between DMN and FPN impli-
cated in dPD can be also validated by using high model order ICA, even though the relationship between DMN’s 
subsystem and FPN was partially reorganized. These reorganized internetwork connectivity patterns found in 
our sample correspond with previous high model order ICA studies28, 29. The current findings needs to be further 
testified due to the lack of study on the relationship between ICNs in dPD.

Finally, we found that connectivity anomalies in the BGN did not correlate with the HDRS and UPDRS-III 
scores (depressive and motor severity) in PD patients, in line with a previous rs-fMRI study presenting findings 
on BGN connectivity having no relationship with clinical indices of severity in PD17. This may indicate that BGN 
connectivity, similar to substantia nigra hyperechogenicity as identified by transcranial sonography61, is a trait 
and not a state biomarker of disease. Connectivity abnormalities in the DMN, LFPN and SN correlated with the 
HDRS scores but not with the UPDRS-III scores in PD patients, suggesting that dysfunction of the DMN, SN, and 
LFPN is responsible for the presence of depressive symptoms rather than motor symptoms in PD, and reinforce 
the hypothesis of functional disruption of the DMN, LFPN and SN involved in depression in PD.

Several limitations warrant attention and suggest directions for future research. First, our selection of high 
model order ICA was empirical. Although it has been demonstrated that 70 components seems to be an optimal 
choice20, computational or objective criterion is still missing. To alleviate the impact of model order selection on 
the results, we also conducted analysis at 28-component level based on the minimum description length criteria21. 
Second, the dPD (n = 20) patients sample size is relatively small. Nevertheless, dPD patients were enrolled using 
stringent inclusion criteria, such as recruitment of mild to moderate stage patients, no use of antidepressants and 
dopamine agonists, etc. Third, although the MMSE was used to exclusion of demented patients, mild cognitive 
impairment in patient sample cannot be fully ruled out. This issue, however, may not influence our results a 
great deal, since dPD and ndPD patients did not differ in terms of their MMSE scores. The Montreal Cognitive 
Assessment scale (MoCA) that is preferred over the MMSE for screening of mild cognitive dysfunction could be 
included in future studies. Fourth, the use of medication is an important confounder. However, both groups of 
patients were taking similar doses of dopaminergic drugs (comparison of LED between dPD and ndPD, p = 0.71). 
Moreover, we performed correlation analysis between the LED and altered functional connectivity in the DMN, 
LFPN, and SN, and did not reveal any significant association (DMN: p = 0.27, r = 0.15; LFPN: p = 0.15, r = −0.20; 
SN: p = 0.11, r = 0.22). Finally, the lack of non-PD depression group left unanswered the question whether dys-
functional neural networks (e.g. BGN, DMN, FPN, and SN) observed in depressed PD patients were associated 
with depression in the general population. It does not enable us to determine whether the depression of PD shares 
a common neurobiological substrate with that of primary depression. Individuals with primary depression would 
be recruited in the future to help us better understanding of the dysfunctional neural networks in depression, PD 
with depression, and PD without depression.

In summary, this study, to best of our knowledge, provides the first evidence of neural network dysfunction 
in depressed PD patients, including reduced connectivity in the BGN and DMN, increased connectivity in the 
LFPN and SN, as well as hyperconnectivity between DMN and LFPN. These neuroimaging deficits exhibited by 
dPD patients may attribute to dysfunction of BG dopaminergic circuits and mesocorticolimbic dopamine sys-
tems in dPD3, 57, 62. However, this hypothesis should be evaluated by future rs-fMRI studies combined with the 
corresponding PET/SPECT data.
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Methods
Participants.  70 right-handed PD patients (21 dPD and 49 ndPD) were recruited from the movement dis-
orders outpatient clinic of Nanjing Brain Hospital (Nanjing, China). All had a diagnosis of idiopathic PD by an 
experienced neurologist according to the UK Parkinson Disease Society Brain Bank Criteria. To minimize the 
impact of head motion, PD patients were studied while taking their usual medications (“ON” state). Exclusion 
criteria were: (1) moderate to severe head tremor; (2) cerebrovascular disorders, including previous stroke, his-
tory of head injury, history of seizure, hydrocephalus, intracranial mass, previous neurological surgery and other 
neurologic diseases; (3) antiparkinsonian treatment with dopamine agonists, (4) antidepressant treatment or 
other psychiatric therapy; (5) Mini Mental State Examination (MMSE) score < 24; and (6) incomplete clinic 
information. 4 ndPD patients were excluded from the present analyses due to the stringent exclusion criteria. 
The remaining 66 PD patients were on stable dopaminergic treatment for at least 4 weeks prior to study entry. In 
addition, 50 right-handed healthy controls (HC) were recruited from local individuals who volunteered to partic-
ipate in scientific studies. 1 HC with MMSE <24 were discarded. The remaining 49 control subjects had a normal 
neurological status with no history of either neurological or psychiatric diseases. Table 1 contains additional 
demographic details. The study was carried out in accordance with the Declaration of Helsinki. Experimental 
protocols were approved by the medical research ethical committee of Nanjing Brain Hospital. Written informed 
consent was obtained from all participants.

Neuropsychological Evaluation.  Psychometric and neurologic assessments with all PD patients were 
done in the “ON” state, i.e. with their usual antiparkinsonian medication. Each patient’s disease severity was 
measured by H&Y stage and UPDRS-III. Only mild to moderate stage patients were enrolled in the study in 
order to complete a long scan. Non-depressed patients were matched with depressed patients on the basis of 
disease severity. Diagnosis of depression was using the Diagnostic and Statistical manual of Mental Disorders, 
Fifth Edition (DSM-V) criteria by an experienced, board-certified psychiatrist trained for Structured Clinical 
Interview. The severity of depression was evaluated using the 17-item Hamilton Depression Rating Scale (HDRS-
17). All depressed PD patients had a HDRS-17 score higher than 14 points. All the subjects were administered the 
MMSE, and individuals with MMSE score <24 were not included. Data pertaining to age, gender, handedness, 
education level, disease duration, and clinical symptom ratings were collected by a movement disorder specialist 
prior to MRI examination.

Image data acquisition.  All the patients were in the “ON” state before and during scanning. Image data 
were acquired using a Siemens 3.0-Tesla signal scanner (Siemens, Verio, Germany). Subjects were instructed 
to stay awake and close their eyes, and to try not to think of anything. Functional imaging data were collected 
transversely by using a gradient-recalled echo-planar imaging (GRE-EPI) pulse sequence with the follow-
ing settings: TR/TE = 200 ms/30 ms, flip angle = 90°, matrix = 64 × 64, FOV = 220 mm × 220 mm, thickness/
gap = 3.5 mm/0.6 mm, in-plane resolution = 3.4 mm × 3.4 mm, slices = 31. For each subject, a total of 140 vol-
umes were obtained, resulting in a total scan time of 280 s. High resolution anatomical images were acquired 
using a T1 fluid attenuated inversion recovery (FLAIR) sequence (TR/TE = 2530 ms/3.34 ms, flip angle = 7°, 
matrix = 256 × 192, FOV = 256 mm × 256 mm, slice thickness/gap = 1.33 mm/0.5 mm, 128 slices covered the 
whole brain).

Data preprocessing.  Structural images were reoriented to the anterior commissure and segmented into 
grey matter (GM), white matter (WM), cerebrospinal fluid (CSF), skull, and soft tissue outside the brain, using 
the standard segmentation option in SPM 12 (http://www.fil.ion.ucl.ac.uk/spm/). Then the segmented tissue class 
images (e.g., GM, WM) were employed to generate a group-specific template (across all subjects) using DARTEL 
toolbox in SPM12. The subject-specific flow fields yielded from the DARTEL procedure can be applied to corre-
sponding functional data in the next stage.

Resting-state functional images preprocessing was carried out using both SPM12 and AFNI (http://afni.nimh.
nih.gov/afni) packages. The steps including slice acquisition correction, head motion correction, spatial normal-
ization, and smoothing were performed with SPM 12, and the dispike procedure was achieved in AFNI software. 
Briefly, the first 5 volumes were discarded to allow for magnetization stabilization. The remaining 135 consec-
utive images were then corrected for the acquisition delay between slices using the middle slice as the reference 
frame and further realigned to the first volume to correct for head movement with SPM12. 6 subjects (3 HC and 
3 ndPD) with head motion exceeding ± 2.5 mm of translation or ± 2.5 degrees of rotation were excluded from 
the dataset. To minimize the impact of motion artifact on functional connectivity analysis63, 20 subjects (1 dPD, 7 
ndPD, and 12 HC) with excessive instantaneous head motion (mean framewise displacement (FD) exceeding 0.3) 
were discarded, resulting 20 dPD, 35 ndPD, and 34 HC for the following analyses. The instantaneous head motion 
was calculated using the six head realignment parameters, as described in63. The motion-corrected volumes were 
then despiked using AFNI’s 3dDespike algorithm to mitigate the impact of outliers. The mean functional image 
across all realigned volumes was coregistered with the structural image, and the resulting warps applied to all 
the despiked functional volumes by utilizing SPM12. Finally, all the coregistered functional images were non-
linearly normalized, subject by subject, to the sample-specific group template (using subject-specific flow fields), 
affine-aligned into stereotactic space of the Montreal Neurological Institute (3 mm isometric voxel size), and 
smoothed using a 6 mm full-width at half maximum Gaussian filter64. In addition, six head motion parameters 
obtained in the realigning step, WM signal, CSF signal, and Legendre polynomials orders up to 2nd were included 
in a linear regression to remove possible spurious variances from the data. CSF and WM mean signals were deter-
mined by averaging the native-space functional time series of all voxels contained inside the corresponding masks 
obtained from the segmentation of the structural images using DARTEL.

http://www.fil.ion.ucl.ac.uk/spm/
http://afni.nimh.nih.gov/afni
http://afni.nimh.nih.gov/afni
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Intranetwork connectivity analysis.  Preprocessed images were analyzed with the Group ICA of fMRI 
Toolbox (GIFT) software65, and following three main steps: (1) data reduction, (2) group ICA, and (3) back recon-
struction. First, principal components analysis (PCA) was applied to reduce the data dimensionality for each 
subject. The reduced data from all subjects were then concatenated and entered into a second data reduction step 
using PCA. Second, the reduced, group concatenated data were entered into the ICA algorithm (Infomax)66 to 
calculate spatially independent group components. The number of independent group components was set at 28 
and 70 respectively, based on the minimum description length criterion described in23 and high model order ICA 
used in22. The reliability of the independent components decomposition was tested by running Infomax 20 times 
in the ICASSO toolbox67. Third, individual subject components were back reconstructed from the group com-
ponents using GICA approach23, 65, during which the aggregate components and the results from data reduction 
step were used to compute the individual subject components. Each back-reconstructed component consists of a 
spatial z-map reflecting component’s functional connectivity pattern across space and an associated time course 
reflecting component’s activity across time. The group-level components corresponding to BGN, DMN, SN, and 
bilateral FPN, were selected by visual inspection and confirmed using the template-matching procedure68. The 
template for BGN, DMN, SN, and FPN was provided in GIFT software (the RSN template), and the map of 
each component was spatially correlated with specific network template. The component with largest spatial 
correlation coefficients with each of these templates was chosen and reconfirmed by visual inspection. To further 
confirm our selected ICNs, we also generated the network templates using the WFU Pickatlas69 on the basis of the 
Brodmann areas and cluster peaks reported in the literature (DMN70; SN26; FPN71; BGN17). Spatial correlation 
was performed between the components and the generated templates. For high model order ICA, the RSN tem-
plate, the generated network template, and the template came from online T-maps of 28 components29 (http://
mialab.mrn.org/data/hcp/RSN_HC_unthresholded_tmap s.nii) was employed to match with our 70 independent 
components’ spatial maps. The subsystems of BGN, DMN, FPN, and SN were chosen based on the largest spa-
tial correlation with these templates. Functional connectivity within each selected ICN was calculated using the 
reconstructed component’s spatial z-maps.

Internetwork connectivity analysis.  To evaluate functional connectivity between the selected ICNs, 
subject specific ICN’s time courses were detrended, despiked, filtered using a fifth-order Butterworth low-pass 
filter with a high frequency cutoff of 0.15 Hz, and pairwise correlated by Pearson’s correlation, following the 
approach of Jafri and colleagues23. Correlation coefficients were then transformed to z-scores using Fisher’s 
z-transformation. At the 28-component level, the number of pair-wise combinations is 10 for each subject as 5 
components were identified. At 70-component level, 7 components were identified as the most representative 
ICNs for BGN, DMN, LFPN, RFPN, and SN, and the number of pair-wise combinations is 21 for each subject.

To further verify the internetwork connectivity, we also used the identified 26 components derived from 
70 components to conduct the internetwork connectivity analysis. The identified 26 components reflected the 
BGN, DMN, auditory, visual, sensorimotor, attention, and frontal networks, respectively29. The NBS method and 
post-hoc analysis was applied to determine connectivity changes between three groups.

Statistical analysis.  Differences between groups in terms of demographic and clinical variables were con-
ducted by Pearson chi-square test, One-way analysis of variance (ANOVA), Wilcoxon rank sum test, and Student 
t test in SPSS software package (SPSS Inc, Chicago, Illinois, USA), as appropriate. The level of statistical signifi-
cance was set at P < 0.05.

To statistically evaluate functional connectivity within each selected ICN, we calculated voxel-wise one-sample 
t-tests on participants’ reconstructed spatial maps for each group using SPM12 (p < 0.001, false discovery rate 
(FDR) corrected). Comparisons of connectivity within each ICN among dPD, ndPD, and HC groups were 
performed by using a design model of one-way ANOVA in SPM12, followed by post-hoc two-sample t tests. 
The significance threshold was set at p < 0.05, corrected for multiple comparisons using topoFDR in SPM12. 
Between-group differences of connectivity among selected ICNs were assessed using an ANOVA model in SPSS, 
and post-hoc two-sample t tests were carried out to determine connectivity changes between each pair of the 
three groups (p < 0.05, Bonferroni corrected).

The correlations between the detected connectivity abnormalities and the HDRS, UPDRS-III scores were 
assessed for overall PD and dPD patients respectively, by using Spearman correlation coefficient. The statistical 
level with P < 0.05 was considered as significant.

References
	 1.	 Aarsland, D., Påhlhagen, S., Ballard, C. G., Ehrt, U. & Svenningsson, P. Depression in Parkinson disease–epidemiology, mechanisms 

and management. Nat Rev Neurol 8, 35–47, doi:10.1038/nrneurol.2011.189 (2012).
	 2.	 Rickards, H. Depression in neurological disorders: Parkinson’s disease, multiple sclerosis, and stroke. J Neurol Neurosurg Psychiatry 

76, I48–I52, doi:10.1136/jnnp.2004.060426 (2005).
	 3.	 Cummings, J. L. Depression and Parkinson’s disease: a review. Am J Psychiatry 149, 443–454, doi:10.1176/ajp.149.4.443 (1992).
	 4.	 Ravina, B. et al. The impact of depressive symptoms in early Parkinson disease. Neurology 69, 342–347, doi:10.1212/01.

wnl.0000268695.63392.10 (2007).
	 5.	 Mayberg, H. S. et al. Selective hypometabolism in the inferior frontal lobe in depressed patients with Parkinson’s disease. Ann Neurol 

28, 57–64, doi:10.1002/ana.410280111 (1990).
	 6.	 Remy, P., Doder, M., Lees, A., Turjanski, N. & Brooks, D. Depression in Parkinson’s disease: loss of dopamine and noradrenaline 

innervation in the limbic system. Brain 128, 1314–1322, doi:10.1093/brain/awh445 (2005).
	 7.	 Ballanger, B. et al. Role of serotonergic 1A receptor dysfunction in depression associated with Parkinson’s disease. Mov Disord 27, 

84–89, doi:10.1002/mds.23895 (2012).
	 8.	 Cardoso, E. F. et al. Depression in Parkinson’s disease: Convergence from voxel-based morphometry and functional magnetic 

resonance imaging in the limbic thalamus. Neuroimage 47, 467–472, doi:10.1016/j.neuroimage.2009.04.059 (2009).
	 9.	 Vriend, C. et al. Depressive symptoms in Parkinson’s disease are related to reduced [123I]FP-CIT binding in the caudate nucleus. J 

Neurol Neurosurg Psychiatry 85, 159–164, doi:10.1136/jnnp-2012-304811 (2014).

http://mialab.mrn.org/data/hcp/RSN_HC_unthresholded_tmap
http://mialab.mrn.org/data/hcp/RSN_HC_unthresholded_tmap
http://dx.doi.org/10.1038/nrneurol.2011.189
http://dx.doi.org/10.1136/jnnp.2004.060426
http://dx.doi.org/10.1176/ajp.149.4.443
http://dx.doi.org/10.1212/01.wnl.0000268695.63392.10
http://dx.doi.org/10.1212/01.wnl.0000268695.63392.10
http://dx.doi.org/10.1002/ana.410280111
http://dx.doi.org/10.1093/brain/awh445
http://dx.doi.org/10.1002/mds.23895
http://dx.doi.org/10.1016/j.neuroimage.2009.04.059
http://dx.doi.org/10.1136/jnnp-2012-304811


www.nature.com/scientificreports/

1 1Scientific Reports | 7: 2568  | DOI:10.1038/s41598-017-02127-y

	10.	 Hu, X. et al. Altered Resting-State Brain Activity and Connectivity in Depressed Parkinson’s Disease. PloS One 10, e0131133, 
doi:10.1371/journal.pone.0131133 (2015).

	11.	 Hu, X. et al. Abnormal Functional Connectivity of the Amygdala Is Associated With Depression in Parkinson’s Disease. Mov Disord 
30, 238–244, doi:10.1002/mds.26087 (2015).

	12.	 Luo, C. et al. Resting-state fMRI study on drug-naive patients with Parkinson’s disease and with depression. J Neurol Neurosurg 
Psychiatry 85, 675–683, doi:10.1136/jnnp-2013-306237 (2014).

	13.	 Sheng, K. et al. Altered spontaneous brain activity in patients with Parkinson’s disease accompanied by depressive symptoms, as 
revealed by regional homogeneity and functional connectivity in the prefrontal-limbic system. PloS One 9, e84705, doi:10.1371/
journal.pone.0084705 (2014).

	14.	 Wen, X., Wu, X., Liu, J., Li, K. & Yao, L. Abnormal baseline brain activity in non-depressed Parkinson’s disease and depressed 
Parkinson’s disease: a resting-state functional magnetic resonance imaging study. PLoS One 8, e63691, doi:10.1371/journal.
pone.0063691 (2013).

	15.	 Beckmann, C. F., DeLuca, M., Devlin, J. T. & Smith, S. M. Investigations into resting-state connectivity using independent 
component analysis. Philosophical Trans R Soc B Biol Sci 360, 1001–1013, doi:10.1098/rstb.2005.1634 (2005).

	16.	 Damoiseaux, J. S. et al. Consistent resting-state networks across healthy subjects. Proc Natl Acad Sci USA 103, 13848–13853, 
doi:10.1073/pnas.0601417103 (2006).

	17.	 Szewczyk-Krolikowski, K. et al. Functional connectivity in the basal ganglia network differentiates PD patients from controls. 
Neurology 83, 208–214, doi:10.1212/wnl.0000000000000592 (2014).

	18.	 Esposito, F. et al. Rhythm-specific modulation of the sensorimotor network in drug-naive patients with Parkinson’s disease by 
levodopa. Brain 136, 710–725, doi:10.1093/brain/awt007 (2013).

	19.	 Tessitore, A. et al. Default-mode network connectivity in cognitively unimpaired patients with Parkinson disease. Neurology 79, 
2226–2232, doi:10.1212/wnl.0b013e31827689d6 (2012).

	20.	 Abou-Elseoud, A. et al. The effect of model order selection in group PICA. Hum Brain Mapp 31, 1207–1216, doi:10.1002/hbm.20929 
(2010).

	21.	 Li, Y. O., Adali, T. & Calhoun, V. D. Estimating the number of independent components for functional magnetic resonance imaging 
data. Hum Brain Mapp 28, 1251–1266, doi:10.1002/hbm.20359 (2007).

	22.	 Smith, S. M. et al. Correspondence of the brain’s functional architecture during activation and rest. Proc Natl Acad Sci USA 106, 
13040–13045, doi:10.1073/pnas.0905267106 (2009).

	23.	 Jafri, M. J., Pearlson, G. D., Stevens, M. & Calhoun, V. D. A method for functional network connectivity among spatially independent 
resting-state components in schizophrenia. Neuroimage 39, 1666–1681, doi:10.1016/j.neuroimage.2007.11.001 (2008).

	24.	 Hoehn, M. & Yahr, M. Parkinsonism: onset, progression and mortality. Neurology 17, 427–442, doi:10.1212/wnl.17.5.427 (1967).
	25.	 Vassar, S. D. et al. Confirmatory factor analysis of the motor unified Parkinson’s disease rating scale. Parkinsons Dis 2012, 719167, 

doi:10.1155/2012/719167 (2012).
	26.	 Seeley, W. W. et al. Dissociable intrinsic connectivity networks for salience processing and executive control. J Neurosci 27, 

2349–2356, doi:10.1523/jneurosci.5587-06.2007 (2007).
	27.	 Chumbley, J., Worsley, K., Flandin, G. & Friston, K. Topological FDR for neuroimaging. Neuroimage 49, 3057–3064, doi:10.1016/j.

neuroimage.2009.10.090 (2010).
	28.	 Manoliu, A. et al. Insular dysfunction within the salience network is associated with severity of symptoms and aberrant inter-

network connectivity in major depressive disorder. Front Hum Neurosci 7, 930, doi:10.3389/fnhum.2013.00930 (2014).
	29.	 Allen, E. A. et al. A baseline for the multivariate comparison of resting-state networks. Fron Syst Neurosci 5, doi:10.3389/

fnsys.2011.00002 (2011).
	30.	 Zalesky, A., Fornito, A. & Bullmore, E. T. Network-based statistic: identifying differences in brain networks. Neuroimage 53, 

1197–1207, doi:10.1016/j.neuroimage.2010.06.041 (2010).
	31.	 Di Martino, A. et al. Functional connectivity of human striatum: a resting state FMRI study. Cereb Cortex 18, 2735–2747, 

doi:10.1093/cercor/bhn041 (2008).
	32.	 Blandini, F., Nappi, G., Tassorelli, C. & Martignoni, E. Functional changes of the basal ganglia circuitry in Parkinson’s disease. Prog 

Neurobiol 62, 63–88, doi:10.1016/S0301-0082(99)00067-2 (2000).
	33.	 DeLong, M. R. Primate models of movement disorders of basal ganglia origin. Trends Neurosci 13, 281–285, doi:10.1016/0166-

2236(90)90110-V (1990).
	34.	 Chagas, M. H. et al. Neuroimaging of depression in Parkinson’s disease: a review. International psychogeriatrics/IPA 25, 1953–1961, 

doi:10.1017/S1041610213001427 (2013).
	35.	 Alexander, G. E., DeLong, M. R. & Strick, P. L. Parallel organization of functionally segregated circuits linking basal ganglia and 

cortex. Annu Rev Neurosic 9, 357–381, doi:10.1146/annurev.ne.09.030186.002041 (1986).
	36.	 Fibiger, H. C. The neurobiological substrates of depression in Parkinson’s disease: a hypothesis. Can J Neurolog Sci. 11, 105–107, 

doi:10.1017/S0317167100046230 (1984).
	37.	 Buckner, R. L., Andrews-Hanna, J. R. & Schacter, D. L. The brain’s default network: anatomy, function, and relevance to disease. Ann 

N Y Acad Sci 1124, 1–38, doi:10.1196/annals.1440.011 (2008).
	38.	 Cooney, R. E., Joormann, J., Eugene, F., Dennis, E. L. & Gotlib, I. H. Neural correlates of rumination in depression. Cogn Affect Behav 

Neurosci 10, 470–478, doi:10.3758/cabn.10.4.470 (2010).
	39.	 Hamilton, J. P., Farmer, M., Fogelman, P. & Gotlib, I. H. Depressive Rumination, the Default-Mode Network, and the Dark Matter 

of Clinical Neuroscience. Biol Psychiatry 78, 224–230, doi:10.1016/j.biopsych.2015.02.020 (2015).
	40.	 Lou, Y. et al. Altered brain network centrality in depressed Parkinson’s disease patients. Mov Disord 30, 1777–1784, doi:10.1002/

mds.26321 (2015).
	41.	 Sheline, Y. I. et al. The default mode network and self-referential processes in depression. Proc Natl Acad Sci USA 106, 1942–1947, 

doi:10.1073/pnas.0812686106 (2009).
	42.	 Kaiser, R. H., Andrews-Hanna, J. R., Wager, T. D. & Pizzagalli, D. A. Large-Scale Network Dysfunction in Major Depressive 

Disorder: A Meta-analysis of Resting-State Functional Connectivity. JAMA psychiatry 72, 603–611, doi:10.1001/
jamapsychiatry.2015.0071 (2015).

	43.	 Cardoso, E. F. et al. rTMS treatment for depression in Parkinson’s disease increases BOLD responses in the left prefrontal cortex. Int 
J Neuropsychoph 11, 173–183, doi:10.1017/S1461145707007961 (2008).

	44.	 Boileau, I. et al. Elevated serotonin transporter binding in depressed patients with Parkinson’s disease: a preliminary PET study with 
[11C]DASB. Mov Disord 23, 1776–1780, doi:10.1002/mds.22212 (2008).

	45.	 Pålhagen, S. E., Ekberg, S., Wålinder, J., Granérus, A.-K. & Granerus, G. HMPAO SPECT in Parkinson’s disease (PD) with major 
depression (MD) before and after antidepressant treatment. J Neurol 256, 1510–1518, doi:10.1007/s00415-009-5155-x (2009).

	46.	 Ring, H. et al. Depression in Parkinson’s disease. A positron emission study. Brit J Psychiatry 165, 333–339, doi:10.1192/bjp.165.3.333 
(1994).

	47.	 Starkstein, S. E. et al. Depression and cognitive impairment in Parkinson’s disease. Brain 112(Pt 5), 1141–1153, doi:10.1093/
brain/112.5.1141 (1989).

	48.	 Wu, T. et al. Changes of functional connectivity of the motor network in the resting state in Parkinson’s disease. Neurosci Lett 460, 
6–10, doi:10.1016/j.neulet.2009.05.046 (2009).

http://dx.doi.org/10.1371/journal.pone.0131133
http://dx.doi.org/10.1002/mds.26087
http://dx.doi.org/10.1136/jnnp-2013-306237
http://dx.doi.org/10.1371/journal.pone.0084705
http://dx.doi.org/10.1371/journal.pone.0084705
http://dx.doi.org/10.1371/journal.pone.0063691
http://dx.doi.org/10.1371/journal.pone.0063691
http://dx.doi.org/10.1098/rstb.2005.1634
http://dx.doi.org/10.1073/pnas.0601417103
http://dx.doi.org/10.1212/wnl.0000000000000592
http://dx.doi.org/10.1093/brain/awt007
http://dx.doi.org/10.1212/wnl.0b013e31827689d6
http://dx.doi.org/10.1002/hbm.20929
http://dx.doi.org/10.1002/hbm.20359
http://dx.doi.org/10.1073/pnas.0905267106
http://dx.doi.org/10.1016/j.neuroimage.2007.11.001
http://dx.doi.org/10.1212/wnl.17.5.427
http://dx.doi.org/10.1155/2012/719167
http://dx.doi.org/10.1523/jneurosci.5587-06.2007
http://dx.doi.org/10.1016/j.neuroimage.2009.10.090
http://dx.doi.org/10.1016/j.neuroimage.2009.10.090
http://dx.doi.org/10.3389/fnhum.2013.00930
http://dx.doi.org/10.3389/fnsys.2011.00002
http://dx.doi.org/10.3389/fnsys.2011.00002
http://dx.doi.org/10.1016/j.neuroimage.2010.06.041
http://dx.doi.org/10.1093/cercor/bhn041
http://dx.doi.org/10.1016/S0301-0082(99)00067-2
http://dx.doi.org/10.1016/0166-2236(90)90110-V
http://dx.doi.org/10.1016/0166-2236(90)90110-V
http://dx.doi.org/10.1017/S1041610213001427
http://dx.doi.org/10.1146/annurev.ne.09.030186.002041
http://dx.doi.org/10.1017/S0317167100046230
http://dx.doi.org/10.1196/annals.1440.011
http://dx.doi.org/10.3758/cabn.10.4.470
http://dx.doi.org/10.1016/j.biopsych.2015.02.020
http://dx.doi.org/10.1002/mds.26321
http://dx.doi.org/10.1002/mds.26321
http://dx.doi.org/10.1073/pnas.0812686106
http://dx.doi.org/10.1001/jamapsychiatry.2015.0071
http://dx.doi.org/10.1001/jamapsychiatry.2015.0071
http://dx.doi.org/10.1017/S1461145707007961
http://dx.doi.org/10.1002/mds.22212
http://dx.doi.org/10.1007/s00415-009-5155-x
http://dx.doi.org/10.1192/bjp.165.3.333
http://dx.doi.org/10.1093/brain/112.5.1141
http://dx.doi.org/10.1093/brain/112.5.1141
http://dx.doi.org/10.1016/j.neulet.2009.05.046


www.nature.com/scientificreports/

1 2Scientific Reports | 7: 2568  | DOI:10.1038/s41598-017-02127-y

	49.	 Wu, T. et al. Basal ganglia circuits changes in Parkinson’s disease patients. Neurosci Lett 524, 55–59, doi:10.1016/j.neulet.2012.07.012 
(2012).

	50.	 Binnewijzend, M. A. et al. Brain network alterations in Alzheimer’s disease measured by eigenvector centrality in fMRI are related 
to cognition and CSF biomarkers. Hum Brain Mapp 35, 2383–2393, doi:10.1002/hbm.22335 (2014).

	51.	 Hamilton, J. P., Chen, M. C. & Gotlib, I. H. Neural systems approaches to understanding major depressive disorder: an intrinsic 
functional organization perspective. Neurobiol Disease 52, 4–11, doi:10.1016/j.nbd.2012.01.015 (2013).

	52.	 Hamilton, J. P. et al. Functional neuroimaging of major depressive disorder: a meta-analysis and new integration of baseline 
activation and neural response data. Am J Psychiatry, 693–703, doi:10.1176/appi.ajp.2012.11071105 (2012).

	53.	 Mitterschiffthaler, M. T. et al. Neural basis of the emotional Stroop interference effect in major depression. Psychol Med 38, 247–256, 
doi:10.1017/S0033291707001523 (2008).

	54.	 Suslow, T. et al. Automatic mood-congruent amygdala responses to masked facial expressions in major depression. Biol Psychiatry 
67, 155–160, doi:10.1016/j.biopsych.2009.07.023 (2010).

	55.	 Fu, C. H. et al. Attenuation of the neural response to sad faces in major depression by antidepressant treatment: a prospective, event-
related functional magnetic resonance imaging study. Arch Gen Psychiatry 61, 877–889, doi:10.1001/archpsyc.61.9.877 (2004).

	56.	 Mentis, M. J. et al. Relationships among the metabolic patterns that correlate with mnemonic, visuospatial, and mood symptoms in 
Parkinson’s disease. Am J Psychiatry 159, 746–754, doi:10.1176/appi.ajp.159.5.746 (2002).

	57.	 Frosini, D. et al. Mesolimbic dopaminergic dysfunction in Parkinson’s disease depression: evidence from a 123I-FP-CIT SPECT 
investigation. J Neural Transm 122, 1143–1147, doi:10.1007/s00702-015-1370-z (2015).

	58.	 Matsui, H. et al. Depression in Parkinson’s disease. Diffusion tensor imaging study. J Neurol 254, 1170–1173, doi:10.1007/s00415-
006-0236-6 (2007).

	59.	 Kostic, V. S. et al. Regional patterns of brain tissue loss associated with depression in Parkinson disease. Neurology 75, 857–863, 
doi:10.1212/wnl.0b013e3181f11c1d (2010).

	60.	 Whitfield-Gabrieli, S. & Ford, J. M. Default mode network activity and connectivity in psychopathology. Annu Rev Clin Psychol 8, 
49–76, doi:10.1146/annurev-clinpsy-032511-143049 (2012).

	61.	 Brooks, D. J. & Pavese, N. Imaging biomarkers in Parkinson’s disease. Prog Neurobiol 95, 614–628, doi:10.1016/j.
pneurobio.2011.08.009 (2011).

	62.	 Peron, J., Dondaine, T., Le Jeune, F., Grandjean, D. & Verin, M. Emotional processing in Parkinson’s disease: a systematic review. 
Mov Disord 27, 186–199, doi:10.1002/mds.24025 (2012).

	63.	 Power, J. D., Barnes, K. A., Snyder, A. Z., Schlaggar, B. L. & Petersen, S. E. Spurious but systematic correlations in functional 
connectivity MRI networks arise from subject motion. Neuroimage 59, 2142–2154, doi:10.1016/j.neuroimage.2011.10.018 (2012).

	64.	 Salami, A., Pudas, S. & Nyberg, L. Elevated hippocampal resting-state connectivity underlies deficient neurocognitive function in 
aging. Proc Natl Acad Sci USA 111, 17654–17659, doi:10.1073/pnas.1410233111 (2014).

	65.	 Calhoun, V. D., Adali, T., Pearlson, G. D. & Pekar, J. J. A method for making group inferences from functional MRI data using 
independent component analysis. Hum Brain Mapp 14, 140–151, doi:10.1002/(ISSN)1097-0193 (2001).

	66.	 Bell, A. J. & Sejnowski, T. J. An Information Maximization Approach to Blind Separation and Blind Deconvolution. Neural Comput 
7, 1129–1159, doi:10.1162/neco.1995.7.6.1129 (1995).

	67.	 Himberg, J., Hyvärinen, A. & Esposito, F. Validating the independent components of neuroimaging time series via clustering and 
visualization. Neuroimage 22, 1214–1222, doi:10.1016/j.neuroimage.2004.03.027 (2004).

	68.	 Guo, C. C. et al. One-year test–retest reliability of intrinsic connectivity network fMRI in older adults. Neuroimage 61, 1471–1483, 
doi:10.1016/j.neuroimage.2012.03.027 (2012).

	69.	 Maldjian, J. A., Laurienti, P. J., Kraft, R. A. & Burdette, J. H. An automated method for neuroanatomic and cytoarchitectonic atlas-
based interrogation of fMRI data sets. Neuroimage 19, 1233–1239, doi:10.1016/S1053-8119(03)00169-1 (2003).

	70.	 Franco, A. R., Pritchard, A., Calhoun, V. D. & Mayer, A. R. Interrater and intermethod reliability of default mode network selection. 
Hum Brain Mapp 30, 2293–2303, doi:10.1002/hbm.20668 (2009).

	71.	 Spreng, R. N., Sepulcre, J., Turner, G. R., Stevens, W. D. & Schacter, D. L. Intrinsic architecture underlying the relations among the 
default, dorsal attention, and frontoparietal control networks of the human brain. J Cogn Neurosci 25, 74–86, doi:10.1162/
jocn_a_00281 (2013).

Acknowledgements
This work was supported by the postgraduate Science Innovation Foundation of Chongqing (CYB16060). The 
authors extended special thanks to Professor YiJun Liu who unfortunately passed away on July 2015. Thank for 
his valuable suggestions and comments throughout this research, and we are deeply grieved over his death.

Author Contributions
W.L. and H.C. designed the study. X.H., Y.Z. and Y.Y. collected the data. L.W. analyzed the data and wrote the 
manuscript. L.W. and H.C revised the manuscript. All authors reviewed the manuscript.

Additional Information
Supplementary information accompanies this paper at doi:10.1038/s41598-017-02127-y
Competing Interests: The authors declare that they have no competing interests.
Publisher's note: Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Cre-
ative Commons license, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons license and your intended use is not per-
mitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
 
© The Author(s) 2017

http://dx.doi.org/10.1016/j.neulet.2012.07.012
http://dx.doi.org/10.1002/hbm.22335
http://dx.doi.org/10.1016/j.nbd.2012.01.015
http://dx.doi.org/10.1176/appi.ajp.2012.11071105
http://dx.doi.org/10.1017/S0033291707001523
http://dx.doi.org/10.1016/j.biopsych.2009.07.023
http://dx.doi.org/10.1001/archpsyc.61.9.877
http://dx.doi.org/10.1176/appi.ajp.159.5.746
http://dx.doi.org/10.1007/s00702-015-1370-z
http://dx.doi.org/10.1007/s00415-006-0236-6
http://dx.doi.org/10.1007/s00415-006-0236-6
http://dx.doi.org/10.1212/wnl.0b013e3181f11c1d
http://dx.doi.org/10.1146/annurev-clinpsy-032511-143049
http://dx.doi.org/10.1016/j.pneurobio.2011.08.009
http://dx.doi.org/10.1016/j.pneurobio.2011.08.009
http://dx.doi.org/10.1002/mds.24025
http://dx.doi.org/10.1016/j.neuroimage.2011.10.018
http://dx.doi.org/10.1073/pnas.1410233111
http://dx.doi.org/10.1002/(ISSN)1097-0193
http://dx.doi.org/10.1162/neco.1995.7.6.1129
http://dx.doi.org/10.1016/j.neuroimage.2004.03.027
http://dx.doi.org/10.1016/j.neuroimage.2012.03.027
http://dx.doi.org/10.1016/S1053-8119(03)00169-1
http://dx.doi.org/10.1002/hbm.20668
http://dx.doi.org/10.1162/jocn_a_00281
http://dx.doi.org/10.1162/jocn_a_00281
http://dx.doi.org/10.1038/s41598-017-02127-y
http://creativecommons.org/licenses/by/4.0/

	Aberrant Intra- and Internetwork Functional Connectivity in Depressed Parkinson’s Disease

	Results

	Demographic and clinical characteristics. 
	Intranetwork connectivity analysis. 
	Internetwork connectivity analysis. 
	Correlation analysis. 

	Discussion

	Methods

	Participants. 
	Neuropsychological Evaluation. 
	Image data acquisition. 
	Data preprocessing. 
	Intranetwork connectivity analysis. 
	Internetwork connectivity analysis. 
	Statistical analysis. 

	Acknowledgements

	Figure 1 Spatial maps of BGN, DMN, LFPN, RFPN, and SN in dPD, HC, and ndPD group (one-sample t-test, p < 0.
	Figure 2 Inranetwork connectivity changes in dPD, ndPD and HC.
	Figure 3 Internetwork connectivity matrix for dPD, HC and ndPD.
	Figure 4 The correlations between intranetwork connectivity abnormities and the severity of depression and motor symptoms in PD.
	Table 1 Demographic and clinical characteristics of the total sample.
	Table 2 Comparisons of intranetwork connectivity among dPD, ndPD and HC groups (one-way ANOVA, p < 0.
	Table 3 Post-hoc comparison of intranetwork connectivity between dPD, ndPD and HC groups (two-sample post hoc t-tests, p < 0.
	Table 4 Internetwork connectivity in dPD, ndPD, and HC groups.




