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Abstract

Background: Health knowledge, as an important resource of online health communi-
ties (OHCs), attracts users to engage in OHCs and improve the traffics within OHCs,
thereby promoting the development of OHCs. Seeking and contributing health
knowledge are basic activities in OHCs and are helpful for users to solve their health-
related problems, improve their health conditions and thus influence their evaluation
of OHCs (ie perceived value of OHCs). However, how do patients’ health knowledge
seeking and health knowledge contributing behaviours together with other factors
influence their perceived value of OHCs? We still have little knowledge.

Objective: In order to address the above gap, we root the current study in social cog-
nitive theory and prior related literature on health knowledge sharing in OHCs and
patients’ perceived value. We treat health knowledge seeking and health knowledge
contributing behaviours as behavioural factors and structural social capital as an en-
vironmental factor and explore their impacts on patients’ perceived value of OHCs.
Design: We have built a theoretical model composed of five hypotheses. We have
designed a questionnaire composed of four key constructs and then collected data
via an online survey.

Setting and participants: We have distributed the questionnaire in two Chinese
OHCs. We obtained a sample of 352 valid responses that were completed by patients
having a variety of conditions.

Results: The empirical results indicate that health knowledge seeking and health
knowledge contributing have positive impacts on patients’ perceived value of OHCs.
The impact of health knowledge seeking on patients’ perceived value of OHCs is
greater than the impact of health knowledge contributing. In addition, structural so-
cial capital moderates the effects of health knowledge seeking and health knowledge
contributing on patients’ perceived value of OHCs. It weakens the effect of health
knowledge seeking but enhances the effect of health knowledge contributing on pa-

tients’ perceived value of OHCs.
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1 | INTRODUCTION

As information and communication technologies (ICTs) have be-
come ubiquitous, people have become increasingly active in on-
line health-related applications such as online health communities
(OHCs). OHCs are a type of health-related virtual community (VC)
designed particularly for different health-related stakeholders, for
example health insurance, pharmaceutical companies, hospitals,
health professionals, patients, and patients’ relatives or friends.*”
There are different types of OHCs in which users can conduct
different health-related activities, including transactions, appoint-
ment scheduling, counselling, social networking and health-related
Q&As. 1018 | this study, we particularly focus on problem-solving
communities where both health professionals and patients can par-
ticipate and collaborate for health knowledge exchange, for exam-

1317 mental health-focused

20

ple Q&A forums on health conditions,
Q&A forums,*®'? pregnancy forums such as Babytree.com,?® and
cancer-focused communities.>?*%2 In this type of OHCs, health
professionals can provide professional health knowledge by contrib-
uting to the community and responding to patients’ health-related
questions.?%?® Patients can disclose their personal health condi-
tions, make new social ties, and seek or contribute health knowl-
edge.%?425 Using OHCs can help health professionals build their

reputations and earn material rewards*?!31%26

and help patients
improve their health outcomes, such as their e-health literacy and
feeling of well-being.?’?? These advantages make OHCs an effec-
tive way to alleviate the pressures on medical resources.®%3!
Exchanging health knowledge and information is a kind of basic
activity in OHCs.38920.21.32:34 Hes|th knowledge in OHCs is a public
good, and contributors lose their control over the knowledge they
shared.®>%7 Scholars thus are curious about the reasons why people
contribute health knowledge in OHCs. For example, some studies on
health professionalshave examinedtheimpactsof factorssuchaspro-
fessional capability, reputation and economic rewards.”81%:20.31,38,39
Other studies, focused on patient users, have examined the impacts

4-6,20,33,34,40

of extrinsic and intrinsic motivations and potential hin-

dering factors such as trust and privacy protection.f”z“'30 As social

networking is an important feature of OHCs and users in OHCs also

1322 some studies have also explored the

13,28,29

pursue social interactions,
impacts of users’ social capital in OHCs.
In addition to exploring its antecedent factors, scholars re-

cently began to explore the health outcomes of exchanging health
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Conclusions: These findings contribute to the literature on patients’ perceived value
of OHCs and on the role of structural social capital in OHCs. For OHC managers, they
should provide their users more opportunities to seek or contribute health knowl-

edge in their communities.

health knowledge sharing, health services, online health communities, social interaction, social

knowledge in OHCs. For example, knowledge seekers can obtain
health knowledge for their health issues and then use it to improve
their health conditions.”*"42 Knowledge contributors also can obtain
new knowledge because they have to understand other questions
and then combine different knowledge to address those ques-
tions”?%; this process could help them to create new knowledge.
OHC use therefore positively promotes users’ health outcomes such
as health conditions, health attitude and e-health literacy.?®2%43 As
a kind of health outcome, users’ perceived value is a crucial anteced-
ent for users’ satisfaction with OHCs and also their continuous use
of OHCs.*** |n this paper, we will clarify how users’ perceived value
of OHCs is a crucial antecedent of their satisfaction with OHCs,
their continuous use of OHCs and related health outcomes in sec-
tion Literature Review. As discussed above and in section Literature
Review, few studies have explored how health knowledge exchang-
ing behaviours and other factors influence users’ perceived value of
OHCs.

In order to address the above gap, we adopted social cognitive
theory (SCT) as theoretical foundation. We treated health knowl-
edge seeking and health knowledge contributing as behavioural
factors and structural social capital as a social environmental factor,
and, finally, built a model composed of five hypotheses. We tested

our hypotheses with a sample of 352 valid responses.

2 | LITERATURE REVIEW
2.1 | Social cognitive theory

Social cognitive theory (SCT) is a classical theory on individual be-
haviours. According to SCT, personal behaviours are shaped by the
factors from three domains (ie environment, cognition and behav-
iour); the factors from any two domains can interact with each other
and then influence the factors in the third domain.*® For example,
interactions between environmental and behavioural factors, which
can be treated as parts of social environments, influences an individ-
ual's cognitions and, in turn, reshapes their behaviours and external
environment.*®

In addition to being used to explain personal knowledge shar-
ing behaviours in VCs,%74%47-4? SCT also has been used to analyse
change in personal cognition. For example, environmental factors

such as trust and interaction positively influence personal cognitive



GUO ET AL.

161
% | WiLEY

factors such as outcome expectation.37*48 Personal health knowl-
edge seeking behaviours together with environmental factors (eg
structural social capital) positively influences cancer survivors’
e-health literacy.?® The above studies indicate that the change
in personal cognitive factors could be explained by SCT. Since we
focus on how behavioural factors and environmental factors influ-
ence patients’ perceived value of OHCs, we therefore adopt SCT
as a theoretical foundation. We propose that patients’ knowledge
sharing behaviours (ie behavioural factors) together with their struc-
tural social capital (ie social environmental factor) influence patients’

perceived value of OHCs.

2.2 | Health knowledge sharing in OHCs

Following prior studies,3”47-5

we define health knowledge sharing
as a process composed of two aspects: health knowledge seeking
and health knowledge contributing. Health knowledge in OHCs
includes people's physical health, mental health, diseases and nu-
trition, such as hospital or doctor information, healthy life and be-
haviours, medicine information, personal health conditions, medical
treatments and medical experiences.**2 Health knowledge seeking
refers to the search, acquisition or consumption of health knowledge
in OHCs.”* Health knowledge contributing refers to the generation
or provision of health knowledge in OHCs.”® We reviewed prior
studies on health knowledge sharing in OHCs and summarize the
results in Table 1.

As shown in Table 1, early research primarily focused on the
antecedent factors influencing users’ health knowledge sharing
behaviours. Since meeting users’ expectations and enriching their
health outcomes are critical for users’ continuous use of OHCs
and the sustainability of OHCs,”*%2%54 recent studies have begun
to explore the consequences of their health knowledge sharing
behaviours, for example the impacts of informational support in
OHCs on patients’ health conditions, health attitude and e-health
literacy.”?82%4355 Although engaging in OHCs can improve users’
perception of value,?”® few studies have examined the impacts of
patients’ health knowledge sharing behaviours and other factors
on their perceived value of OHCs. This study aimed to address the
above gap.

2.3 | Patient social capital

Social capital is defined as the sum of the actual and potential re-
sources that an individual obtains from the network of relation-
ships.®” Social capital can be divided into three dimensions: structural
social capital, relational social capital and cognitive social capital.>’
OHCs are online health-related social networks in which users with
common interests, goals or practices interact to contribute and
seek health knowledge and engage in social interactions.»2%47 It
is the nature of social interactions and the resources embedded in
social interaction networks that sustain the OHCs.?%%” Therefore,

in addition to health knowledge resources, users’ structural social

TABLE 1 The sampling of research on knowledge sharing behaviours within OHCs

References Objects

? Patient users

& Patient users

contributing

Specific health knowledge

contributing

20 Patient users

Health professionals

Dependent variable(s)

Health conditions

General health knowledge

Health knowledge contributing

Independent variable(s)

Information support given (+), information
support received (+), emotional support given (+),
emotional support received (+)

Sense of self-worth (+), reputation (+), social
support (+), face concern (+), executional costs (-)

Sense of self-worth (+), reputation (+), social
support (+), face concern (-), cognitive costs (-)

Knowledge self-efficacy (ns), altruism (+), empathy
(+), reputation (ns), reciprocity (+)

Knowledge self-efficacy (+), altruism (+), empathy
(ns), reputation (+), reciprocity (+)

&

29

19

Patient users

Patient users

Health professionals

Health knowledge contributing
Health knowledge seeking

Health literacy

Health attitude

Voluntary participation
behaviours

Perceived benefits (+), perceived risks (ns)
Perceived benefits (+), perceived risks (ns)

Information support provisioning (+),
Information support receipt (+)

Emotional support provisioning (+),
Emotional support receipt (+)

Technical competence (TC, +), online reputation
(OR, +), economic rewards (ER, +), TC*OR (-),
TC*ER (-)

Note: Relationships between independent variables and dependent variables are shown after each independent variable (ns: not significant; +:

positive; -: negative).
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capital developed from social interactions. This is crucial and most
relevant within OHCs.*2%%758 We thus incorporate structural social
capital and explore its impacts on patients’ perceived value of OHCs.
Specifically, structural social capital in this study refers to the over-
all pattern of connections such as the strength of relationships, the
level of time spent and/or the frequency of the interactions among
individuals in OHCs.*”*? We summarize prior related studies on so-
cial capital in OHCs in Table 2.

Prior studies have explored the impacts of social capital on users’
health expectations by OHCs use. For example, structural social cap-
ital can alleviate patients’ perceived stress, depression and coping,®°
and enhance patients’ e-health Iiteracy.28 Structural social capital
also can improve patients’ health literacy and attitude via facilitating
patients’ social support provisioning and receipt in OHCs.?? Some
scholars also have examined the direct and mediating effects of
structural social capital on user-perceived value.’®%? For example,
Lee et al (2014) have found that structural social capital indirectly cre-
ates perceived value through information contributing behaviours.>®
Zhang et al (2017) have verified that structural social capital can pos-
itively influence perceived value and then indirectly influence users’

TABLE 2 Prior studies on social capital in OHCs

References Dependent variable(s) Independent variable(s)

60

Social support Structural social capital

+)

Knowledge
externalization

Structural social capital
(+), relational social
capital (ns), cognitive
social capital (ns)

Knowledge
combination

Structural social capital
(+), relational social
capital (ns), cognitive
social capital (ns)

28 Knowledge Social capital (+)
contributing

28 E-health literacy

Structural social capital
(+)

29

21

Informational support
exchange

Emotional support
exchange

Informational support

Emotional support

Companionship
support

Structural social capital
(+)

Structural social capital
(+)

Structural social capital
(ns), relational social
capital (ns), cognitive
social capital (+)

Structural social capital
(+), relational social
capital (+), cognitive
social capital (+)

Structural social capital

(+), relational social
capital (+)

Note: Relationships between independent variables and dependent

variables are shown after each independent variable (ns: not significant;

+: positive; -: negative).
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continuance intention to use WeChat.®* Similarly, Luo and Ye (2019)
have examined the direct effect of structural social capital on us-
er-perceived value in VCs.%?

As discussed above, prior studies primarily focus on the direct

effects on users’ health expectations'??%¢°

and recently have begun
to explore its moderating effects.?® This study follows the above
trend. We treat structural social capital as an environmental factor
and will examine its direct and moderating effects on patient per-

ceived value of OHCs.

2.4 | Patients’ perceived value

Perceived value of OHCs is defined as patients’ perception of the
overall utility based on a trade-off between perceived benefits and
costs of using OHCs.¢® Studies considering the direct studies on pa-
tients’ perceived value of OHCs are few, so we summarized prior re-
lated studies on user-perceived value for our reference in this study
(see Table 3).

As shown in Table 3, the factors influencing user-perceived value
can be categorized into two domains, that is individual factors and
environmental factors. Individual factors include personal factors
such as benefits and costs,®* information contributing®® and system
use behaviours.®® Environmental factors are mainly related to the
external social environment, such as perceived usefulness,®® quality

65,67 | 68

factors, resource factors** and social capita

Users’ behaviours positively influence their perceived

value.>®¢>%773 For example, users’ engagement in VCs can improve
their perception of value including expanded social relationships®®7°
and functional needs.”® In VCs, community users can develop the
perception of value through health/general topic interactions with
other users.”*”® Besides, knowledge contributing behaviours can
not only help other users to solve problems, but also are beneficial
for contributors to perceive value including improved emotions and
new close relationships.>¢7%72 Although social capital as environ-
mental factors positively influence users’ health outcomes, %282
few studies have explored how structural social capital influences

patients’ perceived value of OHCs.

3 | RESEARCH MODEL AND HYPOTHESIS
DEVELOPMENT

This study aimed to examine how patients’ knowledge sharing be-
haviours and their structural social capital influenced their perceived
value of OHCs. Specifically, we conceptualized health knowledge
seeking and health knowledge contributing as behavioural factors
and structural social capital as a social environmental factor. We
proposed that both environmental factors and behavioural factors
directly influence patients’ perceived value; in addition, structural
social capital as a social environmental factor moderates the effects
of behavioural factors on patients’ perceived value of OHCs. The

proposed research model is shown in Figure 1.
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TABLE 3 Prior studies on user-perceived value in IS

References Contexts Perspective(s)
65 Knowledge DelLone and McLean's IS
management systems success model

@ Virtual P3 community Social capital

67 Mobile services Delone and McLean's IS
success model

8 Transactional virtual Cost-benefit

communities

66 Mobile services Technology acceptance
model

44

Virtual communities Resource-based view

56

Social medias Social capital

Dependent variable(s) Independent variable(s)

Perceived benefits System quality (+), knowledge quality (+),

system use (ns)

Information value, social
value

Social capital (+)
Perceived value Service quality (+)

Extrinsic benefit (+), intrinsic benefit (+),
opportunity cost (-), Actual cost (ns)

Perceived net goal
attainment

Perceived value Perceived ease of use (ns), perceived
usefulness (4), mobility (+), perceived

security (+)

Perceived value Relationship resources (+), technology
infrastructure (+), knowledge resources

(+), human resources (+)

Information value, Information contributing (+)
experiential value,
transaction value,

social value

Note: Relationships between independent variables and dependent variables are shown after each independent variable (ns: not significant; +:

positive; -: negative).
3.1 | Main effects

Health knowledge seeking is defined as users’ search, acquisi-
tion or consumption of health knowledge in OHCs.’* Under the
user-generated content mechanism, health professionals and pa-
tient users can collaborate with each other and contribute health
knowledge into OHCs.?° OHC users, especially patients with
health issues, can search for health information or post directly
for help within OHCs. They can seek and obtain the health knowl-
edge they need.” They can then use professional health knowl-
edge to better understand their health conditions, seek possible
treatment solutions, conduct self-management activities*! and
reduce disease risks.*? Therefore, health knowledge seeking be-
haviour in OHCs is beneficial for patients to improve their health
outcomes and make them feel that using OHCs is worthwhile. We
thus hypothesized that,

H1a: Health knowledge seeking behaviour has a positive impact

on patients’ perceived value of OHCs

Social Environmental Factor

Capital

Structural Social :

)

H3b H2

Health knowledge contributing refers to patients’ generation
or provision of health knowledge in OHCs.>® Health knowledge
contributing behaviour gives the contributors a feeling of value in
two ways. First, knowledge contributors need to understand help
seekers’ questions and then contextualize their knowledge to gen-
erate better answers before posting health knowledge into OHCs.
Such a process enhances the contributors’ understanding of health
knowledge?’ and supports their learning of new knowledge in this
collaborative consumption process.9 Second, health knowledge con-
tributing behaviours enriches health knowledge in OHCs and meets
seekers’ needs of health knowledge that is useful to solve their
health-related issues.*! Health knowledge seekers in turn are more
likely to express their gratitude to the contributors.?? In above pro-
cess, contributors could develop close relationships with other users
and obtain a sense of self-worth from other users’ gratitude.2°’23'34
Namely, health knowledge contributing behaviour is beneficial for
users to improve their evaluation of the utility of OHC use (ie per-

ceived value). We thus hypothesized that,

Control Variables

—-Gender —-Age
--Education --Tenure
Patients’

Perceived Value

FIGURE 1 Research model and
hypotheses
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H1b: Health knowledge contributing behaviour has a positive
impact on patients’ perceived value of OHCs

Structural social capital describes the strength of relationships,
the level of time spent and/or the frequency of the interactions
among patients in the same OHC.*”*? Structural social capital acts
as a social environmental factor and provides patients opportunities
to evaluate the potential value they could provide. For those patients
who have a higher level of structural social capital, they can utilize
these opportunities to maximize their expected outcomes.%747
The more frequently the patients engage in OHCs, the more likely
they better understand the health knowledge that is useful for their

health issues,’®”” 29,60

improve their health conditions and expand
social relationships through interacting with others.®* Considering
that patients’ perceived value refers to the total utility derived from
their solved health issues, improved health conditions and expanded
social relationships, structural social capital thus has a positive ef-
fect on patients’ evaluation of OHC experience (ie perceived value
of OHCs).”® Hence, we hypothesized that,

H2: Structural social capital has a positive impact on patients’

perceived value of OHCs

3.2 | Moderating effects

According to SCT, individuals’ behaviours together with environmental
factors can reshape their cognitions.** OHCs enable knowledge seek-
ers to obtain relevant knowledge to improve their health conditions.*?
High structural social capital usually means users have more social
contacts. When seeking health knowledge in OHCs, patients with high
structural social capital may receive massive replies and the useful
knowledge, thus might be overwhelmed by those that are useless.””
They need to devote a lot of time and energy to distinguish useful in-
formation from useless ones and are more likely to experience negative
emotions such as anxiety and depression.8® The added unnecessary
costs would make them underestimate their perceived value of OHC
use. In addition, higher structural social capital also means that pa-
tients have diversified channels to seek their needed health resources
and obtain more value.>” They can find what they need through other
activities such as through personal channels instead of through public
postings. When users use more personal channels to seek knowledge,
they will rely less on health knowledge seeking in OHCs. Their per-
ceived value of OHC use derived from health knowledge seeking thus
is weakened by structural social capital. We hypothesized that,

H3a: Structural social capital weakens the impact of patients’ knowl-
edge seeking behaviours on their perceived value of OHCs: when struc-
tural social capital is high, the effect of knowledge seeking behaviours
will be weaker, else will be stronger.

As a social environmental factor, structural social capital provides
patients new channels to interact with each other.*”*’ They therefore
have more opportunities to discuss health knowledge and collaborate
with others to generate new health knowledge. For health knowledge
contributors with a higher level of structural social capital, their knowl-

edge could be exposed to more users and therefore receive more

WILEY-¢

gratitude. The positive feedback and experience obtained in above
process will enhance contributors’ sense of self-worth.2%23# Their
perceived value of OHC use derived from health knowledge contrib-
uting behaviours thus will be enhanced. We thus hypothesized that,

H3b: Structural social capital enhances the impact of health knowledge
contributing on patients’ perceived value of OHCs: when structural social cap-
ital is high, the effect of knowledge contributing behaviours will be stronger.

In addition to the above variables, prior studies have found that
women are more likely to continue participating in sharing,®! age
has a negative effect on users’ participation behaviours in VCs,?!
education has positive effect on users’ health knowledge contribu-
tion,?® and tenure has positive effect on users’ information-seeking
behaviours in VCs.8? We thus proposed that gender, age, education
and tenure also might influence patients’ perceived value of OHCs,
and we treated them as control variables.

4 | METHODOLOGY

We designed a questionnaire and an online survey for data collec-
tion and hypothesis test. This research was approved by the Shantou

University Academic and Ethics Board.

4.1 | Constructs and scales

All scales for our four key constructs were adopted from prior re-
search and adapted to the OHC context. We took the following pre-
cautions to translate the English scales into Chinese with an iteration
to ensure the meanings of the scale in English and in Chinese were
consistent. First, the second author together with two graduate stu-
dents translated all construct scales into Chinese and did necessary
iterations to make a draft Chinese version. Second, the first author
and third author who are bilinguals further checked the draft ver-
sion and made necessary changes to make sure the meaning of all
constructs in English and in Chinese converged. Third, in order to
make sure all measurement items were clear and understandable,
we also did a pilot study by inviting 12 undergraduate students who
have OHC use experience to complete the questionnaire. During
the process, we asked them to tell us any confusing issues and then
modified them accordingly. The questionnaire was frozen when the
back-and-forth translation and pilot test were completed. We used
a 5-point Likert-type scale (note: 1 for completely disagree and 5 for
completely agree). Table 4 shows the final items of all constructs.

4.2 | Data collection

Data were collected via an online survey in two Chinese OHCs, that
is Mijian (note: Mijian means Seeking Health, www.mijian360.com)
and Yuaigongwu (note: Yuaigongwu means Dancing with Cancers,
www.yuaigongwu.com). We clearly informed all participants that the

survey was voluntary, and all data would be used only for academic
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research. We added two questions ('"Have you ever used OHCs?' and
'Please write down the name of the OHC you use most frequently')
to determine whether the participant had ever used OHCs. If they
had never used an OHC, the survey ended. Each participant could
respond to the questionnaire only once. The survey began on 28
January 2019 and lasted for 41 days. After deleting 24 invalid items
(eg all questions were answered with the same answer, or the re-
spondent failed to identify the reverse question), we obtained a
sample of 352 valid responses. Based on the sample of 352 valid
responses, we conducted descriptive statistics, assessed the meas-

urement model and tested the structural model.

5 | RESULTS
5.1 | Results of descriptive statistics

Table 5 shows the results of demographic statistics.
There were significantly more female respondents (255 out of
352) than male ones. We checked this over-representation of females

Constructs Items

Health knowledge seeking

(HKS) health knowledge

| often use the online health community to seek

with the website Mijian. This ratio is appropriate, because many re-
spondents use OHCs due to gender-related ilinesses, such as breast
cancer. Over 89% of participants ranged in age from 16 to 55 years.
Participants aged from 26 to 35 years account for the highest pro-
portion (25.3%). In addition, over 55% of participants have OHC use
experience of more than one year. Of all users in this study, about
67% have a college-level or higher education. This suggests that users
with higher education levels have a higher tendency to use OHCs for
health knowledge.®®

5.2 | Results of measurement model assessment

We assessed the measurement model with explorative factor analy-
sis using SPSS 20 (see Table 6) and confirmative factor analysis using
Mplus 7.4 (see Table 7).

For convergent validity, as shown in Table 6, all the factor loading
values are greater than 0.5 and all average variance extracted (AVE)
values are greater than 0.5, indicating most variances are success-
fully extracted. In addition, the composite reliability (CR) values are

TABLE 4 Scales for constructs
Sources

51

| frequently use the online health community to

seek health knowledge

| spend a lot of time using the online health

community to seek health knowledge

Health knowledge
contributing (HKC)

| frequently participate in health knowledge
sharing activities in the online health community

| usually spend a lot of time conducting health
knowledge sharing activities in the online health

community

When participating in the online health

community, | usually actively share my health

knowledge with others

Patient structural social
capital (PSC)

Patients’ perceived
value (PPV)

When discussing a complicated issue, | am usually
involved in the subsequent interactions

| usually involve myself in discussions of various
topics rather than specific topics

| maintain close social relationships with some
members in the online health community

| spend a lot of time interacting with some
members in the online health community

| know some members in the online health
community on a personal level

| have frequent communication with some
members in the online health community

| think it is a good value for the money to use the
online health community

| think the cost of using the online health
community, such as money, time, and effort, is
acceptable

| think the product/service of the online health
community is considered to be a good buy

59

63
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TABLE 5 Demographic statistics of the samples

Per.
Freq. (%)
Gender Male 97 27.6
Female 255 724
Age <16 1 0.3
16-25 59 16.8
26-35 89 25.3
36-45 86 24.4
46-55 80 22.7
>55 37 10.5

WILEY-

Per.
Freq. (%)

Education High school and below 116 33.0
College 79 22.4

Undergraduate 122 34.7

Post-graduate and above 35 9.9

Tenure’ <1 158 44.9
1-2 102 29.0

2-3 47 134

3-4 22 6.3

4-5 5 1.4

>5 18 5.1

Note: *Tenure refers to the user's registered history in an OHC and measured by the time a user has been a member of an OHC.

all greater than 0.7 and all Cronbach's a values are greater than 0.6.
These indices indicate the convergent validity is good.

For discriminant validity, as shown in Table 6, all the item load-
ings in their respective factors are greater than the value in their irre-
spective factors. For example, the factor loadings of four PSC items
on PSC (ie respective construct) are above 0.737 and on HKS, HKC
and PPV (ie irrespective constructs) are less than 0.448; the former
values are greater than the later ones, indicating good discriminant
validity. In addition, as shown in Table 7, the AVE square root value
of one variable is greater than the correlation value between this
variable and the other three variables. These indices indicate a good

discriminant validity.

TABLE 6 Factorloadings

Items HKS HKC PSC PPV

HKS1 0.575 0.108 0.120 0.547
HKS2 0.810 0.163 0.165 0.383
HKS3 0.879 0.199 0.214 0.109
HKC1 0.224 0.764 0.365 0.142
HKC2 0.295 0.743 0.386 0.091
HKC3 0.047 0.802 0.321 0.306
HKC4 0.153 0.800 0.325 0.206
HKC5 0.072 0.819 0.284 0.175
PSC1 0.206 0.356 0.769 0.225
PSC2 0.261 0.448 0.737 0.118
PSC3 0.131 0.390 0.799 0.189
PSC4 0.118 0.427 0.823 0.182
PPV1 0.164 0.229 0.103 0.831
PPV2 0.218 0.113 0.215 0.737
PPV3 0.124 0.195 0.136 0.830

Cronbach's « 0.843 0.933 0.857 0.931

Note: HKS, HKC, PSC and PPV are abbreviations for health knowledge
seeking, health knowledge contributing, patient structural capital and
patients’ perceived value, respectively.

We also checked the potential collinearity issues in three differ-
ent ways. First, the eigenvalue of every single independent variable
is not equal to O and the greatest conditional index value is 3.289
that is less than 20,24 Second, the greatest variance inflation fac-
tor (VIF) value is 2.784 which is less than the suggested value 10.%°
Third, the correlation value between health knowledge contributing
and structural social capital is 0.787 which is less than the cut-off
value 0.8.8¢ Therefore, the multicollinearity has no serious effect on
the empirical results.

We also tested the model fitness (see Table 8). All indices are at

or over the acceptable level, indicating the model fitness is good.”

5.3 | Results of structural model assessment

Although the correlation value among different variables meets
the cut-off value 0.8,%° they are still slightly high. In such a situ-
ation, structural equation modelling using latent variables works
better.8”88 We therefore used the latent moderated structural
equations (LMS) approach via Mplus 7.4 to test all hypotheses (see
Figure 2).

As shown in Figure 2, the effects of health knowledge seeking
(B = 0.338, T value = 8.450) and health knowledge contributing
(B =0.204, T value = 3.931) on patients’ perceived value are signif-
icant. Hla and H1b are supported. Namely, seeking or contribut-
ing health knowledge behaviours can improve patients’ perceived
value of OHCs. We further compared the coefficient difference be-
tween health knowledge seeking and health knowledge contribut-
ing on perceived value of OHCs with a bootstrapping procedure in
Mplus 7.4.8% The test results show the difference between coeffi-
cient estimates of health knowledge seeking and health knowledge
contributing is significant (P =.043, T = 2.027). Namely, the coeffi-
cient of health knowledge seeking is significantly greater than the
coefficient of health knowledge contributing; seeking knowledge
directly meets patients’ health needs and brings patients a higher

sense of value.
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TABLE 7 Correlation matrix
AVE square
Mean SE SD CR AVE root HKS HKC PSC PPV
HKS 3.558 0.051 0.956 0.859 0.673 0.821 1
HKC 3.06 0.054 1.008 0.928 0.720 0.848 0.467*** 1
PSC 2.873 0.057 1.067 0.932 0.774 0.880 0.492*** 0.787*** 1
PPV 4.072 0.04 0.752 0.849 0.653 0.808 0.557*** 0.470*** 0.451*** 1
Note: Values in bold refer to the square root of AVE; *P < .05, **P < .01, ***P < .001.
TABLE 8 Mode-fitindexes for measurement model
Indexes x2 df X2/df GFI AGFI NFI CFI SRMR RMSEA
Results 220.729 80 2.759 0.917 0.875 0.951 0.968 0.042 0.071
Criteria - - =<5% >=09" >=087 >=097 >=097 =<0.08% =<0.08%
I Social Environmental Factor | FIGURE 2 Results for the research
‘ i model
! Structural Social i
. Capital i Control Variables
' 0.005Ms --Gender -Age
Behavioral Factors | -0.117** 0.108*~ \(T =0.085)| _Education -Tenure
; (T = -3.269) (T =3.697) "
Health Knowledge ™\ !
; Seeking : v 3
! i 0.338*** T

| (T=8450) v
Health Knowledge :
Contributing i 0.204"

(T=3.931)
Note: ns, not significant, *p < 0.05, **p < 0.01, ***p < 0.001.

The moderating effects of structural social capital on health
knowledge seeking (B = -0.117, T value = -3.269) and health knowl-
edge contributing (B = 0.108, T value = 3.697) are significant. H3a
and H3b are supported. Namely, patients’ structural social capital
weakens the effect of health knowledge seeking but strengthens
the effect of health knowledge contributing on patients’ perceived
value.

The direct effect of structural social capital on patients’ per-
ceived value is not significant (8 = 0.005, T value = 0.085). H2 is
unsupported. Therefore, the social environment does not directly
improve patients’ perceived value of OHCs. However, structural so-
cial capital acts as a moderator that changes the effects of patients’
knowledge sharing and knowledge contributing behaviours.

Finally, no control variables had a significant effect. No gender,
age, education and tenure differences were shown. Patients’ per-
ceived value is therefore related to factors other than personal de-

mographic variables.

6 | DISCUSSION

We have examined how health knowledge seeking and health knowl-

edge contributing behaviours and structural social capital influence

Patients’
Perceived Value

patient perceived value of OHCs with a sample of 352 valid responses.
Four out of the five hypotheses were supported. As the empirical
results show, health knowledge seeking and health knowledge con-
tributing have positive impacts on patients’ perceived value of OHCs;
the impact of health knowledge seeking on patients’ perceived value
of OHCs is greater than the impact of health knowledge contribut-
ing. In addition, structural social capital weakens the effect of health
knowledge seeking but enhances the effect of health knowledge con-
tributing on patients’ perceived value of OHCs. In contrast to our pre-
dictions, hypothesis H2 was unsupported. This finding is controversial
with a prior conclusion that individuals who have more structural social
capital are more possibly perceiving a high level value.®%875 We found
some evidence to explain this different finding. For example, one study
found that structural social capital positively influences information
quantity but does not significantly influence information quality.””
Namely, structural social capital does not necessarily indicate high-
quality knowledge. Thus, it is reasonable to find that structural social
capital cannot significantly impact patients’ perceived value of OHCs,
because patients’ perceived value is more likely linked to health knowl-
edge quality rather than a high quantity of possibly misleading informa-
tion.”® This finding shows that the impacts of structural social capital
on user-perceived value might be more complex than was previously

thought. More studies are needed to examine this finding.
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6.1 | Contributions to research

Our findings make two significant theoretical contributions. First,
we contribute to the literature on user-perceived value of OHCs by
verifying the impacts of patients’ health knowledge sharing behav-
jours. Our empirical results indicate that health knowledge seeking
and knowledge contributing behaviours positively influence patients’
perceived value of OHCs. This finding is similar to prior conclusions
that knowledge seeking and knowledge contributing behaviours ena-
bled individuals to obtain a higher level of perceived value®® and that
using OHCs helped patients obtain necessary information to improve
their health conditions.”?32%43 |n addition, the coefficient of health
knowledge seeking is greater than the coefficient of health knowledge
contributing, indicating that health knowledge seeking activities con-
tribute more to patients’ perceived value than knowledge contributing
activities do. This finding differs from Chen et al's (2019) finding that
health knowledge contributing had a stronger impact on patient health
conditions than health knowledge seeking did. This difference might
be relevant to patients’ primary purpose of participating in OHCs.
When their purpose is to ask for help and obtain health information
to solve their health-related problems, patients can directly meet their
needs via knowledge seeking behaviours with less costs and thus have
a higher feeling of perceived value.”*

Second, we contribute to the literature on the roles of environ-
mental factors by having verified a new moderator (ie structural so-
cial capital). Our empirical results indicate that patients’ structural
social capital enhances the impact of health knowledge contributing
but weakens the impact of health knowledge seeking on patients’
perceived value of OHCs. We provide two explanations on the
negative moderating role of structural social capital. First, patients
with high structure social capital have diversified channels to obtain
needed health knowledge in OHCs.2Y% They can meet their needs
through health knowledge seeking or other personal channels, such
as directly asking friends for help. In addition, because interactions
via texts in OHCs are asynchronous, patients must wait for answers.
Health knowledge seeking activities are thus time-consuming.
Patient structural social capital thus weakens the relationship be-
tween health knowledge seeking and patients’ perceived value of
OHCs. Second, when seeking health knowledge in OHCs, patients
with high structural capital may receive massive replies. They may
then face the problem of having too much information,”’ requir-
ing them to put more effort into distinguishing useful replies from
useless ones. In such a situation, patients with high structural social
capital are more likely to experience negative emotions.®° Structural
social capital thus has a negative moderating effect on the relation-
ship between health knowledge seeking and patients’ perceived
value of OHCs.

6.2 | Implications for practice

This study makes several contributions to OHC practice. First,

OHC could be used as channels for medical education. As our

WILEY- %

empirical results show, patients’ perceived value partially sources
from their health knowledge exchange behaviours in OHCs.
Health knowledge sharing is beneficial to meet patients’ health
needs and improve their perception of value. OHC administrators
could make policies to encourage more users to engage in OHCs.
For example, OHC administrators can optimize OHC design or
categorize health knowledge into different domains to make
OHCs easy to use.

Second, OHC administrators should be cautious about the use
of structural social capital. As our empirical results show, the mod-
erating effects of structural social capital are complex. It weakens
the effect of health knowledge seeking but enhances the effect
of health knowledge contributing. OHC administrators could lead
and encourage users to participate in frequent, diverse and inten-
sive meaningful interactions (eg health knowledge discussion) with

knowledgeable health professionals or users.

6.3 | Limitations

There are several limitations that may affect the findings in this
study. First, our sample size is relatively small. Empirical findings
might be more robust with a larger sample. Second, we built a con-
cise model that includes three antecedents (ie health knowledge
seeking, health knowledge contributing and structural social capital).
We did not include the factors such as types of health knowledge,32
characteristics of health care,? type of patients’ illnesses and char-
acteristics of OHCs that might influence patients’ perceived value
of OHCs. Including these variables, especially the characteristics of
health care and OHCs, could capture the impacts of contextual fac-
tors and therefore might have interesting findings. We address the
lack of examining the impacts of these factors as a limitation of this
study. We appeal to scholars to pay more attention to these factors
and explore their impacts on patients’ perceived value of OHCs in

future studies.

7 | CONCLUSIONS

We posit that patients’ perceived value of OHCs is influenced by
both health knowledge sharing behaviours and environmental fac-
tors. We build a model composed of five hypotheses according to
SCT and verified it with a sample of 352 valid responses. We have
verified that health knowledge seeking and health knowledge con-
tributing behaviours positively influence patients’ perceived value of
OHCs; in addition, the impact of health knowledge seeking is greater
than the impact of health knowledge contributing. Structural social
capital works as a moderator that changes the impacts of patients’
health knowledge seeking and contributing behaviours on their
perceived value of OHCs. It provides knowledge seekers more per-
sonal channels to seek knowledge directly from OHCs and weakens
patients’ perception of value derived from knowledge seeking be-

haviours in OHCs; meanwhile, it provides knowledge contributors
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more opportunities to demonstrate their knowledge in OHCs and
enhances their perception of value derived from knowledge contrib-
uting in OHCs. These findings contribute to the literature on users’
perceived value of OHCs by advancing the understanding of how
behavioural factors and environmental factors influence patients’

perceived value of OHCs.

ACKNOWLEDGEMENTS

This work was supported by the National Natural Science Foundation
of China under Grants 71501062 and 71971092, Key Projects of
Philosophy and Social Sciences Research of Chinese Ministry of
Education under Grant 19JZD021, Guangdong Provincial Science
and Technology Research Project under Grants 2017A030307026
and 2019A101002110, Guangdong Provincial Key Research Project
for Universities under Grant 2016 WQNCX036, National Foundation
raising project of Shantou University under Grant NFC16002, and
STU Scientific Research Initiation Grant under Grants STF15003
and STF18011.

CONFLICT OF INTEREST

The author declares that there is no conflict of interest.

DATA AVAILABILITY STATEMENT
The data that support the findings of this study are available on re-
quest from the corresponding author. The data are not publicly avail-
able due to privacy or ethical restrictions.

ORCID
Junjie Zhou https://orcid.org/0000-0002-7996-9548
REFERENCES

1. Eysenbach G. Medicine 2.0: social networking, collaboration,
participation, apomediation, and openness. J Med Internet Res.
2008;10(3):e22.

2. Chou WS, Hunt YM, Beckjord EB, Moser RP, Hesse BW. Social
media use in the United States: implications for health communica-
tion. J Med Internet Res. 2009;11(4):e48.

3. Huang K-Y, Chengalur-Smith I, Ran W. Not just for support: com-
panionship activities in healthcare virtual support communities.
Commun Assoc Inf Syst. 2014;29:561-594.

4. Zhao J, Ha S, Widdows R. The influence of social capital on knowl-
edge creation in online health communities. Inf Technol Manag.
2016;17(4):311-321.

5. Deng Z, Liu S. Understanding consumer health information-seek-
ing behavior from the perspective of the risk perception attitude
framework and social support in mobile social media websites. Int J
Med Inform. 2017;105:98-109.

6. Zhou J. Factors Influencing People's Personal Information
Disclosure Behaviors in Online Health Communities: A Pilot Study.
Asia Pac J Pub Health. 2018;30(3):286-295.

7. Khurana S, Qiu L, Kumar S. When a Doctor Knows, It Shows: An
Empirical Analysis of Doctors’ Responses in a Q&A Forum of an
Online Healthcare Portal. Inf Syst Res. 2019;30(3):872-891.

8. Wu H, Deng Z. Knowledge collaboration among physicians in on-
line health communities: A transactive memory perspective. Int J Inf
Manage. 2019;49:13-33.

9. Yan L, Tan Y. Feeling blue? go online: an empirical study of social
support among patients. Inf Syst Res. 2014;25(4):690-709.

10.

11.

12.

13.

14.

15.

16.

17.

18.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

Petri G, Atanasova S, Kamin T. Impact of social processes in online
health communities on patient empowerment in relationship with
the physician: emergence of functional and dysfunctional empow-
erment. J Med Internet Res. 2017;19(3):e74.

Burtch G, Hong Y, Bapna R, Griskevicius V. Stimulating online re-
views by combining financial incentives and social norms. Manag
Sci. 2017;64(5):2065-2082.

Yang H, Zhang X. Investigating the effect of paid and free feed-
back about physicians' telemedicine services on patients’ and
physicians’ behaviors: panel data analysis. J Med Internet Res.
2019;21(3):e12156.

Guo S, Guo X, Fang Y, Vogel D. How doctors gain social and eco-
nomic returns in online health-care communities: a professional
capital perspective. J Manage Inform Syst. 2017;34(2):487-519.

Ben L, Liu X, Guo X. The effects of participating in physician-driven
online health community in managing chronic disease: Evidence
from two natural experiments. MIS Quart. 2019: Online First.
Benetoli A, Chen TF, Aslani P. Consumer perceptions of using social
media for health purposes: Benefits and drawbacks. Health Inform J.
2019;25(4):1661-1674.

Fergie G, Hilton S, Hunt K. Young adults' experiences of seeking
online information about diabetes and mental health in the age of
social media. Health Expect. 2016;19(6):1324-1335.

Naderi H, Madani S, Kiani B, Etminani K. Similarity of medical con-
cepts in question and answering of health communities. Health
Inform J. 2019;1-12.

Jones RB, Ashurst EJ. Online anonymous discussion between ser-
vice users and health professionals to ascertain stakeholder con-
cerns in using e-health services in mental health. Health Inform J.
2013;19(4):281-299.

Zhou J, Zuo M, Ye C. Understanding the factors influencing health
professionals' online voluntary behaviors: Evidence from YiXinLi,
a Chinese online health community for mental health. Int J Med
Inform. 2019;130:e103939.

Zhang X, Liu S, Deng Z, Chen X. Knowledge sharing motivations in
online health communities: A comparative study of health profes-
sionals and normal users. Comput Hum Behav. 2017;75:797-810.
Huang K-Y, Chengalur-Smith I, Pinsonneault A. Sharing is caring:
Social support provision and companionship activities in healthcare
virtual support communities. MIS Quart. 2019;43(2):395-423.
Zhou J, Wang G, Zhou T, Fan T. The role of off-topic discussions
in online health support groups: Insights from a content anal-
ysis of an online rectal cancer group. Support Care Cancer.
2020;28(2):1-8.

Zhang X, Liu S, Chen X, Gong Y. Social capital, motivations, and
knowledge sharing intention in health Q&A communities. Manag
Decis. 2017;55(7):1536-1557.

Feng CL, Cheng ZC, Huang LJ. An investigation into patient
privacy disclosure in online medical platforms. IEEE Access.
2019;7:29085-29095.

Nambisan P, Gustafson D, Hawkins R, Pingree S. Social support and
responsiveness in online patient communities: impact on service
quality perceptions. Health Expect. 2016;19(1):87-97.

Zhou J, Liu F, Zhou T. Exploring the factors influencing consum-
ers to voluntarily reward free health service contributors in on-
line health communities: Empirical study. J Med Internet Res.
2020;22(4):e16526.

Zheng Y, Wei D, Li J, Zhu T, Ning H. Internet use and its impact on
individual physical health. IEEE Access. 2016;4:5135-5142.

Zhou J, Fan T. Understanding the factors influencing patient
e-health literacy in online health communities (OHCs): A so-
cial cognitive theory perspective. Int J Environ Res Public Health.
2019;16(14):e2455.

Chen L, Baird A, Straub D. Fostering participant health knowl-
edge and attitudes: An econometric study of a chronic


https://orcid.org/0000-0002-7996-9548
https://orcid.org/0000-0002-7996-9548

GUO ET AL.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

44,

45.

46.

47.

48.

49.

disease-focused online health community. J Manage Inform Syst.
2019;36(1):194-229.

Hong Z, Deng Z, Zhang W. Examining factors affecting patients
trust in online healthcare services in China: the moderating role of
the purpose of use. Health Inform J. 2019;25(4):1647-1660.

Jing D, Jin Y, Liu J. The impact of monetary incentives on physician
prosocial behavior in online medical consulting platforms: Evidence
from China. J Med Internet Res. 2019;21(7):e14685.

Park J, Gabbard JL. Factors that affect scientists' knowledge shar-
ing behavior in health and life sciences research communities: dif-
ferences between explicit and implicit knowledge. Comput Hum
Behav. 2018;78:326-335.

LiY, Wang X, Lin X, Hajli M. Seeking and sharing health information
on social media: A net valence model and cross-cultural compari-
son. Technol Forecast Soc Chang. 2018;126:28-40.

Yan Z, Wang T, Yi C, Han Z. Knowledge sharing in online health
communities: A social exchange theory perspective. Inf Manage.
2016;53(5):643-653.

Wasko MM, Teigland R, Faraj S. The provision of online public
goods: Examining social structure in an electronic network of prac-
tice. Decis Support Syst. 2009;47(3):254-265.

Hardey M. Doctor in the house: the Internet as a source of lay
health knowledge and the challenge to expertise. Sociol Health ill.
1999;21(6):820-835.

Zhou J, Zuo M, Yu Y, Chai W. How fundamental and supple-
mental interactions affect users’ knowledge sharing in vir-
tual communities? A social cognitive perspective. Internet Res.
2014;24(5):566-586.

LiJ, Tang J, Jiang L, Yen DC, Liu X. Economic success of physicians in
the online consultation market: A signaling theory perspective. Int J
Electron Commer. 2019;23(2):244-271.

Shah AM, Yan X, Shah SAA, Shah SJ, Mamirkulova G. Exploring the
impact of online information signals in leveraging the economic re-
turns of physicians. J Biomed Inform. 2019;98:103272.

Guan T, Wang L, Jin J, Song X. Knowledge contribution behavior in
online Q&A communities: An empirical investigation. Comput Hum
Behav. 2018;81:137-147.

Weaver J, Mays DWeaver SS, Hopkins GL, Eroglu D, Bernhardt JM.
Health information-seeking behaviors, health indicators, and health
risks. Am J Public Health. 2010;100(8):1520-1525.

Poortaghi S, Raiesifar A, Bozorgzad P, Golzari SE, Parvizy S, Rafii F.
Evolutionary concept analysis of health seeking behavior in nursing:
a systematic review. BMC Health Serv Res. 2015;15(1):e523.

Zhou J, Wang C. Improving cancer survivors’ e-health literacy via
online health communities (OHCs): A social support perspective. J
Cancer Surviv. 2020;14(1):1-10.

Chang C-M, Hsu M-H, Hsu C-S, Cheng H-L. Examining the role
of perceived value in virtual communities continuance: its an-
tecedents and the influence of experience. Behav Inf Technol.
2014;33(5):502-521.

Ma L, Zhang X, Ding XY. Social media users’ share intention and
subjective well-being: An empirical study based on WeChat. Online
Inf Rev. 2018;42(6):784-801.

Bandura A. Social foundations of thought and action. Englewood
Cliffs, NJ: Prentice Hall; 1986.

Chiu CM, Hsu MH, Wang ET. Understanding knowledge sharing in
virtual communities: An integration of social capital and social cog-
nitive theories. Decis Support Syst. 2006;42(3):1872-1888.

Hsu MH, Ju TL, Yen CH, Chang CM. Knowledge sharing be-
havior in virtual communities: The relationship between trust,
self-efficacy, and outcome expectations. Int J Hum-Comput Stud.
2007;65(2):153-169.

Lin MJJ, Hung SW, Chen CJ. Fostering the determinants of knowl-
edge sharing in professional virtual communities. Comput Hum
Behav. 2009;25(4):929-939.

51.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

64.

65.

66.

67.

68.

69.

70.

71.

WILEY- %

Usoro A, Sharratt MW, Tsui E, Shekhar S. Trust as an antecedent to
knowledge sharing in virtual communities of practice. Knowl Manag
Res Pract. 2007;5(3):199-212.

Yan Y, Davison RM. Exploring behavioral transfer from knowledge
seeking to knowledge contributing: The mediating role of intrinsic
motivation. J Assoc Inf Sci Tech. 2013;64(6):1144-1157.

Valaitis RK, Akhtar-Danesh N, Brooks F, Binks S, Semogas D. Online
communities of practice as a communication resource for com-
munity health nurses working with homeless persons. J Adv Nurs.
2011;67(6):1273-1284.

Davenport TH, Prusak L. Working knowledge: How organizations
manage what they know. Boston, MA: Harvard Business Press; 1998.
Kuang L, Huang N, Hong Y, Yan Z. Spillover effects of financial
incentives on non-incentivized user engagement: Evidence from
an online knowledge exchange platform. J Manage Inform Syst.
2019;36(1):289-320.

Synnot A, Hill S, Garner K, et al. Online health information seek-
ing: how people with multiple sclerosis find, assess and integrate
treatment information to manage their health. Health Expect.
2016;19(3):727-737.

Lee MR, Yen DC, Hsiao CY. Understanding the perceived commu-
nity value of Facebook users. Comput Hum Behav. 2014;35:350-358.
Nahapiet J, Ghoshal S. Social capital, intellectual capital, and the
organizational advantage. Acad Manage Rev. 1998;23(2):242-266.
Wasko MM, Faraj S. Why should | share? Examining social capital
and knowledge contribution in electronic networks of practice. MIS
Quart. 2005;29(1):35-57.

Sun'Y, Fang Y, Lim KH, Straub D. User satisfaction with information
technology service delivery: A social capital perspective. Inf Syst
Res. 2012;23(4):1195-1211.

Beaudoin CE, Tao C-C. Benefiting from social capital in online sup-
port groups: An empirical study of cancer patients. Cyber Psychol
Behav. 2007;10(4):587-590.

Zhang CB, Li YN, Wu B, Li DJ. How WeChat can retain users: Roles
of network externalities, social interaction ties, and perceived
values in building continuance intention. Comput Hum Behav.
2017;69:284-293.

Luo Y, Ye Q. Understanding consumers' loyalty to an online out-
shopping platform: The role of social capital and perceived value.
Sustainability. 2019;11(19):e5371.

Wang YS. Assessing e-commerce systems success: a respecification
and validation of the DelLone and McLean model of IS success. Inf
Syst J. 2008;18(5):529-557.

Sun'Y, Fang Y, Lim KH. Understanding knowledge contributors' sat-
isfaction in transactional virtual communities: A cost-benefit trade-
off perspective. Inf Manage. 2014;51(4):441-450.

Wu JH, Wang YM. Measuring KMS success: A respecification of the
DelLone and McLean's model. Inf Manage. 2006;43(6):728-739.
Wang C. Antecedents and consequences of perceived value in
Mobile Government continuance use: An empirical research in
China. Comput Hum Behav. 2014;34:140-147.

Kuo YF, Wu CM, Deng WJ. The relationships among service qual-
ity, perceived value, customer satisfaction, and post-purchase
intention in mobile value-added services. Comput Hum Behav.
2009;25(4):887-896.

Mathwick C, Wiertz C, De Ruyter K. Social capital production in a
virtual P3 community. J Consum Res. 2007;34(6):832-849.

Marbach J, Lages C, Nunan D, Ekinci Y. Consumer engagement in
online brand communities: the moderating role of personal values.
Eur J Market. 2019;53(9):1671-1700.

Chen C, DuR, Li J, Fan W. The impacts of knowledge sharing-based
value co-creation on user continuance in online communities. Inf
Discov Deliv. 2017;45(4):227-239.

Liu W, Fan X, Ji R, Jiang Y. Perceived community support, users'
interactions, and value co-creation in online health community: The



162
s | \wiLEy

72.

73.
74.
75.
76.
77.

78.
79.

80.
81.
82.

83.

84.

moderating effect of social exclusion. Int J Environ Res Public Health.
2020;17(1):204.

Akman H, Plewa C, Conduit J. Co-creating value in online innova-
tion communities. Eur J Market. 2019;53(6):1205-1233.

Zhang M, Guo L, Hu M, Liu W. Influence of customer engagement
with company social networks on stickiness: Mediating effect of
customer value creation. Int J Inf Manage. 2017;37(3):229-240.
Ellison NB, Steinfield C, Lampe C. The benefits of Facebook
"friends:" Social capital and college students' use of online social
network sites. J Comput-Mediat Commun. 2007;12(4):1143-1168.
Magsamen-Conrad K, Billotte-Verhoff C, Greene K. Technology
addiction's contribution to mental wellbeing: The positive effect of
online social capital. Comput Hum Behav. 2014;40:23-30.
Chandwani R, De R. Doctor-patient interaction in telemedicine:
Logic of choice and logic of care perspectives. Inf Syst Front.
2017;19(4):955-968.

Jiang ZH, Chan J, Tan BCY, Chua WS. Effects of Interactivity on
Website Involvement and Purchase Intention. J Assoc Inf Syst.
2010;11(1):34-59.

Wu CHJ. The influence of customer-to-customer interactions and role
typology on customer reaction. Serv Ind J. 2008;28(10):1501-1513.
LuY, Yang D. Information exchange in virtual communities under ex-
treme disaster conditions. Decis Support Syst. 2011;50(2):529-538.
Yoo JH, Jeong EJ. Psychosocial effects of SNS use: A longitudinal
study focused on the moderation effect of social capital. Comput
Hum Behav. 2017;69:108-119.

Sun Y, Fang Y, Lim KH. Understanding sustained participa-
tion in transactional virtual communities. Decis Support Syst.
2012;53(1):12-22.

Zheng Y, Zhao K, Stylianou A. The impacts of information quality
and system quality on users' continuance intention in informa-
tion-exchange virtual communities: An empirical investigation.
Decis Support Syst. 2013;56:513-524.

Jo HS, Hwang M-S, Lee H. Market segmentation of health information
use on the Internet in Korea. Int J Med Inform. 2010;79(10):707-715.
Snijders TAB, Bosker RJ. Multilevel analysis: An introduction to basic
and advanced multilevel modeling. London, England: Sage: Thousand
Oaks; 1999.

85.

86.

87.

88.

89.

90.

91.

92.

93.

94.

GUO ET AL.
Diamantopoulos A. Incorporating formative measures into
covariance-based structural equation models. MIS Quart.

2011;35(2):335-358.

Mason CH, Perreault WD. Collinearity, power, and interpretation of
multiple regression analysis. J. Mark Res. 2011;28(3):268-280.

Klein A, Moosbrugger H. Maximum likelihood estimation of la-
tent interaction effects with the LMS method. Psychometrika.
2000;65(4):457-474.

Kelava A, Werner CS, Schermelleh-Engel K, et al. Advanced non-
linear latent variable modeling: Distribution analytic LMS and QML
estimators of interaction and quadratic effects. Struct Eq Model
Multi J. 2011;18(3):465-491.

Cleary S. The relationship between firm investment and financial
status. J Financ. 1999;54(2):673-692.

Bianchini C, Truccolo I, Bidoli E, Group CIQA, Mazzocut M. Avoiding
misleading information: A study of complementary medicine online
information for cancer patients. Libr Infor Sci Res. 2019;41(1):67-77.
Inkpen AC, Tsang EW. Social capital, networks, and knowledge
transfer. Acad Manage Rev. 2005;30(1):146-165.

Fornell C, Larcker DF. Structural equation models with unobserv-
able variables and measurement error: Algebra and statistics. J
Mark Res. 1981;18(1):39-50.

Hu LT, Bentler PM. Fit indices in covariance structure modeling:
sensitivity to underparameterized model misspecification. Psychol
Methods. 1998;3(4):424-453.

Steiger JH. Structural model evaluation and modification: Aninterval
estimation approach. Multivariate Behav Res. 1990;25(2):173-180.

How to cite this article: Guo C, Zhang Z, Zhou J, Deng Z.

Seeking or contributing? Evidence of knowledge sharing

behaviours in promoting patients’ perceived value of online
health communities. Health Expect. 2020;23:1614-1626.
https://doi.org/10.1111/hex.13146



https://doi.org/10.1111/hex.13146

