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Summary

Despite their important roles in host nutrition, meta-
bolism and adaptability, the knowledge on how the
mammalian gut microbial community assemble is
relatively scanty, especially regarding the ecological
mechanisms that govern microbiota along environ-
mental gradients. To address this, we surveyed the
diversity, function and ecological processes of gut
microbiota in the wild plateau pika, Ochotona curzo-
niae, along the elevational gradient from 3106 to
4331 m on ‘the Roof of the World’—Qinghai-Tibet
Plateau. The results indicated that the alpha, beta
and functional diversity of gut microbiota signifi-
cantly increased with elevation, and elevation signifi-
cantly explained the variations in the gut microbial
communities, even after controlling for geographical
distance, host sex and body weight. Some gene
functions (e.g. nitrogen metabolism and protein
kinases) associated with metabolism were enriched
in the high-altitude pikas. Null model and phyloge-
netic analysis suggest that the relative contributions

of environmental filtering responsible for local gut
communities increased with elevation. In addition,
deterministic processes dominated gut microbial
communities in the high-altitude (more than 3694 m)
pikas, while the percentages of stochastic and deter-
ministic processes were very close in the low-alti-
tude (3106 and 3580 m) pikas. The observed
mechanisms that influence pika gut microbiota
assembly and function seemed to be mainly medi-
ated by the internal gut environment and by the
external environmental pressure (i.e. lower tempera-
ture) in the harsh high-altitude environment. These
findings enhance our understanding of gut micro-
biota assembly patterns and function in wild mam-
mals from extreme harsh environments.

Introduction

The microbes that inhabit on and inside humans and
animals have aroused the interests of scientists all over
the world, not only because of their complexity and
diversity, but also because they possess a lot of impor-
tant functions on host, including food digestion (Tre-
maroli and B€ackhed, 2012), immunity regulation (Round
and Mazmanian, 2009), disease prevention (Tlaskalova-
Hogenova et al., 2011) and physical development (Som-
mer and Backhed, 2013). The processes that influence
diversity, functions and structures of these microbial
communities are not adequately understood although we
are eager to manipulate them to restore and maintain
human health. In recent years, the application and devel-
opment of high-throughput sequencing techniques allow
us to investigate and describe the composition and
diversity of microbial communities with unprecedented
depth, whereas the knowledge on how they assemble
remains insufficient. To address this question, one effec-
tive approach is to borrow a conceptual framework from
macro-ecology, in which human and animal microbiota
may be regarded as ecological communities and their
hosts are viewed as ecosystems (Costello et al., 2012;
Burns et al., 2015; Yan et al., 2016). This method is
enormously attractive because it allows us to explore
and understand how complex microbial communities
assemble using macroscopic ecology methods.
In host–microbe systems, there are many factors (i.e.

host genetics, development, diseases and diet) that
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influence the community assembly (Burns et al., 2015;
Carmody et al., 2015; Rothschild et al., 2018). From a
broad angle, community assembly is mediated by the
three major categories of factors: (i) host traits, such as
host species, genotype and immunity (Ley et al., 2008;
Round and Mazmanian, 2009; Benson et al., 2010); (ii)
microbe–microbe interactions, such as competitive and
mutualistic interactions among species (Levy and Boren-
stein, 2013; de Muinck et al., 2013; Coyte et al., 2015);
(iii) environmental factors, such as diet (Carmody et al.,
2015), temperature (Kohl and Yahn, 2016) and elevation
(Zhang et al., 2018). Although there are many potential
factors that may contribute to community assembly in
ecology, the ecological processes responsible for com-
munity assembly can be divided into two major cate-
gories, including (i) stochastic processes, in which
species are independent of respective niches in habitats.
The community assembly is influenced by stochastic
events, such as stochastic dispersal (randomly sampling
species from a regional species reservoir), colonization
(accidental colonization of species), death (unpredictable
death of species) and ecological drift (the stochastic loss
and replacement of species). Thus, site–site variations
(including alpha and beta diversity) of communities are
generally undirectional and unpredictable (Moral and
Lacher, 2005; Costello et al., 2012; Li et al., 2016a); (ii)
deterministic processes, in which the establishment and
boom of species in an environment largely rely on their
respective niches and ecological fitness. In this case,
community assembly is mediated by deterministic fac-
tors, such as abiotic (e.g. pH, resource availabilities)
(Drury and Nisbet, 1973; Tripathi et al., 2018) and biotic
factors (e.g. competitive or mutualism interactions among
species) (Huston and Smith, 1987). Hence, the commu-
nity diversity and structure can be directional and pre-
dictable (Anderson, 2007; Li et al., 2016a). Although the
knowledge on microbial community assembly in several
ecosystems (e.g. gut, soil, water) increases in recent
years (Zhou et al., 2014; Yan et al., 2016; Tripathi et al.,
2018), the debates on different ecosystems are domi-
nated by stochastic or deterministic processes still con-
tinue. For example, gut microbiota assembly of the fruit
fly (Drosophila melanogaster) was mainly governed by
stochastic processes (Adair et al., 2018), while most of
fish (including Ctenopharyngodon idellus, Siniperca chu-
atsi and Silurus meridionalis) gut communities were
dominated by deterministic processes (Yan et al., 2016).
This implies that the relative contributions of stochastic
versus deterministic process are distinct in different
ecosystems. Even the relative importance of these pro-
cesses can vary in a specific ecosystem as time or envi-
ronment changes (Tripathi et al., 2018). The assembly of
gut microbiota should be more complicated than that of
non-host environmental microbiota in other systems (i.e.

soil and water), because gut microbial communities are
not only influenced by host traits, but also mediated by
environments (Benson et al., 2010). Notably, one recent
study found that environments probably play more impor-
tant roles than host genetics in shaping gut microbiota
(Rothschild et al., 2018). Thus, exploring the changes of
gut microbiota assembly along environmental gradients
has significant implications for manipulation of health
microbiota by regulating environmental factors.
Plateau pika (Ochotona curzoniae), a member of the

Ochotonidae family, is an important high-altitude model
animal and broadly distributed in the 3000–6000 m
above sea level (ASL) on the Qinghai-Tibet Plateau (Luo
et al., 2008). Plateau pika is also an ancient native spe-
cies, as some pika fossils found on the Qinghai-Tibet
Plateau are identified as approximately 20–30 million
years old (Wang et al., 2008). Importantly, plateau pika
plays a key role in alpine ecosystem function, including
increasing plant diversity through creating micro-habitats
(burrows), providing food resources for carnivorous ani-
mals, improving soil structure, permeability and mixing,
and promoting the circulation of ecosystem substances
(Smith and Foggin, 1999; Li et al., 2013). These unique
features make it especially attractive for studying the gut
microbial community assembly along environmental gra-
dients. First, because high altitude is positively associ-
ated with environmental stress, such as low pressure,
low oxygen, cold climate and high ultraviolet radiation
(Beall, 2006; Jablonski and Chaplin, 2010), the ecologi-
cal processes responsible for gut microbiota assembly
possibly exhibit different patterns compared with those
low-altitude animals. Second, through a long evolution-
ary process, plateau pikas have well adapted to the
high-altitude environments by the adaptation of host
genes (Yang et al., 2007; Luo et al., 2008) and physiol-
ogy (Du and Li, 1982; Du et al., 1984; Ge et al., 1998),
whereas the adaptation of microbial communities for high
altitudes is still elusive, as gut microbiota is associated
with host nutrition and metabolism (Tremaroli and B€ack-
hed, 2012). Third, pikas are mammals and their gut is
generally considered as sterile at birth, and thus, the gut
may acquire microbes through horizontal (i.e. get colo-
nists from environment) and vertical (i.e. inherit microbes
from the mother) transmission in each new generation
(Li et al., 2016b). Pika gut microbiota composition is
influenced both by host traits and environment. This
makes it more complex for exploring the microbial com-
munity assembly compared with non-host environmental
microbiota. Finally, the knowledge on pika gut microbiota
assembly also can be extended to other mammals,
including humans, because their digestive systems are
very similar in many aspects (Langer, 2002).
The present study aims to reveal the ecological pro-

cesses responsible for gut microbiota assembly in the
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‘ecosystem engineers’—plateau pikas along altitudinal
gradients on the Qinghai-Tibet Plateau. Our previous
studies and some other reports on pika gut microbiota
suggested that host (e.g. genetics, population density,
gut regions) (Li et al., 2016c, 2017a,b) and environmen-
tal factors (e.g. diet, environmental microbes) (Li et al.,
2016b,d; Kohl et al., 2018) considerably influence the
gut community composition and diversity patterns. Thus,
the relative importance of stochastic versus deterministic
processes that govern gut community assembly may be
dynamic and changeable in different elevations. In this
case, we address five key questions: (i) Which microbial
taxa are associated with elevation? (ii) Does elevation
predict alpha and beta diversity of pika gut microbiota?
(iii) Which gene functions are enriched in high-altitude
pikas? (iv) Is the assembly of pika gut microbiota mainly
governed by stochastic or deterministic processes? (v)
Are the environmental filtering positively correlated with
elevation due to the increasing environmental stress in
the high-altitude regions? Our results are of significances
for studying the gut microbiota assembly and function in
wild mammals for extreme high-altitude environments.

Results

The relationship between specific gut bacterial taxa and
elevation

A total of 2, 511, 666 sequences produced based on
MiSeq sequencing. After data standardization, we
detected a total of 32,197 operational taxonomic units
(OTUs) from 85 pika individuals (Uclust, 97% cut-off).
The dominant phyla (mean relative abundance > 1%)
across all samples in the pika gut included Firmicutes
(45.49%), Bacteroidetes (38.06%), Proteobacteria
(5.68%) and Spirochaetes (2.54%). At genus level, five
most abundant identified genera were Prevotella
(11.64%), Oscillospira (7.27%), Ruminococcus (2.30%),
Treponema (2.07%) and YRC22 (1.24%).
In order to understand which bacterial taxa were asso-

ciated with elevation, Spearman correlation analysis was
used to examine the correlations between elevation and
bacterial phyla or genera (mean relative abundance
> 0.05%). We found that the relative abundances of
Actinobacteria, Verrucomicrobia, Cyanobacteria and
Acidobacteria were positively correlated with elevation,
while Tenericutes showed a negative association with
elevation (Fig. S2). At genus level, elevation was
positively associated with eight genera, such as Lacto-
bacillus, Akkermansia, Sphaerochaeta, Streptococcus,
Pseudomonas, Allobaculum, Adlercreutzia and
Flavobacterium. However, only five genera (including
Oscillospira, Ruminococcus, CF231, Coprococcus and
Bradyrhizobium) showed negative correlations with ele-
vation (Fig. 1).

Alpha diversity and beta diversity across elevations

The alpha diversity (observed OTUs and Shannon diver-
sity) measures of gut microbiota in plateau pikas
increased with elevation (Fig. 2), regardless of whether
the overall microbial community was considered or just
focus on the dominant taxonomic phyla, such as Firmi-
cutes, Bacteroidetes, Proteobacteria and Spirochaetes
(Fig. S3). However, sex and body weight were not
related to alpha diversity (GLM: P > 0.05), indicating
high homogeneity in alpha diversity among sex and body
weight. Because elevation and air temperature were
highly autocorrelative (Fig. S4), we calculated the corre-
lation between temperature and alpha diversity values.
We found that temperature was also a good predictor of
microbial alpha diversity (Fig. S4). In addition, we found
that elevation significantly influenced the gut microbial
community composition (Jaccard distance, PERMA-
NOVA F = 23.654, P < 0.001; MRPP Delta = 1.248,
P < 0.001) and structure (Bray-Curtis distance, PERMA-
NOVA F = 14.782, P < 0.001; MRPP Delta = 1.125,
P < 0.001) of plateau pikas (Fig. 3). The linear relation-
ship between elevation and PCOA1 of Jaccard or Bray-
Curtis distance matrices (Fig. S5) also confirmed that
elevation was a significant factor in shaping the beta
diversity of pika gut microbiota. However, sex and body
weight also showed no significant impacts on the beta
diversity of gut microbiota (all P > 0.05). Mantel test
analysis showed that pika gut microbiota was signifi-
cantly influenced by elevation (Jaccard r = 0.481,
P < 0.001; Bray-Curtis r = 0.549, P < 0.001) and geo-
graphical distance (Jaccard r = 0.353, P < 0.001; Bray-
Curtis r = 0.381, P < 0.001). After controlling for the geo-
graphical distance between sampling sites, the gut
microbiota composition and structure were still correlated
with elevation (Jaccard r = 0.369; Bray-Curtis r = 0.447,
P < 0.001).
Similar to alpha diversity, beta diversity (interindividual

dissimilarity within each elevational site) values also
increased with elevation (both P < 0.05, Fig. 4). In addi-
tion, we compared the pairwise differences of pika gut
microbiota between altitudes based on Jaccard and
Bray-Curtis distances (Table 1). Community composition
and structure had significant differences between eleva-
tions except for the site 3106 versus 3580 m based on
the Jaccard distances.

Predicted gene functional profiles of pika gut microbiota
across elevations

The average nearest sequenced taxon index (NSTI) val-
ues for our samples (0.18 � 0.03) suggested compara-
ble predictive accuracy for our communities as those
achieved for those mammalian and fish gut microbiota
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(Langille et al., 2013; Sullam et al. 2015). Notably, the
functional diversity of gut microbiota at level 3 signifi-
cantly increased with elevation (Fig. 5A). The NMDS plot
based on the Bray-Curtis dissimilarity matrices of pre-
dicted gene functions at level 3 is shown in Fig. S6. We

found that the gene functional profiles of pika gut micro-
biota were significantly impacted by elevation (PERMA-
NOVA, F = 9.562, P < 0.001; MRPP, Delta = 0.227,
P < 0.001). At level 2, we found that elevation was posi-
tively correlated with twelve gene functions, such as

(A)

(B)

Fig. 1. Schematic diagram of five sampling sites (A) and the abundance distribution of major genera in pika gut across elevations and their cor-
relation with elevation (B). The relative abundance of these genera was normalized using Z-score transformation. The blue colour in the heat-
map means higher relative abundance of the corresponding genera, while the red colour means less abundant for the relative abundance. Only
those genera with mean relative abundance > 0.05% across all samples are shown. Spearman correlation analysis was used to detect the cor-
relation between the relative abundance of these genera and elevation. The symbol (*) means significant correlations with P < 0.05. NS signi-
fies no significance.
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Fig. 2. Alpha diversity values (A, observed OTUs; B, Shannon diversity) of the whole pika gut microbiota were significantly correlated with ele-
vation (All P values < 0.05).

Fig. 3. Non-metric multidimensional scaling (NMDS) plots showing the difference of gut microbiota across elevations at OTU level based on (A)
Jaccard and (B) Bray-Curtis distances.

Fig. 4. Beta diversity (Jaccard and Bray-Curtis dissimilarities within each elevation, A–B) values of gut microbiota were significantly correlated
with elevation (All P values < 0.05).
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energy metabolism, energy families, glycan biosynthesis
and metabolism, and cell growth and death, whereas
only one gene function (cell motility) showed negative
associations with elevation (Fig. 5B). Because the ‘meta-
bolism’ function was the dominant in our predicted meta-
genomes and also important in food degradation and
digestion, we only focused on the difference of the
related gene functions across altitudes at level 3. We
found a total of 42 gene functions involved in metabo-
lism were correlated with elevation (Fig. S7), while 102
gene functions showed no significant correlations with
elevation. In particular, elevation showed positive corre-
lations with 32 gene functions, such as arginine and pro-
line metabolism, nitrogen metabolism, protein kinases
and glycosaminoglycan degradation. However, only ten
gene functions (i.e. histidine metabolism and primary bile
acid biosynthesis) at level 3 were negatively associated
with elevation.

Ecological processes governing the composition of pika
gut microbiota

The Jaccard and Bray-Curtis distances based on PERM-
DISP results were significant distinct from the null ran-
dom expectation within each elevation (Table 2),
indicating that pika gut microbiota assembly was primar-
ily governed by deterministic processes based on the
taxonomic composition. Phylogenetic signal results
(Fig. S1) suggested that it was very suitable to focus on
the closely related gut bacterial OTUs in further phyloge-
netic analysis. Notably, we found that the composition of
closely related gut microbiota was also mainly shaped
by deterministic processes, as most (84.7%) SES.MNTD
values for the local communities were < �2. However,
the deterministic processes that determined assembly
patterns of pika gut microbiota tended to strengthen sig-
nificantly (regression models, P < 0.001) with elevation
(Fig. 6). This was also found to be true at a particular

taxonomic level after separately analysing the three most
dominant phyla (Firmicutes, Bacteroidetes and Pro-
teobacteria) (Fig. S8).
We quantified the relative contributions of each eco-

logical process in each elevation (Fig. 7). At the low-
altitude regions (3106 and 3580 m), the relative contri-
butions of deterministic processes that govern the
assembly of gut microbiota were close to those of
stochastic processes. For example, the relative contri-
butions of deterministic processes at the altitude 3106
and 3580 m were 53.7% and 49.3%, respectively, while
the corresponding percentages of stochastic processes
at these altitudes were 46.3% and 50.7%. In contrast,
deterministic processes play dominant roles in the
assembly of pika gut microbiota at the high-altitude
regions (3694 m, 90.4%; 3856 m, 80.9%; 4331 m,
71.3%) and were higher than those from the low-alti-
tude regions. Variable selection and homogeneous
selection belong to deterministic processes, while dis-
persal limitation, homogenizing dispersal and undomi-
nated belong to stochastic processes (Dini-Andreote
et al., 2015; Tripathi et al., 2018). Thus, we further
analysed the difference of finer processes between ele-
vations. We found that the fraction of variable selection
and dispersal limitation decreased from the altitude
3016 m to the 3694 m, whereas these ecological pro-
cesses increased gradually from 3694 to 4331 m. In
contrast, the fraction of homogeneous selection
increased from the altitude 3016 m to the 3694 m,
whereas the ecological processes decreased gradually
from 3694 to 4331 m.

Nucleotide sequence accession numbers

The original 16S rRNA gene data were available at the
European Nucleotide Archive by accession number
PRJEB26673 (http://www.ebi.ac.uk/ena/data/view/
PRJEB26673).

Table 1. Jaccard and Bray-Curtis distance dissimilarities showing the differences of pika gut microbiota between elevations

Jaccard Bray-Curtis

MRPP PERMANOVA MRPP PERMANOVA

Delta P F P Delta P F P

3106 versus 3580 m 1.208 0.164 1.018 0.316 1.152 0.003 3.687 0.018
3106 versus 3694 m 1.219 < 0.001 24.185 < 0.001 1.11 < 0.001 28.317 < 0.001
3106 versus 3856 m 1.225 < 0.001 22.983 < 0.001 1.04 < 0.001 24.195 < 0.001
3106 versus 4331 m 1.227 < 0.001 16.683 < 0.001 1.101 < 0.001 12.383 < 0.001
3580 versus 3694 m 1.231 < 0.001 20.354 < 0.001 1.016 < 0.001 45.908 < 0.001
3580 versus 3856 m 1.236 < 0.001 19.27 < 0.001 1.034 < 0.001 37.38 < 0.001
3580 versus 4331 m 1.239 < 0.001 14.898 < 0.001 1.093 < 0.001 22.331 < 0.001
3694 versus 3856 m 1.261 < 0.001 1.497 0.007 0.952 < 0.001 2.625 0.01
3694 versus 4331 m 1.262 < 0.001 6.629 < 0.001 1.014 < 0.001 12.545 < 0.001
3856 versus 4331 m 1.268 < 0.001 4.057 < 0.001 1.034 < 0.001 6.339 < 0.001
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Fig. 5. The relationship between elevation and functional diversity or specific gene functions.
A. The linear relationship between elevation and functional diversity at level 3.
B. The distribution of the predicted gene functions at level 2 that are significantly correlated with elevation. The relative abundance of gene func-
tions was normalized using Z-score transformation. Only those gene functions that correlated with elevation (r > 0.3 or < �0.3, P < 0.01) are
shown.

Table 2. Jaccard and Bray-Curtis distance-based significance test
of centroid differences between the observed communities and the
null model simulations for each elevation

Actual centroid Null centroid F P

Jaccard distance
3106 m 0.563 0.554 1.019 0.003
3580 m 0.561 0.558 0.244 0.006
3694 m 0.577 0.534 695.454 < 0.001
3856 m 0.583 0.533 706.395 < 0.001
4331 m 0.582 0.537 96.028 < 0.001

Bray-Curtis distance
3106 m 0.458 0.588 20.322 < 0.001
3580 m 0.448 0.597 39.573 < 0.001
3694 m 0.408 0.544 345.225 < 0.001
3856 m 0.422 0.540 272.183 < 0.001
4331 m 0.460 0.548 26.721 < 0.001

Fig. 6. The weighted standardized effect size of the mean nearest
taxon distance (SES.MNTD) for the whole pika gut microbiota was
significantly correlated with elevation (all P values < 0.001).
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Discussion

Investigating community assembly mechanisms is a hot
topic in the field of community ecology. However, most
previous reports focused on the plant and animal commu-
nities, relatively few studies have explored the assembly
of microbial communities, especially regarding host–gut
microbiota. Although several studies have revealed that
assembly processes of gut microbiota in fish (Yan et al.,
2016) and fruit flies (Adair et al., 2018), the results on the
dominant ecological processes responsible for gut micro-
biota assembly were contradictory. Besides, previous stud-
ies mainly focused on the gut community assembly of fish
and arthropods, and the knowledge on the mammalian
gut microbiota assembly is rather lacking. Although there
are several reports on the gut microbiota composition and
diversity in humans and lizards across short elevational
gradients (Li and Zhao, 2015; Zhang et al., 2018), we are
the first to study the microbiota assembly mechanisms in
the mammalian gut along a longer altitude span. Our
results showed that elevation is a significant factor in
shaping pika gut microbiota diversity, even after controlling
for host sex, body weight and geographical distances. In
addition, we found that deterministic processes dominated
the assembly of gut microbial communities in the high-alti-
tude (more than 3694 m) pikas, while the percentages of
stochastic and deterministic processes were very close in
the low-altitude (3106 and 3580 m) pikas. These results
greatly expand our understanding on gut microbiota
assembly patterns in mammals.

High-altitude pikas possess more microbes that consist
of potential probiotics, pathogens and commensal
bacteria

The relative abundances of thirteen bacterial genera in
the pika gut showed significant correlations with elevation

(Fig. 1). Among these bacteria, eight genera (i.e. Lacto-
bacillus, Akkermansia, Streptococcus and Pseudomonas)
increased with elevation, indicating that microbes from
these genera in the pika gut may well adapt to the harsh,
cold environment at higher elevations. Those microbes
that were enriched in the high-altitude pikas probably pro-
vide important functions for hosts. For example, several
members of Lactobacillus may form biofilms in the gut
microbiota, thus increasing resistance to temperature, pH
and mechanical forces. These features allow them to per-
sist in extreme environments and maintain ample popula-
tions (Salas-Jara et al., 2016). In addition, some
members of Lactobacillus (i.e. Lactobacillus rhamnosus
GG) can prevent pathogen invasions and help treat diar-
rhoea in the human guts (Saxelin, 2008; Mart�ın et al.,
2013; Inglin, 2017). Another potential beneficial genus is
Akkermansia. One specific species (Akkermansia mucini-
phila) from this genus can adhere to the gut mucosal
interface between the lumen and host cells, and it is a
highly specialized mucin-degradation microbe (Belzer and
de Vos, 2012). Evidence showed that these mucus-colo-
nizing bacteria may protect hosts again intestinal patho-
gens invasion and is beneficial for the microbiota
restoration (Reid et al., 2011). Several studies have
revealed that Akkermansia muciniphila coincides with
improved metabolic ability, and showed negative correla-
tions with metabolic disorder or diseases (Everard et al.,
2013; Derrien et al., 2017). Taken together, we found that
some potential probiotics were enriched in the high-alti-
tude pikas. These genera in the pika gut are likely to help
pikas improve metabolic ability and maintain host health
in order to adapt to the harsh, cold and hypoxic high-alti-
tude environments. Further research is needed to accu-
rately evaluate the ecological functions of these bacteria
in pika guts.
In contrast to the observed potential probiotics, we

found that several potential pathogenic bacterial genera

Fig. 7. Summary of the contribution of the ecological processes that determine community assembly of pika gut microbiota in different eleva-
tions.
A. The relative contributions of deterministic processes and stochastic processes in gut microbiota assembly.
B. The contributions of variable selection, homogeneous selection, dispersal limitation, homogenizing dispersal and undominated in the assem-
bly of pika gut microbiota.
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(i.e. Pseudomonas and Flavobacterium) were also posi-
tively correlated with elevation. Some members of the
genus Pseudomonas demonstrate a high metabolic
diversity and consequently can colonize a wide range of
niches (Madigan and Martinko, 2005). Some species
from Pseudomonas have been detected in humans (i.e.
P. aeruginosa) (Oliver et al., 2000), animals (i.e. Pseu-
domonas sp.KUMS3) (Kumaran et al., 2009) and plants
(P. tolaasii) (Brodey et al., 1991) and are able to cause
various diseases for these organisms. Several species
of Flavobacterium lead to various diseases in fish. For
example, F. psychrophilum is the causative agent of
the bacterial cold water disease on salmonid fish (Nema-
tollahi et al., 2003). In addition, both F. branchiophilum
and F. succinicans may cause bacterial gill disease in
rainbow trout (Oncorhynchus mykiss) (Good et al.,
2015). Although these pathogens had the potential dis-
ease risk, their functional roles in the pikas remain still
unknown.
In addition to the potential probiotics and pathogens,

we also found that some commensal bacteria enriched
in the pika gut. For example, species from Streptococcus
are generally common bacterial taxa in human skin,
mouth, throat and intestine (van der Mee-Marquet et al.,
2008; Zaura et al., 2009; Chaffanel et al., 2018). Our
previous study also showed that Streptococcus was one
of the dominant bacterial taxa in pika mouths (Li et al.,
2017a), indicating that this genus probably widely dis-
tributes in mammalian microbiota. Since some species in
this genus have been reported to be involved in pyruvate
metabolism in humans (Jorth et al., 2014), we speculate
they play important roles in the gut niche of high-altitude
pikas.

The alpha, beta and functional diversity of gut microbiota
increase with elevation

In general, ecologists assume that ecosystems contain-
ing more species diversity would be more stable and
may exhibit higher levels of ecosystem performance and
functions (Elton, 1958; Margalef, 1963; McNaughton,
1977). Although species in diverse ecosystems can
interact differently, evidence showed that high species
diversity provides more functional redundancy and buffer
ecosystem functions against species loss or extinctions
(Bannar-Martin et al., 2018; Louca et al., 2018). In host–
microbe systems, a diverse bacterial community may
contribute a distinct set of digestive enzymes (Werner
et al., 2011) and improve food processing and digestion.
High microbial diversity is generally associated with
strong metabolic ability and stability. For instance, gut
microbiota diversity in humans increased fermentation
efficiency of dietary fibre and promotes the stability of
gut ecosystems (Tap et al., 2015). Besides, increased

microbial diversity in human gut also reflects a better
state of health and stronger metabolic capacity (Clarke
et al., 2014). In our study, species diversity (or alpha
diversity) of pika gut microbiota increased with elevation,
and the results were not consistent with the findings in Li
and Zhao (2015) and Zhang et al. (2018), who demon-
strated that there were no significant differences in alpha
diversity measures of human and lizard gut microbiotas
at different altitudes. We speculate that the gut commu-
nities of high-altitude pikas probably possess higher
degradation ability for indigestible plant polysaccharides.
Two reasons may explain this inference. First, we have
demonstrated that alpha diversity of pika gut microbiota
was positively associated with cellulolytic activity (Li
et al., 2018). Second, high-altitude plateau pika harbours
higher gut microbial diversity and stronger fermentation
capacity than low-altitude Daurian pika (Ochotona dau-
rica) (Li et al., 2018). However, most reports showed
that mammalian gut is considered sterile at birth, thus
pikas from high-altitude regions select for more diverse
bacterial colonists from surrounding environment (i.e.
plant and soil) in order to improve gut function. Our
results suggest that the predicted gene functional pro-
files of pika gut microbiota were significantly impacted by
elevation. In particular, those gene functions involved in
energy metabolism, energy families, and glycan biosyn-
thesis and metabolism were enriched in the high-altitude
pikas, indicating the high-altitude pikas are likely to
improve metabolic functions of gut microbiota in order to
cope with cold and hypoxic plateau environment. How-
ever, our results were only based on the predicted meta-
genome, which may not be representative of the actual
gut bacterial functions. Further research is needed to
directly sequence the pika gut metagenome for exploring
the roles of these gene functions in animal environmen-
tal adaptability.
Elevation is a complex environmental gradient where

many environmental factors change, and we found that
the beta diversity of gut microbial communities was sig-
nificantly different across altitudes, similar to other stud-
ies (Li and Zhao, 2015; Zhang et al., 2018). Multiple
factors (e.g. oxygen, air temperature, atmospheric pres-
sure and diet resources) associated with elevation may
influence the gut microbiota structure. Although pika is
homothermal animal, evidence shows that external cold
temperature may still influence the gut microbiota com-
position in homothermal rodents (Stevenson et al.,
2014). Temperature may indirectly impact microbiota
structure by mediating microbe–microbe interactions. For
example, priority effects and temperature change the
abundance of microbial community members, so that if
certain bacteria colonize first, they may restrain the
abundance of other microbes, but this process is depen-
dent on temperature (Tucker and Fukami, 2014). In
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addition, hyperbaric pressure, which is a typical feature
of high altitude, has been demonstrated as an important
factor that strongly mediates the composition of gut
microbiota in mammals (Adak et al., 2013; Zhang et al.,
2018). High-altitude pikas harbour less diverse diet
resource compared with low-altitude ones (Li et al.,
2018), and thus, diet availability and composition may
influence the gut microbiota composition. Besides, the
differences of gut microbiota structure between altitudes
are also attributed to host genetics, geographical dis-
tance and some other unknown factors. It is strange that
the gut microbiotas of high-elevation pikas from 3694 to
4331 m had a clear structural separation with those in
the low-elevation pikas from 3106 to 3580 m (Fig. 3).
We speculate that the possible reason is that a certain
elevational range between 3580 and 3694 m is a demar-
cation line for obvious changes in pika physiology, which
may enormously influence the structures of gut micro-
biota. Further research should demonstrate this hypothe-
sis. Notably, elevation significantly explained more
variations than geographical distance in shaping the gut
microbial communities, indicating that vertical environ-
mental filtering should be more pronounced than hori-
zontal dispersal. However, because air temperature and
elevation are autocorrelative, it is impossible to uncover
the relative contributions of air temperature and elevation
on pika gut microbiota. Further research should disen-
tangle the effect of each factor associated with elevation
on mammalian gut microbiota based on control experi-
ments.
Beta diversity of gut microbiota within each elevation

also increased with elevation, indicating that interindivid-
ual gut microbial communities are more dissimilar on the
high-altitude regions. We enumerate three hypotheses
for further testing in future. First, although diet resources
on the high-altitude regions are more homogeneous and
are less diverse compared with those on the low-altitude
areas, each pika individual still can possess their own
food preferences and choose personalized diet species.
Second, high-altitude environmental pressure may cause
different physiological and immune responses for each
host individual (Adak et al., 2013), thus probably indi-
rectly increasing the dissimilarity of individual gut micro-
biota. Finally, environmental (i.e. plant and soil) microbes
at different altitudes may also influence the similarity of
pika gut microbiota.

Environmental filtering increases with elevation for gut
microbiota assembly

The null model test (PERMDISP) results showed that
gut microbiota assemblages of each elevation differ sig-
nificantly from the null random expectation based on
Jaccard or Bray-Curtis dissimilarity matrices (Table 2).

These data suggest that the composition of pika gut
microbiota primarily assemble deterministically rather
than stochastically. Our results are congruent with those
in several fish microbiota reports (Schmidt et al., 2015;
Yan et al., 2016), which also showed gut microbiota
assembly was mainly governed by deterministic pro-
cesses. However, our previous studies have found that
substantial individual variations in the gut microbiota of
pikas (Li et al., 2016b,c,d), indicating that stochastic pro-
cesses also contribute to the gut community assembly.
Thus, we further used a new ecological framework to
quantify the relative importance of each ecological pro-
cess in governing the gut community assembly across
elevations.
Ecological process inference requires a significant

phylogenetic signal (Stegen et al., 2012). We detected
significant phylogenetic signal across relatively short
phylogenetic distance (Fig. S1). This finding indicates
more closely related bacterial/OTU taxa have more simi-
lar niche preferences related to elevation. Although
some imperfection of methods (e.g. DNA extraction
methods, PCR bias and sequencing errors) may influ-
ence the estimation of ecological processes using this
framework (Stegen et al., 2015), this method is consid-
ered effective and widely applied in analysing the gut
microbiota assembly of human, fish, fruit fly (Martinez
et al., 2015; Yan et al., 2016; Adair et al., 2018) and
other environmental microbiota (Wang et al., 2012).
Based on the phylogenetic composition, we found that
environmental filtering (or phylogenetic clustering) domi-
nates the microbiota assemblages in the pika gut
ecosystems at local scales, as indicated by negative
SES.MNTD (Wang et al., 2013). However, the relative
importance of environmental filtering tends to strengthen
along elevations, indicating that elevation acts as a strict
environmental filter and cause phylogenetic clustering.
Environmental filtering is a pivotal determinant of com-
munity assembly (Webb et al., 2002), and this has led to
phylogenetic clustering of closely related OTUs in pika
gut. Intestinal tract mass of plateau animals is always
directly proportional to elevation (Han et al., 2016), thus
providing additional space for niche filling, and finally
leading to an increase in deterministic processes. In
addition, high-altitude extreme environments can
improve gut-associated immune system (Adak et al.,
2013) and finally resulting in similar gut environment as
a result of deterministic processes. Our results also
found that not all pika individual gut microbiotas were
governed by deterministic assembly, indicating that pika
gut microbiota is dynamic and may be influenced by
some other unknown factors.
In addition, we found that high-altitude pikas (3694,

3856 and 4331 m) were dominated by homogeneous
selection, confirming that similar host or environmental
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factors lead to similar gut microbiota. By contrast, those
low-altitude pikas (3106 and 3580 m) had more fraction
of dispersal limitation. This suggests that they harbour
higher frequency of microbes transmission, probably
through physical contact, kiss, caecotrophy behaviour
(Yatsunenko et al., 2012; VanderWaal et al., 2014; Li
et al., 2016b) or other indirect transmission methods
(e.g. environmental transmission) (Nunn et al., 2011).
More limited transmission for gut microbes may be one
important reason of higher beta diversity within high-alti-
tude pikas.
In conclusions, we are the first to study gut microbiota

assembly in high-altitude mammals along environmental
gradients on ‘the Roof of the World’—Qinghai-Tibet Pla-
teau. Our results showed that the alpha, beta and func-
tional diversity of gut microbiota significantly increase
with elevation, indicating elevation is a pivotal determi-
nant of community assembly. Deterministic processes
dominated the assembly of gut microbial communities in
the high-altitude (more than 3694 m) pikas, while the
percentages of stochastic and deterministic processes
were very close in the low-altitude (3106 and 3580 m)
pikas. In addition, the relative contributions of environ-
mental filtering responsible for local gut communities
increased with elevation. These results greatly expand
our understanding for gut microbiota assembly patterns
in wild animals from extreme plateau environments. Due
to the deterministic assembly, the gut microbiome of wild
pikas can be manipulated to improve animal health for
wildlife reserves.

Experimental procedures

Sample collection

We collected caecal content samples of plateau pikas
from five different sampling sites on the Qinghai-Tibet
Plateau in the summer of 2014–2016. These five sites
were Guoluo (4331 m ASL), Wangjiaxiang (3856 m
ASL), Xiaderi (3694 m ASL), Reshui (3580 m ASL) and
Haibei (3106 m ASL). These habitat types are typical
alpine meadows. The plant communities of these habi-
tats were all dominated by Kobresia humilis, followed by
Ajuga lupulina, Leontopodium nanum, Potentilla anser-
ina, Poa annua L., Pedicularis sp., Oxytropis sp., Tibet
Lancea and Elymus nutans Griseb. The potential food
resources (or plant community compositions) are very
similar for pikas across elevations based on our survey
(Fig. S9). We randomly captured 17 pika individuals from
each sampling site. The methods of sample collection
and preservation in different sampling sites were identi-
cal. Briefly, upon capture, each pika was euthanized and
then dissected. Thereafter, caecal contents were imme-
diately collected into 50-ml sterile tubes and frozen at
�20°C in a portable freezer. Finally, all samples were

transferred to our laboratory within 24 h and stored at
�40°C until DNA extraction. The air temperature of sam-
pling sites was recorded during sampling. The detailed
information of each sample is listed in Table S1.
All animal experiments were approved by the Animal

Care and Ethics Committee of Northwest Institute of Pla-
teau Biology, Chinese Academy of Sciences (NWIPB-
2014-123). The experimental procedures followed the
relevant guidelines strictly.

DNA extraction, PCR amplification and high-throughput
sequencing

The Ezup DNA extraction kit for soil (Sangon Biotech,
China) was used to extract total DNA from the caecal
contents following the manufacturer’s instructions. A
negative control (sterile water) was used in our extrac-
tion process. DNA concentration and quality were
checked using a Nanodrop 2000 Spectrophotometer
(Thermo Scientific, Waltham, IL, USA). The procedures
of PCR amplification, gel extraction and sequencing
were described previously (Li et al., 2016c). Briefly, uni-
versal primers 515F (50-GTGYCAGCMGCCGCGGTA-30)
and 909R (50-CCCCGYCAATTCMTTTRAGT-30) with 12
nt unique barcode at 50-end of 515F were used to
amplify the V4 and V5 region of microbial 16S rRNA
gene (Tamaki et al., 2011). Each PCR contained a neg-
ative control where sterile water without any DNA was
used. PCR amplification was performed in twice for each
DNA sample in order to minimize PCR bias. The
detailed procedures of PCR amplification and gel extrac-
tion were described previously (Li et al., 2016b). Finally,
the resulting amplicons were mixed with equal molar and
then sequenced using 250-bp paired-end Illumina MiSeq
systems (Illumina, San Diego, CA, USA).

Bioinformatics analysis

The original sequences were processed using QIIME
Pipeline-Version 1.9.0 ( http://qiime.org/scripts/index.
html) (Caporaso et al., 2010). Briefly, sequences were
assigned to each sample only if they perfectly matched
their unique barcodes. Barcodes were not allowed to
contain the wrong base. Thereafter, the paired-end reads
were joined with FLASH-1.2.8 software (Magoc and Salz-
berg, 2011) only if they had at least 20 base overlaps.
Sequence filtering and analysis followed the methods of
Li et al. (2016b). Briefly, sequences with barcode ambi-
guities, with read length < 300 bp and with average
quality score < 30 were excluded. Chloroplast
sequences were detected and removed using METAXA2
software tool (Bengtsson-Palme et al., 2015). Thereafter,
the aligned 16S rRNA gene sequences were subjected
to a chimera check using the Uchime algorithm (Edgar
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et al., 2011). The remaining sequences were clustering
into operational taxonomic units (OTUs) at 97%
sequence similarity with an open-reference OTU picking
method using the Uclust algorithm (Edgar, 2010). Single-
tons were also removed. Negative controls were not
detected any PCR bands, indicating minimum contami-
nation in our study. The most abundant sequence for
each OTU was selected as the OTU’s representative
sequence, and these sequences were aligned against
the Greengenes 13_8 reference database (DeSantis
et al., 2006) using PyNAST(Caporaso et al., 2009).
Thereafter, taxonomic classification was performed using
the Ribosomal Database Project (RDP) classifier with a
standard threshold of 80% (Wang et al., 2007). Taxo-
nomic profiles were evaluated at the phylum and genus
level.
Those sequences not classifying to bacteria were fil-

tered. Thereafter, each sample was rarefied to 3926
sequences in order to minimize the influence of
sequencing depth on bacterial community diversity. In
order to assess alpha diversity, observed OTUs and
Shannon diversity were calculated. To evaluate beta
diversity indices, Jaccard (for community composition)
(Jaccard, 1912) and Bray-Curtis distances (for commu-
nity structure) (Bray and Curtis, 1957) were calculated
using QIIME pipeline. Jaccard distance was based on
the presence/absence of OTUs, whereas Bray-Curtis
distance was based on the relative abundance of OTUs.
Beta diversity (interindividual dissimilarities within each
elevational site) was examined using the two dissimilar-
ity metrics. Principal coordinates analysis (PCoA) values
of the dissimilarity metrics were also calculated. Differ-
ences in overall bacterial community structure across
altitudes were visualized using the non-metric multidi-
mensional scaling (NMDS) plots of the two distance
matrices.
Functional metagenomes were predicted based on the

16S rRNA gene sequences using PICRUSt (Langille
et al., 2013). To evaluate the accuracy of our metage-
nomic prediction, we calculated the Nearest Sequenced
Taxon Index, which was used to indicate the average
divergence between each 16S rRNA sequence within
OTU and their closest reference sequenced genome.
The predicted gene functions were evaluated at levels 2
and 3. The observed number of gene functions (func-
tional diversity) at level 3 was calculated. Bray-Curtis
distance matrices were calculated based on the gene-
abundance table at level 3. Differences in overall gene
functional profiles across altitudes were visualized using
the non-metric multidimensional scaling (NMDS) plots of
the Bray-Curtis distance matrices. Notably, at level 3, we
only focused on the difference of gene functions associ-
ated with metabolism across altitudes, because these
gene functions were dominant in predicted

metagenomes and were important in food degradation
and digestion.

Null model and phylogenetic analysis

Mean nearest taxon distance (MNTD) and SES.MNTD
were used to qualitatively evaluate the deterministic pro-
cesses or stochastic processes of community composi-
tion (Meyerhof et al., 2016) based on phylogenetic
analysis using the ‘picante’ package in R. The phyloge-
netic signals (Mantel correlation, Pearson’s r, P < 0.001)
extended across relatively short phylogenetic distance
(Fig. S1), and thus, it was completely appropriate to
quantify phylogenetic relationship among the closest
bacterial relatives (Stegen et al., 2012) in current study.
SES.MNTD is the differences between the observed
MNTD and mean expected MNTD divided by the stan-
dard deviation of random expected values. Because
microbial communities often consist of few high-abun-
dance OTUs and a majority of low-abundance OTUs, we
only focused on the weighted-abundance SES.MNTD
values in the following analysis. If SES.MNTD values
are between �2 and 2, then community composition is
mainly governed by stochastic processes. If SES.MNTD
values are > 2 or < �2, then deterministic processes
(phylogenetic overdispersion or phylogenetic clustering)
play a dominant role in structuring the microbial commu-
nity (Meyerhof et al., 2016). Moreover, a larger absolute
magnitude of SES.MNTD value (|SES.MNTD|) signifies
greater contributions of deterministic processes (Stegen
et al., 2012, 2013).
To test which ecological processes (variable selection,

homogeneous selection, dispersal limitation, homogeniz-
ing dispersal or undominated) may govern bacterial com-
munity composition between elevations, we followed the
methods of Stegen et al. (2013) in order to calculate the
potential ecological processes. Briefly, we calculated the
phylogenetic diversity of bacterial communities between
a pair of samples. R package was applied to quantify
the weighted beta nearest taxon index (b-NTI). The com-
bination of b-NTI and Bray-Curtis-based Raup-Crick
(RCbray) was further used to infer the relative importance
of major ecological processes governing the bacterial
communities. Values of b-NTI > 2 or < �2 represent
community turnover determined by the variable selection
or homogeneous selection. If �2 < b-NTI < 2 and
RCbray > 0.95 or < �0.95, then the community turnover
is determined by dispersal limitation or homogenizing
dispersal respectively. If 2 < b-NTI < 2 and
�0.95 < RCbray < 0.95, indicating that community turn-
over is not the result of a single dominant process (re-
ferred to as ‘undominated’ or ‘drift’ processes) (Stegen
et al., 2015). Homogeneous selection means that a coin-
cident selective environment among local scales leads
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to similar community composition. The variable selection
represents differences in selective environment among
local scales cause differences in community composi-
tion. The ecological significance of homogenizing disper-
sal is that the broad dispersal rate leads to similar
community composition among local scales. Dispersal
limitation signifies that limited dispersal rate causes
divergence in community composition. Ecological drift is
derived from stochastic changes (i.e. birth or death) in
population sizes (Vellend, 2010; Stegen et al., 2013).
Notably, variable selection and homogeneous selection
belong to deterministic processes, while dispersal limita-
tion, homogenizing dispersal and undominated belong to
stochastic processes (Dini-Andreote et al., 2015; Tripathi
et al., 2018).

Statistical analysis

Statistical analysis included the following several
aspects: (i) multiple-response permutation procedure
(MRPP) and permutational multivariate analysis of vari-
ance (PERMANOVA) (Yan et al., 2016) were used to
elucidate whether the community structures were signifi-
cantly different across elevations based on the Jaccard
and Bray-Curtis distance matrices. The model also
included the variables host sex and body weight. MRPP
and PERMANOVA were also used to evaluate the differ-
ences of the predicted gene functional profile at level 3
based the Bray-Curtis distance matrices; (ii) Spearman
correlation analysis was used to examine the strength
and significance of relationships between altitude and
major phyla, genera. Only those phyla or genera with
mean relative abundance > 0.05% across all samples
were considered. In addition, the relationship between
those predicted gene functions (at level 3) and elevation
was tested using Spearman correlation analysis, and we
only focused on those gene functions associated with
metabolism; (iii) generalized linear models were used to
explore the relationship between elevation and alpha
diversity, beta diversity, functional diversity or
SES.MNTD; (iv) elevation and geographical distance
were transformed as Euclidean distance matrices, and
then, mantel test and partial Mantel test was used to
examine the correlation between distance matrices (Jac-
card and Bray-Curtis) of gut microbiota and elevation,
geographical distance using Spearman correlation analy-
sis; (v) a null model analysis was performed to investi-
gate whether the observed beta diversity values
(Jaccard and Bray-Curtis distance matrices) are distinct
from the null expectation based on permutational analy-
sis of multivariate dispersion (PERMDISP) (Chase et al.,
2011). If the observed Jaccard or Bray-Curtis distance is
significantly different from the null model, then determin-
istic processes dominate the microbial community

assembly. In contrast, if the observed distance metrics
are not significantly distinguishable from the random null
model, stochastic processes play a major role in the
community composition. All statistical analyses were per-
formed using the ‘vegan’, ‘stats’, ‘phyloseq’ and ‘picante’
in R programs (R Foundation for Statistical Computing,
Vienna, Austria).

Acknowledgements

This work was supported by the National Natural
Science Foundation of China (31700374, 31770459 and
31500101), Fundamental Research Funds for the Cen-
tral Universities (lzujbky-2018-68), CAS ‘Light of West
China’ and Qinghai innovation platform construction pro-
ject (2017-ZJ-Y20).

Conflict of interest

None declared.

Author contributions

HL designed the research; HL and JQ contributed to
sample collection; HL performed the molecular work, fin-
ished the data analysis and wrote the original manu-
script. All the authors contributed to the revision of the
manuscript.

References

Adair, K.L., Wilson, M., Bost, A., and Douglas, A.E. (2018)
Microbial community assembly in wild populations of the
fruit fly. ISME J 12: 959–972.

Adak, A., Maity, C., Ghosh, K., Pati, B.R., and Mondal, K.C.
(2013) Dynamics of predominant microbiota in the human
gastrointestinal tract and change in luminal enzymes and
immunoglobulin profile during high-altitude adaptation.
Folia Microbiol 58: 523–528.

Anderson, K.J. (2007) Temporal patterns in rates of commu-
nity change during succession. Am Nat 169: 780–793.

Bannar-Martin, K.H., Kremer, C.T., Ernest, S.K.M., Leibold,
M.A., Auge, H., Chase, J., et al. (2018) Integrating com-
munity assembly and biodiversity to better understand
ecosystem function: the community assembly and the
functioning of ecosystems (CAFE) approach. Ecol Lett
21: 167–180.

Beall, C.M. (2006) Andean, Tibetan, and Ethiopian patterns
of adaptation to high-altitude hypoxia. Integr Comp Biol
46: 18–24.

Belzer, C., and de Vos, W.M. (2012) Microbes inside–from
diversity to function: the case of Akkermansia. ISME J 6:
1449–14458.

Bengtsson-Palme, J., Hartmann, M., Eriksson, K.M., Pal, C.,
Thorell, K., Larsson, D.G., et al. (2015) Metaxa2:
improved identification and taxonomic classification of

ª 2019 The Authors Microbial Biotechnology published by John Wiley & Sons Ltd and Society for Applied Microbiology., Microbial
Biotechnology, 12, 976–992

988 H. Li et al.



small and large subunit rRNA in metagenomic data. Mol
Ecol Resour 15: 1403–1414.

Benson, A.K., Kelly, S.A., Legge, R., Ma, F., Low, S.J., Kim,
J., et al. (2010) Individuality in gut microbiota composition
is a complex polygenic trait shaped by multiple environ-
mental and host genetic factors. Proc Natl Acad Sci USA
107: 18933–18938.

Bray, J., and Curtis, J. (1957) An ordination of the upland
forest communities of southern Wisconsin. Ecological
Monogr 27: 325–349.

Brodey, C., Rainey, P., Tester, M., and Johnstone, K.
(1991) Bacterial blotch disease of the cultivated mush-
room is caused by an ion channel forming lipodepsipep-
tide toxin. Mol Plant Microbe In 1: 407–411.

Burns, A.R., Zac Stephens, W., Stagaman, K., Wong, S.,
Rawls, J.F., Guillemin, K., et al. (2015) Contribution of
neutral processes to the assembly of gut microbial com-
munities in the zebrafish over host development. ISME J
10: 655–664.

Caporaso, J., Bittinger, K., Bushman, F., DeSantis, T.,
Andersen, G., and Knight, R. (2009) PyNAST: a flexible
tool for aligning sequences to a template alignment. Bioin-
formatics 26: 266–267.

Caporaso, J.G., Kuczynski, J., Stombaugh, J., Bittinger, K.,
Bushman, F.D., Costello, E.K., et al. (2010) QIIME allows
analysis of high-throughput community sequencing data.
Nat Methods 7: 335–336.

Carmody, R.N., Gerber, G.K., Luevano, .J.M. Jr, Gatti, D.M.,
Somes, L., Svenson, K.L., et al. (2015) Diet dominates
host genotype in shaping the murine gut microbiota. Cell
Host Microbe 17: 72–84.

Chaffanel, F., Charron-Bourgoin, F., Soligot, C., Kebouchi,
M., Bertin, S., Payot, S., et al. (2018) Surface proteins
involved in the adhesion of Streptococcus salivarius to
human intestinal epithelial cells. Appl Microbiol Biotechnol
102: 2851–2865.

Chase, J.M., Kraft, N.J.B., Smith, K.G., Vellend, M., and
Inouye, B.D. (2011) Using null models to disentangle vari-
ation in community dissimilarity from variation in a-diver-
sity. Ecosphere 2: art24.

Clarke, S.F., Murphy, E.F., O'Sullivan, O., Lucey, A.J., Hum-
phreys, M., Hogan, A., et al. (2014) Exercise and associ-
ated dietary extremes impact on gut microbial diversity.
Gut 63: 1913–1920.

Costello, E.K., Stagaman, K., Dethlefsen, L., Bohannan,
B.J., and Relman, D.A. (2012) The application of ecologi-
cal theory toward an understanding of the human micro-
biome. Science 336: 1255–1262.

Coyte, K., Schluter, J., and Foster, K. (2015) The ecology of
the microbiome: network, competition, and stability.
Science 350: 663–666.

Derrien, M., Belzer, C., and de Vos, W.M. (2017) Akkerman-
sia muciniphila and its role in regulating host functions.
Microb Pathog 106: 171–181.

DeSantis, T., Hugenholtz, P., Larsen, N., Rojas, M., Brodie,
E., Keller, K., et al. (2006) Greengenes, a chimera-
checked 16S rRNA gene database and workbench com-
patible with ARB. Appl Environ Microb 72: 5069–5072.

Dini-Andreote, F., Stegen, J.C., van Elsas, J.D., and Salles,
J.F. (2015) Disentangling mechanisms that mediate the
balance between stochastic and deterministic processes

in microbial succession. Proc Nat Acad Sci USA 112:
E1326–E1332.

Drury, W., and Nisbet, I. (1973) Succession. J Arnold Arbor
54: 331–368.

Du, J., and Li, Q. (1982) Effects of simulated hypoxic accli-
mation on organism, organ and hematology in Ochotona
curzoniae and rats. Acta Theriologica Sinica 2: 35–42.

Du, J., Li, Q., and Chen, X. (1984) Effect of simulated alti-
tude on liver of Ochotona curzoniae and rats. Acta Zool
Fennica 171: 201–203.

Edgar, R.C. (2010) Search and clustering orders of magni-
tude faster than BLAST. Bioinformatics 26: 2460–2461.

Edgar, R.C., Haas, B.J., Clemente, J.C., Quince, C., and
Knight, R. (2011) UCHIME improves sensitivity and speed
of chimera detection. Bioinformatics 27: 2194–2200.

Elton, C.S. (1958) The Ecology of Invasions by Animals and
Plants. Chicago: University Of Chicago Press, pp. 1–196.

Everard, A., Belzer, C., Geurtsa, L., Ouwerkerkb, J.P., Dru-
arta, C., Bindelsa, L.B., et al. (2013) Cross-talk between
Akkermansia muciniphila and intestinal epithelium controls
diet-induced obesity. Proc Natl Acad Sci USA 110: 9066–
9071.

Ge, R.L., Kubo, K., Kobayashi, T., Sekiguchi, M., and
Honda, T. (1998) Blunted hypoxic pulmonary vasocon-
strictive response in the rodent Ochotona curzoniae (pika)
at high altitude. Am J Physiol-Heart C 274: H1792–
H1799.

Good, C., Davidson, J., Wiens, G.D., Welch, T.J., and Sum-
merfelt, S. (2015) Flavobacterium branchiophilum and F.
succinicans associated with bacterial gill disease in rain-
bow trout Oncorhynchus mykiss (Walbaum) in water recir-
culation aquaculture systems. J Fish Dis 38: 409–413.

Han, J., Guo, R., Li, J., Guan, C., Chen, Y., and Zhao, W.
(2016) Organ mass variation in a toad headed lizard
Phrynocephalus vlangalii in response to hypoxia and low
temperature in the Qinghai-Tibet Plateau, China. PLoS
ONE 11: e0162572.

Huston, M., and Smith, T. (1987) Plant succession: life his-
tory and competition. Am Nat 130: 168–198.

Inglin, R. (2017) Combined Phenotypic-Genotypic Analyses
of the Genus Lactobacillus and Selection of Cultures for
Biopreservation of Fermented Food. ETHZ Research Col-
lection. Zurich: ETH.

Jablonski, N.G., and Chaplin, G. (2010) Human skin pig-
mentation as an adaptation to UV radiation. Proc Natl
Acad Sci USA 107: 8962–8968.

Jaccard, P. (1912) The distribution of the flora in the alpine
zone. New Phytol 11: 37–50.

Jorth, P., Turner, K.H., Gumus, P., Nizam, N., Buduneli, N.,
and Whiteley, M. (2014) Metatranscriptomics of the
human oral microbiome during health and disease. MBio
5: e01012–e01014.

Kohl, K.D., and Yahn, J. (2016) Effects of environmental
temperature on the gut microbial communities of tadpoles.
Environ Microbiol 18: 1561–1565.

Kohl, K.D., Varner, J., Wilkening, J.L., and Dearing, M.D.
(2018) Gut microbial communities of American pikas
(Ochotona princeps): evidence for phylosymbiosis and
adaptations to novel diets. J Anim Ecol 87: 323–330.

Kumaran, S., Deivasigamani, B., Alagappan, K.M., Sak-
thivel, M., and Guru Prasad, S. (2009) Isolation and

ª 2019 The Authors Microbial Biotechnology published by John Wiley & Sons Ltd and Society for Applied Microbiology., Microbial
Biotechnology, 12, 976–992

Gut microbiota assembly of pika across elevations 989



characterization of Pseudomonas sp. KUMS3 from Asian
sea bass (Lates calcarifer) with fin rot. World J Microb
Biot 26: 359–363.

Langer, P. (2002) The digestive tract and life history of
small mammals. Mammal Rev 32: 107–131.

Langille, M.G., Zaneveld, J., Caporaso, J.G., McDonald, D.,
Knights, D., Reyes, J.A., et al. (2013) Predictive functional
profiling of microbial communities using 16S rRNA marker
gene sequences. Nat Biotech 31: 814–821.

Levy, R., and Borenstein, E. (2013) Metabolic modeling of
species interaction in the human microbiome elucidates
community-level assembly rules. Proc Natl Acad Sci USA
110: 12804–12809.

Ley, R.E., Hamady, M., Lozupone, C., Turnbaugh, P.J.,
Ramey, R.R., Bircher, J.S., et al. (2008) Evolution of
mammals and their gut microbes. Science 320: 1647–
1651.

Li, L., and Zhao, X. (2015) Comparative analyses of fecal
microbiota in Tibetan and Chinese Han living at low or
high altitude by barcoded 454 pyrosequencing. Sci Rep
5: 14682.

Li, N., Li, H., Lei, G., and Zhou, Y. (2013) Ecological func-
tion of plateau pika (Ochotona curzoniae). Chinese J
Wildlife 34: 238–242.

Li, S.P., Cadotte, M.W., Meiners, S.J., Pu, Z., Fukami, T.,
and Jiang, L. (2016a) Convergence and divergence in a
long-term old-field succession: the importance of spatial
scale and species abundance. Ecol Lett 19: 1101–1109.

Li, H., Li, T., Yao, M., Li, J., Zhang, S., Wirth, S., et al.
(2016b) Pika gut may select for rare but diverse environ-
mental bacteria. Front Microbiol 7: 1269.

Li, H., Qu, J., Li, T., Li, J., Lin, Q., and Li, X. (2016c) Pika
population density is associated with composition and
diversity of gut microbiota. Front Microbiol 7: 758.

Li, H., Li, T., Beasley, D.E., Hedenec, P., Xiao, Z., Zhang,
S., et al. (2016d) Diet diversity is associated with beta but
not alpha diversity of pika gut microbiota. Front Microbiol
7: 1169.

Li, H., Li, T., Berasategui, A., Rui, J., Zhang, X., Li, C., et al.
(2017a) Gut region influences the diversity and interac-
tions of bacterial communities in pikas (Ochotona curzo-
niae and Ochotona daurica). FEMS Microbiol Ecol 93:
fix149.

Li, H., Qu, J., Li, T., Yao, M., Li, J., and Li, X. (2017b) Gut
microbiota may predict host divergence time during Glires
evolution. FEMS Microbiol Ecol 93: fix009.

Li, H., Qu, J., Li, T., Wirth, S., Zhang, Y., Zhao, X., et al.
(2018) Diet simplification selects for high gut microbial
diversity and strong fermenting ability in high-altitude
pikas. Appl Microbiol Biot 102: 6739–6751.

Louca, S., Polz, M.F., Mazel, F., Albright, M.B.N., Huber,
J.A., O'Connor, M.I., et al. (2018) Function and functional
redundancy in microbial systems. Nat Ecol Evol 2: 936–
943.

Luo, Y., Gao, W., Gao, Y., Tang, S., Huang, Q., Tan, X.,
et al. (2008) Mitochondrial genome analysis of Ochotona
curzoniae and implication of cytochrome c oxidase in
hypoxic adaptation. Mitochondrion 8: 352–357.

Madigan, M. and Martinko, J. (2005) Brock Biology of
Microorganisms, 11th edn. Upper Saddle Rive, NJ: Pren-
tice Hall.

Magoc, T., and Salzberg, S.L. (2011) FLASH: fast length
adjustment of short reads to improve genome assemblies.
Bioinformatics 27: 2957–2963.

Margalef, R. (1963) On certain unifying principles in ecol-
ogy. Am Nat 97: 357–374.

Mart�ın, R., Mique, l., Ulmer, J., Kechaou, N., Langella, P.
and Berm�udez-Humar�an, L.G. (2013) Role of commensal
and probiotic bacteria in human health: a focus on inflam-
matory bowel disease. Microb Cell Fact 12: 71.

Martinez, I., Stegen, J.C., Maldonado-Gomez, M.X., Eren,
A.M., Siba, P.M., Greenhill, A.R., et al. (2015) The gut
microbiota of rural papua new guineans: composition,
diversity patterns, and ecological processes. Cell Rep 11:
527–538.

McNaughton, S.J. (1977) Diversity and stability of ecological
communities: a comment on the role of empiricism in
ecology. Am Nat 111: 515–525.

van der Mee-Marquet, N., Fourny, L., Arnault, L., Domelier,
A.S., Salloum, M., Lartigue, M.F., et al. (2008) Molecular
characterization of human-colonizing Streptococcus
agalactiae strains isolated from throat, skin, anal margin,
and genital body sites. J Clin Microbiol 46: 2906–2911.

Meyerhof, M.S., Wilson, J.M., Dawson, M.N., and Michael
Beman, J. (2016) Microbial community diversity, structure
and assembly across oxygen gradients in meromictic
marine lakes, Palau. Environ Microbiol 18: 4907–4919.

Moral, R., and Lacher, I.L. (2005) Vegetation patterns
25 years after the eruption of Mount St. Helens, Washing-
ton, USA. Am J Bot 92: 1948–1956.

de Muinck, E.J., Stenseth, N.C., Sachse, D., Vander Roost,
J., Ronningen, K.S., Rudi, K., et al. (2013) Context-de-
pendent competition in a model gut bacterial community.
PLoS ONE 8: e67210.

Nematollahi, A., Decostere, A., Pasmans, F., and Haese-
brouck, F. (2003) Flavobacterium psychrophilum infec-
tions in salmonid fish. J Fish Dis 26: 563–574.

Nunn, C.L., Thrall, P.H., Leendertz, F.H., and Boesch, C.
(2011) The spread of fecally transmitted parasites in
socially-structured populations. PLoS ONE 6: e21677.

Oliver, A., Cant�on, R., Campo, P., Baquero, F., and
Bl�azquez, F. (2000) High frequency of hypermutable
Pseudomonas aeruginosa in cystic fibrosis lung infection.
Science 288: 1251–1253.

Reid, G., Younes, J.A., Van der Mei, H.C., Gloor, G.B.,
Knight, R., and Busscher, H.J. (2011) Microbiota restora-
tion: natural and supplemented recovery of human micro-
bial communities. Nat Rev Microbiol 9: 27.

Rothschild, D., Weissbrod, O., Barkan, E., Kurilshikov, A.,
Korem, T., Zeevi, D., et al. (2018) Environment dominates
over host genetics in shaping human gut microbiota. Nat-
ure 555: 210–215.

Round, J.L., and Mazmanian, S.K. (2009) The gut micro-
biota shapes intestinal immune responses during health
and disease. Nat Rev Immunol 9: 313–323.

Salas-Jara, M.J., Ilabaca, A., Vega, M., and Garcia, A.
(2016) Biofilm forming lactobacillus: new challenges for
the development of probiotics. Microorganisms 4: 35.

Saxelin, M. (2008) Probiotic formulations and applications,
the current probiotics market, and changes in the market-
place: a European perspective. Clin Infect Dis 46: S76–
S79.

ª 2019 The Authors Microbial Biotechnology published by John Wiley & Sons Ltd and Society for Applied Microbiology., Microbial
Biotechnology, 12, 976–992

990 H. Li et al.



Schmidt, V.T., Smith, K.F., Melvin, D.W., and Amaral-Zet-
tler, L.A. (2015) Community assembly of a euryhaline fish
microbiome during salinity acclimation. Mol Ecol 24:
2537–2550.

Smith, A.T., and Foggin, J.M. (1999) The plateau pika
(Ochotona curzoniae) is a keystone species for biodiver-
sity on the Tibetan plateau. Anim Conserv 2: 235–240.

Sommer, F., and Backhed, F. (2013) The gut microbiota–
masters of host development and physiology. Nat Rev
Microbiol 11: 227–238.

Stegen, J.C., Lin, X., Konopka, A.E., and Fredrickson, J.K.
(2012) Stochastic and deterministic assembly processes
in subsurface microbial communities. ISME J 6: 1653–
1664.

Stegen, J.C., Lin, X., Fredrickson, J.K., Chen, X., Kennedy,
D.W., Murray, C.J., et al. (2013) Quantifying community
assembly processes and identifying features that impose
them. ISME J 7: 2069–2079.

Stegen, J.C., Lin, X., Fredrickson, J.K., and Konopka, A.E.
(2015) Estimating and mapping ecological processes
influencing microbial community assembly. Front Microbiol
6: 370.

Stevenson, T.J., Duddleston, K.N., and Buck, C.L. (2014)
Effects of season and host physiological state on the
diversity, density, and activity of the arctic ground squirrel
cecal microbiota. Appl Environ Microb 80: 5611–5622.

Sullam, K.E., Rubin, B.E.R., Dalton, C.M., Kilham, S.S.,
Flecker, A.S., and Russell, J.A. (2015) Divergence across
diet, time and populations rules out parallel evolution in
the gut microbiomes of Trinidadian guppies. ISME J 9:
1508–1522.

Tamaki, H., Wright, C., Li, X., Lin, Q., Hwang, C., Wang, S.,
et al. (2011) Analysis of 16S rRNA amplicon sequencing
options on the Roche/454 next-generation Titanium
sequencing platform. PLoS ONE 6: e25263.

Tap, J., Furet, J.P., Bensaada, M., Philippe, C., Roth, H.,
Rabot, S., et al. (2015) Gut microbiota richness promotes
its stability upon increased dietary fibre intake in healthy
adults. Environ Microbiol 17: 4954–4964.

Tlaskalova-Hogenova, H., Stepankova, R., Kozakova, H.,
Hudcovic, T., Vannucci, L., Tuckova, L., et al. (2011) The
role of gut microbiota (commensal bacteria) and the
mucosal barrier in the pathogenesis of inflammatory and
autoimmune diseases and cancer: contribution of germ-
free and gnotobiotic animal models of human diseases.
Cell Mol Immunol 8: 110–120.

Tremaroli, V., and B€ackhed, F. (2012) Functional interac-
tions between the gut microbiota and host metabolism.
Nature 489: 242–249.

Tripathi, B.M., Stegen, J.C., Kim, M., Dong, K., Adams,
J.M., and Lee, Y.K. (2018) Soil pH mediates the balance
between stochastic and deterministic assembly of bacte-
ria. ISME J 12: 1072–1083.

Tucker, C.M., and Fukami, T. (2014) Environmental variabil-
ity counteracts priority effects to facilitate species coexis-
tence: evidence from nectar microbes. Proc Biol Sci 281:
20132637.

VanderWaal, K.L., Atwill, E.R., Isbell, L.A., and McCowan,
B. (2014) Linking social and pathogen transmission net-
works using microbial genetics in giraffe (Giraffa camelo-
pardalis). J Anim Ecol 83: 406–414.

Vellend, M. (2010) Conceptual synthesis in community ecol-
ogy. Q Rev Biol 85: 183–206.

Wang, Q., Garrity, G.M., Tiedje, J.M., and Cole, J.R. (2007)
Naive Bayesian classifier for rapid assignment of rRNA
sequences into the new bacterial taxonomy. Appl Environ
Microbiol 73: 5261–5267.

Wang, C., Zhao, X., Liu, Z., Lippert, P.C., Graham, S.A.,
Coe, R.S., et al. (2008) Constraints on the early uplift his-
tory of the Tibetan Plateau. Proc Natl Acad Sci USA 105:
4987–4992.

Wang, J., Soininen, J., He, J., and Shen, J. (2012) Phyloge-
netic clustering increases with elevation for microbes.
Environ Microbiol Rep 4: 217–226.

Wang, J., Shen, J., Wu, Y., Tu, C., Soininen, J., Stegen,
J.C., et al. (2013) Phylogenetic beta diversity in bacterial
assemblages across ecosystems: deterministic versus
stochastic processes. ISME J 7: 1310–1321.

Webb, C.O., Ackerly, D.D., McPeek, M.A., and Donoghue,
M.J. (2002) Phylogenies and community ecology. Annu
Rev Ecol Syst 33: 475–505.

Werner, J.J., Knights, D., Garcia, M.L., Scalfonea, N.B.,
Smith, S., Yarasheski, K., et al. (2011) Bacterial commu-
nity structures are unique and resilient in full-scale bioen-
ergy systems. Proc Natl Acad Sci USA 108: 4158–4163.

Yan, Q., Li, J., Yu, Y., Wang, J., He, Z., Van Nostrand, J.D.,
et al. (2016) Environmental filtering decreases with fish
development for the assembly of gut microbiota. Environ
Microbiol 18: 4739–4754.

Yang, Y., Yue, C., Guoen, J., Zhenzhong, B., Lan, M., Haix-
ia, Y., et al. (2007) Molecular cloning and characterization
of hemoglobin alpha and beta chains from plateau pika
(Ochotona curzoniae) living at high altitude. Gene 403:
118–124.

Yatsunenko, T., Rey, F.E., Manary, M.J., Trehan, I., Domin-
guez-Bello, M.G., Contreras, M., et al. (2012) Human gut
microbiome viewed across age and geography. Nature
486: 222–227.

Zaura, E., Keijser, B.J., Huse, S.M., and Crielaard, W.
(2009) Defining the healthy “core microbiome” of oral
microbial communities. BMC Microbiol 9: 259.

Zhang, W., Li, N., Tang, X., Liu, N., and Zhao, W. (2018)
Changes in intestinal microbiota across an altitudinal gra-
dient in the lizard Phrynocephalus vlangalii. Ecol Evol 8:
4695–4703.

Zhou, J., Deng, Y., Zhang, P., Xue, K., Liang, Y., Van Nos-
trand, J.D., et al. (2014) Stochasticity, succession, and
environmental perturbations in a fluidic ecosystem. Proc
Natl Acad Sci USA 111: E836–E845.

Supporting information

Additional supporting information may be found online in
the Supporting Information section at the end of the arti-
cle.

Fig. S1 Mantel correlation between the pairwise matrix of
OTU niche distances and the phylogenetic distances in pika
gut microbiota with 999 permutations. Significant correla-
tions (P < 0.05) of phylogenetic signals in species
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ecological niches are marked as solid circles, whereas non-
significant correlations are labeled as hollow circles.
Fig. S2 The abundance distribution of major phyla in pika
gut across elevations and their correlation with elevation.
The relative abundance of these phyla was normalized
using Z-score transformation. Only those phyla with mean
relative abundance > 0.05% across all samples are shown.
Fig. S3 Alpha diversity (observed OTUs and Shannon diver-
sity) values of the dominant phyla Firmicutes, Bacteroidetes,
Proteobacteria and Spirochaetes were significantly corre-
lated with elevation (All P values < 0.05).
Fig. S4 The linear regression relationship between tem-
perature and elevation, observed OTUs or Shannon
diversity.
Fig. S5. Relationship between elevation and principal
coordinate axis 1(PCoA1) from Jaccard or Bray-Curtis
dissimilarities for pika gut microbiota. PCoA1 is signifi-
cantly correlated with Jaccard or Bray-Curtis distance.
Fig. S6 Non-metric multidimensional scaling (NMDS)
plots showing the difference of gene functional profiles

across elevations at level 3 based on Bray-Curtis dis-
tance.
Fig. S7 The abundance distribution of the predicted
gene functions associated with metabolism at level 2
across elevations. The relative abundance of gene func-
tions was normalized using Z-score transformation. Only
those gene functions that correlated with elevation
(r > 0.3 or < �0.3, P < 0.01) are shown (all P val-
ues < 0.001).
Fig. S8 The weighted standardized effect size of the
mean nearest taxon distance (SES.MNTD) for the three
dominant phyla Firmicutes, Bacteroidetes, Proteobacteria
was significantly correlated with elevation (all P val-
ues < 0.001).
Fig. S9 The composition of plant communities in each
elevation. Only nine most abundant plant species were
shown.
Table S1. The detailed sample information.

ª 2019 The Authors Microbial Biotechnology published by John Wiley & Sons Ltd and Society for Applied Microbiology., Microbial
Biotechnology, 12, 976–992

992 H. Li et al.


