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Objective: To propose and evaluate a metric for quantifying hospital- specific dispari-
ties in health outcomes that can be used by patients and hospitals.
Data Sources/Study Setting: Inpatient admissions for Medicare patients with acute 
myocardial infarction, heart failure, or pneumonia to all non- federal, short- term, 
acute care hospitals during 2012- 2015.
Study Design: Building on the current Centers for Medicare and Medicaid Services 
methodology for calculating risk- standardized readmission rates, we developed mod-
els that include a hospital- specific random coefficient for either patient dual eligibil-
ity status or African American race. These coefficients quantify the difference in 
risk- standardized outcomes by dual eligibility and race at a given hospital after  
accounting for the hospital's patient case mix and proportion of dual eligible or 
African American patients. We demonstrate this approach and report variation and 
performance in hospital- specific disparities.
Principal Findings: Dual eligibility and African American race were associated with 
higher readmission rates within hospitals for all three conditions. However, this  
disparity effect varied substantially across hospitals.
Conclusion: Our models isolate a hospital- specific disparity effect and demonstrate 
variation in quality of care for different groups of patients across conditions and hos-
pitals. Illuminating within- hospital disparities can incentivize hospitals to reduce  
inequities in health care quality.
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1  | INTRODUCTION

Over the last decade, the Centers for Medicare and Medicaid Services 
(CMS) has promoted the use of quality measures in accountability 
programs with the goal of improving patient health care and well- 
being. Under the Affordable Care Act, CMS extended these efforts 
by establishing pay- for- performance programs, which tie payment to 
the relative performance of hospitals on quality measures. These ac-
countability programs have contributed to improving patient care.1–3 
However, current quality improvement efforts generally do not ad-
dress improving quality of care specifically for patients with social 
risk factors, such as low- income individuals or people of color, even 
though these groups experience worse health care quality.4–6

In this context, and with the goal of promoting health care eq-
uity, multiple stakeholders have proposed to highlight disparities in 
outcome measures by social risk factors.7–10 Despite these recom-
mendations and persisting disparities in health outcomes,11–15 few 
quality measures or methods have emerged for highlighting health 
care disparities, and none are in widespread use.

In order to address this gap in reporting disparities, this study 
proposes and evaluates a metric to quantify hospital- specific dis-
parities in health outcomes. Such a metric could be used to target 
quality improvement efforts to reduce inequalities in health care. 
Importantly, our proposed approach recognizes that social risk fac-
tors can affect outcomes through two mechanisms: between- hospital 
effects, where patients with certain risk factors may be more likely 
to be treated at hospitals with lower overall health care quality for 
all patients, and within- hospital effects, where patients with social 
risk factors may have different outcomes than patients without so-
cial risk factors at the same hospital. Research has documented both 
types of disparity effects.10,15–17 While we recognize that both are 
critical to understand, our approach separates the two and isolates 
the within- hospital disparity, or hospital- specific disparity effect, 
related to social risk factors. By focusing on a hospital- specific as-
sessment of disparities, this measurement strategy allows hospitals 
to assess the gaps in care and outcomes among patient groups cared 
for within their institution and specifically targets a tangible compo-
nent of health care disparities that hospitals can directly influence.

Our approach also recognizes the multiple ways in which social 
risk factors can affect outcomes for patients within a hospital. First, 
patients with social risk factors may have different degrees of clini-
cal illness and comorbid disease. It is important to account for these 
differences in order to illuminate the hospital- specific disparity that 
could be attributed to hospital quality. Another mechanism is differ-
ential care, where hospitals systematically provide different treat-
ment to different patients, such as differential rates of procedure,18–20 
or fail to provide adequately differentiated care, such as language 
interpreters, leading to worse outcomes for patients with social risk 
factors. Such differences in the quality of care may reflect hospitals’ 
response to patients’ different ability to pay, implicit or explicit bias to-
ward patients of certain disadvantaged groups, or different assump-
tions about certain patients’ ability to care for themselves. Finally, 
social risk factors may influence outcomes more directly; for example, 

a social risk factor such as “living alone” may increase the risk of being 
readmitted after discharge regardless of care and comorbidities.21

While recognizing these distinctions are important for addressing 
and mitigating disparities in health outcomes, our approach accounts 
for differences in clinical status and assumes that other mechanisms 
can and should be mitigated to some extent by hospitals and, there-
fore, should be captured by disparity measurement. This assumption 
is informed by existing data which show that hospitals that care for 
very high proportions of patients with social risk factors can perform 
similarly well on hospital quality measures,4,22 along with the recog-
nition that hospitals can address the underlying causes independent 
of the specific mechanisms.8,23–26 Thus, our approach assumes that 
each hospital has a latent disparity effect—that is, for each hospital a 
social risk factor will have more or less of an effect on the outcome 
depending on the degree to which the hospital mitigates some or all 
of these mechanisms. Importantly, our approach allows us to test 
this assumption, in that we will derive an estimate of the variation 
across hospitals of this assumed latent disparity effect.

In this paper, we define a new metric to illuminate within- hospital 
differences in outcomes for different patient groups. This metric is 
an extension of existing quality outcome measures and can be im-
plemented using the same data and cohorts, which will facilitate 
widespread use. We then apply this approach to three quality mea-
sures currently reported through CMS's Hospital Compare website: 
readmission within 30 days after discharge for acute myocardial in-
farction (AMI), heart failure, and pneumonia. For each of these three 
measures, we estimate within- hospital disparities for two social risk 
factors, dual eligibility for Medicare and Medicaid (“dual eligibility”) 
and race. Dual eligibility is a marker for poverty and a known predic-
tor of poor health outcomes.10 African American patients have also 
been consistently shown to have differential outcomes compared 
to White patients.27 In demonstrating and reporting the estimated 
within- hospital difference in outcomes for these measures, we hope 
to provide a tool that can be used by consumers and hospitals to iden-
tify how well each hospital mitigates social risk among their patients.

2  | METHODS

2.1 | Data sources

This study used Medicare administrative claims data for hospitaliza-
tions from July 1, 2012 to June 30, 2015. The cohort and patients’ 
clinical risk factors were identified using the inpatient and outpa-
tient Standard Analytic Files. We linked these data to the Master 
Beneficiary Summary File (MBSF) to determine a patient's Medicaid 
and Medicare dual eligibility status. The Medicare Enrollment 
Database (EDB) provided information on a patient's race.

2.2 | Study population

We focused on the AMI, heart failure, and pneumonia readmission 
measure cohorts, which include inpatient admissions to all non- federal, 
short- term, acute care hospitals for Medicare fee- for- service (FFS) 
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patients aged 65 years and older hospitalized with a principal discharge 
diagnosis of AMI, heart failure, or pneumonia.28–30 The pneumonia 
measure cohort also includes admissions with a principal discharge 
diagnosis of sepsis (not including severe sepsis) that have a second-
ary discharge diagnosis of pneumonia coded as present on admission 
(POA) and no secondary diagnosis of severe sepsis coded as POA.31 
To be included in the measure cohorts, patients must be enrolled in 
Medicare FFS Part A and Part B for one year before their admission 
date and enrolled in Part A during their index admission to ensure ad-
equate data for risk adjustment. Patients who died during the hospitali-
zation or were discharged against medical advice were excluded from 
the measure cohorts. Finally, for patients transferred to another acute 
care institution, we attributed the readmission outcome to the hospital 
that ultimately discharged the patient to a non- acute setting.

2.3 | Variables

The outcome of interest is 30- day readmission following AMI, 
heart failure, or pneumonia hospitalization. We used the risk fac-
tors documented for each existing readmission measure, which in-
clude age, comorbidities, and prior medical history (for more details 
on the variables included in the risk adjustment models, see31). We 
used the “state reported dual eligible status code” variable in the 
MBSF to determine a patient's dual eligibility status. Dual eligible 
patients are defined as those patients who receive full Medicaid cov-
erage. To identify a patient's race, we used information available in 
the Medicare EDB. Racial/ethnic categories available in this file in-
clude White (not Hispanic origin), Black (not Hispanic origin), Asian/
Pacific Islander, Hispanic, Native American/Alaskan Native, other, 
and unknown. However, these data are not consistently captured in 
Medicare claims. Sensitivity analyses showed that it is difficult to re-
liably distinguish between the five aforementioned racial and ethnic 
groups.32,33 White and Black patients are the only two groups with 
high sensitivity and specificity. Therefore, we only included patients 
coded as White or Black in our racial disparity analyses.

2.4 | Underlying risk adjustment model

The method presented here is applicable to any social risk factors and 
dichotomous outcomes. It was developed as an extension of the risk 
standardized outcome measures developed and reported by CMS in 
measures (see readmission measures on QualityNet). These publicly 
reported measures include the three conditions and outcomes evalu-
ated here: AMI, heart failure, and pneumonia readmission. Below, we 
describe the specific model and assumptions common to all of them.

Suppose Yij indicates whether the ith patient at the jth hospital is 
readmitted within 30 days, and Zij is a vector of risk factors for that 
patient. Then, we would first estimate a mixed effects model: 

where γj is a random hospital effect. The random effect γj, some-
times called the “hospital- specific effect,” can be interpreted as a 

latent quality trait for hospital j because it estimates the contribution 
of the hospital to the outcome risk for all patients admitted to hos-
pital j. Once model (1) is estimated, it is used for these measures to 
calculate for each patient a predicted probability of the outcome Pij 
and an expected probability Eij where 

These represent the predicted risk for patient i using hospital j's spe-
cific latent quality and the risk predicted for the same patient assum-
ing he or she were treated at a hospital with average latent quality. 
Once these are calculated, they are used to construct a standardized 
risk ratio (SRR) for each hospital j: 

where the sum is over all patients at hospital j. This is usually 
multiplied by the overall crude rate mean (Yij) to produce a risk- 
standardized rate (RSRR), which is reported.

2.5 | Disparity model

Model (1) can be expanded to include an additional risk factor X 
(e.g, dual eligibility), which captures the fixed effect of X on patient 
outcomes: 

Here, βX represents the overall disparity effect. While important to as-
sess, it is a fixed effect, which is the same for all hospitals. To assess 
within- hospital disparities related to patient attribute X (e.g, dual 
eligibility), we assume that in addition to the hospital- specific effect 
described above and the fixed effect βX, there is an additional latent 
disparity trait at each hospital, such that patients with X = 1 have an 
increased or decreased risk of the outcome specific to that hospital: 

where εj is the hospital-specific disparity effect (or within- hospital dis-
parity effect) and represents the latent disparity trait for each hos-
pital. Model (4) is known as a “mixed effects random slope model.” 
There are different ways of specifying the same model, but for 
purposes of estimation we use a form that separates the between- 
hospital effect (effect of being at a hospital with a high proportion 
of patients with the risk factor) from the within- hospital effect (ef-
fect of having the social risk factor at a particular hospital). In order 
to better interpret the results, we also center all factors Zij on their 
overall mean. Thus, our final model is: 

where

• 

(1)logit(Pr[Yij = 1])
�j∼N(0,�

2)

= �0 + B
T
Zij + �j

Pij = logit−1(�0 + B
T
Zij + �j); Eij = logit−1(�0 + B

T
Zij).

(2)SRRj = (�Pij)∕(�Eij)

(3)
logit(Pr[Yij = 1])

γj∼N(0,τ
2)

= β0 + BZij + βXXij + γj.

(4)
logit(Pr[Yij = 1])

(�j ,�j)∼N(0,�
2)

= �0 + BZij + (�X + �j)Xij + �j

(5)
logit(Pr[Yij =1]) = �0 + �1(Zij1−Z..1) +… + �p(Zijp−Z..p)

+ �j + �x(Xij−Xj.) + �x2(Xj.−X..) + �j(Xij−Xj.)

Z..k =
1

∑I

i=1
ni

�I

j=1
Zijk for K = 1,… ,p;
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• Xij is the indicator of social risk factor (e.g, 1 = dual, 0 = non-dual 
or 1 = Black, 0 = White) for case i at hospital j;

• Xj. =
1

nj

∑nj

i=1
Xij is the proportion of cases with social risk factors in 

hospital j and X.. =
1

I

∑I

j=1
Xj. is the average of all hospitals propor-

tion of cases with social risk factors;

• (�j,�j)′~N2(0, �) with � =

(

�2
0

�01

�01 �2
1

)

.

In this model, the fixed effect βx reflects overall disparity, that is, 
the average disparity effect across all hospitals. The random slope 
εj reflects hospital i's hospital- specific disparity effect, that is, the 
degree to which the disparity in outcomes in hospital j differs from 
the average disparity. By combining these two, we can estimate the 
disparity effect at a given hospital.

2.6 | Reporting

Once model (5) is estimated, we propose reporting the hospital dis-
parity using in a metric that is both accurate and accessible to con-
sumers: the absolute rate difference (ARD). The ARD is calculated 
from model (5) by predicting the probability of a positive outcome 
under two different assumptions and calculating the difference. In 
both cases, we assume Z = mean(Zij), the average value of all risk 
factors in the population, and include the hospital- specific qual-
ity effect γj and hospital- specific disparity εj. For one, we assume 
Xij = 0 that the hypothetical patient has no disparity risk factor, 
and for the other, we assume Xij = 1 that the hypothetical aver-
age patient has the disparity risk factor. The difference between 
these two predicted probabilities is the ARD, which can be intui-
tively interpreted as the difference in outcome rates for “average 
patients” treated at that hospital with and without the social risk 
factor. As an alternative to the ARD, we also report the hospital- 
specific odds ratio, OR j = exp(βx + εj), representing the odds of an 
average patient with the given social risk factor to be readmitted 
after discharge from that hospital, relative to the analogous odds 
for an average patient without the social risk factor. A bootstrap 
procedure is used to obtain the 95% confidence intervals for each 
hospital's odds ratio and ARD. The detailed model specifications 
and bootstrap procedures for identifying outlier hospitals are de-
scribed in the Appendix S1.

2.7 | Statistical analyses

For each measure described above, we summarized the number 
of hospitals and patients, the percent of dual eligible patients, 
and the observed 30- day readmission rates. We then estimated 
model (5) and calculated the ARD and 95% confidence intervals 
for each hospital. We report the overall disparity odds ratio, vari-
ances of the hospital- specific disparity effect, ARD distributions, 
and “statistical outliers” (hospitals whose 95% confidence inter-
val for the ARD lies fully above or fully below 0). In alignment 
with likely public reporting thresholds, we examined the ARD 
distributions for hospitals with at least 25 patients overall and 

at least 12 patients in each subgroup. We also provide results on 
the relationship between overall quality and disparities. Finally, 
we examined correlations between socioeconomic disparities and 
racial disparities.

All analyses were performed using SAS version 9.4 (SAS Institute, 
Cary, NC, USA). The Human and Investigation Committee at the Yale 
University School of Medicine provided an exemption to use CMS 
claims and enrollment data for research analyses and publication.

3  | RESULTS

3.1 | Socioeconomic disparities

3.1.1 | Descriptive statistics

The study includes 501 429 admissions to 4220 hospitals for AMI, 
1 162 288 admissions to 4639 hospitals for heart failure, and 
1 475 989 admissions to 4692 hospitals for pneumonia. Among pa-
tients hospitalized for AMI, heart failure, and pneumonia, 14.3%, 
18.7%, and 24.6%, respectively, were dual eligible. In our sample, 
the unadjusted readmission rates within 30 days of index discharge 
for all patients were 16.8%, 21.9%, and 17.1% for AMI, heart fail-
ure, and pneumonia, respectively. The unadjusted readmission rate 
was substantially higher among dual eligible patients compared to 
non- dual eligible patients with a difference of about 5.7% for AMI, 
4.0% for heart failure, and 3.1% for pneumonia (see Table 1).

3.1.2 | Overall disparity effect

We began our analysis by assessing the overall disparity effect 
(Disparity Odds Ratio in Table 1). The overall disparity effect is fixed 
across hospitals and reflects health disparities by social risk factor 
conditional on comorbidities. The overall odds ratio between dual 
eligible and non- dual eligible patients was 1.05 for pneumonia, 1.07 
for heart failure, and 1.09 for AMI. Accordingly, the odds that a dual 
eligible patient is readmitted are 5%- 9% higher compared to non- 
dual eligible patients depending on the condition, even after adjust-
ing for comorbidities.

3.1.3 | The hospital- specific disparity effect

For most hospitals in our sample, the within- hospital readmission 
rates were higher among dual eligible patients compared to non- 
dual eligible patients across the three conditions after adjusting 
for comorbidities (Figures 1-3). The results show that the hospital- 
specific disparity effect varied substantially across hospitals. For 
some hospitals, the ARD estimated from model (5) between dual 
and non- dual eligible patients for pneumonia was as large as 3.6%, 
indicating that dual eligible patients in these hospitals are substan-
tially more likely to be readmitted after accounting for differences 
in clinical factors, such as comorbidities. In other hospitals, how-
ever,	the	gap	was	as	small	as	−0.9%.	For	heart	failure,	the	hospital-	
specific disparity effect measured in terms of ARD ranged from 
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0.33% to 2.22%, and from 0.5% to 1.9% for AMI. The variation in 
hospital- specific disparities (the variance of the hospital- specific 
disparity effect) was statistically significant for the pneumonia re-
admission measure, but not for AMI and heart failure readmission 
(Table 1). This means that for AMI and heart failure readmission, 
the effect of dual eligibility on readmission (or the hospital- specific 
disparity effect) does not differ significantly across hospitals. In 
addition, there were a limited number of outlier hospitals across 

the three measures examined. The ARD and odds ratio calculations 
found no hospital with significant disparities for AMI readmission, 
one (0.02%) hospital with significant disparities in favor of non- dual 
eligible patients for heart failure readmission, and seven hospitals 
(0.15%) with significant disparities for pneumonia readmission in 
favor of non- dual eligible patients. The small numbers of outlier 
hospitals are likely due to the relatively small effect size of the na-
tional overall disparity across these three measures.

TABLE  1 Within- hospital disparities by dual eligibility for AMI, heart failure, and pneumonia readmission

AMI Heart failure Pneumonia

Hospitalizations

All 501 429 1 162 288 1 475 989

Percentage duals 14.3% 18.7% 24.6%

Observed readmission rates

Overall 16.84% 21.93% 17.08%

Duals 21.70% 25.21% 19.38%

Non- duals 16.03% 21.18% 16.33%

Disparity odds ratio

Duals vs Non- duals 1.09 (P- value <0.0001) 1.07 (P- value <0.0001) 1.05 (P- value <0.0001)

Median hospital level absolute rate difference (Interquartile range)

Duals vs Non- duals 1.12% (1.09%- 1.19%) 1.10% (1.02%- 1.20%) 0.60% (0.41%- 0.83%)

Variance of the hospital- specific disparity effect

Dual eligibility model 0.006 (P- value = 0.177) 0.004 (P- value = 0.067) 0.011 (P- value <0.0001)

AMI, acute myocardial infarction.

F IGURE  1 Distribution of absolute rate difference between dual and non- dual eligible patients, and black and white patients among all 
hospitals for heart failure readmission (N = 4220)



248  |    
Health Services Research

LLOREN Et aL.

F IGURE  2 Distribution of absolute rate difference between dual and non- dual eligible patients, and black and white patients among all 
hospitals for heart failure readmission (N = 4639)

F IGURE  3 Distribution of absolute rate difference between dual and non- dual eligible patients, and black and white patients among all 
hospitals for pneumonia readmission (N = 4692)
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Table 2 reports the distribution of disparity effects for hospitals 
with at least 25 patients overall and 12 dual and 12 non- dual eligible 
patients for the AMI, heart failure, and pneumonia readmission mea-
sures. The mean (SD), median, minimum, and maximum ARD were 
similar to that of the full set of hospitals.

3.1.4 | Relationship between with socioeconomic 
disparities and overall quality

The correlation between socioeconomic disparities and overall 
quality is positive, statistically significant, and moderate in size for 
heart failure (r = 0.47*, P < 0.05) and pneumonia (r = 0.44*, P < 0.05) 
readmission, indicating that hospitals that have high socioeconomic 
disparities tend to have worse hospital quality in terms of their 
overall RSRR. For AMI readmission, the relationship is negative and 
statistically significant, but the association is very weak (r	=	−0.08*,	
P < 0.05).

3.2 | Racial disparities

3.2.1 | Descriptive statistics

About 8% of patients hospitalized for AMI, 13% hospitalized for 
heart failure, and 8% hospitalized for pneumonia were Black. The 
number of hospitals included in the disparity model for race was 
lower than the number included in the dual eligibility model because 
some hospitals did not provide care to any Black patients. There was 
a total of 4202 hospitals for the AMI cohort, 4600 hospitals for the 
heart failure cohort, and 4655 hospitals for the pneumonia cohort.

Across the three measures, the results indicate that Black pa-
tients were more likely to be readmitted compared to White patients 
(See Observed Readmission Rate in Table 2). The observed differ-
ence in readmission rates between Black and White patients was 
4.8% for AMI, 2.9% for heart failure, and 4.8% for pneumonia.

3.2.2 | Overall disparity effect

Table 2 presents the overall disparity effect, which quantifies racial 
disparities within hospitals after controlling for differences in pa-
tients’ severity of illness and is fixed across hospitals (see Disparity 
Odds Ratio in Table 2). The overall odds ratio between Black and 
White patients was as high as 1.15 for pneumonia. Accordingly, the 
odds that a Black patient is readmitted are 15% higher compared to 
a White patient for this specific condition, even after adjusting for 
patients’ comorbidities. For heart failure and AMI, the overall odds 
ratio was 1.04 and 1.08, respectively, indicating that the odds that a 
Black patient is readmitted are 4%- 8% higher compared to a White 
patient.

3.2.3 | The hospital- specific disparity effect

For all hospitals in our sample, within- hospital readmission rates were 
higher among Black patients compared to White patients across the TA
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three conditions examined and after adjusting for patients’ comor-
bidities. Results indicated that the variance of the hospital- specific 
disparity effect was significant for AMI and pneumonia readmission, 
but not for heart failure readmission (Table 3). Figures 1-3 show that 
hospital- specific disparities by race varied substantially across hos-
pitals for AMI and pneumonia readmission. The Black–White ARD in 
readmission ranged from 0.0% % to 5.0% for AMI. For pneumonia, 
the ARD varied from 1.0% to 3.7%. For heart failure, the ARD varied 
from 0.5% to 1.0%.

We identified more outlier hospitals for the race model than 
for the dual eligibility model. One (0.02%) hospital had significant 
disparities (in favor of white patients) in AMI readmission, no hos-
pitals had significant disparities for heart failure readmission, and 
237 (5.7%) hospitals had significant disparities (in favor of white 
patients) for pneumonia readmission. The large number of outlier 
hospitals for pneumonia readmission is likely due to the relatively 
large effect size of the national overall disparity between Black and 
White patients.

Table 4 reports the distribution of disparity effects for hospitals 
with at least 25 patients overall and 12 Black and 12 White patients. 
The mean (SD), median, minimum, and maximum ARD were similar 
to that of the full set of hospitals.

3.2.4 | Relationship between with racial 
disparities and overall quality

The correlation between racial disparities and overall quality 
is strong with a positive, statistically significant association for 
heart failure (0.87*, P < 0.05) and pneumonia (r = 0.67*, P < 0.05) 
readmission, indicating that hospitals that have high racial dis-
parities tend to have worse hospital quality in terms of their 
overall RSRR. For AMI readmission, the relationship is negative 
and statistically significant, but the strength of the association is 
weak (r	=	−0.22*,	P < 0.05).

3.3 | Relationship between socioeconomic and 
racial disparities

Table 5 summarizes the correlation between socioeconomic and ra-
cial disparities for AMI, heart failure, and pneumonia readmission. 
The correlations are moderate, but positive and statistically signifi-
cant for the three outcome measures examined, indicating that hos-
pitals that have high socioeconomic disparities also have high racial 
disparities. The strength of the association was the weakest for AMI 
(r = 0.19) and the strongest for heart failure (r = 0.52). Given that 
there is some overlap between patients’ social risk factors, these 
results suggest that mechanisms driving socioeconomic and racial 
disparities may be partly different.

4  | DISCUSSION

In this paper, we proposed and evaluated a metric for quantifying 
within- hospital disparities in quality outcome measures. To date, 
current national quality reporting efforts do not focus on evaluat-
ing health care disparities, and measurement tools have been lack-
ing. Our approach fills this gap. In this paper, we implemented our 
method using two social risk factors applied to three condition- 
based readmission measures. We showed that a hospital- specific 
disparity metric is technically feasible, and it is effective in capturing 
relative differences in outcomes within hospitals for patients with 
and without the social risk factor. Consistent with prior research, 
we found that patients with social risk factors have an increased 
risk of 30- day readmission relative to patients without that social 
risk factor in most hospitals. But, we also found sizeable variation 
in within- hospital disparities across hospitals for some but not all 
measures: for pneumonia readmission related to dual eligibility, and 
for AMI and pneumonia readmission related to Black race. Variation 
in within- hospital disparities demonstrates that many hospitals have 

TABLE  3 Within- hospital disparities by race for AMI, heart failure, and pneumonia readmission

AMI Heart failure Pneumonia

Hospitalizations

All 501 429 1 162 288 1 475 989

Percentage of blacks 8.3% 12.6% 7.9%

Observed readmission rates

Overall 16.84% 21.93% 17.08%

Blacks 21.2% 24.4% 21.5%

White 16.4% 21.5% 16.7%

Disparity odds ratio

Black vs White 1.08 (P- value <0.0001) 1.04 (P- value <0.0001) 1.15 (P- value <0.0001)

Median hospital level absolute rate difference (Interquartile range)

Black vs White 1.03% (0.96%- 1.12%) 0.67% (0.65%- 0.71%) 1.90% (1.80%- 2.04%)

Variance of the hospital- specific disparity effect

Race model 0.031 (P- value <0.003) 0.001 (P- value = 0.339) 0.006 (P- value =0.046)

AMI, acute myocardial infarction.
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an opportunity to close the gap in health outcomes among the pa-
tients they serve.

Our approach aligns with existing, publicly reported outcome 
measures and shares important features with these measures. For 
instance, we account for differences in patients’ prior medical his-
tory to isolate the hospital- specific disparity effect related to social 
risk factors. We also use mixed effects models, but extend these 
models using additional parameters that allow us to separate the 
disparity effect into a within- hospital effect and a between- hospital 
effect. In addition, by separating both from the overall hospital qual-
ity effect, we have reduced the risk of bias that might be introduced 
if the within- hospital disparity was influenced by overall quality. 
This approach can be adapted to assess disparities for other out-
come measures (such as mortality or complication measures) and for 
any social risk factor (e.g, spoken language or gender). It provides 
a framework for assessing within- hospital disparities across differ-
ent health outcomes and social risk factors. As demonstrated in our 
findings, we expect that variation in the hospital- specific disparity 
effect will be specific to the outcome measure. At the same time, 
the demonstrated correlation across social risk factors for all three 
conditions validates our approach. Finally, the correlation between 
within- hospital disparities and overall quality varies in strength 
across social risk factors and across the three measures. In most 
cases, disparities are higher in hospitals with poor overall perfor-
mance. However, there are hospitals that have good overall perfor-
mance and medium or high disparities, or hospitals that have poor 
overall performance and no within- hospital disparities. Accordingly, 
disparity measures provide additional and supplementary informa-
tion on hospital performance.

We also proposed and illustrated two different reporting options, 
namely ARD and odds ratio. The ARD is estimated directly from the 
model parameters and has the advantage of reflecting a quantity 
that is easily understood by consumers. However, especially for pur-
poses of additional research, other reporting methods, such as odds 
ratio, may be more practical. We examined statistical outliers as a 
means of identifying hospitals with statistically significant within- 
hospital disparities using a conservative method. In the context of 
reporting such information nationally, a number of options are fea-
sible depending on policy goals. In addition to using lower thresh-
old confidence intervals (e.g, 90% confidence intervals) which could 
identify more outliers, it may also be useful to assess performance 
directly using the ARD or to assess disparity performance in com-
bination with overall performance in order to account for ceiling or TA
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TABLE  5 Pearson correlations between socioeconomic and 
racial disparities (quantified by absolute rate differences) for AMI, 
heart failure, and pneumonia readmission

Correlation P value 95% CI

AMI 0.19 <0.0001 0.15- 0.20

Heart failure 0.52 <0.0001 0.49- 0.54

Pneumonia 0.49 <0.0001 0.47- 0.51

AMI, acute myocardial infarction.
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floor effects (hospitals which do very poorly overall may have little 
within- hospital disparity because of little within- hospital variation). 
Pooling the disparity metric, either by conditions, outcomes, or so-
cial risk factors, might also provide a better picture of how well a 
hospital is able to mitigate risks associated with these factors.

4.1 | Implications

Mandated by the Improving Medicare Post- Acute Care 
Transformation Act (IMPACT Act) of 2014 (H.R. 4994), the 
Assistant Secretary for Planning and Evaluation recently recom-
mended, among other initiatives, introducing health equity meas-
ures to illuminate disparities in health care quality. In response 
to these recommendations, several national initiatives aim to ac-
count for the effect of social risk factors on Medicare quality and 
payment programs. Our measurement approach is aligned with 
these recommendations. It sets the foundation to target qual-
ity improvement efforts to reduce health disparities. Paired with 
overall quality measures, it can be used by hospitals and policy 
makers to reduce gaps in health care quality and outcomes among 
patients.

Reporting within- hospital disparities gives hospitals an import-
ant and actionable metric. It provides information to support and 
incentivize improving equity in outcomes among their own pa-
tients. However, we note that these metrics are ideally reported 
in tandem with related measures, both overall quality metrics and 
between- hospital disparity measures. Reporting in conjunction 
with measurements of overall hospital quality will ensure that all 
groups of patients receive high- quality care. Reporting in conjunc-
tion with measures that capture comparative quality for patients 
with social risk across institutions (“between- hospital” dispari-
ties) will provide consumers and policy makers with a better un-
derstanding of both equity and expected outcomes for patient 
subgroups.

4.2 | Limitations

Our proposed approach to measure within- hospital disparities has 
several limitations. First, our approach is limited by the availability 
of information on social risk factors in claims data. However, the two 
social risk factors used in this article, dual eligibility and race, are 
generally available and accurately measured in claims data.34 These 
two factors capture patient attributes for which there is strong evi-
dence of substantial disparities in health outcomes.11–15 Related to 
this is the potential heterogeneity of effect of social risk factors. For 
example, dual eligibility status may carry less information in some 
states, as the threshold for qualifying for Medicaid may be lower. In 
addition, race may represent different social risk in different regions 
of the United States because of relative differences in race- related 
income inequality. However, this is a limitation to studying national 
disparities using any social risk factor.

Second, the number of patients required to construct a met-
ric that is meaningfully precise is an important limitation. Similar 

to sample size limitations for other outcome measures, measuring 
disparities for hospitals with a small volume of patients with social 
risk factors is challenging. In this article, we did not impose any 
threshold for sample size, but publicly reported disparity measures 
should require a carefully selected threshold. In our sensitivity 
analyses, we examined results for hospitals with at least 25 pa-
tients overall and 12 patients in each subgroup. For all three out-
come measures, socioeconomic and racial disparity results were 
similar among all hospitals and hospitals meeting the threshold 
requirement.

Third, the measured disparities represent observed differences 
in outcomes between different patient groups after accounting for 
multiple factors, including hospitals’ proportion of patients with so-
cial risk factors and patients’ comorbidity burden, to isolate the area 
under hospitals’ influence. However, a confounder may exist which 
influences both the risk factor and hospital readmission. Related to 
this is the limitation of the outcome, 30- day readmission, which does 
not fully reflect the competing risk of mortality. However, as with 
the currently publicly reported measures, it would be meaningful to 
report mortality disparities based on the same method as a compli-
mentary metric.

Another practical limitation is that we did not account for co- 
occurrence of social risk factors. Some patients were both dual 
eligible and African American and, thus, either effect may have re-
flected in part that of the other risk factor. More importantly, both 
sets of patients may share some third social risk factor, which drives 
both effects. However, for purposes of promoting health equity and 
consumer transparency, we argue that reporting results for multiple 
social risk factors, as we have done, is the best way to address this 
limitation. Specifically, reporting separate results for each subgroup 
of patients makes it easier for hospitals to isolate the effect of so-
cioeconomic and racial disparities on readmission. Disparity results 
are also easier to interpret by consumers when reported separately 
across multiple social risk factors. Thus, despite these limitations, 
the proposed measure provides the strongest available signal for 
health disparities.

5  | CONCLUSION

Using a novel method to isolate and estimate within- hospital dis-
parities, we found that for 30- day readmission these disparities vary 
across hospitals for some conditions and social risk factors. This 
method thus has the potential to incentivize the reduction of health 
care disparities through public reporting.

ACKNOWLEDGMENTS

Joint Acknowledgment/Disclosure Statement: The analyses upon which 
this article is based were performed under Contract No. HHSM- 500- 
2013- 13018I, Task Order HHSM- 500- T0001, titled “Measure and 
Instrument Development and Support (MIDS)—Development and Re- 
evaluation of the CMS Hospital Outcomes and Efficiency Measures,” 



     |  253
Health Services Research

LLOREN Et aL.

funded by the Centers for Medicare and Medicaid Services, an 
agency of the Department of Health and Human Services (HHS). 
The content of this article does not necessarily reflect the views 
or policies of HHS. The authors gratefully acknowledge and thank 
our many colleagues and collaborators for their thoughtful and in-
structive input. Special thanks to Sharon- Lise Normand, PhD from 
Harvard Medical School, Department of Health Care Policy. The au-
thors assume full responsibility for the accuracy and completeness 
of the ideas presented. All authors received funding under contract 
with CMS to develop and maintain quality measures.

ORCID

Anouk Lloren  https://orcid.org/0000-0001-7487-2328 

Jeph Herrin  https://orcid.org/0000-0002-3671-3622 

REFERENCES

 1. Desai NR, Ross JS, Kwon JY, et al. Association between hospital 
penalty status under the hospital readmission reduction program 
and readmission rates for target and nontarget conditions. JAMA. 
2016;316(24):2647-2656.

 2. Joynt KE. Response to outlier status: lessons from public re-
porting for percutaneous coronary intervention. Circulation. 
2017;135(20):1908-1910.

 3. Waldo SW, McCabe JM, Kennedy KF, Zigler CM, Pinto DS, Yeh 
RW. Quality of care at hospitals identified as outliers in publicly re-
ported mortality statistics for percutaneous coronary intervention. 
Circulation. 2017;135(20):1897-1907.

 4. Bernheim SM, Parzynski CS, Horwitz L, et al. Accounting for pa-
tients’ socioeconomic status does not change hospital readmission 
rates. Health Aff (Millwood). 2016;35(8):1461-1470.

 5. Institute of Medicine. How Far Have We Come in Reducing Health 
Disparities? Progress Since 2000: Workshop Summary. Washington 
DC: National Academy of Sciences; 2012.

 6. Joynt KE, Orav E, Jha AK. Thirty- day readmission rates for Medicare 
beneficiaries by race and site of care. JAMA. 2011;305(7):675-681.

 7. NQF. A Roadmap for Promoting Health Equity and Eliminating 
Disparities: The Four I's for Health Equity.  Washington, DC: Department 
of Health and Human Services; 2017. HHSM-500-2012-00009I.

 8. Chin MH, Clarke AR, Nocon RS, et al. A roadmap and best practices 
for organizations to reduce racial and ethnic disparities in health 
care. J Gen Intern Med. 2012;27(8):992-1000.

 9. Fiscella K, Franks P, Gold MR, Clancy CM. Inequality in quality: ad-
dressing socioeconomic, racial, and ethnic disparities in health care. 
JAMA. 2000;283(19):2579-2584.

 10. Office of the Assistant Secretary for Planning and Evaluation (ASPE). 
Report to congress: social risk factors and performance under 
Medicare's value-based purchasing programs. 2016. https://aspe.
hhs.gov/pdf-report/report-congress-social-risk-factors-and-per-
formance-under-medicares-value-based-purchasing-programs. 
Accessed September 1, 2018.

 11. Qasim M, Andrews RM. Despite overall improvement in surgical 
outcomes since 2000, income- related disparities persist. Health Aff. 
2013;32(10):1773-1780.

 12. Mehtsun WT, Figueroa JF, Zheng J, Orav EJ, Jha AK. Racial dispari-
ties in surgical mortality: the gap appears to have narrowed. Health 
Aff. 2017;36(6):1057-1064.

 13. Dickman SL, Himmelstein DU, Woolhandler S. Inequality and the 
health- care system in the USA. Lancet. 2017;389(10077):1431-1441.

 14. McPheeters ML, Kripalani S, Peterson NB, et al. Closing the quality 
gap: revisiting the state of the science (vol. 3: quality improvement 
interventions to address health disparities). Evid Rep Technol Assess 
(Full Rep). 2012;3:1-475.

 15. Trivedi AN, Nsa W, Hausmann LRM, et al. Quality and equity of care 
in U.S. hospitals. N Engl J Med. 2014;371(24):2298-2308.

 16. Bradley EH, Herrin J, Wang Y, et al. Racial and ethnic differences 
in time to acute reperfusion therapy for patients hospitalized with 
myocardial infarction. JAMA. 2004;292(13):1563-1572.

 17. Hasnain-Wynia R, Baker DW, Nerenz D, et al. Disparities in health 
care are driven by where minority patients seek care: examina-
tion of the hospital quality alliance measures. Arch Intern Med. 
2007;167(12):1233-1239.

 18. Jha AK, Orav EJ, Epstein AM. Low- quality, high- cost hospi-
tals, mainly in South, care for sharply higher shares of elderly 
black, Hispanic, and medicaid patients. Health Aff (Millwood). 
2011;30(10):1904-1911.

 19. Reames BN, Birkmeyer NO, Dimick JB, Ghaferi AA. Socioeconomic 
disparities in mortality after cancer surgery: failure to rescue. JAMA 
Surg. 2014;149(5):475-481.

 20. Skinner J, Chandra A, Staiger D, Lee J, McClellan M. Mortality after 
acute myocardial infarction in hospitals that disproportionately 
treat black patients. Circulation. 2005;112(17):2634-2641.

 21. Lu MLR, Davila CD, Shah M, et al. Marital status and living con-
dition as predictors of mortality and readmissions among African 
Americans with heart failure. Int J Cardiol. 2016;222:313-318.

 22. Yale New Haven Health Services Corporation Center for Outcomes 
Research and Evaluation. Medicare Hospital Quality Chartbook: 
Performance Report on Outcome Measures. New Haven, CT: Centers 
for Medicare and Medicaid Services; 2013.

 23. Finding Answers: Solving Disparities Through Payment and 
Delivery System Reform 2017. http://www.solvingdisparities.org/. 
Accessed July 2, 2018.

 24. Chin MH, Walters AE, Cook SC, Huang ES. Interventions to re-
duce racial and ethnic disparities in health care. Med Care Res Rev. 
2007;64(5_suppl):7S-28S.

 25. Schlotthauer AE, Badler A, Cook SC, Perez DJ, Chin MH. Evaluating 
interventions to reduce health care disparities: an RWJF program. 
Health Aff (Millwood). 2008;27(2):568-573.

 26. The National Academies of Sciences E, and Medicine. Systems 
Practices for the Care of Socially At-Risk Populations. Washington, DC: 
National Academies Press; 2016.

 27. Institute of Medicine. Unequal Treatment: Confronting Racial and 
Ethnic Disparities in Health Care. Washington, DC: 2002 by the 
National Academy of Sciences; 2003.

 28. Krumholz H, Normand S, Keenan P, et al. Hospital 30-Day Acute 
Myocardial Infarction Readmission Measure Methodology. 2008. 
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename 
=QnetPublic%2FPage%2FQnetTier4&cid=1219069855841. Accessed 
February 8, 2018.

 29. Krumholz H, Normand S, Keenan P, et al. Hospital 30-Day Heart Failure 
Readmission Measure Methodology. 2008. https://www.quali-
tynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2 
FPage%2FQnetTier4&cid=1219069855841. Accessed February 8, 
2018.

 30. Krumholz H, Normand S, Keenan P, et al. Hospital 30-Day Pneumonia 
Readmission Measure Methodology. 2008; https://www.quali-
tynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2 
FPage%2FQnetTier4&cid=1219069855841. Accessed February 8, 
2018.

 31. Dorsey K, Grady J, Desai N, et al. Condition-Specific Measures 
Updates and Specifications Report: Hospital-Level 30-Day Risk-
Standardized Readmission Measures; Acute Myocardial Infarction 
– Version 9.0, Chronic Obstructive Pulmonary Disease – Version 
5.0, Heart Failure – Version 9.0, Pneumonia – Version 9.0, and 

https://orcid.org/0000-0001-7487-2328
https://orcid.org/0000-0001-7487-2328
https://orcid.org/0000-0002-3671-3622
https://orcid.org/0000-0002-3671-3622
https://aspe.hhs.gov/pdf-report/report-congress-social-risk-factors-and-performance-under-medicares-value-based-purchasing-programs
https://aspe.hhs.gov/pdf-report/report-congress-social-risk-factors-and-performance-under-medicares-value-based-purchasing-programs
https://aspe.hhs.gov/pdf-report/report-congress-social-risk-factors-and-performance-under-medicares-value-based-purchasing-programs
http://www.solvingdisparities.org/
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier4&cid=1219069855841
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier4&cid=1219069855841
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier4&cid=1219069855841
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier4&cid=1219069855841
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier4&cid=1219069855841
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier4&cid=1219069855841
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier4&cid=1219069855841
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier4&cid=1219069855841


254  |    
Health Services Research

LLOREN Et aL.

Stroke – Version 5.0. 2016. https://www.qualitynet.org/dcs/Content 
Server?c=Page&pagename=QnetPublic%2FPage%2FQnetTier3 
&cid=1228774371008. Accessed February 8, 2018.

 32. Filice CE, Joynt KE. Examining race and ethnicity information 
in medicare administrative data. Med Care. 2017;55(12):e170
-e176.

 33. Proctor K, Hodge C. Validating Medicare's Race and Ethnicity Data. 
CMS, Office of MinorityHealthUsing 2010 and 2000 Census data 
and 2011-2009 American Community Survey.

 34. Buntin MB, Ayanian JZ. Social risk factors and equity in Medicare 
payment. N Engl J Med. 2017;376(6):507-510.

SUPPORTING INFORMATION

Additional supporting information may be found online in the 
Supporting Information section at the end of the article.  

How to cite this article: Lloren A, Liu S, Herrin J, et al. Measuring 
hospital- specific disparities by dual eligibility and race to 
reduce health inequities. Health Serv Res. 2019;54: 
243–254. https://doi.org/10.1111/1475-6773.13108

https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier3&cid=1228774371008
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier3&cid=1228774371008
https://www.qualitynet.org/dcs/ContentServer?c=Page&pagename=QnetPublic%2FPage%2FQnetTier3&cid=1228774371008
https://doi.org/10.1111/1475-6773.13108

