
Chemical
Science

EDGE ARTICLE
Detection and di
Department of Chemistry, University of Nor

North Carolina 27599, USA. E-mail: mlwate

† Electronic supplementary informatio
characterization, sensor preparation se
component analysis, sensor array re
https://doi.org/10.1039/d2sc05685b

Cite this: Chem. Sci., 2023, 14, 928

All publication charges for this article
have been paid for by the Royal Society
of Chemistry

Received 12th October 2022
Accepted 21st December 2022

DOI: 10.1039/d2sc05685b

rsc.li/chemical-science

928 | Chem. Sci., 2023, 14, 928–936
fferentiation of per- and
polyfluoroalkyl substances (PFAS) in water using
a fluorescent imprint-and-report sensor array†

Emily E. Harrison and Marcey L. Waters *

Widespread industrial use of per- and polyfluoroalkyl substances (PFAS) as surfactants has led to global

contamination of water sources with these persistent, highly stable chemicals. As a result, humans and

wildlife are regularly exposed to PFAS, which have been shown to bioaccumulate and cause adverse

health effects. Methods for detecting PFAS in water are currently limited and primarily utilize mass

spectrometry (MS), which is time-consuming and requires expensive instrumentation. Thus, new

methods are needed to rapidly and reliably assess the pollution level of water sources. While some

fluorescent PFAS sensors exist, they typically function in high nanomolar or micromolar concentration

ranges and focus on sensing only 1–2 individual PFAS. Our work aims to address this problem by

developing a fluorescent sensor for both individual PFAS, as well as complex PFAS mixtures, and

demonstrate its functionality in tap water samples. Here we show that dynamic combinatorial libraries

(DCLs) with simple building blocks can be templated with a fluorophore and subsequently used as

sensors to form an array that differentially detects each PFAS species and various mixtures thereof. Our

method is a high-throughput analysis technique that allows many samples to be analyzed simultaneously

with a plate reader. This is one of the first examples of a fluorescent PFAS sensor array that functions at

low nanomolar concentrations, and herein we report its use for the rapid detection of PFAS

contamination in water.
Introduction

Per- and polyuoroalkyl substances (PFAS) have been recog-
nized as a signicant threat to our environment and health as
they continue to accumulate in global water sources due to
extensive use in industrial production.1–7 Owing to their high
stability and both hydro- and oleophobic properties, PFAS have
found use in commercial products including cosmetics,8 food
packaging,9 cookware,10 stain-resistant furniture coatings,10 and
re-ghting foam,11 among others.12,13

In the past couple of decades many studies have shed light
on the toxicity of PFAS,14–21 prompting the Environmental
Protection Agency (EPA) to impose drinking water limits for
several of the most prominent contaminants, namely per-
uorooctanesulfonic acid (PFOS) and peruorooctanoic acid
(PFOA). PFOA has been identied as a possible carcinogen
leading to higher incidences of testicular and kidney cancers,17

while PFAS generally have been linked to many other health
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concerns, including higher cholesterol,14 hepatotoxicity,14

thyroid disease,18 immunotoxicity,19,20 and reduced fertility.21

While newer short-chain PFAS have been developed with the
goal of decreasing toxicity, such as peruoro-2-
propoxypropanoic acid (GenX),22 they are being linked to
many of the same health concerns as legacy PFAS but may
possess shorter half-lives.23,24

Sensitive detection methods for these “forever chemicals”
are critical for evaluating the safety of our water sources. Many
existing methods utilize mass spectrometry (MS),22,25–30 but
despite the accuracy and sensitivity of MS, its limitations
include the need for expensive instrumentation, time-
consuming sequential sample analysis, and oen isotope-
labeled analytical standards. Alternative detection methods
that are more cost-effective and high-throughput, such as
uorescent sensors that can be rapidly analyzed in well plate
format, are highly desirable.

One of the largest current challenges among uorescent
detection methods is achieving a measurable output within
a relevant PFAS concentration range. While environmental
PFAS contamination is typically in the femtomolar to picomolar
range,3,4 most uorescent sensors operate in the high nano-
molar or micromolar range.31–35 Among the most successful
examples thus far are the use of aggregation-induced emission
luminogens assembled on a chip that can detect PFOA and
© 2023 The Author(s). Published by the Royal Society of Chemistry
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PFOS as low as 100 nM reported by Fang et al.,36 and an indi-
cator displacement assay (IDA) using a guanidinocalix[5]arene
and uorescein to detect PFOA and PFOS with limits of detec-
tion (LODs) of 26.4 nM and 21.4 nM, respectively, developed by
Zheng et al.37 Sensor arrays have previously been developed as
a facile method of detecting and distinguishing several analytes
with similar structures from one another using pattern
recognition,38–41 but only a couple of sensor arrays for PFAS
currently exist.42,43 Typically, developing a sensor array involves
identifying and synthesizing a set of hosts that exhibit differ-
ential binding proles towards the analytes and colorimetric or
uorescent reporter(s). When the reporter(s) and analytes are in
competition with one another for binding to each host,
a unique pattern of outputs is obtained, allowing for visual
differentiation via the statistical tool principal component
analysis (PCA).44,45 One PFAS sensor array developed by Chen
and co-workers utilizes luminescent metal–organic frameworks
(MOFs) to distinguish six PFAS at low micromolar concentra-
tions.42 The utility of the array is also demonstrated with a set of
PFAS mixtures and in spiked environmental water samples, but
the PFAS concentrations detected are several orders of magni-
tude higher than levels of environmental contamination.
Another array developed by Yin et al. is comprised of func-
tionalized nanoparticles and discriminates seven individual
PFAS with a reported LOD of 40 nM and various molar ratios of
PFOS and PFHxA at a total concentration of 0.6 mM.43 Herein, we
describe a novel uorescent sensor array that differentially
detects PFAS, both individual species and complex mixtures in
buffer and tap water, at the lowest reported PFAS concentra-
tions (5–40 nM) using dynamic combinatorial chemistry
(DCC)46 to generate a set of dynamic combinatorial libraries
(DCLs) containing macrocyclic species templated with a uo-
rophore. We have previously reported this method, called
imprint-and-report sensing, as a high-throughput means for
differentiating protein post-translational modications
(PTMs),47 as well as a set of dietary metabolites in human
plasma samples,48 demonstrating the adaptability and appli-
cability of the system. For the PFAS sensing reported herein,
new DCLs containing a uorinated monomer were optimized to
enhance interactions with the uorinated analytes.

Imprint-and-report sensor arrays use combinations of
exchangeable dithiol building blocks to generate a set of DCLs,
which are templated with an environmentally sensitive uo-
rophore. The DCLs are allowed to completely equilibrate and
oxidize, such that macrocyclic speciation that is imprinted by
the uorophore template is locked in. Analytes can then be
added to aliquots of the imprinted DCL to generate a competi-
tive binding scenario and thus a uorescence report.47 Unique
reported patterns based on the interactions between each ana-
lyte with several DCLs create analyte differentiation via PCA
(Fig. 1a). The merits of imprint-and-report sensing are that
receptors are generated in situ, thereby obviating the need for
individual host development and synthesis, and that utilizing
a mixture of hosts instead of just one species affords the
opportunity for additional host–guest interactions that may
lead to enhanced differential signal (Fig. 1b). Moreover, the DCL
© 2023 The Author(s). Published by the Royal Society of Chemistry
sensors can readily be adapted for new analytes by modifying
the dithiol building blocks that are used.48

Using this imprint-and-report methodology, we developed
a PFAS sensor array and observed successful differentiation of
six prominent PFAS contaminants: PFOS (per-
uorooctanesulfonic acid), PFOA (peruorooctanoic acid),
GenX, peruoroheptanoic acid (PFHpA), peruorohexanoic
acid (PFHxA), and peruoropentanoic acid (PFPeA) (Fig. 2). We
show that use of a uorinated building block in the DCL sensors
improves sensing capabilities and allows full distinction of
these six PFAS at 5 nM, as well as detection and differentiation
of various PFAS mixtures at 20 nM. Finally, we demonstrate that
tap water samples spiked with PFAS mixtures can be discrimi-
nated based on total PFAS concentration at 40 nM, rather than
the specic individual components, streamlining sensing of
complex mixtures. To our knowledge, this system is the most
sensitive uorescent PFAS sensing technique reported to date
and has the widest sensing scope, as it detects several of the
most prevalent PFAS as well as complex mixtures. Thus, it
represents an important advancement in the detection of
environmental contaminants that pose great risks to human
health.

Results and discussion

High levels of PFAS are of particular concern in North Carolina,
namely in the Cape Fear River Basin, due in part to nearby PFAS
manufacturing plants that have released the contaminants into
the environment since the 1950s.3 As a result, we narrowed our
selection of PFAS for sensor array development to those that are
some of the most prevalent contaminants in NC: PFOA, PFOS,
GenX, PFHpA, PFHxA, and PFPeA.49 To initially screen for
differential uorescence sensing using the imprint-and-report
system, we selected three building blocks (E,50 G,51 and N52)
that we have previously used in the detection of PTMs, as well as
the uorophore lucigenin (LCG), which has been used in
previous imprint-and-report arrays (Fig. 3).47,48 The four LCG-
templated DCLs formed from these building blocks in 50 mM
sodium borate buffer at pH 8.5 (E + G, G + N, E + N, and E + G +
N) have been characterized47 and thus allowed us to gain a facile
understanding of the promise of this system for PFAS detection.
Despite the building blocks and PFAS all being negatively
charged, we anticipated that the uorinated tails of the PFAS
may bind to receptors in aqueous solution due to the hydro-
phobicity of both species. Moreover, one of the key advantages
of differential sensing is the requirement for differentially
binding receptors rather than highly selective receptors.39

Using these four DCLs (sensors 1–4; Fig. 3), we rst tested for
PFAS discrimination at 100 nM DCL (100 nM total building
blocks and 100 nM LCG) and 20 nM PFAS. DCLs were rst
equilibrated at 1.0 mM for ve days, which we have previously
veried allows for full oxidation and thus imprinted specia-
tion.47 Aliquots of PFAS stock solutions made in 50 mM sodium
borate buffer (pH 8.5) were then added to each DCL, such that
nal assay samples were all in 50 mM borate buffer. Aer
adding PFAS analytes to the DCLs, the assay samples were
placed on a shaker plate for one hour prior to analysis on a plate
Chem. Sci., 2023, 14, 928–936 | 929



Fig. 1 (a) Scheme depicting the workflow of an imprint-and-report sensor array used to sense and differentiate analytes, such as PFAS. DCLs are
first imprinted with a fluorophore, followed by analyte addition, fluorescence analysis, and differentiation via PCA. (b) Scheme illustrating the
generation of sensor array data using three imprinted DCL sensors and adding PFAS analytes to produce different fluorescent patterns.

Fig. 2 Structures of the PFAS detected by the imprint-and-report
array.

Fig. 3 Structures of DCC building blocks E, G, N, and X and the flu-
orophore template LCG (left), and the composition of each DCL
sensor (right).
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reader. A No Guest sample of borate buffer (pH 8.5) with no
added PFAS was included as a negative control.

Fluorescence data from a minimum of three DCLs is needed
to generate a 2-dimensional PCA plot, so each assay analyzed
using four DCLs can generate a total of ve PCA plots: data from
DCLs 1 + 2 + 3 + 4, 1 + 2 + 3, 1 + 2 + 4, 1 + 3 + 4, and 2 + 3 + 4. For
each assay described herein, all of these PCA combinations were
analyzed and the plot displaying the highest degree of ellipse
separation (i.e. the fewest overlapping ellipses) was selected. All
PCA plots for each assay are shown in the ESI.† For the 20 nM
PFAS assay, the best separation was observed using sensors 1, 2,
and 3 (G + N, E + G, and E + N DCLs); however, this plot still
930 | Chem. Sci., 2023, 14, 928–936
shows overlap among the ellipses for GenX, PFOS, and PFHxA
(Fig. 4a). It is important to note that the No Guest ellipse is fully
separated, so while these array conditions cannot condently
distinguish all six PFAS, they can distinguish a sample con-
taining any of the PFAS from one that does not.

The data point scatter within an ellipse provides insight into
contributions of the sensors to differentiation. Point scatter
along a particular vector represents error within the four sample
replicates in each cluster for that sensor. For example, in Fig. 4a,
the data points for PFHpA and PFHxA exhibit scatter along the
vector for the E + N sensor (sensor 3), whereas GenX, PFOA,
PFOS, and PFHeA all exhibit scatter along the vectors for the G
© 2023 The Author(s). Published by the Royal Society of Chemistry



Fig. 4 PCA plots displaying detection of six individual PFAS and a No
Guest sample in 50mM sodium borate buffer (pH 8.5) using (a) sensors
1, 2, and 3 (G + N, E + G, and E +NDCLs) at 20 nM PFAS and (b) sensors
2, 3, and 4 (E + G, E + N, and E + G + N DCLs) at 10 nM PFAS.

Fig. 5 PCA plots displaying detection of six individual PFAS and a No
Guest sample in 50mM sodium borate buffer (pH 8.5) using (a) sensors
1, 2-X, and 3-X (X + G, G + N, and X + N DCLs) at 5 nM PFAS and (b)
sensors 2-X, 3-X, and 4-X (X + G, X + N, and X + G + N DCLs) at 1 nM
PFAS. Both plots are shown with 95% confidence ellipses. Gray dashed
lines denote separation between the No Guest sample and PFAS.

Edge Article Chemical Science
+ N and/or E + G sensors (sensors 1 and 2). This scatter
contributes to the lack of differentiation of all PFAS, but the
means of many of the data clusters are still separated along
both PC1 and PC2. The vectors indicate that the G + N and E + G
libraries (sensors 1 and 2) contribute primarily to PC1 and
differentiate PFHpA and PFHxA from the shorter-chain GenX
and PFPeA. The E + N DCL (sensor 3) contributes primarily to
PC2 based on its orientation in the plot and differentiates PFOA
from GenX, PFHxA, and PFOS, which are clustered in the
middle along PC2, and PFHpA and PFPeA near the bottom of
PC2.

Upon lowering the PFAS concentration to 10 nM (Fig. 4b) and
5 nM (Fig. S8†) with the same DCLs at 100 nM, the resulting
arrays show no separation, indicating that this set of DCLs is
not sensitive enough to achieve differential uorescence
sensing below 20 nM. Nonetheless, the level of separation
achieved at 20 nM suggests that the PFAS indeed interact
differentially with species in the DCLs, which is surprising given
their highly similar structures but promising for array
optimization.

We hypothesized that the DCL sensors might be further
improved by incorporating a uorinated building block due to
© 2023 The Author(s). Published by the Royal Society of Chemistry
the well-established partitioning of uoroalkanes, alkanes, and
water, known as the uorous effect.53–56 Thus, replacing
building block E with the analogous uorinated building block
X (Fig. 3), which has been reported previously,57 in DCLs within
the imprint-and-report array (sensors 2-X, 3-X, and 4-X) may
leverage the uorous effect by introducing uorine–uorine
host–guest interactions and creating tighter binding. Moreover,
X has no carboxylates while E has two in pH 8.5 borate buffer,
which may present another advantage of X over E, since
removing the negative charges of E will create less repulsion
between hosts containing X and the negatively charged PFAS.
Conveniently, X maintains water solubility because the elec-
tronegative uorine atoms lower the pKas of the thiols.

We found that using the set of four DCLs with building
blocks X, G, and N (sensors 1, 2-X, 3-X, and 4-X), the sensor array
has improved discrimination capabilities at even lower PFAS
concentrations, consistent with our hypothesis. Full separation
of all six PFAS, as well as No Guest, is achieved at 5 nM PFAS
with 100 nM of sensors 1, 2-X, and 3-X (G + N, X + G, and X + N
DCLs) (Fig. 5a). This plot displays much less data point spread
Chem. Sci., 2023, 14, 928–936 | 931



Fig. 7 Cartoon schemes representing two possible interaction
mechanisms: (a) turn-on fluorescence caused by PFAS binding to
a receptor and displacing fluorophore and (b) turn-off fluorescence
caused by the formation of a ternary complex between a receptor,
fluorophore, and PFAS.
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than those using the E, G, and N DCLs, with only slight spread
observed in the PFOA and GenX samples along the direction of
the G + N and/or X + N vectors, which does not interfere with
differentiation of samples. This indicates larger error in the
uorescence measurements of those samples with sensors 1
and 3-X, which is consistent with the error in the raw uores-
cence measurements.

At 1 nM PFAS, we observe slight overlap between GenX,
PFPeA, and PFOA, but separation from the No Guest sample is
maintained, meaning a sample containing no PFAS can be
differentiated from one containing any of the PFAS at this
concentration. To assess the limits of the system, we also tested
the array at 0.5 nM PFAS and saw no separation (Fig. S11†).

To better understand the sensing system, we analyzed the
normalized uorescence bar graphs for each of the DCLs used
to create full separation in the 5 nM PFAS array (Fig. 6). The X +
G DCL (sensor 2-X) shows only uorescence enhancement upon
addition of all PFAS relative to the No Guest sample, suggesting
LCG is displaced from receptors upon PFAS binding to create
turn-on uorescence, as expected. However, with the G + N DCL
(sensor 1), some PFAS result in a uorescence increase, while
others result in quenching, and only quenching is observed
with the X + N DCL (sensor 3-X). This suggests there is likely
a combination of interaction mechanisms at play; while in
some DCLs, PFAS appear to outcompete LCG binding to
receptors, giving turn-on uorescence, in some cases the addi-
tion of PFAS seems to result in more bound LCG and thus more
quenching (Fig. 7). One possible mechanism for this is the
Fig. 6 Bar graphs depicting the normalized fluorescence of the G + N
(sensor 1), X + G (sensor 2-X), and X + N (sensor 3-X) DCLs upon
addition of 5 nM of each PFAS. Error bars represent the standard
deviation of four replicate samples.

932 | Chem. Sci., 2023, 14, 928–936
formation a ternary complex, perhaps arising from the combi-
nation of both an ion pair between the positively charged LCG
and negatively charged PFAS, which then together associate
with hosts and lead to a turn-off uorescence signal.

To gain insight into the mechanism of sensing, we evaluated
direct interactions between LCG and the PFAS, as in several
reported uorescent PFAS sensors, the PFAS were shown to
directly affect the uorescence of an indicator species.31,33,37 We
found, however, that no uorescence quenching or enhance-
ment of LCG (100 nM) is observed in the presence of 5 nM PFAS
(Fig. 8). This indicates that the unique PFAS detection produced
by the imprint-and-report array at 5 nM is a result of interac-
tions between the DCL hosts, LCG, and PFAS, not simply due to
differential interactions between LCG and PFAS alone. To
evaluate the importance of DCL templation by LCG, we per-
formed the same assay with untemplated X + G, G + N, and X + N
DCLs in which the PFAS and LCG were added simultaneously to
Fig. 8 (a) Cartoon representing the lack of fluorescence quenching
effect that is observed when 100 nM LCG is exposed to 5 nM PFAS. (b)
Normalized fluorescence of samples containing 100 nM LCG and 5 nM
PFAS, showing that no fluorescence change is observed without DCLs
present.

© 2023 The Author(s). Published by the Royal Society of Chemistry



Table 1 PFAS components in each mixture detected by the array in
Fig. 8. All mixtures contain the same total PFAS concentration, and
within each mixture, each PFAS is present at equal concentrations

Mixture name Mixture components

Binary PFOS, PFOA
Ternary PFOS, PFOA, PFHxA
Quaternary PFOS, PFOA, PFHxA, GenX
Quinary PFOS, PFOA, PFHxA, GenX, PFPeA
Senary PFOS, PFOA, PFHxA, GenX, PFPeA, PFHpA
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pre-equilibrated DCLs at the same concentrations as in the
templated experiments (100 nM LCG and 5 nM PFAS). We found
that no differentiation of PFAS is achieved under these condi-
tions (Fig. 9), conrming that LCG templation is also necessary
and suggesting that species formed in the presence of LCG bind
to the PFAS.

Aer conrming the functionality of the PFAS sensor array
and validating the role of the DCLs, we assessed the ability of
the array to discriminate mixtures of PFAS at the same total
concentration. While it is oen important to detect simply
whether PFAS contamination is present in a water sample, in
some cases it is useful to understand what specic PFAS are
present, since they each have different toxicity and persistence
proles. Thus, we rst evaluated application of the array using
a simple set of mixtures with different numbers of PFAS
components and thus varying levels of mixture complexity
(Table 1). We achieved full separation of these mixtures,
including a No Guest sample, at 20 nM total PFAS (Fig. 10).
However, most separation, notably from the No Guest sample,
is lost when the PFAS concentration is lowered to 10 nM
(Fig. S13†). Thus, at a total PFAS concentration of 20 nM, the
imprint-and-report system is sensitive enough to provide
differential signal for mixtures containing different PFAS
components.

To assess more complex PFAS mixtures, we evaluated a set
based on the PFAS composition of some of the most highly
contaminated areas of North Carolina: Mebane, Raeford,
Ramseur, Wallace, and Sanford. We made mixtures
Fig. 9 (a) Cartoon representing the workflow of the assay using
untemplated DCLs. (b) PCA plot (95% confidence) displaying lack of
differentiation of six individual PFAS and a No Guest sample in 50 mM
sodium borate buffer (pH 8.5) using the untemplated sensors 1, 2-X,
and 3-X (G + N, X + G, and X + N DCLs), to which PFAS and LCG were
added simultaneously.

© 2023 The Author(s). Published by the Royal Society of Chemistry
representing the ratios found in Mebane, Raeford, Ramseur,
and Wallace at a total PFAS concentration of 20 nM, while the
Sanford mixture was made to have 4.5 times the total PFAS
concentration of the others to reect the especially high PFAS
levels detected in Sanford (Table 2).49 Analysis of the array data
indicates that we again achieved full separation of the mixtures
at 20 nM total PFAS (or 90 nM for the Sanford sample) and the
No Guest sample (Fig. 11). While some separation is maintained
at 10 nM PFAS (45 nM Sanford sample), slight overlap is
observed between Ramseur and Wallace and between No Guest
and Mebane (Fig. S15†). This means a PFAS-free sample may
not always be condently distinguished from a PFAS-
contaminated sample using this array at 10 nM PFAS.

To evaluate if the imprint-and-report sensor array can also
function in tap water samples, we created the same set of
mixtures corresponding to NC areas by spiking tap water from
UNC's campus with the PFAS. We also included a sample of
unspiked milliQ water and a sample of unspiked UNC tap water
as controls. We found that at total PFAS concentrations of
40 nM (180 nM Sanford sample), no separation of the 40 nM
mixtures from each other is observed. The array likely loses
sensitivity in tap water compared to buffer due to the greater
complexity of the background. However, the PCA plot still
provides a useful analysis of the samples, as it successfully
Fig. 10 PCA plot displaying detection of five PFAS mixtures in 50 mM
sodium borate buffer (pH 8.5) varying in number of components
(according to Table 1) and a No Guest sample using sensors 1, 2-X, and
4-X (G + N, X + G, and X + G + N DCLs) at 20 nM total PFAS. PCA plots
are shown with 95% confidence ellipses.

Chem. Sci., 2023, 14, 928–936 | 933



Table 2 PFAS components and ratios in each mixture corresponding to contamination detected in locations in North Carolina. Detection of
these mixtures by the array is shown in Fig. 9. All mixtures contain the same total PFAS concentration, except for the Sanford mixture, which is
4.5-times more concentrated

Area Total [PFAS]rel PFAS species Ratio

Mebane 1 PFOS, PFOA, PFHxA, PFPeA 1 : 1 : 2 : 19
Raeford 1 PFHxA, PFPeA, PFHxS, PFBS, PFOS 1 : 1 :6 : 8 : 12
Ramseur 1 PFPeA —
Sanford 4.5 PFOA, PFHxS, PFOS, PFPeA, PFHpA, PFHxA 1 : 2 : 91 : 11 : 11 : 6
Wallace 1 PFOS, PFPeA 1 : 25

Fig. 11 PCA plot displaying detection of five PFAS mixtures in 50 mM
sodium borate buffer (pH 8.5) varying in components, ratios, and total
concentration (according to Table 2) and a No Guest sample using
sensors 1, 2-X, 3-X, and 4-X (G + N, X + G, X + N, and X + G + N DCLs)
at 20 nM total PFAS (or 90 nM for the Sanford Sample). PCA plots are
shown with 95% confidence ellipses.

Fig. 12 (a) PCA plots displaying detection of five PFASmixtures varying
in components, ratios, and total concentration (according to Table 2)
in tap water, as well as a non-spiked tap water sample and a milliQ
sample using sensors 2-X, 3-X, and 4-X (X + G, X + N, and X + G + N
DCLs) at 40 total PFAS (or 180 nM for Sanford). (b) A second trial
performed with a fresh tap water sample shows a reproducible trend,
and (c) both trials overlay when combined into one PCA plot. All PCA
plots are shown with 95% confidence ellipses.

Chemical Science Edge Article
separates the milliQ water, the unspiked tap water, the 40 nM
PFAS mixtures (Mebane, Raeford, Ramseur, and Wallace), and
the 180 nM Sanford mixture (Fig. 12a), demonstrating that it
can differentiate variation in total PFAS concentrations, even
when the composition of the PFAS compounds varies. More-
over, the assay was repeated on a different day with fresh tap
water and showed a reproducible trend; the data sets from both
days also overlay well when combined into one plot (Fig. 12b
and c).

Once again, analysis of the ellipses provides insight into the
function of the sensor array. The ellipses in Fig. 12 trend
diagonally towards the upper right corner of the plot as the
PFAS concentration increase. The X + G DCL vector (sensor 2-X)
is positioned along this diagonal, suggesting that sensor 2-X is
most responsible for differentiating these samples in tap water.
Perpendicular to the direction of the sample detection, PC1 and
PC2 together capture data point scatter that is aligned closely
with the X + G + N DCL vector (sensor 4-X) and somewhat with
934 | Chem. Sci., 2023, 14, 928–936
the X + N vector (sensor 3-X). This reects the larger error within
the data sets originating from sensors 3-X and 4-X, possibly due
to a larger amount of interference by background species in the
tap water with the receptors in these sensors.
Conclusions

We have demonstrated herein that an imprint-and-report uo-
rescent sensor array comprised of three simple building blocks
(X, G, and N) and their four corresponding DCLs generates
a uorescent PFAS detection and differentiation system that
provides a new state of the art in uorescence sensing of this
class of compounds. The array is able to fully distinguish
between six individual PFAS that are prominent environmental
contaminants at 5 nM, as well as two sets of PFAS mixtures at
20 nM, one set that varies in the number of PFAS components
and one that is based on environmental contamination
components and ratios in several locations in NC. Further, we
© 2023 The Author(s). Published by the Royal Society of Chemistry
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show that the array is able to differentiate mixtures containing
different concentrations of spiked PFAS contamination in tap
water. While this 5–20 nM PFAS concentration range is still
higher than environmental PFAS contamination levels in real
water samples (i.e. non-spiked tap water, lake water, etc.), the
imprint-and-report system nonetheless represents the most
sensitive uorescence detection system that has been developed
to our knowledge, with the widest scope of detection with
respect to different PFAS and mixtures. This proof-of-principle
study suggests that further optimization of the DCLs with
additional uorinated building blocks or positively charged
moieties to strengthen interactions with the PFAS will increase
the sensitivity and applicability of the array.
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