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Visual information about the location of an upcoming target can be used to prepare
an appropriate motor response and reduce its reaction time. Here, we investigated
the brain mechanisms associated with the reliability of directional information used for
motor preparation. We recorded brain activity using magnetoencephalography (MEG)
during a delayed reaching task in which a visual cue provided valid information about the
location of the upcoming target with 50, 75, or 100% reliability. We found that reaction
time increased as cue reliability decreased and that trials with invalid cues had longer
reaction times than trials with valid cues. MEG channel analysis showed that during the
late cue period the power of the beta-band from left mid-anterior channels, contralateral
to the responding hand, correlated with the reliability of the cue. This effect was source
localized over a large motor-related cortical and subcortical network. In addition, during
invalid-cue trials there was a phasic increase of theta-band power following target onset
from left posterior channels, localized to the left occipito-parietal cortex. Furthermore,
the theta-beta cross-frequency coupling between left mid-occipital and motor cortex
transiently increased before responses to invalid-cue trials. In conclusion, beta-band
power in motor-related areas reflected the reliability of directional information used during
motor preparation, whereas phasic theta-band activity may have signaled whether the
target was at the expected location or not. These results elucidate mechanisms of
interaction between attentional and motor processes.

Keywords: motor preparation, probabilistic inference, spatial attention, beta band, theta band, pairwise phase
consistency

INTRODUCTION

A key function of cognition is the integration of information for predictive processing (Bubic et al.,
2010). In particular, in time-stressed tasks such as, for example, while playing tennis or car driving,
the response latency decreases when the motor response is correctly anticipated (Shim et al., 2005;
Stahl et al., 2014). However, if the anticipation is incorrect and the response planned needs to
change, then the latency is lengthened (Posner et al., 1980). Thus, the reliability of the information
used to anticipate the response plays an important role in the effectiveness of motor preparation
(Vossel et al., 2014; Arjona et al., 2016). Studies of spatial attention using visually cued tasks have
shown that the greater the proportion of valid-cue trials within a block of trials, that is, the greater
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the reliability of the information the cue conveys, the greater
the reduction in response latency to correctly anticipated targets
(Jonides, 1980; Posner et al., 1980; Eriksen and Yeh, 1985;
Risko and Stolz, 2010; Arjona et al., 2016; Kuhns et al., 2017;
Valakos et al., 2020). In this context, motor planning and
spatial attention are inherently linked (Goldberg and Segraves,
1987; Rizzolatti et al., 1987; Rushworth et al., 2003; Brown
et al., 2011; Perfetti et al., 2011), and several studies have
shown that the frontoparietal neural network associated with
motor preparation overlaps to a large extent with the network
associated with spatial attention (Goldberg and Segraves, 1987;
Corbetta et al., 1998; Nobre et al., 2000; Moore and Fallah,
2001; Rushworth et al., 2003; Balser et al., 2014; Denis et al.,
2017). Therefore, we can expect that changing the reliability
of information provided by visual cues regarding an upcoming
motor response will be reflected in changes of neural activity in
the frontoparietal networks associated with motor control and
spatial attention.

It is well known that during motor preparation, there is
a reduction in power of beta-band (15–30 Hz) oscillations
over the peri-Rolandic region (Jasper and Penfield, 1949;
Pfurtscheller, 1981) to a level that is intermediate between
baseline and the even lower level associated with motor
execution. However, how much beta power decreases before
movement onset varies with the degree of motor preparation
(Alegre et al., 2003; Tzagarakis et al., 2010; Grent-’t-Jong et al.,
2015; Tzagarakis et al., 2015; Tzagarakis et al., 2019) and
is reflected by a corresponding change in response latency
and number of premature responses (Tzagarakis et al., 2010;
Tzagarakis et al., 2015; Tzagarakis et al., 2019; Barth et al.,
2021). Furthermore, it was shown in motor choice tasks that
sensorimotor beta power continuously reflects the probabilistic
inference based on the accumulation of evidence in favor of
one or another motor response (Donner et al., 2009; Gould
et al., 2012). For these reasons, we hypothesized that the
reliability of the information provided by visual cues modulates
the power of beta-band activity in motor-related areas during
motor preparation.

To investigate the brain mechanisms associated with the
reliability of visual information about the location of an
upcoming target, we recorded whole-head neuromagnetic
activity using magnetoencephalography (MEG) during a visually
cued reaching task in which the reliability of the cue varied across
blocks of trials. We did not limit our analysis to the beta-band,
but also checked whether there was any unanticipated effect of
cue reliability on other frequency bands (delta, theta, alpha, and
gamma). We analyzed the neural data during the early cue period
associated with the phasic change of activity following the onset
of the cue, and during the late cue period which is associated
with a more stable pattern of activity. In addition, since cue
reliability was defined by the proportion of cue-valid trials within
a block of trials, we checked whether there was a change in general
arousal level associated with the reliability condition during the
baseline period.

Furthermore, we tested the neural activity after target onset,
that is, once the validity of the cue was determined. Previous
studies have shown that theta-band (4–7 Hz) activity plays an

important role in signaling an unanticipated visual stimulus
(Rawle et al., 2012; Proskovec et al., 2018). In particular, Rawle
et al. (2012), using a visually cued reaching task, found that
there was a parietal and frontal phasic increase in theta-band
power after target onset when the location of the target was
uncertain but not when it was known in advance. Consequently,
we expected the occurrence of a change in theta-band power in
frontoparietal areas after target onset of invalid-cue trials, that
is, when the cue does not provide valid information about the
location of the upcoming target. However, here too we examined
whether there was an unanticipated effect of cue validity on the
other frequency-bands.

Finally, we investigated the interaction between attentional
and motor processes by analyzing the functional connectivity
of the brain regions found to be associated with cue reliability
and those associated with cue validity. From the hypotheses
mentioned above, we expected to find different theta-beta cross-
frequency coupling depending on the validity of the cue.

MATERIALS AND METHODS

Participants
Twelve right-handed volunteers with normal or corrected-to-
normal vision participated in this study (7 women and 5 men;
mean age = 31 years; age range 24–45 years). Participants had
no reported history of neurological or psychiatric disorders, no
history of substance abuse, and no tobacco use for at least 1
month prior to the recording session. They provided written
informed consent prior to being included in the study and
received monetary compensation for their participation. The
protocol was approved by the Institutional Review Board of the
Minneapolis Veterans Affairs Health Care System.

Task Setup
Participants used their right hand to control the position of
a cursor on a screen using a joystick (model M11C0A9F
customized for MEG compatibility, CH Products, Vista CA,
United States). A trial was initiated by placing the cursor within
a small circular window (diameter = 1 deg of visual angle)
in the center of the screen for a 3 s center-hold period, and
by fixating the center. After the center-hold period, the cue
(empty circle; diameter = 2 deg of visual angle) was presented
at 4 deg of visual angle from the center of the screen. The
direction of the cue varied randomly from trial to trial in the
0–360 deg range. The duration of the cue period was selected
randomly from a uniform distribution over the 1.0–1.5 s interval
to reduce the effect of temporal expectancy (Luce, 1986; Wagener
and Hoffmann, 2010). Participants were instructed to fixate the
center of the screen during the center-hold and cue periods.
Note that central fixation was not required after target onset
to facilitate the task, however, given the size of the target and
its eccentricity well within parafoveal vision, the task could
be performed without moving the eyes. The direction of gaze
was monitored on-line using a video-based eye tracking system
(ISCAN ETL-400, ISCAN Inc., Woburn, MA). If the subjects
blinked or did not maintain fixation within 2 deg from the
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center, the trial was automatically aborted, and a new trial had
to be initiated. For three participants, the fixation threshold
had to be increased during the second and/or third block of
trials due to a drift of gaze calibration. In addition, the artifact
rejection process (described further below) was used to reject
any trial contaminated by eye movements that might not have
been detected during the recording. After the cue period, the
target (filled circle) appeared at the position of the cue in case
of a valid-cue trial, or at a different random direction around the
center in case of an invalid-cue trial. Participants were instructed
to move the cursor quickly and accurately from the center onto
the target. A schematic representation of the task is shown in
Figure 1A. The reaction time (RT) was defined as the interval
between the onset of the target and the exit of the cursor from
the center window. RTs shorter than 100 ms or longer than
1,500 ms were counted as errors. The movement time (MT)
was defined as the interval between when the cursor exited
from the center window to when it entered the target. MTs
greater than 1,500 ms were considered errors. For a successful
movement execution, the trajectory of the cursor had to remain
within virtual boundaries tangent to the center window and
the target, and the cursor had to remain on the target for
a minimum of 100 ms. If any of these conditions did not
hold, the trial was aborted and presented again at a random
position in the sequence of the remaining trials in the block.
Consequently, every condition had the same number of correct
trials. At the end of the trial, an auditory signal indicating
whether the trial was correct (high pitch) or not (low pitch)
provided feedback to the participant. An interval of at least 3 s
separated each trial. All participants practiced the task before
the MEG recording.

MEG Recordings
Data acquisition was performed similarly to previously reported
experiments (Tzagarakis et al., 2010; Tzagarakis et al., 2015).
Participants were lying supine on a bed inside of a magnetically
shielded room with their head in the MEG detector helmet.
The visual stimuli and joystick-controlled cursor were projected
on a screen about 60 cm in front of the subject using an
LCD video projector (Sony VPL-PX20) located outside of the
shielded room. The joystick was secured to the bed next to the
subject’s right hip so that it could be manipulated comfortably
with the right hand. Neuromagnetic signals were recorded using
a 248-channel whole-head MEG system equipped with first-
order axial gradiometers (Magnes 3600 WH, 4D Neuroimaging,
San Diego CA, United States). The signals were low-pass
filtered (DC-400 Hz) and sampled at a rate of 1017.25 Hz. An
electrooculogram (EOG) was recorded in addition to the video-
based eye-tracking signal to help identify epochs contaminated
by eye movements or eye blinks. In addition, the onset of the
visual stimuli (cue and target) was detected by a photodiode
to ensure timing accuracy. The video-based eye-tracking, EOG,
photodiode and joystick signals were recorded on auxiliary
channels of the MEG system to ensure synchronization of all
the data. Five small coils were attached on the subject’s head to
measure the position of the head relative to the gradiometers
at the beginning and end of the recording session. The head

shape of each subject was digitized using a 3–D digitizer
(Fastrak, Polhemus, Colchester VT, United States). In addition,
the position of three fiducial points (nasion, left and right pre-
auricular points) was also digitized. MEG data were analyzed
using the open-source toolbox Fieldtrip (Oostenveld et al., 2011)
and MATLAB (Mathworks Inc., Natick, MA) custom-written
programs. Signals from reference gradiometers were used to
remove background noise from the neuromagnetic data using
the 4D-Neuroimaging algorithm implemented in Fieldtrip. Data
were aligned to either the onset of the cue or the onset of
the target, and trials contaminated by electronic artifacts, eye
movements, eye blinks, or muscle activity were detected using
a data-adaptive threshold and discarded. Following the artifact
rejection procedure, 92% (95% CI: 89–95%) of cue-aligned trials
and 91% (95% CI: 87-94%) of target-aligned trials were kept for
analysis. There was no significant difference in the proportion
of trials kept for analysis across cue reliability conditions
[cue-aligned: F(2, 33) = 1.865, p = 0.171; target-aligned: F(2,
33) = 1.724, p = 0.194]. Independent component analysis was
applied to identify components with cardiac artifacts, which then
were removed from the data. Finally, the data were detrended
and an adaptive anti-aliasing low-pass filter was applied before
resampling at 256 Hz to facilitate further processing. For each
participant, one MEG channel was malfunctioning and removed
from all analyses.

MRI
Head anatomical magnetic resonance images (MRI) were
obtained to help estimate the sources of the MEG channel-level
results. T1-weighted images were acquired with a 3-dimensional
multiplanar gradient echo sequence using a 3 Tesla system
(Achieva, Philips Medical Systems, Andover MA, United States;
repetition time = 8.0744 ms; echo time = 3.695 ms; flip angle = 8◦;
field of view = 240 × 240 mm; matrix = 256 × 256 pixels; slice
thickness = 1 mm). The volume of the MRI anatomical scan
extended from the top of the head to the bottom of the cerebellum
and included all fiducial points. MRIs were obtained from 10 out
of 12 participants. Two of the participants did not have an MRI
and were associated with a set of images from another participant
with a similar head size and shape.

Experimental Design and Statistical
Analyses
Task
Participants performed an instructed-delay reaching task in
which a peripheral visual cue indicated the location of the
upcoming target with 50, 75, or 100% reliability depending
on the block of trials. That is, the cue was either valid when
the target was presented at the same location as the cue, or
invalid when the target was presented at a different location.
Consequently, each trial was defined by the reliability condition
(50, 75, 100%) of the block of trials, and by the validity (valid,
invalid) of the cue. Participants were informed verbally about the
reliability condition before each block of trials, and each block
was composed of 72 trials. The order of the reliability conditions
was fully counterbalanced across participants.
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FIGURE 1 | Task and behavioral results. (A) Schematic description of the task. After a 3 s center-hold period, a peripheral cue (white circle) was presented for
1–1.5 s in any direction around the center. The direction of the cue was selected randomly in the 0–360 deg range from trial to trial. The cue indicated the location of
the upcoming target (white disc) with 50, 75, or 100% reliability depending on the block of trials. Participants were informed of the cue reliability condition before the
start of the block of trials. After target onset, which determined whether the trial had a valid or invalid cue, participants responded by moving a joystick-controlled
cursor (red dot) from the center of the screen to the target as quickly and accurately as possible. (B) Mean reaction time across participants per cue reliability and
cue validity conditions. Mean reaction time decreased significantly as cue reliability increased and was significantly shorter for valid-cue trials than for invalid-cue
trials. (C) Percent of premature responses per cue reliability condition averaged across participants. The percent of premature responses increased significantly with
cue reliability. The error bars indicate the SEM (N = 12 participants) for within-subject designs (Cousineau, 2005; Morey, 2008).

Behavioral Data Analysis
For each participant, the average RT and MT per cue reliability
and cue validity condition was computed using the harmonic
mean which is robust to potential outliers (Ratcliff, 1993). Several
competing generalized linear mixed models (GLMM) were tested
and those with the best Akaike information criterion were
selected (McCulloch et al., 2008). First, we verified whether
decision time as measured by reaction time was stable across
trials within each block of reliability conditions. To this end,
for each block of trials we formed 12 consecutive sub-blocks of
six correct trials and computed mean RT for each sub-block.
We tested whether the block order (i.e., order of reliability
conditions), the sub-block of trials, or their interaction had a
significant effect on mean RT using a GLMM with a gamma
distribution, a log link function, and an AR1 covariance structure.
For the main analysis, RT and MT were analyzed using a
GLMM with a gamma distribution and log link function, whereas
the proportion of errors was analyzed using a GLMM with
the binomial distribution and probit link function. Participants
were treated as a random effect. The effects of cue reliability,
cue validity, and their interaction were tested on RT, MT and
proportion of directional errors, whereas only the effect of
cue reliability was tested for errors preceding target onset (i.e.,

fixation errors and early response errors) since cue validity was
not yet determined at that point in the trial. These analyses were
implemented using SPSS (version 24; IBM Corp., Armonk, NY).

Given the size of the target (2 deg of visual angle) and its
eccentricity (4 deg of visual angle), the task could be performed
without moving the direction of gaze toward the target. However,
to facilitate the task, we did not enforce central fixation after
target onset (see Task Setup, above). For that reason, we analyzed
the oculomotor activity from target onset until when the cursor
reached the target. To this end, we computed the mean and SD
of the X and Y coordinates of the point-of-gaze during 250 ms
of central fixation before target onset. We used 3 SD as the
threshold to detect gaze movements that were made outside of
central fixation after target onset.

MEG Channel-Level Analysis
We analyzed the effect of the experimental factors on the power
of the delta (1–3 Hz), theta (4–7 Hz), alpha (8–12 Hz), beta (15–
30 Hz), and gamma (50–80 Hz) bands. Time-varying power in
each band was obtained after applying Finite Impulse Response
(FIR) bidirectional filters to the broadband MEG signal. To test
whether there was a significant effect of cue reliability on band
power, we computed the dependent samples regression between
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log-transformed power and cue-reliability for each frequency-
band and for three time windows of interest: (1) baseline (0.6–
0.1 s before cue onset), (2) early cue period (0–0.5 s after
cue onset), and (3) late cue period (0.5–1.0 s after cue onset).
The statistical significance of the regression was determined
using a non-parametric cluster-based test with a permutation
distribution of 10,000 rearrangements of data from the three
reliability conditions within 12 subjects (Maris and Oostenveld,
2007; Tzagarakis et al., 2015). The significance threshold was set
at p < 0.0033 after using Bonferroni correction for testing five
frequency bands in three time-windows and keep the family-wise
error rate at p < 0.05. Note that since we were interested to check
for a potential effect of cue reliability on the baseline period,
we did not compute power relative to baseline. However, the
statistics extracted and the methods used to compute the p-values
are independent from differences in baseline across subjects.
Furthermore, the SEM represented in the figures were computed
using the Cousineau-Morey method for within-subject designs
which controls for between-subjects variance (Cousineau, 2005;
Morey, 2008). In addition, we tested the effect of cue validity on
the power of each frequency band during the target presentation
period (0–0.4 s after target onset) using a paired t-test between
the log-transformed power during valid-cue and invalid-cue
trials. The statistical significance was obtained using the same
cluster-based permutation approach described above with the
distribution of all 4,096 permutations of two validity conditions
within 12 subjects. The significance threshold level of each
analysis was set at p < 0.01 after using Bonferroni correction for
testing five frequency bands.

Source-Level Analysis
The head MRI of each subject were segmented in order to create
a single-shell model of the brain surface (Nolte, 2003). The brain
volume was divided in a regular grid of 6 mm isotropic voxels
which was normalized into Montreal Neurological Institute
(MNI) brain space (Evans et al., 2012). The co-registration
between MRI and MEG data was performed using the three
fiducial points and the head shape. The lead field matrix was
computed for each grid location. The localization of neural
sources was performed using the Dynamic Imaging of Coherent
Sources (DICS) beamformer using a regularization parameter
of 10% (Gross et al., 2001). Based on the channel-level results,
we performed source localization analysis for the correlation
of beta-band power with cue reliability during the late cue
period. In addition, source estimates for beta-band power during
the reaction time and the baseline period were obtained for
the purpose of the theta-beta cross-frequency coupling analysis
(see below). In each case we used trials from all cue reliability
conditions to compute the common spatial filter using multi-
taper Fourier transform for the cross-spectral density estimation.
We also performed source analysis for the effect of cue validity
on theta-band power during the reaction time period. In this
case, we used all the valid-cue and invalid-cue trials from the
50 and 75% conditions to compute the common spatial filter,
and the cross-spectral density was computed from a Fourier
transform using a Hanning taper. The common spatial filters
were used to estimate the beta-band source activity during the

late cue period for each reliability condition, and to estimate the
theta-band activity after target onset for valid-cue and invalid-
cue trials of the 50 and 75% reliability conditions. Voxelwise
dependent samples regressions for log-transformed power across
reliability conditions, and paired t-tests for valid-cue and invalid-
cue trials were calculated as described for the channel-level
analysis. Finally, groups of voxels were selected using the same
non-parametric cluster-based permutation method as for the
channel-level analysis (Maris and Oostenveld, 2007).

Theta-Beta Cross-Frequency Coupling
Since we found a significant effect of cue validity on theta power
during the reaction time (see section “Results”), and since it is
well-known that there is a strong reduction of beta power during
the reaction time (Pfurtscheller, 1981; Tzagarakis et al., 2010;
Tzagarakis et al., 2015; Heinrichs-Graham and Wilson, 2016),
we investigated whether there was a theta-beta cross-frequency
interaction during that period. To this end, we computed the
pairwise phase consistency (PPC), which is an unbiased and
consistent estimator of rhythmic synchronization (Cohen, 2008;
Vinck et al., 2010; Aydore et al., 2013). PPC was computed
between the phase of the theta-band signal for each voxel
selected by the cluster-based analysis of the effect of cue validity
and the amplitude of the beta-band of each voxel in the left
precentral gyrus that was selected by the cluster-based analysis
of the decrease in beta power from baseline during the 0–0.4 s
period after target onset. The average PPC per voxel for the
0.1–0.3 s following target onset was compared between the valid-
cue and invalid-cue conditions with a paired t-test followed
by a cluster-based analysis (Maris and Oostenveld, 2007). The
procedure was implemented as follows. The signal at each
voxel analyzed was computed using the Linearly Constrained
Minimum Variance (LCMV) beamformer (Van Veen et al.,
1997), using the broadband signal data covariance matrix and
a regularization parameter of 10%. The LCMV beamformer was
based on the cross-correlation matrix estimated from all valid-
cue and invalid-cue trials from the 50 and 75% cue reliability
conditions. The broadband signal for each trial and voxel was
obtained by multiplying the channel space signals with the
beamformer solution. Source signals for each trial were then
band-pass filtered at the frequency band of interest using a
bidirectional Finite Impulse Response (FIR) filter. The time-
series of the phase of the theta-band and of the amplitude
of the beta-band were computed from the analytical signal
obtained using the Hilbert transform. The time-series of the
phase of the beta-band amplitude was calculated after de-
meaning the data (Cohen, 2008). PPC values from each theta-
band voxel to each of the beta-band precentral cortex voxels
were then averaged across conditions (50 and 75% reliability).
This resulted in a dataset of PPC time-series for each theta-
band voxel in each of the two cue-validity conditions. We tested
the effect of cue-validity on theta-beta PPC during the 0.1–
0.3 s period following target-onset using a paired t-test between
the average PPC of valid-cue- vs. invalid-cue trials. Clusters
of voxels were selected using the same non-parametric cluster-
based permutation test mentioned above (Maris and Oostenveld,
2007). Furthermore, for each of the two cue-validity conditions,

Frontiers in Neuroscience | www.frontiersin.org 5 August 2021 | Volume 15 | Article 679408

https://www.frontiersin.org/journals/neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/neuroscience#articles


fnins-15-679408 August 18, 2021 Time: 15:47 # 6

Tzagarakis et al. Neural Encoding of Directional Reliability

we extracted the PPC time-series for each selected voxel for
further analysis.

Potential Pitfalls of the PPC Analysis
Connectivity metrics, such as the PPC, are susceptible to several
potential pitfalls (Palva and Palva, 2012; Aru et al., 2015;
Bastos and Schoffelen, 2015). Prominent amid these is the
problem of field-spread which causes activity originating from
a single source being captured by several sensors. However, this
potential confound is mitigated by performing the analysis in
source space and by comparing the same subjects in different
conditions (Schoffelen and Gross, 2009; Palva and Palva, 2012).
We also addressed the possibility that a difference in PPC (i.e.,
1PPC) between valid-cue and invalid-cue conditions resulted
from the difference in theta-band power between conditions
(Schoffelen and Gross, 2009; Aru et al., 2015; Bastos and
Schoffelen, 2015). To this end, we created a bootstrap distribution
of i = 1,. . .1,200 1PPCi averaged across subjects as follows.
For each re-sampling iteration, the target-aligned time-series
of the phase of the theta-band was kept as in the original
dataset, whereas the time-series of the amplitude of the beta-
band was extracted from the corresponding trial but starting
at a random time during the trial. If 1PPC in the original
dataset was dependent on the power of theta, then the same
effect would occur with the re-sampled dataset as with the
original dataset.

RESULTS

Behavioral Performance
Reaction Time and Movement Time
We found no significant change of mean RT due to block
order [F(2, 396) = 0.556, p = 0.574], sub-block of trials [F(11,
396) = 1.319, p = 0.211], or their interaction [F(22, 396) = 0.997,
p = 0.467]. Consequently, this analysis indicates that there was no
significant change of mean RT across the succession of blocks and
sub-blocks of trials. For this reason, all trials have been used for
the subsequent behavioral and MEG data analyses.

Mean RT per cue reliability and cue validity is plotted in
Figure 1B. The GLMM analysis showed that, as expected,
it decreased significantly as cue reliability increased [F(2,
55) = 15.706, p < 0.001], and that it was significantly shorter
for valid-cue trials than for invalid-cue trials [F(1, 55) = 18.427,
p < 0.001]. There was no significant reliability x validity
interaction [F(1, 55) = 2.159, i = 0.147]. In contrast to RT, we
found no significant effect of cue reliability, cue validity or their
interaction on MT [reliability: F(2, 55) = 2.155, p = 0.126; validity:
F(1, 55) = 0.040, p = 0.843; interaction reliability × validity: F(1,
55) = 0.358, p = 0.552]. Mean MT across subjects was 188.3 ms
(SEM = 26.7 ms, N = 12).

Error Trials
The implementation of the task was such that participants
ended up with the same number of correct trials per condition.
However, the total number of trials was variable due to error
trials, and was increased on average by 25.1% (SEM = 3.2%,

N = 12). Most error trials were due to movement execution errors
(16.3% of all trials, SEM = 1.9%, N = 12), with that percentage
not being significantly affected by cue reliability, cue validity or
their interaction [F(2,55) = 0.079, p = 0.924; F(1, 55) = 0.728,
p = 0.397; and F(1, 55) = 0.127, p = 0.723, respectively]. During
the cue period, the percentage of eye fixation errors (7.1% of all
trials, SEM = 2.2%, N = 12) was not significantly different across
cue reliability conditions [F(2, 33) = 0.241, p = 0.787]. In contrast,
the percentage of premature responses, shown in Figure 1C,
increased significantly with cue reliability [F(2, 33) = 3.923,
p = 0.030].

Neural Activity
Effect of Cue Reliability
For each channel, we computed the correlation between the log-
transformed power of each frequency band (i.e., delta, theta,
alpha, beta, and gamma) and cue reliability during three epochs
of interest (i.e., baseline, early cue period, and late cue period).
We found a significant cluster of negative correlation (cluster-
based p = 0.0028) only during the late cue period between
the log-transformed power of the beta-band and cue reliability.
The power of the beta-band over left central channels that is,
contralateral to the responding hand, decreased when reliability
increased. We found no significant effect of cue reliability on
the power of the beta-band during the baseline period, or
the early cue period. In addition, there was no effect of cue
reliability on the power of the delta, theta, alpha, and gamma
bands in any of the epochs of the task. The map of t-values
of the correlation between the log-transformed beta power
and cue reliability per channel is displayed in Figure 2A. The
channels selected by the cluster-based analysis are identified by
the larger symbols. The average cue-aligned time-series of log-
transformed beta power from the selected channels is plotted
for each cue reliability condition in Figure 2B, and shows that
beta power during the late cue period was scaled negatively with
cue reliability.

Effect of Cue Validity
Since cue validity was defined only after target onset, we tested
the effect of cue validity on the log-transformed power of each
frequency band only during the reaction time period. We found
a significant cluster with cue validity effect on theta-band power
over left posterior channels (cluster-based p = 0.0068), where
theta power was greater for invalid-cue trials than for valid-cue
trials. We found no significant effect of cue validity on the power
of the other bands. The map of t-values of the difference in
theta power with cue validity, and the channels selected by the
cluster-based analysis are displayed in Figure 2C. The average
target-aligned time-series of log-transformed theta power from
the selected channels is plotted for the two cue validity conditions
in Figure 2D, which shows that theta power during the reaction
time period was greater for the invalid-cue than for the valid-
cue condition.

Source Analysis of Cue Reliability and Validity Effects
The channel-level analysis indicated that there was a significant
effect of cue reliability on beta power during the late cue period,
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FIGURE 2 | MEG results at the channel level. We found a significant effect of cue reliability on beta power during the late cue period (0.5–1.0 s after cue onset), and
a significant cue validity effect on theta power during the reaction time period (0.0–0.4 s after target onset). (A) Map of t-values for the correlation between
log-transformed beta power and cue reliability. Channels selected by the cluster-based analysis are plotted as larger symbols. The negative t-values indicate that the
greater the cue reliability, the more beta power over left central channels decreased. (B) Cue-aligned time-series of log-transformed beta power of the channels
selected in (A) for the 50, 75, and 100% cue reliability conditions. The colored shaded areas indicate the SEM (N = 12 participants) for within-subject designs. The
gray shaded area shows the time-window of interest. (C) Map of t-values for the difference in log-transformed theta power between cue validity conditions. Channels
selected by the cluster-based analysis are plotted as larger symbols. The positive t-values indicate that theta power over left posterior channels was greater for the
invalid-cue trials than for the valid-cue trials. (D) Target-aligned time-series of log-transformed theta power of the channels selected in (C) for the invalid-cue and
valid-cue conditions. The colored shaded areas indicate the SEM (N = 12 participants) for within-subject designs. The gray shaded area shows the time-window of
interest. The colored rectangles show the average onset and offset of the motor response for the valid-cue and invalid-cue conditions.

and a significant effect of cue validity on theta power during the
reaction time period. We performed a source analysis of these
effects using the DICS beamforming method. Figure 3 shows that
the correlation of log-transformed beta power with cue reliability
was primarily localized on the left mid and anterior cingulate
cortex (left anterior cingulate included the voxel with the largest
absolute t-value), the left supplementary motor cortex, the left
inferior parietal lobule, the left middle and superior frontal
lobules, the left and right striatum (left striatum included the
voxel with the second largest absolute t-value), and the left and
right insula. Figure 4 shows that there was a higher level of theta
power for invalid-cue trials than for valid-cue trials primarily
on left occipito-parietal areas, including the left precuneus and
cuneus (left cuneus included the highest t-value), the left superior
and middle occipital gyri (left middle occipital gyrus included
the second highest t-value), the left inferior and superior parietal
lobules, and the left mid and posterior cingulate cortex.

Theta-Beta Cross-Frequency Coupling During the
Reaction Time
Given the effect of cue validity on the power of the left occipito-
parietal theta-band during the reaction time (Figure 4), and the
well-known decrease in the power of the motor cortical beta-
band during the same period, we tested for any cross-frequency
coupling between these two brain areas during the reaction time.
For this reason, we verified that the main source of decrease of
beta power during the reaction time was in the precentral lobule
and used voxels in that area for this analysis. Figure 5A shows
the left precentral (blue) and occipitoparietal (yellow) voxels used
to calculate the theta-beta phase-amplitude PPC, as well as the
voxels selected by the cluster-based analysis (red; cluster-based
p = 0.043) that had a difference in PPC between valid-cue and
invalid-cue trials. These voxels were mainly localized in the left
mid-occipital cortex. Figure 5B shows the time-course of the
PPC in the selected voxels for the valid-cue and invalid-cue trials.
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FIGURE 3 | Source analysis of the correlation between the log-transformed beta power and cue reliability during the late cue period (0.5–1 s after cue onset). The
t-values of the correlation are mapped onto the transverse slices and surface of the MNI standard brain. The color scale represents negative t-values from the 75th
to 100th percentile of the absolute t-value distribution. The cluster-based selected area is surrounded by a white border.

FIGURE 4 | Source analysis of the difference in theta power between valid and invalid cue trials during the reaction time (0–0.4 s after target onset). The t-values of
the difference are mapped onto the transverse slices and surface of the MNI standard brain. The color scale represents positive t-values from the 75th to 100th
percentile of the absolute t-value distribution. The cluster-based selected area is surrounded by a black border.

Figure 5C depicts the average theta-beta phase-amplitude PPC
during the 0.1–0.3 s period after target onset across these voxels
for the two cue validity conditions. The presentation of targets
that were spatially incongruent from the cue (i.e., invalid cue) was
associated with higher PPC values than the presentation of targets
spatially congruent with the cue.

We checked whether the difference in PPC between valid-
cue and invalid-cue trials described above could be an artifact
originating from the difference in theta power also found in
these two conditions (Figure 2D). To this end, we created a
bootstrap distribution of difference in PPC between the valid-cue
and invalid-cue conditions (N = 1,200 samples), using the same

target-aligned time-series of theta-band phase used in the analysis
above, whereas using time-series of beta-band amplitude taken
at a random position in time in each trial. We found that the
experimental difference in PPC between valid-cue and invalid-
cue trials had only a probability of p = 0.0025 to result from the
difference in theta power. Consequently, it is highly unlikely that
the effect of cue validity on PPC was the result of the difference in
theta power between the two validity conditions.

Eye Movements After Target Onset
Since eye movements can affect the power spectrum of MEG
signals, we checked whether these could have affected the results
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FIGURE 5 | Theta-beta cross-frequency analysis of valid-cue and invalid-cue trials during the 0.1–0.3 s after target onset. (A) Map and surface projection on the MNI
brain of voxels included in the analysis. The yellow voxels identify those with a significant effect of cue validity (see Figure 4), and used as the source of the
theta-band signal. The blue voxels identify the left precentral gyrus (M1) area used as the source of the beta-band signal. The significant cluster of voxels with a
difference in PPC between valid and invalid cue trials selected by the cluster-based analysis are shown in red. (B) Target-aligned time-series of theta-beta
phase-amplitude PPC per cue validity condition for the red voxels in (A). The color shaded area indicates the SEM (N = 12) for within-subject design. The gray area
identifies the period of interest in the PPC analysis. The colored rectangles show the average onset and offset of the motor response for the valid-cue and invalid-cue
conditions. (C) Average theta-beta phase-amplitude PPC during the 0.1–0.3 s after target onset (gray rectangle in B) for the selected voxels (red in A) per
cue-validity condition. Error bars indicate the SEM (N = 12) for within-subject design.

relative to cue validity presented above. We found that gaze
movements outside of the central fixation zone occurred on
average across participants in 49.7% (SEM = 7.3%) of the trials.
There was no significant difference in the percent of trials with
eye movements across cue validity conditions [F(1, 58) = 0.328,
p = 0.569]. When gaze movements out of the center occurred,
their onset time was significantly shorter for valid-cue than for
invalid-cue trials [F(1, 52) = 11.020, p = 0.002]. The average eye
movement onset was 398 ms (SEM = 25 ms) for valid-cue trials
and 458 ms (SEM = 31 ms) for invalid-cue trials. Note that when
there was an eye movement during the reaction time period, its
onset time occurred more than 200 ms after the peaks of theta
power and PPC described above.

DISCUSSION

We investigated how the reliability of visual information about
the location of the upcoming target modulates the brain
mechanisms of motor preparation. To this end, we recorded
whole-head MEG signals during a delayed reaching task in which
a visual cue provided information about the location of the
upcoming target with 50, 75, or 100% reliability. The validity
of the cued location was determined by whether the target was
presented at the location of the cue or not. In either case,
the correct response was to move a joystick-controlled cursor
onto the target.

Reliability of Information
We analyzed the change in power of the delta, theta, alpha,
beta and gamma frequency bands as a function of cue reliability
during the baseline, early cue, and late cue periods of the task.
Since cue reliability was determined by the percent of trials in
which the cue provided valid information about the upcoming
target over a block of trials, we checked whether there was a

change in baseline activity that would reflect a change in arousal
level between conditions. However, we found no significant
effect of reliability condition on baseline activity. In addition,
we found no significant effect of reliability condition during
the early cue period. However, we found that the power of the
beta-band during the late cue period was linearly correlated
with the reliability of the information provided by the cue.
More specifically, the greater the reliability of the cue, the more
the power of the beta-band decreased relative to baseline. This
modulation of beta-band power may actually reflect a modulation
of the probability of beta-band bursts at the single trial level
(Sherman et al., 2016; Little et al., 2019). This effect of cue
reliability on the beta-band was observed mostly over left central
channels (contralateral to the hand used in the task), and was
source-localized to a large network of spatio-motor-related areas,
that included the left mid and anterior cingulate cortex, the left
and right striatum, the left inferior parietal lobule, the left and
right insula, the left supplementary motor cortex, and the left
premotor cortex. The source localization of the reliability effect
is consistent with findings in other studies of motor attention
and decision-making. For example, predictive processing has
been linked to activity of a fronto-parietal network that includes
prominently the anterior cingulate, striatum, and insula (Ernst
and Paulus, 2005; Krain et al., 2006; Balleine et al., 2007; Kuhns
et al., 2017; Siman-Tov et al., 2019; Poudel et al., 2020). In
addition, pathological conditions that affect decision-making,
such as the increased choice impulsivity in Parkinson’s disease
(Nombela et al., 2014), have been associated with functional
and neuroanatomical abnormalities of the anterior cingulate and
striatum (Gescheidt et al., 2013; Ruitenberg et al., 2018; Hlavatá
et al., 2019; Kim and Im, 2019). Moreover, neuroimaging, brain-
lesion, and stimulation studies have provided evidence for the
association of the left inferior parietal cortex with covert attention
to an upcoming movement (Rushworth et al., 2001a,b, 2003).
Finally, the supplementary motor area and the premotor cortex,
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as well as the cingulate cortex are elements of a network that
subserves predictive processing (Siman-Tov et al., 2019) and
is implicated in the selection and control of motor responses
(Ikeda et al., 1999; Dum and Strick, 2002; Wunderlich et al.,
2009). Consequently, there is a large fronto-parietal network
that is involved in the evaluation of the probability of an
upcoming motor response.

We have investigated in previous studies the effect of spatial
uncertainty about the location of the upcoming target by varying
the number of locations (Pellizzer and Hedges, 2003; Tzagarakis
et al., 2010, 2019), or the size of the sector of space (Pellizzer
and Hedges, 2004; Tzagarakis et al., 2015) where the upcoming
target could be presented. We have shown that the power of
the peri-Rolandic beta-band during motor preparation decreased
more, the less uncertain the location of the upcoming target
was (Tzagarakis et al., 2010, 2015, 2019). However, in those
studies spatial uncertainty was conveyed by different displays of
visual information (i.e., number of cues or cue size), whereas
in the current study the visual display remained the same
across cue reliability conditions. Consequently, any difference
in motor planning must have been based on the endogenous
representation of reliability of information rather than on the
exogenous cue. Therefore, the current results corroborate the
idea that the change of beta power during motor preparation
is associated with the amount of information relative to the
upcoming target and not with a concomitant difference in visual
display. These results also concur with studies showing that
sensorimotor beta power reflects the probabilistic evidence for
one motor response over another (Donner et al., 2009; Gould
et al., 2012).

Consistent with studies of spatial attention (Jonides, 1980;
Posner et al., 1980; Eriksen and Yeh, 1985; Risko and Stolz,
2010; Arjona et al., 2016; Valakos et al., 2020), we found
that the reaction time of the reaching response to validly
cued trials decreased as the reliability of the cue increased.
The effect of cue reliability on motor preparation can also
be inferred from the progressive increase of the number of
premature response errors as cue reliability increased. These
results can be explained by the effect of cue reliability on
beta-power during the cue period. The lower the level of
beta-band power during the late cue period, the closer it is
to the level reached during the motor response, hence the
shorter reaction time and the greater likelihood of a premature
movement onset (Tzagarakis et al., 2010, 2015). This is also
consistent with the finding that people with high impulsivity
scores have a greater decrease of beta-band power during motor
preparation and a higher number of premature responses than
people with low impulsivity scores (Tzagarakis et al., 2019;
Barth et al., 2021).

Validity of Information
We analyzed the power of the delta, theta, alpha, beta, and
gamma frequency bands after target onset, that is, once the
validity status of the cue was determined. This analysis showed
that there was a significantly greater phasic increase of theta-
band power after target onset for invalid-cue trials than for
valid-cue trials. This effect was observed mainly over left

posterior channels, and was source-localized to the left occipito-
parietal cortex and the left mid and posterior cingulate. The
source localization is consistent with the role of the occipito-
parietal region in visual attention (Wojciulik and Kanwisher,
1999; Shomstein, 2012) and with the role of the posterior
cingulate in regulating the focus of attention (Leech and
Sharp, 2014). Furthermore, the left posterior parietal region
is a key component of motor attention (Rushworth et al.,
2003), whereas the left middle occipital gyrus plays a critical
role in the proper regulation of attention (Proal et al., 2011;
Sörös et al., 2017). The effect of cue validity on the power
of theta is consistent with other studies using cueing tasks
that have shown greater theta power and greater amplitude
of event-related potentials for invalid-cue than for valid-cue
trials (Rawle et al., 2012; Arjona et al., 2016; Proskovec et al.,
2018; Valakos et al., 2020). There is actually a strong relation
between the effect of cue validity on theta power and the P300
event-related potential (Yordanova and Kolev, 1998), and both
are thought to reflect the same phenomenon (Başar-Eroglu
et al., 1992; Wang and Ding, 2011). Note that there was a
phasic increase of power of theta also after cue onset for
the same channels (data not shown). For these reasons, the
phasic increase of theta power seems to signal the onset of
an unexpected stimulus and the need to shift attention. These
results are also consistent with studies that found transient
change of hemodynamic response in the posterior parietal
cortex associated with shifts of spatial attention (Corbetta et al.,
2000; Yantis et al., 2002). Finally, the absence of an effect on
beta power after target onset concurs with previous findings
showing that beta-band power reaches the same level during
motor execution regardless of its previous level during the
preparatory period (Tzagarakis et al., 2010; Grent-’t-Jong et al.,
2015; Heinrichs-Graham and Wilson, 2016).

In order to further elucidate the integration of attentional
modulation and motor control, we analyzed the theta-beta
cross-frequency coupling during the reaction time. Given the
close correspondence between the increase in theta power and
event-related potentials (Başar-Eroglu et al., 1992; Wang and
Ding, 2011), the theta-beta coupling could also be interpreted
as a coupling between visuo-spatial event-related potentials
and motor-related beta oscillations. More extensive coupling
analyses could be performed using other frequency bands and
brain regions. For example, theta-gamma coupling has been
considered as a mechanism for the coding of spatial information
in memory (Lisman and Jensen, 2013). However, here we opted
for an approach that restricted the probability of type I error
and purposely limited the analysis to the frequency bands and
brain regions identified in the previous analyses. Furthermore,
analyses of functional connectivity are known to be susceptible
to spurious results if careful precautions are not taken (Palva
and Palva, 2012; Aru et al., 2015; Bastos and Schoffelen, 2015).
To mitigate the effect of field-spread of activity across sensors,
we performed the connectivity analysis in source space. The
LCMV beamformer estimates the activity of a source while
suppressing the contributions of all the other sources (Van Veen
et al., 1997), which is why it is appropriate for connectivity
analysis unlike sensor-based signals (Schoffelen and Gross, 2009;
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Palva and Palva, 2012). The results showed greater phasic theta-
beta cross-frequency coupling between the left middle occipital
cortex and the left motor cortex during invalid-cue trials than
during valid-cue trials. We showed that the effect of cue validity
on theta-beta coupling was not an artifact occurring from
the difference in theta-band power between validity conditions
(Schoffelen and Gross, 2009; Aru et al., 2015; Bastos and
Schoffelen, 2015). Consequently, this result suggests that theta-
band activity provided a visuo-spatial signal to the motor region
signaling that a change of the motor response was necessary.
This updating may explain the longer reaction time for invalid-
cue trials than for valid-cue trials. However, it is not clear at
this point whether the cross-frequency coupling just signals
that an update of the planned motor response is necessary,
or whether it carries more specific information about what
the required update should be. Further investigations will be
needed to understand better the mechanisms by which the motor
plan is updated and the role of the cross-frequency coupling
in this process.

Finally, as regards the brain areas involved in these
mechanisms, it is generally considered that visuo-spatial
orienting is dependent on a fronto-parietal network
predominantly lateralized to the right hemisphere (Corbetta and
Shulman, 2002). However, the attention requirement of targeted-
limb movements is associated with the left posterior parietal
cortex (Rushworth et al., 2001a,b), in contrast to visuospatial
detection or discrimination tasks used in typical studies of
orienting and shifting attention (Corbetta and Shulman, 2002).
The absence of a significant modulation of frontal theta-band
activity with cue validity in the current study may reflect the
weaker and less consistent involvement of frontal regions
than posterior parietal regions in attention shifting (Wojciulik
and Kanwisher, 1999; Wager et al., 2004). Furthermore, the
modulation of frontal theta-band activity was found to be
associated with response inhibition (Yamanaka and Yamamoto,
2010; Isabella et al., 2015). For these reasons, the effect of cue
validity over the occipito-parietal cortex may reflect the more
preponderant role of re-orienting attention in our task than
in go/no-go tasks.

Limitations
This study has several limitations. The task had only three
different levels of cue reliability, which restricted the quantitative
description of the relation between beta power and cue reliability.
We analyzed the linear relation between the log-transformed
beta power and the percent of valid cues in a block of trials,
and found that there was a significant linear component in
the progression between the decrease in beta power and the
increase in cue reliability. This does not exclude that the
relation between these two variables is more complex than
the linear relation tested here. However, more levels of cue
reliability would be needed to perform a detailed analysis of
the mathematical function that best describes their relation.
Another limitation resulted from keeping the initial cue on
the display throughout the trial regardless of whether the
target was congruent with it or not. This means that invalid-
cue trials were visually different than valid-cue trials which

raises the possibility that any neural effect of cue validity
was confounded with the neural effect of a different visual
stimulus. However, since the effect of cue validity on the
theta-band was consistent with the results of other studies in
which a visual stimulus appeared at an unexpected location
(Rawle et al., 2012; Arjona et al., 2016; Proskovec et al., 2018),
we believe that the difference in visual display was not the
main factor in the occurrence of this effect. In addition, the
phase-amplitude effect of mid-occipital theta activity on beta
oscillations in the motor cortex suggests that the task elicited
mechanisms that went beyond perceptual processing and directly
affected motor planning. Nevertheless, further work is needed to
precisely disentangle the effects of visual response and the motor
information carried by it.

CONCLUSION

We have examined neural oscillatory activity associated with
cue reliability and validity in a delayed reaching task. During
the cue period, the power of the beta-band over a large
network of motor-related areas decreased as cue reliability
increased. The greater the decrease in beta-band power, the
closer the motor system was to execute the response, which
shortened the reaction time and increased the chances of
a premature response. After target onset, the power of the
theta-band at left occipito-parietal areas had a greater phasic
increase during invalid-cue trials than during valid-cue trials.
In addition, there was a greater theta-beta cross-frequency
coupling after target onset between the middle occipital cortex
and the motor cortex during invalid-cue trials than during valid-
cue trials. Consequently, theta-band activity seemed to have
signaled the need to reorient visuo-spatial attention and to
change motor plan. The change in motor plan was associated
with an increase in reaction time. In summary, beta-band
power in several motor-related areas reflected the reliability of
directional information used during motor preparation, whereas
theta-band power of occipito-parietal areas signaled whether
that information was valid or not. These results elucidate
mechanisms of interaction between visuo-spatial attention and
motor processes.
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(2019). Behavioral and Neuroanatomical Account of Impulsivity in Parkinson’s
Disease. Front. Neurol. 10:1338. doi: 10.3389/fneur.2019.01338

Ikeda, A., Yazawa, S., Kunieda, T., Ohara, S., Terada, K., Mikuni, N., et al. (1999).
Cognitive motor control in human pre-supplementary motor area studied by
subdural recording of discrimination/selection-related potentials. Brain 122,
915–931. doi: 10.1093/brain/122.5.915

Isabella, S., Ferrari, P., Jobst, C., Cheyne, J. A., and Cheyne, D. (2015).
Complementary roles of cortical oscillations in automatic and controlled
processing during rapid serial tasks. NeuroImage 118, 268–281.

Jasper, H., and Penfield, W. (1949). Electrocorticograms in man: effect of voluntary
movement upon the electrical activity of the precentral gyrus. Arch. Psychiatr.
Zeitschrift Neurol. 183, 163–174.

Jonides, J. (1980). Towards a model of the mind’s eye’s movement. Can. J. Psychol.
34, 103–112. doi: 10.1037/h0081031

Frontiers in Neuroscience | www.frontiersin.org 12 August 2021 | Volume 15 | Article 679408

https://doi.org/10.1097/01.wnr.0000059624.96928.c0
https://doi.org/10.1097/01.wnr.0000059624.96928.c0
https://doi.org/10.1016/j.biopsycho.2016.07.001
https://doi.org/10.1016/j.biopsycho.2016.07.001
https://doi.org/10.1016/j.conb.2014.08.002
https://doi.org/10.1016/j.neuroimage.2013.02.008
https://doi.org/10.1016/j.neuroimage.2013.02.008
https://doi.org/10.1523/JNEUROSCI.1554-07.2007
https://doi.org/10.1523/JNEUROSCI.1554-07.2007
https://doi.org/10.1002/hbm.22455
https://doi.org/10.1002/hbm.25376
https://doi.org/10.1016/0167-8760(92)90055-g
https://doi.org/10.1016/0167-8760(92)90055-g
https://doi.org/10.3389/fnsys.2015.00175
https://doi.org/10.3389/fpsyg.2011.00218
https://doi.org/10.3389/fnhum.2010.00025
https://doi.org/10.1016/j.jneumeth.2007.10.012
https://doi.org/10.1016/j.jneumeth.2007.10.012
https://doi.org/10.1016/s0896-6273(00)80593-0
https://doi.org/10.1038/73009
https://doi.org/10.1038/nrn755
https://doi.org/10.1038/nrn755
https://doi.org/10.20982/tqmp.01.1.p042
https://doi.org/10.1016/j.neuroimage.2016.10.022
https://doi.org/10.1016/j.cub.2009.07.066
https://doi.org/10.1016/s0031-9384(02)00929-0
https://doi.org/10.1037//0096-1523.11.5.583
https://doi.org/10.1037//0096-1523.11.5.583
https://doi.org/10.1016/j.biopsych.2005.06.004
https://doi.org/10.1016/j.neuroimage.2012.01.024
https://doi.org/10.1007/s10072-013-1439-0
https://doi.org/10.1523/JNEUROSCI.2200-12.2012
https://doi.org/10.1523/JNEUROSCI.2200-12.2012
https://doi.org/10.1523/JNEUROSCI.1329-15.2015
https://doi.org/10.1016/j.neuroimage.2016.04.032
https://doi.org/10.1016/j.neuroimage.2016.04.032
https://doi.org/10.3389/fneur.2019.01338
https://doi.org/10.1093/brain/122.5.915
https://doi.org/10.1037/h0081031
https://www.frontiersin.org/journals/neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/neuroscience#articles


fnins-15-679408 August 18, 2021 Time: 15:47 # 13

Tzagarakis et al. Neural Encoding of Directional Reliability

Kim, B., and Im, H. I. (2019). The role of the dorsal striatum in choice impulsivity.
Ann. N. Y. Acad. Sci. 1451, 92–111. doi: 10.1111/nyas.13961

Krain, A. L., Wilson, A. M., Arbuckle, R., Castellanos, F. X., and Milham, M. P.
(2006). Distinct neural mechanisms of risk and ambiguity: a meta-analysis of
decision-making. Neuroimage 32, 477–484. doi: 10.1016/j.neuroimage.2006.02.
047

Kuhns, A. B., Dombert, P. L., Mengotti, P., Fink, G. R., and Vossel, S. (2017). Spatial
Attention, Motor Intention, and Bayesian Cue Predictability in the Human
Brain. J. Neurosci. 37, 5334–5344. doi: 10.1523/JNEUROSCI.3255-16.2017

Leech, R., and Sharp, D. J. (2014). The role of the posterior cingulate cortex in
cognition and disease. Brain 137, 12–32. doi: 10.1093/brain/awt162

Lisman, J. E., and Jensen, O. (2013). The θ-γ neural code. Neuron 77, 1002–1016.
doi: 10.1016/j.neuron.2013.03.007

Little, S., Bonaiuto, J., Barnes, G., and Bestmann, S. (2019). Human motor cortical
beta bursts relate to movement planning and response errors. PLoS Biol.
17:e3000479. doi: 10.1371/journal.pbio.3000479

Luce, R. D. (1986). Response Times : Their Role in Inferring Elementary Mental
Organization. New York: Oxford University Press.

Maris, E., and Oostenveld, R. (2007). Nonparametric statistical testing of EEG- and
MEG-data. J. Neurosci. Methods 164, 177–190. doi: 10.1016/j.jneumeth.2007.03.
024

McCulloch, C. E., Searle, S. R., and Neuhaus, J. M. (2008). Generalized, Linear, and
Mixed Models. Hoboken, NJ: John Wiley & Sons.

Moore, T., and Fallah, M. (2001). Control of eye movements and spatial attention.
Proc. Natl. Acad. Sci. U. S. A. 98, 1273–1276. doi: 10.1073/pnas.021549498

Morey, R. D. (2008). Confidence intervals from normalized data: a correction to
Cousineau (2005). Tutor. Quant. Methods Psychol. 4, 61–64. doi: 10.20982/
tqmp.04.2.p061

Nobre, A. C., Gitelman, D. R., Dias, E. C., and Mesulam, M. M. (2000). Covert
visual spatial orienting and saccades: overlapping neural systems. Neuroimage
11, 210–216. doi: 10.1006/nimg.2000.0539

Nolte, G. (2003). The magnetic lead field theorem in the quasi-static approximation
and its use for magnetoencephalography forward calculation in realistic volume
conductors. Phys. Med. Biol. 48, 3637–3652.

Nombela, C., Rittman, T., Robbins, T. W., and Rowe, J. B. (2014). Multiple modes
of impulsivity in Parkinson’s disease. PLoS One 9:e85747. doi: 10.1371/journal.
pone.0085747

Oostenveld, R., Fries, P., Maris, E., and Schoffelen, J.-M. (2011). FieldTrip:
open source software for advanced analysis of MEG, EEG, and invasive
electrophysiological data. Comput. Intell. Neurosci. 2011:156869. doi: 10.1155/
2011/156869

Palva, S., and Palva, J. M. (2012). Discovering oscillatory interaction networks
with M/EEG: challenges and breakthroughs. Trends Cogn. Sci. 16, 219–230.
doi: 10.1016/j.tics.2012.02.004

Pellizzer, G., and Hedges, J. H. (2003). Motor planning: effect of directional
uncertainty with discrete spatial cues. Exp. Brain Res. 150, 276–289. doi: 10.
1007/s00221-003-1453-1

Pellizzer, G., and Hedges, J. H. (2004). Motor planning: effect of directional
uncertainty with continuous spatial cues. Exp. Brain Res. 154, 121–126. doi:
10.1007/s00221-003-1669-0

Perfetti, B., Moisello, C., Landsness, E. C., Kvint, S., Pruski, A., Onofrj, M., et al.
(2011). Temporal evolution of oscillatory activity predicts performance in a
choice-reaction time reaching task. J. Neurophysiol. 105, 18–27. doi: 10.1152/
jn.00778.2010

Pfurtscheller, G. (1981). Central beta rhythm during sensorimotor activities in
man. Electroencephalogr. Clin. Neurophysiol. 51, 253–264.

Posner, M. I., Snyder, C. R., and Davidson, B. J. (1980). Attention and the detection
of signals. J. Exp. Psychol. 109, 160–174.

Poudel, R., Riedel, M. C., Salo, T., Flannery, J. S., Hill-Bowen, L. D., Eickhoff, S. B.,
et al. (2020). Common and distinct brain activity associated with risky and
ambiguous decision-making. Drug Alcohol Depend. 209:107884. doi: 10.1016/
j.drugalcdep.2020.107884

Proal, E., Reiss, P. T., Klein, R. G., Mannuzza, S., Gotimer, K., Ramos-Olazagasti,
M. A., et al. (2011). Brain gray matter deficits at 33-year follow-up in adults with
attention-deficit/hyperactivity disorder established in childhood. Arch. Gen.
Psychiatry 68, 1122–1134. doi: 10.1001/archgenpsychiatry.2011.117

Proskovec, A. L., Heinrichs-Graham, E., Wiesman, A. I., McDermott, T. J., and
Wilson, T. W. (2018). Oscillatory dynamics in the dorsal and ventral attention

networks during the reorienting of attention. Hum. BrainMapp. 39, 2177–2190.
doi: 10.1002/hbm.23997

Ratcliff, R. (1993). Methods for dealing with reaction time outliers. Psychol. Bull.
114, 510–532.

Rawle, C. J., Miall, R. C., and Praamstra, P. (2012). Frontoparietal theta activity
supports behavioral decisions in movement-target selection. Front. Hum.
Neurosci. 6:138. doi: 10.3389/fnhum.2012.00138

Risko, E. F., and Stolz, J. A. (2010). The proportion valid effect in covert orienting:
strategic control or implicit learning? Conscious Cogn. 19, 432–442. doi: 10.
1016/j.concog.2009.07.013

Rizzolatti, G., Riggio, L., Dascola, I., and Umiltá, C. (1987). Reorienting attention
across the horizontal and vertical meridians: evidence in favor of a premotor
theory of attention. Neuropsychologia 25, 31–40.

Ruitenberg, M. F. L., Wu, T., Averbeck, B. B., Chou, K. L., Koppelmans, V., and
Seidler, R. D. (2018). Impulsivity in Parkinson’s Disease Is Associated With
Alterations in Affective and Sensorimotor Striatal Networks. Front. Neurol.
9:279. doi: 10.3389/fneur.2018.00279

Rushworth, M. F., Ellison, A., and Walsh, V. (2001a). Complementary localization
and lateralization of orienting and motor attention. Nat. Neurosci. 4, 656–661.
doi: 10.1038/88492

Rushworth, M. F., Krams, M., and Passingham, R. E. (2001b). The attentional role
of the left parietal cortex: the distinct lateralization and localization of motor
attention in the human brain. J. Cogn. Neurosci. 13, 698–710. doi: 10.1162/
089892901750363244

Rushworth, M. F., Johansen-Berg, H., Göbel, S. M., and Devlin, J. T. (2003). The
left parietal and premotor cortices: motor attention and selection. Neuroimage
20, S89–S100.

Schoffelen, J.-M., and Gross, J. (2009). Source connectivity analysis with MEG and
EEG. Hum. Brain Mapp. 30, 1857–1865.

Sherman, M. A., Lee, S., Law, R., Haegens, S., Thorn, C. A., Hämäläinen,
M. S., et al. (2016). Neural mechanisms of transient neocortical beta rhythms:
converging evidence from humans, computational modeling, monkeys, and
mice. Proc. Natl. Acad. Sci. U. S. A. 113, E4885–E4894. doi: 10.1073/pnas.16041
35113

Shim, J., Carlton, L. G., Chow, J. W., and Chae, W. S. (2005). The use of anticipatory
visual cues by highly skilled tennis players. J. Mot. Behav. 37, 164–175. doi:
10.3200/JMBR.37.2.164-175

Shomstein, S. (2012). Cognitive functions of the posterior parietal cortex: top-
down and bottom-up attentional control. Front. Integr. Neurosci. 6:38. doi:
10.3389/fnint.2012.00038

Siman-Tov, T., Granot, R. Y., Shany, O., Singer, N., Hendler, T., and Gordon, C. R.
(2019). Is there a prediction network? Meta-analytic evidence for a cortical-
subcortical network likely subserving prediction. Neurosci. Biobehav. Rev. 105,
262–275. doi: 10.1016/j.neubiorev.2019.08.012

Sörös, P., Bachmann, K., Lam, A. P., Kanat, M., Hoxhaj, E., Matthies, S., et al.
(2017). Inattention Predicts Increased Thickness of Left Occipital Cortex in
Men with Attention-Deficit/Hyperactivity Disorder. Front. Psychiatry 8:170.
doi: 10.3389/fpsyt.2017.00170

Stahl, P., Donmez, B., and Jamieson, G. A. (2014). Anticipation in driving: the role
of experience in the efficacy of pre-event conflict cues. IEEE Trans. Hum. Mach.
Syst. 44, 603–613.

Tzagarakis, C., Ince, N. F., Leuthold, A. C., and Pellizzer, G. (2010). Beta-band
activity during motor planning reflects response uncertainty. J. Neurosci. 30,
11270–11277. doi: 10.1523/JNEUROSCI.6026-09.2010

Tzagarakis, C., Thompson, A., Rogers, R. D., and Pellizzer, G. (2019). The Degree
of Modulation of Beta Band Activity During Motor Planning Is Related to Trait
Impulsivity. Front. Integr. Neurosci. 13:1. doi: 10.3389/fnint.2019.00001

Tzagarakis, C., West, S., and Pellizzer, G. (2015). Brain oscillatory activity
during motor preparation: effect of directional uncertainty on beta, but
not alpha, frequency band. Front. Neurosci. 9:246. doi: 10.3389/fnins.2015.
00246

Valakos, D., d’Avossa, G., Mylonas, D., Butler, J., Klein, C., and Smyrnis, N. (2020).
P300 response modulation reflects breaches of non-probabilistic expectations.
Sci. Rep. 10:10254. doi: 10.1038/s41598-020-67275-0

Van Veen, B. D., van Drongelen, W., Yuchtman, M., and Suzuki, A. (1997).
Localization of brain electrical activity via linearly constrained minimum
variance spatial filtering. IEEE Trans. Biomed. Eng. 44, 867–880. doi: 10.1109/
10.623056

Frontiers in Neuroscience | www.frontiersin.org 13 August 2021 | Volume 15 | Article 679408

https://doi.org/10.1111/nyas.13961
https://doi.org/10.1016/j.neuroimage.2006.02.047
https://doi.org/10.1016/j.neuroimage.2006.02.047
https://doi.org/10.1523/JNEUROSCI.3255-16.2017
https://doi.org/10.1093/brain/awt162
https://doi.org/10.1016/j.neuron.2013.03.007
https://doi.org/10.1371/journal.pbio.3000479
https://doi.org/10.1016/j.jneumeth.2007.03.024
https://doi.org/10.1016/j.jneumeth.2007.03.024
https://doi.org/10.1073/pnas.021549498
https://doi.org/10.20982/tqmp.04.2.p061
https://doi.org/10.20982/tqmp.04.2.p061
https://doi.org/10.1006/nimg.2000.0539
https://doi.org/10.1371/journal.pone.0085747
https://doi.org/10.1371/journal.pone.0085747
https://doi.org/10.1155/2011/156869
https://doi.org/10.1155/2011/156869
https://doi.org/10.1016/j.tics.2012.02.004
https://doi.org/10.1007/s00221-003-1453-1
https://doi.org/10.1007/s00221-003-1453-1
https://doi.org/10.1007/s00221-003-1669-0
https://doi.org/10.1007/s00221-003-1669-0
https://doi.org/10.1152/jn.00778.2010
https://doi.org/10.1152/jn.00778.2010
https://doi.org/10.1016/j.drugalcdep.2020.107884
https://doi.org/10.1016/j.drugalcdep.2020.107884
https://doi.org/10.1001/archgenpsychiatry.2011.117
https://doi.org/10.1002/hbm.23997
https://doi.org/10.3389/fnhum.2012.00138
https://doi.org/10.1016/j.concog.2009.07.013
https://doi.org/10.1016/j.concog.2009.07.013
https://doi.org/10.3389/fneur.2018.00279
https://doi.org/10.1038/88492
https://doi.org/10.1162/089892901750363244
https://doi.org/10.1162/089892901750363244
https://doi.org/10.1073/pnas.1604135113
https://doi.org/10.1073/pnas.1604135113
https://doi.org/10.3200/JMBR.37.2.164-175
https://doi.org/10.3200/JMBR.37.2.164-175
https://doi.org/10.3389/fnint.2012.00038
https://doi.org/10.3389/fnint.2012.00038
https://doi.org/10.1016/j.neubiorev.2019.08.012
https://doi.org/10.3389/fpsyt.2017.00170
https://doi.org/10.1523/JNEUROSCI.6026-09.2010
https://doi.org/10.3389/fnint.2019.00001
https://doi.org/10.3389/fnins.2015.00246
https://doi.org/10.3389/fnins.2015.00246
https://doi.org/10.1038/s41598-020-67275-0
https://doi.org/10.1109/10.623056
https://doi.org/10.1109/10.623056
https://www.frontiersin.org/journals/neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/neuroscience#articles


fnins-15-679408 August 18, 2021 Time: 15:47 # 14

Tzagarakis et al. Neural Encoding of Directional Reliability

Vinck, M., van Wingerden, M., Womelsdorf, T., Fries, P., and Pennartz, C. M.
(2010). The pairwise phase consistency: a bias-free measure of rhythmic
neuronal synchronization. Neuroimage 51, 112–122. doi: 10.1016/j.neuroimage.
2010.01.073

Vossel, S., Mathys, C., Daunizeau, J., Bauer, M., Driver, J., Friston, K. J., et al. (2014).
Spatial attention, precision, and Bayesian inference: a study of saccadic response
speed. Cereb. Cortex 24, 1436–1450. doi: 10.1093/cercor/bhs418

Wagener, A., and Hoffmann, J. (2010). Temporal cueing of target-identity and
target-location. Exp. Psychol. 57, 436–445. doi: 10.1027/1618-3169/a000054

Wager, T. D., Jonides, J., and Reading, S. (2004). Neuroimaging studies of
shifting attention: a meta-analysis. Neuroimage 22, 1679–1693. doi: 10.1016/j.
neuroimage.2004.03.052

Wang, X., and Ding, M. (2011). Relation between P300 and event-related theta-
band synchronization: a single-trial analysis. Clin. Neurophysiol. 122, 916–924.
doi: 10.1016/j.clinph.2010.09.011

Wojciulik, E., and Kanwisher, N. (1999). The generality of parietal involvement in
visual attention. Neuron 23, 747–764. doi: 10.1016/s0896-6273(01)80033-7

Wunderlich, K., Rangel, A., and O’Doherty, J. P. (2009). Neural computations
underlying action-based decision making in the human brain. Proc. Natl. Acad.
Sci. U. S. A. 106, 17199–17204. doi: 10.1073/pnas.0901077106

Yamanaka, K., and Yamamoto, Y. (2010). Single-trial EEG power and phase
dynamics associated with voluntary response inhibition. J. Cogn. Neurosci. 22,
714–727.

Yantis, S., Schwarzbach, J., Serences, J. T., Carlson, R. L., Steinmetz, M. A., Pekar,
J. J., et al. (2002). Transient neural activity in human parietal cortex during
spatial attention shifts. Nat. Neurosci. 5, 995–1002. doi: 10.1038/nn921

Yordanova, J., and Kolev, V. (1998). Single-sweep analysis of the theta
frequency band during an auditory oddball task. Psychophysiology 35,
116–126.

Conflict of Interest: The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be construed as a
potential conflict of interest.

Publisher’s Note: All claims expressed in this article are solely those of the authors
and do not necessarily represent those of their affiliated organizations, or those of
the publisher, the editors and the reviewers. Any product that may be evaluated in
this article, or claim that may be made by its manufacturer, is not guaranteed or
endorsed by the publisher.

Copyright © 2021 Tzagarakis, West and Pellizzer. This is an open-access article
distributed under the terms of the Creative Commons Attribution License (CC BY).
The use, distribution or reproduction in other forums is permitted, provided the
original author(s) and the copyright owner(s) are credited and that the original
publication in this journal is cited, in accordance with accepted academic practice. No
use, distribution or reproduction is permitted which does not comply with these terms.

Frontiers in Neuroscience | www.frontiersin.org 14 August 2021 | Volume 15 | Article 679408

https://doi.org/10.1016/j.neuroimage.2010.01.073
https://doi.org/10.1016/j.neuroimage.2010.01.073
https://doi.org/10.1093/cercor/bhs418
https://doi.org/10.1027/1618-3169/a000054
https://doi.org/10.1016/j.neuroimage.2004.03.052
https://doi.org/10.1016/j.neuroimage.2004.03.052
https://doi.org/10.1016/j.clinph.2010.09.011
https://doi.org/10.1016/s0896-6273(01)80033-7
https://doi.org/10.1073/pnas.0901077106
https://doi.org/10.1038/nn921
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/neuroscience#articles

	Neural Encoding of the Reliability of Directional Information During the Preparation of Targeted Movements
	Introduction
	Materials and Methods
	Participants
	Task Setup
	MEG Recordings
	MRI
	Experimental Design and Statistical Analyses
	Task
	Behavioral Data Analysis
	MEG Channel-Level Analysis
	Source-Level Analysis
	Theta-Beta Cross-Frequency Coupling
	Potential Pitfalls of the PPC Analysis


	Results
	Behavioral Performance
	Reaction Time and Movement Time
	Error Trials

	Neural Activity
	Effect of Cue Reliability
	Effect of Cue Validity
	Source Analysis of Cue Reliability and Validity Effects
	Theta-Beta Cross-Frequency Coupling During the Reaction Time
	Eye Movements After Target Onset


	Discussion
	Reliability of Information
	Validity of Information
	Limitations

	Conclusion
	Data Availability Statement
	Ethics Statement
	Author Contributions
	Funding
	Acknowledgments
	References


