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A B S T R A C T

Prenatal ozone (O3) exposure may disrupt normal offspring growth. However, epidemiological evidence that
prenatal O3 exposure affects the physical development of offspring early in life is far from adequate. A total of
4909 maternal–child pairs from the Shanghai Maternal–Child Pairs Cohort were included. A high-resolution
random forest model was utilized to evaluate prenatal exposure levels of O3 based on the home addresses of
pregnant women. Group-based trajectory and mixed-effects models were used to assess associations between
prenatal O3 exposure and physical parameters. Each 10 μg/m3 increase in O3 concentration was associated with
0.084, 0.048, and 0.082-unit increases in body mass index (BMI) for age Z score (BAZ), weight for age Z score
(WAZ), and weight for length Z score (WLZ), respectively. Specifically, a 10 μg/m3 increase in O3 concentration
was linked to a 1.208-fold and 1.209-fold increase in the elevated-increasing group for the BAZ and WLZ tra-
jectories, respectively. Moreover, each 10 μg/m3 increases in prenatal O3 was associated with a 1.396-fold and
0.786-fold increase in the risk of BAZ- and length for age Z score (LAZ)-accelerated growth, respectively.
Furthermore, a 10 μg/m3 increase in prenatal O3 was linked to a 1.355-fold increase in the risk of overweight and
obesity (OAO). Our study revealed that prenatal O3 exposure is associated with accelerated BMI gain or decel-
erated body length gain in the early life of children. Prenatal O3 may also increase the risk of OAO in children for
the first two years.
1. Introduction

Overweight and obesity (OAO) have become global public health
concerns that pose a significant burden on both developed and developing
nations [1]. From 1999 to 2016, there was a significant increase in the
incidence of obesity in both adolescents and adults [2]. The prevalence of
childhood obesity is increasing worldwide, with 158 million children
aged 5 to 19 years suffering from obesity in 2019 [3]. Body mass index
(BMI) standard deviation scores for OAO adolescents aged 15–18 years
were already elevated during infancy and continued to increase
throughout childhood, contrasting with those of individuals with normal
or lighter weights [4]. The onset of obesity rebounding between the ages
of 3.5 and 5 is linked to elevated BMI and an overall increased risk of
obesity during adolescence [5]. Rapid child growth has been shown to be
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associated with a higher risk of obesity, cardiovascular disease, or several
metabolic diseases later in life [6–9]. A recent meta-analysis revealed that
rapidweight gain during the first two years of life was significantly linked
to a 3.66-fold increased likelihood of developing OAO, as well as an
elevated risk of various health conditions in adulthood, including hy-
pertension, obesity, cardiovascular disease, diabetes, and metabolic syn-
drome [10–12].

In addition to the predetermined genetic effects, children's growth
trajectories are vulnerable to modifiable factors, including socioeco-
nomic, behavioral, and environmental factors [13]. As a modifiable
environmental factor, air pollution has received increasing amounts of
attention. Recent studies have shown that prolonged air pollution
exposure can result in weight gain and an elevated risk of developing
metabolic syndrome and obesity [14–16]. However, a systematic review
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revealed conflicting conclusions regarding the correlation between air
pollution and obesity. Among the studies reviewed, 44% identified a
positive correlation, 12% indicated a negative correlation, and 44%
found no significant correlation [17]. Following the release of the new air
quality guideline (AQG) in 2021, PM has been effectively controlled, and
ozone (O3) is considered the predominant pollutant in ambient air
worldwide. O3 is a major air pollutant and the primary constituent of
photochemical smog [18]. Due to continued global climate change and
anthropogenic emissions, most parts of China have shown a rapid up-
ward trend in air pollution, especially in the eastern region and south-
eastern coastal areas [19]. Previous studies based on field observations
and satellite retrievals have highlighted severe O3 pollution in China. The
hourly maximum O3 concentrations recorded in China frequently
exceeded 321.45 μg/m3 [20,21].

The initial twenty-four months of life play an essential role in in-
dividual development and lay the foundation for programming long-
term health outcomes [22]. Pregnant women and children are
uniquely vulnerable to air pollution, and prenatal exposure to air
pollution may have lasting effects on the physical development of
offspring [23]. Several recent epidemiological studies have explored the
connection between O3 exposure and OAO in children. Dong et al. re-
ported that exposure to elevated concentrations of O3 was associated
with a greater risk of OAO in children aged 2–14 years [24]. A study of
9- to 17-year-old children revealed that for every 10 μg/m3 increase in
O3 exposure, there was a corresponding 4.1% increase in the risk of
obesity in Jiangsu Province, China [25]. Two prospective studies
demonstrated that prenatal O3 exposure is positively associated with
increased postnatal fat mass and body fat percentage, with 1–6 month
weight gain [26,27]. In mouse models, prenatal O3 exposure was
proven to disturb energy imbalances and dyslipidemia, and ultimately
induce an OAO phenotype in offspring [28]. These studies, however,
were limited to individual aspects of growth or specific time points.
Longitudinal evidence regarding the effect of prenatal O3 exposure on
children's physical growth, development, and obesity is relatively
limited. As children's body mass index may fluctuate over time, evalu-
ating the association between prenatal O3 exposure and OAO solely
through singular time-point body mass indices might be insufficient
[29]. Childhood growth trajectories significantly impact morbidity and
mortality across the lifespan, potentially influenced by environmental
factors [30]. Future studies should aim to track the trajectory patterns
of child growth throughout childhood development. These studies,
examining children's growth patterns over time, are crucial for
comprehensively elucidating the relationship between prenatal O3
exposure and childhood physical development. These findings hold
promise for offering insights into the impacts of such exposure on
diverse growth trajectories.

Therefore, based on the Shanghai Maternal–Child Pairs Cohort
(Shanghai MCPC), a high-resolution random forest algorithm model was
applied to estimate prenatal O3 exposure during a spatial 1 km resolution
in this study. The growth parameters of the multitemporal children were
measured, as was the trajectory model. We investigated the associations
between prenatal O3 concentrations and children's growth in terms of
their physical parameters, growth trajectories, accelerated growth, and
OAO.

2. Methods

2.1. Study participants

The participants in the study were maternal–child pairs from the
Shanghai MCPC [31]. The inclusion and exclusion criteria and protocols
were as follows: 1) lived in Shanghai for more than a year prior to
becoming pregnant; 2) were at least 20 years of age and did not expe-
rience any communication barriers; and 3) were pregnant for 12–16
weeks, with follow-up prenatal examination and delivery planned to be
carried out in the two hospitals allocated by the project; 4) had no history
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of serious chronic diseases or infectious diseases such as hypertension,
diabetes, heart disease, or mental illness; 5) signed the informed consent
form and were willing to complete the questionnaire survey and
follow-up survey after birth.

Between April 2016 and October 2018, a total of 6782maternal–child
pairs were recruited for this research. After excluding 229 patients, we
further excluded 914 pregnancies with complications (gestational hy-
pertension, eclampsia, and gestational diabetes mellitus) and pregnan-
cies that ended in abortion, as well as 77 twin pregnancies, leaving 5562
children for follow-up. All participants were invited to complete physical
development examinations at approximately 1, 2, 4, 6, 9, 12, 18, and 24
months. In total, 4909 mother–child pairs completed all the physical
examinations. A detailed flow chart of the process is shown in Fig. S1.
The research protocol received approval from the ethics committee of
Fudan University (IRB#2016-04-0587-EX), and written informed con-
sent was obtained from all participants or their authorized
representatives.

2.2. Assessment of air pollutant exposure

A daily maximum of 8 h of O3 exposure during pregnancy was esti-
mated using a 1 km � 1 km resolution and predicted through a full
temporospatial coverage model developed by Meng et al. [32]. Detailed
information on the model has been published previously. The model
integrates ground-level O3 measurements, O3 simulations from the
community multiscale air quality (CMAQ) modeling system, meteoro-
logical parameters, population density, road length, and altitude to
forecast O3 concentrations. Validation of the model indicated a daily
level cross-validation R2 of 0.80, with mean absolute percentage error
(MAPE) and root mean square error (RMSE) values of 29.60% and
20.93 μg/m3, respectively. The random forest model developed by Meng
et al. was utilized to predict the daily average PM2.5 exposure concen-
tration at a resolution of 1 km� 1 km. This model achieved an R2 of 0.81
and an RMSE of 18.5 μg/m3 for the full-coverage predictions at the daily
level [33,34]. Furthermore, daily estimates of traditional air pollutants
(CO, NO2, PM10, and SO2)were derived from fixed monitoring stations
located in Shanghai. The average individual concentrations of air pol-
lutants during the whole pregnancy were calculated.

2.3. Physical examination of children's growth

Birth length, birth weight, and other data were acquired from ob-
stetric records. Physical growth and development measurements, exam-
inations, and feeding data were recorded and collected by trained child
health doctors when the children reached the ages of 1, 2, 4, 6, 9, 12, 18,
or 24 months. To measure the body length of babies, they were asked to
remove their shoes, hats, and socks, lie flat on the measuring board on
their back; keep their legs straight, put their heads straight, touch the top
plate with their heads, and ensure that their ears were at the same level,
with an accuracy of 0.1 cm. Body weight was recorded simultaneously
with a precision of 0.01 kg. Standardization of physical growth and
developmental metrics was performed for the children. The R package
“anthro” (version number: 1.0.0.9000) was used to convert the Z scores
of the physical parameters. Based on the World Health Organization's
2006 standards for growth and development for children, the BMI for age
Z score (BAZ), weight for age Z score (WAZ), weight for length Z score
(WLZ), and length for age Z score (LAZ) were acquired. Subsequently, the
researchers calculated the difference between the Z score at different
months and at birth. Accelerated growth is a phenomenon in which the
body grows at a rate that exceeds the general level of development for the
same age, and accelerated growth often occurs in early childhood [35]. Z
score of 0.67 represents the width of each percentile range on the stan-
dard growth curve chart, ranging from the second percentile to the ninth
percentile, the ninth percentile to the 25th percentile, the 25th percentile
to the 50th percentile, and so forth [36]. We characterized accelerated
growth as the instance when the difference between the Z score at each
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month of age and at birth equaled or exceeded 0.67 [35,36]. Conversely,
growth below this threshold was categorized as non-accelerated. OAO
was classified according to the BAZ value, with a BAZ value > P85 indi-
cating OAO [37].

2.4. Covariates

The following data were collected during pregnancy: age at delivery;
annual household income (<100k CNY/year, 100k–300k CNY/year, and
>300k CNY/year); maternal education level (junior high school and
below, senior secondary, postsecondary, or university and above);
gestational weight gain (GWG); maternal and paternal height; and pas-
sive smoking during pregnancy. The physical activity levels (mild,
moderate, and severe) of the pregnant women during the early stages of
pregnancy were evaluated utilizing the Short Form of the International
Physical Activity Questionnaire (IPAQ). Preconception BMI was assessed
by measuring maternal height with a stadiometer and recording self-
reported weight before conception. Additional significant covariates
were gathered from medical records at the hospital, including parity
(primipara, multipara), child gender (male, female), premature birth (yes
or no), breastfeeding duration, gestational weeks at delivery, birth
weight, birth length and follow-up time. Daily estimates of relative hu-
midity and temperature were derived from fixed monitoring stations in
Shanghai.

2.5. Statistical analysis

The primary characteristics of the subjects were described and re-
ported using descriptive statistics. For normally distributed continuous
variables, the mean value � standard deviation (mean � SD) was used to
present the results, while the frequency and composition ratio (%) were
used to express categorical variables. Independent sample t tests were
used to evaluate the growth parameter characteristics of the children.
Pearson correlation was used to assess the correlation between O3, CO,
PM2.5, PM10, NO2, and SO2 in the whole pregnancy.

Mixed-effects models are well suited for handling repeated-measures
data, integrating both fixed and random effects to reveal individual
disparities and variability inherent in longitudinal datasets. In our study,
linear mixed-effects models were employed to investigate the longitu-
dinal association between prenatal O3 exposure and child growth
parameters.

Multivariate regression analysis (MLR) is a widely employed statis-
tical technique for assessing multifaceted relationships between multiple
independent variables and a dependent variable in a linear context. In
our study, the MLR was employed to evaluate the cross-sectional asso-
ciation between prenatal O3 exposure and growth parameters across
children of various ages. The estimated coefficients (β) obtained from
these models were interpreted as the change in child growth parameters
associated with each 10 μg/m3 increase in prenatal O3 exposure. The
group-based trajectory model (GBTM) is a human-centered, semi-
parametric methodology widely applied in longitudinal studies; it oper-
ates on the premise that distinct groups within the study population
possess unique developmental pathways. This approach focuses on
delineating shifts in developmental patterns, behaviors, or health/dis-
ease status over time. The GBTM facilitates the exploration of specific
outcome trajectories and the identification of groups or categories
sharing similar patterns, thereby revealing diverse developmental path-
ways [38–40]. In this study, the GBTM was used to scrutinize children's
developmental trajectories throughout their initial two years of life.
Central to GBTM analysis is the selection of an apt model. Initially, we
modeled 1 to 5 trajectory groups, leveraging the Bayesian information
criterion (BIC) to discern the optimal number of groups, favoring the
model with the highest absolute BIC value. We further identified tra-
jectory shapes that accurately mirrored the observed patterns by evalu-
ating linear, quadratic, and cubic functions. The model demonstrating
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the highest fit was chosen based on the BIC value, ensuring an average
posteriori probability (AvePP) of �0.70 for each trajectory and a repre-
sentation of at least 5% of the total sample size for each trajectory [39,
41]. The GBTM fits for specific parameters are detailed in Table S1,
incorporating children with data available from at least three follow-up
visits (n ¼ 4909). After determining the optimal number of clusters per
trajectory, we displayed the respective paths for every measurement
through graphical representation. Additionally, we acquired the child
growth trajectory groups, the new outcome variables, through the
employment of the GBTMmodel. This group was best represented by the
BAZ, WAZ, WLZ, and LAZ and divided into two categories (low--
increasing group and elevated-increasing group). The low-increasing
group was determined to be the reference category.

In addition, generalized mixed-effects models were employed to
explore the association between prenatal O3 exposure and child growth
acceleration and OAO, taking into account the repeated-measures data
obtained from individual subjects. Furthermore, logistic regression
models were used to evaluate the associations between prenatal O3
exposure and various factors, such as child growth trajectory groups,
accelerated growth, and OAO, at various months of age. The estimated
odds ratios (ORs) and 95% confidence intervals (CIs) derived from these
models were interpreted as the risk linked to every 10 μg/m3 increase in
O3 exposure. Upon adjusting the P values for multiple testing utilizing
the false discovery rate (FDR), a significance threshold of less than 0.1
was adopted for evaluating the correlation of constituents with child
growth measures [42,43]. Finally, to investigate the potentially con-
founding effects of common pollutants, two-pollutant models were
constructed to test the robustness of the single-pollutant model devel-
oped in this study. To perform sensitivity analyses, we eliminated
pregnant women who gave birth prior to the 37th week of pregnancy.
Gender-stratified analysis and the interaction between prenatal O3
exposure and gender were performed at the same time. In our analyses,
we included the following covariates: prepregnancy BMI, age at de-
livery, annual household income, maternal education level, breast-
feeding duration, maternal height, paternal height, GWG, passive
smoking during pregnancy, birth length, birth weight, IPAQ, age of
children at follow-up (months), preterm birth, gestational weeks at
delivery and parity. All analyses were accomplished using Stata (version
17) and R software (version 4.1.2). All the statistical tests were
two-sided, and the significance level was set at α ¼ 0.05.

3. Results

3.1. Participant characteristics and child growth parameters

Table 1 presents the characteristics of the maternal–child pairs
(n ¼ 4909). The average age at delivery was 28.7 � 4.14 years, with a
mean prepregnancy BMI of 21.2 � 2.91 kg/m2. The proportion of
pregnant women with a college degree or higher in the total group of
pregnant women was 42.5%. Additionally, 56.8% of the pregnant
women were primiparous. The children born included 51.6% boys and
48.4% girls, with 4.16% being preterm births. The average birth length
and birth weight were recorded as 50.0 � 0.93 cm and 3333 � 436 g,
respectively. At 4, 6, and 9 months of age, significant gender-specific
differences were observed in the BAZ, WAZ, WLZ, and LAZ, as well as
in body weight, body length, and BMI (Table S2 and Table S2). The
growth curve for childhood is shown in Figs. S3 and S4.

3.2. Concentration distributions of O3 exposure

Table 2 presents the concentrations of O3 exposure and meteorolog-
ical characteristics during the whole pregnancy for all pregnant women.
The median concentrations of O3, CO, NO2, PM2.5, PM10, and SO2 during
pregnancy were 94.00 μg/m3, 0.73 mg/m3, 36.24 μg/m3, 38.39 μg/m3,
51.44 μg/m3, and 9.52 μg/m3, respectively. O3 exhibited a negative



Table 1
Participant characteristics (n ¼ 4,909).

Participants characteristic Mean � SD/n (%)

Age at delivery, years 28.7 � 4.14
Maternal height 161 � 4.78
Paternal height 174 � 5.16
Prepregnancy BMI, kg/m2 21.2 � 2.91
Gestation weight gain (GWG), kg 14.4 � 5.29
Maternal education levels

Junior high school or below 552 (11.2%)
Senior secondary 659 (13.4%)
Postsecondary 1611 (32.8%)
College degree or higher 2087 (42.5%)

Annual household income, CNY/year
�100k 1274 (26.0%)
100k–300k 3195 (65.1%)
>300k 440 (8.96%)

Passive smoking during pregnancy
Yes 743 (15.1%)
No 4166 (84.9%)

Physical activity during pregnancy
Mild 1918 (39.1%)
Moderate 2749 (56.0%)
Severe 242 (4.93%)

Parity
Primipara 2786 (56.8%)
Multipara 2123 (43.2%)

Child gender
Boy 2533 (51.6%)
Girl 2376 (48.4%)

Birth weight, g 3333 � 436
Birth length, cm 50.0 � 0.93
Premature birth

Yes 204 (4.16%)
No 4705 (95.8%)

Gestational weeks at delivery 39.3 � 1.45
Duration of breastfeeding (month) 9.26 � 4.47

Preterm birth, gestational age < 37 weeks; passive smoking during pregnancy,
the average weekly >1 time, each time more than 15 min.
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correlation with other pollutants (CO, NO2, PM2.5, and PM10), except for
SO2, and the negative correlation ranged from �0.47 to �0.02 (Fig. S2).
3.3. Associations between prenatal O3 exposure and child growth
parameters

Associations of prenatal O3 exposure with the BAZ, WAZ, WLZ, and
LAZ are shown in Figs. 1 and S5. The relationships between O3 and child
growth in both the single- and two-pollutant models, as identified
through linear mixed-effect models, are depicted in Fig. 1. Within the
total population, the effect estimates for 10 μg/m3 O3 were 0.083 (95%
CI: 0.044 to 0.123), 0.046 (0.009 to 0.083), and 0.082 (0.043 to 0.122)
unit increases in the BAZ, WAZ, and WLZ, respectively. The associations
remained significant for BAZ, WAZ, andWLZ in the two-pollutant models
after we adjusted for CO, NO2, PM2.5, PM10, and SO2.

The associations between prenatal O3 exposure and child growth
parameters, as analyzed by the MLR, are presented in Fig. S5. For total
population, prenatal O3 (each 10 μg/m3) was positively related to BAZ
Table 2
O3 exposure and meteorological characteristics of pregnant women during pregnancy

Exposure characteristics Mean SD Min

O3, μg/m3 95.34 8.51 76.86
CO, mg/m3 0.74 0.07 0.54
NO2, μg/m3 36.83 5.96 22.00
PM2.5, μg/m3 37.83 4.02 25.60
PM10, μg/m3 50.53 6.91 35.38
SO2, μg/m3 9.20 1.93 4.49
Temperature, �C 18.61 2.59 10.66
Humidity, % 73.47 3.03 67.06

Min, the minimum value; P25, the 25th percentile; P75, the 75th percentile; Max, the
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andWLZ at 1, 2, 4, 6, and 18 months of age, and to WAZ at 2, 4, 6, and 18
months of age [βBAZ-1m: 0.091 (0.032, 0.151); βBAZ-2m: 0.106 (0.052,
0.160); βBAZ-4m: 0.176 (0.116, 0.236); βBAZ-6m: 0.126 (0.068, 0.185);
βBAZ-18m: 0.176 (0.115, 0.236); βWAZ-2m: 0.058 (0.009, 0.107); βWAZ-4m:
0.081 (0.026, 0.137); βWAZ-6m: 0.076 (0.022, 0.130); βWAZ-18m: 0.130
(0.071, 0.189); βWLZ-1m: 0.107 (0.040, 0.173); βWLZ-2m: 0.120 (0.063,
0.177); βWLZ-4m: 0.178 (0.118, 0.238); βWLZ-6m: 0.124 (0.067, 0.182);
βWLZ-18m: 0.172 (0.113, 0.231)]. The longitudinal analysis in Fig. 1
supports these consistent findings. Additionally, increased prenatal O3
levels (at 10 μg/m3) can lead to a reduction in the LAZ at 4 months of age
[βLAZ-4m: �0.088 (�0.144, �0.031)].

3.4. Associations between prenatal O3 exposure and children's growth
trajectories

In this study, the GBTM distinguished two trajectory groups for child
growth parameters (BAZ, WAZ, WLZ, and LAZ). Fig. S6 illustrates the
trajectories for each measurement. There were two trajectory groups for
each parameter related to children's growth: low-increasing and
elevated-increasing. For all the measurements, the low-increasing group
was chosen as the reference group. Comprehensive definitions of the
trajectory groups and model selection criteria (including AvePP and BIC)
are shown in Table S1. The correlation between prenatal O3 exposure and
children's growth trajectories is shown in Fig. 2. Each 10 μg/m3 increase
in prenatal O3 resulted in a 1.210-fold and 1.212-fold increase in the risk
of elevated BAZ andWLZ, respectively. The risk of prenatal O3 in the LAZ
elevated-increasing group decreased with a 10 μg/m3 increase in pre-
natal O3, with an OR of 0.859-fold. The associations between BAZ and
WLZ remained significant after we adjusted for CO, NO2, PM2.5, PM10,
and SO2 in the two-pollutant models. In addition, prenatal O3 exposure
had no effect on WAZ trajectories, but this effect was enhanced by co-
adjustment with SO2. However, co-adjustment for PM2.5 attenuated the
impact of prenatal O3 exposure on the LAZ.

3.5. Associations between prenatal O3 exposure and accelerated growth in
children

BAZ, WAZ, WLZ, and LAZ were classified as accelerated or non-
accelerated growth based on the difference in Z scores at each month
of age and at birth. Fig. 3 illustrates the association between O3 exposure
and accelerated growth (generalized mixed effect model). For the total
population, an increase of 10 μg/m3 in O3 concentration was linked to a
1.239-fold increase in accelerated growth risk associated with BAZ. The
risk of accelerated LAZ growth was found to decrease with each 10 μg/m3

increase in O3, with an OR of 0.826-fold. Moreover, no association be-
tween prenatal O3 and accelerated growth in the WAZ or WLZ was found
in this study. Additionally, no gender differences were found for BAZ,
WAZ, or WLZ; however, LAZ had an OR of 0.763, and girls were more
susceptible than boys. Logistic regression models were used to assess the
associations between prenatal O3 exposure and accelerated growth in
children at various months of age (Fig. S7), and the findings aligned with
the findings from the longitudinal analysis presented in Fig. 3. For total
and female children, the prenatal O3 concentration was associated with
.

P25 Median P75 Max IQR

88.24 94.00 102.07 118.55 13.83
0.70 0.73 0.79 1.01 0.08

32.70 36.24 41.95 51.12 9.25
35.04 38.39 40.57 56.11 5.53
44.37 51.44 55.37 77.88 11.00
7.63 9.52 10.34 18.07 2.70

16.12 19.06 21.00 25.32 4.88
70.44 74.14 75.33 80.88 4.89

maximum; IQR, the inter-quartile range.



Fig. 1. Associations between prenatal O3 exposure (each 10 μg/m3) and child
growth parameters (β, 95% CIs) using linear mixed-effects model. Models were
adjusted for prepregnancy BMI, age at delivery, annual household income,
maternal education levels, breastfeeding duration, maternal height, paternal
height, GWG, passive smoking during pregnancy, birth length, birth weight,
IPAQ, age of children at follow-up (months), preterm birth, gestational weeks at
delivery, and parity. * P < 0.05.

Fig. 2. Associations between prenatal O3 exposure (each 10 μg/m3) and chil-
dren's growth trajectories using logistic regression models. Models were
adjusted for prepregnancy BMI, age at delivery, annual household income,
maternal education levels, breastfeeding duration, maternal height, paternal
height, GWG, passive smoking during pregnancy, birth length, birth weight,
IPAQ, age of children at follow-up (months), preterm birth, gestational weeks at
delivery, and parity. * P < 0.05.
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an increased risk of accelerated growth in WLZ children at 4 and 18
months, respectively, and accelerated growth in BAZ children at 4
months, with an OR ranging from 1.195 to 1.247.
3.6. Effects of prenatal O3 exposure on OAO in children

The associations between O3 exposure and OAO, as ascertained by
generalized mixed-effects models, are visualized in Fig. 4. An increase of
10 μg/m3 in prenatal O3 concentration was associated with 1.343, and
1.293-fold increases in the total risk of OAO for male and female chil-
dren, respectively. The trend in the two pollutants remained consistent.
No gender specificity was found for OAO in these children. Logistic
440
regression models were used to evaluate the correlations between O3

exposure and children's OAO at different months of age (Fig. S8), and the
findings obtained were consistent with the longitudinal analysis results
presented in Fig. 4. In the total population, prenatal O3 exposure was
associated with an elevated risk of OAO in children at 2, 4, 6, and 18
months of age, with ORs ranging from 1.196 to 1.507.
3.7. Sensitivity analysis

The positive effects of prenatal O3 exposure and childhood OAO were
robust after excluding pretermbirth (Fig. S9). After adjusting for CO,NO2,



Fig. 3. Associations between prenatal O3 exposure (each 10 μg/m3) and
accelerated growth in children using generalized mixed-effects models. Models
were adjusted for prepregnancy BMI, age at delivery, annual household income,
maternal education levels, breastfeeding duration, maternal height, paternal
height, GWG, passive smoking during pregnancy, birth length, birth weight,
IPAQ, age of children at follow-up (months), preterm birth, gestational weeks at
delivery, and parity. * P < 0.05.
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PM10, and SO2, the associations of O3 with OAO in children remained
significant according to the two-pollutant models. No interaction
between prenatal O3 exposure and gender was found, as shown in
Tables S4–S7.
Fig. 4. Associations between prenatal O3 exposure (each 10 μg/m3) and OAO in

441
4. Discussion

In this study, we found that prenatal O3 exposure could accelerate
early childhood growth and increase the risk of OAO, especially at 4, 6,
and 18 months after birth. The exposure concentrations of O3 were
higher than those in other cities in China and the United States [44–46].
Variations in the methods used for assessing O3 exposure and geographic
location might account for the higher O3 exposure levels observed in this
study than in previous reports. Herein, to avoid misclassification bias, O3
exposure was simulated using a high-resolution model that considered
spatial and temporal parameters, as well as individuals with near-surface
meteorological conditions. As a result, individual levels of O3 exposure
are more precise than exposure estimates obtained from fixed monitoring
stations [32].

Early life weight gain is an indicator of obesity and related metabolic
disorders among adults. Our findings indicate that prenatal O3 exposure
is positively associated with BAZ, WAZ, and WLZ in children and may
increase the risk of accelerated growth and OAO. Our findings were
consistent with previous results. During a follow-up study of 5-month-old
children, it was determined that O3 exposure during late gestation
resulted in a considerable increase in body fat percentage of 2.2% per
interquartile range and 2.1% per 100 days, as well as a daily fat mass
increase of 1.8 g throughout the time frame from birth to 5 months [26].
In children aged 9 to 17 years, each increase of 10 μg/m3 in O3, PM2.5, or
NO2 was connected with a heightened risk of obesity, with associated
ORs of 1.041, 1.185, and 1.127, respectively [25]. Su et al. reported that
air pollution can promote the development of OAO in preschool children
[47]. One possible explanation for this finding is that O3 exposure might
augment the risk of accelerated growth, potentially leading to the
occurrence of OAO in children.

In addition, we further explored the effect of prenatal O3 on children's
growth trajectories. Our results showed that higher prenatal O3 con-
centrations were associated with greater odds of BAZ and WLZ elevated-
increasing groups and LAZ low-increasing groups in children. Traditional
studies use cross-sectional methods that fail to capture the inherent
variability and dynamics of growth patterns. Much of the previous
literature has relied primarily on fixed growth metrics, ignoring chil-
dren's dynamic growth patterns. The GBTM can provide a dynamic
perspective from which to explore children's growth patterns. The effects
of differences in growth trajectories early in life may persist through
childhood, adolescence, and adulthood.

Research on the association between prenatal O3 concentrations and
children's growth trajectories is still limited. Only a few relevant studies
have explored the relationships between other pollutants and children's
growth trajectories. For instance, a large longitudinal study showed that
exposure to NO2, PM10, and PM2.5 was associated with a small increase in
BMI from birth to 5 years of age in children [48]. Another study explored
children (OR, 95% CIs) using generalized mixed-effects models. * P < 0.05.
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the relationship between prenatal phthalate exposure and the body
roundness index and body shape index trajectory groups in childhood. In
brief, prenatal exposure to phthalates increases the risk of childhood
obesity, which is primarily related to inflammatory responses and the
regulation of lipid metabolism [49]. In our study, no effect of prenatal O3
exposure on the LAZ was found. However, prenatal O3 reduced the risk of
elevated-increasing groups and accelerated growth in the LAZ. These
findings were similar to those of a study conducted in Ghana, where
researchers reported that prenatal CO exposure decreased LAZ while
increasing risk in the lower LAZ group [30]. Gender dimorphism in OAO
was also found in these children, with prenatal O3 exposure increasing
the risk of OAO in girls at 2 and 6months of age compared to that in boys.
The longer window of sensitivity in girls than in boys may be attributed
to the fact that females are more susceptible to O3 exposure than males
[50]. The results of previous animal studies have shown differences in
placental metabolic programmes between boys and girls, which may also
contribute to the different effects of prenatal O3 exposure on the growth
of boys and girls [51,52].

The mechanisms by which prenatal O3 exposure contributes to
childhood obesity are unclear, but recent studies have shown that these
mechanisms may be related to placental epigenetic regulation, lipid
metabolism, inflammation, or oxidative stress. There is increasing evi-
dence supporting the hypothesis that air pollution exposure contributes
to obesity by disrupting lipid metabolism. A study revealed increased
blood lipid levels and adipose tissue accumulation in individuals exposed
to high air pollution levels [53]. Recent research has suggested that
increased exposure to O3 is linked to an increase in fat mass but is
negatively correlated with lean muscle mass [54]. Multiple studies have
shown that exposure to O3 can increase the levels of both total cholesterol
and triglycerides, which can lead to an increased risk of dyslipidemia
[15,55–57]. Even low levels of O3 can induce lipid accumulation in
human adult stem cells derived from adipose tissue [53]. Research has
revealed that exposure to O3 significantly increases human serum corti-
costerone and cortisol levels, while also elevating the levels of medium
and long-chain free fatty acids, glycerol, and monoglycerides [58]. An
animal experiment demonstrated that acute O3 exposure can rapidly
activate the hypothalamic-pituitary-adrenal axis, leading to an increase
in corticosterone levels [59]. Substantial evidence suggests that alter-
ations in the in utero environment during early developmental stages
may impact epigenetic inheritance, subsequently causing permanent
changes in neonatal metabolic processes [60]. The above studies showed
that exposure to air pollution can seriously affect the development of
adipose tissue and its metabolic function, thus affecting the risk of
developing obesity. Moreover, studies on animals have shown that O3
exposure causes oxidative stress and adipose inflammation, which are
both contributing factors to obesity [61]. Another animal study revealed
that O3 exposure in rats interfered with placental mitochondrial function,
possibly affecting fetus energy supply and development [52,62]. The
placenta serves as the sole conduit for delivering nutrients to the fetus
during pregnancy; hence, the health and functionality of the placenta are
intimately linked to the healthy development of the fetus [63]. However,
due to its heightened metabolic activity and extensive cellular turnover,
the placenta is exceedingly sensitive to oxidative stress [64]. Within the
placenta, oxidative stress-induced DNA damage, lipid peroxidation, and
protein denaturation can alter placental function, diminishing the ca-
pacity of the placenta to convey oxygen and nutrients to the fetus [65].
Mitochondria serve as both the primary site for generating reactive ox-
ygen species and the focal point of their attack, potentially inducing al-
terations in their functionality [66,67]. Reports have highlighted a strong
correlation between oxidative stress and impaired placental mitochon-
drial function in expectant mothers [68]. Research indicates that
compromised mitochondrial function in the placenta could impact both
placental health and the subsequent growth of the fetus [66,68]. More-
over, research has shown that DNA methylation in the placenta and
umbilical cord blood serves as a biological target for prenatal exposure to
O3 [69]. DNA methylation markers may lead to dysregulation of TFAP2E
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and FAM3C expression in placental tissues and are associated with early
childhood adiposity [70]. This provides some mechanistic evidence that
prenatal O3 exposure contributes to childhood OAO.

This study has several strengths. We conducted the present study
based on a prospective cohort study design, which enhances the body of
scientific evidence supporting the positive associations between prenatal
O3 exposure and OAO risk in children. Furthermore, a high-resolution O3
assessment model was used to assess individual prenatal O3 exposure
instead of relying on fixed monitoring stations. This approach improves
the accuracy of exposure assessment and minimizes exposure misclassi-
fication bias [32]. Moreover, by utilizing the GBTM, this study modeled
children's growth trajectories and assessed the association between pre-
natal O3 exposure and these trajectories. While conventional techniques
use a cross-sectional framework that neglects the dynamic aspects and
innate variances of growth patterns, GBTM offers a dynamic perspective
on patterns of child growth, and deviations in early-life growth trajec-
tories may have long-lasting effects on children.

Nonetheless, there were several limitations to this study. First, we
estimated only outdoor O3 concentrations based on residences, neglect-
ing indoor pollution concentrations or other micro-environments that
may contribute to O3 exposure. Second, although we considered the
primary confounding factors linked to O3 exposure and the risk of OAO in
our analysis, our findings may still be impacted by other factors, such as
co-pollutants. Two-pollutant models were utilized to assess the robust-
ness of the results, which could partially adjust for the effect of co-pol-
lutants' exposure. O3 exposure levels were determined based on the
residency address of the participants. However, the presence of pregnant
women at their workplace, albeit for a certain duration, could give rise to
specific limitations. Future research could consider a more comprehen-
sive assessment of participants' activity locations to better understand the
health effects of O3 during pregnancy.

5. Conclusion

In summary, our study provided unique insights into prenatal O3
exposure and its effects on children's growth trajectories. These findings
showed that prenatal O3 exposure is associatedwith accelerated BMI gain
or decelerated body length gain and may ultimately increase the risk of
OAO in the early life of children. To further improve the health of future
generations, prenatal care guidelines and public policies should be
implemented to avoid high levels of O3 exposure during pregnancy.
Furthermore, additional research is needed to confirm our findings and to
elucidate the biological mechanisms underlying the observed
relationships.

Ethics statement

The research protocol was approved by the ethics committee of Fudan
University (IRB#2016-04-0587-EX), and all participants or their re-
spondents provided written informed consent.

CRediT authorship contribution statement

Xinyao Sui: Conceptualization, Formal analysis, Methodology, Soft-
ware, Visualization, Writing – original draft, Writing – review & editing.
Liyi Zhang: Investigation, Methodology, Writing – review & editing.
Weiqing Xu: Methodology, Resources. Xia Meng: Investigation, Meth-
odology. Yue Zhao: Methodology. Yuyan Gui: Methodology. Huijing
Shi: Resources, Supervision. Pengpeng Wang:Methodology, Resources,
Supervision, Writing – review & editing. Yunhui Zhang: Conceptuali-
zation, Funding acquisition, Project administration, Resources, Supervi-
sion, Validation, Writing – review & editing.

Declaration of competing interests

The authors declare no competing financial interests.



X. Sui et al. Eco-Environment & Health 3 (2024) 436–444
Acknowledgment

This study was supported by the National Key Research and Devel-
opment Program of China (Grant 2022YFC2705004), the National Nat-
ural Science Foundation of China (Grant 82273585) and Fudan
University&Minhang Health Joint Venture Cooperation Project
(2022FM11).

Appendix A. Supplementary data

Supplementary data to this article can be found online at https://do
i.org/10.1016/j.eehl.2024.04.008.

References

[1] M. Tremmel, U.G. Gerdtham, P.M. Nilsson, S. Saha, Economic burden of obesity: a
systematic literature review, Int. J. Environ. Res. Publ. Health 14 (4) (2017) 435.

[2] C.M. Hales, M.D. Carroll, C.D. Fryar, C.L. Ogden, Prevalence of obesity among
adults and youth: United States, 2015-2016, NCHS Data Brief 288 (2017) 1–8.

[3] T. Lobstein, H. Brinsden, Atlas of childhood obesity, World Obesity Feder, 2019.
https://data.worldobesity.org/publications/11996-Childhood-Obesity-Atlas-Report
-ART-V2.pdf.

[4] M. Geserick, M. Vogel, R. Gausche, T. Lipek, U. Spielau, E. Keller, R. Pf€affle,
W. Kiess, A. K€orner, Acceleration of BMI in early childhood and risk of sustained
obesity, N. Engl. J. Med. 379 (14) (2018) 1303–1312.

[5] A.R. Hughes, A. Sherriff, A.R. Ness, J.J. Reilly, Timing of adiposity rebound and
adiposity in adolescence, Pediatrics 134 (5) (2014) e1354–e1361.

[6] Y. Lu, A. Pearce, L. Li, Weight gain in early years and subsequent body mass index
trajectories across birth weight groups: a prospective longitudinal study, Eur. J.
Publ. Health 30 (2) (2020) 316–322.

[7] N. Karaolis-Danckert, A.E. Buyken, K. Bolzenius, C. Perim de Faria, M.J. Lentze,
A. Kroke, Rapid growth among term children whose birth weight was appropriate
for gestational age has a longer lasting effect on body fat percentage than on body
mass index, Am. J. Clin. Nutr. 84 (6) (2006) 1449–1455.

[8] V. Padmanabhan, R.C. Cardoso, M. Puttabyatappa, Developmental programming, a
pathway to disease, Endocrinology 157 (4) (2016) 1328–1340.

[9] E.F. Sutton, L.A. Gilmore, D.B. Dunger, B.T. Heijmans, M.F. Hivert, C. Ling,
J.A. Martinez, S.E. Ozanne, R.A. Simmons, M. Szyf, et al., Developmental
programming: state-of-the-science and future directions-Summary from a
Pennington Biomedical symposium, Obesity 24 (5) (2016) 1018–1026.

[10] M. Zheng, K.E. Lamb, C. Grimes, R. Laws, K. Bolton, K.K. Ong, K. Campbell, Rapid
weight gain during infancy and subsequent adiposity: a systematic review and
meta-analysis of evidence, Obes. Rev. 19 (3) (2018) 321–332.

[11] T. Zheng, J. Zhang, K. Sommer, B.A. Bassig, X. Zhang, J. Braun, S. Xu, P. Boyle,
B. Zhang, K. Shi, et al., Effects of environmental exposures on fetal and childhood
growth trajectories, Ann. Glob. Health 82 (1) (2016) 41–99.

[12] C. Druet, N. Stettler, S. Sharp, R.K. Simmons, C. Cooper, G.D. Smith, U. Ekelund,
C. L�evy-Marchal, M.R. Jarvelin, D. Kuh, et al., Prediction of childhood obesity by
infancy weight gain: an individual-level meta-analysis, Paediatr. Perinat.
Epidemiol. 26 (1) (2012) 19–26.

[13] P. Gonzalez-Muniesa, M.A. Martinez-Gonzalez, F.B. Hu, J.P. Despres, Y. Matsuzawa,
R.J.F. Loos, L.A. Moreno, G.A. Bray, J.A. Martinez, Obesity, Nat. Rev. Dis. Prim. 3
(2017) 17034.

[14] X. Xu, Z. Yavar, M. Verdin, Z. Ying, G. Mihai, T. Kampfrath, A. Wang, M. Zhong,
M. Lippmann, L.C. Chen, et al., Effect of early particulate air pollution exposure on
obesity in mice: role of p47phox, Arterioscler. Thromb. Vasc. Biol. 30 (12) (2010)
2518–2527.

[15] Q. Sun, P. Yue, J.A. Deiuliis, C.N. Lumeng, T. Kampfrath, M.B. Mikolaj, Y. Cai,
M.C. Ostrowski, B. Lu, S. Parthasarathy, et al., Ambient air pollution exaggerates
adipose inflammation and insulin resistance in a mouse model of diet-induced
obesity, Circulation 119 (4) (2009) 538–546.

[16] Y. Wei, J.J. Zhang, Z. Li, A. Gow, K.F. Chung, M. Hu, Z. Sun, L. Zeng, T. Zhu, G. Jia,
et al., Chronic exposure to air pollution particles increases the risk of obesity and
metabolic syndrome: findings from a natural experiment in Beijing, Faseb. J. 30 (6)
(2016) 2115–2122.

[17] R. An, M. Ji, H. Yan, C. Guan, Impact of ambient air pollution on obesity: a
systematic review, Int. J. Obes. 42 (6) (2018) 1112–1126.

[18] World Health Organization, Air quality guidelines for particulate matter, ozone,
nitrogen dioxide and sulfur dioxide, 2006. https://www.who.int/publications/i/it
em/WHO-SDE-PHE-OEH-06-02.

[19] J.J. Zhang, Y. Wei, Z. Fang, Ozone pollution: a major health hazard worldwide,
Front. Immunol. 10 (2019) 2518.

[20] T. Wang, L. Xue, P. Brimblecombe, Y.F. Lam, L. Li, L. Zhang, Ozone pollution in
China: a review of concentrations, meteorological influences, chemical precursors,
and effects, Sci. Total Environ. 575 (2017) 1582–1596.

[21] X. Lu, J. Hong, L. Zhang, O.R. Cooper, M.G. Schultz, X. Xu, T. Wang, M. Gao,
Y. Zhao, Y. Zhang, Severe surface ozone pollution in China: a global perspective,
Environ. Sci. Technol. Lett. 5 (8) (2018) 487–494.

[22] L.E. Pryor, R.E. Tremblay, M. Boivin, E. Touchette, L. Dubois, C. Genolini, X. Liu,
B. Falissard, S.M. Côt�e, Developmental trajectories of body mass index in early
childhood and their risk factors: an 8-year longitudinal study, Arch. Pediatr.
Adolesc. Med. 165 (10) (2011) 906–912.
443
[23] L.D. Bloemsma, D. Dabelea, D.S.K. Thomas, J.L. Peel, J.L. Adgate, W.B. Allshouse,
S.E. Martenies, S. Magzamen, A.P. Starling, Prenatal exposure to ambient air
pollution and traffic and indicators of adiposity in early childhood: the Healthy
Start study, Int. J. Obes. 46 (3) (2022) 494–501.

[24] G.H. Dong, Z. Qian, M.M. Liu, D. Wang, W.H. Ren, L.H. Flick, J. Fu, J. Wang,
W.Q. Chen, M. Simckes, et al., Ambient air pollution and the prevalence of obesity
in Chinese children: the seven northeastern cities study, Obesity 22 (3) (2014)
795–800.

[25] H. Zheng, Z. Xu, Q. Wang, Z. Ding, L. Zhou, Y. Xu, H. Su, X. Li, F. Zhang, J. Cheng,
Long-term exposure to ambient air pollution and obesity in school-aged children
and adolescents in Jiangsu province of China, Environ. Res. 195 (2021) 110804.

[26] A.P. Starling, B.F. Moore, D.S.K. Thomas, J.L. Peel, W. Zhang, J.L. Adgate,
S. Magzamen, S.E. Martenies, W.B. Allshouse, D. Dabelea, Prenatal exposure to
traffic and ambient air pollution and infant weight and adiposity: the Healthy Start
study, Environ. Res. 182 (2020) 109130.

[27] W.B. Patterson, J. Glasson, N. Naik, R.B. Jones, P.K. Berger, J.F. Plows, H.A. Minor,
F. Lurmann, M.I. Goran, T.L. Alderete, Prenatal exposure to ambient air pollutants
and early infant growth and adiposity in the Southern California Mother's Milk
Study, Environ. Health 20 (1) (2021) 67.

[28] E.J. Stewart, J.A. Dye, M.C. Schladweiler, P.M. Phillips, K.L. McDaniel,
J.H. Richards, R.D. Grindstaff, W.T. Padgett, M.L. Moore, D. Hill, et al., Prenatal
ozone exposure programs a sexually dimorphic susceptibility to high-fat diet in
adolescent Long Evans rats, Faseb. J. 36 (12) (2022) e22664.

[29] X. Wang, J. Hu, S. Huang, Z. Yang, Y. Dong, B. Dong, J. Ma, W. Liang, Exploring
overweight risk trajectories during childhood and their associations with elevated
blood pressure at late adolescence: a retrospective cohort study, Hypertension 79
(8) (2022) 1605–1613.

[30] E. Boamah-Kaali, D.W. Jack, K.A. Ae-Ngibise, A. Quinn, S. Kaali, K. Dubowski,
F.B. Oppong, B.J. Wylie, M.N. Mujtaba, C.F. Gould, et al., Prenatal and postnatal
household air pollution exposure and infant growth trajectories: evidence from a
rural Ghanaian pregnancy cohort, Environ. Health Perspect. 129 (11) (2021) 117009.

[31] Y. Gui, Y. Zhao, X.G. Tao, W. Xu, Q. Yang, Y. Wang, Q. Zhu, P. Wang, Q. Wei, H. Shi,
et al., Cohort profile: the Shanghai maternal-child pairs cohort (MCPC), Int. J.
Epidemiol 53 (1) (2024) dyad185.

[32] X. Meng, W. Wang, S. Shi, S. Zhu, P. Wang, R. Chen, Q. Xiao, T. Xue, G. Geng,
Q. Zhang, et al., Evaluating the spatiotemporal ozone characteristics with high-
resolution predictions in mainland China, 2013-2019, Environ. Pollut. 299 (2022)
118865.

[33] X. Meng, C. Liu, L. Zhang, W. Wang, J. Stowell, H. Kan, Y. Liu, Estimating PM2.5
concentrations in Northeastern China with full spatiotemporal coverage, 2005-
2016, Remote Sens. Environ. 253 (2021) 112203.

[34] S. Shi, W. Wang, X. Li, Y. Hang, J. Lei, H. Kan, X. Meng, Optimizing modeling
windows to better capture the long-term variation of PM(2.5) concentrations in
China during 2005-2019, Sci. Total Environ. 854 (2023) 158624.

[35] A. Singhal, Long-term adverse effects of early growth acceleration or catch-up
growth, Ann. Nutr. Metab. 70 (3) (2017) 236–240.

[36] K.K. Ong, M.L. Ahmed, P.M. Emmett, M.A. Preece, D.B. Dunger, Association
between postnatal catch-up growth and obesity in childhood: prospective cohort
study, BMJ 320 (7240) (2000) 967–971.

[37] R. Kelishadi, Childhood overweight, obesity, and the metabolic syndrome in
developing countries, Epidemiol. Rev. 29 (2007) 62–76.

[38] D.S. Nagin, R.E. Tremblay, Analyzing developmental trajectories of distinct but
related behaviors: a group-based method, Psychol. Methods 6 (1) (2001) 18–34.

[39] D.S. Nagin, C.L. Odgers, Group-based trajectory modeling in clinical research,
Annu. Rev. Clin. Psychol. 6 (2010) 109–138.

[40] D.S. Nagin, B.L. Jones, V.L. Passos, R.E. Tremblay, Group-based multi-trajectory
modeling, Stat. Methods Med. Res. 27 (7) (2018) 2015–2023.

[41] J. Twisk, T. Hoekstra, Classifying developmental trajectories over time should be
done with great caution: a comparison between methods, J. Clin. Epidemiol. 65
(10) (2012) 1078–1087.

[42] Y. Benjamini, A.M. Krieger, D. Yekutieli, Adaptive linear step-up procedures that
control the false discovery rate, Biometrika 93 (3) (2006) 491–507.

[43] M. Martin-Almeida, J. Perez-Garcia, E. Herrera-Luis, C. Rosa-Baez, M. Gorenjak,
A.H. Neerincx, O. Sard�on-Prado, A.A. Toncheva, S. Harner, C. Wolff, et al.,
Epigenome-wide association studies of the fractional exhaled nitric oxide and
bronchodilator drug response in moderate-to-severe pediatric asthma, Biomedicines
11 (3) (2023) 676.

[44] H. Jo, S.P. Eckel, J.C. Chen, M. Cockburn, M.P. Martinez, T. Chow, F. Lurmann,
W.E. Funk, R. McConnell, A.H. Xiang, Associations of gestational diabetes mellitus
with residential air pollution exposure in a large Southern California pregnancy
cohort, Environ. Int. 130 (2019) 104933.

[45] W.Y. Liu, J.H. Lu, J.R. He, L.F. Zhang, D.M. Wei, C.R. Wang, X. Xiao, H.M. Xia,
X. Qiu, Combined effects of air pollutants on gestational diabetes mellitus: a
prospective cohort study, Environ. Res. 204 (Pt D) (2022) 112393.

[46] M. Yao, Y. Liu, D. Jin, W. Yin, S. Ma, R. Tao, F. Tao, P. Zhu, Relationship between
temporal distribution of air pollution exposure and glucose homeostasis during
pregnancy, Environ. Res. 185 (2020) 109456.

[47] W. Su, Q. Song, N. Li, H. Wang, X. Guo, Q. Liang, M. Liang, X. Ding, Q. Qin,
M. Chen, et al., The effect of air pollution and emotional and behavioral problems
on preschoolers' overweight and obesity, Environ. Sci. Pollut. Res. Int. 29 (50)
(2022) 75587–75596.

[48] J. de Bont, R. Hughes, K. Tilling, Y. Díaz, M. de Castro, M. Cirach, S. Fossati,
M. Nieuwenhuijsen, T. Duarte-Salles, M. Vrijheid, Early life exposure to air
pollution, green spaces and built environment, and body mass index growth
trajectories during the first 5 years of life: a large longitudinal study, Environ.
Pollut. 266 (Pt 3) (2020) 115266.

https://doi.org/10.1016/j.eehl.2024.04.008
https://doi.org/10.1016/j.eehl.2024.04.008
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref1
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref1
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref2
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref2
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref2
https://data.worldobesity.org/publications/11996-Childhood-Obesity-Atlas-Report-ART-V2.pdf
https://data.worldobesity.org/publications/11996-Childhood-Obesity-Atlas-Report-ART-V2.pdf
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref4
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref4
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref4
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref4
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref4
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref4
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref5
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref5
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref5
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref6
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref6
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref6
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref6
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref7
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref7
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref7
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref7
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref7
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref8
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref8
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref8
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref9
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref9
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref9
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref9
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref9
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref10
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref10
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref10
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref10
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref11
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref11
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref11
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref11
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref12
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref12
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref12
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref12
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref12
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref12
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref13
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref13
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref13
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref14
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref14
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref14
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref14
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref14
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref15
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref15
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref15
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref15
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref15
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref16
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref16
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref16
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref16
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref16
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref17
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref17
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref17
https://www.who.int/publications/i/item/WHO-SDE-PHE-OEH-06-02
https://www.who.int/publications/i/item/WHO-SDE-PHE-OEH-06-02
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref19
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref19
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref20
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref20
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref20
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref20
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref21
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref21
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref21
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref21
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref22
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref22
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref22
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref22
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref22
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref22
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref22
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref23
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref23
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref23
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref23
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref23
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref24
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref24
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref24
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref24
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref24
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref25
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref25
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref25
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref26
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref26
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref26
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref26
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref27
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref27
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref27
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref27
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref28
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref28
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref28
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref28
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref29
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref29
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref29
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref29
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref29
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref30
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref30
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref30
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref30
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref31
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref31
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref31
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref32
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref32
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref32
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref32
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref33
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref33
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref33
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref34
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref34
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref34
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref35
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref35
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref35
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref36
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref36
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref36
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref36
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref37
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref37
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref37
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref38
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref38
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref38
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref39
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref39
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref39
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref40
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref40
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref40
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref41
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref41
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref41
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref41
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref42
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref42
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref42
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref43
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref43
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref43
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref43
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref43
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref43
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref44
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref44
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref44
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref44
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref45
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref45
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref45
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref46
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref46
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref46
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref47
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref47
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref47
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref47
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref47
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref48
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref48
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref48
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref48
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref48


X. Sui et al. Eco-Environment & Health 3 (2024) 436–444
[49] H. Gao, Y. Zhang, L.W. Chen, H. Gan, M.J. Lu, B. Huang, J. Tong, M.L. Geng,
K. Huang, C. Zhang, et al., Associating phthalate exposure during pregnancy with
preschooler's FMI, ABSI and BRI trajectories via putative mechanism pathways,
Chemosphere 337 (2023) 139300.

[50] M. Medina-Ram�on, J. Schwartz, Who is more vulnerable to die from ozone air
pollution? Epidemiology 19 (5) (2008) 672–679.

[51] C.N. Miller, U.P. Kodavanti, E.J. Stewart, M.C. Schladweiler, J.H. Richards,
S.J. Snow, A.R. Henriquez, W.M. Oshiro, A.K. Farraj, M.S. Hazari, et al., Fetal
growth outcomes following peri-implantation exposure of Long-Evans rats to noise
and ozone differ by sex, Biol. Sex Differ. 10 (1) (2019) 54.

[52] C.N. Miller, J.A. Dye, A.R. Henriquez, E.J. Stewart, K.S. Lavrich, G.K. Carswell,
H. Ren, D.L. Freeborn, S.J. Snow, M.C. Schladweiler, et al., Ozone-induced fetal
growth restriction in rats is associated with sexually dimorphic placental and fetal
metabolic adaptation, Mol. Metabol. 42 (2020) 101094.

[53] M. Costanzo, F. Boschi, F. Carton, G. Conti, V. Covi, G. Tabaracci, A. Sbarbati,
M. Malatesta, Low ozone concentrations promote adipogenesis in human adipose-
derived adult stem cells, Eur. J. Histochem. 62 (3) (2018) 2969.

[54] X. Wang, C.A. Karvonen-Gutierrez, E.B. Gold, C. Derby, G. Greendale, X. Wu,
J. Schwartz, S.K. Park, Longitudinal associations of air pollution with body size and
composition in midlife women: the study of women's health across the nation,
Diabetes Care 45 (11) (2022) 2577–2584.

[55] J.S. Kim, Z. Chen, T.L. Alderete, C. Toledo-Corral, F. Lurmann, K. Berhane,
F.D. Gilliland, Associations of air pollution, obesity and cardiometabolic
health in young adults: the Meta-AIR study, Environ. Int. 133 (Pt A) (2019)
105180.

[56] P. Poursafa, M. Mansourian, M.E. Motlagh, G. Ardalan, R. Kelishadi, Is air quality
index associated with cardiometabolic risk factors in adolescents? The CASPIAN-III
Study, Environ. Res. 134 (2014) 105–109.

[57] D.A. Gutierrez, M.J. Puglisi, A.H. Hasty, Impact of increased adipose tissue mass on
inflammation, insulin resistance, and dyslipidemia, Curr. Diabetes Rep. 9 (1) (2009)
26–32.

[58] D.B. Miller, A.J. Ghio, E.D. Karoly, L.N. Bell, S.J. Snow, M.C. Madden, J. Soukup,
W.E. Cascio, M.I. Gilmour, Kodavanti UP, Ozone exposure increases circulating
stress hormones and lipid metabolites in humans, Am. J. Respir. Crit. Care Med. 193
(12) (2016) 1382–1391.

[59] E.M. Thomson, D. Vladisavljevic, S. Mohottalage, P. Kumarathasan, R. Vincent,
Mapping acute systemic effects of inhaled particulate matter and ozone:
multiorgan gene expression and glucocorticoid activity, Toxicol. Sci. 135 (1)
(2013) 169–181.
444
[60] A.J. Drake, B.R. Walker, The intergenerational effects of fetal programming: non-
genomic mechanisms for the inheritance of low birth weight and cardiovascular
risk, J. Endocrinol. 180 (1) (2004) 1–16.

[61] J. Zhong, K. Allen, X. Rao, Z. Ying, Z. Braunstein, S.R. Kankanala, C. Xia, X. Wang,
L.A. Bramble, J.G. Wagner, et al., Repeated ozone exposure exacerbates insulin
resistance and activates innate immune response in genetically susceptible mice,
Inhal. Toxicol. 28 (9) (2016) 383–392.

[62] S. Mayeur, S. Lancel, N. Theys, M.A. Lukaszewski, S. Duban-Deweer, B. Bastide,
J. Hachani, R. Cecchelli, C. Breton, A. Gabory, et al., Maternal calorie restriction
modulates placental mitochondrial biogenesis and bioenergetic efficiency: putative
involvement in fetoplacental growth defects in rats, Am. J. Physiol. Endocrinol.
Metab. 304 (1) (2013) E14–E22.

[63] S. Zhang, T.R. Regnault, P.L. Barker, K.J. Botting, I.C. McMillen, C.M. McMillan,
C.T. Roberts, J.L. Morrison, Placental adaptations in growth restriction, Nutrients 7
(1) (2015) 360–389.

[64] E. Jauniaux, L. Poston, G.J. Burton, Placental-related diseases of pregnancy:
involvement of oxidative stress and implications in human evolution, Hum. Reprod.
Update 12 (6) (2006) 747–755.

[65] J.J. Fisher, L.A. Bartho, A.V. Perkins, O.J. Holland, Placental mitochondria and
reactive oxygen species in the physiology and pathophysiology of pregnancy, Clin.
Exp. Pharmacol. Physiol. 47 (1) (2020) 176–184.

[66] L. Leduc, E. Levy, M. Bouity-Voubou, E. Delvin, Fetal programming of
atherosclerosis: possible role of the mitochondria, Eur. J. Obstet. Gynecol. Reprod.
Biol. 149 (2) (2010) 127–130.

[67] H.G. Richter, J.A. Hansell, S. Raut, D.A. Giussani, Melatonin improves placental
efficiency and birth weight and increases the placental expression of antioxidant
enzymes in undernourished pregnancy, J. Pineal Res. 46 (4) (2009) 357–364.

[68] C. Hu, Y. Yang, M. Deng, L. Yang, G. Shu, Q. Jiang, S. Zhang, X. Li, Y. Yin, C. Tan, et
al., Placentae for low birth weight piglets are vulnerable to oxidative stress,
mitochondrial dysfunction, and impaired angiogenesis, Oxid. Med. Cell. Longev.
2020 (2020) 8715412.

[69] C. Ladd-Acosta, J.I. Feinberg, S.C. Brown, F.W. Lurmann, L.A. Croen, I. Hertz-
Picciotto, C.J. Newschaffer, A.P. Feinberg, M.D. Fallin, H.E. Volk, Epigenetic marks
of prenatal air pollution exposure found in multiple tissues relevant for child health,
Environ. Int. 126 (2019) 363–376.

[70] V. Gagn�e-Ouellet, E. Breton, K. Thibeault, C.A. Fortin, V. Desgagn�e, �E. Girard
Tremblay, A. Cardenas, R. Gu�erin, P. Perron, M.F. Hivert, et al., Placental
epigenome-wide association study identified loci associated with childhood
adiposity at 3 Years of age, Int. J. Mol. Sci. 21 (19) (2020) 7201.

http://refhub.elsevier.com/S2772-9850(24)00036-X/sref49
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref49
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref49
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref49
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref50
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref50
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref50
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref50
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref51
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref51
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref51
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref51
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref52
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref52
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref52
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref52
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref53
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref53
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref53
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref54
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref54
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref54
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref54
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref54
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref55
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref55
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref55
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref55
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref56
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref56
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref56
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref56
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref57
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref57
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref57
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref57
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref58
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref58
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref58
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref58
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref58
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref59
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref59
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref59
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref59
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref59
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref60
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref60
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref60
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref60
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref61
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref61
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref61
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref61
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref61
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref62
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref62
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref62
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref62
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref62
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref62
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref63
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref63
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref63
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref63
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref64
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref64
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref64
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref64
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref65
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref65
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref65
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref65
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref66
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref66
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref66
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref66
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref67
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref67
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref67
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref67
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref68
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref68
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref68
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref68
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref69
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref69
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref69
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref69
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref69
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref70
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref70
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref70
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref70
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref70
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref70
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref70
http://refhub.elsevier.com/S2772-9850(24)00036-X/sref70

	Prenatal ozone exposure is associated with children overweight and obesity: Evidence from the Shanghai Maternal–Child Pairs ...
	1. Introduction
	2. Methods
	2.1. Study participants
	2.2. Assessment of air pollutant exposure
	2.3. Physical examination of children's growth
	2.4. Covariates
	2.5. Statistical analysis

	3. Results
	3.1. Participant characteristics and child growth parameters
	3.2. Concentration distributions of O3 exposure
	3.3. Associations between prenatal O3 exposure and child growth parameters
	3.4. Associations between prenatal O3 exposure and children's growth trajectories
	3.5. Associations between prenatal O3 exposure and accelerated growth in children
	3.6. Effects of prenatal O3 exposure on OAO in children
	3.7. Sensitivity analysis

	4. Discussion
	5. Conclusion
	Ethics statement
	CRediT authorship contribution statement
	Declaration of competing interests
	Acknowledgment
	Appendix A. Supplementary data
	References


