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Abstract

Baited Underwater Video (BUV) systems have become increasingly popular for assessing
marine biodiversity. These systems provide video footage from which biologists can identify
the individual fish species present. Here we explore the relevance of spatial dependence
and marine park boundaries while estimating the distribution and habitat associations of the
commercially and recreationally important snapper species Chrysophrys auratus in Moreton
Bay Marine Park during a period when new Marine National Parks zoned as no-take or
“green” areas (i.e., areas with no legal fishing) were introduced. BUV studies typically
enforce a minimum distance among BUV sites, and then assume that observations from dif-
ferent sites are independent conditional on the measured covariates. In this study, we addi-
tionally incorporated the spatial dependence among BUV sites into the modelling
framework. This modelling approach allowed us to test whether or not the incorporation of
highly correlated environmental covariates or the geographic placement of BUV sites pro-
duced spatial dependence, which if unaccounted for could lead to model bias. We fitted
Bayesian logistic models with and without spatial random effects to determine if the Marine
National Park boundaries and available environmental covariates had an effect on snapper
presence and habitat preference. Adding the spatial dependence component had little
effect on the resulting model parameter estimates that emphasized positive association for
particular coastal habitat types by snapper. Strong positive relationships between the pres-
ence of snapper and rock habitat, particularly rocky substrate composed of indurated fresh-
water sediments known as coffee rock, and kelp habitat reinforce the consideration of
habitat availability in marine reserve design and the design of any associated monitoring
programs.
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Introduction

No-take marine reserves are spatial closures where all forms of extraction are banned. They
have been promoted as assisting in reducing over-fishing [1], conserving marine biodiversity,
restoring populations of endangered species [2] and in restoring lost trophic structure [3].
Opver the past few decades, marine reserves have been increasingly recognized as a key compo-
nent of marine conservation strategies [4, 5]. While marine reserves are generally found to be
an effective means of achieving positive conservation outcomes, their success in this regard
depends on a range of interacting factors such as being no take, well enforced, old (at least 10
years), large (greater than 100km?), and isolated by deep water or sand [6], as well as contain-
ing suitable habitat types [7]. As with any re-allocation of resources, the implementation of
marine reserves is socially and economically complex with potential tradeoffs. Given the uncer-
tainty of the ecological effects of marine reserves and their often contentious nature [8] the
evaluation of the effectiveness of marine reserve conservation outcomes forms an important
part of most marine conservation strategies, and ideally incorporates adaptive management
[9]. The increasing number and extent of marine reserves reinforces the need for efficiently
designed monitoring and information systems that inform their management.

Marine reserve protection may particularly benefit actively fished species that exhibit high
site fidelity, such as snapper (Chrysophrys auratus) in southeast Queensland, Australia [10, 11],
which are the most abundantly harvested rock reef species in this region [12]. Snapper are an
iconic species actively targeted by both professional and recreational fishers, and in the past the
sustainability of stocks have been of concern [13, 14]. Snapper are a suitable candidate for
marine reserve protection because of relatively localised movement patterns in their behavior
[15]. No-take areas have been successful in increasing both biomass and abundance of snapper,
most notably in New Zealand at the Poor Knights [16], Leigh [17], Hahei and Tawharanui
Marine Reserves [18]. The effectiveness of no-take areas in protecting snapper populations has
been more variable in Australia however [19, 20].

Ideally no-take areas should protect the preferred habitat of a conserved species. Snapper
populations likely contain heterogeneous behavioral patterns with habitat preferences that
change with season and age [21]. Adult snapper have been suggested to be residential over
rocky reef habitat relative to soft sediment habitats that have fewer resources [22, 23], which
suggests that the availability of suitable habitat should be accounted for when determining the
effect of protection zones for snapper. Complex benthic habitats have been shown to influence
juvenile snapper distribution and habitat use in New Zealand [24], but juvenile snapper popu-
lation densities in Moreton Bay (located in southeast Queensland, Australia) have been sug-
gested to not significantly differ across habitat types (sand, mud, rubble and soft coral/algal
beds) [25].

Programs designed to evaluate the effectiveness of marine reserves, as with any evaluation
and monitoring programs, need to be robustly effective and have an efficient means of deter-
mining ecological and management outcomes. Because the evaluation of marine reserve effects
requires spatial comparisons, it is important to include the consideration of other sources of
variation in the spatial distribution of species of interest. For example, fish are often highly
social, forming schools, and often prefer specific habitats. Such factors complicate the assess-
ment of the effectiveness of a marine park for protecting a species of interest. Due consider-
ation of these effects in the statistical data evaluation have the potential to increase the
effectiveness of evaluation and monitoring programs. Here we demonstrate the utility of statis-
tical analyses that incorporate both spatial and habitat level effects on fish presence of the com-
mercially and recreationally targeted fish Chrysophrys auratus in the Moreton Bay Marine
Park, established in 1997 and re-zoned extensively in 2009.
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To gain an understanding of the effects and potential benefits of the no-take marine reserve
zones, a monitoring program was designed to sample the original (1997) reserves and a sample
of the newly designated protected reserves (now Marine National Park Zones [MNP]) as well
as adjacent areas open to fishing but similar in depth and habitat. One aspect of the program
was the use of stereo Baited Underwater Video systems (BUVs) [10, 26] for monitoring species
occurence and size. BUVs have become a common method of data collection for this purpose
due to their non-destructive nature, repeatability and far greater depth range of deployment
compared to surveys by scuba divers [27]. Recent uses of BUVs for monitoring in marine parks
include monitoring for individually targeted species and reef fish assemblages at different spa-
tial and temporal scales [19, 21, 28].

Previous model-based analyses of BUV data have used generalized linear models [29],
mixed effects models [30, 31] and more recently Bayesian zero-inflated GLMMs [32]. The
most common choice of response variable is the so-called MaxN count [21, 31, 33, 34], which
is the largest number of individuals of a given species observed in any single video frame.
These, however, did not explicitly test for and/or directly incorporate spatial autocorrelation in
species distribution models [35], although some researchers instead advocate a minimum dis-
tance between BUV sites [7, 36] to minimize the possibility of double counting fish [37]. These
minimum distances can lead to low levels of replication in small reserves reducing effectiveness
(ability to detect effects). In addition, this approach does not account for spatial dependence
that arises because of unmeasured covariates that may be shared across different sites. For
example, fine-scale habitat features may be similar for proximate locations, but could be diffi-
cult to observe, quantify or model directly. The assumption that each site is an independent
observation is often unverified and could bias the results of analyses [38].

With these considerations in mind, we implement a spatial logistic model for snapper pres-
ence. We fit the model in a fully Bayesian framework so as to comprehensively quantify the
associated uncertainty [39]. Presence-absence is used as an indicator of habitat suitability and
species occurrence, and we explicitly incorporate spatial dependence and available habitat
covariates into our modeling framework using a spatial process model to assess how spatial
dependence affects relationships between snapper presence, marine park boundaries, environ-
mental covariates such as depth, and key habitat covariates. The habitat covariates include kelp
and rock, where we also focus particularly on so-called coffee rock. This is a form of sedimen-
tary rock composed of compressed freshwater sediments that occurs along the coast of south-
east Queensland [40], and given that rocky reef habitats are important for snapper [21, 23] it
may be an important habitat feature to consider in the design of marine parks within this
region.

Materials and Methods
Study Area

The original Moreton Bay Marine Park (MBMP) was established in 1997 to provide permanent
preservation of biological biodiversity and natural condition in no-take protection zones to the
maximum extent possible [41]. The park was re-zoned in 2009 on the basis of an extensive
review. The result was 34 Marine National Park (MNP) Zones designated as no take areas,
which we refer to as “green” zones, ranging in size from 38 to 12541 hectares designed to
ensure adequate protection of each of the 16 habitat types identified within the Marine Park
[42]. The Park boundaries encompass the whole of Moreton Bay and extend several kilometres
offshore from the Barrier Islands (Moreton, and north and south Stradbroke Islands) that
enclose the eastern side of Moreton Bay. Seven of the MNP Zones lie to outside of Moreton
Bay, to the east of the barrier islands. Two of these offshore MNPs were the subject of this
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study: MNP04 and MNP10, encompassing 0.78 km? and 87.15 km? respectively. While these
MNPs are relatively small, they were deemed adequate for the primary goal of protecting the
unique habitats found in the region, with the protection of reef-associated species considered
to be a secondary benefit.

Baited Underwater Video

As this study involved surveying fish populations inside marine reserves, the use of conven-
tional extractive sampling techniques such as netting or line fishing were not an option. Under-
water Visual Census (UVC) has been widely used in similar studies however repetitive
scientific diving is generally limited to 20 m and the depth of some of our sites (up to 47 m)
precluded using divers. Instead, we used stereo Baited Underwater Video (BUV) units supplied
by SeaGIS Pty. Ltd (www.seagis.com.au) to enable length measurements of individual fish.
These systems consisted of a pair of digital video cameras (Panasonic NVGS330) with wide-
angle lenses in waterproof housings mounted on a galvanised steel frame. The frames were fit-
ted with breakaway legs in the event of fouling on the seabed and were able to be loaded with a
variable amount of ballast if required under high current conditions. A rotating flashing diode
mounted on a pole such that it was visible from both cameras facilitated synchronisation of the
two stereo images during video analysis. A bait bag (220 x 150 mm; 10 mm mesh size) made
from plastic gutter guard was mounted on a PVC conduit pole and fixed approximately 1.2 m
in front of the cameras.

Prior to deployment each video camera was loaded with a new mini DV tape and the bait
bag was filled with pilchards (approximately 750 g). The pilchards were crushed in order to
maximise dispersal of the fish oil and flesh. Each BUV had a surface buoy attached with 8 mm
rope to facilitate recovery. BUV's were deployed for 45 min as previous research has demon-
strated that a deployment time of at least 30 minutes is necessary to record the majority of the
fish species [43, 44].

Data and Collection

The part of the MBMP monitoring program that this study focused on was designed to sample
two original reserves (MNP04 and MNP10), two new reserves (extensions to MNP04 and
MNP10) and selected areas open to fishing identified as having similar habit, bathymetry and
oceanographic conditions to the selected reserves. While each of the MNPs are contiguous in
shape there were generally multiple smaller controls for each reserve, resulting in a clustering
of sites.

MNPO04 surrounds Flinders Reef which is a shallow reef, breaking the surface in points, and
is characterised by extensive coral reef communities in shallow water with at least 115 scleracti-
nian species recorded and over 20% cover of coral [45]. Reefs in MNP10 reach their shallowest
extent at around 12-14m depth with most of the reef habitat distributed at depths between 20-
30m. On these reefs the temperate kelp Ecklonia radiata is the dominant habitat forming alga
[42], likely encouraged by cooler upwelled waters that are experienced at depths of 20m or
more at these sites (R. Babcock, personal observations).

To select the sites a 50m grid was placed over the spatial extent of the reserves and controls.
The sites were selected using Generalised Random Tessellation Stratified sampling [46], ensur-
ing a maximum of one site per 50m grid. The GRTS method is a design-based method for
selecting sites in a manner that achieves spatial balance with randomness but less clustering
than conventional random sampling. Although we did not intend to use design-based analysis
on the data collected, this method was implemented as an objective way of selecting sites with
good spatial balance.
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Data were collected at 5 time points (3 winters and 2 summers) between 2008 and 2010,
during this period (1 March 2009) some areas were newly classified as green (no-fishing)
zones. At each site a BUV is deployed for 45 minute sessions in one or more seasons and years.
A total of 174 sites were monitored, with most sites visited at multiple time points, resulting in
a total of 536 observations. Covariates at each site include depth, reef/non-reef, conservation
status (green:old, green:new or open), winter/summer, and visibility range. Visibility, season,
and status vary in time at some or all replicated sites and are incorporated into time-varying
covariates for these sites. For example, the status covariate at a site with deployments both
before and after the closure took effect would be classified as open for the earlier deployments
and would be classified as green:new for the later deployments.

We recorded video footage of the seabed around each BUV site using a Sea-Drop (http://
www.Seaviewer.com) underwater video camera to derive estimates of percent cover of a variety
of substrate, algal and epibenthic categories. The camera was lowered to approximately 1 m
above the seabed 50 m away from the site and then towed at 1.5 knots towards the site and for
50 m on the opposite side of the site. The video was recorded directly onto mini DV tapes and
later digitised in the laboratory. The video was analysed using TransectMeasure (SeaGIS Pty.
Ltd.) software by stepping through and pausing the video footage at 5 s intervals. At each inter-
val a grid of 6 dots was overlaid on the video image and the operator would identify the sub-
strate and any epibenthos and/or algae underlying the dot. Fig 1 shows the BUV sites where
some of the key habitats were observed.

Within a given sampling season adjacent replicate sites were usually separated by a mini-
mum of 250 m to avoid the possibility of the same fish visiting adjacent BUVs during the sam-
pling period. In some cases, due to a paucity of the appropriate habitat, it was necessary to
locate sites ~ 100 m apart; in these cases the deployments were not done on the same day.
While many sites were replicated for different seasons and years, there were also several sites
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Fig 1. BUV site locations where habitat types were present. The open grey circles indicate sites where that habitat variable did not cover at least 5% of
the site and solid black circles indicate sites where that habitat covered at least 5% of the site. The solid line indicates the Green:old areas while the broken
line indicates Green:new areas. Sites outside the bounded areas are open to fishing. MNP04 is the green area in the North and MNP 10 in the South. The
easting and northing axes are measured in units of meters.

doi:10.1371/journal.pone.0136799.g001
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Table 1. The number of observations N with each of the attributes and the percentage of these obser-
vations where snapper presence was observed.

Green:Old Green:New Open Winter Summer
N 108 94 349 301 250
% Present 57.4 53.2 47.0 55.8 43.2

doi:10.1371/journal.pone.0136799.t001

that were not replicated. In our modeling approach it is necessary to consider all locations
where BUVs were deployed regardless of season. Across all sites the minimum inter-site dis-
tance was 20 m (corresponding to two sites measured in different seasons), the mean distance
was 10,820 m, and the maximum distance was 32,660 m. When all these sites are mapped there
are several clusters of sites, with sites tightly located within each cluster due to the proximity of
sites measured in different seasons. Note, multiple BUVs were never deployed simultaneously.
The geographic locations are considered under the UTM Zone 56 South coordinate system,
such that the coordinates are measured in meters.

A Marine Park Permit to carry out all field work was obtained from the Environment Pro-
tection Agency, Queensland Parks & Wildlife Division, Moreton Bay Region.

Table 1 provides observed presence percentages for the different status and season. The pro-
portion of BUV deployments in which snapper were observed was slightly higher in green
zones and during winter.

Note, the processed data used for analysis are provided as supporting information, and the
raw data can be made available upon request.

Statistical Model

We fitted two Bayesian logistic regressions to model presence-absence of the snapper species.
Both regressions incorporate time-varying green zone variables indicating whether the location
was a designated green zone at the time of the observation. This variable is recorded as “green:
old” indicating the location was included in the original 1997 reserve designation, “green:new”
indicating the location was added to the reserve designation in 2009, or “open” indicating that
the location was not in a reserve area. Our interest is in understanding whether these green
zone reserve areas had an effect on snapper presence. The regressions additionally control for
depth (m), season (“winter” or “summer”), visibility (m) which influences the volume of water
censused for fish, and the presence or absence of rock, kelp, sand or coffee rock at the site. It is
expected that the composition of the sea floor will impact the desirability of the location as a
habitat for the snapper.

In addition, it was of interest to assess any spatial dependence present in these data and to
understand what impact it may have on our resulting inference regarding the impact of green
zones. To accomplish this we incorporated spatial random effects into one of the regressions,
referred to as the “Spatial Model” and compared the results to those from the “Non-Spatial
Model” where these effects were not incorporated.

Specifically, we used the following model framework,

P(Y(s) =1) = pfs)
logit(p,(s)) = X,(s)B +n(s)
where p;(s) is the probability of presence in year ¢ at location s, X,(s) is the covariate vector in

year t at location s, and 7(s) is a spatial random effect at location s. In the case of the Non-Spa-
tial Model the spatial random effect 7(s) was excluded from Eq (1).

(1)

PLOS ONE | DOI:10.1371/journal.pone.0136799 August 28,2015 6/19



@’PLOS ‘ ONE

Assessing Habitat Use by Snapper from Baited Underwater Video Data

The static coefficients in the model, f, suggest that the presence or absence of snapper
relates to the covariates in the same way across time and space. However, the spatial random
effects 77 allow for location specific adjustments, capturing spatial dependence not otherwise
explained by the covariates. The spatial effects were modeled as a realization from a Gaussian
process. That is, 17 = (17(sy), - . ., 7(sn))’ were assumed to follow a Multivariate Normal distribu-
tion with a covariance structure that encourages stronger correlations for locations close to one
another. Note, the spatial effects were introduced in the transformed mean thereby encourag-
ing the probabilities of presence to be similar at proximate locations [47].

For data with a longer time series, additional structure could be incorporated into the model
to capture temporal trends. In our case temporal variation across 2.5 years is expected to be
minimal and was assumed to be sufficiently explained by the temporal covariates, X,(s).

To complete the model specification we assumed prior distributions for each of the model
parameters:

B~ N(0,25), i=0,...,9
1/ ~ Unif(50,1500)
o ~ ImvGam(2,2)

W6 ~ N(O,0°5(p))

where the prior mean and variance were the same for all §; and 022,»1-(45) = Cov(n(s;), n(s;)) = s
exp(—¢||s; — sj||). The prior on the coefficients j; follows suggestions in the literature [48], effec-
tively placing a prior on the resulting probabilities p,(s) such that they are distributed fairly uni-
formly between 0 and 1. In the spatial modeling community it is well known that the ratio of o>
and ¢ is well identified but the parameters separately are not [47]. This is particularly true for
binary data where little information is available on the spatial dependence. To produce well
behaved parameters a typical approach is to place a broad prior on 0* and a more informative
prior on ¢. The effective range is defined as the distance where the spatial correlation is 0.05
[47], which is approximately 3/¢ for this model. The prior on ¢ is selected to place most of the
prior mass in a region producing sensible values for the effective range.

The models were fitted in a Bayesian framework using Markov chain Monte Carlo in JAGS
and R (code is provided as supporting information). Analyses were based on 5000 posterior
samples, after a burn in of 1000 iterates. A thinning of every second iterate was used in the
non-spatial model, and a thinning of every tenth iterate was used in the spatial model. The
depth and visibility covariates were standardized prior to model fitting, allowing for compari-
son of covariate effects and improving mixing of the MCMC chains.

k-fold Cross Validation

To enable further confidence in our results we checked their sensitivity using a 5-fold cross val-
idation. Each location was randomly assigned to one of five data subsets or folds, placing all
observations at a location in the same subset. The analysis was then repeated five times, each
time leaving out one of the five subsets for out-of-sample prediction and fitting the models to
the four remaining subsets. By assigning folds based on location we were able to test the predic-
tive capability of the Spatial Model in situations where the spatial random effect must be sam-
pled for each new location.

Measures of Comparison

We compared the Spatial and Non-Spatial Models using three criterion: the posterior mean log
likelihood (LL), the mean squared error (MSE) and the area under the curve (AUC). The AUC
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statistic relates to receiver operating characteristic (ROC) plots commonly used to assess the
sensitivity and specificity of a proposed model [49]. There is an ROC curve corresponding to
each model, where each point on the curve plots the false positive rate against the true positive
rate. If the model is classifying the sites as presence/absence successfully, then the false positive
rate should be low and the true positive rate should be high. As such, a curve that reaches to
the upper left corner of the figure indicates a strong model. AUC is simply the area under the
curve in the ROC plot, and a value close to 1 indicates a good fit. The LL, MSE and ROC statis-
tics were first computed for within-sample predictions for the full data set. Then, for the k-fold
cross validation, they are computed for out-of-sample prediction on the held out fold under
each of the five analyses.

Results
Analysis on Full Data

The fitted parameters and corresponding 95% credible intervals are provided for the Non-Spa-
tial Model in Fig 2 and for the Spatial Model in S1 Fig. (Detailed results are provided in S1

Estimates

Intercept  Green Green:New Depth Rock Kelp Sand Coff Winter  Visibility

Fig 2. Estimates for the coefficients in the Non-Spatial model. Posterior means and 95% credible intervals.

doi:10.1371/journal.pone.0136799.g002
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Table). The resulting parameter estimates are generally similar, identifying five of the same
covariates as significant at the 0.05-level (95% credible intervals not overlapping zero). These
covariates are presence of rock, presence of kelp, presence of coffee rock, season, and visibility.
The magnitudes of these coefficients are slightly larger under the Spatial Model, although the
general interpretations remain the same. Finally, depth is the only variable identified as signifi-
cant under the Non-Spatial Model and not identified under the Spatial Model, although it
maintains the same sign. In some cases the uncertainties associated with coefficients are larger
in the Spatial Model, which is not surprising since we have introduced an unknown spatial ran-
dom effect for each location that is not present in the Non-Spatial Model. These unknown ran-
dom variables introduce an additional source of uncertainty.

Exponentiating the coefficients in a logistic regression allows for inference regarding the
implied effects on the odds of presence. In this way, we interpret the effect of the covariates
under the Non-Spatial Model as follows. The odds of presence in old green zones are 0.67 (95%
credible interval: 0.36,1.14) times that in open zones and in new green zones 0.89 (0.52, 1.43)
times that in open zones, though neither result is significant (credible intervals overlap 1). In
addition, the odds of presence are 1.32 (1.07, 1.61) times higher for every additional standard-
ized unit of depth, 1.72 (1.03, 2.75) times higher when rock is present, 9.96 (5.13, 17.58) times
higher in the presence of kelp, 0.99 (0.60, 1.55) times higher in the presence of sand i.e. unaf-
fected, 3.18 (1.91, 4.95) times higher in the presence of coffee rock, 1.89 (1.29, 2.71) times
higher in winter than in summer, and 1.36 (1.10, 1.67) times higher for every additional stan-
dardized unit of visibility.

Similarly, we interpret the effect of the covariates under the Spatial Model as follows. The
odds of presence in the old green zones are 0.81 (95% credible interval: 0.26, 2.06) times the
open zones and in the new green zones, 0.95 (0.45, 1.74) times the open zones. Neither of these
parameters are significant in the model. The odds of presence are also 1.22 (0.91, 1.61) times
higher for every additional standardized unit of depth (not-significant), 2.74 (1.25, 5.52) times
higher when rock is present, 15.69 (4.56, 42.51) times higher when kelp is present, 0.81 (0.37,
1.50) times higher when sand is present (not-significant), 3.83 (1.76, 7.44) times higher when
coffee rock is present, 2.10 (1.37, 3.10) times higher in winter than in summer, and 1.37 (1.07,
1.74) times higher for every additional standardized unit of visibility.

In the Spatial Model, the parameter ¢ implies a median effective range of 1979.51 (mean of
2141.57) meters with a 95% highest posterior density (HPD) credible interval of (538.02,
4171.83) (S1 Table, S2 Fig). The prior and posterior for the effective range, 3/¢, are provided in
S2 Fig, with the skewed shape suggesting the use of the median and HPD interval as
summaries.

The posterior mean spatial random effects surface is provided in Fig 3. The Queensland
coast is provided for context, and the boundaries of new and old green zones are indicated by
dashed and solid lines respectively. To provide more detail, Figs 4 and 5 plot the posterior
mean spatial effects surfaces from the Spatial Model for subregions of MNP04 and MNP10,
respectively. In each of these plots a positive value suggests an adjustment towards a higher
probability of snapper presence than described by the covariates, while a negative value sug-
gests an adjustment towards a lower probability of snapper presence. The local structure
induced by the spatial correlation can be readily observed by noting the localized regions of
positive and negative adjustment. In addition, the spatial random effects appear more variable
in MNP10 than in MNPO04; i.e,, the largest and smallest random effects in MNP10 are more
extreme than those for MNPO04. This suggests that there may be some unaccounted for features
that are more prevalent or more variable in MNP10 than they are in MNP04.
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Fig 4. Posterior mean spatial random effects surface for MNP04. Each grid cell is 100 x 100m.

doi:10.1371/journal.pone.0136799.g004

Predictive capability and model comparison

Within sample. We compared the within-sample predictive capabilities of the two mod-
els. The posterior mean summary statistics LL, MSE and AUC are provided in Table 2 with
accompanying 95% credible intervals. The Spatial Model exhibits a lower MSE as well as a
higher LL and AUC than the Non-Spatial Model, although the credible intervals overlap for
both MSE and LL. Overall this suggests that the Spatial Model is a better fit for the data within-
sample, but not substantially so.

Out-of-sample k-fold Cross Validation. We utilized a 5-fold cross validation to compare
the two models, examining the sensitivity of the parameter estimates and comparing out-of-
sample predictive capability. In each of five fittings one subset or fold of the data was held out
and the Spatial and Non-Spatial Models were fitted to the remaining data. These parameter
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Fig 5. Posterior mean spatial random effects surface for MNP10. Each grid cell is 100 x 100m.

doi:10.1371/journal.pone.0136799.g005

Table 2. Posterior mean (95% Credible Intervals) for LL, MSE and AUC under the Spatial and Non-Spa-
tial Models.

Model LL MSE AUC
Non-Spatial Model -360.39 (-398.46, -340.19) 0.23 (0.21, 0.25) 0.74 (0.72, 0.75)
Spatial Model -321.79 (-360.76, -294.57) 0.20 (0.18, 0.23) 0.81 (0.78, 0.83)

doi:10.1371/journal.pone.0136799.t002
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Table 3. Posterior mean out-of-sample Log likelihood (LL), Mean Squared Errors (MSE) and Area
Under the Curve (AUC) for the k-fold cross validation based on fitted parameter estimates under the
Spatial and Non-Spatial Models. Lower estimates of LL and MSE correspond to better predictive perfor-
mance by a model; higher estimates of AUC corresponds to better predictive performance.

Criterion Model Fold 1 Fold 2 Fold 3 Fold 4 Fold 5 Mean
LL Non-Spatial -83.12 -65.05 -70.42 -56.28 -99.34 -74.84
Spatial -91.00 -73.00 -77.19 -65.92 -106.90 -82.80

MSE Non-Spatial 0.28 0.21 0.23 0.20 0.26 0.24
Spatial 0.28 0.23 0.25 0.23 0.27 0.26

AUC Non-Spatial 0.65 0.77 0.69 0.76 0.69 0.71
Spatial 0.65 0.71 0.66 0.72 0.68 0.68

doi:10.1371/journal.pone.0136799.t003

estimates are shown in S3 Fig for the Non-Spatial and S4 Fig and S5 Fig for the Spatial Model.
For both models there is minor variability in estimates across the folds, and as noted previ-
ously, at times the uncertainty in the parameter estimates is higher in the Spatial Model than in
the Non-Spatial Model.

In each of the five fittings the resulting models were used to predict snapper presences and
absences for the hold-out fold. Table 3 provides the resulting LL, MSE and AUC under each of
the fittings. Although there is variability across folds, the non-spatial model appears to perform
slightly better on the out-of-sample data. That is, the lower posterior mean estimates for LL
and MSE, and higher estimates for AUC, are shown for the non-spatial model. These results
consistently suggest better cross-validation performance for this simpler model. However, the
associated credible intervals (not shown, for brevity) overlap substantially for all three sum-
mary statistics. Note, the spatial distribution of the BUV drop sites is quite uneven, particularly
for individual folds of the data. As a result the hold-out data are spatially sparse, reducing the
ability to take advantage of spatial correlation when predicting at unobserved locations. This
characteristic combined with the fairly short estimated spatial range of spatial dependence in
the Spatial model may explain the relatively strong performance of the Non-Spatial Model in
the cross-validation.

Discussion

The zoning of areas of protection within marine parks requires the consideration of multiple
factors including habitat and associated species assemblages [50]. The distribution of sites
within the Moreton Bay Marine park relative to habitat presence and green zone boundaries
(Fig 1) complicate the assessment of habitat preference. Previous studies have associated snap-
per with kelp and rocky reefs, but sandy habitat can also be important [21, 23] and strong habi-
tat preferences were not previously observed in Moreton Bay for young age classes [25].
Nevertheless, there is evidence in Moreton Bay that coffee rock habitats may be targeted by
some fishers [51]. This latter habitat is extensively distributed along the coast of southeastern
Queensland [40] and so it is important to determine whether the BUV data suggest any habitat
association with snapper. We used logistic models of snapper presence/absence to assess the
degree of habitat preference for sand, kelp, rock substrate and coffee rock and control for other
possible sources of variation. In this study, the distribution of snapper, a commercially and
recreationally important species of fish, was observed at BUV deployments more often in areas
with hard substrate and kelp. In particular, coffee rock, a regionally important substrate formed
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of Pleistocene sandstone, was the hard substrate most likely for snapper to be observed. The
strong relationship between snapper presence and kelp and coffee rock persisted after control-
ling for the spatial placement of Marine National Park zones (MNPs; i.e., no take areas or
“green” zones), environmental factors such as depth, season and visibility, and spatial depen-
dence that might result from other unknown factors. The results therefore suggest that manag-
ers seeking to spatially manage resources for the conservation of snapper consider the
distribution of these habitats in their marine planning.

The uneven BUV site placement, which was driven by habitat features and management
boundaries (Fig 1), requires a model based analysis to control for geographic location. In this
particular study, the spatial spread of the BUV deployment sites consists of several subregions
where a high density of sites were sampled, with few sites located between the subregions. Fur-
thermore, because of the elongated shape of available submerged reefs, the sites were located in
a very linear region along the coast of Moreton Island. Moreover, unobserved and un-modelled
covariates may introduce spatial dependence that, if present and unaccounted for, could pro-
duce biased and misleading results. Indeed the results suggested strong spatial dependence at
short spatial scales (S2 Fig), and incorporating spatial dependence did suggest a few areas with
greater, and lesser, probabilities of presence after accounting for the above discussed covariates
(note the spatially aggregated dark and light coloured pixels visible in Figs 3, 4, 5). Nevertheless,
the predictive capabilities of the two models were similar overall (Tables 2 and 3) and results
for habitat associations were not affected (S1 Table and S1 Fig).

Both models with and without spatial dependence revealed a strong positive association
between the presence of snapper and the presence of kelp and hard substrate. The Non-Spatial
model indicated that the odds of snapper presence increased by almost 10 times where kelp
was present, and the Spatial Model estimated a 13 times increase in the odds of presence (based
on posterior mean estimates). These are very large effects and are likely far greater than any
population recovery expected in the short-medium term attributed to protection zones. A pre-
vious study [52] reported a seven fold increase in the number of snapper after four years of pro-
tection in New Zealand, although they report on abundance rather than the presence-absence
of snapper. Although snapper use sandy habitats this is thought to be associated with lower
density populations. Sand was not clearly associated with snapper presence or absence. The
models show the odds of snapper presence being around 2 times higher on sites with rock pres-
ent and around 3 times higher on sites with coffee rock present (S1 Table and Fig 2). The
mostly positive but weak relationship with rocky substrate is consistent with previous observa-
tions [22]. The strong positive association with the presence of coffee rock and snapper is a
new result to the best of our knowledge.

Other predictors in addition to habitat type were found to be important. Depth was found
to have a mostly positive influence on snapper presence, although the overall effect was weak.
This effect is in line with the major snapper fishing grounds being situated in offshore areas in
depths between 20 and 100 metres with larger snapper sometimes being taken in water over
150 metres in depth [22]. Winter likewise had a mostly positive, but weak, positive influence.
Commercial and recreational catches of snapper are highest during winter and it is thought
that this is because the fishery concentrates on spawning aggregations at this time [22]. Visibil-
ity had a positive relationship with snapper presence. This was most likely an observational
influence of increased ability to positively detect and identify the species in clear waters.

Old and new green zones were not strongly associated with snapper presence (Fig 2).
Although this result is not surprising for the newer green areas, which had only been in place a
short amount of time by the end of this study, the older green zones had been in place for more
than twelve years. Some reasons for the lack of association include [6]: reserves not big enough
[10], lack of enforcement [53-55], protection duration not long enough [56-58] and this
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analysis only used presence/absence data. The MNP04 green zones, both old and new, were
characterised by rocky substrate and an absence of kelp, making them a good but not the best
habitat for snapper as indicated by the models. The open areas used as the control for this
MNP lack kelp but do contain some coffee rock, associated with an increased presence of snap-
per. In contrast, all sites in MNP10 (Fig 1) older green zone contained kelp, and the model
results indicate that this may be a preferred habitat for snapper. There was also some kelp in
the newer green zones, as well as the open areas used as controls. Both coffee rock and rock
were found in the green old, green new and open areas. Overall, this suggests a more diverse
and preferable habitat for snapper in MNP10 compared to MNP04.

The spatial model provides further information on the spatial dependence through the spa-
tial variance o” and range parameter ¢. The effective range, which is a function of ¢, is defined
as the distance where the spatial correlation drops to negligible levels (see Materials and Meth-
ods). For these data, after accounting for other covariate information, the fitted model indicates
that the median effective range is approximately 1950m. We do not encourage readers to use
this as a specific guideline, however it suggests that previous studies using baited cameras that
have used rules of thumb to set minimum distances between sites ranging from 250 to 400m
[31, 36] may be an underestimate for species such as snapper. This is not necessarily a problem
provided spatial autocorrelation is considered during the survey design and analysis. Some
green zones are small and in such instances separating sample sites by large distances may
remove the need to account for spatial autocorrelation but would also reduce the potential
sample size. It is also conceivable that dependence may differ along north-south distances com-
pared to east-west distances, but this would be difficult to detect within this sampling scheme.
Instead, a depth covariate was included in the modeling to offset this concern, since depth is
likely to vary differently north-south versus east-west off the eastern coast of Moreton Island.
The spatial variance and range parameter often exhibit posterior dependence, which compli-
cates their interpretation, and so these estimates should not be interpreted as a minimum dis-
tance to be used when picking locations for new studies. Necessary distances to achieve
independence at a new site will likely depend on microhabitat factors, and be species specific,
that cannot be adequately assumed a priori. Instead, we interpret these results as an indication
that spatial correlation exists and should be accounted for when analyzing these kinds of data.

In this study we explored the relevance of marine park boundaries and preferred habitats of
Chrysophrys auratus in Moreton Bay Marine Park during a period when new no-take areas
were introduced. We incorporated the spatial dependence among BUV sites into the modelling
framework to test whether the incorporation of highly correlated environmental covariates or
the geographic placement of BUV sites produced spatial dependence, but found the spatial
term had little effect on the model fit or parameter estimates. Strong positive relationships
between the presence of snapper and kelp, coffee rock and rock habitat reinforce the consider-
ation of habitat availability in marine reserve design and the design of any associated monitor-
ing programs. In particular, monitoring programs must consider all major potential habitats,
even those that are thought not preferred such as sand for snapper, so as to enable inference on
how a species distribution depends on habitat preference across the managed marine land-
scape. Extending this modelling framework to other species and count data would provide
some insight into the general applicability of these results and in particular reveal whether the
current practices for the placement of BRUVs are best practice.

Supporting Information

S1 Table. Summary of results for the fitted Non-Spatial Model and Spatial Model. Includes
parameter estimates (posterior means) and central 95% credible intervals. *” indicates
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significance at the 0.05-level or better.
(PDF)

S1 Fig. Estimates for the coefficients in the Spatial Model. Posterior means and accompa-
nying 95% credible intervals.
(EPS)

$2 Fig. Prior and posterior for the effective range, 3/¢, and spatial variance, 6%, in meters.
(EPS)

S3 Fig. Parameter estimates under the five subsets in the Non-Spatial k-fold cross valida-
tion. Posterior means and accompanying 95% credible intervals.
(EPS)

S4 Fig. Parameter estimates under the five subsets in the Spatial k-fold cross validation.
Posterior means and accompanying 95% credible intervals.
(EPS)

S5 Fig. Spatial parameter estimates for o and ¢ under the five subsets in the k-fold cross
validation. Posterior means and accompanying 95% HPD credible intervals.
(EPS)

S1 Code. Data and R Files. Data is provided as a csv file in S1A. Code for fitting the model is
provided using JAGS in S1B. R code for running the model on the provided data is in S1C.
(ZIP)

Acknowledgments

The authors thank Petra Kuhnert and Keith Hayes for useful comments and Rich Pillans, Dar-
ren Dennis, Anthea Donovan, Sue Cheers, Bob Pendrey and Quinton Dell who collected and
processed the BUV data. BUV sampling was supported by the Queensland Department of
Environment and Resource Management and the CSIRO Oceans and Atmosphere Flagship.

Author Contributions

Conceived and designed the experiments: MDEH RCB. Performed the experiments: MDEH
RCB. Analyzed the data: MAT EL. Contributed reagents/materials/analysis tools: MDEH RCB.
Wrote the paper: MAT EL GRH MDEH RCB.

References

1.  Russ GR, Cheal AJ, Dolman AM, Emslie MJ, Evans RD, Miller |, et al. Rapid increase in fish numbers
follows creation of world’s largest marine reserve network. Current Biolgoy. 2008; 18:514-515. doi: 10.
1016/j.cub.2008.04.016

2. Afonso P, Fontes J, Santos R. Small marine reserves can offer long term protection to an endangered
fish. Biological Conservation. 2011; 144:2739-2744. doi: 10.1016/j.biocon.2011.07.028

3. Sangil C, Clemente S, Martin-Garcia L, Henrandez JC. No fish areas as an efftive tool to restore urchin
barranes on substropical rocky reefs. Estuarine, Coastal and Shelf Science. 2012; 112:207-215. doi:
10.1016/j.ecss.2012.07.025

4. Mosqueral, Coté |, Jennings S, Reynolds J. Conservation benefits of marine reserves for fish popula-
tions. Animal Conserv. 2000; 3:321-332. doi: 10.1111/.1469-1795.2000.tb00117.x

5. Lubchenco J, Palumbi S, Gaines S, Andelman S. The science of marine reserves. Ecol Appl. 2003; 13:
S1-8228.

6. Edgar GJ, Stuart-Smith RD, Willis TJ, Kininmonth S, Baker SC, Banks S, et al. Global conservation out-
comes depend on marine protected areas with five key features. Nature. 2014; 506:216—220. doi: 10.
1038/nature13022 PMID: 24499817

PLOS ONE | DOI:10.1371/journal.pone.0136799 August 28,2015 16/19


http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0136799.s002
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0136799.s003
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0136799.s004
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0136799.s005
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0136799.s006
http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0136799.s007
http://dx.doi.org/10.1016/j.cub.2008.04.016
http://dx.doi.org/10.1016/j.cub.2008.04.016
http://dx.doi.org/10.1016/j.biocon.2011.07.028
http://dx.doi.org/10.1016/j.ecss.2012.07.025
http://dx.doi.org/10.1111/j.1469-1795.2000.tb00117.x
http://dx.doi.org/10.1038/nature13022
http://dx.doi.org/10.1038/nature13022
http://www.ncbi.nlm.nih.gov/pubmed/24499817

@’PLOS ‘ ONE

Assessing Habitat Use by Snapper from Baited Underwater Video Data

10.

11.

12

13.

14.

15.

16.

17.

18.

19.

20.

21.

22,

23.

24.

25.

26.

27.

Moore CH, Niel KPV, Harvey ES. The effect of landscape composition and configuration on the spatial
distribution of temperate demersal fish. Ecography. 2011; 34:425-435. doi: 10.1111/j.1600-0587.2010.
06436.x

Fletcher WJ, Kearney RE, Wise BS, Nash WJ. (In Press) Large-scale expansion of no-take closures
within the Great Barrier Reef has not enhanced fishery production. Ecological Society of America pre-
print; Available from: http://www.esajournals.org/doi/pdf/10.1890/14-1427 .1

McCook LJ, Ayling T, Cappo M, Choat JH, Evans RD, De Freitas DM, et al. Adaptive management of
the Great Barrier Reef: a globally significant demonstration of the benefits of networks of marine
reserves. Proceedings of the National Academy of Sciences USA. 2010;.

Willis TJ, Babcock RC. A baited underwater video system for the determination of relative density of
carnivorous reef fish. Marine and Freshwater Research. 2000; 51(8):755-763. doi: 10.1071/MF00010

Parsons D, Babcock R, Hankin R, Willis T, Aitken J, O'Dor R, et al. Snapper Pagrus auratus (Sparidae)
home range dynamics: acoustic tagging studies in a marine reserve. Mar Ecol Prog Ser. 2003;
262:253-265. doi: 10.3354/meps262253

Webley J, Taylor S, Mayer D, Dew K, Olyott L. Survey of marine boat-based recreational fishing in
South-Easter Queensland (2007-08). Queensland Government; 2009.

Campbell AB, O’'Neill MF, Sumpton W, Kirkwood J, Wesche S. Stock assessment summary of the
Queensland snapper fishery (Australia) and management strategies for improving sustainability. The
State of Queensland, Department of Employment, Economic Development and Innovation; 2009.

Anonymous. Stock status of Queensland’s fisheries resources 2011. Department of Employment, Eco-
nomic Development and Innovation; 2011.

Sumpton W, Sawynok B, Castens N. Localised movement of pink snapper (Pagrus auratus) in a large
subtropical marine embayment. Marine & Freshwater Research. 2003; 54:1-7. doi: 10.1071/MF02041

Denny CM, Willis T j, Babcock RC. Effects of Poor Knights Islands marine reserve on demersal fish
populations. DOC Science Internal Series. 2003; 142:1-34.

Willis T, Parsons D, Babcock R. Evidence for long-term site fidelity of snapper (Pagrus auratus) within a
marine reserve. New Zealand Journal of Marine and Freshwater Research,. 2001; 35(3):581-590. doi:
10.1080/00288330.2001.9517024

Willis T, Anderson M. Structure of cryptic reef fish assemblages: relationships with habitat characteris-
tics and predator density. Marine Ecology Prog. 2003; 257:209-221. doi: 10.3354/meps257209

Malcolm HA, Gladstone W, Lindfield S, Wraith J, Lynch TP. Spatial and temporal variation in reef fish
assemblages of marine parks in New South Wales, Australia—baited video observations. Mar Ecol
Prog Ser. 2007; 350:277—-290. doi: 10.3354/meps07195

Malcolm HA, Schultz AL, Sachs P, Johnstone N, Jordan A. Decadal Changes in the Abundance and
Length of Snapper (Chrysophrys auratus) in Subtropical Marine Sanctuaries. PloS one. 2015; 10(6):
e€0127616. doi: 10.1371/journal.pone.0127616 PMID: 26061036

Willis TJ, Millar RB, Babcock RC, Tolimieri N. Burdens of evidence and the benefits of marine reserves:
putting Descartes before des horse? Environ Conserv. 2003; 30(2):97—103. doi: 10.1017/
S0376892903000092

Ferrell D, Sumpton W. Assessment of the fishery for snapper (Pagrus auratus) in Queensland and New
South Wales. Cronulla, NSW Fisheries and QDPI; 1997.

Parsons DM, Morrison MA, McKenzie JR, Hartill BW, Bian R, Francis R. A fisheries perspective of
behavioural variability: differences in movement behaviour and extraction rate of an exploited sparid,
snapper (Pagrus auratus). Canadian Journal of Fisher. 2011; 68:632—-642. doi: 10.1139/f2011-005

Ross P, Thrush S, Montgomery J, Walker J, Parsons D. Habitat complexity and predation risk deter-
mine juvenile snapper (Pagrus auratus) and goatfish (Upeneichthys lineatus) behaviour and distribu-
tion. Marine and Freshwater Research. 2008; 58(12):1144—1151. doi: 10.1071/MF07017

Sumpton W, Jackson S. The effects of incidental trawl capture of juvenile snapper (Pagrus auratus) on
yield of a subtropical line fishery in Australia: an assessment examining habitat preference and early
life history characteristics. Fisheries Research. 2005; 71:331-347. doi: 10.1016/).fishres.2004.07.003

Cappo M, Harvey E, Malcolm H, Speare P. Potential of video techniques to monitor diversity, abun-
dance and size of fish in studies of marine protected areas. In: Beumer JP, Grant A, Smith DC, editors.
Aquatic protected areas—what works best and how do we know? Proceedings of the World Congress
on Aquatic Protected Areas—Cairns, Australia; August, 2002.; 2003.

Cappo M, Harvey E, Shortis M. Counting and measuring fish with baited video techniques: an overview.
In: Lyle JM, Furlani DM, Buxton CD, editors. Proceedings of the 2006 Australian Society of Fish Biology
Conference and Workshop on Cutting-edge Technologies in Fish and Fisheries Science, Hobart,
August 2006; 2007. p. 101-114.

PLOS ONE | DOI:10.1371/journal.pone.0136799 August 28,2015 17/19


http://dx.doi.org/10.1111/j.1600-0587.2010.06436.x
http://dx.doi.org/10.1111/j.1600-0587.2010.06436.x
http://www.esajournals.org/doi/pdf/10.1890/14-1427.1
http://dx.doi.org/10.1071/MF00010
http://dx.doi.org/10.3354/meps262253
http://dx.doi.org/10.1071/MF02041
http://dx.doi.org/10.1080/00288330.2001.9517024
http://dx.doi.org/10.3354/meps257209
http://dx.doi.org/10.3354/meps07195
http://dx.doi.org/10.1371/journal.pone.0127616
http://www.ncbi.nlm.nih.gov/pubmed/26061036
http://dx.doi.org/10.1017/S0376892903000092
http://dx.doi.org/10.1017/S0376892903000092
http://dx.doi.org/10.1139/f2011-005
http://dx.doi.org/10.1071/MF07017
http://dx.doi.org/10.1016/j.fishres.2004.07.003

@’PLOS ‘ ONE

Assessing Habitat Use by Snapper from Baited Underwater Video Data

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42,

43.

44,

45.

46.

47.

48.

49.

Westera M, Lavery P, Hyndes G. Differences in recreationally targeted fishes between protected and
fished areas of a coral reef marine park. J Exp Mar Biol Ecol. 2003; 294:145-168. doi: 10.1016/S0022-
0981(03)00268-5

Dunlop KM, Scott EM, Parsons D, Bailey DM. Do agonistic behaviours bias baited remote underwater
video survey of fish? Marine Ecology. 2014;p. 1-9.

Moore CH, Harvey ES, Niel KPV. Spatial prediction of demersal fish distributions: enhancing our under-
standing of species environment relationships. ICES J Mar Sci. 2009; 66:2068—2075. doi: 10.1093/
icesjms/fsp205

Watson DL, Harvey ES, Fitzpatrick BM, Langois TJ, Shedrawi G. Assessing reef fish assemblage struc-
ture: how do different stereo-video techniques compare? Mar Biol. 2010; 157:1237-1250. doi: 10.1007/
s00227-010-1404-x

Smith ANH, Anderson MJ, Millar RB, Trevo. Effects of marine reserves in the context of spatial and tem-
poral variation: an analysis using Bayesian zero-inflated mixed models. Marine Ecology Pr. 2014;
499:203-216. doi: 10.3354/meps10653

Ellis DM, Martini EE. Evaluation of a video camera technique for indexing the abundances of juvenile
pink snapper, Pristipomoides filamentosus, and other Hawaiian insular shelf fishes. Fishery Bulletin.
1995; 93:67-77.

McLean DL, Harvey ES, Fairclough DV, Newman SJ. Large decline in the abundance of a targeted
tropical lethrinid in areas open and closed to fishing. Mar Ecol Prog Ser. 2010; 418:189-199. doi: 10.
3354/meps08834

Elith J, Leathwick J. Species Distribution Models: Ecological Explanation and Prediction Across Space
and Time. Annual Review of Ecology, Evolution and Sytematis. 2009; 40:677—-697. doi: 10.1146/
annurev.ecolsys.110308.120159

Cappo M, Speare P, De’ath G. Comparison of baited remote underwater video stations (BRUVS) and
prawn (shrimp) trawls for assessments of fish biodiversity in inter-reefal areas of the Great Barrier Reef
Marine Park. J Exp Mar Biol Ecol. 2004; 302(2):123-152. doi: 10.1016/j.jembe.2003.10.006

Harvey ES, Cappo M, Butler JJ, Hall N, Kendrick GA. Bait attraction affects the performance of remote
underwater video stations in assessment of demersal fish community structure. Mar Ecol Prog Ser.
2007; 350:245-254. doi: 10.3354/meps07192

Rossi R, Mulla DJ, g Journel A, Franz EH. Geostatistical Tools for Modeling an Interpreting Ecological
Spatial Dependence. Ecological Monographs. 1992; 62(2):277-314. doi: 10.2307/2937096

Clark JS. Why environmental scientists are becoming Bayesians. Ecology Letters. 2004; 8:2-14. doi:
10.1111/j.1461-0248.2004.00702.x

Brooke B, Preda M, Lee R, Cox M, Olley J, Pietsch T, et al. Development, composition and age of indu-
rated sand layers in the Late Quaternary coastal deposits of northern Moreton Bay, Queensland. Aus-
tralian Journal of Earth Sciences. 2008; 107(43):18278-18285.

Anonymous. Marine Parks (Moreton Bay) Zoning Plan 1997. Queensland Government, Marine Park
Act 2004; 2007.

Stevens T, Connolly RM. Local-Scale mapping of benthic habitats to assess representation in a Marine
Protected Area. Mar Freshwater Res. 2005; 56(1):111-123. doi: 10.1071/MF04233

Watson DL. Use of underwater stereo-video to measure fish assemblage structure, spatial distribution
of fishes and change in assemblages with protection from fishing. University of Western Australia;
2006.

Harasti D, Malcolm H, Gallen C, Coleman MA, Jordan A, Knott NA. Appropriate set times to represent
patterns of rocky reef fishes using baited video. Journal of Experimental Marine Biology and Ecology.
2015; 463:173-180. doi: 10.1016/j.jembe.2014.12.003

Harriott VJ, Banks SA. Latitudinal variation in coral communities in eastern Australia: a qualitative bio-
physical model of factors regulating coral reefs. Coral Reefs. 2002; 21:83-94. doi: 10.1007/s00338-
001-0201-x

Stevens DL, Olsen AR. Spatially balanced sampling of natural resources. J Am Stat Assoc. 2004;
99:262-278. doi: 10.1198/016214504000000250

Banerjee S, Carlin BP, Gelfand AE. Hierarchical Modeling and Analysis for Spatial Data. Boca Raton:
Chapman and Hall/CRC.; 2004.

Gelman A, Jakulin A, Pittau MG, Su YS. A weakly informative default prior distribution for logistic and
other regression models. The Annals of Applied Statistics. 2008; 2:1360—1383. doi: 10.1214/08-
AOAS191

Fawcett T. An introduction to ROC analysis. Pattern Recognition Letters. 2006; 27:861-874. doi: 10.
1016/j.patrec.2005.10.010

PLOS ONE | DOI:10.1371/journal.pone.0136799 August 28,2015 18/19


http://dx.doi.org/10.1016/S0022-0981(03)00268-5
http://dx.doi.org/10.1016/S0022-0981(03)00268-5
http://dx.doi.org/10.1093/icesjms/fsp205
http://dx.doi.org/10.1093/icesjms/fsp205
http://dx.doi.org/10.1007/s00227-010-1404-x
http://dx.doi.org/10.1007/s00227-010-1404-x
http://dx.doi.org/10.3354/meps10653
http://dx.doi.org/10.3354/meps08834
http://dx.doi.org/10.3354/meps08834
http://dx.doi.org/10.1146/annurev.ecolsys.110308.120159
http://dx.doi.org/10.1146/annurev.ecolsys.110308.120159
http://dx.doi.org/10.1016/j.jembe.2003.10.006
http://dx.doi.org/10.3354/meps07192
http://dx.doi.org/10.2307/2937096
http://dx.doi.org/10.1111/j.1461-0248.2004.00702.x
http://dx.doi.org/10.1071/MF04233
http://dx.doi.org/10.1016/j.jembe.2014.12.003
http://dx.doi.org/10.1007/s00338-001-0201-x
http://dx.doi.org/10.1007/s00338-001-0201-x
http://dx.doi.org/10.1198/016214504000000250
http://dx.doi.org/10.1214/08-AOAS191
http://dx.doi.org/10.1214/08-AOAS191
http://dx.doi.org/10.1016/j.patrec.2005.10.010
http://dx.doi.org/10.1016/j.patrec.2005.10.010

el e
@ ' PLOS ‘ ONE Assessing Habitat Use by Snapper from Baited Underwater Video Data

50. Roberts CM, Andelman S, Branch G, Bustamante RH, Carlos Castilla J, Dugan J, et al. Ecological crite-
ria for evaluating candidate sites for marine reserves. Ecological applications. 2003; 13(sp1):199-214.
doi: 10.1890/1051-0761(2003)013%5B0199:ECFECS%5D2.0.CO;2

51. McPhee DP, Buxton C, Knuckey I, Hundloe TJA, Stone S, Williams KA. Part 2: Final Submission: A
Participatory and Coordinated Fishing Industry Response to the Proposed Rezoning of the Moreton
Bay Marine Park. Australian Government. Fisheries Research and Development Corportation; 2007.
FRDC Project No. 2007/053.

52. Denny C, Willis T, Babcock R. Rapid recolonisation of snapper Pagrus auratus: Sparidae within an off-
shore island marine reserve after implementation of no-take status. Marine Ecology Progress. 2004;
272:183-190. doi: 10.3354/meps272183

53. Mclean D, Harvey E, Meeuwig J. Declines in the abundance of coral trout (Plectropomus leopardus) in
areas closed to fishing at the Houtman Abrolhos Islands, Western Australia. J Exp Mar Biol Ecol. 2011;
406(1-2):71-78. doi: 10.1016/j.jembe.2011.06.009

54. Samoilys MA, Martin-Smith KM, Giles BG, Cabrera B, Anticamara JA, Brunio EO, et al. Effectiveness
of five small Philippines’ coral reef reserves for fish populations depends on site-specific factors, partic-
ularly enforcement history. Biological Con. 2007; 136:584—601. doi: 10.1016/j.biocon.2007.01.003

55. Russ GR. Yet another review of marine reserves as reef fishery management tools. Sale PS, editor.
421-443. Academic Press; 2002.

56. McClanahan TR. Recovery of a coral reef keystone predator, Balistapus undulatus, in East African
Marine Parks. Biological Conservation. 2000; 94(2):191-198. doi: 10.1016/S0006-3207(99)00176-7

57. McClanahan TR, J GNA. Recovery trajectories of coral reef fish assemblages within Kenyan Marine
Protected Areas. Mar Ecol Prog Ser. 2005; 294:241-248. doi: 10.3354/meps294241

58. Russ GR, Alcala AC. Marine reserves: Long-term protection is required for full recovery of predatory
fish populations. Oceologia. 2004; 138:622—-627. doi: 10.1007/s00442-003-1456-4

PLOS ONE | DOI:10.1371/journal.pone.0136799 August 28,2015 19/19


http://dx.doi.org/10.1890/1051-0761(2003)013%5B0199:ECFECS%5D2.0.CO;2
http://dx.doi.org/10.3354/meps272183
http://dx.doi.org/10.1016/j.jembe.2011.06.009
http://dx.doi.org/10.1016/j.biocon.2007.01.003
http://dx.doi.org/10.1016/S0006-3207(99)00176-7
http://dx.doi.org/10.3354/meps294241
http://dx.doi.org/10.1007/s00442-003-1456-4

