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Abstract: Nondestructive damage-testing technology based on vibration signal analysis makes full
use of the response characteristics of wave and energy. With the advantages of wide bandwidths of
response frequency and high sensitivity, the nondestructive testing technology based on vibration
signal analysis has a superiority in the application for the detection and characterization of structural
defects, and has become one of the important methods for the nondestructive testing of structural
material defects and damage. This paper presents a novel method of detection localization and
quantitative analysis for local damage in beam structures, based on the response analysis of vibration
signals. A damage-detection and -identification algorithm based on a unscented Kalman filter
(UKF) was designed, which greatly reduces the computational workload in the process of damage
identification over that in conventional methods. The method presented in this paper has significances
to widen the application scope of the nondestructive testing method, and increase the recognition
efficiency and effectiveness of this kind of method in engineering.
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1. Introduction

With the rapid development of modern industry, nondestructive testing (NDT) technology for
machinery, architecture and other structures has been rapidly developed and widely applied. However,
the emergence of new materials and technologies, as well as the harsh working conditions of high
temperature, high pressure and high load, have put higher requirements on the development of
nondestructive testing technologies [1,2]. The effective testing of materials and structural defects
is crucial to ensure the safety of materials and the reliability of structures. In the early stage of
defect, crack propagation is very likely to occur in the material components under cyclic loading,
which may result in the local deformation and failure of materials, introducing a huge risk of the
failure of the overall system structure [3–5]. Therefore, it is of great practical significance to use
nondestructive testing technology to monitor the quality of engineering structures in the early stage
without invasive sampling.

Currently, traditional nondestructive testing technologies such as ultrasonic methods, thermal
wave-imaging methods, ray methods and acoustic emission methods are widely used in mechanical
engineering and the construction industry [6–8]. However, there are some limitations in the quantitative
detection and defect expression in these methods. With nondestructive testing using vibration signal
wave, its vibration response can effectively excite the vibration waves of various modes in the
components being tested, such as the longitudinal wave, transverse wave and surface wave [9,10].
The reference [11] took a three-layer rack structure with six layers of storage as an example, carried
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out the dynamic analysis on it under horizontal and vertical loads, and completed the verification
of force distribution and sag moment under test. By analyzing the interaction mechanism between
the vibration wave and the structural material defects, the location and quantitative expression of the
structural defects can be achieved. Compared to the traditional nondestructive testing technology,
the nondestructive testing technology based on the vibration signal makes full use of the characteristics
of wave and energy response. It has strong advantages in the detection and characterization of
structural defects. In addition, due to its response in a wide frequency bandwidth, high sensitivity,
and high spatial resolution, it has become one of the most important tools in the field of the structural
defects of the material and nondestructive testing of damage [12–14].

In recent decades, researchers have done a lot of research on nondestructive testing technologies
based on vibration signal analysis and obtained many meaningful research results. Cawley and
Adams [15] found that the ratio of any two-order natural frequencies would change after the damage,
which was only related to the damage location and had no relevance to the degree of damage when
there was only single damage or multiple damage in the same degree in the structure, based on
the assumption that the damage only caused changes in stiffness. Salawu [16] pointed out that
different forms of damage might cause the same change of response frequency, especially in a situation
of the damage of a symmetrical position in a symmetrical structure where the frequency index
creates difficulty in distinguishing the damage. Yang et al. [17] proposed a method to add mass to
solve the aforementioned issue. However, this method required the addition of known mass to the
structure, which essentially changes the symmetric structure into asymmetric structure. Guan et al. [18]
combined strain mode with wavelet transform and applied it to the damage identification of frame
structures. Gu et al. [19] proposed a working strain mode identification technology under environmental
excitation, and the corresponding damage-identification method. Pandey and Biawas [20] proposed a
damage-identification method based on a modal flexibility matrix and studied the impact of damage
on the flexibility matrix through numerical examples. The results showed that the damage location
could be accurately determined by only using the first two order modes. However, the structure of the
flexibility matrix was complex, which needs further improvement for engineering applications.

This paper presents a method for the detection of the local damage position in a structure and
quantitative analysis based on vibration signal analysis. A novel algorithm of the nondestructive
damage identification based on the unscented Kalman filter (UKF) was designed. This paper also
expands a discussion about the disadvantages of the conventional application of the extended Kalman
filter (EKF) in this field, which needs to spend high computational cost to calculate the Jacobi matrix.
Compared to the EKF, the algorithm presented in this paper was able to substantially reduce the
computing workload in the process of the structure damage identification, and significantly broaden
the scope of application of nondestructive testing methods. The proposed method can also significantly
improve the recognition efficiency and effectiveness in the engineering. At the same time, the method
studied in this paper can effectively avoid: (1) the problem of low accuracy caused by the limitation of
modal parameters in traditional damage-identification methods; and (2) the traditional method has a
large amount of calculation work, which is not conducive to online loss identification. The effectiveness
of the method was demonstrated in a computational application. The results show that the damage
location identification, quantitative characterization and the anti-noise performance of UKF meets the
requirements for practical engineering applications.

2. Design of the Nondestructive Testing Algorithms Based on Vibration Signal Analysis

2.1. Assumption of Nondestructive Testing Based on Vibration Signal Analysis

After damage to the structure of an equipment, the mass, stiffness and other characteristics of
the equipment may all be changed. If all of these changes are considered, it is bound to increase
the complexity of the research and analysis. Therefore, it is necessary to reasonably and concisely
characterize the impact of damage on the structure. In engineering structures, common damages,
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such as cracks, have a great impact on local stiffness, while the change of local mass is usually minimal.
Therefore, it can be assumed that the damage only leads to change in the local stiffness, and the change
of local mass can be ignored. This assumption can be expressed as in Equation (1);{

KD , KU

MD = MU
(1)

where, KD and MD are the local stiffness matrix and mass matrix after damage; KU and MU are the
local stiffness matrix and the mass matrix before damage. The assumptions described as Equation (1)
are basically in line with current engineering practice [21–24], and this can greatly simplify the difficulty
of the research. According to Equation (1), a factor of local damage in a structure can be further defined
with Equation (2):

KD = (1−D)KU (2)

where, D is the factor matrix of local damage, and it ranges 0 ∼ 1, where 0 means no damage and
1 means complete destruction. Formula (2) describes the reduction of local stiffness caused by the
damage, which is the basis for defining and simulating damage.

Based on the above assumptions, this paper has designed a nondestructive testing algorithm
as follows.

2.2. Design of Algorithms of the Nondestructive Testing Based on Vibration Signal Analysis

With known excitation, the motion equations of a linear structure with multiple degrees of freedom
can be written as

M
..
X(t) + C

.
X(t) + KX(t) = Bf(t) (3)

where, X(t),
.
X(t) and

..
X(t) are the displacement, velocity and acceleration responses of the structure,

respectively; M, C and K are the mass matrix, damping matrix and stiffness matrix of the structure,
respectively; f(t) is an external excitation vector; B is the influence matrix of external excitation (position
matrix). An augmented structural state variable is introduced as

X =
[
XT

1 , XT
2 , XT

3 , XT
4

]T
(4)

where, X1 = x, X2 =
.
x and X3 = [k1, k2, · · · , km]

T which is a vector consisting of all non-zero elements
in the stiffness matrix; X4 = [c1, c2, · · · , cm]

T is a vector consisting of non-zero elements in the damping
matrix. Note that the effect of local damage on mass is ignored. Assuming that the damping is Rayleigh
damping, it obtains:

C = αM + βK (5)

where, α and β are the mass and stiffness damping coefficients, respectively, and X4 = [α, β]T. Equation
(3) is rewritten as Equation (6) which is represented by augmented state variables:


X1

X2

X3

X4

 =


X2

M−1
[
Bf(t) −

[
(C)X1

X3+(K)X2
X4

][
(C)X4

X2 − (K)X3
X1

]T
]

KT

CT


(6)

where, (C)X1
and (C)X4

is the damping matrix based on X1 and X4; (K)X2
and (K)X3

is the stiffness
matrix based on X2 and X3. Since (C)X1

, (C)X4
, (K)X2

and (K)X3
contain state variables, Equation (6) is

a nonlinear equation for augmented state variables, which can be shortened as

.
X = g(X, f, t) (7)
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The equation of the state is obtained by integrating Equation (7) with time as

Xk = Xk−1 +

∫ tk

tk−1

g(X, f, t)dt + wk (8)

where, tk denotes the time at which the k state is; wk is the process noise that here is assumed as Gauss
white noise, thus the covariance matrix is constant matrix Q. Equation (8) can be realized by a dynamic
direct integration method in the process of designing a nondestructive testing and analysis program.
Considering the placement of acceleration sensors on the structure [25,26], the observation equation is
expressed as

Zk = D
.
X = DM−1


M(X2)k

Bfk −
[
(C)X1

X3+(K)X2
X4

]
k

[
(C)X4

X2 − (K)X3
X1

]T

k
0
0


+ vk (9)

where, fk represents the excitation at the time of k state; vk is the measurement noise that here is
assumed as Gauss white noise, thus the covariance matrix is a constant matrix R. Equation (9) is also a
nonlinear equation, which can be shortened as

Zk = h(Xk, fk) + vk (10)

The aforementioned deduction shows that after introducing the augmented state variables into
the linear structure, the corresponding state equations and measurement equations become nonlinear,
thus a nonlinear filtering technology must be adopted. If the extended Kalman filter (EKF) is used, two
Jacobi matrices as shown in Equations (11) and (12) need to be computed:

A =
∂g(X, f, t)

∂X

∣∣∣∣∣∣
X=Xk−1|k−1

(11)

H =
∂h(X, f, t)

∂X

∣∣∣∣∣∣
X=Xk|k−1

(12)

Based on Equations (6) and (9), the calculation of the Jacobi matrix involves differentiating the
stiffness matrix and damping matrix. The process is closely related to the position of non-zero elements
in the matrices. Once the structure changes, the position of the non-zero elements in the matrices
will also change, thus Equations (11) and (12) must be deducted again. Therefore, this method of
deduction lacks universality. When the expression of the stiffness matrix and damping matrix is very
complex, the derivation process becomes even more complicated and prone to making large errors.
If the unscented Kalman filter (UKF) is used, it just needs simple matrix operations on Equations
(8) and (10) in the processing. Jacobi Matrix A and Matrix H are not required to be deduced again.
The workload is significantly reduced, and the program becomes more universal, indicating that UKF
has obvious advantages in damage identification. Based on this, a damage-identification algorithm of
the vibration signal analysis, based on the UKF, is designed as follows:

(1) Establish augmented state variables according to Equation (4); construct the state equations
according to Equations (6)–(8); and construct the observation equation according to Equation (9).

(2) Estimate the initial mean X0|0 and covariance matrix PX,0|0 of the state variables, and estimate the
covariance matrix Q and R of process noise and measurement noise.

(3) Identify the parameters of structural stiffness and damping by the UKF filtering algorithm:

The main processing of the UKF filtering is to use the Unscented Transformation (UT) transform
to deal with the nonlinear transfer of means and covariance in a Kalman filtering process. For the
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nonlinear equation of state and observation described as Equations (8) and (9), the UKF is processed
as follows

(I) Set the initial parameters:

X0|0 = E
[
X0|0

]
(13)

PX,0|0 = E
[(

X0|0 −X0|0

)(
X0|0 −X0|0

)T
]

(14)

where, X0|0 and PX,0|0 represent the mean and covariance matrix of the initial estimated state
variables, respectively.

(II) Construct the set of sigma points According to Xk−1|k−1 and PX,k−1|k−1 of state k − 1, the sigma
point set χi

k−1|k−1 can be constructed according to Equation (15), where superscript i denotes the
order of Point i in the set:

χi =


x, i = 0

x +
√
(n− κ)(n + κ)

(√
PxPT

x

)
i
, i = 1, · · · , n

x−
√
(n− κ)(n + κ)

(√
PxPT

x

)
i−n

, i = n + 1, · · · , 2n

(15)

(III) Predict By substituting the sigma point set χi
k−1|k−1 into the Kalman filter [27,28], the nonlinear

stochastic difference Equation (16) can be obtained as

Xk = f(Xk−1, uk−1) + wk−1 (16)

Then, the transformed sigma point set χi
k|k−1 can be obtained as

χi
k|k−1 = f

(
χi

k|k−1, uk−1

)
(17)

According to χi
k|k−1, the predicted mean of state variables is shown as Equation (18) and the

covariance matrix is shown as Equation (19):

Xk|k−1 =
2n∑

i=0

W(m)
i χi

k|k−1 (18)

Px,k|k−1 =
2n∑

i=0

2n∑
m=0

W(m)
i

[
χi

k|k−1 −Xk|k−1

][
χi

k|k−1 + Xk|k−1

]T
+

2n∑
i=0

(
χi

k|k−1 − I
)(
χi

k|k−1 + I
)T

10−5I (19)

where, W(m)
i is the calculated mean weight coefficient and we set

2n∑
i=0

(
χi

k|k−1 − I
)(
χi

k|k−1 + I
)T

10−5I

as Q.

By substituting χi
k|k−1 into the nonlinear observation equation, Equation (9), we obtain:

γi
k|k−1 = h

(
χi

k|k−1

)
(20)

The mean value of the observation variables is calculated as

Zk|k−1 =
2n∑

i=0

W(m)
i γi

k|k−1 (21)
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(IV) Correct Compute the covariance matrix of the observation variables:

Pz,k|k−1 =
2n∑

i=0

2n∑
c=0

W(c)
i

[
γi

k|k−1 −Zk|k−1

][
γi

k|k−1 + Zk|k−1

]T
+

2n∑
i=0

(
γi

k|k−1 − I
)(
γi

k|k−1 + I
)T

I (22)

where, W(c)
i is the variance weight coefficient and we set

2n∑
i=0

(
γi

k|k−1 − I
)(
γi

k|k−1 + I
)T

I as R.

Compute the covariance matrix between the state variables and observation vectors;

Pk|k−1 =
2n∑

i=0

2n∑
c=0

W(c)
i

[
γi

k|k−1 + Zk|k−1

][
Xk|k−1 −Zk|k−1

]T[
χi

k|k−1 −Xk|k−1

]T
(23)

Then, the Kalman gain matrix can be obtain by

Kk = Pz,k|k−1P−1
z,k|k−1 (24)

Update the mean of state variables:

Xk|k = Xk|k−1 + Kk
(
Zk −Zk|k−1

)
(25)

Update the covariance matrix of the state variables:

PX,k|k = PX,k|k−1 −KkPz,k|k−1KT
k (26)

From the steps mentioned above, it only needs to calculate the state equation and observation
equation in the UKF filtering process, and does not need to calculate the Jacobi matrices.
This method has obvious advantages in terms of the ease of use and flexibility when the state
equation is complex and non-differentiable.

(V) Judge structural damage status based on the identification results.

The flow chart of the UKF algorithm is shown in Figure 1.
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3. Application Example Analysis

3.1. Experimental Setting

As shown in Figure 2, the four-layer frame model is composed of plexiglass plates and aluminum
columns, which are connected by bolts (due to the universality of the application of a frame beam in
practical production, the frame structure is taken as an example. The non-destructive testing algorithm
is used to evaluate and monitor the strength, stiffness, damping and other technical parameters of
the frame beam, which is of great practical significance to eliminate potential safety hazards and
ensure the safety of the frame structure [29]). The structure sits on orbits and is only allowed to move
in the x direction. Each layer of the structure consists of four aluminum columns (25 × 25 × 1 mm)
connected with two up-and-down plexiglass plates (900 × 450 × 2.5 mm), respectively, forming a
four-degree-of-freedom system.
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working conditions, including increasing the mass of a certain layer, reducing the stiffness of a certain 
column, and introducing nonlinear damage into a buffer gap. This paper only analyzed the 
identification effectiveness of the algorithm on the stiffness reduction of Column 2 in Figure 2. We 
only selected four representative working conditions for research in this paper, as shown in Table 1. 

Table 1. Physical experiment condition of the frame structure. 

Figure 2. Frame structure and the sensor arrangement.

In Figure 2, an electromagnetic exciter (SA-JZ-50, Wuxi Shiao Technology Co., Ltd, Wuxi, China)
is used to apply the lateral excitation to the bottom plate along the center line of the structure.
The structure and the exciters are installed together on the base plate. A force sensor (BK-2Y, China
Academy of Aerospace Aerodynamics, Beijing, China) (sensitivity 2.23 mV/N) is installed between the
rod of the exciter and the structure to measure the excitation force. Four acceleration sensors (AD100T,
Qinhuangdao Xinhua Technology Co., Ltd, Qinhuangdao, China) (sensitivity 100 mV/g) are installed
in the positions shown in Figure 2 to measure the acceleration response of each layer. The excitation
signal is the random excitation with a bandwidth of 5~50 Hz and the excitation level is 2.6 V as shown
in Figure 3.
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conditions, including increasing the mass of a certain layer, reducing the stiffness of a certain column,
and introducing nonlinear damage into a buffer gap. This paper only analyzed the identification
effectiveness of the algorithm on the stiffness reduction of Column 2 in Figure 2. We only selected four
representative working conditions for research in this paper, as shown in Table 1.

Table 1. Physical experiment condition of the frame structure.

Working Condition Serial Number Damage Condition

1 Nondestructive
2 The stiffness of No. 2 aluminum column decreases by 64.9%
3 The stiffness of No. 3 aluminum column decreases by 64.9%
4 The stiffness of No. 4 aluminum column decreases by 64.9%
... ...

3.2. Nondestructive Testing Based on Vibration Signal

In order to validate the damage identification of the algorithm proposed in this paper, a numerical
model of the frame structure in Figure 2 was established as shown in Figure 4, in which the friction
between the bottom plate and the track is neglected.
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The motion equation of the numerical model in Figure 4 is established as follows:

M
..
x + C

.
x + Kx = f(t) (27)

where, M, C and K are the mass, damping and stiffness matrices, respectively; f(t) is the input
excitation vector; x = [x0, x1, x2, x3]

T is the displacement of each layer, and the 0th floor represents the
bottom plate;

.
x and

..
x denote the speed and acceleration, respectively. The expressions of M and K are

as follows:

M =


m0 0 0 0
0 m1 0 0
0 0 m2 0
0 0 0 m3

, K =


k1 −k1

−k1 k1 + k2 −k2

−k2 k1 + k2 −k3

−k3 k3

 (28)

where, m0 ∼ m3 denotes the mass of each layer; k0 ∼ k3 denotes the interlayer stiffness. Damping
matrix C can be assumed to be the Rayleigh damping matrix, as shown in Equation (5).

The augmented state variables as shown in Equation (4) are established by selecting the relevant
displacement, velocity, story stiffness and Rayleigh damping coefficient.
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For the numerical model of Figure 4, the initial values of the parameters are set according
to Figure 2 as follows: (1) it is considered that the mass matrix M remains unchanged and the
density of aluminum is 2700 kg/m3 in the processing; thus, m0 = m1 = m2 = m3 = 6.7 kg is
calculated according to the structure size; (2) The modulus of the elasticity of aluminum is set
70 Gpa so that k0 = k1 = k2 = k3 = 4.2 × 105 N/m; (3) By analyzing the excitation response test
of the beam element shown in Figure 2, it can be found that the measured mode damping ratio
usually has less influence than the inertia and stiffness of the structure. We can determine the
Rayleigh damping coefficient by using the orthogonality experiment between the damping matrix
and the vibration response mode shape of the structure. Rayleigh damping coefficients are estimated
as α = 3.12 × 10−3, β = 1.77 × 10−4; (4) Q = 1.2 × 10−7I, R = 1.15I, and these will be slightly
and appropriately adjusted in the calculation. (5) Take the initial displacement and velocity as 0,

so that X0|0 =
[
0, 0, 0, 0, 0, 0, 0, 0, 4.2× 105, 4.2× 105, 4.2× 105, 3.12× 10−3, 1.77× 10−4

]T
. By applying

the magnitude balance technology, we can set κamp = 4.2× 105, αamp = 3.12× 10−3, βamp = 1.77× 10−4

and adjust X0|0 as [0, 0, 0, 0, 0, 0, 0, 0, 1, 1, 1, 1, 1]T; (6) PX,0|0 is set as the identity matrix I.
By substituting the above parameters into the structural state equations and the observation

equations that are expressed as Equations (6)~(10), the results of the NDT analysis can be obtained as
described in the following section.

3.3. Analysis of the Nondestructive Testing Results

3.3.1. Working Condition without Damage

Under the conditions without damage, k1 ∼ k3, α and β are obtained as shown in Figure 5 when
the proposed recognition algorithm is used in the situation.

It can be seen from Figure 5 that structural damage can be identified based on the algorithm in the
paper. The computation converges very quickly so that, k1 ∼ k3 reaches the steady values within 14.5 s.
Moreover, α and β converge to steady values within the 20 s. The differences between the recognition
results and the initial values show that the initial estimation of the structure parameters is not accurate.
However, by using the UKF it can give a more accurate structural parameter identification even under
the condition with observation noises.
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Figure 5. Identification results of the system parameters under the nondestructive working conditions:
(a) recognition results of k1, (b) recognition results of k2, (c) recognition results of k3, (d) recognition
results of α and (e) recognition results of β.

3.3.2. Conditions of Damage on Column 2

When column 2 is damaged, the proposed algorithm is also used to identify k1 ∼ k3, α and β.
The recognition results are compared with that in Figure 5, as shown in Figure 6.

It can be seen from Figure 6 that: (1) among the stiffness parameters, only k1 decreased considerably
compared with that in the nondestructive condition. It was about 4.11× 105 N/m without damage,
while about 2.53 × 105 N/m after the damage, with a decrease rate of 38.4%. According to Table 1,
when the stiffness of Column 2 decreases by 64.9% under Condition 2, the theoretical reduction of
k1 between the first layer and second layer should be 47%. There is a small difference between the
identification by UKF and theoretical values, and this does not affect the location of damage. (2) The
mass damping coefficient α does not have significant change, but the stiffness damping coefficient β
changes significantly after the damage. This phenomenon was caused by the stiffness change of the
frame structure which is reasonable. In conclusion, the damage-identification method based on UKF
has achieved good performance, which can not only locate the damage position effectively, but also
give an accurate damage degree estimation.
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4. Conclusions

This paper presents a vibration signal analysis method based on UKF. A simulation was
conducted to analyze the interaction process between the vibration and the frame structure defects.
A nondestructive damage-detection algorithm based on UKF was designed in this paper. Taking
the beam structure unit widely used in production as an example, the damage-identification effect
of the UKF method under known excitation and unknown excitation was investigated, and the
damage location and quantitative evaluation of the damage degree of the frame structure using the
proposed algorithm were realized. The results show that the research method in this paper has obvious
advantages in damage location and quantitative performance. Compared with the traditional Kalman
filter method, the biggest advantage of the UKF method is that it does not need to calculate the Jacobi
matrix, and the calculation amount is equivalent to that of EKF, but its accuracy is obviously higher
than that of EKF. Thus, the calculation workload in the process of the damage identification of the
frame structure is greatly reduced and the application is much simpler. In the field of structural
material damage identification, the method shows a better universality. The proposed method also
significantly increases the efficiency and effectiveness, as well as the damage location accuracy of
damage identification in current engineering applications. The analysis of the response signal in
the structure under additional noise shows that the nondestructive testing method presented in this
paper can still give reliable damage-identification results under the condition of interference, showing
a characteristic of strong anti-interference and high robustness. In the follow-up study, we will
comprehensively analyze the material and beam structure characteristics, and use the finite element
method to study the deformation, principal stress, tensile stress and shear stress of the beam element,
so as to improve the practical application effect of the identification algorithm.
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