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ABSTRACT

Alternative polyadenylation (APA) is an RNA-
processing mechanism on the 3’ terminus that
generates distinct isoforms of mRNAs and/or
other RNA polymerase Il transcripts with differ-
ent 3'UTR lengths. Widespread APA affects post-
transcriptional gene regulation in mRNA translation,
stability, and localization, and exhibits strong tis-
sue specificity. However, no existing database pro-
vides comprehensive information about APA events
in a large number of human normal tissues. Us-
ing the RNA-seq data from the Genotype-Tissue Ex-
pression project, we systematically identified APA
events from 9475 samples across 53 human tis-
sues and examined their associations with multiple
traits and gene expression across tissues. We fur-
ther developed APAatlas, a user-friendly database
(https://hanlab.uth.edu/apa/) for searching, browsing
and downloading related information. APAatlas will
help the biomedical research community elucidate
the functions and mechanisms of APA events in hu-
man tissues.

INTRODUCTION

The maturation of 3’ ends of mRNA and/or other RNA
polymerase II products (i.e. long-noncoding RNA) involves
cleavage at the poly(A) site (PAS) and synthesis of a poly(A)
tail. Alternative polyadenylation (APA) is a phenomenon
in which multiple PASs of the same gene are recognized by
cleavage and polyadenylation machinery, leading to tran-
script isoforms with various 3’ untranslated regions (3'-
UTRs), which may further regulate mRNA translation, sta-
bility and localization (1). APA is conserved and common

among eukaryotes (1) and can be found in >70% of human
genes (2). Dynamic APA changes occur during cell prolifer-
ation and differentiation and exhibit strong tissue specificity
(1,3-5). For example, the testis as well as proliferating CD4*
T cells tend to have proximal PASs (5,6), while brain and
neuronal cells tend to have longer 3'-UTRs (6,7). Growing
evidence suggests that APA participates in human diseases,
especially in cancer (8-11).

Early APA databases (i.e. PolyA_DB2 (12) and PACdb
(13)) were based on expressed sequence tags, which could
only detect limited APA events. The fast development of
next-generation sequencing has provided opportunities for
detecting genome-wide APA events. Several APA databases,
including APADB (14), APASdb (15) and PolyA_DB3 (16),
were developed based on 3'-sequencing data, but collected
only small amounts of human tissues and disease samples.
In contrast, RNA-seq has become the standard technology
for transcriptome profiling and has been applied in large-
scale genomic studies. Several algorithms have been devel-
oped for identifying APA events from RNA-seq data (17),
either based on de novo identification algorithms (i.e. Da-
Pars (9) and IsoSCM (18)) or annotation-based algorithms
(i.e. QAPA (19) and SAAP-RS (7)). TC3A provided com-
prehensive compilation of APA events in thousands of tu-
mors from The Cancer Genome Atlas (20). However, no ex-
isting database has collected APA events in a large number
of human normal tissues.

The Genotype-Tissue Expression (GTEx) project pro-
vides, the largest collection of RNA-seq data in >50 human
normal tissues, along with numerous traits, and thus can
be a good resource for studying gene expression and other
RNA changes in normal tissues (21). Based on GTEx data,
we characterized APA events across 53 human normal tis-
sues and developed the APAatlas, a database we have used
to explore the APA landscape across tissues and investigate
the relevance between APA usage and GTEXx traits or gene
expression.
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DATA COLLECTION AND PROCESSING
RNA-seq data collection and processing

We downloaded 9,611 GTEx RNA-seq files across 548 hu-
man donors from the database of Genotypes and Phe-
notypes (dbGaP) (22) (https://www.ncbi.nlm.nih.gov/gap/)
under accession number phs000424.v7.p2 on 26 July 2018 in
sra format and converted them into standard fastq using the
fastq-dump program of the SRA toolkit (23) (https://trace.
ncbi.nlm.nih.gov/Traces/sra/). For all replicates (the same
sample with two or more RNA-seq files), we retained only
the file with the largest number of reads (24). Thus, we re-
tained 9475 RNAseq sample files, encompassing 53 normal
tissues. We aligned RNA-seq reads to the human genome
(hg19/GRCh37) using HISAT2 (version 2.1.0) (25). We
downloaded the expression matrix (release v7) and trait
datasets (pht002742.v7.p2) from the GTEx portal (https:
[Iwww.gtexportal.org/home/) and dbGaP, respectively, on
08/10/2018. We collected gene annotations from GEN-
CODE v19 (26) (https://www.gencodegenes.org/) and Ref-
Seq (27) (https://www.ncbi.nlm.nih.gov/refseq/).

Quantification of alternative polyadenylation

While annotation-based algorithms can benefit from 3'-
sequencing-based APA site annotations, recent studies have
also demonstrated the possibility of de novo identification
algorithms to identify novel APA events in a large number
of samples (9,10,20). Therefore, we utilized two popular al-
gorithms to quantify APA usage from standard RNA-seq
data (Figure 1). We first used the well-established de novo
algorithm DaPars with RefSeq hg19 annotation (9) to iden-
tify the alternative proximal PAS within each tissue. Based
on the two-PAS model, DaPars applies a linear regression
model to infer the location of the APA site within the 3’
UTR region. We quantified the relative abundance of long
and short 3’ UTR isoforms as the percentage of the distal
poly(A) site usage index (PDUI). We discarded the PDUIs
of certain transcripts for which the coverage of the last exon
<30x , as previously described (9). We retained transcripts
that had non-missing values in at least one sample.

We also applied an annotation-based algorithm, the
significance analysis of alternative polyadenylation using
RNA-seq (SAAP-RS), (7) on the GTEx RNA-seq data. We
downloaded the annotations of the PASs from PolyA_DB3
(16). For each gene in GENCODE v19 annotation, we kept
the longest transcript (16) and chose the first conserved PAS
located in the 3’-most exon as the reference PAS (7). We
defined the upstream region as being from the stop codon
to the reference PAS and the downstream region as be-
ing from the reference PAS to the last PAS. For each gene,
we quantified APA usage using the relative expression dif-
ference (RED), log2(DN/UP), where DN and UP are the
number of reads respectively mapped into the downstream
and upstream regions. SAAP-RS required the read density
(read number/region length) of the downstream region to
be lower than that of the upstream region (7), and we fur-
ther required the read density of the upstream region to be
> 30. We retained transcripts with a detected RED in at
least one sample. We then normalized the RED for each
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gene by standardization (subtracted the mean and divided
by the standard deviation) across all 9,475 samples.

DATABASE CONTENT AND USAGE
APA landscape across tissues

In total, we identified 689 346 APA events (median: 13 063
per tissue) with DaPars and 435,797 APA events (median:
8322 per tissue) with SAAP-RS (Supplementary Table S1).
DaPars has identified significantly more APA events than
SAAP-RS (Supplementary Figure S1). Because de novo
identification may introduce false positives, we utilize two
methods in our data portal. We recapitulated previously
published findings with regard to tissue-specific APA. For
example, we observed that brain tissue tends to harbor
longer 3'UTR isoforms, whereas blood and testicular tis-
sues tend to have shorter 3’'UTRs (Supplementary Figure
S2). We also found that several genes had greater tendency
to have long 3’'UTR isoforms in brain tissues than in the
testis and liver (Supplementary Figure S3), which is consis-
tent with the findings from previous studies (3-5). To en-
sure adequate statistical power, we filtered the APA events
with zero variance and performed further analysis for tis-
sues with sample size >30 (Figure 1). For each gene, we used
the Wilcoxon test (two tissues) or Kruskal-Wallis test (three
or more tissues) to test the significant difference in APA us-
age among tissues.

Association between APA and traits

For continuous traits (age, height, weight and body mass
index), we used Spearman’s rank correlation to calculate
the correlation coefficient (Rs), with APA events > 30 sam-
ples in a tissue (Figure 1). We defined significant correla-
tion as the absolute value of Rs > 0.3 and false discov-
ery rate (FDR) <0.05. For categorical traits (sex, race, au-
tolysis score, hardy scale and ischemic time), we used the
Wilcoxon test (two groups) or Kruskal-Wallis test (three or
more groups) to test the significant difference in APA usage
among trait groups with > 10 samples (Figure 1). We de-
fined a significant difference across different groups in cate-
gorical traits as FDR <0.05. In total, we identified 107 305
(PDUI) and 91 687 (RED) APA events relevant to at least
one trait (Supplementary Table S1).

Correlation between APA and gene expression

Protein coding genes and IncRNA genes with median tran-
scripts per million > 0.1 in a tissue remained for analysis. We
used Spearman’s rank correlation to calculate the correla-
tion coefficient (Rs) between APA and gene expression and
performed multiple correction by FDR. We defined signifi-
cant correlation between the gene expression level and APA
usage as the absolute value of Rs >0.3 and FDR <0.05. In
total, 285 083 (PDUI) and 234 092 (RED) APA events were
significantly correlated with the expression of at least one
gene (Supplementary Table S1).

Web design and interface

APAatlas provides an easily accessible web interface de-
veloped in Bootstrap 4, a JavaScript framework that in-
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Remove duplicates
Transfer to fastq files
Align to hg19 with HISAT

9,475 bam files
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DaPars Coverage of last Read density of SAAP-RS
exon 2 30 689,346 PDUI upstream region = 30
435,797 RED
53 tissues
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events = 30 samples
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events = 10 samples
in each group
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Figure 1. Construction pipeline of the APAatlas database. RNA-seq raw data, gene expression and traits involved in 53 human tissues were collected
from the Genotype-Tissue Expression (GTEx) portal. Two algorithms were used to quantify alternative polyadenylation (APA) usage: The percentage of
distal poly(A) site usage index (PDUI) was de novo identified by DaPars; the relative expression difference (RED) was quantified by the annotation-based
algorithm SAAP-RS and further filtered by sample size and APA events for subsequent analysis. Users can query the APA landscape, trait relevance, and
gene expression correlation in three modules and download APA usage matrixes.

cludes HTML, CSS and JavaScript code designed for
creating responsive websites and web applications (http:
/lgetbootstrap.com/). The website was developed using
Python (2.7.2), based on the Django web-framework. Data
querying, retrieval and plotting were performed by R
(3.5.3). Three modules are provided for users to view the
APA landscape across tissues, trait relevance, and expres-
sion correlation of certain APA events (Figure 2A). In each
module, users can select algorithms and tissues and query
APA events by typing the gene symbol, RefSeq transcript
ID or Ensembl gene ID in the search box (Figure 2B). The
search box is case- and space- insensitive.

Data browsing and querying of three modules

Querying on the ‘Landscape’ page returns a table with an
algorithm, gene symbol, RefSeq transcript ID, and the En-
sembl gene ID (28) of the queried gene name. For each
record, a gene structure plot is provided to display the exact
coordinate of the APA site, and a diagram of the boxplot
is provided to display the APA landscape across selected
tissues. For example, DaPars located the APA site of gene
CD47 at chr3:107 765 938 in the 3'-UTR of the last exon
(Figure 2C). The PDUI of gene CD47 is significantly differ-

ent among tissues from the brain cortex, ovary, testis and
liver (Figure 2D).

Querying on the ‘Trait Relevance’ page, users can select
the trait(s) of interest. Details with the algorithm, tissue,
gene symbol, RefSeq transcript ID, Ensembl gene ID P-
value, sample size and significance (Rs and FDR for con-
tinuous traits; FDR for categorical traits) will be displayed.
A diagram of the boxplot (for categorical traits) or Spear-
man’s correlation dot plot (for continuous traits) is embed-
ded in each trait of each record to display the association
between APA events and traits. For example, the PDUI
of gene CD47 showed sex differences in breast tissue (Fig-
ure 2E), while the RED of CD47 differed among ischemic
groups in whole blood (Figure 2F) and correlated with age
in ovarian tissue (Figure 2G). Users can also view the gene
structure and APA site by clicking the ‘APA Site’ button.

Querying on the ‘Expression Correlation’ page will re-
turn the algorithm, gene symbol, RefSeq transcript ID, En-
sembl gene ID as well as the gene structure plot of the APA
events. For ecach APA event, a table containing the gene
symbol, Ensembl gene ID, Rs, P-value and FDR of each
significantly expression-correlated gene can be retrieved by
clicking the ‘Details’ button (Figure 2H). Users can further
retrieve the Spearman’s correlation dot plot for each corre-


http://getbootstrap.com/

Nucleic Acids Research, 2020, Vol. 48, Database issue D37

A Landscape Trait Relevance Expression Correlation

*.*ﬁ

o=
e WE

B _ D CD47
= Query Kruskal-Wallis p=4.5e-92

Select Algorithm:

Percentage of Distal polyA site Usage Index (PDUI) ¥ Brain - Cortex (n=130) ﬂ_
Select Tissues:

All Tissues Default: All Tissues
Ovary (n=108) | - —D]—
Type in Query Gene: g
cD4a7 Example: CD47, ENSG00000196776, 8
NM_001777 =

Testis (n=202) { {[F——" -
:
Yol
N
o

Liver (n=135)
c chr3:107765938 [N CDS[JUTR V¥V Predicted site
v T T T T
B R e R S [ g g & g
chr3 = S = <
107760000 107770000 107780000 107790000 107800000 107810000 PDU I
E cp47 F coar G cpsr
Wilcoxon test p = 8.9e-08, FDR=4.8e-05 Kruskal-Wallis p=1.2e-04, FDR=3.4e-04 n =108, Rs =-0.3, p = 0.0015, FDR=0.03
1
0.6 0 .
=) a) g :1 . a)
) o -1 . .| & o
@ 04 4 a0
- . va |
0.2 T . -
-3 o .
e 70
Female Male 0-300 301-600 601-900 901-1200 1201-1500 20 30 40 50 60
(n=92) (n=126) (n=125) (n=46) (n=58) (n=31)  (n=12)
Sex Ischemic Time (s) Age
- e e (N=:
g DNegahve (N=233) I:‘Poslllve (N=3255) CD47
2 300 n=340, Rs=0.51, p=0, FDR=0
o
Y ’-|-|-”-|-|-|-|T|_|-|'ﬂ'l'n-m-n_ 07 .
w o e LI
-06 -0.5 -0.4 -0.3 0.3 0.4 0.5 0.6 . )
Expression Correlations Rs . s
D 05
Shi 10 v entri Search: | nudt21 [a]
ow entries O
Gene Symbol 1 Ensembl Gene Id Rs P FDR Plot 0.3
NUDT21 ENSG00000167005 0.51 0 0 o
0.1 -
Showing 1to 1 of 1 entries (filtered from 3,478 total entries) 4.0 5.0 6.0
& Download Excel Previous Next Gene expression (log2(TPM+1))

NUDT21

Figure 2. Overview of APAatlas database. (A) Three modules of APAatlas, including landscape, trait relevance, and expression correlation. (B) Query
interface of landscape module. Users can select the algorithm and tissue(s), search APA events by gene name, Ensembl gene id or RefSeq transcript ID. (C)
DaPars located the APA site of CD47 at chr3:107,765 938, in the 3’-UTR of the last exon. (D) Example of the APA usage landscape across tissues: PDUI
of gene CD47 significantly differed among the brain cortex, ovary, testis and liver. (E-G) Examples of APA events relevant to traits and gene expression:
(E) in breast tissue, PDUI of CD47 showed a sex difference; (F) in whole blood, RED of gene CD47 differed among ischemic groups; (G) RED of gene
CD47 negatively correlated with age in ovarian tissue. (H) Example of gene expression correlated with PDUI of CD47 in subcutaneous adipose tissue.
Histogram showing the distribution of positively and negatively correlated genes; table showing the information of one correlated gene NUDT21. (I) In
subcutaneous adipose tissue, PDUI of CD47 positively correlated with the expression of gene NUDT21.
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lated gene. For example, in subcutaneous adipose tissue, the
PDUI of gene CD47 is positively correlated with the expres-
sion of gene NUDT21, which is a key APA regulator (29)
(Figure 2I). If the number of significantly correlated genes
> 10, a histogram of the distribution of positively and neg-
atively correlated genes is provided (Figure 2H).

The sample size and number of APA events of each tissue
are displayed in the ‘Dataset’ page. APAatlas also provides
a detailed ‘Documents’ page describing how to search and
browse APA events, as well as data collection and analytic
methods.

Download of data, figures and tables

All the plots generated in the three modules can be down-
loaded in PDF format by clicking the ‘Download PDF’ but-
ton below the plot. A trait relevance table and gene expres-
sion correlation table can be downloaded in Excel format by
clicking the ‘Download Excel’ link below the table. On the
‘Downloads’ page, users can download the full APA usage
matrix through the download links or query the APA usage
matrix by tissue type. In addition, we designed a ‘Down-
load Data’ button in the ‘Landscape’ module for users to
download the APA usage data of single genes in select tis-
sues. Matrix files are in plain text and compressed into zip
format. In each matrix, APA events are indexed by rows.
The first three columns represent the gene symbol, RefSeq
transcript ID and Ensembl gene ID; the remaining columns
represent PDUI or RED values for each sample.

SUMMARY AND FUTURE DIRECTIONS

We developed the APAatlas as a user-friendly database for
querying and downloading APA usage in human tissues.
By utilizing the large-scale RNA-seq datasets from GTEx,
APAatlas provides the most comprehensive APA usage for
9475 samples across 53 human tissues. In APAatlas, we
identified 689 346 APA events with PDUI and 435 797
APA events with RED. APAatlas further provides special-
ized modules for users to query the APA landscape across
tissues, trait relevance, and correlations between APA usage
and gene expression. We only considered APA events in an-
notated 3’-UTR regions with the two-PAS model utilized
by these two algorithms (7,9). We will update the APAat-
las to include more human samples and will maintain it as
a useful resource for the research community. APA is the
emerging mechanism involved in the regulation of mRNA
translation, stability and localization. It will be necessary
to further investigate the regulating mechanisms of APAs
through integrative analysis.
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FUNDING

Cancer Prevention & Research Institute of Texas
[RR150085] to CPRIT Scholar in Cancer Research
(to L.H.); U.S. National Institutes of Health [CA175486
and CA209851 to H.L., CCSG grant CA016672]. Funding
for open access charge: Cancer Prevention & Research
Institute of Texas.

Conflict of interest statement. None declared.

REFERENCES

1. Tian,B. and Manley,J.L. (2017) Alternative polyadenylation of
mRNA precursors. Nat. Rev. Mol. Cell Biol., 18, 18-30.

2. Hoque,M., Ji,Z., Zheng,D., Luo,W., Li,W., You,B., Park,J.Y.,
Yehia,G. and Tian,B. (2013) Analysis of alternative cleavage and
polyadenylation by 3’ region extraction and deep sequencing. Nat.
Methods, 10, 133-139.

3. Lianoglou,S., Garg,V., Yang,J.L., Leslie,C.S. and Mayr,C. (2013)
Ubiquitously transcribed genes use alternative polyadenylation to
achieve tissue-specific expression. Genes Dev., 27, 2380-2396.

4. Miura,P., Shenker,S., Andreu-Agullo,C., Westholm,J.O. and Lai,E.C.
(2013) Widespread and extensive lengthening of 3’ UTRs in the
mammalian brain. Genome Res., 23, 812-825.

5. Zhang,H., Lee,J.Y. and Tian,B. (2005) Biased alternative
polyadenylation in human tissues. Genome Biol., 6, R100.

6. Sandberg,R., Neilson,J.R., Sarma,A., Sharp,P.A. and Burge,C.B.
(2008) Proliferating cells express mRNAs with shortened 3’
untranslated regions and fewer MicroRNA target sites. Science, 320,
1643-1647.

7. Guvenek,A. and Tian,B. (2018) Analysis of alternative cleavage and
polyadenylation in mature and differentiating neurons using
RNA-seq data. Quant. Biol., 6, 253-266.

8. Masamha,C.P, Xia,Z., Yang,J., Albrecht,T.R., Li,M., Shyu,A.-B.,
Li,W. and Wagner,E.J. (2014) CFIm25 links alternative
polyadenylation to glioblastoma tumour suppression. Nature, 510,
412-416.

9. Xia,Z., Donehower,L.A., Cooper,T.A., Neilson,J.R., Wheeler,D.A.,
Wagner,E.J. and Li,W. (2014) Dynamic analyses of alternative
polyadenylation from RNA-seq reveal a 3’-UTR landscape across
seven tumour types. Nat. Commun., S, 5274.

10. Xiang,Y., Ye,Y., Lou,Y., Yang,Y., Cai,C., Zhang,Z., Mills,T.,
Chen,N.-Y., Kim,Y., Muge Ozguc,F. et al. (2018) Comprehensive
characterization of alternative polyadenylation in human cancer.
JNCI J. Natl. Cancer Inst., 110, 379-389.

11. Xiang,Y., Ye,Y., Zhang,Z. and Han,L. (2018) Maximizing the utility
of cancer transcriptomic data. Trends Cancer, 4, 823-837.

12. Lee,J.Y., Yeh,I., Park,J.Y. and Tian,B. (2007) PolyA_DB 2: mRNA
polyadenylation sites in vertebrate genes. Nucleic Acids Res., 35,
D165-D168.

13. Brockman,J.M., Singh,P,, Liu,D., Quinlan,S., Salisbury,J. and
Graber,J.H. (2005) PACdb: PolyA cleavage site and 3'-UTR database.
Bioinformatics, 21, 3691-3693.

14. Miiller,S., Rycak,L., Afonso-Grunz,F., Winter,P., Zawada,A.M.,
Damrath,E., Scheider,J., Schmih,J., Koch,I., Kahl,G. et al. (2014)
APADB: a database for alternative polyadenylation and microRNA
regulation events. Database, 2014, bau076.

15. You,L., Wu,J,, Feng,Y., Fu.Y., Guo,Y., Long,L., Zhang,H., Luan,Y.,
Tian,P., Chen,L. e al. (2015) APASdb: a database describing
alternative poly(A) sites and selection of heterogeneous cleavage sites
downstream of poly(A) signals. Nucleic Acids Res., 43, D59-D67.

16. Wang,R., Nambiar,R., Zheng,D. and Tian,B. (2018) PolyA_DB 3
catalogs cleavage and polyadenylation sites identified by deep
sequencing in multiple genomes. Nucleic Acids Res., 46, D315-D319.

17. Gruber,A.J. and Zavolan,M. (2019) Alternative cleavage and
polyadenylation in health and disease. Nat. Rev. Genet., 20, 599-614.

18. Shenker,S., Miura,P., Sanfilippo,P. and Lai,E.C. (2015) [soSCM:
improved and alternative 3’ UTR annotation using multiple
change-point inference. RNA, 21, 14-27.

19. Ha,K.C.H., Blencowe,B.J. and Morris,Q. (2018) QAPA: a new
method for the systematic analysis of alternative polyadenylation
from RNA-seq data. Genome Biol., 19, 45.

20. Feng,X., Li,L., Wagner,E.J. and Li,W. (2017) TC3A: the cancer 3’
UTR atlas. Nucleic Acids Res., 46, D1027-D1030.

21. Lonsdale,J., Thomas,J., Salvatore,M., Phillips,R., Lo,E., Shad,S.,
Hasz,R., Walters,G., Garcia,F., Young,N. et al. (2013) The
Genotype-Tissue Expression (GTEx) project. Nat. Genet., 45,
580-585.

22. Tryka,K.A., Hao,L., Sturcke,A., Jin,Y., Wang,Z.Y., Ziyabari,L.,
Lee,M., Popova,N., Sharopova,N., Kimura,M. et al. (2014) NCBI’s
database of genotypes and phenotypes: dbGaP. Nucleic Acids Res.,
42, D975-D979.


https://academic.oup.com/nar/article-lookup/doi/10.1093/nar/gkz876#supplementary-data

23.

24.

25

26.

Kodama,Y., Shumway,M. and Leinonen,R. (2012) The sequence read
archive: explosive growth of sequencing data. Nucleic Acids Res., 40,
D54-D56.

Melé,M., Ferreira,P.G., Reverter,F., DeLuca,D.S., Monlong,J.,
Sammeth,M., Young,T.R., Goldmann,J.M., Pervouchine,D.D.,
Sullivan,T.J. ez al. (2015) The human transcriptome across tissues and
individuals. Science, 348, 660—665.

. Kim,D., Langmead,B. and Salzberg,S.L. (2015) HISAT: a fast spliced

aligner with low memory requirements. Nat. Methods, 12, 357-360.
Frankish,A., Diekhans,M., Ferreira,A.-M., Johnson,R., Jungreis,].,
Loveland,J., Mudge,J.M., Sisu,C., Wright,J., Armstrong,J. et al.
(2019) GENCODE reference annotation for the human and mouse
genomes. Nucleic Acids Res., 47, D766-D773.

Nucleic Acids Research, 2020, Vol. 48, Database issue D39

217.

28

29.

O’Leary,N.A., Wright, M.W,, Brister,J.R., Ciufo,S., Haddad,D.,
McVeigh,R., Rajput,B., Robbertse,B., Smith-White,B., Ako-Adjei,D.
et al. (2016) Reference sequence (RefSeq) database at NCBI: current
status, taxonomic expansion, and functional annotation. Nucleic
Acids Res., 44, D733-D745.

. Cunningham,F., Achuthan,P., Akanni,W., Allen,J., Amode,M.R.,

Armean,l.M., Bennett,R., Bhai,J., Billis,K., Boddu,S. et al. (2019)
Ensembl 2019. Nucleic Acids Res., 47, D745-D751.

Li,W,, You,B., Hoque,M., Zheng,D., Luo,W., Ji,Z., Park,J.Y.,
Gunderson,S.I., Kalsotra,A., Manley,J.L. et al. (2015) Systematic
profiling of Poly(A)+ transcripts modulated by core 3’ end processing
and splicing factors reveals regulatory rules of alternative cleavage
and polyadenylation. PLOS Genet., 11, e1005166.



