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Abstract
Bullying literature notes that aside from the dyadic relationship of target and perpetrator, there are other participant roles in 
the bullying process including those that reinforce the perpetrator and those that stand up for the target. Most examinations 
of bullying roles have relied on self-reported data, which suffer from key limitations such as response and recall bias. Twitter 
data provides a way to overcome these limitations and extend our current understanding of bullying roles. The current study 
provides one of the first qualitative examinations of tweets to analyze the disclosure and sharing of bullying-related online 
and offline episodes. Through a qualitative content analysis, the study examines 780 tweets to analyze the descriptions and 
characteristics of three participant roles: the perpetrator, target, and helper. The results provide multidimensional insights 
into the context and relationships between bullying roles. The results reveal that each of the bullying role players tweet to 
share varying perspectives and the discussions transcend beyond just online exchanges. The results also confirm that Twitter 
is used not only as a channel for bullying but also as a tool for connection between the different role players. Implications 
of how Twitter can be leveraged to promote anti-bullying initiatives to educate and inform users about bullying, while also 
helping build resilience and emotional regulation, are discussed. Additionally, the study also has implications for artificial 
intelligence and can help to build improved classifiers to detect bullying-related discourse and content online.
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Introduction

Bullying is defined as behavior that involves unwanted 
behavior, a power imbalance, and repetition (Olweus, 1993). 
Bullying can occur in many forms, including verbal, physi-
cal, social, emotional, and cyber bullying. The literature 
states that aside from the dyadic relationship of target and 

perpetrator, there are other participant roles in the bullying 
process. These include those that actively or passively rein-
force the bullying behavior, those that directly or indirectly 
help the target, and those who may change their behavior 
according to the social context (Bellmore et al., 2015; Levy 
& Gumpel, 2018; Olweus & Limber, 2010; Salmivalli, 
Karhunen, et al., 1996; Salmivalli, Lagerspetz, et al., 1996; 
Salmivalli, 1999; Salmivalli, 2010; Wójcik & Flak, 2019; 
Xu et al., 2012). However, previous examinations of bully-
ing participant roles have largely been limited to self-report 
surveys or interviews (Lambe et al., 2019; Salmivalli, 1999; 
Salmivalli, Karhunen, et al., 1996; Salmivalli, Lagerspetz, 
et al., 1996). Relying solely on self-report data to under-
stand bullying roles has some disadvantages including 
several sources of bias. Response bias may lead to biased 
estimates of self-assessed behavior including social desir-
ability bias, where respondents want to look good by provid-
ing a response that they think is socially or morally correct 
(Rosenman et al., 2011). Furthermore, this approach expects 
participants to recall behaviors or emotions retrospectively 
which can result in recall bias. It has been suggested that 
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the longer the recall period, the less accurate participants’ 
responses may be (Stull et al., 2009). Self-report data can 
also be limited to small sample sizes and have a narrow 
focus based on the scope of the survey.

In the last decade, merging the fields of social science 
and computer science, researchers have begun to analyze 
bullying roles in online spaces such as Twitter through the 
use of machine learning algorithms (Bellmore et al., 2015; 
Chelmis et al., 2017; Chatzakou et al., 2017b; Dhungana 
Sainju et al., 2021; Xu et al., 2012). Twitter, a microblogging 
and social networking site launched in 2006, allows users to 
write out 280 character posts also known as “tweets” that 
appear on their timeline. Tweets can include links to web-
sites and hashtags, words, or phrases preceded by a hash 
(#) sign, which helps to categorize the tweet and allow it 
to pop up on a Twitter search. Users can also follow other 
Twitter users to see their tweets and can “retweet” or share 
other users’ tweets. Twitter data is primarily public-facing, 
and its design allows users to share their own experiences or 
follow a specific incident or topic in real-time. It is also one 
of the most popular social media platforms, available in 33 
languages with over 330 million monthly active users world-
wide (Clement, 2019). Anyone who is 13 years or older can 
open an account. Recent statistics indicate that about 80.2% 
of Twitter users worldwide are between 18 and 49 years old; 
18–24-year-olds represent 25.2%, 25–34-year-olds make up 
26.6%, and 35–49-year-olds were the largest age group of 
Twitter users at 28.4%. Those 50 and over account for 12% 
and 13–17-year-olds were the smallest age group represent-
ing 7.8% of all Twitter users (Tankovska, 2021). 

While both traditional examinations and machine learn-
ing approaches expand our understanding of the different 
bullying roles, we still have limited contextual information 
about how and why these roles transpire in online spaces. To 
our knowledge, no qualitative research exists on descriptions 
of bullying episodes and roles using social media data from 
Twitter. Given the growth and impact of social media plat-
forms, it is important to understand how bullying episodes 
and its’ role players are described in online spaces. Addition-
ally, since most prior research on bullying tends to focus on 
online spaces as a conduit for cyberbullying perpetration, it 
is equally important to understand how online platforms such 
as Twitter can also serve as therapeutic, cathartic, and sym-
pathetic spaces where individuals can interact, support, and 
share information with others. Combining Twitter data and 
qualitative analysis will allow us to advance our contextual 
understanding of both online and offline bullying episodes 
and roles and could point to important considerations for 
leveraging Twitter to address the issue of bullying. Finally, 
this work also has implications for how natural language 
processing (NLP) and machine learning (ML) techniques 
can be used to better understand bullying and cyberbullying 
roles as well as build richer classifiers. The approach used 

in this study to identify bullying traces and bullying roles 
within tweets can help provide valuable context for machine 
learning and artificial intelligence engineers, in particular by 
helping to provide clarity in bullying-related terminology, 
recognizing abusive or bullying content, and accounting for 
context within the tweets to optimize bullying detection NLP 
models and ML classifiers (Vidgen et al., 2019).

Literature Review

Who are the Perpetrators?

According to a systematic analysis drawing on 30 years of 
bullying research, the typical bullying perpetrator has exter-
nalizing behaviors, negative attitudes and beliefs about oth-
ers, trouble resolving problems, and is negatively influenced 
by peers (Cook et al., 2010). Kowalski et al. (2014) meta-
analysis of cyberbullying research among youth indicates 
that those who cyberbully tend to also bully in face-to-face 
settings. Risky online behavior (Kowalski et al., 2014), lim-
ited self-control (Vazsonyi et al., 2012), aggressive offline 
behavior (Ang et al., 2011), and low self-esteem (Dhungana 
Sainju, 2020) are also linked to increased cyberbullying 
perpetration. Moreover, bullying perpetrators are not lim-
ited to youth; adults can also engage in bullying behavior 
in work, social, and familial settings (Bartlett & Bartlett, 
2011; Piotrowski, 2016). Characteristics such as narcis-
sism, Machiavellianism, verbal aggression, and domineer-
ing and self-centered behaviors are linked to adult bullies 
(Piotrowski, 2015, 2016).

What are the Risk Factors for Becoming a Target 
of Bullying?

Anyone can become a target of bullying; however, certain 
characteristics may increase the risk of victimization with 
bullying often targeted at minority groups. Studies indi-
cate that individuals who identify, or are perceived, as les-
bian, gay, bisexual, transgender, or questioning (LGBTQ) 
are twice as likely to get bullied on school property (Kann 
et al., 2018) and significantly more likely to get bullied or 
harassed online compared to non-LGBTQ youth (GLSEN, 
CiPHR, & CCRC, 2013). Additionally, perpetrators may 
also target overweight and obese children (Janssen et al., 
2004), children with attention-deficit-hyperactivity disorder 
(Holmberg & Hjern, 2008), learning disabilities (Mishna, 
2003), autism spectrum disorder (Zeedyk et al., 2014), 
intellectual disabilities (Christensen et al., 2012), and those 
who have lower levels of peer acceptance and perceived 
popularity (de Bruyn et al., 2010).
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Who are the “Helpers” in a Bullying Incident?

According to Salmivalli (1999), individuals who support 
the target and stand up to the perpetrator are “defenders.” 
Xu et al. (2012) introduced two additional helper roles 
within the social media context. A “reporter” is someone 
who shares information about a bullying episode but is 
not involved in the incident, and an “accuser” is some-
one who directly accuses a perpetrator in a social media 
post (Bellmore et al., 2015; Xu et al., 2012). The helper 
roles have also been described along a continuum and 
prior research point to fluidity in the roles based on the 
social and peer context (Levy & Gumpel, 2018; Olweus 
& Limber, 2010; Wójcik & Flak, 2019). Wójcik and Flak 
(2019) identified the role of “frenemy” as individuals who 
befriend targets when not in the presence of perpetrators 
or peers but ignore and disengage in social contexts such 
as the classroom. Additionally, Levy and Gumpel’s (2018) 
study referred to the “help-seeker” as individuals who 
assist indirectly; these helpers may ask others to assist 
or may report the incident but do not directly challenge 
or approach a bullying perpetrator for fear of retaliation. 
Though the help-seekers’ indirect behavior may not stop 
the aggression, their actions provide important support for 
the victim and their wellbeing (Levy & Gumpel, 2018). 
The literature examining offline helper roles is extensive 
compared to examinations of online defending. A recent 
systematic review by Lambe et al. (2019) of defending 
included a final selection of 130 articles on offline defend-
ing versus 25 articles on online defending. According to 
the review, assessments of online defending have almost 
exclusively relied on self-reports from youth, with 47% of 
online research relying on early adolescents, 42% focusing 
on high school students, and a few studies conducted with 
university student samples. The review results indicate 
that in both online and offline scenarios, the key charac-
teristics of a defender included being female, having high 
empathy and low moral disengagement, being popular 
and well-liked by peers, and having perceived support-
ive relationships with their parents, teachers, and schools 
(Lambe et al., 2019). While these studies provide insight 
into the characteristics of online helpers, they are limited 
to self-report data and run the risk of both response and 
recall bias. Moreover, although Xu et al. (2012) identified 
two new roles related to online defending, little is known 
about the contextual nature of these roles as prior stud-
ies have focused on creating machine learning algorithms 
to automatically categorize these roles ( Bellmore et al., 
2015; Chelmis et al., 2017; Dhungana Sainju et al., 2021; 
Xu et al., 2012) but none have attempted to qualitatively 
examine the social media post itself to discern the charac-
teristics of the helper’s posts.

Where Does Bullying Behavior Occur?

Bullying behavior can occur in both in-person and online 
settings. Previous studies indicate that bullying among 
youth tends to happen most frequently in schools, in the 
classroom, playground, hallways, and cafeteria (Dake et al., 
2003; Kartal & Bilgin, 2009; Olweus, 1991). Bullying can 
also take place at home. Up to 40% of children experience 
sibling bullying, a form of intrafamilial aggression, which 
may also increase their risk of being involved in peer bul-
lying (Wolke et al., 2015). Cyberbullying through digital 
technology has also seen a rise in recent years. A 2018 
report from the Pew Research Center found that 59% of US 
teens experienced some form of cyberbullying (Anderson, 
2018). A global survey conducted across 28 countries found 
that 33% of parents reported knowing a child in their com-
munity who had been cyberbullied and 17% said their child 
had experienced cyberbullying (Newall, 2018). Social net-
work platforms such as Twitter, Snapchat, Instagram, and 
Facebook have been reported as common venues for cyber-
bullying (UNICEF, 2019; Whittaker & Kowalski, 2015). 
Whittaker and Kowalski’s (2015) study found that cyber 
targets were most commonly victimized via texting (56.8%), 
followed by Twitter (45.5%), Facebook (38.6%), Instagram 
(13.7%), and YouTube (11.4%). Among adults, bullying 
occurs most frequently at work. Statistics from the Work-
place Bullying Institute indicate that 19% of adult Ameri-
cans, or 60.3 million US workers, are affected by workplace 
bullying (Workplace Bullying Institute, 2020), and a 2018 
survey of over 1800 Canadians found that more than half 
had been bullied or knew a co-worker who had experienced 
workplace bullying (Forum Research Inc., 2018).

Do Perpetrators, Targets, and Helpers Know Each 
Other?

Bullying research that focuses on face-to-face aggres-
sion often emphasizes bullying occurring in schools and 
operationalizes the perpetrator as someone known within 
the peer group. Similarly, research also indicates that the 
majority of cyberbullying takes place between classmates or 
known individuals (Felmlee & Faris, 2016; Newall, 2018), 
and cyberbullies also tend to engage in face-to-face bully-
ing (Kowalski et al., 2014). However, with the growth of 
cyberbullying and the anonymity that online spaces offer 
(Hinduja & Patchin, 2014), it is also reasonable to expect 
that target-cyber bully relationships may extend beyond the 
peer group (Pyzalski, 2011). Findings from Pyzalski (2012) 
suggest that in addition to bullying targets known offline, 
online spaces also allow for the cyberbullying of strangers, 
vulnerable individuals (for example, the homeless or alco-
holics), celebrities, and specific groups (for example, fans 
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of a certain band or football team). A qualitative analysis 
of cyberbullying-related tweets found that more than half 
(56.3%) included individuals known to the users, 29% had 
no clear subject, and 15% was referring to a celebrity or 
someone not personally known (McHugh et al., 2019).

Why Do Individuals Participate, Share, 
or Self‑disclose About Bullying Experiences Online?

It is suggested that computer-mediated communication 
eliminates people’s social presence cues, and as such, shar-
ing on social networking sites may decrease apprehension 
about communication (Hunt et al., 2012). Cyberbullies may 
engage in the behavior due to the anonymity online plat-
forms afford (Hinduja & Patchin, 2014). They may also be 
less empathetic (Steffgen et al., 2011) since they cannot see 
their targets’ reactions and may feel less remorse (Slonje, 
Smith & Frisen, 2012). However, online platforms may also 
serve as a venue to discuss both offline and online bullying 
interactions. Findings from Dhungana Sainju et al. (2021) 
reveal that Twitter may serve as a space to validate a target’s 
bullying experience and allow helpers, in particular reporters 
and defenders, to spread awareness and stand up against bul-
lying behavior. Similarly, McHugh et al. (2019) found that 
information sharing and activism were themes found within 
cyberbullying related tweets.

Previous Twitter Studies on Bullying

The majority of prior studies examining bullying discourse 
on Twitter utilize machine learning algorithms to classify 
and detect bullying within tweets (Blanco et  al., 2014; 
Chatzakou et al., 2017a, 2017b; Devaneyan, 2016). These 
studies highlight how machine learning methodologies can 
analyze big data to effectively detect bullying behavior on 
Twitter; however, they do not provide any contextual infor-
mation on the bullying behavior. A handful of studies have 
extended this approach by employing machine learning to 
identify specific bullying roles within tweets including bul-
lies, victims, defenders, reporters, and accusers (Bellmore 
et al., 2015; Chelmis et al., 2017; Chatzakou et al., 2017b; 
Dhungana Sainju et al., 2021; Xu et al., 2012). Other studies 
such as Calvin et al. (2015) analyzed hashtags associated 
with bullying-related tweets and found that it was used to 
discuss high profile suicides, current television programs, 
and anti-bullying campaigns. Based on our search of the 
literature, McHugh et al.’s (2019) study is one of the only 
qualitative examinations of bullying-related tweets; however, 
the focus of the study was on cyberbullying and the study 
did not specifically investigate characteristics of the different 
bullying roles. Rather, their qualitative analysis focused on 
a set of 300 cyberbullying-related tweets to identify themes 
within the tweets including the purpose, focus, tone, intent, 

time frame, and the nature of URLs included with the tweets. 
These studies all serve to confirm the utility of Twitter data 
to expand our understanding of bullying and notably under-
score the need to employ qualitative analysis to advance the 
literature on bullying roles and its characteristics.

The Current Study

The current study expands on previous examinations of bul-
lying roles through the lens of social media data. Most of 
the extant literature on bullying roles and their characteris-
tics rely on solicited and prompted self-report data and have 
key limitations. A systematic review conducted by Vessey 
and colleagues (2014) on published self-report measures of 
youth bullying found that the psychometric soundness was 
limited among most self-report instruments. As well, oth-
ers have suggested that the reliability and validity of self-
reported bullying roles may be limited as not all bullying 
participants may admit their bullying behavior or realize that 
their behavior constitutes bullying (Salmivalli, Karhunen, 
et al., 1996; Salmivalli, Lagerspetz, et al., 1996; Solberg & 
Olweus, 2003). This social desirability bias can confound 
study results by presenting inaccurate relationships between 
variables or altering prevalence rates (Van de Mortel, 2008). 
The stability of recall has also been questioned; Rivers’ 
(2001) study on retrospective reports of school bullying 
found that while participants’ memories were stable during 
a 1-year span, he cautions that over time there are reductions 
in the amount of detail that can be recalled. The characteris-
tics of bullying roles may also be limited due to sample size, 
variation in bullying terminology, or if a participant’s actions 
do not fit within a priori definitions and descriptions of bul-
lying roles and behaviors (Jeffrey & Stuart, 2020; Modecki 
et al., 2014; Vivolo-Kantor et al., 2014).

By utilizing public Twitter data, the current study over-
comes most of these self-report limitations by observing 
bullying discourse in real-time, on a larger scale, from a 
wide range of individuals, and allows us to gather informa-
tion on bullying episodes that is unsolicited and unprompted 
(McCormick et al., 2017). Through a qualitative content 
analysis, the key goal of the study is to analyze descriptions 
of discrete offline and online bullying episodes provided in 
tweets and discern the description and characteristics related 
to three bullying participant roles: the perpetrator, target, and 
helper. To our knowledge, this study is one of the first of its 
kind to qualitatively examine bullying discourse and par-
ticipant roles using Twitter data, reflecting characteristics of 
observational and ethnographic research. The current study 
is primarily exploratory. Based on our prior knowledge of 
bullying roles and characteristics and to validate and extend 
the literature, the current study is situated within the fol-
lowing broad research questions: (1) What is the context of 
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the bullying participant’s tweet? (2) What is the relationship 
between the bullying participant roles? (3)What character-
istics of bullying episodes are mentioned within the tweets?

Method

Data

The data for the current study was retrieved via Twitter’s 
streaming Application Program Interface (API), a free and 
automated retrieval service that allows access to up to 1% 
of the population tweets. The data for the current study was 
collected as part of a larger data collection (see Dhungana 
Sainju et al., 2021). This section describes how the larger 
dataset was collected and the qualitative analysis section 
explains how a subset of randomly selected tweets was 
qualitatively analyzed for the current study. Tweets between 
August 7, 2019, and March 31, 2020, were collected using a 
list of primary keywords “bullied, bully, bullying, cyberbul-
lies, cyberbully, and cyberbullying.” Next, a list of second-
ary keywords was applied to the tweets to further refine the 
dataset. See Table 1 for a full list of keywords. Only tweets 
that matched both a primary and secondary keyword(s) were 
retained. The dataset was cleaned to remove the data of noise 
and spam accounts by removing re-tweets, non-English 
tweets, tweets with six or more hashtags, and tweets that 
only contained a web address. A total of 847,548 tweets were 
collected after the keyword filtering and data processing.

Next, logistic regression and support vector machines 
(SVM) machine learning algorithms and TF-IDF based 
natural language processing methods (Pedregosa et  al., 
2011; Xu et al., 2012; Zhu & Goldberg, 2009) were applied 
to the tweets to classify them into a bullying trace, which 
represented any tweet where the author participated in or 
mentioned a discrete bullying episode (Bellmore et al., 2015; 
Dhungana Sainju et al., 2021; Xu et al., 2012). Tweets were 
taken at face value and did not adhere to the traditional 

definition of bullying which tends to include an imbalance 
of power and repetition (Olweus, 1993). Rather, tweets were 
classified as bullying traces based on first-hand experiences 
and interpretation of the tweet authors themselves. Tweets 
were not categorized as bullying traces if they included a 
news headline that was copy and pasted without any addi-
tional original content or commentary, if it referred to an 
episode that sounded like bullying but was not explicitly 
defined as bullying by the author, if it referred to a future 
event, or if it was referring to an opinion about bullying 
rather than a discrete bullying episode. This resulted in 
240,018 or 28.58% of the sample being identified as a bul-
lying trace. See Dhungana Sainju et al. (2021) for full data 
processing and machine learning procedures.

Tweet Author Roles

Tweets identified as bullying traces were further catego-
rized to identify the role of the tweet authors. Guided by 
Salmivalli (1999), Xu et al. (2012), and Bellmore et al. 
(2015), each tweet was classified as being posted by one 
of the following. A “target” referred to an episode where 
they were currently being bullied or had been bullied in the 
past. A “perpetrator” engaged in past or ongoing bullying. 
A “defender” stood up against a perpetrator, a “reporter” 
shared information about a bullying episode but was not 
involved, and finally, an “accuser” accused someone of 
bullying but did not identify himself or herself as a target, 
defender or other role. For the current study, the roles of 
defender, reporter, and accuser were included in one cat-
egory identified as a “helper.”

Qualitative Analysis

For the current study, a qualitative content analysis was 
utilized to examine the characteristics of tweets from three 
bullying roles: the perpetrator, target, and helper. Content 
analysis tends to focus on the content or contextual meaning 

Table 1  List of keywords used to identify bullying-related tweets

Primary keywords Secondary keywords

Bullied, bully, bullying, cyberbullies, cyberbully, and cyberbullying Aggressive, anonymous, assault, bash, bashing, beat, bystander, coercion, 
defending, degrade, degrading, destroy, destroyed, embarrass, embar-
rassing, embarrassed, exclude, excluded, exclusion, Facebook, force, 
forced, gossip, gossiped, group text, group chat, harass, hit, hitting, 
humiliating, humiliated, ignore, ignored, ignoring, Instagram, insult, 
insulted, intimidate, intimidated, isolate, isolated, jealous, laugh, laugh-
ing, manipulate, manipulating, manipulated, mean, mislead, mislead-
ing, mock, mocked, mocking, online, perpetrated, perpetrator, pretend, 
pretended, rejection, reject, rejected, repeatedly, repeat, revenge, rumor, 
rumour, scare, scared, shove, shoved, shun, shunned, Snapchat, social 
media, spread, stressful, suicide, target, targeted, tease, teasing, teased, 
text, texted, threat, threatened, WhatsApp
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of texts including oral, print, or electronic texts (Kondracki 
& Wellman, 2002). The use of public tweets represents a 
purposeful random sampling strategy where those who are 
knowledgeable or have experienced a specific phenomenon 
of interest are targeted (Palinkas et al., 2015). The keyword 
selection and tweet classification were used to categorize 
the tweet author roles and a random sample of tweets for 
each role was selected to be qualitatively analyzed. For the 
first step, using a directed content analysis approach (Hsieh 
& Shannon, 2005) and guided by the broad research ques-
tions noted above, the study authors read through tweets 
within each role to identify key categories and develop an 
initial coding scheme. During this stage, related conceptual 
categories were found within the tweets in all bullying roles 
including the timing and location of the reported bullying 
episodes and the relationship between bullying roles.

Next, two of the study authors independently coded a set 
of 25 randomly selected tweets for each category accord-
ing to the initial coding scheme. After coding, the two sets 
of labels were compared to examine the level of agreement 
between the coders. During the recontextualization phase, the 
labels were reviewed to ensure that all tweets fit into the iden- 
tified categories and codes and the aims of the study (Bengtsson,  
2016). Coding categories were discussed at length to  
amend and add in new codes after the initial round of coding. 
A codebook, which cataloged and defined the categories and 
codes, was created to ensure reliability among the coders 
during the categorization phase (Bengtsson, 2016). To fur-
ther increase the stability and reliability of the coding pro-
cess, two additional rounds of coding were conducted with 
new randomly selected tweets until a final coding scheme 
was established and all coding categories had a high level 
of agreement, exceeding 80% agreement or more. The cat-
egorization process revealed several themes about the key 
characteristics related to perpetrators, targets, and helpers. 
See Table 2 for the list of categories and codes derived for 
each of the roles.

Once the final coding scheme was created, we randomly 
selected a new set of 260 target tweets, 260 helper tweets, 
and 260 perpetrator tweets from tweets that were identified 
as bullying traces for a total of 780 tweets to be included in 
the final content analysis sample. The tweets were divided 
between the two coders who utilized the qualitative software 
program Dedoose (Dedoose, 2018) to conduct the qualita-
tive analysis. Once all the tweets were labeled, the coded 
tweets were reviewed to ensure agreement with the coding. 
Qualitative content analysis allows for the quantification of 
categories and codes which helps to further highlight the 
phenomena being examined (Bengtsson, 2016). Thus, the 
results section below highlights the categories, codes, and 
frequencies within each set of bullying role tweets.

Results

Perpetrator Characteristics

Analyzing the context of the tweets posted by a perpetrator 
revealed that almost one-third (31.92%) were engaging in 
or discussing bullying someone in the tweet, for example, 
“We need to keep bullying her until she logs off,” “That’s 
how I’m having fun, you are meant to be bullied,” and “I 
bully all the first years in my dorm. I’m so mean but they 
are stupid.”1 Almost a quarter (23.46%) were admitting that 
they had bullied someone in the past: “me and these kids 
bullied this homophobe in gym class,” “I used to bully peo-
ple bc I knew I can’t get beat up,” and “I bullied him to the 
point where it started to spread it is what he deserved.” A 
total of 12.30% were apologizing or expressing remorse for 
past bullying behavior: “I personally was very homophobic 
when I was in the closet. I used the f word and bullied other 
gays because I couldn’t accept that about myself” and “I 
know I bully you sometimes and I wanna say I don’t mean 
it so sorry.” Exactly 8.46% was denying involvement in a 
bullying episode, writing tweets such as “@user why are 
you accusing me of bullying when I’m defending someone 
being hounded on social media” and “I would never actually 
bully anyone, I was just playing but she thought I was mean. 
Another 8.46% were expressing intent to harm seen in tweets 
such as “you think you can bully me? Just for this threat I 
will bully you twice as hard.” Finally, 15.38% of tweets did 
not have enough information to ascertain the context of the 
post.

Almost 7 out of 10 (65.76%) perpetrators knew their tar-
gets, directly mentioning their user name or referring to the 
target. In 25% of the tweets, there was no mention of a target 
so the relationship was unclear and about 1 in 10 (9.61%) 
tweets were referring to a celebrity or public figure. Analysis 
of where the perpetrator engaged in the behavior revealed 
that a majority of the tweets (61.92%) did not mention a 
specific location. Almost one-third (31.92%) mentioned bul-
lying online, and small percentages noted bullying someone 
at home (2.3%) and school (3.84%). Almost 4 in 10 (37.69%) 
perpetrators were referring to an ongoing bullying incident, 
while 37.30% referenced a past incident. A quarter of perpe-
trator tweets did not have enough information to determine if 
it was a past or ongoing incident. See Fig. 1 for the perpetra-
tor tweet characteristics.

1 To avoid traceability of an example tweet, all user names were 
removed and tweets have been shortened instead of including it ver-
batim.
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Table 2  Categories and codes for each bullying role

Perpetrator characteristics

What is the context of the perpetrator’s post? Apologizing or expressing remorse 
Expressing intent to harm 
Engaging in bullying: direct engagement of bullying in the tweet 
Past bullying: admitting to having bullied in the past 
Denial: denying involvement in a bullying episode
Not clear or known

Does the perpetrator know the target? Knows the target: direct mention or reference to a target
Not known: no specific target mentioned
Not personally known: referring to celebrities or public figures not known in 

real life
Is there any mention of where the bullying is occurring? School

Home
Work
Online
No specific location mentioned

Is it an ongoing or past event? Past: tweet refers to a bullying incident that has already occurred
Ongoing: tweet referring to bullying that is currently happening
Not known: tweet does not include a time frame

Target characteristics
What is the context of the target’s tweet? Sharing own bullying story: tweeting about the bullying experience(s) they 

encountered
Sharing own story to console: telling their own story to make someone feel 

better, sometimes in response to a specific incident
Call out a perpetrator
Not know or not clear

Does the target know their perpetrator? Knows the perpetrator: direct mention or reference to perpetrator
Not mentioned but known: no specific mention of a perpetrator but it is clear 

that the target knows the perpetrator
Not known
Not personally known: referring to celebrities or public figures not known in 

real life
Does the target identify why they are being bullied/were bullied? Demographic characteristics: e.g., sexual orientation, age, race, gender

Disability: e.g., autism, mental illness, learning disability
Physical looks: e.g., body size, specific physical feature
Engagement in a particular activity: e.g. gamer, vegan, nerd, geek
Stan/fandom: e.g. K-pop, Ariana Grande fans, Beyonce fans
Not known: no mention of why they are/were being bullied

Is there any mention of where the bullying is occurring? School
Home
Work
Online
No specific location mentioned

Is it an ongoing or past event? Past: tweet refers to a bullying incident that has already occurred
Ongoing: tweet referring to bullying that is currently happening
Not known: tweet does not include a time frame

Helper characteristics
What is the context of the helper’s post? Reporter: sharing information about a bullying episode not involved in

Defender: standing up against a perpetrator
Accusing: accusing someone of bullying
Helper turned bully: helper engaging in bullying-like behavior through 

aggressive language
Does the helper know the target? Knows the target: direct mention or reference to a target

Not known: no specific target mentioned
Not personally known: referring to celebrities or public figures not known in 

real life
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Target Characteristics

The analysis of target tweets found that more than one-third 
(36.22%) were tweeting to share their bullying story. For 
example, “During high school I got bullied and beat up for 
being queer,” and “I have a bow cut, glasses that are too 
large and overweight and I am bullied for being weird so 
I have to pretend to like things I don’t to try and fit in.” 
Another 27.95% were calling out a perpetrator, “This has 
been an ongoing issue for some time now and I have sat 
by while it continued. I refuse to be treated like that and 
watch others be treated the same,” and “@user I hope you 
are punished for making all the lies about me. This is tar-
geted harassment and has been 6 months of online abuse 
and bullying.” About 7.08% were sharing their own story to 
console someone going through similar struggles. Tweets 
such as “Look people bullied n hit me, n I didn’t wanna go 
to school, but I stayed positive and kept trying. Trust me it 
will get better,” and “I saw your video @user and I cried, 
I’m a mama of 2 and I got bullied a lot. Don’t let haters win. 
You’re amazing.” Three in 10 target tweets (28.74%) did not 
contain enough information for us to discern the context of 
the tweet.

A majority of target tweets (64.56%) did not identify the 
reason for being bullied. However, 11.81% of tweets sug-
gested being bullied due to engagement in a specific activ-
ity such as gaming, for being a vegan, “nerd,” or a “geek.” 
Another 7.4% of tweets pointed to their physical looks as 
the reason they were targeted. Demographic characteristics 
such as someone’s sexual orientation, race, and age were 
mentioned in 7.08% of tweets. A disability such as autism 
or mental illness was noted in 6.29% of tweets, and finally, 

a small percentage (2.75%) pointed to bullying within 
fandoms.

Half (52.73%) of the targets directly mentioned or ref-
erenced their perpetrator in their tweets. Three in 10 target 
tweets made it clear that they knew their perpetrator but did 
not specifically mention them. In 15.62% of targets’ tweets, 
it was not clear if the perpetrator was known and 1.56% of 
tweets suggested that the perpetrator was not someone they 
knew but rather a celebrity or a public figure. A total of 
40.31% of targets did not specify a bullying location. How-
ever, more than a quarter (28.29%) mentioned being bul-
lied online, and another 27.13% mentioned being bullied 
in school. A small proportion of targets pointed to bullying 
at work (2.32%) and at home (1.93%). Lastly, 67% of target 
tweets were referring to a past bullying experience, while 
more than a quarter (27.19%) mentioned an ongoing bully-
ing episode. Exactly 5.43% of target tweets made no time-
frame reference. See Fig. 2 for target tweet characteristics.

Helper Characteristics

An examination of the helper tweets found that a little more 
than one-third (36.23%) were tweeting to defend a target of 
bullying, for example, “I saw a video trending online where 
a couple was being bullied. That’s wrong in many ways. 
However much we practice hate, let’s not forget we’re all 
human” and “@user sorry you’re having to deal with this 
bully. Just be thankful that you are an amazing person and 
will never be a person like her who says mean things to make 
themselves feel better” About one-third (31.52%) of helpers 
were reporting about a bullying incident that they were not 
involved with, including both high-profile incidents reported 

Table 2  (continued)

Perpetrator characteristics

What is the context of the perpetrator’s post? Apologizing or expressing remorse 
Expressing intent to harm 
Engaging in bullying: direct engagement of bullying in the tweet 
Past bullying: admitting to having bullied in the past 
Denial: denying involvement in a bullying episode
Not clear or known

Does the helper identify why the target was/is being bullied? Demographic characteristics: e.g., sexual orientation, age, race, gender
Disability: e.g., autism, mental illness, learning disability
Physical looks: e.g., body size, specific physical feature
Engagement in a particular activity: e.g., gamer, vegan, nerd, geek
Stan /fandom: e.g., K-pop, Ariana Grande fans, Beyonce fans
Not known: no mention of why they are/were being bullied

Does the helper know the perpetrator? Knows the perpetrator: direct mention or reference to perpetrator
Not known: no specific perpetrator mentioned
Not personally known: referring to celebrities or public figures not known in 

real life
Is it an ongoing or past event? Past: tweet refers to a bullying incident that has already occurred

Ongoing: tweet referring to bullying that is currently happening
Not known: tweet does not include a time frame
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in the news and incidents they were personally familiar with. 
For instance, “This is heartbreaking to watch a 9 year old 
to the point he wants to commit suicide” and “we had kids 
at my school commit suicide over bullying. It was never 
talked about.” A little over a quarter (26.81%) were accus-
ing someone of being a perpetrator; “you sound like an ugly 
bully @user and I doubt he’s your only target.” The analysis 
also showed that a small percentage (5.43%) of helpers used 
aggressive language while standing up for a target, poten-
tially engaging in bullying-like behavior themselves through 
tweets such as “@user I really want to beat her up for you I 
hate her. She’s a big ass bully” and “@user stop cyberbully-
ing I’ll call my attorney to sue your ass you come after my 
daughter again and I will destroy you.”

Helpers made more direct references to perpetrators 
compared to targets. A little more than half (55.83%) 
directly mentioned a perpetrator by their user name or 

referred to them in the tweet. One-fifth (20.49%) of help-
ers referred to a perpetrator who was a celebrity or public 
figure. Meanwhile, 23.67% of helper tweets did not men-
tion a specific perpetrator so it was unclear if they knew 
the perpetrator. With regard to the helper-target relation-
ship, 37.23% specifically mentioned a target in their tweet, 
while 37.94% did not note any specific target. About a 
quarter (24.82%) referred to targets that were a celebrity 
or a public figure. About 7 in 10 helper tweets did not 
mention a specific reason why the target was being bullied. 
The remaining tweets were divided between being targeted 
for fandom involvement (6.04%), physical looks (7.11%), 
engagement in a particular activity (4.98%), demographic 
characteristics (4.98%), and disabilities (4.27%). Analyz-
ing the time reference of the helper tweets indicates that 
48.76% was referring to a past bullying incident, while 
34.27% was referring to an ongoing incident. 16.96% of 

Fig. 1  Perpetrator tweet characteristics
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Fig. 2  Target tweet characteristics
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helper tweets made no timeframe reference. See Fig. 3 for 
helper tweet characteristics.

Discussion

This study provides one of the first qualitative examina-
tions of bullying discourse and characteristics of bul-
lying roles using Twitter data and advances the current 
literature in three primary ways. First, the study utilized 
unprompted and unsolicited social media data which 
addressed key issues related to self-report data, most nota-
bly social desirability bias and recall bias. Secondly, the 
results provide multidimensional insights into the context 

and relationships between bullying roles. By conducting a 
qualitative content analysis of bullying-related tweets, the 
results reveal that each of the bullying role players tweets 
to share varying perspectives and the discussions tran-
scend beyond just online exchanges. The tweets suggest 
that offline experiences are intertwined with digital inter-
actions; most bullying role players know each other, they 
are tweeting about current and past episodes of bullying, 
and the tweets highlight varied reasons for being bullied. 
Finally, the results confirm that Twitter is used not only 
as a channel for bullying but also as a tool for connection 
between the different role players. This suggests that Twit-
ter can be leveraged to promote anti-bullying initiatives to 

Fig. 3  Helper tweet characteristics
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educate and inform users about bullying, while also help-
ing build resilience and emotional regulation.

Twitter provides bullying participants with a computer-
mediated communication platform to navigate different con-
texts, and this was reflected in the content of the tweets. Our 
findings support the notion that perpetrators are aware and 
intentional about their behaviors (Olweus, 1993); a third of 
perpetrators were tweeting to bully others and a little more 
than a quarter were admitting to past bullying. Prior studies 
on bullies and emotions also suggest that perpetrators tend to 
express less empathy (Hymel et al., 2010) and cyberbullies 
have been found to express less remorse than traditional bul-
lies (Slonje, Smith & Frisen, 2012). Yet, our findings dem-
onstrate self-reflection and awareness among some perpetra-
tors evident through tweets where they took responsibility 
for their actions and expressed remorse. Studies examining 
victims’ willingness to self-disclose experiences of bullying 
indicate that most feel reluctant in face-to-face settings to 
tell anyone due to shame and embarrassment (Menesini & 
Camodeca, 2008), fear of retaliation (Slee, 1993), or a belief 
that authorities, such as their teachers, tolerate the behavior 
(Unnever & Cornell, 2004). Our analysis, however, reveals 
that rather than suppressing victim voices and discouraging 
self-disclosure, Twitter is amplifying their voices. Targets are 
speaking out about their experiences by sharing painful past 
experiences and using their tweets to comfort others. This 
may speak to the influence of computer-mediated commu-
nication on self-disclosure. Prior research reveals that online 
communication promotes higher levels of self-disclosure as 
compared to face-to-face interactions (Jiang et al., 2011) and 
may increase one’s sense of belonging (Davis, 2012). Addi-
tionally, Šléglová1 and Cerna’s (2011) interviews with ado-
lescents revealed that victims of cyberbullying develop coping 
strategies similar to those reflected in our findings. The public 
nature of Twitter and the ability to directly mention a user 
signals a direct marker of addressivity (Honey & Herring, 
2009; Werry, 1996). These include activities directed at the 
aggressor, akin to the tweets in our study where targets called 
out a perpetrator, and seeking social support, analogous to the 
tweets where targets shared previous bullying experiences to 
validate and console others.

Relatedly, prior research on bystanders often points to 
the concept of diffusion of responsibility, which suggests 
that the more bystanders there are, the less likely some-
one will help (Gini et al., 2015; Lambe et al., 2019). In 
an online context, bystanders are unable to anticipate how 
many other viewers are witnessing the bullying, and thus, 
one could assume a reduced likelihood of intervening. Addi-
tional studies also indicate that bystanders are more likely 
to intervene privately than publicly online (Bastiaensens 
et al., 2015; Patterson et al., 2017). Yet, similar to the target 
tweets, the analysis revealed that helpers are present and 
active on Twitter, publicly defending a target, reporting an 

episode of bullying, or accusing a perpetrator. While we are 
unable to construe intent beyond what is presented at face-
value in the 280 character tweet, findings from Machácková 
et al. (2013) suggests that a bystander’s emotional response, 
such as feeling upset after witnessing cyberbullying and 
targets’ direct request for help, are connected to a higher 
likelihood of bystander support online. The same study also 
infers that fear of intervening had no impact on bystander 
support (Machácková et al., 2013). This stands in contrast 
to research on face-to-face bystander support, which notes 
that the fear of becoming a target may reduce the likeli-
hood of helping (Kanetsuna & Smith, 2002) or result in 
indirect forms of assistance such as the “help-seeker” (Levy 
& Gumpel, 2018). This could mean that helpers are more 
inclined to support targets on Twitter due to the physical 
distance afforded between the role players. The use of “re-
tweets” may also provide a less confrontational and indirect 
form of calling out a bully but it could still show support for 
a target. It could also be reflecting the scope and reach of the 
platform. Global and local bullying incidents can instantly 
start trending on Twitter, prompting re-tweets, hashtags, 
and support worldwide. Yoo et al.’s (2014) exploration of 
Twitter usage indicates that social conformity, the response 
to an external force, influences a user’s sharing activities. 
Accordingly, if a story about bullying is trending, triggers an 
emotional response from bystanders, and serves to endorse a 
desired social image in line with their group or community, 
it may promote increased support, activism, and information 
sharing from helpers.

The findings also highlight the relationship between the 
bullying roles and the overlap between online and offline 
spaces. Most targets, perpetrators, and helpers knew each 
other and directly mentioned user name(s) or referenced 
them in their tweets. It could be that some users only know 
each other virtually; however, less than a third of perpetra-
tor and target tweets were referring to online bullying, and 
more than a quarter of target tweets referred to school-based 
bullying. A small number of targets also mentioned bullying 
at home and work. This supports prior research that a major-
ity of cyberbullying likely takes place between individuals 
known in real life (Felmlee & Faris, 2016; McHugh et al., 
2019; Newall, 2018). Additionally, those who experience 
(Waasdorp & Bradshaw, 2015) or perpetrate cyberbullying 
(Kowalski et al., 2014) may also be participants in offline 
bullying. Thus, the belief that someone can simply turn off 
their computer or cell phone to make bullying stop is mis-
placed (Sabella et al., 2013). Stepping away from technology 
does not solve the issue and does not consider the inter-
twined nature of offline and online behaviors. 

Another dimension to this overlap is the time frame 
within the tweets. Not all tweets were referring to ongo-
ing bullying episodes. While perpetrator tweets were 
more likely to be related to an ongoing bullying episode, a 
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significant majority of targets and helpers were referring to 
past incidents. This ties back to the implication that in the 
context of bullying, Twitter is a multidimensional space. 
While it may provide a space for perpetrators to enact bul-
lying behavior, it also serves as a venue for targets and 
helpers to speak out. Dore et al. (2017) study infers that 
those who engage in helping others online may improve 
their own emotional well-being in stressful situations. 
Likewise, Levy-Gigi and Shamay-Tsoory’s (2017) findings 
surmise that rather than trying to deal with an issue indi-
vidually, help from an outside perspective can help reduce 
stress and improve emotional regulation. Consequently, 
Twitter may serve as a safe space and community for the 
social regulation of emotions; in standing up and speaking 
out, targets and helpers are supporting each other as they 
navigate both offline and online bullying situations. The 
use of hashtags can help to categorize Twitter posts and 
can also be used by targets and helpers to direct attention 
to specific situations, to show support, and to raise aware-
ness around bullying.

Finally, our analysis revealed numerous reasons for 
being bullied. The findings that characteristics such as 
demographics, physical looks, disabilities, and engage-
ment in certain activities are related to both offline and 
online bullying have been well established in the extant 
literature (de Bruyn et  al., 2010; Janssen et  al., 2004; 
Kann et al., 2018; Mishna, 2003) and was similarly ech-
oed in our findings. However, one aspect of bullying that 
was reflected within the tweets but has received limited 
attention is the topic of fandom bullying. Fandoms are 
communities built around shared interests such as spe-
cific musical artists, sports teams, or unique interests such 
as anime, video games, comic books, and manga. These 
communities are strongly represented on social media 
(Guo, 2016). An example of participatory culture (Jenkins 
et al., 2009), these communities of super fans or “stans” 
obsessively support, promote, and defend their respec-
tive fandom. Toxic fandom behavior can result in pitting 
rival stars against each other, sparing with rival fans, and 
defending their favorite artist from any form of criticism, 
and often materializes on social media platforms such as 
Twitter (Hunt, 2019). Moreover, the references made to 
celebrities and public figures within the tweets suggest 
that fans are not the only ones at the receiving end of 
aggressive and unwanted behavior. Given the rise in fan-
dom communities and the increasing prevalence of “cancel 
culture” where celebrities and public figures face backlash 
and are “canceled” or culturally blocked from having a 
prominent platform or career due to their actions or even 
foot-in-mouth moments (Romano, 2019), this aspect of 
our findings necessitates that academic consideration is 
given to understanding the impact that fandom bullying 

has on bullying roles and how it may further exacerbate 
the issue of bullying.

Limitations and Future Research

While analyzing Twitter data provided a novel way to 
expand on the bullying roles literature, it also posed some 
limitations. Analyzing 280 character tweets required us to 
take it at face-value without any contextual or background 
knowledge; thus, we were unable to determine if any spe-
cific characteristics are related to each role. We were also 
unable to garner the intent behind the tweet, thus poten-
tially missing out on sarcasm, jokes, or harmless teasing 
done in jest. Demographic characteristics of the authors 
were also missing. While most prior research on bully-
ing roles focuses on children, we have no way of knowing 
the age of the Twitter users captured in the current study. 
However, it should be noted there were references made to 
school-based bullying and bullying that occurred in the past 
so some of the data reflect youth bullying. Future studies 
should consider expanding on our approach by connecting 
any relevant contextual and background knowledge about 
Twitter users. Additionally, while recall bias is noted as a 
limitation of self-report measures, it could potentially also 
impact shared experiences of bullying online. Rivers (2001) 
found that retrospective reports of bullying were generally 
stable and consistent across 1 year. For tweets that refer to 
current or recent bullying episodes, the recall bias may not 
be as applicable. However, since we do not know the age 
of the Twitter users and the exact timeline of the bullying 
episode they are referring to, we acknowledge that this could 
be a limitation as well.

The study was also limited to tweets captured through the 
keyword selection. Bullying is verbally expressed in many 
ways, and our selection of keywords only captured a snippet 
of bullying-related tweets. Additionally, perpetrators are not 
likely to use the word “bully” when engaging in direct acts of 
bullying. While we captured some instances of direct bullying 
engagement in the perpetrator tweets, we found that most were 
referring to past episodes, apologizing or expressing remorse, 
expressing intent to harm, or did not have enough information. 
Future studies should look into incorporating an expanded 
keyword selection, which would be better suited to identifying 
actual bullying episodes rather than just disclosure of bullying 
episodes. The qualitative nature of the analysis also assumes 
that the coders of the tweets may bring their own experiences 
and background into the analysis; thus, we made certain to 
review the coded tweets for agreement. Finally, using a TF-
IDF-based NLP method, a machine-learning model was built 
to classify the tweets in this study as a bullying trace and 
to classify the bullying traces into the different tweet author 
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roles (Dhungana Sainju et al., 2021). Future studies can utilize 
the approach and insights generated from Dhungana Sainju 
et al. (2021) and the current study to build improved classifiers 
to detect bullying-related discourse and content online. The 
performance of the machine learning models can be used as 
a benchmark to improve on and semantic complexity can be 
added to the NLP model through deep learning techniques to 
further strengthen its performance. Moreover, oversampling 
and increasing the number of labeled tweets can also help 
improve the classification task. Increased sample size and an 
evenly distributed or roughly similar number of annotated 
data within classification categories can improve the super-
vised machine-learning model and optimize future bullying 
and cyberbullying detections models and classifiers. This type 
of qualitative study that examines how different bullying role 
players compose tweets that can qualify as bullying traces pro-
vides opportunities for the systematic incorporation of domain 
knowledge within the NLP models which can further improve 
their performance.

Conclusion

The current study implies that despite our acceptance of 
online spaces as venues for bullying, it can also provide a 
platform to humanize the behavior and experience of being 
bullied. By being able to discover, connect, and share with a 
geographically diverse set of users about a common shared 
experience or event, Twitter functions as a platform for 
offering social support, encouraging emotional regulation, 
and building a sense of community. At a time when social 
media networks are becoming a significant part of mobiliz-
ing and catalyzing social action and activism, understanding 
how bullying roles emerge on Twitter can be used as part of 
the fight against bullying.

Our results suggest that bystanders may be more will-
ing to become helpers in online spaces and we know from 
prior research that when bystanders intervene it can greatly 
reduce instances of bullying (Hawkins et al., 2001) and cre-
ate a safer environment (Nickerson et al., 2008). Further-
more, hearing from others who have experienced similar 
situations can also make others feel better. As Wagner et al. 
(2015) found in their study, sharing emotional experiences 
with others, whether positive or negative in context, helps 
to buffer the impact of the negative stimuli and enhance the 
positive stimuli. Thus, in addition to offline components, 
anti-bullying initiatives should consider leveraging Twitter 
to encourage positive bystander behavior and promote the 
sharing of bullying experiences. Anti-bullying campaigns, 
coupled with hashtags, especially during high-profile bul-
lying incidents can serve to increase awareness and con-
versations around bullying (Dhungana Sainju et al., 2021; 
McHugh et al., 2019). Several recent examples, including 

the Black Lives Matter movement (#BlackLivesMatter), the 
Me Too movement (#MeToo), and the UN’s global Women 
campaign (#HeForShe) showcase how Twitter hashtags 
were used to help raise awareness across varied social jus-
tice issues. In addition, anti-bullying campaigns can also 
collaborate with social media influencers (SMIs) or celebri-
ties to help promote and increase dialogue around bullying 
issues. SMIs and celebrities often have a large social media 
following and have built credibility in a specific industry 
(Freberg et al., 2011). They have the power to persuade and 
influence consumer behavior (Booth & Matic, 2011) and 
play a key role in digital activism (Hutchinson, 2021). For 
example, the COVID-19 pandemic led several countries 
including China, Australia, Koran, and Japan to partner with 
country-specific influencers to promote responsible pan-
demic etiquette including social distancing, hand washing, 
and wearing masks (Abidin et al., 2021). As one of the most 
popular social media networks, the use of hashtags along 
with the exposure from key influencers on Twitter could 
offer a culturally relevant and low-cost option to educate and 
inform users about bullying and encourage more dialogue 
around bullying issues while also helping build resilience 
and emotional regulation among its users.

To conclude, the study provides an original contribution 
to the literature on bullying roles by providing one of the 
first qualitative analyses using Twitter data. A significant 
innovation of the study was being able to examine the dis-
closure of actual behavior and intentions, rather than self-
reported conduct. By examining bullying roles through a 
different data source, the study was able to augment our 
prior understanding of bullying roles and presents an oppor-
tunity to leverage Twitter to encourage behavior that may 
help reduce the likelihood of bullying behaviors.
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