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ABSTRACT
Background: Circular RNAs (circRNAs) have been shown to play important regulatory 
roles in a range of both pathological and physiological contexts, but their functions 
in	the	context	of	skin	aging	remain	to	be	clarified.	In	the	present	study,	we	therefore,	
profiled circRNA expression profiles in four pairs of aged and non- aged skin samples 
to identify identifying differentially expressed circRNAs that may offer clinical value 
as biomarkers of the skin aging process.
Methods: We	utilized	an	RNA-	seq	to	profile	 the	 levels	of	circRNAs	 in	eyelid	 tissue	
samples,	with	qRT-	PCR	being	used	to	confirm	these	RNA-	seq	results,	and	with	bioin-
formatics approaches being used to predict downstream target miRNAs for differen-
tially expressed circRNAs.
Results: In	 total,	we	 identified	571	circRNAs	with	348	and	223	circRNAs	being	up	
and downregulated that were differentially expressed in aged skin samples com-
pared to young skin samples. The top 10 upregulated circRNAs in aged skin sample 
were	 hsa_circ_0123543,	 hsa_circ_0057742,	 hsa_circ_0088179,	 hsa_circ_0132428,	
hsa_circ_0094423,	 hsa_circ_0008166,	 hsa_circ_0138184,	 hsa_circ_0135743,	
hsa_circ_0114119,	 and	 hsa_circ_0131421.	 The	 top	 10	 reduced	 circRNAs	 were	
hsa_circ_0101479,	 hsa_circ_0003650,	 hsa_circ_0004249,	 hsa_circ_0030345,	
hsa_circ_0047367,	 hsa_circ_0055629,	 hsa_circ_0062955,	 hsa_circ_0005305,	 hsa_
circ_0001627,	and	hsa_circ_0008531.	Functional	enrichment	analyses	revealed	the	
potential functionality of these differentially expressed circRNAs. The top 3 enriched 
gene	ontology	(GO)	terms	of	the	host	genes	of	differentially	expressed	circRNAs	are	
regulation	of	GTPase	activity,	positive	regulation	of	GTPase	activity	and	autophagy.	
The	top	3	enriched	KEGG	pathway	ID	are	Lysine	degradation,	Fatty	acid	degradation	
and	Inositol	phosphate	metabolism.	The	top	3	enriched	reactome	pathway	ID	are	RAB	
GEFs	exchange	GTP	for	GDP	on	RABs,	Regulation	of	TP53	Degradation	and	Regulation	
of	TP53	Expression	and	Degradation.	Six	circRNAs	were	selected	for	qRT-	PCR	veri-
fication,	of	which	5	verification	results	were	consistent	with	the	sequencing	results.	
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1  |  INTRODUC TION

Aging is a complex process wherein cells and organisms undergo 
progressive changes at the molecular, tissue, and organ levels as a re-
sult of either normal physiology or pathological conditions.1 The skin 
is the largest organ in the body, serving as a barrier against external 
threats.2 Skin aging results in continuous alterations in the function-
ality and appearance of the skin 3 and can occur as either a result of 
internal factors or due to extrinsic photoaging.4,5 Photoaging is be-
lieved	to	account	for	approximately	80%	of	skin	aging.6 Even so, the 
mechanisms that govern the skin aging process remain poorly clari-
fied, and few aging- related biomarkers have been identified to date. 
Transcriptomic analyses offer a powerful approach to identifying 
molecular biomarkers of skin aging.7,8 Recent breakthroughs in the 
development	of	high-	throughput	transcriptome	sequencing	technol-
ogies have led to the discovery of a diverse array of biomarkers of 
different human diseases, with non- coding RNAs being commonly 
studied in this context.9,10

Research	 conducted	 in	 the	 1970s	 identified	 novel	 non-	coding	
circular RNAs (circRNAs) in the context of plant viral infections,11 
although at the time these RNAs were believed to lack functional 
relevance and were instead thought to be a result of unusual splicing 
reactions.12 More recent work, however, suggests that circRNAs are 
key regulators of gene expression at the transcriptional and post- 
transcriptional levels.13,14	 Indeed,	 some	 circRNAs	 are	 believed	 to	

function as competing endogenous RNAs (ceRNAs)15 or as de facto 
molecular	 sponges	 capable	 of	 sequestering	 and	 altering	 the	 func-
tionality or expression of specific miRNAs or proteins.16,17 While 
they generally lack coding potential, there is also some evidence that 
certain circRNAs may be translated in some contexts, thereby fur-
ther modulating biological functionality.18-	24	 Indeed,	 circRNA	 dys-
regulation is a hallmark of conditions such as cancer, neurological 
disease,25 and cardiovascular diseases.26,27 The functional impor-
tance of circRNAs in the context of skin aging, however, remains to 
be clarified.

Herein, we evaluated circRNA expression profiles in samples 
of	 aged	 and	 non-	aged	 skin	 tissue	 via	 high-	throughput	 sequencing	
to	 identify	 differentially	 expressed	 circRNAs	 (DECs).	 Appropriate	
bioinformatics analyses were then used to further predict the func-
tional	roles	of	these	DECs	in	the	aging	process.

2  |  MATERIAL S AND METHODS

2.1  |  Sample collection

The	Institutional	Review	Board	of	The	First	Hospital	of	China	Medical	
University approved the present study, with all participants having 
provided	written	informed	consent.	In	total,	we	collected	eyelid	tis-
sue	samples	 from	28	females	undergoing	double	eyelid	surgery	at	

Moreover,	targeted	miRNAs,	such	as	hsa-	miR-	588,	hsa-	miR-	612,	hsa-	miR-	4487,	hsa-	
miR-	149-	5p,	hsa-	miR-	494-	5p	were	predicted	for	circRna-	miRna	interaction	networks.
Conclusion: Overall,	these	results	offer	new	insights	into	circRNA	expression	profiles,	
potentially highlighting future avenues for research regarding the roles of these circR-
NAs in the context of skin aging.

K E Y W O R D S
skin	aging,	circRNA,	NGS,	biomarker

Gene name Primer sequences (5′ to 3′)
Product 
length (bp)

GAPDH F:	AGAAGGCTGGGGCTCATTTG
R:	GCAGGAGGCATTGCTGATGAT

140

hsa_circ_0137613 F:	GCTGATGTCATTCTCCACAAGG
R:	AGCAGCAGCTGACACAGGAT

212

hsa_circ_0077605 F:	CTGGAGCACATGAGCCTGCA
R:	TGAAAGGTCGCTCCCCTGTGT

208

hsa_circ_0000205 F:	GTTGCTGACACTAGTCTTATTG
R:	CGAGCTGTTAGTTCTTCGTA

148

hsa_circ_0003803 F:	CCTGGGCGCACAGAAAATCC
R:	CACCTCTCGGAGTTTCCTCTG

160

hsa_circ_0113488 F:	GCTCATCAAAGACATTTATATGATA
R:	GAAGAAATTGTAGGCTGTTC

173

hsa_circ_0112861 F:	ACATCAGTGGAGAACCTCAGT
R:	GACAGTGTTGGTCTTCCATTCA

166

TA B L E  1 The	primers	used	for	
RT-	qPCR
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F I G U R E  1 Profiling	of	skin	aging-	related	circRNAs.	A,	Those	circRNAs	that	were	up	or	downregulated	(red	and	green,	respectively)	in	
aged skin tissue samples relative to young tissues samples were arranged in a heat map, with rows corresponding to individual circRNAs 
and	columns	corresponding	to	individual	samples.	B,	Differentially	regulated	circRNAs	were	arranged	in	a	Volcano	plot,	with	blue	dots	
corresponding to a lack of statistical significance, whereas red and green correspond to up and downregulated circRNAs, respectively 
(Fold change >1.5 and p	<	0.05).	C,	Locations	of	DECs	on	human	chromosomes	are	represented	by	circos	plots,	with	chromosomes	being	
represented	by	the	outermost	circle,	whereas	circRNAs	are	indicated	in	the	middle	circle,	and	DECs	are	shown	in	the	innermost	circle.	Up	
and downregulated circRNAs are represented by red and blue lines, respectively
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The	First	Hospital	of	China	Medical	University	between	2018	and	
2019.	 Fourteen	 young	 patient	 samples	 were	 collected	 from	 indi-
viduals aged 17– 23 years, whereas 14 aged patient samples were 
from those 55– 70 years old. We ultimately used eight samples for 
RNA-	seq	analyses	(4	young,	4	aged),	while	40	samples	were	used	for	
downstream	qRT-	PCR	verification	of	our	results.

High-	throughput	sequencing.
A	Hipure	Total	RNA	Mini	Kit	(Magen)	was	used	to	extract	RNA	from	

these	samples	to	the	protocol.	A	Qubit	3.0	Fluorometer	(Invitrogen),	
and	Agilent	2100	Bioanalyzer	(Applied	Biosystems)	were	then	used	to	
assess	RNA	concentrations	and	integrity.	Only	samples	yielding	a	RIN	
value	of	≥7.0	were	used	for	downstream	RNA-	sequencing.

A total of 1 μg of RNA per sample was used together with a 
KAPA	 RNA	 HyperPrep	 Kit	 with	 RiboErase	 (HMR)	 for	 Illumina®	
(Kapa	Biosystems,	 Inc.)	 to	eliminate	rRNA	prior	 to	 library	prepara-
tion. Samples were then treated for 30 minutes at 37℃ with 10U 
RNase	R	(Geneseed).

We next fragmented the remaining RNA, after which first-  
and second- strand synthesis reactions were conducted. Tails and 
adapters	 were	 then	 ligated	 to	 purified	 cDNA	 samples,	 and	 am-
plification	of	the	adapter-	ligated	purified	DNA	was	performed.	A	
DNA	 1000	 chip	 was	 then	 used	 to	 evaluate	 library	 quality	 with	
an	Agilent	2100	Bioanalyzer.	A	qRT-	PCR-	based	KAPA	Biosystems	
Library	Quantification	kit	(Kapa	Biosystems,	Inc.)	was	used	to	ac-
curately	quantify	prepared	samples,	after	which	libraries	were	di-
luted	to	a	10	nM	concentration	and	pooled	in	equimolar	amounts.	
We	then	conducted	150	bp	paired-	end	(PE150)	sequencing	of	all	
samples.

2.2  |  Bioinformatics analysis

Initially,	reads	were	mapped	to	the	latest	UCSC	transcript	set	with	
Bowtie2	v2.1.0,28 after which RSEM v1.2.15 was used to estimate 
gene expression levels.29	 Gene	 expression	 was	 normalized	 via	 a	
TMM (trimmed mean of M- values) approach, with edgeR being used 
to	identify	differentially	expressed	genes.	Genes	were	considered	to	
be differentially expressed if they met the following criteria: p < 0.05 
and >1.5 fold change.

To evaluate circRNA expression, STAR30 was used to map reads 
to	 the	 genome	 after	 which	 DCC31 was employed to evaluate cir-
cRNA	expression	 levels.	DECs	were	 identified	using	edgeR,32 with 
resultant figures being generated using appropriate R packages.

In	 order	 to	 explore	 the	potential	 functional	 relevance	of	 iden-
tified	 DECs,	 we	 analyzed	 DEC	 target	 genes	 via	 gene	 ontology	
(GO),33	Kyoto	Encyclopedia	of	Genes	and	Genomes	 (KEGG),34 and 
Reactome35 functional enrichment analyses.

2.3  |  circRNA- miRNA interaction network 
construction

To	 predict	 interactions	 between	 DECs	 and	 target	 miRNAs.	 We	
obtained	miRNA	 sequences	 from	 the	miRBase	 database	with	 cor-
responding annotations, after which Miranda 3.3a was used to cal-
culate binding interactions between miRNAs and circRNAs. We then 
generated	a	visualized	version	of	the	resultant	DEC-	miRNA	interac-
tion	network	using	Cytoscape	(v3.7.2;	Institute	of	Systems	Biology).

circRNA ID Host gene Expression Log 2 FC p value Chr

hsa_circ_0123543 UBP1 Up 6.61068 0.00098 3

hsa_circ_0057742 FAM126B Up 6.57177 0.00149 2

hsa_circ_0088179 AKNA Up 6.52851 0.00129 9

hsa_circ_0132428 DOPEY1 Up 6.52851 0.00112 6

hsa_circ_0094423 BTAF1 Up 6.36737 0.00121 10

hsa_circ_0008166 TDG Up 6.14096 0.00052 12

hsa_circ_0138184 SETX Up 6.09941 0.00345 9

hsa_circ_0135743 ASAP1 Up 5.99863 0.00387 8

hsa_circ_0114119 ACADM Up 5.81751 0.00279 1

hsa_circ_0131421 KDM1B Up 5.68353 0.00276 6

hsa_circ_0101479 ACIN1 Down −6.99402 0.00017 14

hsa_circ_0003650 KPNB1 Down −6.88085 0.00082 17

hsa_circ_0004249 PKM Down −6.51587 0.00079 15

hsa_circ_0030345 VPS36 Down −6.47233 0.00121 13

hsa_circ_0047367 TRAPPC8 Down −6.29717 0.00234 18

hsa_circ_0055629 STARD7 Down −6.05903 0.00166 2

hsa_circ_0062955 DEPDC5 Down −5.85501 0.00365 22

hsa_circ_0005305 VPS33A Down −5.67488 0.00231 12

hsa_circ_0001627 BACH2 Down −5.16169 0.00329 6

hsa_circ_0008531 ARID4B Down −5.02842 0.00325 1

TA B L E  2 Top	10	upregulated	and	10	
downregulated circRNAs in aging skin 
samples ranked by fold changes
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2.4  |  Quantitative real- time PCR

A	 Hipure	 Total	 RNA	 Mini	 Kit	 (Magen)	 was	 used	 to	 isolate	 RNA	
samples	 as	 above,	 after	which	 a	NanoDrop™	One	 (Thermo	Fisher	
Scientific)	instrument	was	used	to	assess	RNA	quality	and	quantity.	
In	addition,	1.5%	agarose	gel	electrophoresis	was	used	to	evaluate	
RNA integrity and to assess for the presence of any contaminating 
gDNA,	while	spectrophotometry	at	260–	280	nm	was	employed	to	
assess the purity of these RNA samples. Next, 1 µg of total RNA 
per	sample	was	used	with	a	PrimeScript	RT	reagent	kit	(Takara	Bio)	
to	prepare	cDNA	samples.	Primer3	(v.	0.4.0)	was	used	to	design	all	

primers	in	the	present	study	(Table	1),	with	GAPDH	being	used	for	
normalization	purposes.	A	2−△△CT approach was used to confirm dif-
ferential	 circRNA	expression	 in	 analyzed	 samples,	which	were	 as-
sessed in triplicate.

2.5  |  Statistical analysis

Data	are	means	±	standard	deviation	(SD).	GraphPad	Prism	v7.0	was	
used for all statistical testing, and data were compared via Student's 
t- tests with p < 0.05 as the significance threshold.

F I G U R E  2 GO	analysis	of	DEC	host	genes	associated	with	aging
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3  |  RESULTS

3.1  |  Detection of circRNA  
dysregulation in the context of skin  
aging

In	order	to	identify	circRNAs	associated	with	the	skin	aging	pro-
cesses,	we	began	by	employing	an	RNA-	seq	analysis	approach	to	
analyze	four	eyelid	skin	samples	from	young	adults	and	four	eyelid	
skin samples from aged adults, with young samples being treated 
as	controls.	In	total,	we	identified	14915	circRNAs,	of	which	571	
were found to be differentially expressed (Fold change >1.5 and 
p	<	0.05)	between	these	groups	(Figure	1A).	Of	these	DECs,	348	
and 223 were found to be up and downregulated, respectively 
(Figure	 1B).	 These	 DECs	 were	 distributed	 among	 all	 chromo-
somes, shown as a circos plots (Figure 1C). The details regarding 

the top 10 upregulated and 10 downregulated circRNAs are pre-
sented in Table 2

3.2  |  Functional enrichment analyses

We	next	conducted	GO,	KEGG,	and	Reactome	analyses	to	explore	
the	 potential	 functional	 roles	 of	 identified	DECs	 in	 the	 skin	 aging	
process.	 GO	 analyses	 suggested	 that	 these	 circRNAs	 are	 most	
closely associated with specific cellular components, molecular func-
tions,	and	biological	processes	(Figure	2).	Top	enriched	KEGG	path-
ways	associated	with	 these	DECs	 included	the	 lysine	degradation,	
inositol phosphate metabolism, and purine metabolism (Figure 3A). 
Top	Reactome	pathways	for	these	DECs	included	SUMO	E3	ligase	
SUMOylation	of	 target	proteins,	Rab	 regulation	of	 trafficking,	and	
the	Rho	GTPase	cycle	(Figure	3B).

F I G U R E  3 KEGG	and	Reactome	
pathway analyses in aged and young skin 
sample groups. A, The top 15 enriched 
KEGG	pathways.	B,	The	top	15	enriched	
Reactome pathways
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3.3  |  Confirmation of differential 
circRNA expression

In	order	to	confirm	the	validity	of	our	RNA-	seq	results,	 three	ran-
dom	 upregulated	 circRNAs	 (hsa_circ_0137613,	 hsa_circ_0077605,	
hsa_circ_0000205) and three random downregulated circRNAs 
(hsa_circ_0003803,	 hsa_circ_0113488,	 hsa_circ_0112861)	 were	

selected	for	qRT-	PCR	analysis.	For	these	analyses,	we	assessed	cir-
cRNA expression levels in 40 total eyelid skin tissue samples (20 age, 
20 young) using appropriate divergent primers. For full details re-
garding selected circRNAs, see Table 3.

We	found	that	all	the	six	DECs	exhibited	identical	trends	upon	
qRT-	PCR	analysis	to	those	observed	in	our	RNA-	seq	results	(Figure	4).	
Of	 these,	 five	 circRNAs	 (hsa_circ_0137613,	 hsa_circ_0077605,	

Circbase ID
Host 
gene

Fold 
change p value Expression Chr

Length 
(nt)

hsa_circ_0137613 ABCA1 4.90 0.000686 Up 9 654

hsa_circ_0077605 ZBTB24 5.85 0.004417 Up 6 336

hsa_circ_0000205 WDR37 4.45 0.019171 Up 10 766

hsa_circ_0003803 UTRN −5.08 0.006988 Down 6 459

hsa_circ_0113488 SPATA6 −3.65 0.015928 Down 1 708

hsa_circ_0112861 SCCPDH −8.53 0.007961 Down 1 324

TA B L E  3 Six	circRNAs	were	selected	to	
perform further PCR validation

F I G U R E  4 qRT-	PCR	validation	of	6	
differentially expressed circRNAs in 20 
young and 20 aged skin samples
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hsa_circ_0003803,	 hsa_circ_0113488,	 hsa_circ_0112861)	 exhib-
ited significant differential expression between control and aging 
skin group (p	<	0.05).	We	additionally	utilized	Sanger	sequencing	to	

verify	the	qRT-	PCR	products,	confirming	them	to	be	consistent	with	
the	sequences	in	the	circbase	(http://www.circb	ase.org/)	database	
(Supplemental Figure S1).

F I G U R E  5 Predicted	circRNA-	miRNA	interaction	networks.	Yellow	and	red	rectangles	correspond	to	circRNAs	and	target	miRNAs,	
respectively

http://www.circbase.org/
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3.4  |  circRNA- miRNA interaction 
network generation

To further evaluate the functional roles of these identified circR-
NAs, we assessed the potential miRNA binding of six circRNAs 
using miRnada (v 3.3a), with the resultant interaction network 
being	 visualized	 using	 the	 Cytoscape	 (V3.6.0)	 tool	 (Figure	 5).	
In	 total,	 this	 network	 incorporated	 6	 circRNAs	 and	 151	 target	
miRNAs.	 Among	 these	 151	 miRNAs,	 we	 found	 that	 6	 miRNAs,	
hsa-	miR-	3064-	5p,	 hsa-	miR-	6762-	3p,	 hsa-	miR-	3194-	3p,	 hsa-	miR-	
6731-	5p,	hsa-	miR-	30c-	1-	3p	and	hsa-	miR-	6760-	5p	not	only	bind	to	
1 circRNA, but they may be also regulated by multiple circRNAs at 
the same time.

4  |  DISCUSSION

Skin aging is an ongoing process influenced by both intrinsic and ex-
trinsic factors that ultimately leads to impaired tissue integrity and 
functionality. As skin ages, it loses its elasticity and undergoes thick-
ening, drying, and wrinkling.6	 Increased	ultraviolet	 radiation	expo-
sure	as	a	result	of	ozone	layer	degradation	has	further	expedited	the	
skin aging process in some areas of the world. Effective approaches 
to preventing skin aging, however, remain to be established and are 
of great interest to the pharmaceutical and cosmetic industries. At 
present, the molecular mechanisms governing skin aging remain 
poorly understood, and few relevant biomarkers of this progress 
have been identified.

Owing	to	their	closed-	loop	structures,	circRNAs	are	more	resis-
tant to exonuclease- mediated degradation than are linear RNAs,36 
making them ideal as biomarkers of certain diseases.37- 40 However, 
relatively few studies have assessed the relationship between cir-
cRNA expression patterns and the skin aging process. Amaresh 
et	 al.	 evaluated	 circRNA	 expression	 profiles	 in	WI-	38	 cells	 from	
early	and	 late	passages	via	RNA-	seq	and	 identified	circPVT1	as	a	
suppressor	of	cellular	senescence	that	sequesters	let7.41 Peng et al. 
similarly	identified	29	circRNAs	that	were	differentially	expressed	
in	human	dermal	 fibroblasts	 following	UVA	 irradiation	and	deter-
mined	that	circCOL3A1	serves	as	a	regulator	of	the	expression	of	
type	I	collagen	during	the	photoaging	process.42 Si et al. also gener-
ated	a	UVB-	induced	model	of	fibroblast	senescence	in	which	they	
identified	472	DECs	via	microarray.	Of	 these,	 they	 identified	 cir-
cRNA_100797	acts	as	a	molecular	sponge	capable	of	sequestering	
miR-	23a-	5p	 and	 inhibiting	 the	UVB-	induced	 photoaging	 of	 these	
cells.43

Unlike	these	prior	studies	analyzing	cell	models,	 in	the	present	
study we assessed differential circRNA expression in primary eyelid 
tissue samples from young and aged human donors. We ultimately 
identified	 571	 DECs	 and	 5	 circRNA	 expression	 levels	 in	 the	 two	
groups of samples were confirmed to have significant differences 
via	qPCR.	Hsa_circ_0137613	and	has_circ_0077605	are	significantly	
upregulated in the aging skin group, suggesting that they may have 
the biological functions of promoting skin cell apoptosis, reducing 

cell	proliferation	or	arresting	the	cell	cycle	in	G0/G1	phase.	On	the	
contrary,	 the	 expression	 of	 hsa_circ_0003803,	 hsa_circ_0113488	
and	 hsa_circ_0112861	 in	 aging	 skin	 tissues	 was	 significantly	 re-
duced, suggesting that they may have the function of accelerating 
skin cell proliferation and inhibiting skin cell apoptosis. We will use 
gain- of- function and loss- of- function experiments to verify the 
functions of these molecules in skin cell models. Moreover, we con-
ducted	GO,	KEGG,	and	Reactome	functional	enrichment	analyses	to	
gain insight into the molecular mechanisms whereby these circRNAs 
functioned in this context. The interactions between circRNAs and 
miRNAs in the skin aging process are also poorly understood, and 
as	 such	we	 utilized	 the	miRnada	 program	 to	 construct	 a	 putative	
circRNA- miRNA interaction network.

There are multiple limitations to the present study. For one, our 
sample	size	was	relatively	limited	and	should	be	expanded	in	future	
analyses. Furthermore, both in vivo and in vitro validation of the 
functional	 relevance	of	 these	DECs	 is	still	 required.	The	 identified	
circRNAs have the potential to function through a range of mech-
anisms including as ceRNAs or as translated peptides/proteins to 
modulate the aging process, and as such our analyses are too cursory 
to	offer	meaningful	insights	into	their	roles	in	this	context.	Despite	
these limitations, our results represent a novel dataset pertaining 
to the identification of circRNAs associated with the skin aging pro-
cess,	with	hsa_circ_0137613,	hsa_circ_0077605,	hsa_circ_0003803,	
hsa_circ_0113488	and	hsa_circ_0112861	being	potential	skin	aging-	
related biomarkers.

ACKNOWLEDG EMENTS
This work was supported by a grant from: the Science & Technology 
Fund	of	Liaoning	Province	(grant	no.	201501013);	the	Distinguished	
Professor Foundation of Liaoning Province (grant no. Liao (2012)145)

CONFLIC T OF INTERE S T
The authors declare they have no competing interests.

DATA AVAIL ABILIT Y S TATEMENT
The data that support the findings of this study are available from 
the	corresponding	author	upon	reasonable	request.

ORCID
Chundi He  https://orcid.org/0000-0003-2913-5550 

R E FE R E N C E S
	 1.	 Lei	L,	Ou	L,	Yu	X.	The	antioxidant	effect	of	Asparagus	cochinchin-

ensis	(Lour.)	Merr.	shoot	in	D-	galactose	induced	mice	aging	model	
and in vitro. J Chin Med Assoc.	2016;79(4):205-	211.

	 2.	 Arakawa	N,	Utsumi	D,	 Takahashi	K,	 et	 al.	 Expression	 changes	 of	
structural protein genes may be related to adaptive skin character-
istics specific to humans. Genome Biol Evol.	2019;11(3):613-	628.

	 3.	 Shan	SJ,	Xiao	T,	Chen	J,	et	al.	Kanglaite	attenuates	UVB-	induced	
down-	regulation	of	aquaporin-	3	 in	cultured	human	skin	keratino-
cytes. Int J Mol Med.	2012;29(4):625-	629.

	 4.	 Hong	H,	Jung	M,	Choe	SJ,	Kim	JB.	Choi	EH	The	effect	of	Rhus	ver-
niciflua stokes extracts on photo- aged mouse skin. Ann Dermatol. 
2017;29(3):295-	301.

https://orcid.org/0000-0003-2913-5550
https://orcid.org/0000-0003-2913-5550


10 of 10  |     WANG et Al.

	 5.	 Wu	D,	Zhou	B,	Xu	Y,	Yin	Z.	Luo	D	Impact	of	intense	pulsed	light	ir-
radiation on cultured primary fibroblasts and a vascular endothelial 
cell line. Exp Ther Med.	2012;4(4):669-	674.

	 6.	 Kammeyer	 A,	 Luiten	 RMJARR.	 Oxidation	 events	 and	 skin	 aging.	
Ageing Res Rev.	2015;21:16-	29.

	 7.	 Kaczor-	Urbanowicz	KE,	Kim	Y,	Li	F,	et	al.	Novel	approaches	for	bio-
informatic	analysis	of	 salivary	RNA	sequencing	data	 for	develop-
ment. Bioinformatics.	2018;34(1):1-	8.

	 8.	 Hölzer	M,	Marz	M.	De	novo	transcriptome	assembly:	a	comprehen-
sive	cross-	species	comparison	of	short-	read	RNA-	Seq	assemblers.	
Gigascience.	2019;8(5):giz039.

	 9.	 Yang	 X,	 Wang	 HL,	 Liang	 HW,	 et	 al.	 Clinical	 significance	 of	
microRNA-	449a	in	hepatocellular	carcinoma	with	microarray	data	
mining together with initial bioinformatics analysis. Exp Ther Med. 
2018;15(4):3247-	3258.

	10.	 Liu	Y,	Guo	G,	Zhong	Z,	et	 al.	 Long	non-	coding	RNA	FLVCR1-	AS1	
sponges miR- 155 to promote the tumorigenesis of gastric cancer by 
targeting c- Myc. Am J Transl Res.	2019;11(2):793-	805.

	11.	 Kolakofsky	DJ.	 Isolation	 and	 characterization	 of	 Sendai	 virus	DI-	
RNAs. Cell.	1976;8(4):547-	555.

	12.	 Cocquerelle	C,	Mascrez	B,	Hétuin	D,	Bailleul	B.	Mis-	splicing	yields	
circular RNA molecules. FASEB J.	1993;7(1):155-	160.

	13.	 Quan	G,	Li	J.	Circular	RNAs:	biogenesis,	expression	and	their	poten-
tial roles in reproduction. J Ovarian Res.	2018;11(1):9.

 14. Xuan L, Qu L, Zhou H, et al. Circular RNA: a novel biomarker for 
progressive laryngeal cancer. Am J Transl Res.	2016;8(2):932-	939.

	15.	 Hansen	TB,	Jensen	TI,	Clausen	BH,	et	al.	Natural	RNA	circles	function	
as efficient microRNA sponges. Nature.	2013;495(7441):384-	388.

	16.	 Yang	F,	Hu	A,	Li	D,	et	al.	Circ-	HuR	suppresses	HuR	expression	and	
gastric	cancer	progression	by	inhibiting	CNBP	transactivation.	Mol 
Cancer.	2019;18(1):158.

	17.	 Barbagallo	D,	Caponnetto	A,	Brex	D,	et	al.	CircSMARCA5	regulates	
VEGFA	mRNA	splicing	and	angiogenesis	in	glioblastoma	multiforme	
through the binding of SRSF1. Cancers (Basel).	2019;11(2):194.

	18.	 Pamudurti	NR,	Bartok	O,	 Jens	M,	et	 al.	 Translation	of	CircRNAs.	
Mol Cell.	2017;66(1):9-	21.e7.

	19.	 Zhang	M,	Zhao	K,	Xu	X,	et	al.	A	peptide	encoded	by	circular	form	
of	 LINC-	PINT	 suppresses	 oncogenic	 transcriptional	 elongation	 in	
glioblastoma. Nat Commun.	2018;9(1):4475.

 20. Liang WC, Wong CW, Liang PP, et al. Translation of the circular RNA 
circβ- catenin promotes liver cancer cell growth through activation 
of the Wnt pathway. Genome Biol.	2019;20(1):84.

 21. Xia X, Li X, Li F, et al. A novel tumor suppressor protein encoded by 
circular	AKT3	RNA	inhibits	glioblastoma	tumorigenicity	by	compet-
ing	with	active	phosphoinositide-	dependent	Kinase-	1.	Mol Cancer. 
2019;18(1):131.

	22.	 Zheng	X,	Chen	L,	Zhou	Y,	et	al.	A	novel	protein	encoded	by	a	circular	
RNA circPPP1R12A promotes tumor pathogenesis and metastasis of 
colon	cancer	via	Hippo-	YAP	signaling.	Mol Cancer.	2019;18(1):47.

	23.	 Yang	 Y,	 Gao	 X,	 Zhang	 M,	 et	 al.	 Novel	 role	 of	 FBXW7	 circu-
lar RNA in repressing glioma tumorigenesis. J Natl Cancer Inst. 
2018;110(3):304-	315.

	24.	 Zhang	M,	Huang	N,	Yang	X,	et	al.	A	novel	protein	encoded	by	the	
circular form of the SHPRH gene suppresses glioma tumorigenesis. 
Oncogene.	2018;37(13):1805-	1814.

	25.	 Dube	U,	Del-	Aguila	JL,	Li	Z,	et	al.	An	atlas	of	cortical	circular	RNA	
expression	 in	Alzheimer	 disease	 brains	 demonstrates	 clinical	 and	
pathological associations. Nat Neurosci.	2019;22(11):1903-	1912.

	26.	 Zeng	Y,	Du	WW,	Wu	Y,	et	al.	A	circular	RNA	binds	to	and	activates	
AKT	phosphorylation	and	nuclear	localization	reducing.	apoptosis	
and enhancing cardiac repair. Theranostics.	2017;7(16):3842-	3855.

	27.	 Wang	K,	Long	B,	Liu	F,	et	al.	A	circular	RNA	protects	the	heart	from	
pathological hypertrophy and heart failure by targeting miR- 223. 
Eur Heart J.	2016;37(33):2602-	2611.

	28.	 Langmead	B,	Salzberg	SL.	Fast	gapped-	read	alignment	with	Bowtie	
2. Nat Methods.	2012;9(4):357-	359.

	29.	 Li	 B,	 Dewey	 CN.	 RSEM:	 accurate	 transcript	 quantification	
from	 RNA-	Seq	 data	 with	 or	 without	 a	 reference	 genome.	 BMC 
Bioinformatics. 2011;12:323.

	30.	 Dobin	A,	Davis	CA,	Schlesinger	F,	et	al.	STAR:	ultrafast	universal	
RNA-	seq	aligner.	Bioinformatics.	2013;29(1):15-	21.

	31.	 Cheng	 J,	Metge	 F,	 Dieterich	 C.	 Specific	 identification	 and	 quan-
tification	 of	 circular	 RNAs	 from	 sequencing	 data.	 Bioinformatics. 
2016;32(7):1094-	1096.

	32.	 Robinson	MD,	McCarthy	 DJ,	 Smyth	 GK.	 edgeR:	 a	 Bioconductor	
package for differential expression analysis of digital gene expres-
sion data. Bioinformatics.	2010;26(1):139-	140.

	33.	 Ashburner	M,	Ball	CA,	Blake	JA,	et	al.	Gene	ontology:	tool	for	the	
unification of biology. The Gene Ontology Consortium. Nat Genet. 
2000;25(1):25-	29.

	34.	 Ogata	H,	Goto	S,	Sato	K,	Fujibuchi	W,	Bono	H,	Kanehisa	MKEGG.	
Kyoto	 Encyclopedia	 of	 Genes	 and	 Genomes.	 Nucleic Acids Res. 
1999;27(1):29-	34.

	35.	 Fabregat	 A,	 Jupe	 S,	 Matthews	 L,	 et	 al.	 The	 reactome	 pathway	
knowledgebase. Nucleic Acids Res.	2018;46(D1):D649-	d655.

	36.	 Jeck	 WR,	 Sorrentino	 JA,	 Wang	 K,	 et	 al.	 Circular	 RNAs	 are	
abundant, conserved, and associated with ALU repeats. RNA. 
2013;19(2):141-	157.

	37.	 Qin	M,	Liu	G,	Huo	X,	et	al.	Hsa_circ_0001649:	A	circular	RNA	and	
potential novel biomarker for hepatocellular carcinoma. Cancer 
Biomark.	2016;16(1):161-	169.

	38.	 Wang	J,	Li	X,	Lu	L,	He	L,	Hu	H.	Xu	Z	Circular	RNA	hsa_circ_0000567	
can be used as a promising diagnostic biomarker for human col-
orectal cancer. J Clin Lab Anal.	2018;32(5):e22379.

	39.	 Zhuang	ZG,	Zhang	JA,	Luo	HL,	et	al.	The	circular	RNA	of	peripheral	
blood	mononuclear	 cells:	Hsa_circ_0005836	 as	 a	 new	diagnostic	
biomarker and therapeutic target of active pulmonary tuberculosis. 
Mol Immunol.	2017;90:264-	272.

	40.	 Cui	X,	Niu	W,	Kong	L,	et	al.	Hsa-	circRNA-	103636:	Potential	novel	
diagnostic and therapeutic biomarker in Major depressive disorder. 
Biomark Med.	2016;10(9):943-	952.

	41.	 Panda	 AC,	 Grammatikakis	 I,	 Kim	 KM,	 et	 al.	 Identification	
of senescence- associated circular RNAs (SAC- RNAs) re-
veals	 senescence	 suppressor	 CircPVT1.	 Nucleic Acids Res. 
2016;45(7):4021-	4035.

	42.	 Peng	Y,	 Song	X,	 Zheng	Y,	Wang	X.	 Lai	W	Circular	 RNA	profiling	
reveals	 that	circCOL3A1-	859267	regulate	 type	 I	 collagen	expres-
sion in photoaged human dermal fibroblasts. Biochem Biophys Res 
Commun.	2017;486(2):277-	284.

	43.	 Si	 C,	 Wang	 J,	 Ma	 W,	 et	 al.	 Circular	 RNA	 expression	 profile	 in	
human fibroblast premature senescence after repeated ul-
traviolet	 B	 irradiations	 revealed	 by	 microarray.	 J Cell Physiol. 
2019;234(10):18156-	18168.

SUPPORTING INFORMATION
Additional supporting information may be found online in the 
Supporting	Information	section.

How to cite this article: Wang L, Si X, Chen S, et al. A 
comprehensive evaluation of skin aging- related circular RNA 
expression profiles. J Clin Lab Anal. 2021;35:e23714.  
https://doi.org/10.1002/jcla.23714

https://doi.org/10.1002/jcla.23714

