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Striking similarity exists between metabolic changes associated with

embryogenesis and tumorigenesis. Chromobox proteins-CBX2/4/6/7/8, core

components of canonical polycomb repressor complex 1, play essential

roles in embryonic development and aberrantly expressed in breast cancer.

Understanding how altered CBX expression relates to metabolic repro-

gramming in breast cancer may reveal vulnerabilities of therapeutic perti-

nence. Using transcriptomic and metabolomic data from breast cancer

patients (N > 3000 combined), we performed pathway-based analysis and

identified outstanding roles of CBX2 and CBX7 in positive and negative

regulation of glucose metabolism, respectively. Genetic ablation experi-

ments validated the contrasting roles of two isoforms in cancer metabolism

and cell growth. Furthermore, we provide evidence for the role of mam-

malian target of rapamycin complex 1 signaling in mediating contrary

effects of CBX2 and CBX7 on breast cancer metabolism. Underpinning

the biological significance of metabolic roles, CBX2 and CBX7 were found

to be the most up- and downregulated isoforms, respectively, in breast

tumors compared with normal tissues. Moreover, CBX2 and CBX7 expres-

sion (not other isoforms) correlated strongly, but oppositely, with breast

tumor subtype aggressiveness and the proliferation markers. Consistently,

genomic data also showed higher amplification frequency of CBX2, not

CBX7, in breast tumors. Highlighting the clinical significance of findings,

disease-specific survival and drug sensitivity analysis revealed that CBX2

and CBX7 predicted patient outcome and sensitivity to FDA-approved/in-

vestigational drugs. In summary, this work identifies novel cross talk

between CBX2/7 and breast tumor metabolism, and the results presented

may have implications in strategies targeting breast cancer.
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1. Introduction

Breast cancer is a major health challenge with over 2 mil-

lion cases diagnosed worldwide in 2018, second highest

after lung cancer [1]. In India, breast cancer has ranked

number one in cancer-related deaths among women,

overtaking cervical cancer [2]. Although substantial pro-

gress has been made in breast cancer treatment strategies

to bring down morbidity and mortality, the patient out-

come, particularly for aggressive breast cancers, remains

poor. This necessitates the identification of the oncogenic

mechanisms responsible for breast carcinogenesis and

their evaluation for clinical relevance.

Nearly a century ago, OttoWarburg observed unusual

conversion of glucose into lactate by cultured cancer

cells even in the presence of ample oxygen, a phe-

nomenon known as Warburg effect or aerobic glycolysis

[3]. Warburg effect along with other metabolic alter-

ations essentially constitutes metabolic reprogramming,

a key adaptation by cancer cells to support their rapid

proliferation [4]. Metabolic reprogramming discrimi-

nates tumor cells from their normal counterparts, thus

holding immense therapeutic significance [5]. Aerobic

glycolysis plays a central role in channeling glucose car-

bons for biomass production by branching-off pathways

which rely on glycolytic intermediates as substrates, thus

prioritizing anabolism over catabolism [6]. Elevated

lactate production by cancer cells helps conserve glucose

carbons for anabolic processes rather than ATP produc-

tion via oxidative phosphorylation [7]. Besides, glycoly-

sis also serves as a source of rapid ATP production in

cancer cells as it does in skeletal muscle during strenuous

exercise [8]. Notably, FDG-PET (18Fluorodeoxyglu-

cose-positron emission tomography) exploits addiction

of cancer cells to glucose for clinical imaging of primary

and secondary tumors [9]. It has now become increas-

ingly evident that benefits of glycolysis extend beyond

metabolism and role of altered glycolysis has been impli-

cated in transcriptional regulation [10], epigenetic regu-

lation [11,12], immune-escape [13], cell cycle [14], mitotic

spindle [15], metastasis [16], and inflammation [17].

Moreover, aerobic glycolysis and associated pathways

contribute to chemo- and radioresistance in cancer [18–
20]. Combinatorial treatments with compounds inhibit-

ing glycolysis have shown synergy in decreasing triple-

negative breast cancer cell viability [21]. Taken together,

aerobic glycolysis is critical for tumor growth, and thus,

it is important to elucidate the mechanisms that con-

tribute to its regulation in breast cancer.

Metabolic changes play essential roles during embryo-

genesis and tumorigenesis [22,23]. For example, aerobic

glycolysis facilitates biomass production during embry-

onic development [24]. Moreover, metabolic changes are

crucial in determining cellular fate and differentiation

[25,26]. However, contrary to embryonic development

where metabolic pathways are tightly regulated, cancer

cells frequently acquire deregulation in metabolic path-

ways through mutations and epigenetic remodeling [27].

Chromobox family members CBX2, 4, 6, 7, and 8 (col-

lectively referred as CBX, hereafter) are conserved com-

ponents crucial for the activity of canonical polycomb

repressor complex (cPRC1) and play a key role in

embryonic development via transcriptional repression,

necessary for maintaining cellular fate decisions [28,29].

CBXs are epigenetic readers which recruit PRC1 at

specific methylated histones for transcriptional repres-

sion through chromatin compaction [30]. Within PRC1

complex, CBX is reported to be mutually exclusive [31].

CBX2 can also function independently of PRC1 com-

plex [32]. Deregulated CBX expression has been impli-

cated in breast cancer [33–37]. Recent evidence connects

PRC1 with oncogenic transcriptional programs in breast

cancer [38]. However, the relation between CBX and

metabolic reprogramming is not clear. With this back-

ground, we conjectured that altered CBX expression

may play a role in metabolism of breast cancer.

Using the integrative approach, we attempt here to

delineate the role of aberrant CBX expression in meta-

bolic reprogramming and identify CBX2 and CBX7 (re-

ferred as CBX2/7, hereafter) as antagonistic regulators of

aerobic glycolysis in breast cancer. Further, we evaluate

the biological and clinical relevance of identified meta-

bolic roles of CBX2 and CBX7 to show that these two iso-

forms are most differentially expressed in breast tumors

and are informative about prognosis and drug sensitivity.

2. Materials and methods

2.1. Transcriptomic, metabolomic, and survival

analysis of breast cancer patients

Molecular Taxonomy of Breast Cancer International

Consortium (METABRIC) breast tumor and normal

data of 1992 and 144 samples, respectively, were

accessed from European Genome Archive (EGA)

with accession numbers EGAD00010000210,

EGAD00010000211, and EGAD00010000212. The

Cancer Genome Atlas (TCGA) breast tumor and nor-

mal data of 1104 and 102 samples, respectively, were

obtained from UCSC Xena (https://xena.ucsc.edu).

Metabolomic and transcriptomic data of 67 breast

tumors and 65 normal were obtained from Terunuma

et al. [39]. DNA methylation and phosphoprotein data

of TCGA tumor samples were obtained from cBiopor-

tal. Pathifier tool (https://www.bioconductor.org/packa
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ges/release/bioc/html/pathifier.html) was used in R

script to calculate deregulation score of the studied

pathway(s) in each tumor sample. Pathifier quantifies

and assigns pathway deregulation scores (PDS) to each

tumor sample based on gene expression data, and final

PDS values are normalized between 0 and 1. A PDS

value represents the extent of deviation of a pathway

in a tumor sample from normal behavior. Normal tis-

sue samples are required by Pathifier as a reference for

normal gene expression and to estimate deviation in

terms of PDS. Signaling genesets used for Pathifier

analysis [40] were taken from Molecular Signature

Database (MSigDB) [41] and glycolysis from Recon 1

[42]. For patient survival analysis, Kaplan–Meier

curves were prepared; P values and hazard ratios

(HR) were calculated using the Mantel–Cox and log-

rank test, respectively, through GRAPHPAD PRISM soft-

ware v7 (San Diego, CA, USA). For survival analysis,

data were obtained from cBioportal.

2.2. Cell culture-based assays, siRNA

transfections, and Western blotting

MDA-MB-231 and MCF7 breast cancer cell lines were

procured and maintained as described previously [21].

Briefly, cells were grown in Dulbecco’s Modified Eagle’s

medium media (Gibco, Thermo Fisher Scientific Inc.,

Waltham, MA, USA) supplemented with 10% FBS

(Gibco) as described [21]. Cell lines used were authenti-

cated by STR profiling and also tested for mycoplasma, to

ensure authenticity and mycoplasma negativity. For

CBX2 and CBX7 silencing experiments, MDA-MB-231

and MCF7 were seeded at a density of 1 9 104 and

5 9 103 per well, respectively, followed by transfection

with siRNA SMART pool and nontargeting pool siRNA

(Dharmacon, Lafayette, CO, USA). Pooled siRNA used

combines four gene-specific siRNAs into a single reagent

pool. siRNA preparations and transfections were done

according to the manufacturer’s protocol. Briefly, siRNAs

were resuspended in 19 siRNAbuffer and cells were trans-

fected usingDharmaFECT transfection reagent (Dharma-

con) according to manufacturer’s specifications. Cells

were allowed to grow for 48 h before processing and har-

vesting for experimental measurements. Glucose, lactate,

and ATP measurements were taken spectrophotometri-

cally using commercial kits as described previously [21].

Oligomycin and rapamycin (Sigma-Aldrich, St. Louis,

MO, USA) were dissolved in cell culture grade DMSO

(Sigma-Aldrich) to prepare a 5 and 10 mM stock and solu-

tion and stored at �80 °C until further use. All metabolic

measurements were normalized to protein content. Cell

viability and biomass experiments were performed using

trypan blue exclusion, and biomass measurements were

performed using sulforhodamine-based assays as

described [21]. For proliferation assay, cells were counted

using a hemocytometer. For protein detection: Cell lysates

were prepared in RIPA lysis buffer containing protease

and phosphates inhibitors (Sigma-Aldrich) and Western

blotting was performed as described [43]. Briefly, cells were

incubated in lysis buffer for 30 min at 4 °C with continu-

ous shaking and then centrifuged to collect clear super-

natant for protein quantification was done using PierceTM

bicinchoninic acid protein assay kit (Thermo Fisher Scien-

tific Inc.). Primary antibodies used: anti-CBX2 (Abcam,

Cambridge, UK), anti-CBX7 (Abcam), anti-phosphoS6-

S235/236 (Cell Signaling Technologies, Danvers, MA,

USA), anti-phosphoS6-S240/244 (Cell Signaling Tech-

nologies), and anti-b-actin (Cell Signaling Technologies).

The membrane was incubated with secondary antibody

for 1 h at room temperature, and proteins were detected

using chemiluminescent HRP substrate (Merck-Millipore,

MerckKGaA,Darmstadt, Germany).

2.3. Drug sensitivity assay

Breast cancer cell line sensitivity data were obtained

from Heiser et al. [44]. Expression data on breast cancer

cell lines were obtained from (ArrayExpress E-MTAB-

181) [44]. Above mean expression cell lines were labeled

as CBX2/CBX7High and below mean expression as

CBX2/CBX7Low. Z-scores of -log10(GI50) values were

used to plot heatmap using MORPHEUS software (https://

software.broadinstitute.org/morpheus/).

2.4. Statistical analysis

Data are presented as either as median with minimum

and maximum values or mean � SD. Unpaired stu-

dent’s t-test or Mann-Whitney test or Kruskal–Wallis

or ANOVA with multiple comparison test was per-

formed using GRAPHPAD PRISM software v7 to calculate

significance. P < 0.05 was considered to be statistically

significant and represented in figures as *P < 0.03,

**P < 0.0021, ***P < 0.0002, ****P < 0.0001. All

experiments were performed in independent replicates

to calculate significance.

3. Results

3.1. Transcriptomic and metabolomic data are

mutually corroborative to suggest opposing roles

of CBX2 and CBX7 in breast cancer metabolism

To understand the role of CBX members in breast can-

cer metabolism, we queried transcriptomic data of
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tumor and normal tissue samples from clinically anno-

tated METABRIC and TCGA datasets. As aerobic gly-

colysis is central to metabolic reprogramming, the

expression of glycolysis geneset (from Recon 1) [42] was

analyzed. For a meaningful interpretation of gene

expression information, we employed Pathifier [40] to

assign a pathway deregulation score (PDS) to each

tumor sample based on its deviation (in geneset expres-

sion) from normal sample. As shown in Fig. 1A, breast

tumors exhibit highly deregulated glycolysis compared

with normal tissue. To evaluate the association between

CBX isoforms and glycolysis, a correlation was calcu-

lated between each CBX and glycolysis PDS across all

samples. Strikingly, CBX2 and CBX7 stood-out in their

positive and negative correlation, respectively, with gly-

colysis PDS (Fig. 1B). CBX4 and CBX8 correlation

with glycolysis did not reproduce in two datasets.

Although CBX6 correlation with glycolysis was consis-

tent in datasets, CBX7 outperformed CBX6 in the

strength of correlation with glycolysis (Fig. 1B, see

related Fig. S1A). Further, samples were designated as

CBX2High/Low or CBX7High/Low based on above
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Fig. 1. Analysis of transcriptomic and metabolomic data from breast tumors. (A) Glycolysis is highly deregulated in breast tumors of

METABRIC (N = 1992) and TCGA (N = 1104) compared to normal tissues (N = 144 and N = 102 in METABRIC and TCGA, respectively).

Gene expression-based deregulation score for normal and tumors was calculated using Pathifier tool (see Methods). (B) Spearman

correlation between glycolysis deregulation score (PDS) and mRNA expression of CBX members in breast tumors of METABRIC and TCGA.

Pearson correlation also provided similar results, see Fig. S1A. (C) CBX2High (N = 815) and CBX7Low (1060) tumor samples showed higher

glycolysis PDS compared with their counterparts, consistent with their oncogenic and tumor-suppressive roles, respectively. (D) Glycolysis

deregulation score increased from lumA to basal samples, indicating an association of deregulated glycolysis with subtype aggressiveness.

The red triangles indicate an increase in aggressiveness from left to right. (E) Metabolomic data from Terunuma et al. showing significantly

higher intracellular levels of glycolysis intermediates in breast tumors compared with normal tissues (Normal = 65, Tumors = 67). (F)

Spearman correlation analysis between key glycolytic metabolites and CBX mRNA in breast tumors from Terunuma et al. (G) Breast tumors

(Terunuma et al.) were divided as CBX2High/Low and CBX7High/Low (see methods), and glycolytic metabolite abundance was compared to

show significant differences. Box and whiskers plot represent minimum, maximum, and median. P values were calculated using Kruskal–

Wallis test or t-test and represented as *P < 0.03, **P < 0.0021, ***P < 0.0002, ****P < 0.0001.
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(High) or below (Low) mean expression. CBX2High

and CBX7Low samples showed higher glycolysis PDS

compared with CBX2Low and CBX7High samples,

respectively (Fig. 1C). Of note, glycolysis deregulation

correlated with subtype aggressiveness with lowest and

highest PDS in lumA and basal samples, respectively

(Fig. 1D). To further substantiate these observations,

we accessed breast tumor metabolomic data published

by Terunuma et al. [39]. Interestingly, metabolomic data

showed upregulation of glycolysis metabolites in tumor

samples compared with normal tissues (Fig. 1E).

Remarkably, the correlation of CBX2, CBX6, and

CBX7 with glycolytic metabolites showed similarity to

their correlation with glycolysis PDS (compare Fig. 1B

and 1F). Likewise, glycolytic metabolites were found to

be upregulated in CBX2High and CBX7Low samples

(Fig. 1G). Moreover, key metabolites of biosynthetic

pathways that branch-off from glycolysis were also

found to be upregulated in CBX2High and CBX7Low

tumor samples (Fig. S1B). Overall, these data demon-

strate agreement between gene expression and metabo-

lite data to indicate conflicting roles of CBX2/7 in

breast cancer metabolism.

3.2. Silencing of CBX2 and CBX7 reveal inverse

effects on glycolysis, ATP production, viability,

proliferation, and biomass production

Transcriptomic and metabolomic results were concor-

dant to implicate CBX2/7 in aerobic glycolysis. To

experimentally corroborate, we silenced CBX2 or CBX7

in MDA-MB-231 and MCF7 cells using siRNA

approach, followed by measurements of glucose uptake,

lactate release, glycolytic ATP production, viability,

proliferation, and biomass production. To ensure mea-

surements of only glycolytic ATP, all experimental cells

were given background treatment with 1 lM oligomycin

(mitochondrial ATP synthase inhibitor). In agreement

with patient tumor data, silencing of CBX2 and CBX7

showed opposite effects on all six measured end-points

(Fig. 2A–F). CBX7 overexpression mirrored the effects

of CBX2 silencing (Fig. S2A). Consistent with effect of

CBX2/7 silencing on proliferation (Fig. 2E), CBX2/7

protein correlated significantly with proliferation mark-

ers CCNB1 and Ki67 in TCGA breast tumor tissues

(Fig. S2B,C). To further establish that changes in viabil-

ity, proliferation, and biomass are indeed because of the

decreased glycolysis induced upon CBX2 and CBX7

silencing, MDA-MB-231 cells were treated with 2-

deoxyglucose (2DG), a glucose analog that competes

with glucose and blocks the conversion of glucose to

glucose-6-phosphate, thus inhibiting glycolysis [45].

Reduction in viability, proliferation, and biomass

production upon 2DG treatment demonstrated the role

of glycolysis in controlling cell growth (Fig. S3A-C).

Moreover, CBX2/7 silencing resulted in changes in gly-

colysis gene signature (Fig. S3D). Overall, these in vitro

results were found to be consistent with the findings of

the transcripto-metabolomic analysis and validated the

roles of CBX2 and CBX7 in metabolic reprogramming

of breast cancer.

3.3. Evidence for the role of mTORC1 signaling

Dysregulated signaling is a common alteration in can-

cers and has been linked to abnormal nutrient uptake

and metabolism in cancer [46]. Oncogenic mutations

are a frequent occurrence in receptors and/or regula-

tors of growth signaling, an important requirement by

cancer cells for unchecked nutrient uptake (e.g., glu-

cose) and altered metabolism [47]. We conjectured that

CBX2 and CBX7 may modulate growth signaling to

induce metabolic reprogramming in breast tumors. To

test the hypothesis, genesets of hallmark cancer signal-

ing pathways were retrieved from MSigDB [41] and

subjected to Pathifier for calculation of deregulation

scores of all hallmark signaling pathways in all sam-

ples of METABRIC and TCGA datasets. Correlation

analysis of PDS of signaling hallmarks with CBX2/7

showed the strongest correlation of both isoforms with

mammalian target of rapamycin complex 1 (mTORC1)

signaling in either direction, reproduced across both

datasets (Fig. 3A; also see Fig. S4 for correlation

plots). Moreover, CBX2/7 protein correlated in oppo-

site directions with phosphorylation of ribosomal S6

protein at serine 235/236 and serine 240/244 in TCGA

tumor samples, further implying the role of mTORC1

signaling (Fig. 3B). Importantly, phosphorylation of

ribosomal S6 protein is considered as a conserved mar-

ker of mTOR signaling state, cell size and glucose

homestasis [48]. Next, for more direct evidence, CBX2

and CBX7 were silenced in MDA-MB-231 and MCF7

cells using SMARTpool siRNA (combines four gene-

specific siRNA for effective gene silencing) followed by

immunoblotting to detect phosphorylation of riboso-

mal S6 protein. As shown in Fig 3C, CBX2 or CBX7

silencing decreased or increased phosphorylation of

ribosomal S6 protein, respectively. Quantification of

blots is provided in Fig. S5A. Further, reduction in

glycolysis in MDA-MB-231 and MCF7 upon treat-

ment with standard mTORC1 signaling inhibitor rapa-

mycin validated the role of mTORC1 signaling in

regulation of glycolysis (Fig. S5B). Together, these

results hint at the role of CBX2 and CBX7 in modu-

lating mTORC1 pathway to promote aerobic glycoly-

sis in breast cancer.
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3.4. CBX2 and CBX7 are the most differentially

expressed isoforms compared with normal tissue

and exhibit opposing correlation with breast

cancer aggressiveness

Discriminatory expression in tumors compared with

normal and overexpression in aggressive tumors are

important indices that reflect on the significance of a

gene in cancer. To find out whether CBX2 and CBX7

meet these criteria and to further validate the biologi-

cal relevance of metabolic roles of CBX2/7, we per-

formed the genotranscriptomic analysis in

METABRIC and TCGA datasets. Reproducibly in

both datasets, CBX2 was found to be the most
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Fig. 2. Effect of CBX2 and CBX7 silencing on glucose uptake, lactate release, glycolytic ATP production, cell growth, and biomass

production. (A–C) MDA-MB-231 and MCF7 cells were either transfected with siControl (nontargeting pool siRNA) or siCBX2 or siCBX7

(SMARTpool siRNA), and after 48 h, media was collected to assess glucose uptake and lactate release using commercial kits as described

in Methods section. Intracellular ATP was extracted from siControl, siCBX2, and siCBX7 transfected cells after 48 h, as detailed in Methods

section. (D–F) siControl, siCBX2, and siCBX7 transfected cells were assessed for cell viability, proliferation, and biomass production. Bars

represent mean � SD from three independent biological replicates. t-test was used to calculate P values represented as *P <

0.03,**P < 0.0021, ***P < 0.0002, ****P < 0.0001.
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upregulated and CBX7 as the most downregulated iso-

forms in breast tumors compared with normal tissues

(Fig. 4A,B). Notably, only CBX2/7 correlated with

subtype aggressiveness, and not others, a striking simi-

larity to the correlation of glycolysis deregulation with

breast cancer aggressiveness (Figs 4C and 1D). As gly-

colysis and tumor aggressiveness relates to high rates

of proliferation [49,13], CBX2/7 protein (not CBX4/6/

8) correlated significantly with protein levels of tumor

proliferation markers Ki67 and CCNB1, in TCGA

breast tumors (Fig. S2B-C). Copy number analysis

showed higher amplification frequency of CBX2 gene

and almost negligible amplification of CBX7, suggest-

ing oncogenic and tumor-suppressive roles, respectively

(Fig. 4D). Amplification of CBX2 resulted in increased

mRNA but no change in mRNA of CBX7, in agree-

ment with copy number data (Fig. 4D). With regard

to regulation of gene expression, DNA methylation of

levels CBX2/7 gene inversely and significantly corre-

lated with CBX2 and CBX7 mRNA in tumor samples,

suggesting the role of CpG methylation in regulation

of their gene expression (Fig. S6A). Moreover, CBX2/

7 mRNA correlated significantly with protein levels in

TCGA breast tumor samples (Fig. S6B). Differential

degree of DNA methylation of CBX2/7 gene was

observed in luminals compared to her2 and basal sub-

types (Fig. S6C). CBX2 and CBX7 are over- and

underexpressed in a subset of tumor samples; percent-

age of CBX2 over- and CBX7 underexpressing sam-

ples increased with breast tumor aggressiveness in both

datasets (Fig. 4F). In conclusion, these data high-

lighted CBX2/7 as the important players, particularly

in aggressive breast cancer, an observation concurring

with their metabolic functions.
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Fig. 3. Effect of CBX2/7 silencing on mTORC1 signaling. (A) Heatmap showing correlations of CBX2 and CBX7 mRNA with deregulation

scores (calculated using Pathifier as described in Methods section) of MSigDB signaling hallmarks of cancer. White squares in heatmap

represent nonsignificant correlation. (B) Correlations of CBX2 and CBX7 mRNA with ribosomal phosphoS6 (S235/236 and S240/244) protein

expression in TCGA breast tumors (see text). (C) Immunoblots showing inhibition of mTORC1 signaling upon CBX2 silencing while

activation in CBX7 silenced MDA-MB-231 and MCF7 cells.
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3.5. Expression of CBX2 and CBX7 is predictive

of prognosis and sensitivity to anticancer drugs

To assess the clinical relevance of the antagonistic

roles of CBX2 and CBX7 in modulating aerobic gly-

colysis, Kaplan–Meier survival plots were generated.

Patient prognosis is a key clinical indicator of cancer

aggressiveness. CBX2 overexpressing tumors exhibited

poor disease-specific survival (DSS) with log-rank HR:

1.816 and P value < 0.0001 (METABRIC) and log-

rank HR: 1.902 and P value: 0.0039 (TCGA), Fig. 5A.

On the contrary, lower CBX7 expression associated

with worse prognosis with log-rank P value < 0.0001

and HR: 1.866 (METABRIC) and log-rank P value:

0.0031 and HR: 2.098 (TCGA), Fig. 5A. Since

CBX2High and CBX7Low tumors accumulated in

basal/her2 subtype, which are typically more aggressive

than other subtypes, the observed difference in
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Fig. 4. Genotranscriptomic analysis of CBX members in breast tumors and normal tissues. (A) Expression of different CBX members in
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prognosis may have been due to basal/Her2 and not

CBX2High and CBX7Low status of tumors. To rule

out, we removed basal/her2 samples and examined if

CBX2 and CBX7 expression still predict patient sur-

vival. CBX2High and CBX7Low predicted poor prog-

nosis even after removal of basal and her2 subtype

samples, demonstrating the prognostic relevance of

two isoforms (Fig. 5B). However, CBX2/7 could not

predict survival within basal and her2 subtypes, repro-

ducibly in both datasets (Fig. S7A,B), suggesting that

overexpression of a gene within a subset of tumors

does not necessarily predict clinical outcome. Also,

other CBX members could not significantly and repro-

ducibly predict patient survival (Fig. S7C). Further,

tumor samples with higher glycolysis deregulation

score exhibited poor survival compared to samples

with lower deregulation score (Fig. S7D).

Chemotherapeutics is the mainstay treatment option

for the majority of cancers. However, not all patients

respond uniformly to a particular drug, a major hurdle

in the clinical management of cancer. Identification of

genes that could predict tumor response is critical for

successful chemotherapeutics. Therefore, to further

evaluate the clinical relevance, we investigated the role

of oncogenic CBX2 in determining sensitivity to anti-

cancer drugs. For this purpose, we accessed drug sensi-

tivity data of 77 FDA-approved and investigational

therapeutic compounds in a panel of 49 breast cancer

cell lines along with expression data from Heiser et al.

[44]. We found that 16 compounds showed signifi-

cantly different sensitivities in CBX2High and

CBX2Low cell lines, as depicted in heatmap based on

GI50 values (Fig. 6A). GI50 is the concentration

needed for each drug to inhibit proliferation by 50%,

where GI indicates growth inhibition [44]. Of note,

CBX2High cell lines were relatively sensitive to 4- and

resistant to 12 out of 16 drugs and vice versa for

CBX2Low cell lines, suggesting that CBX2 mRNA

could inform about a cell line’s response as relatively

resistant or sensitive to these drugs (Fig. 6A). Interest-

ingly, CBX2High cell lines were found to be sensitive

to rapamycin, consistent with our observation that

CBX2 modulates mTORC1 signaling (Fig. 6B). More-

over, CBX2High cells were sensitive to methotrexate

(Fig. 6B), a chemotherapeutic drug used in treatment

of breast cancers [50]. However, effect of CBX7 on

mTORC1 signaling did not correlate in terms of sensi-

tivity to rapamycin as reflected in a Fig. S8. This

A

B

0 100 200 300 400
0

50

100

METABRIC

Months

D
is

ea
se

-s
pe

ci
fic

 s
ur

vi
va

l CBX2High
CBX2Low

HR: 1.748 (High vs Low)
P < 0.0001

0 100 200 300 400
0

50

100

METABRIC

Months

D
is

ea
se

-s
pe

ci
fic

 s
ur

vi
va

l

CBX7Low
CBX7High

HR: 1.849 (Low vs High)
P < 0.0001

0 100 200 300
0

50

100

Months

D
is

ea
se

-s
pe

ci
fic

 s
ur

vi
va

l

TCGA

CBX2Low
CBX2High

HR: 2.433 (High vs Low)
P = 0.001

0 100 200 300
0

50

100

TCGA

Months

D
is

ea
se

-s
pe

ci
fic

 s
ur

vi
va

l

CBX7Low
CBX7High

HR: 1.743 (Low vs High)
P = 0.046

0 100 200 300 400
0

50

100

Months

D
is

ea
se

-s
pe

ci
fic

 s
ur

vi
va

l

METABRIC

HR: 1.816 (High vs Low)
P < 0.0001

CBX2High
CBX2Low

0 100 200 300
0

50

100

Months

D
is

ea
se

-s
pe

ci
fic

 s
ur

vi
va

l

TCGA 

HR: 1.902 (High vs Low)
P = 0.0039

CBX2High
CBX2Low

0 100 200 300 400
0

50

100

METABRIC 

Months
D

is
ea

se
-s

pe
ci

fic
 s

ur
vi

va
l

HR: 1.86 (Low vs High)
P < 0.0001

CBX7High
CBX7Low

0 100 200 300
0

50

100

Months

D
is

ea
se

-s
pe

ci
fic

 s
ur

vi
va

l

TCGA

CBX7Low
CBX7High

HR: 2.098 (Low vs High)
P = 0.0031

All tumors

All tumors except basal and her2

Fig. 5. CBX2 and CBX7 expression informs of patient outcome. Kaplan–Meier survival curves showing (A) CBX2High and CBX7Low

correlate with poor clinical outcome in METABRIC (N = 1986) and TCGA (N = 1082) breast tumors. (B) CBX2High and CBX7Low predicted

poor prognosis in METABRIC (N = 1415) and TCGA (N = 876) breast tumors excluding basal and her2 subtype.

1458 Molecular Oncology 15 (2021) 1450–1465 ª 2021 The Authors. Molecular Oncology published by John Wiley & Sons Ltd

on behalf of Federation of European Biochemical Societies.

Role of CBX2 and CBX7 in breast cancer metabolism M. A. Iqbal et al.



could be attributed to the known complexity of rapa-

mycin sensitivity in breast cancer cell lines [51,52]. For

instance, PTEN, a critical regulator of Akt/mTOR

pathway could not predict sensitivity to rapamycin

[52]. Moreover, we did not observe overall antagonism

in sensitivities to drugs in CBX2/7High cell lines,
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indicating that glycolysis/mTORC1 may not be the

only determinants of drug sensitivity. Rather, overall

functions of CBX2/7 (not necessarily antagonistic)

may be defining sensitivities of breast cancer cell lines.

Regardless, these results provide evidence of the rele-

vance of CBX2/7 in predicting sensitivity to anticancer

drugs and suggest that CBX2High breast tumors may

be more likely to benefit from methotrexate and rapa-

mycin treatment.

4. Discussion

Metabolic transformation plays an essential role in

supporting tumor progression. It is now well-appreci-

ated that cancer glycolysis does not just satisfy meta-

bolic needs but also contributes to other hallmark

properties of cancer [53]. Accordingly, the Warburg

effect plays a key role in the promotion of cancer

aggressiveness and drug resistance [54]. Therefore, it is

important to unravel the oncogenic mechanisms

responsible for revving up glycolysis in cancer. More-

over, elucidating the clinical relevance of such mecha-

nisms for their exploitation in anticancer strategies is

required. In this work, we delineate the conflicting

roles of CBX2/7 in the regulation of glycolysis in

breast cancer and establish their clinical relevance.

Tumors addicted to glucose exhibit escalated rates of

glycolysis, as indicated by increased intracellular con-

centrations of glycolytic metabolites in tumors com-

pared with normal tissues (Fig. 1E). A large majority of

glucose that enters tumor cell gets quickly phosphory-

lated by hexokinase to prevent its escape [55], that is

why G6P essentially represents glucose taken-up by

tumor cells. This also explains why G6P is the most

abundant glycolytic metabolite in tumor cells compared

with normal (Fig. 1E). Lower abundance of fructose-6-

phosphate (F6P) (compared to G6P) indicates that not

all G6P enters glycolysis, and some G6P enters the pen-

tose phosphate pathway (PPP) which branches-off from

glycolysis [56]. Lower levels of F1,6diP (compared to

F6P) may indicate utilization of F6P into the synthesis

of amino sugars via hexosamine biosynthesis pathway

(HBP) [57]. The use of glucose carbons into PPP and

HBP suggests that a large chunk of glucose taken-up by

tumor cells is channeled for anabolic synthesis. Metabo-

lite data confirmed the upregulated levels of key

metabolites of PPP and HBP pathway in CBX2High

and CBX7Low tumors, thus reflecting on the biology of

glycolysis and shunting pathways (Fig. S1B). In vitro

data showing the changes in glycolysis and cell growth

upon CBX2/7 silencing agreed with the metabolomics

data to show differential glycolytic roles of CBX2 and

CBX7. For instance, increased levels of PPP and HBP

metabolites in CBX2High tumors were consistent with

decreased biomass in siCBX2 cells. Moreover, a drop in

viability and proliferation of siCBX2 cells reflects on the

dependency of MDA-MB-231 cells on biomass produc-

tion using glycolytic flux and vice versa for CBX7. Over-

all, transcripto-metabolomic data of tumor samples

along with experimental data conclusively demonstrate

the role of CBX2/7 in glycolytic regulation. Strong con-

currence between transcriptomic and metabolomic data

from breast tumors not only highlights the robustness

of our observations, but also signifies that the gene

expression pattern could predict metabolic behavior in

breast cancer patients (Fig. 1). CBX2 and CBX7 as the

most differentially expressed isoforms in breast tumors

compared to normal and the only two members whose

expression is associated with breast cancer aggressive-

ness highlight the biological relevance of their deter-

mined metabolic roles (Fig. 4). Considering the complex

and heterogeneous nature of glycolytic regulation con-

cerning the players and mechanism involved [58–61],
unraveling the mTORC1-mediated metabolic roles

CBX2 and CBX7 may improve our understanding

about how glucose metabolism is regulated in breast

cancer. mTORC1 signaling is a known determinant of

cancer metabolism and frequently deregulated in breast

cancer [62–64]. Consistent with our data, a pre-opera-

tive study showed that mTORC1 inhibitor RAD001

decreased cell proliferation, particularly in aggressive

and high-grade breast cancer patients [65].

CBX2 and CBX7 play oncogenic and tumor-sup-

pressive roles, respectively, in breast cancer as reported

earlier [34,36]. This study provides a mechanistic basis

for such roles, particularly from a metabolic perspec-

tive, thus imparting functional relevance to the biology

of CBX2/7 in breast cancer. Glucose addiction repre-

sents a metabolic vulnerability and gaining insights

into its regulation in cancer may provide important

clues that could be exploited for therapeutic benefit. In

the past decade, a wealth of knowledge understanding

the aberrant glycolysis in cancer has been generated;

yet, clinical targeting of glycolysis is far from giving

desired results. This underlines the need for better

understanding of glycolysis regulation in cancer. Our

work attempts to address some of these issues, at least

in part, by identifying that CBX2/7-driven aerobic gly-

colysis is associated with breast tumor aggressiveness

and poor prognosis. Based on the multiomics data

from breast tumors along with in vitro substantiation,

we make a case for targeting of CBX2/7 and/or meta-

bolic reprogramming in breast cancer for improved

patient outcome.

Aggressive breast tumors are hard to treat and exhi-

bit drug resistance, and therefore, the patient outcome
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is poor despite substantial advancements in breast can-

cer therapeutics. There is a need to identify oncogenic

processes driving aggressive breast cancer. The strong

association of CBX2 and glycolysis deregulation with

breast cancer aggressiveness suggests the therapeutic

potential of targeting oncogenic CBX2 and/or glycoly-

sis. As altered glycolysis has been suggested as a con-

tributor to drug resistance in breast cancer [66–69],
results of this work may have implications in strategies

targeting glycolysis to overcome clinical drug resis-

tance. Further, variation in patients response to

chemotherapeutic drugs is a major obstacle faced in

clinics. Drug sensitivity analysis demonstrating the

utility of CBX2 expression in predicting sensitivity to

methotrexate, rapamycin is a clinically relevant finding

which may help in estimating the likelihood of patients

benefitting from treatment of these drugs.

5. Conclusions

Altogether, the results of this work postulate that

CBX2-driven metabolic reprogramming may be a tar-

get of interest for aggressive breast cancer therapy.

Also, the data presented warrants a better understand-

ing of CBX2/7 biology and invite further research into

how these readers of same histone code (trimethylation

of lysine residue of H3) differentially alter metabolic

reprogramming in breast cancer. A deeper mechanistic

insight is needed to understand whether metabolic

effects of CBX2/7 are dependent or independent of

their appreciated epigenetic roles. Additionally, results

also shed light on the plausible role of CBX/PRC1 in

metabolic reprogramming during embryonic develop-

ment. Regardless, CBX2/7 expression status informs

about the metabolic phenotype of breast tumors,

patient outcome, and sensitivity to anticancer drugs

with potential implications in current or future strate-

gies targeting clinical breast cancer.

Acknowledgements

MAI acknowledges Department of Science and Tech-

nology (DST), Govt. of India, for DST-INSPIRE fac-

ulty award. AUR acknowledges Science and

Engineering Research Board (SERB), Govt. of India,

for National Postdoctoral Fellowship (NPDF).

Authors thank Dr. Assif Yitzhaky (Weizmann Insti-

tute of Science, Israel) and Dr. Oscar M. Rueda

(University of Cambridge, United Kingdom) for their

useful suggestions and feedback.

The research was supported through DST-INSPIRE

faculty award research grant (DST/INSPIRE/04/2015/

000556) provided by the Department of Science and

Technology (DST), Govt. of India, to MAI. Funders

have no role in the study design; in the collection,

analysis and interpretation of data; in the writing of

the paper; and in the decision to submit the article for

publication.

We acknowledge Redcliffe Lifesciences and Redcliffe

Lifetech Inc. for sponsoring the article publication

charges.

Conflict of interest

The authors declare no conflict of interest.

Data Accessibility

Breast tumor patient data used are publicly available

from European Genome Archive (EGA), UCSC Xena,

and cBioportal. METABRIC data accession numbers

EGAD00010000210, EGAD00010000211, and

EGAD00010000212. TCGA data obtained from

UCSC Xena. Survival analysis data obtained from

cBioportal. Drug sensitivity data accessed from Heiser

et al. [44] and expression data from ArrayExpress E-

MTAB-181.

Author contributions

MAI involved in conception and design; MAI, SS,

AUR, and PS contributed to data acquisition; MAI,

SS, FAS, AUR, BK, and DS analyzed and interpreted

the data; MAI wrote the manuscript; MAI and DS

contributed reagents/analytical tools; all authors

revised the manuscript; all authors involved in final

approval for submission.

Peer Review

The peer review history for this article is available at

https://publons.com/publon/10.1002/1878-0261.12894.

References

1 Bray F, Ferlay J, Soerjomataram I, Siegel RL, Torre

LA & Jemal A (2018) Global cancer statistics 2018:

GLOBOCAN estimates of incidence and mortality

worldwide for 36 cancers in 185 countries. CA Cancer J

Clin 68, 394–424.
2 Malvia S, Bagadi SA, Dubey US & Saxena S (2017)

Epidemiology of breast cancer in Indian women. Asia

Pac J Clin Oncol 13, 289–295.
3 Koppenol WH, Bounds PL & Dang CV (2011) Otto

Warburg’s contributions to current concepts of cancer

metabolism. Nat Rev Cancer 11, 325–337.

1461Molecular Oncology 15 (2021) 1450–1465 ª 2021 The Authors. Molecular Oncology published by John Wiley & Sons Ltd

on behalf of Federation of European Biochemical Societies.

M. A. Iqbal et al. Role of CBX2 and CBX7 in breast cancer metabolism

https://publons.com/publon/10.1002/1878-0261.12894


4 Pavlova NN & Thompson CB (2016) The emerging

hallmarks of cancer metabolism. Cell Metab 23, 27–47.
5 Tennant DA, Duran RV & Gottlieb E (2010) Targeting

metabolic transformation for cancer therapy. Nat Rev

Cancer 10, 267–277.
6 Lunt SY & Vander Heiden MG (2011) Aerobic

glycolysis: meeting the metabolic requirements of cell

proliferation. Annu Rev Cell Dev Biol 27, 441–464.
7 Vander Heiden MG, Cantley LC & Thompson CB

(2009) Understanding the Warburg effect: the metabolic

requirements of cell proliferation. Science 324, 1029–
1033.

8 Liberti MV & Locasale JW (2016) The Warburg effect:

how does it benefit cancer cells? Trends Biochem Sci 41,

211–218.
9 Gatenby RA & Gillies RJ (2004) Why do cancers have

high aerobic glycolysis? Nat Rev Cancer 4, 891–899.
10 Enzo E, Santinon G, Pocaterra A, Aragona M,

Bresolin S, Forcato M, Grifoni D, Pession A,

Zanconato F, Guzzo G et al. (2015) Aerobic glycolysis

tunes YAP/TAZ transcriptional activity. EMBO J 34,

1349–1370.
11 Lee JV, Carrer A, Shah S, Snyder NW, Wei S,

Venneti S, Worth AJ, Yuan ZF, Lim HW, Liu S

et al. (2014) Akt-dependent metabolic reprogramming

regulates tumor cell histone acetylation. Cell Metab

20, 306–319.
12 Zhang D, Tang Z, Huang H, Zhou G, Cui C, Weng Y,

Liu W, Kim S, Lee S, Perez-Neut M et al. (2019)

Metabolic regulation of gene expression by histone

lactylation. Nature 574, 575–580.
13 Lim SO, Li CW, Xia W, Lee HH, Chang SS, Shen J,

Hsu JL, Raftery D, Djukovic D, Gu H et al. (2016)

EGFR signaling enhances aerobic glycolysis in triple-

negative breast cancer cells to promote tumor growth

and immune escape. Cancer Res 76, 1284–1296.
14 Kalucka J, Missiaen R, Georgiadou M, Schoors S,

Lange C, De Bock K, Dewerchin M & Carmeliet P

(2015) Metabolic control of the cell cycle. Cell Cycle 14,

3379–3388.
15 Jiang Y, Li X, Yang W, Hawke DH, Zheng Y, Xia Y,

Aldape K, Wei C, Guo F, Chen Y et al. (2014) PKM2

regulates chromosome segregation and mitosis

progression of tumor cells. Mol Cell 53, 75–87.
16 Nokin MJ, Bellier J, Durieux F, Peulen O, Rademaker

G, Gabriel M, Monseur C, Charloteaux B, Verbeke L,

van Laere S et al. (2019) Methylglyoxal, a glycolysis

metabolite, triggers metastasis through MEK/ERK/

SMAD1 pathway activation in breast cancer. Breast

Cancer Res 21, 11.

17 Vaughan RA, Garcia-Smith R, Dorsey J, Griffith JK,

Bisoffi M & Trujillo KA (2013) Tumor necrosis factor

alpha induces Warburg-like metabolism and is reversed

by anti-inflammatory curcumin in breast epithelial cells.

Int J Cancer 133, 2504–2510.

18 Zhao F, Ming J, Zhou Y & Fan L (2016) Inhibition of

Glut1 by WZB117 sensitizes radioresistant breast cancer

cells to irradiation. Cancer Chemother Pharmacol 77,

963–972.
19 Qian X, Xu W, Xu J, Shi Q, Li J, Weng Y, Jiang Z,

Feng L, Wang X, Zhou J et al. (2017) Enolase 1

stimulates glycolysis to promote chemoresistance in

gastric cancer. Oncotarget 8, 47691–47708.
20 Li Q, Qin T, Bi Z, Hong H, Ding L, Chen J, Wu W, Lin

X, Fu W, Zheng F et al. (2020) Rac1 activates non-

oxidative pentose phosphate pathway to induce

chemoresistance of breast cancer. Nat Commun 11, 1456.

21 Iqbal MA, Chattopadhyay S, Siddiqui FA, Ur Rehman

A, Siddiqui S, Prakasam G, Khan A, Sultana S &

Bamezai RN (2020) Silibinin induces metabolic crisis in

triple negative breast cancer cells by modulating

EGFR-MYC-TXNIP axis: potential therapeutic

implications. FEBS J 288, 471–485.
22 Bulusu V, Prior N, Snaebjornsson MT, Kuehne A,

Sonnen KF, Kress J, Stein F, Schultz C, Sauer U &

Aulehla A (2017) Spatiotemporal analysis of a

glycolytic activity gradient linked to mouse embryo

mesoderm development. Dev Cell 40, 331–341.e334.
23 Miyazawa H, Yamaguchi Y, Sugiura Y, Honda K,

Kondo K, Matsuda F, Yamamoto T, Suematsu M &

Miura M (2017) Rewiring of embryonic glucose

metabolism via suppression of PFK-1 and aldolase

during mouse chorioallantoic branching. Development

144, 63–73.
24 Miyazawa H & Aulehla A (2018) Revisiting the role of

metabolism during development. Development 145,

dev131110.

25 Zheng X, Boyer L, Jin M, Mertens J, Kim Y, Ma L,

Ma L, Hamm M, Gage FH & Hunter T (2016)

Metabolic reprogramming during neuronal

differentiation from aerobic glycolysis to neuronal

oxidative phosphorylation. Elife 5, e13374.

26 Cliff TS, Wu T, Boward BR, Yin A, Yin H, Glushka

JN, Prestegaard JH & Dalton S (2017) MYC controls

human pluripotent stem cell fate decisions through

regulation of metabolic flux. Cell Stem Cell 21, 502–
516.e509.

27 Aiello NM & Stanger BZ (2016) Echoes of the embryo:

using the developmental biology toolkit to study cancer.

Dis Model Mech 9, 105–114.
28 Bracken AP, Dietrich N, Pasini D, Hansen KH &

Helin K (2006) Genome-wide mapping of Polycomb

target genes unravels their roles in cell fate transitions.

Genes Dev 20, 1123–1136.
29 Klauke K, Radulovic V, Broekhuis M, Weersing E,

Zwart E, Olthof S, Ritsema M, Bruggeman S, Wu X,

Helin K et al. (2013) Polycomb Cbx family members

mediate the balance between haematopoietic stem cell

self-renewal and differentiation. Nat Cell Biol 15, 353–
362.

1462 Molecular Oncology 15 (2021) 1450–1465 ª 2021 The Authors. Molecular Oncology published by John Wiley & Sons Ltd

on behalf of Federation of European Biochemical Societies.

Role of CBX2 and CBX7 in breast cancer metabolism M. A. Iqbal et al.



30 Kaustov L, Ouyang H, Amaya M, Lemak A, Nady N,

Duan S, Wasney GA, Li Z, Vedadi M, Schapira M

et al. (2011) Recognition and specificity determinants of

the human cbx chromodomains. J Biol Chem 286, 521–
529.

31 Vandamme J, V€olkel P, Rosnoblet C, Le Faou P &

Angrand P-O (2011) Interaction proteomics analysis of

polycomb proteins defines distinct PRC1 complexes in

mammalian cells. Mol Cell Proteomics 10. https://doi.

org/10.1074/mcp.M110.002642-1

32 Zhen CY, Duc HN, Kokotovic M, Phiel CJ & Ren X

(2014) Cbx2 stably associates with mitotic

chromosomes via a PRC2-or PRC1-independent

mechanism and is needed for recruiting PRC1 complex

to mitotic chromosomes. Mol Biol Cell 25, 3726–3739.
33 Clermont PL, Sun L, Crea F, Thu KL, Zhang A,

Parolia A, Lam WL & Helgason CD (2014)

Genotranscriptomic meta-analysis of the Polycomb

gene CBX2 in human cancers: initial evidence of an

oncogenic role. Br J Cancer 111, 1663–1672.
34 Kim HY, Park JH, Won HY, Lee JY & Kong G (2015)

CBX7 inhibits breast tumorigenicity through DKK-1-

mediated suppression of the Wnt/beta-catenin pathway.

FASEB J 29, 300–313.
35 Chung CY, Sun Z, Mullokandov G, Bosch A, Qadeer

ZA, Cihan E, Rapp Z, Parsons R, Aguirre-Ghiso JA,

Farias EF et al. (2016) Cbx8 acts non-canonically with

Wdr5 to promote mammary tumorigenesis. Cell Rep 16,

472–486.
36 Pique DG, Montagna C, Greally JM & Mar JC (2019)

A novel approach to modelling transcriptional

heterogeneity identifies the oncogene candidate CBX2

in invasive breast carcinoma. Br J Cancer 120, 746–753.
37 Zheng S, Lv P, Su J, Miao K, Xu H & Li M (2019)

Overexpression of CBX2 in breast cancer promotes

tumor progression through the PI3K/AKT signaling

pathway. Am J Transl Res 11, 1668–1682.
38 Chan HL, Beckedorff F, Zhang Y, Garcia-Huidobro J,

Jiang H, Colaprico A, Bilbao D, Figueroa ME, LaCava

J, Shiekhattar R et al. (2018) Polycomb complexes

associate with enhancers and promote oncogenic

transcriptional programs in cancer through multiple

mechanisms. Nat Commun 9, 3377.

39 Terunuma A, Putluri N, Mishra P, Mathe EA, Dorsey

TH, Yi M, Wallace TA, Issaq HJ, Zhou M, Killian JK

et al. (2014) MYC-driven accumulation of 2-

hydroxyglutarate is associated with breast cancer

prognosis. J Clin Invest 124, 398–412.
40 Drier Y, Sheffer M & Domany E (2013) Pathway-based

personalized analysis of cancer. Proc Natl Acad Sci

USA 110, 6388–6393.
41 Subramanian A, Tamayo P, Mootha VK, Mukherjee S,

Ebert BL, Gillette MA, Paulovich A, Pomeroy SL,

Golub TR, Lander ES et al. (2005) Gene set enrichment

analysis: a knowledge-based approach for interpreting

genome-wide expression profiles. Proc Natl Acad Sci

USA 102, 15545–15550.
42 Duarte NC, Becker SA, Jamshidi N, Thiele I, Mo ML,

Vo TD, Srivas R & Palsson BO (2007) Global

reconstruction of the human metabolic network based

on genomic and bibliomic data. Proc Natl Acad Sci

USA 104, 1777–1782.
43 Siddiqui FA, Prakasam G, Chattopadhyay S, Rehman

AU, Padder RA, Ansari MA, Irshad R, Mangalhara K,

Bamezai RNK, Husain M et al. (2018) Curcumin

decreases Warburg effect in cancer cells by down-

regulating pyruvate kinase M2 via mTOR-HIF1alpha

inhibition. Sci Rep 8, 8323.

44 Heiser LM, Sadanandam A, Kuo WL, Benz SC,

Goldstein TC, Ng S, Gibb WJ, Wang NJ, Ziyad S,

Tong F et al. (2012) Subtype and pathway specific

responses to anticancer compounds in breast cancer.

Proc Natl Acad Sci USA 109, 2724–2729.
45 Ralser M, Wamelink MM, Struys EA, Joppich C,

Krobitsch S, Jakobs C & Lehrach H (2008) A catabolic

block does not sufficiently explain how 2-deoxy-D-

glucose inhibits cell growth. Proc Natl Acad Sci USA

105, 17807–17811.
46 Hsu PP & Sabatini DM (2008) Cancer cell metabolism:

Warburg and beyond. Cell 134, 703–707.
47 DeBerardinis RJ, Lum JJ, Hatzivassiliou G &

Thompson CB (2008) The biology of cancer: metabolic

reprogramming fuels cell growth and proliferation. Cell

Metab 7, 11–20.
48 Ruvinsky I, Sharon N, Lerer T, Cohen H, Stolovich-

Rain M, Nir T, Dor Y, Zisman P & Meyuhas O (2005)

Ribosomal protein S6 phosphorylation is a determinant

of cell size and glucose homeostasis. Genes Dev 19,

2199–2211.
49 Hashmi AA, Hashmi KA, Irfan M, Khan SM, Edhi

MM, Ali JP, Hashmi SK, Asif H, Faridi N & Khan A

(2019) Ki67 index in intrinsic breast cancer subtypes

and its association with prognostic parameters. BMC

Res Notes 12, 605.

50 Bazan F, Dobi E, Royer B, Curtit E, Mansi L,

Menneveau N, Paillard M, Meynard G, Villanueva C

& Pivot X (2019) Systemic high-dose intravenous

methotrexate in patients with central nervous

system metastatic breast cancer. BMC Cancer 19,

1–6.
51 Chen Y, Zheng Y & Foster DA (2003) Phospholipase

D confers rapamycin resistance in human breast cancer

cells. Oncogene 22, 3937–3942.
52 Noh W-C, Mondesire WH, Peng J, Jian W, Zhang H,

Dong J, Mills GB, Hung M-C & Meric-Bernstam F

(2004) Determinants of rapamycin sensitivity in breast

cancer cells. Clin Cancer Res 10, 1013–1023.
53 Kroemer G & Pouyssegur J (2008) Tumor cell

metabolism: cancer’s Achilles’ heel. Cancer Cell 13,

472–482.

1463Molecular Oncology 15 (2021) 1450–1465 ª 2021 The Authors. Molecular Oncology published by John Wiley & Sons Ltd

on behalf of Federation of European Biochemical Societies.

M. A. Iqbal et al. Role of CBX2 and CBX7 in breast cancer metabolism

https://doi.org/10.1074/mcp.M110.002642-1
https://doi.org/10.1074/mcp.M110.002642-1


54 Icard P, Shulman S, Farhat D, Steyaert JM, Alifano M

& Lincet H (2018) How the Warburg effect supports

aggressiveness and drug resistance of cancer cells? Drug

Resist Updat 38, 1–11.
55 Berg KM, Tymoczko JL & Stryer L (2012)

Biochemistry, 7th edn. WH Freeman, New York, NY.

56 Deberardinis RJ, Sayed N, Ditsworth D & Thompson

CB (2008) Brick by brick: metabolism and tumor cell

growth. Curr Opin Genet Dev 18, 54–61.
57 Marshall S, Bacote V & Traxinger RR (1991)

Discovery of a metabolic pathway mediating glucose-

induced desensitization of the glucose transport system.

Role of hexosamine biosynthesis in the induction of

insulin resistance. J Biol Chem 266, 4706–4712.
58 Bensaad K, Tsuruta A, Selak MA, Vidal MN, Nakano

K, Bartrons R, Gottlieb E & Vousden KH (2006)

TIGAR, a p53-inducible regulator of glycolysis and

apoptosis. Cell 126, 107–120.
59 Pate KT, Stringari C, Sprowl-Tanio S, Wang K, TeSlaa

T, Hoverter NP, McQuade MM, Garner C, Digman

MA, Teitell MA et al. (2014) Wnt signaling directs a

metabolic program of glycolysis and angiogenesis in

colon cancer. EMBO J 33, 1454–1473.
60 Zheng X, Han H, Liu GP, Ma YX, Pan RL, Sang LJ, Li

RH, Yang LJ, Marks JR, Wang W et al. (2017) LncRNA

wires up Hippo and Hedgehog signaling to reprogramme

glucose metabolism. EMBO J 36, 3325–3335.
61 Wu S, Wang H, Li Y, Xie Y, Huang C, Zhao H,

Miyagishi M & Kasim V (2018) Transcription factor

YY1 promotes cell proliferation by directly activating the

pentose phosphate pathway. Cancer Res 78, 4549–4562.
62 Creighton CJ (2007) A gene transcription signature of

the Akt/mTOR pathway in clinical breast tumors.

Oncogene 26, 4648–4655.
63 Zhang Y, Kwok-Shing Ng P, Kucherlapati M, Chen F,

Liu Y, Tsang YH, de Velasco G, Jeong KJ, Akbani R,

Hadjipanayis A et al. (2017) A pan-cancer

proteogenomic atlas of PI3K/AKT/mTOR pathway

alterations. Cancer Cell 31, 820–832.e823.
64 Mossmann D, Park S & Hall MN (2018) mTOR

signalling and cellular metabolism are mutual

determinants in cancer. Nat Rev Cancer 18, 744–757.
65 Macaskill EJ, Bartlett JM, Sabine VS, Faratian D,

Renshaw L, White S, Campbell FM, Young O,

Williams L, Thomas JS et al. (2011) The mammalian

target of rapamycin inhibitor everolimus (RAD001) in

early breast cancer: results of a pre-operative study.

Breast Cancer Res Treat 128, 725–734.
66 Xu RH, Pelicano H, Zhou Y, Carew JS, Feng L,

Bhalla KN, Keating MJ & Huang P (2005) Inhibition

of glycolysis in cancer cells: a novel strategy to

overcome drug resistance associated with mitochondrial

respiratory defect and hypoxia. Cancer Res 65, 613–621.
67 Ruprecht B, Zaal EA, Zecha J, Wu W, Berkers CR,

Kuster B & Lemeer S (2017) Lapatinib resistance in

breast cancer cells is accompanied by phosphorylation-

mediated reprogramming of glycolysis. Cancer Res 77,

1842–1853.
68 Yang T, Ren C, Qiao P, Han X, Wang L, Lv S, Sun Y,

Liu Z, Du Y & Yu Z (2018) PIM2-mediated

phosphorylation of hexokinase 2 is critical for tumor

growth and paclitaxel resistance in breast cancer.

Oncogene 37, 5997–6009.
69 He M, Jin Q, Chen C, Liu Y, Ye X, Jiang Y, Ji F,

Qian H, Gan D, Yue S et al. (2019) The miR-186-3p/

EREG axis orchestrates tamoxifen resistance and

aerobic glycolysis in breast cancer cells. Oncogene 38,

5551–5565.

Supporting information

Additional supporting information may be found

online in the Supporting Information section at the end

of the article.
Fig. S1. (A) Correlation plots showing positive and

negative correlation of CBX2 and CBX7 with glycoly-

sis PDS, respectively in METABRIC and TCGA. (B)

Upregulated levels of key PPP and HBP metabolites in

CBX2High and CBX7Low breast tumors, data from

Terunuma et al. [39]. Data presented as mean � SD.

P values were calculated using t-test and represented

as *P < 0.03 and **P < 0.0021, ***P < 0.0002 and

****P < 0.0001.

Fig. S2. (A) Effect of CBX7 over-expression on glycol-

ysis and proliferation. Correlation plots showing corre-

lation of CBX2/4/6/7/8 with proliferation markers

Ki67 (B) and CCNB1 (C) in TCGA breast tumors.

Only CBX2/7 showed significant correlations in oppo-

site directions. P values were calculated using t-test

and represented as **P < 0.0021, ***P < 0.0002,

****P < 0.0001.

Fig. S3. Effect of 10 mM 2DG on (A) viability, (B)

proliferation and (C) biomass of MDA-MB-231 and

MCF7 cell lines after 48 h of treatment. (D) Effect of

CBX2/7 silencing on key glycolysis genes expression.

Bars represent mean � SD from independent experi-

ments. P values were calculated using t-test and repre-

sented as **P < 0.0021, ***P < 0.0002,

****P < 0.0001.

Fig. S4. Correlation plots between mTORC1 signaling

deregulation scores and CBX2 (A) and CBX7 (B) in

METABRIC and TCGA datasets.

Fig. S5. (A) Densitometric analysis related to Fig. 3.

(B) Effect of rapamycin on glucose uptake and lactate

in MDA-MB-231 and MCF7. Bars represent

mean � SD from 3 independent experiments. P value

calculated using t-test and represented as

**P < 0.0021.
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Fig. S6. Negative correlation of CBX2 and CBX7

mRNA with DNA methylation (A) and positive corre-

lation with protein levels (B), in TCGA breast tumors.

(C) Subtype-specific correlation of CBX2/7 mRNA

with DNA methylation. Data downloaded from cBio-

portal (2).

Fig. S7. K-M curves showing prognostic relevance of

(A) CBX2 and (B) CBX7 in basal and her2 samples.

(C) CBX4/6/8 couldn’t predict prognosis reproducibly

in both datasets. (D) Patients with higher deregulation

of glycolysis showed poor outcome compared to

patients with lower glycolysis deregulation scores.

Fig. S8. Difference in sensitivities to drugs in

CBX7High/Low cell lines (see main text for details).

Box and whiskers plot represent minimum, maximum

and median. P values were calculated using t- test and

represented as *P < 0.03, **P < 0.0021, ***P < 0.0002,

****P < 0.0001.
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