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Abstract  
We previously reported short-lived improvements in mental health literacy following the Every Mind Matters 
campaign, followed by a return to baseline levels. In this study, we aimed to examine whether either socio
economic status or ethnicity moderated these improvements. We conducted regression analyses on a nationally 
representative, repeated cross-sectional dataset of nine survey waves from September 2019 to March 2022. 
Interaction terms (ethnicity�wave, socioeconomic status�wave) were entered into regression models to assess 
the moderating effect of these variables. Where significant interactions emerged, we obtained marginal esti
mates and plotted them for ease of interpretation. We found no evidence that improvements seen in mental 
health literacy following the launch of Every Mind Matters were moderated by ethnicity or socioeconomic status. 
Over time, there was some evidence of lower scores relating to symptoms recognition, knowledge of actions to 
improve mental health, and desire for social distance (stigma) among adults of lower socioeconomic status, which 
converged again for symptom recognition. These findings suggest that while a web resource can empower 
people and improve mental health literacy, in relation to ethnicity and socioeconomic status, it may be that 
while this can avoid a widening of inequalities it is insufficient to lead to a narrowing of them.
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .  

Introduction

A
s internet access has increased, web-based interventions to pro
mote on self-care and/or help seeking for mental health prob

lems have proliferated, making use of the evidence base for 
increasing these actions and themselves showing promise [1, 2]. 
To promote these types of action in relation to mental health on 
the part of adults, Public Health England (PHE) developed a suite of 
mental health digital support resources and a promotional cam
paign, Every Mind Matters, which was launched in October 2019. 
The digital resources comprise National Health Service (NHS)- 
assured content covering guidance on actions that people and the 
public can take to address the four most common sub-clinical men
tal health concerns: stress, anxiety, low mood, and sleep problems. 
Amongst these digital resources was the ‘Mind Plan’, which is an 
online questionnaire based on the Warwick–Edinburgh Mental 
Wellbeing Scale [3], and it assesses the wellbeing of individuals 
and provides them with a tailored set of self-care actions to help 
them care for their mental health. By providing and encouraging the 
use of these digital resources PHE’s aim was to help prevent com
mon mental health conditions from worsening and requiring NHS 
intervention.

Based on a pilot in the two Midlands regions of England in October 
2018, PHE moved from a strategy that focussed on providing informa
tion about common mental health disorders to one that delivers and 
promotes evidence-based digital resources to facilitate self-care action 
for sub-clinical mental health problems for the national launch in 
October 2019. A second campaign under the Every Mind Matters 
banner across January/February 2020 encouraged people to talk openly 
about their mental health. A third campaign ran during April/May 
2020 with a specific focus on promoting actions for people to take to 
care of their mental health during the first COVID-19 lockdown in 

response to a ministerial request. The fourth campaign in September/ 
October 2020 changed direction to target parents rather than adults, 
with the aim of encouraging and supporting them to take action to look 
after the mental health of their children. This campaign strategy was 
complemented by advertising targeted directly at teenagers to help 
them look after their own mental health. Web analytics showed that 
between 7th October 2019 and 28th February 2021 the Mind Plan was 
completed 3 110 763 times.

We previously reported the results of our evaluation of the effect
iveness of Every Mind Matters for the general adult population over 
the course of this time period [4]. Our approach to evaluation was 
based on the broad definition of mental health literacy by Kutcher [5] 
using the following outcomes: (1) symptom recognition and know
ledge for symptom management of stress, anxiety, and depression, 
(2) mental health vigilance, (3) sleep-literacy, (4) self-efficacy, and 
(5) stigma related to mental disorders. Mental health vigilance, i.e. 
watching out for difficulties, fits into Kutcher’s definition of mental 
health literacy as it is needed for the use of relevant knowledge in the 
maintenance of every day mental health and wellbeing [6]. It is 
distinguished from hypervigilance, which involves nervous system 
dysregulation. Our results indicated a short-lived improvement in 
knowledge for managing one’s own mental health problems, sleep- 
literacy, and ability to promote one’s own mental health in the gen
eral population. We saw relatively better outcomes specifically in 
relation to knowledge of managing one’s own mental health, ability 
to seek help, and stigma related to mental health problems for those 
who were aware of the campaign. We saw lower levels of these 
outcomes as the covid-19 pandemic progressed, suggesting negative 
impacts of the pandemic, the ensuing restrictions, and the economic 
consequences.

Consistent with all PHE campaigns, the campaigns promoting 
Every Mind Matters were designed to reach people in lower 



socioeconomic groups, with the aim of avoiding the exacerbation of 
existing mental health inequalities [7], and ideally reducing them. 
The extent to which the effects of a public mental health interven
tion such as this is moderated by socioeconomic status is therefore 
an important question for its evaluation. It is also important to 
assess the relative effectiveness for minoritized groups of campaigns 
aimed at the general population. As it became evident that poorer 
minoritized ethnic groups were disproportionately affected by the 
negative impacts of the covid-19 pandemic [8], we aimed in this 
study to examine whether either socioeconomic status or ethnicity 
moderated the previously reported impact of Every Mind Matters on 
mental health literacy [4].

Methods

Data source and study design
Members of the general public in England responded to an online 
survey prior to the launch of Every Mind Matters in 2019. They were 
recruited from a market research panel maintained by YouGov 
(https://yougov.co.uk). This survey was repeated at eight further 
timepoints after the national launch. YouGov used quota sampling 
to create a sample of 20 000 participants demographically represen
tative of adults living in households in England. New samples were 
drawn at each survey wave.

In this repeated measures, cross-sectional study, we used data 
from the nine survey waves: (1) September 2019, n¼ 3000; (2) 
October 2019, n¼ 2000; (3) November 2019, n¼ 2000; (4) January 
2020, n¼ 2000; (5) March 2020, n¼ 3000; (6) September 2020, 
n¼ 2000; (7) March 2021, n¼ 2000; (8) September 2021, n¼ 2000; 
and (9) March 2022, n¼ 2000. We used population survey weights 
provided by YouGov.

Exposures: ethnicity and socioeconomic status
Data on ethnicity and socioeconomic status were collected as part of 
each survey. Ethnicity was grouped into White, Mixed-White, 
Asian, Black, and Other based on UK census categories. Small sam
ple sizes precluded us from including more granular ethnicity cat
egories. Socioeconomic status was categorized using the Market 
Research Society’s classification system into groups based on the 
occupation of the chief earner in each household surveyed: 
AB¼ professional/managerial; C1¼ other on-manual; C2¼ skilled 
manual; and DE¼ semi-/unskilled manual.

Outcomes
Recognition of symptoms (stress, anxiety, depression) was measured 
using the Mental Health Literacy—Knowledge for Recognition scale 
(MHL-REC). Management of stress, anxiety, and depression was 
measured using the Mental Health Literacy—Knowledge for 
Management scale (MHL—ACT) [6]. The MHL-REC comprises 
three identical sets of nine items and asks participants to identify 
whether these experiences were a symptom of stress, anxiety, or 
depression. Participants choose a response for each condition or 
the option ‘none of these’. Scores range from 0 to 9 for each con
dition, with higher scores indicating higher levels of knowledge for 
recognition. The MHL-ACT asks whether each of seven actions 
could help with reducing stress, anxiety, and depression. The re
sponse format is the same as the MHL-ACT and scores can range 
from 0 to 7 for each condition, with higher scores indicating higher 
levels of knowledge for management. Both scales have been eval
uated for construct validity [6].

Mental health vigilance was measured using the Mental Health 
Vigilance scale (MHL-VIG) [6]. The MHL-VIG consists of 12 items 
that assess personal views about mental health. These personal atti
tudes foster vigilance and use of relevant knowledge for maintaining 
mental health in daily life. The response options are ‘strongly dis
agree’, ‘disagree’, ‘neutral’, ‘agree’, and ‘strong agree’. Higher scores 

indicate a healthier attitude towards maintaining one’s mental 
health. MHL-VIG demonstrated good score reliability for discrim
inating a large range of individual differences. MHL-VIG data also 
demonstrated structural validity and convergent validity with con
structs related to MHL such as symptom recognition, symptom 
management, and mental health related stigma.

Sleep-related beliefs were measures using the Sleep Beliefs Scale 
(SBS) [9]. This scale comprises 20 items which measure three fac
tors: ‘sleep-incompatible behaviours’, ‘sleep–wake cycle behaviours’, 
and ‘thoughts and attitudes to sleep’. The total score can range be
tween 0 and 20 and the scale shows good internal consistency 
(Cronbach’s alpha¼ 0.71) [9].

A subscale from the Mental Health Literacy Scale (MHLS) was 
used to measure help-seeking self-efficacy [10] and a subscale from 
the Self-Rated Abilities for Health Practices Scale (SRAHPS) was 
used to measure psychological wellbeing self-efficacy [11]. The 
help-seeking subscale of the MHLS asks participants to rate four 
statements of confidence in seeking help (e.g. ‘I am confident that 
I know where to seek information about mental illness’). Items on 
the scale are responded to using a Likert scale with five options 
(‘strongly disagree’, ‘disagree’, ‘neither agree nor disagree’, ‘agree’, 
‘strongly agree’). The MHLS has good internal consistency 
(Cronbach’s alpha¼ 0.87) and good test–retest reliability [10]. The 
psychological wellbeing subscale from the SRAHPS comprises seven 
items which ask how well the respondent is able to do things that 
promote their mental health (e.g. ‘change things in my life to reduce 
stress’). Items on the scale are responded to using a Likert scale with 
five options (‘not at all’, ‘a little’, ‘somewhat’, ‘mostly’, and 
‘completely’) and the subscale demonstrates high internal consist
ency (Cronbach’s alpha¼ 0.90) and moderate test–retest reliability 
(r¼ 0.63) [11].

Stigma towards people with mental disorders was measured using 
the intended behaviour items from the Reported and Intended 
Behaviour Scale (RIBS) [12]. These items assess desire for social 
distance by asking whether a respondent would be willing to interact 
with someone with mental health problems in the future in four 
different contexts (living with, working, living nearby, continuing a 
relationship). Items on the scale are responded to using a five-point 
Likert scale (‘agree strongly’, ‘agree slightly’, ‘neither agree nor dis
agree’, ‘disagree slightly’, ‘disagree strongly’). Higher RIBS (ranging 
from 4 to 20) scores indicate more desire for social distance, i.e. 
more stigma. RIBS showed strong consensus validity as rated by 
service users, consumers, and international experts in stigma. It 
also demonstrated good internal consistency (Cronbach’s 
alpha¼ 0.85) and moderate to substantial test–retest reliabil
ity (r¼ 0.75).

Covariates
Age and gender were collected as part of each survey and were 
included as covariates in all statistical models. Government office 
region is the lowest level information on participants’ location as 
described by the UK Government’s Office for National Statistics 
(ONS) and was also included as a covariate (nine regions: North 
East, North West, Yorkshire and Humber, East Midlands, West 
Midlands, East, South East, South West, London).

Survey respondents were also asked about campaign awareness. 
Television, radio, and web advertisements were shown for the 
October 2019, November/December 2019, January 2020, March 
2020, September 2020, and March 2021 campaign bursts. 
Awareness was assessed using the question ‘Do you remember see
ing this ad recently?’. Those who indicated that they had seen the 
content or something similar were categorized as being aware of the 
EMM campaign. Campaign awareness was not measured at waves in 
September 2019, September 2021, or March 2022 as these surveys 
did not coincide with an advertisement. EMM web resource use was 
measured using the item ‘Before taking this survey, have you visited 
the Every Mind Matters website?’. Respondents answering ‘Yes’ 
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were categorized as having visited the website. Campaign awareness 
and EMM web resource use were not included as covariates in stat
istical models, but were used to describe the sample.

Statistical analysis
To explore whether ethnicity and socioeconomic status moderated 
differences in mental health literacy over time, we used multivariable 
linear regression models with dummy variables representing seven 
survey waves of data collection to test the effect of time on all out
comes. Interaction terms (ethnicity�wave, socioeconomic status
�wave) were entered into models to assess the moderating effect 
of these variables. For the purposes of interpretation, ethnicity and 
socioeconomic status were collapsed into binary variables before 
creating interaction terms. Specifically, ethnicity was recategorized 
as white and minoritized, and socioeconomic status was recatego
rized as AB/C1 and C2/DE, consistent with the targeting used by 
PHE for the campaigns. All models were adjusted for age, gender, 
and government office region. Where ethnicity�wave was entered 
into models, we adjusted for socioeconomic status. Where socio
economic status�wave was entered into models, we adjusted for 
ethnicity. Where significant interactions emerged, we obtained mar
ginal estimates and plotted them for ease of interpretation. All anal
yses were performed using STATA 18.

Ethics
The King’s College London Psychiatry, Nursing and Midwifery 
Research Ethics Subcommittee exempted analysis of these survey 
data as secondary analysis of anonymized data.

Results

Sample characteristics
There was a total of 21 131 participants over nine waves of data 
collection. After 696 participants were excluded due to not provid
ing their ethnicity, the final analytical sample comprised 20 435 
participants. Sample characteristics are provided in Table 1. The 
largest proportion of respondents were consistently 55 or older, fe
male, white, and from the AB socioeconomic group. The majority of 
respondents were from London and the South East.

The moderating effect of ethnicity and socioeconomic  
status
Interactions between study wave and ethnicity were not associated 
with any outcome indicating that change over time in all outcomes 
did not differ according to ethnicity (see Supplementary Table S1).

Interactions between study wave and socioeconomic status were 
associated with MHL-REC (P< .001), MHL-ACT (P¼ .029), and 
RIBS-IB (P¼ .031). Interactions between study wave and socioeco
nomic status were not associated with any other outcome. 
Coefficients for interactions are present in Supplementary Table 
S2. Marginal estimates for MHL-REC (recognition of symptoms), 
MHL-ACT (knowledge for management), and RIBS-IB (desire for 
social distance) are plotted in Figs 1–3 for interpretation. MHL-REC 
scores were higher for people from the AB/C1 compared to the C2/ 
DE socioeconomic group over time, with the disparity between these 
two groups becoming most pronounced at Wave 7 (March 2021). 
MHL-REC scores for each group converged at Wave 4 (January 
2020) and Wave 9 (March 2022). MHL-ACT scores were consist
ently higher for people from the AB/C1 compared to the C2/DE 
socioeconomic group over time with this disparity becoming widest 
at Wave 6 (September 2020) and Wave 7 (March 2021). RIBS-IB 
scores were higher in the C2/DE socioeconomic group compared to 
the AB/C1 group over time, with some convergence seen at Wave 3 
(November 2019) and Wave 6 (September 2020).

Discussion
Regarding the short-term improvements in the outcomes following 
the launch of Every Mind Matters that we previously reported, we 
found no evidence for differential effectiveness by ethnicity or socio
economic status. Over time, we found some evidence of relatively 
lower scores in relation to symptom recognition, knowledge of 
actions to improve mental health, and stigma as measured by desire 
for social distance among adults of lower socioeconomic status, 
which only converged again for symptom recognition. In keeping 
with the interpretation of the lower scores in later waves as reflecting 
the impact of the covid-19 pandemic on the normalization of worse 
mental health and difficulties in taking self-care action or help- 
seeking, these divergences may reflect a greater impact of the pan
demic on lower socioeconomic groups in terms of these difficulties. 
Increased desire for social distance may reflect fears or assumptions 
about people perceived as likely to pose a risk of contagion; given 
higher rates of infection in areas of greater deprivation this desire 
may have been stronger over this period.

Strengths and limitations
Our survey used a range of outcomes based on an accepted defin
ition of mental health literacy, measured with scales with established 
psychometric properties that were suitable to assess the effects of the 
Every Mind Matters resource within the general adult population. 
However, the sampling for the surveys was not designed to compare 
changes over time among different demographic groups; this would 
have entailed oversampling of minoritized groups. More generally 
there are design limitations which mean we cannot establish tem
porality between the campaign and the outcomes.

We do not know whether respondents benefitted from the cam
paign or whether people who were more mental health literate are 
more likely to remember the campaign. Regarding the digital 
resources, the population survey design does not measure the impact 
of their use as opposed to the population level impact of the cam
paign, as the subsample of people who visited the campaign website 
or interacted with the digital resources are too small a proportion 
within the survey sample. Evaluation of the digital resource itself 
would require pre–post measurement of outcomes for resource 
users and a control group.

Another limitation is that the study design is a repeated cross- 
sectional study. Our analyses used respondents from the baseline 
survey wave prior to the launch of the campaign as the comparator 
group. Our analyses operate under the assumption that respondents 
from the baseline survey wave are comparable in demographic and 
unobserved characteristics to the respondents from subsequent sur
vey waves. While we use quota sampling to ensure that respondents 
from all survey waves are nationally representative of demographics 
of private households in England, there may be unobserved charac
teristics that differ between waves other than exposure to the Every 
Mind Matters campaign over time. Further, the variation that we see 
over time may be due to standard regressions towards the 
mean phenomenon.

Finally, while quota sampling ensures that subgroups in the popu
lation are represented within the study sample, it does not randomly 
draw samples from the population [13]. Therefore, the results may 
not be entirely generalizable to the adult population in England.

Implications
The high level of engagement with the Every Mind Matters web 
resources reflects the success of the campaign in addressing one of 
the most commonly expressed reasons for not seeking help for poor 
mental health, namely the desire to address this oneself [14]. The 
early results of this study also suggest that the campaign succeeded 
in avoiding any exacerbation of pre-existing inequalities in mental 
health literacy by socioeconomic status or race/ethnic group. The 
subsequent divergences in some aspects of mental health literacy, 
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with relatively lower scores for people with lower socioeconomic 
status, may suggest relatively greater negative impacts of the pan
demic on these groups. However, the pre-existing and continued 
demographic disparities in recognition of symptoms and knowledge 
of actions that can be taken may reflect ongoing disparities in the 
extent to which people normalize poor mental health and feel unable 
to act on it.

Conclusions
Our qualitative evaluation identified that some users of the web re
source felt frustration that it did not sufficiently acknowledge the im
pact on mental health of social and environmental problems [15] which 
they could not address, such as poor housing and global heating. Taken 
together, these findings suggest that while a web resource can empower 
people who prefer to focus on self-care rather than seek help, or have 
not benefitted from professional help, it may be that while this can 
avoid a widening of inequalities it is insufficient to lead to a narrowing 
of them in relation to race/ethnicity and socioeconomic status. This 
suggests the need to consider the evidence base for, and 

implementation of, those interventions and policies directed at social 
and environmental problems and targeted to people in lower socio
economic circumstances and minoritized ethnic groups.

Lived experience commentary
The Every Mind Matters (EMM) campaign, aimed at improving men
tal health literacy through digital resources, has shown some success. 
However, this study shows there was no differential impact of the 
campaign by ethnicity or socioeconomic status. While this at least 
indicates that the campaign maintained a broad appeal without increas
ing inequalities, it then raises questions about its impact on the com
munities who might be disproportionately in need of support. 
Addressing minoritized groups’ specific needs and barriers 
remains essential.

Mental health issues are compounded by systemic issues such as 
unemployment, poor housing, discrimination, and lack of access to 
culturally competent care. EMM’s digital approach, while beneficial, 
may need to be supplemented with targeted support and resources 
to address these deeper issues for specific communities.

Figure 1. Marginal estimates and associated confidence intervals for SES�wave interaction on knowledge for recognition (MHL-REC) 
scores. Significant differences between people from the AB/C1 group and the C2/DE group are indicated by non-overlapping confi
dence intervals.

Figure 2. Marginal estimates and associated confidence intervals for SES�wave interaction on knowledge for management (MHL-ACT) 
scores. Significant differences between people from the AB/C1 group and the C2/DE group are indicated by non-overlapping confi
dence intervals.
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For example, combining digital information with face-to-face 
interactions and peer support could enhance the campaign’s effect
iveness. Many people value the trust and safety of personal inter
actions, which online platforms alone may not provide. Creating 
safe spaces where individuals can share their experiences and receive 
peer support could complement digital resources, making mental 
health literacy efforts more impactful and encouraging communities 
to be ambitious in their expectations of good mental health.

The campaign’s efforts to target lower socioeconomic groups are 
commendable, though the engagement data suggests a need for 
improved approaches. By involving diverse groups from the outset in 
the design and evaluation of public health campaigns, their reach and 
relevance can be significantly improved. While EMM has made notable 
strides in raising mental health awareness, there are opportunities to 
enhance its impact on Black and minoritized communities. Future 
campaigns should incorporate inclusive strategies that address both 
cultural contexts and systemic barriers, ensuring that mental health 
resources are accessible, relatable, and effective for everyone.
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Key points 

• The ‘Every Mind Matters’ campaign launched in England in 
2019 with the aim of equipping adults with the tools to look 
after their mental health, and the mental health of others, 
through the use of digital support resources relating to 
common problems (e.g. low mood, anxiety, stress). 

• We previously reported short-lived improvements in mental 
health literacy following the ‘Every Mind Matters’ campaign. 

• We now report that these improvements were not influenced, 
i.e. moderated, by ethnicity or socioeconomic position, 
although we did find that lower scores on certain aspects of 
mental health literacy were consistently lower among adults of 
lower socioeconomic status. 

• This suggests that while the EMM campaign could empower 
people and improve mental health literacy, it was not 
successful in narrowing inequalities in these outcomes. 
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