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Objectives: Mandated social distancing has been applied globally to reduce the spread of coronavirus
disease 2019 (COVID-19). However, the beneficial effects of this community-based intervention have not
been proven or quantified for the COVID-19 pandemic.
Study design: This is a regional population-level observational study.
Methods: Using publicly available data, we examined the effect of timing of mandated social distancing
on the rate of COVID-19 cases in 119 geographic regions, derived from 41 states within the United States
and 78 other countries. The highest number of new COVID-19 cases per day recorded within a geographic
unit was the primary outcome. The total number of COVID-19 cases in regions where case numbers had
reached the tail end of the outbreak was an exploratory outcome.
Results: We found that the highest number of new COVID-19 cases per day per million persons was
significantly associated with the total number of COVID-19 cases per million persons on the day before
mandated social distancing (b ¼ 0.66, P < 0.0001). These findings suggest that if mandated social
distancing is not initiated until the number of existing COVID-19 cases has doubled, the eventual peak
would result in 58% more COVID-19 cases per day. Subgroup analysis on those regions where the highest
number of new COVID-19 cases per day has peaked showed increase in b values to 0.85 (P < 0.0001). The
total number of cases during the outbreak in a region was strongly predicted by the total number of
COVID-19 cases on the day before mandated social distancing (b ¼ 0.97, P < 0.0001).
Conclusions: Initiating mandated social distancing when the numbers of COVID-19 cases are low within a
region significantly reduces the number of new daily COVID-19 cases and perhaps also reduces the total
number of cases in the region.

© 2020 Published by Elsevier Ltd on behalf of The Royal Society for Public Health.
Introduction

Quarantine and isolation are standard procedures to avoid
transmission of infectious disease from infected to non-infected
persons and have been used in numerous epidemics.1 Social
distancing is another method for reducing frequency of contact
between people to decrease the risk of disease transmission. Social
distancing has been used in both influenza and coronavirus disease
2019 (COVID-19) pandemics (caused by severe acute respiratory
scular Diseases, 1406 6th Ave
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syndrome coronavirus 2 [SARS-CoV-2]). Social distancing can be
voluntary at the individual level or mandated at a community level
by governing authorities.

Mandated social distancing comprises of a combination of travel
restrictions, closure of non-essential group meeting venues (e.g.,
restaurants, schools, shops) and steps to avoid close contact at
essential meeting venues (e.g., hospitals, food supply, pharmacies).
Mandated social distancing is also referred to as ‘societal lockdown’
and will have a variable impact on the spread of disease depending
on the mode of disease transmission and ability to identify and
isolate persons infected with the disease.2 Critical analysis of
mandated social distancing in 17 cities in the United States during
the 1918 pandemic (caused by H1N1 influenza A virus) found that
cities with mandated social distancing at an early phase of the
ealth.
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epidemic had peak death rates 50% lower than in those cities that
did not implement such early interventions.3 Although results from
the 1918 pandemic, influenza pandemics and severe acute respi-
ratory syndrome have been used to justify mandated social
distancing in various parts of the world, limited analysis of the ef-
fect of mandated social distancing on the COVID-19 pandemic is
available. The value of mandated social distancing requires a critical
assessment for each pandemic because of inadvertent adverse
psychological and health consequences on individuals4,5 and
financial effects on society.6 We examined the effect of timing of
mandated social distancing on the rate of COVID-19 cases in 119
geographic regions, derived from 41 states within the United States
and 78 other countries.

Methods

Daily cumulative COVID-19 case numbers for individual regions
(countries and individual states within the United States) from
January 22, 2020, are publicly available.7,8 The start dates of
mandated social distancing for different regions have been
compiled and are also available.9 For this analysis, only regions that
had data for both mandated social distancing start dates and daily
cumulative case volumes for COVID-19 were included. For the
United States, data were available for each state, thus allowing a
detailed analysis. In countries other than the United States, we used
national mandated social distancing start dates and national
COVID-19 case volumes. For France, Denmark, the Netherlands and
the United Kingdon, overseas regions were not included in the
calculation of national case volumes.

New COVID-19 cases per day were calculated from cumulative
daily case volumes up to April 25, 2020. The period of observation
in this study was limited up to April 25, 2020, because after this
date, relaxation of mandated social distancing occurred in various
geographical units, thus confounding the results. We used 2019
population estimates for states in the United States and other
countries to calculate daily new and cumulative total COVID-19
case volumes per million persons residing within the region.10,11

For further analysis, data were smoothed using a moving average
to remove daily fluctuations in reported COVID-19 cases. Smoothed
data were plotted over raw data for all geographical regions to
ensure that they were representative of the raw data (see Appendix
A in the supplementary material). China was excluded from the
current analysis as the curve was visually different from other re-
gions and the aforementioned methodology could not be reliably
applied.

We used the total number of COVID-19 cases per million on the
day before mandated social distancing was implemented as the
independent variable and predictor for the analysis. The peak of the
smoothed curve was used to determine the highest number of new
COVID-19 cases per day (expressed in per million persons) and was
used as the dependent variable. Owing to the skewness in both the
dependent and independent variables, log transformation was
applied. To determine if the number of daily new cases had pla-
teaued or was still increasing, linear regression for the previous 13
days was used. The previous 13 days was selected after visually
checking the trend for all geographic regions and repeating linear
regression for various intervals, ranging from 5 to 13 days. The
linear positive trend for the previous 13 days (April 12e25) corre-
lated best with visual interpretation of an upward trend.

Log-transformed values of the highest number of new COVID-19
cases per day per million population and the total number of
COVID-19 cases on the day before mandated social distancing were
used for all regression analyses. Linear regression analysis was used
to predict the highest number of new COVID-19 cases per day using
the total number of COVID-19 cases on the day before mandated
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social distancing as the predictor (model A). Additional analysis of
this association was performed after adjustment for the day
mandated social distancing started in the course of the COVID-19
pandemic (calculated as the number of days since January 22,
2020), log-transformed population of the geographic region and
proportion of persons living in urban areas (model B).12,13 We use
adjusted R-squared (R2) to calculate how much of the correlation
was determined by the addition of independent variables.

The analyses were repeated after classifying the geographic
regions into those where the daily new COVID-19 case volume had
plateaued and those where COVID-19 cases were still increasing.

Using Internet searches, individual elements of mandated social
distancing were manually abstracted for each of the geographical
regions included in the analyses (see Appendix B in the
supplementary material), and additional analyses were per-
formed after adjusting for these elements.

For regions where the average (over the last 5 days) daily new
case volume had trended down to less than 20% of the peak daily
new case volume (considered here as reaching the tail end of the
epidemic), linear regression analysis was performed to predict the
overall number of new COVID-19 cases per million from the total
number of COVID-19 cases per million persons on the day before
mandated social distancing after log transformation of both
variables.

Results

Initiation dates of mandated social distancing were available for
85 countries and 42 US states. Daily COVID-19 case volume data
were available for 183 countries and all 52 US states. Both
mandated social distancing starting dates and daily COVID-19 case
data were available for 78 countries and 41 states. After excluding
three regions where the date of the peak number of daily new cases
was either before (Israel and Maine) or on the start day of
mandated social distancing (Eritrea), the number of days from the
start date of mandated social distancing to the peak in daily new
COVID-19 cases ranged from 1 to 45 days (Fig. 1).

Mandated social distancing start dates within individual states
of the United States ranged from March 17 to April 3, 2020, and for
other countries ranged from March 9 to April 15, 2020. The total
number of COVID-19 cases ranged from 0 to 1571 cases per million
persons on the day before the start date of mandated social
distancing (Fig. 2). The highest number of new COVID-19 cases per
day ranged from 0.10 to 503 permillion persons (Fig. 3). Therewas a
clear trend towards the association between the total number of
COVID-19 cases on the start date of mandated social distancing and
the highest number of new COVID-19 cases per day when plotted
on a logarithmic scale using a scatter plot (Fig. 4).

The results of the linear regression analyses with different
models are reported in Table 1. In model A, the highest number of
new COVID-19 cases per day was significantly associated with the
total number of COVID-19 cases on the day before mandated social
distancing (b¼ 0.66, P< 0.0001). Model B showed improvements in
the adjusted R2 values from 0.59 to 0.72, but no change was
observed in terms of b values for the total number of COVID-19
cases on the day before mandated social distancing. Subgroup an-
alyses on those regions where the daily new COVID-19 cases had
already peaked showed increase in b values for the total number of
COVID-19 cases on the day before mandated social distancing to
0.85 for both the unadjusted and adjusted models (P < 0.0001).

Similar results from analyses for states within the United States
are reported in Table 2. There was a less clear association between
the highest number of new COVID-19 cases per day and the total
number of COVID-19 cases on the day before mandated social
distancing (b ¼ 0.3, P < 0.001) in the unadjusted model, but a



Fig. 1. Interval (in days) between the date of mandated social distancing and reaching the highest number of new COVID-19 cases per day. COVID-19, coronavirus disease 2019.

Fig. 2. Distribution of the total number of COVID-19 cases (per million population) on the day before initiation of mandated social distancing. COVID-19, coronavirus disease 2019.
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stronger association was observed in the adjusted model (b ¼ 0.72,
P < 0.0001). In a model adjusted for only the day of mandated social
distancing (not shown in the table), the association between the
highest number of new COVID-19 cases per day and total number of
COVID-19 cases on the day before mandated social distancing was
strong (b ¼ 0.78, P < 0.0001). Daily COVID-19 case volume pla-
teaued in only 13 US states. Both the unadjusted (model A) and
adjusted (model B) association between the highest number of new
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COVID-19 cases per day and the total number of COVID-19 cases on
the day beforemandated social distancing was stronger in US states
where the number of new cases had plateaued compared with
states where the number of new COVID-19 cases per day had not
plateaued (Table 2).

Internationally, there was a strong association between the
highest number of new COVID-19 cases per day and the total
number of COVID-19 cases on the day before mandated social



Fig. 3. Distribution of the highest number of new COVID-19 cases per day (per million population). COVID-19, coronavirus disease 2019.
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distancing both in the unadjusted and adjusted models (Table 3).
This association was stronger for countries where the number of
new COVID-19 cases per day had already plateaued (b ¼ 0.88,
P < 0.0001).

Addition of individual elements of mandated social distancing
(e.g., closure of educational institutes, public transport, restaurants
and other shops) did not affect the association between the highest
number of new COVID-19 cases per day and the total number of
COVID-19 cases on the day before mandated social distancing.
Visually, Australia appeared to have plateaued; however, based on a
positive trend over the last 13 days of regression, it was classified as
not plateaued. The analysis of plateaued regions was repeated after
manual addition of Australia, and no change in the aforementioned
results was noticed.

For 17 regions (including three states within the United States),
the daily new case volume reduced to less than 20% of the peak
daily new case volume. The log-transformed total number of cases
was strongly predicted by the total number of COVID-19 cases on
the day before mandated social distancing (adjusted R2 ¼ 0.87,
F ¼ 112, b ¼ 0.97, P < 0.0001).
Discussion

This study confirmed the benefit and provided a quantitative
estimate of the value of mandated social distancing. The findings
suggest that if mandated social distancing is not initiated until after
the number of existing COVID-19 cases has doubled, therewould be
an eventual peak with 60% more COVID-19 cases per day. This
investigation found that initiation of mandated social distancing
when the number of existing COVID-19 cases had doubled would
result in an eventual peak with 58% more COVID-19 cases (using b
of 0. 66). If mandated social distancing is started when 100 persons
are infected with COVID-19 and the subsequent highest number of
cases is 1000 persons, initiating mandated social distancing when
200 persons are infected would increase the peak number of cases
to 1580 persons. New York provides an example where mandated
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social distancing was initiated on day 61 when there were 10,356
cases. As per our analysis, if mandated social distancing was initi-
ated on day 50 (142 cases), then the maximum number of cases per
day would have been reduced by a factor of 16 (31 per million
compared with 500 per million persons).

This study also identified what is considered a ‘spillover’ effect.
There was a blunting of the quantitative value of mandated social
distancing in states within the United States when mandated social
distancing was initiated later in the course of the pandemic. It is
suggested that this blunting of the effect was confounded by earlier
mandated social distancing in the surrounding states, which
resulted in mitigating the effect by reducing inflow of infected
patients with COVID-19. This effect was not seen between coun-
tries, where boundaries between countries may serve to insulate by
restricting travel into the country. There are no restrictions in
movement between states in the United States, thus enhancing this
spillover effect.

Ferguson et al.1 estimated that combining school and workplace
closure with area quarantine and antiviral prophylaxis can result in
90% containment of infection (assuming the infection has a basic
reproduction number [R0] ¼ 1.9) and when containment was
initiated with less than 200 detected cases. The model was based
on the spread of H5N1, a highly pathogenic avian influenza in wild
and domestic poultry in Southeast Asia. Longini et al.14 modelled
the avian influenza A (subtype H5N1) outbreaks in Southeast Asia.
They reported that the local household quarantine was effective in
containing the epidemic if R0 �2.1, but is not as effective at an
R0 value of 2.4. However, a combination of 80% antiviral prophy-
laxis plus quarantine was effective at an R0 as high as 2.4, and
adding previous vaccination makes antiviral prophylaxis plus
quarantine even more effective. Both analyses mentioned that one
of the reasons limiting the beneficial effect of mandated social
distancing is the continued contact between households and
neighbourhoods during social distancing, which may offset the
benefit with highly infectious agents. Ferguson et al.1 assumed in
their model that household and random contact rates increase by



Fig. 4. Relationship between the total number of COVID-19 cases on the day before mandated social distancing initiated and the highest number of new COVID-19 cases per day on
the logarithmic scale. COVID-19, coronavirus disease 2019.
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100% and 50%, respectively, for individuals no longer able to attend
school or work. Previous models have been based on the H1N1
epidemiological experience. The R0 for H1N1 influenza has ranged
between 1.25 in Canada,15 1.682 in China,16 1.96 in New Zealand,17

1.6 in Mexico,18 and 1.7 in the United States.19 One of the surpris-
ing findings is that the benefit of mandated social distancing in the
COVID-19 pandemic has been seen, despite the high infectivity of
SARS-CoV-2. The R0 of the SARS-CoV-2 infection was originally
estimated between 2.2 and 2.7.20e25 More recent data suggest that
the R0 of SARS-CoV-2 infection may be as high at 5.7.20 The R0 of
SARS-CoV-2 is higher than the threshold of 2.4 estimated by
Longini et al.14 and 1.8 for new viral strains estimated by Ferguson
et al.,1 meaning that a higher R0 will result in loss of benefit of
mandated social distancing.

There may be other reasons to explain the beneficial effect of
mandated social distancing in the COVID-19 pandemic. Ridenhour
et al.26 indicated the importance of the role of transmission rate,
recovery rate and size of the population in the overall speed of the
epidemic, independent of R0. Tang et al.16 emphasised the role of
asymptomatic patients and those who are in the prodromal period
without symptoms in the spread of H1N1 influenza in the province
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of Shaanxi. The beneficial effect of mandated social distancing may
also be related to a relatively long prodromal period and high
proportion of asymptomatic SARS-CoV-2einfected patients. The
time between transmission and symptoms ranges between 2 and
14 days for SARS-CoV-2.27 Data on 468 COVID-19 transmission
events reported in mainland China outside of Hubei Province
showed that 59 (12.6%) of the 468 patients developed symptoms
before the potential source developed symptoms, suggesting that
transmission occurred in the prodromal period.28

There have been small case studies highlighting that COVID-19
can be acquired from patients who are and will remain
asymptomatic.29e31 The estimated proportion of asymptomatic
COVID-19 was 17.9% based on screening of travellers on board a
cruise ship32 and 30.8% from data of Japanese citizens evacuated
from Wuhan.33 However, the viral loads in the upper respiratory
specimens appeared to be similar in symptomatic and asymp-
tomatic persons.34 It is possible that the beneficial effect of
mandated social distancing may be related to reducing contact
between asymptomatic individuals infected with SARS-CoV-2.
Another unique aspect of SARS-CoV-2 is its ability to persist on
various surfaces and thus be transmitted by indirect contact from



Table 1
Results of the regression analysis predicting the highest number of new COVID-19
cases per day.a,b

Statistic All regions Plateaued Not plateaued

Total 119 51 68
States within the United

States
41 15 26

Other countries 78 36 42

Model
A

Model
B

Model
A

Model
B

Model
A

Model
B

F 171.9 77.5 132.1 55.1 79.4 42.6
Adjusted R2 0.59 0.72 0.72 0.81 0.54 0.71
Constant 10.1

(0.56)
15.1
(1.65)

11.8
(0.78)

19.3
(2.15)

9.6
(0.76)

15.2
(2.56)

Log (cumulative case
volume per million on the
day before mandated
social distancing)

0.66**
(0.05)

0.66**
(0.05)

0.85**
(0.07)

0.85**
(0.07)

0.59**
(0.07)

0.61**
(0.09)

Log (population of the
region)

�0.06
(0.07)

�0.08
(0.08)

�0.12
(0.11)

Day of mandated social
distancing (from January
22, 2020)

�0.09**
(0.02)

�0.1**
(0.02)

�0.08**
(0.02)

Percentage of the urban
population in the region

0.02*
(0.006)

0.001*
(0.008)

0.02*
(0.009)

COVID-19, coronavirus disease 2019.
*P < 0.01, **P < 0.001.

a Standard errors are reported in parentheses.
b Model A ¼ unadjusted; model B ¼ adjusted for the day mandated social

distancing started in the course of the COVID-19 pandemic (calculated as the
number of days since January 22, 2020), for log-transformed population of
geographic region and for proportion of persons living in urban areas.
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high-touch surfaces.35,36 SARS-CoV-2 can persist on plastic, stain-
less steel, copper and cardboard, and viable virus has been detected
for up to 72 h after application on these surfaces. The longest
viability was on stainless steel and plastic; the estimated median
half-life of SARS-CoV-2 is approximately 5.6 h on stainless steel and
6.8 h on plastic. Therefore, the mandated social distancing is likely
to reduce contamination and transmission from high-touch sur-
faces within society.

One of the limitations of the current model is the variability in
policies pertaining to mandated social distancing and compliance
to the policies in various geographic regions. Mandated social
distancing has several facets, which include special precautions on
travel on public transit, ride-shares or taxis; only operating essen-
tial businesses, such as grocery stores, gas stations and banks;
closure of non-essential businesses; using drive-thru, kerbside
pickup or delivery services; prohibiting events and gatherings of
more than 10 people; maintaining distance (approximately 6 feet
or 2 m) from others when possible; avoid eating or drinking at
Table 2
Results of the regression analysis predicting the highest number of new COVID-19 cases

Statistic All regions

States within the United States n¼41

Model A Model

F 5.5 8.8
Adjusted R2 0.1 0.44
Constant 7.1 (1.2) 20 (4.0
Log (cumulative case volume per million on the

day before mandated social distancing)
0.3** (0.13) 0.72**

Log (population of the region) 0.01 (0
Day of mandated social distancing (from January 22, 2020) �0.15*
Percentage of the urban population in the region 0.009*

COVID-19, coronavirus disease 2019.
*P < 0.05. *P < 0.01. **P < 0.001.

a Standard errors are reported in parentheses.
b Model A¼ unadjusted; model B¼ adjusted for the day mandated social distancing sta

January 22, 2020), for log-transformed population of geographic region and for proporti
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restaurants, bars or food courts; closing of schools and non-
essential factories and workplaces and limiting the number of pa-
trons at retail shops. Compliance with mandated social distancing
is an important factor in determining success of the intervention.1

There is also variability in exposure risk reduction within a given
population as each individual does not have the same chance of
coming in contact with others.26 There appears to be a difference
exposure risk according to age of the individuals37 and population
structure such as the number of households, workplaces, schools
and community groups.38 Differences in age and population
structure between geographic regions may also confound the
results.

There is also a confounding effect of case identification and
isolation, and robustness of testing for asymptomatic individuals,
which may vary in different geographic units in the current anal-
ysis. The Centers for Disease Control and Prevention (CDC)
concluded that the degree to which COVID-19 cases might go un-
detected or unreported varies in geographic regions because
testing practices differ widely and might contribute significantly to
the observed variations.39,40 For example, the state of New York
(excluding New York City) reported administering 4.9 tests per
1000 population, which was higher than the national average of 1.6
(CDC, unpublished data, March 25, 2020). The confounding effect of
contact tracing and isolationwas not analysed in the present study.
There was variability between geographic regions in implementa-
tion of contact tracing and isolation. Contact tracing and isolation
was also affected by the number of COVID-19 cases within a
geographic region and may not be possible if the number of new
cases exceeds a certain threshold owing to limitations in resources.
The socio-economic status and location (urban versus rural) also
influence access to health care and thus case identification andmay
alter the differences between various geographic regions.

The variability in the highest number of new cases per day that
was not explained in the statistical models of the present study is
likely due to variability in mandating social distancing in different
regions. Although most of the organisations were closed during
mandated social distancing, certain businesses, such as meat- and
poultry-processing facilities, were recognised as critical for infra-
structure and permitted to continue work with precautions. Out-
breaks in such places resulted in increasing numbers of new cases
per day that are not explained by the current model.41,42 It is also
noted that in some regions (excluded from the analysis), the
highest number of new cases per day plateaued before mandated
social distancing. This suggests that there may be other mecha-
nisms that can reduce the number of new cases in certain regions.

There were certain analyses that could not be performed for all
the regions included in the present study as the pandemic is
per daydstates in the United States.a,b

Plateaued Not-plateaued

n¼15 n¼26

B Model A Model B Model A Model B

3.2 10.8 1.5 4.5
0.13 0.74 0.02 0.36

1) 7.9 (2.18) 17.1 (5.15) 6.1 (1.41) 16.9 (5.85)
(0.15) 0.41** (0.23) 0.7** (0.17) 0.18** (0.15) 0.52** (0.24)

.12) 0.5 (0.19) �0.26 (0.13)
* (0.04) �0.2** (0.04) �0.08** (0.06)
(0.009) �0.016* (0.013) 0.023* (0.012)

rted in the course of the COVID-19 pandemic (calculated as the number of days since
on of persons living in urban areas.



Table 3
Results of the regression analysis predicting the highest number of new COVID-19 cases per daydother countries.a,b

Statistic All regions Plateaued Not-plateaued

Total n¼78 n¼36 n¼42

Model A Model B Model A Model B Model A Model B

F 87.6 42.9 129.5 58.3 23.5 14.3
Adjusted R2 0.53 0.69 0.79 0.87 0.35 0.57
Constant 9.6 (0.8) 12.8 (2.05) 12.1 (0.86) 18.4 (2.16) 8.3 (1.32) 12.3 (3.68)
Log (cumulative case volume per million on the

day before mandated social distancing)
0.63** (0.07) 0.6** (0.06) 0.88** (0.08) 0.83** (0.07) 0.51** (0.1) 0.55** (0.12)

Log (population of the region) 0.02 (0.09) �0.06 (0.08) �0.02 (0.15)
Day of mandated social distancing (from January 22, 2020) �0.09** (0.02) �0.1** (0.02) �0.08** (0.03)
Percentage of the urban population in region 0.02* (0.008) 0* (0.009) 0.025* (0.011)

COVID-19, coronavirus disease 2019.
*P < 0.05. *P < 0.01. ***P < 0.001.

a Standard errors are reported in parentheses.
b Model A¼ unadjusted; model B¼ adjusted for the day mandated social distancing started in the course of the COVID-19 pandemic (calculated as the number of days since

22 January, 2020), for log-transformed population of geographic region and for proportion of persons living in urban areas.
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ongoing, with changing numbers of COVID-19 cases. In subgroup
analysis, it was clear that the relationship was strongest when the
highest number of new cases per day had reached its peak. Some
regions were still in the period wherein the number of new cases
per day is continuing to increase. It is also important to note that
the total number of COVID-19 cases in a region can only be deter-
mined after the pandemic subsides. In total, only 17 regions in the
current analysis were thought to be at the tail end of the pandemic
(i.e., where daily newcases had reached less than 20% of the highest
number of new cases per day observed). There was a clear rela-
tionship between the total number of cases before the start date of
mandated social distancing and overall total number of cases in the
region, indicating that early mandated social distancing also
reduced the total number of COVID-19einfected individuals over
time.

Future studies should focus on identifying the effectiveness of
individual components of mandated social distancing to determine
the most effective model for prevention of COVID-19. Another issue
is the re-emergence of COVID-19 (termed as the ‘second wave’)
with relaxation of the mandated social distancing policy. Estima-
tion of the impact of relaxation of the mandated social distancing
policy is confounded by a staged and heterogenous set of policies,
which make it difficult to identify a distinct effect. However, the
differences in relaxation policies between regions may be corre-
lated with regional re-emergence of COVID-19 to identify the most
effective strategy for relaxation and termination of mandated social
distancing.

Conclusions

The value of mandated social distancing in reducing the spread
of COVID-19 has been questioned at multiple levels owing to
widespread inadvertent effects on individuals' well-being and the
financial consequences on society. This study demonstrates that
initiating mandated social distancing when smaller numbers of
COVID-19 cases are present will reduce the highest number of new
cases per day and perhaps even the overall total number of COVID-
19 cases in the region, highlighting the importance of this
community-based intervention.
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