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This is the first study to identify lipidomic markers in plasma associated with response

of acutely ill schizophrenia patients in response to specific antipsychotic treatments. The

study population included 54 schizophrenia patients treated with antipsychotics for 6

weeks. Treatment led to significant improvement in positive and negative symptoms for

34 patients with little or no improvement for 20 patients. In addition, 37 patients showed

an increase in body mass index after the 6 week treatment period, consistent with

effects on metabolism and the association of such effects with symptom improvement.

Profiling of plasma samples taken prior to therapy using liquid chromatography tandem

mass spectrometry (LC-MS/MS) resulted in identification of 38, 10, and 52 compounds

associated with the olanzapine, risperidone, and quetiapine treatment groups, which

could be used to distinguish responders from non-responders. Limitations include the

retroactive active nature of the study and the small sample size. Further investigations

with larger sample sets could lead to the development of a molecular test that could be

used to help psychiatrists determine the best treatment options for each patient.

Keywords: schizophrenia, drug response, antipsychotics, lipidomics, biomarkers

INTRODUCTION

Disease management of acute schizophrenia is achieved by administration of antipyschotics.
However, ∼40% of patients do not respond adequately to these medications and around 60%
end up abandoning treatment due to intolerable side effects (1). As a consequence, the mood-
related and cognitive functions of the patients may not improve, making these individuals less
capable of functioning adequately in society. The side effects of second-generation (atypical)
antipsychotics like olanzapine, risperidone, and quetiapine include metabolic-related responses
such as hyperglycaemia, insulin resistance, and weight gain (2). Interestingly, some researchers
have suggested that weight gain and other metabolic effects may be linked to the improvement of
symptoms (3). These side effects are most likely related to the high affinity of these compounds
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for other receptor systems in the brain, which are involved in
regulation of appetite and food intake (4–6). Such effects can
have a deleterious impact on the overall health of patients and
can potentially lead to conditions such as insulin resistance,
type 2 diabetes, obesity, and cardiovascular complications (7, 8).
These issues have led to recommendations for clinicians to closely
monitor antipsychotic-treated psychiatric patients for early signs
of such side effects (9–11). This has included concerted efforts
by researchers from academia and the pharmaceutical industry
to identify biomarkers that can be used to predict or monitor
treatment responses (8, 12).

These issues have led academic and pharmaceutical industry
researchers to embark on biomarker discovery initiatives
to help guide treatment decisions and potentially pave the
way toward novel therapeutic approaches. A number of
molecular studies have already been carried out using multiplex
immunoassay profiling of serum/plasma proteins to identify
potential relationships between antipsychotic treatment
responses and biomarker levels (12–14). However, none of
these studies attempted to identify biomarker profiles that are
predictive of response in cohorts treated separately with different
antipsychotics. This is critical since different patients may show
a better response to a distinct drug. In a recent publication,
we reported on the analysis of plasma samples from a cohort
of 58 schizophrenia patients using shotgun mass spectrometry
proteomic profiling (15). Our objective was to identify proteins
and protein pathways involved with an effective response to
atypical antipsychotics, although, as with the above studies, no
attempt was made to identify treatment-specific signatures.

Given the effects on metabolic functions mentioned above, we
have carried out a lipidomic profiling study of plasmasamples
obtained from the same schizophrenia patients prior to
their treatment with the different antipsychotics. The analysis
consisted of ultra-performance liquid-chromatography tandem
mass spectrometry (UPLC-MS/MS) followed by the multivariate
data analysis of the overall lipidomic profiles from all patients
simultaneously (16). The main objective was to identify lipid
profiles that could be used to predict response to treatment with
either olanzapine, risperidone, or quetiapine. This is the first
study which has attempted to assign specific biomarker profiles
for predicting response to distinct antipsychotics. This study
provides the groundwork for development of objective clinical
tests that can be used to help psychiatrists in the choice of
treatments for individuals presenting with acute schizophrenia in
line with personalized medicine objectives.

METHODS

Samples
The samples had already been obtained from a cohort comprised
of 54 acute schizophrenia patients who were treated with either
olanzapine (n = 17), risperidone (n = 23), or quetiapine
(n = 14) (Supplementary Table 1), as described previously
(15). Diagnoses were performed using DSM-IV criteria and the
Structured Clinical Interview (SCID-I) (17). Blood samples had
been collected by venous puncture in the psychiatric clinic at
the University of Magdeburg, Germany, as part of naturalistic
study of acutely ill in-patients who were un-medicated for at

least 6 weeks prior to inclusion. Citrate plasma samples were
prepared and analyzed at a time when the patients were suffering
from acute illness [designated time zero (T0)]. Individuals
with other medical diseases were not included in the study.
After the 6-week treatment period, all samples were grouped
according to whether (n = 34) or not (n = 20) the patients
responded favorably to the treatment. A favorable response
was defined as a 50% reduction of total Positive and Negative
Syndrome Scale (PANSS) scores. These scores were corrected by
subtraction of the minimum the scores which represented no
symptoms (7, 7, and 16 for PANSS positive, negative and general
scores, respectively) (15). Exclusion criteria included substance
abuse disorder or symptoms induced by a non-psychiatric
medical illness or treatment, including immune diseases,
immunomodulatory treatment, cancer, chronic terminal disease,
cardiovascular disorders, dyslipidemia, diabetes, and severe
trauma. The institutional review board (ethics commission of the
University of Magdeburg) approved the study, (process 110/07,
from November 26th, 2007 amended on February 11th, 2013).
Written informed consent was obtained from all participants.

Sample Preparation
Lipids from 25 µL plasma samples taken at T0 were extracted by
addition of 100 µL isopropanol. Samples were vortexed for 1min
and then incubated 10min at room temperature. The samples
were kept at −20◦C for 18 h and centrifuged at 14,000g for
20min. The pellet was discarded and the supernatant dried in
a vacuum centrifuge and reconstituted in 100 µL isopropanol
(IPA)/acetonitrile (ACN)/water (2:1:1 v:v:v) (18). Ten quality
control (QCs) injections were run along with the clinical samples.
These were composed by equal aliquots of each of the plasma
sample to monitor the preparation and LC-MS/MS performance.

Liquid Chromatography
All chemicals were purchased from Sigma-Aldrich (Seelze,
Germany) and were of high performance liquid chromatography
(HPLC) grade, or higher, purity. An Acquity H-Class UPLC
(Waters Corporation, Milford, MA, USA) was used as the inlet
for mass spectrometry. The column used was an ACQUITY
UPLC R© CSH C18, 2.1 × 100mm, 1.7µm particle size (Waters
Corporation), operating at a flow rate of 0.4 mL/min and at 55◦C.
The chromatographic separation was performed in gradient
mode using a mobile phase system consisted by two solvents,
A and B. Solvent A was ACN/water (60:40, v:v) with 10mM
ammonium formate and 0.1% formic acid, and phase B was
IPA/ACN (90:10, v:v) with 10mM ammonium formate and 0.1%
formic acid. The gradient steps started with 60% A and 40% B,
changing linearly to 57% A and 43% B in 2.0min, to 50% A and
50% B in 2.1min, to 46% A and 54% B in 12.0min, to 30% A
and 70% B in 12.1min, to reach 1% A and 99% B in 18.0min and
then returning to the initial composition (60% A and 40% B) in
18.1min. The buffer remained at this composition until 20min
prior to preparing the system for the next injection. The injection
volume was 1.0 µL.

Mass Spectrometry
The inlet system was coupled to a hybrid quadrupole orthogonal
time-of-flight mass spectrometer, Xevo G-2 XS QT of (Waters
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Corporation, Manchester, UK), controlled by MassLynx 4.1
software. Data were acquired in positive electrospray ionization
(ESI+) with the capillary voltage set to 2.0 kV, cone voltage
to 30 eV and source temperature to 150◦C. The desolvation
gas was nitrogen, with flow of 900 L/h and temperature
of 550◦C. Data were acquired from m/z 100 to 2,000 in
MSE mode, during which the collision energy was alternated
between low (2 eV) and high (ramped from 20 to 30 eV).
Leucine-enkephalin (Waters Corporation, Milford, MA, USA),
C28H37N5O7, ([M+H]+ = 556.2771 m/z) was used as lock
mass reference at concentration of 0.2 ng/L with flow rate of
10µL/min.

Data Processing and Statistical Analyses
Progenesis QI 2.2 (Nonlinear Dynamics, Indianapolis, IN, USA)
software was used to process data for peak detection, multivariate
analysis and identification. All samples were normalized using
the total ionic current. After that, data filtering was performed
by removing ions present in blank samples. The ion abundance
threshold filtering was also applied, which evaluated the minimal
ion abundance that could provide a good precursor ion signal
with a consistent isotopic pattern. A final filtering step was made
based on retention time by checking sample chromatograms
to define the retention time window over which the lipids
eluted. After the data filtering steps, the normalization option
was changed from total ion current to the summed ion
abundance of all compounds. For compound identification, the
Lipidmaps database was used, with searching parameters as
follows: precursor mass error ≤ 10 ppm, fragment tolerance ≤

10 ppm. Other parameters such as fragmentation score were also
considered for disambiguation.

Data Analysis
The output variables were the ion abundance of the
chromatographic signals from the lipids according to their
corresponding mass/charge (m/z) obtained from the mass
spectrometer. Approximately 1,600 m/z signals with different
elution times were detected in total. To identify the appropriate
adducts for data processing, a spectral evaluation of different
lipid classes and ion abundances were carried out. The selected
adducts were [M+H-H2O]+, [M+H]+, [M+Na]+, [M+K]+,
[2M+H]+ and [2M+Na]+. The normalized m/z signals were
imported into Matlab R© R2013b (The Matworks, Natick, MA,
USA) as single data matrices Xi(I × J) for each treatment, with
i= 1 (risperidone), 2 (olanzapine), or 3 (quetiapine), I= number
of samples in the corresponding treatment, and J = number
of m/z signals: risperidone = 1,610; olanzapine = 1,632; and
quetiapine = 1,628. Multivariate analyses were performed with
the autoscaled data using Partial Least Squares-Discriminant
Analysis (PLS-DA) and Principal Component Analysis (PCA),
employing the Pls Toolbox 8.1 (Eigenvector Research Inc.,
Wenatchee, WA, USA). One-way ANOVA F-Test analyses were
performed in Matlab using in-house scripts.

PLS-DA
The most relevant m/z signals from baseline samples used to
distinguish the patients who did or did not respond to the
treatmentswereextractedfromeachXidatamatrixusingavariable

selection approach based on double cross-validation (CV2) PLS-
DA (19). For CV2, Xi matrices were randomly split into 2
submatrices Xical (A, J) andXitest (B, J), withA= 17, 12, or 9, and
B = 5, 4, or 2, for either risperidone, olanzapine, and quetiapine,
respectively. This approach helped to keep the proportion of the
overall m/z signals between responders and non-responders in
the submatrices similar to the corresponding Xi matrices. PLS-
DA was performed only for Xical, using 4-fold Venetian blind
cross-validation for model optimization. Xical submatrices were
also arranged to allow simultaneous extraction of rows from both
responder and non-responder groups of patients during the inner
cross-validationprocess,andthecorrectnumberof latentvariables
(LVs) for themodels was obtained in the lowest rootmean squares
error of cross-validation (RMSECV). After model optimization,
only the Variable Importance for Projection (VIP) scores upon
a threshold were selected while extracting the most informative
m/z signals for the classification from Xical submatrices. This
threshold was defined iteratively based on reaching the point
belowwhich the PLS-DAmodels did not increase their RMSECV.
This was computed for new models each time a new threshold
was established. The overall CV2 procedure was performed 500
times, and only those m/z signals that were selected in at least
80% (risperidone and olanzapine) and 95% (quetiapine) of the
iterations were considered relevant for distinguishing between
responders and non-responders. The remaining m/z signals were
discarded, since the contrary approach resulted in an overall
increase of theRMSECVandmisclassification of predictions from
the Xitest. No additional variable selection step was performed
once the Xi matrix contained only the most frequent m/z
signals selected previously from the histograms. This approach
of combining variable selection into double cross-validated PLS-
DA models provided the most important m/z signals from the
pooled data without fitting overly-optimistic PLS-DA models.
This is due to the fact that the final m/z signals were selected
based onnon-biasedhistogramsof random iterations andbecause
model performances were strictly evaluated, given that they were
computed for independent samples. A similar approach using
PLS-DA for analyte selection has been published elsewhere (20).
Here we intended to apply a high stringency model, so that only
themost robust data are selected. The drawback is that some valid
signals may be filtered out.

One-Way ANOVA F-Test and PCA
The final m/z signals selected from the PLS-DA modeling were
ranked individually according to their ability to distinguish
between responder and non-responder patients, using one-way
ANOVA F-test analysis. False discovery rates (FDR) were also
estimated for the respective m/z signals according to a null
distribution ANOVA F-test approach, as described previously
in metabolomics studies (21, 22). Next, PCA was performed to
highlight the separation between responders and non-responders
to each antipsychotic treatment when considering only the
selected compounds in which FDR ≤ 0.05 (i.e., probability of
type-I error ≤ 5%).

Data Sharing
The ethics committee approval for this project does not include
sharing the mass spectrometry raw files obtained here, as these
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are pertinent information to the participants of the study.
Interested researchers should look for us in order to sign a non-
disclosure agreement to be submitted to the ethics committee.

RESULTS

Patient Response to Treatment
According to the criteria set in the Methods section, 34 out
of 54 total patients showed a good response to treatment (see
Supplementary Table 1). There were no significant differences
observed for age, illness duration, BMI, gender, smoking, PANSS
negative, or PANSS general scores at baseline between the
responders and non-responders (Table 1). However, significantly
higher PANSS positive scores (P = 0.005) were observed at
baseline for the responders compared to the non-responders.
In addition, 38 out of the 54 patients showed an increase in
BMI following the treatment. In the responder group, 27 out
of the 34 patients showed an increase in BMI with an average
increase of 1.22 ± 1.42 kg/m2 (mean ± sd; n = 34). In the non-
responder group, 11 out of the 20 patients had an increased BMI
(0.22 + 1.43; n = 20). There difference in the BMI gain across
the responders and non-responders was significant (p = 0.033;
Mann–Whitney test).

Selection of m/z Peaks for Best Separation
of Responders and Non-responders for
Each Treatment Group
PLS-DA models were used to extract the most relevant m/z
signals from the pooled data for the best separation of responders

TABLE 1 | Assessment of baseline variables, comparing patients in the responder

(R, n = 34) and non-responder (NR, n = 20) groups.

Median (Q1, Q3) P-value

Age (years) R 36.0 (30.3, 47.3) 0.199a

NR 31.5 (25.0, 43.3)

Illness duration (years) R 1.5 (0.0, 9.3) 0.689a

NR 1.5 (0.0, 9.3)

BMI (kg/m2) R 23.8 (21.6, 29.8) 0.484a

NR 23.5 (22.0, 26.8)

PANSS positive scores R 26.0 (16.3, 21.0) 0.005a

NR 21.0 (16.8, 24.5)

PANSS negative scores R 9.5 (5.0, 18.0) 0.429a

NR 11.5 (6.0, 22.3)

PANSS general scores R 27.0 (22.0, 32.8) 0.255a

NR 30.0 (21.0, 39.8)

Gender (male/female) R 19/15 0.821b

NR 13/7

Smoking (yes/no) R 23/11 0.807b

NR 15/5

As the data were unevenly distributed, Shapiro-Wilk tests were use to determine

significance values for continuous variables (median and quartiles 1 and 3 shown) and

Fisher’s exact test was applied for contingency variables. Values which were significantly

different are indicated using bold font.

a, H-test; b, Fisher’s exact test.

and non-responders in each treatment group. This resulted in
selection of 134, 36, and 119 m/z signals for the olanzapine,
risperidone, and quetiapine treatment groups, respectively out
of more than 1,600 compounds in total (Table 2). Due to
the fact that the PLS-DA extracts linear correlations in the
multivariate data to maximize discrimination of the samples in a
supervisedmanner, some false positive signals might be included.
For this reason, the ability of each m/z signal to distinguish
between responders and non-responders was tested using one-
way ANOVA F-test analysis combined with FDR estimations.
The F-ratio thresholds for estimating the FDR (confidence
level ≥ 99%), obtained from the null-distribution ANOVA F-
ratio approach, considered all possible null class comparisons
in both groups (i.e., response or non-response) of patients,
for each antipsychotic treatment group. The compounds for
which the FDR was <5% are more likely to be associated to
the medication effectiveness. Therefore, these compounds were
tentatively identified for the selected olanzapine, risperidone, and
quetiapine signals (Supplementary Tables 2–4; non-identified
m/z signals are provided in Supplementary Table 5). The PCA
plots considering only those m/z signals for which the FDR
≤ 5% resulted in clear discrimination between responders and
non-responders for the olanzapine (Figure 1A), risperidone
(Figure 1B), and quetiapine (Figure 1C) treatments. These
separations were associated with a total (i.e., identified and non-
identified) of 66 compounds for olanzapine (Figure 1A), 24
compounds for risperidone (Figure 1B) and 52 compounds for
quetiapine (Figure 1C).

DISCUSSION

This is the first study to use a lipidomic profiling approach in
an attempt to detect lipid-based molecules in plasma samples
taken from patients prior to treatment that could be used
for prediction of response to specific antipsychotic treatments.
The PLS-DA models resulting in low root mean squares
error of cross-validation and misclassifications infers robustness
(non-biased) of the final selected lipid signals, given that the
models correctly classified most of the patients independently
throughout the random cross validation iterations. These
results, along with the ranking of the signals according
to their respective ability to distinguish between responder
and non-responder patients, was provided by the one-way
ANOVA F-test analysis combined with the corresponding false-
positive probability estimations. This guided the biological

TABLE 2 | Performance of double cross-validated PLS-DA models after N = 500

random iteration (average values and standard deviations in the brackets) to select

the main m/z signals while classifying between responders and non-responders

for each treatment group.

Risperidone Olanzapine Quetiapine

# of latent variables 1.06 (0.40) 1.23 (0.46) 1.12 (0.33)

RMSECV 0.005 (0.024) 0.04 (0.06) 0.03 (0.05)

Misclassified 0.4 (4.5) % 0.3 (2.3) % 0

M/Z selected 36 134 119
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FIGURE 1 | PCA plots showing separation of patients who either responded or did not respond to (A) olanzapine, (B) risperidone, and (C) quetiapine treatment using

baseline plasma lipid levels (each symbol represents a patient sample). Responders and non-responders are represented in red and green, respectively.

investigation toward only those potential hits closely related
to the responses of patients to treatment with the specific
antipsychotics. The m/z signals that were not designated as
potential hits do not necessarily infer non-relevance to the study.
Instead, they have a higher probability (>5%) of being false-
positives in these datasets, according to the adopted statistical
metric.

The brain is rich in lipids, which act within specific brain
regions to regulate processes that can impact complex processes
such as behavior, emotions, cognition, and learning (23).
Evidence has accrued that phospholipids play an important role
in the structure and function of membranes and the associated
pathways appear to be impaired in schizophrenia (24). Therefore,
counter changes in phospholipids may be associated with the
therapeutic response to antipsychotics in schizophrenia patients.
Recent developments in the field of lipidomics have allowed
characterization of hundreds of individual lipid species in human
blood which may be altered in disease states (25). For example,
deregulation of cholesterol has been associated with altered levels
of some steroid hormones and development psychiatric disorders
including autism (26), altered metabolism of sphingolipids such

as ceramide has been observed in some cases of depression (27)
and patients with psychosis often show subclinical dyslipidemia
(28).

Most antipsychotics in current use act as dopamine and
serotonin blockers and. the circulating levels of drugs such
as risperidone and quetiapine are metabolized in the liver to
produce the active metabolites (29) and some classes of lipids
can inhibit the activity of the metabolizing enzymes. Altered
phospholipid content in the membrane can affect metabolism
through the cytochrome P450 family of metabolic enzymes
by altering protein conformation and interactions essential
for activity (30). Cirulating nutritional factors including lipids
can also affect the efficiency of these metabolizing enzymes
(31). This may be important as response of schizophrenia
patients to antipsychotics may be related to metabolism
of these drugs in the liver. For example, olanzapine is
normally metabolized to its 10-and 4′-N-glucuronides, 4′-
N-desmethylolanzapine [cytochrome P450 (CYP)1A2] and
olanzapine N-oxide (flavin mono-oxygenase 3) (32), risperidone
is metabolized primarily by CYP2D6 and to a lesser extent by
CYP3A4, and quetiapine is known to undergo an N-dealkylation
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catalyzed by CYP3A4/5 (33). Furthermore, olanzapine is
metabolized by direct glucuronidationby CYP1A2 and by
CYP2D6 and CYP3A4, although the later two enzymes play
a smaller role in this conversion. In addition, quetiapineis
metabolized by CYP3A4 although aldehyde oxidase is the
enzyme responsible for most of its metabolism (34). Thus, an
altered composition of lipid in blood could lead to changes in the
levels of some of these metabolites and thereby affect treatment
response. Further studies should investigate the effect of specific
lipids on metabolism of each of these antipsychotics, given the
potential link to treatment response. This study has provided a
list of lipids associated with treatment response to olanzapine,
risperidone, and quetiapine which could be used as potential
starting point in such an investigation.

LIMITATIONS

There are a number of limitations of this study. Firstly, this
was a retroactive analysis of samples provided from a previous
naturalistic study and there was only a limited sample size
for determining effects of each separate drug treatments. Thus,
replication is required using a different sample set with larger
numbers for each treatment group. Also, patients who showed
a good response to the treatment also had the most severe
symptoms at baseline, as assessed by the PANSS positive scoring
system. Although the small sample size was a limitation of
this study from a statistical point of view, the data treatment
strategy comprising variable selection and statistical double
cross-validation presented here assured the non-biased selection
of only the most robust m/z signals that distinguish responders
and non-responders groups of patients in the dataset. Finally,
the natural heterogeneity of schizophrenia makes identification
of biomarkers challenging (35). Further studies should be carried
out using patient populations that have been stratified strictly
using either clinical or molecular biomarkers. Finally, although
the results give high confidence on identification of the lipid class,
size of carbon chains and number of double bonds, it was not
possible to distinguish between isomer candidates. Specifically,
the observed fragmentation helped to define the size and number
of double bonds of each carbon chain for many compounds,
considering the sn-1 and sn-1-H2O (and sn-2 and sn-2-H2O
for lipids with more than one carbon chain). However, the
position of the double bonds could not be determined using
the current mass spectrometry approach as this would require
comparison with analytical standards. Finally, it is important to
highlight that our aim here is to look for a molecular signature
to predict antipsychotic responsiveness. As it can be seen in
the Supplementary Tables, among the compounds we analyzed,
a number of them are unidentified. We are not focusing here
in their identification. If these are consistently present in the
samples analyzed and are able to separate responders from non-
responders, we reached our objective. We are currently working
on their identification, in order to describe which of these
compounds are triggering molecular pathways associated to an
effective antipsychotic response and which are involved with
poor response. This data will provide, in the future, biological
leads that may be useful for the development of new treatments.

CONCLUSIONS

Previous studies have demonstrated that first onset schizophrenia
patients may also show signs of metabolic syndrome (7, 36).
This includes elevated levels of insulin-related peptides (37, 38),
increased insulin resistance (39, 40) and altered lipid profiles (28)
in the blood. This is the first study to identify specific lipidomic
signatures for prediction of response to specific antipsychotics.
Given further validation of these findings, the signatures could
be developed into a rapid assay using a platform such as
selective reaction monitoring (SRM) mass spectrometry to aid
the process of antipsychotic selection in the treatment of patients
with acute psychosis. This fits in with ongoing strategies of
translational and personalized medicine for improved treatment
outcomes of patients suffering from this debilitating psychiatric
disease.
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26. Gillberg C, Fernell E, Kočovská E, Minnis H, Bourgeron T, Thompson L,

et al. The role of cholesterol metabolism and various steroid abnormalities in

autism spectrum disorders: A hypothesis paper. Autism Res. (2017) 10:1022–

44. doi: 10.1002/aur.1777

27. Dinoff A, Herrmann N, Lanctôt KL. Ceramides and depression: a

systematic review. J Affect Disord. (2017) 213:35–43. doi: 10.1016/j.jad.2017.

02.008

28. Misiak B, Stanczykiewicz B, Łaczmanski Ł, Frydecka D. Lipid profile

disturbances in antipsychotic-naive patients with first-episode non-affective

psychosis: A systematic review and meta-analysis. Schizophr Res. (2017)

190:18–27. doi: 10.1016/j.schres.2017.03.031

29. Maier W, Zobel A. Contribution of allelic variations to the phenotype

of response to antidepressants and antipsychotics.Eur. Arch Psychiatry

Clin Neurosci. (2008) 258(Suppl. 1):12–20. doi: 10.1007/s00406-007-

1004-z

30. Brignac-Huber LM, Park JW, Reed JR, Backes WL. Cytochrome P450

organization and function are modulated by endoplasmic reticulum

phospholipid heterogeneity. Drug Metab Dispos. (2016) 44:1859–66.

doi: 10.1124/dmd.115.068981

31. Bidlack WR, Brown RC, Mohan C. Nutritional parameters that alter hepatic

drug metabolism, conjugation, and toxicity. Fed Proc. (1986) 45:142–8.

32. Callaghan JT, Bergstrom RF, Ptak LR, Beasley CM. Olanzapine.

Pharmacokinetic and pharmacodynamic profile. Clin Pharmacokinet.

(1999) 37:177–93. doi: 10.2165/00003088-199937030-00001

33. Zanger UM, Schwab M. Cytochrome P450 enzymes in drug

metabolism: Regulation of gene expression, enzyme activities, and

impact of genetic variation. Pharmacol Ther. (2013) 138:103–41.

doi: 10.1016/j.pharmthera.2012.12.007

34. Urichuk L, Prior TI, Dursun S, Baker G. Metabolism of atypical

antipsychotics: involvement of cytochrome p450 enzymes and relevance

for drug-drug interactions. Curr Drug Metab. (2008) 9:410–18.

doi: 10.2174/138920008784746373

35. Fond G, d’Albis MA, Jamain S, Tamouza R, Arango C, Fleischhacker WW,

et al. The promise of biological markers for treatment response in first-

episode psychosis: a systematic review. Schizophr Bull. (2015) 41:559–73.

doi: 10.1093/schbul/sbv002

36. Meyer J, Koro CE, L’Italien GJ. The metabolic syndrome and schizophrenia: a

review. Int Rev Psychiatry (2005) 17:173–80. doi: 10.1080/09540260500071798

Frontiers in Psychiatry | www.frontiersin.org 7 May 2018 | Volume 9 | Article 209

https://doi.org/10.1016/j.schres.2010.05.025
https://doi.org/10.2165/00023210-200519001-00001
https://doi.org/10.1177/0269881105058378
https://doi.org/10.1073/pnas.0611417104
https://doi.org/10.1007/s00213-016-4324-8
https://doi.org/10.1111/obr.12638
https://doi.org/10.1016/j.psyneuen.2012.09.009
https://doi.org/10.1093/schbul/sbw058
https://doi.org/10.1016/j.molmed.2010.10.010
https://doi.org/10.2174/1871530315666150623092031
https://doi.org/10.1517/14740338.2015.974549
https://doi.org/10.3109/15622975.2013.817685
https://doi.org/10.1038/tp.2012.3
https://doi.org/10.1016/j.bbi.2015.10.019
https://doi.org/10.1038/npjschz.2015.50
https://doi.org/10.1016/j.chroma.2016.10.044
https://doi.org/10.1021/ac500317c
https://doi.org/10.1007/s11306-011-0330-3
https://doi.org/10.1021/acs.jproteome.6b00109
https://doi.org/10.1021/ac504472s
https://doi.org/10.1016/j.chroma.2016.06.067
https://doi.org/10.3390/nu9030298
https://doi.org/10.1038/sj.mp.4002000
https://doi.org/10.3233/JAD-161215
https://doi.org/10.1002/aur.1777
https://doi.org/10.1016/j.jad.2017.02.008
https://doi.org/10.1016/j.schres.2017.03.031
https://doi.org/10.1007/s00406-007-1004-z
https://doi.org/10.1124/dmd.115.068981
https://doi.org/10.2165/00003088-199937030-00001
https://doi.org/10.1016/j.pharmthera.2012.12.007
https://doi.org/10.2174/138920008784746373
https://doi.org/10.1093/schbul/sbv002
https://doi.org/10.1080/09540260500071798
https://www.frontiersin.org/journals/psychiatry
https://www.frontiersin.org
https://www.frontiersin.org/journals/psychiatry#articles


Aquino et al. Lipidomic Signatures of Antipsychotic Response

37. Guest PC, Wang L, Harris LW, Burling K, Levin Y, Ernst A, et al.

Increased levels of circulating insulin-related peptides in first-onset,

antipsychotic naïve schizophrenia patients. Mol Psychiatry (2010) 15:118–9.

doi: 10.1038/mp.2009.81

38. Guest PC, Schwarz E, Krishnamurthy D, Harris LW, Leweke

FM, Rothermundt M, et al. Altered levels of circulating insulin

and other neuroendocrine hormones associated with the onset

of schizophrenia. Psychoneuroendocrinology (2011) 36:1092–6.

doi: 10.1016/j.psyneuen.2010.12.018

39. Ryan MC, Collins P, Thakore JH. Impaired fasting glucose tolerance in

first-episode, drug-naive patients with schizophrenia. Am J Psychiatry (2003)

160:284–9. doi: 10.1176/appi.ajp.160.2.284

40. Spelman LM, Walsh PI, Sharifi N, Collins P, Thakore JH. Impaired glucose

tolerance in first-episode drug-naive patients with schizophrenia.Diabet Med.

(2007) 24:481–5. doi: 10.1111/j.1464-5491.2007.02092.x

Conflict of Interest Statement: AG and MM are employees of Waters

Corporation (São Paulo, SP, Brazil).

The other authors declare that the research was conducted in the absence of

any commercial or financial relationships that could be construed as a potential

conflict of interest. Results here led to a patent request in Brazil (BR 10 2017

025852 1 - pending). Documents 110/07 and 67/10.

Copyright © 2018 Aquino, Alexandrino, Guest, Augusto, Gomes, Murgu, Steiner

and Martins-de-Souza. This is an open-access article distributed under the terms

of the Creative Commons Attribution License (CC BY). The use, distribution or

reproduction in other forums is permitted, provided the original author(s) and the

copyright owner are credited and that the original publication in this journal is cited,

in accordance with accepted academic practice. No use, distribution or reproduction

is permitted which does not comply with these terms.

Frontiers in Psychiatry | www.frontiersin.org 8 May 2018 | Volume 9 | Article 209

https://doi.org/10.1038/mp.2009.81
https://doi.org/10.1016/j.psyneuen.2010.12.018
https://doi.org/10.1176/appi.ajp.160.2.284
https://doi.org/10.1111/j.1464-5491.2007.02092.x
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/psychiatry
https://www.frontiersin.org
https://www.frontiersin.org/journals/psychiatry#articles

	Blood-Based Lipidomics Approach to Evaluate Biomarkers Associated With Response to Olanzapine, Risperidone, and Quetiapine Treatment in Schizophrenia Patients
	Introduction
	Methods
	Samples
	Sample Preparation
	Liquid Chromatography
	Mass Spectrometry
	Data Processing and Statistical Analyses
	Data Analysis
	PLS-DA
	One-Way ANOVA F-Test and PCA
	Data Sharing

	Results
	Patient Response to Treatment
	Selection of m/z Peaks for Best Separation of Responders and Non-responders for Each Treatment Group

	Discussion
	Limitations
	Conclusions
	Author Contributions
	Funding
	Acknowledgments
	Supplementary Material
	References


