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Keywords: Who thrives while socially distancing? In this exploratory study, we polled over 500 participants from the United

Well-being States on April 8, 2020—during the early stages of the COVID-19 pandemic when the practice of social distancing

Computer-mediated communication was at its peak. Above and beyond other social and nonsocial activities, living arrangements, employment cir-

S(?CY;:) i-;tgeraction cumstances, personality traits, and demographics, people who spent more time interacting with close others—in

Stress person or online—felt more socially connected. In contrast, people who spent more time interacting with weak
ties, specifically online, experienced greater negative affect, more stress, and lower social connectedness. In sum,
much like in-person interactions, online social interactions with strong ties are associated with higher well-being,
but online interactions with weak ties are related to lower well-being.

Introduction million people used Zoom each day, but by March 2020, its daily users

The onset of the COVID-19 pandemic changed our lives in many
ways, but perhaps it most drastically altered our social lives. By early
April 2020, 39 U.S. states and the District of Columbia had put in place
some version of a “stay-at-home” order, spurred by public health
guidelines urging people to avoid large gatherings and maintain social
distancing (Centers for Disease Control and Prevention, 2020). The
impacts of these regulations were quickly evident: By early April 2020,
visits to restaurants, for example, had decreased by 81% in the United
States compared to the same time the previous year (CueBiq, 2020).
While visits to traditional social venues declined, however, people were
spending more time online; broadband internet use, for instance, jum-
ped by almost 50% in the first quarter of 2020 compared to the same
period in 2019 (Bugel et al., 2020).

People possess an inherent need to interact with one another (Bau-
meister & Leary, 1995; Fiske, 2014; Kenrick et al., 2010; Maslow, 1943;
Ryan & Deci, 2000; Ryff, 1989). As such, social relationships and in-
teractions are some of the strongest predictors of well-being (e.g.,
Kahneman et al., 2004; Reis et al., 2000). During the early stages of the
pandemic, opportunities for in-person interactions became increasingly
scarce. However, face-to-face interactions across many settings—the
workplace, the classroom—were rapidly replaced by
computer-mediated social interactions. This is best illustrated by the
growth of the video call platform Zoom. In December 2019, only 10

had grown to over 200 million (Yuan, 2020). As its user base expanded,
Zoom became a popular space for recreational social interactions. Be-
tween February 23 and April 12, 2020, Zoom saw a nearly 2,000% in-
crease in the number of weekend calls made, along with a 700% increase
in calls made between 5:00 p.m. and 9:00 p.m. on weekdays (Reilly,
2020). While it is clear that online communication skyrocketed during
this time of social distancing, the question remains: Can digitally
mediated interactions be associated with the same emotional benefits
predicted by in-person interactions?

Digital communication and well-being

Research into the impacts of digital social interactions on well-being
has shown both positive and negative effects (Lieberman & Schroeder,
2020; Waytz & Gray, 2018). For example, more frequent digital
messaging, such as checking email or phone notifications, has been
linked to experiencing greater stress and negative affect in both corre-
lational and experimental research (Fitz et al., 2019; Kushlev & Dunn,
2015; Mark et al., 2012, 2016). In addition to increasing stress and
negative emotions, digital communication has been shown to decrease
positive emotion and social connectedness by interfering with the ben-
efits of simultaneous face-to-face interactions (Dwyer et al., 2018;
Kushlev & Leitao, 2020). Because digital communication has increased
during the pandemic (Bugel et al., 2020), these negative aspects of
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digital interactions may be magnified.

It is also possible, however, that online communication while social
distancing might be particularly valuable in reducing negative emotions
by providing a buffer against stressful events (e.g., Holtzman et al.,
2017). After a stressful experience, participants in one study who
received social support through a text message felt better than those who
received no social support at all (Holtzman et al., 2017). Recent research
has even suggested that simply having access to one’s phone can act
almost as an “adult pacifier” (Melumad & Pham, 2020), reducing
negative emotions and stress (Hunter et al., 2018). When in-person so-
cial interactions are less frequent, digital communication may not only
provide a buffer against stress and negative emotions, but also promote
positive emotion and social connectedness by serving as a reservoir of
social capital (Cheng et al., 2019). Indeed, online communication allows
users to connect with loved ones and make new friends without
geographical constraints (e.g., Desjarlais & Willoughby, 2010; Leong
et al., 2016). Past research shows that in-person interactions with both
strong ties (e.g., family and friends) and weak ties (acquaintances and
strangers) are associated with more positive emotions and greater social
connectedness (Epley & Schroeder, 2014; Reis et al., 2000; Sandstrom &
Dunn, 2014a). While social distancing, could people reap similar ben-
efits while interacting online with strong and weak ties?

The present research

Our goal is to explore the pattern of associations of digital social
interactions while social distancing with both positive and negative in-
dicators of well-being. We assessed several indicators of well-
being—namely, positive and negative affect, feelings of social
connectedness, and stress levels over one week. Over the same time
period, we also assessed the amount of time people spent interacting
with weak and strong ties both in-person and online. We administered
our survey to N = 674 adults residing in the United States on April 8,
2020, roughly one month after the World Health Organization had
declared the COVID-19 outbreak a pandemic (WHO Director-General’s
opening remarks at the media briefing onCOVID-19, 20 20, March 11).

Preliminary analyses

Before tackling our main question, we wanted to establish the level
of social distancing that was taking place in the United States during our
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survey. We used publicly available data from CueBiq (2020) to deter-
mine how many people were engaging in social distancing on April 8,
2020, as compared to other points in time during the pandemic.

As shown in Fig. 1, the objective mobility data indicates that the
percentage of people staying at home reached its peak for 2020 on April
8, with 39% of Americans not leaving their homes. The Contact Index on
April 8 was down by 75.6% compared to a year prior; this value is also
close to its peak decline of 76.5%, observed on April 1, 2020. After April
8, these two indices show a slow decline in social distancing, but contact
still remains below average as compared to the same period of 2019. As
of December 31, 2020, neither of these measures of social distancing
have reached those peak levels again. Therefore, April 8, 2020 should be
understood as a time of peak social distancing, allowing us to examine
the pattern of associations between digital communication and well-
being when in-person interactions were at their most limited (c.f.,
Gollwitzer et al., 2020).

Methods
Participants

In total, N = 674 people consented to complete the survey. We
recruited participants through Mechanical Turk (Mturk; n = 499), as
well as CloudResearch Panels (n = 175), of whom n = 100 participants
were specifically matched by CloudResearch to represent the United
States population in age, gender, and race. All participants were
compensated $1.00. Almost all of our sample (96.7%) reported prac-
ticing social distancing during the past 7 days.

Of those who consented, N = 569 participants finished the entire
survey, completing the demographic questions at the end. This sample
remained roughly representative of the U.S. population in sex, age, and
income: Participants were 56.2% female with a mean age of M = 46.05
(SD = 17.49) and a median annual household income of $50,500. At the
time of the survey, 6.9% of the sample reported being a college student,
44.8% of participants said that they were currently employed, and
26.1% reported living alone (see Tables S1 and S2 in Supplementary
Online Material [SOM] for more information). Participants were located
in 49 out of 50 U.S. states (New Hampshire was not represented), as well
as the District of Columbia.

Power analyses. A priori power analyses indicated that, in order to
detect an effect size of r = 0.15 with 90% power, we needed at least 459

Fig. 1. Objective indicators of social distancing

40% Measure Names
® At Home based on privacy-compliant first-party mobile de-
30% Contact Index  Vvice location data collected by CueBiq, showing an
20% increase in people staying at home (blue) and a
10% decrease in contact with others (orange). CueBiq
collects first-party location data from over
0% 25,000,000 daily active users across the continental
10% o U.S.; data are only collected from users who opt in
g on any of over 100 different mobile applications
-20% f, that have a “software development kit” (SDK). The
30% < At Home measure was calculated as the percentage
40% of people across the United States who stayed
within 330 feet of their home on a given day.
-50% Therefore, this value represents the raw percentage
-60% of people who stayed at home all day long (values
8 were rounded to the nearest whole number). The
Contact Index was created by measuring when two
-80% or more cellular devices came within 50 feet of one

another for at least 5 min; this value was used to
assess levels of human contact and interaction. The
data for particular dates were compared with data
collected on the same day of the previous year,
yielding an index of social distancing. For both
indices, we calculated the 7-day rolling average

from January 8 (pre-pandemic) to July 8 (mid-pandemic)—that is, three months before and after our April 8 survey. (For interpretation of the references to colour in

this figure legend, the reader is referred to the Web version of this article.)
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participants (https://doi.org/10.17605/0SF.I0/NWG54). Thus, we set
out to recruit 500 participants from MTurk. Additionally, we recruited a
sample of 100 participants matched for key demographics from Clou-
dResearch Panels (Litman et al., 2017). To achieve the representative
sample, CloudResearch recruited an additional 75 participants; we
included these participants in our sample. Because the MTurk sample
was demographically similar to the matched sample, we combined
participants into a single sample for our analyses. Sensitivity analyses
indicated that the combined sample size of participants who completed
the full survey, N = 569, gave us 67% power to detect small effect sizes,
r = 0.10, 95% power to detect small-to-medium effect sizes, r = 0.15,
and 99% power to detect medium effect sizes, r = 0.20.

Measures

We assessed our key variables of interest, including affect, stress, and
social connectedness, as well as in-person and online interactions with
strong and weak social ties over the past week (see Table 1). Broader
measures of subjective well-being, such as life satisfaction, were also
included in the survey but are beyond the focus of the present report,
which focuses on the association between behavior and well-being
measured over a single week. The full data and the full questionnaire
are provided on the Open Science Framework, OSF: https://osf.
io/kqsw7/?view_only=5d15ceaec8db476e897295179352e349.

Time interacting with strong and weak ties: in-person and on-
line. Participants were asked to estimate the number of hours they spent
interacting with family and friends (i.e., close others/strong ties) both in-
person and online during an average day in the past week. For each of
the two questions, they responded using a sliding scale from 0 to 8 h.
Then, participants completed the same set of questions regarding the
time they had spent interacting with acquaintances and/or strangers (i.e.,
weak ties) on an average day in the past week (see Table 1 for de-
scriptives). See Table S3 for the correlations of these four variables with
demographics and other dispositional predictors.

For descriptive purposes, we also asked participants to estimate the
overall percentage (0%-100%) of their social interactions that took
place online versus in-person during the past week. On average, par-
ticipants estimated that roughly half (48.5%) of their social interactions
happened online during the past week.

Well-being. We measured both positive and negative indicators of
well-being over the past week, including positive affect, negative affect,
stress, and social connectedness.

Positive and negative affect. Positive and negative affect over the
past week were measured using the 12-item Scale of Positive and
Negative Experience (SPANE; Diener et al., 2010). Participants rated
how often they had experienced various emotions, such as “Positive,”
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“Unpleasant,” “Angry,” and “Joyful,” using a 1 to 5 scale (1 = Very rarely
or never; 5 = Very often or always). We added two additional items to
assess negative affect, especially relevant to the pandemic: “Lonely”
(item-total r = 0.62) and “Stressed” (item-total r = 0.75). Thus, we
calculated participants’ mean positive affect (M = 3.33, SD = 0.92, a =
0.92) using their responses from the 6 positive items and their mean
negative affect (M = 2.75, SD = 0.95, @ = 0.92) using their responses for
the 8 negative items.

Stress. We measured stress using the 10-item Perceived Stress Scale
(PSS; Cohen & Williamson, 1988), M = 1.80, SD = 0.82, « = 0.88. On a
0 to 4 scale (0 = Never; 4 = Very often) participants answered various
questions regarding their experiences over the past week, such as
“During the past week, how often have you felt that you were unable to
control the important things in your life?”

Social connectedness. Each participant’s feeling of social connect-
edness during the past week was measured using 11 items that we
adapted from the Social Connectedness Scale (Lee et al., 2001), M =
3.25, SD = 0.86, @ = 0.89. Participants answered how often they had
agreed with each statement using a 1 to 5 scale (1 = Very rarely or never;
5 = Very often or always). We included most of the items from the
original scale (i.e., “I feel distant from people™), but because we wanted
to capture participants’ feelings of social connectedness specifically
during the past week, the survey did not include dispositional items,
such as “I fit in well in new situations.” See Table S2 for the correlations
of all four well-being indicators with demographics and other disposi-
tional predictors.

Covariates and controls. We also assessed a wide range of related
predictors, which we treated as covariates, including weekly online and
offline behaviors, living and employment arrangements, and a wide
range of personality and demographic factors (see Table 2). See
Tables S2-S7 in SOM for descriptive information and correlations be-
tween variables.

Interaction partners. In addition to measuring time spent interacting
with strong and weak ties in general, we also asked participants to report
the types of people with whom they had interacted in the past week
(“Check all that apply”). The list included the following options: no one,
friends, dating partner/potential dating partner, spouse/partner/sig-
nificant other, family/relatives, your children, roommate/housemate/
living partner, coworkers/classmates, boss/supervisor, clients/cus-
tomers/students/patients, acquaintances, strangers.

Other in-person and online activities. To capture the types of ac-
tivities in which participants were engaging during the COVID-19
pandemic, we presented them with a list of activities and asked
whether they had done any of them during the past week (“Which of the
following activities have you done in the past week? Please check all that
apply™). Participants could select from 10 activities, which included

Table 1
Pearson correlations between in-person and online interactions during the past week and measures of wellbeing.
N M (SD) 1. 2. 3. 4. 5. 6. 7.
reporting
1.Positive Affect 651 3.33
(0.91)
2.Negative Affect 651 2.75 -.54%** [. 59;
(0.95) —.49]
3.Stress 644 1.80 -57%%* [-.62; 79%** [.75;
(0.82) —.52] .81]
4.Social Connectedness 637 3.25 51%%* [.45; -.64%%* [..69; -.70%%* [-.74;
(0.86) 571 —.59] —.66]
5.Strong Ties in Person 605 3.35 195 [1125 -.04 [-.12; .04] -.02 [-.10; .06] .10* [.02; .18]
(Hrs) (2.80) 271
6.Strong Ties Online 602 3.09 15%%* [.07; 16%** [.08; .16%** [.08; -.04 [-.12; .04] 14%** [.06;
(Hrs) (2.46) .23] .24] .23] .22]
7.Weak Ties in Person 603 1.52 15%%* [.07; .08 [-.00; .16] .13** [.05; .21] -.07 [-15; .01] .39%** [.31; .39%** [.32;
(Hrs) (2.19) 23] .45] .46]
8.Weak Ties Online 601 1.91 .09* [.01; .17] .18* 115 .20%** [[13; 22%%* [[14; .61%** [.55;
(Hrs) (2.36) .26] .28] .29] .66]

Note. ***p < .001. **p < .01. *p < .05. Values in brackets represent the 95% confidence interval of the Pearson correlation coefficients.
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Table 2
Selected predictors in the final step of stepwise regressions with forward predictor selection for each well-being outcome.

Positive Affect Negative Affect Stress Social Connectedness

R? .30 .35 41 44

b (se) r Tpartial b (se) r Tpartial b (se) r Tpartial b (se) r Tpartial

—

. Time Interacting in Person
w/Strong Ties .04 (.01) 21 .14 -.02 (.01) -.04 -.10 .04 (.01) 11 .16
Time Interacting Online
w/Strong Ties .05 (.02) -.04 .15
w/Weak Ties .07 (.02) .20 .20 .05 (.01) 21 .16 -.08 (.02) -.18 -12
. Interaction partners
No one -.31(.13) -12 =11
Roommate -.28 (.14) -.04 -.08
Family .17 (.06) .09 .13
Romantic Partner .16 (.06) .18 12
Customers/Clients .51 (.15) .10 15
Coworkers/Classmates .25 (.09) .15 11
. Other Activities
Exercise .20 (.07) .23 12 -19 (.07) -15 -12
Existing Hobbies -.12 (.06) -.02 -.09
Making New Friends -.40 (.13) -.01 -13
Watching Shows/Movies .20 (.08) .00 .10
. Other Online Activities
Meetings with Clubs .21 (.09) .18 .10
Games with Strong Ties .18 (.08) .15 .09
# Phone Notifications .00 (.00) .16 .15
Living
w/Children .14 (.06) .09 .10
. Personality
Emotional Stability .25 (.03) 42 .38 -.34 (.03) -.53 -49 -.31 (.02) -.59 -.55 .27 (.02) .55 .45
Extraversion .08 (.02) .29 .14 .11 (.02) .34 .23
. Demographics
Age -.01 (.00) -.28 -10 -.01 (.00) -.36 -.19 .01 (.00) 31 .17
Currently Employed -.15 (.06) -.04 -10
Can Work Remotely -.16 (.08) .06 -.09

[

w

EN

w

o

N

®

Note. The final step of the stepwise regressions shown above includes only the predictors that met the criterion for entry (p < .05) at each of the preceding steps. See
Tables S8-S11 for details on predictor selection step-by-step. Empty cells indicate that the predictor was not selected in the final step for a given outcome. The list of
variables initially provided for each stepwise regression with forward selection included time interacting with strong and weak ties online and in-person, as well as a
wide range of related variables and established predictors of well-being as described next. The weekly predictors entered into the stepwise regression are as follows: (1)
time interacting in person (with strong ties and weak ties); (2) time interacting online (with strong ties and weak ties); (3) interaction partners: people with whom par-
ticipants interacted during the past week, each coded as 0-No, 1-Yes (no one, friends, dating partner/potential dating partner, spouse/partner/significant other, family/relatives,
one’s children, roommate/housemate/living partner, coworkers/classmates, boss/supervisor, clients/customers/students/patients, acquaintances, strangers); (4) other activities
over the past week, each coded as 0-No, 1-Yes (existing hobbies, new hobbies, cooking/baking, exercising, leisure activities, reading for pleasure, watching shows/movies, going
for walks outside, catching up with friends/family, making new friends); (5) other online activities and behaviors over the past week, each coded as 0-No, 1-Yes (virtually
co-watching shows/movies, group video chats with friends/family, remote dinners/drinking, online meetings with clubs, playing online games simultaneously with family/friends,
virtual workout classes, catching up online with friends), along with % social interactions online vs. in person (0-100%), % active vs. passive social media use (coded from 1 to
11, where 1 = 100% passive, 6 = equal parts passive and active, and 11 = 100% active), and smartphone screen time (0-12 h), pickups (0-400), and notifications (0-400). We
also entered a range of stable and dispositional predictors, including: (6) living arrangements, each coded as 0—No, 1-Yes (living alone, living with one’s partner, one’s
children, parent(s), sibling(s), friend(s), grandparent(s), aunt(s)/uncle(s), cousin(s), niece(s)/nephew(s), roommate(s), and caring for children); (7) personality traits (ex-
traversion, agreeableness, conscientiousness, emotional stability, and openness to experience, measured on a scale from 1 to 7 (TIPL; Gosling et al., 2003), and (8) de-
mographics (age, gender, income, education, and race). Finally, the following variables were also entered but are not shown in the final model, as they did not predict any
of the outcomes: (a) COVID-19 diagnoses of self and others, coded as 0-No, 1-Yes; (b) employment arrangements, each coded as 0-No, 1-Yes (currently employed,
commuting to work, ability to work remotely); (c) places where participants spent time in the past week, each coded as 0-No, 1-Yes (at home, at work/school, on public
transit, in a car, at a restaurant/café, at a bar/party, at the gym, out in public, out in nature). See Supplementary Online Material for measure details, descriptive statistics,
and correlations.

“Existing hobbies,” “New hobbies,” “Exercising,” “Watching shows/ Results
movies,” and “Catching up with friends/family” (see Table S5 for de-

scriptives). We then asked a similar question pertaining specifically to To explore our main research question, we started by examining the
seven virtual activities. Activities included “Virtually co-watching shows Pearson correlations between social interactions, both in-person and
or movies with others (on Netflix, Hulu, etc.),” “Remote dinners/ online, and measures of well-being over the past week. As shown in
drinking (eating dinner or another meal while video chatting),” and Table 1, spending more time interacting with strong ties, or close others,
“Playing online games simultaneously with friends or family members” in person was associated with increased positive affect, r = 0.19, p <
(see Table S6 for descriptives). .001, and increased social connectedness, r = 0.10, p = .012. Spending

Stable control variables. We assessed a wide range of stable and more time interacting with close others through one’s digital devices
dispositional variables, including current living arrangements (e.g., was also related to increased positive affect, r = 0.15, p < .001, but not
alone, with partner, roommates), employment arrangements, and Big with feeling more socially connected, r = —0.04, p > .250. Unlike in-
Five personality traits (TIPI; Gosling et al., 2003). We also assessed a person interactions with close others, online interactions with close
wide range of demographic variables, including age, gender, race, in- others were associated with increased negative affect, r = 0.16, p < .001,
come, education, and employment status. Further details on these and more stress, r = 0.16, p < .001. (See Table S3 in SOM for de-
measures can be found in Table 2 and SOM. mographic predictors of the time spent interacting online and in-
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person.).

Spending more time interacting with weak social ties in person was
related to increased positive affect, r = 0.15, p < .001, but it was also
associated with increased stress, r = 0.13, p = .001 (see Table 1).
Similarly, spending more time interacting with weak ties through one’s
digital devices was related to positive affect, r = 0.09, p = .026, and
more stress, r = 0.20, p < .001. But unlike in-person interactions with
weak ties, online interactions with weak ties were also associated with
more negative affect, r = 0.18, p < .001, and decreased social
connectedness, r = —0.16, p < .001.

Overall, consistent with past research, in-person interactions were
related to higher well-being outcomes across both positive and negative
indicators. But while digitally mediated interactions were associated
with greater positive affect, they were simultaneously correlated with
greater negative affect and stress.

Next, we employed stepwise regressions with Forward Selection
method (using SPSS-v26) for each of the four well-being outcomes:
positive affect, negative affect, stress, and social connectedness. After
entering a wide range of predictors, the strongest individual predictor
was automatically identified and entered first; predictors continued to
be added in order of predictive strength until no additional predictors
met the criterion for inclusion, p < .05. As predictors were added, pre-
viously included variables were excluded if p > .10. To ensure stability
in the sample size across variables, we only used data from those par-
ticipants who finished the entire survey for these analyses (N = 569).
Additional missing data were replaced with means to keep the sample
size the same without adding additional variability. This forward se-
lection approach allowed us to see whether time interacting online and
in-person with strong and weak social ties are selected as predictors at
all, and, if so, how strongly these variables are associated with well-
being outcomes compared to related variables and established pre-
dictors of well-being.

For each stepwise regression, we entered our main predictors of time
spent interacting online and in-person with strong and weak ties along
with a wide range of related predictors (e.g., phone and social media
use) and other controls. Based on past research, we also included living
arrangements (living with a partner, living with and caring for children,
as well as roommates, parents, and siblings; Okabe-Miyamoto et al.,
2020). Going beyond past research, we also entered a wide range of
people with whom participants had interacted in the past week,
including both strong ties (e.g., partner, parents, children, family,
friends) and weak ties (e.g., classmates, co-workers, clients, boss, ac-
quaintances). We also included a wide range of offline (e.g., engaging in
exercise and hobbies) and online activities (e.g., video calls with family
and friends) over the past week. In addition, we entered several
pandemic-specific variables, including working from home and having
been diagnosed with COVID-19 (see Table S7 for descriptives). Finally, a
range of common controls, including personality traits (extraversion,
agreeableness, conscientiousness, emotional stability, and openness to
experience) and demographics were included. See Table 2 and its notes
for a detailed list of predictors and information on coding; see
Tables S8-S11 for step-by-step forward selection for each outcome.

Consistent with past research (Costa & McCrae, 1980), emotional
stability was associated with all four well-being outcomes, and extra-
version was related to both positive affect and social connectedness (see
Table 2). Older people felt less negative affect and stress while feeling
more socially connected. Above and beyond all other predictors, how-
ever, time spent interacting with close others in person was still asso-
ciated with increased positive affect, = 0.13, b = 0.04, 95%CI[0.02;
0.07], and increased social connectedness, f = 0.13, b = 0.04, 95%CI
[0.02; 0.06]. Interestingly, after controlling for other factors, time spent
interacting with family and friends online also remained related to
increased social connectedness, f = 0.15, b = 0.05, 95%CI [0.03; 0.08].
Time spent interacting with weak ties online continued to be associated
with increased negative affect, # = 0.18, b = 0.07, 95%CI[0.04; 0.10],
and more stress, = 0.13, b = 0.05, 95%CI[0.02; 0.07]. After controlling
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for other variables, however, time spent interacting with weak ties in
person no longer predicted any of the well-being outcomes (see Table 2).

Discussion

We explored the predictors of four key well-being outcomes over the
past week—positive affect, negative affect, stress, and social con-
nectedness—during the early stages of the COVID-19 pandemic when
social distancing was at its peak in the United States. Above and beyond
other activities, specific interaction partners, living arrangements,
employment arrangements, personality, and demographics, people who
spent more time interacting in person with close others felt more posi-
tive affect and social connectedness. People who interacted with close
others online, however, also felt more socially connected after ac-
counting for other factors. Thus, during the peak of social distancing in
the United States, online social interactions with strong ties were pre-
dictive of at least some positive indicators of social well-being. In
contrast, people who interacted with weak ties specifically online
experienced greater negative affect, more stress, and less social
connectedness. Looking at the uncontrolled bivariate relationships
revealed a similar pattern: Both in-person and online interactions were
associated with greater social connectedness, but only online in-
teractions were simultaneously associated with more stress and negative
affect.

Despite the limited opportunities for in-person interactions while
social distancing, the pattern of relationships we observed is consistent
with the broader pre-pandemic literature of the costs and benefits of
digital social interactions (e.g., Holtzman et al., 2017; Kushlev & Leitao,
2020; Przybylski & Weinstein, 2017; Twenge & Campbell, 2019;
Twenge et al., 2018). In particular, we see that online interactions
specifically with close others were associated with feeling more socially
connected. Furthermore, specific digital activities with close others,
such as playing online games, were related to higher positive affect.
Even at the peak of social distancing in the United States, however,
online interactions with weak ties were associated with more negative
affect and greater stress. These relationships with negative indicators of
well-being could not be reduced to work-related digital communication:
Indeed, the relationships remained even after controlling for employ-
ment, working from home, and specific interactions with a variety of
work-related weak ties (e.g., one’s boss, colleagues, clients, students).

A growing body of evidence suggests that in-person interactions even
with weak ties—from colleagues to classmates to strangers—can be
beneficial to well-being (Epley & Schroeder, 2014; Sandstrom & Dunn,
2014a). Research suggests that casual conversations with people,
including one’s coffee shop barista (Sandstrom & Dunn, 2014b) and
even strangers on a commuter train (Epley & Schroeder, 2014), can
boost positive emotion and social connection. We found that people who
spent more time interacting with weak ties in person reported higher
positive affect—though they also reported more stress. Interestingly,
time spent interacting with weak ties in person was no longer associated
with positive affect or stress after controlling for other factors. In
contrast, interacting with weak ties online was associated with greater
stress, more negative affect, and less social connectedness even after
controlling for a wide range of additional variables. Of course, this
pattern of findings might be due to the unprecedented measures of social
distancing, which severely limited opportunities for casual conversa-
tions with others. The lack of such casual interactions in person during
the pandemic might have led to low variability within this variable and
weakened the strength of the relationship between interactions with
weak ties and well-being. Additionally, it is worthwhile to acknowledge
that we did not assess the amount of time that people interacted with
different types of weak ties (e.g., work colleagues, baristas, strangers).
Thus, our pattern of findings may be due to differences in the types of
weak ties with whom people interacted online versus in person. Still, the
overall pattern of our findings suggests that online interactions with
weak ties are no replacement for in-person social interactions with weak
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ties.

It is critical to note that this research neither attempts nor has the
ability to examine causal relationships between variables. Thus, our
research does not suggest that certain activities make people more or
less happy during the COVID-19 pandemic. Even though we controlled
for a wide range of factors, there could always be other factors for which
we did not account. Furthermore, our correlational data cannot establish
a direction of causality for any of our analyses. Indeed, a growing body
of research is suggesting that feeling good is not only an outcome of a
rich social life, but that happier people also have stronger relationships
and more pleasant social interactions (e.g., Kansky & Diener, 2017).
Thus, it is entirely possible that happier people had stronger interper-
sonal relationships and greater social resources before the pandemic
even began. In addition, we did not differentiate between the types of
online social interactions in which people took part; this may have
further limited this research. For example, the impacts of video calls on
well-being might be different from those of texting, and it is also likely
that the type of online interaction might vary with the type of person
with whom one is communicating: A person might be more likely to
engage in video calls with his or her spouse or sibling, but he or she
might be more apt to communicate with distant friends or colleagues via
text or email. Regardless of the direction of causality or the ambiguity of
online interactions, however, our research does establish a difference in
the relationship of well-being with in-person versus online social in-
teractions. It is this differential pattern of relationships—observed in a
unique moment of human history while socially distancing during a
once-in-a-lifetime pandemic—that is the main contribution of this
research.

The present research has possible implications for our digital lives
after the pandemic is over. In the early stages of the pandemic, three out
of four chief financial officers (CFOs) in the United States said that they
plan to permanently shift some or all of their workforce to remote work
(Gartner, Inc., 2020). This includes major U.S. employers, such as
Amazon, Facebook, Microsoft, Zillow, and Capital One. Thus, for many
highly skilled employees, work-life will not be ‘returning to normal’
post-COVID-19. Social distancing is set to become an enduring fixture of
work-life for many. Despite some documented benefits of working from
home, such as no commute, employees might miss out on the well-being
benefits of casual social interactions with colleagues and others in their
community. Our research suggests that the benefits of such in-person
interactions with weak ties cannot be easily replaced with online so-
cial interactions.
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