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ABSTRACT

The impact of action videogame playing on cognitive functioning is the subject of debate among scientists, with
many studies showing superior performance of players relative to non-players on a number of cognitive tasks.
Moreover, the exact role of individual differences in the observed effects is still largely unknown. In our Event-
Related Potential (ERP) study we investigated whether training in a Real Time Strategy (RTS) video game
StarCraft II can influence the ability to deploy visual attention measured by the Attentional Blink (AB) task. We
also asked whether individual differences in a psychophysiological response in the AB task predict the effec-
tiveness of the video game training. Forty-three participants (non-players) were recruited to the experiment.
Participants were randomly assigned to either experimental (Variable environment) or active control (Fixed
environment) group, which differed in the type of training received. Training consisted of 30 h of playing the
StarCraft IT game. Participants took part in two EEG sessions (pre- and post-training) during which they performed
the AB task. Our results indicate that both groups improved their performance in the AB task in the post-training
session. What is more, in the experimental group the strength of the amplitude of the P300 ERP component
(which is related to a conscious visual perception) in the pre training session appeared to be predictive of the level
of achievement in the game. In the case of the active control group in-game behaviour appeared to be predictive
of a training-related improvement in the AB task. Our results suggest that differences in the neurophysiological
response might be treated as a marker of future success in video game acquisition, especially in a more demanding
game environment.

1. Introduction

1.1. Video games and cognitive functioning

(2003) video games that can be classified to this category need to: “have
fast motion, require vigilant monitoring of the visual periphery, and often
require simultaneous tracking of multiple targets”. In fact, the cumulative
evidence suggests that expert action VG players outperform non-players

Playing video games (VG) is undoubtedly one of the most popular
leisure activities in today's society. However, besides being an engaging
form of entertainment, playing video games has been also discussed
recently in the context of its potential consequences on attentional and
perceptual skills (e.g., Bavelier et al., 2011; Franceschini et al., 2013;
Green and Bavelier, 2003; Toril et al., 2014). Particularly video games
defined as “action video games” are thought to exert a significant influ-
ence on human cognitive functioning. According to Green and Bavelier
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in a number of cognitive tasks measuring such skills as visual attention,
some aspects of cognitive control, general processing speed or working
memory (e.g., Blacker and Curby, 2013; Castel et al., 2005; Colzato et al.,
2013; Dye et al., 2009a, b; Green and Bavelier, 2003, 2006, 2007; Stro-
bach et al., 2012). What is more, according to recent investigations, even
relatively short training in action VG playing (e.g., 10 h) can improve
subjects' performance in a subsequent cognitive examination (e.g., Basak
et al., 2008; Feng et al., 2007; Li et al., 2010).
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Given that, in the light of recent meta-analyses (e.g., Dougherty et al.,
2016; Guye and von Bastian, 2017; Melby-Lervag et al., 2016; Sala and
Gobet, 2019), traditional cognitive-training programs (e.g. . Jaeggi et al.,
2010) bring little benefits and have minimal effect on domain-general
cognitive skills, it comes as no surprise that VGs have started to be
seen as a potentially promising new tool for enhancing cognitive skills.
The resemblance of game-environment and its dynamics to real-world
complexity as well as their inherently motivating character are
currently considered as their greatest assets that could be profitable in
the process of both restoring cognitive functions following brain im-
pairments and in preventive cognitive interventions (Achtman et al.,
2008).

The impact of VG playing on cognitive functioning has also become
the subject of a heated debate among scientists, with some of them even
undermining the relation between VG experience and cognitive abilities
(Unsworth et al., 2015). Indeed, there is a plethora of studies showing
also either none or weak impact of video-game playing on cognitive
functions such as working memory or selective attention (e.g., Boot et al.,
2008; Irons et al., 2011; Murphy and Spencer, 2009; Unsworth et al.,
2015). Those discrepancies can, however, result from numerous meth-
odological and statistical shortcomings, such as very small samples,
extreme-groups designs, lack of standardized trainings, no active control
groups and lack of independent replications (Bisoglio et al., 2014; Boot
etal., 2011; Unsworth et al., 2015), which are present in the field. Aiming
to overcome the limitations of previous study designs, a number of new
approaches towards research on video games have emerged.

1.2. New trends in research on video games

First of all, it has been acknowledged that so-called “action video
games”, which in the light of numerous studies have been identified as
the most beneficial for cognitive functioning, are, in fact, a loosely
defined category. Indeed, as demonstrated by Dobrowolski et al. (2015),
expertise in two games, both classified as action video games - namely
real-time strategy (RTS) and first-person shooter (FPS), can have differ-
ential impact on cognitive functioning, with RTS players - in contrast to
FPS players - showing greater performance in task measuring abilities
such as visual attention and task-switching as relative to non-players
(Dobrowolski et al., 2015). Those results suggest that VG play benefits
might be a function of the type of actions performed within the game
(Dobrowolski et al., 2015). Therefore, it seems that both, the gameplay
mechanics and its demands on cognitive functions as well as individual's
behaviour in the game environment, has to be taken into consideration
during planning and analysis of studies in the field.

Furthermore, numerous investigations suggesting the positive impact
of video games on cognitive functioning based their evidence on com-
parisons between expert video gamers and non-gamers. Those studies are
therefore correlational in nature. It is likely that the mechanisms through
which playing certain video-games influences cognitive functions are
more complex, with multiple factors contributing to the observed dif-
ferences. One of such factors might be a self-selection effect, as it is
possible that future video game experts demonstrate superior perceptual,
attentional, and cognitive skills from the very beginning of their gaming
adventure and these initial predispositions promote video game expertise
(Boot et al., 2008). In fact, as demonstrated by Kramer and Erickson's
research group (Erickson et al., 2010), variability in performance in
demanding video games can be predicted from variations in the pre-
training volume of striatum. We found a similar pattern of results
(Kowalczyk et al., 2020). These results seem to suggest that neuroana-
tomical differences can serve as effective predictors of procedural
learning and cognitive flexibility during complex skill acquisition. What
is more, similar effects have been also observed, for example, in the
context of hippocampal volume and effectiveness of memory training
(Engvig et al., 2012) and the value of such predictive models in the field
of cognitive neuroscience has been already recognized as well (Gabrieli
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et al., 2015). This shows how important it is to employ a training design
to investigate the impact of VG playing on cognition.

1.3. Present study

In our study we wanted to further investigate the mechanism through
which playing video games might exert influence on cognitive func-
tioning. Given that numerous studies emphasize not only the superior
performance of action video game players as relative to non-players in
attention-demanding tasks (e.g., Chisholm et al., 2010; Dye et al., 2009a,
b; Hubert-Wallander et al., 2011), but also differences in neural strategies
and mechanisms employed by those two populations during such tasks
(e.g., Bavelier et al., 2012; Krishnan et al., 2013; Mishra et al., 2011), we
decided to focus our research on changes in attentional skills. Aiming to
precisely track the process of gaining those skills in the game environ-
ment, we designed a training procedure during which participants were
learning to play a real-time strategy (RTS) game. To provide participants
with both a cognitively-demanding and ecologically valid training
environment, we chose RTS video game StarCraft II (SC2) — described as
bearing close resemblance to “the messiness of the real world” (Vinyals,
2016) - for a training tool.

Furthermore, in order to assess post-training change in attentional
skills and, at the same time, take into account individual differences in
this domain, we measured participants’ performance in the same
cognitive task before and after the training. We chose Attentional blink
(AB) task as a pre- and post-training measure for two main reasons: (i) AB
paradigm has been widely investigated in the VG players population and,
in the light of current research, is considered to be an adequate measure
of temporal aspects of attentional processing (e.g., Green and Bavelier,
2003; Luck et al., 2000; Vul et al., 2008) (ii) its behavioural effects and
neurophysiological underpinnings have been extensively studied and
described in the existing literature (review: Martens and Wyble, 2010).
Therefore, by examining the susceptibility of AB effects to the RTS video
game training, we could not only test the influence of RTS training on
attention but also contribute to the wealth of knowledge in this field.

Finally, while participants were completing both pre- and post-
training measurements, their brain activity was recorded with the use
of electroencephalography (EEG) technique, which served us as a
benchmark for obtained behavioural results and allowed us to create
individual profiles of subjects also on a neurophysiological level. Simi-
larly to other studies (e.g., Koivisto and Revonsuo, 2008; Kranczioch
et al., 2003; Mishra et al., 2011; Sergent et al., 2005), we applied an
Event-Related-Potential (ERP) technique to analyze collected EEG data.

1.3.1. Attentional blink task

The attentional blink (AB) phenomenon is defined as a transitory
impairment of attention appearing when multiple targets need to be
processed in close temporal proximity. In laboratory settings this phe-
nomenon is usually studied by task described as rapid serial visual pre-
sentation (RSVP). The Attentional Blink task, originally presented by
Raymond et al. (1992), described the RSVP paradigm as consisting of a
series of stimuli which are displayed at a single location with a frequency
of about 10 per second. In the stream of stimuli two are defined as targets.
The second target (T2) is presented at various time lags following the first
target (T1). Within this framework, the AB phenomenon manifests itself
as the inability of subjects to report on the second target (T2) when it is
presented between 200-500 ms after the first one (T1) (Kranczioch et al.,
2003).

Invariant and stable as it seemed at first, in the light of current in-
vestigations, the AB effect appears to be surprisingly susceptible to in-
dividual differences, with its magnitude varying from one individual to
another (Martens et al., 2006). What is more, as revealed by recent
studies, certain experiences can attenuate AB effect (review: Martens and
Wyble, 2010). Frequent playing in action video games has been shown to
be one of such experiences, with video game players outperforming
non-video game players in detecting stimuli in the AB time window. The
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difference in performance between these two populations is thought to
result either from faster target processing or increased ability to maintain
several attentional windows in video-game players (Green and Bavelier,
2003; Oei and Patterson, 2013).

Despite numerous studies addressing factors influencing AB phe-
nomenon, its neurophysiological underpinnings are still a matter of
debate. Recent studies seem to suggest, however, that targets presented
in the AB time window can reach working memory, which is reflected at
the neurophysiological level in the modulation of the P300 ERP
component (Kranczioch et al., 2003).

P300 is an ERP component with the peak latency varying from 250 to
650 ms after stimulus. It is thought to represent the activity of the
widespread fronto-parietal networks and to be related to engagement of
attentional resources and working memory processes, which are both
crucial for dealing with cognitive tasks (Bonala and Jansen, 2012; Ver-
leger et al., 2016). In the studies employing AB paradigm, the P300
component - in contrast to earlier ERP components such as P1 or N1 - has
been shown to be evoked only by targets which were detected during
blink interval (Kranczioch et al., 2003; Sergent et al., 2005; Sessa et al.,
2007). As Kranczioch et al. (2003) suggested, such results can be inter-
preted as the evidence that relevant information presented during the AB
time window is not entirely lost, but, one the contrary, in some trials, can
be compared with templates held in working memory. In the light of
those investigations, the P300 component might be thus considered as a
marker indicating the depth of information processing. Furthermore, it
can also act as a reliable neurophysiological measure of changes in
cognitive functioning since its latency and amplitude have been shown to
be sensitive to cognitive impairments, such as for example memory loss
(Lai et al., 2010). To the best of our knowledge, however, its role in
marking post-training changes in stimuli processing in the AB task has
not yet been investigated.

1.3.2. StarCraft I

StarCraft II is a real-time strategy game, which is considered to be an
excellent research platform for studying complex skills acquisition. A rich
and dynamic task environment, accurate measures of motor perfor-
mance, attentional allocation and perceptual processing, entertaining
character, large datasets with numerous variables and many levels of
expertise are listed as its main advantages (Thompson et al., 2013). The
game itself is cognitively challenging, as it requires precise timing (taking
action as soon as it is available), speed (issuing as many actions as
possible) and spatial precision (targeting the right place, structure or
unit). What is more, according to studies in the field, extensive and
long-term RTS experience can induce neuroplastic changes. Particularly,
RTS players appear to have significantly more total white matter con-
nections between occipital and parietal areas and within occipital areas
as compared to non-players (Kowalczyk et al., 2018). Accordingly,
behavioural studies indicate enhanced visual and spatial skills in RTS
players (Dobrowolski et al., 2015; Kim et al., 2015). The expertise in the
game is also associated with an increase in the number of attentional
shifts that occur within a set time frame (Thompson et al., 2013) and
training in SC2 has been reported to have a positive effect on cognitive
functioning (Glass et al., 2013). Importantly, StarCraft II allows for
creating various game environments differing in the amount of cognitive
effort the playing requires. This way, similarly to the video-game training
employed in the study of Erickson et al. (2010), it is possible to create two
groups — experimental promoting cognitive flexibility by encouraging the
use of numerous different strategies (in our study called: Variable) and
the active control in which optimal strategy is not to prioritize different
aspects of task flexibly, but rather to use “flat” priority approach (in our
study called: Fixed).

1.4. Research goals

Our study employed two versions of StarCraft II video game as
cognitive training in order to determine if we can observe different
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outcomes depending on the level of game complexity (Variable versus
Fixed). We posed two kinds of research questions to frame our current
study. Firstly we were interested how our participants will change after
training at the behavioural level. Would we be able to observe a bigger
improvement in the post-training relative to the pre-training performance
in the AB task (i.e. higher accuracy in detecting T2 in the AB time window)
in the experimental (Variable) group compared to the active control
(Fixed)? Secondly, we wanted to look at the variables on the electro-
physiological level and see if we can observe the P300 ERP component in
response to the detected targets presented in the AB time window (T2)
and, if so, whether a post-training improvement in the AB task would be
reflected on the neurophysiological level (i.e. difference between sessions
and difference between groups in the mean amplitude of the P300 ERP).

We were also interested in the predictive power of our behavioural
and psychophysiological variables. Would we be able to predict the
performance of players in the game based on initial variability in
cognitive indicators (i.e. the accuracy in the AB task in the pre-training
examination)? Can we predict the performance of players in the game
based on initial psychophysiological indicators (i.e. the magnitude of
P300 component amplitude in the pre-training session)? And, what is
most important, which of these predictors will be stronger in regards to
training's effectiveness. We have also asked a question about in-game
behaviour (which we treat as a proxy for the training's impact) as a
predictor of a post training cognitive gain (measured as a difference
between pre- and post-training performance in the AB task).

2. Methods
2.1. Participants

A total of 70 participants were initially recruited online via a covert
questionnaire (Sobczyk et al., 2015). As a result of (1) resignation (n =
8), (2) wrong hardware configuration (n = 7), (3) failure to meet all
training objectives (n = 4), (4) bad quality of data (n = 7) or (5) lost data
(n = 1) only 43 of participants were included in analyses reported here.
Participants were randomly assigned to two training groups: experi-
mental - Variable (n = 21; 13 males; Mage = 24.71, SD = 3.15) and active
control - Fixed (n = 22; 10 males; Mage = 25.13, SD = 2.96). The par-
ticipants reported normal or corrected-to-normal visual acuity, normal
color vision, and normal hearing. They were right-handed and reported
not being on any medications, no history of neurological or psychiatric
disorders and injuries, including no previous head trauma, no previous
head or neck surgery and no brain tumors. All participants declared less
than 5 h of video games played per week over the past six months and no
experience with Real Time Strategy or First Person Shooter games.
Informed consent was obtained from each participant before the start of
the experimental procedure. Initially, we had 34 participants addition-
ally assigned to a passive control (PC) group (n = 16, 8 males; Mage =
24.69, SD = 2.87) or additional active control (AAC) group (n = 18, 10
males, Mage = 25.11, SD = 3.88). As a result of (1) resignation (PC: n =1;
AAC: n = 4), (2) failure to meet all training objectives (AAC: n = 2) (3)
bad quality of data (PC: n = 2; AAC: n = 2), and (4) lost data (PC: n = 4;
AAC: n = 1) we excluded passive control and additional active control
groups from analyses and focused on comparisons of our two RTS
training groups [experimental (Variable) and active control (Fixed)].
Then it is important to mention that dropout is a common problem in
longitudinal, training studies (e.g. Moore et al., 2017). Furthermore, our
study employed restrictive recruitment criteria, which finally resulted in
an inability to re-complete the control groups.

2.2. Procedure

Ethics Committee of the SWPS University of Social Sciences and
Humanities approved the study design and the informed consent form.
The research consisted of three steps: (1) Pre-training measurement of
cognitive function via Attentional Blink task, (2) Training sessions, and
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(3) Post-training measurement (Figure 1). Experimenters were present in
all meetings. Measurement and training sessions took place in the labo-
ratories of the SWPS University in Warsaw.

2.3. Experimental procedure

Prior to the beginning of the experiment, participants were verbally
instructed as to what they would be experiencing and were shown what
the procedure of EEG electrode mounting entails. Then, after signing a
consent form, participants were brought into a laboratory setting and
seated in front of a 24 inch BenQ X1.2411Z computer monitor (1920 x
1080 resolution, 100Hz refresh rate) at a distance of 60 cm. Electrodes
were then mounted and participants were briefly shown the EEG signal
and explained how it is affected by eye blinks and muscular movements,
which was a part of the procedure aimed at minimizing the amount of
artifacts in the signal. The procedure was then started, and upon its
completion subjects were provided with a place to wash their hair. The
entire procedure lasted no more than 2 h and was identical during both
measurements. All subjects, who fulfill training requirements and
participated in both measurement sessions, were compensated for their
participation with approx. 184 USD after post-training measurement.

2.4. Experimental task — attentional blink paradigm

The experimental task was based on the procedure outlined by
Kranczioch et al. (2003). In each trial, a stream of either 16 or 19 letters
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(1.0-1.8 deg. x 1.3 deg.) appeared in a sequence on a white background.
Participants were asked to detect two types of targets in the stream of
letters: T1 and T2 (see Figure 1b). T1 appeared as a green capital letter
that could be either a vowel (all except for I) or a consonant (all except for
F, K, Q, X, Z). T2 was always a black capital letter X. The remaining
non-targets were randomly chosen black consonants (except F, K, Q, X,
Z), with the restriction that two adjacent letters in a stream could not be
identical. In the case of 16 letter trials T1 would always appear as the
fourth letter, and for 19 letter trials it would appear as the seventh. T2
could appear at a “lag” of one, two, or seven items after T1. At the end of
each stream participants were asked to indicate: (1) if a vowel was pre-
sent in the letter stream and (2) if the letter X appeared in the stream.
Responses were given as “yes” or “no”. Stream length, T1 type (vowel or
consonant), and T2 lag were evenly split across 16 practice trials and four
blocks of 64 trials, within randomization of trial order within each block.
No T2 appeared in 25% of the trials. As the presented paradigm repre-
sents the most classic AB task model, it allows us to compare our findings
with the results obtained by previous research.

2.5. Training

2.5.1. StarCraft II training

The StarCraft II (SC2) training consisted of 30 h of training time over
a four-week period. Training consisted of playing matches (approx. 20
minutes each) against SC2's artificial intelligence (AI), and all matches
were played at our laboratory. Participants were required to train a

a Attentional Blink task b

(first measurement)

e

30 hours of
variable training

S

Attentional Blink task
(second measurement)

30 hours of
fixed training

String of 19 letters

T _ T2
t
(consonanT; Each letter presented ./(Iag7)
(lag2) for 100 ms

String of 16 letters

Fixation cross at start of trial,
varied randomly between
1000-1250 ms

Blank screen for 1500 ms
after response to T2

Q1: Was a vowel presented in the letter stream?
Q2: Did the letter X appear in the stream?

C Opponent’s races randomly
selected before each match

2
Terran

Opponent’s strategy randomly <
selected before each match

Fixed group

Constant opponent’s race
in every match

Constant opponent's strategy

| Timing Attack | /| Full Rush

| Aggressive Push ‘

in every match

| Economic Focus |

~\
| Straight to Air |

Economic Focus

Figure 1. (a) Study design: two measurement sessions were carried out during the study (pre-training and post-training). Training included 30 h of playing in the real-
time strategy game (StarCraft II), spread over 4 weeks. Training varied depending on the group. (b) Example of two trials of Attentional blink task. The first trial
consists of 19 letters. T1 is presented as a green letter G, and the “X” (T2) appears in Lag 2. The second trial consists of 16 letters, where T1 is presented as a green A
letter, and “X” (T2) appears in Lag 7. Each trial started with a fixation cross after which a string of (16 or 19) letters was presented. Each letter was presented for 100
ms and then participants were asked about the type of T1 and the presence of T2. Each trial ended with a blank screen presented for 1500 ms after response to the
second question. (c) While all of the participants played as a Terran faction during training, the opponent's race and strategy varied according to the training group
type. Participants from the Variable group could match three factions, from each could use one of five strategies. The faction and the strategy were randomly selected
before each match for the Variable group. In the case of a Fixed group, participants always played against the Terran faction, which used an economic strategy.
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minimum of 10 h per week, but no more than 5 h per day. This was done
to avoid excessive skew in the distribution of training hours across the
training period. There were also two possible training types: Fixed and
Variable. The exact differences between the types of the training are
described below and were presented in Figure 1.

Participants had to access an online platform before each match in
order to receive configuration parameters; the parameters consisted of
the difficulty setting, the opponent's faction, the opponent's strategy, and
the game map. Participants from both groups played all of their matches
as a Terran faction. While the map was randomly selected from 14 maps
before each match in both - Fixed and Variable - training versions, the
opponent's faction and strategy only varied in the Variable group. The
Fixed group always faced the same faction (Terran), and their opponent
always applied a more passive “Economic Focus” strategy. The Variable
group could face any of the three factions (each with their own unique
units and abilities) and also any of five opponent strategies: Full Rush,
Timing Attack, Aggressive Push, Economic Focus, Straight to Air. Game
difficulty was set adaptively for both training types spanning across seven
levels. The online platform software recorded the number of wins (+1)
and losses (-1) and each time the total passed the multiple of 4 threshold,
the difficulty was increased by one. The difficulty decreased whenever
the total dropped below the multiple of 4 threshold. The training was
preceded by an introduction phase designed to familiarize participants
with the core concepts of the game and basic gameplay mechanics (see
next section).

2.5.2. StarCraft II introduction

The introductory phase consisted of eight parts: (1) a short text
describing the goals of the meeting; (2) a text and video based description
of the overall game; (3) a video introduction to the Terran faction, its
units and buildings; (4) a text based description of the fundamental game
concepts and in-game interface; (5) an Al guided tutorial that introduces
the gameplay in real time, allowing participants experience the game for
the first time; (6) a quiz requiring that the correct labels be attached to
each of the five basic unit and building types that are available to the
Terran faction, which was intended to check if participants were atten-
tive to the training materials; (7) two films (25 min each) describing basic
strategies and explaining the various stages that each match progresses
through; and (8) a three-match series in which the game progressively
increased its difficulty, speed and available units, with no specific guid-
ing instructions. The entire introduction lasted approx. 2.5 h, and did not
count into the required 30 h of training. It was also automated and self-
paced, with experimenters only providing assistance when needed and
also during part 8 of the introduction where assistance was provided to
keep up the pace and direction of each training game. Upon completion
of this introduction, participants were free to begin training on the
following day.

2.6. Data reduction and analysis

All analyses were conducted using IBM Corp. Released 2017. IBM
SPSS Statistics for Windows, Version 25.0. Armonk, NY: IBM Corp., R
Statistical Software (Foundation for Statistical Computing, Vienna,
Austria) and MATLAB custom scripts.

2.6.1. Telemetric data

Independently of the group, training created in the study resulted in 8
levels of matches’ difficulty: (1) Very Easy, (2) Easy, (3) Medium, (4)
Hard, (5) Harder, (6) Very Hard, (7) Elite and (8) Cheater. The level of
difficulty corresponded to the win ratio of previously played matches,
which enabled steady progress in the game environment. Due to the fact
that only four of participants could reach the top two levels, Elite and
Cheater levels were excluded from further analyses. Maintain levels were
later divided into three categories: the easiest levels (Very Easy level,
Easy level), the middle levels (Medium level, Hard level) and the hardest
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levels (Harder level, Very Hard level). The game performance of two
experimental groups was compared through a series of t tests.

2.6.2. Behavioural data

Accuracy rates for each lag were calculated. To reveal attentional
blink effect, detection rates at specific lags were compared with t tests for
dependent measures. To calculate Lag, Session and Group effects, 4 x 2 x
2 ANOVA for repeated measures was created.

2.6.3. EEG data

A 64-channel SynAmps RT Neuroscan EEG amplifier and Brain-
Products actiCap Ag/AG-Cl active electrode set were used to record brain
activity during task performance. All channels were recorded at 1000 Hz
sampling rate. Impedances were held below 5 kQ. All data were pre-
processed offline using MATLAB environment and EEGlab (Delorme and
Makeig, 2004), and ERPlab (Lopez-Calderon and Luck, 2014) software
packages. The signal was initially re-referenced to a common average and
then down-sampled to 250 Hz, followed by a band-pass filter between 0.1
and 40 Hz. Data epochs between -0.2 and 0.996 s (with zero being the T2
presentation) were extracted, and all epochs with incorrect behavioral
responses were rejected. The remaining epochs were manually filtered
for eye-blinks/movements and excessive muscle activity, and then
averaged.

The P300 component mean amplitudes were extracted from 375-625
ms time window after T2 presentation, which is a standard window for
P300 from AB task (see literature: Barry et al., 2020; Dell'acqua et al.,
2003; Kranczioch et al., 2003) and activity observed on the corre-
sponding topographical maps of the scalp. It was analyzed with a 3 (Lag:
lag 1 vs lag 2 vs lag 7) x 2 (Sessions: pre-training vs post-training) x 2
(Group: Fixed vs Variable) repeated-measures ANOVA, with Lag and
Sessions as the within-subjects factor and Group as the between subjects
factor.

2.6.4. Moderation analyses

Multiple moderation models were estimated through the PROCESS
macro (Hayes, 2018) for SPSS Statistics. All of the used variables were
standardized to avoid multicollinearity and to make interpretations more
straightforward.

3. Results
3.1. Game performance

We started by calculating the average time spent in the game and the
mean number of played matches. Although there were no significant
difference between groups in time spent playing SC2 (p = 0.816), par-
ticipants from Variable group were able to played more matches in that
time period (Variable group: Mean = 100.19, SD = 23.997; Fixed group:
Mean = 82.545, SD = 12.078); t(29) = 3.024, p = .005 (Figure 2¢ and
Figure 2b). It is a result of the fact that participants from Variable group
played more matches on Harder level (Variable group: Mean = 22.762,
SD = 19.621; Fixed group: Mean = 8.545, SD = 16.387); t(39) = 2.573 p
= .014 and on Very Hard level (Variable group: Mean = 11.143, SD =
13.016; Fixed group: Mean = 3.727, SD = 10.152); t(37) = 2.077, p =
.045. On the other side, participants from Fixed group played more
matches on Medium level [Variable group = 20.857, SD = 13.074; Fixed
group = 29.773, SD = 17.498); t(38) = -1.898, p = .065] what is shown
in Figure 2a.

3.2. Behavioral results

Previous investigations have shown that subjects often fail to report
T2 when it is presented within 200-500 ms after T1, whereas when the
interval is longer, both targets are usually reported correctly (Chun and
Potter, 1995; Raymond et al., 1992; Ward et al., 1997). Importantly,
when T1 and T2 are presented about 100 ms apart, subjects quite often
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report both targets. So, we started our analysis from checking whether
these two basic trends occurred in our study (Figure 3).

An attentional blink effect was detected with mean T2 detection rates
from both sessions at Lag 2 being lower than at Lag 1, t(83) =-3.746, p <
.001, 95% CI of Lag 2/Lag 1 difference [ 24.198, -7.415], and at Lag 7,
t(83) = -5.955, p < .001, 95% CI of Lag 2/Lag 7 difference [ 31.119,
-15.438], which stands in agreement with the literature (e.g. Constable
etal., 2018; Kranczioch et al., 2003). Due to the fact that attentional blink
effect was confirmed, behavioral data were analyzed using a 4 (Lag: lag 1
vs lag 2 vs lag 7 vs No T2) x 2 (Sessions: pre-training vs post-training) x 2
(Group: Fixed vs Variable) repeated-measures ANOVA, with Lag and
Session as the within-subjects factors, Group as the between subjects
factor and accuracy as a dependent variable. It revealed main effects of
Lag [F(3,39) = 34.316, p < .001, n2 = .474] and Session [F(1,41) =
11.217, p = .002, n2 =.215) as well as a Lag x Session interaction [F(3,
39) = 5.744, p = .002, 2 = .306] what is depicted in Figure 3a. No
interaction effect with the Group was found (Lag x Group: F(3, 39) = 1,
027, p = .391, % = .073; Session x Group: F(1, 41) = 1.583, p = .215; 12
= .037; Lag x Session x Group: F(3, 39) = .652, p = .586, q2 =.048] and

we observed a similar pattern of improvement after training in both
groups (Figure 3). .

3.3. Psychophysiological results

As P300 component is associated with conscious processing of stim-
uli, previous investigations have shown not only that P300 component
evokes as a result of item detection, but also may be significantly more
positive in some Lag conditions in the AB task. We wanted to investigate
if the positivity of P300 - as a reaction to the visual stimuli - will increase
after complex cognitive training, which should affect a number of
cognitive skills involved in stimulus detection. ANOVA analyses revealed
that there were neither main effects of Lag [F(2, 40) =.720, p = .488, n2
=.003, Session [F(1, 41) = .906, p = .342, n2 = .002], interaction be-
tween them [F(2, 40) = .574, p = .565, n2 = .002], Lag x Group-
interaction [F(2, 40) = .270, p = .764, nz = .001] or Lag x Session x
Group interaction [F(2, 40) = .800, p = .45, nz = .003]. Still, variable
group increased their P300 amplitude power in the post-training mea-
surement, while Fixed group's P300 decreased, which resulted in
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Figure 3. (a) Comparison of accuracy from attentional blink task between
sessions at every Lag condition and in No T2 appearance condition for each
training group. We observed very similar changes for lag conditions in both
groups but all effects were stronger in a Variable group (b) than in Fixed group

x5 p < 001).

significant Session x Group interaction [F(2, 40) = 5.722, p =.018, nz =
.012] and which is visible in Figure 4a and b.

3.4. Moderation analyses

3.4.1. The mean P300 amplitude from the pre-training measurement as a
predictor of the number of matches played on the hardest levels

In order to better understand the observed differences in game per-
formance between our training groups, we started looking for behavioral
or neurophysiological predictors of game performance. In order to test
the predictive value of the initial neurophysiological index of attention in
each of our training groups we performed a series of analysis with in-
dicators describing how well our participants dealt with the game's re-
quirements serving as dependent variables. Separate moderation
analyses were performed to clarify whether initial mean P300 amplitude
predicted the number of matches played on each difficulty level and
whether this relationship was moderated by the training type. As there
were no differences between Lag conditions in the mean P300
component, we used mean P300 amplitude which were averaged across
all lags.

We created a model containing mean amplitude of a P300 component
from the pre-training measurement as a predictor, Group as a moderator
variable and mean number of matches played on the hardest levels
(Harder and Very hard combined) as a dependent variable (Figure 5a).
Created model turned out to be significant [F(3, 39) = 4.617, p =.007, R?
=.262] and contained significant influence of the Group [b =-.352, t(39)
=-2.546, p =.015] and interaction between mean P300 component from
pre-training measurement and Group [b = -.3704, t(39) = -2.508, p =
.016]. Next, it was revealed that while for the Fixed group there was no
relationship between initial P300 component amplitude and number of
matches played on the hardest levels (p = .318), for the Variable envi-
ronment group we saw a significant positive relationship: the stronger
initial P300 amplitude the more matches one played on the hardest levels
of the game (one unit increase in the average P300 component's ampli-
tude from pre-training measurement resulted in an increase of .56 in a
number in matches played on that levels [t(39) = 2.359, p = .023]).
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Then two subsidiary models were created for both: Harder and Very
Hard levels (Figure 5b). Both models turned to be significant [Harder
level: F(3, 39) = 3.94, p = .015, R? = .232; Very Hard level:. F(3, 39) =
4.33,p = .01, R? = .25] and both presented same tendencies: (1) influ-
ence of the Group [Harder: b = -.354, t(39) = -2.512, p = .016; Very
Hard: b = -.296, t(39) = -2.124, p = .04] (2) interaction between P300
component recorded during pre-training measurement and Group
[Harder level: b = -.304 t(39) = -2.018, p = .05; Very Hard level: b =
-.42, t(39) = -2.826, p = .007], (3) through for the Fixed group both
relationship turned to be truly insignificant (Harder level: p = .599; Very
Hard level: p = .118), there was positive relationship between P300
component and number of matches played on each level for the Variable
group [Harder Level: b = .509, t(39) = 2.101, p = .042; Very Hard level:
b =.559, t(39) = 2.331, p = .025].

Further analyses did not show a similar relationship for other levels,
which were available in the game. All subsequent analyses, attempting to
predict the number of matches played on a given level, turned out to be
insignificant.

3.4.2. Number of matches played on the easiest levels as a predictor of
attentional blink task's improvement

Due to the fact that the game environment was varied and cognitively
challenging through the training, games on specific levels should
differently influence cognitive abilities of the subjects. Although partic-
ipants from both groups spent on average the same number of hours
playing SC2, their post training performance varied significantly. In
order to elucidate the variation seen in behavioural results, we decided to
include indicators from the game (number of matches played on a given
level) environment in our analysis. As easy levels were the least cogni-
tively demanding, we assumed that time spent on the easiest levels may
adversely affect potential progress in the task and time spent on the
harder levels may promote it.

We created a model with the number of matches played on the easiest
levels as a predictor, Group as a moderator variable and difference in AB's
task accuracy before and after training as a dependent variable
(Figure 6a). Created model turned to be significant [F(3, 39) = 3.38,p =
.028, R? = .206] and contained significant influence of the mean number
of matches played on the easiest levels [b = -.4, t(39) = -2.09, p = .043]
and interaction between number of matches played on the easiest levels
and Group [b =-.549, t(39) = -2.87, p = .007]. Next, it was revealed that
for the Variable environment group there were no relationship between
predictor and training-related changes in the behavioral task (p = .34),
but for the Fixed environment group we saw a negative relationship - the
more matches played on the easiest level the weaker the improvement [b
=-.93, t(39) = -2.717, p = .009].

Then again, two subsidiary models were created for both: Very Easy
and Easy levels (Figure 6b). Both models turned to be significant [Very
Easy level: F(3, 39) = 2.852, p = .049, R?=.179; Easy level: F(3, 39) =
2.885, p = .047, R? = .182] and both presented tendencies, which were
revealed in the model described above: (1) there were interactions be-
tween number of matches played on each levels and Group [Very Easy
level: b = -.387, t(39) = -2.498, p = .017; Easy level: b = -.535, t(39) =
-2.62, p =.012], and (2) through for the Variable group both relationship
turned out to be truly insignificant (Very Easy level: p = .402; Easy Level:
p = .358), there was a negative relationship between number of matches
played on each level and difference in the accuracy from behavioral task
for the Fixed group [Very Easy Level: b =-.615, t(39) = -2.464, p = .018;
Easy level: b = -.909, t(39) = -2.453, p = .019].

Further analyses did not show a similar relationship for other levels
available in the game. All subsequent analyses, attempting to predict
difference in task accuracy, turned out to be insignificant.

4. Discussion

The initial aim of this study was to test the possibility of improving
attention with an RTS video game. Our data show that playing RTS video-
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group and measurement session separately, and waves were averaged over all lags. The green color specifies time when significant differences between Variable and
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game can indeed enhance attentional skills, independently of the variant
of game being trained. Our results, however, differ from the results ob-
tained e.g. in studies comparing gamers and non-gamers, where expert
gamers showed attenuated attentional blink relative to non-experts (see
e.g. Wong and Chang, 2018). We did not observe change in the shape of
attentional blink, we have rather seen an overall, non specific improve-
ment in task performance. And, what is more important in the light of our
hypotheses, this improvement was not dependent on the training type.
We did, however, observe training specific effects on the physiological
level, the P300 amplitude showed opposite changes in amplitude in fixed
and variable training groups. What was even more interesting, the
strength of the initial (pre-training) P300 component's mean amplitude
appeared to be predictive of the in-game performance for the group
playing a more demanding variant of the game (Variable group).

So we can ask: does a specific brain training protocol change every
one's brain? Or does the training efficiency depend on an individual's
brain? Our analysis indicates that the stronger the initial P300 amplitude
the better was the progress of subjects in the game as measured by the
number of matches played at most difficult levels. Importantly, this effect
was visible only in participants subjected to a varied training regimen. As
the P300 ERP component is usually related to such cognitive processes as
focusing attention or conscious processing and acting (Bonala and Jan-
sen, 2012; Verleger et al., 2016), its mean amplitude could correspond to

participant's individual cognitive resource in that field. Since RTS games
also place heavy emphasis on both - quick and well-suited - conscious
reacting, it seems likely that this type of action video games is applicable
for attention skills training. Then, our results imply that even players
with existing predispositions can strengthen them by suitable stimulus
(e.g proper training model) in order to develop and maximize their re-
sults. However, the pre-session behavioural accuracy, contrary to psy-
chophysiological indicators, seems not to be predictive of player's game
achievement. It might indicate that neurophysiological reactions are
more sensitive and accurate in pinpointing individual differences in
cognitive capacities and therefore be related to the broader spectrum of
tasks (Ritter and Gaillard, 2000), than behavioural results.
Furthermore, the behaviour in the game environment appeared to be
predictive of improvement in the AB task in the fixed game group. Spe-
cifically, participants who played more matches on the easiest levels of
the game (which means they struggled to get higher and did not have a
chance to practice more demanding actions) had worse improvement or
even decrease of correctness in the AB task as measured by the difference
between post- and pre-training sessions. A recent meta-analysis by Pal-
lavicini et al. (2018) provides evidence that various video-games can
have a different impact on many aspects of behaviour (see also: Oei and
Patterson, 2015). Although we subjected both groups to the training of
the same RTS video-game, the training modes were different (Variable
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Figure 6. (a) The theoretical moderation model with the mean number of matches played on the two easiest levels as a predictor, Group as a moderation variable, and
difference of accuracy in attentional blink task (session 2 accuracy rate — session 1 accuracy rate) as an independent variable. (b) The theoretical moderation models
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the number of marches played on the two easiest levels and task accuracy difference. * symbols placed on the legends correspond to significant conditions. Two
versions of correlations were conducted: with the outlier presented on the graph (Fixed group: Pearson's coefficient = -.445, p = .038; Variable group: Pearson's
coefficient = .304, p = .181) and without the outlier (Fixed group: Pearson's coefficient = -.445, p = .038; Variable group: Pearson's coefficient = .174, p = .464).

versus Fixed game environment) depending on the group. While in the
Variable group participants had to learn more factions, units and master
more strategies to properly develop in the game environment, Fixed
group training process was predetermined and not able to be changed,
and was depending more on repetition than skills developing. Then, it is
understandable that the strength of training's influence was different
between the groups. It is also important to realize that the relationship

between the player's cognitive abilities and his performance in the game
is bilateral. Progress in the game environment should match the level of
the player's cognitive abilities, and then if a participant was not able to
achieve higher levels of difficulty in the game, he also shouldn't be able to
improve his result in the behavioural task.

It is interesting finding that participants subjected to a Variable
training model, compared to the Fixed group, played more matches on
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the most difficult levels. Due to the wide diversity of opponents and their
strategies, participants had to develop various strategies and master the
most of game rules, which made their task more demanding. This may be
partly due to being capable of maintaining their interest and involvement
in the training process, which results in maintaining higher motivation.
As each opponent required a different approach to the game, it is also
possible that a Fixed training scenario, which did not enforce a player's
certain behaviours, did not create adequate opportunities for the devel-
opment of certain skills.

Overall our results suggest that the influence of RTS video-games
largely depends on the training model. While the aspects by which
games could affect specific cognitive skills, or how long it takes to induce
such effect, are widely discussed (e.g. Bediou et al., 2018), previous in-
vestigations in that field rarely pay attention to usually limited gameplay
and different training modes. Moreover, both - the impact of the game
and the game achievements - may depend on the player's individual
predispositions.

Considering the fast-growing e-sport industry, the topic of individual
predispositions to being a good gamer seems to be exceedingly actual.
While in the classic sports methods of measuring player predisposition or
development seem to be well validated, in the e-sport such tools and
methods are still under-investigated. As game playing is based on a
number of cognitive functions, it may be necessary to build a wide range
of carefully selected behavioural tasks, and to find their neurophysio-
logical indicators, which may be more sensitive for small changes
resulting during training. Then, video games should not be considered
solely in terms of their popularity, the possibility of their application as a
cognitive training tool in neurorehabilitation, or in terms of how they
affect us, but also in terms of player's predispositions to achieve higher
scores and methods of inspecting the training process.

In addition, it's important to mention that recent studies are still
arguing about the importance of consciously perceiving stimulus in the
process of encoding into the working memory (Jones et al., 2020). Then,
future investigations should include a wider range of carefully selected
tasks and analyses beyond the Attentional Blink paradigm used here. To
be able to confirm the importance of the P300 ERP component as a
predictor of specific cognitive skills acquisition, study should also include
a group of RTS game's experts, whose electrophysiological and behav-
ioural results could be compared to non-player's. Lack of group training
another type of video game might be seen as a limitation of this study.
Similarly, the fact that we did not compare our results to the control
group makes our conclusions limited to the specific type of people.

Declarations
Author contribution statement

Natalia Jakubowska: Analyzed and interpreted the data; Contributed
reagents, materials, analysis tools or data; Wrote the paper.

Pawet Dobrowolski, Maciej Skorko: Conceived and designed the ex-
periments; Performed the experiments.

Natalia Rutkowska: Contributed reagents, materials, analysis tools or
data; Wrote the paper.

Monika Mysliwiec, Jakub Michalak: Performed the experiments.

Aneta Brzezicka: Conceived and designed the experiments; Analyzed
and interpreted the data; Contributed reagents, materials, analysis tools
or data; Wrote the paper.

Funding statement

This study was supported by the Polish National Science Centre NCN
grants 2016/23/B/HS6,/03843, 2013/10/E/HS6/00186.

Data availability statement

Data will be made available on request.

10

Heliyon 7 (2021) e06724

Declaration of interests statement

The authors declare no conflict of interest.

Additional information

No additional information is available for this paper.

References

Achtman, R.L., Green, C.S., Bavelier, D., 2008. Video games as a tool to train visual skills.
Restor. Neurol. Neurosci. 26 (4-5), 435-446.

Barry, R.J., Steiner, G.Z., De Blasio, F.M., Fogarty, J.S., Karamacoska, D., MacDonald, B.,
2020. Components in the P300: don’t forget the novelty P3! Psychophysiology 57,
el3371.

Basak, C., Boot, W.R., Voss, M.W., Kramer, A.F., 2008. Can training in a real-time strategy
video game attenuate cognitive decline in older adults? Psychol. Aging 23 (4),
765-777.

Bavelier, D., Achtman, R.L., Mani, M., Focker, J., 2012. Neural bases of selective attention
in action video game players. Vis. Res. 61, 132-143.

Bavelier, D., Green, C.S., Han, D.H., Renshaw, P.F., Merzenich, M.M., Gentile, D.A., 2011.
Brains on video games. Nat. Rev. Neurosci. 12 (12), 763-768.

Bediou, B., Adams, D.M., Mayer, R.E., Tipton, E., Green, C.S., Bavelier, D., 2018. Meta-
analysis of action video game impact on perceptual, attentional, and cognitive skills.
Psychological Bulletin Journal 144 (1), 77-110.

Bisoglio, J., Michaels, T.I., Mervis, J.E., Ashinoff, B.K., 2014. Cognitive enhancement
through action video game training: great expectations require greater evidence.
Front. Psychol. 5 (FEB), 1-6.

Blacker, K.J., Curby, K.M., 2013. Enhanced visual short-term memory in action video
game players. Atten. Percept. Psychophys. 75 (6), 1128-1136.

Bonala, B.K., Jansen, B.H., 2012. A computational model for generation of the P300
evoked potential component. J. Integr. Neurosci. 11 (3), 277-294.

Boot, W.R., Blakely, D.P., Simons, D.J., 2011. Do action video games improve perception
and cognition? Front. Psychol. 2 (SEP), 1-6.

Boot, W.R., Kramer, A.F., Simons, D.J., Fabiani, M., Gratton, G., 2008. The effects of video
game playing on attention, memory, and executive control. Acta Psychol. 129 (3),
387-398.

Castel, A.D., Pratt, J., Drummond, E., 2005. The effects of action video game experience
on the time course of inhibition of return and the efficiency of visual search. Acta
Psychol. 119 (2), 217-230.

Chisholm, J.D., Hickey, C., Theeuwes, J., Kingstone, A., 2010. Reduced attentional
capture in action video game players. Atten. Percept. Psychophys. 70 (3), 667-671.

Chun, M.M., Potter, M.C., 1995. A two-stage model for multiple target detection in rapid
serial visual presentation. J. Exp. Psychol. Hum. Percept. Perform. 21 (1), 109-127.

Colzato, L.S., van den Wildenberg, W.P.M., Zmigrod, S., Hommel, B., 2013. Action video
gaming and cognitive control: playing first person shooter games is associated with
improvement in working memory but not action inhibition. Psychol. Res. 77 (2),
234-239.

Constable, M.D., Pratt, J., Welsh, T.N., 2018. "Two minds don't blink alike": the
attentional blink does not occur in a joint context. Front. Psychol. 9, 1714.

Dell'acqua, R., Jolicoeur, P., Pesciarelli, F., Job, R., Palomba, D., 2003.
Electrophysiological evidence of visual encoding deficits in a cross-modal attentional
blink paradigm. Psychophysiology 40, 629-639.

Delorme, A., Makeig, S., 2004. EEGLAB: an open source toolbox for analysis of single-trial
EEG dynamics including independent component analysis. J. Neurosci. Methods 134
(1), 9-21.

Dobrowolski, P., Hanusz, K., Sobczyk, B., Skorko, M., Wiatrow, A., 2015. Cognitive
enhancement in video game players: the role of video game genre. Comput. Hum.
Behav. 44, 59-63.

Dougherty, M.R., Hamovitz, T., Tidwell, J.W., 2016. Reevaluating the effectiveness of n-
back training on transfer through the Bayesian lens: support for the null. Psychon.
Bull. Rev. 23 (1), 306-316.

Dye, M.W.G., Green, C.S., Bavelier, D., 2009a. The development of attention skills in
action video game players. Neuropsychologia 47 (8-9), 1780-1789.

Dye, Matthew W.G., Green, C.S., Bavelier, D., 2009b. Increasing speed of processing with
action video games. Curr. Dir. Psychol. Sci. 18 (6), 321-326.

Engvig, A., Fjell, A.M., Westlye, L.T., Skaane, N.V., Sundseth, @., Walhovd, K.B., 2012.
Hippocampal subfield volumes correlate with memory training benefit in subjective
memory impairment. Neuroimage 61 (1), 188-194.

Erickson, K.I., Boot, W.R., Basak, C., Neider, M.B., Prakash, R.S., Voss, M.W.,

Graybiel, A.M., Simons, D.J., Fabiani, M., Gratton, G., Kramer, A.F., 2010. Striatal
volume predicts level of video game skill acquisition. Cerebr. Cortex 20 (11),
2522-2530.

Feng, J., Spence, L., Pratt, J., 2007. Playing an action video game reduces gender
differences in spatial cognition. Psychol. Sci. 18 (10), 850-855.

Franceschini, S., Gori, S., Ruffino, M., Viola, S., Molteni, M., Facoetti, A., 2013. Action
video games make dyslexic children read better. Curr. Biol. 23 (6), 462-466.

Gabrieli, J.D.E., Ghosh, S.S., Whitfield-Gabrieli, S., 2015. Prediction as a humanitarian
and pragmatic contribution from human cognitive neuroscience. Neuron 85 (1),
11-26.

Glass, B.D., Maddox, W.T., Love, B.C., 2013. Real-time strategy game training: emergence
of a cognitive flexibility trait. PloS One 8 (8), 1-7.


http://refhub.elsevier.com/S2405-8440(21)00827-6/sref1
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref1
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref1
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref1
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref2
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref2
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref2
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref3
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref3
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref3
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref3
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref4
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref4
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref4
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref4
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref5
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref5
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref5
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref6
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref6
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref6
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref6
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref7
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref7
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref7
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref7
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref8
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref8
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref8
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref9
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref9
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref9
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref10
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref10
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref10
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref11
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref11
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref11
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref11
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref12
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref12
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref12
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref12
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref13
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref13
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref13
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref14
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref14
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref14
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref15
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref15
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref15
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref15
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref15
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref16
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref16
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref17
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref17
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref17
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref17
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref18
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref18
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref18
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref18
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref19
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref19
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref19
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref19
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref20
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref20
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref20
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref20
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref21
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref21
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref21
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref21
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref22
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref22
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref22
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref23
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref23
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref23
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref23
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref24
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref24
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref24
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref24
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref24
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref25
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref25
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref25
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref26
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref26
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref26
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref27
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref27
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref27
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref27
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref28
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref28
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref28

N. Jakubowska et al.

Green, C.S., Bavelier, D., 2003. Action video game modifies visual selective attention.
Nature 423 (May), 463-464.

Green, C.S., Bavelier, D., 2006. Effect of action video games on the spatial distribution
of visuospatial attention. J. Exp. Psychol. Hum. Percept. Perform. 32 (6),
1465-1478.

Green, C.S., Bavelier, D., 2007. Action-video-game experience alters the spatial resolution
of vision: research article. Psychol. Sci. 18 (1), 88-94.

Guye, S., von Bastian, C.C., 2017. Working memory training in older adults: bayesian
evidence supporting the absence of transfer. Psychol. Aging 32 (8), 732-746.

Hayes, A.F., 2018. Introduction to Mediation, Moderation, and Conditional Process
Analysis, second ed. The Guilford Press.

Hubert-Wallander, B., Green, C.S., Bavelier, D., 2011. Stretching the limits of visual
attention: the case of action video games. Wiley Interdiscipl. Re.: Cognit. Sci. 2 (2),
222-230.

Irons, J.L., Remington, R.W., McLean, J.P., 2011. Not so fast: rethinking the effects of
action video games on attentional capacity. Aust. J. Psychol. 63 (4), 224-231.

Jaeggi, S.M., Buschkuehl, M., Perrig, W.J., Meier, B., 2010. The concurrent validity of the
N-back task as a working memory measure. Memory 18, 394-412.

Jones, W., Pincham, H., Gootjes-Dreesbach, E.L., Bowman, H., 2020. Fleeting perceptual
experience and the possibility of recalling without seeing. Sci. Rep. 10, 8540.

Kim, Y.H., Kang, D.W., Kim, D., Kim, H.J., Sasaki, Y., Watanabe, T., 2015. Real-time
strategy video game experience and visual perceptual learning. J. Neurosci. 35 (29),
10485-10492.

Koivisto, M., Revonsuo, A., 2008. Comparison of event-related potentials in attentional
blink and repetition blindness. Brain Res. 1189 (1), 115-126.

Kowalczyk, N., Skorko, M., Dobrowolski, P., Kossowski, B., Mysliwiec, M.,

Hryniewicz, N., et al., 2020. Lenticular Nucleus Volume Predicts Performance in
Real-time Strategy Game: Cross-sectional and Training Approach Using Voxel-based
Morphometry. Annals of the New York Academy of Sciences.

Kowalczyk, N., Shi, F., Magnuski, M., Skorko, M., Dobrowolski, P., Kossowski, B.,
Marchewka, A., Bielecki, M., Kossut, M., Brzezicka, A., 2018. Real-time strategy video
game experience and structural connectivity — a diffusion tensor imaging study. Hum.
Brain Mapp. 39 (9), 3742-3758.

Kranczioch, C., Debener, S., Engel, A.K., 2003. Event-related potential correlates of the
attentional blink phenomenon. Cognit. Brain Res. 17 (1), 177-187.

Krishnan, L., Kang, A., Sperling, G., Srinivasan, R., 2013. Neural strategies for selective
attention distinguish fast-action video game players. Brain Topogr. 26 (1), 83-97.

Lai, C.L., Lin, R.T., Liou, L.M., Liu, C.K., 2010. The role of event-related potentials in
cognitive decline in Alzheimer’s disease. Clin. Neurophysiol. 121 (2), 194-199.

Li, R., Polat, U., Scalzo, F., Bavelier, D., 2010. Reducing backward masking through action
game training. J. Vis. 10 (14), 1-13.

Lopez-Calderon, J., Luck, S.J., 2014. ERPLAB: an open-source toolbox for the analysis of
event-related potentials. Front. Hum. Neurosci. 8 (1 APR), 1-14.

Luck, S.J., Woodman, G.F., Vogel, E.K., 2000. Event-related potential studies of attention.
Trends Cognit. Sci. 4 (11), 432-440.

Martens, S., Munneke, J., Smid, H., Johnson, A., 2006. Quick minds don’t blink:
electrophysiological correlates of individual differences in attentional selection.

J. Cognit. Neurosci. 18 (9), 1423-1438.

Martens, S., Wyble, B., 2010. The attentional blink: past, present, and future of a blind
spot in perceptual awareness. Neurosci. Biobehav. Rev. 34 (6), 947-957.

Melby-Lervag, M., Redick, T.S., Hulme, C., 2016. Working memory training does not
improve performance on measures of intelligence or other measures of “far transfer”:
evidence from a meta-analytic review. Perspect. Psychol. Sci. 11 (4), 512-534.

11

Heliyon 7 (2021) e06724

Mishra, J., Zinni, M., Bavelier, D., Hillyard, S.A., 2011. Neural basis of superior performance of
action videogame players in an attention-demanding task. J. Neurosci. 31 (3), 992-998.

Moore, C.M., MaWhinney, S., Forster, J.E., Carlson, N.E., Allshouse, A., Wang, X., Routy, J.P.,
Conway, B., Connick, E., 2017. Accounting for dropout reason in longitudinal studies with
nonignorable dropout. Stat. Methods Med. Res. 26 (4), 1854-1866.

Murphy, K., Spencer, A., 2009. Playing video games does not make for better visual
attention skills. J. Artic. Support Null Hypothesis 6 (1), 1-20.

Oei, A.C., Patterson, M.D., 2013. Enhancing cognition with video games: a multiple game
training study. PloS One 8 (3).

Oei, A.C., Patterson, M.D., 2015. Enhancing perceptual and attentional skills requires
common demands between the action video games and transfer tasks. Front. Psychol.
6 (FEB), 1-11.

Pallavicini, F., Ferrari, A., Mantovani, F., 2018. Video games for well-being: a systematic
review on the application of computer games for cognitive and emotional training in
the adult population. Front. Psychol. 9 (NOV).

Raymond, J.E., Shapiro, K.L., Arnell, K.M., 1992. Temporary suppression of visual
processing in an RSVP task: an attentional blink? J. Exp. Psychol. Hum. Percept.
Perform. 18 (3), 849-860.

Ritter, W., Gaillard, A.W.K., 2000. Tutorials in Event Related Potential Research:
Endogenous Components. Elsevier Science. Vol. 10.

Sala, G., Gobet, F., 2019. Cognitive training does not enhance general cognition. Trends
Cognit. Sci. 23 (1), 9-20.

Sergent, C., Baillet, S., Dehaene, S., 2005. Timing of the brain events underlying access to
consciousness during the attentional blink. Nat. Neurosci. 8 (10), 1391-1400.

Sessa, P., Luria, R., Verleger, R., Dell’Acqua, R., 2007. P3 latency shifts in the attentional
blink: further evidence for second target processing postponement. Brain Res. 1137
(1), 131-139.

Sobczyk, B., Dobrowolski, P., Skorko, M., Michalak, J., Brzezicka, A., 2015. Issues and
advances in research methods on video games and cognitive abilities. Front. Psychol.
6 (September), 1-7.

Strobach, T., Frensch, P.A., Schubert, T., 2012. Video game practice optimizes
executive control skills in dual-task and task switching situations. Acta Psychol.
140 (1), 13-24.

Thompson, J.J., Blair, M.R., Chen, L., Henrey, A.J., 2013. Video game telemetry as a
critical tool in the study of complex skill learning. PloS One 8 (9).

Toril, P., Reales, J.M., Ballesteros, S., 2014. Video game training enhances cognition of
older adults: a meta-analytic study. Psychol. Aging 29 (3), 706-716.

Unsworth, N., Redick, T.S., McMillan, B.D., Hambrick, D.Z., Kane, M.J., Engle, R.W.,
2015. Is playing video games related to cognitive abilities? Psychol. Sci. 26 (6),
759-774.

Verleger, R., Grauhan, N., Smigasiewicz, K., 2016. Is P3 a strategic or a tactical
component? Relationships of P3 sub-components to response times in oddball tasks
with go, no-go and choice responses. Neuroimage 143, 223-234.

Vinyals, O., 2016. DeepMind and Blizzard to Release StarCraft II as Al Research
Environment. DeepMind. https://deepmind.com/blog/deepmind-and-blizzard-rele
ase-starcraft-ii-ai-research-environment/.

Vul, E., Hanus, D., Kanwisher, N., 2008. Delay of selective attention during the attentional
blink. Vis. Res. 48 (18), 1902-1909.

Ward, R., Duncan, J., Shapiro, K., 1997. Effects of similarity , difficulty , and nontarget
presentation on the. Percept. Psychophys. 59 (4), 593-600.

Wong, N.H., Chang, D.H., 2018. Attentional advantages in video-game experts are not
related to perceptual tendencies. Sci. Rep. 8 (1), 1-9.


http://refhub.elsevier.com/S2405-8440(21)00827-6/sref29
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref29
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref29
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref30
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref30
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref30
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref30
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref31
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref31
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref31
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref32
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref32
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref32
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref33
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref33
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref34
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref34
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref34
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref34
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref35
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref35
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref35
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref36
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref36
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref36
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref37
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref37
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref38
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref38
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref38
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref38
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref39
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref39
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref39
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref40
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref40
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref40
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref40
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref40
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref41
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref41
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref41
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref41
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref41
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref41
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref42
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref42
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref42
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref43
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref43
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref43
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref44
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref44
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref44
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref45
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref45
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref45
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref46
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref46
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref46
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref47
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref47
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref47
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref48
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref48
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref48
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref48
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref49
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref49
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref49
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref50
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref50
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref50
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref50
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref51
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref51
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref51
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref52
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref52
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref52
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref52
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref53
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref53
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref53
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref54
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref54
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref55
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref55
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref55
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref55
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref56
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref56
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref56
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref57
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref57
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref57
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref57
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref58
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref58
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref59
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref59
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref59
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref60
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref60
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref60
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref61
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref61
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref61
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref61
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref62
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref62
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref62
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref62
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref63
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref63
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref63
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref63
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref64
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref64
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref65
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref65
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref65
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref66
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref66
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref66
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref66
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref67
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref67
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref67
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref67
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref67
https://deepmind.com/blog/deepmind-and-blizzard-release-starcraft-ii-ai-research-environment/
https://deepmind.com/blog/deepmind-and-blizzard-release-starcraft-ii-ai-research-environment/
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref69
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref69
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref69
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref70
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref70
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref70
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref71
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref71
http://refhub.elsevier.com/S2405-8440(21)00827-6/sref71

	The role of individual differences in attentional blink phenomenon and real-time-strategy game proficiency
	1. Introduction
	1.1. Video games and cognitive functioning
	1.2. New trends in research on video games
	1.3. Present study
	1.3.1. Attentional blink task
	1.3.2. StarCraft II

	1.4. Research goals

	2. Methods
	2.1. Participants
	2.2. Procedure
	2.3. Experimental procedure
	2.4. Experimental task – attentional blink paradigm
	2.5. Training
	2.5.1. StarCraft II training
	2.5.2. StarCraft II introduction

	2.6. Data reduction and analysis
	2.6.1. Telemetric data
	2.6.2. Behavioural data
	2.6.3. EEG data
	2.6.4. Moderation analyses


	3. Results
	3.1. Game performance
	3.2. Behavioral results
	3.3. Psychophysiological results
	3.4. Moderation analyses
	3.4.1. The mean P300 amplitude from the pre-training measurement as a predictor of the number of matches played on the hardest levels
	3.4.2. Number of matches played on the easiest levels as a predictor of attentional blink task's improvement


	4. Discussion
	Declarations
	Author contribution statement
	Funding statement
	Data availability statement
	Declaration of interests statement
	Additional information

	References


