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Abstract: Regional dietetic cultures were indicated in China, but how dietary patterns geographically
varied across China is unknown. Few studies systematically investigated the association of dietary
patterns with overweight/obesity and hypertension and the potential mechanism with a national
sample. This study included 34,040 adults aged 45 years and older from China Nutrition and Health
Surveillance (2015–2017), who had complete outcome data, reliable intakes of calorie and cooking
oils, unchanged diet habits, and without diagnosed cancer or cardiovascular disease. Outcomes were
overweight/obesity and hypertension. By using the Gaussian finite mixture models, four dietary
patterns were identified—common rice-based dietary pattern (CRB), prudent diversified dietary
pattern (PD), northern wheat-based dietary pattern (NWB), and southern rice-based dietary pattern
(SRB). Geographic variations in dietary patterns were depicted by age–sex standardized proportions
of each pattern across 31 provinces in China. We assessed the association of these dietary patterns
with outcomes and calculated the proportion mediated (PM) by overweight/obesity in the associa-
tion of the dietary patterns with hypertension. Evident geographic disparities in dietary patterns
across 31 provinces were observed. With CRB as reference group and covariates adjusted, the NWB
had higher odds of being overweight/obese (odds ratio (OR) = 1.44, 95% confidence interval (CI):
1.36–1.52, p < 0.001) and hypertension (OR = 1.07, 95%CI: 1.01–1.14, p < 0.001, PM = 43.2%), while the
SRB and the PD had lower odds of being overweight/obese (ORs = 0.84 and 0.92, 95%CIs: 0.79–0.89
and 0.85–0.99, p < 0.001 for both) and hypertension (ORs = 0.93 and 0.87, 95%CIs: 0.87–0.98 and
0.80–0.94, p = 0.038 for SRB and p < 0.001 for PD, PMs = 27.8% and 9.9%). The highest risk of over-
weight/obesity in the NWB presented in relatively higher carbohydrate intake (about 60% of energy)
and relatively low fat intake (about 20% of energy). The different trends in the association of protein
intake with overweight/obesity among dietary patterns were related to differences in animal food
sources. In conclusion, the geographic distribution disparities of dietary patterns illustrate the exis-
tence of external environment factors and underscore the need for geographic-targeted dietary actions.
Optimization of the overall dietary pattern is the key to the management of overweight/obesity and
hypertension in China, with the emphasis on reducing low-quality carbohydrate intake, particularly
for people with the typical northern diet, and selection of animal foods, particularly for people with
the typical southern diet.
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1. Introduction

China has witnessed a remarkable nutrition transition over the past four decades, with
hypertension and overweight/obesity becoming the leading risk factors for cardiovascular
mortality and suboptimal diet among the top modifiable risk factor [1–3]. The temporal
trends of the dietary transition and its impact on the prevalence of obesity and hypertension
have been sustained and well documented [3–6]. However, little is known about the spatial
variations in dietary patterns and their impact on overweight/obesity and hypertension,
although the previous literature indicated the existence of regional dietetic cultures in China,
and several national surveys have revealed similar regional aggregation phenomenon of
cardiovascular disease and obesity [7–11].

China has a socioeconomically and topographically diverse landscape, both of which
affect the dietary pattern and prevalence of cardiovascular diseases of local residents in dif-
ferent regions [7,11–18]. Previous studies involving the description of geographic character-
istics of dietary patterns and their associations with overweight/obesity and hypertension
in the Chinese population were simply based on regional food consumption features in com-
mon sense yet did not link the dietary patterns with the actual geographic distributions and
either lack of national representativeness or of limited scope—they focused only on food
consumption disparities and the different associations yet ignored potential mechanism,
which makes the targeted public health effort on control of overweight/obesity and hyper-
tension in both of national and subnational level lack fundamental knowledge [19–24]. By
using nationally representative data from China Nutrition and Health surveillance (CNHS)
(2015–2017), we aimed to depict the geographic variations in dietary patterns with spatial
analysis, and systematically determine the association between them and the possible
mechanism, among Chinese aged 45 years and older who had undergone the entire process
of nutrition transition starting from the 1970s [6,11,25]. Since dietary patterns may be a
reflection of broader lifestyle and socioeconomic status beyond dietary intake, we also
explored the socioeconomic and lifestyle factors related to dietary patterns, which can be
used for developing precise health promotion strategies [13,26,27].

2. Materials and Methods
2.1. Study Population

The CNHS (2015–2017) was national surveillance periodically conducted by the Chi-
nese Center for Disease Control and Prevention (CDC), Beijing, China. The present study
used data from adult surveillance in 2015. Details about designs, sampling methods, data
collection, and contents of the surveillance were described in previous studies [7,28,29].
Briefly, the CNHS (2015–2017) covered 298 survey sites across 31 provincial administrative
units (hereafter referred to as provinces) in mainland China. A stratified, multi-stage,
probability-based random sampling scheme was used to select eligible participants aged
18 years and older, living in the sample area for more than six months during the last
12 months. For this cross-sectional study, we selected adults aged 45 years and older,
excluding 22,364 participants with no available outcome data (body weight, height, and
blood pressure); abnormal intakes of energy (<500 or >4000 kcal per day) and cooking oils
(>150 g per day); previously diagnosed cancer or cardiovascular diseases; and changed diet
habits due to obesity, self-report diagnosed hypertension, or other self-reported diagnosed
metabolic disease, during the past 12 months (see Supplementary Materials File S1 for a
flow diagram of the study sample).

2.2. Assessment of Dietary Intakes

Diet was assessed using 3 consecutive days (including 2 weekdays and 1 weekend) of
24 h dietary recalls in addition to weighing household cooking oil and condiments. For a de-
tailed diet survey, see Supplementary Materials File S2. Each food item (including cooking
oils) was coded according to Chinese Food Composition Tables (FCTs) and classified into
35 food groups, from which intakes were then calculated, and 31 food groups were used
for dietary patterns analysis according to consumption rates (Supplementary Materials
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File S3) [30–32]. Nutrient intakes per day and percentage of energy (%E) provided by
macronutrients were also calculated. Cooking oils were classified into four types: oils with
a high ratio of monounsaturated fatty acids (MUFA), oils with a balanced ratio of MUFA
and polyunsaturated fatty acids (PUFA), oils with a high ratio of PUFA, and fats with a
high ratio of saturated fatty acids (SFA), since the consumption of cooking oils in China
has evident geographic disparities (see Supplementary Materials Table S1 in File S4 for
definitions) [33]. Additionally, the participants’ habitual intake of food groups (including
alcohol intake) during the last 12 months was assessed by a quantitative food frequency
questionnaire (FFQ). The food groups listed in FFQ were classified into their nearest one of
the 31 food groups. The correlation between short-term diet assessed by 3 consecutive days
of 24 h dietary recalls and long-term diet assessed by FFQ was assessed (Supplementary
Materials File S4) [34].

2.3. Assessment of Dietary Patterns and Their Geographic Variations

We classified subjects into mutually exclusive groups according to the most probable
dietary pattern identified by the Gaussian finite mixture model (FMM)—a latent variable
model. The advantages of FMM include that it accounts for the within-class correlation
of dietary intakes (conventional methods assumed no residual covariance within class)
and classification uncertainty and provides a relatively objective method to ascertain
cluster numbers by comparing the many different clustering criteria [35,36]. The final
model was identified according to the Bayesian information criterion (BIC), and four
clusters—four dietary patterns, were selected [37]. They were named the common rice-
based dietary pattern (CRB), prudent diversified dietary pattern (PD), northern wheat-
based dietary pattern (NWB), and southern rice-based dietary pattern (SRB), according to
their characteristics of food group intakes and geographic variations, and accounted for 40.8,
11.2, 26.4, and 21.5% of the study population, respectively (Supplementary Materials File S5).
Detailed characteristics of nutrients and food group intakes of four patterns were displayed
in results and Supplementary Materials File S6. We compared the proportion of different
dietary pattern subgroups reaching or exceeding the recommended intake of dietary
components in the newest Chinese Dietary Guidelines (CDG) to further understand the
major dietary problems of each pattern (see Supplementary Materials File S7) [38–40]. The
robustness of the characteristics of four patterns was assessed by a split sample validation
(Supplementary Materials File S8). In order to describe the geographic variations in dietary
patterns, we calculated the age–sex standardized proportions of various dietary patterns in
the study population by 31 provinces with the Qinling Mountain Huaihe River (QMHR)
line as the boundary of northern and southern China, which was used in spatial analysis
and displayed by maps [11]. Then, to describe the rural–urban variations in dietary patterns,
we calculated age–sex standardized proportions of various dietary patterns, respectively,
in rural and urban areas of 31 provinces. Rural–urban ratio differences in dietary patterns
were calculated by subtracting the urban proportion from the rural proportion for each
pattern, for each province, and displayed by choropleth maps. We further derived dietary
patterns with conventional factor analysis, calculated the age–sex standardized factor
scores by 31 provinces, and compared the differences in derived dietary patterns of two
methods, as well depicted the geographical disparities and associations of new-derived
dietary patterns with investigated outcomes (Supplementary Materials File S9).

2.4. Assessment of Overweight/Obesity and Hypertension

Overweight/obesity was diagnosed by body mass index (BMI), and hypertension
was diagnosed by blood pressure and medication history. Body weight and height were
measured in the morning fasting state by trained investigators. The participants’ seated
blood pressure after 5 min of rest was measured 3 times at 1 min intervals by trained
staff from the local CDC. BMI ≥ 24.0 kg/m2 was deemed as overweight/obese, and
systolic blood pressure ≥ 140 mmHg, diastolic blood pressure ≥ 90 mmHg, or taking
antihypertensive drugs in the last two weeks were diagnosed as hypertension [41,42].
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2.5. Socioeconomic Status (SES), Lifestyle, and Health Information

Household income and family members were collected through household question-
naires by trained investigators. Sex, age, ethnic group (Han, Zhuang, Manchu, Hui, Miao,
Uygur, Yi, Tujia, Mongolia, Korean, Tibetan, and other ethnic), marital status (coupled or
uncoupled), occupation (agriculture, manufacture, service, others, unemployed), physical
activity, drinking behavior (never, moderate, or excessive), smoking behavior (never, ever,
or current smoker), and health information (family history of cardiovascular diseases and
diabetes) were collect with an individual questionnaire. Physical activity was measured
with Global Physical Activity Questionnaire (MET-h/week), and drinking behavior was
collected by the aforementioned FFQ. Drinking more than 15 g of alcohol per day was
deemed as an excessive drinker, a drinking behavior but less than 15 g per day was deemed
as a moderate drinker, and drinking frequency equal to zero was deemed as a never
drinker [38].

2.6. Statistical Analysis

Intakes of 31 food groups were calculated as grams per 1000 kcal plus one (removal of
extraneous variation in the study population and zero values) and then log-transformed
before the FMM model was fitted [34,43]. Comparisons of 31 food group intakes and
14 nutrient metrics between four patterns were performed by a Kruskal–Wallis test or
ANOVA. A Chi-square test was used to compare the proportion of different dietary pattern
subgroups reaching or exceeding the recommended intake of dietary components. Global
and local Moran’s I were used to detect spatial autocorrelation and local heterogeneity of
dietary patterns. Age–sex standardized prevalence of overweight/obesity and hyperten-
sion by province were calculated and shown with choropleth maps. Rural–urban ratio
differences in dietary patterns by province were compared with Rao Scott Chi-Square tests.
Weights were calculated for the estimation of population-weighted indicators. Methods to
calculate weights were reported by a previous study [7]. The socioeconomic structure of
the 2015 Chinese population estimated by the State Statistics Bureau was the basis for the
post-stratification weights.

Generalized logit models were used to estimate the associations of socioeconomic
and lifestyle factors with dietary patterns and the associations of dietary patterns with
overweight/obesity and hypertension. BMI was alternatively adjusted in our models for
its potential mediation effects on the relationship between dietary patterns and hyperten-
sion [24,44]. Mediation effects of overweight/obesity (BMI ≥ 24 kg/m2) were analyzed
with regression-based methods by decomposing the total effects of dietary patterns on hy-
pertension into natural direct and indirect effects, and the proportion of mediation through
overweight/obesity was calculated accordingly [24,45]. In order to examine other potential
effect modifiers, we conducted stratification analysis among subgroups, including sex, age,
occupation, residence place, and physical activity level. The joint effects of dietary patterns
and physical activity on overweight/obesity were further analyzed. In order to explain the
mechanism by which dietary patterns exert their impacts, a restricted cubic spline logistic
model was used to assess the association between macronutrients and overweight/obesity
and hypertension in four dietary patterns.

Basic statistical analyses used SAS version 9.4 (SAS Institute, Inc., Cary, NC, USA). Spa-
tial analysis was performed by ArcGIS Desktop version 10.7 (ESRI, Inc., Redlands, CA, USA).
Choropleth maps and other statistical analyses were generated by R Foundation for Statis-
tical Computing version 4.1.3 (R Core Team, Vienna, Austria) [46].

3. Results
3.1. Geographic Variations in Dietary Patterns

Figure 1 showed evident geographic distribution disparities of four dietary patterns be-
tween northern and southern China and between rural and urban areas (see Supplementary
Materials Table S5 in File S6 for detailed data and geographic division).
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Figure 1. Geographic variations and rural–urban variations in dietary patterns across 31 provinces
of China. (A). Age–sex standardized proportions of dietary patterns across 31 provinces of China;
(B). The differences of age–sex standardized proportions of four dietary patterns between rural
and urban areas; (B1–B4) represent common rice-based dietary pattern (CRB), prudent diversified
dietary pattern (PD), northern wheat-based dietary pattern (NWB), and southern rice-based dietary
pattern (SRB), respectively. CRB: common rice-based dietary pattern; PD: prudent diversified dietary
pattern; NWB: northern wheat-based dietary pattern; SRB: southern rice-based dietary pattern;
NA: not available.

CRB was all over the country and more in the south of the QMHR line, the northeast
three provinces, and several provinces of the northwest. The highest proportion was
in Jilin and the lowest in Tibet, while the higher proportion was in rural areas of the
aforementioned regions (except Liaoning, Guizhou, and Yunnan) and in urban areas of
Gansu (all p values < 0.05). By comparison, SRB was predominately distributed in the
south of the QMHR line with smaller yet inconsistent rural–urban ratio differences among
provinces in this area. It appeared SRB was more distributed in the rural areas of Yunnan
and Guizhou in the southwest; however, the differences were not significant (p > 0.05 for
both). Conversely, NWB was predominately distributed in the north of the QMHR line,
with the highest proportion in Henan and the lowest in Yunnan. Notably, this pattern was
not only distributed in the less developed rural areas of the northwest and the east but also
in relatively developed urban areas of the north and the northeast. PD was the only dietary
pattern predominately distributed in urban areas throughout China, while Shanghai (the
Yangtze River delta region) had the largest proportion and Henan the smallest.

Figure 2 showed positive spatial autocorrelations for dietary patterns except PD (global
Moran I: −0.003, p = 0.673). SRB showed the strongest spatial autocorrelation (global Moran
I: 0.520, p = 0.000). A cluster of the high proportion of CRB was identified in Heilongjiang
in the northeast and Guangdong and Guangxi in the south; a cluster of the high proportion
of PD around Zhejiang (the Yangtze river delta region); a cluster of the high proportion
of NWB in areas along and to the north of the Yellow River; and a cluster of the high
proportion of SRB in provinces to the south of the Yangtze River except several provinces
in the Yangtze river delta region (Zhejiang, Shanghai).
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Figure 2. The clusters of provinces with high or low proportions for each dietary pattern; identified by
spatial analyses. (A). Common rice-based dietary pattern; (B). Prudent dietary pattern; (C). Northern
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3.2. Characteristics of Dietary Patterns

For the typical northern dietary pattern, NWB had the highest carbohydrate intake and
carbohydrate-to-energy ratio but the lowest protein-to-energy ratio and fat-to-energy ratio,
as Table 1 shown. The median carbohydrate-to-energy ratio of NWB surpassed the recom-
mended value in Chinese Dietary Reference intakes (DRIs), namely, 50–65% [47]. Notably,
participants with NWB consumed the highest proportion of high-quality carbohydrates,
of which coarse grains and tubers contributed the most since this population consumed
fewer vegetables, particularly starchy vegetables, and moderate fruit (Figure 3 and Supple-
mentary Materials Table S6 in File S8). Moreover, participants with NWB consumed the
least protein from animal sources (only 20.3%), of which red meat contributed the largest
proportion (85% of total meats, table not shown). Additionally, this group consumed the
least dark green vegetables and SFA and the most PUFA.

Conversely, the typical southern dietary pattern—SRB had the highest intake of vegeta-
bles (particularly dark green vegetables and starchy vegetables), red meat, fish, and poultry.
Additionally, they had the highest proportion of SFA; MUFA, particularly animal-source
MUFA; and animal protein, yet the lowest proportion of PUFA. Participants with NWB
and SRB had a similar proportion of excess sodium intake.

By contrast, participants with PD had the lowest proportion of excessive sodium
intake, lowest intake of staple grains yet balanced proportion of rice and wheat, the
lowest carbohydrate-to-energy ratio, and the highest intake of oils (particularly high-
MUFA oils) and MUFA (Figures 3 and 4, and Table 1). PD had a little lower intake of
vegetables (including dark green and starchy vegetables) and red meat than SRB, and a
little lower intake of coarse grains and tubers than NWB, while it still had similar ratios of
macronutrients to energy and proportion of animal protein with SRB, a similar proportion
of high-quality carbohydrate with NWB, yet the higher proportion of PUFA and lower
of SFA than SRB, implying diversified food sources of animal protein and high-quality
carbohydrate and larger proportion of MUFA from plant sources than SRB. Therefore, PD
was a relatively balanced diet. CRB was similar to SRB, except for the lower intake of
processed meat, offal, dark green and starchy vegetables, and SFA, as well as the higher
intake of other vegetables, wheat, and PUFA.
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Table 1. Nutrient intakes of study population with different dietary patterns, 2015 *.

Indicators CRB PD NWB SRB

Energy, kcal 1395 (1058,1801) 1530 (1220, 1927) 1495 (1171, 1899) 1540 (1165, 1978)
Protein, g 45.6 (33.8, 60.4) 53.2 (40.1, 68.9) 46.7 (36.0, 59.8) 52.1 (39.0, 67.5)

Protein, % kcal, mean (SD) 13.5 (4.0) 14.2 (3.9) 12.8 (2.8) 14.0 (4.0)
Animal protein, % 35.3 (19.9, 50.2) 41.7 (26.9, 54.5) 20.3 (8.4, 35.0) 42.3 (28.6, 55.0)

Total fat, g 40.6 (22.4,66.6) 50.4 (31.3, 75.6) 34.9 (18.1, 59.3) 46.4 (26.7, 74.2)
Total fat, % kcal 26.9 (16.8, 38.1) 30.6 (21.0, 39.7) 21.5 (12.7, 32.0) 27.8 (18.9, 38.3)
MUFA, % kcal 9.4 (5.5, 14.2) 10.7 (7.0, 15.5) 7.0 (3.7, 11.1) 10.4 (6.7, 15.0)

Animal MUFA, % kcal 4.6 (2.0, 7.8) 4.9 (2.6, 7.6) 2.3 (0.6, 4.6) 7.5 (4.4, 11.8)
PUFA, % kcal 4.3 (2.7, 8.9) 5.4 (2.9, 9.5) 4.4 (2.4, 8.9) 3.6 (2.4, 5.6)
SFA, % kcal 6.6 (4.3, 9.1) 7.5 (5.4, 9.7) 5.4 (3.4, 7.7) 8.4 (5.7, 11.6)

Total carbohydrate, g 196.4 (147.3, 261.4) 207.3 (160.6, 268.4) 240.5 (184.7, 304.7) 209.5 (156.0, 276.0)
Total carbohydrate, % kcal 59.3 (48.3, 69.8) 55.8 (46.3, 65.5) 66.6 (56.2, 75.5) 57.1 (46.7, 67.0)

High-quality carbohydrate, % 10.5 (6.3, 18.6) 18.7 (11.1, 30.1) 19.4 (10.6, 30.7) 13.9 (7.8, 23.0)
Fiber, g 6.8 (5.8, 18.2) 8.4 (5.9, 12.1) 9.5 (6.9, 12.9) 7.4 (5.4, 10.7)

* Data were described as median (interquartile range) unless otherwise specified. Kruskal–Wallis test or one-way
analysis of variance was used to compare between-group differences (p < 0.0001 for all indicators). Abbreviations:
CRB: common rice-based dietary pattern; PD: prudent diversified dietary pattern; NWB: northern wheat-based
dietary pattern; SRB: southern rice-based dietary pattern; SD: standard deviation; MUFA: monounsaturated fatty
acids; PUFA: polyunsaturated fatty acids; SFA: saturated fatty acids.
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Overall, a considerable proportion of the study population consumed excessive red
meat (47.1%), sodium (41.6%), and saturated fatty acids (20.5%), but only a small proportion
consumed adequate dairy (0.6%), fruits (1.4%), coarse grains (3.7%), nuts (13.6%), eggs
(20.4%), fish (28.8%), poultry (29.2%), and vegetables (37.7%), especially dark green vegeta-
bles (26.4%), implying a generally suboptimal diet for the study population (Figure 4).

3.3. Socioeconomic and Lifestyle Factors Associated with Dietary Patterns

With the CRB as a reference group (which characteristics closest to the average level,
Supplementary Materials Table S7 in File S9), the PD and the NWB both had higher
odds with higher education level and urban residence, but the PD had higher odds with
higher household income while the NWB lower (Supplementary Materials File S10). The
SRB also had lower odds with higher education levels. Moreover, people with SRB had
higher physical activity while NWB was lower. All p values for the above comparisons
were significant.

3.4. Association of Dietary Patterns with Overweight/Obesity and Hypertension

Figure 5 displays the estimated overall and subgroup associations between dietary
patterns and overweight/obesity and hypertension, with CRB as the reference group.
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diversified dietary pattern; NWB: Northern wheat-based dietary pattern; SRB: Southern rice-based
dietary pattern; BMI: body mass index; OR: odds ratio; CI: confidence interval.
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After adjustment for BMI and other covariates, NWB showed a strong positive associ-
ation with overweight/obesity (OR = 1.44, 95%CI: 1.36–1.52, p < 0.001) and was consistent
across various subgroups. The positive association of NWB with hypertension (OR = 1.07,
95%CI: 1.01–1.14, p < 0.001) in overall subjects was significant in subgroups of females,
rural residents, and agriculture. Compared to NWB, SRB had completely converse associa-
tions with overweight/obesity (OR = 0.84, 95%CI: 0.79–0.89, p < 0.001) and hypertension
(OR = 0.93, 95%CI: 0.87–0.98, p = 0.038), which were basically consistent among various
subgroups with exception of specific occupation and age group. PD also showed negative
associations with overweight/obesity (OR = 0.92, 95%CI: 0.85–0.99, p < 0.001) and hyper-
tension (OR = 0.87, 95%CI: 0.80–0.94, p < 0.001), consistent in various subgroups despite
the magnitude differences.

BMI affected the associations of dietary patterns with hypertension. The positive
association of NWB with hypertension substantially decreased (OR from 1.16 to 1.07) after
BMI was adjusted, and the negative associations of PD and SRB with hypertension were
also attenuated. By decomposing the total associations into natural direct and indirect
effects, the PM by overweight/obesity varied greatly between different dietary patterns
(Table 2). Overweight/obesity mediated more than 40 percent of the positive effect of
NWB on hypertension, while less than 10 percent of the negative effect of PD. The natural
indirect effects of overweight/obesity by which SRB exerted on hypertension was negative,
suggesting the lower risk of hypertension of SRB was partly (27.8%) due to the lower risk
of overweight/obesity for SRB.

Table 2. Mediation analysis of the associations between dietary patterns and hypertension mediated
by overweight/obesity, with CRB as the reference group *.

Dietary Pattern Mediator ORNIE (95%CI) ORNDE (95%CI) ORTE (95%CI) a PM (%) b

PD Overweight/obesity 0.98 (0.97–1.00) 0.86 (0.80–0.93) 0.85 (0.78–0.91) 9.9
NWB Overweight/obesity 1.07 (1.06–1.08) 1.09 (1.03–1.15) 1.17 (1.10–1.23) 43.2
SRB Overweight/obesity 0.97 (0.96–0.98) 0.92 (0.87–0.97) 0.89 (0.84–0.95) 27.8

* Abbreviations: ORNIE: odds ratio for the natural indirect effects; ORNDE: odds ratio for the natural direct effects;
ORTE: odds ratio for the total effects; PM: proportion of mediation. Analyses were adjusted for sex, age, ethnic
group, education level, household income per capita, occupation, smoking behavior, drinking behavior, physical
activity, total energy intake, and family history of cardiovascular disease and diabetes. Uncertainty of estimations
of exposure-outcome associations here used bootstrap-based method with 1000 replicates to obtain 95% confidence
intervals (CIs). a. The estimated total effects of mediation analysis in this table were slightly different from that
estimated in Figure 4 because the calculation of natural direct effects needs to be conditional on the level of the
covariates. In this analysis, continuous covariates were fixed at their median and categorical covariates were set at
levels observed most frequently in study population. b. Proportion of mediation = natural indirect effect/(natural
direct effect + natural indirect effect) × 100.

Due to the lower physical activity level observed in participants with NWB (Supple-
mentary Materials File S10), we further analyzed the joint effect of dietary pattern and
physical activity on the risk of overweight/obesity and hypertension and found the as-
sociations of dietary pattern on overweight/obesity were modified by physical activity
(Pinteraction < 0.001, see Supplementary Materials File S11) [48]. However, even with the
same high physical activity level, participants with NWB still had the highest risk of over-
weight/obesity and hypertension than participants with other patterns (see Supplementary
Materials Table S9 in File S11 for detail).

3.5. Associations of Estimated Percentage Energy from Macronutrients with Overweight/Obesity
and Hypertension in Various Dietary Patterns

Multivariable splines for macronutrients varied among different dietary patterns
(Figure 6). For overweight/obesity, splines of NWB for carbohydrate, fat, and protein
presented a nonlinear trend of rising first and falling later, and the peak risk presented
when 60% of energy was from carbohydrate and 20% of energy from fat (mid estimate
from the spline), which represents a typical northern diet of high carbohydrate and low
fat in the present study. However, with the increase in high-quality carbohydrates, splines
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of NWB and CRB for overweight/obesity both presented nonlinear decreasing trends.
In terms of hypertension, the spline of NWB for carbohydrates presented a U-shaped
curve, with the lowest risk being around 50% (mid estimate from the spline), while for
protein, the spline of NWB presented a linearly decreasing trend. Moreover, the spline of
CRB for protein and hypertension also presented a linearly decreasing trend. In contrast,
splines of PD and overweight/obesity presented an increasing trend with the increase
in carbohydrates and a decreasing trend with the increase in fat. The spline of SRB for
protein and overweight/obesity presented a nonlinear increasing trend. The divergence
in splines trends for protein intake and overweight/obesity between the SRB and the
other three patterns when percentage energy from protein exceeded 15% (mid estimate
from the spline) was related to the higher intake of processed meat and offal in animal
foods (Supplementary Materials File S12). Additionally, as the percentage of energy from
carbohydrates continued to increase (>60%), the differences in dietary components between
different dietary patterns gradually narrowed and disappeared.
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obesity and hypertension stratified by dietary patterns. (A–D): overweight/obesity; (E–H): hyper-
tension. All models were adjusted for sex, age, ethnic group, education level, household income
per capita, occupation, smoking behavior, drinking behavior, physical activity, total energy intake,
and family history of cardiovascular disease and diabetes. For hypertension, body mass index was
adjusted in addition. CRB: Common rice-based dietary pattern; PD, prudent diversified dietary
pattern; NWB, northern wheat-based dietary pattern; SRB, southern rice-based dietary pattern. For
overweight/obesity, p interaction < 0.01 for carbohydrate, fat and protein, and p interaction = 0.015 for
high-quality carbohydrate; for hypertension, p interaction < 0.05 for percentage energy from carbohy-
drate and fat and p interaction > 0.05 for protein and high-quality carbohydrate.

There were no significant associations of percentage energy from carbohydrates and
protein in SRB and PD with hypertension, nor significant associations of fat and high-quality
carbohydrates with hypertension in any dietary patterns.

4. Discussion

With a national sample of Chinese adults, we found that dietary patterns in contempo-
rary China had evident North-South and rural–urban distribution disparities, clear spatial
clusters bounded by the Yellow River and the Yangtze River, certain socioeconomic and
lifestyle characteristics, and different associations with overweight/obesity and hyper-
tension. NWB had a higher risk of overweight/obesity and hypertension compared to
SRB and PD, and quite a portion (43%) of the higher risk of hypertension in NWB was
mediated by overweight/obesity. Physical activity had a significant modifying effect on
the association of dietary patterns with overweight/obesity. Furthermore, the highest risk
of overweight/obesity in NWB appeared when carbohydrate intake was relatively high
(60% of energy) and fat intake relatively low (20% of energy), while the optimal percentage
of energy from carbohydrates for people with NWB seemed to be around 50% for the least
risk of overweight/obesity and hypertension. Additionally, a higher intake of processed
meat and offal was associated with a higher risk of overweight/obesity in the SRB and a
higher risk of hypertension in all participants.

The present study demonstrated the dietary problems during nutrition transition,
including excess intake of sodium, oils, and SFAs; a high proportion of refined grains in
total grains; and inadequacy of vegetables, fruits, whole grains, dairy, fish, etc., consistent
with previous studies, indicating the need for optimization of dietary patterns for the
whole population [49,50]. Meanwhile, some merits of the traditional diet were preserved in
the present study, such as the relatively high intake of coarse grains and tubers in NWB
and plentiful vegetables, fish, and poultry in SRB, which are consistent with previous
studies [5,6,49,51].

The most interesting part of this study is that we found that the typical northern and
southern dietary patterns spatially clustered in provinces along and to the north of the
Yellow River and along and to the south of the Yangtze River, respectively, which indicated
the existence of regional dietetic cultures and great influence of external environment and
climate on the local diet even in contemporary China [10,11,52]. In ancient times, there
were records of food culture differences between northern and southern China [10,11,52].
However, no study investigates the geographic variations in dietary patterns in transitional
China with rapid urbanization [11,19,20,23,52–54]. The present findings confirmed the
disparities of dietary patterns in geographic distribution with spatial analysis and provided
more details about the differences in dietary components among the four dietary patterns,
which can provide an empirical basis for targeted investigation and dietary intervention.

It is more interesting that people with a typical southern diet have lower education
levels yet higher physical activity levels and higher intake of vegetables, poultry, and fish
than people with the northern one, which indicates the great impact of external environ-
mental factors besides individual factors that deal with this discrepancy in dietary and
lifestyle choices between the two regions represented by the two typical diets since higher
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education level has been consistently associated with better health behaviors and dietary
quality in previous studies [13,26,55,56]. The Lifelines cohort study in the Netherlands
also indicated the existence of regional “food cultures” with spatial analysis, by which
the author means not only physical food environments but also social and cultural corre-
lates of dietary behavior [57]. In general, physical food environments such as available
fresh markets and food production and delivery system were suggested to impact local
food consumption [58–60]. Moreover, dietary customs have some influence on dietary
behaviors [10,61]. Additionally, the fact that PD was predominantly distributed in urban
areas and developed areas and adopted by people with higher education and income
was an embodiment of disparities in dietary intakes between rural and urban areas and
among different SES groups in China [5,16]. However, the present study does not address
by which these geographic and SES disparities arise; we rather suggest the existence of
external environmental factors (physical, cultural, and socioeconomic), besides the indi-
vidual ones, that may be responsible for these geographic disparities of dietary patterns
and their different associations with health outcomes. More in-depth studies on how these
external environment factors impact one’s dietary and diet-related behaviors are needed,
and these factors should be taken into consideration for guiding geographic-targeted and
population-targeted public efforts and actions in China and other transitional countries.

Unexpectedly, PD spatially clustered in areas where the traditional Jiangnan diet
is located; however, PD was different from the higher intake of wheat and processed
meat [11,38,62]. We speculated that PD might represent a North–South fusion diet since
people in developed areas, such as the Yangtze River Delta region and urban areas, might
integrate diverse dietetic cultures, which in turn enriched local diets [10,63].

The present study revealed that quite a part (43%) of the effect of the typical northern
diet on hypertension was the higher risk of overweight/obesity, while the predominant
part was the direct effect of dietary patterns. A previous study showed that 60 to 75% of the
risk for primary hypertension was caused by overweight/obesity, and higher BMI mediates
quite a part of the association of diet with diabetes [8,64,65]. Few studies investigated the
proportion of dietary patterns in diet-outcome relationships in the Chinese population,
particularly with a national sample [24]. The present findings indicated that maintaining
healthy body weight, or keeping energy balance, was an important part of the management
of hypertension in provinces along and to the north of the Yellow River, while optimization
of dietary pattern—dietary components combination was the key for management of
overweight/obesity and hypertension at the national level, considering the popularity of
suboptimal diet.

We found the relatively high carbohydrate intake (60% energy from carbohydrates)
and the relatively low fat intake (20% energy from fat) might be associated with a higher
risk of overweight/obesity in the NWB. The low-carbohydrate diet (<40% of energy) or
low-fat diet (<20% of energy), which are better for long-term weight control (>12 months),
were substantially investigated in randomized trials [66,67]. A six-month randomized
controlled-feeding trial in the Chinese population demonstrated that a relatively higher
intake of carbohydrates (66% of energy), close to the traditional diet, might be better to
promote weight loss compared with a high-fat diet (40% of energy) [68,69]. Different from
the restricted feeding condition in trials where participants were fed with a meticulously
formulated diet, residents in free-living status may vary substantially in quantity and
quality of dietary components and energy intake as well as energy expenditure. In this
national sample of Chinese adults, more than half of them consumed more than 60% of
energy from carbohydrates, of which 86% was from low-quality refined grains and starches;
even, more than 66% of people with NWB ate more than 60% of energy from carbohydrate,
and more than 60% of them ate less than 25% of energy from fat. In this occasion, without
an energy limit, a dietary pattern characterized by relatively high carbohydrate intake,
mainly from refined grains, and low intake of fat, protein, and vegetables, is very likely to
have a high glycemic load, which induces excess energy intake, and thus promotes the fat
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deposition in the body [70,71]. Prospective studies on free-living residents are required to
validate our findings, especially in transitional countries.

In agreement with a prospective study in Chinese adults, our finding of the U-shaped
association between carbohydrate intake and hypertension in the NWB suggests that
moderate carbohydrate intake (around 50% of energy, and thus slightly higher intake of
fat and protein) can favor simultaneous control of overweight/obesity and hypertension
even in the case of a high proportion of low-quality carbohydrate [72]. Furthermore, the
nonlinear decreasing risk of overweight/obesity in the two patterns with the increase
in high-quality carbohydrates, consistent with prior findings, indicates that it is low-
quality carbohydrates that should be reduced on the occasion of the popularity of high
carbohydrate intake in people with NWB [72–74].

The present study observed divergence in the trends of the association of protein
intake with overweight/obesity among different dietary patterns with the increase in
percentage energy from protein, particularly when it exceeded 15%. We deduced that this
divergence was due to the different driving sources in animal foods for the increase in
protein intake in different dietary patterns. The positive association of higher plant protein
rather than animal protein with overweight/obesity in the overall study population did
not apply to participants with SRB who had the highest intake of animal protein, processed
meat, and offal. Evidence in dietary protein intake and overweight/obesity is inconsistent,
and neither do animal or plant sources of protein [75–77]. A randomized controlled trial in
the European population with habitual high intake of protein and animal protein indicated
a lower weight regain in high protein intake groups after weight loss, while another trial
in the US population with habitual high intake of protein and animal protein indicated
no difference in weight maintenance among groups with isocaloric protein (animal or
plant sources) or maltodextrin supplements [75,78]. Similar inconsistency presented in
observational studies [76,79]. This issue warrants further investigation in China and other
transitional countries with habitual low intake of animal foods. In contrast, the positive
association of processed meat with overweight/obesity and hypertension was relatively
confirmative [80–83]. Animal offal, such as liver and kidney, are rich in cholesterol and fat
and are part of local cuisine in some regions. Previous prospective studies in the Chinese
population indicated that fatty red meats were positively associated with abdominal obesity
risk, and dietary pattern characterized by high offal intake was associated with higher
cardiovascular risks [84,85]. Of note, we did not observe any association of red meat with
overweight/obesity, no matter whether it was in the overall study population or each
dietary pattern. A meta-analysis of prospective studies suggested a positive association
between red meat with overweight/obesity and weight gain, but three of the four studies
used to generate estimates were from western countries, which had a much higher red
meat intake than Asian countries, and the remaining one in Chinese population suggested
no association of lean red meat with overweight/obesity [81,86]. These findings, together
with the present findings, indicated attention should be paid to the selection of meat types
and reduction in processed meat intake, especially for those with the typical southern
diet. In addition, the negative association of higher intake of dairy, fish, and poultry with
hypertension, rather than processed meat, also indicated the importance of animal foods
selection in dietary pattern optimization [87,88].

Our study had some limitations. First, dietary intake assessed by the 3 consecutive
days of 24 h recall could not reflect the long-term diet. However, FFQ is more susceptible
to measurement errors and incapable of capturing the detailed vegetable subgroups and
some foods with geographic characters, such as chili and legumes, which were important
for the present study. We assessed the correlation coefficients of major food group intakes
between FFQ and the 3 consecutive days of 24 h recall and presented plausible results as
previous study (Supplementary Materials File S4) [89]. Second, the cross-sectional study
design limited the interpretation of the causal relationship between dietary patterns and
overweight/obesity and hypertension. However, the possible inverse causal relationship in
cross-sectional design was maximally reduced since we excluded participants who changed
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their diet for known cardiometabolic risks or diagnosed cardiovascular diseases. Third,
after excluding some participants, the representativeness of the study population was
affected, limiting the generalizability of the study results. This was inevitable. Fourth,
self-reporting bias may affect the intake of food groups that are perceived to be healthy or
unhealthy, which were not measured in this study [36]. Fifth, although BMI is a common
measurement for overweight/obesity, body composition, especially the percentage of body
fat, is another important measurement of obesity; the association of dietary patterns with
different measurements of obesity was not extensively investigated in the present study.
Lastly, as with any observational study, the observed associations might be partly due to the
residual confounding for known confounding factors, such as income, education, physical
activity, smoking, and drinking. We alternatively adjusted these factors and analyzed the
modifying effect of them, yet the results were not materially altered.

5. Conclusions

In summary, the geographic distribution disparities of dietary patterns illustrate the
existence of external environmental factors that might be responsible for the different com-
binations of dietary components and, thus, different associations with overweight/obesity
and hypertension. Dietary pattern optimization is the key to managing overweight/obesity
and hypertension in China, and the emphasis should be placed on reducing low-quality
carbohydrate intake and increasing vegetable intake, particularly for people with a typ-
ical northern diet, and a selection of animal foods, particularly for people with a typical
southern diet. Dietary guidelines and actions should have more geographic and cultural
considerations besides socioeconomic factors in light of these findings. This section is
not mandatory but can be added to the manuscript if the discussion is unusually long
or complex.

Supplementary Materials: The following supporting information can be downloaded at: https://
www.mdpi.com/article/10.3390/nu14193949/s1, File S1: The selection process of study participants,
File S2: Diet survey in field, File S3: Definitions of food groups and nutrients, and methods for
calculating intake [30,31], File S4: The correlations of food group intakes between 3 consecutive days
of 24-h diet recalls and FFQ [34,89], File S5: Age-sex-standardized prevalence of overweight/obesity
and hypertension for four dietary patterns, File S6: Mean intakes of selected food groups for four diet
patterns, File S7: Recommended intakes of food groups and nutrients in Figure 4 [38–40], File S8: The
robustness of the characteristics of derived dietary patterns, File S9: Characteristics of participants,
File S10: Socioeconomic and lifestyle characteristics of participants and their associations with dietary
patterns, File S11: Association of physical activity with overweight/obesity and hypertension in
study population and each dietary pattern, File S12: Associations of protein food sources with
overweight/obesity and hypertension in various dietary patterns.

Author Contributions: G.D., R.Z., D.Y. and L.Z. conceived and designed the study. L.Z., H.F., L.J.,
X.X., Q.G., S.L., X.C., S.C. and D.Y. were the core members responsible for data collection and cleaning.
R.Z., F.Y. and Y.Y. contributed to data analysis and visualization. R.Z., D.Y. and G.D. accessed, verified,
and interpreted the results. R.Z. drafted the manuscript, which was revised by X.G. All authors
participated in a critical review of the study. G.D. and D.Y. made the final approval of the paper. All
authors have read and agreed to the published version of the manuscript.

Funding: This work was supported by the Study of Diet and Nutrition Assessment and Intervention
Technology (No.2020YFC2006300) from Active Health and Aging Technologic Solutions Major Project
of the National Key R&D Program.

Institutional Review Board Statement: The study was conducted in accordance with the Declaration
of Helsinki and approved by the Ethics Committee of the Nation Institute for Nutrition and Health,
Chinese Center for Disease Control and Prevention (protocol code: 201519-B; date of approval:
7 June 2015).

Informed Consent Statement: Informed consent was obtained from all subjects involved in the study.

Data Availability Statement: The data are not allowed to be disclosed according to the National
Institute for Nutrition and Health, Chinese Center for Disease Control and Prevention.

https://www.mdpi.com/article/10.3390/nu14193949/s1
https://www.mdpi.com/article/10.3390/nu14193949/s1


Nutrients 2022, 14, 3949 15 of 18

Acknowledgments: We thank all the team members and participants involved in China Nutrition
and Health Surveillance.

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Wang, L.; Zhou, B.; Zhao, Z.; Yang, L.; Zhang, M.; Jiang, Y.; Li, Y.; Zhou, M.; Wang, L.; Huang, Z.; et al. Body-mass index and

obesity in urban and rural China: Findings from consecutive nationally representative surveys during 2004–2018. Lancet 2021,
398, 53–63. [CrossRef]

2. Zhou, M.; Wang, H.; Zeng, X.; Yin, P.; Zhu, J.; Chen, W.; Li, X.; Wang, L.; Wang, L.; Liu, Y.; et al. Mortality, morbidity, and risk
factors in China and its provinces, 1990–2017: A systematic analysis for the Global Burden of Disease Study 2017. Lancet 2019,
394, 1145–1158. [CrossRef]

3. He, Y.; Li, Y.; Yang, X.; Hemler, E.C.; Fang, Y.; Zhao, L.; Zhang, J.; Yang, Z.; Wang, Z.; He, L.; et al. The dietary transition and its
association with cardiometabolic mortality among Chinese adults, 1982–2012: A cross-sectional population-based study. Lancet
Diabetes Endocrinol. 2019, 7, 540–548. [CrossRef]

4. Zhu, Z.; Yang, X.; Fang, Y.; Zhang, J.; Yang, Z.; Wang, Z.; Liu, A.; He, L.; Sun, J.; Lian, Y.; et al. Trends and Disparities of Energy
Intake and Macronutrient Composition in China: A Series of National Surveys, 1982–2012. Nutrients 2020, 12, 2168. [CrossRef]

5. Zhai, F.Y.; Du, S.F.; Wang, Z.H.; Zhang, J.G.; Du, W.W.; Popkin, B.M. Dynamics of the Chinese diet and the role of urbanicity,
1991–2011. Obes. Rev. 2014, 15 (Suppl. S1), S16–S26. [CrossRef]

6. Popkin, B.M. Synthesis and implications: China’s nutrition transition in the context of changes across other low- and middle-
income countries. Obes. Rev. 2014, 15 (Suppl. S1), S60–S67. [CrossRef] [PubMed]

7. Zhang, M.; Shi, Y.; Shi, O.; Zhao, Z.; Zhang, X.; Li, C.; Huang, Z.; Zhao, L.; Wang, L.; Li, Y.; et al. Geographical variations in
cardiovascular health in China: A nationwide population-based survey of 74,726 adults. Lancet Reg. Health West. Pac. 2020,
3, 100033. [CrossRef]

8. Zhang, X.; Zhang, M.; Zhao, Z.; Huang, Z.; Deng, Q.; Li, Y.; Pan, A.; Li, C.; Chen, Z.; Zhou, M.; et al. Geographic Variation in
Prevalence of Adult Obesity in China: Results From the 2013–2014 National Chronic Disease and Risk Factor Surveillance. Ann.
Intern. Med. 2020, 172, 291–293. [CrossRef]

9. Liu, S.; Li, Y.; Zeng, X.; Wang, H.; Yin, P.; Wang, L.; Liu, Y.; Liu, J.; Qi, J.; Ran, S.; et al. Burden of Cardiovascular Diseases in China,
1990–2016: Findings From the 2016 Global Burden of Disease Study. JAMA Cardiol. 2019, 4, 342–352. [CrossRef]

10. Ma, G. Food, eating behavior, and culture in Chinese society. J. Ethn. Foods 2015, 2, 195–199. [CrossRef]
11. Wang, J.; Lin, X.; Bloomgarden, Z.T.; Ning, G. The Jiangnan diet, a healthy diet pattern for Chinese. J. Diabetes 2020, 12, 365–371.

[CrossRef] [PubMed]
12. Keys, A.; Menotti, A.; Karvonen, M.J.; Aravanis, C.; Blackburn, H.; Buzina, R.; Djordjevic, B.S.; Dontas, A.S.; Fidanza, F.; Keys,

M.H.; et al. The diet and 15-year death rate in the seven countries study. Am. J. Epidemiol. 1986, 124, 903–915. [CrossRef] [PubMed]
13. James, W.P.; Nelson, M.; Ralph, A.; Leather, S. Socioeconomic determinants of health: The contribution of nutrition to inequalities

in health. BMJ 1997, 314, 1545–1549. [CrossRef] [PubMed]
14. Chen, M.; Creger, T.; Howard, V.; Judd, S.E.; Harrington, K.F.; Fontaine, K.R. Geospatial analysis of Mediterranean diet adherence

in the United States. Public Health Nutr. 2021, 24, 2920–2928. [CrossRef]
15. Czarnocinska, J.; Wadolowska, L.; Lonnie, M.; Kowalkowska, J.; Jezewska-Zychowicz, M.; Babicz-Zielinska, E. Regional and

socioeconomic variations in dietary patterns in a representative sample of young polish females: A cross-sectional study
(GEBaHealth project). Nutr. J. 2020, 19, 26. [CrossRef]

16. Gao, L.; Bhurtyal, A.; Wei, J.; Akhtar, P.; Wang, L.; Wang, Y. Double Burden of Malnutrition and Nutrition Transition in Asia:
A Case Study of 4 Selected Countries with Different Socioeconomic Development. Adv. Nutr. 2020, 11, 1663–1670. [CrossRef]
[PubMed]

17. The Top 10 Causes of Death. Available online: https://www.who.int/news-room/fact-sheets/detail/the-top-10-causes-of-death
(accessed on 14 May 2022).

18. Rehm, C.D.; Peñalvo, J.L.; Afshin, A.; Mozaffarian, D. Dietary Intake Among US Adults, 1999–2012. JAMA 2016, 315, 2542–2553.
[CrossRef]

19. Huang, L.; Wang, H.; Wang, Z.; Zhang, J.; Zhang, B.; Ding, G. Regional Disparities in the Association between Cereal Consumption
and Metabolic Syndrome: Results from the China Health and Nutrition Survey. Nutrients 2019, 11, 764. [CrossRef]

20. Song, F.; Cho, M.S. Geography of Food Consumption Patterns between South and North China. Foods 2017, 6, 34. [CrossRef]
21. Liu, Y.; Zhang, H.; Zhao, Y.; Chen, F.; Mi, B.; Zhou, J.; Chen, Y.; Wang, D.; Pei, L. Geographical variations in maternal dietary

patterns during pregnancy associated with birth weight in Shaanxi province, Northwestern China. PLoS ONE 2021, 16, e0254891.
[CrossRef]

22. Lee, S.A.; Cai, H.; Yang, G.; Xu, W.H.; Zheng, W.; Li, H.; Gao, Y.T.; Xiang, Y.B.; Shu, X.O. Dietary patterns and blood pressure
among middle-aged and elderly Chinese men in Shanghai. Br. J. Nutr. 2010, 104, 265–275. [CrossRef] [PubMed]

23. Wang, D.; He, Y.; Li, Y.; Luan, D.; Yang, X.; Zhai, F.; Ma, G. Dietary patterns and hypertension among Chinese adults: A nationally
representative cross-sectional study. BMC Public Health 2011, 11, 925. [CrossRef]

http://doi.org/10.1016/S0140-6736(21)00798-4
http://doi.org/10.1016/S0140-6736(19)30427-1
http://doi.org/10.1016/S2213-8587(19)30152-4
http://doi.org/10.3390/nu12082168
http://doi.org/10.1111/obr.12124
http://doi.org/10.1111/obr.12120
http://www.ncbi.nlm.nih.gov/pubmed/24341759
http://doi.org/10.1016/j.lanwpc.2020.100033
http://doi.org/10.7326/M19-0477
http://doi.org/10.1001/jamacardio.2019.0295
http://doi.org/10.1016/j.jef.2015.11.004
http://doi.org/10.1111/1753-0407.13015
http://www.ncbi.nlm.nih.gov/pubmed/31846221
http://doi.org/10.1093/oxfordjournals.aje.a114480
http://www.ncbi.nlm.nih.gov/pubmed/3776973
http://doi.org/10.1136/bmj.314.7093.1545
http://www.ncbi.nlm.nih.gov/pubmed/9183207
http://doi.org/10.1017/S1368980020001135
http://doi.org/10.1186/s12937-020-00546-8
http://doi.org/10.1093/advances/nmaa064
http://www.ncbi.nlm.nih.gov/pubmed/32529215
https://www.who.int/news-room/fact-sheets/detail/the-top-10-causes-of-death
http://doi.org/10.1001/jama.2016.7491
http://doi.org/10.3390/nu11040764
http://doi.org/10.3390/foods6050034
http://doi.org/10.1371/journal.pone.0254891
http://doi.org/10.1017/S0007114510000383
http://www.ncbi.nlm.nih.gov/pubmed/20187997
http://doi.org/10.1186/1471-2458-11-925


Nutrients 2022, 14, 3949 16 of 18

24. Xiao, X.; Qin, Z.; Lv, X.; Dai, Y.; Ciren, Z.; Yangla, Y.; Zeng, P.; Ma, Y.; Li, X.; Wang, L.; et al. Dietary patterns and cardiometabolic
risks in diverse less-developed ethnic minority regions: Results from the China Multi-Ethnic Cohort (CMEC) Study. Lancet Reg.
Health West. Pac. 2021, 15, 100252. [CrossRef]

25. Krusekopf, C.C. Diversity in land-tenure arrangements under the household responsibility system in China. China Econ. Rev.
2002, 13, 297–312. [CrossRef]

26. Giskes, K.; Avendano, M.; Brug, J.; Kunst, A.E. A systematic review of studies on socioeconomic inequalities in dietary intakes
associated with weight gain and overweight/obesity conducted among European adults. Obes. Rev. 2010, 11, 413–429. [CrossRef]
[PubMed]

27. Kearney, J. Food consumption trends and drivers. Philos. Trans. R. Soc. B Biol. Sci. 2010, 365, 2793–2807. [CrossRef]
28. He, Y.; Zhao, W.; Zhang, J.; Zhao, L.; Yang, Z.; Huo, J.; Yang, L.; Wang, J.; He, L.; Sun, J.; et al. Data Resource Profile: China

National Nutrition Surveys. Int. J. Epidemiol. 2019, 48, 368. [CrossRef]
29. Yu, D.; Zhao, L.; Zhang, J.; Yang, Z.; Yang, L.; Huang, J. China Nutrition and Health Surveys (1982–2017). China CDC Wkly. 2021,

3, 193–195. [CrossRef]
30. Yang, Y.X.; Wang, G.Y.; Pan, X.C. China Food Composition Tables 2009; Beijing Medical University Publishing House:

Beijing, China, 2009.
31. Yang, Y.N.; Chinese Center for Disease Control and Prevention. China Food Composition Tables 2018; Beijing Medical University

Publishing House: Beijing, China, 2018.
32. International Agency for Research on Cancer; W.H.O. Red Meat and Processed Meat; International Agency for Research on Cancer:

Lyon, France, 2018.
33. Wang, X.; Li, S.; Ma, Y.; Sun, J. Current situation of edible oil consumption of rural residents in China and its guidance. China Oils

2020, 45, 4. [CrossRef]
34. Schulz, C.A.; Oluwagbemigun, K.; Nöthlings, U. Advances in dietary pattern analysis in nutritional epidemiology. Eur. J. Nutr.

2021, 60, 4115–4130. [CrossRef]
35. Zhao, J.; Li, Z.; Gao, Q.; Zhao, H.; Chen, S.; Huang, L.; Wang, W.; Wang, T. A review of statistical methods for dietary pattern

analysis. Nutr. J. 2021, 20, 37. [CrossRef] [PubMed]
36. Fahey, M.T.; Thane, C.W.; Bramwell, G.D.; Coward, W.A. Conditional Gaussian mixture modelling for dietary pattern analysis. J.

R. Stat. Society. Ser. A Stat. Soc. 2007, 170, 149–166. [CrossRef]
37. Fraley, C.; Raftery, A.E. How Many Clusters? Which Clustering Method? Answers Via Model-Based Cluster Analysis. Comput. J.

1998, 41, 578–588. [CrossRef]
38. Nutrition, C.S.O. Chinese Dietary Guidelines (2022); People’s Medical Publishing House: Beijing, China, 2022.
39. Krebs-Smith, S.M.; Pannucci, T.E.; Subar, A.F.; Kirkpatrick, S.I.; Lerman, J.L.; Tooze, J.A.; Wilson, M.M.; Reedy, J. Update of the

Healthy Eating Index: HEI-2015. J. Acad. Nutr. Diet. 2018, 118, 1591–1602. [CrossRef]
40. Liese, A.D.; Nichols, M.; Sun, X.; D’Agostino, R.B., Jr.; Haffner, S.M. Adherence to the DASH Diet is inversely associated with

incidence of type 2 diabetes: The insulin resistance atherosclerosis study. Diabetes Care 2009, 32, 1434–1436. [CrossRef]
41. Chen, C.; Lu, F.C. The guidelines for prevention and control of overweight and obesity in Chinese adults. Biomed. Environ. Sci.

2004, 17, 1–36.
42. Liu, L.S. 2010 Chinese guidelines for the management of hypertension. Chin. J. Cardiovasc. Dis. 2011, 39, 579–615.
43. Willett, W.C.; Howe, G.R.; Kushi, L.H. Adjustment for total energy intake in epidemiologic studies. Am. J. Clin. Nutr. 1997, 65

(Suppl. S4), 1220S–1228S, discussion 1229S–1231S. [CrossRef]
44. Hall, J.E.; do Carmo, J.M.; da Silva, A.A.; Wang, Z.; Hall, M.E. Obesity-induced hypertension: Interaction of neurohumoral and

renal mechanisms. Circ. Res. 2015, 116, 991–1006. [CrossRef]
45. Vanderweele, T.J. Explanation in Causal Inference: Methods for Mediation and Interaction; Oxford University Press: New York, NY,

USA, 2015.
46. R Core Team. R: A Language and Environment for Statistical Computing. 2022. Available online: https://www.R-project.org/

(accessed on 12 November 2020).
47. Society, C.N. Chinese Dietary Reference Intakes (2013); Science Press: Beijing, China, 2013.
48. Su, C.; Jia, X.F.; Wang, Z.H.; Wang, H.J.; Ouyang, Y.F.; Zhang, B. Longitudinal association of leisure time physical activity and

sedentary behaviors with body weight among Chinese adults from China Health and Nutrition Survey 2004–2011. Eur. J. Clin.
Nutr. 2017, 71, 383–388. [CrossRef]

49. Zhang, J.; Wang, Z.; Du, W.; Huang, F.; Jiang, H.; Bai, J.; Zhang, X.; Zhang, B.; Wang, H. Twenty-Five-Year Trends in Dietary
Patterns among Chinese Adults from 1991 to 2015. Nutrients 2021, 13, 1327. [CrossRef] [PubMed]

50. Huang, L.; Wang, Z.; Wang, H.; Zhao, L.; Jiang, H.; Zhang, B.; Ding, G. Nutrition transition and related health challenges over
decades in China. Eur. J. Clin. Nutr. 2021, 75, 247–252. [CrossRef] [PubMed]

51. Yu, D.; Zhao, L.; Zhao, W. Status and trends in consumption of grains and dietary fiber among Chinese adults (1982–2015). Nutr.
Rev. 2020, 78, 43–53. [CrossRef]

52. Ma, P. The influence of geographical environment upon dietetic culture differences between the North and the South in China: A
case study of Guanzhong of Shaanxi and southeast of Guizhou. J. Carey Coll. 2010, 28, 5.

53. He, Y.; Ma, G.; Zhai, F.; Li, Y.; Hu, Y.; Feskens, E.J.; Yang, X. Dietary patterns and glucose tolerance abnormalities in Chinese
adults. Diabetes Care 2009, 32, 1972–1976. [CrossRef]

http://doi.org/10.1016/j.lanwpc.2021.100252
http://doi.org/10.1016/S1043-951X(02)00071-8
http://doi.org/10.1111/j.1467-789X.2009.00658.x
http://www.ncbi.nlm.nih.gov/pubmed/19889178
http://doi.org/10.1098/rstb.2010.0149
http://doi.org/10.1093/ije/dyy289
http://doi.org/10.46234/ccdcw2021.058
http://doi.org/10.12166/j.zgyz.1003-7969/2020.01.001
http://doi.org/10.1007/s00394-021-02545-9
http://doi.org/10.1186/s12937-021-00692-7
http://www.ncbi.nlm.nih.gov/pubmed/33874970
http://doi.org/10.1111/j.1467-985X.2006.00452.x
http://doi.org/10.1093/comjnl/41.8.578
http://doi.org/10.1016/j.jand.2018.05.021
http://doi.org/10.2337/dc09-0228
http://doi.org/10.1093/ajcn/65.4.1220S
http://doi.org/10.1161/CIRCRESAHA.116.305697
https://www.R-project.org/
http://doi.org/10.1038/ejcn.2016.262
http://doi.org/10.3390/nu13041327
http://www.ncbi.nlm.nih.gov/pubmed/33923855
http://doi.org/10.1038/s41430-020-0674-8
http://www.ncbi.nlm.nih.gov/pubmed/32620907
http://doi.org/10.1093/nutrit/nuz075
http://doi.org/10.2337/dc09-0714


Nutrients 2022, 14, 3949 17 of 18

54. Zhang, J.; Wang, Z.; Wang, H.; Du, W.; Su, C.; Zhang, J.; Jiang, H.; Jia, X.; Huang, F.; Zhai, F.; et al. Association between dietary
patterns and blood lipid profiles among Chinese women. Public Health Nutr. 2016, 19, 3361–3368. [CrossRef] [PubMed]

55. Lacko, A.; Delamater, P.; Gordon-Larsen, P.; Ng, S.W. Geographic patterns and socioeconomic differences in the nutritional quality
of household packaged food purchases in the United States. Health Place 2021, 69, 102567. [CrossRef]

56. Allen, L.; Williams, J.; Townsend, N.; Mikkelsen, B.; Roberts, N.; Foster, C.; Wickramasinghe, K. Socioeconomic status and
non-communicable disease behavioural risk factors in low-income and lower-middle-income countries: A systematic review.
Lancet Glob. Health 2017, 5, e277–e289. [CrossRef]

57. Dekker, L.H.; Rijnks, R.H.; Strijker, D.; Navis, G.J. A spatial analysis of dietary patterns in a large representative population in the
north of The Netherlands-the Lifelines cohort study. Int. J. Behav. Nutr. Phys. Act. 2017, 14, 166. [CrossRef]

58. Springmann, M.; Wiebe, K.; Mason-D’Croz, D.; Sulser, T.B.; Rayner, M.; Scarborough, P. Health and nutritional aspects of
sustainable diet strategies and their association with environmental impacts: A global modelling analysis with country-level
detail. Lancet Planet. Health 2018, 2, e451–e461. [CrossRef]

59. Cong, N.; Zhao, A.; Gong, P. Food Delivery Platform: A Potential Tool for Monitoring the Food Environment and Mitigating
Overweight/Obesity in China. Front. Nutr. 2021, 8, 703090. [CrossRef] [PubMed]

60. Lam, H.M.; Remais, J.; Fung, M.C.; Xu, L.; Sun, S.S. Food supply and food safety issues in China. Lancet 2013, 381, 2044–2053.
[CrossRef]

61. Kuehn, B.M. Heritage Diets and Culturally Appropriate Dietary Advice May Help Combat Chronic Diseases. JAMA 2019, 322,
2271–2273. [CrossRef] [PubMed]

62. Luo, Y.; Wang, J.; Sun, L.; Gu, W.; Zong, G.; Song, B.; Shen, C.; Zhou, P.; Chen, Y.; Wu, Y.; et al. Isocaloric-restricted Mediterranean
diet and Chinese diets high or low in plants in adults with prediabetes. J. Clin. Endocrinol. Metab. 2022, 107, 2216–2227. [CrossRef]

63. Zhang, S. Geographic Research of Food Culture in China. Yunnan Geogr. Environ. Res. 2009, 21, 27–31.
64. André, P.; Proctor, G.; Driollet, B.; Garcia-Esquinas, E.; Lopez-Garcia, E.; Gomez-Cabrero, D.; Neyraud, E.; Rodriguez-Artalejo, F.;

Morzel, M.; Féart, C. The role of overweight in the association between the Mediterranean diet and the risk of type 2 diabetes
mellitus: A mediation analysis among 21 585 UK biobank participants. Int. J. Epidemiol. 2020, 49, 1582–1590. [CrossRef] [PubMed]

65. Schoenaker, D.A.; Soedamah-Muthu, S.S.; Mishra, G.D. Quantifying the mediating effect of body mass index on the relation
between a Mediterranean diet and development of maternal pregnancy complications: The Australian Longitudinal Study on
Women’s Health. Am. J. Clin. Nutr. 2016, 104, 638–645. [CrossRef]

66. Naude, C.E.; Brand, A.; Schoonees, A.; Nguyen, K.A.; Chaplin, M.; Volmink, J. Low-carbohydrate versus balanced-carbohydrate
diets for reducing weight and cardiovascular risk. Cochrane Database Syst. Rev. 2022, 2022, Cd013334. [CrossRef]

67. Ge, L.; Sadeghirad, B.; Ball, G.D.C.; da Costa, B.R.; Hitchcock, C.L.; Svendrovski, A.; Kiflen, R.; Quadri, K.; Kwon, H.Y.;
Karamouzian, M.; et al. Comparison of dietary macronutrient patterns of 14 popular named dietary programmes for weight
and cardiovascular risk factor reduction in adults: Systematic review and network meta-analysis of randomised trials. Bmj 2020,
369, m696. [CrossRef]

68. Wan, Y.; Wang, F.; Yuan, J.; Li, J.; Jiang, D.; Zhang, J.; Huang, T.; Zheng, J.; Mann, J.; Li, D. Effects of Macronutrient Distribution on
Weight and Related Cardiometabolic Profile in Healthy Non-Obese Chinese: A 6-month, Randomized Controlled-Feeding Trial.
EBioMedicine 2017, 22, 200–207. [CrossRef]

69. Wan, Y.; Wang, F.; Yuan, J.; Li, J.; Jiang, D.; Zhang, J.; Li, H.; Wang, R.; Tang, J.; Huang, T.; et al. Effects of dietary fat
on gut microbiota and faecal metabolites, and their relationship with cardiometabolic risk factors: A 6-month randomised
controlled-feeding trial. Gut 2019, 68, 1417–1429. [CrossRef]

70. Hall, K.D.; Farooqi, I.S.; Friedman, J.M.; Klein, S.; Loos, R.J.F.; Mangelsdorf, D.J.; O’Rahilly, S.; Ravussin, E.; Redman, L.M.;
Ryan, D.H.; et al. The energy balance model of obesity: Beyond calories in, calories out. Am. J. Clin. Nutr. 2022, 115, 1243–1254.
[CrossRef] [PubMed]

71. Ludwig, D.S.; Aronne, L.J.; Astrup, A.; de Cabo, R.; Cantley, L.C.; Friedman, M.I.; Heymsfield, S.B.; Johnson, J.D.; King, J.C.;
Krauss, R.M.; et al. The carbohydrate-insulin model: A physiological perspective on the obesity pandemic. Am. J. Clin. Nutr.
2021, 114, 1873–1885. [CrossRef]

72. Li, Q.; Liu, C.; Zhang, S.; Li, R.; Zhang, Y.; He, P.; Zhang, Z.; Li, M.; Zhou, C.; Ye, Z.; et al. Dietary Carbohydrate Intake and
New-Onset Hypertension: A Nationwide Cohort Study in China. Hypertension. 2021, 78, 422–430. [CrossRef] [PubMed]

73. Miyazawa, I.; Miura, K.; Miyagawa, N.; Kondo, K.; Kadota, A.; Okuda, N.; Fujiyoshi, A.; Chihara, I.; Nakamura, Y.; Hozawa, A.;
et al. Relationship between carbohydrate and dietary fibre intake and the risk of cardiovascular disease mortality in Japanese:
24-year follow-up of NIPPON DATA80. Eur. J. Clin. Nutr. 2020, 74, 67–76. [CrossRef] [PubMed]

74. Yu, D.; Zhang, X.; Shu, X.O.; Cai, H.; Li, H.; Ding, D.; Hong, Z.; Xiang, Y.B.; Gao, Y.T.; Zheng, W.; et al. Dietary glycemic index,
glycemic load, and refined carbohydrates are associated with risk of stroke: A prospective cohort study in urban Chinese women.
Am. J. Clin. Nutr. 2016, 104, 1345–1351. [CrossRef]

75. Kjølbæk, L.; Sørensen, L.B.; Søndertoft, N.B.; Rasmussen, C.K.; Lorenzen, J.K.; Serena, A.; Astrup, A.; Larsen, L.H. Protein
supplements after weight loss do not improve weight maintenance compared with recommended dietary protein intake despite
beneficial effects on appetite sensation and energy expenditure: A randomized, controlled, double-blinded trial. Am. J. Clin. Nutr.
2017, 106, 684–697. [CrossRef]

76. Lotfi, K.; Mohammadi, S.; Mirzaei, S.; Asadi, A.; Akhlaghi, M.; Saneei, P. Dietary total, plant and animal protein intake in relation
to metabolic health status in overweight and obese adolescents. Sci. Rep. 2022, 12, 10055. [CrossRef]

http://doi.org/10.1017/S136898001600197X
http://www.ncbi.nlm.nih.gov/pubmed/27469620
http://doi.org/10.1016/j.healthplace.2021.102567
http://doi.org/10.1016/S2214-109X(17)30058-X
http://doi.org/10.1186/s12966-017-0622-8
http://doi.org/10.1016/S2542-5196(18)30206-7
http://doi.org/10.3389/fnut.2021.703090
http://www.ncbi.nlm.nih.gov/pubmed/34395497
http://doi.org/10.1016/S0140-6736(13)60776-X
http://doi.org/10.1001/jama.2019.18431
http://www.ncbi.nlm.nih.gov/pubmed/31774447
http://doi.org/10.1210/clinem/dgac303
http://doi.org/10.1093/ije/dyaa103
http://www.ncbi.nlm.nih.gov/pubmed/32754745
http://doi.org/10.3945/ajcn.116.133884
http://doi.org/10.1002/14651858.CD013334
http://doi.org/10.1136/bmj.m696
http://doi.org/10.1016/j.ebiom.2017.06.017
http://doi.org/10.1136/gutjnl-2018-317609
http://doi.org/10.1093/ajcn/nqac031
http://www.ncbi.nlm.nih.gov/pubmed/35134825
http://doi.org/10.1093/ajcn/nqab270
http://doi.org/10.1161/HYPERTENSIONAHA.120.16751
http://www.ncbi.nlm.nih.gov/pubmed/33550823
http://doi.org/10.1038/s41430-019-0424-y
http://www.ncbi.nlm.nih.gov/pubmed/30962516
http://doi.org/10.3945/ajcn.115.129379
http://doi.org/10.3945/ajcn.115.129528
http://doi.org/10.1038/s41598-022-14433-1


Nutrients 2022, 14, 3949 18 of 18

77. Myrmel, L.S.; Fauske, K.R.; Fjære, E.; Bernhard, A.; Liisberg, U.; Hasselberg, A.E.; Øyen, J.; Kristiansen, K.; Madsen, L. The Impact
of Different Animal-Derived Protein Sources on Adiposity and Glucose Homeostasis during Ad Libitum Feeding and Energy
Restriction in Already Obese Mice. Nutrients 2019, 11, 1153. [CrossRef]

78. Larsen, T.M.; Dalskov, S.M.; van Baak, M.; Jebb, S.A.; Papadaki, A.; Pfeiffer, A.F.; Martinez, J.A.; Handjieva-Darlenska, T.;
Kunešová, M.; Pihlsgård, M.; et al. Diets with high or low protein content and glycemic index for weight-loss maintenance. N.
Engl. J. Med. 2010, 363, 2102–2113. [CrossRef]

79. Meng, S.; Cui, Z.; Li, M.; Li, T.; Wu, F.; Kang, T.; Meng, H. Associations between Dietary Animal and Plant Protein Intake and
Cardiometabolic Risk Factors—A Cross-Sectional Study in China Health and Nutrition Survey. Nutrients 2021, 13, 336. [CrossRef]
[PubMed]

80. Rouhani, M.H.; Salehi-Abargouei, A.; Surkan, P.J.; Azadbakht, L. Is there a relationship between red or processed meat intake and
obesity? A systematic review and meta-analysis of observational studies. Obes. Rev. 2014, 15, 740–748. [CrossRef] [PubMed]

81. Schlesinger, S.; Neuenschwander, M.; Schwedhelm, C.; Hoffmann, G.; Bechthold, A.; Boeing, H.; Schwingshackl, L. Food Groups
and Risk of Overweight, Obesity, and Weight Gain: A Systematic Review and Dose-Response Meta-Analysis of Prospective
Studies. Adv. Nutr. 2019, 10, 205–218. [CrossRef]

82. Giromini, C.; Givens, D.I. Benefits and Risks Associated with Meat Consumption during Key Life Processes and in Relation to the
Risk of Chronic Diseases. Foods 2022, 11, 2063. [CrossRef] [PubMed]

83. Schwingshackl, L.; Schwedhelm, C.; Hoffmann, G.; Knüppel, S.; Iqbal, K.; Andriolo, V.; Bechthold, A.; Schlesinger, S.; Boeing, H.
Food Groups and Risk of Hypertension: A Systematic Review and Dose-Response Meta-Analysis of Prospective Studies. Adv.
Nutr. 2017, 8, 793–803. [CrossRef]

84. Li, P.; Zhang, M.; Zhu, Y.; Liu, W.; Zhang, Y.; Gao, Y.; Huang, G. Dietary patterns and changes in cardiovascular risk factors in
apparently healthy Chinese women: A longitudinal study. J. Clin. Biochem. Nutr. 2016, 58, 232–239. [CrossRef]

85. Wang, Z.; Zhang, B.; Zhai, F.; Wang, H.; Zhang, J.; Du, W.; Su, C.; Zhang, J.; Jiang, H.; Popkin, B.M. Fatty and lean red meat
consumption in China: Differential association with Chinese abdominal obesity. Nutr. Metab. Cardiovasc. Dis. 2014, 24, 869–876.
[CrossRef]

86. Lee, J.E.; McLerran, D.F.; Rolland, B.; Chen, Y.; Grant, E.J.; Vedanthan, R.; Inoue, M.; Tsugane, S.; Gao, Y.T.; Tsuji, I.; et al. Meat
intake and cause-specific mortality: A pooled analysis of Asian prospective cohort studies. Am. J. Clin. Nutr. 2013, 98, 1032–1041.
[CrossRef]

87. Nestel, P.J. Dietary Fat and Blood Pressure. Curr. Hypertens. Rep. 2019, 21, 17. [CrossRef]
88. Steur, M.; Johnson, L.; Sharp, S.J.; Imamura, F.; Sluijs, I.; Key, T.J.; Wood, A.; Chowdhury, R.; Guevara, M.; Jakobsen, M.U.; et al.

Dietary Fatty Acids, Macronutrient Substitutions, Food Sources and Incidence of Coronary Heart Disease: Findings From the
EPIC-CVD Case-Cohort Study Across Nine European Countries. J. Am. Heart Assoc. 2021, 10, e019814. [CrossRef]

89. Li, Y.P.; He, Y.N.; Zhai, F.Y.; Yang, X.G.; Hu, X.Q.; Zhao, W.H.; Ma, G.S. Comparison of assessment of food intakes by using 3
dietary survey methods. Chin. J. Prev. Med. 2006, 40, 273–280.

http://doi.org/10.3390/nu11051153
http://doi.org/10.1056/NEJMoa1007137
http://doi.org/10.3390/nu13020336
http://www.ncbi.nlm.nih.gov/pubmed/33498718
http://doi.org/10.1111/obr.12172
http://www.ncbi.nlm.nih.gov/pubmed/24815945
http://doi.org/10.1093/advances/nmy092
http://doi.org/10.3390/foods11142063
http://www.ncbi.nlm.nih.gov/pubmed/35885304
http://doi.org/10.3945/an.117.017178
http://doi.org/10.3164/jcbn.15-78
http://doi.org/10.1016/j.numecd.2014.03.002
http://doi.org/10.3945/ajcn.113.062638
http://doi.org/10.1007/s11906-019-0918-y
http://doi.org/10.1161/JAHA.120.019814

	Introduction 
	Materials and Methods 
	Study Population 
	Assessment of Dietary Intakes 
	Assessment of Dietary Patterns and Their Geographic Variations 
	Assessment of Overweight/Obesity and Hypertension 
	Socioeconomic Status (SES), Lifestyle, and Health Information 
	Statistical Analysis 

	Results 
	Geographic Variations in Dietary Patterns 
	Characteristics of Dietary Patterns 
	Socioeconomic and Lifestyle Factors Associated with Dietary Patterns 
	Association of Dietary Patterns with Overweight/Obesity and Hypertension 
	Associations of Estimated Percentage Energy from Macronutrients with Overweight/Obesity and Hypertension in Various Dietary Patterns 

	Discussion 
	Conclusions 
	References

