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Dengue fever is a mosquito-borne infectious disease threatening more than a hundred tropical countries of the world. The
heterogeneity of mosquito bites of human during the spread of dengue virus is an important factor that should be considered
while modeling the dynamics of the disease. However, traditional models assumed homogeneous transmission between host and
vectors which is inconsistent with reality. Mathematically, we can describe the heterogeneity and uncertainty of the transmission
of the disease by introducing fuzzy theory. In the present work, we study transmission dynamics of dengue with the fuzzy SEIR-
SEI compartmental model. The transmission rate and recovery rate of the disease are considered as fuzzy numbers. The
dynamical behavior of the system is discussed with different amounts of dengue viruses. Also, the fuzzy basic reproduction
number for a group of infected individuals with different virus loads is calculated using Sugeno integral. Simulations are made

to illustrate the mathematical results graphically.

1. Introduction

Dengue is one of the major public health concerns. It is a
mosquito-borne fastest growing tropical disease in the world.
Dengue cases have been increasing from 2.2 million (in 2010)
to over 3.2 million (in 2015) across the America, Southeast
Asia, and Western Pacific. More than one-third of the
world’s population, approximately 3.9 billion people, are liv-
ing in the dengue risk area of 128 countries [1]. Annually,
about 390 million new dengue infections are occurring
worldwide [2]. There is no licensed vaccine and no specific
antiviral drugs for the disease. About 2.5% of those that are
infected by dengue die [1].

Dengue is one of the emerging diseases in Nepal. The
outbreak of dengue usually occurs in Nepal during June to
October. Dengue case was first reported in Nepal 2004, and
major outbreaks have occurred on 2006, 2010, 2013, 2016,
and 2019 [3]. In the year 2019, more than 14,662 DENV
infection cases were confirmed in 67 districts of Nepal.
Among them, six people were reported to die due to dengue
disease infection [4].

Dengue fever is caused by one of the four closely related
dengue viruses of different serotypes: DENV-1, DENV-2,
DENV-3, DENV-4, which circulate simultaneously in an
endemic area. Dengue viruses are single-stranded RNA
viruses of the Flaviviridae family. It is transmitted by the
day-feeding mosquito Aedes Aegypti and the Asian Tiger
mosquito, Aedes Albopictus [5].

Mathematical models are more effective tools to
understand transmission dynamics of the disease, to iden-
tify the influential parameters in spreading the disease, and
to propose strategies for the control of the disease. There
is long and distinguished history of using mathematical
models for the study of the evolution and transmission
dynamics of infectious diseases. Kermack and Mckendrick
formulated an SIR compartmental model to study infec-
tious diseases mathematically [6]. Esteva and Vargas
remodeled it to use for vector host dynamics of dengue
disease taking constant [7] and variable human population
[8]. Since then, many researchers have studied dengue
disease transmission dynamics. Gakkhar and Chavda and
Phaijoo and Gurung studied the impact of awareness on
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the spread of dengue infection in a human population [9,
10]. Mobility of human population causes the spread of
the disease in new human populations, so impact of these
mobility parameters has been studied through mathemati-
cal models [11].

In the modeling of the transmission of dengue
disease, several nonlinear models of ordinary differential
equations have been used [6, 7, 10-12]. In these models,
the wvariables commonly represent subpopulations of
susceptible (S), exposed (E), infectious (I), and recovered
(R).

Most of the researchers have used deterministic models
with constant model parameters. Generally, they assumed
that each individual can transmit the disease and recover
from the disease in a constant rate. But these assumptions
conflicted with real epidemic. The model parameters like
transmission rates, biting rates, and recovery rates are
uncertain. Zadeh [13] had introduced the uncertainty in
a biological model. To study this uncertainty, mathemati-
cally, he defined the fuzzy set and fuzzy theory. Mondal
et al. modified the epidemic SIS model by considering
the disease transmission parameter and treatment control
parameter as fuzzy number [14]. De Barros et al. applied
fuzzy theory technique on a SI epidemiological model
while considering different degrees of infectivity. Also, they
used the transmission coefficient as a fuzzy set [15]. Djam
and Wajiga presented a fuzzy expert system for manage-
ment of malaria, to provide the decision support platform
to malaria researchers [16]. Emokhare and Igbape pro-
posed a fuzzy logic-based approach for the early diagnosis
of Ebola hemorrhagic fever [17].

Recently, fuzzy theory has been introduced in many
models of engineering, banking, public health, and biol-
ogy. Also, the theory has been used to study the diagno-
sis of the diseases. Previous studies regarding the general
epidemic models (SI, SIR) of infectious disease have been
developed with a fuzzy transmission parameter for the
diseases which are transmitted to human from human
directly [14, 15, 18]. Dengue is an infectious disease
which cannot be transmitted to human from human
directly without the intermediate vector, the Aedes mos-
quito. In the disease dynamics, the transmission rate
and recovery rate of the disease are not deterministic;
they are uncertain. So, in the present work, we consider
these parameters as fuzzy numbers. We compute fuzzy
basic reproduction number to study the stability of the
equilibrium points.

This paper is organized as follows. Fuzzy set and fuzzy
expected value are defined in Subsections 1.1 and 1.2. In Sec-
tion 2, we present the analysis of the fuzzy epidemiological
model. Also, positivity and boundedness of the solution of
the model are described in Subsection 2.2. In Section 3, we
perform stability analysis with basic reproduction number
of the dengue disease, using a next-generation matrix
method. We present a fuzzy basic reproduction number
and compare it with the deterministic basic reproduction
number with different virus loads of dengue disease in Sub-
section 3.3. In Section 4, numerical results and discussion
about the work are presented.
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1.1. Fuzzy Set. Let X be a nonempty crisp set. A fuzzy subset S
of X is denoted by S and is defined as

S={(x% #5(x)): x € X, 1)

where y; : X — [0, 1] is a membership function associated
with a fuzzy set S which describes the degree of belongingness
of x with X.

Here, we use the membership function p(x) to indicate
the fuzzy subset S. Also, u(x) is called fuzzy number if X is
the set of real numbers.

1.2. Fuzzy Measure and Fuzzy Expected Value. Let ( be a
nonempty set and P(Q) denote the set of all subsets of Q.
Then, p : P(Q) — [0, 1] is a fuzzy measure [19] if

(i) u(¢)=0and u(Q2)=1
(ii) for A, Be P(Q), u(A) <u(B) if ACB

Let u : Q2 — [0, 1] be an uncertain variable; ie., u is a
fuzzy subset and y a fuzzy measure on Q. Then, fuzzy
expected value (FEV) of u is the real number, defined by
the Sugeno integral [19],

FEV(u) = JQu du=sup {inf (&, k(a))}, O0<a<l, (2)

where
k(o) =pu{weQ: u(w)>a}. (3)

2. Fuzzy SEIR-SEI Model of Dengue

In this paper, we propose a SEIR-SEI model for dengue
transmission by incorporating the fuzzy number. The
model describes the interaction between susceptible,
exposed, infected, and recovered human population and
susceptible, exposed, and infected mosquito population by
the system of nonlinear ordinary differential equations
[11]. In the deterministic model proposed in [11], we use
the fuzzy number. Among the individuals of the popula-
tion, there are different degrees of susceptibility and infec-
tivity, so the concept of susceptible and infectious is
uncertain. Focusing on the population heterogeneity, we
consider the disease transmission coeflicient f3, between
susceptible and infected individuals as a fuzzy number.
The recovery of the infection of the disease is also uncer-
tain. The infected individual will recover from the disease,
when the amount of virus is reducing from the body. So,
we consider that the recovery rate y, is also a fuzzy num-
ber. To describe the virus load on these parameters, we
use the membership function 8, (v) and y,,(v) for the trans-
mission rate and recovery rate, respectively. Then, the fuzzy
SEIR-SEI model of dengue disease is described by the
following system of differential equations:

ds,
ar - Hy

N, - Bt

N, Splo = 4 Spo



BioMed Research International

dE, B,(v)b
d_th = %h)shlm = (ki + uy,)Ep»

dl
d_th =knEp, = (v,(v) + ) I

dR
d_th =Vu(V)I = Ry

ds B b
m :A— m I _ R
dt Nh Sm h Aumsm
dE, B,b
dt - Nh Sth (km+AMm)Em’
dl
— "=k E —ul_ . 4
7t = KmEm = bl (4)

Here, N,=S,+E,+I,+R, and N,=S, +E, +1,,
where N, is the host (human) population size, S;, is number
of susceptibles in the host population, I;, is the number of
infectives in the host population, R, number of immunes
(recovered) in the host population, N,, is the vector (mos-
quito) population size, S,, is the number of susceptibles in
the vector population, I,, is the number of infectives in the
vector population, y;, is the birth/death rate in the host popu-
lation, ,, is the death rate in the vector population, f3, is the
transmission coefficient from vector to host, 3, is the trans-
mission coeflicient from host to vector, y,, is the recovery rate
in the host population, b is the biting rate of vector, kj, is the
host's incubation rate, and k,,, is the vector’s incubation rate.

2.1. Membership Function. The fuzzy membership function
of the transmission parameter f3,(v) which depends on the
amount of virus load v is given by [15, 20]

0, if v<v,
V—=v_.
min .
B,(v)={ ———, if v, <v<wy, (5)
VM =~ Vmin
1 if vy <v<vopa

Here, v, represents the minimum amount of virus
needed for the disease transmission to occur. When the
amount of virus in an individual is less than v, , the chance
of transmission of disease is negligible. Moreover, for the cer-
tain amount of virus v,,, the transmission rate of the disease is
maximum and equal to 1. Furthermore, we suppose that for
the dengue disease, the individual’'s amount of virus is always
limited by v, ... The diagram of 3, (v) is given in Figure 1.

Here, y,,(v) represents the recovery rate from the infec-
tion of the disease which depends on the amount of virus
load. When the virus load is higher, it will take a longer time
to recovery from the disease. Thus, the fuzzy membership
function of recovery rate y, (v) is given by [18]

if 0<v<v 0 (6)

—

N o I
=~ (o) e}

Transmission rate f,(v)
=)
o

(=)

0 2 4
Virus load (v)

F1GURE 1: Membership function 8, (v).

where 0 <y, <1 is the lowest recovery rate. The diagram of
y,,(v) is given in Figure 2.

We assume that the amount of virus of the studied
group V may be different for different individuals. So,
with the classification of the studied group given by an
expert, it can be seen as a linguistic variable such as
weak, medium, and strong. Each classification of the
linguistic variable with membership function I'(v) is
given by [15]

0, if v<v-9,
v-v+4
—s
-(v-v-9)
s
1, if v>v+6.

if v-86<v<y,

if v<v<v+§6,

The parameter ¥ represents a central value, and § is
the dispersion of each one of the fuzzy set assumed by
V. The diagram of I'(v) is given in Figure 3.

2.2. Nonnegativity and Boundedness

Theorem 1. The solutions of the system (4) are nonnegative
forall t > 0.

Proof. Suppose D= {(S;, Ej, I;» Ry Syp» Eyo y) € R7 : 0<'S,,
> Eh) Ih; Rh) Sm> Em; Im}.

We show that D should be positively invariant. To prove it,
we examine the behavior of the state variables at the bound-

aries of D.

(a) At the boundary S, =0, we get

Sy= Ny >0 (8)

Thus, the solution cannot exit D by crossing this
boundary.
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FIGURE 2: Membership function y, (v).
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(b) At the boundary E;, =0, we get,

B- B0, ©)

Case 1. If E, =0, S, > 0,and I, (t) > 0, then E, > 0.
Case 2. If E, =0, S;, > 0,and I,, = 0, then E, = 0.
Case 3. If E, =0,S, =0,and I,, > 0, then E, =0.

In each of these cases, E; > 0, so the solution cannot exit
D, by crossing the boundary E; = 0.

(c) At the boundary I, =0, we have I, = k,E,

IfI,=0,E, >0, then I, > 0.

Thus, the solution cannot exit D, by crossing the bound-
ary I}, = 0.

In the similar manner, we can show that the solution of
the system cannot exit D by crossing the boundary of any
of the state variables.

Theorem 2. The solutions of the system (4) are bounded on |
0,b) for some b > 0.

Proof. We have from the system (4) N, =S, +E, +I, + R,
and dN,/dt =0. Thus, N, is constant for all ¢ €[0,b) for
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some b>0. Therefore, S,(¢),E,(t),1,(t),R,(t) are all
bounded on [0, b).

Again, we have,

N,=S,+E,+1,, (10)
which implies
dN,,
ar =A-p, Ny
(11)
A AN _,,
N, =— + (N, (0)— —)e¥n
#m l‘/tm
Hence,
A
lim supN,, < —. (12)
t—00 m

Therefore, S,,(t), E,,(t), and I,,,(t) are bounded above by
Alu,, on [0, b) for some b > 0. Since all the variables are non-
negative, these are bounded below by 0. Hence, the solution
of the system (4) are bounded on [0, b) for some b >0 [21].

2.3. Existence and Uniqueness. Here, we show the existence
and uniqueness of solutions of the model (4). We assume that
the system has the initial conditions as follows:

: (13)

Theorem 3. Consider the system (4) with nonnegative initial
condition (13). Solutions to the system (4) with initial condi-
tions (13) exist and are unique for all t > 0.

Proof. Let x(t) = (S;,(t), Ey(t), I,(£), Ry (t), S, (1), E, (1), L, (¢
)) € R7. The system (4) is written in the form x’ = f(x). Let
f»1=1,2,3,4,5,6,7 denote the components of the vector
field f; we have

Ji=wNy— ﬁh(v)bshlm =, Sps
Ny,
)b
fh= Ai) Sl — (ky + 14y, Ep»

Ny,

J3 =knEp = (vu(v) + ) s
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fa=vaW) = Ry,

b
fS =A- ﬁz\rmhsmlh _[’lmsm’

_Bub
h

f6 Sth_ (km +A"lm)Em’

f7:kmEm_n"lmIm‘ (14)

The vector field f consists of the algebraic polynomials of
state variables. Thus, f; are continuous autonomous functions
on R” and partial derivatives 0f;/0S,, 0f ;/0E,, 0f ;/01,, of ;/0
Ry, 0f,/0S,,, df ,/OE,,, and Of /01, exist and are continuous.
Hence, by existence and uniqueness theorem, a unique solution
of the system x' = f(x) exists for any initial condition x(0) €
R7 [22].

3. Stability Analysis of the Model

3.1. Basic Reproduction Number. Basic reproduction number
is defined as the average number of secondary infections
caused by a single infectious individual during their entire
infectious lifetime [23, 24]. The number is denoted by R,,.

Assume that F is the matrix of transmission terms and V
is the matrix of transition terms of the system (4). R, is
defined as the spectral radius of the matrix F VL e, p(F
V1), R, is obtained by using the next-generation matrix
method [23, 24]. For the model (4),

00 0 Msh ]
Ny,
Bl
F= 0 0 N—hsm 0 ,
0 0 0 0
0 0 0 0
] ) (15)
Tp 0 0 0
0 a 0 O
V= ,
-k, 0 g O
L 0 _km 0 U
p=ky+uy, a=k,+p,andg=y,(v)+p,
Thus, the basic reproduction number is
v’k k, A
RO(V)ZP(FV—I): ﬁh(v)ﬁm m'~h (16)

u2,apgN,

3.2. Equilibrium Points. There are two equilibrium points of
the system of differential equations (4), the disease-free
equilibrium point Py(N,,0,0,0,A/u,,,0,0) and endemic

equilibrium point P, (S;,, E};, I}, R}, S, Ex, 1)) Here,

g = Ny, [RiptyttNpet + B, (v)bAK,, |
R (44, Nyt + B, (v)bAK,,)
B o (RS — 1) bt Niqex
" ﬁmbkh(ﬂh(v)bAkm +:"lh1"£mNh“)
- (RS = 1)y, Nex
(ﬁh(v)bzAﬁmkm + Auh/"mNhaﬂmb)
* _ (Ré B l)yh(v)/’lan%z‘x (17)
" ﬁmb(ﬁh(v)bAkm + MhtumNh“)
g = ABu(V)bAk,, + pyph, Nyt)
" Rop N+, By (v)bAK,,
g o (R -DmNiAu,
" [RéﬂhMmNh"‘ +B,(v) bAkm}
_ (RS = 1), N}, Ak,
" [RéﬂhﬂmNh“ +B,(v) bAkm}

*

Theorem 4. The disease-free equilibrium point Py(N,, 0, 0,0
,Alu,, 0,0) is locally asymptotically stable when R, < 1 and
unstable when R, > 1.

Proof. The Jacobian matrix of system of Equation (4) is

G -AGL
A It 0 0 0 0 0 -EES,
ﬁh(V)bIm » 0 0 0 AL
Ny, Ny,

0 [ 0 0 0 0

J= 0 (U O 0 0 0

B,b B,b
_Pm? Pm?
0 0 S 0 REh-p, 0 0
0 o Bubg o Bl 0
Ny, Ny,

0 0 0 0 0 k, -4, |
(18)

The characteristic equation at the disease-free equilib-
rium point is

= M1=0= (s, + A (s, + ) =(p-+ M) (g + A) (o + )
1) Bl BORRA]

N,
(19)
Therefore,
A= =yt =ty
M+ AL+ AN+ AL+ A, =0, (20)



where

Aj=ptqtaty,,

Ay=pg+oap,+(p+q)(atp,) 21)

Ay=pg(a+p,)+ap,(p+q),
Ay=pqap,(1-Ry).

B,,(v) and vy, (v) have different values for different virus
loads. Thus, we have the following three cases for virus loads

(v).

Case 1. v<v

min?

B,(v)=0=R:=0,

Yu(V) = (Yo = 1)/Vipayv + 1> 0. (22)

Since the parameters p, g, &, and y,, are all positive, in the
above condition,

A1>0, A3>O; A4>0)

AAy—Ay=(p+rqta+p,)pq+ap, + (p+q)(a+uy,)
- [pa(a+p,,) + ap,,(p+q)]
=(p+q)pq+oap,,(a+u,)
+(p+q+atp,)(p+q)(atu,)>0,

AAAy=(p+q+a+p,)lpq+oap, +(p+q)(atu,)

“[pg(a+p,) + o, (p+q)]
=P ¢ (p+q)(a+p,) +rq (@+u,)

+2pqaps,,, (p+q)(«+ phy,)
+ paaph,, (a+u,)’ +pa(p+q)*(a+p,)?
+pq(p +q)(a+ ) + paows,,(p+q)°
+aun (p+q)° + o, (p+q)(a+p,)
+ ap, (p+q) (@t ) + o, (p + ) (a+ u,,)

A =p g (a+p,) + i, (p+q)°
+2pqop, (p+9)(a+ ph,,)s

AAT = pgap,, [(p+q)° + (a+p,)
+2(p+q)(a+u,))
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AjA)A, _Ag _A4A% =(p+q(atu,) [(Pq - “I”m)z
+pa(p+a)(@+ p,,) + pa(oc+p,,)’]
+(p+a)(a+ p,,) [ap,, (p+q)°
+au, (p+q)(a+p,)]>0.

(23)

Therefore, A, >0,A4,>0,A4;>0,4;A4, - A;>0, and A,
AAy - AL-AAT> 0.

Case 2. vy, SV vy,

B (v) = P
-1
yp(v) = Jo=1) )v +1>0. (24)
Vmax
We have A >0,A;>0,AA,-A;>0,

A,>0if 1-R3>0, RA<1, and Ry <1 and AA,A; — A} -
AAT>0if 1-R2>0,R3 < 1,and R; < 1.

Case 3. vy Sv<vp.o

We have A;>0,A;A,-A;>0,A;>0,andA, >0 and
AjA Ay - A - AJAS = A A A - AS > 0.

According to the Routh-Hurwitz criterion [25], the roots
of Equation (20) have negative roots or roots with negative
real parts. Hence, the disease-free equilibrium point is
asymptotically stable in all cases.

Theorem 5. The system has an endemic equilibrium point
P,(S;,E;, I}, R}, S, E;y, I,) which exists only when R, > 1.
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F1GURE 4: Weak, medium, and strong virus load with transmission rate f3, (v).

Proof. We have endemic equilibrium point P, (S}, E;, I}, R;;
,Si»Ens ), where

(RS = 1)y, Ny

;= } (26)
" (BUBAB, K + 0, N,aB,b)
(a) When v <v,_;,, we have
Bu(v)=0 R;=0 (27)
We get
* U Nh
Ir="tmh g (28)
"Bub
So, the disease dies out.
(b) When v, <v<v,,, we have
v—v
B,(v)= = >0,
h( ) YM = Vmin
— Vi k,k,b*A
R(Z) — (V me)ﬁm m™h >0 (29)

(VM ~ Vmin )pq“[’lgnNh

So, I; >0 if R, > 1. Thus, the disease is endemic.

(c) When vy, <v<w,., we have

k,k,b*A
R} = ﬁmmizh > 0. (30)
pqoau mN h
So, I, > 0 if R > 1. Thus, the disease is endemic.
Hence, the endemic equilibrium point exists if virus load

V2V

3.3. Fuzzy Basic Reproduction Number. Since the transmis-
sion rate of disease and recovery rate of infection of dis-
ease are assumed as a function of the virus load, the
basic reproduction number will be a function of the virus
load. The classical basic reproduction number R)(v) is
increasing with virus load v. It is not a fuzzy set, and it
can be greater than 1, but y, is always a positive fraction
with the highest value 1, so 0 <yyR,(v) < 1. Thus, y,Ry(v
) is a fuzzy set and hence, FEV(y,R,(v)) is well defined.
Under this view, we introduce the fuzzy basic reproduc-
tion number of the fuzzy SEIR-SEI model [18].
The fuzzy basic reproduction number is given by

%=$mw%&w»

(31)

where

FEV(y,Ry(v)) =sup {inf (&, k(a))}, O0<a<l,

k(o) = pu{v : yoRy(v) > a} = u(X),

(32)

which is a fuzzy measure.



We have to define fuzzy measure y to obtain FEV(y,R,
(v)). For this, the possibility measure [15]

u(X)=supI'(v), VveX,XcCR. (33)

We know that R, (v) is not decreasing with v; from FEV
(yoRo(v)), we have X = [v, v .. |, where ¥ is the solution of
the equation

BuMBI kA _

* @ apgN,

Thus,  k(a)=pu[v',v,,]=sup I'(v)withv' <v<wv
where k(0) =1 and k(1) = I'(v,,,)-

The amount of virus v in the population was assumed as a
linguistic meaning which is classified into three states: weak
virus load, medium virus load, and strong virus load. Each
state has a fuzzy behavior based on values v, ,v,; and
Vmax described in Figure 4.

max’

Case 1. Weak virus load when v + 8 < v,,;,;; we have
v) =0,
Ail¥ )
Ry(v)=0

S0, FEV(y,Ry(v)) =0 <y, & R < 1.
Then, the disease will die out.

Case 2. Medium virus load when v -8 >v
we have

and V+ 8 < vy

min

B (v) = Vag — Ve
ﬁh(v)ﬁmbzkmkhA
o(V) = =
#,apq(v)Ny,
1 if 0<a<y,Ry(V),
k(a) = r(v’), if poRy (V) < & < Ry (7 + 8)
0 if poRy(V+0) <a<1

(36)
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FIGURE 5: Susceptible human population.
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FIGURE 6: Infectious human population.
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FIGURE 7: Recovered human population.

Thus, if § > 0, k(«) is continuous and a decreasing func-
tion with k(0) =1 and k(1) = 0. Hence, the FEV(y,R,(v)) is
the fixed point of k and

YoRo (V) SFEV(yoR(v)) < yoRy (v +6),

Ry(v) <Rl < Ry(v +9). (37)
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TABLE 1: Parameters and their values.

Parameters U k;, N, k,, b B A

Values 1/(70 % 365) 0.5 160000 0.02941 0.1428 0.75 0.375 250000

Units Day ™! Day ™! Number Day ™~ Day ™! Day ™! Dimensionless Number/day

As a function R, (V) is increasing and a continuous func-
tion, by intermediate value theorem, there exist v with ¥ <v
< v+ 0 such that

R} =Ry (v) > Ry (7). (38)

Thus, there exists a virus load v such that R’(; =R,(v); ie., Rfé
and R,(v) coincide. Furthermore, RJ(; > R, (V). Therefore, the

fuzzy average number of secondary infection RJ(; is higher
than the number of secondary infection R,(7) due to the
medium amount of virus.

Case 3. Strong virus load when v -8 <v,; and v+ <,
we have

max’>

Bu(v) =1,
2
A
Ry(v) = Lol
[’lm‘qu(v)Nh
1L, if 0<as<y,R(P), (39)
k(@) = r(d), if YRy (V) < @ <y Ry (¥ +90),
0, if y,Ry(v+8)<a<l.
As in Case 2, we have
YoRo(v) SFEV(yRy(v)) ¥Ry (v +9),

Pk kA 1 bk, k,A
PVl L gy, Ry ) < Pt Glid
num“pq(V)Nh Yo ‘Um(qu(V‘f' )Nh

Ry(v) <Ry <Ry(v +9). (40)

Thus, Rg > 1; the disease will be endemic.

4. Numerical Results and Discussion

We explore the influence of dengue virus load with the
fuzzy behavior on the transmission dynamics of the den-
gue disease. We have simulated the fuzzy SEIR-SEI model
with different values of dengue virus loads, 357, 5 x 107,
and 1.04 x 10'° RNA per ml [26, 27].
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FIGURE 8: Basic reproduction number with transmission rate of
disease.
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FIGURE 9: Basic reproduction number with recovery rate of disease.

As virus load v increases, the infection rate increases. It
causes the increase in an infectious human population. So,
the susceptible human population decreases. Figures 5-7
describe the dynamics of susceptible, infectious, and recov-
ered host, respectively, for different virus loads. When the
virus load is minimum (357 RNA per ml), the infectivity of
the disease is negligible, so there is no transmission of the dis-
ease at this moment of virus load (Figure 5). It is noted that
when the virus load is maximum (1.04 x 10'° RNA per ml),
the susceptible human population decreases significantly to
its least value (Figure 5), due to significant increases in trans-
mission rate. Initially, the infectious human population
increases due to high transmission rate. Later on, the popula-
tion starts decreasing due to recovery from the disease and
natural death (Figures 6 and 7).

To illustrate the dynamics of dengue disease transmission
with the fuzzy behavior, different values of parameters are
needed (Table 1).

Basic reproduction number indicates whether the dengue
disease will vanish or persists in the population over time.
When the fuzzy transmission rate of the disease increases,
the infectious population increases, so the basic reproduction
number also increases (Figure 8). The basic reproduction
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FiGure 10: Basic reproduction number with transmission rate and recovery rate of disease.

number decreases with the increase of the recovery rate of the
disease. From maximum to the medium virus loads (107
RNA per ml), the basic reproduction number decreases
slightly, since at that situation, infection of the disease will
be very high. After that, it decreases very sharply (Figure 9);
because the recovery rate is very high, it means the virus load
is very low. Thus, when transmission rate increases, the dis-
ease will be endemic and when recovery rate increases, the
disease will die out (Figure 10).

Different phenomena of transmission dynamics of the
dengue disease are observed due to fuzziness of the model
parameters which are considered functions of virus loads.
These phenomena cannot be observed in deterministic
models. Thus, the fuzzy model can describe transmission
dynamics of dengue in a more realistic than deterministic
model of the disease.

5. Conclusion

In this paper, we have studied the SEIR-SEI epidemic model
of dengue disease in a crisp and fuzzy system. We have stud-
ied the dynamical behavior of the system. We considered the
two parameters, transmission rate of disease and recovery
rate, from infection as a function of virus loads and defined
their fuzzy membership functions. Also, we analyzed the sta-
bility of the model at disease-free equilibrium point with dif-
ferent virus loads. We computed the fuzzy basic reproduction
number.

Dengue disease cannot be spread among the population if
the amount of dengue virus is very low due to the natural
immunity. It will be endemic if the amount of the virus is
high. In the fuzzy system, these phenomena could be consid-
ered, but it cannot be considered in the crisp system. In the
classical system, the basic reproduction number is the func-
tion of system parameters only, whereas in the fuzzy system,
the basic reproduction number is a function of disease-
spreading virus. Thus, the fuzzy model is more realistic, flex-
ible, and balanced than the crisp model of the dengue disease.

The uncertain model parameters, transmission rate and
recovery rate, play a crucial role in the disease transmission
dynamics. So, we have considered only these parameters as
a function of dengue virus loads. We may consider the other
uncertain parameters of the model as the function of virus.
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