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Purpose: How individuals engage with social media can significantly impact their psychological well-being. This study examines the 
impact of social media interactions on mental health, grounded in the frameworks of the Elaboration Likelihood Model and Schema 
Activation Theory. It aims to uncover behavioral differences in information sharing between the general population and individuals 
with depression, while also elucidating the psychological mechanisms underlying these disparities.
Methods: A pre-experiment (N=30) and three experiments (Experiment 1a N=200, Experiment 1b N=180, Experiment 2 N=128) 
were executed online. These experiments investigated the joint effects of information quality, content valence, self-referential 
processing, and depression level on the intention to share information. The research design incorporated within-subject and between- 
subject methods, utilizing SPSS and SPSS Process to conduct independent sample t-tests, two-factor ANOVA analyses, mediation 
analyses, and moderated mediation analyses to test our hypotheses.
Results: Information quality and content valence significantly influence sharing intention. In scenarios involving low-quality 
information, individuals with depression are more inclined to share negative emotional content compared to the general population, 
and this tendency intensifies with the severity of depression. Moreover, self-referential processing acts as a mediator between 
emotional content and intention to share, yet this mediation effect weakens as the severity of depression rises.
Conclusion: Our study highlights the importance of promoting viewpoint diversity and breaking the echo chamber effect in social 
media to improve the mental health of individuals with depression. To achieve this goal, tailoring emotional content on social media 
could be a practical starting point for practice.
Keywords: depression, information-sharing behavior, cognitive schema, self-referential processing, information quality, content 
valence, social media

Introduction
Social media has become crucial for disseminating information and facilitating social interactions in the digital age. 
These platforms have transformed how individuals acquire and disseminate information and their cognitive perceptions.1 

A significant observation is the propensity of social media users to engage with information that aligns with their pre- 
existing beliefs, resulting in the phenomenon known as the “echo chamber effect”.2–4 This phenomenon creates a closed 
loop of information exchange, where the lack of diverse perspectives reinforces users’ pre-existing beliefs, potentially 
giving rise to cognitive biases.5,6 Within these echo chamber environments, individuals with depression demonstrate 
heightened sensitivity to this effect.7 Depression, a widespread mental health issue impacting global health, is primarily 
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characterized by persistent sadness and a loss of interest.8 The specific psychological state of individuals with depression 
could heighten their likelihood of encountering and sharing negative emotional content on social media.9 These 
information-sharing behaviors (ISB) may propagate negative emotions across their social networks, potentially exacer-
bating their depressive symptoms.10 Therefore, gaining a thorough understanding of the ISB of individuals with 
depression on social media is essential for devising effective mental health interventions and refining the policies of 
social media platforms.

The exchange of information is fundamental to human social interaction, and the emergence of social media has 
significantly amplified the frequency and breadth of information sharing. Typically, the decision to share information on 
social media is shaped by various cognitive processes, which include attention and the capacity to process information.11–14 

This behavior presents distinctive characteristics in individuals with depression. Comparative analyses of the content shared 
by depressed individuals and general users on social media show notable distinctions in their interaction patterns. Specifically, 
individuals with depression tend to exhibit cognitive distortions, which manifest as heightened expressions of negative 
emotions and a predominance of pessimistic views.15,16 These behavioral differences suggest a cognitive bias in individuals 
with depression, predisposing them to pessimistic and erroneous interpretations of personal and social information.17 This 
tendency can modify their information processing mechanisms, impacting attention, interpretative abilities, and other 
cognitive functions, increasing their likelihood of sharing negative content.18,19 Consequently, we propose that social media 
content may activate specific cognitive processes in individuals with depression, thus influencing their patterns of information 
sharing. Numerous studies have delved into the association between the frequency and duration of social media use and the 
symptoms of depression,20–22 as well as examining the impact of different types of user engagement, such as active and 
passive use, on mental health.23–25 Additionally, substantial research has focused on analyzing the linguistic characteristics of 
content shared by individuals with depression on social platforms.26,27 Efforts have also been made to identify and predict 
depressive symptoms using technologies like natural language processing.28–30 Moreover, a substantial amount of research 
has been conducted to explore how personality traits of individuals with depression influence their behavior on social 
media.31,32 Despite extensive research, a comprehensive analysis of the ISB of individuals with depression on social 
media, particularly from a cognitive perspective, is an area that has received relatively less attention. To bridge this gap, 
our study aims to address two fundamental questions: What distinctive characteristics are evident in the ISB of individuals 
with depression on social media? Furthermore, how are these characteristics connected to the psychological state and 
cognitive processing of these individuals?

This study comprehensively integrates the Elaboration Likelihood Model (ELM) and Schema Activation Theory to 
address the research questions above. The ELM provides a framework explaining that individual attitude changes can 
occur through two distinct pathways: the central and the peripheral.33 The central route involves an in-depth examination 
of the content, encompassing the assessment of information quality and the scrutiny of arguments presented. In contrast, 
the peripheral route is centered on the influence of external cues such as content valence. In this study, we apply these 
routes to evaluate how different characteristics of social media content, precisely information quality and content 
valence, influence the intention to share (IS) of individuals with depression. On the other hand, Schema Activation 
Theory highlights how individuals understand and interpret information through their cognitive frameworks, known as 
schemas. More specifically, the self-schema, a cognitive framework related to an individual’s self-perception, is a pivotal 
aspect of these schemas. In the case of individuals with depression, there is an inclination to select and disseminate 
information that resonates with their negative self-schemas. This propensity becomes more pronounced as the severity of 
depression increases.34,35 Accordingly, this study focuses on exploring how these self-schemas affect the processes of 
information assimilation and dissemination among individuals with depression in the context of social media.

At present, there are diverse methods available for studying the social media behaviors of individuals with depression. 
One such method is content analysis, which applies text mining and natural language processing technologies to examine 
the posts made by depressed individuals on social media. This approach aims to quantify emotional tendencies and other 
behavioral characteristics, effectively identifying emotional and psychosocial difficulties.36–38 However, the reliability of 
content analysis can be affected by the quality of the social media data it relies on. Moreover, while this method 
effectively uncovers patterns in user behavior, it does not delve deeply into the underlying psychological motivations or 
emotional states that drive these behaviors. Other frequently used methods such as network analysis,39 case studies,40 and 
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surveys,41 are also prevalent in research. However, these approaches often do not concentrate specifically on the unique 
cognitive dimensions pertinent to this study. Considering the limitations of the above methods, our research has adopted 
experimental approaches as the primary methodology. We conducted three distinct experiments to rigorously examine the 
hypotheses related to the ISB of individuals with depression. These experiments involved the distribution of carefully 
designed experimental materials to participants by random assignment, ensuring effective control over the variables and 
conditions within the social media experimental setting. This methodological choice significantly reduces the influence of 
confounding variables and facilitates a more profound examination of the underlying psychological motivations and 
emotional states.

This study holds significant theoretical and practical implications. Firstly, our study synthesizes theories from various 
domains, including the cognitive mechanisms of individuals with depression and social media information behavior. This 
integration provides a multifaceted, multidisciplinary perspective on how individuals with depression process and share 
information on social media. Our study mainly sheds light on their vulnerability to and reinforcement of an information 
cocoon characterized by a limited and reinforcing information environment. Secondly, this research marks a pioneering 
effort in merging the study of cognitive mechanisms in individuals with depression with their social media ISB. This 
study significantly contributes to revealing the psychological foundations of their social media interactions, offering 
a unique perspective on the information-sharing behaviors of individuals with depression. Finally, comprehensively 
understanding these ISB patterns is crucial for grasping the behaviors and needs of individuals with depression in social 
media contexts. This insight is invaluable for developing tailored psychological interventions and support mechanisms to 
address the specific challenges faced by this demographic on digital platforms.

Theoretical Background and Research Hypotheses
The Elaboration Likelihood Model
ISB is the outcome of interactions between individuals and their informational environment, fundamentally rooted in 
information adoption and conceptualized as a consequence of information processing.42 A fundamental theory in 
individual information processing is the dual processing theory, which posits that humans have two modes of information 
processing, and the interaction between automatic thinking and controlled processing determines behaviors.43 The 
elaboration likelihood model (ELM), a fundamental perspective within Dual-Process Theory, offers a theoretical frame-
work to comprehend how individuals process information and how this information influences attitudes. According to the 
ELM, central and peripheral pathways may impact individuals’ ISB. The central route involves critically assessing 
arguments pertinent to the subject, leading to judgment formation regarding the target behavior. In contrast, the 
peripheral route is dependent on non-content factors like emotional stimuli and source credibility for judgment formation. 
The ability and motivation to engage in in-depth thinking are two are crucial determinants influencing the choice of 
information processing route.44 This theoretical framework is commonly used in decision-making processes involving 
information, such as adopting online reviews,45 intention to donate to medical crowdfunding,46 and information system 
usage.47 ELM clarifies the influence of information processing on an individual’s decision-making process. Accordingly, 
this study investigates the disparities in the IS on social media between individuals with depression and the general 
population, considering information quality as the central cue and content valence as the peripheral cue.

Schema Theory in Depression
The concept of schemas is grounded in cognitive structures, distinguished by their unique content and organization, and 
developed through an individual’s experiences.48 Schemas shape an individual’s comprehension and response to complex 
situations, frequently leading to consistent reactions to analogous events. Self-schemas are especially critical in this 
framework as they encompass individuals’ cognitive perceptions of themselves. These self-schemas, cognitive general-
izations based on personal experiences, play a vital role in the encoding, storing, and retrieving of information. Self- 
schemas significantly influence how individuals interpret and recall self-related information, reflecting an individual’s 
self-cognition level.49 Furthermore, established schemas can prompt individuals to selectively attend to information that 
aligns with their existing beliefs or is self-relevant.50 This tendency is especially pronounced during the stages of 
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information processing, such as in the search and evaluation of information.51 Thus, we propose that an individual’s self- 
schema impacts their information acquisition and processing, affecting their ISB.

Schema Activation Theory posits that a combination of early adverse experiences, genetic factors, and personality 
traits play a crucial role in shaping the self-schemas in individuals with depression.52,53 The theory further asserts that the 
intensity of negative biases within an individual’s schema is directly proportional to the severity of their depressive 
disorder. When stressors activate dysfunctional schemas, individuals with depression experience specific negative 
cognitions, leading to biases in attention, processing, and memory that are negative. These patterns include tendencies 
like overgeneralization, selective abstraction, and dichotomous thinking. Consequently, these biases lead to a persistent 
negative interpretation of experiences, increasing the tendency of individuals with depression to focus solely on stimuli 
resonating with negative emotions and to overlook positive information.34 Schema activation operates continuously 
throughout a depressive episode, including its onset, remission, and potential relapse phases. The activation of cognitive 
distortions amplifies the perceived significance of events, thus creating a feedback loop that further strengthens these 
negative schemas.54 This cycle promotes negative automatic thoughts, which cultivate pessimistic perceptions of oneself, 
the world, and the future.55 In summary, individuals with depression demonstrate distinct cognitive processing char-
acteristics in comparison to the general population, characteristics that likely have a significant impact on their behavior 
regarding information sharing.

Research Hypotheses
Information Quality and Content Valence
In social media ISB, information quality and content valence are crucial elements significantly influencing ISB.

Information quality (IQ) pertains to aspects such as clarity, conciseness, depth, breadth, and completeness of information, 
which enhance the information’s understandability and processability.56 Due to social media’s casual and self-disclosing 
nature, IQ demonstrates notable variability across diverse content, posing user challenges in appraising information.57 In the 
evaluation process, the user’s perception of the authenticity of information is a critical initial step, triggering shifts in cognitive, 
emotional, or behavioral responses.58 Studies have shown that in online environments, the IQ of content is positively linked to 
changes in attitudes, with content presenting strong arguments being more convincing. In other words, the higher IQ correlates 
with a stronger inclination to share.59,60 Consequently, this study posits that IQ will positively influence ISB.

Another important factor influencing the IS on social media is the Content valence (CV).61 CV refers to the emotional 
tone embodied in the information and plays an integral role in the decision-making process of information sharing.62 Not 
only does CV shape the way individuals search for and process information, but it also influences their propensity to 
disseminate it. Studies have shown that emotional arousal can enhance social transmission, with emotionally charged 
words and content provoking more intense emotional responses. Previous research heightened emotional engagement 
captures user attention and influences feedback, participation, and sharing behaviors.63–65 However, academic consensus 
is lacking on whether the positive or negative CV substantially affects the IS. Some studies suggest that content with 
negative emotions is more likely to be shared, is more viral, and is perceived as more credible on social media.66,67 On 
the other hand, other studies indicate that positive emotions are more prevalent on social media and positively influence 
ISB.68,69 Consequently, this study posits that CV could impact ISB.

Self-Referential Processing as a Mediator
Self-Referential Processing (SR) is a psychological processing mechanism, uniquely reflecting an individual’s self-schema, 
which involves linking the information being processed to one’s personal experiences, thoughts, values, and other internal 
factors.70 In this study, SR refers to how individuals relate different types of emotional information to themselves or their 
personal experiences. The study investigates whether SR could act as a mediating factor between CV and IS.

Firstly, a significant correlation exists between CV and SR. When processing information on social media, users 
initiate a series of cognitive processes, comparing new information with existing self-relevant experiences and schemas, 
enhancing their understanding of the information.71 SR is instrumental in this process, facilitating cognitive encoding that 
links new external information to an individual’s self schema. The positive or negative attributes of the CV can intensify 
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the association of this information with an individual’s self-concept, affecting both the initial encoding and subsequent 
recall of the information. Studies indicate that people generally possess a positive self-image, leading to a faster response 
to positive stimuli than negative ones.72–74

Secondly, SR can serve as an influential persuasion strategy. This principle is grounded in the idea that individuals are 
more readily swayed by information resonating with their experiences, beliefs, or identities. Self-relevant information is 
not only easier to comprehend but also processed more swiftly. In the field of consumer behavior, extensive research has 
indicated that tailoring advertising content, such as brand and product information, to align with consumers’ SR notably 
increases brand satisfaction and purchase intentions.75–78 This alignment significantly enhances the persuasive power of 
advertising messages. Moreover, within the framework of the ELM, SR is viewed as a motivational state. The more self- 
relevant the social media information is, the higher the motivation for an individual to engage in profound contemplation 
about the content, encouraging further exploration, learning, and sharing activities.79,80 Therefore, this study hypothe-
sizes that SR acts as a mediator in the relationship between CV and IS.

Depression as a Moderator
The severity of depression may impact how individuals react to stimuli or situations, thereby influencing their ISB on 
social media. This study investigated whether the depression level (DL) could act as a moderating factor in the mediation 
and direct pathways between CV and IS.

Firstly, as DL increases, cognitive biases towards negative emotional information become more pronounced in 
individuals with depression. Schema Activation Theory posits that individuals with depression tend to focus on negative 
information while disregarding positive information selectively. This inclination becomes more pronounced as the 
severity of their symptoms increases, leading to dysfunctional attitude activation and negative interpretations of 
ambiguous information.34,81 These individuals often demonstrate a negative processing bias, making them more inclined 
to process information in a way that aligns with their negative mood. This tendency is a critical element of the cognitive 
vulnerability characteristic of depression, encompassing selective attention, memory bias, and interpretive bias.82–84 For 
instance, individuals with depression may neglect or minimally engage with positive or neutral information, and once 
they fixate on negative information, disengaging becomes challenging. Therefore, this study posits that DL moderates the 
direct relationship between negative CV and IS.

Secondly, depression detrimentally impacts decision-making flexibility. Individuals with depression are often challenged 
by cognitive function impairments, notably in cognitive control and working memory.85 This impact is evident in clinical 
observations, self-reported depressive symptoms, and during the depression recovery process, presenting as limitations in 
information processing capabilities.86 Cognitive control involves goal-oriented abilities like planning, problem-solving, and 
decision-making. Working memory is a limited-capacity system that temporarily stores and processes information required for 
complex cognitive tasks.87 Owing to these compromised cognitive functions, individuals with depression may struggle with 
task execution, characterized by sluggish and rigid decision-making, which can adversely affect their daily task performance 
and, subsequently, their overall quality of life.88–90 In the process of SR, individuals with depression may distort the 
assessment of the relevance of external stimuli to themselves, tending to overly associate negative information with 
themselves while overlooking positive information.91 This distortion in self-relevance can lead to inappropriate information 
processing, affecting the objectivity and accuracy of decision-making.92 Furthermore, existing research suggests that 
cognitively taxing tasks deplete working memory capacity, and processing information thoughtfully demands substantial 
cognitive resources.93 For individuals with depression, who often face impairments in working memory, the heightened 
demand for cognitive effort can exacerbate stress during decision-making processes, ultimately leading to a reduction in the 
quality of their decisions.60 Thus, this research posits that DL moderates the second path of the indirect relationship between 
SR and IS.

Overview of This Study
Based on prior research and theoretical models, this study seeks to explore the interconnections between IQ and CV on 
IS, emphasizing the mediating role of SR and the moderating influence of DL (Figure 1). The study puts forward the 
following hypotheses:
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H1: IQ would positively predict IS.
H2: CV would affect IS.
H3: SR would positively mediate the relationship between CV and IS.
H4: DL would positively moderate the direct relationship between negative CV and IS
H5: DL would adversely moderate the second path of the indirect relationship between SR and IS.

In this study, we implemented a pre-experiment and three experiments to explore the differences in social media IS between 
individuals with depression and the general population. The pre-experiment focused on designing and validating the manip-
ulative efficacy of the social media experimental materials, laying a robust foundation for the ensuing experiments. Experiment 
1a, directed at the general population, examined the principal effects of social media characteristics (IQ, CV) on the IS (H1, H2), 
seeking to comprehend how these information traits influence the sharing decisions of average users. Building upon Experiment 
1a’s insights and striving for closer congruence with the actual social media context, Experiment 1b concentrated on content 
with low IQ. This phase involved an expanded sample size to investigate further the primary effect of CV on IS (H2) and the 
mediating role of SR (H3), thereby enhancing the study’s robustness and external validity. Experiment 2 introduced DL as 
a moderating variable, dividing participants into non-depressed and moderately-to-severely depressed groups to assess H4 and 
H5. This step aimed to delve deeper into the impact of depression severity on social media ISB. To enhance the accuracy and 
applicability of the findings, Experiment 2 employed low IQ materials and varied the theme of the experimental content to 
mitigate potential topic-related biases on the experimental results. By adopting this series of experimental methods, our goal is to 
gain deeper insights into the differences in social media IS between individuals with depression and the general population.

Pre-Experiment
The objective of the pre-experiment was to meticulously design experimental materials tailored to meet the specific 
requirements of this research. We conducted a within-subject experiment using an online survey platform to ascertain the 
efficacy of manipulating IQ and CV. The pre-experiment involved the implementation of manipulation check procedures 
and criteria. These procedures were essential to ensure that the modifications to these variables strictly adhered to the pre- 
defined research criteria.

Materials
Experimental Stimulus Design
In this research, we selected content from WeChat, a widely-used social media platform, to serve as the experimental 
stimuli, ensuring relevance and effectiveness. WeChat, notable for its extensive user base covering a broad spectrum of 
user demographics, integrates features such as social networking, instant messaging, and diverse commercial functions.94 

These attributes make WeChat an ideal platform for gathering diverse and rich data content, rendering it an excellent 
choice for investigating social media ISB. The criteria for selecting experimental material encompassed: (1) Selected 
content should demonstrate substantial viewership to ensure its broad influence. (2) The material should originate from 

Figure 1 Moderated mediation model.

https://doi.org/10.2147/PRBM.S450934                                                                                                                                                                                                                                

DovePress                                                                                                                         

Psychology Research and Behavior Management 2024:17 1592

Liu et al                                                                                                                                                               Dovepress

Powered by TCPDF (www.tcpdf.org)

https://www.dovepress.com
https://www.dovepress.com


notable public accounts within the field, enhancing the practical applicability of the research findings. (3) The articles 
should have been recently published within the last two years to guarantee the contemporaneity and relevance of the 
information. Researchers screened and adapted portions of the original articles to formulate materials aligned with the 
experimental objectives.

To manipulate IQ, we employed various techniques: abbreviating materials to lessen information volume, altering 
causal logic to reduce logical coherence, incorporating errors and irrelevant details to amplify confusion, employing 
inaccurate content to misguide readers, and diminishing the clarity of the information structure. The adoption and 
execution of these methods were grounded in prior research, aiming to replicate low-quality information traits prevalent 
on social media.95,96 For CV, the selection was based on the nature and intensity of emotional language, ensuring 
uniformity and potency in emotional influence. In curating experimental materials, we avoided potentially confounding 
information channels and stringently controlled the word count and format. This strategy was adopted to guarantee 
comparability across various experimental conditions and reduce extraneous factors’ potential influence on the results. 
Finally, twelve rigorously designed and controlled experimental materials were created.

Manipulation Check
To verify the manipulations of IQ and CV, we utilized validated psychological scales. For accurately measuring IQ, we 
adapted from previous research,97 including three items: “The article’s content is accurate”, “The article’s content is 
complete”, and “The article’s content is reliable”. A small-scale preliminary test was carried out to confirm their 
reliability and validity. Regarding the measurement of CV, we employed the Positive and Negative Affect Scale.98 

Four items were selected for the assessment: “inspired” and “happy” to measure positive emotions, with their combined 
scores producing a positive emotion score, and “anxious” and “sad” to evaluate negative emotions, with their cumulative 
scores generating a negative emotion score. These indicators, representing fundamental emotional experiences, have been 
previously validated in social media information behavior research.99

The measurement of IQ and CV employed a Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree), with 
three acting as the neutral midpoint, marking the division between agreement and disagreement. This delineation was 
strategically set to differentiate between high and low-quality information and effectively identify positive and negative 
emotions within our sample. The criteria for manipulation checks were as follows: the above three signified high-quality 
information, while a score below 3 indicated low-quality information. For CV, scenarios where the positive emotion 
score was higher than the negative emotion score were classified as positive, and vice versa for negative. These standards 
were established based on empirical data from previous research.100

Procedure
Before initiating the formal pre-experiment, a preliminary evaluation of the experimental materials was conducted. For 
this purpose, four graduate students with specializations in information behavior and information management were 
recruited for an initial assessment. These students, equipped with academic knowledge and a nuanced understanding of 
social media content quality, conducted an extensive review of the materials to ascertain their appropriateness for the 
experiment. Based on their feedback, precise revisions were implemented. Four materials were excluded due to their non- 
conformity with pre-defined standards or inferior quality. The rest of the materials were adjusted according to the 
recommendations, enhancing their suitability for experimental purposes.

Subsequently, during the pre-experiment phase, 30 participants were enlisted through the Credemo platform, 
a premier online resource for conducting behavioral experimental surveys. Credemo is acclaimed for its rigorously 
controlled and standardized experimental environment, which not only bolsters the efficacy of the experiments conducted 
but also guarantees the reliability of the collected data. The platform’s extensive adoption by numerous scholars for the 
publication of professional research papers is a testament to its substantial academic utility and value.101–103 In our 
experimental approach, a within-subject design was utilized, wherein each participant engaged with eight different types 
of experimental stimuli and subsequently responded to the IQ and CV scale items pertinent to each stimulus. To mitigate 
any potential biases arising from the sequence of material presentation, a randomization strategy was applied in 
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presenting the experimental materials. Finally, each material’s average scores for IQ and CV items were calculated. These 
scores were then evaluated to determine whether they met the pre-defined criteria set for the manipulation checks.

Results
The participants’ demographic information in the pre-experiment consisted of 14 males and 16 females, with a mean age 
of 34 (SD=10). The six experimental materials were validated through the manipulation check, and Table 1 shows the 
results. The following experiments used these materials. For specific details of the materials, refer to Table S1.

Experiment 1
Experiment 1a
Experiment 1a is designed to investigate the effects of social media characteristics, specifically IQ and CV, on IS. By 
focusing on the general population, this experiment aims to gain a deeper understanding of how these specific 
information traits impact the sharing decisions of typical users and to assess H1 and H2. The experiment adopted a 2 
(IQ: High vs Low) x 2 (CV: Positive vs Negative) between-subjects design to explore these hypotheses effectively.

Method
Participants 
This study determined the sample size using a priori power analysis by the statistical software G*Power 3.1.104 The 
selected research method was ANOVA, set with an alpha (α) level of 0.05, a power (1−β) of 0.8, and an effect size (f) of 
0.25. Based on these parameters, the calculation suggested recruiting approximately 179 participants. The experiment 
was executed on Credemo. A total of 204 questionnaires were distributed, resulting in 200 responses, corresponding to an 
effective response rate of 98%. Experiment 1a successfully engaged 200 participants, comprising 73 males, with an 
average age of 31.1 years (SD=6.2 years). Participants were evenly distributed into four distinct conditions, each 
encompassing 50 participants: low-quality positive, low-quality negative, high-quality positive, and high-quality negative 
groups. This balanced distribution was crucial for enhancing the accuracy of the data analysis. Finally, participants 
received a reward after the completion of the experiment.

Materials 
Experiment 1a crafted four distinct experimental stimuli, each centered on a specific theme to minimize the topic’s 
potential impact on participants’ IS. The items used to measure IS were adapted from prior research on information 
sharing.105,106 This included three statements: “I intend to share this information on social media” “I plan to share this 
information with others on social media” and “Overall, I would like to share this information with others on social 
media.” These items aimed to gauge participants’ IS. A 5-point Likert scale was employed for the responses (1=strongly 
disagree, 5=strongly agree), with higher scores indicating a stronger propensity to share. In Experiment 1a, Cronbach’s 
alpha for the IS scale was 0.94, reflecting its high reliability.

Procedure 
Before the start of the experiment, all participants were required to acknowledge that they had comprehensively read and 

Table 1 Results of Manipulation Test of Experimental Materials (N=30)

Material Number IQ Positive CV Negative CV Material Classification

1 4.33 3.90 1.60 High IQ, Positive

2 4.33 1.65 4.02 High IQ, Negative
3 2.68 2.87 2.15 Low IQ, Positive

4 2.20 1.63 3.57 Low IQ, Negative

5 2.51 3.32 2.13 Low IQ, Positive
6 2.37 1.57 3.95 Low IQ, Negative

Abbreviations: IQ, Information Quality; CV, Content Valence.
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understood the informed consent form, confirm their eligibility based on age criteria, and express their agreement to 
partake in the study. Subsequently, they were asked to provide details regarding their social media usage and demo-
graphic information, including age, gender, and educational background. This information was vital for addressing and 
controlling potential confounding variables, enhancing the research findings’ accuracy and validity. To enhance the 
realism and relevance of the experiment, participants were asked to specify the social media channels they primarily use 
for acquiring and sharing information. This step was intended to mimic the participants’ real-life social media usage 
patterns, ensuring that the experimental conditions closely mirrored actual scenarios of social media engagement.

Following the random assignment of participants to one of the four experimental groups, an attention check focusing 
on the content was conducted. This step was crucial for assessing participants’ comprehension of the experimental 
materials and ensuring the quality of the data collected.107 The attention check consisted of brief queries, such as “Please 
summarize the experimental material using at least three keywords”, to verify that participants had thoroughly engaged 
with the materials. Subsequently, we evaluated the participants’ IS responses to the experimental stimuli presented. To 
comprehensively analyze the gathered data, SPSS 25.0 was utilized for a two-factor analysis of variance (ANOVA), 
facilitating the testing of the proposed hypotheses.

Results and Discussion
The descriptive statistics for Experiment 1a are presented in Table 2. Experiment 1a examines the relationship between 
CV and IQ as independent variables and IS as the dependent variable. Control variables in this experiment consisted of 
age, gender, education level, and social media usage experience. The two-way ANOVA showed significant effects of 
both IQ on IS (F(1196) = 41.9, p < 0.001, ηp² = 0.18) and CV on IS (F(1196) = 4.42, p < 0.05, ηp² = 0.022), providing 
support for H1 and H2. As illustrated in Figure 2, significant differences were found between the low IQ group on IS 
(M=2.97, SD=1.35) and the high IQ group on IS (M=4.02, SD=0.90), suggesting that participants had a preference for 
sharing high-quality information. Meanwhile, a disparity was observed between the negative group on IS (M=3.34, 
SD=1.33) and the positive group on IS (M=3.65, SD=1.17), as participants conveyed an intention to share information 
characterized by positive valence.

Experiment 1a investigates how different types of CV and IQ influence participants’ IS. A notable variance in IS was 
observed in low IQ scenarios, with participants more likely to share positive emotional information. However, several 
issues warrant further exploration in Experiment 1a: (1) The sample size in Experiment 1a is relatively small. Would the 
experimental results be robust if replicated with more participants in each group? (2) From a practical standpoint, the era 
of social media is characterized by widespread false and misleading information, with the harmful effects of low-quality 
content being particularly pronounced for individuals. How does SR influence the impact of CV on IS in low-information 
-quality contexts?

Table 2 Descriptive Statistics and Correlation Analysis in Experiment 1a 
(N=200)

Mean SD 1 2 3 4 5 6

1. Gender 0.64 0.48
2. Age 30.92 6.60 −0.08

3. EL 3.11 0.57 −0.02 −0.08

4. SMUE 3.30 0.75 −0.08 0.17* 0.05
5. CV 0.50 0.50 0.03 −0.05 0.11 0.01

6. IQ 0.50 0.50 0.09 0.04 0.04 0.00 0.00

7. IS 3.50 1.26 0.05 0.05 −0.04 −0.08 0.12 0.42**

Notes: For Gender: 0 = Male, 1 = Female; For EL: 1 = High school and below, 2 = Associate 
degree, 3 = Bachelor’s degree, 4 = Master’s degree, and 5 = Doctorate; For SMUE: 1 = Less 
than 1 year, 2 = 2 to 4 years, 3 = 5 to 7 years, and 4 = More than 8 years. For CV: 0 = Negative, 
1 = Positive. For IQ: 0 = Low, 1 = High. **p < 0.01, *p < 0.05. 
Abbreviations: EL, Education level; SMUE, Social Media Usage Experience; CV, Content 
Valence; IQ, Information Quality; IS, Intention to Share.
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Experiment 1b
Experiment 1b was designed to investigate the impact of CV on IS within a context of low-quality information and to 
assess the mediating influence of SR, thus examining H2 and H3. This experiment utilized a single-factor (Positive vs 
Negative) between-subjects design. The choice of a low-quality information environment was deliberate, aiming to 
reflect the diverse IQ typically encountered on social media. By removing the variable of IQ, the experiment could 
concentrate on the effect of CV on IS. Additionally, this setup was crucial for investigating the underlying mechanisms of 
how CV impacts IS among the general population, particularly emphasizing the mediating effect of SR in this dynamic.

Method
Participants 
The participant count for Experiment 1b was precalculated using G*Power 3.1,104 employing an independent samples 
t-test, with an alpha level (α) of 0.05, power (1−β) of 0.8, and an effect size (d) of 0.5. This analysis suggested the 
necessity of 102 participants. The experiment was conducted online using the Credemo, with 196 questionnaires initially 
disseminated. To ensure the integrity of the data, an attention check was implemented, consisting of crucial questions 
(such as “What is the content of this material?”) to verify that participants had thoroughly engaged with the experimental 
materials. Based on the results of the attention check, 16 questionnaires were excluded, resulting in 180 valid responses 
and an effective response rate of 91.84%. Experiment 1b recruited 180 participants (76 males, average age 31.1 years, 
SD=8.7 years). They were randomly allocated to one of two groups comprising 90 individuals representing negative or 
positive content conditions. Participants received a reward after completing the experiment.

Materials 
The experimental stimuli for Experiment 1b were sourced from the low IQ group of Experiment 1a, particularly utilizing 
materials numbered 3 and 4. Similar to Experiment 1a, measurement items from previous IS research were used, 
encompassing three statements and employing a 5-point Likert scale. In Experiment 1b, the Cronbach’s alpha for IS was 
0.93.

To evaluate SR, we adapted scales from research in consumer behavior and advertising persuasion effects.108,109 

Adaptations to the measurement items for this experiment entailed minor language modifications to enhance relevance, 
such as replacing the word “product” with “article” in the original scale items. Participants responded to statements like 
“This article is closely related to my life”, “This article is significant to me”, “This article reminds me of my life 
experiences”, “This article seems to be written for me”, “This article is important to me”, and “This article reminds me of 
myself”. Responses were recorded on a scale ranging from 1 (strongly disagree) to 7 (strongly agree). Higher scores on 
this scale indicated a higher degree of SR. The Cronbach’s alpha for SR in Experiment 1b was 0.89. Additionally, at the 

Figure 2 Experiment 1a results. 
Abbreviation: IQ, Information Quality.
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end of the experiment, participants evaluated the IQ of the stimuli using the same items as in the pre-experiment. The 
Cronbach’s alpha for IQ in Experiment 1b was 0.85, affirming the reliability of these measurements.

Procedure 
In Experiment 1b, we followed the same procedure as in Experiment 1a. Participants engaged with two meticulously 
crafted low-quality information materials. To ensure parity in perceived IQ across both groups, participants were 
requested to evaluate the IQ of the reviewed materials. Following the reading, we assessed participants’ SR and IS. 
Finally, to analyze the collected data and test Hypothesis H3, we employed SPSS 25.0 and Process Macro 4.1, 
specifically using model 4, to conduct the mediation analysis.

Results and Discussion
The descriptive statistics for Experiment 1b are presented in Table 3. An independent sample t-test was conducted to 
examine the difference in perceived IQ. The results (Mnegative = 3.37, Mpositive = 3.61, t(178) = −1.73, p > 0.05, Cohen’s 
d = 0.26) indicate the absence of statistically significant differences between the two groups, thereby ruling out the 
interference of IQ. Furthermore, the researchers reassessed the main effect of CV on IS. An independent sample t-test 
was performed, revealing significant differences in IS between the two groups on IS (Mnegative = 3.43, Mpositive = 3.80, t 
(178) = −2.18, p < 0.05, Cohen’s d= 0.32), thus supporting support for H2 once again. Therefore, in a context with 
limited IQ, CV significantly influenced the participants’ IS, indicating a preference for sharing positive information, 
consistent with the findings from Experiment 1a.

To investigate the mediating role of SR, the analysis of mediation effects utilized 5000 bootstrap samples with control 
for age and gender as covariates. The results indicate that CV significantly predicted SR (b = 0.58, SE = 0.18, 95% CI= 
[0.22, 0.94]), and SR significantly predicted IS (b = 0.78, SE = 0.04, 95% CI = [0.71, 0.86]). In contexts of low IQ, 
positive emotional cues were associated with a higher level of SR, which positively influences participants’ IS. The 
mediating effect is statistically significant, as the confidence interval (b = 0.45, SE = 0.15, 95% CI = [0.16, 0.74]) does 
not include 0 (Table 4). This result indicates a significant indirect effect of SR on CV and IS, thereby providing evidence 
supporting H3. The findings of the experiment can be viewed in Figure 3.

Experiment 1b investigates the impact of CV on IS, replicating the main effects observed with a larger sample size. 
This experiment effectively tests H2 and examines the mediating role of SR (H3). In the positive group, participants 

Table 3 Descriptive Statistics and Correlation Analysis in 
Experiment 1b(N=180)

Mean SD 1 2 3 4

1. Gender 0.58 0.50

2. Age 31.14 8.71 0.00

3. CV 0.50 0.50 −0.02 −0.03
4. SR 4.71 1.26 0.00 0.20** 0.22**

5. IS 3.61 1.15 −0.01 0.23** 0.16* 0.86**

Notes: For Gender: 0 = Male, 1 = Female; For CV: 0 = Negative, 1 = Positive. 
**p < 0.01, *p < 0.05. 
Abbreviations: CV, Content Valence; IS, Intention to Share; SR, Self- 
Referential Processing.

Table 4 Bootstrap Analysis Results in Experiment 1b 
(N=180)

Effect BootSE BootLLCI BootULCI

Total 0.39 0.17 0.06 0.72
Direct −0.06 0.09 −0.24 0.12

Indirect 0.45 0.15 0.16 0.74
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exhibited a heightened level of SR, which enhanced their tendency to share positive content. However, Experiment 1b 
raises two questions for further exploration: (1) Are the experimental results robust when varying the theme and content 
from Experiment 1b? (2) How does DL affect the relationship between CV and IS and between SR and IS?

Experiment 2
Experiment 2 was designed to investigate the influence of DL on the IS and to evaluate H4 and H5. Employing a single- 
factor (CV: Negative vs Positive) between-subjects design, this experiment aimed to compare participants’ IS directly 
with varying levels of DL when encountering different types of emotional content. Additionally, Experiment 2 examined 
how the DL might moderate the relationship between the SR and the IS.

For assessing participants’ DL, we used a self-report depression assessment tool, which enabled the categorization of 
participants into non-depressed and moderate-to-severe depression groups. Experiment 2, similar to Experiment 1b, 
exclusively employed materials characterized by low IQ to maintain a controlled experimental setting. Furthermore, to 
eliminate any potential bias from the topic of the materials, we altered the theme of the experimental content, thereby 
enhancing the study’s generalizability and validity.

Method
Participants
For Experiment 2, participant selection was based on their self-reported mental health status, utilizing the Beck 
Depression Inventory-Short Form (BDI-SF) for accurate classification. The BDI-SF was chosen due to its widespread 
acceptance in both clinical and research contexts, enabling effective differentiation among participants with various 
depression levels.110 The necessary sample size for Experiment 2 was determined using G*Power 3.1 for a priori linear 
multiple regression analysis (α = 0.05, 1−β = 0.8, f2 = 0.15), which suggested a minimum of 68 participants.

Considering the unpredictability of online participant distribution, especially among individuals with depression, we 
disseminated 244 questionnaires via the Credemo platform to encompass a broader demographic. An attention check was 
implemented to ensure response quality and validity, focusing on consistent responses to specific questionnaire items. 
This procedure resulted in 185 valid responses, equating to an effective response rate of 75.8%. The employment of this 
screening criterion was critical in enhancing the accuracy and dependability of the data collected.

Materials
In Experiment 2, the experimental stimuli consisted of two news articles from a single social media platform, explicitly 
identified as materials 5 and 6. The preliminary study offered comprehensive guidelines on manipulating these materials 
and verifying their effectiveness.

The Beck Depression Inventory (BDI) is a widely-recognized self-report instrument for evaluating depression 
symptoms. BDI comprises two subscales: the cognitive-affective subscale (items 1 to 13), focusing on emotional states 

Figure 3 The results of mediation analysis for Experiment 1b. 
Notes: ***p<0.001; **p<0.01.
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and self-evaluation, and the somatic performance subscale (items 14 to 21), which addresses physical symptoms of 
depression.111 The participants’ mental health in the study was assessed utilizing the Cognitive-Affective subscale(BDI- 
SF). The BDI-SF was selected for its efficiency and accuracy in assessing the severity of depressive symptoms among 
participants. The BDI-SF scoring system categorizes the severity of depression, with 0–4 representing minimal symp-
toms and scores of 8 or higher indicating moderate-to-severe depression.110,112 In Experiment 2, the Cronbach’s alpha for 
BDI-SF was 0.94, demonstrating the scale’s high internal consistency in this study. Moreover, the Cronbach’s alpha for 
IS and SR were 0.95 and 0.89, respectively, signifying strong reliability.

Procedure
The experimental procedure for Experiment 2 was tailored from established research protocols to align with this study’s 
specific aims.105 The specific details of the experimental process are described in detail in Figure 4. Before the start of the 
experiment, crucial demographic information, including age and gender, was collected along with participants’ DL. 
Based on the BDI-SF scores, participants were categorized into two distinct groups: a non-depressed group (scores 0–4, 
N=81) and a moderate-to-severe depression group (scores ≥8, N=64). To enhance the significance of the moderating 
effect, participants with scores between 5 and 7 were excluded. To ensure comparability, we randomly selected an equal 
number of participants for both the non-depressed group and the moderate-to-severe depression group, leading to 
a balanced final sample size of 64 participants in each group.

In the experiment, participants from each group were randomly assigned to engage with experimental stimuli 
featuring either negative or positive CV. This approach was adopted to examine how different emotional tones influence 
the IS of individuals with varying depression levels. For example, half of the participants (N=32) were allocated 
a positively valenced article in the non-depressed group, while the other half (N=32) received a negatively valenced 
one. The same distribution strategy was applied to the moderate-to-severe depression group, ensuring that both groups 
were exposed to identical stimuli. After reading the articles, participants’ SR and IS responses to the stimuli were 
evaluated using specific scale items. For the data analysis, SPSS 25.0, in conjunction with Process Macro 4.1, employing 
Model 4 for mediation analysis and Model 15 for moderated mediation analysis, was utilized to scrutinize the 
hypotheses.

Figure 4 Experiment 2 procedure.
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Results and Discussion
The descriptive statistics for Experiment 2 are presented in Table 5. Initially, the study re-examined the mediating role of 
SR level while controlling for age and gender as covariates. The results demonstrated a significant direct effect of CV on 
IS (b=0.59, SE=0.25, 95% CI = [0.10,1.08]). Additionally, CV significantly predicted SR (b=0.78, SE=0.28, 95% CI = 
[0.22,1.33]), indicating that the level of SR was higher for negative content than positive content. Moreover, SR 
significantly predicted IS (b=0.72, SE=0.08, 95% CI = [0.57,0.87]). The mediating effect of SR was found to be 
significant (b=0.56, SE=0.21, 95% CI = [0.17,0.98]), accounting for 49% of the total effect, thus indicating the 
robustness of the results and providing further support for H3.

Subsequently, Process Macro model 15 was employed to examine the moderating effect of DL, incorporating gender 
and age as control variables (Table 6). The interaction between DL and CV significantly predicts IS (b = 0.08, t = 2.12, 
p < 0.05). This finding indicates that as DL increases, participants exhibit a significantly increased intention to share 
information related to negative emotional content, thereby supporting H4. The interaction between DL and SR 
significantly predicts IS (b = −0.03, t = −2.70, p < 0.05). The results show that as DL increases, the predictive power 
of SR on IS diminishes, thereby supporting H5.

Experiment 2 aims to eliminate interference from the theme of experimental materials and reaffirm the main effects of CV 
on IS in a low-information-quality context. It also examines the mediating role of SR within the relationship between CV and 
IS. Concurrently, the DL was integrated into the model to investigate how it influences participants’ intention to share 
information. In contrast to the findings of Experiment 1b, individuals with depression showed a heightened sensitivity to the 
CV of information, and this preference for negative information intensified as DL increased (Figure 5). This finding contrasts 
with the results of Experiments 1a and 1b involving the healthy population. Furthermore, the moderation analysis of DL within 

Table 5 Descriptive Statistics and Correlation Analysis in 
Experiment 2(N=128)

Mean SD 1 2 3 4 5

1. Gender 0.64 0.48

2. Age 28.77 7.19 −0.01
3. CV 0.50 0.50 −0.10 0.24**

4. SR 3.90 1.59 0.11 0.12 0.25**
5. DL 7.67 7.26 0.13 −0.13 0.08 −0.03

6. IS 4.54 1.79 0.07 0.03 0.30** 0.67** 0.03

Notes: For Gender: 0 = Male, 1 = Female; For CV: 0 = Positive, 1 = Negative. **p < 0.01. 
Abbreviations: CV, Content Valence; SR, Self-Referential Processing; DL, Depression 
Level; IS, Intention to Share.

Table 6 Moderated Mediation Effect Results in Experiment 2 (N=128)

Independent Variable Self-Referential Processing Intention to Share

b t b t

Gender 0.45 1.59 −0.05 −0.20

Age 0.01 0.68 −0.01 −0.76
CV 0.78 2.77** 0.59 2.42*

SR 0.69 9.06***

DL 0.01 0.37
CV × DL 0.08 2.12*

SR × DL −0.03 −2.70**

R2 0.08 0.51

F 3.77* 18.08***

Notes: *p<0.05; **p<0.01; ***p<0.001. 
Abbreviations: CV, Content Valence; SR, Self-Referential Processing; DL, Depression Level.
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the secondary path of the indirect relationship between SR and IS was significant. The influence of SR on the IS of emotional 
information decreased with an increase in DL, as illustrated in Figure 6.

General Discussion
In our current digitally-dominated and interconnected society, exploring the link between social media use and mental 
health issues is increasingly crucial. However, there is a significant gap in research on the information-sharing behavior 
of individuals with depression, especially considering their distinct cognitive processing styles. This study endeavors to 
bridge this gap by examining the information behavior of individuals with depression from a cognitive processing 
standpoint. Our findings indicate that: (1) individuals with depression are more inclined to share negative emotional 
content, a tendency that becomes more pronounced as depression severity increases; (2) the level of self-referential 
processing towards negative emotional content on social media is heightened in the depressive cohort, and as depression 
intensifies, the mediating effect of self-referential processing on content valence and the intention to share diminishes.

Overall, our findings indicate that individuals with depression exhibit distinct information-sharing behaviors com-
pared to those without depression. Specifically, individuals with depression demonstrate a heightened sensitivity to 

Figure 5 Mediating effects of depression levels in the relationship between content valence and intention to share.

Figure 6 Mediating effects of depression levels in the relationship between self-referential processing and intention to share. 
Abbreviation: SR, Self-Referential Processing.
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negative emotional content, often preferring to share such content on social media. This inclination is amplified as the 
severity of depression increases, leading to a more pronounced focus on and reaction to negative information. This 
observation aligns with the established literature regarding cognitive processing biases associated with depression.113–115 

Our study corroborates the critical insight that individuals with depression tend to selectively engage with and 
disseminate negative emotional information on social media platforms. Existing research posits that sharing negative 
emotional content may serve as a form of self-emotional regulation for individuals with depression. This act of sharing 
can benefit the sharers emotionally and foster interpersonal connections through social media, potentially offering 
avenues for emotional support.116,117 For those with depression who struggle with traditional social interactions, the 
anonymity afforded by social media platforms can provide a conducive environment for self-expression. However, it is 
crucial to recognize that sharing negative emotional content can reverberate through social networks, potentially 
influencing other users, especially those in vulnerable psychological states, in adverse ways.118–120

A significant aspect of our study is examining the mediating role of self-referential processing between content 
valence and the intention to share information. Our findings reveal that self-referential processing serves as a pivotal 
mediator in this relationship, with its influence diminishing as depression severity increases. This pattern was substan-
tiated through two distinct experiments. In Experiment 1b, it was observed that participants were more likely to associate 
positive content with themselves. However, Experiment 2 revealed that individuals with depression tended to link 
negative content more closely to themselves, consistent with existing studies on the tendency of depressive populations 
towards negative self-referencing.121,122 Our research uniquely investigates how depression levels modulate the effect of 
self-referential processing on sharing intentions. We discovered that with escalating depression levels, the impact of self- 
referential processing on sharing intentions diminishes. This finding suggests a shift in cognitive strategies in individuals 
with higher depression levels, potentially leading to more emotion-driven decision-making influenced by peripheral cues 
and a propensity to share negative emotional content. The implications of information-sharing behaviors on an 
individual’s psychological state are profound. Sharing positive life events does not merely communicate the events 
themselves; it can amplify positive emotions, increase happiness, enhance life satisfaction, and mitigate loneliness.123 In 
contrast, sharing negative experiences can perpetuate rumination, reactivating distressing memories and focusing 
attention, trapping individuals in a cycle of passive contemplation on painful memories, their potential causes, and 
consequences.124,125 Particularly for those with depression, in line with rumination response style theory, such indivi-
duals are prone to engage in passive, negative, and abstract repetitive thinking aimed at reconciling the gap between 
expectations and reality. These maladaptive coping strategies can further aggravate depression symptoms.126,127

Our study contributes to the understanding of the intricate patterns of social media usage among individuals with 
depression. This area has been extensively studied, particularly concerning social media addiction and its links to 
depression.128–132 Furthermore, our study acknowledges that certain negative personality traits, including neuroticism, 
the tendency for social downward comparison, and low self-esteem, are significant contributors to the behavior of 
individuals with depression on social media platforms.133,134 Diverging from these previously mentioned perspectives, 
our research focuses on the aspect of information usage, revealing a concerning pattern: individuals with depression on 
social media platforms tend to exhibit a bias towards acquiring negative information. Previous research has highlighted 
the significant role that selective acquisition and biased processing of negative information play in both the development 
and maintenance of depression.135 In today’s digital era, we suggest that the echo chamber effect, commonly observed on 
social media, may exacerbate this tendency towards negative information bias. Three fundamental characteristics define 
the echo chamber effect: it involves a group of users sharing similar viewpoints, encourages more frequent interaction 
among these users, and strengthens their existing beliefs.136 In the case of individuals with depression, their negative 
cognitive bias makes them more prone to interact with and share negative content. As a result, algorithm-driven 
recommendation systems on social media, which react to such user behaviors, are likely to present these individuals 
with content that resonates with their negative emotional states, perpetuating their exposure to similar types of 
information. This phenomenon can potentially create an isolated information bubble, further amplifying the echo 
chamber effect. This type of environment may serve to not only reinforce the existing beliefs of individuals with 
depression but also contribute to the polarization of their self-schema, thereby aggravating their mental health 
challenges.137,138
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Breaking free from the echo chamber effect of social media and fostering a range of perspectives is critical for 
improving the mental health of individuals with depression. Cognitive Behavioral Therapy, which focuses on correcting 
cognitive biases and dysfunctional thoughts, is well-recognized as an effective intervention for depression.139–141 In 
recent years, psychological interventions have broadened to encompass digital methods, utilizing the internet, mobile 
devices, and wearable technology.142,143 The Transtheoretical Model suggests that behavior change is a dynamic, multi- 
stage process requiring sustained effort.144 Social media platforms, serving as conduits for health information, play 
a supportive role and encourage active engagement in these dynamic, long-term digital health interventions. Tailoring 
information and customizing content or strategies to suit individual traits identified through assessment is pivotal in 
digital health interventions. Research indicates that adapting emotional content on social media to suit the emotional 
states of individuals with depression could be a valuable initial step in intervention strategies. Personalizing content to 
meet the emotional needs of these individuals can disrupt the echo chamber effect, potentially fostering more positive 
perceptions of oneself, the world, and the future.

Implications
Our study embarks on a multidisciplinary exploration of the cognitive mechanisms of individuals with depression and their 
information-sharing behaviors on social media. It provides an in-depth analysis of how individuals with depression utilize 
social media for disseminating information. Significantly, this research represents a pioneering effort to integrate the cognitive 
processing characteristics of individuals with depression into their social media information-sharing activities. By utilizing 
theoretical frameworks such as the Elaboration Likelihood Model and Schema Activation Theory, the study not only broadens 
our understanding of the influence of cognitive traits associated with depression on social media interactions but also offers 
a new theoretical perspective for analyzing the dynamics of social media information sharing.

The insights derived from this research are precious for various stakeholders. Mental health professionals, for 
instance, can achieve a better understanding of the digital behaviors exhibited by individuals with depression, which 
can inform the creation of more precise intervention strategies. For designers of social media platforms, these findings 
offer directives for creating more empathetic and supportive features, enabling individuals with depression to escape their 
informational echo chambers and encounter a broader, more positive spectrum of content. Additionally, policymakers can 
leverage these findings to shape and improve mental health-related policies, ultimately enhancing the accessibility and 
effectiveness of mental health services.

Limitations and Future Research
Our study recognizes several limitations. First, the categorization of information quality and content valence into high 
and low groups lacked specific detail about the intensity of these stimuli. This lack of specificity might impede a deeper 
exploration of information-sharing behavior under various intensities of the same valence. Future studies could benefit 
from employing more detailed measures of stimulus intensity to enrich the understanding of the effects of information 
quality and content valence on sharing intentions. Furthermore, the identification of individuals with depression in this 
study was primarily based on self-reported depression scales. This method may not fully encapsulate the complex and 
multifaceted nature of clinical depression, potentially leading to inaccuracies in the classification of depressed individuals 
and an incomplete understanding of their cognitive processing and information-sharing behavior. Future studies should 
consider including participants with clinically diagnosed depression to gain a more comprehensive insight into the impact 
of depression severity on information-sharing behavior.

Building on this study’s findings, future research can further explore the impact of different mental health conditions 
on information processing in social media environments. This field may involve assessing the effectiveness of custo-
mized intervention strategies tailored to the nuances of social media usage. Additionally, future studies should develop 
methods that enhance individuals’ skills in evaluating information and expanding their range of information sources. 
Such research would be pivotal in improving the management of information acquisition processes, contributing 
significantly to mental health enhancement. Engaging in these varied lines of inquiry promises to offer more individua-
lized and comprehensive support for those with depression while also introducing innovative methods and perspectives 
for mental health care in today’s digital landscape.
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Conclusion
The main contribution of this study lies in its in-depth exploration of the unique information-sharing behaviors of 
individuals with depression on social media, providing a fresh cognitive perspective. Our findings indicate that 
individuals with depression tend to favor sharing negative emotional content, a tendency that intensifies with the severity 
of their depression. This observation supports the theory of a negative cognitive processing mechanism operating in 
individuals with depression, particularly within the context of social media. Additionally, our research highlights the 
mediating role of self-referential processing in the relationship between content valence and information sharing. We 
found that as depression deepens, the influence of self-referential processing on sharing behavior lessens, suggesting that 
the information-sharing decisions of individuals with depression are shaped by their impaired cognitive functions and 
a reliance on the peripheral cues of content valence. These insights provide a new perspective on how individuals with 
depression process information and make decisions, adding a novel dimension to the understanding of cognitive 
mechanisms in the context of mental health.

In the social media environment, individuals with depression are particularly susceptible to the echo chamber effect, 
tending to engage with and share information that confirms their existing negative beliefs. This consistency in the type of 
information they encounter and disseminate can amplify their negative emotions and worsen psychological symptoms, 
limiting their exposure to diverse and more positive perspectives. Thus, our study’s findings highlight the importance of 
providing a broader range of content to individuals with depression, a practice that holds significant potential for 
enhancing their mental health and emotional self-regulation. This research contributes significantly to the theoretical 
understanding of cognitive processing and social media usage in the context of depression. It provides a solid empirical 
foundation for the development of interventions that aim to improve the information-processing approaches and social 
media interactions of individuals with depression. By highlighting the potential benefits of diversifying the content 
presented to these individuals, the study offers valuable insights for practitioners and researchers seeking to improve 
mental health outcomes in digital environments.
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