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Abstract
Maintaining and enabling evolutionary processes within meta-populations are critical 
to resistance, resilience and adaptive potential. Knowledge about which populations 
act as sources or sinks, and the direction of gene flow, can help to focus conservation 
efforts more effectively and forecast how populations might respond to future anthro-
pogenic and environmental pressures. As a foundation species and habitat provider, 
Zostera marina (eelgrass) is of critical importance to ecosystem functions including 
fisheries. Here, we estimate connectivity of Z. marina in the Skagerrak–Kattegat re-
gion of the North Sea based on genetic and biophysical modelling. Genetic diversity, 
population structure and migration were analysed at 23 locations using 20 microsatel-
lite loci and a suite of analytical approaches. Oceanographic connectivity was analysed 
using Lagrangian dispersal simulations based on contemporary and historical distribu-
tion data dating back to the late 19th century. Population clusters, barriers and net-
works of connectivity were found to be very similar based on either genetic or 
oceanographic analyses. A single-generation model of dispersal was not realistic, 
whereas multigeneration models that integrate stepping-stone dispersal and extant 
and historic distribution data were able to capture and model genetic connectivity pat-
terns well. Passive rafting of flowering shoots along oceanographic currents is the 
main driver of gene flow at this spatial–temporal scale, and extant genetic connectivity 
strongly reflects the “ghost of dispersal past” sensu Benzie, 1999. The identification of 
distinct clusters, connectivity hotspots and areas where connectivity has become lim-
ited over the last century is critical information for spatial management, conservation 
and restoration of eelgrass.
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1  | INTRODUCTION

Eelgrass (Zostera marina L.) is one of the most widely distributed spe-
cies of seagrass in the northern hemisphere and the dominating spe-
cies of the temperate North Atlantic (Short, Carruthers, Dennison, 
& Waycott, 2007). It is a benthic foundation species within shallow 
coastal areas where it provides habitat and numerous ecosystem ser-
vices, such as stabilization of the coastline and improved water quality, 
increased fish production and uptake of carbon and nitrogen (Cole & 
Moksnes, 2016; Orth et al., 2006). Large-scale losses of eelgrass have 
occurred worldwide (Waycott et al., 2009), including northern Europe 
(Boström et al., 2014), causing significant decreases of ecosystem ser-
vices. For example, along the Swedish Skagerrak coast, a reduction 
of 120 km2 has resulted in large losses of cod catches, and release of 
sequestered carbon and nitrogen, to an estimated total cost of more 
than 600 million US$ (Cole & Moksnes, 2016). In response, Z. marina 
has been classified as a “threatened and declining habitat” in the North 
East Atlantic and the Baltic Sea under regional marine conventions 
(HELCOM 2010; OSPAR 2017) and is also indirectly protected under 
several EU directives including the Habitats Directive (92/43/EEC) 
and its Natura 2000 network.

The largest known areal distribution of Z. marina in Europe is 
found in the Skagerrak–Kattegat–Belt Sea region in the eastern 
part of the North Sea (Boström et al., 2014). As in most parts of the 
North Atlantic, a dramatic loss of Z. marina occurred in the area in the 
1930s, as a result of the wasting disease (Rasmussen, 1977). Eelgrass 
recovered in most areas in the 1960–1980s, but never obtained its 
historic distribution (Boström et al., 2014). In the following decades, 
Z. marina distribution in Denmark decreased again, probably as a re-
sult of nutrient pollution (Boström et al., 2014). It is estimated that 
eelgrass in Denmark today constitutes 10%–20% of its historic distri-
bution and that the depth distribution has become more shallow by 
approximately 50%, resulting in a loss of most offshore populations 
(Boström, Baden, & Krause-Jensen, 2003; Boström et al., 2014). Along 
the Swedish Skagerrak coast, over 60% of meadows have been lost 
since the 1980s (Baden, Gullström, Lundén, Pihl, & Rosenberg, 2003; 
Nyqvist, André, Gullström, Baden, & Åberg, 2009). These losses have 
largely been attributed to coastal eutrophication and overfishing of 
large predatory fish, causing a trophic cascade and an increase in 
ephemeral macroalgae that smother Z. marina (Baden, Emanuelsson, 
Pihl, Svensson, & Åberg, 2012; Moksnes, Gullström, Tryman, & Baden, 
2008). To mitigate the ongoing loss and assist recovery of Z. marina, a 
number of measures are presently being discussed, including the es-
tablishment of new networks of marine-protected areas (MPAs) and 
large-scale restoration (Moksnes et al., 2016; SwAM 2015).

We hypothesize that the drastic decline of Z. marina in the 
Skagerrak–Kattegat region over the past 140 years has directly im-
pacted meta-population dynamics by creating a much reduced and 
more fragmented eelgrass seascape. From a population genetics 
perspective, this condition may have led to reduced migration, lower 
effective population size and loss of allelic diversity (through ge-
netic drift), resulting in decreased evolutionary potential to adapt to 
changing environments (Allendorf, Luikart, & Aitken, 2013; Leimu, 

Mutikainen, Koricheva, & Fischer, 2006). Genetic diversity and con-
nectivity are also crucial from an ecological perspective for growth 
and persistence of local populations (Baguette, Blanchet, Legrand, 
Stevens, & Turlure, 2013; Lagabrielle et al., 2014). Seagrass systems 
(and Z. marina in particular) have been extensively studied in a popu-
lation genetics framework (reviewed in Procaccini, Olsen, & Reusch, 
2007). Experimental studies focusing on genetic–diversity–ecosys-
tem–function relationships show that high genotypic richness leads 
to greater resilience and resistance (Hughes & Stachowicz, 2004; 
Reusch, Ehlers, Hämmerli, & Worm, 2005) and higher productivity 
(Hughes, Inouye, Johnson, Underwood, & Vellend, 2008), and high 
allelic richness leads to increased restoration success and ecosys-
tem services (Reynolds, McGlathery, & Waycott, 2012). Population 
genetics have also been used to understand how dispersal and gene 
flow affect temporal–spatial population structure of seagrasses 
(Hernawan et al., 2016; Jahnke et al., 2016; Sinclair et al., 2016; 
Talbot et al., 2016), which in Z. marina is driven by dispersal via pol-
len or negatively buoyant seeds in the range of metres (McMahon 
et al., 2014; Orth, Luckenbach, & Moore, 1994; Reusch, Boström, 
Stam, & Olsen, 1999; Reusch, Stam, & Olsen, 1999), and long-
distance dispersal over 10s – 100s km via surface-floating flower-
ing shoots (Harwell & Orth, 2002; Hosokawa, Nakaoka, Miyoshi, 
& Kuwae, 2015; Källström, Nyqvist, Åberg, Bodin, & André, 2008; 
Kendrick et al., 2012; McMahon et al., 2014) or via grazing water-
fowl and fish (Sumoski & Orth, 2012).

The Skagerrak–Kattegat region is particularly well suited to study 
the potential impact of large-scale decline on connectivity, due to the 
availability of detailed historic data of eelgrass as well as unusually 
good mapping of the current distribution (Boström et al., 2014). In ad-
dition, the oceanographic features of the area are unique, with a strong 
outflow of surface water from the Baltic Sea into the Kattegat, creating 
an asymmetric circulation along the coasts with strong effects on con-
nectivity, also creating a barrier between the Kattegat and Skagerrak 
(Jonsson, Corell, André, Svedäng, & Moksnes, 2016; Jonsson, Nilsson 
Jacobi, & Moksnes, 2016; Leppäranta & Myrberg, 2009). Biophysical 
dispersal models, such as Lagrangian trajectory models (Cowen & 
Sponaugle, 2009; Grech et al., 2016; Selkoe et al., 2010), can model 
such directional dispersal based on biologically realistic assumptions, 
for example, time of propagule release, drift duration and depth, and 
may be superimposed on layers of habitat preference.

Here, we aim to establish a dynamic model of seascape population 
structure and connectivity for Z. marina meadows in the Skagerrak–
Kattegat region. Our assessment includes a temporal comparison 
based on oceanographic dispersal modelling of extant and historical 
distribution data of Z. marina for the region, and we investigate the 
hypothesis that the large observed decline has resulted in decreased 
connectivity and lower genetic diversity. In addition, we examine how 
oceanographic and genetic barriers fit with present administrative 
borders such as countries and sea basins. We combine and cross-
validate genetic and hydrodynamic modelling approaches in order to 
infer the importance of dispersal in shaping population structure and 
to compare trade-offs and synergies offered by the integration of the 
two approaches as applied to management and mitigation.
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2  | MATERIAL AND METHODS

2.1 | Study area and sampling

The study covers the eastern Skagerrak, Kattegat and Belt seas 
along the eastern part of the North Sea (54–59°N and 8–13°E) with 
a total area of 77,000 km2 (Figure 1). For simplicity, we refer to the 
assessed area as Skagerrak–Kattegat. Sampling of Z. marina was 
guided by a previous oceanographic barrier analysis of the region 
(Moksnes, Jonsson, & Nilsson Jacobi, 2015; Nilsson Jacobi, André, 
Döös, & Jonsson, 2012) in which seven oceanographic clusters were 
identified (site names in Figure 1 follow the seven clusters). At least 
three sites were sampled from each of the seven oceanographic 
clusters (from here on we, will refer to these clusters as sampling 
areas) to ensure sampling within and across potential barriers to dis-
persal. At each site, 40 shoots were collected using a “roughly linear 
swim” (Arnaud-Haond, Duarte, Alberto, & Serrão, 2007) by snor-
kelling or diving. Within sites, intersample distance was maintained 

at 1–1.5 m (covering a distance of 40–60 m across a meadow), a 
standard distance for this species and an adequate compromise to 
capture diversity and structure, while minimizing resampling of the 
same genotype (Olsen et al., 2004). Sample depths ranged from 
1.2 to 5.3 m. A total of 920 sampling units were collected. Among 
sites, pairwise distances ranged from ~10 to 400 km among the 23 
sampling sites. Similar sampling scales between sites were main-
tained as much as possible to best detect a slow decline in allele 
frequency, that is, 8% of sites have a pairwise geographic distances 
of up to 50 km, 21% up to 100 km, 23% up to 150 km, 22% up to 
200 km, 17% up to 300 km and 8% up to 400 km. Samples were 
collected in July and August 2016 except for two populations from 
Denmark (6-NH and 5-BO), which were collected during a previous 
sampling campaign in 2004 (Table 1). One to three 2-cm leaf pieces 
per shoot were selected from the clean, inner leaves near the base 
of the shoot and when necessary cleaned of epiphytes with a scal-
pel. Samples were dried and stored in silica crystals for later DNA 
extraction.

F IGURE  1 Map of sampling sites for Zostera marina in the Skagerrak–Kattegat region of the North Sea (Table 1). Green dots indicate the 
extant mapped distribution of Z. marina; the area enclosed by the solid green line in western Kattegat shows the estimated historic distribution 
of Z. marina. The background heat map in (a) shows an interpolation of genotypic/clonal diversity; (b) allelic richness standardized for 21 
genotypes (A21) generated with the genetic diversity plugin (Vandergast, Perry, Lugo, & Hathaway, 2011) in ArcMap 10.3 (Desktop, 2014) and 
QGIS 2.18 (Quantum GIS Development Team 2013)

(b)(a)
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2.2 | DNA extraction and microsatellite amplification

DNA was extracted from ~20 mg of silica-gel-dried tissue in 96-
well plates using a silica-based Cetyl trimethylammonium bromide 
(CTAB) protocol (Hoarau, Coyer, Stam, & Olsen, 2007), except 
that samples were incubated in CTAB for 1 hr at 60°C. Twenty-
two microsatellite loci were used: the original set of eight from 
Reusch, Boström et al. (1999), Reusch, Stam et al. (1999) and used 
in numerous genetic surveys of Z. marina, and 14 additional loci de-
veloped from expressed sequence tags (EST) libraries (Keil, 2011; 
Oetjen & Reusch, 2007). Primer sequences, multiplex combinations 
and concentrations are provided in Tables S1 and S2. Polymerase 
chain reactions (PCRs) were performed in 96-well microtiter plates 
using the Qiagen Kit Type-IT® in a 6.2 μl reaction volume following 
the manufacturer’s instructions. The reaction profile consisted of 
95°C for 5 min followed by 30 cycles of 95°C for 30 s, 56°C for 
1 min 30 s and 72°C for 30 s, with a final extension step of 60°C 
for 30 min.

2.3 | Microsatellite genotyping, removal of clones, 
data quality checks and discrimination power

PCR products were diluted 1:100 (apart from the “4-plex,” which was 
used undiluted), and fragment analysis was performed on an Applied 
Biosystems 3730 DNA Analyser with a 350 ROX internal size stand-
ard added to each well. Fragments were scored automatically using 
GeneMapper® (Life technologies) and re-checked by eye for each 
individual and locus. Samples with ambiguous or rare alleles were re-
amplified and re-genotyped for confirmation. We succeeded in ampli-
fying all individuals at all loci.

Because seagrasses can spread clonally via rhizome extension, 
a genetic individual (genet) may consist of hundreds or thousands 
of shoots (ramets) covering several metres. Even though a sampling 
distance of 1–1.5 m is generally adequate for Z. marina (Olsen et al., 
2004), it is no guarantee that the same genet might not be sampled 
more than once if large clones are present. Accordingly, duplicate mul-
tilocus genotypes (MLGs) were identified and removed using RClone 

TABLE  1 Genetic diversity of Zostera marina at 23 locations in the Skagerrak–Kattegat region of the North Sea

Population Acronym Latitude Longitude N MLG R A21 (SD) HO (SE) HE (SE) F (SE)

Borholmen 1-BH 10.99483 58.85127 40 32 .79 3.25 (0.12) 0.31 (0.05) 0.31 (0.05) 0.03 (0.04)

Dannholmen 1-DH 11.22188 58.61912 40 36 .90 2.86 (0.09) 0.39 (0.05) 0.37 (0.05) −0.05 (0.06)

Storön 1-ST 11.0705 58.57873 40 28 .69 2.57 (0.06) 0.37 (0.05) 0.39 (0.05) 0.09 (0.04)

Bubacka G-BB 11.3702 58.34075 40 39 .97 3.21 (0.09) 0.38 (0.04) 0.40 (0.04) 0.03 (0.03)

Gåsö G-SG 11.39633 58.2315 40 38 .95 3.74 (0.17) 0.38 (0.05) 0.37 (0.05) −0.04 (0.02)

S Kråkerön K-KR 11.669 57.856 40 37 .92 4.17 (0.16) 0.33 (0.05) 0.35 (0.05) 0.06 (0.05)

N St Överön K-SO 11.73167 57.79033 40 34 .85 3.78 (0.14) 0.45 (0.05) 0.44 (0.04) −0.02 (0.04)

Malevik 2-MV 11.92637 57.52893 40 40 1.00 4.15 (0.18) 0.29 (0.05) 0.36 (0.06) 0.21 (0.07)

Gottskär 3-GS 12.02328 57.38913 40 37 .92 4.19 (0.12) 0.33 (0.06) 0.32 (0.05) 0.03 (0.08)

Getterö 3-GO 12.20353 57.11842 40 30 .74 3.27 (0.09) 0.39 (0.05) 0.37 (0.05) −0.05 (0.04)

Grötvik Hamn 3-GH 12.77905 56.6415 40 14 .33 na 0.42 (0.05) 0.41 (0.05) 0.02 (0.05)

Högenäs 
Hamn

3-HH 12.53337 56.19758 40 35 .87 3.19 (0.11) 0.39 (0.04) 0.43 (0.04) 0.09 (0.03)

N Ordrup 4-NO 11.38543 55.8351 40 30 .74 3.66 (0.16) 0.33 (0.05) 0.33 (0.05) 0.00 (0.03)

Hamnsö 4-HO 11.31785 55.76127 40 32 .79 3.42 (0.15) 0.36 (0.05) 0.36 (0.05) 0.02 (0.04)

Saltbäk 4-SB 11.18587 55.75207 40 40 1.00 3.5 (0.11) 0.34 (0.05) 0.34 (0.05) −0.01 (0.03)

Dalby Bay 5-DB 10.6243 55.5273 40 39 .97 3.93 (0.16) 0.38 (0.05) 0.42 (0.05) 0.06 (0.04)

Bisholt 5-BH 9.977233 55.82987 40 21 .51 3.3 (0) 0.38 (0.05) 0.42 (0.05) 0.09 (0.03)

Bogens 5-BO 10.57 56.2 40 34 .85 3.35 (0.10) 0.41 (0.06) 0.41 (0.05) 0.01 (0.04)

Norhold 6-NH 10.32 56.6 40 16 .38 na 0.38 (0.05) 0.36 (0.05) 0.02 (0.06)

Limfjord 6-LM 10.31062 56.97795 40 30 .74 3.91 (0.08) 0.40 (0.05) 0.36 (0.05) −0.09 (0.03)

Grholm 6-GH 10.59772 57.49155 40 38 .95 3.34 (0.12) 0.36 (0.05) 0.37 (0.05) 0.08 (0.07)

Læsø 7-LS 11.18207 57.22405 40 40 .74 4.15 (0.13) 0.35 (0.05) 0.33 (0.04) −0.03 (0.04)

Læsø 7-480 11.10238 57.14862 40 36 .90 4.05 (0.08) 0.40 (0.05) 0.42 (0.05) 0.04 (0.04)

The 920 individuals sampled in Denmark and Sweden were assessed with 20 microsatellites. Population names are followed by the acronyms, latitude and 
longitude, the number of sampled ramets (N), the number of multilocus genotypes (MLG), genotypic richness (R) as MLG-1/N-1, allelic richness standardized 
to 21 genotypes (A21) plus standard deviation (SD), not applicable (na) due to low number of MLGs, observed heterozygosity (HO), expected heterozygosity 
(HE) and the inbreeding coefficient (F), and standard error (SE). Numbers in bold indicate significant F values.
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(Bailleul, Stoeckel, & Arnaud-Haond, 2016) in R 3.3.1 (R Development 
Core Team 2014). Only one MLG for each clone was retained. The 
method is based on the probability that identical MLGs have not arisen 
by chance via sexual reproduction (psex(FIS)) taking into consideration 
Hardy-Weinberg equilibrium (HWE), and a threshold of 0.05.

Null alleles were tested for with MicroDrop (Wang & Rosenberg, 
2012; 10,000 permutations and 100 replicates), because the method 
does not rely on HWE assumptions to calculate null allele frequencies. 
Linkage disequilibrium (LD) and HWE were evaluated for each locus 
and across all loci in each population with Genepop 4.2 (Raymond 
& Rousset, 1995; 100 batches and 1,000 iterations per batch plus 
Bonferroni corrections). To test for neutrality of our loci, “outlier” anal-
yses were performed using both Lositan (Antao, Lopes, Lopes, Beja-
Pereira, & Luikart, 2008) and BayeScan (Foll & Gaggiotti, 2008). See 
Figure S1 for additional information.

To analyse the statistical power of our set of microsatellites to dis-
criminate clonal replicates, we calculated the probability of identity 
(PI) in GenAlEx 6.5 (Peakall & Smouse, 2012) at each site and used 
POWSIM 4.1 (Ryman & Palm, 2006) to evaluate the statistical power 
to detect population structure among sites. For POWSIM, we used the 
observed allele frequencies, sampling sites and MLGs to simulate drift 
to FST values of 0, 0.001, 0.01 and 0.1 using an effective population 
size (Ne) of 200 and a range of generations t (0–100) with 1,000 repli-
cates and 100,000 batches.

2.4 | Genetic diversity and population differentiation

We calculated heterozygosity-based estimates in GenAlEx 6.5 (Peakall 
& Smouse, 2012). Genotypic diversity (also called clonal diversity) 
was calculated based on MLG identification (as described above) with 
the formula MLG-1/N-1, where N is the number of ramets (Dorken 
& Eckert, 2001). Allelic richness standardized to the same number 
of MLGs was calculated with standArich (http://alberto-lab.blogspot.
nl/p/code.html#!/p/code.html) in R 2.15.3.

To gain a first impression of genetic structure of all MLGs without 
a priori population genetic assumptions, we used PCA as implemented 
in adegenet 2.0.1 (Jombart, 2008) in R 3.3.2 after using the scaleGen 
function. PCAs were also used to investigate potential outlier loci and 
for visualization of the distribution of our sampling sites in a larger geo-
graphic context (see Supporting Information). Population genetic dif-
ferentiation was calculated as the proportion of shared alleles among 
populations, Dps’ = 1 – ps, in MSA 4.05 (Dieringer & Schlötterer, 2003). 
We chose Dps, because it is free of equilibrium assumptions (Bowcock 
et al., 1994). We also calculated several standard variance-based mea-
sures of population differentiation (Tables S5–S7).

Spatial genetic structure was analysed in a Bayesian framework 
using two methods: Structure 2.3.3 (Pritchard, Stephens, & Donnelly, 
2000) and TESS 2.3 (Chen, Durand, Forbes, & François, 2007). 
Structure cannot always identify clusters accurately when geographic 
sampling is discrete along clines and/or when isolation-by-distance 
(IBD) patterns or autocorrelations dominate the data (Chen et al., 
2007). TESS addresses these issues using a spatially continuous prior 
based on the geographic coordinates of each individual. Therefore, our 

main analyses rely on TESS results, while Structure was carried out as 
an additional support. As we had geographic information only at the 
meadow level, we used TESS to calculate slightly adapted geographic 
coordinates for each individual. TESS was run using the conditional 
autoregressive Gaussian (CAR) admixture model, which assumes spa-
tial autocorrelation of genetic differentiation, using the default value 
of 0.6 for the strength of the autocorrelation. We first ran a test with 
default settings for Kmax = 2–25 and then repeated TESS for a range 
of likely Kmax (2–7) with a burn-in of 10,000 sweeps followed by 
25,000 sweeps, with 100 independent runs conducted for each Kmax. 
The independent runs were averaged and compared to assess con-
vergence. The average deviance information criterion (DIC) for each 
value of Kmax was used to evaluate the most likely number of genetic 
clusters by determining Kmax at which a higher number of parameters 
did not improve the model significantly. We used pophelper (Francis, 
2016) with CLUMPP 1.1.2 (Jakobsson & Rosenberg, 2007) in R 3.2.2 
for postprocessing of TESS outputs and visualization of clusters. To 
display ancestry coefficients (proportion of each individual belonging 
to each cluster) geographically, we used the script provided at http://
membres-timc.imag.fr/Olivier.Francois/TESS_Plot.html.

2.5 | Directional migration

We use the term “migration” in the population genetic sense, which 
includes both successful movement and contribution to the local 
gene pool (Lowe & Allendorf, 2010). In contrast, we use “dispersal” 
when discussing movement based on oceanographic modelling to re-
flect a passive process of transport influenced by currents but that 
does not necessarily result in any contribution to a local gene pool. 
Directional migration rates based on the microsatellite data were 
estimated using two different methods: DivMigrate-online (https://
popgen.shinyapps.io/divMigrate-online/) and GENECLASS2 (Piry 
et al., 2004). DivMigrate is an indirect approach that extends genetic 
differentiation to include a directional measurement by identifying mi-
grants based on the geometric means of the allele frequencies in each 
population. Directional migration rates are then inferred from allele 
frequencies and genetic differentiation in pairwise comparisons of GST 
(Sundqvist, Keenan, Zackrisson, Prodohl, & Kleinhans, 2016). In con-
trast, GENECLASS2 (Piry et al., 2004) is a direct approach that uses an 
assignment test to identify first-generation migrants. The advantage 
of assignment tests is that they do not rely on HWE. Their main disad-
vantage is that generally few first-generation migrants are identified 
in benthic species (see for instance Lukoschek, Riginos, & van Oppen, 
2016; Jahnke et al., 2017). Although we had originally planned to use 
BayesAss (Rannala 2007) and Migrate (Beerli & Felsenstein, 2001), 
we were unable to do so because of problems with convergence 
and repeatability of results as also reported in other studies (Epps & 
Keyghobadi, 2015; Meirmans, 2014).

2.6 | Mapping of suitable habitat

Data for present-day distribution of Z. marina were based on 
national inventories in Norway, Sweden and Denmark, and 

http://alberto-lab.blogspot.nl/p/code.html#!/p/code.html
http://alberto-lab.blogspot.nl/p/code.html#!/p/code.html
http://membres-timc.imag.fr/Olivier.Francois/TESS_Plot.html
http://membres-timc.imag.fr/Olivier.Francois/TESS_Plot.html
https://popgen.shinyapps.io/divMigrate-online/
https://popgen.shinyapps.io/divMigrate-online/
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were obtained in geographic information system (GIS) format 
from the Norwegian Environment Agency, the Swedish County 
Administrative Board of Västra Götaland and the Danish Nature 
Agency. Along the Swedish Skagerrak coast, distribution was based 
on satellite image analyses (Envall & Lawett, 2016), whereas the 
distribution in other areas was based on national field surveys and 
monitoring sites. In the oceanographic modelling, all grid cells that 
intersected with eelgrass locations were used as sources in the 
particle tracking simulation and subsequent construction of the 
connectivity matrices.

In addition to mapping the present distribution of Z. marina, we 
also explored the effect of including the known historic distribution 
on multigeneration connectivity. These data were obtained from a re-
cent analysis of historic records of Z. marina presence in the Kattegat 
collected around 1900 (Petersen, 1893; Rosenvinge, 1909). The his-
toric collection sites were revisited in 2015–2016 to confirm historic 
depth data and map the present distribution. A total of 1,230 historic 
observations were used to create polygons of the historic eelgrass dis-
tribution in NW Kattegat (Figure 1). Cells falling within these polygons 
were considered suitable habitat and were added to the extant habitat 
map for use in the biophysical model.

2.7 | Oceanographic dispersal based on 
particle modelling

Single-  and multigeneration dispersal probabilities were estimated 
with biophysical modelling based on the NEMO-Nordic (BaltiX) cir-
culation model and the offline Lagrangian particle tracking model 
TRACMASS (De Vries & Döös, 2001). Virtual particles released in 
the modelling runs represent eelgrass shoots with spathes containing 
seeds. NEMO-Nordic is a regional Baltic/North Sea configuration of 
the NEMO ocean model (Madec, 2010), with a horizontal resolution 
of 3.7 km (two nautical miles) and a vertical resolution of 56 layers 
of variable depth (for details see Hordoir, Dieterich, Basu, Dietze, & 
Meier, 2013; Moksnes, Jonsson, Nilsson Jacobi, & Vikström, 2014). 
Tidal harmonics define the sea surface height and velocities at the 
boundaries, and Levitus climatology defines temperature and salin-
ity (Levitus & Boyer, 1994). The model has a free surface, and the 
atmospheric forcing is a dynamic downscaling of the ERA40 data set. 
Runoff is based on climatological data based on a number of different 
databases for the Baltic Sea and the North Sea.

Velocity fields were updated in the model domain every three 
hours, and the calculation of particle trajectories was performed with 
a 15-minute time step. Particles representing drifting shoots were re-
leased from all model grid cells in the Skagerrak–Kattegat that repre-
sent the extant or historic distribution of Z. marina (Figure 1). Release 
times spanned July, August and September, with respective propor-
tions of 20, 50 and 30% released particles in each month. Eelgrass 
reproductive shoots are positively buoyant, and particles in the model 
drifted in the surface layer (0–2 m). Drift duration was distributed over 
5, 10, 20 and 30 days with the proportions 5, 10, 20 and 65% of par-
ticles, respectively. Zostera marina flowering and detachment periods, 
as well as duration that shoots stay afloat, were based on empirical 

field studies along the Swedish Skagerrak coast (Infantes & Moksnes, 
2017; Källström et al., 2008). Different drift durations simulate that 
individual spathes with seeds on the same shoot mature at different 
times and that some negatively buoyant seeds may be dropped and 
sink, while the shoot continues drifting (Infantes & Moksnes, 2017). 
Particle release was repeated for 8 years (1995–2002), representing 
years with a range of North Atlantic oscillation index values (NAO, 
Hurrell & Deser, 2010), which is known to correlate well with the vari-
ability in circulation pattern. In total, 2.5 million particle trajectories 
were included. Dispersal probabilities between all sampling sites, over 
a single generation, were calculated by summing all the trajectories 
starting in site i having end positions within site j, normalized by the 
total number of simulated trajectories from site i. We also calculated 
multigeneration connectivity where stepping-stone dispersal was al-
lowed over 32 single-generation dispersal events by multiplication of 
the single-generation dispersal matrix with itself 32 times producing 
connectivity probabilities when summed over all possible dispersal 
routes (White et al., 2010). Stepping-stone dispersal was only allowed 
between grid cells that intersected with the known extant or recon-
structed historical habitat distribution (see Figure 1). Stepping-stone 
dispersal over 32 generations was considered sufficient to span the 
approximate spatial scale (~500 km distance) of the model domain. In 
terms of the temporal scale, 32 generations may represent as little 
as 32 years when assuming annual sexual reproduction of Z. marina, 
or >1,000 years when assuming high levels of clonal reproduction 
and clone longevity (Reusch, Boström et al. 1999, Reusch, Stam et al. 
1999).

2.8 | Oceanographic dispersal barrier analysis

We employed a clustering method to identify partial dispersal barri-
ers based on modelled dispersal probabilities in the seascape (Nilsson 
Jacobi et al., 2012). Only dispersal between areas with present or 
historic distribution of eelgrass was considered. This theoretical 
framework finds partially isolated clusters. Identification of clusters is 
formulated as a minimization problem with a tunable penalty term for 
merging clusters that makes it possible to generate population sub-
divisions with varying degree of dispersal restrictions. As the focus 
was to compare putative dispersal barriers to genetic differentiation 
of Z. marina, the mean connectivity between oceanographic clusters 
was set low (0.004).

2.9 | Isolation by “sea distance” and 
oceanographic distance

To test for IBD, we correlated genetic distance with “sea distance,” 
defined here as the shortest path possible among sampling sites at 
sea without crossing land. We used the R package marmap (Pante & 
Simon-Bouhet, 2013) to calculate “sea distance.” One distance value 
(between 5-BO and 6-NH) had to be adjusted manually to ensure that 
no land was crossed. Mantel tests were carried out using the R pack-
age ncf (Bjornstad, 2009) in R 3.2.2. Matrices were resampled 100,000 
times and after log10 transformation of “sea distance.”
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To test for isolation by oceanography (IBO), we correlated ge-
netic distance with minimum oceanographic dispersal probabilities 
(calculated from the model described above) defined here as ocean-
ographic distance. We used minimum dispersal probability to gen-
erate a symmetric matrix of dispersal, because it may arguably be 
best correlated with (symmetric) geographic and genetic distance 
(Wrange et al., 2016). We also correlated directional dispersal prob-
abilities with asymmetric (genetic) migration rates in a Mantel test 
adapted for asymmetric matrices (Matlab 2016a, Mathworks Inc). 
We considered dispersal probabilities for single-generation-extant, 
multigeneration-extant and multigeneration-historic distributions. 
All dispersal probabilities were log10-transformed. As some prob-
abilities were zero, the transformation was performed as follows: 
log10(single-generation dispersal matrix + 1e-10) and log10(multi-
generation matrix/historic multigeneration matrix + 1e-30).

2.10 | Network analyses

Network analysis is a graphic approach with many applications, 
one of which is to understand landscape patterns of connectivity 
and prioritize areas for conservation (Engelhard et al., 2016; and 
references therein). We used networks to examine connectivity 
both for genetic (Dps) and oceanographic distance applied to mod-
elled dispersal probability matrices for single-generation-extant, 
multigeneration-extant and multigeneration-historic dispersal 
probabilities, and to highlight sites that are central to connectiv-
ity. Networks were drawn using the R packages igraph (Csardi & 
Nepusz, 2006) and popgraph (Dyer, 2014), where nodes represent 
populations and edges the pairwise distance among populations. 
Thresholds were chosen systematically following the “intermedi-
ate threshold” method of Greenbaum, Templeton, and Bar-David 

F IGURE  2 Genetic population structure 
and oceanographic barrier analysis for 
the 23 sampling sites of Zostera marina 
in the Skagerrak–Kattegat region of the 
North Sea. Sampling sites are indicated 
by black dots with acronyms of the sites 
as shown in Table 1. (a) Genetic clusters 
(green, blue and red) show the spatial 
interpolation of ancestry coefficients 
(Q-values or proportion of individuals 
belonging to each cluster) based on the 
TESS analysis with Kmax = 3; the gradient 
within each colour indicates percentage of 
group membership belonging to genetic 
clusters 1–3 (see inlayed box). (b) The 
coloured dots (red, yellow, white, green, 
violet and light blue) represent release 
points of particles in the oceanographic 
modelling. The different colours indicate 
the different oceanographic clusters 
identified by a clustering method based 
on modelled multigeneration-historic 
dispersal probabilities. Dots with the 
same colour indicate areas that have an 
internal connectivity above the dispersal 
restriction, and the transitions of colours 
thus indicate partial dispersal barriers. 
Major barriers among the hydrodynamic 
clusters are shown with white dotted 
lines. (c) Superimposed genetic (shown in 
a) and oceanographic clusters (shown in b) 
illustrating the good fit between the two 
analyses, which is further supported by a 
network analysis in Figure 3

(c)

(a)

(b)
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(2016). The informative and intermediate thresholds were as follows: 
Dps = 0.18, minimum single-generation dispersal probability = 2e-
4, minimum multigeneration-extant dispersal probability = 2e-14 
and minimum multigeneration-historic dispersal probability = 1e-
12. Use of these thresholds resulted in the loss of five populations 
from each network, as also seen in the Bayesian clustering analysis 
(Figure 2). Only edges with genetic distances below the threshold 
and dispersal probabilities above the threshold are shown.

3  | RESULTS

3.1 | Genetic data quality checks and discrimination 
power

We identified 14 to 40 MLGs per population (Table 1), resulting in 756 
genets (of 920 ramets) that were used for all further analyses. Locus 
D2 showed a frequency of null alleles >10% (NaF = 0.115) and was re-
moved from further analyses. For the remaining 21 loci, we tested for 
HWE and LD. Nine HWE tests per population and locus were significant 
(1.9%), and significant LD was present in 135 of 4,830 tests across all 
populations (2.8%) after applying Bonferroni corrections. In both cases, 
locus GA35 drove most of the significant deviations and was, therefore, 
removed. Rerunning the analyses on the remaining 20 loci showed only 
a low percentage of deviations in LD (1.2%) and HWE (1.1%).

The outlier analyses identified several loci to be potentially under 
balancing and positive selection (Figure S1). As their exclusion did 
not alter PCAs (Figures S3 and S4), they were retained. A PCA that 
included additional sites from the Baltic and the North Sea did not 
reveal any indication that our study area may represent a secondary 
contact zone between genetically differentiated Baltic and North Sea 
Z. marina meta-populations (Figure S5).

The probability of identity (PI) by chance for a 20-locus MLG was 
low ranging from 5.9 × 10−7 in population 3-GH to 3.5 × 10−10 in pop-
ulation 2-MV. The probability for detection of sibs was higher ranging 
from 1 × 10−3 to 6 × 10−5. Statistical power simulations in POWSIM 
of the 20-locus set indicated a 100% probability of detecting an FST 
as low as 0.0025, and the α error (false significance) was close to the 
intended value of 0.05 (Table S3).

3.2 | Genetic diversity and population differentiation

Genotypic and allelic diversity was found to be high overall (Figure 1 
and Table 1) indicating a dynamic and diverse environment charac-
terized by predominant sexual reproduction. One MLG was shared 
among two populations (Gottskär, 3-GS and Gåsö, G-SG) separated by 
120 km. This is within our estimates for single-generation northward 
oceanographic dispersal and reattachment at Gåsö. This genotype has 
three alleles at three loci not otherwise found at Gåsö. Population dif-
ferentiation using pairwise shared allele distances (Dps; 0.09–0.36) or 
FST (0.01–0.21) was significant (p < .05; Table S4 and S5) and consist-
ent with strong overall population structure.

Further characterization of the genetic population structure 
started with a PCA that generated a horseshoe-shaped cloud of 

apparently little differentiation based on the first two axes (Figure S2) 
and even less on the third axis (not shown). Such a pattern is expected 
under scenarios in which allele frequencies are locally correlated and 
thus covariance is decaying with geographic distance in an IBD pattern 
(Frichot, Schoville, Bouchard, & François, 2012).

Continuing on, the spatial Bayesian analysis in TESS suggested 
genetic population subdivision into three clusters (Kmax = 3, Figure 2), 
which was very similar to the K = 3 scenario of Structure (Figure S6 
and S7). The three northern populations on the west coast of Sweden 
form a small (green) cluster that exhibits low allelic richness. The small 
(red) genetic cluster consisting of the two sites South Kråkerön (K-KR) 
and North St. Överön (K-SO) is located in the Marstrand area. The 
large (blue) cluster extends over the entire Kattegat and includes all 
Danish sites. Additionally, a gradient from south to north is evident 
in the blue contours of Figure 2a, where the more northern sampling 
sites represent admixtures with the red clusters (see also Figure S7). 
Under the two-cluster partition suggested by Structure, the two 
smaller TESS clusters 1 and 2 are depicted as one.

3.3 | Directional migration rates

Directional migration based on the genetic data was estimated in two 
ways. Based on DivMigrate (Table S8 and Figure S8a), directionality 
was stronger from south to north with eight sites identified as sources 
and five identified as sinks. The genetic assignment test based on 
GENECLASS2 (Table S9 and Figure S8b) identified 31 first-generation 
migrants, of which only seven could be assigned to other sampling 
sites (Table S9). Here, directionality was predominantly south to north 
and west to east. Both methods confirm that long-distance dispersal 
occurs.

3.4 | Oceanographic dispersal based on 
particle modelling

The biophysical particle modelling indicated dispersal up to 200 km 
in a single generation, consistent with other estimates for Z. marina 
(Harwell & Orth, 2002; Källström et al., 2008), and more than 300 km 
when allowing stepping-stone dispersal over multiple generations. 
Few particles (modelled seeds) dispersed between sample sites during 
a single generation, although local retention within the same sampling 
occurred (Figure S9). The most northern sites (names starting with 1 
and G) received particles from many other meadows; sites from the 
sampling areas 6 and 7 supplied particles to most other sites.

Probabilities for multigeneration oceanographic dispersal based 
on the present-day distribution were much lower than those based 
on single generations, but there were nonzero probabilities of dis-
persal among all sampling sites (Figure S10). The site 3-HH was the 
best source for particles, while 1-ST and 6-LM supplied few parti-
cles to other sites. Inclusion of the historic distribution of Z. marina 
(Figure 1) in multigeneration dispersal modelling only slightly changed 
the overall picture, but with important differences at certain sites. For 
instance, 6-LM and G-SG acted as much stronger sources and 6-GH, 
6-LM, 6-NH and 4-HO received considerably more particles in the 
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past (Figures S10–S12). Notably, the lowest dispersal probabilities 
increased by two orders of magnitude compared to multigeneration 
dispersal based on the present-day distribution alone.

3.5 | Oceanographic dispersal barrier analysis

At the chosen threshold, the minimization algorithm applied to the 
multigeneration dispersal matrix (including the historic habitat) gen-
erated six oceanographic clusters with partial barriers among them 
(Figure 2b). Connectivity within oceanographic clusters was ap-
proximately 100 times greater than among clusters. Four barriers 
were identified (Figure 2): (i) at 58°N, which spatially coincides with 
the green genetic cluster and the division between the Kattegat and 
Skagerrak; (ii) a barrier along the Swedish Kattegat coast encompass-
ing the red genetic cluster; (iii) at 57°N roughly following the gradi-
ent from “pure” to high genetic admixture observed within the blue 
cluster; (iv) a barrier across the south-west corner of the Kattegat. 
This last barrier was not reflected in the genetic cluster analysis, but 
the asymmetric migration analysis also indicated low gene flow in this 
area (Figure S8).

3.6 | Isolation by “sea distance” and 
oceanographic distance

Geographic distance defined as “sea distance” (see Material and 
Methods) ranged from ~10 to ~400 km. A significant pattern of 

isolation by “sea distance” (IBD) with genetic differentiation (Dps) is 
evident (Table 2). While oceanographic connectivity based on single-
generation dispersal probability was not correlated with the genetic 
differentiation measure Dps, multigeneration-extant and historic dis-
persal were strongly correlated (three different scenarios of IBO). IBO 
was strongest for the dispersal probability based on the historic dis-
tribution of Z. marina, which reached a correlation coefficient as high 
as −0.59 (Table 2). Patterns of FST-related genetic indices were similar 
(not shown). IBO was also observed for the correlation between ge-
netic asymmetric migration rates and the directional dispersal prob-
abilities (Table 2). For both genetic differentiation indices, correlation 
coefficients are much higher for multigeneration compared to single-
generation dispersal probabilities. This indicates that stepping-stone 
dispersal over several generations can explain genetic differentiation 
better than single-generation dispersal probability, which is limited by 
geographic distance (Table 2). Correlations are further improved when 
considering the historic distribution of Z. marina (Table 2).

3.7 | Network analyses

The four network analyses in Figure 3 were in overall good agreement 
with the TESS and Barrier analyses in Figure 2. In the network based 
on the genetic differentiation matrix Dps, all populations from the big 
blue cluster formed one large network, while the populations from 
the green and red clusters fell out of this network (Figure 3a). The 
network drawn for minimum single-generation dispersal probability 

F IGURE  3 Genetic distance and 
oceanographic distance networks 
constructed for the 23 sampling sites of 
Zostera marina in the Skagerrak–Kattegat 
region of the North Sea. (a) genetic distance 
(shared alleles, Dps), (b) oceanographic 
distance, minimum single-generation 
dispersal probability, (c) oceanographic 
distance, minimum multigeneration-extant 
dispersal probability and (d) oceanographic 
distance, minimum multigeneration-historic 
dispersal probability. The colour of nodes 
matches the clusters identified by the TESS 
analysis (Figure 2), and the size of a node 
represents the standardized allelic richness 
found at the site. The two Læsø Island sites 
(7-LS and 7-480) are encircled in red to 
highlight their central position

(a)
(b)

(c) (d)
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(Figure 3b) was the least similar to the TESS picture (Figure 2a). In 
general, this network showed a more stepwise connectivity pattern 
among populations from the same or adjacent sampling areas, reflect-
ing that dispersal probability is limited by geographic proximity at the 
assessed spatial scale. In contrast, the network based on minimum 
multigeneration (32 generations and taking into account the extant 
Z. marina distribution) was similar to the TESS analysis and the net-
work based on genetic distance (Figure 3c). The network based on 
multigeneration-historic dispersal probability was almost identical to 
the TESS analysis and the genetic network based on Dps (Figure 3d).

The network analysis also allowed visualization of populations cen-
tral to connectivity (Greenbaum & Fefferman, 2017; Rozenfeld et al., 
2008). The oceanographic and genetic network analyses indicated 
that meadows from south-western and central Kattegat (sampling 
areas 4, 5 and 7) are central to connectivity (Figure 3). The offshore 
populations from the island Læsø (7-LS and 7-480) are of greatest in-
terest as they are located in an area of historically extensive eelgrass 
meadows (and still retain high allelic richness; Figure 1).

4  | DISCUSSION

4.1 | Distribution of genetic diversity of Z. marina in 
the Skagerrak -Kattegat

Our initial hypothesis of reduced genotypic and allelic diversity as a 
consequence of the massive losses and fragmentation over the past 
century was not borne out. Rather, the Skagerrak–Kattegat region 
harbours some of the highest diversity for Z. marina in Europe (J.L. 
Olsen, unpublished data). Interestingly, the highest values of allelic 
richness are found in the centre of the Skagerrak–Kattegat region 
around the Læsø Islands (7-LS, 7-480), where eelgrass was histori-
cally abundant (Figure 1b). These observations are consistent with 
probable glacial refugia (Maggs et al., 2008) and the original post-
glacial colonization of the nascent North Sea basin (Hewitt, 2000; 
Maggs et al., 2008; Olsen et al., 2004) including the Skagerrak–
Kattegat, when the current system was established ca. 8,000 years 
ago (Gyllencreutz, Backman, Jakobsson, Kissel, & Arnold, 2006). At 
that time, the Baltic was still an isolated, freshwater ice lake and 
colonization of both areas came most likely from the south (Ireland, 
Brittany, Iberian tip), although a high North refugium in northern 

Norway cannot be ruled out for macrophytes in general (Coyer 
et al., 2011; Maggs et al., 2008; Olsen et al., 2013). No evidence 
for a secondary contact zone, commonly observed to coincide with 
biogeographic regions (Gagnaire et al., 2015), was evident between 
genetically differentiated Baltic and North Sea populations and the 
Skagerrak–Kattegat (see Figure S5).

4.2 | Population genetic structure and connectivity

The 23 sampling sites form three distinct genetic clusters based on 
the TESS analysis (Figure 2). The small (red) genetic cluster consisting 
of the two sites, South Kråkerön (K-KR) and North St. Överön (K-SO), 
is located in the Marstrand area, which has lost an estimated 93% of 
meadows since the 1980s and losses continue (Moksnes et al., 2016). 
Although these two sites are genetically isolated from the other clus-
ters, they exhibit high allelic diversity. Gene flow to these sites may be 
provided from small fragmented eelgrass beds that are still found in 
the Marstrand area (currently under investigation). Each of the three 
clusters is further characterized by strong population genetic structure 
among all sampling sites and few first-generation migrants (Table S5). 
This is typical for seagrasses and caused by one or more of the follow-
ing factors: partial clonality (Olsen et al., 2004), a larger role for muta-
tions over migration due to the longevity of clones (Arnaud-Haond 
et al., 2014), sporadic recruitment (Becheler, Diekmann, Hily, Moalic, 
& Arnaud-Haond, 2010), founder-takes-all recruitment (Waters, 
Fraser, & Hewitt, 2013) or stochasticity of dispersal (Kendrick et al., 
2012).

Dispersal among populations was further explored with the bio-
physical particle modelling. Single-generation dispersal explains the 
differentiation of the small genetic cluster in the Marstrand area (red 
cluster in Figure 3b) and is significantly correlated with asymmetric 
migration rates—but not with genetic differentiation (Dps; Table 2). 
Multigeneration dispersal explains a higher proportion of genetic 
differentiation and asymmetric migration rates (Table 2), and long-
distance connectivity increases (Figure 3c). Inclusion of the historic 
distribution in the multigeneration model results in an almost perfect 
recovery of the genetic clusters (Figure 3a,d), and both Dps and asym-
metric migration rates have an improved fit with this measure (Table 2). 
Overall, this assessment with presumably neutral genetic markers sug-
gests that the processes of migration and genetic drift explain a large 

TABLE  2 Results of Mantel tests between log10-transformed “sea distance” or dispersal probabilities (see Material and Methods) and a 
genetic differentiation matrix based on the proportion of shared alleles (Dps) or asymmetric migration rates based on GST and calculated with 
DivMigrate (asymm. mig.)

“sea distance”
Single-generation dispersal 
probability

Multigeneration dispersal 
probability

Historic multigeneration 
dispersal probability

Dps Asymm. mig. Dps Asymm. mig. Dps Asymm. mig. Dps Asymm. mig.

Corr .31 na −.1 .19 −.31 .34 −.59 .39

p 1E-04 na 0.106 0.004 2.9E-05 4.2E-05 1E-05 3E-04

All but the correlation between single-generation dispersal probability and Dps is significant (bold). Note that a negative correlation is expected between 
Dps and minimum dispersal probability, because sites with a high probability of dispersal between them are expected to show low genetic differentiation, 
whereas asymmetric migration rates are expected to be positively correlated with dispersal probability.
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part of the observed genetic population structure, but adaptation to 
local physical parameters could be an additional explanation.

One major genetic and oceanographic break observed is located 
approximately at the border of the Kattegat and Skagerrak and is con-
firmed by the few previous studies of population genetic structure 
in the Skagerrak and Kattegat, e.g., for herring (Lamichhaney et al., 
2012), harbour porpoise (Lah et al., 2016) and cod (Barth et al., 2017). 
A particularly relevant study of the macroalga Saccharina latissimi, 
which also shows exclusively passive dispersal, indicates a similar ge-
netic break between the Kattegat and Skagerrak (Moller Nielsen et al., 
2016). The other important genetic and oceanographic break we ob-
serve is located in the Marstrand area. This has not been previously 
reported—probably due to lack of geographically detailed sampling 
for genetic studies in the area. The only studies in the Skagerrak and 
Kattegat that used both genetic and biophysical methods found high 
correlations between gene flow and oceanographic connectivity for 
diatoms (Godhe et al., 2013), while the correlation was lower for ac-
tively moving cod (Barth et al., 2017).

The network analysis also allows visualization and identification of 
populations central to connectivity (Greenbaum & Fefferman, 2017; 
Rozenfeld et al., 2008). The oceanographic and genetic network anal-
yses indicate that meadows from south-western and central Kattegat 
(sampling areas 4, 5 and 7) are central for connectivity (Figure 3). The 
offshore populations from the island Læsø (7-LS and 7-480) are of 
greatest interest as they are located in an area of historically exten-
sive eelgrass meadows (and still retain the phylogeographic footprint 
of high allelic richness; Figure 1). Their central position and node size 
within the networks indicate their importance as stepping stones be-
tween the Skagerrak and Kattegat as well as between Denmark and 
Sweden.

4.3 | Comparison of connectivity measures and 
temporal scales

The best fit among Mantel tests was obtained between ge-
netic distance based on the proportion of shared alleles (Dps) and 
multigeneration-historic dispersal, explaining ~40% of genetic varia-
bility (Table 2). This metric takes into account oceanographic dispersal 
distance, stepping-stone dispersal over multiple generations and his-
toric habitat continuity. IBO that incorporates oceanographic distance 
and habitat discontinuity, and/or stepping-stone dispersal, was able to 
achieve similarly high correlations for giant kelps and fucoid macroal-
gae that also disperse by rafting (Alberto et al., 2011; Buonomo et al., 
2017). Thus, support is mounting that IBO is a better approach than 
IBD to explain genetic structure and gene flow. However, the corre-
lation between genetic differentiation and single-generation oceano-
graphic dispersal performs worse than classical IBD. Asymmetric 
migration, calculated with DivMigrate, correlates more strongly than 
Dps with both single- and multigeneration-extant dispersal probability, 
but not with multigeneration-historic dispersal. This indicates that this 
measure of asymmetric migration is capable of capturing more recent 
migration rates (Sundqvist et al., 2016). This measure is relatively new, 
and to our knowledge, we test and show here for the first time that 

this metric has indeed a better fit with dispersal probability on shallow 
time-scales, as would be expected (Sundqvist et al., 2016). The good 
fit of both genetic measures and oceanographic connectivity further 
indicates that genetic structure of eelgrass in the Skagerrak–Kattegat 
is mainly driven by migration and genetic drift—and not selection.

Despite the documented high loss of eelgrass meadows in the 
area, the effect is not visible in the levels of genetic diversity and dif-
ferentiation. Thanks to the availability of historic distribution data, we 
were able to compare modelled connectivity of the extant eelgrass 
beds with the historic distribution of ~100 years ago. As would be ex-
pected, the loss of the historic meadows has resulted in some changes 
in the probability of dispersal and the network structure. For exam-
ple, Limfjord (6-LM) and Gåso (G-SG) have become oceanographically 
isolated over the last century (Figure 3c,d), but this is not visible (yet) 
in the genetic structure (Figure 3a). This genetic memory or “ghost of 
dispersal past” (Benzie, 1999) reflects distribution and connectivity of 
Z. marina of at least 100 years ago instead of the current (decades) 
distribution. In fact, it may even reflect the “ghost of original coloniza-
tion” after the last glacial maximum. Such mismatches have often been 
observed and explained by a time lag between current demographic 
processes and population genetic structure (Epps & Keyghobadi, 
2015; and Jahnke, Olsen, & Procaccini, 2015 for seagrasses) and/or 
high temporal genetic stability of genetic diversity measures (Reynolds 
et al., 2017).

4.4 | Complementary value of genetic and 
biophysical models

Cross-validations of the genetic and oceanographic modelling data 
show good agreement and provide different insights into the struc-
ture and connectivity of populations. The genetic survey integrates 
over many gene-flow mechanisms and captures regional population 
history through deep time. In addition, diversity metrics and popula-
tion differentiation, as well as inferences about demography, can only 
be determined with genetic data. In general, genetic methods are less 
well suited for inferring the spatial component and directionality of 
dispersal.

In contrast, biophysical models provide insights about the genera-
tional time depth of dispersal and the shaping of populations with re-
spect to barriers and circulation patterns. Although single-generation 
dispersal may be a weak predictor, the ability to simulate a range of 
generational time depths through stepping-stone simulations is a dis-
tinct advantage. When historical distribution records are also avail-
able, as is the case here, predictions of where populations should or 
could persist become very powerful. Biophysical models also offer 
better spatial coverage than is feasible with most genetic sampling 
efforts. The main shortcoming of biophysical models is that they say 
nothing about demographic history, adaptive potential or genetic 
health of the species in question. In terms of resource investment, 
initial front-end development of suitable oceanographic models is 
both time-consuming and cost-intensive, and limited to the specific 
region of interest. In the absence of such oceanographic models, ge-
netic surveys remain the best alternative. Microsatellite markers are 
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available for many seagrass species, and an assessment such as the 
one reported here is standardized and easy to perform.

The added value of the dual approach further strengthens conser-
vation planning and eventual monitoring of a particular management 
plan, because it is possible to rerun a biophysical model with different 
data and under different scenarios to reflect adaptive management 
(e.g., McCook et al., 2010). The results of the two approaches to con-
nectivity may also be used to rank sites, for instance according to their 
connectedness, whether they act as sources or sinks or their level of 
diversity (Jonsson, Nilsson Jacobi et al., 2016). Such results could then 
be used by conservation managers in spatial planning programmes 
such as Marxan and Zonation for prioritization in large-scale conserva-
tion efforts (Delavenne et al., 2012).

4.5 | Implications for management

Understanding spatial population structure and identifying areas with 
restricted as well as excellent connectivity are essential in conserva-
tion management. Here, both the genetic and hydrodynamic con-
nectivity assessments identified dispersal barriers, creating distinct 
clusters that could serve as management units (Palsbøll, Bérubé, & 
Allendorf, 2007), which should be managed separately to ensure long-
term persistence and protection of genetic diversity (Allendorf et al., 
2013). While a genetic and oceanographic barrier is evident between 
the Kattegat and Skagerrak, no such break is visible between Denmark 
and Sweden. Thus, it is important to assess whether existing or pro-
posed MPAs in the study area constitute functional networks within 
each of the three genetically distinct clusters and their biophysical 
barriers also across countries. For instance, all Z. marina meadows 
within the large cluster covering most of the Kattegat could be man-
aged as a single unit within, for example, an MPA network, as replen-
ishment from one site to another can be expected. However, the two 
sites that have become oceanographically isolated (6-LM and G-SG) 
will require further local management. Likewise, it is critical to protect 
the small meadows off the Island Læsø (7-LS and 7-480), remnants of 
the large historic offshore population that appear key for connectivity 
(Figure 3). Fortunately, the meadows off Læsø are presently included 
in a ca. 1,000 km2 large Natura 2000 site that includes protection of 
shallow water soft-sediment habitats (Moksnes et al., 2014). However, 
dramatic improvements of the environmental conditions in, for exam-
ple, water clarity would be required for recovery towards the historic 
distribution in offshore Kattegat where the maximum depth distribu-
tion of eelgrass has decreased by >50% (Boström et al., 2003). It is 
also important to ensure that MPAs provide the intended protection 
to habitats and biodiversity (Almany et al., 2009). Along the Swedish 
coasts, for example, small-scale destruction of eelgrass meadows for 
construction of piers and marinas is high and occurs even inside pro-
tected areas (69% of the studied cases within eelgrass meadows were 
approved for construction; Eriander, Laas, Bergström, Gipperth, & 
Moksnes, 2017). Hence, there is an urgent need to review regulations 
and management of existing MPAs.

From a local management perspective, one of the key findings is 
the low connectivity into and out of the Marstrand area (red cluster 

1) in the Swedish Kattegat, where major losses of eelgrass have oc-
curred and continue to occur. The oceanographic isolation could be 
related to two large rivers that enter the Kattegat just south of this 
area and may create a dispersal barrier. The genetic isolation indicates 
that natural replenishment from outside is unlikely, making protection 
of the remaining Z. marina beds crucial. The high allelic diversity sug-
gests that the losses have not yet negatively affected fitness and that 
local meadows constitute good donor material for restoration (e.g., 
Reynolds et al., 2012), while transplantation from other areas should 
be avoided (e.g., Kettenring, Mercer, Reinhardt Adams, & Hines, 2014). 
In fact, this study shows that genetic diversity and connectivity of 
Z. marina in the Skagerrak–Kattegat seem to be generally in a healthy 
state, but assessment such as this, in addition to assessments on a 
more local scale, can highlight vulnerable sites or could be used as 
baselines for tracking future changes.

The historic loss in the Skagerrak–Kattegat is possibly the largest 
reported seagrass loss in the world (P.-O. Moksnes, unpubl.). Despite 
protection by international conventions and directives, and large MPA 
networks (covering approximately 15% of the Skagerrak–Kattegat; 
Moksnes et al., 2014), recovery has been very limited, and losses con-
tinue (Boström et al., 2014; Moksnes et al., 2016). Thus, protection 
from physical impacts within MPAs may not be sufficient to ensure 
persistence and recovery of Z. marina, but more and new measures are 
needed to improve environmental conditions. In addition to increased 
efforts to reduce nutrient input to coastal waters, management should 
consider measures to enhance depleted populations of large preda-
tory fish that would restore the trophic structure of coastal ecosys-
tems (Östman et al., 2016), measures that can break self-generating 
feedback mechanisms such as sediment resuspension that lock the 
system in a turbid state (Maxwell et al., 2016; Nyström et al., 2012), 
and eelgrass restoration to facilitate a natural recovery of lost mead-
ows (van Katwijk et al., 2016), including compensatory mitigation of 
eelgrass lost or damaged during, for example, coastal exploitation 
(Moksnes et al., 2016).

5  | CONCLUSIONS

Our analysis supports the notion that passive rafting of flowering 
shoots by oceanographic currents influence patterns of gene flow 
of Z. marina in the Skagerrak–Kattegat and is the main driver of ob-
served population genetic structure and meta-population dynamics. 
We show that the meta-population is driven by stepping-stone dis-
persal over many generations and that current genetic differentiation 
is best explained by connectivity considering the historic Z. marina 
distribution. This “ghost of dispersal past” is also evident in the dis-
tribution of allelic richness, where highest diversity is found in the 
Læsø Island area, where major historic losses occurred. Using two 
complementary methods to assess connectivity enabled us to in-
vestigate and compare dispersal and migration patterns at different 
temporal scales. In this study, we found strong concordance among 
the two methods in detecting sources, sinks and connectivity pat-
terns. This information can be used to pinpoint areas where local 
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protection is necessary or where populations could/should be man-
aged in a network approach for MPAs. The temporally more dynamic 
oceanographic modelling was also able to highlight areas where con-
nectivity has become limited over the last decades. Such informa-
tion is additionally helpful for marine spatial management to pinpoint 
geographic areas where there is a need to improve environmental 
conditions. The large geographic scale study presented here forms 
a framework for future detailed assessments of connectivity and ge-
netic diversity on smaller scales within the coastal archipelagos and 
fjords. Such multiscale information should aid managers at the local, 
national and international levels in marine spatial planning, for exam-
ple, for the identification of hubs, and important extant or historic 
source meadows that should be targeted for protection, or key areas 
for restoration.

ACKNOWLEDGEMENTS

We thank Michael C. Fontaine for use of JLO’s former laboratory 
in Groningen and helpful discussions about data analysis, and Jan 
Veldsink for assistance with genotyping. We also thank Dorte Krause-
Jensen for help in collecting Danish habitat data, Kevin Vikström 
for compiling habitat maps and Mogens Flindt, Birgit Olesen and Bo 
Gustafsson for help in localizing eelgrass meadows in the Kattegat. 
This research was supported by the Swedish Research Council for 
Environment, Agricultural Sciences and Spatial Planning (FORMAS): 
Grant number: 2015-1611-30910-24 (2016–2019) to PRJ, POM 
and JLO. The work was performed within the Linnaeus Centre for 
Marine Evolutionary Biology (www.cemeb.science.gu.se/) and the 
multidisciplinary research programme Zorro (www.gu.se/zorro) at 
the University of Gothenburg. PRJ was supported through the pro-
ject BIO-C3, which received funding from BONUS, the joint Baltic 
Sea research and development programme (Art 185), funded jointly 
from the EU FP 7 and the Swedish Research Council FORMAS. JLO 
and POM thank the Zostera Experimental Network (ZEN) for use of 
unpublished genetic diversity data from Atlantic Europe for compari-
sons. We thank Nicolas Bierne and three very thorough reviewers 
who helped to improve the manuscript.

DATA ARCHIVING STATEMENT

The matrix of microsatellite genotypes and the oceanographic ma-
trices of dispersal probability can be found on Dryad: https://doi.
org/10.5061/dryad.2139f.

ORCID

Marlene Jahnke   http://orcid.org/0000-0001-7262-315X 

REFERENCES

Alberto, F., Raimondi, P. T., Reed, D. C., Watson, J. R., Siegel, D. A., 
Mitarai, S., … Serrão, E. A. (2011). Isolation by oceanographic dis-
tance explains genetic structure for Macrocystis pyrifera in the Santa 

Barbara Channel. Molecular Ecology, 20, 2543–2554. https://doi.
org/10.1111/j.1365-294X.2011.05117.x

Allendorf, F. W., Luikart, G. H., & Aitken, S. N. (2013). Conservation and the 
genetics of populations, 2nd edition. Chichester, UK: Wiley-Blackwell.

Almany, G. R., Connolly, S. R., Heath, D. D., Hogan, J. D., Jones, G. P., 
McCook, L. J., … Williamson, D. H. (2009). Connectivity, biodiver-
sity conservation and the design of marine reserve networks for 
coral reefs. Coral Reefs, 28, 339–351. https://doi.org/10.1007/
s00338-009-0484-x

Antao, T., Lopes, A., Lopes, R., Beja-Pereira, A., & Luikart, G. (2008). 
LOSITAN: A workbench to detect molecular adaptation based 
on a Fst-outlier method. BMC Bioinformatics, 9, 323. https://doi.
org/10.1186/1471-2105-9-323

Arnaud-Haond, S., Duarte, C. M., Alberto, F., & Serrão, E. A. 
(2007). Standardizing methods to address clonality in popu-
lation studies. Molecular Ecology, 16, 5115–5139. https://doi.
org/10.1111/j.1365-294X.2007.03535.x

Arnaud-Haond, S., Moalic, Y., Hernández-García, E., Eguiluz, V. M., Alberto, 
F., Serrão, E. A., & Duarte, C. M. (2014). Disentangling the influence of 
mutation and migration in clonal seagrasses using the genetic diversity 
spectrum for microsatellites. Journal of Heredity, 105, 532–541. https://
doi.org/10.1093/jhered/esu015

Baden, S., Emanuelsson, A., Pihl, L., Svensson, C.-J., & Åberg, P. (2012). Shift 
in seagrass food web structure over decades is linked to overfishing. 
Marine Ecology Progress Series, 451, 61–73. https://doi.org/10.3354/
meps09585

Baden, S., Gullström, M., Lundén, B., Pihl, L., & Rosenberg, R. (2003). 
Vanishing seagrass (Zostera marina, L.) in Swedish coastal waters. 
AMBIO: A Journal of the Human Environment, 32, 374–377. https://doi.
org/10.1579/0044-7447-32.5.374

Baguette, M., Blanchet, S., Legrand, D., Stevens, V. M., & Turlure, C. (2013). 
Individual dispersal, landscape connectivity and ecological networks. 
Biological Reviews of the Cambridge Philosophical Society, 88, 310–326. 
https://doi.org/10.1111/brv.12000

Bailleul, D., Stoeckel, S., & Arnaud-Haond, S. (2016). RClone: A pack-
age to identify MultiLocus Clonal Lineages and handle clonal data 
sets in R. Methods in Ecology and Evolution, 7, 966–970. https://doi.
org/10.1111/2041-210X.12550

Barth, J. M. I., Berg, P. R., Jonsson, P. R., Bonanomi, S., Corell, H., Hemmer-
Hansen, J., … Andre, C. (2017). Genome architecture enables local ad-
aptation of Atlantic cod despite high connectivity. Molecular Ecology, 
26, 4452–4466. https://doi.org/10.1111/mec.14207

Becheler, R., Diekmann, O., Hily, C., Moalic, Y., & Arnaud-Haond, S. (2010). 
The concept of population in clonal organisms: Mosaics of temporally 
colonized patches are forming highly diverse meadows of Zostera ma-
rina in Brittany. Molecular Ecology, 19, 2394–2407.

Beerli, P., & Felsenstein, J. (2001). Maximum likelihood estimation of a mi-
gration matrix and effective population sizes in n subpopulations by 
using a coalescent approach. Proceedings of the National Academy of 
Sciences of the United States of America, 98, 4563–4568. https://doi.
org/10.1073/pnas.081068098

Benzie, J. A. (1999). Genetic structure of coral reef organisms: Ghosts of dis-
persal past. American Zoologist, 39, 131–145. https://doi.org/10.1093/
icb/39.1.131

Bjornstad, O. (2009). ncf: spatial nonparametric covariance functions. R pack-
age version 1.1-3. Retrieved from http://onb.Ent.Psu.Edu/onb1/r

Boström, C., Baden, S., Bockelmann, A.-C., Dromph, K., Fredriksen, S., 
Gustafsson, C., … Rinde, E. (2014). Distribution, structure and func-
tion of Nordic eelgrass (Zostera marina) ecosystems: Implications for 
coastal management and conservation. Aquatic Conservation: Marine 
and Freshwater Ecosystems, 24, 410–434. https://doi.org/10.1002/
aqc.2424

Boström, C., Baden, S., & Krause-Jensen, D. (2003). Scandinavia and the 
Baltic Sea. In E. P. Green & F. T. Short (Eds.), World atlas of seagrasses 
(pp. 27–35). Berkeley, CA: University of California Press.

http://www.cemeb.science.gu.se/
http://www.gu.se/zorro
https://doi.org/10.5061/dryad.2139f
https://doi.org/10.5061/dryad.2139f
http://orcid.org/0000-0001-7262-315X
http://orcid.org/0000-0001-7262-315X
https://doi.org/10.1111/j.1365-294X.2011.05117.x
https://doi.org/10.1111/j.1365-294X.2011.05117.x
https://doi.org/10.1007/s00338-009-0484-x
https://doi.org/10.1007/s00338-009-0484-x
https://doi.org/10.1186/1471-2105-9-323
https://doi.org/10.1186/1471-2105-9-323
https://doi.org/10.1111/j.1365-294X.2007.03535.x
https://doi.org/10.1111/j.1365-294X.2007.03535.x
https://doi.org/10.1093/jhered/esu015
https://doi.org/10.1093/jhered/esu015
https://doi.org/10.3354/meps09585
https://doi.org/10.3354/meps09585
https://doi.org/10.1579/0044-7447-32.5.374
https://doi.org/10.1579/0044-7447-32.5.374
https://doi.org/10.1111/brv.12000
https://doi.org/10.1111/2041-210X.12550
https://doi.org/10.1111/2041-210X.12550
https://doi.org/10.1111/mec.14207
https://doi.org/10.1073/pnas.081068098
https://doi.org/10.1073/pnas.081068098
https://doi.org/10.1093/icb/39.1.131
https://doi.org/10.1093/icb/39.1.131
http://onb.Ent.Psu.Edu/onb1/r
https://doi.org/10.1002/aqc.2424
https://doi.org/10.1002/aqc.2424


658  |     JAHNKE et al.

Bowcock, A. M., Ruiz-Linares, A., Tomfohrde, J., Minch, E., Kidd, J. R., & 
Cavalli-Sforza, L. L. (1994). High resolution of human evolutionary 
trees with polymorphic microsatellites. Nature, 368, 455. https://doi.
org/10.1038/368455a0

Buonomo, R., Assis, J., Fernandes, F., Engelen, A. H., Airoldi, L., & Serrão, 
E. A. (2017). Habitat continuity and stepping-stone oceanographic 
distances explain population genetic connectivity of the brown alga 
Cystoseira amentacea. Molecular Ecology, 26, 766–780. https://doi.
org/10.1111/mec.13960

Chen, C., Durand, E., Forbes, F., & François, O. (2007). Bayesian clustering 
algorithms ascertaining spatial population structure: A new computer 
program and a comparison study. Molecular Ecology Notes, 7, 747–756. 
https://doi.org/10.1111/j.1471-8286.2007.01769.x

Cole, S. G., & Moksnes, P.-O. (2016). Valuing multiple eelgrass ecosystem 
services in Sweden: Fish production and uptake of carbon and nitro-
gen. Frontiers in Marine Science, 2, 121.

Cowen, R. K., & Sponaugle, S. (2009). Larval dispersal and marine popula-
tion connectivity. Annual Review of Marine Science, 1, 443–466. https://
doi.org/10.1146/annurev.marine.010908.163757

Coyer, J. A., Hoarau, G., Costa, J. F., Hogerdijk, B., Serrão, E. A., Billard, E., 
… Olsen, J. L. (2011). Evolution and diversification within the intertidal 
brown macroalgae Fucus spiralis/F. vesiculosus species complex in the 
North Atlantic. Molecular Phylogenetics and Evolution, 58, 283–296. 
https://doi.org/10.1016/j.ympev.2010.11.015

Csardi, G., & Nepusz, T. (2006). The igraph software package for complex 
network research. InterJournal, Complex Systems, 1695, 1–9.

De Vries, P., & Döös, K. (2001). Calculating Lagrangian trajectories using 
time-dependent velocity fields. Journal of Atmospheric and Oceanic 
Technology, 18, 1092–1101. https://doi.org/10.1175/1520-0426(200
1)018&lt;1092:CLTUTD&gt;2.0.CO;2

Delavenne, J., Metcalfe, K., Smith, R. J., Vaz, S., Martin, C. S., Dupuis, L., 
… Carpentier, A. (2012). Systematic conservation planning in the east-
ern English Channel: Comparing the Marxan and Zonation decision-
support tools. ICES Journal of Marine Science: Journal du Conseil, 69, 
75–83. https://doi.org/10.1093/icesjms/fsr180

Desktop, E. A. (2014). Release 10.3 Environmental Systems Research Institute. 
Redlands, CA: Environmental Systems Research Institute.

Dieringer, D., & Schlötterer, C. (2003). Microsatellite analyser (MSA): 
A platform independent analysis tool for large microsatel-
lite data sets. Molecular Ecology Notes, 3, 167–169. https://doi.
org/10.1046/j.1471-8286.2003.00351.x

Dorken, M. E., & Eckert, C. G. (2001). Severely reduced sexual reproduc-
tion in northern populations of a clonal plant, Decodonverticillatus 
(Lythraceae). Journal of Ecology, 89, 339–350. https://doi.
org/10.1046/j.1365-2745.2001.00558.x

Dyer, R. (2014). Popgraph: This is an R package that constructs and manipu-
lates population graphs. R Package version 1.4.

2000:EEC., N. (1992). Council Directive 92/43/EEC of 21 May 1992 on 
the conservation of natural habitats and of wild fauna and flora. Official 
Journal of the European Union, 206, 7–50.

Engelhard, S. L., Huijbers, C. M., Stewart-Koster, B., Olds, A. D., Schlacher, 
T. A., Connolly, R. M., & Österblom, H. (2016). Prioritising seascape 
connectivity in conservation using network analysis. Journal of Applied 
Ecology, 54, 1130–1141.

Envall, M., & Lawett, E. (2016). Satelitbildsanalys för uppföljning gav vegeta-
tion på grund marin botten. Metodtest med fältverifikation för uppskat-
tning av ut- bredning av ålgräs och annan långskottsvegetation men sate-
litbildsana- lys – jämförelse Sveriges västkust och ostkust. In Havs och 
Vattenmyndighetens rapport. In Swedish.

Epps, C. W., & Keyghobadi, N. (2015). Landscape genetics in a chang-
ing world: Disentangling historical and contemporary influences and 
inferring change. Molecular Ecology, 24, 6021–6040. https://doi.
org/10.1111/mec.13454

Eriander, L., Laas, K., Bergström, P., Gipperth, L., & Moksnes, P.-O. (2017). 
The effects of small-scale coastal development on the eelgrass (Zostera 

marina L.) distribution along the Swedish west coast–Ecological impact 
and legal challenges. Ocean & Coastal Management, 148, 182–194. 
https://doi.org/10.1016/j.ocecoaman.2017.08.005

Foll, M., & Gaggiotti, O. (2008). A genome-scan method to identify se-
lected loci appropriate for both dominant and codominant mark-
ers: A Bayesian perspective. Genetics, 180, 977–993. https://doi.
org/10.1534/genetics.108.092221

Francis, R. M. (2016). pophelper: An r package and web app to analyse and 
visualize population structure. Molecular Ecology Resources, 17, 27–32.

Frichot, E., Schoville, S. D., Bouchard, G., & François, O. (2012). Correcting 
principal component maps for effects of spatial autocorrelation in pop-
ulation genetic data. Frontiers in Genetics, 3, 254.

Gagnaire, P. A., Broquet, T., Aurelle, D., Viard, F., Souissi, A., Bonhomme, F., 
… Bierne, N. (2015). Using neutral, selected, and hitchhiker loci to as-
sess connectivity of marine populations in the genomic era. Evolutionary 
Applications, 8, 769–786. https://doi.org/10.1111/eva.12288

Godhe, A., Egardt, J., Kleinhans, D., Sundqvist, L., Hordoir, R., & Jonsson, 
P. R. (2013). Seascape analysis reveals regional gene flow patterns 
among populations of a marine planktonic diatom. Proceedings of the 
Royal Society of London B: Biological Sciences, 280, 20131599. https://
doi.org/10.1098/rspb.2013.1599

Grech, A., Wolter, J., Coles, R., McKenzie, L., Rasheed, M., Thomas, C., … 
Hanert, E. (2016). Spatial patterns of seagrass dispersal and settlement. 
Diversity and Distributions, 22, 1150–1162. https://doi.org/10.1111/
ddi.12479

Greenbaum, G., & Fefferman, N. H. (2017). Application of network methods 
for understanding evolutionary dynamics in discrete habitats. Molecular 
Ecology, 26, 2850–2863. https://doi.org/10.1111/mec.14059

Greenbaum, G., Templeton, A. R., & Bar-David, S. (2016). Inference 
and analysis of population structure using genetic data and net-
work theory. Genetics, 202, 1299–1312. https://doi.org/10.1534/
genetics.115.182626

Gyllencreutz, R., Backman, J., Jakobsson, M., Kissel, C., & Arnold, E. (2006). 
Postglacial palaeoceanography in the Skagerrak. The Holocene, 16, 
975–985. https://doi.org/10.1177/0959683606hl988rp

Harwell, M. C., & Orth, R. J. (2002). Long-distance dispersal in a marine 
macrophyte. Ecology, 83, 3319–3330. https://doi.org/10.1890/0012-
9658(2002)083[3319:LDDPIA]2.0.CO;2

HELCOM. (2010). Towards an ecologically coherent network of well-managed 
Marine Protected Areas – Implementation report on the status and ecolog-
ical coherence of the HELCOM BSPA network. In Baltic Sea Environment 
Proceedings: Helsinki Commission.

Hernawan, U. E., van Dijk, K. J., Kendrick, G. A., Feng, M., Biffin, E., Lavery, 
P. S., & McMahon, K. (2016). Historical processes and contempo-
rary ocean currents drive genetic structure in the seagrass Thalassia 
hemprichii in the Indo-Australian Archipelago. Molecular Ecology, 26, 
1008–1021.

Hewitt, G. (2000). The genetic legacy of the Quaternary ice ages. Nature, 
405, 907–913. https://doi.org/10.1038/35016000

Hoarau, G., Coyer, J. A., Stam, W. T., & Olsen, J. L. (2007). A fast and 
inexpensive DNA extraction/purification protocol for brown 
macroalgae. Molecular Ecology Notes, 7, 191–193. https://doi.
org/10.1111/j.1471-8286.2006.01587.x

Hordoir, R., Dieterich, C., Basu, C., Dietze, H., & Meier, H. (2013). 
Freshwater outflow of the Baltic Sea and transport in the Norwegian 
current: A statistical correlation analysis based on a numerical exper-
iment. Continental Shelf Research, 64, 1–9. https://doi.org/10.1016/j.
csr.2013.05.006

Hosokawa, S., Nakaoka, M., Miyoshi, E., & Kuwae, T. (2015). Seed disper-
sal in the seagrass Zostera marina is mostly within the parent bed in a 
protected bay. Marine Ecology Progress Series, 523, 41–56. https://doi.
org/10.3354/meps11146

Hughes, A. R., Inouye, B. D., Johnson, M. T. J., Underwood, N., & Vellend, M. 
(2008). Ecological consequences of genetic diversity. Ecology Letters, 
11, 609–623. https://doi.org/10.1111/j.1461-0248.2008.01179.x

https://doi.org/10.1038/368455a0
https://doi.org/10.1038/368455a0
https://doi.org/10.1111/mec.13960
https://doi.org/10.1111/mec.13960
https://doi.org/10.1111/j.1471-8286.2007.01769.x
https://doi.org/10.1146/annurev.marine.010908.163757
https://doi.org/10.1146/annurev.marine.010908.163757
https://doi.org/10.1016/j.ympev.2010.11.015
https://doi.org/10.1175/1520-0426(2001)018%3c1092:CLTUTD%3e2.0.CO;2
https://doi.org/10.1175/1520-0426(2001)018%3c1092:CLTUTD%3e2.0.CO;2
https://doi.org/10.1093/icesjms/fsr180
https://doi.org/10.1046/j.1471-8286.2003.00351.x
https://doi.org/10.1046/j.1471-8286.2003.00351.x
https://doi.org/10.1046/j.1365-2745.2001.00558.x
https://doi.org/10.1046/j.1365-2745.2001.00558.x
https://doi.org/10.1111/mec.13454
https://doi.org/10.1111/mec.13454
https://doi.org/10.1016/j.ocecoaman.2017.08.005
https://doi.org/10.1534/genetics.108.092221
https://doi.org/10.1534/genetics.108.092221
https://doi.org/10.1111/eva.12288
https://doi.org/10.1098/rspb.2013.1599
https://doi.org/10.1098/rspb.2013.1599
https://doi.org/10.1111/ddi.12479
https://doi.org/10.1111/ddi.12479
https://doi.org/10.1111/mec.14059
https://doi.org/10.1534/genetics.115.182626
https://doi.org/10.1534/genetics.115.182626
https://doi.org/10.1177/0959683606hl988rp
https://doi.org/10.1890/0012-9658(2002)083[3319:LDDPIA]2.0.CO;2
https://doi.org/10.1890/0012-9658(2002)083[3319:LDDPIA]2.0.CO;2
https://doi.org/10.1038/35016000
https://doi.org/10.1111/j.1471-8286.2006.01587.x
https://doi.org/10.1111/j.1471-8286.2006.01587.x
https://doi.org/10.1016/j.csr.2013.05.006
https://doi.org/10.1016/j.csr.2013.05.006
https://doi.org/10.3354/meps11146
https://doi.org/10.3354/meps11146
https://doi.org/10.1111/j.1461-0248.2008.01179.x


     |  659JAHNKE et al.

Hughes, A. R., & Stachowicz, J. J. (2004). Genetic diversity enhances the 
resistance of a seagrass ecosystem to disturbance. Proceedings of the 
National Academy of Sciences of the United States of America, 101, 8998–
9002. https://doi.org/10.1073/pnas.0402642101

Hurrell, J. W., & Deser, C. (2010). North Atlantic climate variability: The 
role of the North Atlantic Oscillation. Journal of Marine Systems, 79, 
231–244. https://doi.org/10.1016/j.jmarsys.2009.11.002

Infantes, E., & Moksnes, P. O. (2017). Eelgrass seeds harvesting: Flowering 
shoots development and restoration along the Swedish west coast. 
Aquatic Botany, 144, 9–19.

Jahnke, M., Casagrandi, R., Melià, P., Schiavina, M., Schultz, S. T., Zane, 
L., & Procaccini, G. (2017). Potential and realized connectivity of the 
seagrass Posidonia oceanica and their implication for conservation. 
Diversity and Distributions, 23, 1423–1434. https://doi.org/10.1111/
ddi.12633

Jahnke, M., Christensen, A., Micu, D., Milchakova, N., Sezgin, M., Todorova, 
V., … Procaccini, G. (2016). Patterns and mechanisms of dispersal in a 
keystone seagrass species. Marine Environmental Research, 117, 54–62. 
https://doi.org/10.1016/j.marenvres.2016.04.004

Jahnke, M., Olsen, J. L., & Procaccini, G. (2015). A meta-analysis reveals 
a positive correlation between genetic diversity metrics and environ-
mental status in the long-lived seagrass Posidonia oceanica. Molecular 
Ecology, 24, 2336–2348. https://doi.org/10.1111/mec.13174

Jakobsson, M., & Rosenberg, N. A. (2007). CLUMPP: A cluster matching and 
permutation program for dealing with label switching and multimodal-
ity in analysis of population structure. Bioinformatics, 23, 1801–1806. 
https://doi.org/10.1093/bioinformatics/btm233

Jombart, T. (2008). adegenet: A R package for the multivariate analy-
sis of genetic markers. Bioinformatics, 24, 1403–1405. https://doi.
org/10.1093/bioinformatics/btn129

Jonsson, P. R., Corell, H., André, C., Svedäng, H., & Moksnes, P.-O. (2016). 
Recent decline in cod stocks in the North Sea–Skagerrak–Kattegat 
shifts the sources of larval supply. Fisheries Oceanography, 25, 210–
228. https://doi.org/10.1111/fog.12146

Jonsson, P. R., Nilsson Jacobi, M., & Moksnes, P. O. (2016). How to select 
networks of marine protected areas for multiple species with different 
dispersal strategies. Diversity and Distributions, 22, 161–173. https://
doi.org/10.1111/ddi.12394

Källström, B., Nyqvist, A., Åberg, P., Bodin, M., & André, C. (2008). Seed 
rafting as a dispersal strategy for eelgrass (Zostera marina). Aquatic 
Botany, 88, 148–153. https://doi.org/10.1016/j.aquabot.2007.09.005

van Katwijk, M. M., Thorhaug, A., Marbà, N., Orth, R. J., Duarte, C. M., 
Kendrick, G. A., … Cambridge, M. L. (2016). Global analysis of seagrass 
restoration: The importance of large-scale planting. Journal of Applied 
Ecology, 53, 567–578. https://doi.org/10.1111/1365-2664.12562

Keil, K. (2011). Adaptation to contrasting habitats and heterozygosi-
ty-fitness correlations in eelgrass (Zostera marina), Mathematisch-
Naturwissenschaftlichen Fakultät. Kiel, Germany: Christians-Albrechts-
Universität, Kiel.

Kendrick, G. A., Waycott, M., Carruthers, T. J., Cambridge, M. L., Hovey, R., 
Krauss, S. L., … i Vidal, O. M. (2012). The central role of dispersal in the 
maintenance and persistence of seagrass populations. BioScience, 62, 
56–65. https://doi.org/10.1525/bio.2012.62.1.10

Kettenring, K. M., Mercer, K. L., Reinhardt Adams, C., & Hines, J. (2014). 
EDITOR’S CHOICE: Application of genetic diversity–ecosystem func-
tion research to ecological restoration. Journal of Applied Ecology, 51, 
339–348. https://doi.org/10.1111/1365-2664.12202

Lagabrielle, E., Crochelet, E., Andrello, M., Schill, S. R., Arnaud-Haond, 
S., Alloncle, N., & Ponge, B. (2014). Connecting MPAs – eight chal-
lenges for science and management. Aquatic Conservation: Marine 
and Freshwater Ecosystems, 24, 94–110. https://doi.org/10.1002/
aqc.2500

Lah, L., Trense, D., Benke, H., Berggren, P., Gunnlaugsson, T., Lockyer, C., … 
Tiedemann, R. (2016). Spatially explicit analysis of genome-wide SNPs 
detects subtle population structure in a mobile marine mammal, the 

harbor porpoise. PLoS ONE, 11, e0162792. https://doi.org/10.1371/
journal.pone.0162792

Lamichhaney, S., Martinez Barrio, A., Rafati, N., Sundstrom, G., Rubin, C. J., 
Gilbert, E. R., … Andersson, L. (2012). Population-scale sequencing re-
veals genetic differentiation due to local adaptation in Atlantic herring. 
Proceedings of the National Academy of Sciences of the United States of 
America, 109, 19345–19350. https://doi.org/10.1073/pnas.1216128109

Leimu, R., Mutikainen, P. I. A., Koricheva, J., & Fischer, M. (2006). How gen-
eral are positive relationships between plant population size, fitness 
and genetic variation? Journal of Ecology, 94, 942–952. https://doi.
org/10.1111/j.1365-2745.2006.01150.x

Leppäranta, M., & Myrberg, K. (2009). Physical oceanography of the Baltic 
Sea. Chichester, UK: Springer Science & Business Media. https://doi.
org/10.1007/978-3-540-79703-6

Levitus, S., & Boyer, T. (1994). World Ocean Atlas 1994. Volume 4. 
Temperature. Washington, DC: National Environmental Satellite, Data, 
and Information Service.

Lowe, W. H., & Allendorf, F. W. (2010). What can genetics tell us about 
population connectivity? Molecular Ecology, 19, 3038–3051. https://
doi.org/10.1111/j.1365-294X.2010.04688.x

Lukoschek, V., Riginos, C., & van Oppen, M. J. (2016). Congruent patterns 
of connectivity can inform management for broadcast spawning corals 
on the Great Barrier Reef. Molecular Ecology, 25, 3065–3080. https://
doi.org/10.1111/mec.13649

Madec, G. (2010). Nemo ocean engine, v. 3.3. IPSL Paris France.
Maggs, C. A., Castilho, R., Foltz, D., Henzler, C., Jolly, M. T., Kelly, J., … 

Väinölä, R. (2008). Evaluating signatures of glacial refugia for North 
Atlantic benthic marine taxa. Ecology, 89, S108–S122. https://doi.
org/10.1890/08-0257.1

Matlab, G. (2016). Mathworks Inc. Retrieved from http://mathworks.com/
matlab R2016a.

Maxwell, P. S., Eklöf, J. S., Katwijk, M. M., O’Brien, K. R., Torre‐Castro, M., 
Boström, C., … Tussenbroek, B. I. (2016). The fundamental role of eco-
logical feedback mechanisms for the adaptive management of seagrass 
ecosystems – A review. Biological Reviews, 92, 1521–1538.

McCook, L. J., Ayling, T., Cappo, M., Choat, J. H., Evans, R. D., De Freitas, 
D. M., … Williamson, D. H. (2010). Adaptive management of the Great 
Barrier Reef: A globally significant demonstration of the benefits of 
networks of marine reserves. Proceedings of the National Academy of 
Sciences of the United States of America, 107, 18278–18285. https://doi.
org/10.1073/pnas.0909335107

McMahon, K., van Dijk, K.-J., Ruiz-Montoya, L., Kendrick, G. A., Krauss, S. 
L., Waycott, M., … Duarte, C. (2014). The movement ecology of sea-
grasses. Proceedings of the Royal Society of London B: Biological Sciences, 
281, 20140878. https://doi.org/10.1098/rspb.2014.0878

Meirmans, P. G. (2014). Nonconvergence in Bayesian estimation of mi-
gration rates. Molecular Ecology Resources, 14, 726–733. https://doi.
org/10.1111/1755-0998.12216

Moksnes, P.-O., Gipperth, L., Eriander, L., Laas, K., Cole, S., & Infantes, E. 
(2016). Förvaltning och restaurering av ålgräs i Sverige – Ekologisk, juridisk 
och ekonomisk bakgrund (in Swedish): Swedish Agency for Marine and 
Water Management. Report, 8.

Moksnes, P. O., Gullström, M., Tryman, K., & Baden, S. (2008). Trophic 
cascades in a temperate seagrass community. Oikos, 117, 763–777. 
https://doi.org/10.1111/j.0030-1299.2008.16521.x

Moksnes, P. O., Jonsson, P. R., & Nilsson Jacobi, M. (2015). Identifying new 
areas adding larval connectivity to existing networks of MPAs: The case 
of Kattegat and Skagerrak. Gothenburg, Sweden: Swedish Agency for 
Marine and Water Management. Report 2015:24.

Moksnes, P.-O., Jonsson, P., Nilsson Jacobi, M., & Vikström, K. (2014). 
Larval connectivity and ecological coherence of marine protected areas 
(MPAs) in the Kattegat-Skagerrak region: Swedish Institute for the Marine 
Environment. Report 2014:2.

Moller Nielsen, M., Paulino, C., Neiva, J., Krause-Jensen, D., Bruhn, 
A., & Serrao, E. A. (2016). Genetic diversity of Saccharina 

https://doi.org/10.1073/pnas.0402642101
https://doi.org/10.1016/j.jmarsys.2009.11.002
https://doi.org/10.1111/ddi.12633
https://doi.org/10.1111/ddi.12633
https://doi.org/10.1016/j.marenvres.2016.04.004
https://doi.org/10.1111/mec.13174
https://doi.org/10.1093/bioinformatics/btm233
https://doi.org/10.1093/bioinformatics/btn129
https://doi.org/10.1093/bioinformatics/btn129
https://doi.org/10.1111/fog.12146
https://doi.org/10.1111/ddi.12394
https://doi.org/10.1111/ddi.12394
https://doi.org/10.1016/j.aquabot.2007.09.005
https://doi.org/10.1111/1365-2664.12562
https://doi.org/10.1525/bio.2012.62.1.10
https://doi.org/10.1111/1365-2664.12202
https://doi.org/10.1002/aqc.2500
https://doi.org/10.1002/aqc.2500
https://doi.org/10.1371/journal.pone.0162792
https://doi.org/10.1371/journal.pone.0162792
https://doi.org/10.1073/pnas.1216128109
https://doi.org/10.1111/j.1365-2745.2006.01150.x
https://doi.org/10.1111/j.1365-2745.2006.01150.x
https://doi.org/10.1007/978-3-540-79703-6
https://doi.org/10.1007/978-3-540-79703-6
https://doi.org/10.1111/j.1365-294X.2010.04688.x
https://doi.org/10.1111/j.1365-294X.2010.04688.x
https://doi.org/10.1111/mec.13649
https://doi.org/10.1111/mec.13649
https://doi.org/10.1890/08-0257.1
https://doi.org/10.1890/08-0257.1
http://mathworks.com/matlab
http://mathworks.com/matlab
https://doi.org/10.1073/pnas.0909335107
https://doi.org/10.1073/pnas.0909335107
https://doi.org/10.1098/rspb.2014.0878
https://doi.org/10.1111/1755-0998.12216
https://doi.org/10.1111/1755-0998.12216
https://doi.org/10.1111/j.0030-1299.2008.16521.x


660  |     JAHNKE et al.

latissima (Phaeophyceae) along a salinity gradient in the North Sea-
Baltic Sea transition zone. Journal of Phycology, 52, 523–531. https://
doi.org/10.1111/jpy.12428

Nilsson Jacobi, M., André, C., Döös, K., & Jonsson, P. R. (2012). Identification 
of subpopulations from connectivity matrices. Ecography, 35, 1004–
1016. https://doi.org/10.1111/j.1600-0587.2012.07281.x

Nyqvist, A., André, C., Gullström, M., Baden, S. P., & Åberg, P. (2009). 
Dynamics of seagrass meadows on the Swedish Skagerrak coast. 
AMBIO: A Journal of the Human Environment, 38, 85–88. https://doi.
org/10.1579/0044-7447-38.2.85

Nyström, M., Norström, A. V., Blenckner, T., de la Torre-Castro, M., Eklöf, 
J. S., Folke, C., … Troell, M. (2012). Confronting feedbacks of degraded 
marine ecosystems. Ecosystems, 15, 695–710. https://doi.org/10.1007/
s10021-012-9530-6

Oetjen, K., & Reusch, T. B. H. (2007). Genome scans detect consistent di-
vergent selection among subtidal vs. intertidal populations of the ma-
rine angiosperm Zostera marina. Molecular Ecology, 16, 5156–5157. 
https://doi.org/10.1111/j.1365-294X.2007.03577.x

Olsen, J. L., Coyer, J. A., Stam, W. T., Moy, F. E., Christie, H., & Jørgensen, N. 
M. (2013). Eelgrass Zostera marina populations in northern Norwegian 
fjords are genetically isolated and diverse. Marine Ecology Progress 
Series, 486, 121–132. https://doi.org/10.3354/meps10373

Olsen, J., Stam, W., Coyer, J., Reusch, T., Billingham, M., Boström, 
C., … Wyllie-Echeverria, S. (2004). North Atlantic phylogeogra-
phy and large-scale population differentiation of the seagrass 
Zostera marina L. Molecular Ecology, 13, 1923–1941. https://doi.
org/10.1111/j.1365-294X.2004.02205.x

Orth, R. J., Carruthers, T. J. B., Dennison, W. C., Duarte, C. M., Fourqurean, 
J. W., Heck, K. L., … Williams, S. L. (2006). A global crisis for seagrass 
ecosystems. BioScience, 56, 987–996. https://doi.org/10.1641/0006-3
568(2006)56[987:AGCFSE]2.0.CO;2

Orth, R. J., Luckenbach, M., & Moore, K. A. (1994). Seed dispersal in a ma-
rine macrophyte: Implications for colonization and restoration. Ecology, 
75, 1927–1939. https://doi.org/10.2307/1941597

OSPAR. (2017). 2016 status report on the OSPAR Network of MPAs. 
Biodiversity Series, Publication 693. P. 59. London, UK: The OSPAR 
Commission. Retrieved from https://www.ospar.org/documents

Östman, Ö., Eklöf, J., Eriksson, B. K., Olsson, J., Moksnes, P. O., & 
Bergström, U. (2016). Top-down control as important as nutrient 
enrichment for eutrophication effects in North Atlantic coastal eco-
systems. Journal of Applied Ecology, 53, 1138–1147. https://doi.
org/10.1111/1365-2664.12654

Palsbøll, P. J., Bérubé, M., & Allendorf, F. W. (2007). Identification of 
management units using population genetic data. Trends in Ecology & 
Evolution, 22, 11–16. https://doi.org/10.1016/j.tree.2006.09.003

Pante, E., & Simon-Bouhet, B. (2013). Marmap: A package for importing, 
plotting and analyzing bathymetric and topographic data in R. PLoS 
ONE, 8, e73051. https://doi.org/10.1371/journal.pone.0073051

Peakall, R., & Smouse, P. E. (2012). GenAlEx 6.5: Genetic analysis in 
Excel. Population genetic software for teaching and research—An 
update. Bioinformatics, 28, 2537–2539. https://doi.org/10.1093/
bioinformatics/bts460

Petersen, C. G. J. (1893). Det videnskablige udbytte af Kanonbaaden “Hauchs” 
togter i de danske have indenfor Skagen i aarene 1883-86. Edited by M. f. 
k. o. undervisningsvæsenet. Copenhagen, Denmark: Andr. Fred. & Söns 
Forlab. In Danish.

Piry, S., Alapetite, A., Cornuet, J.-M., Paetkau, D., Baudouin, L., & Estoup, 
A. (2004). GENECLASS2: A software for genetic assignment and first-
generation migrant detection. Journal of Heredity, 95, 536–539. https://
doi.org/10.1093/jhered/esh074

Pritchard, J. K., Stephens, M., & Donnelly, P. (2000). Inference of pop-
ulation structure using multilocus genotype data. Genetics, 155, 
945–959.

Procaccini, G., Olsen, J. L., & Reusch, T. B. H. (2007). Contribution of ge-
netics and genomics to seagrass biology and conservation. Journal of 

Experimental Marine Biology and Ecology, 350, 234–259. https://doi.
org/10.1016/j.jembe.2007.05.035

Quantum GIS Development Team. (2013). Quantum GIS Geographic 
Information System. Open Source Geospatial Foundation Project. 
Retrieved from http://qgis.osgeo.org

R Development Core Team. (2014). R: A language and environment for statis-
tical computing. Vienna, Austria: R Foundation for Statistical Computing. 
ISBN 3-900051-07-0. Retrieved from http://www.R-project.org/

Rannala. 2007. BayesAss edition 3.0 user’s manual. Davis, CA: University of 
California.

Rasmussen, E. (1977). The wasting disease of eelgrass (Zostera marina) 
and its effects on environmental factors and fauna. In C. P. McRoy, C. 
Helfferich (Eds.), Seagrass ecosystems: A scientific perspective (pp. 1–51). 
Marcel  New York: Dekker Inc.

Raymond, M., & Rousset, F. (1995). GENEPOP (version 1.2): Population ge-
netics software for exact tests and ecumenicism. Journal of Heredity, 
86, 248–249. https://doi.org/10.1093/oxfordjournals.jhered.a111573

Reusch, T. B. H., Boström, C., Stam, W. T., & Olsen, J. L. (1999). An an-
cient eelgrass clone in the Baltic. Marine Ecology Progress Series, 183, 
301–304. https://doi.org/10.3354/meps183301

Reusch, T. B. H., Ehlers, A., Hämmerli, A., & Worm, B. (2005). Ecosystem 
recovery after climatic extremes enhanced by genotypic diversity. 
Proceedings of the National Academy of Sciences of the United States of 
America, 102, 2826–2831. https://doi.org/10.1073/pnas.0500008102

Reusch, T. B. H., Stam, W. T., & Olsen, J. L. (1999). Microsatellite loci in 
eelgrass Zostera marina reveal marked polymorphism within and among 
populations. Molecular Ecology, 8, 317–321.

Reynolds, L. K., McGlathery, K. J., & Waycott, M. (2012). Genetic diversity 
enhances restoration success by augmenting ecosystem services. PLoS 
ONE, 7, e38397. https://doi.org/10.1371/journal.pone.0038397

Reynolds, L. K., Stachowicz, J. J., Hughes, A. R., Kamel, S. J., Ort, B. S., & 
Grosberg, R. K. (2017). Temporal stability in patterns of genetic di-
versity and structure of a marine foundation species (Zostera marina). 
Heredity, 118, 404–412. https://doi.org/10.1038/hdy.2016.114

Rosenvinge, I. K. (1909). The marine algae of Denmark: Contributions to 
their natural history. Part I: Introduction. Rhodophyceæ I. (Bangiales 
and Nemalionales). Det Kgl. Danske Videnskabernes Selskabs Skrifter, 7. 
Ræckke, Naturvidensk.og Mathem. Afd., VII.1. Copenhagen, Denmark: 
Andr. Fred. & Söns Kgl. Hof-bokhandel.

Rozenfeld, A. F., Arnaud-Haond, S., Hernández-García, E., Eguíluz, V. M., 
Serrão, E. A., & Duarte, C. M. (2008). Network analysis identifies weak 
and strong links in a metapopulation system. Proceedings of the National 
Academy of Sciences of the United States of America, 105, 18824–18829. 
https://doi.org/10.1073/pnas.0805571105

Ryman, N., & Palm, S. (2006). POWSIM: A computer program for 
assessing statistical power when testing for genetic differ-
entiation. Molecular Ecology Notes, 6, 600–602. https://doi.
org/10.1111/j.1471-8286.2006.01378.x

Selkoe, K. A., Watson, J. R., White, C., Horin, T. B., Iacchei, M., Mitarai, S., 
… Toonen, R. J. (2010). Taking the chaos out of genetic patchiness: 
Seascape genetics reveals ecological and oceanographic drivers of ge-
netic patterns in three temperate reef species. Molecular Ecology, 19, 
3708–3726. https://doi.org/10.1111/j.1365-294X.2010.04658.x

Short, F., Carruthers, T., Dennison, W., & Waycott, M. (2007). Global 
seagrass distribution and diversity: A bioregional model. Journal 
of Experimental Marine Biology and Ecology, 350, 3–20. https://doi.
org/10.1016/j.jembe.2007.06.012

Sinclair, E. A., Anthony, J. M., Greer, D., Ruiz-Montoya, L., Evans, S. M., 
Krauss, S. L., & Kendrick, G. A. (2016). Genetic signatures of Bassian 
glacial refugia and contemporary connectivity in a marine founda-
tion species. Journal of Biogeography, 43, 2209–2222. https://doi.
org/10.1111/jbi.12822

Sumoski, S. E., & Orth, R. J. (2012). Biotic dispersal in eelgrass Zostera ma-
rina. Marine Ecology Progress Series, 471, 1–10. https://doi.org/10.3354/
meps10145

https://doi.org/10.1111/jpy.12428
https://doi.org/10.1111/jpy.12428
https://doi.org/10.1111/j.1600-0587.2012.07281.x
https://doi.org/10.1579/0044-7447-38.2.85
https://doi.org/10.1579/0044-7447-38.2.85
https://doi.org/10.1007/s10021-012-9530-6
https://doi.org/10.1007/s10021-012-9530-6
https://doi.org/10.1111/j.1365-294X.2007.03577.x
https://doi.org/10.3354/meps10373
https://doi.org/10.1111/j.1365-294X.2004.02205.x
https://doi.org/10.1111/j.1365-294X.2004.02205.x
https://doi.org/10.1641/0006-3568(2006)56[987:AGCFSE]2.0.CO;2
https://doi.org/10.1641/0006-3568(2006)56[987:AGCFSE]2.0.CO;2
https://doi.org/10.2307/1941597
https://www.ospar.org/documents
https://doi.org/10.1111/1365-2664.12654
https://doi.org/10.1111/1365-2664.12654
https://doi.org/10.1016/j.tree.2006.09.003
https://doi.org/10.1371/journal.pone.0073051
https://doi.org/10.1093/bioinformatics/bts460
https://doi.org/10.1093/bioinformatics/bts460
https://doi.org/10.1093/jhered/esh074
https://doi.org/10.1093/jhered/esh074
https://doi.org/10.1016/j.jembe.2007.05.035
https://doi.org/10.1016/j.jembe.2007.05.035
http://qgis.osgeo.org
http://www.R-project.org/
https://doi.org/10.1093/oxfordjournals.jhered.a111573
https://doi.org/10.3354/meps183301
https://doi.org/10.1073/pnas.0500008102
https://doi.org/10.1371/journal.pone.0038397
https://doi.org/10.1038/hdy.2016.114
https://doi.org/10.1073/pnas.0805571105
https://doi.org/10.1111/j.1471-8286.2006.01378.x
https://doi.org/10.1111/j.1471-8286.2006.01378.x
https://doi.org/10.1111/j.1365-294X.2010.04658.x
https://doi.org/10.1016/j.jembe.2007.06.012
https://doi.org/10.1016/j.jembe.2007.06.012
https://doi.org/10.1111/jbi.12822
https://doi.org/10.1111/jbi.12822
https://doi.org/10.3354/meps10145
https://doi.org/10.3354/meps10145


     |  661JAHNKE et al.

Sundqvist, L., Keenan, K., Zackrisson, M., Prodohl, P., & Kleinhans, D. (2016). 
Directional genetic differentiation and relative migration. Ecology and 
Evolution, 6, 3461–3475. https://doi.org/10.1002/ece3.2096

SwAM. (2015). God havsmiljö 2020 Marin strategi för Nordsjön och Östersjön, 
Del 4: Åtgärdsprogram för havsmiljön. Havs- och vattenmyndighetens 
rapport. In Swedish.

Talbot, S. L., Sage, G. K., Rearick, J. R., Fowler, M. C., Muñiz-Salazar, R., 
Baibak, B., … Ward, D. H. (2016). The structure of genetic diversity 
in eelgrass (Zostera marina L.) along the north Pacific and Bering Sea 
coasts of Alaska. PLoS ONE, 11, e0152701. https://doi.org/10.1371/
journal.pone.0152701

Vandergast, A. G., Perry, W. M., Lugo, R. V., & Hathaway, S. A. (2011). 
Genetic Landscapes GIS Toolbox: Tools to map patterns of genetic 
divergence and diversity. Molecular Ecology Resources, 11, 158–161. 
https://doi.org/10.1111/j.1755-0998.2010.02904.x

Wang, C., & Rosenberg, N. A. (2012). MicroDrop: a program for estimating 
and correcting for allelic dropout in nonreplicated microsatellite genotypes 
version 1.01. Retrieved from https://web.stanford.edu/group/rosen/
berglab/microdrop.html

Waters, J. M., Fraser, C. I., & Hewitt, G. M. (2013). Founder takes 
all: Density-dependent processes structure biodiversity. Trends 
in Ecology & Evolution, 28, 78–85. https://doi.org/10.1016/j.
tree.2012.08.024

Waycott, M., Duarte, C. M., Carruthers, T. J. B., Orth, R. J., Dennison, 
W. C., Olyarnik, S., … Williams, S. L. (2009). Accelerating loss 
of seagrasses across the globe threatens coastal ecosystems. 
Proceedings of the National Academy of Sciences of the United 

States of America, 106, 12377–12381. https://doi.org/10.1073/
pnas.0905620106

White, C., Selkoe, K. A., Watson, J., Siegel, D. A., Zacherl, D. C., & Toonen, 
R. J. (2010). Ocean currents help explain population genetic structure. 
Proceedings of the Royal Society of London B: Biological Sciences, 277, 
1685–1694. https://doi.org/10.1098/rspb.2009.2214

Wrange, A.-L., Charrier, G., Thonig, A., Alm Rosenblad, M., Blomberg, A., 
Havenhand, J. N., … André, C. (2016). The story of a hitchhiker: Population 
genetic patterns in the invasive barnacle Balanus(Amphibalanus) impro-
visus Darwin 1854. PLoS ONE, 11, e0147082. https://doi.org/10.1371/
journal.pone.0147082

SUPPORTING INFORMATION

Additional Supporting Information may be found online in the sup-
porting information tab for this article. 

How to cite this article: Jahnke M, Jonsson PR, Moksnes P-O, 
Loo L-O, Jacobi MN, Olsen JL. Seascape genetics and 
biophysical connectivity modelling support conservation of the 
seagrass Zostera marina in the Skagerrak–Kattegat region of the 
eastern North Sea. Evol Appl. 2018;11:645–661. https://doi.
org/10.1111/eva.12589

https://doi.org/10.1002/ece3.2096
https://doi.org/10.1371/journal.pone.0152701
https://doi.org/10.1371/journal.pone.0152701
https://doi.org/10.1111/j.1755-0998.2010.02904.x
https://web.stanford.edu/group/rosen/berglab/microdrop.html
https://web.stanford.edu/group/rosen/berglab/microdrop.html
https://doi.org/10.1016/j.tree.2012.08.024
https://doi.org/10.1016/j.tree.2012.08.024
https://doi.org/10.1073/pnas.0905620106
https://doi.org/10.1073/pnas.0905620106
https://doi.org/10.1098/rspb.2009.2214
https://doi.org/10.1371/journal.pone.0147082
https://doi.org/10.1371/journal.pone.0147082
https://doi.org/10.1111/eva.12589
https://doi.org/10.1111/eva.12589

