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Abstract: With underrepresentation of elderly patients with lung adenocarcinoma (LADC) in
anti-PD-1/PD-L1 clinical trials, better understanding of the interplay of PD-L1 and tumor-associated
immune cells (TAICs) could assist clinicians in stratifying these patients for immunotherapy.
One hundred and one patients with LADCs, stratified by age, were included for analysis of PD-L1
expression and density of TAICs expressing CD4, CD8, and CD33, by using multiplex chromogenic
immunohistochemistry (IHC) assays and automated digital quantification. The CD4+/CD8+ ratio was
significantly higher in elderly patients. In patients <75 years, the density of CD4+, CD8+, and PD-L1 in
TAICs showed a positive significant correlation with PD-L1 expression in tumor cells (TCs), while a lower
correlation was observed in the elderly population. In the latter, a high CD4+/CD8+ ratio, and combined
PD-L1 expression ≥1% TCs with a low CD8+ density, low CD33+ density, and a high CD4+ density
correlated to worse overall survival. We identified differences according to age in the CD4+/CD8+ ratio
and in correlation between PD-L1 expression and the density of TAICs in LADC patients. Distinct groups
of tumor microenvironments had an impact on the OS of elderly patients with LADC.
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1. Introduction

Therapies targeting programmed death 1 (PD-1) and programmed death ligand 1 (PD-L1) have
demonstrated clinical improvement for some patients with immunogenic cancer types, including
advanced lung adenocarcinoma (LADC) [1]. PD-L1 expression in tumors or tumor-associated immune
cells (TAICs) assessed by immunohistochemistry (IHC) is the predictive biomarker evaluated in
clinical trials, and is currently used in the clinical setting to select patients who may benefit from these
therapies [2].

Despite the impressive clinical activity of PD-1/PD-L1 inhibitors in patients with advanced
LADC, some patients do not benefit from this therapy, and the majority of those who respond
develop resistance [3]. In this context, intense research is focusing on improving patient stratification
for PD-1/PD-L1 immune-based therapy by optimizing the assessment of PD-L1 expression,
and by identifying multiparametric, integrated immune-based biomarkers on formalin-fixed
paraffin-embedded (FFPE) tissue sections [4–6].

Moreover, in a disease where approximately two-thirds of cases are diagnosed in patients aged
over 65, and one-third of patients aged over 75, it is unclear if age affects patient responsiveness
to immunotherapy [7,8]. Currently, no randomized phase III trials on the efficacy of PD-1/PD-L1
inhibitors in elderly patients with advanced non-small cell lung carcinoma (NSCLC) are available.
Recent meta-analyses explored the differential efficacy of PD-1/PD-L1 inhibitors in old patients
compared to young adults, raising the question of whether these treatments are effective in older
patients [9,10]. There is only modest representation of older patients in pivotal clinical trials, and
further assessment of the efficacy of immunotherapy in the elderly, specifically those representative of
the average clinical trial–ineligible patient, is urgently needed [8,10].

Notably, aging is associated with remodeling of immune functions called “immunosenescence”,
involving both innate and adaptive immunity [11]. Experimental animal and human studies have
revealed a variety of age-associated changes, such as an extensive decrease in the number of naïve CD8+

T cells, which are associated with an increase in aged memory nonfunctional CD4+ T cells, upregulation
of surface-expressed inhibitory receptors such as PD-1 with a decrease of the costimulatory molecules,
higher concentration of inflammatory cytokines, a decreased number or impaired function of
antigen-presenting cells such as dendritic cells and macrophages, qualitative alteration of natural
killer and natural killer T cells, and the accumulation of regulatory cells such as regulatory T cells
and immunosuppressive myeloid-derived suppressor cells (MDSCs) [12]. This phenomenon of
immunosenescence could affect the efficacy and/or the toxicity of immune checkpoint blockade.
Hyperprogressive behavior in patients treated with PD-1/PD-L1 inhibitors was associated in one
study with an older age and with worse overall survival (OS) [13]. Therefore, factors other than PD-L1
expression, including tumor-infiltrating lymphocytes and tumor-associated MDSCs, may be influenced
by aging, and thus, may drive variable responses to PD-1/PD-L1 inhibitors.

This study aimed to determine whether age influences the immunologically-defined LADC tissue
microenvironment using quantitative chromogenic multiplex IHC, and to what extent these changes
might exert a prognostic effect on LADC patients. We characterized the expression of PD-L1 in tumor
and TAICs, and evaluated the density of TAICs expressing CD4, CD8, and CD33 on sequential whole
tumor sections from resected stage II-IV LADCs. We performed quantitative digital image analysis,
and correlated the findings with the patients’ clinical and pathological features in an age-stratified
cohort of 101 patients with stage II-IV LADCs.

2. Results

2.1. Multiplex Immunohistochemical Assessment

A comparative evaluation of the PD-L1 expression on TCs and TAICs assessed by standard IHC
or 4-Plex IHC by both manual and automated image analysis showed that the automated analysis of
the 4-Plex assay correlated well with the manual analysis of either standard IHC (rho = 0.85) or 4-Plex
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assay (rho = 0.98; Figure 1 and Figure S1). Thus, the automated 4-Plex signal was preferentially used to
further document the impact of the tested multiplex IHC markers.
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Figure 1. Multiplex immunohistochemistry (IHC) detection of programmed death ligand 1 PD-L1
expression and selected immune cell subpopulations in sequential whole tissue sections of lung
adenocarcinoma (LADC). Upper panel: strong PD-L1 expression observed in the same LADC case
following (A) PD-L1 (Teal) and AE1/AE3 (Yellow) chromogenic labeling showing the co-expression of
PD-L1 and pan-Keratin AE1/AE3 in neoplastic cells, and (B) by immunoperoxidase (brown) with no
clear distinction between PD-L1 labeling in tumor cells (TCs) or stromal cells. Original magnification,
×200. Middle panel: absence of PD-L1 expression observed in the same LADC case following (C) PD-L1
(Teal) and AE1/AE3 (Yellow) chromogenic labeling, and (D) with immunoperoxidase (brown). Original
magnification, ×200. Lower panel: IHC detection of immune cell subpopulations in sequential sections
of LADC following (E) Multiplex chromogenic detection by DAB staining (brown) of CD8+ lymphocytes
and purple staining of CD33+ MDSCs, and (F) Teal immunolabeling of CD8+ lymphocytes and purple
staining of CD4+ lymphocytes.

The PD-L1 expression and the density of lymphocyte and MDSC subpopulations reflected the
expected incidence according to their phenotype in LADC (Figures 1 and 2) [5]. In addition, no
difference was observed in the CD8+ lymphocyte density between the two sequential slides from the
same case (Figure 1; p = 0.964).
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Figure 2. Boxplots for expression (log2) of the analyzed biomarkers as continuous variables according
to age (<75≤ years). (A) Expression of PD-L1 in tumor; (B) Expression of PD-L1 in stromal cells;
(C) CD4+/CD8+ ratio; (D) CD33+ density/mm2; (E) CD4+ density/mm2; (F) CD8+ density/mm2.

2.2. Distribution of PD-L1 Expression and the TAICs Density According to Age

When we examined correlation between PD-L1 expression and TAICs density, we found different
patterns of correlation according to age. Several cutoffs for patients’ age were evaluated (≥50, ≥55,
≥60, ≥65, ≥70, ≥75, and ≥80 years), with however significant correlation observed only when patients
were <75≤ years (Figure 2). The CD4+/CD8+ ratio was significantly higher in patients ≥75 years
(p = 0.017). Although individually they failed to meet statistical significance, this pattern may be
related to the increase in the CD4+ density, and the decrease in the CD8+ density in patients ≥75 years
(Figure 2). Likewise, there was a non-significant trend towards a decrease in PD-L1 expression in the
tumor compartment in patients ≥75 years (Figure 2).

In patients <75 years, the density of TAICs, except for the CD33+ density, exhibited a positive
significant correlation with expression of PD-L1 in tumor cells, whereas we found a lower correlation
of PD-L1 expression in tumor cells with TAICs marker density in elderly patients ≥75 years (Table 1).
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Table 1. Correlation between the PD-L1 expression in tumor cells and the TAICs density by mm2

according to the age of patients with LADC.

Immune Marker
PD-L1 Expression in Tumor Cells

<75 Years ≥75 Years

rho p-Value * rho p-Value *

CD4 0.61 <0.001 0.38 0.001
CD8 0.60 <0.001 0.50 <0.001

PD-L1 in stromal cells 0.86 <0.001 0.79 0.001
CD33 0.19 0.342 0.41 <0.001

* Spearman correlation test.

By combining the PD-L1 expression in TCs with the density of analyzed TAICs, as proposed by
Teng et al. [4], we were able to identify the 4 subtypes of tumor microenvironments in LADC cases
according to age (Table 2; Figure S2).

Table 2. Distribution of the types of microenvironment in LADC age-stratified specimens based on the
PD-L1 expression in tumor cells or in immune cells, and on the density of TAICs. The Fisher’s exact
test was used.

TAICs
Density

Age < 75 Years Age ≥ 75 Years

PD-L1
Expression in
Tumor Cells

Negative

PD-L1
Expression in
Tumor Cells

Positive

p-Value

PD-L1
Expression in
Tumor Cells

Negative

PD-L1
Expression in
Tumor Cells

Positive

p-Value

CD8+ cells < 0.001 0.256
Negative 25 (34%) 11 (15%) - 9 (33%) 5 (19%) -
Positive * 11 (15%) 26 (36%) - 5 (19%) 8 (30%) -

CD4+ cells 0.004 0.236
Negative 26 (36%) 14 (19%) - 7 (26%) 3 (11%) -
Positive * 10 (13%) 23 (32%) - 7 (26%) 10 (37%) -

CD4+/CD8+

ratio 0.814 0.999

Negative 20 (27%) 22 (30%) - 4 (15%) 4 (15%) -
Positive 16 (22%) 15 (21%) - 10 (37%) 9 (33%) -

CD33+ cells 0.019 0.695
Negative 23 (32%) 13 (18%) - 8 (30%) 5 (19%) -
Positive * 13 (18%) 24 (33%) - 6 (25%) 7 (26%) -

PD-L1
stromal cells < 0.001 0.001

Negative 30 (41%) 5 (7%) - 12 (44%) 2 (7%) -
Positive * 6 (8%) 32 (44%) - 2 (7%) 10 (37%) -

* Median PD-L1 expression in tumor cells and median TAICs determined by CD8, CD4, PD-L1 stromal, and CD33
cell densities were defined as positive.

This analysis showed that 36% of patients <75 years and 30% of patients ≥75 years had a type
I adaptive immune resistance pattern (defined as positive PD-L1 expression and positive CD8+),
and that 34% of patients <75 years and 33% of patients ≥75 years had a type II immune ignorance
phenotype (defined as a negative CD8+ and negative PD-L1 expression). Tumors with type III with
intrinsic induction (positive PD-L1 expression without CD8+) and type IV immune tolerance (positive
CD8+ and negative PD-L1 expression) patterns were less frequently detected. A similar distribution in
each subgroup was found when the analysis included CD4+ and CD33+ cells and PD-L1 expression
in TAICs. However, while the proportion of subgroups significantly varied in patients <75 years,
there was no significant difference in patients ≥75 years, other than PD-L1 expression in stromal cells
(Table 2; p = 0.001).
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Interestingly, a positive CD4+/CD8+ ratio with (33%) or without (37%) positive PD-L1 expression
in tumor cells was more frequently observed in patients ≥ 75 years.

2.3. Correlation with Clinicopathological Features and Prognosis of LADC Patients

In the whole study population, the median CD4+/CD8+ ratio (p = 0.032) and the median CD33+

density (p = 0.008) were significantly associated to the pTNM stage. According to age, no significant
correlations were observed between the analyzed markers and the gender, histological subtype,
smoking history, EGFR or KRAS mutation status, and the pTNM stage (Table S1).

In the whole study population, the univariate and multivariate analyses adjusted for pTNM stage
(p = 0.004; HR, 5.3; 95% confidence interval (CI), 1.7–16) demonstrated that the PD-L1 expression
≥1% tumor cells (p = 0.008; HR, 2.6; 95% CI, 1.2–5.4) and a CD4+/CD8+ ratio higher than the median
(p = 0.007; HR, 2.7; 95% CI, 1.3–5.8) significantly correlated with poor OS duration (Figure 3), while
a CD8+ density higher than the median indicated a non-significant trend to improved OS (p =0.08;
HR, 0.55; 95% CI, 0.27–1.1) (Table S2).
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Figure 3. Kaplan-Meier curves illustrate the duration of overall survival according to: (A) the PD-L1
expression in TCs; (B) the CD4+/CD8+ ratio; (C) the combined analysis of PD-L1 expression in TCs
and the CD8+ cell density; and (D) the combined analysis of PD-L1 expression in TCs and the CD33+

cell density. Cutoff values were PD-L1 ≥1% TCs and median for the CD4+/CD8+ ratio, the CD8+ and
CD33+ cell density, respectively.

The combination of PD-L1 expression ≥1% tumor cells with a CD8+ density lower than the
median (p = 0.002; HR, 4.2; 95% CI, 1.5–12), or with a CD33+ density lower than the median (p = 0.007;
HR, 4.7; 95% CI, 1.7–13) identified a subset of LADC patients with poor OS (Figure 3, Table S2).

Following these findings, we assessed each marker for its ability to predict OS in patients
≥75 years of age, after adjusting for the pTNM stage. A CD4+/CD8+ ratio higher than the median
(p = 0.05; HR, 1.6; 95% CI, 0.4–6.3), the combined PD-L1 expression ≥1% TCs with a low CD8+ density
(p = 0.048; HR, 5.1; 95% CI, 0.8–32), or with a low CD33+ density (p = 0.046; HR, 6.3; 95% CI, 1–38)
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identified a subset of elderly LADC patients with poor OS. Moreover, the combined PD-L1 expression
≥1% TCs with a high CD4+ density (p = 0.043; HR, 7.2; 95% CI, 1.1–18) was associated with poor OS.
Finally, PD-L1 expression ≥1% TCs alone did not affect OS duration in elderly patients (p = 0.137;
HR, 2.7; 95% CI, 0.69–11), but did in patients <75 years (p = 0.012; HR, 3.1; 95% CI, 1.2–7.9; Table S2).

3. Discussion

In this study, we investigated PD-L1 expression in tumors and TAICs, as well as the immune
characteristics of whole tumor sections from tumors of patients with LADC stratified by age. We used
a multiplex IHC methodology optimized for immune complexity associated with quantitative studies
using a computational image processing workflow.

We identified distinct environmental patterns in tumors according to the patients’ age, and
observed that several single or combined markers correlated with the outcome of LADC patients.

Elderly patients over 75 years with LADC demonstrated a significantly higher CD4+/CD8+ ratio,
potentially based on an accumulation of CD4+ cells and on a decrease in CD8+ cell density. We found
a non-significant trend towards lower incidence of PD-L1 expression in both tumor and stromal
compartments, as well as a decreased density of CD33+ cells in elderly patients. Interestingly, PD-L1
expression in TCs correlated less with the CD4+ and CD8+ TAICs density and PD-L1 expression in
stromal cells in elderly patients ≥75 years than in patients <75 years. While different immune cells such
as CD8+ and CD4+ cells are capable of inducing PD-L1 expression in TCs through IFNγ production,
our findings suggest that these mechanisms might be less active in elderly patients [14,15]. Thus, for
the first time, to the best of our knowledge, the multiplex IHC platform on FFPE tumor samples
affirmed the presence of less effective anti-tumor immunoreactivity in elderly patients, as previously
demonstrated by flow cytometry analysis of blood or fresh tumor samples [16,17].

In our study, we characterized according to age the 4 types of tumor microenvironments described
by Teng et al. using as criteria each immune marker combined with the PD-L1 expression in TCs [4].
In elderly patients, we found that type I LADC with adaptive immune resistance (defined as positive
PD-L1 and positive CD8+),most likely responsive to checkpoint blockade, was less frequent than in
patients <75 years (30% vs. 36%), in contrast to type III (positive PD-L1 and negative CD8+); this
highlights the fact that PD-L1 positivity alone cannot be taken as a predictive factor for response to
anti-PD-1/PD-L1 therapies in elderly patients. Moreover, for 19% of LADC patients ≥75 years with a
type IV microenvironment, other immunosuppressive pathways may dominate, such as those linked
to MDSCs [18]. In our study, however, the CD33+ cell density did not change with age, while a high
level of CD33+ infiltration combined with expression of PD-L1 <1% TCs significantly correlated with
better OS in elderly patients, indicating a secondary role of CD33+ cells in limiting cancer-promoting
inflammation and tumor growth [19]. Additional markers such as CD66b, CD14, CD11b, and CD15
should be investigated to capture the phenotype complexity of MDSCs [20].

A key understudied issue in NSCLC is the potential for PD-L1 expression and TAIC density
to predict outcome and response to PD-1/PD-L1 inhibitors in elderly patients. Our data point to at
least two distinct pathways leading to worse outcome of LADC in elderly patients: (1) a shift in the
CD4/CD8 T-cell ratio, and (2) PD-L1 expression ≥1% tumor cells combined with a low CD8+ or CD33+

cell density and a high CD4+ cells.
CD4+ cells are generally considered to be immunosuppressive and have been linked to poor

outcome in several types of solid tumors, including NSCLC [21–23]. Some studies have shown that the
CD4+/CD8+ ratio may give more prognostic information than either parameter alone. In particular, a
high CD4+/CD8+ ratio has been associated with poor outcome in colorectal carcinoma and glioma,
and favorable disease outcome in mesothelioma patients [23–25]. Our results showed that a high
CD4+/CD8+ ratio has been associated with poor disease outcome in the whole population, as well
as in elderly patients, whereas the CD4+ or CD8+ cell density alone did not significantly affect the
OS duration.
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Moreover, the type III microenvironment, characterized by positive PD-L1 expression in TCs and
a low CD8+ density, was associated with poor OS in elderly patients. It is noteworthy that PD-L1
expression alone was associated with disease outcome in patients <75 years, but not in elderly patients.
These results suggest that the association of CD8+ cells with PD-L1 expression may be more meaningful
than PD-L1 expression alone for prediction of survival in elderly patients. In addition, patients with
PD-L1-positive tumors accompanied by a high density of CD8+ cells might achieve a better outcome
through blockade of the PD-1/PD-L1 pathway [26]. Further studies are warranted to clarify the
association between PD-L1 expression and TAICs, and to determine whether this combination has
predictive relevance as a biomarker for selecting elderly individual patients for treatment involving
PD-1/PD-L1 blockade.

Only a few studies have reported some differences in density of TAICs among a broad range of age
groups in NSCLC [27,28]. However, these studies were not designed with the goal of evaluating PD-L1
expression and the immune cell infiltration with particular interest in elderly patients. Only one study
investigated seven immune markers in a large cohort of octogenarians with NSCLC, and reported
similar rates of tumor immune cell infiltration between elderly and younger patients [29]. Of the
examined immune markers, only the presence of a low level of tumor infiltration of CD68+ cells in the
octogenarian age subgroup correlated with an increased risk of recurrence. However, this latter study
contained several limitations: (1) the selection of patients exclusively with stage I NSCLC; (2) the use
of tissue microarrays, which will likely affect the accuracy needed for the characterization of various
immune components, given that many tumors are heterogeneous with respect to the proportion of
lymphoid and myeloid cells [30]; and (3) the absence of a scoring system and cutoffs for positivity.
Notably, immune infiltrates are highly heterogeneous, not only between tumor types, but also within a
tumor or between different patients with the same cancer types [4]. Thus, whereas sequential IHC may
not be able to assess single-cell-based immune phenotypes, the approach described herein circumvents
these issues.

In our study, we analyzed immune markers using a new emerging technique for the detection
of multiple biomarkers within a single tissue section [31]. The brightfield chromogenic multiplex
IHC methodology used herein was able to unmix four dyes while preserving the tissue morphology
and architecture. In most studies using multiplexed imaging approaches to examine the immune
features of tumor microenvironment, multiplex fluorescence IHC was used [28,32,33]. Although this
approach offers insight into cellular and molecular mechanisms, several challenges have been
described in current practice, such as the difficulty of interpretation, multiple fluorophores blending
together complicating resolution and thus muddling visual assessment, and the potential for tissue
autofluorescence in FFPE samples, further complicating visual interpretation [31].

Moreover, semi-quantitative PD-L1 and TAIC density scoring systems on the basis of microscopic
observation of slides have been used mostly [34,35]. Visual examination of IHC stained tissue sections
remains a subjective process characterized by some intraobserver and interobserver variability and
reduced reproducibility, which can be overcome by digital image analysis [5,36,37]. Our workflow
increased pathologist accuracy by automatically measuring parameters which are hard to achieve
reliably by eye, such as the PD-L1 expression in tumor and stromal cells [37].

However, the present study suffered from several limitations imposed by its retrospective design
in a single institution, the limited number of patients with available tumor tissue, as well as the small
number of elderly patients and lack of immunotherapy regimens. The functionality of infiltrating
immune cells and effect of other relevant immune cells was not assessed, and further experiments
using cell lines and animal models are warranted [38,39]. Moreover, our choice for the selected markers
was limited by the current development of the brightfield multiplex IHC technology, which does not
allow mixing of more than 4 or 5 chromogens, in contrast to a fluorescence multiplex approach, which
allows mixing of up to 12 fluorophores [31]. The analysis of other markers of interest such as PD-1,
FoxP3, CD14, or CD11b should be considered. In addition, further analysis in a larger population of
elderly patients treated with anti-PD-1/PD-L1 agents is required.
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Nevertheless, with recent results emphasizing the role of TAICs as a critical parameter in
predicting the efficacy of anti-PD-1/PD-L1 inhibitors [40], our approach integrating brightfield
chromogenic multiplex IHC with digital image analysis may be transferred into clinical pathology
practice, provided the use of simple algorithms and independent validation on a larger
population, and may certainly serve to further improve the understanding of PD-1/PD-L1 immune
checkpoint targeting.

4. Materials and Methods

4.1. Patients

This retrospective cohort consisted of 101 patients stratified by age (<75≤ years) with surgically
treated LADC at the Department of Thoracic Surgery, University Côte d’Azur, Pasteur Hospital (Nice,
France), from March 2010 to October 2016. Tumor specimens were collected, stored, and used with
informed consent from the patients (Hospital-Integrated Biobank BB-0033-00025, Pasteur Hospital,
Nice, France). The study was approved by the Ethics Committee of the University Côte d’Azur and
performed according to the guidelines of the Declaration of Helsinki (04-APN-17; 2 March 2017).
The study complied with the REMARK recommendations for tumor marker prognostic studies using
biological material [41]. The criteria to select samples were: tumor cell content of more than 50%,
availability of whole tissue sections, resectable disease with no neoadjuvant treatment, and lack of any
infection, autoimmune disease or corticosteroid therapy 6 months before surgery. The main clinical
and histomolecular characteristics of the patients are summarized in Table 3.

Table 3. Clinical and histopathological characteristics of the 101 LADC patients included in the study.

Feature Overall n (%)

Patient number 101 (100%)

Age (years)
<75 years 74 (73%)
≥75 years 27 (27%)

Gender
Male 61 (60%)

Female 40 (40%)

Smoking history
Never smoked 17 (17%)

Former or current smokers 84 (83%)

Histological pattern
Acinar 53 (52%)
Solid 19 (19%)

Papillary 13 (13%)
Lepidic 9 (9%)

Micropapillary 7 (7%)

TNM stage
II 66 (65%)
III 16 (16%)
IV 19 (19%)

EGFR status
Mutant 7 (7%)

Wild-type 94 (93%)

KRAS status
Mutant 21 (21%)

Wild-type 80 (79%)

Abbreviations: TNM: tumor, node, metastasis.
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Targetable genomic alterations were evaluated by pyrosequencing (therascreen EGFR/KRAS/BRAF
Pyro Kit, Qiagen, Hilden, Germany) or by FISH (Vysis LSI ALK Dual Color, Abbott Molecular Inc.,
Des Plaines, IL, USA; and KreatechTM ROS1 6q22 Break Fish Probe, Leica Biosystems, Amsterdam,
The Netherlands). Tumors expressed no genomic alterations in the BRAF, ALK and ROS1 genes.

4.2. Multiplex Immunohistochemistry

IHC staining was performed on the Discovery Ultra automated immunostainer (Ventana Medical
Systems, Tucson, AZ, USA). The multiplex technology uses sequential application of unmodified
primary antibodies with a specific Heat Deactivation steps in between that does not impact epitope in
the tissue (Figure S3) [42].

In a sequential staining procedure, deactivation of the primary antibody and secondary
antibody-HRP/AP bound to the first biomarker, prior to the application of subsequent biomarker(s), is
critical to reducing cross-reactivity and facilitating downstream image analysis. The Cell Conditioning
2 buffer (CC2, #950-123, Ventana, Tucson, AZ, USA) was used for deactivation of the bound primary
antibody and secondary antibody-HRP, while maintaining the integrity of the tissue morphology
and the subsequent epitopes. Deparaffinization and on-board antigen retrieval were performed for
40 min at 100 ◦C with the CC1 reagent (#950-500, Ventana). Two slides were colored using VENTANA
reagents except as noted, according to the manufacturer’s instructions.

On the first slide, four pre-diluted primary antibodies (4-Plex) were sequentially applied in the
following order using the indicated chromogenic detection: rabbit anti-PD-L1 (clone SP263, #741-4905)
with Discovery Teal-HRP (#760-247), rabbit anti-CD8 (clone SP57, #790-4460) with Discovery Purple
(#760-229), rabbit anti-CD33 (clone SP266, #760-4952) with ChromoMapDAB (#760-159) and mouse
anti-Pan Keratin AE1/AE3 (clone PCK26, #760-2135) with Discovery Yellow AP (#760-239) (Figure S3).
On the second slide, two pre-diluted primary antibodies (2-Plex) were applied: rabbit anti-CD8
(clone SP57, #790-4460) with Discovery Teal-HRP (Beta test reagent), and rabbit anti-CD4 (clone SP35,
#790-4423) with Discovery Purple (#760-229). Finally, the slides were counterstained with hematoxylin
and bluing reagent.

Two different controls for the staining method were applied: (1) a blank control by omission of
the primary antibody in every sequence of staining, and (2) tonsil positive tissue control to verify the
specificity of the staining for every staining procedure.

4.3. Image Acquisition and Automated Digital Quantification

Whole stained slides were scanned using the Nanozoomer HT 2.0 scanner (Hamamatsu Photonics,
Hamamatsu, Japan). Senior thoracic pathologists screened each slide under a microscope, and
selected one large intratumoral representative region of interest (median surface, 26 mm2) within
the intact tumor area (at least 50% of TCs) lacking necrosis. For automated digital quantification,
CaloPix (TRIBVN Healthcare, Châtillon, France) algorithms were used (Figure S3) [43]. The first step
was to identify the tissue by removing all white pixels from the background. This step was performed
using a morphometric algorithm by thresholding the gray level intensity image. The second step was
to quantify the different biomarkers in the image. We used two analytical algorithms depending on
the cell staining, both of which were based on a machine learning approach: (i) for well-defined and
homogeneous cell architectures such as for CD33 stained cells, we used the algorithm called “Immuno
object by learning” of CaloPix, which points out every single cell in the analytical region, and thus,
gives the total number of cells, and (ii) for heterogeneous and poorly-separated cells such as PD-L1
cells, we used the “tissue recognition” algorithm, which gives the surface of the desired stain.

The main steps of the required quantifications were the following: (i) CD33 quantification by
a morphometric analysis for the tissue determination followed by an “Immuno object by learning”
for cell detection and counting, (ii) PD-L1 quantification by using morphometry analysis for tissue
determination followed by “tissue recognition” for tumor and stroma identification in which the yellow
color was isolated by a color unmixing process, and secondary tissue recognition was used afterwards
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to identify the PD-L1 staining by extracting the green color, and (iii) CD4 and CD8 quantification by
using morphometry analysis for the tissue determination followed by “tissue recognition” for CD4
identification by extracting the purple color and another “tissue recognition” for CD8 identification by
extracting the blue color.

The density of TAICs expressing CD8, CD4, and CD33 was divided on the basis of regular
values of distribution by the statistical software, and the median density was considered positive [4,5].
PD-L1 expression was analyzed either as a continuous variable, or based on a clinical validated
threshold ≥1% of tumor cells.

Two different controls for the quantification method were applied: (1) manual and automated
analysis of the PD-L1 staining assessed by 4-Plex IHC and by a standard IHC assay, and (2) automated
analysis of the CD8 staining on each of the two slides per case to assess the reproducibility of the
staining between slides.

4.4. Statistical Analysis

Correlation between the results of the PD-L1 IHC assays (manual vs automated) was determined
by calculating the Spearman’s rank correlation coefficient (rho) and computing the Bland-Altman
agreement plots. The Wilcoxon test was used to detect differences in continuous variables between
groups of patients, given that the distribution of data was not normal (Kolmogorov-Smirnov test).
Kaplan-Meier survival curves, log-rank test and Cox proportional regression analysis were determined
to assess the prognostic significance of the tested markers for OS. All statistical analyses and data
presentations were performed in R language (version 3.2.2, R Core Team, Vienna, Austria). All statistical
tests were 2-sided, and p-values < 0.05 indicated statistical significance.

5. Conclusions

In summary, this study demonstrated that the tumor immune microenvironment in elderly
patients with LADC is different from that of younger patients, thereby bearing prognostic implications.
With an increasing elderly population, these present findings provide insight into the complexity of
the immune microenvironment of this subgroup of patients, and may help clinicians to better stratify
elderly patients with LADC for immunotherapy.
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and median density by mm2 of TAICs expressing immune markers and clinicopathological features in LADC
specimens according to age; Table S2. Explanatory prognostic factors for overall survival in a Cox proportional
hazards model.

Author Contributions: Conceptualization, M.I., and P.H.; Methodology, M.I., M.B., S.B.H., E.C., R.S., V.H. and
P.H.; Software, M.B., S.B.H, J.-F.P. and G.E.; Validation, M.I., M.B., S.B.H., V.H. and P.H.; Formal Analysis, M.I.,
M.B., S.B.H, E.C., R.S., E.L.-M., S.L., C.B., V.H. and P.H.; Resources, X.X.; M.I., M.B., E.LM., C.B., C.C., S.L.,
O.G., J.M., C.-H.M., J.-F.P, G.E., V.H. and P.H.; Data Curation, E.C., R.S.; Writing-Original Draft Preparation,
M.I., M.B., S.B.H. and P.H., Writing-Review & Editing, M.I. and P.H.; Project Administration, M.I., P.H.; Funding
Acquisition, P.H.

Funding: This study was supported in part by the Cancéropole PACA; the French Government (Agence Nationale
de Recherche, ANR) through the ‘Investments for the Future’ LABEX SIGNALIFE [ANR-11-LABX-0028-01]; the
“Fondation ARC pour la Recherche sur le Cancer” (ARC SL220110603478); the CANC’AIR Genexposomic project;
the “Conseil Départemental des Alpes-Maritimes”; the “Région Provence Alpes-Côte d’Azur”, France.

Conflicts of Interest: The study was supported by Roche Diagnostics France and Tribvn Healthcare. No grant
number is applicable. No other potential conflicts of interest were disclosed by the authors.

http://www.mdpi.com/2072-6694/10/9/326/s1


Cancers 2018, 10, 326 12 of 14

References

1. Reck, M.; Rodriguez-Abreu, D.; Robinson, A.G.; Hui, R.; Csoszi, T.; Fulop, A.; Gottfried, M.; Peled, N.;
Tafreshi, A.; Cuffe, S.; et al. Pembrolizumab versus chemotherapy for pd-l1-positive non-small-cell lung
cancer. N. Engl. J. Med. 2016, 375, 1823–1833. [CrossRef] [PubMed]

2. Passiglia, F.; Bronte, G.; Bazan, V.; Natoli, C.; Rizzo, S.; Galvano, A.; Listi, A.; Cicero, G.; Rolfo, C.;
Santini, D.; et al. Pd-l1 expression as predictive biomarker in patients with nsclc: A pooled analysis.
Oncotarget 2016, 7, 19738–19747. [CrossRef] [PubMed]

3. Gettinger, S.; Choi, J.; Hastings, K.; Truini, A.; Datar, I.; Sowell, R.; Wurtz, A.; Dong, W.; Cai, G.; Melnick, M.A.;
et al. Impaired hla class i antigen processing and presentation as a mechanism of acquired resistance to
immune checkpoint inhibitors in lung cancer. Cancer Discov. 2017, 7, e0593. [CrossRef] [PubMed]

4. Teng, M.W.; Ngiow, S.F.; Ribas, A.; Smyth, M.J. Classifying cancers based on t-cell infiltration and pd-l1.
Cancer Res. 2015, 75, 2139–2145. [CrossRef] [PubMed]

5. Parra, E.R.; Behrens, C.; Rodriguez-Canales, J.; Lin, H.; Mino, B.; Blando, J.; Zhang, J.; Gibbons, D.L.;
Heymach, J.V.; Sepesi, B.; et al. Image analysis-based assessment of pd-l1 and tumor-associated immune
cells density supports distinct intratumoral microenvironment groups in non-small cell lung carcinoma
patients. Clin. Cancer Res. 2016, 22, 6278–6289. [CrossRef] [PubMed]

6. Gnjatic, S.; Bronte, V.; Brunet, L.R.; Butler, M.O.; Disis, M.L.; Galon, J.; Hakansson, L.G.; Hanks, B.A.;
Karanikas, V.; Khleif, S.N.; et al. Identifying baseline immune-related biomarkers to predict clinical outcome
of immunotherapy. J. Immunother Cancer 2017, 5, e44. [CrossRef] [PubMed]

7. Poropatich, K.; Fontanarosa, J.; Samant, S.; Sosman, J.A.; Zhang, B. Cancer immunotherapies: Are they as
effective in the elderly? Drugs Aging 2017, 34, 567–581. [CrossRef] [PubMed]

8. Sgambato, A.; Casaluce, F.; Gridelli, C. The role of checkpoint inhibitors immunotherapy in advanced
non-small cell lung cancer in the elderly. Expert Opin. Biol. Ther. 2017, 17, 565–571. [CrossRef] [PubMed]

9. Nishijima, T.F.; Muss, H.B.; Shachar, S.S.; Moschos, S.J. Comparison of efficacy of immune checkpoint
inhibitors (icis) between younger and older patients: A systematic review and meta-analysis. Cancer Treat Rev.
2016, 45, 30–37. [CrossRef] [PubMed]

10. Ferrara, R.; Mezquita, L.; Auclin, E.; Chaput, N.; Besse, B. Immunosenescence and immunecheckpoint
inhibitors in non-small cell lung cancer patients: Does age really matter? Cancer Treat Rev. 2017, 60, 60–68.
[CrossRef] [PubMed]

11. Zinger, A.; Cho, W.C.; Ben-Yehuda, A. Cancer and aging—The inflammatory connection. Aging Dis. 2017,
8, 611–627. [CrossRef] [PubMed]

12. Pardoll, D.M. The blockade of immune checkpoints in cancer immunotherapy. Nat. Rev. Cancer 2012,
12, 252–264. [CrossRef] [PubMed]

13. Champiat, S.; Dercle, L.; Ammari, S.; Massard, C.; Hollebecque, A.; Postel-Vinay, S.; Chaput, N.;
Eggermont, A.; Marabelle, A.; Soria, J.C.; et al. Hyperprogressive disease is a new pattern of progression in
cancer patients treated by anti-pd-1/pd-l1. Clin. Cancer Res. 2017, 23, 1920–1928. [CrossRef] [PubMed]

14. Homet Moreno, B.; Zaretsky, J.M.; Garcia-Diaz, A.; Tsoi, J.; Parisi, G.; Robert, L.; Meeth, K.; Ndoye, A.;
Bosenberg, M.; Weeraratna, A.T.; et al. Response to programmed cell death-1 blockade in a murine melanoma
syngeneic model requires costimulation, CD4, and CD8 T cells. Cancer Immunol Res. 2016, 4, 845–857.
[CrossRef] [PubMed]

15. Sheng, S.Y.; Gu, Y.; Lu, C.G.; Zou, J.Y.; Hong, H.; Wang, R. The distribution and function of human memory
t cell subsets in lung cancer. Immunol. Res. 2017, 65, 639–650. [CrossRef] [PubMed]

16. Collerton, J.; Martin-Ruiz, C.; Davies, K.; Hilkens, C.M.; Isaacs, J.; Kolenda, C.; Parker, C.; Dunn, M.; Catt, M.;
Jagger, C.; et al. Frailty and the role of inflammation, immunosenescence and cellular ageing in the very old:
Cross-sectional findings from the newcastle 85+ study. Mech. Ageing Dev. 2012, 133, 456–466. [CrossRef]
[PubMed]

17. Ng, T.P.; Camous, X.; Nyunt, M.S.Z.; Vasudev, A.; Tan, C.T.Y.; Feng, L.; Fulop, T.; Yap, K.B.; Larbi, A. Markers
of t-cell senescence and physical frailty: Insights from singapore longitudinal ageing studies. NPJ Aging
Mech. Dis. 2015, 1, e15005. [CrossRef] [PubMed]

18. Marvel, D.; Gabrilovich, D.I. Myeloid-derived suppressor cells in the tumor microenvironment: Expect the
unexpected. J. Clin. Investig. 2015, 125, 3356–3364. [CrossRef] [PubMed]

http://dx.doi.org/10.1056/NEJMoa1606774
http://www.ncbi.nlm.nih.gov/pubmed/27718847
http://dx.doi.org/10.18632/oncotarget.7582
http://www.ncbi.nlm.nih.gov/pubmed/26918451
http://dx.doi.org/10.1158/2159-8290.CD-17-0593
http://www.ncbi.nlm.nih.gov/pubmed/29025772
http://dx.doi.org/10.1158/0008-5472.CAN-15-0255
http://www.ncbi.nlm.nih.gov/pubmed/25977340
http://dx.doi.org/10.1158/1078-0432.CCR-15-2443
http://www.ncbi.nlm.nih.gov/pubmed/27252415
http://dx.doi.org/10.1186/s40425-017-0243-4
http://www.ncbi.nlm.nih.gov/pubmed/28515944
http://dx.doi.org/10.1007/s40266-017-0479-1
http://www.ncbi.nlm.nih.gov/pubmed/28707274
http://dx.doi.org/10.1080/14712598.2017.1294157
http://www.ncbi.nlm.nih.gov/pubmed/28276698
http://dx.doi.org/10.1016/j.ctrv.2016.02.006
http://www.ncbi.nlm.nih.gov/pubmed/26946217
http://dx.doi.org/10.1016/j.ctrv.2017.08.003
http://www.ncbi.nlm.nih.gov/pubmed/28889085
http://dx.doi.org/10.14336/AD.2016.1230
http://www.ncbi.nlm.nih.gov/pubmed/28966805
http://dx.doi.org/10.1038/nrc3239
http://www.ncbi.nlm.nih.gov/pubmed/22437870
http://dx.doi.org/10.1158/1078-0432.CCR-16-1741
http://www.ncbi.nlm.nih.gov/pubmed/27827313
http://dx.doi.org/10.1158/2326-6066.CIR-16-0060
http://www.ncbi.nlm.nih.gov/pubmed/27589875
http://dx.doi.org/10.1007/s12026-016-8882-y
http://www.ncbi.nlm.nih.gov/pubmed/28101811
http://dx.doi.org/10.1016/j.mad.2012.05.005
http://www.ncbi.nlm.nih.gov/pubmed/22663935
http://dx.doi.org/10.1038/npjamd.2015.5
http://www.ncbi.nlm.nih.gov/pubmed/28721254
http://dx.doi.org/10.1172/JCI80005
http://www.ncbi.nlm.nih.gov/pubmed/26168215


Cancers 2018, 10, 326 13 of 14

19. Laubli, H.; Pearce, O.M.; Schwarz, F.; Siddiqui, S.S.; Deng, L.; Stanczak, M.A.; Verhagen, A.; Secrest, P.;
Lusk, C.; Schwartz, A.G.; et al. Engagement of myelomonocytic siglecs by tumor-associated ligands
modulates the innate immune response to cancer. Proc. Natl. Acad. Sci. USA 2014, 111, 14211–14216.
[CrossRef] [PubMed]

20. Elliott, L.A.; Doherty, G.A.; Sheahan, K.; Ryan, E.J. Human tumor-infiltrating myeloid cells: Phenotypic and
functional diversity. Front. Immunol. 2017, 8, e86. [CrossRef] [PubMed]

21. Kotsakis, A.; Koinis, F.; Katsarou, A.; Gioulbasani, M.; Aggouraki, D.; Kentepozidis, N.; Georgoulias, V.;
Vetsika, E.K. Prognostic value of circulating regulatory t cell subsets in untreated non-small cell lung cancer
patients. Sci. Rep. 2016, 6, e39247. [CrossRef] [PubMed]

22. Zheng, H.; Liu, X.; Zhang, J.; Rice, S.J.; Wagman, M.; Kong, Y.; Zhu, L.; Zhu, J.; Joshi, M.; Belani, C.P.
Expression of PD-1 on CD4+ T cells in peripheral blood associates with poor clinical outcome in non-small
cell lung cancer. Oncotarget 2016, 7, 56233–56240. [CrossRef] [PubMed]

23. Shah, W.; Yan, X.; Jing, L.; Zhou, Y.; Chen, H.; Wang, Y. A reversed CD4/CD8 ratio of tumor-infiltrating
lymphocytes and a high percentage of CD4(+)foxp3(+) regulatory T cells are significantly associated with
clinical outcome in squamous cell carcinoma of the cervix. Cell Mol. Immunol 2011, 8, 59–66. [CrossRef]
[PubMed]

24. Chee, S.J.; Lopez, M.; Mellows, T.; Gankande, S.; Moutasim, K.A.; Harris, S.; Clarke, J.; Vijayanand, P.;
Thomas, G.J.; Ottensmeier, C.H. Evaluating the effect of immune cells on the outcome of patients with
mesothelioma. Br. J. Cancer 2017, 117, 1341–1348. [CrossRef] [PubMed]

25. Han, S.; Zhang, C.; Li, Q.; Dong, J.; Liu, Y.; Huang, Y.; Jiang, T.; Wu, A. Tumour-infiltrating CD4(+) and CD8(+)

lymphocytes as predictors of clinical outcome in glioma. Br. J. Cancer 2014, 110, 2560–2568. [CrossRef]
[PubMed]

26. Herbst, R.S.; Soria, J.C.; Kowanetz, M.; Fine, G.D.; Hamid, O.; Gordon, M.S.; Sosman, J.A.; McDermott, D.F.;
Powderly, J.D.; Gettinger, S.N.; et al. Predictive correlates of response to the anti-PD-l1 antibody mpdl3280a
in cancer patients. Nature 2014, 515, 563–567. [CrossRef] [PubMed]

27. Saavedra, D.; Garcia, B.; Lorenzo-Luaces, P.; Gonzalez, A.; Popa, X.; Fuentes, K.P.; Mazorra, Z.; Crombet, T.;
Neninger, E.; Lage, A. Biomarkers related to immunosenescence: Relationships with therapy and survival in
lung cancer patients. Cancer Immunol. Immunother. 2016, 65, 37–45. [CrossRef] [PubMed]

28. Kinoshita, T.; Kudo-Saito, C.; Muramatsu, R.; Fujita, T.; Saito, M.; Nagumo, H.; Sakurai, T.; Noji, S.;
Takahata, E.; Yaguchi, T.; et al. Determination of poor prognostic immune features of tumour
microenvironment in non-smoking patients with lung adenocarcinoma. Eur. J. Cancer 2017, 86, 15–27.
[CrossRef] [PubMed]

29. Lee, M.C.; Buitrago, D.H.; Kadota, K.; Ujiie, H.; Woo, K.; Sima, C.S.; Travis, W.D.; Jones, D.R.;
Adusumilli, P.S. The tumor immune microenvironment in octogenarians with stage i non-small cell lung
cancer. Oncoimmunology 2014, 3, e967142. [CrossRef] [PubMed]

30. Hendry, S.; Salgado, R.; Gevaert, T.; Russell, P.A.; John, T.; Thapa, B.; Christie, M.; van de Vijver, K.;
Estrada, M.V.; Gonzalez-Ericsson, P.I.; et al. Assessing tumor-infiltrating lymphocytes in solid tumors:
A practical review for pathologists and proposal for a standardized method from the international
immuno-oncology biomarkers working group: Part 2: Tils in melanoma, gastrointestinal tract carcinomas,
non-small cell lung carcinoma and mesothelioma, endometrial and ovarian carcinomas, squamous cell
carcinoma of the head and neck, genitourinary carcinomas, and primary brain tumors. Adv. Anat. Pathol.
2017, 24, 311–335. [PubMed]

31. Stack, E.C.; Wang, C.; Roman, K.A.; Hoyt, C.C. Multiplexed immunohistochemistry, imaging, and
quantitation: A review, with an assessment of tyramide signal amplification, multispectral imaging and
multiplex analysis. Methods 2014, 70, 46–58. [CrossRef] [PubMed]

32. Schalper, K.A.; Brown, J.; Carvajal-Hausdorf, D.; McLaughlin, J.; Velcheti, V.; Syrigos, K.N.; Herbst, R.S.;
Rimm, D.L. Objective measurement and clinical significance of tils in non-small cell lung cancer. J. Natl.
Cancer Inst. 2015, 3, e107. [CrossRef] [PubMed]

33. Mazzaschi, G.; Madeddu, D.; Falco, A.; Bocchialini, G.; Goldoni, M.; Sogni, F.; Armani, G.; Lagrasta, C.A.;
Lorusso, B.; Mangiaracina, C.; et al. Low pd-1 expression in cytotoxic CD8(+) tumor-infiltrating lymphocytes
confers an immune-privileged tissue microenvironment in NSCLC with a prognostic and predictive value.
Clin. Cancer Res. 2017, 24, e2156. [CrossRef] [PubMed]

http://dx.doi.org/10.1073/pnas.1409580111
http://www.ncbi.nlm.nih.gov/pubmed/25225409
http://dx.doi.org/10.3389/fimmu.2017.00086
http://www.ncbi.nlm.nih.gov/pubmed/28220123
http://dx.doi.org/10.1038/srep39247
http://www.ncbi.nlm.nih.gov/pubmed/27976733
http://dx.doi.org/10.18632/oncotarget.9316
http://www.ncbi.nlm.nih.gov/pubmed/27191652
http://dx.doi.org/10.1038/cmi.2010.56
http://www.ncbi.nlm.nih.gov/pubmed/21200385
http://dx.doi.org/10.1038/bjc.2017.269
http://www.ncbi.nlm.nih.gov/pubmed/28817839
http://dx.doi.org/10.1038/bjc.2014.162
http://www.ncbi.nlm.nih.gov/pubmed/24691423
http://dx.doi.org/10.1038/nature14011
http://www.ncbi.nlm.nih.gov/pubmed/25428504
http://dx.doi.org/10.1007/s00262-015-1773-6
http://www.ncbi.nlm.nih.gov/pubmed/26589409
http://dx.doi.org/10.1016/j.ejca.2017.08.026
http://www.ncbi.nlm.nih.gov/pubmed/28950145
http://dx.doi.org/10.4161/21624011.2014.967142
http://www.ncbi.nlm.nih.gov/pubmed/25941595
http://www.ncbi.nlm.nih.gov/pubmed/28777143
http://dx.doi.org/10.1016/j.ymeth.2014.08.016
http://www.ncbi.nlm.nih.gov/pubmed/25242720
http://dx.doi.org/10.1093/jnci/dju435
http://www.ncbi.nlm.nih.gov/pubmed/25650315
http://dx.doi.org/10.1158/1078-0432.CCR-17-2156
http://www.ncbi.nlm.nih.gov/pubmed/29074606


Cancers 2018, 10, 326 14 of 14

34. Konishi, J.; Yamazaki, K.; Azuma, M.; Kinoshita, I.; Dosaka-Akita, H.; Nishimura, M. B7-h1 expression on
non-small cell lung cancer cells and its relationship with tumor-infiltrating lymphocytes and their PD-1
expression. Clin. Cancer Res. 2004, 10, 5094–5100. [CrossRef] [PubMed]

35. Yang, C.Y.; Lin, M.W.; Chang, Y.L.; Wu, C.T.; Yang, P.C. Programmed cell death-ligand 1 expression in
surgically resected stage i pulmonary adenocarcinoma and its correlation with driver mutations and clinical
outcomes. Eur. J. Cancer 2014, 50, 1361–1369. [CrossRef] [PubMed]

36. Aeffner, F.; Wilson, K.; Martin, N.T.; Black, J.C.; Hendriks, C.L.L.; Bolon, B.; Rudmann, D.G.; Gianani, R.;
Koegler, S.R.; Krueger, J.; et al. The gold standard paradox in digital image analysis: Manual versus
automated scoring as ground truth. Arch. Pathol. Lab. Med. 2017, 141, 1267–1275. [CrossRef] [PubMed]

37. Cooper, W.A.; Russell, P.A.; Cherian, M.; Duhig, E.E.; Godbolt, D.; Jessup, P.J.; Khoo, C.; Leslie, C.; Mahar, A.;
Moffat, D.F.; et al. Intra- and interobserver reproducibility assessment of pd-l1 biomarker in non-small cell
lung cancer. Clin. Cancer Res. 2017, 23, 4569–4577. [CrossRef] [PubMed]

38. Chen, S.; Liu, H.; Su, N.; Zhang, G.; Wang, L. Myeloid-derived suppressor cells promote age-related increase
of lung cancer growth via b7-h1. Exp. Gerontol. 2015, 61, 84–91. [CrossRef] [PubMed]

39. Flores, R.R.; Clauson, C.L.; Cho, J.; Lee, B.C.; McGowan, S.J.; Baker, D.J.; Niedernhofer, L.J.; Robbins, P.D.
Expansion of myeloid-derived suppressor cells with aging in the bone marrow of mice through a
nf-kappab-dependent mechanism. Aging Cell 2017, 16, 480–487. [CrossRef] [PubMed]

40. Wang, M.; Yao, L.C.; Cheng, M.; Cai, D.; Martinek, J.; Pan, C.X.; Shi, W.; Ma, A.H.; De Vere White, R.W.;
Airhart, S.; et al. Humanized mice in studying efficacy and mechanisms of PD-1-targeted cancer
immunotherapy. FASEB J. 2018, 32, 1537–1549. [CrossRef] [PubMed]

41. McShane, L.M.; Altman, D.G.; Sauerbrei, W.; Taube, S.E.; Gion, M.; Clark, G.M.; Statistics Subcommittee
of the, N.C.I.E.W.G.o.C.D. Reporting recommendations for tumour marker prognostic studies (remark).
Br. J. Cancer 2005, 93, 387–391. [CrossRef] [PubMed]

42. Zhang, W.; Hubbard, A.; Jones, T.; Racolta, A.; Bhaumik, S.; Cummins, N.; Zhang, L.; Garsha, K.; Ventura, F.;
Lefever, M.R.; et al. Fully automated 5-plex fluorescent immunohistochemistry with tyramide signal
amplification and same species antibodies. Lab. Investig. 2017, 97, 873–885. [CrossRef] [PubMed]

43. Ilie, M.; Hofman, V.; Ortholan, C.; Bonnetaud, C.; Coelle, C.; Mouroux, J.; Hofman, P. Predictive clinical
outcome of the intratumoral CD66b-positive neutrophil-to-cd8-positive T-cell ratio in patients with resectable
nonsmall cell lung cancer. Cancer 2012, 118, 1726–1737. [CrossRef] [PubMed]

© 2018 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1158/1078-0432.CCR-04-0428
http://www.ncbi.nlm.nih.gov/pubmed/15297412
http://dx.doi.org/10.1016/j.ejca.2014.01.018
http://www.ncbi.nlm.nih.gov/pubmed/24548766
http://dx.doi.org/10.5858/arpa.2016-0386-RA
http://www.ncbi.nlm.nih.gov/pubmed/28557614
http://dx.doi.org/10.1158/1078-0432.CCR-17-0151
http://www.ncbi.nlm.nih.gov/pubmed/28420726
http://dx.doi.org/10.1016/j.exger.2014.12.001
http://www.ncbi.nlm.nih.gov/pubmed/25479230
http://dx.doi.org/10.1111/acel.12571
http://www.ncbi.nlm.nih.gov/pubmed/28229533
http://dx.doi.org/10.1096/fj.201700740R
http://www.ncbi.nlm.nih.gov/pubmed/29146734
http://dx.doi.org/10.1038/sj.bjc.6602678
http://www.ncbi.nlm.nih.gov/pubmed/16106245
http://dx.doi.org/10.1038/labinvest.2017.37
http://www.ncbi.nlm.nih.gov/pubmed/28504684
http://dx.doi.org/10.1002/cncr.26456
http://www.ncbi.nlm.nih.gov/pubmed/21953630
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Results 
	Multiplex Immunohistochemical Assessment 
	Distribution of PD-L1 Expression and the TAICs Density According to Age 
	Correlation with Clinicopathological Features and Prognosis of LADC Patients 

	Discussion 
	Materials and Methods 
	Patients 
	Multiplex Immunohistochemistry 
	Image Acquisition and Automated Digital Quantification 
	Statistical Analysis 

	Conclusions 
	References

