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Radiation‑induced Hounsfield unit 
change correlates with dynamic CT 
perfusion better than 4DCT‑based 
ventilation measures 
in a novel‑swine model
Antonia E. Wuschner1*, Eric M. Wallat1, Mattison J. Flakus1, 
Dhanansayan Shanmuganayagam1, Jennifer Meudt1, Gary E. Christensen2, 
Joseph M. Reinhardt2, Jessica R. Miller1, Michael J. Lawless1, Andrew M. Baschnagel1 & 
John E. Bayouth1

To analyze radiation induced changes in Hounsfield units and determine their correlation with changes 
in perfusion and ventilation. Additionally, to compare the post‑RT changes in human subjects to those 
measured in a swine model used to quantify perfusion changes and validate their use as a preclinical 
model. A cohort of 5 Wisconsin Miniature Swine (WMS) were studied. Additionally, 19 human subjects 
were recruited as part of an IRB approved clinical trial studying functional avoidance radiation therapy 
for lung cancer and were treated with SBRT. Imaging (a contrast enhanced dynamic perfusion CT in 
the swine and 4DCT in the humans) was performed prior to and post‑RT. Jacobian elasticity maps were 
calculated on all 4DCT images. Contours were created from the isodose lines to discretize analysis 
into 10 Gy dose bins. B‑spline deformable image registration allowed for voxel‑by‑voxel comparative 
analysis in these contours between timepoints. The WMS underwent a research course of 60 Gy in 5 
fractions delivered locally to a target in the lung using an MRI‑LINAC system. In the WMS subjects, 
the dose‑bin contours were copied onto the contralateral lung, which received < 5 Gy for comparison. 
Changes in HU and changes in Jacobian were analyzed in these contours. Statistically significant 
(p < 0.05) changes in the mean HU value post‑RT compared to pre‑RT were observed in both the 
human and WMS groups at all timepoints analyzed. The HU increased linearly with dose for both 
groups. Strong linear correlation was observed between the changes seen in the swine and humans 
(Pearson coefficient > 0.97, p < 0.05) at all timepoints. Changes seen in the swine closely modeled the 
changes seen in the humans at 12 months post RT (slope = 0.95). Jacobian analysis showed between 
30 and 60% of voxels were damaged post‑RT. Perfusion analysis in the swine showed a statistically 
significant (p < 0.05) reduction in contrast inside the vasculature 3 months post‑RT compared to 
pre‑RT. The increases in contrast outside the vasculature was strongly correlated (Pearson Correlation 
0.88) with the reduction in HU inside the vasculature but were not correlated with the changes in 
Jacobians. Radiation induces changes in pulmonary anatomy at 3 months post‑RT, with a strong linear 
correlation with dose. The change in HU seen in the non‑vessel lung parenchyma suggests this metric 
is a potential biomarker for change in perfusion. Finally, this work suggests that the WMS swine model 
is a promising pre‑clinical model for analyzing radiation‑induced changes in humans and poses several 
benefits over conventional swine models.

Functional avoidance radiation therapy has been increasingly utilized for subjects being treated for lung cancer. 
To do this, accurate modeling of the normal tissue complications of thoracic radiation, local functional map-
ping, or dose-response modeling is needed to define treatment parameters for a given patient. Previous work has 
indicated that radiation pneumonitis and radiation fibrosis are the primary toxicities following thoracic radiation 
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in lung cancer  patients1–4. In addition, these complications can be predicted using a linear quadratic  model1–6. In 
recent years, multiple studies have looked at using functional metrics to create risk assessments and have found 
that the inclusion of these metrics increased the predictive power of those  models1,3–5,7–10.

Several groups have used four dimensional computed tomography (4DCT) based ventilation metrics to 
estimate lung  function11–14. This methodology uses anatomical changes between breathing phases to assess how 
the lungs expand and contract regionally. These metrics show changes with radiation dose and are surrogates for 
pulmonary function. Multiple groups have used (or are currently using) these metrics in clinical trials to assess 
the efficacy of using these metrics for functional avoidance in treatment  planning4,5,15–17. However, the majority 
of these models focus on ventilation estimates and do not account for damage due to fibrosis, inflammation, or 
other physiological responses that may not be represented by 4DCT ventilation measures. In particular, changes 
in perfusion are often excluded from these functional avoidance studies which is a crucial component to the lung’s 
ability to function. In a functional avoidance review, Ireland et al cited that perfusion may be more clinically rel-
evant when performing functional avoidance than  ventilation15. Therefore, additional metrics are needed to assess 
this damage. One potential imaging metric is the change in Hounsfield Units (HU) prior to and post radiation 
therapy (RT). There have been several studies that have investigated using tissue density changes to assess lung 
 damage7,14,18–25. Additionally, several studies have correlated these changes with radiation dose  delivered7,14,18–26.

Previous work in the CT-Ventilation space has derived lung function directly using Hounsfield unit values of 
the time-averaged  4DCT27. An alternate approach uses the Jacobian determinant of the transformation computed 
from image  registration28. This method assumes that the expansion of a voxel is caused by the addition of air 
from ventilation and is the method used in this work. This method was also shown to yield the highest DICE 
similarity coefficients and voxel-wise and ROI-based Spearman correlations with ventilation maps derived from 
68 Ga-aerosol PET and 3He-MRI static ventilation maps, placing first in the 2019 AAPM Grand  Challenge29. In 
this work we investigate the changes in HU post-RT. We assess if correlations exist between changes in HU and 
dose delivered or Jacobian ventilation metrics. Additionally, we investigate changes in HU in different regions of 
anatomy (inside and outside vessels) and assess the relationship between changes in these different anatomical 
regions. This leads to further analysis of radiation induced changes in perfusion and lung injury.

A current challenge of validating imaging biomarkers is finding proper surrogates for human lung function. 
These surrogates allow one to investigate the physiological significance of the biomarkers in addition to testing 
potential remedies. The use of swine in radiotherapy research has become increasing prevalent due to the swine’s 
similar physiology to humans. In the past decade, extensive work has been done to validate the use of swine to 
model human physiology in a variety of  applications30–34. However, previous work has used conventional swine 
which presents barriers in analysis due to their larger size and growth rates. In this work, we present a novel swine 
model, the Wisconsin Miniature-Swine (WMS) developed at The University of Wisconsin-Madison. These swine 
were genetically engineered to present several benefits to conventional swine models. We believe these benefits 
allow our novel swine model to better predict these changes post-RT than conventional swine used historically.

This work provides a dose response analysis of lung density changes and Jacobian ventilation changes in 
human subjects enrolled in a prospective IRB-approved clinical trial. The lung density analysis outside the vas-
culature is also compared to the humans to validate the swine’s response to radiation therapy such that they can 
be used as a preclinical model for future analysis.

Methods
Human patient dataset. Nineteen human subjects from a prospective trial at UW-Madison 
(NCT02843568) investigating the use of 4DCT-based ventilation in functional planning were used. The patient 
cohort included non-small cell lung cancer patients undergoing radiation therapy using stereotactic body radia-
tion therapy (SBRT). Per trial protocol, a set of two 4DCT datasets, acquired 5 min apart, were obtained before 
RT and at 3, 6 and 12 months post RT for each subject. During this analysis, audio coaching was used in an 
effort to normalize breathing patterns across subjects and reduce experimental variance. Informed consent was 
obtained from all participants and a summary of patient demographics is provided In Table 1. All human clinical 
trial procedures were approved by the University of Wisconsin Health Sciences Institutional Review Board (IRB) 
to ensure compliance with federal and ethical guidelines.

Animal model. Measurement setup. All Wisconsin Miniature Swine (WMS) subjects were ventilated to a 
consistent tidal volume (1 L was chosen to match the average tidal volume of the human subject populations). 
This allowed for repeatable breathing patterns in addition to assuring a fixed breath hold which is difficult to 
achieve with human subjects. The subjects were sedated which eliminated their susceptibility to motion artifacts 
in the scans and uncertainty due to patient motion in the radiation delivery. Since we were not treating a disease 
in the swine, we were able to design the dose distribution such that the contralateral lung was left un-irradiated 
for comparative analysis. Details regarding animal care and drugs administered can be found in the supplemen-
tary material. All procedures as well as animal care practices were approved by the University of Wisconsin Insti-
tutional Animal Care and Use Committee (IACUC). The drugs and methods of anesthesia and euthanasia were 
approved in compliance with American Veterinary Medical Association (AVMA) guidelines for anaesthesia and 
euthanasia of swine. Both committees assured that all procedures were in compliance with ARRIVE guidelines.

An additional benefit of using the animal model was that we had the ability to perform scans that would not 
typically be given to human subjects to avoid giving excess dose. This included a dynamic contrast enhanced scan.

Description of animal model. The Wisconsin Miniature Swine (WMS) possess several characteristics that make 
them an ideal model. In general, swine are well suited for biomedical studies pertaining to the development/
validation of diagnostic and therapeutic technologies because of their genetic proximity to humans and similari-
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ties in  anatomy30,32–34. The WMS were created by selective crossbreeding of several swine breeds such that their 
weight, size and physiology are similar to humans and their body composition can be easily  manipulated31. As 
they can be easily maintained at human size for any length of time, they will remain the same size from interven-
tion to necropsy. In addition, we were able to select swine that had lung volumes that were within the range of 
those in our human subjects.

The WMS at the size used in our study had lungs that matched human adult lungs. Additionally, they were 
swine in their early adulthood (approximately equivalent to a human in their late 20 s or early 30 s). If we had 
used a conventional breed of swine as previous studies have done, the swine would have been approximately 3 
months of age (in order to match the size of human lungs). Given that swine reach sexual maturity at 5 months 
of age, a 3-month old swine is equivalent to a pre-pubescent human child at 6–8 years of age. A conventional 
swine at this age has a rate of development where tissue remodeling and size changes are very rapid. The swine’s 
ability to heal and response to radiation damage (i.e., pathophysiology) would not mimic that of a human adult. 
The WMS on the other hand allowed us to more closely model the pathophysiology observed in a human adult. 
A 14 month old WMS is close to a human in the mid-late  twenties31.

Irradiation scheme for WMS. Five WMS (14.4 ± 1.7 months old) were given a research course of 60 Gy in 5 
fractions approved by the an Institutional Animal Care and Use Committee (IACUC). These fractions were 
delivered following a standard clinical SBRT schedule receiving fractions with a day in between each delivery 
during weekdays and 2 days over the weekend. We chose to irradiate to 60 Gy in order to maximize the probabil-
ity of inducing measurable radiation-induced toxicities. The PTV was designated as the bifurcation of a vessel in 
one of the lungs. Treatment delivery was done using an MRI-guided LINAC system.

CT acquisition. All human and swine CT images were acquired on a Siemens SOMATOM Definition Edge CT 
scanner. Each swine underwent six total imaging sessions (one session before each of the five fraction deliveries 
and one 3 months post-RT). In each session, a contrast enhanced dynamic 4DCT image was obtained. Details 
regarding the dynamic 4DCT procedure can be found in the supplementary material.

Subtracting vasculature from the dynamic 4DCTs. Vasculature was masked out prior to analysis in the WMS 
swine to enable the analysis of the non-vessel lung parenchyma and the vessels separately. We used the HU 
values in the dynamic 4DCTs to indicate regions where contrast was present. These regions were segmented 
as vessels based on the assumption that the presence of contrast indicates a location through which blood is 
flowing. The dynamic 4DCT images contain between 28 and 36 frames. In the initial frames, contrast was not 
present as acquisition began before contrast was injected. After the acquisition of 4 frames, contrast injection 
began. As acquisitions continued after injection, the mean HU value in a vessel increased as contrast flowed in 
and decreased as contrast flowed out (see Fig. 1).

Table 1.  Summary of human patient demographics.

Number 19

Sex

M 12

F 7

Age

Mean 72

Min 59

Max 85

Prescription

Rx dose = 50 Gy 17

Rx dose = 60 Gy 2

Fractionation (fx)

5 17

15 2

Diagnosis

Adenocarcinoma 11

Squamous cell carcinoma 7

Endometral metastases 1

Stage

I 3

IA 11

IB 4

II 1
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Segmentation was performed on a maximum intensity projection (MIP) image of all frames to account for 
the timing offset of contrast flowing through different vessels. All frames were deformably registered to the 
first frame using the built in registration algorithm in MIM Software (Cleveland, OH) prior to MIP generation.

Next, a HU threshold was utilized to perform vessel segmentation. To determine this threshold, a histogram 
of all pixel values over the lung mask in the first frame of the dynamic 4DCT (a frame where contrast was not 
present) was plotted. This histogram yielded a bimodal plot as shown in Fig. 1C. The threshold was set at 2 stand-
ard deviations above the mean of the second mode. This was done such that vessels would only be segmented if 
they experienced an increase in HU due to the presence of iodine contrast flow and not due to other structures 
in the lung that appear with a moderately elevated HU value. The standard deviation was computed using the 
full width at half maximum of the higher mode peak using the relation below:

Finally, to segment the vasculature, a threshold was applied such that any voxel within the lung mask having 
a HU above the threshold was segmented. An example scan showing the segmented vasculature is shown in 
Fig. 1D. Once the vasculature was segmented, another contour with this vasculature subtracted was created to 
analyze regions outside the vasculature as well.

Measuring change in HU value in the swine. All post-RT scans were deformably registered to the pre-RT scan 
using a B-spline registration algorithm to allow for voxel-wise  comparisons35,36. Analysis was performed in 10 
Gy dose bins. This was done by importing the planned dose distributions for each patient into MIM and creating 
contours from the isodose lines. The dose distribution was registered to CT scan used for treatment planning. 
All dose contours were copied onto the contralateral lung as shown in Fig. 3C. Figure 1E shows an example of 
the 4 contours analyzed for each dose bin. The choice to use 10 Gy dose bins was determined through analysis of 
the variation in measurement as a function of the volume of the contour analyzed. As the volume of the contour 
analyzed decreases, the measurement becomes increasingly noisy. In SBRT treatments, high dose gradients are 
present thus the volume receiving a given dose is small. Our analysis found that for volumes greater than 30 cc 

(1)FWHM = 2.35σ

Figure 1.  (A) Placement of an ROI in a region showing high contrast uptake. (B) Plot of the mean HU value 
in that ROI over the timespan of the dynamic 4DCT scan for a subject. The increase in mean HU shows that 
contrast is flowing in and out of this vessel. (C) Histogram of HU values over the entire lung mask. A threshold 
was established based on the second mode and was placed 2 standard deviations from the mean of the second 
mode. (D) Example scan slice showing vasculature segmented using the threshold. (E) Example scan slice 
showing the four different contours created for each dose bin to perform analysis.
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we were able to minimize the standard deviation to below 25 % at all dose levels. This resulted in the bins being 
10 Gy wide.

Figure 2 shows the two measurements that were obtained for this analysis. The mean HU value trace for the 
entire lung mask excluding the vasculature for one swine subject is plotted. Observe in Fig. 2B that the initial 
baseline values prior to contrast injection increase post-RT from the pre-RT value shown in Fig. 2A in the ipsi-
lateral lung, but remain unchanged in the contralateral unirradiated lung.

The baseline measurement was the first measurement taken. For all swine, the first frame of the Dynamic 
4DCTs was used to obtain this value in both the contours where vessels were subtracted as well as the contours 
of just the segmented vessels for each dose bin (following the procedures above). The second measurement was 
the max HU value of the trace which was taken only for the contours of the segmented vessels for each dose bin. 
These measurements were recorded at pre and 3 months post-RT. The percent difference was calculated using:

Measuring change in HU value in the human subjects. The human subject analysis was similar to 
that of the swine with a few exceptions. Since the treatment planning was not designed to reduce radiation dose 
below 5 Gy in the contralateral lung, it was unable to be used as an “unirradiated” control. Additionally, since the 
human subjects did not receive a contrast enhanced scan, vessel subtraction was not performed and only meas-
urements of the HU in regions of tissue that were delivered a given dose were obtained. The HU analysis was per-
formed on the exhalation phase of the 4DCT data sets. This phase was chosen because it was believed to be the 
phase least susceptible to CT artifacts. Since the human subjects received two 4DCTs at the same timepoint, we 
computed the average of the results of the mean HU values found in each dose contour between the two scans.

Assessing correlation between the WMS and humans. In an effort to account for differences in frac-
tionation scheme, all plots and linear regressions were created using equivalent dose in 2 Gy fractions (EQD2) 

(2)�HU(%) =
HUpost −HUpre

HUpre
× 100%

Figure 2.  (A) Plot of the mean HU value of the lung parenchyma pre-RT. (B) Plot of the mean HU value of the 
lung parenchyma 3 months post-RT in a typical WMS swine and Each data point represents the average HU 
value in the lung parenchyma in a single acquisition (image frame) over the time trace of the dynamic contrast-
enhanced 4DCT. (C) Plot of the mean HU value of the vessels showing the two measurements obtained. The 
two measurements are the baseline HU value (HU value before contrast injection) and the peak HU value (the 
HU value at the timepoint in the 4DCT where the contrast concentration was at it’s maximum value inside the 
vessels.
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as calculated below where D is the total prescribed dose and d is the dose per fraction. An alpha/beta ratio of 3 
was used for lung  tissue37.

As shown in the dose distributions for an example patient in both the swine and humans in Fig. 3C,D, the volume 
of tissue irradiated was similar in both subject pools. However, while both subject pools received SBRT-type plans 
and have similar volumes irradiated, the human and swine populations received slightly different fractionation 
schemes (50 Gy in 5 fx in the swine vs. 60 Gy in 5 fx in the humans). When calculating correlation coefficients 
to compare the swine and human data, an adjusted data set was created such that there were data points for the 
same EQD2 values in each human population. This was done using the linear regression line of best fit equation 
on the swine data to calculate the percent changes in lung density at the EQD2 values recorded in the human 
subjects. Since the linear regression fit was so strongly correlated  (R2 = 0.987) we expect the error resulting from 
doing this to be negligible. These adjusted data sets were used to calculate the Pearson correlation coefficients 
for the swine and the human subjects.

Ventilation change measurement via Jacobian analysis. 4DCT can be used to compute a surrogate 
for regional ventilation of lung tissue and provide a spatial map of the local lung tissue expansion and contraction 
using Jacobian  analysis6. In this work, Jacobian analysis was used as a surrogate to assess change in ventilation 
in the human subjects. The Jacobian values were calculated on all images following the methodology described 
in Patton et al.6. A Jacobian value equal to one represents no local volume change, greater than one represents 
expansion and less than one represents contraction of the lung tissue. Equivalent tidal volumes (ETV) were used 
to select the phases of the 4DCTs used for the inspiration and expiration scans. This has been shown to increase 
the repeatability of the ventilation measurement and isolate the effect of radiation in longitudinal  changes38.

(3)EQD2 = D ×

d +
α
β

2+
α
β

Figure 3.  (A) Percent changes in mean HU post-RT in the swine. (B) Percent changes in mean HU post-RT 
in the humans. (C) Irradiated dose contours and copied contralateral contours in the WMS swine. (D) Dose 
distributions and contours for a typical human subject. Data is shown at 3, 6 and 12 months post RT in the 
humans and at 3 months for the swine. Copied contours in unirradiated regions were averaged and plotted as 
the 0 Gy data point in (A). Linear fits with R 2 values are shown for all data sets. The percent increases in all 
subjects were linear with strong correlations. Additionally, the unirradiated regions of the swine showed no 
change post-RT.
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To assess the relative change in ventilation at different timpoints post-RT, the Jacobian ratio was calculated 
using the relation:

A Jacobian ratio of 1 indicates the voxel did not change from its pre-RT elasticity, a ratio of less than one indi-
cates the voxel was less elastic post-RT compared to pre-RT (loss of ventilation) and a ratio of greater than one 
indicates a more elastic voxel (improved ventilation) post-RT. For this work, a threshold of a 0.95 Jacobian ratio 
was used to determine the voxels that were considered damaged post-RT. This threshold was used in the works 
of Patton et. al and Wallet et al and was chosen for consistency. Additionally, it is the threshold used for evalua-
tion of damage in the clinical trial the human patients were taken  from6,39. Dose binned analysis was performed 
using the same contours created for the HU analysis. In each dose bin the percent of voxels with a Jacobian ratio 
value of 0.95 or lower was calculated.

Statistical analysis. Student paired two-tailed t tests were used to compare the pre and post-RT HU values. 
A Kolmogorov–Smirnov test was used to verify  normality40. Correlations between the WMS and human sub-
jects as well as all percent increases with dose were assessed using Pearson correlation coefficients. Additionally, 
all linear fits to data were evaluated using the coefficient of determination,  R2. To correct for multiple compari-
sons, Bonferroni adjustment was used. This method of adjustment is the most conservative of adjustments and 
yielded an adjusted p value threshold of 0.01 for statistical significance at α = 0.05 level. All results were still 
statistically significant under these adjusted  criteria41.

Results
Observations of HU change. Swine subjects. Statistically significant increases in the mean HU value 
were seen in each dose bin of the swine in the non-vessel lung parenchyma. The percent increases showed a 
linear dependence with the EQD2 dose delivered with Pearson coefficient of 0.989 (p = 0.001). The linear regres-
sion fit had a slope of 0.167 %/Gy. In the contours copied onto the unirradiated lung, there was no statistically 
significant changes seen in the mean HU values. The percent increases of all contours are shown in Fig. 3A.

The heat map shown in Fig. 4A shows the percent change in HU for each voxel of the post-RT scan as com-
pared to the pre-RT scan. Below the heat map is the dose distribution that was delivered to the subject. It can be 
seen that the large increases in HU are localized to irradiated regions.

Additionally, statistically significant decreases (p < 0.05) in the peak mean HU were seen in each dose bin of 
the swine in the segmented vasculature. The percent changes in HU outside the vessels were strongly correlated 
to the percent change in peak HU inside the vessels at 3 months post RT as shown in Fig. 5.

SBRT human subjects. Table 1 of the supplemental material and Fig. 3B show statistically significant increases 
in all dose bins except 5–15 Gy (EQD2 = 13–39 Gy) for the human subjects. Table 1 lists the volume of each 
contour. The increases in HU were linearly correlated with dose delivered. Pearson correlation coefficients were 
0.973, 0.899, and 0.844 for 3, 6 and 12-months post-RT, respectively, with p values all less than 0.00001.

The heat map shown in Fig. 4B shows the percent change in HU for each voxel of the 3 months post-RT scan 
compared to the pre-RT scan for a single subject. Below the heat map is the dose distribution that was delivered 
to the subject. Notice that the large increases in HU are localized to irradiated regions.

Correlations between swine and humans. Figure 6A,B shows the post-RT percent changes in mean HU value in 
the human subjects plotted vs. the percent change seen in the swine for the same dose bin at 3-months post-RT. 
Data was not obtained beyond 3 months post-RT in the swine and the swine data plotted is the adjusted data 
set derived from the linear best fit equation to match the EQD2 values measured in the humans. The humans 
show strong linear correlation with the swine data. The Pearson coefficients for the humans were 0.973, 0.899 
and 0.844 (p < 0.05) and had linear fits had slopes of 0.785, 0.588 and 0.955 % change in human per % change in 
swine at 3, 6 and 12 months, respectively.

Change in Jacobian results. Figure  7 shows the percent of damaged voxels in each dose bin for the 
humans at 3, 6 and 12 months post-RT. The percent of damaged voxels increases as the dose delivered increases 
and is correlated linearly at all timepoints. Additionally of note, there was little difference between the datasets 
at the different timepoints in SBRT subjects.

Correlation between change in Jacobian and change in HU. Figure 8 shows the percent of damaged 
voxels plotted against the percent increase in HU observed for the humans at the 3 and 12 month timepoints. 
Each point on the plot represents a different dose bin analyzed. While strong correlation exists at both time-
points, the slope of the linear fit is very low indicating that the changes in HU observed are not indicative of the 
ventilation changes represented by the change in Jacobian.

Discussion
Observed radiation induced changes. Observed increases in HU post‑RT outside vasculature. Statisti-
cally significant increases in the mean HU value were observed in both the human subject and WMS groups 3 
months post-RT. Increases ranged from 3.6% in the lowest dose bin to 30.0% at the largest doses and increased 

(4)Ratio =
Jpost

Jpre
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linearly. In regions receiving less than 5 Gy in the swine, no statistically significant changes in HU were observed 
indicating changes were radiation-induced.

The percent increases in HU increased linearly with dose at all time points for the human subjects. We believe 
these changes model a combination of an inflammatory response that resolves with time combined with longer 
lasting damage that remains. The proportion of each effect’s contribution cannot be distinguished from these 
measurements alone. Examples of longer lasting damage are pneumonitis which begins to develop 2–4 months 
post-RT and fibrotic tissue which typically can develop 4–6 months post-RT1.

All heat maps showing the percent changes in HU indicated the changes in HU value are localized to regions 
receiving dose. In addition, the copied contours in unirradiated sections of lung in the swine showed no statisti-
cally significant differences post-RT. This indicates the changes we are measuring were radiation-induced. It is 
worth noting that by using the vessel subtraction method we chose, it is possible that the voxels at the edge of 
the vessel were excluded from the subtraction and thus analyzed in the regions classified as “non-vessel lung 
parenchyma”. This is due to the increased HU inside the vessel from contrast being present setting the threshold 
for vessel classification higher. However, these voxels are not a significant contribution to our analysis when 
averaged with all the additional voxels in the contour. This is proven in the contralateral lung contours where 
vessels were subtracted in the same manner and yet we saw less than a 0.5% increase in HU.

Correlation between HU changes in and out of vasculature. A full understanding of the physiological processes 
the change in HU represents has yet to be developed. From our results looking at the change in HU inside and 
outside of vessels, we speculate that part of the physiological response modeled by these changes in HU is a radi-
ation-induced loss of perfusion. Radiation-induced changes in perfusion have been shown by other groups via 
PET and dual-energy CT (DECT)  methods8,10,42,43. Additionally, functional avoidance trials have shown there 
is a benefit to avoiding highly perfusing  regions26. The correlation of the increases in HU outside the vascula-
ture combined with the decrease in mean peak HU in the regions of vasculature suggest that some of the HU 
increase is due to radiation induced vasculature leakage of contrast. While this does not directly confirm change 
in perfusion, a change that would have to be seen at the capillary level, our hypothesis is that this can be inferred 
from these results since the reduction in HU inside the vasculature would indicate a loss of contrast (a high HU 

Figure 4.  (A) Heat map showing the percent change in HU in each voxel with the corresponding dose 
distribution for a typical WMS swine (B) for an SBRT treated human. In all cases, large increases in HU are 
localized to areas receiving radiation.
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Figure 5.  (A) Example contrast flow in the vessels pre- and post-RT for one WMS subject in the 20 Gy dose 
bin; by comparison the post-RT peak HU is reduced in magnitude. Here the acquisition times shown are the 
time of day for the pre-RT data. Since the specific times are insignificant, the post-RT data is plotted on the same 
timepoints. The important feature is the difference in the pre and post-RT peak HU values. (B) Example contrast 
flow outside of the vessels for the same WMS subject in the 20Gy dose bin; the post-RT ipsilateral region shows 
increased HU outside the vessels while the contralateral region does not increase. (C) Reduction in HU inside 
the vessels corresponds to an increase outside the vessels. Each point on the line corresponds to a different dose 
bin analyzed and is the average of all WMS subjects.

Figure 6.  Correlation between the changes seen in the swine at 3 months post-RT and the humans at different 
timepoints post-RT. Each point represents a dose bin where analysis was performed. (A) Correlation between 
the humans at 3 months and swine at 3 months. (B) Correlation between the humans at 12 months and swine at 
3 months. A curve was fit to all data sets and Pearson stats showed strong correlation with the swine data.
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material) and the corresponding raise in HU outside these vessels would explain where the contrast in addition 
to blood (another higher HU material) is going.

The reduction in contrast inside the vasculature was systemic and occurred in both irradiated and non-irra-
diated regions. However, the increases post-RT were only in the irradiated regions. This supports our hypothesis 
since leakage of contrast would result in less contrast circulating through all vasculature (showing a reduction 
in peak HU height), but the increase in HU due to contrast leakage would only be seen where the source of the 
leak is (in the irradiated lung tissue). Additionally, this result was observed across all swine subjects. When ana-
lyzing the plot in 5c, it appears as if there is a threshold dose above which this leakage occurs of 25 Gy. All dose 
bins plotted that are greater than 25 Gy showed greater than a 10% increase in HU outside the vasculature while 
dose bins that were less than 25 Gy showed below 10% increases outside the vasculature. The slope of curve 5c 
is − 0.87 which is is dominant but not a perfect negative relationship, suggesting additional secondary factor(s) 
contributing to the increase in HU outside the vasculature. encompasses this change in perfusion as well as acute 
damage. As mentioned previously, there are other mechanisms of damage such as inflammation and presence 
of fibrotic tissue that would also contribute towards a raised HU value. Future work will involve acquiring these 
perfusion scans on human subjects receiving SBRT, in addition to analyzing damage to the pulmonary vasculature 
through post-RT lung pathology of the swine to confirm this speculation. If verified the change in HU may be 
a potential bio-marker for radiation-induced change in perfusion and understanding the dose threshold above 
which this damage occurs would provide additional guidance during planning.

Interpretation of Jacobian results. Figure 7 indicates that the human subjects showed no difference in the per-
cent of damaged voxels (as indicated by a 0.95 or lower Jacobian ratio) across the 3 timepoints measured. Addi-
tionally, the percent of damaged voxels (those seeing a 5 % or greater reduction in Jacobian) was independent of 
dose delivered above an EQD2 of 20 Gy.

One important point that should be considered is that these results encompass subjects pulled from a clini-
cal trial studying the effectiveness of functional avoidance radiation therapy where highly ventilating regions 

Figure 7.  (A) Percent of voxels experiencing a 5 % or greater reduction in Jacobian value post-RT at each 
dose level in the humans. Results show a linear increase in the percent of voxels experiencing the reduction in 
ventilation with increasing dose. Data is shown at 3, 6 and 12 months post-RT. The number of subjects analyzed 
at each timepoint are 19, 13 and 11.

Figure 8.  Correlation by dose bin of the percent of voxels with Jacobian ratio less than 0.95 with the percent 
increase in HU at (A) 3 months post RT (B) 12 months post-RT. While there are strong correlation coefficients 
observed at 3 months, the slopes of the best fit lines are very low indicating no real relationship between the two 
metrics. Each point on the plots represents a dose bin analyzed.
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were avoided. The results are not stratified by subjects in the control vs the experimental arm. It is possible the 
subjects in the experimental arm may have experienced different changes in Jacobian post-RT than those in the 
control arm since the tissue that was irradiated was selectively optimized to irradiate more low-functioning tissue.

As indicated in Fig. 8, the percent of voxels showing a decrease in Jacobian were not correlated with the 
changes in HU observed with the exception of the 3 months timepoint. Additionally, while a significant per-
centage of voxels (greater than 30%) were damaged, the dose delivered did not heavily influence the number of 
voxels damaged as previously described and shown Fig. 7. However, the dose delivered did heavily influence the 
changes in HU. These results indicate that while radiation does induce changes in ventilation (which has been 
seen by several other groups as well)4,5,13, there are additional radiation induced changes taking place that are 
not indicated by the Jacobian metric and these changes are highly influenced by the magnitude of dose delivered.

This observation is important as there are several groups using the difference in HU between inhale and exhale 
images to estimate  ventilation44–46. Therefore it would be reasonable to speculate that the changes in HU we see 
in this work are correlated with and partially caused by a change in ventilation. However, our results looking at 
Jacobian-based ventilation estimates show no correlation with change in HU. This suggests that the cause for 
the change in HU involves mechanisms other than ventilation. Combined with our contrast data and results 
discussed previously, this work suggests that, in addition to some component of fibrotic damage, these increases 
in HU are representing leaked blood from vasculature and ultimately perfusion change.

Correlations between animal model and humans. Data was not obtained beyond 3 months post-RT 
in the WMS model. However, the human data sets showed a strong linear correlation at all timepoints with 
the WMS data. Additionally, the linear fit for the 12 month post-RT SBRT human data vs Swine 3 month data 
showed a slope of 0.954 indicating that the swine results closely modeled the human results at 12 months. The 
linear fit for the 3 month data in the SBRT humans vs the 3 month swine data had a slope that was less than this 
(0.704). This indicates that the swine show an accelerated response to the humans. This accelerated response 
in the WMS model is consistent with reports in literature of swine models experiencing an expedited biologi-
cal response when compared to  humans30,32–34. This feature poses as a potential benefit to using the swine for 
pre-clinical modeling as it provides the ability to see response quicker in the animal model which could provide 
insight for human study design.

The 6 month data did not correlate as strongly with the swine data. We believe this is because at this time-
point there are multiple mechanisms present that are causing change as described in “Observed increases in 
HU post-RT outside vasculature”. Some of these changes, such as inflammation, are early effects that would be 
beginning to resolve at 6 months, while others are late effects such as fibrosis which could be starting to present 
themselves at 6 months in the swine. The combination of these effects is a plausible cause of the lower correla-
tion at this timepoint.

Clinical impact. This work quantifies an anatomical response to radiation dose in a human population as 
well as in an animal model. Our results in the human population looking at changes in HU are in agreement 
with the behaviors reported in  literature20,23. Additionally our results were part of a prospective clinical trial 
designed to standardize the acquisition of images for all subjects and also analyzed data longitudinally over 
multiple timepoints. We speculate that the observed increases in HU are indicative of multiple mechanisms con-
sisting of a combination of early inflammatory effects as well as late toxicities. Other groups have demonstrated 
radiation-induced changes in perfusion using  SPECT43. Our findings in the swine indicate that there may be 
the ability to infer these changes from 4DCT which would immensely aid translation to a clinical setting since 
4DCTs are already routinely collected for treatment planning and would not require the acquisition of addi-
tional scans. These results would also present an opportunity for superior functional avoidance therapy as other 
groups have suggested that perfusion may be more clinically relevant when performing functional avoidance 
than  ventilation15. However, further investigation is required to verify and validate this hypothesis and future 
work will involve attempting to confirm these speculations using pathology studies.

Correlations of the swine and human subjects shows the potential to use the swine as a pre-clinical model for 
human response. This work shows strong correlation with human outcomes and additionally shows accelerated 
response. This presents a benefit in being able to expedite the process of assessing response in the swine lungs in 
order to better design human clinical trials and investigation of potential treatments and intervention mecha-
nisms. As mentioned previously, the novel swine used in this study present multiple benefits over conventional 
swine. These benefits combined with the results of this study presents these animals as an improved option for 
more longitudinal studies due to the swine’s ability to stay the same size and mature similarly to an adult human.

After the 3-month post-RT scan, the swine lungs were extracted from the animal for future pathology studies. 
This work will provide further insight regarding the physiological response of these subjects and the damage done 
to the vasculature. Future work will also include a clinical trial analyzing the response of a larger sample size of 
these novel swine as well as an analysis of contrast enhanced scanning on humans. This will enable faster develop-
ment of predictive models that would be able to be validated on existing human subject data from this trial. From 
there, clinical trials assessing the effectiveness of intervention mechanisms on human subjects may be initiated.

Conclusion
Radiation induces changes in pulmonary anatomy post-RT. This work quantifies those changes using a HU 
analysis and shows that the WMS model is a good surrogate for analyzing radiation-induced changes in humans 
treated with SBRT. The presentation of this model as a pre-clinical model yields an opportunity to expedite the 
development of predictive models as well as human clinical trials to assess various response and intervention 
mechanisms in human subjects. The observations connecting the changes in HU to changes in contrast present 
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a potential bio-marker for analyzing functional changes in perfusion that can be derived off of 4DCT as opposed 
to requiring additional scans outside of clinical protocol. This would allow these metrics to be considered in 
functional avoidance therapy and could provide a significant benefit to patient outcome.

Received: 19 February 2021; Accepted: 4 June 2021

References
 1. Mcdonald, S., Rubin, P., Phillips, T. L., Andlawrence, F. A. C. R. & Marks, B. Special feature-late effects consensus conference: 

Injury to the lung from cancer therapy: Clinical syndromes, measurable endpoints, and potential scoring systems. Tech. Rep. 5, 20 
(1995).

 2. Marks, L. B. et al. Radiation dose-volume effects in the lung. Int. J. Radiat. Oncol. Biol. Phys. 76, 20 (2010).
 3. Mehta, V. Radiation pneumonitis and pulmonary fibrosis in non-small-cell lung cancer: Pulmonary function, prediction, and 

prevention. Int. J. Radiat. Oncol. Biol. Phys. 63, 5–24 (2005).
 4. Graves, P. R., Siddiqui, F., Anscher, M. S. & Movsas B. Radiation pulmonary toxicity: From mechanisms to management (2010).
 5. Patton, T. J., Bayouth, J. E., Bednarz, B. P., Fain, S. B., Reinhardt, J. M. & Smilowitz, J. Quantifying and modeling radiation therapy-

induced ventilation changes and investigating the robustness of 4DCT-based functional avoidance. Technical report (2018).
 6. Patton, T. J. et al. Quantifying ventilation change due to radiation therapy using 4DCT Jacobian calculations. Med. Phys. 45, 

4483–4492 (2018).
 7. Mah, K. & Dyk, V. Quantitative measurements of human lung density following irradiation. Radiother. Oncol. 11, 169–179 (1988).
 8. Koike, H., Sueyoshi, E., Sakamoto, I. & Uetani, M. Quantification of lung perfusion blood volume by dual-energy CT in patients 

with and without chronic obstructive pulmonary disease. J. Belg. Soc. Radiol. 99, 62–68 (2015).
 9. Hopkins, S. R., Wielpütz, M. O., & Kauczor, H. U. Imaging lung perfusion (2012).
 10. Zhang, J. et al. Radiation-induced reductions in regional lung perfusion: 01–12 year data from a prospective clinical study. Int. J. 

Radiat. Oncol. Biol. Phys. 76, 425–432 (2010).
 11. Hegi-Johnson, F. et al. Imaging of regional ventilation: Is CT ventilation imaging the answer? A systematic review of the validation 

data. Radiother. Oncol. 137, 20 (2019).
 12. Kipritidis, J. et al. The VAMPIRE challenge: A multi-institutional validation study of CT ventilation imaging. Med. Phys. 46, 20 

(2019).
 13. Vinogradskiy, Y. CT-based ventilation imaging in radiation oncology. BJR Open 1, 20 (2019).
 14. Bucknell, N. W., Hardcastle, N., Bressel, M., Hofman, M. S., Kron, T., Ball, D. & Siva, S. Functional lung imaging in radiation 

therapy for lung cancer: A systematic review and meta-analysis (2018).
 15. Ireland, R., Tahir, B., Wild, J., Lee, C. & Hatton, M. Functional image-guided radiotherapy planning for normal lung avoidance. 

Clin. Oncol. 28, 20 (2016).
 16. Yamamoto, T. et al. The first patient treatment of computed tomography ventilation functional image-guided radiotherapy for 

lung cancer. Radiother. Oncol. 118, 20 (2016).
 17. Vinogradskiy, Y. et al. Interim analysis of a two-institution, prospective clinical trial of 4DCT-ventilation-based functional avoid-

ance radiation therapy. Int. J. Radiat. Oncol. Biol. Phys. 102, 20 (2018).
 18. Diot, Q. et al. Regional normal lung tissue density changes in patients treated with stereotactic body radiation therapy for lung 

tumors. Int. J. Radiat. Oncol. Biol. Phys. 84, 1024–1030 (2012).
 19. Matsuoka, S. et al. Quantitative CT evaluation in patients with combined pulmonary fibrosis and emphysema: Correlation with 

pulmonary function. Acad. Radiol. 22, 626–631 (2015).
 20. Palma, D. A., Van Sörnsen De, J., Koste, W. F., Verbakel, A. Vincent. & Senan, S. Lung density changes after stereotactic radio-

therapy: A quantitative analysis in 50 patients. Int. J. Radiat. Oncol. Biol. Phys. 81, 974–978 (2011).
 21. O’Reilly, S. et al. Dose to highly functional ventilation zones improves prediction of radiation pneumonitis for proton and photon 

lung cancer radiation therapy. Int. J. Radiat. Oncol. Biol. Phys. 20, 20 (2020).
 22. Li, Y. et al. Differential inflammatory response dynamics in normal lung following stereotactic body radiation therapy with protons 

versus photons. Radiother. Oncol. 136, 169–175 (2019).
 23. Diot, Q. et al. Comparison of radiation-induced normal lung tissue density changes for patients from multiple institutions receiving 

conventional or hypofractionated treatments. Int. J. Radiat. Oncol. Biol. Phys. 89, 626–632 (2014).
 24. Al Feghali, K, et al. Correlation of normal lung density changes with dose after stereotactic body radiotherapy (SBRT) for early 

stage lung cancer. Clin. Transl. Radiat. Oncol. 22, 1–8 (2020).
 25. Hoff, B. A. et al. CT-based local distribution metric improves characterization of COPD. Sci. Rep. 7, 20 (2017).
 26. Siva, S. et al. High-resolution pulmonary ventilation and perfusion PET/CT allows for functionally adapted intensity modulated 

radiotherapy in lung cancer. Radiother. Oncol. 115, 20 (2015).
 27. Kipritidis, J. et al. Estimating lung ventilation directly from 4D CT Hounsfield unit values. Med. Phys. 43, 33–43 (2015).
 28. Reinhardt, J. M. et al. Registration-based estimates of local lung tissue expansion compared to xenon CT measures of specific 

ventilation. Med. Image Anal. 12, 752–763 (2008).
 29. 2019 AAPM Conference Program. Medical Physics46, (2019).
 30. Hopewell, H. . F. . M. . J. . W. & Rezvani, M. The pig as a model for the study of radiation effects on the lung. Int. J. Radiat. Biol. 76, 

447–452 (2000).
 31. Reed, J., Krueger, C., Shanmuganayagam, D., Crenshaw, T., Reichert, J. & Parrish, J. Wisconsin miniature swine. Technical report.
 32. Lee, J. G. et al. Development of a minipig model for lung injury induced by a single high-dose radiation exposure and evaluation 

with thoracic computed tomography. J. Radiat. Res. 57, 201–209 (2016).
 33. Williams, J. P. et al. Animal models for medical countermeasures to radiation exposure. Radiat. Res. 173, 557–578 (2010).
 34. Schomberg, D. T., Tellez, A., Meudt, J. J., Brady, D. A., Dillon, K. N., Arowolo, F. K., Wicks, J., Rousselle, S. D. & Shanmuganayagam, 

D. Miniature swine for preclinical modeling of complexities of human disease for translational scientific discovery and accelerated 
development of therapies and medical devices (2016).

 35. Cao, K., Ding, K., Reinhardt, J. M. & Christensen, G. E. Improving intensity-based lung CT registration accuracy utilizing vascular 
information. Int. J. Biomed. Imaging 2012, 1–17 (2012).

 36. Yin, Y., Hoffman, E. A. & Lin, C.-L. Mass preserving nonrigid registration of CT lung images using cubic B-spline. Med. Phys. 36, 
4213–4222 (2009).

 37. Scheenstra, A. E. et al. Alpha/beta ratio for normal lung tissue as estimated from lung cancer patients treated with stereotactic 
body and conventionally fractionated radiation therapy. Int. J. Radiat. Oncol. Biol. Phys. 88, 224–228 (2014).

 38. Du, K., Reinhardt, J. M., Christensen, G. E., Ding, K. & Bayouth, J. E. Respiratory effort correction strategies to improve the 
reproducibility of lung expansion measurements. Med. Phys. 40, 20 (2013).

 39. Wallat, E. et al. Modeling the impact of out-of-phase ventilation on normal lung tissue response to radiation dose. Med. Phys. 20, 
20 (2020).



13

Vol.:(0123456789)

Scientific Reports |        (2021) 11:13156  | https://doi.org/10.1038/s41598-021-92609-x

www.nature.com/scientificreports/

 40. Ghasemi, A. & Zahediasl, S. Normality tests for statistical analysis: A guide for non-statisticians. Int. J. Endocrinol. Metab. 10, 20 
(2012).

 41. Chen, S.-Y., Feng, Z. & Yi, X. A general introduction to adjustment for multiple comparisons. J. Thorac. Dis. 9, 20 (2017).
 42. Shioyama, Y. et al. Preserving functional lung using perfusion imaging and intensity-modulated radiation therapy for advanced-

stage non-small cell lung cancer. Int. J. Radiat. Oncol. Biol. Phys. 68, 20 (2007).
 43. Farr, K. P. et al. Loss of lung function after chemo-radiotherapy for NSCLC measured by perfusion SPECT/CT: Correlation with 

radiation dose and clinical morbidity. Acta Oncol. 54, 20 (2015).
 44. Guerrero, T. et al. Quantification of regional ventilation from treatment planning CT. Int. J. Radiat. Oncol. Biol. Phys. 62, 20 (2005).
 45. Guerrero, T. et al. Dynamic ventilation imaging from four-dimensional computed tomography. Phys. Med. Biol. 51, 20 (2006).
 46. Simon, B. A. Non-invasive imaging of regional lung function using X-ray computed tomography. J. Clin. Monit. Comput. 16, 20 

(2000).

Acknowledgements
This work was supported by the National Institutes of Health Grant CA166703. All figures were produced by 
Antonia Wuschner. All graphs were made in Microsoft Excel and Figs. 1, 2C, 2d and 3 were created in MIM 
Software version 6.6.

Author contributions
A.E.W. performed all dynamic contrast CT data collection, performed all HU analysis in both the swine and 
humans and performed analysis relating the Jacobians to the HU data. She also assisted in the human clinical 
data collection and completed the vast majority of manuscript preparation including writing, figure prepara-
tion and formatting. E.M.W. assisted in data collection for the human study as well as some of the jacobian data 
collection in the human subjects. He also assisted in editing of the manuscript. M.J.F. assisted in data collection 
for the swine study as well as some of the jacobian data collection in the human subjects. She also assisted in 
editing of the manuscript. D.S. was a lead investigator in the development of the Wisconsin Miniature Swine 
used in this work. He provided extensive guidance and consultation regarding this swine breed, their charac-
teristics and information about their development for study development and inclusion in the supplementary 
information. He also assisted in the experimental design of the swine study. J.M. was the primary animal care 
and husbandry coordinator. She assisted in the experimental swine study design specifically by assuring all pro-
cedures were approved by the IACUC committee. Additionally she coordinated all animal care during the study 
and served as veterinary support during all imaging and treatments. This included monitoring and recording 
animals vitals during the study, anesthetizing animals for imaging/treatment, delivering any necessary drugs 
and performing animal husbandry in between sessions. G.E.C. was a research advisor for this work. He helped 
guide image analysis techniques and interpretation specifically assisting with the image registration used in this 
work. He also developed the image registration algorithms used in this work and oversaw the development of 
the Jacobian calculation algorithms used in this work. He is also a co-investigator on the human clinical trial and 
provided substantial edits for the manuscript. J.M.R. was a research advisor for this work. He helped guide image 
analysis techniques and interpretation specifically in regards to the dynamic perfusion analysis. His expertise 
in lung imaging guided experimental design for the swine as well as post-processing techniques. He is also a 
co-investigator on the human clinical trial and provided substantial edits for the manuscript. J.R.M. assisted 
extensively in the swine study experimental design. Specifically, she helped research and design the timing and 
imaging parameters for the dynamic perfusion CT. She also assisted with data collection in the swine and some 
analysis and interpretation of the dynamic perfusion CTs. She also provided edits for manuscript preparation 
regarding the dynamic perfusion CT analysis. M.J.L. assisted extensively in the swine study experimental design 
alongside Dr. Miller. He also was a crucial component in determining the timing and imaging parameters for the 
dynamic perfusion CT and assisted with swine data collection. He also provided edits for manuscript preparation 
regarding the dynamic perfusion CT analysis. A.M.B. was the attending physician for the human clinical trial 
subjects and assisted in accrual of subjects, experimental design of the swine study, and interpretation of the 
imaging biomarkers in relation to their physiological responses. He is also a co-investigator on the human clini-
cal trial and provided substantial edits for manuscript preparation. J.E.B. was the primary research advisor for 
this work. He helped guide all image analysis techniques and interpretation. He is also the principle investigator 
for the human clinical trial and the swine trial, coordinated each of these, and assisted with data collection and 
provided extensive edits to the manuscript during preparation.

Competing interests 
Joseph M. Reinhardt is a shareholder in VIDA Diagnostics, Inc John E. Bayouth is a co-owner of MR Guidance, 
LLC (MRG), which has performed business with vendors of technologies used in this publication. Antonia E. 
Wuschner, Eric M. Wallet, Mattison J. Flakus, Gary E. Christensen, Jessica R. Miller, Michael J. Lawless, and 
Andrew M. Bachnagel have no conflicts of interest to disclose.

Additional information
Supplementary Information The online version contains supplementary material available at https:// doi. org/ 
10. 1038/ s41598- 021- 92609-x.

Correspondence and requests for materials should be addressed to A.E.W.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

https://doi.org/10.1038/s41598-021-92609-x
https://doi.org/10.1038/s41598-021-92609-x
www.nature.com/reprints


14

Vol:.(1234567890)

Scientific Reports |        (2021) 11:13156  | https://doi.org/10.1038/s41598-021-92609-x

www.nature.com/scientificreports/

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

This is a U.S. Government work and not under copyright protection in the US; foreign copyright protection 
may apply 2021

http://creativecommons.org/licenses/by/4.0/

	Radiation-induced Hounsfield unit change correlates with dynamic CT perfusion better than 4DCT-based ventilation measures in a novel-swine model
	Methods
	Human patient dataset. 
	Animal model. 
	Measurement setup. 
	Description of animal model. 
	Irradiation scheme for WMS. 
	CT acquisition. 
	Subtracting vasculature from the dynamic 4DCTs. 
	Measuring change in HU value in the swine. 

	Measuring change in HU value in the human subjects. 
	Assessing correlation between the WMS and humans. 
	Ventilation change measurement via Jacobian analysis. 
	Statistical analysis. 

	Results
	Observations of HU change. 
	Swine subjects. 
	SBRT human subjects. 
	Correlations between swine and humans. 

	Change in Jacobian results. 
	Correlation between change in Jacobian and change in HU. 

	Discussion
	Observed radiation induced changes. 
	Observed increases in HU post-RT outside vasculature. 
	Correlation between HU changes in and out of vasculature. 
	Interpretation of Jacobian results. 

	Correlations between animal model and humans. 
	Clinical impact. 

	Conclusion
	References
	Acknowledgements


