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Abstract: The COVID-19 pandemic has affected the operations of factories worldwide. However, the impact
of the COVID-19 pandemic on different factories is not the same. In other words, the robustness of
factories to the COVID-19 pandemic varies. To explore this topic, this study proposes a fuzzy collaborative
intelligence approach to assess the robustness of a factory to the COVID-19 pandemic. In the proposed
methodology, first, a number of experts apply a fuzzy collaborative intelligence approach to jointly
evaluate the relative priorities of factors that affect the robustness of a factory to the COVID-19 pandemic.
Subsequently, based on the evaluated relative priorities, a fuzzy weighted average method is applied to
assess the robustness of a factory to the COVID-19 pandemic. The assessment result can be compared
with that of another factory using a fuzzy technique for order preference by similarity to ideal solution.
The proposed methodology has been applied to assess the robustness of a wafer fabrication factory in
Taiwan to the COVID-19 pandemic.
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1. Introduction

The COVID-19 pandemic has severely affected many industries, such as tourism, aviation,
telemedicine, and catering [1–5], and manufacturing was no exception. Factories all over the world
were, to varying degrees, affected by the COVID-19 pandemic. Among them, many factories were
forced to shut down to avoid the spread of COVID-19 [6]. If a closed factory is located in the upstream
or midstream of a supply chain, then downstream factories will also be affected [7], ending up with
troubles in delivering final products to customers [8,9]. As a result, the impact of the COVID-19
pandemic on a supply chain is long term, uncertain, and will propagate disruptively [10]. In addition,
some factories have transformed their production lines to make personal protection equipment
or medical equipment, such as facial masks and medical ventilators, to mitigate such effects [11].
In the view of Malik et al. [12], it is easier for factories equipped with collaborative robots (or cobots) to
perform such conversions. Further, notebook factories have even benefited from the increased demand
for distance teaching/learning and conferences [13].

Obviously, the impact of the COVID-19 pandemic on different types of factories was not the same.
Some factories were more vulnerable to the COVID-19 pandemic [14], while others even benefited in
the short term [15]. For example, labor-intensive industries are vulnerable to the COVID-19 pandemic
due to frequent contact between workers [14]. On the contrary, automated factories are robust to
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the COVID-19 pandemic [12]. In addition, factories with workers that are economically disadvantaged
will avoid taking time off in the early stages of infection, which will increase the risk of large-scale
infections [16]. Therefore, factories full of such workers are also vulnerable to the COVID-19 pandemic.
A factory will also be vulnerable if the demand for its products decreases amid the COVID-19 pandemic.
In addition, factories that rely on a large number of migrant workers are vulnerable because these
workers came from various sources of infection [17]. Nevertheless, recently, great progress has been
made in the development of COVID-19 vaccines [18], which will greatly reduce the vulnerability of
factories. In sum, although some short-term measures can be taken, such as wearing masks and physical
distancing, to temporarily strengthen the robustness of a factory to the COVID-19 pandemic, there
are some basic and systemic factors in determining the factory’s robustness. In order to assess
the robustness of a factory to the COVID-19 pandemic, a fuzzy collaborative intelligence approach is
proposed in this study. Here, the robustness of a factory to the COVID-19 pandemic is defined as “the
degree to which the normal operation of a factory is not affected by the COVID-19 pandemic without
taking short-term preventive measures”. This topic has rarely been investigated in the past. Similar
issues have only been discussed at the government level [19]. This topic is importance because

(1) Factories that are not robust to the COVID-19 pandemic suffered workforce losses, shortages
of raw materials and even factory closures. Therefore, a factory should strive to enhance its
robustness to the COVID-19 pandemic. For this, assessing the robustness of the factory is
a prerequisite;

(2) Factories should cooperate with customers and suppliers who are robust to the COVID-19
pandemic to reduce operational risks. Therefore, it is also important to assess the robustness of
a customer (or supplier) to the COVID-19 pandemic.

The motives for proposing the fuzzy collaborative intelligence approach are explained as follows.
First, the robustness of a factory to the COVID-19 pandemic is obviously a subjective concept affected
by many quantitative and qualitative factors. In addition, the robustness is also subject to unpredictable
changes inside and outside the factory [10,20]. For these reasons, using a fuzzy set instead of
a probabilistic set to model the robustness of a factory to the COVID-19 pandemic is an appropriate
treatment. In the literature, Zhang et al. [21] and Yu et al. [22] used hesitant fuzzy numbers to represent
subjective assessments. In addition, the linguistic sets used by experts might vary. The adoption of more
complex forms of fuzzy numbers can theoretically elevate the flexibility of the decision-making process,
which is based on the premise that decision makers can understand and accept such fuzzy numbers [20].
In addition, multiple experts’ opinions are consulted to avoid personal bias or omissions [23], resulting in
the collaborative nature of the proposed methodology [24,25]. Further, fuzzy collaborative intelligence
methods have been successfully applied to various topics, e.g., retrieving concepts from medical
documents [26], enhancing the performance of a ubiquitous location-aware service system [27],
distributing tasks among robots or three-dimensional (3D) printers [28–31], evaluating the suitability
of a smart technology application for fall detection [32], etc.

In the proposed fuzzy collaborative intelligence approach, each expert applies the fuzzy geometric
mean (FGM) method [33] to evaluate the relative priorities of factors that affect the robustness of
a factory to the COVID-19 pandemic. If all experts have reached an overall consensus, fuzzy intersection
(FI) [34] is applied to aggregate their evaluation results. Otherwise, the partial-consensus FI (PCFI)
approach [35,36] will be applied to achieve the same goal. Subsequently, based on the aggregation
result, the fuzzy weighted average (FWA) method is applied to assess the robustness of a factory to
the COVID-19 pandemic. The robustness of a factory can also be compared with that of another using
the fuzzy technique for order preference by similarity to ideal solution (FTOPSIS) [37,38]. Specifically
speaking, a prevalent assessment technique (i.e., FTOPSIS) is applied to assess the robustness of
a factory to the COVID-19, for which a fuzzy collaborative intelligence approach is proposed to provide
the weights of factors in the ordinary assessment technique. The combination of FGM (i.e., fuzzy
analytic hierarchy process, FAHP) and FWA (or fuzzy TOPSIS) has been widely applied to various
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assessment tasks in many fields, such as supplier assessment [39], thermal power plant location
assessment [40], plastics recycling method assessment [41], etc.

The assessment of a factory’s robustness to the COVID-19 pandemic is based on the following
assumptions (or scenarios):

(1) The COVID-19 pandemic in the region the factory is located will not worsen significantly
compared to the past.

(2) The government in the region can contain the COVID-19 pandemic as in the past.
(3) In the foreseeable future, the availability of vaccines for COVID-19 can be expected.

Over the existing methods, the proposed methodology has the following advantages:

(1) Most existing FAHP methods aggregate the pairwise comparison results by experts without
checking whether there is a consensus, which may lead to an unacceptable decision. On
the contrary, in the proposed fuzzy collaborative intelligence approach, FI is applied to find
the consensus among experts before aggregation. In this way, the final decision-making result
will be acceptable to all experts.

(2) In the existing FTOPSIS methods, the order of the objective function is determined subjectively,
which considerably affects the decision-making result. On the contrary, in the proposed
methodology, the order of the objective function is varied to observe the change of
the decision-making result, thereby generating a more reliable decision.

One disadvantage of the proposed methodology is that the computation complexity is
slightly increased.

The remainder of this paper is organized as follows. Section 2 is devoted to discussing factors
that influence the robustness of a factory to the COVID-19 pandemic. Section 3 introduces the fuzzy
collaborative intelligence approach for assessing the robustness of a factory to the COVID-19 pandemic.
Section 4 reports the details of applying the proposed fuzzy collaborative intelligence approach to
a real case to illustrate its applicability. Section 5 concludes this study and puts forth some possible
topics for future investigation.

2. Factors Influencing the Robustness of a Factory to the COVID-19 Pandemic

Factors influencing the robustness of a factory to the COVID-19 pandemic can be classified into
four categories (see Figure 1):

(1) Demand shrinkage: The demand for certain types of products diminished after the outbreak
of the COVID-19 pandemic. For example, reduced cross-country travel led to lower demand
for transportation fuels, airplanes, and cruises [42,43]. In addition, people’s demand for luxury
goods also decreased, and related factories were forced to shut down or transform [44]. Further,
the demand for personal computers (PC) was replaced by that for notebooks and pads for distance
teaching/learning and conferencing [45].

(2) Worker health risks: An infected worker caused the workers who come in contact with him/her to
be quarantined [46], which leads to a great loss of factory capacity. If many workers are infected,
a factory may have to be closed [47]. In order to solve this problem, wearing masks and physical
distancing are short-term measures that can be taken. However, in labor-intensive factories,
physical distancing is a challenging task. In addition, Singapore’s experience has shown that
migrant workers living in dormitories face additional health risks [48], because they may be from
countries with the severe COVID-19 pandemic or be infected while taking airplanes or living in
dormitories. Most short-term preventive measures and intervention strategies, such as wearing
masks, physical distancing, periodic disinfection, and regular temperature checks, are designed
to reduce such risks [49].

(3) Supply chain breakage: The COVID-19 pandemic has caused the closures of factories around
the world, many of which are located in the upstream or midstream segments of supply chains [50].
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As a result, the supply cost of downstream factories has increased to compete for the limited
capacity [51]. Ivanov [10] conducted a simulation study to evaluate and predict the impact of
an epidemic outbreak on a global supply chain. In order to mitigate the impact, finding alternative
suppliers has become a critical task. Some supply chain researchers have listed actions that
supply chain participants can take in the short and long terms [7,51], as summarized in Table 1.

(4) Factory shutdown: In the COVID-19 pandemic, there are basically four types of factory shutdown
(see Figure 2). First, many factories were closed because workers were tested positive [47,52]. In
this regard, factories that handle (fresh) food seemed to be particularly vulnerable to the COVID-19
pandemic [47,53]. Second, due to the lack of raw materials amid the COVID-19 pandemic, some
factories have closed [54]. These factories were undoubtedly located in the midstream or
downstream segments of supply chains. Third, many regional governments have forced factories
to close to check whether their working environments are prone to spreading COVID-19 or
disinfect these factories [55]. Fourth, during the COVID-19 pandemic, the demand for certain
products (such as fashion brands and PCs) has decreased [56]. Factories manufacturing such
products can only be closed.
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Table 1. Actions taken by supply chain participants in the short and long terms.

Term Actions

Short term

• Move raw material inventory to places free from quarantine and easy to ship [51]
• Secure the capacity and delivery plan of upstream raw material suppliers

and downstream assembly factories [51]
• Procure materials that may be in short supply in advance [51]
• Secure future transportation services [51]
• Find or activate alternative suppliers [7,51]
• Negotiate with customers on possible delays or cancellation [51]

Long term

• Modify product designs to accept alternative raw materials [51]
• Establish formal cooperative relations with suppliers outside impacted regions [7,51]
• Assess the operational and financial risk and impact of the COVID-19 pandemic [51]
• Modify long-term supply plan and demand forecasts [7,51]
• Develop factory response/closure plan [7]

3. The Fuzzy Collaborative Intelligence Approach

The fuzzy collaborative intelligence approach used to assess the robustness of a factory to
the COVID-19 pandemic comprises three main parts: the FGM method for evaluating the relative
priorities of factors that affect the robustness of a factory to the COVID-19, the FI (or PCFI) method
for aggregating the relative priorities evaluated by experts, and the FWA (or FTOPSIS) method for
assessing (or comparing) the robustness of a factory to the COVID-19 pandemic, as shown in Figure 3.
The three parts are described in the following subsections.
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The steps for implementing the proposed methodology are as follows:

Step 1. (Each expert) Evaluate the relative priorities of critical factors using FGM.
Step 2. If the evaluation results are consistent, go to Step 3; otherwise, return to Step 1.
Step 3. If all experts reach an overall consensus, apply FI to aggregate experts’ evaluation results;

otherwise, apply PCFI to aggregate experts’ evaluation results.
Step 4. Apply FWI to assess the robustness of the target factory to the COVID-19 pandemic.
Step 5. Apply FTOPSIS to compare the robustness of the target factory to that of another factory.
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3.1. FGM for Evaluating the Relative Priorities of Factors

In the fuzzy collaborative intelligence approach, multiple experts assess the robustness of a factory
to the COVID-19 pandemic from their own points of view. At first, each experts evaluates the relative
priorities of factors affecting the robustness of a factory to the COVID-19 pandemic in pairs using
the FGM method. Such evaluations are given in linguistic terms such as “as equal as,” “weakly more
important than,” “strongly more important than,” “very strongly more important than,” “absolutely
more important than,” etc. A common way is mapping these linguistic terms to triangular fuzzy
numbers (TFNs) within [1,9,57]:

ã ji = (ai j1, ai j2, ai j3) (1)

ã ji = (ai j1, ai j2, ai j3) is the relative priority of factor i over factor j. The symbol “~” indicates a fuzzy
variable. In addition,

0 ≤ a ji2 ≤ 9 (2)

ai j1 = {
1/a ji3 i f ai j2 < 1

max(ai j2 − 2, 1) otherwise
(3)

ai j3 = {
1/a ji1 i f ai j2 < 1

min(ai j2 + 2, 9) otherwise
(4)

These TFNs can be expanded to increase the possibility for experts to reach a consensus [58]. In
contrast, Samanlioglu and Kaya [59] narrowed the ranges of these TFNs to improve the consistency of
pairwise comparison results.

Based on pairwise comparison results, a fuzzy judgment matrix Ãn×n = [̃ai j] is constructed.
The fuzzy eigenvalue and eigenvector of Ã, indicated with λ̃ and x̃, respectively, satisfy

det(Ã(−)λ̃I) = 0 (5)

and
(Ã(−)λ̃I)(×)̃x = 0 (6)

where (−) and (×) denote fuzzy subtraction and multiplication [60], respectively:

B̃(−)C̃ = (B1 −C3, B2 −C2, B3 −C1) (7)

B̃(×)C̃ = (B1C1, B2C2, B3C3) if B1, C1 ≥ 0 (8)

where B̃ and C̃ are two TFNs.
The FGM method [33] is applied to derive the relative priority of each factor (w̃i) as

w̃i =

n

√
n∏

j=1
ãi j

n∑
k=1

n

√
n∏

j=1
ãkj

(9)

According to the arithmetic for TFNs, the higher-order root of a TFN B̃ can be calculated as [60]

n
√

B̃ = (
n
√

B1, n
√

B2, n
√

B3) (10)
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Therefore, Equation (9) can be decomposed into [61]

wi1 =
1

1 +
∑
k,i

n

√
n∏

j=1
akj3

n

√
n∏

j=1
ai j1

(11)

wi2 =
1

1 +
∑
k,i

n

√
n∏

j=1
akj2

n

√
n∏

j=1
ai j2

(12)

wi3 =
1

1 +
∑
k,i

n

√
n∏

j=1
akj1

n

√
n∏

j=1
ai j3

(13)

In addition, fuzzy maximal eigenvalue λ̃max (i.e., the maximum possible value of λ̃) can
be derived as [61]

λ̃max =
1
n

n∑
i=1

n∑
j=1

(̃ai j(×)w̃ j)

w̃i
(14)

which is equivalent to

λmax,1 = 1 +
1
n

n∑
i=1

∑
j,i

ai j1w j1

wi3
(15)

λmax,2 = 1 +
1
n

n∑
i=1

∑
j,i

ai j2w j2

wi2
(16)

λmax,3 = 1 +
1
n

n∑
i=1

∑
j,i

ai j3w j3

wi1
(17)

Pairwise comparison results are consistent if ãi j(×)̃a jk = ãik ∀ i, j, k. The consistency of pairwise
comparison results can be evaluated in terms of consistency ratio (CR) as [62]

C̃R =

λ̃max(−)n
n−1

RI
(18)

where RI is random consistency index [62]. C̃R is a positive TFN. However, C̃R may be negative if
an approximation technique, such as FGM, is applied to estimate the value of λ̃max. This problem
can be solved by applying exhaustive computation techniques (such as alpha-cut operations) [63].
For pairwise comparison results to be consistent, C̃R should be less than 0.1~0.3, depending on
the problem size and uncertainty [64].

3.2. FI (or PCFI) for Aggregating the Relative Priorities Evaluated by Experts

If the (overall) consensus among experts exists, FI can be applied to aggregate the relative priorities
evaluated by them as follows [34].
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Definition 1. The fuzzy intersection (FI) of the relative priorities evaluated by M experts for the i-th factor,
indicated with w̃i(1) ~ w̃i(M), is denoted by F̃I({w̃i(m)}) such that

µF̃I({w̃i(m)})
(x) = min

m
µw̃i(m)(x) (19)

where µF̃I({w̃i(m)})
(x) and µw̃i(m)(x) denote the memberships of x in F̃I({w̃i(m)}) and w̃i(m), respectively.

Otherwise, PCFI is applied to aggregate the relative priorities evaluated by most experts
as follows [35].

Definition 2. The H/M partial consensus fuzzy intersection (PCFI) of the relative priorities evaluated by M

experts for the i-th factor, indicated with w̃i(1) ~ w̃i(M), is denoted by P̃CFI
H/M

({w̃i(m)}) such that

µ
P̃CFI

H/M
({w̃i(m)})

(x) = max
all g

(min(µw̃i(g(1))(x), ..., µw̃i(g(H))(x))) (20)

where µ
P̃CFI

H/M
({w̃i(m)})

(x) and µw̃i(g(h))(x) denote the memberships of x in P̃CFI
H/M

({w̃i(m)}) and w̃i(g(h)),

respectively; g() ∈ Z+; 1 ≤ g() ≤M; g(p) ∩ g(q) = ∅ ∀ p , q; H ≥ 2.

The problem is how to determine the number of experts who have reached a partial consensus.
Chen and Wu [36] believed that it is better to get more experts to reach a partial consensus, which is
more difficult, and the PCFI result may only cover a few possible values. In order to cover a sufficient
number of possible values, the range of the PCFI result should be greater than a threshold ξ [46].

An example is given in Figure 4, which shows the relative priorities evaluated by five experts.
First, because the FI result is an empty set, there is a lack of consensus among all experts. In order
to solve this problem, the partial consensus among any four experts is sought instead. The result
is shown in Figure 5. The PCFI result is not empty. However, only values from 0.41 to 0.49, with
a range of 0.08, are acceptable to experts that reach a partial consensus. Such a narrow range limits
the flexibility of subsequent operations. To overcome this limitation, the threshold ξ is set to 0.20.
Subsequently, the partial consensus among any three experts is also sought. The result is shown in
Figure 6. The range of acceptable values extends from 0.08 to 0.33, which is wider than the threshold ξ.
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However, P̃CFI({w̃i(m)}) is a polygonal fuzzy number, while p̃qi is a TFN. Their combination is

not easy to calculate. To tackle such complexity, P̃CFI({w̃i(m)}) is approximated with a TFN as [49]:

P̃CFI({w̃i(m)})

� (

min(P̃CFI({w̃i(m)}),
3COG(P̃CFI({w̃i(m)}) −max(P̃CFI({w̃i(m)}) −min(P̃CFI({w̃i(m)}),

max(P̃CFI({w̃i(m)})

)
(21)

where min(P̃CFI({w̃i(m)}), COG(P̃CFI({w̃i(m)}), and max(P̃CFI({w̃i(m)}) denote the minimum, center
of gravity (COG) [65] and maximum of P̃CFI({w̃i(m)}), respectively:

COG(P̃CFI({w̃i(m)})) =

∫
all x

xµP̃CFI({w̃i(m)})
(x)dx∫

all x
µP̃CFI({w̃i(m)})

(x)dx
(22)

as illustrated in Figure 7. In this way, the defuzzified value of the approximating TFN is equal to
COG(P̃CFI({w̃i(m)}).
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3.3. FWA (or FTOPSIS) for Assessing (and Comparing) the Robustness of A Factory Amid
the COVID-19 Pandemic

Subsequently, the FWA method [39] is proposed to assess the robustness of a factory amid
the COVID-19 pandemic:

Õ =
n∑

i=1

(P̃CFI
H/M

({w̃i(m)})(×)p̃i) (23)

where Õ is the overall performance of the factory; p̃i is the performance of the factory in optimizing
the i-th factor. The COG method [65] can be applied to defuzzify Õ.

If there are several factories to be compared, then the FTOPSIS approach can be applied.
First, the performance of each factory in optimizing a factor is normalized using the fuzzy
distributive normalization [37]:

ρ̃qi =
p̃qi√
Q∑
φ=1

p̃2
φi

= 1√
1+
∑
φ,q

(
p̃φi
p̃qi

)2

(24)

According to the fuzzy arithmetic for TFNs,

ρqi1 =
1√

1 +
∑
φ,q

(
pφi3

p̃qi1
)2

(25)

ρqi2 =
1√

1 +
∑
φ,q

(
pφi2

p̃qi2
)2

(26)

ρqi3 =
1√

1 +
∑
φ,q

(
pφi1

p̃qi3
)2

(27)

where p̃qi is the performance of the q-th factory in optimizing the i-th factor; ρ̃qi is the normalized
performance. Subsequently, the fuzzy weighted score is calculated based on the relative priorities
derived using the FI (or PCFI) approach:

s̃qi = F̃I({w̃i(m)})(×)ρ̃qi (28)
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or
s̃qi =P̃CFI({w̃i(m)})(×)ρ̃qi (29)

Subsequently, the fuzzy ideal (zenith) point and the fuzzy anti-ideal (nadir) point are specified,
respectively, as [37,61]

Λ̃+ = {Λ̃+
i } = {max

q
s̃qi

}
(30)

Λ̃− = {Λ̃−i } = {min
q

s̃qi} (31)

The fuzzy distance from each factory to the two points are calculated, respectively, as [37,61]

d̃+q = v

√√ n∑
i=1

max(Λ̃+
i (−)̃sqi, 0)

v
(32)

d̃−q = v

√√ n∑
i=1

max(̃sqi(−)Λ̃−i , 0)
v

(33)

where v ∈ Z+. In the traditional FTOPSIS method, v is set to 2. However, the value of v definitely
affects the ranking result. By gradually increasing the value of v, the ranking result is expected to
converge, as illustrated in Figure 8. When v is less than 5, the ranking result becomes different as
the value of v changes. However, after the value of v is greater than 5, the ranking result converges
and no longer changes.
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Finally, the fuzzy closeness of each factory is obtained as [37,61]

C̃q =
d̃−q

d̃+q (+)d̃−q
(34)

The fuzzy closeness is higher if the factory is farther from the fuzzy anti-ideal solution, but closer
to the fuzzy ideal solution. A factory is more robust to the COVID-19 pandemic if its fuzzy closeness is
higher. To get an absolute ranking, the fuzzy closeness can also be defuzzified using COG [65].

4. Application

The proposed methodology has been applied to assess the robustness of a wafer fabrication
factory (wafer fab) located in Tainan Scientific Park, Taiwan, to the COVID-19 pandemic. The wafer fab
belongs to one of the largest wafer foundries [66–68] in the world. The wafer foundry has twelve wafer
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fabs worldwide. The conditions of these wafer fabs are different and should be assessed separately.
In the first quarter of 2020, the semiconductor industry has suffered considerable losses because of
the severe COVID-19 pandemic in Chinese and Asian markets [65]. Whether the wafer fab is robust to
the COVID-19 pandemic is still a question that needs to be evaluated urgently.

Basically, semiconductor products can be divided into six main types: networking and communication,
data processing, industrial applications, consumer electronics, automotive, and government. The impact
of the COVID-19 pandemic on these categories is different. In particular, the demand for consumer
electronics and automotive products has fallen sharply during the COVID-19 pandemic, while the demand
for networking and communication and data processing was less affected [69,70]. After reviewing
the relevant literature and practices, the following factors have been considered to affect the robustness
of a wafer fab to the COVID-19 pandemic:

• COVID-19 containment performance: the performance of the local government in containing
the COVID-19 pandemic [19];

• Pandemic severity: the current severity of the COVID-19 pandemic in the region [71];
• Vaccine acquisition speed: the estimated acquisition speed of COVID-19 vaccines [72];
• Demand shrinkage: the extent to which the demand for major products has been affected by

the COVID-19 pandemic [45,65];
• Supplier impact: the extent on raw material suppliers [7,51];
• Infection risk: mainly due to interactions with foreign visitors (customers or suppliers) and between

employees (especially when there are migrant workers) [16,48].

Three experts compared the relative priorities of these factors with linguistic terms. The results
are summarized in Table 2.

Based on pairwise comparison results, the following fuzzy judgment matrixes were constructed:

Ã(1) =



1 1/(1, 3, 5) 1/(2, 4, 6) (2, 4, 6) (3, 5, 7) (3, 5, 7)
(1, 3, 5) 1 1/(3, 5, 7) 1/(1, 3, 5) (2, 4, 6) (1, 2, 4)
(2, 4, 6) (3, 5, 7) 1 (1, 3, 5) (3, 5, 7) (3, 5, 7)

1/(2, 4, 6) (1, 3, 5) 1/(1, 3, 5) 1 (3, 5, 7) (3, 5, 7)
1/(3, 5, 7) 1/(2, 4, 6) 1/(3, 5, 7) 1/(3, 5, 7) 1 (1, 3, 5)
1/(3, 5, 7) 1/(1, 2, 4) 1/(3, 5, 7) 1/(3, 5, 7) 1/(1, 3, 5) 1



Ã(2) =



1 (1, 3, 5) 1/(3, 5, 7) 1/(3, 5, 7) (2, 4, 6) 1/(1, 3, 5)
1/(1, 3, 5) 1 1/(3, 5, 7) 1/(3, 5, 7) 1/(1, 3, 5) (1, 2, 4)
(3, 5, 7) (3, 5, 7) 1 1/(1, 3, 5) (1, 3, 5) (3, 5, 7)
(3, 5, 7) (3, 5, 7) (1, 3, 5) 1 (4, 6, 8) (3, 5, 7)

1/(2, 4, 6) (1, 3, 5) 1/(1, 3, 5) 1/(4, 6, 8) 1 (1, 3, 5)
(1, 3, 5) 1/(1, 2, 4) 1/(3, 5, 7) 1/(3, 5, 7) 1/(1, 3, 5) 1



Ã(3) =



1 1/(1, 3, 5) 1/(1, 3, 5) 1/(3, 5, 7) 1/(1, 2, 4) (1, 3, 5)
(1, 3, 5) 1 1/(2, 4, 6) 1/(1, 3, 5) 1/(3, 5, 7) 1/(1, 3, 5)
(1, 3, 5) (2, 4, 6) 1 1/(1, 2, 4) (1, 3, 5) (4, 6, 8)
(3, 5, 7) (1, 3, 5) (1, 2, 4) 1 (2, 4, 6) (3, 5, 7)
(1, 2, 4) (3, 5, 7) 1/(1, 3, 5) 1/(2, 4, 6) 1 (1, 3, 5)

1/(1, 3, 5) (1, 3, 5) 1/(4, 6, 8) 1/(3, 5, 7) 1/(1, 3, 5) 1


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Table 2. Results of pairwise comparisons.

(Expert #1)

Factor #1 Factor #2 Factor #1 over Factor #2

Pandemic severity Pandemic containment performance Weakly more important than

Vaccine acquisition speed Pandemic containment performance Weakly or strongly more
important than

Pandemic containment performance Demand shrinkage Strongly more important than
Pandemic containment performance Supplier impact Strongly more important than
Pandemic containment performance Infection risk Strongly more important than

Vaccine acquisition speed Pandemic severity Strongly more important than
Demand shrinkage Pandemic severity Weakly more important than

Pandemic severity Supplier impact Weakly or strongly more
important than

Pandemic severity Infection risk As equal as or weakly more
important than

Vaccine acquisition speed Demand shrinkage Weakly more important than
Vaccine acquisition speed Supplier impact Strongly more important than
Vaccine acquisition speed Infection risk Strongly more important than

Demand shrinkage Supplier impact Strongly more important than
Demand shrinkage Infection risk Strongly more important than

Supplier impact Infection risk Weakly more important than

(Expert #2)

Factor #1 Factor #2 Factor #1 over Factor #2

Pandemic containment performance Pandemic severity Weakly more important than
Vaccine acquisition speed Pandemic containment performance Strongly more important than

Demand shrinkage Pandemic containment performance Strongly more important than

Pandemic containment performance Supplier impact Weakly or strongly more
important than

Infection risk Pandemic containment performance Weakly more important than
Vaccine acquisition speed Pandemic severity Strongly more important than

Demand shrinkage Pandemic severity Strongly more important than
Supplier impact Pandemic severity Weakly more important than

Pandemic severity Infection risk As equal as or weakly more
important than

Demand shrinkage Vaccine acquisition speed Weakly more important than
Vaccine acquisition speed Supplier impact Weakly more important than
Vaccine acquisition speed Infection risk Strongly more important than

Demand shrinkage Supplier impact Strongly or very strongly more
important than

Demand shrinkage Infection risk Strongly more important than
Supplier impact Infection risk Weakly more important than

(Expert #3)

Factor #1 Factor #2 Factor #1 over Factor #2

Pandemic severity Pandemic containment performance Weakly more important than
Vaccine acquisition speed Pandemic containment performance Weakly more important than

Demand shrinkage Pandemic containment performance Strongly more important than

Supplier impact Pandemic containment performance As equal as or weakly more
important than

Pandemic containment performance Infection risk Weakly more important than

Vaccine acquisition speed Pandemic severity Weakly or strongly more
important than

Demand shrinkage Pandemic severity Weakly more important than
Supplier impact Pandemic severity Strongly more important than

Infection risk Pandemic severity Weakly more important than

Demand shrinkage Vaccine acquisition speed As equal as or weakly more
important than

Vaccine acquisition speed Supplier impact Weakly more important than

Vaccine acquisition speed Infection risk Strongly or very strongly more
important than

Demand shrinkage Supplier impact Weakly or strongly more
important than

Demand shrinkage Infection risk Strongly more important than
Supplier impact Infection risk Weakly more important than
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Obviously, there were considerable differences between expert judgments. The consistency ratios
of the fuzzy judgment matrixes were evaluated as

C̃R(1) = (−0.691, 0.216, 7.225)

C̃R(2) = (−0.699, 0.211, 8.422)

C̃R(3) = (−0.722, 0.161, 9.980)

which showed a certain degree of consistency since CR ≤ 0.1 ~ 0.3. In addition, the relative priorities
of factors evaluated by experts are summarized in Figure 9. Expert #1 considered “the speed of
vaccine acquisition” as the most important factor, while the other experts gave higher weights to
“demand shrinkage”.
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Figure 9. The relative priorities of factors evaluated by experts.
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The overall consensus among experts, in terms of the FI results of their evaluations, is shown in
Figure 10. Obviously, the FI result was always a nonempty set, showing that an overall consensus
existed among all experts.Healthcare 2020, 10, x FOR PEER REVIEW 16 of 27 
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Figure 10. The FI result of the relative priorities evaluated by experts.

However, due to the very narrow coverage of the FI result, the overall consensus on the value
of w̃2, w̃5, or w̃6 was not enough. In order to solve this problem, the threshold of the FI width was
set to 0.1, because the priorities evaluated by experts were not narrower than 0.1. The narrowest
priority had a range of 0.093. Then, the partial consensus among most experts was sought instead
until the PCFI result became wider than the threshold. In addition, the number of experts was as
many as possible. In the end, the 2/3 PCFI result met the two requirements, as shown in Figure 11.
w̃4 had the maximum value, while w̃6 had the minimum value. Therefore, the most influential factor
was “the speed of vaccine acquisition”, followed by “demand shrinkage” and “the performance of
COVID-19 containment”, while the least influential factor was “infection risk”.
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Figure 11. The 2/3 PCFI result.

To facilitate the subsequent calculation, the PCFI results were approximated with TFNs according
to Equation (18). The approximation results are summarized in Table 3.
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Table 3. Approximating TFNs.

i P̃CFI({w̃i(m)}

1 (0.090, 0.144, 0.210)
2 (0.060, 0.105, 0.150)
3 (0.210, 0.345, 0.480)
4 (0.230, 0.291, 0.350)
5 (0.070, 0.096, 0.120)
6 (0.030, 0.065, 0.110)

Among the six factors, only “pandemic containment performance” was the-higher-the-better
performance, whereas the others were the-lower-the-better performances. The performances in optimizing
these factors were evaluated according to the rules in Table 4.

Table 4. Rules for evaluating the performances.

Factor Rule

Pandemic containment performance

p̃k1(xk) =

(0, 0, 1) if xk < 0.9 ·min
r

xr + 0.1 ·max
r

xr or data not available

(0, 1, 2) if 0.9 ·min
r

xr + 0.1 ·max
r

xr ≤ xk < 0.65 ·min
r

xr + 0.35 ·max
r

xr

(1.5, 2.5, 3.5) if 0.65 ·min
r

xr + 0.35 ·max
r

xr ≤ xk < 0.35 ·min
r

xr + 0.65 ·max
r

xr

(3, 4, 5) if 0.35 ·min
r

xr + 0.65 ·max
r

xr ≤ xk < 0.1 ·min
r

xr + 0.9 ·max
r

xr

(4, 5, 5) if 0.1 ·min
r

xr + 0.9 ·max
r

xr ≤ xk

where xk is the recovery index of the region [73].

Pandemic severity

p̃k2(xk) =

(0, 0, 1) if 0.1 ·min
r

xr + 0.9 ·max
r

xr ≤ xk or data not available

(0, 1, 2) if 0.35 ·min
r

xr + 0.65 ·max
r

xr ≤ xk < 0.1 ·min
r

xr + 0.9 ·max
r

xr

(1.5, 2.5, 3.5) if 0.65 ·min
r

xr + 0.35 ·max
r

xr ≤ xk < 0.35 ·min
r

xr + 0.65 ·max
r

xr

(3, 4, 5) if 0.9 ·min
r

xr + 0.1 ·max
r

xr ≤ xk < 0.65 ·min
r

xr + 0.35 ·max
r

xr

(4, 5, 5) if xk < 0.9 ·min
r

xr + 0.1 ·max
r

xr

where xk is the current number of active cases in the region.

Vaccine acquiring speed p̃k3(xk) =


(0, 0, 1) if xk = no vaccine or data not available
(0, 1, 2) if xk = phase 1

(1.5, 2.5, 3.5) if xk = phase 2
(3, 4, 5) if xk = phase 3
(4, 5, 5) if xk = approved for limited or full use

where xk is the stage of vaccines developed in the region [74].

Demand shrinkage p̃k4(xk) =


(0, 0, 1) if xk = very signficant or data not available
(0, 1, 2) if xk = significant

(1.5, 2.5, 3.5) if xk = moderate
(3, 4, 5) if xk = insignificant
(4, 5, 5) if xk = very insignificant or demand increased

where xk is the shrinkage of demand.

Supplier impact p̃k5(xk) =


(0, 0, 1) if xk = very high or data not availeble
(0, 1, 2) if xk = high

(1.5, 2.5, 3.5) if xk = moderate
(3, 4, 5) if xk = low
(4, 5, 5) if xk = very low

where xk is the impact on suppliers.

Infection risk p̃k6(xk) =


(0, 0, 1) if xk = very high or data not available
(0, 1, 2) if xk = high

(1.5, 2.5, 3.5) if xk = moderate
(3, 4, 5) if xk = low
(4, 5, 5) if xk = very low

where xk is the risk of infection.

The data of the wafer fab in the six aspects are summarized in Table 5, based on which the performances
of the wafer fab in optimizing the six factors were evaluated. The evaluation results are summarized in
Table 6.
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Table 5. Data of the wafer fab in the six aspects.

Factor Data (Collected on October 2)

Pandemic containment performance

• The recovery index of the region was 77.99 [75].
• The maximum and minimum of the recovery index were 87.24

(Australia) and 9.38 (Honduras).

Pandemic severity

• The current number of active cases in the region was 24 [76].
• The maximum and minimum of the current number of active cases

were 2,545,390 (USA) and 1 (Mongolia and four other countries).

Vaccine acquisition speed • Three locally developed COVID-19 vaccines were in phase 1.

Demand shrinkage
• The demand for major products, integrated circuits for wireless

networks and panel drivers, did not shrink significantly.

Supplier impact
• Supplier were located in Taiwan (very lowly impacted), Netherlands

(highly impacted), and USA (very highly impacted).

Infection risk

• Travelling abroad for business and personal trips has been
suspended and discouraged.

• All types of wafer fabrication equipment are operated in a clean
room. Employees wear clean room suits at all times. The probability
of infection within the wafer fab is small.

• Most types of wafer fabrication equipment are highly automated.
Employees work independently. There is little chance of contact with
each other.

Table 6. Evaluation results.

i p̃i

1 (3, 4, 5)
2 (4, 5, 5)
3 (0, 1, 2)
4 (3, 4, 5)
5 (3, 4, 5)
6 (3, 4, 5)

Finally, the robustness of the wafer fab to the COVID-19 pandemic, evaluated using FWA, was
(1.500, 3.254, 5.660) with a COG of 3.471. According to the experimental results,

(1) The robustness of the wafer fab was much higher than the neutral value (i.e., 2.5), which indicates
that the wafer fab was likely to survive the COVID-19 pandemic.

(2) A sensitivity analysis was conducted by increasing the performance in optimizing each factor by
10% (if possible). The improvement in the robustness of the wafer fab was observed. The results
are summarized in Table 7. By lessening the shrinkage in demand, the robustness of the wafer
fab to the COVID-19 pandemic could be enhanced most. Based on this, the wafer fab could set its
action targets.
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Table 7. Robustness of the wafer fab after improving the performance in optimizing each factor.

i COG(Õ)

1 3.503
2 3.471
3 3.506
4 3.541
5 3.493
6 3.484

(1) However, due to the lack of relevant information, the robustness of the wafer fab was not
compared with that of another.

(2) The robustness of the wafer fab to the COVID-19 pandemic can still be enhanced by taking
short-term measures, such as wearing masks, physical distancing, video conferencing, regular
disinfection, etc.

5. Discussion

Based on the analysis results, the following discussions were conducted:

(1) The purpose of proposing the fuzzy collaborative intelligence approach is to assess whether
the normal operation of a factory is not affected by the COVID-19 pandemic, not to prevent
the outbreak of the COVID-19 pandemic in the factory. However, if the assessment result shows
that the factory does not have sufficient robustness to the COVID-19 pandemic, healthcare
treatments (such as wearing masks, monitoring body temperature, staggered work shifts, etc.)
should be taken to enhance its robustness [77]. It is such healthcare treatments that help prevent
the outbreak of the COVID-19 pandemic in the factory.

(2) In the experiment, “the speed of vaccine acquisition” and “the performance of COVID-19
containment” were two critical factors to assess the robustness of a factory to the COVID-19
pandemic, which was similar to Tesla’s practice of reopening its factories in China and USA [78].
The two regions have performed well in containing the COVID-19 pandemic and/or
developing vaccines [79,80].

(3) An existing method, the fuzzy extent analysis (FEA)-FWA method [81], was also applied to
the collected data for comparison. In the FEA-FWA method, the relative priority of a critical
factor was set to the minimum degree of being the most critical factor, which was a crisp value.
Then, the robustness of a factory was assessed using FWA. According to the experimental
results, the most critical factor was “the speed of vaccine acquisition”, followed by “demand
shrinkage”, which was identical to that drawn using the proposed methodology. The robustness
of the wafer fab to the COVID-19 pandemic was evaluated as 3.023, which was much less than that
evaluated using the proposed methodology. In our view, the proposed methodology considered
the uncertainty of related factors in a more reasonable way. Therefore, the assessment result was
more convincing.

(4) Before the COVID-19 outbreak, most past studies in this industry focused on assessing
and enhancing the competitiveness of a wafer fab [82–88]. However, after the COVID-19
outbreak, a wafer fab must be robust to survive. Therefore, a wafer fab with low robustness will
not have competitiveness.

6. Conclusions

The COVID-19 pandemic has affected factories all over the world. However, the impact of
the COVID-19 pandemic on different factories is not the same. To investigate this issue, a fuzzy
collaborative intelligence approach is proposed in this study to assess the robustness of a factory to
the COVID-19 pandemic. The fuzzy collaborative intelligence approach begins with the application of
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the FGM method to evaluate the relative priorities of factors that affect the robustness of a factory. Then,
the evaluation results by all experts are aggregated using FI or PCFI, depending on whether there is
an overall consensus among them. Finally, the FWA method is applied to assess the overall performance
of the factory; that is, the robustness of the factory to the COVID-19 pandemic. The assessment result
can be compared with that of another factory using FTOPSIS. As far as we know, this study is the first
attempt at this topic. Most studies in the past have focused on the performance of a local government.

The proposed methodology has been applied to assess the robustness of a wafer fab located in
Tainan Scientific Park of Taiwan to illustrate its applicability. A sensitivity analysis was also conducted.
After analyzing the experimental results, the following conclusions were drawn:

(1) The most critical factor affecting the robustness of the wafer fab was “the speed of vaccine
acquisition”, while the least affecting factor was “infection risk” [89].

(2) The wafer fab had a fairly strong robustness to the COVID-19 pandemic, showing that it has
a good chance to survive the pandemic [45].

(3) By reducing the shrinkage in demand for its products, the robustness of the wafer fab could be
most effectively enhanced.

When data are available, the robustness of the wafer fab can be compared with that of another
wafer fab. To this end, the worksheets for the assessment can be shared in the public domain.
In addition, it will be very valuable if all participants in a supply chain perform the same assessment.
Further, sometimes an expert dominates the group decision-making process [90], or experts have
different levels of authority [91]. These situations should be reflected when designing new methods
to enhance the consistency of pairwise comparison results [92]. These constitute some directions for
future research.

Author Contributions: All authors contributed equally to the writing of this paper. All authors read and approved
the final manuscript. Data curation, methodology and writing original draft: T.C. and Y.-C.W.; writing—review
and editing: T.C., Y.-C.W., and M.-C.C. All authors have read and agreed to the published version of the manuscript.

Funding: This research received no external funding.

Conflicts of Interest: The authors declare that there is no conflict of interest regarding the publication of this article.

References

1. Brown, C. COVID-19 and the Global Aviation Industry. 2020. Available online: https://home.kpmg/xx/en/bl
ogs/home/posts/2020/04/covid-19-and-the-global-aviation-industry.html (accessed on 20 September 2020).

2. Betancourt, J.A.; Rosenberg, M.A.; Zevallos, A.; Brown, J.R.; Mileski, M. The impact of COVID-19 on
telemedicine utilization across multiple service lines in the United States. Healthcare 2020, 8, 380. [CrossRef]
[PubMed]

3. Croft, J. Yikes! Yelp Says 60% of Restaurant Covid-19 Closures Are Permanent. Available online: https://edition.cnn.co
m/2020/07/25/business/restaurants-reopen-coronavirus-shutdown-trnd/index.html (accessed on 22 September 2020).

4. Fang, I.; Chen, P.T.; Chiu, H.H.; Lin, C.L.; Su, F.C. Med-tech industry entry strategy analysis under COVID-19
impact. Healthcare 2020, 8, 431.

5. Maniga, P. The Impact of COVID-19 on Tourism. Available online: https://www.policycenter.ma/opinion/im
pact-covid-19-tourism#.X2gSYmgzY2w (accessed on 18 September 2020).

6. Gastelu, G. Coronavirus Closure: Ford Ranger Factory Shut after Employee Tests Positive. Available online:
https://www.foxnews.com/auto/coronavirus-closure-ford-ranger-factory (accessed on 20 September 2020).

7. Kilpatrick, J.COVID-19: ManagingSupplyChainRiskandDisruption. Availableonline: https://www2.deloitte.com/glob
al/en/pages/risk/articles/covid-19-managing-supply-chain-risk-and-disruption.html (accessed on 13 September 2020).

8. Amankwah-Amoah, J. Stepping up and stepping out of COVID-19: New challenges for environmental
sustainability policies in the global airline industry. J. Clean. Prod. 2020, 271, 123000. [PubMed]

9. Moore, K. How COVID-19 Supply Chain Issues Are Impacting Retailers with Products Made in the US.
Available online: https://www.forbes.com/sites/kaleighmoore/2020/04/30/how-covid-19-supply-chain-issues-
are-impacting-retailers-with-products-made-in-the-us/#462d6d343202 (accessed on 21 September 2020).

https://home.kpmg/xx/en/blogs/home/posts/2020/04/covid-19-and-the-global-aviation-industry.html
https://home.kpmg/xx/en/blogs/home/posts/2020/04/covid-19-and-the-global-aviation-industry.html
http://dx.doi.org/10.3390/healthcare8040380
http://www.ncbi.nlm.nih.gov/pubmed/33019667
https://edition.cnn.com/2020/07/25/business/restaurants-reopen-coronavirus-shutdown-trnd/index.html
https://edition.cnn.com/2020/07/25/business/restaurants-reopen-coronavirus-shutdown-trnd/index.html
https://www.policycenter.ma/opinion/impact-covid-19-tourism#.X2gSYmgzY2w
https://www.policycenter.ma/opinion/impact-covid-19-tourism#.X2gSYmgzY2w
https://www.foxnews.com/auto/coronavirus-closure-ford-ranger-factory
https://www2.deloitte.com/global/en/pages/risk/articles/covid-19-managing-supply-chain-risk-and-disruption.html
https://www2.deloitte.com/global/en/pages/risk/articles/covid-19-managing-supply-chain-risk-and-disruption.html
http://www.ncbi.nlm.nih.gov/pubmed/32834564
https://www.forbes.com/sites/kaleighmoore/2020/04/30/how-covid-19-supply-chain-issues-are-impacting-retailers-with-products-made-in-the-us/#462d6d343202
https://www.forbes.com/sites/kaleighmoore/2020/04/30/how-covid-19-supply-chain-issues-are-impacting-retailers-with-products-made-in-the-us/#462d6d343202


Healthcare 2020, 8, 481 23 of 26

10. Ivanov, D. Predicting the impacts of epidemic outbreaks on global supply chains: A simulation-based
analysis on the coronavirus outbreak (COVID-19/SARS-CoV-2) case. Transp. Res. E Logist. Transp. Rev. 2020,
136, 101922. [CrossRef] [PubMed]

11. Rasgon, A. Palestinians Transform Factories into Mask Manufacturing Plants as Virus Spreads. Available
online: https://www.timesofisrael.com/palestinians-transform-factories-into-mask-manufacturing-plants
-as-virus-spreads/#gs.g53qjp (accessed on 18 September 2020).

12. Malik, A.A.; Masood, T.; Kousar, R. Repurposing factories with robotics in the face of COVID-19. Sci. Robot.
2020, 5, eabc2782. [CrossRef] [PubMed]

13. Technology Times. COVID-19 Pandemic ‘to Lift Notebook Sales’. Available online: https://technologytimes.
ng/covid-19-pandemic-to-lift-notebook-sales/ (accessed on 20 September 2020).

14. Middleton, J.; Reintjes, R.; Lopes, H. Meat plants—A new front line in the covid-19 pandemic. BMJ 2020, 370, m2716.
[CrossRef]

15. Abel, J. Impact of COVID-19 on Industrial Manufacturers. Available online: https://www.arcweb.com/blog/

impact-covid-19-industrial-manufacturers (accessed on 19 September 2020).
16. Tran, B.X.; Vu, G.T.; Latkin, C.A.; Pham, H.Q.; Phan, H.T.; Le, H.T.; Ho, R.C. Characterize health and economic

vulnerabilities of workers to control the emergence of COVID-19 in an industrial zone in Vietnam. Saf. Sci.
2020, 129, 104811.

17. Yu, E. Singapore Issues COVID-19 Contact Tracing Wearables to ‘Vulnerable Seniors’. Available
online: https://www.zdnet.com/article/singapore-issues-covid-19-contact-tracing-wearables-to-vulnera
ble-seniors/ (accessed on 19 September 2020).

18. McKeever, A. Dozens of COVID-19 Vaccines Are in Development. Here Are the Ones to Follow. Available
online: https://www.nationalgeographic.com/science/health-and-human-body/human-diseases/coronavi
rus-vaccine-tracker-how-they-work-latest-developments-cvd/ (accessed on 19 September 2020).

19. Fu, R. COVID-19 Containment Performance Index: How Do Countries Compare? Available online:
https://osf.io/hp3b5/ (accessed on 12 September 2020).

20. Chen, T.C.T. Guaranteed-consensus posterior-aggregation fuzzy analytic hierarchy process method. Neural
Comput. Appl. 2020, 32, 7057–7068. [CrossRef]

21. Zhang, Z.; Yu, W.; Martinez, L.; Gao, Y. Managing multigranular unbalanced hesitant fuzzy linguistic
information in multiattribute large-scale group decision making: A linguistic distribution-based approach.
IEEE Trans. Fuzzy Syst. 2019, 28, 2875–2889. [CrossRef]

22. Yu, W.; Zhang, Z.; Zhong, Q. Consensus reaching for MAGDM with multi-granular hesitant fuzzy linguistic
term sets: A minimum adjustment-based approach. Ann. Oper. Res. 2019, in press. [CrossRef]

23. Chen, T.; Liao, T.W.; Yu, F. Fuzzy collaborative intelligence and systems. Int. J. Intell. Syst. 2015, 30, 617–619.
[CrossRef]

24. Pedrycz, W. Collaborative architectures of fuzzy modeling. In Proceedings of the IEEE World Congress on
Computational Intelligence, Hong Kong, China, 1–6 June 2008; pp. 117–139.

25. Chen, T. A heterogeneous fuzzy collaborative intelligence approach for forecasting the product yield. Appl.
Soft Comput. 2017, 57, 210–224. [CrossRef]

26. Parry, D. A fuzzy ontology for medical document retrieval. In Proceedings of the Second Workshop on Australasian
Information Security, Data Mining and Web Intelligence, and Software Internationalisation; Australian Computer
Society, Inc.: Darlinghurst, Australia, 2004; Volume 32, pp. 121–126.

27. Chen, T. Enhancing the performance of a ubiquitous location-aware service system using a fuzzy collaborative
problem solving strategy. Comput. Ind. Eng. 2015, 87, 296–307. [CrossRef]

28. Zhang, L.; Zhong, H.; Nof, S.Y. Adaptive fuzzy collaborative task assignment for heterogeneous multirobot
systems. Int. J. Intell. Syst. 2015, 30, 731–762. [CrossRef]

29. Chen, T.C.T.; Lin, Y.C. A three-dimensional-printing-based agile and ubiquitous additive manufacturing
system. Robot. Comput. Integr. Manuf. 2019, 55, 88–95. [CrossRef]

30. Wang, Y.C.; Chen, T.; Lin, Y.C. A collaborative and ubiquitous system for fabricating dental parts using 3D
printing technologies. Healthcare 2019, 7, 103. [CrossRef]

31. Chen, T.; Wang, Y.C. Estimating simulation workload in cloud manufacturing using a classifying artificial
neural network ensemble approach. Robot. Comput. Integr. Manuf. 2016, 38, 42–51. [CrossRef]

32. Lin, Y.C.; Wang, Y.C.; Chen, T.C.T.; Lin, H.F. Evaluating the suitability of a smart technology application for
fall detection using a fuzzy collaborative intelligence approach. Mathematics 2019, 7, 1097. [CrossRef]

http://dx.doi.org/10.1016/j.tre.2020.101922
http://www.ncbi.nlm.nih.gov/pubmed/32288597
https://www.timesofisrael.com/palestinians-transform-factories-into-mask-manufacturing-plants-as-virus-spreads/#gs.g53qjp
https://www.timesofisrael.com/palestinians-transform-factories-into-mask-manufacturing-plants-as-virus-spreads/#gs.g53qjp
http://dx.doi.org/10.1126/scirobotics.abc2782
http://www.ncbi.nlm.nih.gov/pubmed/33022618
https://technologytimes.ng/covid-19-pandemic-to-lift-notebook-sales/
https://technologytimes.ng/covid-19-pandemic-to-lift-notebook-sales/
http://dx.doi.org/10.1136/bmj.m2716
https://www.arcweb.com/blog/impact-covid-19-industrial-manufacturers
https://www.arcweb.com/blog/impact-covid-19-industrial-manufacturers
https://www.zdnet.com/article/singapore-issues-covid-19-contact-tracing-wearables-to-vulnerable-seniors/
https://www.zdnet.com/article/singapore-issues-covid-19-contact-tracing-wearables-to-vulnerable-seniors/
https://www.nationalgeographic.com/science/health-and-human-body/human-diseases/coronavirus-vaccine-tracker-how-they-work-latest-developments-cvd/
https://www.nationalgeographic.com/science/health-and-human-body/human-diseases/coronavirus-vaccine-tracker-how-they-work-latest-developments-cvd/
https://osf.io/hp3b5/
http://dx.doi.org/10.1007/s00521-019-04211-y
http://dx.doi.org/10.1109/TFUZZ.2019.2949758
http://dx.doi.org/10.1007/s10479-019-03432-7
http://dx.doi.org/10.1002/int.21720
http://dx.doi.org/10.1016/j.asoc.2017.04.009
http://dx.doi.org/10.1016/j.cie.2015.05.006
http://dx.doi.org/10.1002/int.21725
http://dx.doi.org/10.1016/j.rcim.2018.07.008
http://dx.doi.org/10.3390/healthcare7030103
http://dx.doi.org/10.1016/j.rcim.2015.09.011
http://dx.doi.org/10.3390/math7111097


Healthcare 2020, 8, 481 24 of 26

33. Dong, Y.; Zhang, G.; Hong, W.C.; Xu, Y. Consensus models for AHP group decision making under row
geometric mean prioritization method. Decis. Support Syst. 2010, 49, 281–289. [CrossRef]

34. Chen, T.; Lin, Y.C. A fuzzy-neural system incorporating unequally important expert opinions for
semiconductor yield forecasting. Int. J. Uncertain. Fuzz. 2008, 16, 35–58. [CrossRef]

35. Chen, T. A hybrid fuzzy and neural approach with virtual experts and partial consensus for DRAM price
forecasting. Int. J. Innov. Comput. Inf. Control. 2012, 8, 583–597.

36. Chen, T.C.T.; Wu, H.C. Forecasting the unit cost of a DRAM product using a layered partial-consensus fuzzy
collaborative forecasting approach. Complex Intell. Syst. 2020, 6, 479–492. [CrossRef]

37. Sirisawat, P.; Kiatcharoenpol, T. Fuzzy AHP-TOPSIS approaches to prioritizing solutions for reverse logistics
barriers. Comput. Ind. Eng. 2018, 117, 303–318. [CrossRef]

38. Chen, T.C.T.; Lin, Y.C. A FAHP-FTOPSIS approach for bioprinter selection. Health Technol. 2020, 10, 1455–1467.
[CrossRef]

39. Wang, Y.C.; Chen, T.C.T. A partial-consensus posterior-aggregation FAHP method—supplier selection
problem as an example. Mathematics 2019, 7, 179. [CrossRef]

40. Choudhary, D.; Shankar, R. An STEEP-fuzzy AHP-TOPSIS framework for evaluation and selection of thermal
power plant location: A case study from India. Energy 2012, 42, 510–521. [CrossRef]

41. Vinodh, S.; Prasanna, M.; Prakash, N.H. Integrated Fuzzy AHP–TOPSIS for selecting the best plastic recycling
method: A case study. Appl. Math. Model. 2014, 38, 4662–4672. [CrossRef]

42. The Associated Press. Boeing Cuts 12,000 Jobs as COVID-19 Wallops Demand for Jets. Available online:
https://www.cbc.ca/news/business/boeing-job-cuts-1.5586706 (accessed on 12 September 2020).

43. Saefong, M.P. Transportation Fuels Sink, with Jet Fuel ‘Most Susceptible’ to Losses as COVID-19 Tanks Travel.
Available online: https://www.marketwatch.com/story/transportation-fuels-sink-with-jet-fuel-most-suscept
ible-to-losses-as-covid-19-tanks-travel-2020-03-06 (accessed on 17 September 2020).

44. D’Arpizio, C.; Levato, F.; Fenili, S.; Colacchio, F.; Prete, F. Luxury after Covid-19: Changed for (the) Good?
Available online: https://www.bain.com/insights/luxury-after-coronavirus/ (accessed on 20 September 2020).

45. Bauer, H.; Burkacky, O.; Kenevan, P.; Mahindroo, A.; Patel, M. How the Semiconductor Industry Can Emerge
Stronger after the COVID-19 Crisis. Available online: https://www.mckinsey.com/industries/advanced-ele
ctronics/our-insights/how-the-semiconductor-industry-can-emerge-stronger-after-the-covid-19-crisis#
(accessed on 15 September 2020).

46. Bhaya, A.G. COVID-19: ‘World’s Factory’ Is Springing Back to Life. Available online: https://news.cgtn.com/news/2020-
03-10/COVID-19-World-s-Factory-is-springing-back-to-life-OKjy54uWic/index.html (accessed on 16 September 2020).

47. Middleton, J. Factory That Supplies M&S Forced to Close after Covid Outbreak. Available
online: https://www.msn.com/en-gb/news/world/factory-that-supplies-mands-forced-to-close-after-covid-out
break/ar-BB18eqPM (accessed on 12 September 2020).

48. McKenna, T. While Singapore Touts Its COVID-19 Success, Migrant Workers Face the Greatest Risk. Available online:
https://www.cbc.ca/news/investigates/singapore-covid-19-1.5564641 (accessed on 11 September 2020).

49. Wu, H.C.; Wang, Y.C.; Chen, T. Assessing and comparing COVID-19 intervention strategies using a varying
partial-consensus fuzzy collaborative intelligence approach. Mathematics 2020, 8, 1725. [CrossRef]

50. Volkin, S. How Has COVID-19 Impacted Supply Chains around the World? Available online: https:
//hub.jhu.edu/2020/04/06/goker-aydin-global-supply-chain/ (accessed on 13 September 2020).

51. Keegan, K. COVID-19: Operations and Supply Chain Disruption. Available online: https://www.pwc.com/

us/en/library/covid-19/supply-chain.html (accessed on 12 September 2020).
52. AFP. Ford Temporarily Closed Factory after Two COVID-19 Cases. Available online: https://news.yahoo.c

om/ford-temporarily-closed-factory-two-covid-19-cases-161639481.html (accessed on 15 September 2020).
53. Goodley, S. Welsh Chicken Factory Closes for Two Weeks over Covid-19 in Staff. Available

online: https://www.theguardian.com/business/2020/jun/18/welsh-chicken-factory-closed-for-two-weeks-over-c
ovid-19-in-staff (accessed on 17 September 2020).

54. VNA. COVID-19 Unlikely to Cause Further Garment Factory Closure. Available online: https://engl
ish.cambodiadaily.com/business/covid-19-unlikely-to-cause-further-garment-factory-closure-161578/

(accessed on 16 September 2020).
55. Tun, T.Z.; Wathan, M.; Thura, M. UPDATE: Factories in Myanmar to Close for Mandatory COVID-19

Inspections. Available online: https://www.mmtimes.com/news/update-factories-myanmar-close-mandator
y-covid-19-inspections.html (accessed on 15 September 2020).

http://dx.doi.org/10.1016/j.dss.2010.03.003
http://dx.doi.org/10.1142/S0218488508005030
http://dx.doi.org/10.1007/s40747-020-00146-3
http://dx.doi.org/10.1016/j.cie.2018.01.015
http://dx.doi.org/10.1007/s12553-020-00469-8
http://dx.doi.org/10.3390/math7020179
http://dx.doi.org/10.1016/j.energy.2012.03.010
http://dx.doi.org/10.1016/j.apm.2014.03.007
https://www.cbc.ca/news/business/boeing-job-cuts-1.5586706
https://www.marketwatch.com/story/transportation-fuels-sink-with-jet-fuel-most-susceptible-to-losses-as-covid-19-tanks-travel-2020-03-06
https://www.marketwatch.com/story/transportation-fuels-sink-with-jet-fuel-most-susceptible-to-losses-as-covid-19-tanks-travel-2020-03-06
https://www.bain.com/insights/luxury-after-coronavirus/
https://www.mckinsey.com/industries/advanced-electronics/our-insights/how-the-semiconductor-industry-can-emerge-stronger-after-the-covid-19-crisis#
https://www.mckinsey.com/industries/advanced-electronics/our-insights/how-the-semiconductor-industry-can-emerge-stronger-after-the-covid-19-crisis#
https://news.cgtn.com/news/2020-03-10/COVID-19-World-s-Factory-is-springing-back-to-life-OKjy54uWic/index.html
https://news.cgtn.com/news/2020-03-10/COVID-19-World-s-Factory-is-springing-back-to-life-OKjy54uWic/index.html
https://www.msn.com/en-gb/news/world/factory-that-supplies-mands-forced-to-close-after-covid-outbreak/ar-BB18eqPM
https://www.msn.com/en-gb/news/world/factory-that-supplies-mands-forced-to-close-after-covid-outbreak/ar-BB18eqPM
https://www.cbc.ca/news/investigates/singapore-covid-19-1.5564641
http://dx.doi.org/10.3390/math8101725
https://hub.jhu.edu/2020/04/06/goker-aydin-global-supply-chain/
https://hub.jhu.edu/2020/04/06/goker-aydin-global-supply-chain/
https://www.pwc.com/us/en/library/covid-19/supply-chain.html
https://www.pwc.com/us/en/library/covid-19/supply-chain.html
https://news.yahoo.com/ford-temporarily-closed-factory-two-covid-19-cases-161639481.html
https://news.yahoo.com/ford-temporarily-closed-factory-two-covid-19-cases-161639481.html
https://www.theguardian.com/business/2020/jun/18/welsh-chicken-factory-closed-for-two-weeks-over-covid-19-in-staff
https://www.theguardian.com/business/2020/jun/18/welsh-chicken-factory-closed-for-two-weeks-over-covid-19-in-staff
https://english.cambodiadaily.com/business/covid-19-unlikely-to-cause-further-garment-factory-closure-161578/
https://english.cambodiadaily.com/business/covid-19-unlikely-to-cause-further-garment-factory-closure-161578/
https://www.mmtimes.com/news/update-factories-myanmar-close-mandatory-covid-19-inspections.html
https://www.mmtimes.com/news/update-factories-myanmar-close-mandatory-covid-19-inspections.html


Healthcare 2020, 8, 481 25 of 26

56. Kelly, A. Garment Workers Face Destitution as Covid-19 Closes Factories. Available online: https://www.th
eguardian.com/global-development/2020/mar/19/garment-workers-face-destitution-as-covid-19-closes-factories
(accessed on 17 September 2020).

57. Zheng, G.; Zhu, N.; Tian, Z.; Chen, Y.; Sun, B. Application of a trapezoidal fuzzy AHP method for work safety
evaluation and early warning rating of hot and humid environments. Saf. Sci. 2012, 50, 228–239. [CrossRef]

58. Chen, T. Assessing factors critical to smart technology applications to mobile health care− the fgm-fahp
approach. Health Policy Technol. 2020, 9, 194–203. [CrossRef]

59. Samanlioglu, F.; Kaya, B.E. Evaluation of the COVID-19 pandemic intervention strategies with hesitant
F-AHP. J. Healthc. Eng. 2020, 2020, 8835258. [CrossRef] [PubMed]

60. Hanss, M. Applied Fuzzy Arithmetic; Springer: Berlin/Heidelberg, Germany, 2005.
61. Chen, T.C.T.; Honda, K. Fuzzy Collaborative Forecasting and Clustering: Methodology, System Architecture,

and Applications; Springer Nature Switzerland AG: Cham, Switzerland, 2019.
62. Saaty, T.L. Decision making with the analytic hierarchy process. Int. J. Serv. Stand. 2008, 1, 83–98. [CrossRef]
63. Chen, T.; Lin, Y.C.; Chiu, M.C. Approximating alpha-cut operations approach for effective and efficient fuzzy

analytic hierarchy process analysis. Appl. Soft Comput. 2019, 85, 105855. [CrossRef]
64. Kacprzyk, J.; Fedrizzi, M.A. ‘Soft’ measure of consensus in the setting of partial (fuzzy) preferences. Cent.

Eur. J. Oper. Res. 1988, 34, 316–325. [CrossRef]
65. Van Broekhoven, E.; De Baets, B. Fast and accurate center of gravity defuzzification of fuzzy system outputs

defined on trapezoidal fuzzy partitions. Fuzzy Sets Syst. 2006, 157, 904–918. [CrossRef]
66. Chen, T.; Wu, H.C.; Wang, Y.C. Fuzzy-neural approaches with example post-classification for estimating job

cycle time in a wafer fab. Appl. Soft Comput. 2009, 9, 1225–1231. [CrossRef]
67. Wang, Y.C.; Chiu, M.C.; Chen, T. A fuzzy nonlinear programming approach for planning energy-efficient

wafer fabrication factories. Appl. Soft Comput. 2020, 95, 106506. [CrossRef]
68. Chen, T. Predicting wafer-lot output time with a hybrid FCM–FBPN approach. IEEE Trans. Syst. Man Cybern.

Part B (Cybern.) 2007, 37, 784–793. [CrossRef]
69. Bombe, K. COVID-19 Impact on Semiconductors and Electronics Industry: Meticulous Research®Viewpoint.

Available online: https://www.globenewswire.com/news-release/2020/05/11/2030794/0/en/COVID-19-Impact-on-Semi
conductors-and-Electronics-Industry-Meticulous-Research-Viewpoint.html (accessed on 14 September 2020).

70. Ikoba, J.J. Lenovo Leads the Notebook Market’s Positive Q1 2020 Results despite COVID-19.
Available online: https://www.gizmochina.com/2020/05/11/lenovo-leads-the-notebook-markets-positive-q1-2020-r
esults-despite-covid-19/ (accessed on 19 September 2020).

71. Wood, L. Development of the Global Semiconductor Foundry Industry, 2018–2019—ResearchAndMarkets.com.
Available online: https://www.businesswire.com/news/home/20200519005697/en/Development-Global-Semiconductor-
Foundry-Industry-2018-2019-- (accessed on 16 September 2020).

72. Freitas, A.R.R.; Napimoga, M.; Donalisio, M.R. Assessing the severity of COVID-19. Epidemiol. Serv. Saude
2020, 29, e2020119.

73. HHS. Fact Sheet: Explaining Operation Warp Speed. Available online: https://www.hhs.gov/coronavirus/ex
plaining-operation-warp-speed/index.html (accessed on 11 September 2020).

74. PEMANDU. Associates the Global COVID-19 Index (GCI). Available online: https://covid19.pemandu.org/

#main (accessed on 16 September 2020).
75. The New York Times. Coronavirus Vaccine Tracker. Available online: https://www.nytimes.com/interactive/

2020/science/coronavirus-vaccine-tracker.html (accessed on 15 September 2020).
76. Virusncov.com. COVID-19 Coronavirus–Update. Available online: https://virusncov.com/ (accessed on 19

September 2020).
77. Sarkis, J.; Cohen, M.J.; Dewick, P.; Schröder, P. A brave new world: Lessons from the COVID-19 pandemic

for transitioning to sustainable supply and production. Resour. Conserv. Recycl. 2020, 159, 104894. [CrossRef]
78. O’Kane, S. How Ford, GM, FCA, and Tesla Are Bringing Back Factory Workers. Available online:

https://www.theverge.com/2020/5/22/21266240/ford-general-motors-fiat-tesla-reopen-playbook-testing-co
vid-19-coronavirus (accessed on 29 October 2020).

79. Pan, Y.; Fang, Y.; Xin, M.; Dong, W.; Zhou, L.; Hou, Q.; Li, F.; Sun, G.; Zheng, Z.; Yuan, J.; et al. Self-reported
compliance with personal preventive measures among Chinese factory workers at the beginning of work
resumption following the COVID-19 outbreak: Cross-sectional survey study. J. Med. Internet Res. 2020, 22, e22457.
[CrossRef] [PubMed]

https://www.theguardian.com/global-development/2020/mar/19/garment-workers-face-destitution-as-covid-19-closes-factories
https://www.theguardian.com/global-development/2020/mar/19/garment-workers-face-destitution-as-covid-19-closes-factories
http://dx.doi.org/10.1016/j.ssci.2011.08.042
http://dx.doi.org/10.1016/j.hlpt.2020.02.005
http://dx.doi.org/10.1155/2020/8835258
http://www.ncbi.nlm.nih.gov/pubmed/32850105
http://dx.doi.org/10.1504/IJSSCI.2008.017590
http://dx.doi.org/10.1016/j.asoc.2019.105855
http://dx.doi.org/10.1016/0377-2217(88)90152-X
http://dx.doi.org/10.1016/j.fss.2005.11.005
http://dx.doi.org/10.1016/j.asoc.2009.03.006
http://dx.doi.org/10.1016/j.asoc.2020.106506
http://dx.doi.org/10.1109/TSMCB.2007.895364
https://www.globenewswire.com/news-release/2020/05/11/2030794/0/en/COVID-19-Impact-on-Semiconductors-and-Electronics-Industry-Meticulous-Research-Viewpoint.html
https://www.globenewswire.com/news-release/2020/05/11/2030794/0/en/COVID-19-Impact-on-Semiconductors-and-Electronics-Industry-Meticulous-Research-Viewpoint.html
https://www.gizmochina.com/2020/05/11/lenovo-leads-the-notebook-markets-positive-q1-2020-results-despite-covid-19/
https://www.gizmochina.com/2020/05/11/lenovo-leads-the-notebook-markets-positive-q1-2020-results-despite-covid-19/
https://www.businesswire.com/news/home/20200519005697/en/Development-Global-Semiconductor-Foundry-Industry-2018-2019--
https://www.businesswire.com/news/home/20200519005697/en/Development-Global-Semiconductor-Foundry-Industry-2018-2019--
https://www.hhs.gov/coronavirus/explaining-operation-warp-speed/index.html
https://www.hhs.gov/coronavirus/explaining-operation-warp-speed/index.html
https://covid19.pemandu.org/#main
https://covid19.pemandu.org/#main
https://www.nytimes.com/interactive/2020/science/coronavirus-vaccine-tracker.html
https://www.nytimes.com/interactive/2020/science/coronavirus-vaccine-tracker.html
https://virusncov.com/
http://dx.doi.org/10.1016/j.resconrec.2020.104894
https://www.theverge.com/2020/5/22/21266240/ford-general-motors-fiat-tesla-reopen-playbook-testing-covid-19-coronavirus
https://www.theverge.com/2020/5/22/21266240/ford-general-motors-fiat-tesla-reopen-playbook-testing-covid-19-coronavirus
http://dx.doi.org/10.2196/22457
http://www.ncbi.nlm.nih.gov/pubmed/32924947


Healthcare 2020, 8, 481 26 of 26

80. Dong, D.; Xu, R.H.; Wong, E.L.Y.; Hung, C.T.; Feng, D.; Feng, Z.; Yeoh, E.-K.; Wong, S.Y.S. Public preference
for COVID-19 vaccines in China: A discrete choice experiment. Health Expect. 2020, in press. [CrossRef]
[PubMed]

81. Wang, Y.C.; Chen, T.; Yeh, Y.L. Advanced 3D printing technologies for the aircraft industry: A fuzzy
systematic approach for assessing the critical factors. Int. J. Adv. Manuf. Technol. 2019, 105, 4059–4069.
[CrossRef]

82. Chen, T. A flexible way of modeling the long-term cost competitiveness of a semiconductor product. Robot.
Comput. Integr. Manuf. 2013, 29, 31–40. [CrossRef]

83. Leachman, R.C.; Ding, S.; Chien, C.F. Economic efficiency analysis of wafer fabrication. IEEE Trans. Autom.
Sci. Eng. 2007, 4, 501–512. [CrossRef]

84. Chen, T. Strengthening the competitiveness and sustainability of a semiconductor manufacturer with cloud
manufacturing. Sustainability 2014, 6, 251–266. [CrossRef]

85. Santhapparaj, A.S.; Sreenivasan, J.; Loong, J.C.K. Competitive factors of semiconductor industry in Malaysia:
The managers’ perspectives. Compet. Rev. Int. Bus. J. 2006, 16, 197–211. [CrossRef]

86. Chen, T. Establishing the optimal and efficient capacity re-allocation plans for enhancing the long-term
competitiveness of a semiconductor product—A long-term trend viewpoint. Proc. Inst. Mech. Eng. Part B J.
Eng. Manuf. 2010, 224, 1295–1303. [CrossRef]

87. Macher, J.T.; Mowery, D.C. Measuring dynamic capabilities: Practices and performance in semiconductor
manufacturing. Br. J. Manag. 2009, 20, S41–S62. [CrossRef]

88. Chen, T. Enhancing the yield competitiveness of a semiconductor fabrication factory with dynamic capacity
re-allocation. Comput. Ind. Eng. 2009, 57, 931–936. [CrossRef]

89. Laing, T. The economic impact of the Coronavirus 2019 (Covid-2019): Implications for the mining industry.
Extr. Ind. Soc. 2020, 7, 580–582. [PubMed]

90. Zhang, Z.; Gao, Y.; Li, Z. Consensus reaching for social network group decision making by considering
leadership and bounded confidence. Knowl. Based Syst. 2020, 204, 106240. [CrossRef]

91. Chen, T.C.T.; Wang, Y.C.; Lin, C.W. A fuzzy collaborative forecasting approach considering experts’ unequal
levels of authority. Appl. Soft Comput. 2020, 94, 106455. [CrossRef]

92. Zhang, Z.; Kou, X.; Yu, W.; Gao, Y. Consistency improvement for fuzzy preference relations with
self-confidence: An application in two-sided matching decision making. J. Oper. Res. Soc. 2020, 1–14.
[CrossRef]

Publisher’s Note: MDPI stays neutral with regard to jurisdictional claims in published maps and institutional
affiliations.

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1111/hex.13140
http://www.ncbi.nlm.nih.gov/pubmed/33022806
http://dx.doi.org/10.1007/s00170-018-1927-8
http://dx.doi.org/10.1016/j.rcim.2012.04.010
http://dx.doi.org/10.1109/TASE.2007.906142
http://dx.doi.org/10.3390/su6010251
http://dx.doi.org/10.1108/10595420610818820
http://dx.doi.org/10.1243/09544054JEM1651
http://dx.doi.org/10.1111/j.1467-8551.2008.00612.x
http://dx.doi.org/10.1016/j.cie.2009.03.007
http://www.ncbi.nlm.nih.gov/pubmed/32300537
http://dx.doi.org/10.1016/j.knosys.2020.106240
http://dx.doi.org/10.1016/j.asoc.2020.106455
http://dx.doi.org/10.1080/01605682.2020.1748529
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Factors Influencing the Robustness of a Factory to the COVID-19 Pandemic 
	The Fuzzy Collaborative Intelligence Approach 
	FGM for Evaluating the Relative Priorities of Factors 
	FI (or PCFI) for Aggregating the Relative Priorities Evaluated by Experts 
	FWA (or FTOPSIS) for Assessing (and Comparing) the Robustness of A Factory Amid the COVID-19 Pandemic 

	Application 
	Discussion 
	Conclusions 
	References

