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Abstract: Objectives: This research measures the occurrence of malnutrition amongst under-five
children in the Rahimyar Khan district of Southern Punjab in Pakistan. Employing different an-
thropometric measurement approaches such as (1) conventional indices (HAZ, WAZ, and WHZ),
(2) CIAF, (3) BMI-for-age, and (4) MUAC, we compare their estimated results and examine the
relationship between socioeconomic determinants and different anthropometric indicators. Methods:
The study employs a proportional purposive random sampling method to collect data from 384 rural
households in the community-based study using a self-administered survey and following the Lady
Health Workers (LHWs) registered records. The nutritional status of 517 under-five children is
measured with references to WHO (2009) child growth standards. Furthermore, the investigation
used the model of binary logistic regression to measure the impact of socioeconomic factors on child
malnutrition. Results: Compared with other approaches, the CIAF identifies more malnourished
children (63%). The results of binary logistic regression illustrate that all the explanatory variables
indicate a more significant empirical association with CIAF than conventional indices, BMI-for-age,
and MUAC. Conclusion: CIAF is a more reliable tool for assessing child nutrition because it not only
demonstrates more accurate estimates of malnutrition but also recognizes children with multiple
anthropometric failures.

Keywords: malnutrition; body mass index; composite index of anthropometric failure; mid-upper
arm circumstances; wasting; underweight; stunting; Pakistan

1. Introduction

Globally, 19% (110 million) of children below the age of five are severely underweight,
while 30% (170 million) are stunted [1]. About 2/3 of malnourished children live in
Asia [2,3]. Pakistan Demographic and Health Survey (2017–2018) showed that stunting
occurrence is 38%, underweight is 23%, and wasting is 8%. Aimed at measuring the nutri-
tional status of children, conventional anthropometric indexes, for example, underweight
(WAZ), wasting (WHZ), and stunting (HAZ), have been extensively utilized. According to
WHO, these indices reflect distinguishable biological processes: wasting as acute malnu-
trition; stunting as chronic malnutrition; underweight as a mixture of chronic and acute
malnutrition having no distinction [4]. These three catalogs signify different features of
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malnutrition. Nonetheless, they typically coincide and are not commonly exclusive [5].
Therefore, conventional indices have been debated to be insufficient for evaluating the gen-
eral occurrence rate of malnutrition among younger children. To control this inadequacy,
propositions were given for developing a new aggregate of indicators [6,7].

Svedberg [8] proposed the CIAF that offers distinct figures in a population for the
whole estimation of malnourished children. More specifically, its multiple subdivisions of
anthropometric failures can forecast the possibility of ailment and mortality. These features
distinguish it from the other current indicators that cannot estimate separately with high
precision [9,10]. Even though CIAF was considered a valuable compound scale, it neglects
singular commitment, significance of hindering, underweight, and wasting compared
with the general commonness of malnutrition. In the 19th century, Adolphe Quetelet
created a get-up-to-speed approach or BMI-for-age, which estimates the nourishing status
of grown-ups. During the 1970s, researchers considered BMI a good proxy for adipose
and overweight-related problems [11]. Catch-up growth can aid in recognizing which
youngsters are disposed to catch up and which are at threat of falling further or staying
behind. The WHO and UNICEF’s joint statement was issued regarding WHO’s growth
standards in May 2009 to identify severe malnourishment in newborns and children, and a
new measurement tool, MUAC tape, was made available [11,12].

Several studies have comparatively analyzed and discussed the different anthropo-
metric measurement approaches. Most analyze whether the conventional indices or CIAF
is a better approach to screening more malnourished children. However, limited studies
have discussed comparing more than two anthropometric measurement tools for malnutri-
tion screening. To the knowledge of the present investigation, no such investigation from
Pakistan has evaluated the malnourishment screening tools or comparison of malnutrition
prevalence through different approaches. Most of the literature in Pakistan is on socioeco-
nomic determinants of malnutrition or the incidence of malnutrition. Therefore, the current
study not only measures the occurrence of malnourishment in under-five children but also
draws a comparison among them for screening malnutrition among children in one of
the marginalized and high malnutrition prevalence districts of Punjab. Furthermore, this
research investigates the association between socioeconomic determinants and different
anthropometric indicators, which is missing in the literature.

2. Materials and Methods
2.1. Study Area

The district of Rahimyar Khan is located in the South Punjab province in Pakistan. It
covers an area of 11,880 km with two main ecological zones-desert and agricultural ground
land. It is divided into four administrative sub-districts. According to the 2017 census of
Pakistan, the district’s population is 4,814,006, of which ~78% reside in rural areas; 50%
are deprived of proper sanitation facilities [13]. Also, it has one of the highest malnutrition
prevalence districts among 36 districts in Punjab province (MICS-2014). Almost 77% of
mothers are illiterate; 91% of the households are deprived of basic amenities of life, and
around about 58% of the families have yearly earnings of less than 50,000 PKR. However,
26% of families’ yearly earnings are less than 100,000 PKR.

2.2. Sampling and Research Design

The current investigation was a community-based and cross-sectional exploration, and
384 rural households were part of the primary data collection by a self-applied survey using
a balanced purposive random sampling method. Keeping a 5% confidence interval and 95%
confidence level, the data were allocated proportionally surrounded by four sub-districts:
(1) Khan Pur, (2) Rahimyar Khan, (3) Liaquatpur, and (4) Sadiqabad. The statistical strategy
focused on the probability of size ratios in each of the 4 sub-district. A stratified random
sampling of Union Councils (UC) in each sub-district was included in the first phase. The
rural families for the study were selected arbitrarily with the help of the record from a
female health worker. The sample size (n = 384 families) was derived with the help of the
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Raosoft calculator by reviewing the 5% confidence interval and 95% confidence level. The
calculations of the sample size (n) are described underneath:

n = Z2 × (p) × (1 − p)/c2

In the above equation:
Z = A value that is 1.96 for 95% confidence level
p = It refers to percentage picking a choice and expressed as decimal (0.5 used for

sample size needed)
c = It means confidence interval and expressed as decimal (i.e., 0.04 = ±4)
n = (1.96)2 × (0.5) × (1 − 0.5)/(0.05)2 = 384.16 = 384
In Table 1 description of the proportional allocation in twelve UCs of n = 384

is mentioned:
NI = n × Ni/N

Table 1. Sample size proportional distribution from sub-districts to UCs in the District.

District Sub-Districts
(Tehsils) UC ~Sample from Each

UC

Rahimyar Khan

Khanpur
Sample size = 96

BaghoBahar 26
Azeem Shah 34
Kotla Pathan 36

Liaquatpur
Sample size = 81

Ghooka 25
Shadani 26

TrindaGurgaij 30

Rahimyar Khan
Sample size = 115

Bahishti 34
Sonak 46

Chak No. 84/P 35

Sadiqabad
Sample size = 92

Kot Sanger Khan 33
Muhammad Pur 32

Roshan Bhet 27

Total Tehsils = 4 UCS = 12 384

Formula for each UC sample calculation = Population of UC 1,2,3/total Population of
3 UCs × sample size of tehsil

NI = number of sampled respondents in each UC
i = number of the UCs in the study area, i.e., 1, 2, 3, . . . ,12
N = total size of the sample

2.3. Data Collection and Ethical Consideration

Children in a household under five were considered for the survey. If more than
one household existed in a single building, or families combined into a single household
during the survey, then the investigation took them as independent if they prepared
meals separately. The anthropometric assessments were carried out by female health
workers, given training by the principal author before allocating the task of anthropometric
assessment. The study utilized height assessments tape, weight machine, and MUAC tape
to gather data for the measurement of age, weight, and height of the samples.

Research data were collected for three months between November 2017 to January 2018.
After getting study approval from the office of the district health officer, mothers of children
and their close relatives were brought up-to-date in local languages with the help of female
health workers who told them about the type of the investigation one week prior to seek
their verbal agreement, as well as readying them to contribute in the investigation. Mothers
belonging to 384 different families agreed to contribute willingly to the research, and all
384 mothers provided their verbal agreement in the meeting before the interview. In black
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and white, consent was not taken as 74% of mothers were uneducated and also showed
reluctance because of their cultural boundaries.

The study was approved in the 6th meeting of the Graduate Research Management
Council (GRMC) of the Pakistan Institute of Development Economics [No. HE-01/2017
(PIDE)]. GRMC serves as an institutional review board. In addition, the Department of
Health Economics at PIDE and the District Health Office in Rahimyar Khan also checked
and approved the tools and protocols of this study. Furthermore, all the study details were
explained to health officials, LHWs, and mothers before taking their consent.

2.4. Measurements, Terminologies, and Variables

Stunting: z-score of height-for-age i.e., (HAZ) < −2 SD was termed as stunting; wast-
ing: z-score of weight-for-height i.e., (WHZ) < −2 SD was termed as wasting; underweight:
z-score of weight-for-age i.e., (WAZ) < −2 SD was termed as underweight. The CIAF sees
the general occurrence of malnourishment within children. Based on this classification,
children are distributed into 7 groups: group-A for “No Failure”, group B for Stunted,
group C for Wasted, group D for Underweight, group E for Stunted + Underweight, group
F for Wasted + Underweight, group G for Stunted + wasted, and group-H for Stunting +
Wasting + Underweight. The total for malnourishment occurrence is measured by com-
bining all groups excluding A. CIAF was dichotomized, “1” for the undernourished child
and “0” for a non-undernourished child. CIAF was established on three indexes, such
as stunting, underweight, and wasting, specified by World Health Organization (WHO)
children development standards rules using anthropometric assessments [11]. The current
study considered BMI-for-age z-scores. If BMI-for-age z-scores is < −2 SD, it is defined
as undernutrition. Similarly, MUAC tape is in centimeters and marked in colors [red:
0–11.5 cm = SAM; yellow: 11.5–12.5 cm = MAM; and green: ≥ 12.5 cm], was used for the
screening undernutrition. According to WHO and UNICEF criteria, MUAC < 12.5 cm
is defined as malnutrition, and MUAC ≥ 12.5 cm determines the child is not malnour-
ished [11,12].

The detail about CIAF classification of children with anthropometric failure is given
below in Table 2:

Table 2. Children’s CIAF classification with anthropometric failure.

Indicators Description Stunting Wasting Underweight

A No failure No No No

B Stunted only Yes No No

C Wasted only No Yes No

D Underweight only No No Yes

E Stunted and underweight Yes No Yes

F Wasted and Underweight No Yes Yes

G Stunted and wasted Yes Yes No

H Stunted, wasted & underweight Yes Yes Yes

The investigation predictor variables were the age of children in months, gender of
the child, childbirth order, maternal educational status, maternal employment status, and
household socioeconomic status (poor, middle, and rich). To measure the socioeconomic
status, this study constructed a simple index of socioeconomic status based on six indicators:
(1) mud type house or have cemented type household, (2) family is some landholding
or not, (3) facility of electricity is available in the household or not, (4) within the house
water drinking facility is present or absent, (5) any family member in the house is educated
or not, (6) House keeps Television, newspaper, and radio or not. The response for these
six indicators was in binary form (0 or 1). The total scores for the socioeconomic status
index were 0 to 6 after adding these six indicators. These six indicators represent the
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household’s basic life amenities. Those having none or 1 or 2 items are included in the
SES-1 category, representing the poor socioeconomic status of the household. The middle
socioeconomic status (SES-2 category) of households was indicated when households had
3 to 4 items. Those households having 5 to 6 items were considered to be in the SES-3
category, representing their financial socioeconomic status. Studies in India and Pakistan
used the household deprivation status index, which depicts the socioeconomic status (SES).
We followed those studies to construct the SES index [14–16].

2.5. Statistical Analysis

Before constructing the anthropometric indicators, data cleaning was done, and out-
liers were drawn out. Z-scores that did not fit the WHO flags were reduced from the data
set while estimating the CIAF. Of 517 under-five children, 316 were included in the study,
and 201 were skipped because of over range (less than −5 and greater than +5). Excel 2013
was used for data entry, while the STATA-15, Excel 2013, and WHO Anthro software were
used to conduct the analysis. Descriptive statistics were performed to compute and then
compare the rates of malnutrition through different anthropometric approaches. Further-
more, to measure the impact of socioeconomic dynamics on child malnourishment, the
binary logistic regression model was used.

The logistic regression method assesses the chances of malnourishment in basically
two methods: 1 = if a child is undernourished, or 0 = if a child is not undernourished. The
hypothesis set in the present investigation is that the malnourishment status of children
is affected by many socioeconomic indicators. Malnutrition in this study was assessed
through different anthropometric approaches. So, Child BMI-for-age, CIAF, and conven-
tional indices (stunting, wasting, and underweight) as dependent variables. Similarly,
MUAC < 12.5 cm coded 1, which means the child is malnourished, and MUAC ≥ 12.5 cm
coded as 0, showing the child is not malnourished. These outcomes or dependent variables
were set in binary form (0 or 1). The model logistic regression measures the chance of the
dependent variable, which is malnourishment of the child conditioned on socioeconomic
signs. The binary logistic regression description form is given below:

P (Yi = 1|X1i, X2i, . . . , Xkn) = F (β0 + β1X1i + β2X2i + . . . + βnXkn)

In this equation, Yi is denoting the child’s signs of malnourishment “i” as the outcome
variable (child BMI-for-age, CIAF, MUAC, stunting, wasting, and underweight); X shows
the explanatory variables; the coefficients of interest are represented by β’s, which elucidate
the amount of correlation with outcome variables. And Y, a dependent or binary outcome
variable, and (Yi = 0) indicates no undernourishment in a child, and (Yi = 1) represents
that the child is undernourishment/stunted/underweight/wasted/low BMI/low MUAC,
X = (X1i, X2i, . . . ,Xkn) as predictor variables, and xi is seen as the predictor variable value
for “i” observation.

3. Results

Present exploration focused on the nutritive status of 517 under-5 children. Of the
total, 55.32% were male and 44.68% were female. After the anthropometric assessment, it
is first important to look at the data distribution. In the distribution, <−1 to >−2 z-scores
show normal category, <−2 to >−3 shows moderate malnutrition, and <−3 to >−5 or
−6 shows serve malnutrition. WHO does not consider the z-scores >−6. Figures 1 and 2
explain that there exist deficiencies in HAZ (stunting) and WAZ (underweight), though a
mere precise and limited indication of WHZ (wasting) and BMI-for-age is present.

To understand the nature of malnutrition, it can be useful to look at the mean z-
scores of children’s ages in months. Figure 2 exposes the details of mean z-scores for
different anthropometric indicators such as WAZ (underweight), HAZ (stunting), and
WHZ (wasting) in children below five. It shows that mean z-scores for all children of district
Rahimyar Khan slightly increase after the age of 40 months. Figure 3 shows that mean
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z-scores for MUAC for all children increase till age 40 months and then slightly decrease.
Furthermore, Figure 4 shows mean z-scores child BMI-for-age decreasing over age.
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The prevalence of malnutrition using different approaches, i.e., BMI approach, MUAC,
and conventional anthropometric indices (Stunting, Wasting, and underweight) in children,
is given in Figure 5.

The results in Figure 5 demonstrate that BMI identified 62.24% of children are under-
nourished, CIAF identified 63.23% of children are malnourished, while MUAC depicted
that 33.46% of children are malnourished. While according to conventional indices, the
underweight occurrence was 41.89%, stunting was 58.86%, and wasting was 8.11% in the
Rahimyar Khan district.
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Figure 5. Malnutrition prevalence according to BMI-for-age, MUAC, CIAF, and Conventional An-
thropometric Indices (Stunting, Wasting, and Underweight).

Table 3 shows frequencies and percentages of malnutrition prevalence through dif-
ferent outcome approaches among preschool children in district Rahimyar Khan. Results
depicted in Table 3 show that malnutrition prevalence rates are high. The study investi-
gated shocking results through the BMI-for-age approach: 12% of the sample were over-
weight while 14% were obese in the Rahimyar Khan district.
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Table 3. Overall Malnutrition Prevalence (Frequencies and percentages) among children through
different approaches.

Indicators Frequencies and Percentages

BMI-for-age Normal = 133 (25.73%); Undernutrition = 321 (62.24%);
Overweight = 12 (2.32%); Obesity = 14(2.71%)

MUAC Normal = 213 (44.68%); Moderate Undernutrition (MAM) = 113 (21.86%);
Severe Undernutrition (SAM) = 173 (33.46%)

CIAF Normal = 114 (36.77%) Malnourished = 196 (63.23%)

Stunting Normal = 81 (30.34%); Moderate = 93 (34.83%); Severe = 93 (34.83%)

Underweight Normal = 78 (29%); Moderate = 67 (24.91%); Severe = 124 (46.10%)

Wasting Normal = 39 (54.93%); Moderate = 21 (29.58%); Severe = 11 (15.49%)

The results in Figure 6 show the multiple anthropometric failures according to the sub-
groups of CIAF classification among children. The results showed that stunting prevalence
was 23.79%, underweight was 21.08%, and wasting was 0.39% using CIAF classifications.
Other anthropometric disorders are also explained by CIAF in Figure 6.
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Figure 6. overall malnutrition prevalence (multiple anthropometric failures) according to the Sub-
groups of CIAF classification.

Logistic Regression Estimates
In the current study, it was supposed that child growth is affected by different socioe-

conomic factors. For this purpose, the study measured the association between child health
indicators and with age and sex of the child.

The logistic regression estimates for CIAF and other anthropometric indicators are rep-
resented in Table 4. The logistic findings in the CIAF model for children’s age showed that
the children’s age was correlated with a greater probability of malnourishment (OR = 6.33,
95% CI: 2.24–17.90). The chances of male child malnourishment were lesser in comparison
to female counterparts (OR = 0.69, 95% CI: 0.41–1.16). Children having 4–5 years of birth
order contains lesser possibilities of undernourishment (OR = 0.44, 95% CI: 0.21–0.94).
Mothers with primary education had lower probabilities of malnourishment in their chil-
dren under five (OR = 0.002, 95% CI: 1.48–5.48). However, unemployed mothers had a
greater likelihood of malnourished children under five (OR = 8.06, 95% CI: 0.93–69.93).
Through the scores of SES, the probabilities of children becoming undernourished were
less in the SES category 2 families (OR = 0.02, 95% CI: 0.05–0.88), and chances were also
less in the SES category 3 families (OR = 0.001, 95% CI: 0.01–0.16).
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Table 4. Binary logistic regression analysis results for CIAF, MUAC, Child BMI-for-age, Conventional Indices, and their correlates.

Explanatory Variables Categories CIAF
OR & CI

MUAC
OR & CI

CBMI-for-Age
OR & CI

Conventional Indices

Stunting
OR & CI

Underweight
OR & CI

Wasting
OR & CI

Chid age
(0 to 12

months-reference)

13–24 months 1.798 [0.65, 5.007] 0.68 [0.36, 1.27] 1.97 ** [1.07, 3.62] 2.09 [0.78, 5.57] 1.33 [0.67, 2.59] 1.27 [0.39, 4.18]
25–36 months 6.33 *** [2.24, 17.90] 0.42 *** [0.23, 0.78] 2.14 ** [1.16, 3.94] 5.96 *** [2.36, 15.04] 1.12 [0.59, 2.11] 0.61 [0.18, 2.03]
37–48 months 1.04 [0.45, 2.40] 0.26 *** [0.14, 0.48] 2.19 ** [1.19, 4.04] 1.22 [0.56, 2.69] 0.39 *** [0.21, 0.74] 0.72 [0.24, 2.17]
49–60 months 0.84 [0.36, 1.97] 0.25 *** [0.33, 0.49] 2.81 *** [1.43, 5.54] 1.10 [0.49, 2.48] 0.23 *** [0.11, 0.47] 0.45 [0.12, 1.75]

Child gender
(Female-reference) Male 0.69 *** [0.41, 1.16] 0.89 [0.62, 1.31] 0.87 [0.59, 1.30] 0.67 [0.41, 1.10] 1.005 [0.67, 1.49] 1.38 [0.65, 2.92]

Birth order number
(Birth order 1-reference)

2 or 3 0.90 [0.46, 1.77] 2.72*** [1.71, 4.34] 1.71 ** [1.07, 2.72] 0.61 [0.32, 1.16] 1.73 ** [1.04, 2.86] 4.09 ** [1.30, 12.84]
4 or 5 0.51 ** [0.25, 1.01] 2.15*** [1.28, 3.62] 2.33 *** [1.34, 4.06] 0.52** [0.26, 1.004] 1.23 [0.68, 2.12] 2.10 [0.59, 7.54]

6 and above 1.37 [0.54, 3.47] 3.68 *** [1.84, 7.35] 4.52 *** [1.87, 10.92] 0.87 [0.36, 2.06] 1.47 [0.73, 2.98] 2.99 [0.69, 12.88]

Mother’s education
(Illiterate-reference)

Primary 0.002 *** [1.48, 5.48] 0.72 [0.34, 1.53] 0.61 [0.29, 1.25] 0.74 [0.36, 1.53] 1.01 [0.53, 1.94] 1.58 [0.55, 4.58]
Middle 1.53 [0.44, 5.34] 0.77 [0.53, 2.33] 0.89 [0.36, 2.24] 1.24 [0.42, 3.69] 1.57 [0.73, 3.39] 2.42 [0.54, 10.88]

Matric & higher 0.73 [0.19, 2.77] 0.71 [0.36, 2.03] 0.22 [0.44, 1.10] 1.004 [0.31, 3.24] 1.24 [0.24, 6.45] 1.57 [0.16, 15.92]

Mothers work Status
(Working reference) Not-working 8.06 ** [0.93, 69.93] 2.16 [0.67, 6.94] 1.91 [0.62, 5.84] 3.95 * [0.92, 16.91] 2.57 [0.74, 8.95] 1.69 [0.17, 17.23]

Household
socio-economic status

(SES-1-reference)

SES-2 0.002 ** [0.05, 0.88] 2.88 * [0.86, 9.65] 0.59 [0.17, 2.06] 0.42 [0.13, 1.38] 4.05 ** [1.21, 13.54] 10.89 *** [2.77, 42.83]

SES-3 0.001 *** [0.01, 0.16] 1.52 [0.38, 6.14] 1.25 [0.27, 5.74] 0.25 ** [0.06, 1.04] 0.33 [0.08, 1.44] 1.54 [0.16, 15.18]

The overall significance of the models

*: References: Odd Ratios; p-Values;
Confidence Intervals

Significance level: *** if p < 0.01 ** if p < 0.05,
* if p < 0.1

Number of obs = 306 Number of obs = 517 Number of obs = 517 Number of obs = 312 Number of obs = 456 Number of obs = 407
LR chi2(14) = 53.27 LR chi2(15) = 64.62 LR chi2(15) = 51.15 LR chi2(14) = 38.86 LR chi2(14) = 55.48 LR chi2(15) = 13.34

Prob > chi2 ≤ 0.0001 Prob > chi2 ≤ 0.0001 Prob > chi2 ≤ 0.0001 Prob > chi2 = 0.0004 Prob > chi2 ≤ 0.0001 Prob > chi2 = 0.5764
Pseudo R2 = 0.1318 Pseudo R2 = 0.0909 Pseudo R2 = 0.0802 Pseudo R2 = 0.0917 Pseudo R2 = 0.0895 Pseudo R2 = 0.0582
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4. Discussion

Conventional indices (HAZ, WAZ, and WHZ), CIAF, BMI-for-age, and MUAC esti-
mated malnutrition in children of preschool age in rural Southern Punjab, Pakistan. The
results were as follows: CIAF approach identified 63%, MUAC, 33.46%, BMI-for-age,
62.24%. Conventional indices showed Stunting: 58.86%, Wasting: 8.11%, and Underweight:
41.89%. CIAF assessed more malnourished children than other approaches, including
conventional indices. Our results and studies conducted in the Middle East and Africa
seem consistent. Research in Nigeria’s rural community compared malnutrition through
conventional indices and CIAF. Conventional indices were as follows: wasting at 14.1%,
stunting at 33.1%, and underweight at 23.2%. At the same time, CIAF identified more
malnourished children with multiple failures (overall 47.5%) [17]. A study in rural Yemen
compared the nutritional status of children measured through CIAF and conventional
indices. It verified that CIAF recognized more malnourished children (70.1%) compared to
conventional indices in which 38.5%, 39.9%, and 55.1% stunting, wasting, and underweight
prevalence [18].

When we compare our findings with the regional literature, we find that in India and
Bangladesh, CIAF identified malnourished children greater than conventional indices or
BMI and MUAC. In India, a study in rural Varanasi indicated that CIAF reported 62.5%
of children malnourished compared to conventional indices (with percentages of 43.1,
35.2, and 31.5 incidences of stunting, under-weight, and wasting) [19]. Also, a study
in Karnataka highlighted that around 58.4% of the children were screened for wasting,
underweight, and stunting simultaneously using the CIAF tool. These rates are higher than
conventional indices and MUAC at only 19.3 percent [20]. Another study in Haryana found
that CIAF identified more malnourished children (45.25%) as compared to conventional
indices (13.8% wasting, 31.2% stunting, and 21.4% underweight) [21]. Similarly, research in
West Bengal highlighted that more children (32.7%) were reported malnourished through
CIAF while through conventional method stunting was 15%, underweight and wasting
was 17.7% [22]. Another study in West Bengal showed a higher prevalence of malnutrition
through CIAF (61.6%) than other approaches such as MUAC (15.3%), BMI-for-age (13.4%),
and conventional indices 51.9% stunting, 49.2% underweight, and 19% wasting [23]. Again
in West Bengal, research showed CIAF was 36.1%, but stunting, wasting, and underweight
prevalence were 4.9%, 2.1%, and 2.8%, respectively [24].

Next, a study in Kolkata revealed that the anthropometry approach identified 29%
stunting, 30.5% underweight, and 28.8% wasting in under-five children, which was higher
than the undernutrition reported through MUAC (20.3%) and BMI-for-age (28.8%) [25].
Also, an investigation in Gujarat revealed that the frequency of malnutrition through
CIAF was 73.4 percent, whereas the rate of underweight through conventional indices
was 50 percent [26]. A study in the slum areas of Chhattisgarh depicted that 62.1% of
children identified as malnourished through the CIAF tool, while 45.2 %, 46.6 %, and 17.8%
of children were screened as underweight, stunted, and wasted through conventional
methods [27]. Another inquiry reported high malnutrition prevalence through MUAC
(91.28% in boys and 88.55% in girls) compared to the anthropometric approach as stunting
(39.74 percent in boys and 41.49 percent in girls) and wasting (19.55 percent in boys and
15.74 percent in girls) in Muslim population in West Bengal, India [28]. Another study
compared the nutritional results in Delhi, India, measured through CIAF, MUAC, and
conventional indices. It highlighted that CIAF screened 60.5 % malnutrition in children,
which is higher than conventional indices in which stunting was 44.5%, underweight was
35.4%, wasting was 26.4%, and the MUAC noticed 23.7% of children malnourished [29].

The finding of the logistic regression models in Table 4 shows that all the variables are
significantly associated with CIAF. The findings of the study revealed that the nutritious
status of children is significantly impacted by age and gender. Some investigations depicted
that age and sex largely influenced the child’s growth patterns [30]. A previous study in
Guatemala showed that sex differences in length and weight existed over the age range as
boys compared to girls were heavier and taller, and this difference was minimum at the
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birth of a child, but it increased over two years of age [31]. According to a study [32], female
adults in South Asia and male adults in India, Bangladesh, Africa, and Pakistan were
shorter in height than average in England. It depicted that differences in children’s height
predominantly existed based on regional income, age, and sex differences. There is evidence
that [33] in wealthy children, the sexual dimorphism normal pattern occurred when males
had a propensity to be longer and heavier than females. The results of this study depicted
that the probability of malnutrition prevalence is less in male children compared to female
children in the district. Previous studies observed that due to gender inequality at the
home level, i.e., differences in care methods during illness, and unequal distribution of
food among male and female children, female children were more malnourished than male
children [34–36].

The logistic results depicted that higher birth intervals decrease the chances of child
malnourishment. On the other hand, it may not have a linear association with the rise in
order of birth. It may be because the majority of the parents were satisfying the primary
necessities of food for their children as food items such as vegetables, fruits, and milk are
available at discounted rates and are accessible in rural regions. Research in Nepal revealed
that the intermission of birth of fewer than 2 years was significantly correlated with severe
acute malnourishment [37]. Similarly, an investigation of Pakistani culture demonstrated
that higher birth order significantly raises the chances of stunting [38]. Although, another
research in the Pakistani context revealed that the likelihood of child death reduced with
higher intervals of birth [39].

It is considered that there may be a link between the women’s employment status and
the care of a child. If the mother is involved in a proper type of job or work, then the child’s
growth and care, particularly feeding of the child, might be influenced due to the less time
provided to the child because of work or job [40]. Besides this, the women’s employment
status contributes independently toward the nourishment of children. Family capital to
purchase foodstuff and manage the fundamentals of life increases women’s earnings. The
findings of this investigation demonstrated that mothers who were not employed have
higher chances of malnutrition prevalence among their children. The findings of a research
investigation in Pakistan depicted that the working status of women from the poorest and
poorer households was not contributing to the nutritional status of children. In contrast,
for women belonging to middle-income households, their working status contributed to
the children’s nutritious status [41]. It can be determined that females’ work/job would
be in a position that could uphold the family’s financial status, but the care of children
should not be suffered or compromised. The study findings depicted that educated mothers
have less likelihood of malnourishment prevalence among their children under the age of
five. Certain past investigations also supported our findings that the education of females
is a significant cause of malnutrition [42–46]. Another study from Sindh Province also
identified maternal illiteracy, overcrowding, and low income as significant stunting risk
factors [47]. Furthermore, education in rural mothers can reduce stunting, as women
are more likely to be malnourished than men in these areas, meaning malnourishment
prevalence in under-five children also increases [48].

The results depicted through logistic regression revealed that as the socioeconomic
status increases, the chances of malnourishment prevalence in under-five children decrease.
Research in India emphasized that household socioeconomic deprivation significantly
influenced the nutrition status of children as a deficiency in basic facilities augmented the
malnourishment occurrence in children [14]. Due to the lack of family socioeconomics in
India, the greater part of the poor families had at least one weak or underweight child
compared to non-poor families [49]. In Pakistan, a review of past studies showed that
families with poor financial status were the foremost factor contributing to the malnourish-
ment of the children [14,49–57]. By enhancing economic and social status, households have
additional resources to afford food and nutrition for their children.

Around 38.9% of children’s z-scores in the study area were over the flag of WHO ranges
(less than −5 and greater than +5), which depicts that one or two pieces of information, i.e.,
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height, age, or weight, may be misinformed in data handling, or could be written/taken
incorrectly. The chances of error in height and weight measurement were less. At the
same time, it was noticed that most of the mothers in the study area were unsure of their
children’s exact age, that perhaps they reported the wrong age. Because of this, 38.9%
of children’s z-scores crossed the WHO ranges and skipped measuring the conventional
indices and CIAF. Thus, in assessing malnutrition, care must be taken in anthropometric
measurement that information on height, age, and weight of the child should be accurate.
Especially age should be checked through children’s birth cards.

Conventional indices covered malnutrition in only three groups of children (under-
weight only; wasted only; stunted only) while CIAF covered all groups of malnourished
children [19]: underweight and wasted; underweight and stunted; stunted wasted and
underweight; stunted and wasted. Thus CIAF seems a robust indicator for malnutrition
assessment because it identified more children than conventional indices. It is developed
from the combination of these three conventional indices. The additional dimensions of
malnutrition unveiled by CIAF are its key worth and could have practical implications
for policymakers to monitor the trend of malnutrition and needed resource allocation at a
community level.

Limitation of the Study
This study has some limitations as it covers only one district of the Punjab province in

Pakistan with a limited sample owing to financial and logistic limitations. These results
have been based on the data collected from the poorest district of Pakistan. Generalizing
these results could be difficult.

5. Conclusions

Malnutrition prevalence through MUAC, BMI-for-age, and conventional indices is
lower than the CIAF approach. The results of binary logistic regression illustrated that all
the explanatory variables have a significant association with CIAF compared to other an-
thropometric approaches, i.e., MUAC, BMI-for-age, and conventional indexes like stunting,
wasting, and underweight. The study concludes that CIAF is a better tool for child nutri-
tional assessment, which exhibits more accurate estimates of malnutrition. Also, it identifies
more children having numerous anthropometric failures and provides malnourishment
patterning among preschool children living in low-resource settings.

Author Contributions: Conceptualization, M.S.; Data curation, M.S.; Formal analysis, M.S.; Investi-
gation, M.S.; Methodology, M.S.; Project administration, M.S., and F.A.; Writing—original draft, M.S.
and F.A.; Writing—review and editing, Y.L., W.A., M.G.Q., F.A. and K.T. All authors have read and
agreed to the published version of the manuscript.

Funding: The study received no external funding.

Institutional Review Board Statement: The Graduate Research Management Council (GRMC) of
Pakistan Institute of Development Economics (PIDE) Islamabad, Pakistan, approved this research
(Number: HE-01/2017 (PIDE); Approved Date: 13 June 2016).

Informed Consent Statement: All respondents were informed about the nature and purpose of the
study before taking their formal oral consent. In addition, the privacy, anonymity, and confidentiality
of all study participants were strictly ensured.

Data Availability Statement: The data used in this study are obtainable upon request from first
author, due to ethical and privacy constraints.

Acknowledgments: The authors wish to thank all those who voluntarily participated in the study
and helped collect data. The informed consent was obtained from all subjects involved in this study.

Conflicts of Interest: The authors disclose no potential conflict of interest.



Children 2022, 9, 1096 13 of 15

References
1. Stevens, G.A.; Finucane, M.M.; Paciorek, C.J.; Flaxman, S.R.; White, R.A.; Donner, A.J.; Ezzati, M. Nutrition Impact Model

Study Group Trends in mild, moderate, and severe stunting and underweight, and progress towards MDG 1 in 141 developing
countries: A systematic analysis of population representative data. Lancet 2010, 380, 824–834. [CrossRef]

2. United Nation International Children’s Emergency Fund. Levels and Trends in Child Malnutrition. 2014. Available online:
http://www.unicef.org/media/files/Levels_and_Trends_in_Child_Mortality_2014.pdf (accessed on 30 November 2021).

3. Di Cesare, M.; Bhatti, Z.; Soofi, S.B.; Fortunato, L.; Ezzati, M.; Bhutta, Z.A. Geographical and socioeconomic inequalities in women
and children’s nutritional status in Pakistan in 2011: An analysis of data from a nationally representative survey. Lancet Glob.
Health 2015, 3, e229–e239. [CrossRef]

4. Sen, J.; Mondal, N.; Dey, S. Assessment of the nutritional status of children aged 5–12 years using upper arm composition. Ann.
Hum. Biol. 2011, 38, 752–759. [CrossRef] [PubMed]

5. Nandy, S.; Svedberg, P. The Composite Index of Anthropometric Failure (CIAF): An alternative indicator for malnutrition in
young children. In Handbook of Anthropometry; Springer: New York, NY, USA, 2012; pp. 127–137.

6. Bose, K.; Mandal, G.C. Proposed new anthropometric indices of childhood undernutrition. Malays. J. Nutr. 2010, 16, 131–136.
7. Nandy, S.; Miranda, J.J. Overlooking undernutrition? Using a composite index of anthropometric failure to assess how un-

derweight misses and misleads the assessment of undernutrition in young children. Soc. Sci. Med. 2008, 66, 1963–1966.
[CrossRef]

8. Svedberg, P. Poverty and Under-Nutrition: Theory, Measurement and Policy; Oxford University Press: Oxford, UK, 2000. Available
online: https://doi.org/10.1093/0198292686.001.0001 (accessed on 29 August 2021).

9. Svedberg, P. How many people are malnourished? Annu. Rev. Nutr. 2011, 31, 263–283. [CrossRef]
10. McDonald, C.M.; Olofin, I.; Flaxman, S.; Fawzi, W.W.; Spiegelman, D.; Caulfield, L.E. Nutrition Impact Model Study. The effect of

multiple anthropometric deficits on child mortality: Meta-analysis of individual data in 10 prospective studies from developing
countries. Am. J. Clin. Nutr. 2013, 97, 896–901. [CrossRef]

11. WHO. Child Growth Standards and the Identification of Severe Acute Malnutrition in Infants and Children: A Joint Statement by the
World Health Organization and the United Nations Children’s Fund (UNICEF); WHO Press: Geneva, Switzerland, 2009. Available
online: https://www.who.int/toolkits/child-growth-standards/standards/body-mass-index-for-age-bmi-for-age (accessed
on 29 August 2021).

12. UNICEF. Mid-Upper Arm Circumference (MUAC) Measuring Tapes. Technical Bulletin No.13, Revision 2. 2009. Available
online: https://www.unicef.org/supply/media/1421/file/mid-upper-arm-circumference-measuring-tapes-technical-bulletin.
pdf (accessed on 29 August 2021).

13. Khan, F.J.; Javed, Y. Delivering Access to Safe Drinking Water and Adequate Sanitation in Pakistan; PIDE Work Paper; Pakistan
Institute of Development Economics: Islamabad, Pakistan, 2007; Volume 30, pp. 1–47. Available online: https://pide.org.pk/
pdfpideresearch/wp-0030-delivering-access-to-safe-drinking-water-and-adequate-sanitation-in-Pakistan.pdf (accessed on 29
August 2021).

14. Srinivasan, K.; Mohanty, S.K. Household deprivation and its linkages with reproductive health utilisation. Econ. Political Wkly.
2008, 43, 67–76.

15. Shahid, M.; Ahmed, F.; Ameer, W.; Guo, J.; Raza, S.; Fatima, S.; Qureshi, G.M. Prevalence of child malnutrition and household
socioeconomic deprivation: A case study of marginalized district in Punjab, Pakistan. PLoS ONE 2022, 17, e0263470. [CrossRef]

16. Shahid, M.; Cao, Y.; Ahmed, F.; Raza, S.; Guo, J.; Malik, N.I.; Rauf, U.; Qureshi, M.G.; Saheed, R.; Maryam, R. Does Mothers’
Awareness of Health and Nutrition Matter? A Case Study of Child Malnutrition in Marginalized Rural Community of Punjab,
Pakistan. Front. Public Health 2022, 10, 792164. [CrossRef]

17. Olukemi, F.S. Assessing the prevalence of Undernutrition using the composite index of anthropometric failure (CIAF) among
young children in a rural community in Oyo state, Nigeria. Niger. J. Nutr. Sci. 2014, 35, 19–24.

18. Al-Sadeeq, A.H.; Bukair, A.Z.; Al-Saqladi, A.W.M. Assessment of undernutrition using Composite Index of Anthropometric
Failure among children aged <5 years in rural Yemen. East. Mediterr. Health J. 2018, 24, 1119–1126. [CrossRef] [PubMed]

19. Anwar, F.; Gupta, M.K.; Prabha, C.; Srivastava, R.K. Malnutrition among rural Indian children: An assessment using web of
indices. Int. J. Public Health Epidemiol. 2013, 2, 78–84.

20. Brahmbhatt, K.R.; Hameed, S.; Naik, P.M.; Prasanna, K.S.; Jayram, S. Role of new anthropometric indices, validity of MUAC and
Weech’s formula in detecting under-nutrition among under-five children in Karnataka. Int. J. Biomed. Adv. Res. 2013, 3, 896–900.
[CrossRef]

21. Gupta, V.; Mohapatra, D.; Kumar, V. Nutritional assessment among children (under five years of age) using various anthropometric
indices in an urban area of district Rohtak, Haryana, India. Int. J. Biomed. Res. 2015, 6, 629–634. [CrossRef]

22. Dasgupta, A.; Parthasarathi, R.; Biswas, R.; Geethanjali, A. Assessment of under nutrition with composite index of anthropometric
failure (CIAF) among under-five children in a rural area of West Bengal. Ind. J. Commun. Health 2014, 26, 132–138.

23. Stiller, C.K.; Golembiewski, S.K.E.; Golembiewski, M.; Mondal, S.; Biesalski, H.K.; Scherbaum, V. Prevalence of undernutrition
and anemia among santal adivasi children, Birbhum District, West Bengal, India. Int. J. Environ. Res. Public Health 2020, 17, 342.
[CrossRef]

http://doi.org/10.1016/S0140-6736(12)60647-3
http://www.unicef.org/media/files/Levels_and_Trends_in_Child_Mortality_2014.pdf
http://doi.org/10.1016/S2214-109X(15)70001-X
http://doi.org/10.3109/03014460.2011.610358
http://www.ncbi.nlm.nih.gov/pubmed/21875384
http://doi.org/10.1016/j.socscimed.2008.01.021
https://doi.org/10.1093/0198292686.001.0001
http://doi.org/10.1146/annurev-nutr-081810-160805
http://doi.org/10.3945/ajcn.112.047639
https://www.who.int/toolkits/child-growth-standards/standards/body-mass-index-for-age-bmi-for-age
https://www.unicef.org/supply/media/1421/file/mid-upper-arm-circumference-measuring-tapes-technical-bulletin.pdf
https://www.unicef.org/supply/media/1421/file/mid-upper-arm-circumference-measuring-tapes-technical-bulletin.pdf
https://pide.org.pk/pdfpideresearch/wp-0030-delivering-access-to-safe-drinking-water-and-adequate-sanitation-in-Pakistan.pdf
https://pide.org.pk/pdfpideresearch/wp-0030-delivering-access-to-safe-drinking-water-and-adequate-sanitation-in-Pakistan.pdf
http://doi.org/10.1371/journal.pone.0263470
http://doi.org/10.3389/fpubh.2022.792164
http://doi.org/10.26719/2018.24.12.1119
http://www.ncbi.nlm.nih.gov/pubmed/30799551
http://doi.org/10.7439/ijbar.v3i12.872
http://doi.org/10.7439/ijbr.v6i9.2424
http://doi.org/10.3390/ijerph17010342


Children 2022, 9, 1096 14 of 15

24. Roy, K.; Dasgupta, A.; Roychoudhury, N.; Bandyopadhyay, L.; Mandal, S.; Paul, B. Assessment of under nutrition with composite
index of anthropometric failure (CIAF) among under-five children in a rural area of West Bengal, India. Int. J. Contemp. Pediatr.
2018, 5, 1651–1656. [CrossRef]

25. Mandal, S.; Pal, J.; Parthasarathi, R.; Biswas, R. An assessment of nutritional status of children aged 0–14 years in a slum area of
Kolkata. Int. J. Med. Public Health 2014, 4, 159–162.

26. Rastogi, S.; Maheshwari, C.; Raghav, S.K.; Lala, M.K. Assessing burden of under-nutrition among under-five children of urban
slum by using composite index of anthropometric failure in Ahmedabad city, Gujarat, India. Natl. J. Community Med. 2017,
8, 496–500.

27. Boregowda, G.S.; Soni, G.P.; Jain, K.; Agrawal, S. Assessment of under nutrition using composite index of anthropometric
failure (CIAF) amongst toddlers residing in Urban slums of Raipur City, Chhattisgarh, India. J. Clin. Diagn. Res. JCDR 2015,
9, LC04–LC06. [CrossRef] [PubMed]

28. Sen, J.; Dey, S.; Mondal, N. Conventional nutritional indices and Composite Index of Anthropometric Failure: Which seems
more appropriate for assessing under-nutrition among children? A cross-sectional study among school children of the Bengalee
Muslim Population of North Bengal, India. Ital. J. Public Health 2011, 8, 172–185.

29. Titoria, R.; Ponnusamy, P.; Mehra, S. Identification of undernutrition in under five children: Z score or a composite index of
anthropometric failure? Int. J. Community Med. Public Health 2019, 6, 3150. [CrossRef]

30. Bordom, J.H.; Billot, L.; Gueguen, R.; Deschamps, J.P. New growth charts for Libyan preschool children. East. Mediterr. Health J.
2008, 14, 1400–1412.

31. Yarbrough, C.; Habicht, J.P.; Malina, R.M.; Lechtig, A.; Klein, R.E. Length and weight in rural Guatemalan Ladino children: Birth
to seven years of age. Am. J. Phys. Anthropol. 1975, 42, 439–447. [CrossRef]

32. Sacker, A.; Kelly, Y.J. Ethnic differences in growth in early childhood: An investigation of two potential mechanisms. Eur. J. Public
Health 2012, 22, 197–203. [CrossRef]

33. Wamani, H.; Åstrøm, A.N.; Peterson, S.; Tumwine, J.K.; Tylleskär, T. Boys are more stunted than girls in sub-Saharan Africa: A
meta-analysis of 16 demographic and health surveys. BMC Pediatr. 2007, 7, 17. [CrossRef]

34. Kshatriya, G.K.; Acharya, S.K. Gender disparities in the prevalence of undernutrition and the higher risk among the young
women of Indian tribes. PLoS ONE 2016, 11, e0158308. [CrossRef]

35. Castel, H.; Shahar, D.; Harman-Boehm, I. Gender differences in factors associated with nutritional status of older medical patients.
J. Am. Coll. Nutr. 2006, 25, 128–134. [CrossRef]

36. Khatun, M.; Stenlund, H.; Hörnell, A. BRAC initiative towards promoting gender and social equity in health: A longitudinal
study of child growth in Matlab, Bangladesh. Public Health Nutr. 2004, 7, 1071–1079. [CrossRef]

37. Pravana, N.K.; Piryani, S.; Chaurasiya, S.P.; Kawan, R.; Thapa, R.K.; Shrestha, S. Determinants of severe acute malnutrition among
children under 5 years of age in Nepal: A community-based case–control study. BMJ Open 2017, 7, e017084. [CrossRef] [PubMed]

38. Tariq, J.; Sajjad, A.; Zakar, R.; Zakar, M.Z.; Fischer, F. Factors associated with undernutrition in children under the age of two years:
Secondary data analysis based on the Pakistan demographic and health survey 2012–2013. Nutrients 2018, 10, 676. [CrossRef]
[PubMed]

39. Khan, R.E.A.; Bari, K.M.; Raza, M.A. Socioeconomic determinants of child mortality: Evidence from Pakistan Demographic and
Health Survey. Bus. Rev. 2019, 13, 34–50. [CrossRef]

40. Nair, M.; Ohuma, E.; Ariana, P.; Webster, P.; Gray, R. Effect of the Mahatma Gandhi National Rural Employment Guarantee Act
on malnutrition of children aged between 1 and 12 months in Rajasthan, India: A mixed methods study. Lancet 2012, 380, S9.
[CrossRef]

41. Shahid, M. Interaction of household wealth and women’s working status on child malnutrition: Evidence from PDHS-2013. Pak.
Perspect. J. 2020, 25, 71–84. [CrossRef]

42. Cunningham, K.; Headey, D.; Singh, A.; Karmacharya, C.; Rana, P.P. Maternal and child nutrition in Nepal: Examining drivers of
progress from the mid-1990s to 2010s. Glob. Food Sec. 2017, 13, 30–37. [CrossRef]

43. Shafiq, A.; Hussain, A.; Asif, M.; Hwang, J.; Jameel, A.; Kanwel, S. The effect of “women’s empowerment” on child nutritional
status in Pakistan. Int. J. Environ. Res. Public Health 2019, 16, 4499. [CrossRef]

44. Shahid, M.; Qureshi, M.G.; Ahmed, J.F. Socio-economic Causes of malnutrition among pre-school children in Pakistan: A
gender-disaggregated analysis. Glob. Econ. Rev. 2020, 5, 47–59. [CrossRef]

45. Aguayo, V.M.; Badgaiyan, N.; Qadir, S.S.; Bugti, A.N.; Alam, M.M.; Nishtar, N.; Galvin, M. Community management of acute
malnutrition (CMAM) programme in Pakistan effectively treats children with uncomplicated severe wasting. Matern. Child Nutr.
2018, 14, e12623. [CrossRef]

46. Shahid, M.; Leghari, I.U.; Ahmed, F. Socio-economic correlates of children’s nutritional status: Evidence from Pakistan Demo-
graphic and Health Survey 2017-18. Glob. Econ. Rev. 2020, 1, 221–233. [CrossRef]

47. Nuruddin, R.; Hadden, W.C. Are pre-school girls more likely to be under-nourished in rural Thatta, Pakistan? A cross-sectional
study. Int. J. Equity Health 2015, 14, 151. [CrossRef] [PubMed]

48. Khalid, H.; Martin, E.G. Female-headed households associated with lower childhood stunting across culturally diverse regions of
Pakistan: Results from A cross-sectional household survey. Matern. Child Health J. 2017, 21, 1967–1984. [CrossRef] [PubMed]

49. Panda, B.K.; Mohanty, S.K.; Nayak, I.; Shastri, V.D.; Subramanian, S.V. Malnutrition and poverty in India: Does the use of public
distribution system matter? BMC Nutr. 2020, 6, 41. [CrossRef] [PubMed]

http://doi.org/10.18203/2349-3291.ijcp20182583
http://doi.org/10.7860/JCDR/2015/12822.6197
http://www.ncbi.nlm.nih.gov/pubmed/26393147
http://doi.org/10.18203/2394-6040.ijcmph20192866
http://doi.org/10.1002/ajpa.1330420311
http://doi.org/10.1093/eurpub/ckr032
http://doi.org/10.1186/1471-2431-7-17
http://doi.org/10.1371/journal.pone.0158308
http://doi.org/10.1080/07315724.2006.10719523
http://doi.org/10.1079/PHN2004652
http://doi.org/10.1136/bmjopen-2017-017084
http://www.ncbi.nlm.nih.gov/pubmed/28851796
http://doi.org/10.3390/nu10060676
http://www.ncbi.nlm.nih.gov/pubmed/29861467
http://doi.org/10.54784/1990-6587.1029
http://doi.org/10.1016/S0140-6736(13)60295-0
http://doi.org/10.2139/ssrn.3793502
http://doi.org/10.1016/j.gfs.2017.02.001
http://doi.org/10.3390/ijerph16224499
http://doi.org/10.31703/ger.2020(V-II).04
http://doi.org/10.1111/mcn.12623
http://doi.org/10.31703/ger.2020(V-I).18
http://doi.org/10.1186/s12939-015-0287-3
http://www.ncbi.nlm.nih.gov/pubmed/26689821
http://doi.org/10.1007/s10995-017-2314-z
http://www.ncbi.nlm.nih.gov/pubmed/28717921
http://doi.org/10.1186/s40795-020-00369-0
http://www.ncbi.nlm.nih.gov/pubmed/33014406


Children 2022, 9, 1096 15 of 15

50. Ahmed, F.; Shahid, M. Understanding food insecurity experiences, dietary perceptions and practices in the households facing
hunger and malnutrition in Rajanpur District, Punjab Pakistan. Pak. Perspect. 2019, 24, 116–133.

51. Shahid, M.; Ameer, W.; Malik, N.I.; Alam, M.B.; Ahmed, F.; Qureshi, M.G.; Zhao, H.; Yang, J.; Zia, S. Distance to Healthcare
Facility and Lady Health Workers’ Visits Reduce Malnutrition in under Five Children: A Case Study of a Disadvantaged Rural
District in Pakistan. Int. J. Environ. Res. Public Health 2022, 19, 8200. [CrossRef]

52. Shafiq, A.; Hussain, A.; Asif, M.; Jameel, A.; Sadiq, S.; Kanwel, S. Determinants of gender disparity in nutritional intake among
children in Pakistan: Evidence from PDHS. Children 2020, 9, 7. [CrossRef]

53. Khan, G.N.; Turab, A.; Khan, M.I.; Rizvi, A.; Shaheen, F.; Ullah, A.; Hussain, A.; Hussain, I.; Ahmed, I.; Yaqoob, M.; et al.
Prevalence and associated factors of malnutrition among children under-five years in Sindh, Pakistan: A cross-sectional study.
BMC Nutr. 2016, 2, 69. [CrossRef]

54. Shahid, M.; Cao, Y.; Shahzad, M.; Saheed, R.; Rauf, U.; Qureshi, M.G.; Hasnat, A.; Bibi, A.; Ahmed, F. Socio-economic and
environmental determinants of malnutrition in under three children: Evidence from PDHS-2018. Children 2022, 9, 361. [CrossRef]

55. Ahmed, F.; Malik, N.I.; Malik, N.; Qureshi, M.G.; Shahzad, M.; Shahid, M.; Zia, S.; Tang, K. Key challenges to optimal therapeutic
coverage and maternal utilization of CMAM Program in rural Southern Pakistan: A qualitative exploratory study. Nutrients 2022,
14, 2612. [CrossRef]

56. Ahmed, F.; Malik, N.I.; Shahzad, M.; Ahmad, M.; Shahid, M.; Feng, X.L.; Guo, J. Determinants of infant young child feeding
among mothers of malnourished children in South Punjab, Pakistan: A qualitative study. Front. Public Health 2022, 10, 834089.
[CrossRef]

57. Ahmed, F.; Leghari, I.U.; Alam, M.B.; Shahid, M. Sociocultural construction of the ritual and practice of ghutti (pre-lacteal): An
ethnographic study in Rajanpur, Punjab Pakistan. Ann. King Edw. Med. Univ. 2019, 25, 1–8.

http://doi.org/10.3390/ijerph19138200
http://doi.org/10.3390/children9010007
http://doi.org/10.1186/s40795-016-0112-4
http://doi.org/10.3390/children9030361
http://doi.org/10.3390/nu14132612
http://doi.org/10.3389/fpubh.2022.834089

	Introduction 
	Materials and Methods 
	Study Area 
	Sampling and Research Design 
	Data Collection and Ethical Consideration 
	Measurements, Terminologies, and Variables 
	Statistical Analysis 

	Results 
	Discussion 
	Conclusions 
	References

