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Abstract: It is well established that pre-existing comorbid conditions such as hypertension, diabetes,
obesity, cardiovascular diseases (CVDs), chronic kidney diseases (CKDs), cancers, and chronic
obstructive pulmonary disease (COPD) are associated with increased severity and fatality of COVID-
19. The increased death from COVID-19 is due to the unavailability of a gold standard therapeutic
and, more importantly, the lack of understanding of how the comorbid conditions and COVID-19
interact at the molecular level, so that personalized management strategies can be adopted. Here,
using multi-omics data sets and bioinformatics strategy, we identified the pathway crosstalk between
COVID-19 and diabetes, hypertension, CVDs, CKDs, and cancers. Further, shared pathways and hub
gene-based targets for COVID-19 and its associated specific and combination of comorbid conditions
are also predicted towards developing personalized management strategies. The approved drugs for
most of these identified targets are also provided towards drug repurposing. Literature supports
the involvement of our identified shared pathways in pathogenesis of COVID-19 and development
of the specific comorbid condition of interest. Similarly, shared pathways- and hub gene-based
targets are also found to have potential implementations in managing COVID-19 patients. However,
the identified targets and drugs need further careful evaluation for their repurposing towards
personalized treatment of COVID-19 cases having pre-existing specific comorbid conditions we have
considered in this analysis. The method applied here may also be helpful in identifying common
pathway components and targets in other disease-disease interactions too.
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1. Introduction

The current outbreak of COVID-19 has raised unprecedented obstacles for all and has
broken down the healthcare system across several countries [1–5]. According to the WHO
weekly epidemiological update on COVID-19 (4 May 2021), COVID-19 is accounted for
151,812,556 cases and 3,186,817 deaths worldwide [6]. Heterogeneity is the most striking
feature of the outbreak, ranging from no symptoms to critical conditions and death [7–9].
The risk of serious disease is increased by age, gender, and comorbidities [10–12]. The
seriousness of COVID-19 disease progression is also associated with several chronic comor-
bid conditions [13,14]. Worst outcomes have been correlated with comorbidities, which
include hypertension, diabetes, cardiovascular diseases (CVDs), obesity, chronic kidney
diseases (CKDs), cancers, and chronic obstructive pulmonary disease (COPD), among
others [8,15–17]. Hypertension, CVDs, and diabetes mellitus are the most common co-
morbidities in COVID-19 [16,18]. Further, several post- and long-term complications in
COVID-19 survivors are also mounting with time [19].

Although several drugs have been tested for repurposing in COVID-19 therapy and
several drugs are under clinical trials [20–22], none of these drugs have proven to be the
gold standard to treat the disease. The treatment becomes more complex while considering
the comorbid conditions due to the lack of comorbidity assessment, drug–drug interac-
tions [23], and most importantly, lack of knowledge of the pathway crosstalk between
COVID-19 and its comorbid conditions to understand the complexity in pathogenesis. The
treatment’s efficacy could be increased if the molecular pathway crosstalk between the
specific comorbidity and COVID-19 is understood and that crosstalk-based targets and
targeting drugs are used towards personalized medication. Although, some reports are
available such as crosstalk between COVID-19 and breast cancer [24,25], COVID-19 and
Alzheimer’s disease [26], COVID-19 and ischemic stroke [27], hyperthyroidism and COVID-
19 [28], COVID-19 and age, and COVID-19 and hypertension [29]; omics-based molecular
pathway crosstalk between COVID-19 and its associated vital comorbid conditions and
those crosstalk-based targets have not been investigated.

In this study using multi-omics data sets and bioinformatics approaches, we attempted
to understand the pathway crosstalk between specific comorbid conditions and COVID-19
and that crosstalk-based targets towards personalized management of COVID-19 with
pre-existing specific comorbidity. We have considered five key comorbid conditions (hy-
pertension, diabetes, CVDs, CKDs, and cancers) in this analysis.

2. Materials and Methods

Since there is not much information about the pathway–pathway interactions of
COVID-19 with its associated comorbid conditions, we applied a pathway mapping ap-
proach to understand the molecular crosstalk between COVID-19 and its comorbid diseases.
Recently, we achieved high precision in predicting COVID-associated symptoms, diseases,
and drugs [30,31] using five omics data sets: interactome data from Gordon et al. 2020 [32],
proteome data from Bojkova et al. 2020 [33], transcriptome profiles from Blanco-Melo et al.
2020 [34] and Xiong et al. 2020 [35], and bibliome data (COVID-19 associated genes from
DisGeNET data collection (https://www.disgenet.org/covid/genes/summary/ (accessed
on 12 March 2021)). We used these same data sets also in this study. Unlike our previous
bioinformatics approaches [30,31], here, we have combined these multi-omics data together
(total 2163 genes) and used them in this analysis.

First, we identified the genes associated with the key comorbid disease pathways from
KEGG [36] and MSigDB [37] databases to understand the pathway–pathway interactions or
crosstalks. From KEGG, diabetes (hsa04930, 47 genes), hypertension (hsa04614, 23 genes),
and cancer (hsa05200, 395 genes), and COVID-19 (hsadd05171, 232 genes) pathway genes
were collected. Since the CVD and CKD pathways are not available in KEGG, we used the
DisGeNET database [38] to collect CVD- (1551 genes) and CKD- (908 genes) associated
genes. Next, we used the Vinny tool (https://bioinfogp.cnb.csic.es/tools/venny/ (accessed
on 18 March 2021)) to identify the three gene sets’ core common genes: multi-omics, KEGG-
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COVID-19 (hsadd05171), and the specific comorbid disease pathway genes. The three
data sets’ core common genes are then used to identify the pathways in which these
genes are involved using the TopFun algorithm of ToppGene suit [39] and Enrichr [40]. In
Enrichr, Reactome, KEGG 2019 human pathway, and MSigDB hallmark 2020 databases
were used. The most common pathways enriched within the top ten pathways from each
database were used for the results. For common pathway-based target identification, the
candidate gene prioritization option of ToppGene [39] was used. In this analysis, the
common core genes were used as a test set, and the remaining multi-omics data and KEGG
COVID-19 pathway genes were used as a training set. Enrichr was also employed for
PPI-based hub gene identification using the common core genes, and interactive [41] was
used for comorbidity-specific target identification from the comorbidity-specific hub-gene
sets. Finally, we used Drug Target Profiler (DTP) [42] to identify approved drugs for all our
identified targets.

3. Results
3.1. Pathway Crosstalks in Diabetes and COVID-19

The KEGG diabetes pathway (hsa04930) was used to understand pathway–pathway
interactions between diabetes and COVID-19. Following the methods described, we found
that 21 genes (TNF, MAPK1, MAPK8, PIK3CA, PIK3CB, PIK3CD, MAPK3, INSR, HK3, HK2,
PKM, INS, MTOR, PIK3CG, ADIPOQ, PIK3R1, PIK3R2, PIK3R3, MAPK10, MAPK9, and
IKBKB) are shared by both diabetes and COVID-19, of which seven genes (TNF, MAPK1,
MAPK8, PIK3CA. PIK3CB, PIK3CD, and MAPK3) are the core gene set that is shared
among all three groups of datasets (Supplementary Figure S1A). While we analyzed the
hubness of these genes using Enrichr PPI Hub Proteins, it was found that IRS1 is the
critical gene (Supplementary Figure S1B and Supplementary Table S1). To understand
how these 21 genes are involved in COVID-19 pathogenesis, we considered the top 10
pathways enriched by Enrichr. We mainly considered the microbial infection pathways
in this analysis. In Reactome-based Enrichr analysis, the Fc epsilon receptor (FCERI)
signaling pathway followed by PI-3K cascade was the top pathway for these shared genes
(Supplementary Table S1). However, in KEGG 2019 Human pathway-based analysis, the
Fc epsilon RI signaling pathway enriched at rank 12. The insulin signaling pathway, FoxO
signaling pathway, HIF-1 signaling pathway, and toll-like receptor (TLR) signaling pathway
were the top 10 pathways from the KEGG database (Supplementary Table S1). To find
a consensus in pathways, we used the TopFun algorithm of ToppGene suit and found
the insulin signaling, toll-like receptor signaling, and Fc epsilon RI signaling pathways
commonly enriched within the top 10 pathways (Supplementary Table S1), while we
considered the common core seven genes of the three data sets (TNF, MAPK1, MAPK8,
PIK3CA, PIK3CB, PIK3CD, and MAPK3) and used the same analysis. Similar to the previous
analysis, IRS1 was identified as the key hub gene (Supplementary Figure S1C), and Fc
epsilon RI signaling and toll-like receptor signaling pathways were among the top ten
pathways (Table 1, Supplementary Table S1).

To find the key targets in the common 21 genes and seven common core genes, we
applied the candidate gene prioritization approach using ToppGene. For the 21 genes, 2294
genes from our multi-omics data and KEGG COVID-19 pathway genes were used. The results
show that INSR and TNF are top candidate genes. While we used 225 KEGG COVID-19
pathway genes as the training set, TNF is found to be the top candidate gene (Supplementary
Table S1). Further, digoxin and ceritinib were the approved drugs found against TNF and
INSR, respectively, as per the DTP database [42]. (Supplementary Figure S1D).

Therefore, taken together, we concluded that diabetes or insulin signaling pathway is
interacting or sharing the sub-pathways with pro-inflammatory cytokine signaling cascades
(TLR, Fc epsilon receptor, FoxO, and HIF-1) associated with COVID-19 pathogenesis. Acti-
vation of TLR signaling in SARS-CoV-2 infection leads to the secretion of pro-inflammatory
cytokines and cytokine storms [43]. Further, the Fc epsilon RI signaling pathway is also
associated with cytokine secretion and inflammatory responses [44]. Therefore, diabetic
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patients are at risk of developing severe COVID-19 and cytokine storm upon SARS-CoV-2
infection, as reported frequently [45], probably due to activation of these pro-inflammatory
cytokine signaling pathways. Further, our analysis with the 21 and seven genes (that link
the diabetes pathway with COVID-19) suggests that TNF and INSR are key targets in
COVID-19 patients with pre-existing diabetes, and the anti-TNF anti-INSR drugs may be
repurposed in managing the COVID-19 severity in diabetic patients (Table 1).

Table 1. Summary of the identified pathway crosstalk between COVID-19 and associated five comorbidities.

Comorbid
Conditions Diabetes Hypertension Cancers Chronic Kidney

Diseases (CKDs)
Cardiovascular

Diseases (CVDs)

Pathways shared
with COVID-19

Fc epsilon RI
signaling, TLR

signaling, Insulin
signaling

Renin-angiotensin
system,

Metabolism of
angiotensinogen to

angiotensins, Peptide
hormone metabolism

pathways

Signaling by
interleukins, TLR
signaling, TNF-α

signaling via NF-kB

IL-6/JAK/STAT3
signaling, TNF-α

signaling via NF-kB,
TLR signaling,

AGE-RAGE
signaling, Fc epsilon

RI signaling

IL-6/JAK/STAT3
signaling, TNF-α

signaling via NF-kB,
TLR signaling,

AGE-RAGE
signaling

Shared
pathway-based top

ten targets

INSR, TNF, PIK3R1,
INS, PKM, MAPK1,

IKBKB, PIK3CD,
HK2, HK3

AGT, ANPEP, ACE,
MME, REN, CTSA,

ENPEP, AGTR1,
AGTR2, ACE2

IL6, CXCL8, EGFR,
FOS, PIK3R1, NFKB1,

STAT3, STAT1,
PRKCB, JUN

IFNA1, C3, EGFR,
TLR4, TLR3, IL6,

MAPK1, MAPK14,
CYBB, STAT3

C3, CFB, EGFR, IL6,
TLR2, MAPK14,
MAPK1, STAT3,

CYBB, TLR4

Shared
pathway-based

drugs

Digoxin (TNF);
Ceritinib (INSR)

Captopril
(ACE, REN);

Losartan (AGTR1)

Digoxin
(CXCL8, NFKB1);
Prednisolone (IL6)

IFN-α therapy
(IFNA1);

AMY-101 (C3)

AMY-101 (C3);
Prednisolone (IL6)

Hub-gene targets PDGFRB, JAK1,
IGF1R, SHC1

GNAI3, DED1,
HSPA1A, PCNA,
RUVBL1, EFT1,
RUVBL2, RAF1

− JUN MAPK1, HSP90AA1

Hub-gene targeting
drugs

Sorafenib, Sunitinib,
Nintedanib (PDGFRB);
Sunitinib, Nintedanib,

Ruxolitinib (JAK1);
Ceritinib (IGF1R)

Sorafenib (RAF1) − Rosiglitazone,
Tolvaptan (JUN)

Desipramine
(MAPK1);

Clotrimazole
(HSP90AA1)

Hub-gene common
targets and drugs

Nintedanib,
Ruxolitinib (JAK2)

Nintedanib,
Ruxolitinib (JAK2)

Nintedanib,
Ruxolitinib (JAK2)

Nintedanib,
Ruxolitinib (JAK2)

Nintedanib,
Ruxolitinib (JAK2)

The table also provides the shared pathways and those pathway-based targets and drugs for specific comorbidity. Further, the top ten
hub-gene-based targets and drugs for individual comorbid conditions are also presented.

3.2. Pathway Crosstalks in Hypertension and COVID-19

We used the KEGG hypertension (renin-angiotensin system) pathway (hsa04614) in
this analysis to identify the pathway–pathway interactions between hypertension and
COVID-19. Thirteen genes (NLN, CTSA, REN, AGT, AGTR2, ANPEP, ENPEP, MME,
MRGPRD, ACE2, ACE, AGTR1, and MAS1) were found shared by hypertension and
COVID-19. ACE2, ACE, AGTR1, and MAS1 are the four-core gene set that is shared by
all three data sets (Supplementary Figure S2A). DED1, EFT1, GNAI2, and JAK2 are the
hub-genes of both gene sets (Supplementary Figure S2B,C and Supplementary Table S2).
While we considered the top 10 pathways common between hypertension and COVID-19
using these common 13 and f4-gene sets, we observed that the renin-angiotensin system,
metabolism of angiotensinogen to angiotensin, and peptide hormone metabolism pathways
were the top pathways for these shared genes (Supplementary Table S2).

For target identification from the common 13 genes and 4 common core gene sets, 228
KEGG COVID-19 pathway genes and 2075 genes from our multi-omics data (total 2302 genes)
were used as the training set. AGT, ANPEP, ACE, MME, and REN were the top five targets
among the 13 common genes, and ACE and AGTR1 are the top two targets among the 4
core gene sets (Supplementary Table S2). Combining the outcomes from both target lists, we
selected ACE, AGT, AGTR1, and REN as important targets in COVID-19 for hypertension
patients. From the DTP database [42], captopril was found to target both ACE and REN
(Table 1). No approved drug is retrieved for AGT (Supplementary Figure S2D).
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3.3. Pathway Crosstalks in Cancers and COVID-19

For cancer, we used the 395 genes available in the KEGG cancer pathway (hsa05200 and
subtracted these cancer genes from our multi-omics and KEGG COVID-19 (hsa05171) path-
way genes. We found 18 core genes (STAT1, IL6, EGFR, AGTR1, CXCL8, NFKB1, JUN, STAT3,
MAPK1, MAPK8, FOS, PIK3CA, PIK3CB, PIK3CD, CHUK, JAK1, NFKBIA, and MAPK3)
common to all three datasets (Supplementary Figure S3A). JAK2, STAT3, EGFR, STAT1,
and IRS1 are key hub-genes identified from these 18 genes (Supplementary Figure S3B and
Supplementary Table S3). Pathway mapping shows that the critical pathways shared be-
tween cancer and COVID-19 by these 18 genes were Fc epsilon receptor (FCERI) signaling.
Signaling by interleukins, TLR signaling, TRAF6-medi0ated induction of pro-inflammatory
cytokines, TNF-α signaling via NF-kB, hepatitis B and C, and AGE-RAGE signaling path-
way in diabetic complications. Interleukin, TLR, and TNF signaling are enriched by at least
two algorithms (Supplementary Table S3). While we used the 34 genes shared between the
KEGG cancer pathway (hsa05200) and the KEGG COVID-19 pathway (hsa05171), we got
similar pathways (data not shown).

We used these 18 core common genes and the 16 genes (total 34 genes) shared by
the KEGG COVID-19 and cancer pathways for candidate gene prioritization-based target
identification. Note that 2208 genes from our multi-omics and KEGG COVID-19 pathway
datasets were used in the training gene set. The enrichment shows that IL6 is the top target,
followed by CXCL8, EGFR, FOS, PIK3R1, and NFKB1 (Supplementary Table S3). From the
DTP database, prednisolone was found to target IL6, and digoxin was found to target both
CXCL8 and NFKB1 (Table 1 and Supplementary Figure S3C).

3.4. Pathway Crosstalks in CKDs and COVID-19

Since there is no pathway for CKD in KEGG or Reactome, we used 908 genes associated
with CKD from the DisGeNET. We did not consider the gene mutations in this gene list.
Following our method, we identified 32 common core genes (DDX58, STAT1, IL6, NLRP3,
CYBB, EGFR, ACE2, IL1B, F2, IFNA1, CXCL8, CCL2, IL2, NFKB1, MAS1, CSF2, TLR4,
JUN, STAT3, TLR3, VWF, C3, MAPK1, ADAM17, FOS, PIK3CA, PIK3CB, PIK3CD, CASP1,
MAPK14, CSF3, and MAPK3) among the three groups of our data sets (Supplementary
Figure S4A). FOS, EGFR, STAT3, STAT1, SYK, JAK2, AR, PTK2, PRKCD, and JUN were the
top ten hub-genes (Supplementary Figure S4B and Supplementary Table S4).

In pathway mapping of these 32 genes by Enrichr (Reactome, MSigDB, KEGG)
and by TopFun, the common pathways ranked within the top 10 were cytokine signal-
ing/inflammatory response, signaling by interleukins/IL-6/JAK/STAT3 signaling, TNF-α
signaling via NF-kB, Toll-like receptor signaling pathway, AGE-RAGE signaling pathway,
Fc epsilon receptor (FCERI) signaling, etc. (Supplementary Table S4). For target identifica-
tion from these 32 common core genes, we used 2050 genes from the COVID-19 pathway
(KEGG) and our multi-omics datasets. IFNA1 (Interferon-α1) and C3 (Complement 3) were
identified as the top two targets (Table 1 and Supplementary Table S4). IFN-α therapy
and AMY-101 (C3 blocker) are probable therapeutic options and the drugs associated with
other key targets are presented in Supplementary Figure S4C.

3.5. Pathway Crosstalks in CVDs and COVID-19

Similar to CKD, no pathway was found in KEGG or Reactome for CVDs. Hence,
we gathered 1551 genes from the DisGeNET related to CVDs. In Venny analysis, we
identified 39 core common genes (CXCL10, EIF2AK2, FGG, IL6, CFB, NLRP3, CYBB,
TLR2, EGFR, ACE2, ACE, TNF, IL1B, F2, AGTR1, CXCL8, CCL2, IL6R, NFKB1, MAS1,
TLR4, JUN, STAT3, VWF, C3, MAPK1, MAPK8, ADAM17, FOS, MBL2, PIK3CA, PIK3CB,
PIK3CD, CASP1, MAPK14, CSF3, MAPK3, MASP1, and TLR8) shared among the three
groups of our data sets (Supplementary Figure S5A). STAT3, EGFR, STAT1, IRS1, JAK2,
AR, RAC1, MAPK1, HSP90AA1, and MAPK3 were identified as the top ten hub-genes
(Supplementary Figure S5B and Supplementary Table S5).
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Based on the 39 core common genes, immune system, cytokine/inflammatory re-
sponse, signaling by interleukins, TNF-α signaling via NF-kB, IL-6/JAK/STAT3 signaling,
TLR signaling, and AGE-RAGE signaling pathways, etc., are found as links between CVD
and COVID-19 (Supplementary Table S5). The top five targets identified based on candidate
gene prioritization were C3, CFB, EGFR, IL6, and TLR2 (Table 1 and Supplementary Table
S5 and Supplementary Figure S5C), where the 39 common core genes were used as a test set,
and 1899 genes from the COVID-19 pathway (KEGG) and our multi-omics datasets were
used as training sets. AMY-101 (C3), desipramine (MAPK1), clotrimazole (HSP90AA1), and
prednisolone (IL6) were identified as potential drugs (Table 1 and Supplementary Table S5
and Supplementary Figure S5C).

3.6. Shared Pathway-Based Individual and Common Targets in COVID-19 and Its
Associated Comorbidity

To identify the shared pathway-based individual and common targets, we used
InteractiVenn [41] and considered the shared pathway-based top ten targets for each
comorbid condition (Supplementary Figure S6). We found that INSR, TNF, INS, PKM,
IKBKB, PIK3CD, HK2, and HK3 are key targets in diabetic patients infected with SARS-
CoV-2 and digoxin (TNF), ceritinib (INSR), idelalisib (PIK3CD), and felbamate (PKM) may
be possible drugs to treat such patients. For COVID-19 patients with existing hypertension,
the key targets and drugs are losartan, saralasin, telmisartan for targets AGTR1, AGTR2,
and captopril for ACE and REN. For other comorbid conditions, please see Table 2 and
Supplementary Figure S7. While we analyzed the targets and drugs for COVID-19 patients
having multiple comorbidities, for diabetes, cancer and COVID-19, PIK3R1 was identified
as the only target and there is no approved drug identified through DTP [42] search. For
diabetes + CVD + CKD + COVID-19, the identified target was MAPK1 and associated
drugs are desipramine and guanfacine. For CVD + CKD + COVID-19, the targets were
C3, TLR4, MAPK14, and CYBB. Further, sorafenib for MAPK14, and the experimental
drug AMY-101 for C3, were identified. In case of CVD + Cancer + CDK + COVID-19, the
drugs and targets were lapatinib, gefitinib for EGFR, prednisolone for IL6, and AZD-1480,
currently in a phase I/II trial for STAT3. We did not find any common target for complex
conditions such as diabetes + hypertension, diabetes + CVD + cancer, diabetes + CKD +
cancer, CVD + cancer, CKD + cancer, and diabetes + hypertension + CVD + CKD + cancer
(Table 2 and Supplementary Figure S7).

3.7. Hub-Gene Based Targets for Specific Comorbidity Associated with COVID-19

In another approach to identify specific targets in individual comorbid conditions, we
used the identified top ten hub-genes and InteractiVenn [41]. We separated the individual
targets and the common targets for each condition, as shown in Table 3 and Supplementary
Figure S8. The IL-6/JAK/STAT3 signaling pathway associated with JAK2 is the common
target for all five comorbid conditions. Further, DTP-based retrieval of approved drugs
showed that combination therapy with sorafenib, sunitinib, nintedanib (PDGFRB), suni-
tinib, nintedanib, ruxolitinib (JAK1), and ceritinib (IGF1R) could be helpful to diabetic
COVID-19 patients. Similarly, sorafenib (RAF1) and rosiglitazone, tolvaptan (JUN) may be
good candidates to manage hypertensive and CKD patients, respectively, infected with
SARS-CoV-2. For CVD patients, desipramine (MAPK1) and clotrimazole (HSP90AA1) may
be repurposed if infected with SARS-CoV-2. Importantly, nintedanib and ruxolitinib that
target JAK2 may be used in COVID-19 cases having any of the five comorbid conditions
(Table 3 and Supplementary Figure S8). The targets and corresponding drugs associated
with various other combinations of the comorbid conditions are presented in Table 3 and
Supplement Table S6 and Supplementary Figure S9.
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Table 2. Shared pathway-based targets (from top ten targets) and drugs for individual or combinations of comorbidity in
COVID-19. Other drugs for these targets are presented in Figure S7.

Comorbid Condition(s) Shared Pathway-Based Targets Approved Drugs

Diabetes INSR, TNF, INS, PKM, IKBKB, PIK3CD, HK2, HK3 Digoxin (TNF); Ceritinib (INSR), Idelalisib
(PIK3CD), Felbamate (PKM)

Hypertension AGT, ANPEP, ACE, MME, REN, CTSA, ENPEP,
AGTR1, AGTR2, ACE2

Losartan, Saralasin, Telmisartan (AGTR1,
AGTR2), Captopril (ACE, REN)

Cancer CXCL8, FOS, NFKB1, STAT1, PRKCB, JUN Digoxin (CXCLB8, NFKB1), Danthron
Rosiglitazone, Tolvaptan (JUN)

CKD IFNA1, TLR3 IFN-α therapy (IFNA1)

CVD CFB, TLR2 −
Diabetes + Cancer PIK3R1 −

Diabetes + Hypertension − −
Diabetes + CVD + CKD MAPK1 Desipramine, Guanfacine (MAPK1)

Diabetes + CVD + Cancer −
Diabetes + CKD + Cancer − −

CVD + Cancer − −

CVD + CKD C3, TLR4, MAPK14, CYBB Sorafenib (MAPK14), AMY-101
(C3, experimental);

CVD + Cancer + CDK IL6, EGFR, STAT3 Lapatinib, Gefitinib (EGFR); Prednisolone
(IL6), AZD-1480 (STAT3, Phase-I/II)

CKD + Cancer − −
Diabetes + Hypertension +

CVD + CKD + Cancer − −

Table 3. Hub-gene targets and drugs for individual and combinations of comorbidities in COVID-19. Other drugs for these
targets are presented in Figure S9.

Comorbid Condition(s) Hub-Gene Targets Approved Drugs

Diabetes PDGFRB, JAK1, SHC1, IGF1R Sorafenib, Sunitinib, Nintedanib (PDGFRB); Sunitinib,
Nintedanib, Ruxolitinib (JAK1); Ceritinib (IGF1R)

Hypertension GNAI3, DED1, HSPA1A, PCNA,
RUVBL1, EFT1, RUVBL2, RAF1 Sorafenib (RAF1)

Cancer − −
CKD JUN Rosiglitazone, Tolvaptan (JUN)

CVD MAPK1, HSP90AA1 Desipramine (MAPK1); Clotrimazole (HSP90AA1)

Diabetes + Hypertension GNAI2 −
Diabetes + CVD RAC1 −

Diabetes + CVD + Cancer IRS1 −
Diabetes + CKD + Cancer PTK2, SYK Fostamatinib (SYK)

CVD + Cancer MAPK3 Sorafenib (MAPK3)

CVD + CKD AR Dexamethasone, Prednisolone (AR)

CVD + Cancer + CDK STAT3, STAT1, EGFR Lapatinib (EGFR); AZD-1480 (Phase-II, STAT3)

CKD + Cancer FOS, PRKCD Ingenol mebutate (PRKCD)

Diabetes + Hypertension +
CVD + CKD + Cancer JAK2 Nintedanib, Ruxolitinib (JAK2)
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4. Discussion

Previous reports suggest that the TLR pathway, specifically TLR4, is associated with
SARS-CoV-2 transmission and COVID-19 severity by activating the hyper-inflammation
process [46,47]. It has also been postulated that activation of TLR7 could be effective
against COVID-19 [48]. Further, TLR4 signaling is presumed to be associated with COVID-
19-related severities in patients with pre-existing comorbidities such as diabetes, obesity,
atherosclerosis, hypertension, and aging. TLR pathway is also associated with the patho-
physiology of these comorbid conditions [49]. In our analysis, the TLR signaling pathway
was found to be shared by COVID-19 and its four comorbid conditions—diabetes, cancers,
CKD, and CVDs. Fc epsilon RI signaling was recently reported to be shared by COVID-19
and schizophrenia [50], and the Fc epsilon RI inhibition signaling pathway could be a po-
tential therapeutic option in managing severe COVID-19 [51]. Our analyses show that the
Fc epsilon RI signaling pathway was shared by COVID-19 and its associated two comorbid
conditions, namely diabetes and CKD. We also found that there was possible crosstalk
between COVID-19 and insulin signaling in diabetes. Activation of IL-6/JAK/STAT3
signaling was associated with COVID-19 severity, and IL-6 signaling inhibitors are re-
ported to reduce COVID-19-associated mortality [52,53]. The IL-6/JAK/STAT3 signaling
is hyperactivated and therefore is a good target in several cancers [54], chronic kidney
diseases [55,56], and cardiovascular diseases [57,58]. Therefore, it is evident that COVID-19
shares the IL-6/JAK/STAT3 axis, and it is associated with several comorbid conditions
such as cancers, CVDs, and CKDs, as found in our analyses. Similarly, in our analyses,
TNF-α signaling via NF-kB was found to be shared between COVID-19 and its comor-
bid conditions—cancers, CVDs, and CKDs. TNF-α signaling via NF-kB is a target as it
is associated with the inflammation-triggered CVDs [59,60], cancer cell migration and
invasion [61–63], the pathogenesis of CKDs [64–66], and severity of COVID-19 [67–69]. In
the case of a shared pathway between hypertension and COVID-19, we found that the
renin-angiotensin system is the key pathway that links these two diseases. SARS-CoV-2
binds to the human ACE2 receptor through its spike protein to permit the virus to enter
the host cell [70,71]. ACE2 is a key enzyme that regulates the renin-angiotensin system
associated with hypertension. Therefore, the crosstalk between hypertension and COVID-
19 is mediated by the renin-angiotensin system [29,72]. Our analysis also found that the
renin-angiotensin system is shared by hypertension and COVID-19. Therefore, pathways
deregulated in COVID-19 are also deregulated in its comorbid conditions, and thus, in
patients with pre-existing comorbidities, increased severity of COVID-19 is anticipated.

We identified TNF and INSR as key targets for diabetic COVID-19 patients based on
our comorbid condition-specific target identification. Further, digoxin that targets TNF
and ceritinib that inhibits INSR are found to be potential drugs to manage COVID-19
patients having pre-existing diabetes. Anti-TNF drugs that are given priority for repur-
posing in COVID-19 management [73,74] and anti-INSR therapy need to be re-evaluated
due to conflicting reports [75,76]. We also found that anti-PDGFRB (sorafenib, sunitinib,
nintedanib), anti-JAK1 (sunitinib, nintedanib, ruxolitinib), and anti-IGF1R (ceritinib) drugs
could be potential therapeutics in SARS-CoV-2-infected diabetic patients based on our
hub-gene-based targets and drug identification. The JAK1/JAK2 inhibitor protects autoim-
mune diabetes in experimental mice [77] and improves the condition of diabetic kidney
disease [78]. However, caution of using JAK inhibitors for COVID-19 is necessary [79,80],
and additional studies are needed for diabetic COVID-19 patients. Similarly, anti-PDGFRB
and anti-IGF1R therapy in COVID-19 patients with or without pre-existing diabetes require
further investigations [81].

In our analyses, the renin-angiotensin system, metabolism of angiotensinogen to
angiotensin, and peptide hormone metabolism pathways were found to be shared by both
hypertension and COVID-19. Pharmacological evidence indicated that defects in the natri-
uretic peptide hormone system may help develop severe pulmonary disorders in patients
suffering from COVID-19 [82]. From these pathways, ACE, AGT, AGTR1, and REN were
identified as crucial targets due to other factors overriding this presumed RAS mecha-
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nism, targeting natural physiologic control. Antihypertensive drugs may have a protective
role [83] and may decrease fatality from COVID-19 in elderly COVID-19 patients [84]. Our
identified ACE and REN inhibitor captopril and AGTR1 targeting losartan are potential
anti-COVID-19 drugs [85]. Captopril (NCT04355429) and losartan (NCT04312009) are
currently under clinical evaluation related to their efficacy in managing COVID-19. In
addition to these targets, we identified GNAI3, DED1, HSPA1A, PCNA, RUVBL1, EFT1,
RUVBL2, and RAF1 as hub-gene-based targets. Sorafenib has been identified as RAF1
and BRaf protein kinase inhibitor and has been reported to inhibit viral infectivity by
downregulating ERK/MAPK signaling pathways during viral infection [86]. Therefore,
COVID-19 patients with or without hypertension may be treated with these identified
drugs after proper clinical evaluation.

IL6, CXCL8, EGFR, FOS, PIK3R1, and NFKB1 were identified as common targets from
the common pathways between cancers and COVID-19 (signaling by interleukins, TLR
signaling, TNF-α signaling via NF-kB). Increased expression of IL6 was associated with
severity in COVID-19 [87], and corticosteroids such as dexamethasone and prednisone or
methylprednisolone downregulated IL6 and showed positive clinical outcomes in patients
with severe COVID-19 [88–91]. The role of NFKB1 in cancer and the inflammatory pathway
is well documented [67,91]. It is hypothesized that the NF-κB pathway is a potential target
in severe COVID-19 cases, and the inhibition of nuclear translocation of NFKB1 could
be a potential therapy [67]. Our analysis of digoxin, a cardiac glycoside, targets both the
NFKB1 and chemokine CXCL8. Cardiac glycosides have been reported to inhibit cancer cell
proliferation, and digoxin blocks tumor development of various xenotransplanted human
cancer cells in mice. Digoxin blocked the transcription factor hypoxia-inducible factor 1
(HIF-1) to inhibit tumor growth [92]. Digitoxin also inhibits cytokine storm triggered by
influenza virus infection [93], and it has been reported that digoxin and ouabain inhibit
SARS-CoV-2 replication with more than 99% efficacy [93]. Digoxin patients admitted for
COVID-19 were closely examined for drug–drug interactions [94]. Therefore, the common
targets for cancers and COVID-19 identified in this research may be further explored
for their role, targeting drugs, and drug–drug interactions in cancer patients infected
with SARS-CoV-2.

Our identified IL-6/JAK/STAT3 signaling is associated with CKDs and severity of
COVID-19 [52,53,55,56]. Other identified shared pathways are TNF-α signaling via NF-kB,
TLR signaling, AGE-RAGE signaling, and Fc epsilon RI signaling. From these pathways,
IFNA1 and C3 were found to be suitable therapeutic candidates, but the role of IFNA1 in
CDK is not well understood [95]. However, it has been reported that inborn errors of type I
IFN immunity are associated with severe COVID-19 [96] since the low type I IFN activity
triggers IL6 and NF-α mediated pro-inflammatory responses and cytokine storm [97].
Recent reports suggest that IFN-α therapy could be a potential management strategy for
COVID-19 [98,99]. Therefore, IFN-α treatment for COVID-19 patients with CKDs needs
further evaluation. Our second pathway-based identified target, C3, is upregulated in
various CKDs [100,101] and COVID-19 [102]. Decreased C3 levels in serum are associated
with poor prognosis for COVID-19 patients [103]. Unlike the IL6-mediated cytokine storm,
activation of C3 acts as an effector mechanism that aggravates organ injury [104]. The C3-
targeting drug candidate (AMY-101) has been successfully used to treat acute respiratory
distress syndrome (ARDS)-like complement-mediated inflammatory damage of SARS-
CoV-2 infection [104,105]. Therefore, C3 inhibitors may work in COVID-19 patients with
pre-existing CKDs. Since IFN-α and C3 are identified as common targets in CKD and
COVID-19, these two targets may be specifically explored to treat COVID-19 patients with
pre-existing CKDs. In our hub-gene-based analyses, JUN is identified as a potential target,
and drugs like rosiglitazone and tolvaptan can target JUN. Similarly, C3 blocker AMY-101
should be tested with caution in managing COVID-19 patients with CDKs.

Like CKDs, in CVDs, C3 was identified as a potential target. Our other identified
important pathway-based targets are CFB, IL6, and TLR2. A high level of plasma C3 was
associated with increased incidences of CVD in men [106], and increased IL6 signaling was
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associated with various CVDs [107,108]. On the other hand, decreased C3 is associated
with severe COVID-19 [103]. Therefore, like CDK, in CVD, the use of C3-targeting AMY-101
for CVD [104] needs to be validated. Like cancers, IL6 inhibition of corticosteroids such
as dexamethasone and prednisone or methylprednisolone [88,89,91] may also be evalu-
ated to manage severe COVID-19 patients suffering from CVDs. In our hub-gene-based
analysis, MAPK1 and HSP90AA1 were identified as key targets. Differential expression of
HSP90AA1 in a co-expression network reported in severe COVID-19 cases [109] and the
MAPK pathway play a crucial role in SARS-CoV-2 infection where p38 MAPK could be a
potential target [110]. Therefore, all our identified targets need validation for their role in
COVID-19 and CVD interactions and potential as therapeutic targets for drug repurposing.

JAK2 was identified as an important target for all the comorbid conditions we have
evaluated. The JAK-STAT is associated with cytokine release syndrome in COVID-19 and
targeting this pathway could be a potential therapeutic strategy for COVID-19 [111]. The
JAK-STAT pathway was also associated with all our selected COVID-19-associated comor-
bid conditions. The JAK2/STAT3/SOCS axis plays a crucial role in the development of dia-
betes, where overexpression and phosphorylation of JAK2 were observed [111]. Increased
JAK2 activity was associated with angiotensin II type 1 receptor-mediated hypertension
and other cardiovascular diseases [112,113], JAK2 is activated in various myeloprolifer-
ative disorders [114,115], and JAK2 is overexpressed in polycystic kidney disease [116].
Therefore, JAK2 could be a potential target [112–116]. Induced expression of JAK2 worsens
diabetic kidney disease (DKD) in experimental mice [117], and the JAK1/JAK2 inhibitor
baricitinib is highly effective in DKD [118]. The JAK2 inhibitor fedratinib has been reported
to reduce mortality from COVID-19 [119] and ruxolitinib (a tyrosine kinase inhibitor) in-
hibits viral infection by inhibition of JAK1 and JAK2 and other JAK inhibitors can block
cytokine release associated with COVID-19-induced cytokine storm [120]. Ruxolitinib is
under clinical investigation to evaluate COVID-19-associated lung injury [121], and another
JAK2 inhibitor, nintedanib, is being evaluated for SARS-CoV-2-induced pulmonary fibro-
sis [122]. Taken together, our data suggest that JAK2 inhibitors may be tested in COVID-19
patients with any of the comorbid conditions we investigated here with proper precaution.

5. Conclusions

In COVID-19 system biology, there are vital information deficiencies. Ongoing re-
search into multi-omics can provide useful information to address the gaps in respect to
personalized COVID-19 management, especially where there is pre-existing comorbidity.
We have investigated the potential relationship between COVID-19 and its associated key
comorbid conditions and how the comorbid conditions aggravate the severity of COVID-19.
Our results suggest that interleukin, TLR, TNF, renin-angiotensin, Fc epsilon RI, insulin
signaling, PI3K–Akt signaling pathway, and MAPK signaling are partially shared between
COVID-19 and its associated comorbidities. Therefore, this research offers valuable per-
spectives into COVID-19 pathogenesis and severity in its comorbid conditions. Further,
our identified shared pathway-based targets for single or multiple comorbidities associ-
ated with COVID-19 can help to develop personalized management strategies. Literature
and clinical trial information suggest that the several drugs we have identified are po-
tential therapeutics for COVID-19. However, their efficacy in COVID-19 patients with
specific comorbid conditions as reported here needs to be appropriately evaluated for their
patient-specific applications.

Supplementary Materials: The following are available online at https://www.mdpi.com/article/
10.3390/biomedicines9050556/s1, Figure S1: Pathway crosstalks between diabetes and COVID-19.
(A) The shared genes. (B) The hub-genes among the shared 21 genes. (C) The hub-genes among the
core seven shared genes. (D) Identified targets and the FDA-approved drugs against these targets.
Figure S2: Pathway crosstalks between hypertension and COVID-19. (A) The shared genes. (B) The
hub-genes among the shared 13 genes. (C) The hub-genes among the core seven shared genes. (D)
Identified targets and the FDA-approved drugs against key targets. Figure S3: Pathway crosstalks
between cancer and COVID-19. (A) The shared genes. (B) The hub-genes among the core 18 shared
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genes. (C) Identified targets and the FDA-approved drugs against these targets. Figure S4: Pathway
crosstalks between CKDs and COVID-19. (A) The shared genes. (B) The hub-genes among the core
32 shared genes. (C) Identified targets and the FDA-approved drugs against these targets. Figure S5:
Pathway crosstalks between CVDs and COVID-19. (A) The shared genes. (B) The hub-genes among
the core 39 shared genes. (C) Identified targets and the FDA-approved drugs against these targets.
Figure S6: Venn diagram showing the individual and common targets from shared pathways. The
top 10 targets of each comorbid conditions associated with COVID-19 were used in this analysis.
Figure S7: Individual and common targets from shared pathways and approved drugs against
these targets. Figure S8: Venn diagram showing the individual and common targets from hub-gene
analysis. The top 10 hub genes from each comorbid condition associated with COVID-19 were
used in this analysis. Figure S9: Approved drugs associated with the hub-gene targets. Drugs for
individual and combinations of comorbidities in COVID-19 are presented. Supplementary Table S1:
Shared pathways and targets in diabetes and COVID-19. Supplement Table S2: Shared pathways and
targets in hypertension and COVID-19. Supplementary Table S3: Shared pathways and targets in
cancer and COVID-19. Supplementary Table S4: Shared pathways and targets in CKD and COVID-19.
Supplementary Table S5: Shared pathways and targets in CVD and COVID-19. Supplementary Table
S6: Hub-gene-based target analysis.
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57. Fontes, J.A.; Rose, N.R.; Čiháková, D. The varying faces of IL-6: From cardiac protection to cardiac failure. Cytokine 2015, 74, 62–68.
[CrossRef]

58. Omoigui, S. The Interleukin-6 inflammation pathway from cholesterol to aging – Role of statins, bisphosphonates and plant
polyphenols in aging and age-related diseases. Immun. Ageing 2007, 4, 1. [CrossRef]

59. Fiordelisi, A.; Iaccarino, G.; Morisco, C.; Coscioni, E.; Sorriento, D. NFkappaB is a Key Player in the Crosstalk between
Inflammation and Cardiovascular Diseases. Int. J. Mol. Sci. 2019, 20, 1599. [CrossRef]

60. Rolski, F.; Błyszczuk, P. Complexity of TNF-α Signaling in Heart Disease. J. Clin. Med. 2020, 9, 3267. [CrossRef] [PubMed]
61. Karin, M. NF- B as a Critical Link Between Inflammation and Cancer. Cold Spring Harb. Perspect. Biol. 2009, 1, a000141. [CrossRef]
62. Tang, D.; Tao, D.; Fang, Y.; Deng, C.; Xu, Q.; Zhou, J. TNF-Alpha Promotes Invasion and Metastasis via NF-Kappa B Pathway in

Oral Squamous Cell Carcinoma. Med. Sci. Monit. Basic Res. 2017, 23, 141–149. [CrossRef]
63. Wu, Y.; Zhou, B.P. TNF-α/NF-κB/Snail pathway in cancer cell migration and invasion. Br. J. Cancer 2010, 102, 639–644. [CrossRef]

[PubMed]
64. White, S.; Lin, L.; Hu, K. NF-κB and tPA Signaling in Kidney and Other Diseases. Cells 2020, 9, 1348. [CrossRef] [PubMed]

http://doi.org/10.1016/j.cels.2015.12.004
http://www.ncbi.nlm.nih.gov/pubmed/26771021
http://doi.org/10.1093/nar/gkz1021
http://doi.org/10.1093/nar/gkp427
http://doi.org/10.1093/nar/gkw377
http://doi.org/10.1186/s12859-015-0611-3
http://doi.org/10.1093/bib/bby119
http://www.ncbi.nlm.nih.gov/pubmed/30566623
http://doi.org/10.1002/jmv.26826
http://www.ncbi.nlm.nih.gov/pubmed/33506952
http://doi.org/10.1016/j.imbio.2006.07.001
http://www.ncbi.nlm.nih.gov/pubmed/17113919
http://doi.org/10.1038/s41574-020-00435-4
http://www.ncbi.nlm.nih.gov/pubmed/33188364
http://doi.org/10.1155/2021/8874339
http://www.ncbi.nlm.nih.gov/pubmed/33505220
http://doi.org/10.2144/fsoa-2020-0091
http://doi.org/10.3389/fimmu.2020.01373
http://www.ncbi.nlm.nih.gov/pubmed/32612613
http://doi.org/10.1016/j.cytogfr.2020.09.002
http://www.ncbi.nlm.nih.gov/pubmed/32988728
http://doi.org/10.3389/fphar.2021.646701
http://www.ncbi.nlm.nih.gov/pubmed/33762960
http://doi.org/10.1080/08923973.2020.1818770
http://doi.org/10.3389/fphar.2020.615972
http://www.ncbi.nlm.nih.gov/pubmed/33384605
http://doi.org/10.1016/j.cytox.2020.100029
http://www.ncbi.nlm.nih.gov/pubmed/32421092
http://doi.org/10.1038/nrclinonc.2018.8
http://doi.org/10.3389/fimmu.2017.00405
http://www.ncbi.nlm.nih.gov/pubmed/28484449
http://doi.org/10.7150/thno.32352
http://www.ncbi.nlm.nih.gov/pubmed/31281526
http://doi.org/10.1016/j.cyto.2014.12.024
http://doi.org/10.1186/1742-4933-4-1
http://doi.org/10.3390/ijms20071599
http://doi.org/10.3390/jcm9103267
http://www.ncbi.nlm.nih.gov/pubmed/33053859
http://doi.org/10.1101/cshperspect.a000141
http://doi.org/10.12659/MSMBR.903910
http://doi.org/10.1038/sj.bjc.6605530
http://www.ncbi.nlm.nih.gov/pubmed/20087353
http://doi.org/10.3390/cells9061348
http://www.ncbi.nlm.nih.gov/pubmed/32485860


Biomedicines 2021, 9, 556 14 of 16

65. Rangan, G. NF-kappaB signalling in chronic kidney disease. Front. Biosci. 2009, 14, 3496–3522. [CrossRef] [PubMed]
66. Zhang, H.; Sun, S.-C. NF-κB in inflammation and renal diseases. Cell Biosci. 2015, 5, 1–12. [CrossRef]
67. Kircheis, R.; Haasbach, E.; Lueftenegger, D.; Heyken, W.T.; Ocker, M.; Planz, O. NF-κB Pathway as a Potential Target for Treatment

of Critical Stage COVID-19 Patients. Front. Immunol. 2020, 11, 598444. [CrossRef] [PubMed]
68. Kandasamy, M. NF-κB signalling as a pharmacological target in COVID-19: Potential roles for IKKβ inhibitors. Naunyn-

Schmiedeberg’s Arch. Pharmacol. 2021, 394, 561–567. [CrossRef]
69. Hariharan, A.; Hakeem, A.R.; Radhakrishnan, S.; Reddy, M.S.; Rela, M. The Role and Therapeutic Potential of NF-kappa-B

Pathway in Severe COVID-19 Patients. Inflammopharmacology 2021, 29, 91–100. [CrossRef] [PubMed]
70. Shang, J.; Wan, Y.; Luo, C.; Ye, G.; Geng, Q.; Auerbach, A.; Li, F. Cell entry mechanisms of SARS-CoV-2. Proc. Natl. Acad. Sci. USA

2020, 117, 11727–11734. [CrossRef] [PubMed]
71. Yang, J.; Petitjean, S.J.L.; Koehler, M.; Zhang, Q.; Dumitru, A.C.; Chen, W.; Derclaye, S.; Vincent, S.P.; Soumillion, P.; Alsteens, D.

Molecular interaction and inhibition of SARS-CoV-2 binding to the ACE2 receptor. Nat. Commun. 2020, 11, 1–10. [CrossRef]
72. Kulkarni, S.; Jenner, B.L.; Wilkinson, I. COVID-19 and hypertension. J. Renin Angiotensin Aldosterone Syst. 2020, 21, 1470320320927851.

[CrossRef] [PubMed]
73. Robinson, P.C.; Liew, D.F.; Liew, J.W.; Monaco, C.; Richards, D.; Shivakumar, S.; Tanner, H.L.; Feldmann, M. The Potential for

Repurposing Anti-TNF as a Therapy for the Treatment of COVID-19. Med 2020, 1, 90–102. [CrossRef]
74. Robinson, P.C.; Richards, D.; Tanner, H.L.; Feldmann, M. Accumulating evidence suggests anti-TNF therapy needs to be given

trial priority in COVID-19 treatment. Lancet Rheumatol. 2020, 2, e653–e655. [CrossRef]
75. Gupta-Ganguli, M.; Cox, K.; Means, B.; Gerling, I.; Solomon, S.S. Does Therapy With Anti-TNF- Improve Glucose Tolerance and

Control in Patients With Type 2 Diabetes? Diabetes Care 2011, 34, e121. [CrossRef] [PubMed]
76. Brierley, G.V.; Webber, H.; Rasijeff, E.; Grocott, S.; Siddle, K.; Semple, R.K. Anti-Insulin Receptor Antibodies Improve Hyper-

glycemia in a Mouse Model of Human Insulin Receptoropathy. Diabetes 2020, 69, 2481–2489. [CrossRef] [PubMed]
77. Trivedi, P.M.; Graham, K.L.; Majaw, S.; Fynch, S.; Krishnamurthy, B.; Kay, T.W.; Thomas, H.E.; Scott, N.A.; Jenkins, M.R.;

Sutherland, R.M.; et al. Repurposed JAK1/JAK2 Inhibitor Reverses Established Autoimmune Insulitis in NOD Mice. Diabetes
2017, 66, 1650–1660. [CrossRef]

78. Tuttle, K.R.; Brosius, F.C., III; Adler, S.G.; Kretzler, M.; Mehta, R.L.; Tumlin, J.A.; Tanaka, Y.; Haneda, M.; Liu, J.; Silk, M.E.; et al.
JAK1/JAK2 inhibition by baricitinib in diabetic kidney disease: Results from a Phase 2 randomized controlled clinical trial.
Nephrol. Dial. Transplant. 2018, 33, 1950–1959. [CrossRef] [PubMed]

79. Seif, F.; Aazami, H.; Khoshmirsafa, M.; Kamali, M.; Mohsenzadegan, M.; Pornour, M.; Mansouri, D. JAK Inhibition as a New
Treatment Strategy for Patients with COVID-19. Int. Arch. Allergy Immunol. 2020, 181, 467–475. [CrossRef] [PubMed]

80. Mehta, P.; Ciurtin, C.; Scully, M.; Levi, M.; Chambers, R.C. JAK inhibitors in COVID-19: The need for vigilance regarding
increased inherent thrombotic risk. Eur. Respir. J. 2020, 56, 2001919. [CrossRef]

81. Winn, B.J. Is there a role for insulin-like growth factor inhibition in the treatment of COVID-19-related adult respiratory distress
syndrome? Med. Hypotheses 2020, 144, 110167. [CrossRef]

82. Schiffrin, E.L.; Flack, J.M.; Ito, S.; Muntner, P.; Webb, R.C. Hypertension and COVID-19. Am. J. Hypertens. 2020, 33, 373–374.
[CrossRef]

83. Kjeldsen, S.E.; Narkiewicz, K.; Burnier, M.; Oparil, S. Potential protective effects of antihypertensive treatments during the Covid-
19 pandemic: From inhibitors of the renin-angiotensin system to beta-adrenergic receptor blockers. Blood Press. 2021, 30, 1–3.
[CrossRef] [PubMed]

84. Yan, F.; Huang, F.; Xu, J.; Yang, P.; Qin, Y.; Lv, J.; Zhang, S.; Ye, L.; Gong, M.; Liu, Z.; et al. Antihypertensive drugs are associated
with reduced fatal outcomes and improved clinical characteristics in elderly COVID-19 patients. Cell Discov. 2020, 6, 1–10.
[CrossRef] [PubMed]

85. Chatterjee, B.; Thakur, S.S. ACE2 as a potential therapeutic target for pandemic COVID-19. RSC Adv. 2020, 10, 39808–39813.
[CrossRef]

86. Kindrachuk, J.; Ork, B.; Hart, B.J.; Mazur, S.; Holbrook, M.R.; Frieman, M.B.; Traynor, D.; Johnson, R.F.; Dyall, J.; Kuhn, J.H.;
et al. Antiviral potential of ERK/MAPK and PI3K/AKT/mTOR signaling modulation for MERS-CoV infection as identified by
temporal kinome analysis. Antimicrob. Agents Chemother. 2015, 59, 1088–1099. [CrossRef]

87. Zhang, J.; Hao, Y.; Ou, W.; Ming, F.; Liang, G.; Qian, Y.; Cai, Q.; Dong, S.; Hu, S.; Wang, W.; et al. Serum interleukin-6 is an
indicator for severity in 901 patients with SARS-CoV-2 infection: A cohort study. J. Transl. Med. 2020, 18, 1–8. [CrossRef]

88. Lee, H.; Kim, M.; Park, Y.-H.; Park, J.-B. Dexamethasone downregulates SIRT1 and IL6 and upregulates EDN1 genes in stem cells
derived from gingivae via the AGE/RAGE pathway. Biotechnol. Lett. 2018, 40, 509–519. [CrossRef]

89. Awasthi, S.; Wagner, T.; Venkatakrishnan, A.J.; Puranik, A.; Hurchik, M.; Agarwal, V.; Conrad, I.; Kirkup, C.; Arunachalam, R.;
O’Horo, J.; et al. Plasma IL-6 levels following corticosteroid therapy as an indicator of ICU length of stay in critically ill COVID-19
patients. Cell Death Discov. 2021, 7, 1–15. [CrossRef]

90. Atal, S.; Fatima, Z. IL-6 Inhibitors in the Treatment of Serious COVID-19: A Promising Therapy? Pharm. Med. 2020, 34, 223–231.
[CrossRef]

91. Van Paassen, J.; Vos, J.S.; Hoekstra, E.M.; Neumann, K.M.I.; Boot, P.C.; Arbous, S.M. Corticosteroid use in COVID-19 patients: A
systematic review and meta-analysis on clinical outcomes. Crit. Care 2020, 24, 1–22. [CrossRef]

http://doi.org/10.2741/3467
http://www.ncbi.nlm.nih.gov/pubmed/19273289
http://doi.org/10.1186/s13578-015-0056-4
http://doi.org/10.3389/fimmu.2020.598444
http://www.ncbi.nlm.nih.gov/pubmed/33362782
http://doi.org/10.1007/s00210-020-02035-5
http://doi.org/10.1007/s10787-020-00773-9
http://www.ncbi.nlm.nih.gov/pubmed/33159646
http://doi.org/10.1073/pnas.2003138117
http://www.ncbi.nlm.nih.gov/pubmed/32376634
http://doi.org/10.1038/s41467-020-18319-6
http://doi.org/10.1177/1470320320927851
http://www.ncbi.nlm.nih.gov/pubmed/32431227
http://doi.org/10.1016/j.medj.2020.11.005
http://doi.org/10.1016/S2665-9913(20)30309-X
http://doi.org/10.2337/dc10-1334
http://www.ncbi.nlm.nih.gov/pubmed/21709287
http://doi.org/10.2337/db20-0345
http://www.ncbi.nlm.nih.gov/pubmed/32816962
http://doi.org/10.2337/db16-1250
http://doi.org/10.1093/ndt/gfx377
http://www.ncbi.nlm.nih.gov/pubmed/29481660
http://doi.org/10.1159/000508247
http://www.ncbi.nlm.nih.gov/pubmed/32392562
http://doi.org/10.1183/13993003.01919-2020
http://doi.org/10.1016/j.mehy.2020.110167
http://doi.org/10.1093/ajh/hpaa057
http://doi.org/10.1080/08037051.2021.1862483
http://www.ncbi.nlm.nih.gov/pubmed/33349063
http://doi.org/10.1038/s41421-020-00221-6
http://www.ncbi.nlm.nih.gov/pubmed/33298897
http://doi.org/10.1039/D0RA08228G
http://doi.org/10.1128/AAC.03659-14
http://doi.org/10.1186/s12967-020-02571-x
http://doi.org/10.1007/s10529-017-2493-0
http://doi.org/10.1038/s41420-021-00429-9
http://doi.org/10.1007/s40290-020-00342-z
http://doi.org/10.1186/s13054-020-03400-9


Biomedicines 2021, 9, 556 15 of 16

92. Zhang, H.; Qian, D.Z.; Tan, Y.S.; Lee, K.; Gao, P.; Ren, Y.R.; Rey, S.; Hammers, H.; Chang, D.; Pili, R.; et al. Digoxin and other
cardiac glycosides inhibit HIF-1α synthesis and block tumor growth. Proc. Natl. Acad. Sci. USA 2008, 105, 19579–19586. [CrossRef]
[PubMed]

93. Pollard, B.S.; Blanco, J.C.; Pollard, J.R.J. Classical drug digitoxin inhibits influenza cytokine storm, with implications for COVID-19
therapy. In Vivo 2020, 34, 3723–3730. [CrossRef] [PubMed]

94. Talasaz, A.H.; Kakavand, H.; Van Tassell, B.; Aghakouchakzadeh, M.; Sadeghipour, P.; Dunn, S.; Geraiely, B. Cardiovascular
Complications of COVID-19: Pharmacotherapy Perspective. Cardiovasc. Drugs Ther. 2021, 35, 249–259. [CrossRef]

95. Petreski, T.; Piko, N.; Ekart, R.; Hojs, R.; Bevc, S. Review on Inflammation Markers in Chronic Kidney Disease. Biomedicines
2021, 9, 182. [CrossRef]

96. Zhang, Q.; Bastard, P.; Liu, Z.; Le Pen, J.; Moncada-Velez, M.; Chen, J.; Ogishi, M.; Sabli, I.K.D.; Hodeib, S.; Korol, C.; et al. Inborn
errors of type I IFN immunity in patients with life-threatening COVID-19. Science 2020, 370, eabd4570. [CrossRef] [PubMed]

97. Hadjadj, J.; Yatim, N.; Barnabei, L.; Corneau, A.; Boussier, J.; Smith, N.; Péré, H.; Charbit, B.; Bondet, V.; Chenevier-Gobeaux, C.;
et al. Impaired type I interferon activity and inflammatory responses in severe COVID-19 patients. Science 2020, 369, 718–724.
[CrossRef]

98. Pereda, R.; González, D.; Rivero, H.B.; Rivero, J.C.; Pérez, A.; Lopez, L.D.R.; Mezquia, N.; Venegas, R.; Betancourt, J.R.; Domínguez,
R.E.; et al. Therapeutic Effectiveness of Interferon Alpha 2b Treatment for COVID-19 Patient Recovery. J. Interf. Cytokine Res.
2020, 40, 578–588. [CrossRef]

99. Zhou, Q.; MacArthur, M.R.; He, X.; Wei, X.; Zarin, P.; Hanna, B.S.; Wang, Z.-H.; Xiang, X.; Fish, E.N. Interferon-α2b Treatment for
COVID-19 Is Associated with Improvements in Lung Abnormalities. Viruses 2020, 13, 44. [CrossRef] [PubMed]

100. Heeringa, S.F.; Cohen, C.D. Kidney Diseases Caused by Complement Dysregulation: Acquired, Inherited, and Still More to Come.
Clin. Dev. Immunol. 2012, 2012, 1–6. [CrossRef]

101. Bao, X.; Borné, Y.; Muhammad, I.F.; Schulz, C.-A.; Persson, M.; Orho-Melander, M.; Niu, K.; Christensson, A.; Engström, G.
Complement C3 and incident hospitalization due to chronic kidney disease: A population-based cohort study. BMC Nephrol.
2019, 20, 1–9. [CrossRef]

102. De Nooijer, A.H.; Grondman, I.; Janssen, N.A.F.; Netea, M.G.; Willems, L.; Van De Veerdonk, F.L.; Giamarellos-Bourboulis, E.J.;
Toonen, E.J.M.; Joosten, L.A.B.; Jaeger, M.; et al. Complement Activation in the Disease Course of Coronavirus Disease 2019 and
Its Effects on Clinical Outcomes. J. Infect. Dis. 2021, 223, 214–224. [CrossRef] [PubMed]

103. Fang, S.; Wang, H.; Lu, L.; Jia, Y.; Xia, Z. Decreased complement C3 levels are associated with poor prognosis in patients with
COVID-19: A retrospective cohort study. Int. Immunopharmacol. 2020, 89, 107070. [CrossRef] [PubMed]

104. Mastaglio, S.; Ruggeri, A.; Risitano, A.M.; Angelillo, P.; Yancopoulou, D.; Mastellos, D.C.; Huber-Lang, M.; Piemontese, S.;
Assanelli, A.; Garlanda, C.; et al. The first case of COVID-19 treated with the complement C3 inhibitor AMY-101. Clin. Immunol.
2020, 215, 108450. [CrossRef] [PubMed]

105. Mastellos, D.C.; da Silva, B.G.P.; Fonseca, B.A.; Fonseca, N.P.; Auxiliadora-Martins, M.; Mastaglio, S.; Ruggeri, A.; Sironi, M.;
Radermacher, P.; Chrysanthopoulou, A.; et al. Complement C3 vs C5 inhibition in severe COVID-19: Early clinical findings reveal
differential biological efficacy. Clin. Immunol. 2020, 220, 108598. [CrossRef]

106. Engström, G.; Hedblad, B.; Janzon, L.; Lindgärde, F. Complement C3 and C4 in plasma and incidence of myocardial infarction
and stroke: A population-based cohort study. Eur. J. Cardiovasc. Prev. Rehabil. 2007, 14, 392–397. [CrossRef]

107. Libby, P.; Rocha, V.Z. All roads lead to IL-6: A central hub of cardiometabolic signaling. Int. J. Cardiol. 2018, 259, 213–215.
[CrossRef]

108. Georgakis, M.K.; Malik, R.; Gill, D.; Franceschini, N.; Sudlow, C.L.M.; Dichgans, M.; Lindstrom, S.; Wang, L.; Smith, E.N.; Gordon,
W.; et al. Interleukin-6 Signaling Effects on Ischemic Stroke and Other Cardiovascular Outcomes. Circ. Genom. Precis. Med.
2020, 13, e002872. [CrossRef]

109. Foy, B.H.; Carlson, J.C.; Reinertsen, E.; Valls, R.P.; Lopez, R.P.; Palanques-Tost, E.; Mow, C.; Westover, M.B.; Aguirre, A.D.; Higgins,
J.M. Association of red blood cell distribution width with mortality risk in hospitalized adults with SARS-CoV-2 infection. JAMA
Network Open. 2020, 3, e2022058. [CrossRef]

110. Grimes, J.M.; Grimes, K.V. p38 MAPK inhibition: A promising therapeutic approach for COVID-19. J. Mol. Cell. Cardiol. 2020, 144,
63–65. [CrossRef]

111. Luo, W.; Li, Y.-X.; Jiang, L.-J.; Chen, Q.; Wang, T.; Ye, D.-W. Targeting JAK-STAT Signaling to Control Cytokine Release Syndrome
in COVID-19. Trends Pharmacol. Sci. 2020, 41, 531–543. [CrossRef]

112. Leopold, J.A. Inhibiting Jak2 Ameliorates Pulmonary Hypertension: Fulfilling the Promise of Precision Medicine. Am. J. Respir.
Cell Mol. Biol. 2021, 64, 12–13. [CrossRef] [PubMed]

113. Kirabo, A.; Sayeski, P.P. Jak2 Tyrosine Kinase: A Potential Therapeutic Target for AT1 Receptor Mediated Cardiovascular Disease.
Pharmaceuticals 2010, 3, 3478–3493. [CrossRef]

114. Levine, B.; Deretic, V. Unveiling the roles of autophagy in innate and adaptive immunity. Nat. Rev. Immunol. 2007, 7, 767–777.
[CrossRef] [PubMed]

115. James, C.; Ugo, V.; Casadevall, N.; Constantinescu, S.N.; Vainchenker, W. A JAK2 mutation in myeloproliferative disorders:
Pathogenesis and therapeutic and scientific prospects. Trends Mol. Med. 2005, 11, 546–554. [CrossRef]

116. Patera, F.; Cudzich-Madry, A.; Huang, Z.; Fragiadaki, M. Renal expression of JAK2 is high in polycystic kidney disease and its
inhibition reduces cystogenesis. Sci. Rep. 2019, 9, 4491. [CrossRef] [PubMed]

http://doi.org/10.1073/pnas.0809763105
http://www.ncbi.nlm.nih.gov/pubmed/19020076
http://doi.org/10.21873/invivo.12221
http://www.ncbi.nlm.nih.gov/pubmed/33144490
http://doi.org/10.1007/s10557-020-07037-2
http://doi.org/10.3390/biomedicines9020182
http://doi.org/10.1126/science.abd4570
http://www.ncbi.nlm.nih.gov/pubmed/32972995
http://doi.org/10.1126/science.abc6027
http://doi.org/10.1089/jir.2020.0188
http://doi.org/10.3390/v13010044
http://www.ncbi.nlm.nih.gov/pubmed/33396578
http://doi.org/10.1155/2012/695131
http://doi.org/10.1186/s12882-019-1248-7
http://doi.org/10.1093/infdis/jiaa646
http://www.ncbi.nlm.nih.gov/pubmed/33038254
http://doi.org/10.1016/j.intimp.2020.107070
http://www.ncbi.nlm.nih.gov/pubmed/33039965
http://doi.org/10.1016/j.clim.2020.108450
http://www.ncbi.nlm.nih.gov/pubmed/32360516
http://doi.org/10.1016/j.clim.2020.108598
http://doi.org/10.1097/01.hjr.0000244582.30421.b2
http://doi.org/10.1016/j.ijcard.2018.02.062
http://doi.org/10.1161/CIRCGEN.119.002872
http://doi.org/10.1001/jamanetworkopen.2020.22058
http://doi.org/10.1016/j.yjmcc.2020.05.007
http://doi.org/10.1016/j.tips.2020.06.007
http://doi.org/10.1165/rcmb.2020-0384ED
http://www.ncbi.nlm.nih.gov/pubmed/33096007
http://doi.org/10.3390/ph3113478
http://doi.org/10.1038/nri2161
http://www.ncbi.nlm.nih.gov/pubmed/17767194
http://doi.org/10.1016/j.molmed.2005.10.003
http://doi.org/10.1038/s41598-019-41106-3
http://www.ncbi.nlm.nih.gov/pubmed/30872773


Biomedicines 2021, 9, 556 16 of 16

117. Zhang, H.; Nair, V.; Saha, J.; Atkins, K.B.; Hodgin, J.B.; Saunders, T.; Myers, M.G., Jr.; Werner, T.; Kretzler, M.; Brosius, F.C.
Podocyte-specific JAK2 overexpression worsens diabetic kidney disease in mice. Kidney Int. 2017, 92, 909–921. [CrossRef]

118. Murano, G.; Di Toro, R. Staphylococcal infection in early infancy. Pediatria 1968, 76, 1–51.
119. Wu, D.; Yang, X.O. TH17 responses in cytokine storm of COVID-19: An emerging target of JAK2 inhibitor Fedratinib. J. Microbiol.

Immunol. Infect. 2020, 53, 368–370. [CrossRef]
120. Caradec, E.; Mouren, D.; Zrounba, M.; Azoulay, L.-D.; Blandin, C.; Ivanoff, S.; Levy, V.; Brillet, P.-Y.; Nunes, H.; Uzunhan, Y.

COVID-19 in a patient with idiopathic pulmonary fibrosis successfully treated with Ruxolitinib. Respir. Med. Res. 2021, 79, 100799.
[CrossRef]

121. Neubauer, A.; Wiesmann, T.; Vogelmeier, C.F.; Mack, E.; Skevaki, C.; Gaik, C.; Keller, C.; Figiel, J.; Sohlbach, K.; Rolfes, C.J.L.
Ruxolitinib for the treatment of SARS-CoV-2 induced acute respiratory distress syndrome (ARDS). Leukemia 2020, 34, 2276–2278.
[CrossRef] [PubMed]

122. Yo, E.C.; Kadharusman, M.M.; Karman, A.P.; Louisa, M.; Arozal, W. Potential Pharmacological Options and New Avenues Using
Inhaled Curcumin Nanoformulations for Treatment of Post-COVID-19 Fibrosis. Syst. Rev. Pharm. 2021, 12, 1119–1128.

http://doi.org/10.1016/j.kint.2017.03.027
http://doi.org/10.1016/j.jmii.2020.03.005
http://doi.org/10.1016/j.resmer.2020.100799
http://doi.org/10.1038/s41375-020-0907-9
http://www.ncbi.nlm.nih.gov/pubmed/32555296

	Introduction 
	Materials and Methods 
	Results 
	Pathway Crosstalks in Diabetes and COVID-19 
	Pathway Crosstalks in Hypertension and COVID-19 
	Pathway Crosstalks in Cancers and COVID-19 
	Pathway Crosstalks in CKDs and COVID-19 
	Pathway Crosstalks in CVDs and COVID-19 
	Shared Pathway-Based Individual and Common Targets in COVID-19 and Its Associated Comorbidity 
	Hub-Gene Based Targets for Specific Comorbidity Associated with COVID-19 

	Discussion 
	Conclusions 
	References

